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Non-technical Summary

The March Current Population Survey (CPS) publie-ties have been the primary data
source used to study income inequality trends énUBA. The consensus finding of research
based on these data is that household income iligguareased substantially in the 1970s
and 1980s, and continued to increase but at a releeter pace starting in the 1990s. The
most notable alternative source for studying incomeguality trends derives from tax return
data. In their seminal paper, Piketty and Sd&gaafterly Journal of Economic003) use
data from Internal Revenue Service (IRS) Statistickicome tax returns to analyze income
inequality trends in the USA. Their paper was ohtne first in a rapidly expanding literature
that has used tax return data to examine incongality trends around the world.

One of Piketty and Saez’s major contributions desifrom being able to observe
income inequality trends over a much longer peti@h previous researchers: tax return data
are available for years well before any survey a@etancome was collected. However, their
findings have also sparked debate about inequiétyds over relatively short periods, and
recent years in particular.

In contrast to research based on CPS data tha iedme inequality slowing in the
1990s, Piketty and Saez (2003, 2008) find thatsthere of total income held by the very
richest groups grew during the 1990s and, withetkeeption of the period from 2000-2002,
continued to rise rapidly through the beginningraf 2£' century as well. What explains the
differences in inequality trends found by researslsing these two types of data?

One explanation is that there are deficienciesna or both of these data sets that
limit researchers’ abilities to observe the truentts in inequality. Critics of those using the
public-use CPS to measure income inequality argaetopcoding and underreporting of top
incomes restricts the survey’s ability to obsemeome changes for those at the top of the
distribution. Using IRS data to measure income urdity also has potential limitations,
however. Critics point out that tax filers haveimahcial incentive to report their income in
ways that limit their tax liabilities and, as auksfiling behavior is sensitive to changes in
the personal income tax rate. Yet another potergiadlanation for the differences in
estimated inequality trends is that they resulinfrdifferences in the definition of income and
how its distribution is summarized rather thanetiéinces in the data sources themselves.

To date, no researchers have attempted to bridgggap between the CPS- and IRS-
based literatures to determine the extent to wiieh differences in inequality estimates
emanating from these two literatures arise fronfiedtinces in the ability of these two data
sources to capture top incomes or from the apphicaif different income constructs based
on these data sources. In this paper, we do jast th

Using internal CPS data, we examine the trendsdame inequality since 1967 using
the inequality measures and income distributionndeins developed by Piketty and Saez
(2003) and others using tax return data. Doingngare able to closely match their results.
Our estimates of top income shares are nearlyiwrior groups in the richest tenth with the
exception of the richest 1 percent, and our esémat trends differ only slightly. Even for
estimates of the share held by the top 1 percéet,tivo data sources are broadly in
agreement about trends over much of the past 48.ykas only during a six year period in
the late 1990s that the trends diverge for reatfuaitsare not easily explained by changes in
the nature of the two data sources.
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Abstract

Although the majority of research on US income uadiy trends is based on public-use
March CPS data, a new wave of research using IR&tarn data reports substantially
higher levels of inequality and faster growing ttenWe show that these apparently
inconsistent estimates are largely reconciledefittequality measure and the income
distribution are defined in the same way. Usingrnnal CPS data for 1967-2006, we closely
match IRS data-based estimates of top income shepested by Piketty and Saez (2003).
Our results imply that any inequality increasesasih993 are concentrated among the top 1
percent of the distribution.
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Introduction

The March Current Population Survey (CPS) pubsie-files have been the primary
data source used to study income inequality tremélsee USA® The consensus finding of
research based on these data is that householténio@quality increased substantially in
the 1970s and 1980s, and continued to increasat laumuch slower pace starting in the
1990s (Gottschalk and Danziger 2005; Daly and ¥%@@®06; and Burkhauser, Feng and
Jenkins 2009).

The most notable alternative source for studyirmgme inequality trends derives
from tax return data. In their seminal paper, Rikahd Saez (2003) use data from Internal
Revenue Service (IRS) Statistics of Income taxrnstto analyze income inequality trends in
the USA. Their paper was one of the first in adapexpanding literature that has used tax
return data to examine income inequality trendsiiagddhe world. See Piketty (2003) for
France, Atkinson (2005) for the UK, Saez and V&#905) for Canada, Bach, Corneo and
Steiner (2009) for Germany, Dell (2005) for Germang Switzerland, and Atkinson and
Leigh (2007) for Australia. Atkinson and PikettyD(®) and Leigh (2009) provide
comprehensive reviews of this literature

One of Piketty and Saez’s major contributions degifrom being able to observe
income inequality trends over a much longer peti@h previous researchers: tax return data
are available for years well before any survey datencome was collected. However, their
findings have also sparked debate about inequadihds over relatively short periods, and
recent years in particular. For a flavor of theatelon this topic, see the blog postings by
leading economists and others on the Economists Miebsite (2007). Reynolds (2007)
provides an illustration of how the work by Pike#tyd Saez has altered the popular view of
recent trends in income inequality and a critiglitheir results.

In contrast to research based on CPS data that ificdme inequality slowing in the
1990s, Piketty and Saez (2003, 2008) find thastiaae of total income held by the very
richest groups grew during the 1990s and, withetteeption of the period from 2000-2002,
continued to rise rapidly through the beginningtaf 2£' century as well. What explains the
differences in inequality trends found by researshising these two types of data?

One explanation is that there are deficienciesxmar both of these data sets that

limit researchers’ abilities to observe the trientts in inequality. Critics of those using the

! See Atkinson, Rainwater, and Smeeding (1995),n&tkii and Brandolini (2001) and Gottschalk and
Smeeding (1997) for reviews of the income distiitrutiterature. For more recent examples of theaigbe
public-use CPS in measuring inequality trends WS A, see Gottschalk and Danziger (2005) and Burkér,
Feng and Jenkins (2009).



public-use CPS to measure income inequality argaetbpcoding and underreporting of top
incomes restricts the survey’s ability to obseneime changes for those at the top of the
distribution. See inter alia Levy and Murnane (19%®emrod (1996), Burkhauser, Couch,
Houtenville and Rovba (2003-2004), Piketty and Sa2é9t), and Burkhauser, Feng, and
Jenkins (2009). Thus, to the extent that incomguabty changes are due to changes in the
topcoded portion of the CPS, researchers usingiitss may mismeasure trends in income
inequality.

Using IRS data to measure income inequality alsopogential limitations, however.
Critics point out that tax filers have a finandiaentive to report their income in ways that
limit their tax liabilities and, as a result, figrbehavior is sensitive to changes in the personal
income tax rate. There are several fiscal maniulagtrategies that are sensitive to changes
in marginal tax rates and income reporting ruldgesk include reclassifying income as either
wage earnings or business profits depending oohnikitaxed less (Sivadasan and Slemrod
2006), receiving untaxed fringe benefits in liemage compensation (Woodbury and
Hammermesh 1992), or deferring compensation thraetgtk options or deferred
compensation packages (Scholes and Wolfson 1998skee 2000). Since high income
earners are the individuals most able to adjustvnethat they receive and report income,
tax return data may especially not be able to capficome at the top of the distribution
accurately. For example, Slemrod (1995) and Reyn@@06) suggest that tax-law changes
since the 1970s have provided incentives for tg teh to switch their reported income
from Subchapter-C corporation profits, which arémeported on personal income tax forms,
to S-corporation profits and personal wage incontech are reported. They suggest that this,
in turn, has led researchers using tax returntdat&erstate the actual rise in income among
the very rich. See Feenberg and Poterba (199&nfearlier discussion of this problem and a
summary of the difficulties measuring top incomethuax records data.

