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Is technical progress sectorally concentrated?
An empirical analysis for Western European countries

Abstract

Previous research shows that technical progress at the industry level, measured by sectoral
TFP growth, is more localized in continental European countries than in Anglo-Saxon coun-
tries. We use EU KLEMS data sets to decompose sectoral TFP for nine European countries
by means of a Malmquist approach, in order to separate technical change. Applying Harberger
diagrams, we describe the sectoral patterns of technical progress. The analysis reveals that in
most European countries technological progress is much more evenly distributed across sec-
tors than TFP.

JEL: O14, O47, E23
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1 Introduction

Central tools for judging the competitiveness of nations are various kinds of productivity
measures. Focusing primarily on labor productivity and total factor productivity (TFP), the
main finding is that there are different growth patterns and a persistent divergence in produc-
tivity between nations. Yet, the reasons for this finding differ. Analyzing labor productivity,
Enflo and Hjertstrand (2009), Fére et al. (2006), Henderson and Russell (2005), Kumar and
Russell (2002) and Maudos et al. (2000) find capital accumulation and, if included in the
analysis, human capital accumulation to be the main drivers of labor productivity growth and
its divergence between countries.

Another main driver of growth and productivity differences identified in most studies is tech-
nical change. This holds, regardless of the underlying assumptions of the models used and
estimation techniques applied (Ark, O'Mahony and Timmer 2008, Badunenko, Henderson and
Zelenyuk 2008, Margaritis, Féare and Grosskopf 2007, Kruiger 2003). However, already Balas-
sa (1964) and Samuelson (1964), with their two-sector models, point to sectoral differences in
production. Hence, in order to explain growth and productivity differences a more detailed
view is appropriate. Yet, few papers address the issue of sectoral differences.

Looking at industrialized countries, Arcelus and Arozena (1999) are among the first to pursue
a disaggregated approach. They analyze TFP growth for 14 OECD countries and the two sec-
tors of manufacturing and services for the 1970 to 1990 period by means of the Generalized
Malmquist Productivity Index (Griffel-Tatje and Lovell 1999). This allows decomposing TFP
into technological change, efficiency improvements and scale changes. They find that, overall
TFP growth in the manufacturing sector is driven more or less equally by technical progress
and efficiency improvements. In contrast, the source of TFP growth in the service industry is
almost always technological progress. Yet, they do not focus on the important finding of une-
qual distribution of technological progress and productivity between the manufacturing and
service sectors within countries.

Inklaar and Timmer (2007) are the first which provide a deeper insight on these sectoral dis-
parities of technological changes. They analyze the pattern of TFP growth in the tradition of
growth accounting at the two-digit industries level. It uses Harberger diagrams (Harberger
1998) to compare sectoral growth patterns for four Anglo-Saxon countries and three continen-
tal European countries for the 1995 to 2003 period. They find that, firstly, overall TFP growth
rates for the four Anglo-Saxon countries are significantly higher. Secondly, TFP growth at the
industry level diverges significantly in European countries and is more ‘mushroom’ like. In
contrast, growth rates within the Anglo-Saxon countries are more balanced or ‘yeasty’, as
they term it (Inklaar and Timmer 2007). Timmer et al. (2011) confirm this result for the 1995
to 2005 period. Thus, a main finding of these analyses is that technological change is more
broadly based in Anglo-Saxon countries, while in continental European countries it is con-
fined to few industries. For Europe, this would imply that technology diffusion between sec-
tors is hampered with negative impacts for long term growth. However, TFP growth in this
framework is a residual which is regularly regarded as a proxy for technological change.
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Hence, already Inklaar and Timmer (2007) note that this residual includes, in addition to
changes in technology, changes in economies of scale, organizational changes and 1,001 other
causes (Harberger 1998, 5).

The contribution of our paper is to go further into the question: Is technological progress still
unevenly distributed across sectors within European nations when accounting for economies
of scale and inefficiencies? To this end we combine the approaches of Inklaar and Timmer
(2007) and Arcelus and Arozena (1999). First, we dispense the growth accounting approach,
which ascribes any change to technology by definition, and use the Malmquist approach,
which allows us to decompose TFP. Then we follow Inklaar and Timmer (2007) and use the
Harberger method in a second step to examine whether the distributional differences, with
respect to TFP, can also be found for the technology component.

Given that the previous Malmquist literature mostly finds that the technology component ex-
plains most of the TFP growth, we expect to find the same in this analysis. This also implies
that, if we find TFP growth unevenly distributed in a country, one can expect a rather similar
distribution in the technology component. In this case, the findings by Inklaar and Timmer
(2007) and Timmer et al. (2011) really point to a sectorally uneven distribution of technologi-
cal progress. Yet, our results are contrary to their findings. Our analysis shows that in almost
all European countries technological progress is much more evenly distributed across sectors
than TFP. Hence, technical change seems to be widespread also in Europe.

The remainder of the paper is organized as follows. The next section presents an overview of
the applied methods, while the data are introduced in the third section. The results of the anal-
ysis are the subject of the fourth section. First, we compare the TFP in the tradition of growth
accounting with the estimated TFP by means of the GMPI approach for nine Western Europe-
an countries to reveal the correlation. Second, we apply Harberger diagrams to the TFP as
well as to its components to verify whether there are sectoral disparities and whether they can
be also found for the technical component of the TFP. The last section concludes.

2 Methodology

In order to combine the approaches of Inklaar and Timmer (2007) with Arcelus and Arozena
(1999), we first estimate Total Factor Productivity (TFP) using the Generalized Malmquist
Productivity Index (GMPI). Then we use the Harberger diagrams to analyze the pattern of
TFP growth and its components in each country. Subsequently, we briefly describe the Data
Envelopment Analysis (DEA), which is needed to estimate the distance functions that are
used to calculate TFP by means of GMPI. Thereafter the GMPI and its components are intro-
duced.” Finally, we briefly explain the idea behind the Harberger diagrams and what one can
learn from it.

1 A brief discussion of the assets and drawbacks of the method is provided in Appendix.



Data Envelopment Analysis

Data Envelopment Analysis is a nonparametric approach to examine the efficiency of any
decision making unit (DMU). It is based on the idea of a production set and its enveloping
production function (Farrell 1957) and became popular with the work of Charnes et al.
(1978). The method lets the data define the location and shape of the production function
(best practice frontier) and derives the (in)efficiency of any unit by measuring the distance of
each observation to the frontier.?

Hence, we define a production possibility set s ={(x‘,y‘):x‘ can produce y‘}, itself defined by the

input vector x'exk"* and the output vector y'e®"* of any DMU in the sample at time t=1...,T
. It contains all possible input-output combinations. Choosing an output orientated approach,
the frontier of st is given by ap‘(x‘)z{y‘:y‘ eP(x), 2y ¢ P'(x'),4 >1}. The magnitude of ineffi-

ciency of each unit is calculated according to Shephard (1970) as:

D'(x,y')= min{H: y' /6P (x )} - [max{e:(ﬁyt)e P(x )}T
with pr(x',y')<1 .2 Thus, each observation is labeled as efficient and evaluated with a distance
function of 1 if it’s defining the frontier. If p;(x!,y;)is below 1 the DMU is considered as inef-

ficient since it would be possible to produce 1/p;(x,y!) times more outputs using the same

amount of inputs. The actual calculation of each distance function is conducted by linear op-
timization.

Generalized Malmquist Productivity Index

As shown by Fare et al. (1994), the DEA distance functions can be applied in calculating
productivity changes with the Malmquist Productivity Index (MPI). The use of this index for
productivity analyses dates back to Caves et al. (1982), which proved the identity between the
Tdrnquist Productivity Indices and the Malmquist Index. However, the components of the
MPI are potentially biased in the presence of variable return to scale as shown by Griffel-
Tatje and Lovell (1995). To overcome this problem they derived the Generalized Malmquist
Productivity Index (GMPI) such that scale changes are included in the estimation of produc-
tivity changes (Griffel-Tatje and Lovell 1999, 1997). Productivity growth between t and t+1
IS now given by:

GMPlt(Xt,yt,XM, yt+1) — Mt(xt,yt,xtﬂ, ym)RESt(Xt, yt,Xt+1)

with:

2 Adetailed discussion of the DEA, its underlying assumptions and the properties of its estimators can be

found in Simar and Wilson (2005). We also recommend Coelli et al. (2005) for readers interested in the
method.

