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Abstract

This paper investigates the relationship betwe&E®'’s social network, firm identity,
and firm performance. There are two competing tlesothat predict contradictory
outcomes. Following social network theory, one wioekpect a positive relation between
social networks and firm performance, while agetiggory in general and Bebchuk’s
managerial power approach in particular predictegative relationship between social
networks and firm performance. Based on a new amdpcehensive measure of CEOs
social networks, we observe for 363 non-financiah$ in the UK that the size of a
CEO'’s social network affects firm performance negdy. Even so, growth companies
are actively seeking CEOs with a large social nétwwhich is in line with the social
network theory. Still, we find evidence in suppoftthe argument that well-connected
CEOs use the power they obtain through their soo&tivork to the detriment of
shareholders.

Keywords CEO, boards of directors, social network, accmgnperformance.
JEL classification: G34, L25, Z13



1. Introduction

Popular prejudice sometimes suggests that CEOs taedt jobs through
connections made on the golf course rather thaugr outstanding performance on the
job; hence that it is more important who you kndwart what you know. Such a biased
selection process would run counter the best meaf board nomination committees
and violate the spirit of the various corporate ggoance reforms around the world. It
would ultimately damage the performance of the fikhfe aim to establish empirically
whether this popular belief can be disregarded pspallar myth, or if it is indeed a fair
reflection of reality. In particular, we want to derstand under which circumstances
boards find it important for CEOs to have accessdoial networks, and whether the
board structure has any influence on the socialomt characteristics of the CEOs they
choose. Ultimately, we are interested to know wéettell-connected CEOs are a benefit
or a cost to the companies they manage. An answdhrig question is of much wider
policy relevance, as any underperformance will poivards a corporate governance
failure in either the selection or subsequent nooimg process of the CEO, or both.

Our empirical analysis is based on two competirepties — the social network
theory and Bebchuk’s agency theory based managaoiaer approach — that predict
contradictory results for the relation between aboetwork and performance. With this
paper, we aim to shed light on and validate eitifethe two theories on the prevailing
impact of a CEQO'’s social network on the firm. Iheet, we follow the recommendation
of Karl Popper (1959, p. 108), and “choose the mhashich best holds its own in
competition with other theories; the one which, fatural selection, proves itself the
fittest to survive”. Following social network thggrone would predict a positive relation
between social networks and firm performance, stheenetworks improve the flow of
information and the exchange of know-how, thus cady information asymmetries
among managers. In contrast, agency theory prediatggative relationship between
social networks and firm performance, as socialnegations lead to lower monitoring
and more freedoms for the manager, which she waskertadvantage, and the detriment
of shareholders’ wealth.



It is paramount to the success of any firm thatrlde select the best person to be
CEO. This requires an unbiased selection procelsresmthe board chooses — amongst
other things — the optimal level of social netwesposure of a CEO. It is important that
a board does not allow itself to cloud its choioe & new CEO by social influence
activity from board members or others outside tih@.fIn fact, corporate governance
rules and criteria establish institutions and séadsl that should lead to an unbiased
selection process of the CEO, as well as other ugxec and non-executive board
members.

With this empirical paper - based on data from B&3based non-financial firms
and a comprehensive measure of social network€@'€- we aim to turn fiction about
the role of social networks into facts about itpartance in the selection process, as well
as its ultimate impact on firm performance. Henoethis paper we ask ourselves two
distinctly different research questions. In thstfiive aim to understand the determinants
of CEO selection, hence what are the propertiesdsdaok for in a new CEO. Second,
once they have been appointed, we want to under$taw the access to social networks
affects the performance of the firm.

We find that a CEQO’s large social network has aatigg impact on firm
performance. We also show that innovative high-ghosompanies actively choose well-
connected people as CEOs, likely in anticipaticat tier social networks provide support
in the innovation process. In contrast, highly laged firms choose CEOs with a small
social network, possibly because boards believedbeally unconnected leaders might
be better in managing these firms under pressareohclusion, we find evidence in
support of Bebchuk’s managerial power approach amie that managers use their
social network to the detriment of shareholders.

This paper is organized as follows: the next sectaviews the literature on social
networks, while Section 3 outlines the two compgtiheories on social networks and
develops the corresponding hypotheses on how itldhaffect the firm. Section 4
describes the data and methodology, and SectiomeSepts the results. Section 6

concludes.



2. Literature

Research into the social network effect on boamksdack more than 20 years,
focusing initially on board interlocks, which cergd on analyzing the phenomenon that
CEOs sit on each other boards’ and so form a ssoallal network. According to one
point of view, these interlocks are beneficial lasyt allow the diffusion of innovations
through which a variety of policies and practices spread across firms (e.g., Davis,
1991; Mizruchi, 1992; Palmer, Jennings and Zho@®@31%estphal and Zajac, 1997). In
contrast, there is the reciprocity of favors argomasserting that CEOs protect each
other on their respective boards, are only accdlmttp themselves, and so tend to be
protected from the disciplining forces of the marikgseem, 1984). Westphal and Zajac
(1996) argue that these interlocks lead to seHedigin of board members, with the
equilibrium outcomes of powerful CEOs selectingspas outside directors, or powerful
boards selecting a CEO with a reputation for attim@onitoring management. However,
interlock research has its clear limitations, wotie of the main concerns being that “its
primary focus [is] on the effect of direct tiesretational embeddedness on firm behavior
to the exclusion of more distant network ties oudural embeddedness” (Gulati and
Westphal, 1999, p. 473).

Recently, another strand of the literature emertped focused on establishing
whether social networks exist on corporate bodfdsexample, Davist al. (2003) study
the structure of the corporate elite network in tH& during the 1980s and 1990s. They
concentrate on the degree of clustering, the lenftthe paths connecting any given
directors, as well as the stability of the observedwork! They find a remarkable
stability of the network over the years they studgspite considerable changes in both
the role of the commercial banks and corporate g@aree rules affecting boardrooms.
The elimination of important market ‘players’ - suas bankers - from the network has
not altered the general characteristic of the ndkwbhey also observe a high degree of

! path-length is measured as the number of diredtwsards) required to create a link between two
directors (firms). Clustering is ‘the proportion pdssible ties among actors that are realized’ iDatval.
2003, p. 316), and network stability is seen asdiébgree of change to path-length and clustering thee
years.



clustering and short average path-lengths (botlitations of a small world phenomenon
on boards; see below for more details). They cateclthat networks appear to be
universal, and affect the whole cross-section ofcd®@panies.

Robins and Alexander (2004) use ‘affiliation’ netk® i.e. networks
distinguishing between individuals and boards dfermdint types of social entities, to
establish whether a small world effect exists oartie. This is the case once they can
observe clusters of board members that are welhexded amongst each other, but also
have good links to other groups. Based on data fhasiralia and the USA for 1996,
they establish that the small world effect “is skdpnore by decisions by some (not all)
company boards to appoint moderate to high numifeirsterlockers as directors, rather
than by certain interlockers seeking to be on uallglarge numbers of boards” (p. 84).
In other words, they find different outcomes foe ttompany-to-company and director-
to-director networks, with more evidence of smadrld characteristics in the former
than the latter. These results are in line withearensive body of research on the small
world effect, that in summary confirms the exiseraf social networks on corporate
boards (for a good overview of the literature oa #mall world effect see Uzeit al.
(2007)).