Piketty and Saez (2003) acknowledge that this dfgescal manipulation may impact
measures of top income shares, but argue thatestextis are only problematic for short-
term trends rather than the long run trends innme@equality which are their primary
concern. However, for researchers interested imelagively short-term trends in income
inequality of recent years, time-shifting of incomay still pose a problem depending on the
time-frame of the deferred compensation plan. Addélly, while time-shifting of income
may only impact income inequality in the short-temtome that is received in ways other
than through labor earnings — such as through highie-taxable fringe benefits or the

reporting of what had been wage earnings in previ@ars as business profits — will never



be reported on personal income tax forms and thukldhave implications on long-term
income inequality trends. Thus, to the extent thainges in reporting rules alter the way
income is reported at the top of the distributi@searchers using IRS tax return data may
mismeasure actual changes in income inequality.

Yet another potential explanation for the differemn estimated inequality trends is
that they result from differences in the definitihincome and how its distribution is
summarized rather than differences in the datacesuhemselves. Although all the
researchers using public-use CPS data and IRSataxedamine “inequality” in the broad
sense, there are substantial differences in tledinitlons of “income” (the sources included
— most especially the inclusion of government tiarssand non-taxable income in the former
and its exclusion in the latter — and whether theedjustment for differences in “needs”),
the income recipient unit (tax units versus houkkhand individuals within them), and how
best to measure inequality (in terms of top incaim@es versus a more comprehensive
measure such as the Gini coefficient).

To some extent, these differences in practice eawb/ed because of the nature of
the data examined. For example, researchers whpulie-use CPS data, which has a high
prevalence of topcoded values at the top of thenmedistribution, often measure inequality
using the ratio of the 0percentile to the IOpercentile (“p90/p10”) to mitigate problems
arising from topcoding. (See, Burkhauser, Feng,Jamdkins [2009] for a discussion of the
limitations of this measure.) Researchers usingdgtixn data focus on top income shares
since many low income individuals do not file a taturn and so it is not possible to directly
derive measures of income inequality that take @aacof the income shares of poorer groups
(Piketty and Saez 20@%

To date, no researchers have attempted to brigggaih between the CPS- and IRS-
based literatures to determine the extent to wtieldifferences in inequality estimates
emanating from these two literatures arise frorfedgnces in the ability of these two data
sources to capture top incomes or from the apphicatf different income constructs based
on these data sources. In this paper, we do jast th

Using internal CPS data, we examine the trendsdame inequality since 1967 using
the inequality measures and income distributiomdedins developed by Piketty and Saez
(2003) and others using tax return data. Doingv&oare able to closely match their results.
Our estimates of top income shares are nearlyigirior groups in the richest tenth with the
exception of the richest 1 percent, and our esamat trends differ only slightly. Even for

estimates of the share held by the top 1 perdeatwo data sources are broadly in



agreement about trends over much of the past 48.yié&s only during a six year period in
the late 1990s that the trends diverge for reagwatsare not easily explained by changes in
the nature of the two data sources.

In the next section we describe the internal CRS et we use and our methods for
overcoming topcoding problems. We then compareléimitions of “income” and income-
receiving unit used by Piketty and Saez with thased by researchers using CPS data. Using
internal CPS data we derive two series of estimaitésp income shares, each one
corresponding to the two research traditions. Wermgto show that the CPS-based series of
estimates based on Piketty and Saez-type defisitorresponds closely with Piketty and
Saez’s (2003) IRS-based series of estimates, theitglsome exceptions that we discuss.

We also consider the reasons for the divergendeseba the series.

Data

Our analysis derives from access to internal CR&which are identical to the data
used by Census Bureau researchers in their offi@ak (see e.g. U.S. Census Bureau,
various years). These data measure top incomes baitgr than the data released in public-
use CPS files. To protect the confidentiality sfriéspondents, the Census Bureau censors
(“top codes”) each of the income sources receiweimhdividuals. This practice must be
addressed in order to derive sensible estimategpdahcome shares using CPS data. The
advantage of internal data over public-use datiaasthe prevalence of topcoding is very
much lower* For example, in 2004, 0.5 percent of individuaied in a household in which
some source of income was topcoded in the intelatal compared to 4.6 percent in the
public-use data.

Even the small extent of censoring in the inte@@E data produces biased estimates
of top income shares. To address this issue, wa usdtiple imputation approach in which
values for censored observations in the intern dee multiply imputed using draws from a
parametric model of the income distribution fittedhe internal data.

Our multiple imputation approach is the same asubkad by Burkhauser et al. (2008)
and described in detail by Jenkins et al. (2008g dpproach involves five steps. First, for
each year’s data, we fit a Generalized Beta oStheond Kind (GB2) distribution by

2 For many measures of income inequality such asthiecoefficient and General Entropy inequalityasaeres
researchers can closely replicate the results theninternal CPS data by using cell-means of topdadcomes
that are provided back to 1975 in Larrimore, e{2008). However, by design cell-means assumeaihat
topcoded individuals have the same income. Asutressing cell-means to approximate top incomeesha
with the public- use CPS data will lead to an ostneation of the income held by the"d® 99" percentile
groups and an underestimation of the income helthéyop 1 percent of the distribution.



maximum likelihood, accounting for individual-lewéght-censoring. To ensure that model

fit is maximized at the top of the distributionet®B?2 is fitted using observations in the
richest 70 percent of the distribution only (withpaopriate corrections for left truncation in
the ML procedure). Second, for each observatioh witensored income, we draw a value
from the income distribution that is implied by tlited GB2 distribution, using an
appropriate stochastic procedure. Third, usingdibibution comprising imputations for
censored observations and observed incomes focaasered observations, we estimate our
various inequality indices. Fourth, we repeat s&pad 3 one hundred times, and finally, we
derive inequality estimates by combining the onedned sets of estimates from each of the
one hundred data sets for each year using thedgwey’ rules proposed by Rubin (1987) and
modified by Reiter (2003) to account for imputatiariability.

Internal CPS data augmented with multiply imputatligs for censored incomes
provide the best available estimates of the incdisigibution using the CPS. These
distributions are the source for all the CPS-bastuinates of top income shares reported
below that we compare with the top income shaiienesés of Piketty and Saez (2003)\e
have also undertaken all our calculations of tmmme shares using CPS internal data used
“as is”, without imputations for censored valuedl.tAe conclusions we draw later regarding
income shares for income groups outside of theltpprcent are unchanged. For the top 1
percent, using the unaltered internal data ratier multiply imputed internal data reduces
estimates of income shares, but conclusions abendd are similar. See Appendix A for

further details.