In this paper the notation without any further subscript always denote distance functions calculated under the
assumption of variable returns to scale. If constant returns to scales are assumed we indicate this by the sub-
script ¢ asin



D;(anl yt )/Dt (Xt+l’ yt)
0! (') /D (x")

RESt(Xt,yt,XHl) _

Mt(xt,ytyxtﬂ’ytu) _ Dt(xt+1’yt+1)/Dt(Xt’yt)
— TEF(Xt,yt,XHl,yHl)XTCH (Xt+1,yt+l)
TEF! (Xt ’ yt,XHl, yt+1) _ Dt+1(xt+1, yt+l)/Dt (Xt, yt)

TCH! (Xt+l, yt+1) D! (Xt+l, yt+1 )/Dt+1 (Xt+l, yt+l)

Hence, the productivity change between t and t+1 can be decomposed into three compo-
nents. The scale changes, measured by the scale index RSE', contribute positively to produc-
tivity growth if a contraction (expansion) in the region of decreasing (increasing) returns to
scale occurred. Or the other way around, it takes values less 1, if the production volume in-
creases (decreases) in the region of decreasing (increasing) returns to scale. The RSE' equals 1
if the DMU did not change its scale position between t and t+1. The second component is
the efficiency index TEF'. It measures how a DMU is catching up to its more productive
competitors, if it does so. Consequently, it takes values greater than (equal to, less than) one
and contributes positively (not, negatively) to productivity changes, if the efficiency of any
DMU increased (did not changed, decreased) between t and t+1. The third component cap-
tures technical changes as a shift in the productions function. Technological change is defined
as the change in the location of the production function within the production possibility set.
The technology index TCH' takes values greater than (equal to, less than) one if technical
change occurred and thus more (the same, less) output can be produced in t+1 by the same
amount of inputs as in t. To create these indices, six linear optimization problems need to be
solved per observation and point in time to generate the distance functions.

Visualizing growth patterns: The Harberger Diagrams

Following the approach of Inklaar and Timmer (2007), we apply the Harberger diagrams to
visualize growth pattern. The main idea of the diagrams is to plot the sectors in such a way
that one can see their contribution to overall growth. This is achieved by ordering the sectors
according to their TFP growth. The growth rates are weighted with the sector-share of value-
added and aggregated. The resulting cumulative contribution of the industries is plotted
against the cumulative share of the industries (Harberger 1998). The figure contains the sec-
tors with the highest growth rates near the origin and the sectors with the slowest or even de-
creasing TFP growth at the upper end of the curve. The last point on this curve is equal to the
(weighted) average growth in a country.

The resulting curve must be concave due to the initial sorting. Yet, the concavity depends on
the distribution of growth across industries. If all sectors show the same TFP growth, the
curve would be a straight line from the origin to the average TFP growth at the upper end. The
more the growth rates differ, the more concave the curve would be and thus the larger the area
between the curve and the diagonal line from the origin to the average growth rate. Finally,
the concavity also depends on the weight of the sectors. If the sectors with the highest growth
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are rather small, in terms of their relative value added, the curve will be more concave as if
the sectors would be larger.

The interpretation of the curve and the area under the curve is as follows: If the growth is
more broad-based, the curve is close to the diagonal line und the area under the curve is small
(see Figure 1). Harberger calls this "yeasty" since growth is evenly as the growth of bread that
is caused by yeast (Harberger 1998). Hence, TFP growth in a country is driven by many, if
not all, sectors. In the growth accounting framework this also means that all sectors more or
less equally participate in technical progress. However, if growth can be found only in few
sectors, the curve will be much more convex and more like a "Mushroom” (Harberger 1998).
In this case, the area between the diagonal line and the curve will be larger than in the yeasty
case (see Figure 1). In the growth accounting framework this would imply that technical pro-
gress in a country rely on few sectors and many sectors do not contribute to technological
progress. In the context of this paper the Harberger diagrams mainly show whether growth is
evenly or unevenly distributed. The interpretation regarding technological progress applies
only when we look at the technology component of the GMPI.

Figure 1: Examples for Harberger diagrams*
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3 Data

The analysis is conducted using data from the EU KLEMS data base, which originates from
an international research project supported by the European Commission as part of the 6
Framework Program.® It provides data for 25 EU-Countries®, the USA, Japan, Australia, Can-
ada and Korea at a sectoral subdivision of 72 industries until 2005. Although we have data for
some of these countries since 1970 we restrict the analysis to the period 1995 to 2005 in order
to include as many countries as possible. The origins of the data are, similar to the STAN data
base of the OECD, national accounts. Additionally, EU KLEMS includes national labor mar-
ket-, industry- and capital-census data. According to O’Mahony und Timmer (2009) this

The Figure is, slightly modified, taken from Inklaar and Timmer (2007).

The interested reader is referred to O’Mahony und Timmer (2009) for a detailed discussion of the EU
KLEMS data base.

Romania and Bulgaria are not in the sample.



makes the EU KLEMS data base in parts richer than STAN, especially with respect to the
level of sectoral subdivision, the volume of labor and capital services. The data base also pro-
vides TFP growth rates calculated using growth accounting according to Jorgenson et al.
(1987).

We used labor (hours worked) and capital (capital services) as inputs and value added as out-
put to calculate TFP growth with DEA and GMPI. Capital and value added is given as nomi-
nal values in national currencies and hence need to be converted into real values. This is done
by first applying purchasing power parities, provided by the OECD. It gives us nominal val-
ues in PPP$ and they are therefore deflated in a second step, again using OECD data. Since
labor is given as total hours worked, this variable needs no conversion. The bottleneck, how-
ever, is capital. We only have capital data for 15 countries between 1995 and 2005 and thus
our sample is restricted to those countries.” Although we are only interested in the Western
European countries, all available data, i.e. all countries, are included in the DEA estimations
in order to reduce the bias that is caused by sample reductions.® Further, the analysis focuses
on the service and industry sectors (business economy) and neglects both the public and agri-
cultural sectors.

Besides calculating sectoral TFP growth rates we also use the TFP growth rates reported in
EU KLEMS in order to compare the distribution of sectoral TFP growth rates used in Inklaar
and Timmer (2007) with the ones calculated by means of the GMPI. Note, however, that that
country TFP growth rates, labeled GA-TFP in this study, are not identical to those reported in
the EU KLEMS database for total industry (code: “TOT”). The reason is lack of sectoral data.
Comparing the distributions of TFPs requires focusing on sectors for which both, the GA-
TFPs and GMPI-TFPs are available in order not to compare apples with pears. However, TFP
estimates in the EU KLEMS database (GA-TFP) are often available only for aggregate sectors
(for instance sector O instead of the two-digit levels 90 to 93). At the same time, TFP esti-
mates by means of the Malmquist approach (GMPI-TFP) are calculated at the two-digit sector
level because of the assumption of a common production function. Yet, EU KLEMS do not
report capital and labor data for each two-digit sector and as a result, TFP growth cannot be
estimated for some sectors by means of GMPI. As a consequence, we sometimes have no TFP
observations (GA-TFP) at the two-digit sector level in EU KLEMS (for instance sector 90 to
93) as well as not enough calculated TFPs (GMPI-TFP) to derive an aggregated TFP that has
a match in EU KLEMS (for sectors 90 to 93 in order to aggregate them into sector O). Hence,
we have to omit some sectors, depending on the actual data availability in each country, when
computing country level TFP-growth rates. This causes our country GA-TFPs to differ from
the ones reported in EU KLEMS for total industry (code: “TOT”).

