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Introduction

Both network structures and rationality of agents play a significant role in
determining the outcome of many economic economic relationships. A vast
and recent literature examines how network structure affects economic outcomes.1 The literature on bounded rationality has become more and more
important since its introduction by Simon (1955). Our aim is to study the
process of network formation within a dynamic framework in two cases related to different levels of rationality for economic agents. In the first one,
the agents are perfectly rational. In the second one, some aspects of their
rationality are limited.
We consider a group of agents who are initially unconnected who form
or remove links with each other. A link can be removed unilaterally but
agreement by both agents is needed to form a link. Precisely, a player pays
an amount c > 0 to seek contact with an opponent and the link forms if the
opponent behaves likewise. An agent’s payoff is determined as in Gilles and
Sarangi’s (2004) model with consent. Agents receive the same value from all
direct and indirect connections. The cost to a player of creating or maintaining a link is greater than the reward of a single direct connection as in
Watts (2002).
Since agreement is required to form links, it is crucial to distinguish an
action profile, which lists the wishes or efforts of the players, from the induced
network. In fact, several distinct action profiles may lead to an identical network. We focus on a particular subset of action profiles called cost-efficient
action profiles. In such an action profile, if no link connects two players i and
j, then neither i nor j seeks contact with the opponent to create the link.
In the static network formation game, only cost-efficient action profiles are
likely to define Nash equilibria (NE) since a player incurs a cost for seeking
contact with an opponent. For the same reason, only cost-efficient action
profiles are likely to be Bentham or Pareto efficient. Precisely, we show that
in a NE, perfectly rational players must choose the cost-efficient action profile
that induces the empty network. In the finitely repeated network formation
game, perfectly rational players also remain unconnected. The unique NE
consists in a sequence of cost-efficient action profiles such that the empty
network forms in each period. In the current paper, we choose to focus on a
finite horizon of play in which a network is built in each period. If players
are individuals or firms with a finite lifetime, it seems reasonable to suppose
that the relationships they establish stop after a certain amount of time. It
1

Different examples may be found in consumer’s theory (Ellison, Fudenberg, 1995),
labor market (Calvó-Armengol, Jackson, 2004), industrial organization (Bolton, Dewatripont, 1994), or in game theory (Ellison, 1993).
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is assumed that players create a network in each period. Thus there are
many types of possible behaviors for a given player, which depend on the
opponents’ behavior. Networks may be entirely rebuilt from one period to
another, some former links may be maintained or removed, or new links may
be created.
In this paper, we also limit players with respect to the complexity of the
strategies they can implement. We model this by assuming that they use
finite automata with a bounded number of states to play their strategies as
in Neyman (1985). Such players are boundedly rational in the sense that
they are limited in their ability to count the number of periods played and
thus may not anticipate the opponents’ behaviors against their own actions.
However they have the ability to optimize their payoff against the opponents’ strategies given that their choice is reduced to strategies played by
finite automata. We also restrict the analysis to cost-efficient action profiles.
A player cannot use an established contact with an unconsenting opponent
in a period as a message for a possible agreement in a subsequent period.
Notice that any network is induced by a unique cost-efficient action profile.
Therefore, the restriction to cost-efficient action profiles does not limit the
architecture of static networks that may form in an equilibrium outcome. We
show that if the size of automata is smaller than the duration of the game,
then the set of NE of the repeated game is not reduced to outcomes filled
with empty networks, as it is the case with perfectly rational agents. We do
not explore whether equilibrium outcomes are affected when the analysis is
extended to all action profiles. Nevertheless, cost-efficient equilibria induce
a large variety of sequences of networks, which deserve attention.
We distinguish two types of equilibria. In the first one, the same network
is formed in all periods. We refer to such an equilibrium as a Repeated Nash
Network (RNN). We provide a sufficient condition for the existence of RNNs
based on any static network (proposition 3). Moreover, we give a practical test that determines if nonempty RNNs do exist (proposition 4). In the
second one, we define a Repeated Nash Equilibrium (RNE) where different
networks may form in the different periods of the game. The set of RNE
includes the set of RNN as a special case. We show that there exist structural relationships between the different networks that form within a given
RNE. We study the intertemporal consistency between networks and identify several properties. Proposition 5 exhibits some sequences of networks
that cannot be achieved as an outcome of a nonempty RNE. For instance,
a sequence of expanding connected networks cannot constitute an equilibrium outcome, or it is not possible that all players remain isolated during
the last two periods. Nevertheless, these restrictions allow for several RNE
with nonempty outcomes. The networks within a given RNE may exhibit a
2

total order relationship, the smaller network being formed in the last stage.
In particular, there exist RNE in which sequences of contracting networks
form, or in which sequences of networks can expand for all but the last period
in which connections brutally run low. We also show that there are RNE in
which players forget links (proposition 6). Precisely, two directly connected
players in one period are not directly connected in another period. In spite of
the restrictions on the intertemporal consistency between networks in equilibrium outcomes, we prove that any network can emerge in the outcome of a
RNE (proposition 7). We also investigate the question of efficiency for both
Bentham and Pareto criteria. In the finitely repeated game, the structure
of efficient strategy profiles is closely related to the structure of static efficient networks (propositions 8 and 9). In addition, we prove that the sets of
Bentham-efficient networks (strategy profiles) and Pareto-efficient networks
(strategy profiles) are identical. The set of efficient strategy profiles of the
repeated game is most often slightly reduced when players are assumed to
be boundedly rational (proposition 10).
Some other papers are concerned with the structural properties of NE in
repeated games with finite automata.2 Papers relating to repeated games are
mainly concerned with the set of average payoffs that can be achieved in RNE.
In the current work, we are more interested in the structure of RNE than
in the induced average payoffs. The differences with other papers studying
a dynamic network formation3 are mostly related to the aims of the studies.
These papers are concerned with the formation of a static network as a result of several steps of a dynamic process. Limiting networks are studied in
Watts (2001), and learning or stochastic stability are used to identify limiting
equilibria in Bala, Goyal (2000). By contrast, we consider a finitely repeated
game that consists in the formation of a static network in each step of the
process. We are interested in understanding the influence of different levels
of rationality on equilibrium structures in this finite-horizon repeated setting.
The rest of the paper is organized as follows. Section 2 presents preliminaries and notations. We also determine the set of Nash networks in the
static game and in the finitely repeated game for the case of perfectly rational
players. Then the machine game is introduced and studied in section 3. We
start with results on RNN and continue with results on structural properties
of more elaborated RNE. Results dealing with the efficiency of networks and
strategy profiles are in section 4. Once again, we distinguish results according to players’ rationality. Section 5 concludes. Proofs not given in the body
2

See Rubinstein (1986), Abreu, Rubinstein (1988) and Piccione, Rubinstein (1993)
among others.
3
We refer the reader to Bala, Goyal (2000), Currarini, Morelli (2000), Dutta, Ghosal,
Ray (2005), Goyal, Vega-Redondo (2005), Jackson, Watts (2002) and Watts (2001, 2002).
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of the paper appear in an appendix.

2
2.1

Preliminaries and notations
Static one-period game

Let G = (I, A, π) be a finite n-player game in normal form. The set I =
{1, . . . , n}Qis the player set. For any i ∈ I, Ai is player i’s set of actions
and A = i∈I Ai is the set of action Q
profiles. Let a−i be the actions chosen
by all players except i and A−i = j6=i Aj . Player i’s payoff function is
πi : A −→ IR. An action profile a is a NE of G if for any i ∈ I and any
a0i ∈ Ai ,
πi (a) ≥ π(a0i , a−i ).

2.2

Network

The n players are connected in some network relationships. We limit our discussion to non-directed networks on the player set I. As in Jackson, Wolinsky
(1996), two players are either related to each other or not, but it cannot be
that one is related to the second without the second being related to the first.
We write ij to describe the link between two players i and j.
Let gI = {ij : i, j ∈ I, i 6= j} be the set of all potential links. Any set
of links g ⊆ gI defines a network. We apply the convention that g = gI is
the complete network and that g = g0 = {∅} is the empty network. Any
(spanning) subset g 0 ⊂ g is called a subnetwork of g.
A path between players i and j in a network g is a sequence of distinct
players i1 , . . . , iK such that ik ik+1 ∈ g for each k ∈ {1, . . . , K − 1} where
i1 = i and iK = j. Two such players are said to be connected. Player i is in a
cycle of network g if there is a path with K ≥ 3 players such that i1 = iK = i.
Let ni (g) = {j ∈ I|ij ∈ g} be the set of neighbors (or direct connections)
of player i. Let Ni (g) be the set of players to whom player i is connected in
network g. Obviously, ni (g) ⊆ Ni (g). A network g is connected if there is a
path between any two players. Alike, network g is said to be k-connected if
there does not exist a set of k − 1 links whose removal disconnects the network. If g is not connected, its connected subnetworks are called components.
A connected acyclic network (or 1-connected network) is called a tree and a
non connected network whose distinct components are trees is called a forest.
Let li,j (g) be the distance between two players i and j in network g. If
i and j are connected, li,j (g) is the number of links in the shortest path be4

tween i and j. By convention, if i and j are not connected, li,j (g) = ∞. Let
Li (g) = maxj6=i li,j (g) be player i’s eccentricity in network g. The diameter
of network g is L(g) = maxi∈I Li (g). The last two definitions apply to any
component g 0 ⊂ g.
For any two distinct players i, j ∈ I, g + ij = g ∪ {ij} is the network
obtained adding link ij to network g. Likewise, let g − ij = g\{ij} be the
network obtained removing link ij from network g. The intersection g ∩ g 0
defines the set of links that networks g and g 0 have in common.

2.3

Link formation cost and inefficient links

In this section, we present a non-cooperative model of costly network formation with consent. We assign a network g(a) ⊆ gI to every action profile
a ∈ A. Each player i ∈ I has an action set Ai = {(aij )j6=i : aij ∈ {0, 1}}.
Player i seeks contact with player j if aij = 1. Link ij forms if both players
seek contact. The network induced by a is given by
g(a) = {ij ∈ gI : aij = aji = 1}.
If player i seeks contact with j, then he supports a cost c > 0. As in a
wide range of models of costly network formation, player i’s payoff consists
in his value of the network minus a cost c for any attempt he made to create
links. We assume that the value of network g(a) for player i only depends
on the number #Ni (g(a)) of players to whom i is connected where # gives
the dimension of the set. Thus, the distance between two connected players
does not matter. This is true of many networks such as Internet, economic
partnership or subcontracting. This results in the following payoff function
X
πi (a) = v#Ni (g(a)) − c
aij ,
(1)
j6=i

which can be seen as a particular case of the class of payoff functions investigated by Gilles, Sarangi (2004). Following Watts (2002), we assume
c > v > 0, that is, creating a link is more costly than the reward of a single
direct connection. In other words, player i needs some indirect connections
to obtain a positive payoff. We also fix an upper bound 2v > c to avoid trivial cases due to an immeasurable cost of creating a link. The next example
will help discussing these assumptions.
Example 1
Consider I = {1, 2, 3, 4, 5, 6} and the network that forms as a result of the
following players’ choices:
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1
2
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1
0
1
1
1
0
0

2
1
0
0
0
0
0

3
1
0
0
1
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1
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5
0
0
0
0
0
1

6
0
0
0
0
1
0

1

2

5

3

4

6

g(a)

a
Figure 1.