Conyon and Muldoon (2006a) examine large sampléstbf boards and directors
for the USA, UK and Germany. They use a similarrapph to Newmaet al. (2001) to
derive theoretically expected values, which thegntlcompare to their small world
statistics without having to generate random graphsy conclude that even though the
small world phenomenon exists between boards efcttirs, they cannot find evidence
for “clubby” behaviour in the boardroom. In othepmds, there is no more systematic
structure, no stronger tendency towards ‘smallndssh one should expect to find by
chance (p. 21). In a companion paper, Conyon anidddn (2006b) establish that ‘busy’
outside directors sit on boards with other outsitiectors, but find no statistically
significant indication of exclusive networks amonG&Os.

Bebchuket al. (2007) argue that CEO centrality, hence the nedatnportance of
the CEO vs. the management team, has a negativacingm firm performance. This
means, the more power and importance the CEO hatts the top management team,

the less the firm ranks on a number of performandieators.



We aim to fill a gap in the literature by puttinget CEO, and not the board, at the
centre stage of our analysis. We expand the liuezaby establishing whether certain
board and firm characteristics influence the ch@c€EO in terms of her social network
structure, and ask ourselves if a CEQO’s social agtvdoes create value for the firm, or
not. In addition, by relying on a novel and mordistic measure of social network, we

can measure the impact of social network much meeisely than previous studies.

3. Theory and Hypotheses

Deter minants of CEO Selection

How do social networks influence the work of examitand outside directors?
Sociology based social network theory argues tluakers frequently locate jobs through
friends and relatives rather than through the gpbrmarket (Granovetter, 1973, 1974).
Subsequent research developed the idea that sed catbak ties are relatively more
important in relaying valuable and suitable jobeodf more frequently than strong ties,
and that a matching process through weak ties pergar to an open market process
(Granovetter, 1983 and Montgomery, 1992). Strormpédies are those ones with family
and close friends, and indicative of a group ofy\&@milar personalities and background
(e.g. same jobs, neighborhoods, alumni connectiolhs)a result, a group of people
connected by strong social ties will have accessirtolar information, with each new
member only making a marginal contribution to tiheug’s information base. In contrast,
people with whom only weak social links exist midpet able to provide new information,
which is of much higher value to the group (Strawiilz, 2004).

As a result, weak ties are playing an importané rial transmitting information
through organizations in particular, and societg@meral. This exposes the weakness of
measuring social integration through board intés$pcas board interlocks primarily
represent current strong ties. It ignores weak tesvell as ties formed through previous
interactions - some of which might date back maegrg. This means that by measuring
board interlocks, the information exchange and wation capacity of social networks
might be widely underestimated. A holistic measafesocial network exposure of a



CEOQO, like the one used in this paper, is theref@eessary to estimate the information
exchange through weak links.

Organizations typically innovate — with the aimco¢ating new products based on
re-configured existing technologies, or newly depeld technologies — by increasing
both their depth and breadth of the knowledge Ik deploying it in new directions
(Tushman and Anderson, 2004). Having exposure giroveak links to a diverse set of
people with different backgrounds and technicalegtipe increases the knowledge base,
and thus provides a fertile ground for product anacess innovations. It also offers the
necessary support for the managerial challengee¢onfigure the firm so that it can
exploit the fruits of its innovation. It is thereéoimportant that a CEO of an innovative
company, which are typically also high-growth firnies access to a large number of
weak ties. This should provide her with the diverdermation necessary to foster and
accelerate the innovation process and quality withe firm. In conclusion, we anticipate
that boards of innovative high-growth companies artvely searching for and hiring

CEOs with access to a large social network. Theeefee hypothesize that:

Hi:  High-growth firms hire well-connected CEO’s.

The corporate finance literature generally assuthat higher level of debt can
act as a disciplining devise for managers, asciteimses the likelihood of bankruptcies,
which are particularly costly for managers (Tiro2006). High levels of debt are
normally a sign of firms under stress, but are alstively used by Private Equity houses
and other active investors as a form of corporateemance devise. In both cases, these
highly leveraged firms normally aim to restructuheir operation, close loss-making
lines of business, and (re-)focus on profitabletgpaf the operation. There is normally
little need for risky innovation during such restiuring periods, but instead for focused
and diligent execution of the restructuring plare Werefore predict that boards choose a
CEO that has these capabilities and so hypothésite

H,:  Firms under stress (high leverage) will hire ised CEQO’s with only a

small social network.
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CEO Connectedness and Firm Perfor mance

As we have outlined above, access to social netaitolkvs for a quick transfer of
expertise and best practices between connectedepeod companies, which in turn
enables it to exploit new opportunities (Geletkanyt al, 2001). Exploiting new
opportunities will give the CEO the chance to grine company by either developing
new products through product innovation, or gainiagcompetitive advantage in
producing existing products through process inrnowmat This improved innovation
process will lead to new opportunities for the fimmd a subsequent growth of the firm’s
turnover. In addition, a CEO’s social network casphto ‘open doors’ and push sales.
There is indicating in the prior literature thaetdirectors’, albeit not the CEQO’s, social
network has an impact on the sales of companidsdiaver to the public sector. For
example, Agrawal and Knoeber (2001) illustrate hpditically connected directors can
help their companies attract government contr&ased on the assumption that the CEO

promotes her company’s interests, we predict that:

Hs:  The size of a CEO social network has a positifleieénce on sales growth

A well-documented argument, which stems from agehewry, points towards a
negative relationship between social networkingboard level and firm performance.
This argument is based on the premise that direa@aploit the inherent information
asymmetry to pursue their own wealth maximizatidsectives to the detriment of
shareholders’ wealth. Over the years, a signifitisertature has developed that addresses
the impact of a board’s social network on the fgntorporate governance practices.
Hallock (1997), for example, finds that the payJ8 CEOs who sit in interlocked boards
is on average higher than the pay of CEOs who atéminterlocked boards. He also
reports high levels of interlocking for his sampfdarge US firms; the interlocked firms
range from 8% to 20% of the total sample dependimghe definition of interlocks. Fich
and White (2003), again on US data, find that Iotking between boards tends to
increase CEO compensation and decrease CEO turridwey interpret their results as a

consequence of entrenchment. They, however, fagdt@ablish a significant relation
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between directors’ interlocking and firm performanEich and Shivdasani (2006), using
a different measure of networking, namely the nundfedirectorships held by outside
directors, find that ‘busy boards’ are associatétt weak corporate governance and low
sensitivity of CEO turnover to firm performance. garticular, they report insignificant
differences in the CEO turnover sensitivity betwéeisy and insider dominated boards.
They also present a negative and significant matiip between firm accounting
performance and the existence of busy outside tdrecBarnea and Guedj (2006) find a
strong positive relation between connected boardk GEO compensation, even after
controlling for observed and unobserved firm andOCg&haracteristics (i.e. geographic
location of the firm; interlocked, busy and entieed boards; different governance
measures, etc). It is important to point out, thgubat the literature has not established a
clear relationship between directors’ interlockisngd CEO total compensation (see for
example Coreet al, 1999). In addition, the literature has failed dstablish a clear
relationship between outside director independeasc@n indicator of governance and
firm performance (for a review on this topic seeralin and Weisbach, 2003).