" These are: Australia, Austria, Czech Republic, Denmark, Finland, Germany, Great Britain, Italia, Japan,

Korea, Netherlands, Portugal, Slovenia, Sweden and the USA.

8 See the discussion of assets and drawbacks of the methods in the Appendix.



4 Results

We analyze the sectoral concentration and distribution of productivity growth and especially
of its component “technological change” between 1995 and 2005 for nine Western European
countries. In particular we analyze whether technical progress in European countries is more
localized in few sectors — thus ‘mushroom-like’ — or if it is more broad-based — thus “yeasty’.
We apply the nonparametric Generalized Malmquist Index (GMPI) approach to derive TFP
estimates and to identify sources of TFP growth at sector level by decomposing it. In order to
compare our results with those of Inklaar and Timmer (2007), we also use the TFP estimates
of the EU KLEMS database. These TFP estimates were calculated following a basic growth
accounting framework (‘GA’”) by Jorgenson et al. (1987). For a better differentiation we call
these TFP estimates ‘GMPI-TFP” and ‘GA-TFP’.

As pointed out above, we calculate the TFP using a different method than Inklaar and Timmer
(2007) or Timmer et al. (2011). Therefore, the first step in the analysis is to check whether
both measures, the GMPI-TFP and the GA-TFP, are approximately similar. However, we do
not expect identical values since the methods both differ and also rely on different assump-
tions. This expectation is confirmed when we consider the first and second column of Table 1.
Except for Sweden and Finland, the pure numbers differ significantly. Yet, the values are
highly correlated.

Table 1: TFP growth rates and the growth rates of the GMPI-TFP
components, 1995-2005°

@ @ ® 4) ®)

Country GA-TEP GMPI-TEP techn(i_lc_zéli_c';]ange efficie(r_lrcg/Fc)hange scaI(eRIcErgnge
Austria 0.20% 0.38% 1.48% -1.02% -0.08%
Denmark -0.21% 0.28% 0.86% -0.47% -0.11%
Finland 0.99% 0.99% 0.82% 0.23% -0.05%
Germany 0.56% 0.92% 1.47% -0.33% -0.21%
Italy -0.48% -0.95% 1.54% -2.18% -0.31%
Netherlands 0.65% 1.72% 1.62% 0.17% -0.08%
Portugal -0.85% 0.12% 0.81% -0.70% 0.00%
Sweden 0.80% 0.80% 1.35% -0.48% -0.07%
United Kingdom 0.57% 1.77% 1.04% 0.74% -0.01%

Source: EU KLEMS Database for GA-TFPs

Moreover, the crucial outcome with respect to our research question is the distribution of TFP
growth over all sectors. We use the Harberger diagrams for both methods in order to check
whether we observe similar distribution patterns as Inklaar and Timmer (2007). Specifically,
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we use these diagrams and the relative area underneath the Harberger diagram (RAH) to char-
acterize how widespread (‘yeast’ - low RAH values) or localized (*mushroom’ - high RAH
values) productivity growth is. As shown in column one of Table 2, we see RAHSs ranging
from 0.49 to 0.85 for the analyzed countries when sectoral TFP measures are calculated fol-
lowing the growth accounting approach. Thus, the GA-TFPs are unevenly distributed across
sectors. Looking at the GMPI-TFP (column 2), we see similar results. Countries like Portugal,
Italy, Austria and Denmark show high RAHSs greater than 0.5. Germany, Sweden and Finland
have lower RAH, ranging from 0.39 to 0.46. Hence, we also find a ‘mushroom like’ TFP
growth pattern when applying GMPI. Yet, variation of RAH is greater regarding GMPI-TFPs
than GA-TFPs. However, the growth patterns for the Netherlands (RAH 0.23) and the United
Kingdom (RAH 0.25) are much more broad-based or ‘yeasty’. Overall, as shown in Figure 2,
the RAHSs of the two TFP measures are positively correlated. With respect to the distribution
of TFPs our results are in line with the findings of Inklaar and Timmer (2007) and Timmer et
al. (2011). More specifically, the RAH of both the GA-TFPs and the GMPI-TFPs indicate an
unequal distribution across sectors, or in other words, a "“mushroom like” TFP growth pattern.

Table 2: The Relative Areas under the Harberger (RAH) for both
TFPs and the components of the GMPI-TFP, 1995-2005

@ @ (©)) 4 ®)
Relative Area under Harberger (RAH) of

Country GA-TFP GMPI-TFP te"h”(i%}j;ange efficiency change (TEF) Sca'(eR‘I’EhS"")”ge
Austria 0.79 0.66 0.24 0.58 0.81
Denmark 0.85 0.65 0.3 0.7 0.8
Finland 05 043 0.44 0.67 0.88
Germany 0.55 0.39 0.24 0.77 0.68
ltaly 0.69 0.56 0.29 0.36 0.56
Netherlands 051 0.23 0.26 0.73 0.65
Portugal 0.67 0.88 0.39 0.71 1
Sweden 0.49 047 0.23 0.73 0.83
United Kingdom  0.49 0.25 0.43 0.52 0.97

Source: EU KLEMS Database for GA-TFPs

Finding a similar result to that of Inklaar and Timmer (2007) with respect to the sectoral dis-
tribution of TFP, we proceed and look at the components of the GMPI-TFP in order to verify
if technological progress is also as unevenly distributed. The results of the decomposition can
be found in columns three to five of Table 1. They show that the technological change, meas-
ured by the technology index (TCH), is the decisive driving force of TFP growth in all coun-
tries. This also holds true at the sector level.'® Yet, at the same time, almost all countries suf-
fered efficiency losses as can be seen in column four. However, countries with efficiency im-

10" See Table Al in the Appendix.



provements, specifically Finland, the Netherlands and the United Kingdom, are also the coun-
tries with the highest TFP growth. Hence, for these countries the high TFP growth rates come
not just from technical progress, but also from a more efficient use of inputs. Economies of
scale, on the other hand, had a negative effect on TFP growth in all selected European coun-
tries, with the exception of Portugal.

Figure 2: Relative area under Harberger (RAH) for GA-TFP and GMPI-TFP*
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Source: EU KLEMS Database for GA-TFPs

To answer our central question on the sectoral concentration or distribution of technological
change in Western Europe, we compare the RAH measures of the GMPI-TFPs and of its most
important component, the technology index. We find that in almost all countries, the relative
area under Harberger for the technology index (RAH TCH) is less than 0.3 and, therefore,
lower than the RAH of the GMPI-TFP (see Table 2). It follows that technological progress is
much more broad-based across sectors than TFP. To illustrate the entire spectrum of growth
patterns, we show the Harberger diagrams of two countries. Portugal has the highest RAH
indicator of the GMPI-TFP and therefore the most mushroom like sectoral growth pattern.
The Netherlands show the lowest RAH indicator and therefore the most yeasty growth pat-
tern. For these two countries we show two Harberger diagrams, one for the GMPI-TFP and
one for the technological component TCH (Figure 3).

While the Harberger diagrams of the GMPI-TFP show clear differences in the concentration
of growth contributions between both countries, the diagrams for the technology component
(TCH) in Portugal and the Netherlands look quite similar. TCH diagrams are closer to diago-
nal than GMPI-TFP diagrams, signaling nearly equal contributions of technical change to
growth across industries. As the relative area statistics already made clear, the RAHSs of the
technology component (TCH) are substantially lower than the RAHs of GMPI-TFP. There-
fore our results for a range of Western European countries indicate that technical change, as

11 Source of GA-TFPs is the EU KLEMS Database
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the main source of productivity growth, was fairly balanced over industries between 1995 and
2005. The only country for which this result was not found is the United Kingdom. Here the
RAH of the technology component (0.43) is clearly higher than the RAH of the GMPI-TFP
(0.25) (Table 2). In this country technological change between 1995 and 2005 was more
‘mushroom’ like and concentrated on a limited number of industries compared to other Euro-
pean countries (see Figure 4).