Network g(a) consists in two components. The value of g(a) is identical
for players 1, 2, 3 and 4 in the left component and their payoffs only differ
in the cost supported. Player 2’s payoff is thus larger than 1’s payoff since 2
intends to form a link with 1 while 1 intends to form links with 2,3 and 4.
The subset {1, 3, 4} ⊂ I defines a cycle in g(a). Since the distance between
two connected players has no influence on payoffs, it is not the interest of
player 1 to seek contact with 3 since they are already connected by player
4. Intuitively, link 13 is superfluous. Now consider the right component of
g(a) involving players 5 and 6. This component is a tree, but g(a) is not
a forest since the right component includes a cycle. The assumption c > v
implies that both 5 and 6 would gain to remain isolated as it is the case in
all components of diameter 1. Remark also that 6 seeks contact with 4. The
link 64 fails to form since a46 = 0. As player 6’s attempt is not drawn on
g(a) even if it affects his payoff, we will distinguish the action profile a and
its induced network g(a).

Two identical networks g(a) = g(b) may correspond to distinct action
profiles a and b. Precisely, g(a) = g(b) for two action profiles a 6= b across
the player set I if both networks have the same set of links and if at least
one player seeks the creation of a link but does not receive the consent of the
opponent. We will focus on a particular form of action profiles, namely the
cost-efficient action profiles.
Definition 1 An action profile a is cost-efficient if there is no (i, j) ∈ I 2
such that aij 6= aji .
Let Ace be the set of cost-efficient action profiles. In any cost-efficient
action profile, if a link between players i and j fails to form, neither i nor
j seeks contact to create it. The only cost-efficient action profile that enables the empty network to form is denoted a0 = (a1,0 , . . . , an,0 ) ∈ Ace where
ai,0 = (0, . . . , 0). Clearly, the action profile a in example 1 is not cost-efficient.
If the payoff function is given by (1) and 2v > c > v > 0, player i
may obtain a larger payoff if he removes some links. Abusing notations, if
ij ∈ g(a), let ai (j − ) be the action that differs from ai only by aij = 0.

6

Definition 2 A link ij ∈ g(a) is superfluous for player i in network g(a) if
πi (ai (j − ), a−i ) > πi (a). This inequality is satisfied in two cases:
1. Ni (g(a) − ij) = Ni (g(a)), i.e. link ij belongs to a cycle;
2. nj (g(a)) = {i}, i.e. player i is j’s single neighbor.
In case 1, the removal of ij does not alter player i’s connection set. This
is the case of link 13 in example 1. In case 2, link ij increases the value of
the network but costs to player i more than it yields since it provides him
with a single connection and c > v. In example 1, this is the case of link 56
for both players 5 and 6. Let d1i (a) (resp. d2i (a)) denote the total gain for
player i that results from removing all superfluous links in case 1 (resp. case
2). We have
d1i (a) = c (#{j ∈ I : Ni (g(a) − ij) = Ni (g(a))} − Ci ) , and
d2i (a) = (c − v)# {ij ∈ g(a) : nj (g(a)) = {i}} ,
where Ci is the number of cycles with i as unique common player. Now let
di (a) = d1i (a) + d2i (a) be the maximal gain for player i if he switches from
action ai against a−i .
For any i ∈ I, we define bi ∈ Ai as player i’s best response against a−i ,
that is
πi (a0i , a−i ).
bi ∈ arg max
0
ai ∈Ai

When a ∈ Ace , bi is the action that satisfies
πi (bi , a−i ) − πi (a) = di (a),
since a player cannot create links by his own will. All these definitions and
notations will be used in the rest of the paper to determine whether action
profiles are NE or efficient. Now we begin by characterizing Nash networks.
Proposition 1 The only Nash network of G is the empty network g0 = g(a0 ).
A direct consequence of proposition 1 is that any player i ∈ I can secure
a null payoff against any opponents’ behaviors by choosing ai,0 . The minmax
payoff of each player is then 0. Now we introduce the finitely repeated game.

2.4

Finitely repeated game and network formation

In the static game G, players will not create any link even if they would
be better off in some nonempty networks. In this section we assume that
the players are involved in a T -period repeated game GT that consists in
7

T < ∞ repetitions of game G in period t = 1, 2, . . . , T . Throughout the
paper, we assume T > 3. It is natural to consider a dynamic process of
network formation. Such a framework fits with many economic situations in
which relationships between agents may evolve with time.
We take the view that at the beginning of period t, all players observe
t−1
a and not just g(at−1 ). If network g(a) in example 1 forms in period t − 1,
then all players know at the beginning of period t that player 6 has contacted
player 4 even if link 64 fails to form.
Thus, a history of play ht = (a1 , . . . , at−1 ) at period t records the action
t
profiles chosen by each player in periods
ST1, . . .t, t − 1. Let H denote the set
of histories at period t and H = {∅} ∪ ( t=2 H ) denote the set of all possible
histories of play. A repeated game strategy si is a sequence si = {sti }Tt=1 where
sti : H t −→ Ai models player i’s action played at period t as a function of the
t−1 previous action profiles. For any i ∈ I, Si is the set of strategies for player
1
T
i. Let s = (s1 , . . . , sn ) denote a strategy profile and hT +1 (s) =
Q(a , . . . , a )
be the repeated game outcome induced by s ∈ S, where S = i∈I Si is the
set of all strategy profiles.
Player i’s payoff function π̃i : S −→ IR from playing GT is evaluated
according to the average payoff
T
1X
π̃i (s) =
πi (at ),
T t=1

(2)

and π̃ = (π̃1 , . . . , π̃n ). A strategy profile s ∈ S is a NE of the repeated game
GT if, for each i ∈ I and s0i 6= si ,
π̃i (s) ≥ π̃i (s0i , s−i ).
Since a network is built in each period of the repeated game, it is useful
to introduce the notion of repeated network.
Definition 3 A strategy profile s∗ induces a repeated network based on network g(a∗ ) if s∗ induces a repeated game outcome (a1 , . . . , aT ) that satisfies
g(at ) = g(a∗ ), ∀t = 1, . . . , T .
A repeated network is simply a network that forms in all periods as a
result of players’ actions. We want to highlight the robustness of a network
being formed period after period. This notion is intuitively related to the
robustness of a given set of relationships. We may think about situations in
which trust is established among agents on a long-term basis. A Repeated
Nash Equilibrium (RNE) is a NE of the repeated game. We need to define a
Repeated Nash Network (RNN).
Definition 4 A strategy profile s∗ is a RNN based on network g(a∗ ) if the
induced outcome is a repeated network based on g(a∗ ) and if it is a RNE of
GT .
8

Thus the set of RNE includes as a special case the set of RNNs. When
the horizon is finite, the only RNE induces the formation of the only Nash
network in all periods, i.e. players always remain isolated.4
Proposition 2 Assume T < ∞. The only RNE is the one in which the
empty network g0 forms in all periods.
In the present section the agents are assumed to be perfectly rational.
This results in an extreme conclusion: players have an incentive to remain
unconnected. Now, we are going to relax the assumption of perfect rationality
in order to understand the resulting differences on the types of relationships
that are likely to appear.

3

Machine game in a finite horizon setting

In this section, we assume that players use finite automata with a limited
number of states to play their strategies. We also focus on the subset of costefficient action profiles. This restriction may be justified by the fact that only
cost-efficient action profiles are likely to define Nash networks in the static
game. Moreover, for any network structure, the corresponding cost-efficient
action profile is the most efficient action profile that induces the network
(see section 4). In other words, only cost-efficient action profiles are likely
to define efficient networks. We begin with the study of RNNs. Then, we
examine RNE which are not RNNs. We will prove that the structure of both
types of equilibria becomes non degenerate.

3.1

Machine game

Following Neyman (1985), we focus on the repeated network formation game
GT in which player i ∈ I chooses a finite automaton Mi to play his strategy.
A finite automaton Mi for player i is a four-tuple (Qi , qi1 , λi , µi ) where
1. Qi is the finite set of states in Mi , with #Qi = mi ;
2. qi1 is the initial state;
3. λi : Qi −→ Ai is the output function, which plays action λi (qi ) ∈ Ai
whenever Mi is in state qi ;
4. µi : Qi × A−i −→ Qi is the transition function. In a given period, if
Mi is in state qi ∈ Qi and players −i choose a−i ∈ A−i , then the next
state of the machine is µi (qi , a−i ) ∈ Qi .
4

When the game is infinitely repeated, we can prove a folk theorem like result for RNE
and RNN. Such a result includes a very large panel of structures even if, for instance, there
cannot be a RNN based on a star network.
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We assume that player i’s strategy space is limited to the set Mi of all
automata of size (the number of states in the machine) 1 < mi < T . Before
proceeding to the results, we must apply these notations to the repeated
network formation game. A strategy profile of the machine game is an ntuple (M1 , . . . , Mn ) of automata. We also use the notation (Mi , M−i ) instead
of (M1 , . . . , Mn ). Abusing notations, we keep up writing at for the action
profile chosen in period t instead of using the notation (λ1 (q1t ), . . . , λn (qnt )).