Kramarz and Thesmar (2006) analyzing the issu@agbknetworks for a French
sample observe that social networks affect bothbth&d composition and corporate
governance policies. In particular, they find thaimpanies with a well-connected former
civil servant as CEO have worse accounting perfageand are more likely to employ
other ex-government employees on their boards. €lleesnpanies also have lower
sensitivity between CEO turnover and performanoeaddition, the CEOs who came
from the civil service are more likely to hold adés positions in other firms, which leads
to the likelihood of holding multiple board seaiis 42% of all cases vs. 12% for non-
civil servants). In support, Nguyen-Dang (2005) woents that once the CEO and other
board members share the same social circle, urndenmeng CEOs are less likely to be
fired. If nevertheless these CEOs are ousted fhaimn position, they are then more likely
to find a good position afterwards. However, thereboth empirical and theoretical
evidence that points towards this being a genemalblem across boards, and not an
isolated French phenomenon. McDonald and West@@83, p. 7) have pointed out that
“network ties to individuals who are similar on isat demographic characteristics,

including functional background, are more likely faxcilitate the exchange of social
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support”. Westphal and Milton (2000, p. 373) arghat those social network ties that
were formed across different boards will lead tartgularly high levels of social

cohesion”, and so to strong group identity thatvigles social support and protection,
which allows CEOs to exploit their position to tiietriment of shareholders. Following

this strand of literature, we predict that:

Hs.  The size of a CEQ’s social network has a negatmpact on firm

performance

4, Method

Sample and Data

Based on a comprehensive sample of UK FTSE-250 FRRSE-Small Cap
companies in 2005, we collected our social netwar&rporate governance and
ownership information from BoardEx database. Board&vers all FTSE-250 companies
and 227 out of 332 FTSE-Small Cap companies. Wleviotcommon practice in the
corporate governance literature and exclude firsdricms. This gives us a final sample
of 363 firms with an aggregate market value of £2idon at the end of December
2005.

From BoardEx we collected data on the employmestbhy for all CEOs in the
sample, as well as data on CEO tenure, CEO/Chairchamiity, and the size and
independence of the board of directors. We soumsambunting data from Thomson
Financial Datastream, collecting data on accounpegormance, leverage, size, and
growth opportunities. We measure accounting, andnasket returns since they are less
noisy and capture more directly the impact of CHfore— although we acknowledge
that they might be subject to managerial manipohaHambrick and Finkelstein, 1995).
We measure firm performance in terms of return guitg (ROE) and return on assets
(ROA), as in Corest al (1999).

Our analysis is based on UK data, which in term$adrd standards are very

comparable to the US. Both countries have a untiagrd, and both countries require the

13



nomination committee to comprise of outside directmly. The countries differ in that it
is common in the US to have a joint Chairman andfCBxecutive, whereas in the UK
these two positions are commonly split. The resoltshis UK based research are
therefore almost perfectly transferable to the US.

Variables

The CEO networking variable constitutes a cumuéathariable measuring the
total number of dyads with which this person haareth the board either of a public
company or of other (e.g. non-profit) organizatiofts calculates direct ties created
through all CEO appointments, i.e. both executimd aon-executive, but not indirect
ties, i.e. ties thamight have developed through a third director servingoth boards.
Our more holistic measure of social network encasspa not just the dyad interlock but
a more realistic measure of a person’s connectamassed over the lifetime. It is
empirically calculated, based on individual CEO arat firm level datd and is not
dependent upon theoretically estimated benchmakksrbndom or bipartite graphs as
commonly used in the existing literature (Robinsl #lexander, 2004). As previously
pointed out, our variable allows a much more pee@stimation of a person’s social
network.

Given that our main variable on social networkscignulative restricts our
investigation to a one-year cross-sectional anslydowever, this will only marginally
affect our results, as the year-to-year changesoofal networks are small; therefore
using panel data would be of limited value onlytlasre is no significant time series
variation in the dependent variable. Our measur€E® social networks is a significant
improvement to comparative measures previously usele literature, i.e. interlocking
and busy boards, as it depicts more accuratelyctbss-sectional variation of the

personal networks of each CEO in our sample. Itiquéar, it incorporates the weak

2 The measure of indirect networks has previousntiecluded into empirical studies. In such case, t
directors A and B from different boards are constdeconnected just because another director @rsitse
boards of both A and B. Whether A and B actuallpwreach other, which will allow them to exchange
information, know-how etc, is not examined by sowdasures.

% Firm level measures are likely to overemphasise rtatworking effect since they calculate (and treat
equally) ties of any member of the board, execudivé non-executive, to the boards of other comaihie
Barnea and Guedj (2006) the binary “links” variatalkes the value of one for any tie of any memli¢h®
board to other firms.

14



links, which are — as we have discussed above -pasficular importance for the
transformation and collection of diverse informati@nd are essential to the innovation
process.

We also use the information on CEOs previous enmpéy to construct an
individual industry dependence variable that allows to investigate the nature of
networks. This variable is a binary one, getting ttalue of one (zero) if the previous
employment of the CEO was in a firm in the samdfdent) industry. By previous
employment, we mean any type of executive, manalgemd rank and file employment
apart from outside director positions. We exclude toutside director type of
employment as this does not necessarily requirénaeed provide, industry specific
knowledge or expertise. We predict a negative iclabetween networking and career
path; a CEO that has spent most of her time walninndustry will have less chances of
creating a large network (number of direct ties).

CEO tenure is measured as the number of years H@ Ras retained this
position. Finally, CEO/Chairman duality is strongdgicouraged in the Combined Code;
we measure it using a binary variable that is orfeenever the different roles are
separated, zero otherwise.

Regarding financial indicators, we measure firmediy Total Assets (TA)and
leverage as the ratio of Total Debt to Total Equitie expect networking to be positively
related to firm size. As larger firms attract betteanagerial talent, we assume that this
would lead to a better supply of high-quality odésdirectorships (Fich, 2005).

As an indicator of growth opportunities we use ithigo of Market to Book Value
(MtB), and measure realized growth opportunitiestarms of sales growth. We also
collect data on ownership blocks, and report bbéhrtumber of major shareholders with

an ownership block above 3%, and their aggregateeoship stake.

* As robustness check we have also used marketlisgiton as a firm size proxy. All regression fesu
are qualitatively the same and the networking-perémce relationship even more statistically sigaifit
(untabulated results).
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Analysis

We rely on one and two-stage regressions to eshatiie relationship between a
CEO’s social network and firm characteristics, 8mg on the descriptive statistics to
examine the extent and structure of CEO networkhénUK market. Looking at the
descriptive statistics, we are especially inteksteidentifying industry and size effects
to give us more insights and understanding howethesworks are developed.

In order to test our determinants of CEO selectiamfun linear OLS regressions;
the dependent variable is our measure of CEO n&imgprThe independent ones consist
of corporate governance quality indicators and, suess for firm leverage and growth
opportunities (MtB), and a number of other firm gfie controls. We argue that firms
with certain characteristics look for CEOs with tparar distinct features, and not the

other way around. Therefore, the two models usedsufollows:

NW=a; +; CG +y; CC +¢ (1)
and NW=q, +ﬁ2 CP +v2 CG +6, CC +¢ (2),

where NW (Network) is our measure of CEO networki@gs is a vector of
corporate governance variables including CEO tensiee of the board of directors,
independence of the board and CEO/Chairman du&igy;is a vector of firm specific
variables including leverage and growth opportesitias well as FTSE index
membership, and firm size. The variable CP thateappindependently in the second
model is our indicator of career paths, i.e. pragiemployment within the industry.