Figure 3: Harberger diagrams of GMPI-TFP and its components, 1995-2005
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Figure 4: Harberger diagrams of GMPI-TFP and its components for the UK, 1995-2005
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Our result shed new light on the results of Inklaar and Timmer (2007) and Timmer et al.
(2011). Like them, we find ‘mushroom-like’ TFP growth pattern for European countries. But
looking at technological change (TCH), a more broad-based pattern is found. Overall, our
analysis of productivity growth in Western Europe between 1995 and 2005 supports a vision
of a broad-based technology driven growth process with little influence of sectoral differ-

ences.
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5 Conclusion

Previous research shows that TFP growth at the industry level is more broad based in Anglo-
Saxon countries than in continental European countries. Given that, in the context of growth
accounting approaches, TFP is taken as a proxy for technological progress, this finding sug-
gests that technological progress in continental European countries it is confined to few sec-
tors. Yet, TFP, measured in the tradition of growth accounting, is ultimately only a residual.
Thus, it is an open question whether technological progress is really unevenly distributed
across sectors within European nations, or whether other unknown factors cause the unequal
distribution of TFPs.

The paper aims to address this question. To this end we use the Generalized Malmquist
Productivity Index (GMPI), which allows for the decomposition of TFP into technological
change, efficiency improvements and scale changes, as well as Harberger diagrams in order to
visualize and measure the extent of sectoral divergences. The analysis is conducted for nine
continental European countries.

The findings of the paper are as follows: First, our analysis confirms the presence of large
differences in the sectoral patterns of TFP growth among European countries. In this respect,
our results are in line with previous findings on TFP growth. Second, and in line with the lit-
erature using Malmquist approaches, decomposition reveals that the technology component
explains large parts of TFP growth. However, as shown using the Harberger diagrams and the
area under the Harberger, in almost all European countries technological progress is much
more evenly distributed than TFP across sectors. Instead, we find stronger sectoral disparities
in both efficiency improvements and scale changes than in the technology component. Hence,
our results contradict the interpretation that sectorally concentrated TFP growth denotes sec-
torally concentrated technical progress, which is in fact much more widespread.

The only European country in which technological change between 1995 and 2005 was much
more ‘mushroom’ like and more concentrated on a limited number of industries than the ag-
gregated TFP is the United Kingdom. To test if the UK is actually the sole exception in this
respect, the range of reviewed countries should be expanded in future research. In addition, in
such cases it seems to be necessary to analyze the specific economic activities for example in
relation to the position in the value chain.
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Appendix

Assets and drawbacks of the Malmquist Approach

Inklaar and Timmer (2007) use the classical and wide spread TFP measure from the growth
accounting approach of Jorgenson et al. (1987). Hence, TFP growth is the difference between
the real output growth and a weighted growth of inputs. It could be seen as a residuum that
explains that part of the output growth that cannot be explained by input growth. In the
growth accounting framework this TFP growth is equal to technological progress. This ap-
proach, however, goes along with several restrictive assumptions as: (i) the functional form
between inputs and outputs is defined ex ante and constant elasticities are assumed per year;
(ii) technical change is Hicks-neutral; (iii) the production function is characterized by constant
returns to scale; and (iv) no inefficiencies in no respects (neither allocative nor technical) of
DMUs, peoples or sectors due to neoclassical optimizing behavior.

The main advantage of our method to measure TFP growth is the abandonment of these as-
sumptions. Firstly, the data define the shape and the location of the frontier at each output-
input combination and no functional form is imposed. Hence, technical change does not need
to be Hicks neutral, since the shape and location of the function at any t+1 doesn’t depend on
the functional form at t. Thirdly, we do not need to assume constant returns to scale. In fact
we do not impose any assumption regarding returns to scale at all. If the production functions
are described by variable returns to scale, the method will capture that as it would capture
constant returns to scale. Finally we no longer assume that any DMU is acting efficiently at
each point in time. We rather accept that some DMUs are more efficient than others at a cer-
tain moment and that each DMU is responsible for its steady, increasing or declining efficien-
cy level.

However, calculating TFP growth using GMPI and DEA is not without drawbacks itself.
Most of them are related to the DEA: (i) as a deterministic method its estimators are more
heavily affected by outliers than estimators of parametric methods; (ii) the chosen dimension
can result in an upward biased efficiency estimates if the sample does not have enough obser-
vations; and (iii) DEA - as a relative concept - judges each observations only compared to
those in the sample.

However, these potential drawbacks only partly apply here. Since we used data based on offi-
cial data collected by national statistical offices, our data base is controlled for outliers. The
curse of dimensionality is taken into account by choosing a dimension such that we have three
times as many observations as dimensions.*? Yet, the problem remains that our estimated dis-
tance functions describe relative distances to a frontier that is defined by the countries in the
sample. Hence, the relative distances might be different if we would include all countries.
However, this is not possible given the data constraints.

2" To avoid the curse of dimensionality and the resulting upward bias of DEA estimators, one should always
have at least three times as many observations as dimensions (number of inputs + number of outputs) as a
rule of thumb (Roman 2008).
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Table Al: GMPI and its components