Methods: Three Definitions of the Income Distributon

There are three substantial methodological diffeesrbetween research based on the
CPS and research based on the IRS tax returnTdedirst is the inequality measures used.
Most CPS research uses either inequality indicel as the Gini or Theil coefficients that

use data on all incomes, or indices like p90/pHD ignore incomes at the very top of the

% The GB2 model is widely used in the income distiitn literature, and shown to fit income distriiouis
extremely well across different periods and coestrsee e.g. Bordley, McDonald and Mantrala (1996),
Brachmann, Stich and Trede (1996), Bandourian, My and Turley (2003), and Jenkins (2009). Sthee
GB2 is a four-parameter distribution, its shapm@e much flexible than that of the commonly-usadefo
distribution, and hence fits the data better.

* Imputation of censored incomes has been usedquglyiin inequality research based on public-useckla
CPS data: see e.g. Fichtenbaum and Shahidi (1988iahop, Chiou, and Formby (1994) who apply €ngl
imputation methods using fitted Pareto distribusidimputation is also nearly universally used i itrequality
literature based on tax return data for interpofapurposes, since income is only reported in irebands that
do not necessarily coincide with percentile cutapmiSee e.g. Piketty and Saez (2003), Piketty3paell
(2005), or Saez and Vaell (2005).



income distribution. In contrast, tax data researsHiocus on the top of the income
distribution, defining inequality in terms of topcdome shares — the share of total income held
by the richest 10 percent, the richest 5 percertherichest 1 percent, and so on — with

larger income shares indicating greater inequality.

The other two differences in method concern thend&n of the income distribution,
specifically: what is counted as “income” and wisaihe income-receiving unit. CPS-based
researchers have typically defined income as pr@aat-transfer income excluding capital
gains: see e.g. Gottschalk and Danziger (2005 Bamkhauser et al. (2008)This income is
aggregated to the household level, and deflatedyu equivalence scale to account for
differences in economies of scale and “needs” gtheare root of household size is a
commonly-used scale). Attributing the same sizerstdd household income to each
individual within the same household, researcheasngne the distribution of income among
individuals.

Piketty and Saez (2003) and other researchers testrgata use different definitions.
Piketty and Saez define income to include any ireoeported on IRS tax returns before
deductions and excluding capital gains. This enasses “salaries and wages, small
business and farm income, partnerships and fidwai@ome, dividends, interest, rents,
royalties, and other small income reported as ir€qiRiketty and Saez 2003, pp. 5-6). The
most notable difference between this income dédimiand the CPS one is that it excludes
most transfer income, which is generally not tagabid not included in the adjusted gross
income reported on tax returns. Hence it is cloghe individual’s market income, which is

also known as pre-tax pre-transfer income in tioader income inequality literatufeSee

® In international comparisons of income inequalitys most common to include the effect of botlvgmment
transfer programs and tax policies by measuring-taos post-transfer income. See Atkinson and Boéind
(2001) and Gottschalk and Smeeding (1997) for wevief this literature.

® In the wage inequality literature researchers tergtimarily be interested in how different typsfsvorkers —
e.g. low vs. high skilled, women vs. men, etc.e-r@warded in the labor market. Hence in thisdiiare it is
common to measure pre-tax wage rates or laborregrniPre-tax pre-transfer market income is an sigerof
this concept to all factors of production. Traditadly, researchers interested in income inequaktye focused
on how it relates to one’s ability to consume aadde include government transfers in the US liteeaand
both taxes and transfers in the international coatpee literature. Thus in those literatures prefiee-transfer
income is rarely used by itself but rather to digtiish between incomes generated in the absergm/efnment
and a fuller measure of income which includes gomemt taxes and transfers. In the CPS-basedtliterthis
has generally meant including cash-transfers fequmlity calculations — thus using a pre-tax, pastsfer
income definition. Some researchers, includingNaéonal Research Council Panel on Poverty and lyami
Assistance, have advocated moving even farther thenpre-tax, pre-transfer market income definitidren
analyzing poverty by including taxes and non-caahdfers in US income inequality calculations. &durther
discussion of the effect of such proposals on pggvetes and income inequality, see Burtless andeSiing
(2002).



Scholz and Levine (2002), Corneo and Fong (200®),Bach, Corneo, and Steiner (2009)
for examples of this type of measure.

Piketty and Saez (2003) aggregate income to tred tdthe tax unit rather than to the
level of the household, do not adjust for differefhia tax unit size, and they examine the
distribution among tax units rather than amonguimdials. An important issue in this
literature is that not all individuals in the USikefa tax return, with non-filers generally
having lower incomes. Therefore, estimates of tigerme share of the top 10 percent of tax
filers understate the number of tax filers relatwehe situation in which non-tax filers are
included in the base. That is, when the numbepoféntial tax filing units” (filers plus non-
filers) is the base, a higher share of actual itexsfand hence a larger share of reported pre-
tax pre-transfer income must be included in ordexarrectly measure overall income
inequality. To address this issue, Piketty and $2@@3) estimate the total number of
potential tax units and calculate the number afrret that make up the top income groups
using this number. They define a potential tax asitt married couple of any age, divorced
or widowed individual of any age, or single indival over the age of 20. See the Data
Appendix of Piketty and Saez (2007) for furtherailst

Definitions of income and the unit of analysis en@ortant because variations in
each can be expected to lead to different estinudtee degree of inequality. For example,
we expect the inclusion of transfer income in inegf@s is done by CPS researchers) to
reduce inequality because transfer income is tadgat poorer families. Additionally, low
income individuals who need to share costs andrdivieg expenses are more likely to live
in larger households with individuals outside dadithtax unit. Therefore, aggregating income
to the household level rather than the tax und, @ajusting for economies of scale using an
equivalence scale, is expected to yield an inetyuaditimate that is lower than for the
distribution of pre-tax pre-transfer income amoay wnits.

The two CPS series that we use are defined asv®llbirst, our “traditional” CPS
series, labeled “CPS-Post-HH”, refers to the estisibased on the distribution of size-
adjusted pre-tax post-cash transfer household iea@mong individuals. Size adjustment
uses the square root of household size.

The second CPS-based series, “CPS-Pre-TU”, usetyrkaez-type definitions of
the income distribution. That is, we consider dttions of non-size-adjusted pre-tax pre-
transfer tax unit income among tax units. Sinceutaix identifiers are not provided in the
CPS, we follow Piketty and Saez’s procedures terd@he potential tax units. All single

individuals over the age of 20, married couples, @norced or widowed individuals are



considered to head a tax unit. Never-married obildmder the age of 20 are considered
dependents and are assigned to the tax unit offiaeent or guardiahOur measure of pre-
tax pre-transfer income includes income from wagetb salaries, self-employment, farm
income, interest, dividends, rents, trusts, anderaent pension income — which closely
matches the taxable income sources included ifRBdax return data analyzed by Piketty
and Saez. In both cases, capital gains are exclédiugh a small number of taxable
transfers are excluded by this definition, the drmecome categories used by the CPS prior
to 1987 make it difficult to separate these taxaf@asfers from non-taxable transfers
consistently across the entire period. Since tisé wajority of transfer income is non-taxable,
our best approximation to Piketty and Saez’s incdefeition necessarily excludes this
income source.