To test for the impact of CEO connectedness on fiemiormance, we utilize two
different methodologies, measures of performanceeakas different performance time
scales. In the first step, we analyze the impaet GEO’s social network on sales growth,

relying on a simple OLS regression of the type:

S=(13+[33NW+'Y3CG+83CC+8 (3),
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where S is the dependent variable and takes Jelifféorms. In model 1, we use
the unadjusted net sales growth for the year. Tépendent variable in model 2 is the
industry adjusted net sales growth for the yeaerehs in model 3 is a binary one, taking
the value of one (zero) for above (below) industvgrage growth in net sales.

In a second step, we analyse the impact of netwgrkon accounting
performance. We initiate our analysis by usingdm®LS regressions; the initial model

is:
M =04 4 NW +y,4 CG +04 CC +¢ (4),

where 1 is the contemporaneous performance measured eting on equity
(ROE) and return on assets (ROA). Everything edséeifined as in model 1. However,
model 4 is conceptually weak for two reasons. Fitstcause of the described
endogeneity issue between networking and corpagaternancé. This consequently
means that our NW variable is conditioned on the W&Gtor; therefore treating these
variables as independent contradicts models 1 arffe@ond, there is an endogeneity
issue between firm performance and networking ¢hanot be resolved in the context of
model 4. In particular, by using model 4, we ondgame the real direction of causality
between our measure of networking and the accaypenformance variables we utilize.
Even though we predict that networking drives penfance, there is also the argument
that performance can change networking. Fich (200Sgrves that CEOs are more likely
to obtain outside directorships when the compatiey manage perform well. We
follow Fich and Shivdasani (2006) and also test timverse’ relationship as a robustness

check.

® The issue of non-independence between the nemgead CG variables also affects model 3. Therefore
as a robustness check, we have also run a 2SLSsedgn for the Sales Growth model to account fist th
The results remain qualitatively the same (untabdlaesults). Note that this 2SLS regression isasahe
one described in equations 5.1 and 5.2 sincenvti€lear whether the “direction of causality” plein also
applies here.
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We present two methodological solutions to deahliese problems. The first is
theoretically robust and deals with both issuestrorad above. We create a system of

equations and run a two stage least square regnesdithe following arrangement:

NW=a; + B,M+y,CG+J,CC+¢ (5.1)

MN=a, + BNW +,CC+¢ (5.2)

Model 5.1 is the equivalent of model 1 but with fpemance as an added
independent variable to control for the inversatrtehship. In model 5.2 we use the fitted
values of NW to test the relation between netwagland performance.

An alternative way to deal with the endogeneitybbem is to use long term,
instead of contemporaneous, performance. In thée @& use a five-year performance
averag® which coincides with the average CEO tenure in sample. Therefore, the

model becomes:

M_5y =c7 +B7 NW +y7 CG +3; CC +¢ (6)

5. Results

Descriptive Statistics

The 363 firms in our sample are operating in 27#ed#nt industries. Most
prominent is the Service sector that accounts forenthan 25% of all firms in our
sample, followed by Retailing (just above 9%), Gamgion (7.7%) and Media (7.2%).
For the full list of the sector distribution, pleasee appendix 1.

In respect to CEO connectedness, the average CEfdrisample established
76.98 (median: 35) boardroom links over her corfliéetime, ranging from 90 (47.5)

® Our measure of networking is a cumulative one;utating the direct ties developed by the CEO dnesr
corporate lifetime. Therefore, 5 years of connewiaill only have a marginal effect on the overall
number. Using a 5 years performance horizon estasia more balanced measure of performance, and is
in line with the average CEO tenure in our sampkea result, we believe that the benefits of using-
matching time horizons outweigh possible drawbacks.
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ties for the average CEO of a FTSE-250 company}t(26) for the equivalent of a FTSE
Small Cap company. These results reflect the faatt larger firms have bigger boards,
but also that larger firms can attract and affoettdr managerial talent (see the analysis
in the previous section).

As far as career paths are concerned, 78% of tli@s@ere previously employed
within the same industry, but 22% changed the sedioe career path variable is not
significantly different for FTSE-250 and FTSE Sm@lhp companies, which indicates
that any variation in this variable is driven bydustry and not size effect. CEOs of
smaller firms have significantly longer tenure (6.gears) when compared with the
tenure of the CEO of FTSE-250 firms (4.61 yeard)isTis consistent with the idea of
higher mobility between more talented human capitas incompatible though with the
idea of higher retention rates in bigger firms, vehthe value of the marginal managerial
product is greater (Baker and Hall, 2004). As faroar other measures of corporate
governance quality indicators (board independemceGEO duality) are concerned, the
larger FTSE-250 firms perform significantly bettean do the smaller companies in our
sample. In addition, the FTSE-250 firms do not gigantly differ in respect to leverage
and market-to-book ratio, but outperform the smaitempanies when measured by both
ROE and ROA (even though the differences are lesaopinced when adjusting for
outliers in our sample). This is not the case tougterms of sales growth, where the
differences between the two sub-samples appearetstdtistically insignificant. We
finally note that there are significant differendetween mean and median values for the
non-binary variables presented in Table 2. To comsate for this, we transform — in line
with Aggarwal and Samwick (1999) — these varialldigsranking the results along the
cumulative distribution function (CDF).

(Insert Table 1 about here)

We observe substantial industry variation in respecCEO social networking.

The picture depicted in appendix 2 is consistenhthe argument that sectors that are

" The CDF is obtained by ranking the observationasecending order, based on the value of the variabl
from 1 to the sample size, subtracting 1, and digdby the sample size minus 1.
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more specialized have less connected CEOs, as Gp€dd their career within narrow
sectors and have fewer opportunities to build gp@al network (as we will see below).
Indeed, we some exceptions in Aerospace & IT Hardwae observe below median
values for industries such as Chemicals, Electrénk€lectrical Equipment, Health, Oil
& Gas and Pharmaceuticals, while Automobiles & ®arteisure & Hotels,
Telecommunication Services and Transport employ €8@h above median social
networks. We also observe considerable industrjatran among the career paths of
CEOs. We find a significant negative correlatiotwmsen career path and social network
of the CEO, which means that — as we would expe@EOs that work within one
industry only are considerably less connected thaee that also take jobs outside their
industry. However, it is interesting to see thaghy specialized sectors like Chemicals,
Oil & Gas and Pharmaceuticals & Biotechnology dr@&Os with highly diverse and
industry unspecific career paths, while Automob#e®arts, Construction, Engineering
& Machinery and Transport hire CEOs from within.eTHI Hardware sector has an
above average career paths; this is consistent tw¢hidea that in specialized sectors
CEO recruiting is done from within the industrygsgppendix 3).

Table 2 below depicts the correlation matrix amoérigs various variables we
employ in this study. Thereby, board size is pwslyi related to firm size~ 40%,
depending on the firm size measure), as the vanmasures of size and performance are
correlated with each other, and — as reported abaereer path and social network are

negatively and significantly correlated.