Australia Austria Czech Republic Denmark

NACE | ARES A TEF A TCH A TFP A RES A TEF A TCH A TFP A RES A TEF A TCH A TFP A RES A TEF A TCH A TFP
Pharmaceuticals 244 0,00% 0,78%  2,79%  358% | -0,75% -0,13%  4,37% 3,48% | -0,11% 1,79% 0,13% 1,81% 0,48% -0,26% 1,98%  2,20%
Office, accounting and computing machinery 30 0,29% 0,75% -161% -0,57% | 0,85%  -1,04% 1,94% 1,76% -0,76% 1,55% -1,45% -0,66% -0,68% -1,96% 1,36%  -1,28%
Radio, television and communication equipment 32 1,02% -081% -0,17%  0,03% | -0,64% -483%  579% 0,32% | -0,03% -1,57% 0,94% -0,66% 0,00%
Medical, precision and optical instruments 33 0,28% 0,65% 0,63% 157% | -0,50% -0,08% 0,82% 0,24% -0,35% -0,41% 0,10% -0,66% -3,11% 1,31% 0,50%  -1,30%
Aircraft and spacecraft 353 0,00  -1,93% -0,64% -2,56% | 2,16%  -0,08% 3,86% 5,94% 0,00% 4,75% -0,47% 4,28%
Chemicals excluding pharmaceuticals 24x -059% -0,50% 2,72%  1,64% | -2,47%  0,23% 3,63% 1,38% | 0,14% 1,01% 0,66% 1,81% -1,86% 1,53% 153%  1,21%
Machinery 29 -0,31% -2,48%  2,04% -0,75% | 0,06%  -0,09% 2,48% 2,45% 0,02% -0,46% 0,17% -0,27% -0,51% -1,25% 1,77% 0,02%
Electrical machinery and apparatus 31 -0,11% 042%  1,05%  1,35% | -0,38% 0,28%  096%  0,86% | -0,42% 0,53% -0,77%  -0,67% 0,97% -4,28% 124%  -2,07%
Motor vehicles, trailers and semi-trailers 34 -0,33% -1,77% -0,79%  -2,89% 0,01% 1,48% 1,84% 3,33% 0,04% 6,08% 0,99% 7,11% 0,00%
Railroad equipment and transport equipment 35x -1,29% -2,18%  1,82%  -1,64% | 0,86% -1,03%  1,66% 1,49% | -0,03% 4,88% -0,57% 4,28%
Printing, publishing and reproduction 22 -042%  -121% 227%  064% | -057% 0,68%  4,72%  4,83% | 042% -0,76% 2,05% 1,72% -0,33%  -2,93% 3,63%  0,37%
Post and Telecommunication 64 0,63%  -2,44%  0,76% -1,05% | -0,05%  -1,65% 1,86% 0,17% 0,36% -4,11% 1,55% -2,20% -0,35% -1,70% 1,13%  -0,91%
Financial intermediation, except insurance etc. 65 0,20%  3,59% 1,000  4,79% | 0,09% -2,39% 2,06% -0,25% | 0,09% 3,08% 1,06% 4,23% 0,13% 1,58% -0,41%  1,31%
Insurance and pension funding 66 0,11% 1,95% 3,58% 5,65% | -0,04% -5,88% 3,35% -2,57% | -0,30% 8,30% -8,84% -0,83% 0,11% 2,11% 0,99% 3,21%
Activities related to financial intermediation 67 -0,01% 000%  582%  581% | -192% -151% 343% -0,01% | 11,84% -9,13%  4,77% 7,49% -1,37% 0,00% 1,62%  0,25%
Computer and related activities 72 0,14% 1,71% -2,73%  -0,89% | 0,58%  -3,57% 1,08% -1,91% 0,09% 6,44% -2,19% 4,33% 0,51% -2,00% 0,90%  -0,59%
Research and development 73 -0,57%  2,34% 0,05% 1,81% | -0,34% -2,51% 0,33% -2,52% | -0,22% 4,81% -0,88% 3,70% 0,30% -0,70% -0,63%  -1,03%
Other business activities 74 011%  3,72% -1,23% 2,60% | 0,74% -361% 002% -2,85% | 0,15% 4,38% -2,17% 2,36% 1,05% -2,47% 021% -1,21%
Health and social works N -0,01%  0,00% 0,39% 0,38% 0,10%  -2,38% 0,71% -1,57% | -0,02% 2,82% 0,77% 3,57% 0,06% 0,57% 0,43% 1,06%
Recreational, cultural and sporting activities 92 -0,03% -1,0%  1,45%  0,36% | -0,04% -061% 049%  -0,16% | -0,11% 4,54% 0,52% 4,96% -0,06%  -1,24% 0,00%  -1,30%
Food and beverages 15 0,02% -1,10%  2,36% 1,28% | -0,30% -0,87% 2,03% 0,86% 0,00% -1,17% 1,10% -0,07% -0,40% -1,05% 1,78% 0,33%
Tobacco 16 091%  2,16% -3,16% -0,10% | -153%  3,96%  -3,00% -0,57% | 0,03% 2,57% -2,68%  -0,08% 0,26% 1,87% -4,46%  -2,34%
Textiles 17 -0,22% -147% 0,05%  -1,64% | -049%  2,31%  0,96% 2,78% | 0,35% -0,48%  -0,10%  -0,23% 1,19%
Wearing Apparel, Dressing And Dying Of Fur 18 -0,44%  -3,47% 1,07% -2,85% | -0,04% -0,66% 4,61% 3,91% -0,12% -3,18% 1,57% -1,72% -1,04%
Leather, leather and footwear 19 -059% 0,00%  136%  0,77% | -1,03%  2,01% 1,22% 2,21% | 0,62% -2,50% 1,06% -0,83% 0,00%
Wood and of Wood and Cork 20 0,05%  -0,68%  0,29% -0,33% | -0,05%  0,83% 1,04% 1,82% 0,15% 0,02% 0,19% 0,36% 0,00%
Pulp, paper and paper 21 -037% -0,14% 035% -0,16% | -0,36% 145%  -0,33%  0,77% | -0,29% 1,38% 0,41% 1,50% 0,00%
Coke, refined petroleum and nuclear fuel 23 0,08% 3,74% 2,98% 6,80% | -593% -1,73%  10,16% 2,50% -0,25%  -14,96% 3,47% -11,74% -37,41%
Rubber and plastics 25 -0,03%  -0,28% 1,81% 1,51% 0,03% 0,91% 1,47% 2,41% 0,20% 6,25% -0,04% 6,42% 0,04% 0,00% 1,05% 1,09%
Other Non-Metallic Mineral 26 -017%  -0,02%  2,92%  2,73% | -0,17% -0,21%  2,72% 2,35% | -0,07% 1,54% 2,73% 4,20% -0,57% 0,86% 091%  1,20%
Basic metals 27 -1,37%  -6,29%  3,60% -4,06% | 0,05% 1,35% 3,37% 4,77% 0,52% 1,66% 1,74% 3,92% 0,00%
Fabricated metal 28 -0,49%  369%  128%  4,47% | 0,01% 069%  0,85% 1,55% | -0,05% 2,79% 0,97% 3,70% -0,41% 0,00% -111%  -1,52%
Manufacturing n.e.c. 36 0,16%  -1,23% 1,27% 0,21% -0,17% -0,66% 0,97% 0,15% -2,78% 0,25% 1,04%  -1,49%
Recycling 37 031% 1,03% -1,07% 027% | 1,29% -0,56%  0,90% 1,64% -2,63% 2,29% -1,97%  -2,32%
Wholesale and Retail trade G 0,04% 0,32% 0,75%  1,10% | -0,11% -0,02% 086%  0,73% | 0,22% 1,15% 0,83% 2,19% -0,29%  -0,88% 0,92%  -0,25%
Hotel and restaurants H -0,03% -0,29%  0,87% 0,55% | -0,01%  0,00% 1,89% 1,87% 0,11% -2,57% 1,68% -0,78% -0,07% -2,02% 1,29%  -0,79%
Transport and storage 60t63 | -0,01% 051% 039% 088% | -0,04% -068% 1,16%  0,44% | 0,36% -1,16%  0,56% -0,24% 0,11% 0,47% 2,25%  2,83%
Renting of machinery and equipment 71 0,08% 0,05% -313% -299% | 0,14% -0,37% -2,12% -2,35% 0,00% 6,82% -2,74% 4,08% 0,14% -0,26% -151%  -1,63%
Sewage and refuse disposal, sanitation etc. 90 0,11% -150% 1,68%  028% | 0,00% -2,82%  1,82%  -0,99% | 0,00% -0,53% 1,99% 1,46% -0,58%  -0,74% 0,70%  -0,62%
Other service activities 93 0,07%  -0,54%  0,91% 0,43% 0,10%  -0,10% 0,61% 0,61% -0,05% 0,30% 0,63% 0,88% 0,24% 0,62% -0,95%  -0,09%
Total TOT 0,16% 0,36% 1,07% 1,58% 0,07%  -1,02% 1,60% 0,65% 0,03% 2,57% -1,88% 0,71% 0,15% -0,98% 1,39% 0,55%
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Finland Germany Italia Japan