Comparisons between the CPS-Post-HH and CPS-Preefiies are informative
about how much of the difference in top share estid1can be attributed to differences in
definitions, whereas comparisons between the CleSFBrseries and the “Piketty-Saez”
estimates reported by Piketty and Saez (2003, 2&@8nhformative about how much of the
difference in estimates can be attributed to diifiees in the underlying data source.

In order to contrast the three series at severatpm the income distribution, we
examine income shares for three groups withinapel0% of the distribution each year. We
consider the fortunes of those with incomes betvtker®d' and 95 percentiles of the
distribution (the “p90—p95 group”), those with imees between the 8%nd 94' percentiles
of the distribution (the “p95—p99 group”), and thas top 1 percent.

Top Income Shares: IRS- and CPS-based Series Comear

In Figures 1 through 3 we provide our estimateopfincome shares for three series
defined earlier. The income shares for the p90-gvB&p are presented in Figure I, the shares
for the p95—p9group are presented in Figure Il, and the sharethéotop 1 percent are
presented in Figure lIl.

For all three groups, the estimates of income shaceording to the CPS-Post-HH
series are smaller than the corresponding onestfierRiketty-Saez series. This is

unsurprising given the two very different incomdigions used. Because a much greater

" In the small number of cases where never-marridividuals under age 20 live in a household witheut
parent or guardian, we assigned them to the taixefitihe primary family in the household or theedtiadult in
the household when there is no primary family. Qhtiiere are no adults over the age of 20 in theskhold
are they considered their own tax-unit. Differeraqedures for classifying these individuals westdd,
including removing them from the sample, and assgthem their own tax units. These proceduresywed
substantively similar results.



share of non-taxable government in-cash transf&BSBDC/TANF, Social Security benefits,
etc. — are held by the poorest 90 percent of thegx post-transfer (CPS-Post-HH definition)
distribution, we would expect the income shareheftop 10 percent of the pre-tax post-
transfer income distribution to be smaller thanitttome share for the top 10 percent of the
Piketty-Saez gross income distribution in all yedtss is the case.

But, once we control for differences in definitiptise differences in estimates of
income share held by these high income groups as€&@PS and IRS data are much smaller
in both level and trend. This can be seen by comgaorresponding estimates in the CPS-
Pre-TU and Piketty-Saez series. For the p90—p9&pgfeigure 1), the CPS-Pre-TU series
and Piketty-Saez share estimates are almost idémtithe beginning of the period. The
increase in the CPS-Pre-TU series p90—p95 gronptame share over the 40 year period is
somewhat greater than the Piketty-Saez estimatese &om 10.9 percent to 12.5 percent,
compared to a rise from 11.0 percent to 11.9 péré&an, even with the slight trend
differences, the income shares in each year ar@yalalose to each other. For the p95—p99
group (Figure 11), levels and trends using the G®&-TU and Piketty-Saez series are even
closer, although the CPS-Pre-TU series again sloslightly greater upward trend than the
IRS data.

In addition to comparing the income share of the4p®5 and p95—p99 groups, we
also considered the sources from which individuathese groups received their income.
However, the GB2-based multiple imputation proceduust be performed on total
household income and thus cannot distinguish sdekad incomes for this analysis. While
this prevents us from comparing income sourceth®top 1 percent of the distribution,
since most individuals in the p90—p95 and p95—p®Ams are not censored we can use the
unadjusted internal data to compare the sourcexome for members of these groups. As
discussed in Appendix B, for the p90—p95 and p99-pSome groups, the sources of
income for members of these groups are also quitiéas between the CPS Pre-TU series
and the Piketty-Saez Series. For example, in arghgyear between 85.1 to 89.3 percent of
income received by members of the p90—p95 groupesdnom wages in the CPS Pre-TU
data. This compared to a range of 86.9 to 91.6epe@f income received from wages in this
group when using the IRS tax records data. Amoag&b—p99 income group, the income
shares are equally as similar, with the 74.8 t@ ®&rcent of income coming from wages in
the CPS data and 73.3 to 84.4 percent of incomengpfrom wages in the IRS tax records

data.



Figure I: Estimates from CPS and IRS tax return dat of the share of total income held
by units with incomes between the 9Dand 95" percentiles, 1967—2006

16.0

15.0

14.0

[N
w
o

[
n
o

Percentage

11.0

10.0

9.0

8.0 T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T T 1
1967 1970 1973 1976 1979 1982 1985 1988 1991 1994 1997 2000 3 20R006

Piketty-Saez 90-95th share CPS post-HH 90-95th  ==#==CPS pre-TU 90-95th share

Sources. The Piketty-Saez series is taken fronttpikad Saez (2003, 2008). It refers to the
distribution of pre-tax pre-transfer income amoayg tinits. The CPS-based series were
derived by the authors from CPS internal data. TR&-Pre-TU series was derived using the
Piketty-Saez definition; the CPS-Post-HH seriesrsefo the distribution of size-adjusted
pre-tax post-transfer household income among iddads. See main text for further details.
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Figure II: Estimates from CPS and IRS tax return daa of the share of total income held
by units with incomes between the 95and 99" percentiles, 1967—2006
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Figure IlI: Estimates from CPS and IRS tax return data of the share of total income
held by the top 1 percent, 1967-2006
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Sources: see note to Figure .

Thus far, we have restricted our attention to gsowfth incomes lying between the
90" and the 99 percentiles. What about the top 1 percent? Inig within this group that we
see larger differences in results across the datdsgure 11l shows that the CPS-Post-HH
series leads to a smaller share estimate tharttiee two series. This is similar to our
findings for the p90—p95 and p95—p99 income grausis expected given the different
income definitions. However, in contrast to thelieafindings for the other two income
groups, while controlling for differences in defions reduces this gap, a more sizable
unexplained gap remains. It is worth emphasiziogydver, that while the remaining
difference is greater than for the other two incaraups analyzed, the differences in
absolute terms between the CPS Pre-TU series an@&8series are relatively small, at least
in earlier years. Before 1986 the income sharé¢hfertop 1 percent is between 1 and 2
percentage points greater for the Piketty-Saemastis relative to the CPS-Pre-TU series,
although this difference expands in later years.

Arguably, inequality trends over time are more imt@ot to researchers than
inequality levels. In both the CPS Pre-TU seried thie Piketty-Saez series we find slower
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growth in the share of income held by the p90—p8b@EE5-p99 groups starting in the early
1990s than was the case in the 1980s. Thus, betGR® and IRS data sources seem to yield
the result that whatever inequality growth occuiirethe 1990s was largely confined to
increases in the share of income held by the togrdent of the income distribution.

