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Abstract The business ecosystem literature suggests that orchestrators must attract
partners by offering a competitive partner value proposition (PVP). Despite the
importance of attracting sufficient partners, PVP elements have only been viewed
through the orchestrator’s lens. No study has addressed the decision process of
partners or asked how they choose an ecosystem with which to cooperate. We
address this gap through a choice-based conjoint analysis based on actual screening
decisions of partner facilities in German sports aggregation ecosystems. We explore
partner preferences and the attributes that constitute their decisions, documenting
obstacles to ecosystem thinking, heterogeneous preferences among partners, and
the need for a more differentiated view of ecosystem network effects. Our findings
contribute to the understanding of partners’ decision processes and have implications
for orchestrators in developing competitive PVPs.
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Abbreviations

PVP Partner value proposition

CVP Customer value proposition

BE Business ecosystem

Aggregator The orchestrator/focal firm of a sports aggregation ecosystem
Partners Ecosystem participants, contributors, and complementors
WTA Winner-takes-all dynamics

MNL Multinomial logit

HB Hierarchical Bayes
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OLS Ordinary Least Squares
CBC Choice-based Conjoint

1 Introduction

Business ecosystems (BEs) have become a topic of scholarly interest throughout
the global economy (Evans and Schmalensee 2016; Jacobides et al. 2024; Kapoor
2018; Rong et al. 2024). While multiple synonyms for BEs exist, including platform
firms, two-sided markets, innovation and transaction ecosystems (Thomas and Au-
tio, 2020), they describe a set of actors interacting to deliver a joint value proposition
(Adner, 2017). Through the collaborative aspect, ecosystems enable value creation
beyond the individual capacity of each participant (Boudreau, 2012; Dattee et al.,
2023; Jacobides et al., 2018; Kapoor, 2018). BEs bring together different participant
groups, such as partners and customers (Mclntyre et al., 2021), and generally bene-
fit from network effects; the more participants there are, the more attractive joining
becomes, leading to potential winner-takes-all dynamics (WTA) (Armstrong, 2006;
Eisenmann et al., 2006; Inoue, 2019; Pidun et al., 2020, 2022; Rochet & Tirole,
2003). While this effect is best documented for platform firms due to their defini-
tory distinctiveness the logic holds true for the broader Business Ecosystem which
benefits from a higher number of participants on the user or the partner side (Awano
& Tsujimoto, 2022; Inoue, 2019; Krome & Pidun, 2023; Pidun et al., 2020, 2022).

While multiple synonyms for business ecosystems exist, including two-sided mar-
kets, digital and software platforms, and innovation and transaction ecosystems
(Daymond et al., 2023; Martin-Pefa et al., 2024; Wegner et al., 2024), we follow
the logic of Thomas and Autio (2020) and understand the business ecosystem as
a conglomeration of actors that create a clear value proposition targeted at a defined
audience (Adner 2017).

Ecosystems attract users through an attractive customer value proposition (CVP).
However, orchestrators must develop a partner value proposition (PVP) to attract and
retain ecosystem partners (Cennamo, 2018; Krome & Pidun, 2023) that voluntarily
cooperate (Rietveld et al., 2019). Taking Amazon and its marketplace universe as
an example, the CVP clearly depends on the orchestrator’s choice which verticals
to offer on its platform and which quality range to allow for sale (Cennamo, 2018;
Zhou & Song, 2018). Amazon must thus position itself somewhere between a one-
stop shop and a specialist retailer while trading off lower quality range volume
business with high-quality margins. Simultaneously, these decisions influence which
and how many ecosystem partners to allow access to its platform. Fewer vendors
make it easier for Amazon to control products offered and their quality while more
partners make the shopping experience for customers more appealing (Boudreau,
2012). The ease of access contributes to an attractive PVP as do decisions how
tightly Amazon controls partner activity, how it charges them for participation and
how much stability partners are guaranteed (Dushnitsky et al., 2022; Zhou & Song,
2018).