NACE | ARES A TEF A TCH A TFP A RES A TEF A TCH A TFP A RES A TEF A TCH A TFP A RES A TEF A TCH A TFP
Pharmaceuticals 244 0,00% -011% -1,92% 2,69%  0,65% 0,00% -3,07% 4,18% 1,11% 0,02%  -0,26%  3,86% 3,62%
Office, accounting and computing machinery 30 0,00% -0,03% 0,00% 2,24% 2,21% -0,04% -3,78% -0,57% -4,39% -0,71% -0,10% -0,08% -0,90%
Radio, television and communication equipment 32 -1,16%  0,00%  585%  4,69% | 185%  155% -0,27%  3,13% -0,04%  -2,72% 2,83% 0,07% 2,26% 2,82%  -1,41%  3,67%
Medical, precision and optical instruments 33 -0,45% 0,00% 1,68% 1,24% 0,79% 2,45% -1,21% 2,03% 0,51% -2,03% -1,16% -2,68% 0,07% -3,24% 1,69% -1,48%
Aircraft and spacecraft 353 0,00% 0,77% 0,06% 0,83% -0,01% 0,52% 3,12% 3,63%
Chemicals excluding pharmaceuticals 24x -0,39% -048% 2,04% 1,17% | 0,86% -2,34%  2,99% 1,50% -0,38%  -4,71% 2,83% -2,26% | 045%  -579%  4,65%  -0,69%
Machinery 29 0,74% 0,00% 2,79% 3,53% -0,02% 0,72% 1,67% 2,37% 0,02% -4,36% 3,80% -0,54% -0,01% -3,04% 3,84% 0,79%
Electrical machinery and apparatus 31 -021% 0,00%  1,71%  150% | -0,46% 231%  058%  2,43% -1,01% -2,36% 2,47% -091% | -2,01% -243%  3,0™%  -1,37%
Motor vehicles, trailers and semi-trailers 34 0,36% 0,00% 0,38% 0,74% -0,23% 0,00% 2,31% 2,08% -0,03% -3,19% 2,08% -1,14% -0,13% 0,44% 1,83% 2,14%
Railroad equipment and transport equipment 35x 0,00% -0,13%  043%  0,32% 0,61%
Printing, publishing and reproduction 22 -011% -3,26%  4,38%  1,01% | -0,02% -2,96% 3,79%  0,81% -0,02%  -4,14% 3,84% -0,32% | 027%  -460%  3,76%  -0,57%
Post and Telecommunication 64 -0,25% 4,50% 0,76% 5,01% -0,03% 0,00% 2,21% 2,18% 0,38% 0,70% 2,29% 3,37% -0,02% -1,48% 2,62% 1,13%
Financial intermediation, except insurance etc. 65 0,04%  -0,04% -257% -2,58% | 0,11%  1,43%  1,40% 2,94% -0,89%  -1,66% 3,13% 0,58% -0,75%  0,00% 3,80% 3,05%
Insurance and pension funding 66 -0,03% 1,18% -4,23%  -3,08% | 0,81% -0,41% 1,94% 2,34% -0,13% 3,07% 4,89% 7,83% -1,32% 0,00% 2,10% 0,78%
Activities related to financial intermediation 67 0,18%  0,00%  2,22% 2,39% | -0,55%  0,00%  4,38% 3,83% 1,48% -2,53% 4,71% 3,66%
Computer and related activities 72 0,42% 2,90% -1,64% 1,68% 0,03%  -2,54% 1,29% -1,22% 0,02% -1,32% 1,29% 0,00% -0,05% -2,41% 1,36% -1,10%
Research and development 73 -0,48% 1,07% -0,32% 0,27% -1,81%  -0,72% 2,77% 0,23% -0,54% -4,53% 1,48% -3,59% -0,08% -1,03% 3,31% 2,20%
Other business activities 74 1,16%  059%  -0,07% 168% | -1,16% -056% -0,04% -1,76% 0,11% -2,02%  -1,21%  -3,12% | -0,39%  0,19% 0,73% 0,53%
Health and social works N 0,09% -0,45% 0,32% -0,04% | 0,01% -1,37% 2,05% 0,69% -0,10% 0,00% 0,75% 0,66% 0,02% -1,51% 2,22% 0,72%
Recreational, cultural and sporting activities 92 -0,03% -052% 1,03%  0,48% | -0,38% -1,19% 1,19%  -0,37% | -0,04%  -3,70% 1,55% -2,19% | -0,53%  0,13% 2,26% 1,87%
Food and beverages 15 -0,60%  -0,07% 1,12% 0,45% -0,01% -1,23% 2,14% 0,91% -0,01% -3,06% 2,48% -0,58% -0,01% -4,89% 2,21% -2,68%
Tobacco 16 -0,01% -1,06% 1,97%  0,91% -013%  -3,57% 1,19% -2,50% | -0,56%  0,00% 6,60% 6,05%
Textiles 17 0,00% 0,03% -011% 0,76%  0,68% 0,01% -2,57% 0,56% -2,01% | 0,76%  -6,11%  124%  -411%
Wearing Apparel, Dressing And Dying Of Fur 18 -1,33% 1,12% -0,13%  -0,33% | -0,39% 0,00% 5,08% 4,69% -0,42% -2,75% 1,47% -1,70% -0,33% -4,89% 1,74% -3,47%
Leather, leather and footwear 19 -1,29% -1,07%  -0,42%  2,63% 1,14% -2,76% 0,00% 0,32% -2,44% | -339% -381% 2,12%  -5,07%
Wood and of Wood and Cork 20 -0,04%  -1,20% 0,85% -0,39% | -0,03% 1,61% 0,13% 1,71% -0,01% -0,43% 0,06% -0,38% -0,02% 0,23% 0,04% 0,25%
Pulp, paper and paper 21 -0,60% 0,00% -056% -1,16% | -0,04% -3,01% 1,98%  -1,06% 0,04% -3,88% 0,53% -3,31% | -0,85% -2,08%  1,72%  -1,21%
Coke, refined petroleum and nuclear fuel 23 0,53% 2,03% 2,85% 5,41% -0,05% 9,10% 1,84% 10,89% 0,01% -4,68% 1,25% -3,42% -0,05% 0,00% 3,65% 3,60%
Rubber and plastics 25 0,22% 0,00% 0,81% 1,04% 0,00%  -1,67% 2,48% 0,81% 0,00% -4,57% 2,42% -2,15% 0,00% -1,14% 2,52% 1,38%
Other Non-Metallic Mineral 26 -0,99%  0,00%  2,95%  1,96% | -0,05% -3,08% 3,43%  0,30% -0,01%  -3,47% 3,44% -0,03% | -0,02% -428%  3,48%  -0,82%
Basic metals 27 -0,10%  -2,63% 2,68% -0,05% | -0,63% -2,47% 3,89% 0,79% -0,47% -6,49% 3,12% -3,84% 0,00% 0,00% 4,46% 4,46%
Fabricated metal 28 -0,12%  0,00%  -0,65% -0,77% | 0,11% -1,90% 2,62%  0,83% 0,01% -2,72% 2,54% -0,17% | 0,12%  -2,49%  2,61% 0,23%
Manufacturing n.e.c. 36 0,00% 0,46%  -1,39% 1,53% 0,60% -1,44% -4,93% 3,22% -3,15%
Recycling 37 2,00% 000% 021% 230% | 013% -051% 0,99%  0,61%
Wholesale and Retail trade G -022%  1,46%  1,11%  2,35% | -0,18% 0,00%  0,85%  0,67% -0,72%  -2,78% 1,92% -1,59% | 0,36%  -0,36%  1,99% 1,98%
Hotel and restaurants H 0,07% 0,00% 1,08% 1,15% 0,15% 1,66% 2,05% 3,87% -0,67% -0,17% 0,21% -0,63% -0,24% 0,71% 1,19% 1,66%
Transport and storage 60t63 | -0,01% 0,00%  1,34%  1,33% | 0,04% 123%  0,00% 1,27% -011%  -1,04%  -002%  -1,16% | -0,15%  086%  -0,08%  0,64%
Renting of machinery and equipment 71 0,09% 3,26% -1,68% 1,68% -2,26% 0,00% 2,32% 0,06% -2,02% 0,00% 4,37% 2,35% -0,63% 2,09% -0,28% 1,18%
Sewage and refuse disposal, sanitation etc. 90 090% -191% 1,00% -0,01% | -0,02% 0,00% 212%  2,10% -0,28%  -2,26% 0,23% -2,31% | -0,11% -2,68%  1,84%  -0,95%
Other service activities 93 1,12% 1,32% -2,36% 0,08% -0,73% 0,00% 0,87% 0,14% -0,01% -1,96% 0,04% -1,93% -1,74% -0,92% 2,97% 0,32%
Total TOT 0,52% 0,33% 0,49% 1,34% 0,00%  -0,46% 1,72% 1,25% 0,01% -2,10% 1,84% -0,25% -0,01% 0,10% 1,86% 1,96%
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Korea Netherlands Portugal Slovenia