(Insert Table 2 about here)

Deter minants of Networking

In support of hypothesis 1, we observe that boafdsigh growth companies,
measured by a high MTB ratio, are actively seagHor well-connected CEOs when
making their hiring decision. Boards value the &eithtformation exchange, and so better
innovation abilities, of well-connected managers] actively selecting them as CEOs.

This argument finds support by Fich (2005), whouasgy that firms with growth
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opportunities want to attract managerial talentvaitiot of exposure to the outside world,
which in turn is positively correlated with netwaorg.

Following the theoretical argument that forms thesid of hypothesis 2, we
establish a negative relation between financiatlage and a CEQO’s social network.
High gearing of the firm leads to higher risk ofnkeuptcy, which in turn focuses the
minds of managers on restructuring the firm androwimg its financial position. Boards
of these firms select a CEO with a small socialvoek. The benefit of hiring a focused
manager with few other commitments appears to bee nmportant than the ability to
innovate.

On a side note, we observe that the size of a CEB0O&Gal network is not
randomly determined, as is suggested in parts efstitial networks literature, but is
dependent on a career progression factor. Tableel@wbdepicts the corresponding
results. The first model represents the base mawigh the second one controlling

additionally for a CEO career path.

(Insert Table 3 about here)

In addition, we observe no relation between CEQurenand CEO’s social
network. This is in contrast to Nguyen-Dang (2008t documented a positive relation
for France, and leads us to believe (although antlasively, as we have no information
about the quality of the social circle) that CE@sthe UK do not receive protection
against dismissal from their social network.

As expected, we find a positive relationship betw€&O networking and board
size. We were puzzled though to find, after cotitrglfor firm size, a positive relation
between a CEQ'’s social network and board indeparedereasured in terms of the ratio
of outside directors. This result is in line witketagency theory based managerial power
approach put forward by Bebchek al. (2002). This theory argues that outside directors
are not truly independent of the CEO since theyeanployed and remunerated by her.
Following this (arguably cynical) line of argumettijs would imply the perception that
well-connected CEOSs use their ties to bring a highto of ‘independent’ directors, and

use their control to deceive the public by givilg impression of a high-value board.
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This explanation implicitly also casts doubts oe #ffectiveness of the definition of
independenc®. Finally, we observe a statistically insignificamelation between

networking and the ownership variables. It app#zasthe existence of blockholders, i.e.
shareholders with a significant stake in the comgpam the ownership structure of the

firm does not affect the size of the CEO network.

CEO Networksand Firm Performance

In this paper, we base our analysis of firm perfamoe on both sales growth and
accounting performance. When analysing sales graaviti basing our analysis on three
different measures of sales growth, we find no ifiant relationship between sales
growth and a CEQ'’s social network. Therefore, weehta reject Hypothesis 3. This is an
important finding, as it raises considerable dowbiether well-connected CEOs can
either add to the innovation process within thenfior open, to a significant degree,
doors and help in the sales process. In any caSEQis social network does not seem to
have a beneficial impact on the firm's sales pentmmce, which challenges the very
assumption under which boards hire well-connect&D€ Surprisingly though, we
could establish a negative, and for two out ofttiree measures significant, relationship
between board independence and sales growth. $\pthint, we can only speculate about
possible reasons for this result. One possibleaggtion is that outside directors prevent
managers from pursuing additional but unprofitgbigects.

(Insert Table 4 about here)

8 According to the Higgs (2003) report: “A non-exaeatdirector is considered independent when the
board determines that the director is independenharacter and judgement and there are no resdijos

or circumstances which could affect, or appeaffecy the director’s judgement.” (p. 37)

The relationships are defined as: former emplokiaging material business relationship with the canyp
has received or receives additional remuneratiomfthe company; has close family ties with anyhef t
company’s advisers, directors or senior employbek]s cross-directorships or has significant linkih
other directors through involvement in other comiparor bodiesrepresents a significant shareholder; has
served on the board for more than ten years.

Even though cross-directorships are mentioneddbesfis on current ties. There is no provisionxdcele
outsiders who held cross-directorships in previgears. So even though such provisions appear &r oth
relationships, i.e. a former employee must wait foryears after the contract was terminated to be
considered independent, they are ignored for alosstorships.
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When analysing the influence of a CEO’s social mekwon firm accounting
performance, we establish a significant negatilaionship. The results are depicted in
Table 5 below. Models 1 and 2 are, because of tidegeneity issues discussed above,
reported for completeness only. Models 3-6 sohase¢hissues. For both our measures of
performance, ROE and ROA, and after using two diffe methodologies, 2SLS and a
long-term measure of performance, we establishrtegative impact of a CEQO’s social
network on accounting performance. In conclusioa fwd robust evidence in support of
hypothesis 4. In other words, we find that well-ceated CEOs do not use their ties to
improve firm performance, i.e. in the interest loéit shareholders. On the contrary, the
effort they put into building their networks seetasharm the accounting performance of
their firms. This result is supportive of the maeagl power approach advanced by
Bebchuket al. (2002). Again, it challenges the very assumptiadars which firms hire
well connected CEOs. To be certain that these tsebold for both the high-growth, and
more mature low-growth firms (as only high-growthms have a particular preference
for well-connected CEOSs), we stratified our samgoe in a second step analyzed high-
growth firms in isolation. We were able to estdbles negative, and for our long-term
performance measure highly significant, impact ofCBO’s social network on the
performance of the company (untabulated resultsis €learly shows that agency costs
outweigh the benefits of a CEQO’s social networkd dénat even for this sub-group of
high-growth companies’ boards overestimate the fiteref social networks.

In line with our results on sales growth, we esgiba significant negative impact
of board independence on accounting performance& @ussible explanation is that
board independence leads to higher risk aversiotheffirm, and indicates that the
legislative push for higher board independenceumaistended negative consequences for
the firm. Another explanation is that independentsme directors are ineffective

monitors.

(Insert Table 5 about here)
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0. Conclusions and Discussions

This paper aims to establish whether in the mdkeCEOs it is ‘more important
who you know than what you know’, and — in casehdbiased selection process exists -
whether this is to the benefit or detriment of shaiders. In addition, we want to
understand whether access to social networks impartant trait boards look for when
choosing a new CEO. Unfortunately, the theoreticatlels do provide little guidance in
this respect. While particular sociologists andamigational behaviour scholars regularly
point towards the positive dimensions of socialvoeks, economists and other scholars
closely related to the field follow a more cynicaéw and argue that CEOs use their
social network to extract private rents from thenfithey manage to the detriment of
shareholders.

In summary, our results appear to be at first sigtmtradictory as we find
evidence in support of both theories. On the omedhand in support of the agency
theorists, we were able to establish that a CE@gelaocial network has a negative
impact on accounting performance. Our results atk tobust to different specifications
and highly statistically significant, and are baseda innovative new measure of CEO
ties, which takes into account the cumulative nundedirect ties developed by a CEO
during her corporate lifetime. The CEO seems talile to extract private benefits to the
detriment of shareholders, which is in support ebéhuck’set al. (2002) managerial
power approach. The CEOs appear to use the poweseaurity they gain from having
access to a large social network for their own beregher than the benefit of the firm.