So what precisely has been happening to the ta@ydept’'s share? Prior to 1986, the
trends in the income share for this group are rkatdy similar according to all three series.
Table | shows the average annual percent incréasks top 1 percent’s income share for
seven subperiods. The two pre-1986 periods areetagvely low inequality growth period
of the 1970s and the higher inequality growth pfrom 1980-1986. Each of the three
series shows similarly small inequality growth e tL1970s, with the Piketty-Saez series and
the CPS Post-HH series each showing a very sliggriedse in the top 1 percent income
shares and the CPS Pre-TU series showing a veht slicrease. The 1980-1986 period is
even more similar, as the Piketty-Saez series sladwsst identical average growth in the
share held by the top 1 percent as found usingntbeCPS series. It is only after 1986 that
more substantial differences between the serieis beg@ppear. The first of these differences
occurs from 1986—-1988, when the Piketty-Saez sehews a dramatic 22.1 percent annual
increase in the share of income going to the tappmrcent. The increase according to the

CPS-Pre-TU series is a more moderate 2.0 percent.

Table I: Average annual percentage change in inconghare of the top 1 percent, by
subperiod between 1967 and 2006

Subperiod March CPS IRS tax return data
Size-adjusted pre-tax post- Pre-tax pre-transfer tax Pre-tax pre-transfer
transfer household income unit income tax unit income

among individuals among tax units among tax units
(“CPS-Post-HH”) (“CPS-Pre-TU") (“Piketty-Saez”)

1967-1980 -0.5 0.4 -0.2

1980-1986 1.7 1.9 1.9

1986-1988 3.2 2.0 22.1

1988-1992 0.0 0.8 0.6

1992-1993 45.0 42.5 -4.9

1993-2000 1.6 15 4.1

2000-2006 1.3 1.4 1.5

Note: sources for calculations as described imthte to Figure I.

This divergence between series subsides in thegarnmediately after 1988.

Compared to the CPS-Post-HH series, the Piketty-Saextes shows moderately higher

13



growth in the income share of the top 1 percemowth of 0.6 percent per year compared to
no growth in the CPS-Post-HH series from 1988 @21 ¥uch of this difference, however,

is simply due to the different income distributidefinitions. When the CPS-Pre-TU series is
used instead, the difference in the top 1 perc@mt@me share between this series and the
Piketty-Saez one is a much smaller 0.2 percenyegear. Thus, for the entire period between
1967 and 1992 with the exception of 1986—1988{rémeds in the income share of the top 1
percent are similar according to both data sourdésimilar income definitions are used.

From 1992-1993, the trends diverge again acrogsssém this year, both CPS series
increase by over 40 percent while the IRS serikstig 4.9 percent. But it is only from
1993-2000 that the IRS series shows a sustainegbise in the share of income held by the
top 1 percent relative to CPS-Pre-TU series. Ovisrgeriod, the Piketty-Saez series
estimates that the top one percent’s share wagrigian accelerated pace. The 4.1 percent
annual increase is more than twice the rate okas® in the early 1980s. By contrast, the
CPS-Pre-TU series yields an annual increase of hblyercent in the income share of the
top 1 percent — which is a slower rate of increase seen in the 1980s.

After the divergence for the 1990s, trends acresges converged again from 2000—
2006 if similar income distribution definitions ansed. During this period, all three series
show similar increases of between 1.3 and 1.5 pesgerage annual increases in the income
share for the top 1 percent.

So, for most of the past 40 years, the trendspnrioome shares are similar — once
similar income definitions are used. There are mgomdifferences in the trends implied by
the differenct sources for the income shares afehwith incomes between the™dand 94
percentiles. It is only during the periods 1986-8,9892-1993, and 1993-2000, that the two
sources show markedly different trends and onlyHertop 1 percent of the population.

Explaining the differences in trends in the share fothe top 1 percent

What explains the divergences between series ima&ss of the share of the top 1
percent for the periods 1986—-1988, 1992-1993, 888-12000. We believe that the results
for the first two periods arise from well-known liations of the IRS tax return data and of
the CPS, respectively.

For 1986-1988, we believe that the increased sifahe top 1 percent shown by the
Piketty-Saez series primarily reflects a chang@xpolicy rather than any genuine change in
the incomes controlled by the richest 1 percené Tax Reform Act of 1986 provided

substantial incentives for the very richest taxsito switch reported income from
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Subchapter-C corporations to Subchapter-S incordevaige income. The tax law changes
likely created a behavioral effect in how incomeegorted, which led to the very large
observed increase in top income shares in IRS paksax return data over the course of
these two years. See Slemrod (1996) and Reynodf)2or a fuller discussion of this type
of issue in the Piketty and Saez (2003) data, erd~-genberg and Poterba (1993) for a more
general discussion of the problems of measuringminequality using tax return data. Of
course, Piketty and Saez (2003) recognize the pakémpact of such “fiscal manipulation”
(2003, p.3), but they do not address the issuetaildbecause of their focus on long-run
trends in top income shares.

The divergence in series for 1992-1993 reflectddnmental changes in the design of
the CPS, rather than a real change in income iiggu@ver these years, the Census Bureau
implemented a major redesign of the survey instntmecluding a change to computerized
rather than paper-based data collection methoée. Ryscavage 1995 and Jones and
Weinberg 2000 for details.) These changes improedbility of the CPS to record all
incomes but especially top incomes. We believettinatexplains the increase of more than
40 per cent in the top 1 percent’s share accorntirige two CPS-based series (Table I).
Notice the much more modest change in the PikedBzSeries over these years.

What explains the divergences for 1993-20007 It beathe case, as Reynolds (2006)
suggests, that changes in tax rules, requiringugxecstock options to be reported as taxable
income, led to the estimated rise in income shatkeotop 1 percent according to the
Piketty-Saez series. According to this hypothehis,group’s income share has always been
higher than observed (implying a greater differelne®veen the Piketty-Saez and CPS-Pre-
TU series). And importantly, trends according te tWwo series are more similar on the
grounds that the more rapid increase in the Pike#tgz series in the 1990s was an artifact of
the changes in tax accounting rules.

Another possible explanation, also suggested by&dg (2006), is that a greater
increase in the use of tax-deferred savings acedéftLk plans, Keogh plans and IRA tax
shelters) by individual in top income groups outsikde top 1 percent may explain part of the
rise in the income share of the top 1 percenténRiketty-Saez series for the late 1990s. This
hypothesis would be consistent with our resultdlierp90—p95 and p95—p99 groups, for
which the CPS-based series showed very slightlydrigicreases in income shares than the
Piketty-Saez series.

Either of these explanations for the diverging di®rs plausible. So too may be the

view that the CPS did an increasingly poorer jolbayturing top incomes in the late 1990s.
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But, if this is the explanation, the timing of tiéferences is curious. After the CPS redesign
in 1993, it was better able to capture top incomasgvidenced by the artificial jump in
inequality in both of our CPS series between 1982 ¥93. Moreover, the prevalence of
censoring during this period — after the interretits topcodes were increased — was lower
than it was in the mid-1980s or in the early'2&ntury® So the CPS design changes should
have increased the survey’s ability to accuratelyeove top incomes during this period.

Additional work is necessary to determine what {g&dg happened to the very
highest income shares over this period and thepetyide a comprehensive reconciliation of
the differences between the CPS-based and IR®tarnrbased series.