NACE | ARES A TEF A TCH A TFP A RES A TEF ATCH ATFP A RES A TEF A TCH A TFP A RES ATEF ATCH A TFP
Pharmaceuticals 244 044% 237% 655%  9,35% | 0,17% -1,14% 057% -0,39% | -0,92% -1,94%  3,01% 0,15% -1,21% - 4,39% 1,38%
Office, accounting and computing machinery 30 0,01% -0,22% -0,09% -0,30% | -0,05% -7,67% 2,01% -571% 2,09% -4,14% 0,31% -1,73% 0,19% - 1,98% -3,72%
Radio, television and communication equipment 32 161% 254% -041% 3,74% | 0,03% -1025% 3,73%  -6,49% 0,00% -9,65% 6,36% -3,29% 0,00%
Medical, precision and optical instruments 33 0,74% -0,33% -1,00% -0,58% | -0,55% -0,30% 1,89% 1,04% -8,80% 8,64% -1,13% -1,29% -0,22%  0,00%  -4,70% -4,91%
Aircraft and spacecraft 353 0,00% 1,16% -0,57% 0,59% 0,00% 0,92% -0,42% 0,49% 0,00%
Chemicals excluding pharmaceuticals 24x 0,04%  1,23%  2,64%  3,92% | -0,26% -133% 350%  1,91% -0,70% -2,56%  3,25%  -0,01% | -2,70% 0,00%  2,51% -0,19%
Machinery 29 0,01% 161%  -0,45% 1,17% | -0,52% 0,32% 1,98% 1,78% -0,64% 0,85% 2,51% 2,71% 0,00%
Electrical machinery and apparatus 31 183% -0,16% -1,15%  0,52% 0,35% -1,53% 0,35% -0,83% 1,50% - 1,02% -3,77%
Motor vehicles, trailers and semi-trailers 34 0,81% 1,34%  -0,74% 1,40% 0,02% 3,41% 1,66% 5,10% -0,43% 2,37% 1,57% 3,51% -1,97%  0,10% 1,51% -0,36%
Railroad equipment and transport equipment 35x -0,04% 117%  -0,54%  0,59% -2,21% 0,73% 2,25% 0,77% -
Printing, publishing and reproduction 22 -0,06% -4,45%  1,45%  -3,06% | -0,16%  -153%  3,98%  2,29% 1,18% -568%  2,18%  -2,32% 0,00%
Post and Telecommunication 64 -1,75%  0,64% 0,86% -0,25% | -0,04% 0,99% 2,12% 3,07% -0,57% -0,15% 1,74% 1,01% -1,06%  0,00% 0,27% -0,79%
Financial intermediation, except insurance etc. 65 0,01%  3,70%  3,73% 7,44% | -0,19% 1,12% 2,55%  3,48% 0,10% 1,80% 2,09% 3,99% -1,10%  0,00%  -2,92% -4,02%
Insurance and pension funding 66 -0,98%  3,17% 3,75% 5,94% | -0,04% 0,00% 5,25% 5,21% -0,81% 1,77% 2,58% 3,54% -0,89% 0,00  -5,40% -6,30%
Activities related to financial intermediation 67 -1,07% 0,00%  7,48%  641% | 035%  -0,71%  530%  4,94% -0,04% -1,81%  3,50% 1,65% -0,09% 0,00% -7,94%  -8,03%
Computer and related activities 72 0,18%  -3,57%  1,26% -2,13% | 0,17% 2,07% 0,03% 2,27% 0,06% 0,87% 0,61% 1,54% 4,22% 0,00%  -1,61% 2,61%
Research and development 73 -0,75%  -515%  3,40% -2,50% | -1,08% 0,00% 1,00%  -0,09% -0,15% 0,00% 1,80% 1,65% -0,08%  0,00% 1,70% 1,62%
Other business activities 74 022% -117% 025% -0,70% | 0,12% 1,19%  -053% 0,78% 0,71% -298%  0,29%  -1,98% 1,42%  0,00%  2,60% 4,01%
Health and social works N 0,29% 0,23% 0,70% 1,23% 0,06% 0,30% 0,90% 1,26% -0,19% -0,14% 0,72% 0,39% -1,29%  0,00% 0,84% -0,46%
Recreational, cultural and sporting activities 92 0,08% -023% 183%  1,69% | 0,05% 0,65% 156%  2,26% 0,05% 420%  -0,12%  4,13% 0,82% 0,000  1,51% 2,32%
Food and beverages 15 0,00 -1,33%  1,80% 0,47% | -0,18% -0,46% 2,17% 1,52% 0,05% 0,04% 0,94% 1,02% -2,95% 0,000 -1,27% -4,21%
Tobacco 16 042%  137% -1,34%  0,45% | 0,04% 1,99%  -1,72% 0,31% 1,11% 337%  -345%  1,02%
Textiles 17 071% -119% -0,36% -0,83% | -0,56%  0,00% 0,56%  0,00% 0,20% 1,13% 0,84% 2,16% 1,29% - 1,52% -1,35%
Wearing Apparel, Dressing And Dying Of Fur 18 0,07% -187% -0,64% -2,44% 0,15% 1,77% 0,25% 2,17% -0,78% - -0,29% -2,01%
Leather, leather and footwear 19 0,36% -029% 0,74%  0,81% | -3,86%  0,00% 4,75%  0,89% 0,12% 313%  -1,09%  2,17% 0,57% - 1,91% -1,37%
Wood and of Wood and Cork 20 0,17% 2,09% 0,14% 2,41% 0,11% 0,00% -0,10%  0,01% -0,30% 3,39% -0,01% 3,08% 0,00%
Pulp, paper and paper 21 -0,10% -4,89%  1,94%  -3,06% | -0,11%  0,39% 0,40%  0,68% -1,82% -081% 031%  -2,33% 0,00%
Coke, refined petroleum and nuclear fuel 23 -0,04%  8,15% 2,73%  10,85% | -0,86% 9,53% 2,72%  11,39% | -1544%  19,74%  26,56%  30,86% 0,00%
Rubber and plastics 25 0,00% 4,52%  -0,09% 4,43% | -0,03% -2,06% 1,64%  -0,45% 0,04% -1,11% 1,56% 0,49% 5,03% 0,00%  -3,75% 1,28%
Other Non-Metallic Mineral 26 -0,08% 127%  341%  460% | -043% -3,08%  257% -0,94% | -0,27% -412%  2,70%  -1,69% 0,00%
Basic metals 27 1,15% 2,78% 3,39% 7,32% | -0,24% 0,00% 4,10% 3,86% -1,01% -0,58% 1,50% -0,08% -4,91%  3,79% 4,41% 3,29%
Fabricated metal 28 0,01% 191% 1,79%  3,70% | 0,000  -045% 137%  0,92% -0,06% 1,70%  -1,76%  -0,12% 0,08%  7,87%  -4,65% 3,30%
Manufacturing n.e.c. 36 1,73% -215% 1,64% 1,21% | -0,03% 0,00% 1,83% 1,80% -0,56% 0,00% -2,92% -3,49% -1,29%  4,72% 1,11% 4,54%
Recycling 37 -1,24%  0,43% 2,63%  1,82% -0,73% 0,00% 032%  -0,41% 050%  3,94% -0,31% 4,13%
Wholesale and Retail trade G -0,01% 0,00% -0,20% -0,20% | -0,17%  0,07% 2,06%  1,95% 0,12% -1,92%  -0,30%  -2,09%
Hotel and restaurants H -1,37%  -2,89%  0,88% -3,38% | -0,02% 0,00% 2,02% 2,00% 0,03% 0,00% 1,80% 1,83% 0,22% 0,00% 2,59% 2,81%
Transport and storage 60t63 | -0,03% -2,21% -0,97% -321% | -0,04%  0,56% 0,67%  1,20% 0,47% -1,74%  1,33% 0,05% 0,00%
Renting of machinery and equipment 71 -0,02% 0,62%  -1,85%  -1,25% | 0,05% 0,86% -1,42%  -0,50% -0,11% -1,37% -1,37% -2,86% 0,00%
Sewage and refuse disposal, sanitation etc. 90 0,02% -026% 194%  1,69% | 0,01% 0,08% 1,95%  2,04% 0,25% -041%  1,51% 1,35% 452%  0,00% -0,85% 3,66%
Other service activities 93 -0,12% -0,43%  2,00% 1,45% 0,01% 0,00% 1,41% 1,41% 0,35% 1,41% 1,15% 2,92% 0,00%
Total TOT 0,02% 127% -1,64% -0,35% | 0,06% -0,07% 1,72% 1,71% 0,15% -0,74% -1,96% -2,54%
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Sweden