In addition, we find further evidence in supporttbé agency theorists, as firms
with higher leverage appoint CEOs with a signifitrmsmaller social network. In
particular, the corporate finance literature esséleld that debt acts as a credible
disciplining devise for managers, as it increashe tikelihood of bankruptcy.
Bankruptcies are costly for managers, as they laacgensiderable negative impact on
their human capital (Tirole, 2006). For our cades timplies that boards expect less
connected CEOs to be more focused and diligent alsadexpect them to be better able
to provide superior leadership to the firm in tinoésstress. In the trade-off between the
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benefits of hiring a CEO with access to social meks or the benefits of a focused
manager, pressured boards clearly value focusamesrss to social networks.

In contrast to our results on the impact on pertoroe, we find that growth
companies with high market-to-book ratios activeliypose CEOs with access to a large
social network. This result supports the sociolisgisvho point out the beneficial
dimension of social networks for innovative higlogth companies. It seems that
nomination committees believe that the benefithafing a well-connected CEO at the
helm outweigh the associated agency costs. Howesxewere able to establish that even
for high-growth companies, the CEO’s access toasoatwork has a negative impact on
firm performance. In contrast, we do not find amydence that a well-connected CEO
would be able to increase the sales of the compé@hg. above evidence leads us to
believe that nomination committees seem to underat¢ the agency costs of social
networks, and in addition possibly overestimatelteeefits of access to a social network
in generating new growth possibilities.

The results on performance and leverage have iapomnplications. Focusing
for another minute on the issue of leverage, orssipte explanation is that companies
that are under pressure from the high debt burdemare likely to focus on exploitation
of existing processes rather than exploration @f peoducts and processes. This implies
that exploration is only a viable strategy for fgrthat are not under stress, and so have
the freedom of not being dependent on the payounhmdvative projects. Rationally
acting boards choose their CEOs accordingly. Thelgcs well-connected CEOs for
innovative high-growth companies and less-connectees otherwise. However, the
significant negative impact of social networks amfperformance indicates that boards
systematically overestimate the value of socialvoets when hiring a new CEO, or that
the expected benefits never materialize as boaitisof monitor highly connected CEO
adequately. Unlike research based on US and Fideitee we do not find any evidence
that CEOs receive protection against dismissal ftbheir social network. At this point,
we can only speculate about how connected CEOsogestlue. It is not unreasonable to
assume, though, that the costs of maintaining teesial networks outweigh the benefits
for the firm, with most of the benefits being acmluprivately by the CEO (e.g. through
higher social status). In conclusion, our resultidate that in the Karl Popper’s tradition
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of competition of theories, agency theory seemsetbest suited to fit the data. They are

winning the argument over the social network theteri
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Table 1 Descriptive Statistics

This table presents the descriptive statistics wf sampled variables. These are presented for tiwewsample as well as
separately for FTSE-250 and FTSE Small Cap comstitcompanies. The last column provides informabanthe statistical
significance of the mean differences between tleesub-samples. Networking is a cumulative variaialeulating the direct ties
the CEO has developed during her corporate lifeti@&reer Path is a binary variable taking the vatiene if the CEO’s
previous employment was within the same industeyp zotherwise. CEO Age shows the age of the CE@alandar years.
Tenure is the number of years the CEO has retdiredurrent position. SOB is the size of the boardasuring the number of
all directors sitting on the board. 10B is the ipdadence of the board measure, which is calcukmettie ratio of independent
directors to board size. Duality is a dummy vagataking the value of one if the roles of CEO arwhi@nan are split, zero
otherwise. Major Shareholders shows the numbemhafeholders with stakes in the company above thet8&shold. Major
Shareholdings shows the cumulative percentage wfyeip the hands of the major shareholders. Ma¥katie is the end of year
market capitalization. Total Assets is the valu@a abmpany’s assets for 2005. Leverage is the oéfimtal Debt to Total Equity
and MtB is the ratio of Market to Book Value. Salésyr Growth shows the percentage growth in netssaliring the year. The
Return on Equity (ROE) and Return on Assets (RQ#jual figures are in percentages. Details on taiulation can be found

in the paper (section 3). Obs. is the number oEnlaions per category. Any variation in the numbkobservations is due to
missing data.

Overall FTSE 250 FTSE Small Cap
Variables Obs Mean Median Obs Mean Median Obs Medvledian Mean_ Dif.
Networking 363 76.98 35 180 90.05 47.50 183 64.13 1 2 25.92*
Career Path 363 0.78 1 180  0.80 1 183  0.76 1 0.04
(dummy)
CEO Age 351 50.85 51 174 51.30 52 177 50.41 50 0.89
Tenure (inyears) 363  5.11 4 180 4.61 3 183 5.61 4 -0.99*
SOB 363 8.59 8 180 9.20 9 183  7.99 8 1.20%**
OB 363 0.54 0.56 180 0.56 0.57 183 053 0.50 0.03*
Duality (dummy) 363  0.92 1 180 0.95 1 183  0.90 1 0.05**
Major Fkk
Shareholders (#) 345 5.44 5 169 5.07 5 176  5.79 6 -0.72
Major

Shareholdings 343 3850 39.50 169 33.79 31.6 174  43.06 4490 T7¥®:2
(cumulative %)

Market Value

(& mil 363 562 332 180 946 715 183 184 148 762%%
(TEOL";‘:I)ASSGIS 361 656 305 178 1142 806 183 188 137 953k
Leverage 361 081 045 178 078 060 183 0.84  0.18 0.06
MtB 361 8142 339 178 9733 267 183 6595  3.63 31.37
(S(,Z;es lyrGrowth 502 5011 832 176 1475 804 181 2534  8.68 -10.59
ROE (%) 344 1886 15.15 170 26.30 17.33 174 1159 1228 714,
ROA (%) 361 6.17 672 178 826 694 183 415  6.40 4,115
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Table 2 Correlation Matrix

This table presents the correlation coefficients &t the variables used in this study. Networkisga cumulative variable calculating the direcsttbe CEO has
developed during her corporate lifetime. CareehFag binary variable taking the value of onenh ICEQ’s previous employment was within the sandeistry, zero
otherwise. CEO Age shows the age of the CEO imdaleyears. Tenure is the number of years the C&dtained her current position. SOB is the sfzbeboard,
measuring the number of all directors sitting am Itloard. IOB is the independence of the board measthich is calculated as the ratio of independimeictors to board
size. Duality is a dummy variable taking the vahfeone if the roles of CEO and Chairman are spkt,o otherwise. Major Shareholders shows the nurober
shareholders with stakes in the company abovehéhBeshold. Major Shareholdings shows the cunudagiercentage of equity in the hands of the mdjareholders.
Market Value is the end of year market capital@atiTotal Assets is the value of a company’s adeet2005. Leverage is the ratio of Total Debt wtal Equity and
MtB is the ratio of Market to Book Value. Sales_f. @rowth shows the percentage growth in net saleimgl the year. The Return on Equity (ROE) and Retin
Assets (ROA) annual figures are in percentagesaiBain their calculation can be found in the pggsection 3). ROE_5y and ROA_5y are five year ayesdor ROE
and ROA.