Income inequality trends using Gini coefficients

Thus far we have explored the ability of CPS dateapture trends in the share of
pre-tax pre-transfer income going to top tax umithe IRS tax record data as measured by
Piketty and Saez. In this section we explore timsiggity of inequality levels and trends to
one’s choice of inequality index as well as sougacome and income receiving unit.
Since a top income share is the only inequalitysueathat can be readily derived from IRS
tax record data we focus this part of the analysithe CPS dataFigure IV compares Gini
coefficients based on the CPS Post-HH income strig®se from the CPS Pre-TU income
series. If the choice of income definition and im®sharing unit did not matter, we would
expect to find similar levels and trends in Gineffcients using each of these two series.
Instead we find that using pre-transfer, tax-uatiadather than post-transfer household
income yields substantially higher observed leeélisicome inequality. Using post-transfer
household income, estimates of the Gini coefficrangge from a low of 0.35 in 1968 to a
high of 0.46 in 2006. Switching to pre-transfer-taxt income increases observed inequality
30 to 40 percent over these levels, with a minintim coefficient of 0.47 in 1968 and a
maximum of 0.59 in 2008

8 See Larrimore et al. (2008) for detailed informatabout the prevalence of censoring in the inte2®sS data
year by year.

? Leigh (2007) uses unit record data to comparértopme shares with other inequality estimates uisirtg
panel data regressions applied to cross-natiomapecative data. Ours is the first study to invedgghis issue
using a long run of comparable microdata from #@es country.

191n addition to the difference in sharing unit ahd inclusion of transfer income, the series alfferdin that
the post-transfer household income (CPS Post-Hbklyesadjusted and evaluated at the individuallltheepre-
transfer tax-unit income (CPS Pre-TU) is not. Ne¢sadjusting household income would slightly resltive
level difference between the Gini coefficientshi two series, but most of the difference remaihg. size-
adjustment does not affect estimates of the treanaeequality.
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Figure 1V: Estimates from CPS data of income inequiity measured by the Gini
coefficient, 1967-2006
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Sources: see note to Figure .

This dramatic difference in income inequality llsveccurs for two reasons. First,
defining the sharing unit as the tax unit causestathildren living with their parents or other
individuals who have little or no independent in@hbut are supported by other household
members to be counted independently. As a rebeltfraction of the population who appear
to have no income is much higher when consideargunits than when considering
households resulting in increases in measured iagoaguality.

Second, transfer income is predominantly receiweshdividuals in the lower tail of
the income distribution. Ignoring transfer incorherefore reduces the income of individuals
at the bottom of the distribution resulting in ieases in measured income inequality. Of
course, these factors also affect calculationa@dme inequality when using the top income
shares measure as well. However, the differenobserved inequality between the
household and tax-unit income series is much lanpen using the Gini coefficient than was
seen for the top income shares. This is becausBitheoefficient incorporates information
about inequality differences throughout the incatistribution, and the top income share
measures do not. Since transfers are most reléwainidividuals lower in the income

distribution, they have a larger impact on compnshe inequality measures such as the
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Gini coefficient. The substantial differences iadks of observed inequality from what
appears to be a relatively innocuous change immgcand income receiving definitions,
however, illustrates the importance of carefulrdtten to detail when comparing income
inequality calculations. But, as can also be sadfigure 1V for the Gini coefficient and
Figures I-lll for the top income shares, these ob®iconcerning the income distribution
definition appear to be less critical with respecirends. As will be seen below, this is not

the case with respect to the choice of income iakgundex.

Comparing income inequality trends using Gini coeiftients and top income shares

Finally, we also consider how the choice of incanegjuality index affects measured
household income inequality. Using the two CPS-thasgies, we compare the observed
growth in income inequality using the Gini coeféiot to the trend in the income share of the
top 1 percent and the top 10 percent of the pojpulaBy using the same sample to compare
results for these three inequality measures, waletarmine the extent to which the choice
of inequality measures influences the observedig@mincome inequality.

Table Il shows the average annual percent incragseg these three income
inequality measures for seven subperiods since a@@7or the entire 40 year period. This is
done using the CPS Post-HH series and the CPSWseiies — our two series for which all
three inequality metrics can be calculated. Usitlgeeincome series, the two top income
share series exhibit faster inequality growth ttienGini series when considering the entire
40 year period. However, much of this differencees from the substantial, artificial jump
in top income shares between 1992 and 1993.

When considering the subperiods, the pattern igdwith the top 1 percent’s
income share exhibiting higher growth than the Goefficient in some periods (1980-1988,
1993-2000, and 2000-2006) and slower growth inret(f967-1980 and 1988-1992).
During the period of greatest disagreement betwieetwo literatures — the late 1990s where
the IRS-based literature has observed much langezases in income inequality — this
difference is quite large. Using the CPS Post-Hiesethe growth in inequality as measured
by the top 1 percent’s income share grew an aveyafje percent per year. This compares
to an average annual growth of just 0.2 percenyear in the Gini coefficient. The
difference is similarly large when using the CP8&-PU series, with the top 1 percent’s
income share growing an average of 1.5 percenygmrand the Gini showing no growth
over the period. (The growth in the top 10 percemtome share is much closer to that of
the Gini.)
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Table II: Average annual percentage change in incominequality using three inequality
measures, by subperiod between 1967 and 2006

CPS Post-HH CPS Pre-TU

Share of Share of Share of Share of
Gini  Top1% Top 10% Gini Top1% Top 10%
1967-1980 0.1 -0.5 -0.2 0.4 0.2 0.5
1980-1986 1.2 1.7 1.1 0.7 1.9 1.1
1986-1988 0.6 3.2 0.9 -0.1 2.0 0.5
1988-1992 0.4 0.0 0.5 0.9 0.8 1.0
1992-1993 6.6 45.0 9.6 4.6 42.5 9.2
1993-2000 0.2 1.6 0.7 0.0 15 0.4
2000-2006 0.6 1.3 0.5 0.5 1.4 0.7

1967-2006 0.6 2.3 0.7 0.6 2.8 1.0

Sources: see note to Figure .

These results can partially explain why researcéeasnining top income shares
using IRS tax records have found continued inetyugtowth through the 1990s while
researchers examining Gini coefficients using CRt& tave not. We previously observed
some differences in inequality trends betweenwtedatasets during this period even using
the same inequality measure. However, Table |l shinat differences in the inequality
trends observed in these two literatures also &tem differences in the inequality index
used. For researchers interested in inequalitysadite entire distribution, which the Gini
coefficient is superior for measuring, inequalitg\gth in the 1990s was dramatically slower
than that in the 1980s. But for researchers intedeis comparing the income differentials
between the very top income holders and the resb@ety, then the slowdown in inequality

growth in the 1990s was far less substantial.