United Kingdom

USA

NACE | ARES A TEF A TCH A TFP A RES A TEF A TCH A TFP A RES A TEF A TCH A TFP
Pharmaceuticals 244 -0,29% -1,92%  562%  3,41% | -0,06% -2,85%  4,54% 1,63% -0,09%  0,00% 3,02% 2,93%
Office, accounting and computing machinery 30 -0,15% 2,18% -0,46% 1,57% -0,03% -0,20% -0,17% -0,39% -1,12% 0,00% 0,57% -0,55%
Radio, television and communication equipment 32 -1,47%  051%  579%  4,83% | -0,77% -2,36% 2,01%  -1,07% | -0,01%  0,00% 1,27% 1,26%
Medical, precision and optical instruments 33 0,38% 1,89% -0,29% 1,98% 0,39% 1,22% -1,08% 0,54% -0,01% 0,00% 2,49% 2,49%
Aircraft and spacecraft 353 -0,01% 0,99% -0,49% 0,50% 0,00% 0,00% 3,12% 3,12%
Chemicals excluding pharmaceuticals 24x -097% -151% 0,70%  -1,77% | -0,36% -1,98%  2,67% 0,33% -0,39%  0,00% 4,96% 4,58%
Machinery 29 -0,23%  -1,38% 2,36% 0,75% 0,08% 1,96% -0,28% 1,77% -0,02% 0,00% 3,85% 3,82%
Electrical machinery and apparatus 31 -0,10%  0,33%  1,34% 157% | 0,09%  099%  -0,92%  0,15% -1,47%  0,00% 3,10% 1,63%
Motor vehicles, trailers and semi-trailers 34 -0,09%  -2,30% 1,17% -1,22% | -0,01% -0,97% 0,88% -0,10% -0,42% 0,00% 1,25% 0,83%
Railroad equipment and transport equipment 35x -0,45%  0,89% 0,72% 1,16% 0,00% 0,00% 1,06% 1,06%
Printing, publishing and reproduction 22 -027%  -2,31% 4,26%  168% | -0,05% -1,26%  2,55% 1,23% -0,01%  0,00% 3,74% 3,74%
Post and Telecommunication 64 -0,18%  -1,09% 1,93% 0,66% 0,96% -0,54% 0,64% 1,06% -0,37% 0,00% 3,69% 3,31%
Financial intermediation, except insurance etc. 65 -0,18%  0,00%  1,97% 1,80% | 0,09% 1,76% 3,42% 5,27% -1,80%  0,00% 4,24% 2,44%
Insurance and pension funding 66 -0,03%  -2,98% 3,80% 0,79% 1,27% -0,87% 1,85% 2,25% -0,41% 0,00% 2,81% 2,40%
Activities related to financial intermediation 67 -092%  -387% 3,89%  -0,90% | -0,20%  0,23% 4,61% 4,65%
Computer and related activities 72 0,16% 2,36% 1,16% 3,68% 0,03% 4,10% -1,23% 2,90% -5,85% 0,00% 7,16% 1,31%
Research and development 73 -1,05% 2,37% 1,32% 2,64% 0,28% 0,00% 0,71% 0,99% -5,87% 0,00% 5,80% -0,07%
Other business activities 74 031% 1,17% 057%  2,05% | 0,03%  479% -2,64% 2,19% -4,02%  0,00% 4,29% 0,28%
Health and social works N -0,01%  0,00% 0,53% 0,52% -0,22% 0,00% 2,48% 2,26% -1,57% 0,00% 3,80% 2,22%
Recreational, cultural and sporting activities 92 1,11%  -0,32%  0,99% 1,78% | -047%  1,27% 1,76% 2,56% -2,44%  0,00% 4,43% 1,99%
Food and beverages 15 -1,05%  -1,52% 1,86% -0,72% 0,05% -0,85% 2,00% 1,19% 0,00% 0,00% 2,55% 2,54%
Tobacco 16 -0,07%  2,12%  -0,85%  1,20% -0,01%  0,00% 2,26% 2,25%
Textiles 17 -1,49% -0,80% 1,92%  -0,37% | 0,41%  0,95% 1,15%  2,50% 0,04% 0,00% 1,36% 1,40%
Wearing Apparel, Dressing And Dying Of Fur 18 0,00% 0,07% 0,69% 2,98% 3,74% -0,11% 0,00% 1,66% 1,55%
Leather, leather and footwear 19 -3,10% 0,04%  0,00% 224%  2,28% -1,75%  0,00% 2,92% 1,17%
Wood and of Wood and Cork 20 0,01% 2,08% 1,05% 3,14% 0,03% 2,77% 0,10% 2,90% -0,01% 0,00% 0,46% 0,45%
Pulp, paper and paper 21 0,03% -347% -049% -392% | 0,23% -0,69%  1,65% 1,19% 0,02% 0,00% 2,67% 2,68%
Coke, refined petroleum and nuclear fuel 23 0,89% -5,84% 3,12% -1,83% | -0,01% -7,13% 2,74% -4,41% 0,48% 3,00% 7,78% 11,27%
Rubber and plastics 25 0,08% -1,03% 1,47% 0,52% -0,02% 2,68% -0,10% 2,57% 0,00% 0,00% 2,53% 2,53%
Other Non-Metallic Mineral 26 098% -159% 1,73%  1,12% | -0,10% -3,71%  3,02% -0,79% | 0,00% 0,00% 3,50% 3,50%
Basic metals 27 -0,14%  -4,70% 2,04% -2,80% 0,31% -1,67% 1,68% 0,33% -0,37% 0,00% 4,27% 3,90%
Fabricated metal 28 -0,49% -2,80% 1,22%  -2,06% | 0,02% -149% 198%  0,51% -0,25%  0,00% 3,47% 3,23%
Manufacturing n.e.c. 36 -0,30% -1,84%  0,61% -1,52% 0,44% -0,92% 1,60% 1,12% -1,62% 0,00% 3,32% 1,70%
Recycling 37 -0,07%  -1,74% -0,01% -1,83% | -356% 0,00%  333% -0,22%
Wholesale and Retail trade G -0,28%  041%  1,24%  1,38% | -0,46%  1,13% 1,66%  2,33% -0,68%  0,00% 2,67% 1,99%
Hotel and restaurants H 0,03% 0,15% 1,52% 1,69% 1,06% 0,84% 0,07% 1,97% -1,35% 0,00% 3,12% 1,77%
Transport and storage 60t63 | 0,61%  -0,44% 1,23%  1,40% | -001% -0,52% -0,01% -054% | -0,87%  0,00% 0,75% -0,13%
Renting of machinery and equipment 71 0,04% 3,99% -2,11% 1,92% 0,00% 4,86% -3,19% 1,67% -2,95% 0,00% 1,02% -1,93%
Sewage and refuse disposal, sanitation etc. 90 0,26%  0,00%  2,08%  2,34% | 0,00% 1,16% 1,81% 2,97% 0,00% 0,00% 2,38% 2,38%
Other service activities 93 0,49% 0,00% 1,34% 1,83% -0,03% 1,70% 1,18% 2,85% -0,99% 0,00% 2,97% 1,98%
Total TOT -0,66%  0,14% 0,49% -0,02% | -0,07% 1,46% -0,85% 0,54% -0,84% 0,00% 2,71% 1,88%
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