, Career CEO . Major Major
Networking Path Age Tenure  SOB 108 Duality Shareholders Shareholdings

Networking 1.000
Career Path -0.220 1.000
CEO Age -0.069 0.009 1.000
Tenure -0.015 0.078 0.210  1.000
sSoB 0.195 0.019 0.110  -0.042 1.000
OB 0.103 -0.078 -0.060  -0.075 -0.240 1.000
Duality -0.011 0.023 -0.186  -0.202 0.093 0.096  1.000
Major -0.033 0.148 0031 0100 -0.060 0.044 0.123 1.000
Shareholders
Major -0.076 0.119 0.017  0.048 -0.033 -0.102 -0.059 0.550 1.000
Shareholdings
Market Value  0.213 0.004 0.094  -0.101 0.407 0.102 0.062 -0.225 0.243
Total Assets ~ 0.195 -0.039 0.093  -0.118 0.398 0.099 0.088 -0.215 -0.272
Leverage 0.016 -0.123 -0.004  -0.069 0.026 -0.042 0.067 9.08 -0.071
MtB -0.045 -0.083 -0.047  -0.055 -0.060 -0.012 0.038 96.0 0.105
éfc')evjt&yr -0.079 0107  -0.032 0051 0008 -0.032 -0.203 66.0 -0.072
ROE -0.009 -0.046 0.018  -0.008 -0.112 -0.003 0.006 49.1 -0.107
ROA -0.024 0.048 0.074  0.095 -0.107 -0.092 -0.073 ©.13 -0.092
ROE_5y -0.090 0.071 0.006  0.050 0.072 -0.050 -0.055 -0.063 -0.109
ROA_5y -0.186 0.075 0.125 0121 -0.013 -0.146 -0.099 0.10 -0.083

Continued...
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Continued...

'\\/'/erl'jzt ATSOStZ‘{S Leverage MtB Sé‘r'g\fv tlhyr ROE ROA ROE 5y ROA 5y
Networking
Career Path
CEO Age
Tenure
SOB
[0]2]
Duality
Major
Shareholders
Major
Shareholdings
Market Value 1.000
Total Assets 0.799 1.000
Leverage 0.092 0.188 1.000
MtB -0.039 -0.074 0.591 1.000
Sales 1yr
Growth -0.027 -0.074 -0.068  -0.093 1.000
ROE 0.073 -0.037 0.390 0.502 0.121 1.000
ROA 0.122 -0.023 -0.031 0.057 0.159 0.449 1.000
ROE_5y 0.169 0.112 0.027 -0.137 -0.008 0.417 0.358 1.000

ROA_5y 0.114 0.056 0.025 -0.216 0.069 0.402 0.625 0.561 0001.




Table 3 CEO Networking Determinants

This table presents the regression results ondterminants of CEO networking. The dependent
variable is CEO Networking, which is a cumulativegiable calculating the direct ties the CEO
has developed during her corporate lifetime. CaRegh is a binary variable taking the value of
one if the CEQ'’s previous employment was within siaene industry, zero otherwise. CEO Age
shows the age of the CEO in calendar years. Taauhe number of years the CEO has retained
her current position. SOB is the size of the boardasuring the number of all directors sitting
on the board. 10B is the independence of the bosdsure, which is calculated as the ratio of
independent directors to board size. Duality isuenchy variable taking the value of one if the
roles of CEO and Chairman are split, zero otherwiégjor Shareholders shows the number of
shareholders with stakes in the company above ¥hdhBeshold. Major Shareholdings shows
the cumulative percentage of equity in the handshef major shareholders. FTSE-250 is a
binary variable taking the value of one (zero)hié tCEO works for a FTSE-250 (FTSE Small
Cap) company. Total Assets is the value of a colyisaassets for 2005. Leverage is the ratio of
Total Debt to Total Equity and MtB is the ratioMfrket to Book Value. We use the cumulative
distribution function (CDF) to treat outliers, i.Metworking, Total Assets, Leverage, MtB. In
order to calculate CDF the observations for eactablke are ranked; the ranks are transformed
so that they lie uniformly between zero and onethBmodels include industry dummies.
Asterisks indicate significance at 10% (*), 5% (*3nd 1% (***) levels. We calculate
heteroskedastisity robust standard errors.

Dependent Variable CDF NW
Predicted_sign (1) (2)
Career Path -0.182%**
i i (-5.35)
CEO Age + -0.002 -0.002
(-0.81) (-0.76)
Tenure 5 0.003 0.004
' (0.99) (1.28)
SOB + 0.030*** 0.029***
(3.02) (3.18)
I0B 0.246*** 0.217**
i (2.57) (2.36)
Duality -0.092 -0.075
i (-1.52) (-1.33)
Major Shareholders + 0.001 0.005
(0.18) (0.68)
Major Shareholdings -0.001 -0.001
i (-1.00) (-1.05)
FTSE 250 + -0.048 -0.023
(-1.03) (-0.52)
CDF_Total Assets + 0.486*** 0.456***
4.77) (4.61)
CDF_Leverage -0.130** -0.144**
i (-1.99) (-2.26)
CDF_MtB 5 0.257*** 0.252%**
' (4.57) (4.65)
_cons 0.072 0.181
(0.38) (1.01)
Industry Dummies YES YES
Observations 342 342
R? (%) 31.97 38.14

F 5.18 7.26




Table 4 CEO Networking and Sales Growth

This table presents the regression results onfieet@f CEO networking on sales growth. The degemdariable in model 1
is the unadjusted net sales growth for the yeae. dépendent variable in model 2 is the industrystdfl net sales growth for
the year. The dependent variable in model 3 iwarione, taking the value of one (zero) for ab@edow) industry average
growth in net sales. CEO Networking is a cumulatregiable calculating the direct ties the CEO heasgetbped during her
corporate lifetime. CEO Age shows the age of th©Qfcalendar years. Tenure is the number of yiber€EO has retained
her current position. SOB is the size of the boanéasuring the number of all directors sitting ba board. IOB is the
independence of the board measure, which is caémlibes the ratio of independent directors to beare. Duality is a dummy
variable taking the value of one if the roles of @CBNnd Chairman are split, zero otherwise. Majorr&alders shows the
number of shareholders with stakes in the compdve the 3% threshold. Major Shareholdings showesciiimulative
percentage of equity in the hands of the majoredi@ders. FTSE-250 is a binary variable takingvhlele of one (zero) if the
CEO works for a FTSE-250 (FTSE Small Cap) compdmyal Assets is the value of a company’s asset2005. Leverage
is the ratio of Total Debt to Total Equity and MiBthe ratio of Market to Book Value. We use thenalative distribution
function (CDF) to treat outliers, i.e. Sales, Netiwng, Total Assets, Leverage, MtB. In order toccddte CDF the
observations for each variable are ranked; thesramk& transformed so that they lie uniformly betweero and one. Both
models include industry dummies. Asterisks indicsigmificance at 10% (*), 5% (**) and 1% (***) lel® We calculate
heteroskedastisity robust standard errors. Anyatian in the number of observations is due to missiata.