Summary and Conclusions

We analyze trends in top income shares in the U8 four decades (1967-2006),
with the goal of reconciling estimates derived fribta CPS with those reported by Piketty
and Saez (2003) and derived from IRS tax retura.dabr CPS-based estimates draw on the
internal data used by the Census Bureau to prathageofficial income statistics, which is a
much better source for examining income distributi@nds than CPS public-use data

because the prevalence of topcoding is substansadaller.
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When applying a Piketty-Saez-type definition of theome distribution to CPS data,
we derive estimates of top income shares thatesnankably similar in terms of both levels
and trends to those reported by Piketty and Sa#¥3(2008) for both the p90—p95 and p95—
p99 groups. The shares grew in the 1980s and tbewed starting in the early 1990s. For the
top 1 percent, our CPS-Pre-TU series providegyathfilower share estimates than the
Piketty-Saez series does but, with the exceptidheperiod 1993-2000, the trends in the
series are remarkably similar. Thus, we concludettie differences in inequality trends
observed by researchers using these two data soame@ot primarily due to deficiencies in
either data source but rather to the traditions@me inequality measurement used in the
two literatures.

To explore this possibility further we also measaeome inequality using Gini
coefficient in the March CPS data, and compareltessing the Piketty and Saez-style
source of income and income receiving unit defamsi (CPS Pre-TU) and those using
standard source of income and income receivingdefihitions (CPS Post-HH). Using
Piketty-Saez pre-tax pre-transfer, tax-units suliistly increases observed levels of income
inequality but does not greatly impact trends (Fegl). In contrast, when using identical
data, source of income, and income receiving Unitsdifferent inequality measures, we
found that the growth in the income share of theltgercent of the population substantially
outpaced measured inequality using the Gini caefiio(Table II).

Thus, we conclude that at least part of the difigniews in the two literatures about
recent trends in income inequality can be attridwitedifferences in the literatures’ measures
of income inequality. Specifically, while the incerdivergence between the very top income
holders and the rest of society was growing inlt®@0s, the growth in income inequality
across the entire distribution occurred at a mooderate pace.

When we use the same measure of income inequdlity thcome share of the top 1
percent — and similar income definitions — pre4fan tax-unit income — with the CPS data
we are for the most part able to very closely cagptiie same levels and trends Piketty and
Saez find using the IRS tax record data. The ongxplained divergence in the observed
income inequality between the two datasets ocoues the period 1993-2000. It is possible
that in this period of rapid economic growth, theSCwas unable to capture the rise in pre-tax
pre-transfer income of the very richest peoplé #lso possible that behavioral effects
caused by changes in the tax laws made it morby like an increase in the sheltering of
income by those at the top of the distribution duiside the top 1 percent, which then

exaggerated the change in incomes recorded bydR&turn data. Hence the difficulty of
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disentangling real changes in the share of incooméralled by the very richest income tax
units from changes in the way they report theiome as the source of these yearly changes
in inequality. But despite this limitation, userffsboth CPS and of IRS tax return data should
be comforted by our finding that, for most groupshe top and for most of the past four

decades, the differences in estimates from thed@ata sources are relatively minor.
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Appendix A. Findings based on unadjusted internal €S data

To account for censoring (albeit limited) in théeimal CPS data, we used a multiple
imputation (MI) approach, as described in the ntext. Imputation of some kind is
necessary when one wishes to calculate income atiggtor the entire income distribution
including topcoded observations, and have been amtyaused in both the CPS-based
inequality literature and the IRS-based inequdiligrature.

To investigate the potential sensitivity of ourdings to the use of imputation
methods, we have also undertaken all our calcuistod top income shares using unadjusted
internal CPS data used “as is”, without imputatifivscensored values. Figures A.1-A.3
provide the top income shares using the pre-taxtiansfer tax-unit income definition using
both the unadjusted internal CPS data series anslenies derived using the Ml procedure.

For the p90—p95 income group and the p95—p99 ieagmoup, the levels and trends
in income shares derived from the unadjusted CR&Sdasely match those from the M
series, and both are close to the levels and tres@ls by Piketty and Saez (2003) using IRS
tax records. This is not unexpected as less th@erdent of individuals lived in a household
in which some source of income was censored iimntieenal data so the censoring primarily
impacts those in the very top income group.

For the top 1 percent income share, using thejusisdi CPS data results in a lower
level of measured income inequality and a slightyer income inequality growth than
when using the Ml series. The general patterneefrtequality increases are similar,
however, with the top 1 percent income share irsingaat a pace similar to that seen by
Piketty and Saez in the 1980s (although the untatjuasternal data observes the increase
later in the 1980s than the other two series). Al the Ml series, the rate of increase in the
top 1 percent income share then slows in the 1680gared to that seen by Piketty and Saez
before showing similar patterns again in the eatfcentury.

Thus, even for researchers using the unadjustechaitdata without our GB2-based
multiple imputations for the small number of intelfg censored observations, our main
findings hold. Controlling for differences in incendefinitions and inequality measurements,
the results using CPS and IRS data are extremalistent for almost all of the past 30 years

with the exception of the mid- to late-1990s.
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Figure A.1: Estimates from CPS data with and withotithe GB2 imputation procedure
for censored observations of total income held bynits with incomes between the 90
and 95" percentiles, 1967—2006
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Sources. The Piketty-Saez series is taken fronttyikad Saez (2003, 2008). It refers to the
distribution of pre-tax pre-transfer income amoa wnits. The CPS-based series were
derived by the authors from CPS internal data. TR&-Pre-TU series with the GB2
imputation matches the CPS-Pre-TU series from thie text, using our GB2 imputation to
derive censored incomes in the internal data. TR8-€re-TU series using unadjusted
internal data uses the unadjusted internal dateés*aSee Appendix A and the main text for
further details.
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Figure A.2: Estimates from CPS data with and withotithe GB2 imputation procedure
for censored observations of total income held bynits with incomes between the 95
and 99" percentiles, 1967—2006
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Figure A.3: Estimates from CPS data with and withat the GB2 imputation procedure
for censored observations of total income held bynits with incomes in the top 1
percentile, 1967-2006
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Appendix B. Sources of income: unadjusted internaCPS data versus Piketty-Saez data

Having established that in general the share afmmecin March CPS data going to the
top 10 percent of the distribution closely matcties found in IRS tax record data by Piketty
and Saez (2007), we also seek to understand hosothrees of income compare for these
individuals. When doing so, it is necessary tothgeunadjusted internal data rather than the
data based on our GB2-based multiple imputatior) @vbbcedure. This is because the Ml
procedure used to overcome the censoring problest beuperformed on total income, rather
than on each individual income source. As suds, bt possible to distinguish information
about income sources in the imputed data.

Of course, by using the unadjusted internal CP& ddher than the MI data, we are
unable to observe the actual incomes, or the ssuic#ose incomes, for censored
individuals. Therefore, since many individualshie top 1 percent of the income distribution
are censored we are only able to provide meaningéoime source information for the p90—
p95 and p95-p99 income groups where censoringssréstrictive.

As illustrated in Table B.1, the sources of inccame quite similar for the p90—p95
income groups in the CPS and IRS data. The peatentome among members of this
group received from wages ranges from 85.1 to Bér8ent of income when using the CPS
Pre-TU data, compared to a range of 86.9 to 9lré&epeof income when using the IRS tax
records data. While there are some year-to-yeatuations in the income received from
wages, the level is remarkably stable in both B® &nd CPS data over the 40 year period.