3.2

Existence of nonempty RNN

The main goal of this section is to provide a sufficient condition for a nonempty
network to be sustained as a RNN. Before stating the result, notice that there
cannot be a RNN based on a star network. In fact, the central player obtains
a negative payoff as he supports a cost for creating a link with each opponent.
Proposition 3 Consider any network g(a∗ ) such that a∗ ∈ Ace and, for any
i ∈ I,
nv
o
0 ≤ di (a∗ ) ≤ min
#Ni (g(bi , a∗−i )), 2πi (a∗ ) .
(3)
2
Then there exists a RNN (M1 , . . . , Mn ) such that g(a∗ ) forms in each period.
Proof. Suppose that condition (3) is satisfied. Choose any a∗ ∈ Ace . We
show that there exists a RNN (M1∗ , . . . , Mn∗ ) that induces g(a∗ ) in all periods
by constructing the required automata. For any player i ∈ I, let us consider
the trigger strategy si defined for t = 1 by s1i (∅) = a∗i , and for t > 1, by
 ∗
if aτ−i = a∗−i , ∀τ = 1, . . . , t − 1,
ai
t t
si (h ) =
ai,0 otherwise.
This strategy is implemented by the two-state automaton Mi1 represented
below:
∗
a−i

∀a−i

∀a−i 6= a∗−i

M1 :

a∗i

ai,0

Figure 2.
1
, then player i’s payoff from playing Mi1 is
If the opponents play M−i
1
π̃i (Mi1 , M−i
) = πi (a∗ ) ≥ 0,

(4)

since the outcome of the machine game is assumed to be a repeated network.
Notice that any deviation from Mi1 by player i releases a definitive punishment by players j 6= i. Recall that each player i is limited to automata
10

of size 1 < mi < T . This prevents player i from using the standard best
1
response against M−i
that consists in playing a∗i to create g(a∗ ) until the last
stage and then playing bi in round T . In fact such a strategy requires at least
a T -state automaton. As a consequence, a deviation by player i must occur
in a period t < T and implies T − t ≥ 1 periods of punishment. This also
implies that if player i has an incentive to deviate, then this deviation must
occur as late as possible in the game. However, as we will see below, this
does not exactly amount to say that if player i has an incentive to deviate,
he will do so in stage T − 1.
Any deviation in stage t < T is followed by some punishment stages.
Thus, player i aims at minimizing the cost of seeking contacts in the actions
he plays in periods t + 1, . . . , T against a−i,0 since the value of the network in
each of these periods is null. Even if the amount paid for seeking contacts in
the deviating action is less than a∗i , it may be very costly. Therefore, it may
not be the interest of player i to play this action at stage t + 1 and thereafter.
This is why all possible deviations for player i’s may be grouped into the two
following cases:
1. He plays bi in periods T − 1 and T ,5
2. He plays bi in period k ≤ T − 2 and uses a (k + 1)th state that plays
ai,0 for the remaining stages. Clearly, player i’s highest incentive to
deviate is in period k = T − 2.
We now consider these two possibilities.
Case 1.
The deviation is implemented by the following (T − 1)-state automaton:
∀a−i
T −2 states playing action a∗
i

M2 :

z

a∗i

∀a−i

}|

∀a−i

a∗i

{

∀a−i

bi

Figure 3.

Using Mi2 , player i mimics a full cooperation to form network g(a∗ ) up to
T −1 6
.
period T − 2, and then plays bi to obtain the best payoff against a∗−i = a−i
5
Recall that using T − 2 states for playing a∗i and one more state for playing bi prevents
player i from playing ai,0 in stage T as a response to a−i,0 . Moreover, player i has not
interest in deviating at stage T − 1 to any action ai which is less costly than bi . This is
due to the fact that using ai removes at least two more players from i’s set of connections
than bi . Therefore, πi (ai , a∗−i ) + πi (ai , a−i,0 ) < πi (bi , a∗−i ) + πi (bi , a−i,0 ) due to 2v > c.
6
Notice that action profiles considered in the deviation tests are not cost-efficient. In
fact removing links from a∗i by playing bi induces an action profile (bi , a∗−i ) 6∈ Ace that is
not cost-efficient.
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He also plays bi in period T against the punishment a−i,0 since
X
bi = arg max ∗ πi (ai , a−i,0 ) = arg min ∗ −c
aij .
ai ∈{bi ,ai }

ai ∈{bi ,ai }

j6=i

In words, player i’s machine has not enough states to use another action
than bi or a∗i . Moreover, the cost of seeking contacts in bi cannot be more
expensive than in a∗i since the assumption a∗ ∈ Ace prevents the deviating
player from creating links unilaterally. Player i obtains the payoff
1
π̃i (Mi2 , M−i
)=

(T − 2)πi (a∗ ) + πi (bi , a∗−i ) + πi (bi , a−i,0 )
,
T

(5)

which has to be compared to (4). It is not the interest of player i to switch
from Mi1 to Mi2 if and only if
(T − 2)πi (a∗ ) + πi (bi , a∗−i ) + πi (bi , a−i,0 )
πi (a ) ≥
T
X
v
πi (a∗ ) ≥ #Ni (g(bi , a∗−i )) − c
a∗d
ij
2
j6=i
∗

⇐⇒
⇐⇒

v
πi (a∗ ) ≥ πi (bi , a∗−i ) − #Ni (g(bi , a∗−i ))
2

⇐⇒

v
di (a∗ ) ≤ #Ni (g(bi , a∗−i )).
2

(6)

Case 2.
The deviation is implemented by the following (T − 1)-state automaton:
∀a−i
T −3 states playing action a∗
i

M3 :

z

a∗i

∀a−i

}|

∀a−i

a∗i

{

∀a−i

bi

∀a−i

ai,0

Figure 4.

Using Mi3 , player i simulates a full cooperation to create network g(a∗ )
up to period T − 3, and then plays in stage T − 2 the action bi against
T −1
. He uses a new state playing ai,0 for the last two stages. Thus,
a∗−i = a−i
player i obtains the average payoff
1
π̃i (Mi3 , M−i
)=

(T − 3)πi (a∗ ) + πi (bi , a∗−i ) + 2πi (ai,0 , a−i,0 )
,
T
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which also needs to be compared to (4). It is not the interest of player i to
switch from Mi1 to Mi3 if and only if
πi (a∗ ) ≥
⇐⇒

(T − 3)πi (a∗ ) + πi (bi , a∗−i ) + 2πi (ai,0 , a−i,0 )
T

di (a∗ ) ≤ 2πi (a∗ ).

(7)

Combining the two cases, player i will not deviate from strategy Mi1 if
and only if
nv
o
∗
∗
∗
di (a ) ≤ min
#Ni (g(bi , a−i )), 2πi (a ) ,
2
the condition stated in the proposition. By definition, di (a∗ ) ≥ 0 so that
inequality (3) guarantees that players obtain at least the minmax payoff.
Thus, the strategy profile (M1∗ , . . . , Mn∗ ) is a RNN based on g(a∗ ).

Remark that the condition in proposition 3 does not depend on whether
T is large or not since the average payoff function does not include a discount
parameter. This condition implies that RNNs must be based on networks
that are not too much over-connected if players are very rancorous. Indeed,
the gain that each player obtains may not be too small. In static network
theory, the fact that networks be too much over-connected is important too,
mostly for efficiency considerations (Calvó-Armengol, 2003). The condition
in proposition 3 also implies that a player must not support a too large share
of the cost needed to connect his component. For instance g(a∗ ) cannot contain a star subnetwork since a player would be directly connected to each
opponent and obtains in average less that the minmax payoff.
Condition (3) is necessary and sufficient to prevent any deviation from
However, it is not a necessary condition to achieve a RNN based
on g(a ). To see this, notice that M 1 induces the hardest possible punishment, either for the duration or for the loss of static game payoffs per period.
One can think of an automaton that induces a less significant loss of payoff
for a single period of punishment. If all players use such a machine and none
of them has an incentive to deviate, then the necessary and sufficient condition to achieve a RNN based on network g(a∗ ) must be less restrictive than
(3). We limit our result to the sufficient condition because it is difficult to
determine the action for which the threat of punishment is minimal.

1
(Mi1 , M−i
).
∗

Let g(l), l ∈ Ace , be an n-player line network: for any i ∈ I\{h, j}, ni = 2
and nh = nj = 1 and all players have n − 1 connections. The line begins and
ends with players h and j. The next proposition gives two practical tests to
determine whether the set of RNN contains nonempty repeated networks. In
the first test, it is enough to check if a repeated line network is not a RNN
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to make sure that any other nonempty repeated network is not a RNN. This
test proves useful if one wants to check that there cannot be a RNN based
on a large and complex static network. In the second test, it is sufficient to
look at the number of players to guarantee that some nonempty RNNs do
exist.
Proposition 4 (i) Suppose that the repeated network based on g(l) cannot
be a RNN. Then the only RNN of GT induces the empty network g0 in all
periods.
(ii) Suppose n ≥ 5. Then there exists a nonempty RNN of GT .
Proof. (i) Suppose that there is no automata profile such that the repeated
network based on g(l) is a RNN. Firstly, observe that if the value to a player
of any network g(a) is more than v, then there is at least one player whose
cost is 2c or more. Given that, g(l) is the network in which the minimal payoff
across the player set is maximal across the set of all networks. Secondly, the
players in the line network are connected with a minimal number of links and
the cost for creating links is distributed such that a player pays at most 2c,
which cannot be less in a connected network. In other words, the network
g(l) is the unique architecture that satisfies the maxmin criterion. That is,
min πi (l) = max
min πi (a).
ce
i∈I

a∈A

i∈I

(8)

It follows from (8) that if a player has an incentive to deviate from the
repeated network based on g(l), then there is at least one player who can do
so in a repeated network based on any network a ∈ Ace . The assumption
that the repeated network based on g(l) is not a RNN implies that the only
RNN of GT induces a Nash network in all periods. Therefore, the empty
network must form in all periods.
(ii) We next prove that g(l) is sustained as a RNN (whatever 2v > c > v)
if n ≥ 5. We are going to use the sufficient condition of proposition 3. In the
cost-efficient action profile that induces network g(l), all players except the
first and the last of the line seek the creation of two links (the cost to each
of these players in the network is 2c), while they benefit from connections
with all opponents (in fact, the value of g(l) is v(n − 1) for all players). For
players h and j, the value of g(l) remains v(n − 1) as g(l) is connected but
they only create a single link. As a consequence,
min πi (l) = v(n − 1) − 2c,
i∈I

In g(l), only the neighbors of h and j have a superfluous link. Let i be h’s
neighbor. It follows that bi = li (h− ) which implies that g(bi , l−i ) consists in
14

an (n − 1)-player line of extermities i and j and an isolated player h. Player i
has di (l) = c − v. Therefore, di (l) ≥ dj (l) for any player j 6= i. By condition
3, there is a RNN based on g(l) if
nv
o
c − v ≤ min
(n − 2), 2(v(n − 1) − 2c) .
2
The ineguality c−v < v(n−2)/2 is satisfied when n ≥ 4 and the ineguality
c − v < 2(v(n − 1) − 4c) is satisfied when n ≥ 5. Thus, the condition n ≥ 5
is enough to guarantee the existence of nonempty RNN.

So far, two sufficient conditions for the existence of nonempty RNNs are
provided. The second one has been stated in the most general form to keep
the exposition as simple as possible. We may notice that any line network
with at least 5 players can be sustained as a RNN. The results of this section
enable to make precise the cases in which nonempty RNNs do exist. But
not much is said about the structural properties of RNE that are not RNNs.
This is the aim of the next section.