Dependent Variable CDF_Sales Growth CDF_Sales Growth Sales Growth
(1 year) (1 year - Industry adjusted) (1 year - dummy)
CDF_NW -0.061 -0.079 -0.117
(-1.00) (-1.23) (-1.08)
CEO Age -0.004* -0.001 -0.002
(-1.69) (-0.32) (-0.48)
Tenure 0.007** 0.003 0.004
(2.25) (0.98) (0.83)
SOB 0.007 -0.006 -0.007
(0.78) (-0.57) (-0.44)
I0B -0.150 -0.232** -0.456**
(-1.44) (-2.24) (-2.41)
Duality -0.111 -0.042 -0.024
(-1.55) (-0.57) (-0.20)
Major Shareholders 0.005 -0.009 -0.016
(0.69) (-1.09) (-1.14)
Major Shareholdings -0.003*** -0.001 -0.002
(-2.62) (-1.24) (-1.20)
FTSE 250 0.143*** 0.086* 0.123
(3.07) (1.72) (1.42)
CDF_Total Assets -0.326*** -0.109 -0.178
(-2.84) (-0.89) (-0.85)
CDF_Leverage 0.024 -0.007 -0.097
(0.38) (-0.11) (-0.83)
CDF_MtB -0.026 -0.085 -0.069
(-0.40) (-1.30) (-0.60)
_cons 1.005*** 0.950*** 1.180%***
(5.68) (5.13) (3.75)
Observations 338 338 342
R? (%) 10.96 6.92 6.37
F 3.98 2.35 1.93

Table 5 CEO Networking and Accounting Performance

This table presents the regression results onrtigaét of CEO networking to firm accounting performme. The dependent
variable is performance, measured by either ROROA and/or their five year averages. CEO Networkimga cumulative



variable calculating the direct ties the CEO hasettgped during her corporate lifetime. CEO Age shdhe age of the CEO in
calendar years. Tenure is the number of years B@ Bas retained her current position. SOB is the sf the board, measuring
the number of all directors sitting on the boaf@Blis the independence of the board measure, whichlculated as the ratio of
independent directors to board size. Duality isuenchy variable taking the value of one if the rotdsCEO and Chairman are
split, zero otherwise. Major Shareholders showsntin@ber of shareholders with stakes in the compdooye the 3% threshold.
Major Shareholdings shows the cumulative percentfgequity in the hands of the major shareholdERSE-250 is a binary
variable taking the value of one (zero) if the C@rks for a FTSE-250 (FTSE Small Cap) company. TAssets is the value of
a company’s assets for 2005. Leverage is the o&fimtal Debt to Total Equity and MtB is the ratbMarket to Book Value. We
use the cumulative distribution function (CDF) tedt outliers, i.e. ROE, ROA, ROE_5y, ROA 5y, Netking, Total Assets,
Leverage, MtB. In order to calculate CDF the obatons for each variable are ranked; the rankgraresformed so that they lie
uniformly between zero and one.

We apply three different methodologies/specificasioModels 1 and 2 use ordinary least squares (@e@pssion to test the
contemporaneous relationship between performanck reatworking. Models 3 and 4 use two-stage leasargs (2SLS)
regression, whereas models 5 and 6 use OLS butthewdependent variable is long term performancderfs&s indicate
significance at 10% (*), 5% (**) and 1% (***) level We calculate heteroskedastisity robust stanelaads. Any variation in the
number of observations is due to missing data.

Note When using the 2SLS method Stata suppresse®?tivben they are negative. At any rate, Riehas no statistical meaning
in the context of 2SLS/IV and a negatiedoes not mean that our parameter estimates ate wea

OLS_Long Term

Method OLS_Contemporaneous 2SLS
Performance
Dependent Variable CDF_ROE CDF ROA CDF ROE CDF ROALDF ROE5y CDF ROA5y
(1) @ (3) ) (5) (6)
CDF_NW -0.036 -0.080  -1.058***  -1.561*** -0.153** -0.192%**
(-0.61) (-1.33) (-3.15) (-3.86) (-2.15) (-2.79)
CEO Age 0.003 0.003 - - -0.002 -0.001
(1.21) (1.07) (-0.61) (-0.37)
Tenure 0.001 0.004 - - 0.005* 0.007***
(0.54) (1.49) (1.79) (2.83)
SOB -0.014* -0.015* - - 0.003 0.016
(-1.76) (-1.72) (0.32) (1.56)
10B -0.235**  -0.194** - - -0.394*** -0.265**
(-2.45) (-1.93) (-3.35) (-2.29)
Duality -0.014 -0.076 - - -0.097 -0.113
(-0.27) (-1.35) (-1.36) (-1.59)
Major Shareholders -0.004  -0.001 -0.005 -0.001 0.009 0.008
(-0.53) (-0.18) (-0.44) (-0.10) (0.95) (0.92)
Major Shareholdings -0.003*** -0.003***  -0.004**  -0.004** -0.003** -0.003**
(-3.20) (-2.85) (-2.67) (-2.23) (-2.12) (-2.40)
FTSE 250 0.143***  (0.198*** 0.090 0.108 0.221*** 0.253***
(3.10) (3.84) (1.31) (1.28) (3.98) (4.93)
CDF_Total Assets -0.123  -0.285** 0.443* 0.557* -0.189 -0.340**
(-0.95) (-2.01) (1.68) 1.77) (-1.23) (-2.87)
CDF_Leverage -0.048  -0.146* -0.199*  -0.375*** -0.030 -0.035
(-0.60) (-1.85) (-1.71) (-2.80) (-0.34) (-0.46)
CDF_MtB 0.345*** 0.089 0.612**  0.465*** -0.059 -0.222%**
(4.35) (1.20) (4.59) (3.00) (-0.69) (-3.23)
_cons 0.764***  0.855***  (0.853**  1.139%** 1.027%* 1.046%**
(6.19) (5.10) (5.81) (6.13) (5.64) (5.75)
Industry Dummies YES YES YES YES YES YES
Observations 329 342 329 342 278 298
R? (%) 37.30 31.88 39.98 41.99

F 7.65 7.27 5.88 5.62




Appendix 1

Number of Firms in Sample per Industry

Industry Number of Firms Percentage
Aerospace & Defense 8 2.20%
Automobiles & Parts 6 1.65%
Beverages 2 0.55%
Chemicals 5 1.38%
Construction & Building Materials 28 7.71%
Electricity 1 0.28%
Electronic & Electrical Equipment 14 3.86%
Engineering & Machinery 21 5.79%
Food & Drug Retailers 2 0.55%
Food Producers & Processors 9 2.48%
Forestry & Paper 1 0.28%
General Retailers 31 8.54%
Health 11 3.03%
Household Goods & Textiles 6 1.65%
Information Technology Hardware 11 3.03%
Leisure & Hotels 19 5.23%
Media & Entertainment 26 7.16%
Mining 3 0.83%
Oil & Gas 14 3.86%
Personal Care & Household Products 2 0.55%
Pharmaceuticals and Biotechnology 11 3.03%
Real Estate 21 5.79%
Software & Computer Services 28 7.71%
Support Services 56 15.43%
Telecommunication Services 7 1.93%
Transport 19 5.23%
Utilities - Other 1 0.28%

Total Firms/Percentage 363 100.00%




Appendix 2

CEO Networking per Industry

This figure depicts the industry variation of CE@&tworking. We use median values since the
CEO networking variable is skewed. The horizontas ahows the number of CEO direct ties.

The vertical axis crosses the horizontal at theiamedalue of the overall sample (35 ties). The
industries depicted on the left (right) of the ieat axis have median values below (above) the
overall median.
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Appendix 3

Career Path per Industry

This figure depicts the industry variation of CE@r€er Paths. We use average values since the
CEO Career Path variable is a binary one. The boté axis shows the average number of CEO
career paths. The vertical axis crosses the hdafren the average value of the overall sample
(0.78). The industries depicted on the left (righttthe vertical axis have average values below
(above) the overall mean.
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