Among the p95—p99 income group, the income shaeealso as similar, with the
share of income received from wages ranging fror8 #@85.7 percent of income in the CPS
data and from 73.3 to 84.4 percent of income inffetax records data (Table B.2). There
are only 2 years where the difference in the shhhecome received from wages is greater
than 4 percent in the two datasets. Additionalbthldatasets show increases in the portion of
wages from income of approximately 7.5 percent ¢iverd0 year period while the income
from entrepreneurial activities declined. The osifpstantial difference between the series is
that the IRS tax records data indicate that thégoof income from assets declined since
1967, whereas the CPS data suggest that assetarinoreased in importance to these high-
income individuals. In general, however, not ontytde IRS and CPS data closely match the
share of income received by top earners in thenecdistribution, but they also provide

similar results for the sources of that income.
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Table B.1: Income composition by source for tax-utts with incomes between the 90
and 95" percentiles of the income distribution, 1967—2006

Year CPS Pre-TU (Unadjusted) Piketty-Saez
Wage Entrepreneurial Asset Wage Entrepreneurial Asset

1967 86.3 10.3 3.3 88.2 7.3 4.6
1968 87.3 9.5 3.2 88.6 7.0 4.3
1969 88.8 7.7 3.4 88.6 6.8 4.6
1970 89.3 7.5 3.2 89.2 6.0 4.7
1971 88.1 8.8 3.2 90.1 5.6 4.3
1972 87.9 8.9 3.2 89.6 5.9 4.6
1973 87.3 9.1 3.6 88.8 6.4 4.9
1974 86.9 9.2 3.9 86.9 6.6 6.5
1975 87.5 8.6 3.9 88.7 5.6 5.7
1976 87.9 7.7 4.3 88.4 5.8 5.8
1977 88.2 7.7 4.1 88.7 5.4 5.9
1978 88.7 7.0 4.3 88.4 5.8 5.7
1979 87.8 7.6 4.6 89.1 5.2 5.7
1980 89.1 6.0 5.0 88.6 45 6.9
1981 87.3 6.6 6.1 88.1 3.7 8.2
1982 87.2 6.0 6.8 89.2 25 8.3
1983 85.1 7.5 7.3 89.5 34 7.1
1984 86.2 6.1 7.7 89.9 3.2 6.8
1985 86.9 5.8 7.4 89.9 3.2 6.8
1986 86.9 6.4 6.6 90.1 3.8 6.0
1987 86.5 8.0 5.4 90.1 4.3 5.6
1988 86.7 6.9 6.4 89.4 4.9 5.8
1989 85.7 7.8 6.5 88.6 4.9 6.5
1990 85.7 7.5 6.8 88.7 4.7 6.6
1991 86.3 7.8 5.9 89.4 4.7 5.9
1992 87.0 7.4 5.7 90.9 4.3 4.8
1993 88.2 6.3 5.6 90.9 5.0 4.2
1994 89.2 5.6 5.2 91.1 5.0 3.9
1995 88.4 5.6 6.0 91.6 4.5 3.9
1996 86.4 6.4 7.2 90.8 4.7 4.6
1997 85.7 6.2 8.2 91.0 4.8 4.2
1998 86.1 6.1 7.8 91.1 4.9 4.0
1999 85.4 6.4 8.2 90.6 55 3.9
2000 87.4 5.7 6.9 89.7 5.6 4.7
2001 87.8 5.8 6.5 91.2 5.0 3.8
2002 89.2 5.5 5.3 89.9 6.2 4.0
2003 88.5 5.4 6.0 90.1 6.3 3.6
2004 88.9 5.3 5.8 89.4 6.8 3.8
2005 88.5 5.0 6.5 88.1 7.5 4.4
2006 86.9 6.1 7.1 88.2 6.8 5.1

Sources: The Piketty-Saez series is calculated Riketty and Saez (2007, 2008). The CPS-Pre-TU
series using unadjusted internal data uses thgusted internal data “as is”. See Appendix A aral th
main text for further details.

Entrepreneurial income includes self-employmentfanch income. Asset income includes interest
from interest, dividends, and rents. For compaitgthilith the source-decomposition results presented
in Piketty and Saez (2007), income from other sesiare excluded and the sum of incomes from
wages, entrepreneurial activities, and asset inasrsealed to sum to 100 percent. Other forms of
income represent less than 4 percent of incom# years.
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Table B.2: Income composition by source for tax-utts with incomes between the 95
and 99" percentiles of the income distribution, 1967—2006

Year CPS-Pre TU (Unadjusted) Piketty-Saez

Wage Entrepreneurial Asset Wage Entrepreneurial Asset
1967 74.8 18.8 6.4 73.3 17.4 9.3
1968 76.8 16.8 6.3 73.7 17.2 9.1
1969 77.9 15.3 6.8 75.3 16.1 8.6
1970 78.9 14.7 6.4 77.1 14.1 8.7
1971 79.1 14.6 6.3 77.6 13.4 9.0
1972 77.8 16.1 6.1 76.4 14.6 9.0
1973 75.9 17.3 6.8 74.2 16.0 9.8
1974 78.1 15.3 6.6 74.3 15.5 10.3
1975 78.9 14.7 6.4 77.4 13.3 9.3
1976 79.4 13.7 6.9 77.9 12.7 9.4
1977 79.0 13.9 7.0 78.1 12.4 9.5
1978 77.8 15.4 6.8 78.0 12.6 9.4
1979 78.3 13.1 8.6 78.4 11.5 10.1
1980 80.6 11.2 8.2 79.7 8.5 11.9
1981 79.2 11.0 9.8 80.6 6.1 13.2
1982 79.5 10.6 10.0 81.2 5.4 13.5
1983 78.9 10.8 10.3 83.4 5.7 10.9
1984 78.9 10.3 10.8 81.8 6.3 11.9
1985 81.2 8.7 10.1 82.9 6.6 10.5
1986 81.1 9.9 9.0 83.3 7.3 9.4
1987 80.1 10.5 9.4 81.8 8.9 9.3
1988 80.5 10.6 8.9 80.3 10.4 9.3
1989 78.1 11.3 10.6 79.3 10.3 10.3
1990 78.9 10.3 10.8 80.5 9.8 9.7
1991 79.1 11.0 9.9 80.8 10.2 9.0
1992 82.3 8.7 9.0 82.6 10.5 6.9
1993 80.8 10.3 9.0 83.2 10.7 6.1
1994 81.5 9.4 9.1 82.9 10.8 6.3
1995 82.8 7.2 10.0 82.9 10.8 6.3
1996 81.9 7.8 10.3 82.4 11.1 6.5
1997 78.1 8.7 13.2 82.0 11.0 7.1
1998 78.7 8.2 13.1 82.2 11.4 6.5
1999 76.8 10.5 12.7 82.2 11.3 6.5
2000 81.5 8.9 9.7 82.3 11.0 6.7
2001 83.5 7.5 9.0 83.2 10.9 5.9
2002 85.7 7.6 6.7 84.1 10.6 5.3
2003 84.1 7.8 8.2 84.4 10.6 5.0
2004 83.5 7.7 8.8 83.2 11.5 5.3
2005 83.5 7.3 9.3 81.5 12.6 5.9
2006 82.3 7.4 10.3 80.9 12.2 6.9

Sources: See note to Table B.1.
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