3.3

Structural properties of RNE

In this section, we are mainly concerned with the structural properties of
RNE of GT . We identify a property satisfied by any RNE. This property
has a crucial impact on the intertemporal consistency between networks that
form in the outcome of RNE. In propositions 5 and 6, we use graph theory
to characterize these restrictions and to represent the sequences of networks
that can be achieved at equilibrium. We also offer economic interpretations.
We begin with an intuitive property satisfied in any RNE of GT . There is
a key argument in the analysis of the structure of RNE. To see this, suppose
that player i uses an action aki in a period k < T that is more beneficial than
aTi against actions aT−i used by the opponents in stage T . It is the interest of
player i to play this action in the last stage since he cannot be punished in
a forthcoming period and a (T − 1)-state automaton can do it. Therefore,
players must not have such an opportunity to deviate in any RNE.
∗
) of the machine game GT with
Lemma 1 Consider any RNE (Mi∗ , M−i
∗1
∗T
outcome (a , . . . , a ). Then there is no network g(a∗k ) that forms in period
∗T
∗T
k < T such that for any player i ∈ I, πi (a∗k
i , a−i ) > πi (a ).
∗
Proof. The proof is by contradiction. Consider a RNE (Mi∗ , M−i
) of GT ,
a player i and a period k < T in which network g(a∗k ) forms such that
∗T
∗T
πi (a∗k
i , a−i ) > πi (a ). We prove that player i has an incentive to deviate
from Mi∗ towards the following (T − 1)-state automaton Mi :
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s
1. Qi = qis1 , . . . , qist , . . . , qi T −1 , mi = T − 1;

2. qi1 = qis1 ;

T +1
∗
∗1
∗T
∗T
3. λi (qist ) = a∗t
(Mi∗ , M−i
) = ((a∗1
i ∈ h
i , a−i ), . . . , (ai , a−i )), ∀t ≤ T −1;
 st+1
if t ≤ T − 2
qi
t
t
4. µi (qi , λ−i (q−i )) =
qisk : λi (qisk ) = a∗k
if
t=T −1
i

The output function indicates that for each t < T the action used by Mi∗
∗
against M−i
in period t is played when in state qist . The transition function of
∗
Mi mimics the sequence of actions played by Mi∗ against M−i
for all but the
last period. In any period t < T , the deviation towards Mi keeps player i’s
payoff unchanged. In stage T , Mi transits to the state qisk that implements
∗
∗
action a∗k
i used by Mi against M−i in stage k. Using Mi , player i obtains
the following average payoff:
∗
π̃i (Mi , M−i
)

=

∗
π̃i (Mi∗ , M−i
)

∗T
∗T
πi (a∗k
i , a−i ) − πi (a )
+
,
T

∗
∗T
∗T
which is larger than π̃i (Mi∗ , M−i
) since πi (a∗k
i , a−i ) > πi (a ) by assumption.
∗
This contradicts the initial assumption that (Mi∗ , M−i
) is a RNE.


The idea that a player may use a former state to deviate in stage T without being punished is central in the question of the architecture of RNE.
Lemma 1 states restrictions on the intertemporal consistency between static
networks that form within a given RNE of GT . Unfortunately, these restrictions are described in terms of payoff. We are more interested in structural
properties of the networks induced by such RNE. We specify some of these
properties in points (i) and (ii) of the next proposition. The third point is
related to both proposition 2 and lemma 1.
Proposition 5 The outcome (a1 , . . . , aT ) induced by any RNE (M1 , . . . , Mn )
of game GT must have the three following features:
(i) there is no connected network g(at ) ⊂ g(aT ), ∀t < T ,
(ii) in network g(aT ), there is no player i with eccentricity Li (g(aT )) = 1,
(iii) if there is a period t < T − 1 such that g(at ) 6= g0 , then it cannot be
the case that g(aT −1 ) = g(aT ) = g0 .
Proof. (i) The proof is by contradiction. Consider any RNE (M1 , . . . , Mn )
of GT in which, for some t ∈ {1, . . . , T − 1}, a connected network g(at ) ⊂
g(aT ) forms (see definition page 4). The assumptions g(at ) connected and
g(at ) ⊂ g(aT ) imply of course that g(aT ) is also connected. By definition
2, there is a player i who has some superfluous links in g(aT ) that he does
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not have in g(at ). This player is able to play ati in stage T against aT−i by a
mechanism similar to that in proof of lemma 1. In network g(ati , aT−i ) player
i maintains a connection with all opponents since g(at ) is a connected subnetwork of g(aT ) (in fact, #Ni (g(ati , aT−i )) = #Ni (g(aT )) = n − 1). Moreover
the cost to player i of forming links in g(ati , aT−i ) is smaller since he seeks
less contacts in ati than in aT . Thus, if player i chooses the machine that
simulates what plays Mi against M−i for all but the last period and then
transits to the state used in period t, he obtains a larger payoff in stage T .
Player i obtains a larger average payoff, which implies that (Mi , M−i ) is not
a RNE. This contradicts the initial assumption.
(ii) By contradiction, consider a RNE (M1 , . . . , Mn ) in which Li (g(aT )) =
1 for a player i ∈ I. Such an eccentricity means that player i is directly connected with each opponent. This implies that player i obtains the worst
possible stage payoff πi (g(aT )) = (n − 1)(v − c). Since (M1 , . . . , Mn ) is a
RNE, we know that π̃i (M1 , . . . , Mn ) ≥ 0. Thus player i obtains a positive
payoff in some periods, that is, he does not seek contact with each opponent
in these periods. Formally, there exists t < T such that Li (g(at )) > 1. Let ati
be the action played by player i in such a period. As in the proof of lemma
1, player i is able to deviate from Mi towards a (T − 1)-state machine that
simulates what plays Mi against M−i in the first T − 1 periods and then
transits in stage T to the state playing action ati . Using this altered strategy,
player i must obtain in stage T a payoff πi (ati , aT−i ) > πi (aT ) as he seeks less
contacts and πi (aT ) is the worst payoff in the game. All other stage payoffs
being identical, the deviating strategy yields player i a larger average payoff
than Mi . This contradicts the fact that (M1 , . . . , Mn ) is a RNE.
(iii) Consider any RNE (M1 , . . . , Mn ) for which g(aT −1 ) = g(aT ) = g0
and for some periods t ≤ T − 2, g(at ) 6= g0 . Let
t∗ = max {t : g(at ) 6= g0 }
t≤T −2

be the most remote period in which a nonempty network forms. By proposi∗
tion 1, at least one player i is such that di (at ) > 0. Suppose that i chooses to
deviate from Mi towards a (t∗ + 1)-state machine that mimics Mi ’s behavior
against machines M−i up to period t∗ − 1, then plays action bi in stage t∗ and
transits to a (t∗ + 1)th state playing action ai,0 until the end of the game (see
proof of lemma 1). Clearly, such a deviation yields player i a larger payoff,
which implies that (M1 , . . . , Mn ) is not a RNE. We conclude that two empty
networks cannot form in the last two stages of a nonempty RNE.

These results lead to some conclusions. Result (i) has several interpretations. Firstly, the only minimal network that is likely to be connected is
the last that forms. Secondly, there may be other connected networks in
17

previous periods but this result implies that these networks must contain
the last one. We may say that the formation of a connected network (if it
occurs) has to be progressive. A connected network may form quickly in the
process but it will be over-connected. If a connected network forms in a given
period t < T (of a RNE) and another one forms in the final period, the last
network is more beneficial to all players and strictly more to one of them.
Even a link formation process by a player generates an externality on the
set of direct neighbors, this effect would be gradually internalized by some
players. Thirdly, one may also interpret the first result in proposition 5 as the
impossibility that the outcome of a RNE consists in a sequence of connected
networks that extends as time goes by. This once again emphasizes that too
much over-connected networks fail to form in a RNE.
Result (ii) shows that in the last network that forms, a player cannot
create a direct link with all opponents.7 For instance, the complete network
and the star network are two such networks, and cannot form in the last
stage of a RNE. Recall that point (i) does not prevent players from creating
a connected network in stage T . By point (ii), if players are all connected in
the last network induced by a RNE, any of them avoids the burden to seek
contact with all others. This shows how players learn to divide the task of
connecting the network up among themselves. A consequence of this result
is that the diameter of the network formed in the final stage must satisfy
L(g(aT )) > 1. This could be interpreted as the absence of an extreme smallworld effect as observed by Milgram (1967). Notice that the star network is
the only tree of diameter 2. Thus, by point (ii), if L(g(aT )) = 2 then g(aT ) is
not a tree. In words, a small-world effect (diameter 2) in stage T is possible
only with inefficient networks (see section 4 for efficiency considerations).
Result (iii) displays that if the players have established relationships in
the T − 2 first periods, some old connections remain or new links form in at
least one of the two last stages. In other words, if players create links in early
periods, they must maintain some former links or create new links in at least
one of the last two periods. For example, relationships between individuals
in a connected population of agents never completely disappear with time.
Consider a market represented by a network of firms. Links model competition between firms and the finite horizon of T periods indicates the lifespan of
the product. A firm leaving the market is symbolized by an isolated vertex.
By result (iii), if some firms have competed in the market in some of the first
T − 2 years, then the market cannot become empty of firms in the final years.
In proposition 5, we provide necessary conditions that any RNE has to
fulfill. In the next proposition we are going to state two sufficient structural
properties for a given strategy profile to be a RNE.
7

However, it is possible that a player obtains less than the minmax payoff in stage T .
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Proposition 6 Consider a strategy profile (M1 , . . . , Mn ) with outcome
(a1 , . . . , aT ) such that, for any i ∈ I and any t ≤ T , πi (at ) ≥ 0, and
(
)
T
X
X
πi (aT ) ≥ max di (aT −1 ) − c min
atij ; max di (ak ) −
πi (at ) . (9)
T −1
a1ij ,...,aij

j6=i

k<T −1

t=k+1

If either,
0

(i) g(at ) ∩ g(at ) = ∅, for any t, t0 ∈ {1, . . . , T } and g(at ) is connected for
each t = 1, . . . , T or
(ii) there is a permutation p : {1, . . . , T − 1} −→ {1, . . . , T − 1} such that
g(aT ) ⊆ g(ap(1) ) ⊆ g(ap(2) ) ⊆ · · · ⊆ g(ap(T −1) ) and for each i such that
for each j 6= i and each t ≤ T − 1,
=⇒ atj = at+1
di (aT ) > 0, ati = at+1
j
i
then (M1 , . . . , Mn ) is a RNE of GT .
Proof. Assume that for any i ∈ I and any t ≤ T , πi (at ) ≥ 0. The proof
has two parts. Firstly, we show that in both situations (i) and (ii), a player
has no incentive to deviate from the play in stage T .
(i) Since each network induced by (M1 , . . . , Mn ) is connected and the
intersection between any two networks is empty, the players synchronize
switches of action. Thus a player cannot “keep track” of the state of play8
which implies that machines would need T states to mimics the play up to
stage T − 1 and choose bi in stage T . The assumptions that any action profile
0
in the outcome is cost-efficient and that for any t, t0 ≤ T , g(at ) ∩ g(at ) = ∅
0
0
implies that for any i ∈ I, Ni (g(ati , at−i )) = Ni (g(ati , at−i )) = {∅}.9 As player
i may still intend to create some links, this implies that πi (ati , aT−i ) ≤ 0
0
and πi (ati , aT−i ) ≤ 0. By assumption, we then have πi (ati , aT−i ) ≤ πi (aT ) and
0
πi (ati , aT−i ) ≤ πi (aT ). This means that there is no period t < T such that
player i benefits from using the automaton constructed in the proof of lemma
1.
(ii) The reader can check that the requirement that for each i such that
for each j 6= i and each t ≤ T − 1 prevent
=⇒ atj = at+1
di (aT ) > 0, ati = at+1
j
i
players from saving states by monitoring the opponent’s play.8 Such players
have not the possibility to mimics the play up to stage T − 1 and choose bi
in stage T . The assumption that for any t ≤ T , g(aT ) ⊆ g(at ) implies that
g(aT ) ∩ g(at ) = g(aT ). Thus, for any player i ∈ I, g(aT ) = g(ati , aT−i ) ⊆ g(at ).
This relation can be rewritten as Ni (g(aT )) = Ni (g(ati , aT−i )) ⊆ Ni (g(at )). We
also know that the cost to player i in at is not less than in aT . Therefore,
8

See the proof of theoreom 1 (c) in Abreu, Rubinstein (1988) for details.
As mi < T , only T − 1 totally different networks may form. We thus assume that the
empty network g0 forms in at least two periods. This does not contradict condition (i)
since trivially g0 ∩ g0 = {∅}.
9
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for any i ∈ I and for any t ≤ T , πi (aT ) ≥ πi (ati , aT−i ). This implies once
again that there is no period t < T such that player i benefits from using the
automaton constructed in the proof of lemma 1.
Secondly, we prove that condition (9) guarantees that (M1 , . . . , Mn ) is a
RNE. Each machine Mi in (M1 , . . . , Mn ) is assumed to include a punishment
state playing ai,0 to threaten any deviation by an opponent as the one in
machine M 1 in the proof of proposition 3. It is not the interest of player i to
deviate in stage T in both situations (i) and (ii). Thus, two cases similar to
the one in the proof of proposition 3 must be considered.
Case 1.
Player i can deviate by using
P a (T − 1)-state machine that plays bi in stage
T − 1 and ai = arg mint<T c j6=i atij in the last period (remember that player
i cannot use a new state playing ai,0 is stage T since mi < T ). Player i will
not choose such an automaton if and only if
X
T −1
πi (aT −1 ) + πi (aT ) ≥ πi (biT −1 , a−i
) − c min
atij
t<T

T

⇐⇒

πi (a ) ≥ di (a

T −1

) − c min
t<T

X

j6=i

atij .

(10)

j6=i

Case 2.
Player i can deviate in period k < T − 1 by playing bi and then using a
(possibly) new state playing ai,0 until the end of the game. It is not the
interest of player i to behave like this if and only if
T
X

t

πi (a ) ≥

πi (bki , ak−i )

T

k

⇐⇒ πi (a ) ≥ di (a ) −

t=k

T
X

πi (at ).

(11)

t=k+1

Condition (9) in proposition 6 results from the combination of (10) and (11).
By condition (9) we know that these deviations are not profitable to player
i. This concludes the proof.

In words, if the payoff that each player obtains in the last round is large
enough, then two kinds of interesting structures are likely to emerge. These
structures are antagonistic. In the first one, at each round a new static
network is built. These networks have no common link with any network
formed in previous periods. As a consequence, if any two players are direct
neighbors in a given period, this is the first period for which they are direct
neighbors and they will never be directly connected once again. In a sense, we
can refer to such an equilibrium as one with forgotten neighbors. This may
highlight that players prefer a variety of one-period direct neighbors than
long term direct relationships. In economic relationships, such a pattern of
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behavior is quite common. In a trading market, some buyers prefer visiting a
variety of sellers than establishing a long term relationship with a particular
seller (the so-called searchers).
In the second one, networks share an identical subnetwork and the structure allows for a total order relationship among networks that form within a
RNE. The sequence of static networks corresponding to the equilibrium may
reveal a contraction phenomenon. At each new period, the network that
forms may be more and more restricted. This is the case of many economic
situations. Consider for example several firms competing in a new market.
A link between two firms can represent the investment supported by both
firms to differentiate their product from that of the other firm. As time goes
by, least competitive firms are not strong enough to face competition. They
either stop investing to differentiate their product (cuts links but preserve
some) or leave the market (remain isolated). The competition network may
retract progressively. Another interpretation is that more and more efficient
networks may form within a RNE (see next section). The network should be
k-connected in the initial period. The contraction process may lead to the
formation of a tree network in the last stage. The total order may also exhibit
an expansion phenomenon from the initial period to period T − 1 and then a
network contained in all others forms in the last round. If all networks in the
sequence are connected, one can interpret such a phenomenon as T −1 periods
of test before stage T in which agents choose the most valuable configuration.
In proposition 6 each player’s payoff is assumed to be positive at each
round. Despite the drastic restrictions on the intertemporal consistency between networks formed in any RNE, the next result shows that it is possible
that any static network based on a cost-efficient action profile forms within
a RNE. In the next proposition, we give a sufficient condition on the number
of players for which any static network can appear in the outcome of a RNE.
Proposition 7 Fix n ≥ 11. There exists a RNE (M1 , . . . , Mn ) whose
outcome contains any network g(a∗ ) ⊆ gI , a∗ ∈ Ace , at least once.
Proof. Fix n ≥ 11. We prove that any network g(a∗ ) ⊆ gI , a∗ ∈ Ace , can
form in the first period of a RNE. Denote by g(l 0 ) the network that consists
of the line network g(l) (see the proof of proposition 4) except that player h
is isolated. Let g(l00 ) be the network isomorphic to g(l 0 ) with player j being
the isolated player.
We proceed in two steps. In a first step, we exhibit an n-tuple of automata
(M1 , . . . , Mn ) such that any network g(a∗ ) 6∈ {g(l0 ), g(l00 )} forms in the initial
period and the (n-player) maxmin line network g(l) forms in all remaining
periods. Any deviation from Mi will release a definitive minmax punishment.
The choice to form g(l) in each period t > 1 has been already justified in
the proof of proposition 4. In such a network the player who obtains the
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worst payoff is better than in any other network. Therefore, the condition on
the number of players that prevents deviations is smaller if g(l) forms from
period 2 than if any other network forms.
However, by lemma 1, g(l0 ) and g(l00 ) cannot form within the outcome of
a RNE in which g(l) forms in the mast stage. In fact, πi (li 0 , l−i ) > πi (l) for
the neighbor in g(l) of the isolated player h in g(l 0 ). this is also true of g(l00 ).
As a consequence, in a second step, we deal with the cases g(a∗ ) = g(l0 ) and
g(a∗ ) = g(l00 ). We show that g(l0 ) and g(l00 ) can be sustained as a RNN.
In a first step, consider any network g(a∗ ) 6∈ {g(l0 ), g(l00 )} and suppose
that each player i chooses the following automaton:
∀a−i

l−i

a∗−i

a∗i

M4 :

li

a−i 6= l−i

ai,0

a−i 6= a∗−i

Figure 5.

As it is described in the first paragraph of the proof, the strategy profile
outputs network g(a∗ ) 6∈ {g(l0 ), g(l00 )} in period 1 and thereafter T − 1 line networks g(l). Player i obtains the average payoff

(M14 , . . . , Mn4 )

4
π̃i (Mi4 , M−i
)=

πi (a∗ ) + (T − 1)πi (l)
.
T

Any deviation induces a definitive minmax punishment. Thus, deviating
in the first period yields player i the average payoff πi (bi , a∗−i )/T . It is not
the interest of player i to deviate in stage 1 if and only if
πi (bi , a∗−i )
πi (a∗ ) + (T − 1)πi (l)
≥
⇐⇒ (T − 1)πi (l) ≥ di (a∗ )
T
T

(12)

Observe that di (a) is maximal for a network a ∈ Ace in which player i
seeks contact with each of the n − 1 opponents whereas only one contact is
needed to connect the network. Such a network being cost-efficient, player i
keeps the network connected by removing n − 2 superfluous links and saves
(n − 2)c. That is, for any action profile a∗ ∈ Ace ,
max di (a) = (n − 2)c ≥ di (a∗ )

a∈Ace

From the proof of proposition 4, we also know that the minimal payoff
obtained by a player in g(l) is (n − 1)v − 2c. This implies that
πi (l) ≥ (n − 1)v − 2c,
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for any i ∈ I. Thus, condition (12) holds if
(n − 1)(T − 1)
v.
n + 2T − 4
As 2v > c and T > 3, the reader can check that n ≥ 11 is enough
to guarantee that player i has no incentive to deviate. Next, consider a
deviation in stage t > 1. The outcome (a∗ , l, . . . , l) satisfies the necessary
condition of lemma 1, that is, for any i ∈ I, there is no stage k < T such
T
that πi (aki , l−i
) > πi (lT ). In other words, players cannot benefit from deviating in stage T . Since we have also proved that n ≥ 11 garantees that players
will not deviate in stage 1, it remains to test deviations in stages 2, . . . , T − 1.
The line network is formed in each of these stages. Thus, the condition that
prevents deviations in these periods is identical to the one in proposition 3
for a RNN based on g(l). To see this, recall that if a player has an incentive
to deviate, then he does it late in the game because of the definitive punishment. Condition (3) in proposition 3 is satisfied for the RNN based on a line
network when n ≥ 11. Therefore, any network g(a∗ ) 6∈ {g(l0 ), g(l00 )} is likely
to form in a RNE when n ≥ 11.
(T − 1)((n − 1)v − 2c) ≥ (n − 2)c ⇐⇒ c ≤

In a second step, assume that each player i chooses the following two-state
automaton:
l−i 0
∀a−i
∀a−i 6= l−i 0

ai,0

li 0

M5 :

Figure 6.

The strategy profile (M15 , . . . , Mn5 ) leads to the formation of a repeated
network based on g(l0 ). Once again, any deviation releases a definitive
minmax punishment. This situation is a particular case of proposition 3.
Therefore, it is enough to check that condition (3) is satisfied to show that
(M15 , . . . , Mn5 ) is a RNN. As n ≥ 11, remember that only the direct neighbors
of the first and last players in the line component have an incentive to deviate
from l0 . Let i be one of these two players. We need
nv
o
di (l0 ) ≤ min
#Ni (g(bi , l−i 0 )), 2πi (l0 )
2
n
o
v
⇐⇒ c − v ≤ min (n − 2) , 2((n − 1)v − 2c)
2
⇐⇒

c − v ≤ (n − 2)

⇐⇒

n≥

v
2

2c
,
v

(13)
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which always holds when n ≥ 11. We conclude that network g(l 0 ) can also
form in an equilibrium of GT . The networks g(l00 ) and g(l0 ) being isomorphic,
the same conclusion applies to g(l 00 ).

There is a contrast between this result and previous results of this section.
On one hand, any static network can form if one considers just a particular
period of the repeated game. On the other hand, the T -period outcomes of
RNE must satisfy restrictive conditions. In the initial period, players can
set links, which form any network (proposition 7). But the formation of
this first network then prevents players from creating some other networks in
future periods (lemma 1 and proposition 5). For instance, if the network that
forms in stage 1 is connected, then by proposition 5 this network cannot be
a subnetwork of the network that forms in stage T . Thus, the initial network
conditions the structure of the whole outcome of a RNE.

4

Efficiency

In this section, we characterize the set of efficient action profiles for both
Bentham and Pareto criteria (see the appendix for the proofs). Next, we
examine this question in the finitely repeated game and compare the results
with those of the static case. Again, we consider two cases (players being
perfectly rational or not) and we study the differences in the corresponding
sets of efficient strategy profiles. Precisely, we give a condition on the duration of the game for which boundedly rational players can implement strictly
less efficient
P strategy profiles than perfectly rational players. We denote by
W (a) = i∈I πi (a) the welfare resulting from a.
Definition 5 An action profile a∗ ∈ A is

• Bentham-efficient if a∗ ∈ arg maxa∈A W (a);
• Pareto-efficient if for any i ∈ I and any a 6= a∗ ,
[πi (a) > πi (a∗ )] =⇒ [∃j 6= i|πj (a) < πj (a∗ )].
We say that an action profile is efficient if it is efficient either in the sense
of Bentham and/or in the sense of Pareto.
Proposition 8 Suppose n > 4. An action profile a∗ ∈ A is efficient if and
only if (i) it is cost-efficient and (ii) g(a∗ ) is a tree.
Thus in our model, the sets of Bentham and Pareto efficient action profiles
do coincide. This is quite noteworthy. Remark that the star network with
n > 4 players is efficient for both Bentham and Pareto criteria although the
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player in the center of the star obtains less than the minmax payoff. This
shows that a static efficient network is not always sustained as a RNN. The
efficiency of strategy profiles in the repeated game is defined with respect to
the average payoff. Let AE be the set of efficient action profiles and SE be
the set of efficient strategy profiles. We use the subscripts BE and SE for the
Bentham and Pareto criteria. The set SE is characterized in the following
proposition.
Proposition 9 A strategy profile s∗ is efficient if and only if it induces an
efficient action profile in each period. Formally,
SE = {s ∈ S : at ∈ AE , at ∈ hT +1 (s), t ≤ T }.
Proof. Firstly we prove that SBE = SE . A strategy profile s∗ in which a
Bentham-efficient action profile occurs in each period has a maximum average
welfare W (s∗ ) since the welfare is maximal is each period. Thus, the set of
Bentham-efficient strategy profiles consists in all strategy profiles that induce
T Bentham-efficient action profile, that is SBE = SE .
Secondly, we prove that any Pareto-efficient strategy profile induces a
Pareto-efficient action profile in each period. We proceed by contradiction.
Consider a Pareto-efficient strategy profile s ∈ SP E in which at least one non
Pareto-efficient action profile a does occur. It is sufficient to suppose that
there is only one such action profile, and that it occurs at round t. Thus,
by definition, we know that there exists an action profile p ∈ A such that,
for any i, πi (p) ≥ πi (a), and πj (p) > πj (a) for some j. Now consider the
strategy profile s0 that induces p at round t, and the same action profiles
than s at the other rounds. Then we check easily than π̃i (s0 ) ≥ π̃i (s), and
π̃j (s0 ) > π̃j (s). This contradicts the Pareto-efficiency of s. By proposition 8,
s0 also induces a Bentham-efficient action profile in each period. We conclude
by contradiction that SP E = SBE .

The results regarding the question of efficiency show that in our model
Bentham-efficient and Pareto-efficient action profiles or strategy profiles have
identical structures provided that the number of players is not too small.
This correspondence between Bentham-efficiency and Pareto-efficiency is discussed in Jackson (2003) for the case of static network formation games.
A population of perfectly rational players can implement any efficient
strategy profile in SE . Now, let ME denote the set of efficient strategy
profiles of the machine game. A particular efficient strategy profile s ∈ SE
may induce T different efficient networks. Thus, when players are assumed
to use finite automata of limited size as in section 3, one can ask whether n
automata with at most T − 1 states may form T different efficient networks.
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In example 2, we show that combining actions played in the first T − 1
stages may not allow for the creation of the T th efficient network in the final
period. We give a sequence of T line networks that cannot be implemented
by automata with at most T − 1 states. From this example, we will state a
general proposition.
Example 2 Fix N = {1, 2, 3, 4, 5}, T = 4 and assume that players used
strategies that can be implemented by automata with 2 or 3 states. Consider
the sequences of four trees represented below and suppose that each action
profile at , t = 1, 2, 3, 4, is cost-efficient.

1

1
2

3

2

3

4

5

4

5

g(a1 )

g(a2 )

1

1

2

3

2

3

4

5

4

5

g(a3 )

g(a4 )

The strategy profile that induces the sequence of networks (a1 , a2 , a3 , a4 )
is efficient. Remark that player 2 has a totally distinct set of neighbors in
each period. To implement the four actions at2 , t = 1, 2, 3, 4, player 2 must
use an automaton with 4 states which does not belong to his strategy set. It
follows that there does not exist an automata profile with 2 or 3 states that
implement (a1 , a2 , a3 , a4 ).

Next, we generalize the idea of example 2. Each player i has 2n−1 − 1
different nonempty set of neighbors in the set of all networks with n players.
Player i has also the same number of different nonempty set of neighbors in
the set of all trees with n players. This remark leads to the following result.
Proposition 10 Suppose 2n−1 − 1 ≥ T . Then Me ( Se .
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Proof. Suppose 2n−1 − 1 ≥ T . We construct a sequence of cost-efficient
action profiles (a1 , . . . , aT ) that induce T trees and such that for any two
0
periods t and t0 , ni (g(at )) 6= ni (g(at )). There exists such a sequence since
0
2n−1 − 1 ≥ T . It follows that ati 6= ati such that player i’s automaton has to
implement T different actions. This can be done only if player i’s machine has
at least T states. Such a strategy does not belong to M1T
i . Thus, there is no
automata profile of size 1 < mi < T for each i ∈ N that induce (a1 , . . . , aT ).
We conclude that Me ( Se .

This result contrasts with those found on RNE. On one hand, the set of
RNE is more important when players are boundedly rational (propositions 2
and 3). On the other hand, boundedly rational players can implement less
efficient strategy profiles than perfectly rational players (proposition 10).

5

Conclusion

Within a finite-horizon repeated game framework we study the problem of
(dynamic) network formation when the players are either perfectly rational,
or boundedly rational in the sense of Neyman (1985), and by a restriction to
a subset of action profiles. We prove that the set of RNE is reduced to the
empty network when the agents are perfectly rational, while this set is much
more elaborate when the complexity of their strategies is limited. Then we
identify structural properties of RNNs and RNE. In the case of RNNs, we
prove that each network that is sustained as a RNN cannot be too much
over-connected, and that each player cannot bear a too important share of
the cost needed to connect the network. This highlights a lack of robustness
of architectures such as star networks. In the case of RNE, we prove that the
networks induced in any period satisfy some structural properties. Within a
RNE, players may prefer to set links with totally different partners at each
round, or the networks may retract progressively. Bounded rationality has
a noticeable influence both on the existence of (non trivial) equilibria and
on the dynamics of network formation. Assuming a limited ability to implement link formation seems reasonable since it is consistent with well-known
economic behaviors (searchers in a trading market for instance). Finally, we
make some comparisons between the sets of (Bentham and Pareto) efficient
strategy profiles. In this part, the nature of results is reversed. Under some
condition between the duration of the game and the number of players, it is
shown that more rational players will implement a larger number of efficient
strategy profiles. One of the main assumptions of the present work is that
consent is needed to form links. A possible extension to this paper would be
to see what happens if this assumption is relaxed. In particular, the resulting networks may be directed with the consequence that information is only
one-way flow. This is left for future research.
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Appendix
Proof. (proposition 1) Firstly, we show that in any network g(a) 6= g0 ,
at least one player has an incentive to deviate. Secondly, we prove that
g0 = g(a0 ) is a Nash network.
Consider any network g(a) 6= g0 . Two cases must be studied:
1. Suppose that a is not cost-efficient, then ∃i, j ∈ I such that aij = 1 6=
aji = 0. It is the interest of player i to choose action ai (j − ) that only
differs from ai by aij = 0. Player i saves c while g(ai (j − ), a−i ) = g(a).
He obtains πi (ai (j − ), ai ) = πi (a) + c, which implies that g(a) is not a
Nash network.
2. Suppose that a is cost-efficient. If g(a) is a cyclic network, then there
are at least two players i and j such that Ni (g(a) − ij) = Ni (g(a)).
Link ij is superfluous. We have d1i (a) > 0, which implies that g(a) is
not a Nash network. If g(a) is an acyclic network, then there is a player
i whose set of connections satisfies #Ni (g(a)) = 1. Let Ni (g(a)) = {j},
then link ij is superfluous for player j. Therefore d2j (a) > 0, which
implies g(a) is not a Nash network.
The empty network g0 = g(a0 ) is the unique network that does not fit
with any of the two previous cases. In g(a0 ), there is no player i who has an
incentive to deviate from ai,0 since he cannot create links alone and would
support a cost c for any such attempt. Then the cost-efficient empty network
is the only Nash network of G.

Proof. (proposition 2) Consider network g(a) 6= g0 and suppose g(aT ) =
g(a). By proposition 1 and a backward induction argument, there is at least
one player say i who has interest in altering his action in the last period.
Player i’s opponents anticipate this behavior and also remove some links.
As a consequence, the empty network necessarily forms in the last stage. A
similar process leads to the formation of the empty network in all periods. 
Proof. (proposition 8) The proof is divided in two parts, one for each
criterion.
Bentham-efficiency
(=⇒) Suppose b ∈ A is Bentham-efficient. Firstly, b must be cost-efficient.
Otherwise there are players i, j ∈ I with bij = 1 6= bji = 0 such that player
i saves c if he plays bi (j − ) = 0. Player i’s altered action does not remove
any link and maintains other players’ payoffs. Remark that g(b) must be
acyclic, otherwise there is a player i in g(b) who has some superfluous links
or equivalently d1i (b) > 0. If i removes one such link, say with j, he obtains
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πi (bi (j − ), b−i ) = πi (b) + c and πh (bi (j − ), b−i ) = πh (b), ∀h 6= i, j since bi (j − )
keeps unchanged all other players’ connections (and payoffs).
Secondly, we have to show that g(b) must be a tree. To see this, we prove
that the welfare of a tree is larger than in any other type of network. In a
tree, the n vertices must be connected by exactly n − 1 links. The formation
of a link costs c to two players. Thus, the total cost of a tree g(b) is (n − 1)2c.
The value of g(b) for each player is (n − 1)v. The welfare of any tree g(b)
induced by a cost-efficient action profile b is 10
W (b) = n(n − 1)v − (n − 1)2c = (n − 1)(nv − 2c).

(14)

Now consider any non connected network g(a). By definition, g(a) is splitted in K > 1 components, which are connected subnetworks. If g(a) is candidate to be Bentham-efficient, then each subnetwork g(ak ), k ∈ {1, . . . , K},
satisfies condition 1 of the proposition, that is, g(a) is a forest of K trees
induced by cost-efficient action profiles. The component g(ak ) has #Ik = nk
vertices (or players). The welfare of g(ak ) is
W (ak ) = (nk − 1)(nk v − 2c),
and the total welfare of a is
W (a) =

K
X

(nk − 1)(nk v − 2c).

k=1

By definition of Ik ,
nv − 2c > nk v − 2c =⇒

K
X
k=1

Furthermore,

PK

k=1

K
X
(nk − 1)(nv − 2c) >
(nk − 1)(nk v − 2c).
k=1

nk − 1 = n − 1 implies that

(n − 1)(nv − 2c) >

K
X

(nk − 1)(nv − 2c),

k=1

and we conclude that W (b) > W (a).
(⇐=) Suppose b satisfies the two conditions listed in the statement of
proposition 8. By the previous calculation, the welfare in b is larger than in
any other action profile.
10
Such a network ranges from the n-player line network to the n-player star network.
These two networks exhibit extreme situations according to their diameter. A line network
has a diameter of n − 1, the largest diameter among trees, while a star network has a
diameter of 2, the smallest diameter among trees.
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Pareto-efficiency
(⇐=) By the first part of the proof, any tree induced by a cost-efficient
action profile is Bentham-efficient. And it follows from definition 5 that any
Bentham-efficient network is Pareto-efficient. Therefore, any cost-efficient
action profile that induces a tree is a Pareto-efficient.
(=⇒) Firstly, any Pareto-efficient action profile must be cost-efficient for
the same reason than in the first part of the proof. Secondly, to show that
any Pareto-efficient action profile induces a tree, we argue by contradiction.
Consider any Pareto-efficient action profile p for which g(p) is not a tree.
Note that g(p) cannot be k-connected, k > 1, since the existence of some
superfluous links would contradict the fact that p be Pareto-efficient. Then,
suppose that the Pareto-efficient action profile p induces a non connected
network. We group all possibilities in three cases according to the structure
of g(p):
Case 1.
Network g(p) consists in at least 2 connected components with at least 2 players. Each component must be a tree to avoid cycles (and superfluous links).
Let K be the total number of components in the forest g(p). Construct
the network g(p0 ) that consists in connecting the K components all together
with the creation of K − 1 links (see for instance the first part of the proof).
Since 2v > c, it is easy to check that the resulting network yields all players a larger payoff than g(p). This proves that g(p) cannot be Pareto-efficient.
Case 2.
Network g(p) consists in a connected component and k > 1 isolated players.
The component must be a tree to avoid cycles. The method described in
case 1 is still beneficial to all players whenever at least 2 isolated players can
be linked to the main tree component.
Case 3.
Network g(p) consists in a connected component and a single isolated player.
The component must also be a tree to avoid cycles. If the connected component includes all but one player denoted h, it follows that the creation of
link ih with any player i in the component is beneficial to all players except i, who loses v − c. Nonetheless, it is possible to connect player h to
all other opponents in a way that increases everyone’s payoff. Let i be a
player such that #ni (g(p)) = 1. Player i must exist since the connected
component is a tree. Precisely, let ni (g(p)) = {j}. Construct the network
g(p0 ) = g(p) − ij + hj + hi. The reader can check that all players except h
have the same number of direct neighbors in g(p0 ) than in g(p) and benefit
from the additional connection with player h. Player h creates two links but
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is connected to at least 4 players. Thus, his payoff is larger than that of a
isolated player. Therefore all players obtain a larger payoff, which implies
that p cannot be Pareto-efficient.
Thus, we conclude by contradiction that any Pareto-efficient action profile
induces a tree.


References
[1] Abreu Dilip, Rubinstein Ariel (1988), “The Structure of Nash Equilibrium
in Repeated Games with Finite Automata”, Econometrica 56:1259-1282.
[2] Bala Venkatesh, Goyal Sanjeev (2000), “A Non Cooperative Model of
Network Formation”, Econometrica 68:1181-1229.
[3] Bolton Patrick, Dewatripont Mathias (1994), “The Firm as a Communication Network”, Quarterly Journal of Economics 109:809-839.
[4] Calvó-Armengol Antoni (2003), “Stable and Efficient Bargaining Networks”, Review of Economic Design, 71:411-428.
[5] Calvó-Armengol Antoni, Jackson Matthew O. (2004), “The Effects of
Social Networks on Employment and Inequality”, American Economic
Review, 94:426-454.
[6] Currarini Sergio, Morelli Massimo (2000), “Network Formation with Sequential Demands”, Review of Economic Design, 5:229-249.
[7] Dutta Bhaskar, Ghosal Sayantan, Ray Debraj (2005), “Farsighted Network Formation”, Journal of Economic Theory, 122:143-164.
[8] Ellison Glenn (1993), “Learning, Local Interaction and Coordination”,
Econometrica, 61:1047-1071.
[9] Ellison Glenn, Fudenberg Drew (1995), “Word of Mouth Communication
and Social Learning”, Quarterly Journal of Economics 110:93-125.
[10] Gilles Robert P., Sarangi Sudipta (2004), “Social Network Formation
with Consent”, Working Paper, Department of Economics, Virginia Tech
and Department of Economics, Louisiana State University.
[11] Goyal Sanjeev, Vega-Redondo Fernando (2005), “Network Formation
and Social Coordination”, Games and Economic Behavior 50:178-207.
[12] Jackson Matthew O. (2003), “The Stability and Efficiency of Economic
and Social Networks”, in Advances in Economic Design, edited by Murat
Sertel and Semih Koray, Springer-Verlag, Heidelberg.
31

[13] Jackson Matthew O., Watts Alison (2002), “The Evolution of Social and
Economic Networks”, Journal of Economic Theory 106:265-295.
[14] Jackson Matthew O., Wolinsky Asher (1996), “A Strategic Model of
Social and Economic Networks”, Journal of Economic theory 71:44-74.
[15] Milgram Stanley (1967), “The Small World Problem”, Psychology Today, 2:60-67.
[16] Neyman Abraham (1985), “Bounded Complexity Justifies the Cooperation in the Finitely Repeated Prisoner’s Dilemma”, Economics Letters
19:227-229.
[17] Piccione Michele, Rubinstein Ariel (1993), “Finite Automata Play a Repeated Extensive Game”, Journal of Economic Theory, 61:160-168.
[18] Simon Herbert A. (1955), “A Behavioral Model of Rational Choice”,
Quarterly Journal of Economics, 69:99-118.
[19] Watts Alison (2001), “A Dynamic Model of Network Formation”, Games
and Economic Behavior 34:331-341.
[20] Watts Alison (2002), “Non-Myopic Formation of Circle Networks”, Economic Letters 74:277-282.

32

NOTE DI LAVORO DELLA FONDAZIONE ENI ENRICO MATTEI
Fondazione Eni Enrico Mattei Working Paper Series
Our Note di Lavoro are available on the Internet at the following addresses:
http://www.feem.it/Feem/Pub/Publications/WPapers/default.html
http://www.ssrn.com/link/feem.html
http://www.repec.org
http://agecon.lib.umn.edu

NOTE DI LAVORO PUBLISHED IN 2006
SIEV

1.2006

CCMP

2.2006

CCMP
KTHC

3.2006
4.2006

SIEV

5.2006

CCMP

6.2006

PRCG
SIEV
CTN
CTN
NRM

7.2006
8.2006
9.2006
10.2006
11.2006

NRM

12.2006

CCMP
KTHC
KTHC
CSRM

13.2006
14.2006
15.2006
16.2006

CCMP

17.2006

IEM
CTN

18.2006
19.2006

CCMP

20.2006

SIEV

21.2006

CCMP

22.2006

NRM

23.2006

NRM

24.2006

SIEV

25.2006

SIEV

26.2006

KTHC

27.2006

CCMP

28.2006

IEM

29.2006

KTHC
ETA

30.2006
31.2006

IEM

32.2006

NRM

33.2006

CTN

34.2006

IEM
ETA

35.2006
36.2006

Anna ALBERINI: Determinants and Effects on Property Values of Participation in Voluntary Cleanup Programs:
The Case of Colorado
Valentina BOSETTI, Carlo CARRARO and Marzio GALEOTTI: Stabilisation Targets, Technical Change and the
Macroeconomic Costs of Climate Change Control
Roberto ROSON: Introducing Imperfect Competition in CGE Models: Technical Aspects and Implications
Sergio VERGALLI: The Role of Community in Migration Dynamics
Fabio GRAZI, Jeroen C.J.M. van den BERGH and Piet RIETVELD: Modeling Spatial Sustainability: Spatial
Welfare Economics versus Ecological Footprint
Olivier DESCHENES and Michael GREENSTONE: The Economic Impacts of Climate Change: Evidence from
Agricultural Profits and Random Fluctuations in Weather
Michele MORETTO and Paola VALBONESE: Firm Regulation and Profit-Sharing: A Real Option Approach
Anna ALBERINI and Aline CHIABAI: Discount Rates in Risk v. Money and Money v. Money Tradeoffs
Jon X. EGUIA: United We Vote
Shao CHIN SUNG and Dinko DIMITRO: A Taxonomy of Myopic Stability Concepts for Hedonic Games
Fabio CERINA (lxxviii): Tourism Specialization and Sustainability: A Long-Run Policy Analysis
Valentina BOSETTI, Mariaester CASSINELLI and Alessandro LANZA (lxxviii): Benchmarking in Tourism
Destination, Keeping in Mind the Sustainable Paradigm
Jens HORBACH: Determinants of Environmental Innovation – New Evidence from German Panel Data Sources
Fabio SABATINI: Social Capital, Public Spending and the Quality of Economic Development: The Case of Italy
Fabio SABATINI: The Empirics of Social Capital and Economic Development: A Critical Perspective
Giuseppe DI VITA: Corruption, Exogenous Changes in Incentives and Deterrence
Rob B. DELLINK and Marjan W. HOFKES: The Timing of National Greenhouse Gas Emission Reductions in
the Presence of Other Environmental Policies
Philippe QUIRION: Distributional Impacts of Energy-Efficiency Certificates Vs. Taxes and Standards
Somdeb LAHIRI: A Weak Bargaining Set for Contract Choice Problems
Massimiliano MAZZANTI and Roberto ZOBOLI: Examining the Factors Influencing Environmental
Innovations
Y. Hossein FARZIN and Ken-ICHI AKAO: Non-pecuniary Work Incentive and Labor Supply
Marzio GALEOTTI, Matteo MANERA and Alessandro LANZA: On the Robustness of Robustness Checks of the
Environmental Kuznets Curve
Y. Hossein FARZIN and Ken-ICHI AKAO: When is it Optimal to Exhaust a Resource in a Finite Time?
Y. Hossein FARZIN and Ken-ICHI AKAO: Non-pecuniary Value of Employment and Natural Resource
Extinction
Lucia VERGANO and Paulo A.L.D. NUNES: Analysis and Evaluation of Ecosystem Resilience: An Economic
Perspective
Danny CAMPBELL, W. George HUTCHINSON and Riccardo SCARPA: Using Discrete Choice Experiments to
Derive Individual-Specific WTP Estimates for Landscape Improvements under Agri-Environmental Schemes
Evidence from the Rural Environment Protection Scheme in Ireland
Vincent M. OTTO, Timo KUOSMANEN and Ekko C. van IERLAND: Estimating Feedback Effect in Technical
Change: A Frontier Approach
Giovanni BELLA: Uniqueness and Indeterminacy of Equilibria in a Model with Polluting Emissions
Alessandro COLOGNI and Matteo MANERA: The Asymmetric Effects of Oil Shocks on Output Growth: A
Markov-Switching Analysis for the G-7 Countries
Fabio SABATINI: Social Capital and Labour Productivity in Italy
Andrea GALLICE (lxxix): Predicting one Shot Play in 2x2 Games Using Beliefs Based on Minimax Regret
Andrea BIGANO and Paul SHEEHAN: Assessing the Risk of Oil Spills in the Mediterranean: the Case of the
Route from the Black Sea to Italy
Rinaldo BRAU and Davide CAO (lxxviii): Uncovering the Macrostructure of Tourists’ Preferences. A Choice
Experiment Analysis of Tourism Demand to Sardinia
Parkash CHANDER and Henry TULKENS: Cooperation, Stability and Self-Enforcement in International
Environmental Agreements: A Conceptual Discussion
Valeria COSTANTINI and Salvatore MONNI: Environment, Human Development and Economic Growth
Ariel RUBINSTEIN (lxxix): Instinctive and Cognitive Reasoning: A Study of Response Times

ETA

37.2006

ETA

38.2006

ETA

39.2006

CCMP

40.2006

IEM

41.2006

CCMP

42.2006

KTHC

43.2006

CCMP

44.2006

SIEV

45.2006

NRM

46.2006

KTHC

47.2006

KTHC

48.2006

KTHC

49.2006

KTHC

50.2006

KTHC

51.2006

KTHC

52.2006

KTHC
KTHC

53.2006
54.2006

KTHC

55.2006

KTHC

56.2006

KTHC

57.2006

KTHC
KTHC

58.2006
59.2006

KTHC

60.2006

KTHC

61.2006

KTHC

62.2006

KTHC

63.2006

KTHC

64.2006

KTHC

65.2006

KTHC

66.2006

KTHC

67.2006

KTHC

68.2006

KTHC

69.2006

KTHC

70.2006

ETA

71.2006

CTN

72.2006

CTN

73.2006

CTN

74.2006

Maria SALGADO (lxxix): Choosing to Have Less Choice
Justina A.V. FISCHER and Benno TORGLER: Does Envy Destroy Social Fundamentals? The Impact of Relative
Income Position on Social Capital
Benno TORGLER, Sascha L. SCHMIDT and Bruno S. FREY: Relative Income Position and Performance: An
Empirical Panel Analysis
Alberto GAGO, Xavier LABANDEIRA, Fidel PICOS And Miguel RODRÍGUEZ: Taxing Tourism In Spain:
Results and Recommendations
Karl van BIERVLIET, Dirk Le ROY and Paulo A.L.D. NUNES: An Accidental Oil Spill Along the Belgian
Coast: Results from a CV Study
Rolf GOLOMBEK and Michael HOEL: Endogenous Technology and Tradable Emission Quotas
Giulio CAINELLI and Donato IACOBUCCI: The Role of Agglomeration and Technology in Shaping Firm
Strategy and Organization
Alvaro CALZADILLA, Francesco PAULI and Roberto ROSON: Climate Change and Extreme Events: An
Assessment of Economic Implications
M.E. KRAGT, P.C. ROEBELING and A. RUIJS: Effects of Great Barrier Reef Degradation on Recreational
Demand: A Contingent Behaviour Approach
C. GIUPPONI, R. CAMERA, A. FASSIO, A. LASUT, J. MYSIAK and A. SGOBBI: Network Analysis, Creative
System Modelling and DecisionSupport: The NetSyMoD Approach
Walter F. LALICH (lxxx): Measurement and Spatial Effects of the Immigrant Created Cultural Diversity in
Sydney
Elena PASPALANOVA (lxxx): Cultural Diversity Determining the Memory of a Controversial Social Event
Ugo GASPARINO, Barbara DEL CORPO and Dino PINELLI (lxxx): Perceived Diversity of Complex
Environmental Systems: Multidimensional Measurement and Synthetic Indicators
Aleksandra HAUKE (lxxx): Impact of Cultural Differences on Knowledge Transfer in British, Hungarian and
Polish Enterprises
Katherine MARQUAND FORSYTH and Vanja M. K. STENIUS (lxxx): The Challenges of Data Comparison and
Varied European Concepts of Diversity
Gianmarco I.P. OTTAVIANO and Giovanni PERI (lxxx): Rethinking the Gains from Immigration: Theory and
Evidence from the U.S.
Monica BARNI (lxxx): From Statistical to Geolinguistic Data: Mapping and Measuring Linguistic Diversity
Lucia TAJOLI and Lucia DE BENEDICTIS (lxxx): Economic Integration and Similarity in Trade Structures
Suzanna CHAN (lxxx): “God’s Little Acre” and “Belfast Chinatown”: Diversity and Ethnic Place Identity in
Belfast
Diana PETKOVA (lxxx): Cultural Diversity in People’s Attitudes and Perceptions
John J. BETANCUR (lxxx): From Outsiders to On-Paper Equals to Cultural Curiosities? The Trajectory of
Diversity in the USA
Kiflemariam HAMDE (lxxx): Cultural Diversity A Glimpse Over the Current Debate in Sweden
Emilio GREGORI (lxxx): Indicators of Migrants’ Socio-Professional Integration
Christa-Maria LERM HAYES (lxxx): Unity in Diversity Through Art? Joseph Beuys’ Models of Cultural
Dialogue
Sara VERTOMMEN and Albert MARTENS (lxxx): Ethnic Minorities Rewarded: Ethnostratification on the Wage
Market in Belgium
Nicola GENOVESE and Maria Grazia LA SPADA (lxxx): Diversity and Pluralism: An Economist's View
Carla BAGNA (lxxx): Italian Schools and New Linguistic Minorities: Nationality Vs. Plurilingualism. Which
Ways and Methodologies for Mapping these Contexts?
Vedran OMANOVIĆ (lxxx): Understanding “Diversity in Organizations” Paradigmatically and Methodologically
Mila PASPALANOVA (lxxx): Identifying and Assessing the Development of Populations of Undocumented
Migrants: The Case of Undocumented Poles and Bulgarians in Brussels
Roberto ALZETTA (lxxx): Diversities in Diversity: Exploring Moroccan Migrants’ Livelihood in Genoa
Monika SEDENKOVA and Jiri HORAK (lxxx): Multivariate and Multicriteria Evaluation of Labour Market
Situation
Dirk JACOBS and Andrea REA (lxxx): Construction and Import of Ethnic Categorisations: “Allochthones” in
The Netherlands and Belgium
Eric M. USLANER (lxxx): Does Diversity Drive Down Trust?
Paula MOTA SANTOS and João BORGES DE SOUSA (lxxx): Visibility & Invisibility of Communities in Urban
Systems
Rinaldo BRAU and Matteo LIPPI BRUNI: Eliciting the Demand for Long Term Care Coverage: A Discrete
Choice Modelling Analysis
Dinko DIMITROV and Claus-JOCHEN HAAKE: Coalition Formation in Simple Games: The Semistrict Core
Ottorino CHILLEM, Benedetto GUI and Lorenzo ROCCO: On The Economic Value of Repeated Interactions
Under Adverse Selection
Sylvain BEAL and Nicolas QUÉROU: Bounded Rationality and Repeated Network Formation

(lxxviii) This paper was presented at the Second International Conference on "Tourism and Sustainable
Economic Development - Macro and Micro Economic Issues" jointly organised by CRENoS (Università
di Cagliari and Sassari, Italy) and Fondazione Eni Enrico Mattei, Italy, and supported by the World Bank,
Chia, Italy, 16-17 September 2005.
(lxxix) This paper was presented at the International Workshop on "Economic Theory and Experimental
Economics" jointly organised by SET (Center for advanced Studies in Economic Theory, University of
Milano-Bicocca) and Fondazione Eni Enrico Mattei, Italy, Milan, 20-23 November 2005. The Workshop
was co-sponsored by CISEPS (Center for Interdisciplinary Studies in Economics and Social Sciences,
University of Milan-Bicocca).
(lxxx) This paper was presented at the First EURODIV Conference “Understanding diversity: Mapping
and measuring”, held in Milan on 26-27 January 2006 and supported by the Marie Curie Series of
Conferences “Cultural Diversity in Europe: a Series of Conferences.

2006 SERIES
CCMP

Climate Change Modelling and Policy (Editor: Marzio Galeotti )

SIEV

Sustainability Indicators and Environmental Valuation (Editor: Anna Alberini)

NRM

Natural Resources Management (Editor: Carlo Giupponi)

KTHC

Knowledge, Technology, Human Capital (Editor: Gianmarco Ottaviano)

IEM

International Energy Markets (Editor: Anil Markandya)

CSRM

Corporate Social Responsibility and Sustainable Management (Editor: Sabina Ratti)

PRCG

Privatisation Regulation Corporate Governance (Editor: Bernardo Bortolotti)

ETA

Economic Theory and Applications (Editor: Carlo Carraro)

CTN

Coalition Theory Network