Previous studies have explored different elements of a PVP such as how open and
accessible an ecosystem should be (Boudreau, 2012; Mukhopadhyay et al., 2016;
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Pereira et al., 2019), how to manage the degree of internal competition between
ecosystem participants (Rysman, 2009), how to best distribute value to keep partners
engaged (lansiti & Levien, 2004; Martin et al., 2017; Tiwana, 2014), and how to
generate a compelling offer to attract and retain ecosystem partners (Birkinshaw,
2019; Cennamo, 2018; Cusumano et al., 2019; Rietveld & Schilling, 2021). But
despite the importance of partners in an ecosystem, few studies examined their
strategic decision-making, such as the essential decision of whether to engage in an
ecosystem, and in which one (Iansiti & Levien, 2004; Krome & Pidun, 2023). To
the best of our knowledge, no study addresses how partners approach this strategic
decision for or against a potential ecosystem for cooperation. Understanding how
partners evaluate and trade off different PVP elements is essential, as it allows us to
deduce how orchestrators can further improve their PVP offerings.

Thus, the following research questions guide this study: How do ecosystem part-
ners decide which ecosystems to cooperate with? Which factors are relevant to
decision-making?

To assess how partners consider whether and with which ecosystems to cooper-
ate, we compare decision-making across (potential) partners of sports aggregation
ecosystems. Such an ecosystem comprises three participants: a sports aggregator
(orchestrator), independent physical sports facilities (partners), and individual users
(customers) of sports facilities. The aggregator builds a partner base of sports fa-
cilities that allow external users to access their facilities in return for usage fees.
The aggregator provides this service to customers who pay a monthly subscription
fee for flexible usage of the aggregator’s network of partner facilities!. The part-
ners—independent sports facilities—consider whether they want to participate in
this ecosystem and, if so, with which one of the multiple providers. We used a con-
joint analysis of actual 1410 screening decisions made by 141 real sports facilities
in Germany to analyze this decision. Conjoint analyses more accurately represent
the actual decision behavior and underlying preference structures than post-hoc ap-
proaches such as interviews or questionnaires (Shepherd & Zacharakis, 1999, 2018).
They measure decision preferences conjointly by making tradeoffs between criteria.
This experiment allows us to better understand the decision attributes of partners
and provides the first comparative evaluation of different PVP elements.

The contributions of this study are as follows. First, we identify the set of at-
tributes that partners consider in sports aggregation ecosystems and highlight that
the importance of an attractive PVP is ecosystem-dependent. Second, we show that
partners may not have adopted ecosystem thinking when engaging and may see
ecosystems rather as a source of incremental revenue. Third, we empirically doc-
ument that partners are not homogeneous but that heterogeneous preferences may
require orchestrators to develop a more differentiated PVP. Fourth, our data chal-
lenge the universality of WTA assumptions and highlight the need to differentiate
between network effects on the global and local scales.

The remainder of this paper is organized as follows: Section 2 presents the theo-
retical background of this study. Section 3 explains the research design and sample.

I These customers can be private individuals (B2C) or companies that offer the service as a subsidized
benefit to their employees (B2B).
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Section 4 presents the study’s results, which we discuss in Section 5. Finally, Sec-
tion 6 concludes the paper and highlights areas for future research.

2 Theoretical Background

Transferred from the field of biology, the ecosystem term refers to a group of in-
dependent firms that interact and depend on each other’s activities (Moore, 1999).
These firms are not directed through hierarchical structures or open market mech-
anisms (Rietveld et al., 2019) but instead voluntarily coalesce to create a value
proposition (Adner, 2017; Jacobides et al., 2024). Ecosystems bring together two
or more distinct participant groups (Mclntyre et al., 2021), and the ability to attract
(and retain) participants is an essential success factor. Not only are the right partici-
pants required to contribute their capabilities to the value proposition, but the more
participants, the more opportunities they have to interact (Eisenmann et al., 2006).

This phenomenon describes the network effects? inherent to ecosystems, where an
increase in one participant group creates value for other participant groups (Evans,
2003; Rochet & Tirole, 2003). Network economists argue that network effects are the
main drivers of ecosystem value and success (Armstrong, 2006; Cennamo & Santalo,
2013). The logic that more participants continuously increase the attractiveness of
the ecosystem leads to WTA dynamics (M. L. Katz & Shapiro, 1992), suggesting
that the selected ecosystem will become so popular that it can dominate a market
(Cennamo, 2018; Gawer & Cusumano, 2008).

Thus, attracting participants is a central necessity, but not straightforward (Dush-
nitsky et al., 2022). Orchestrators aim to align participants of multiple groups that
pursue economic self-interest and differ in their characteristics (Adner, 2017; Foss
et al., 2023; MclIntyre et al., 2021; Rietveld et al., 2019)3. Adner (2017) argues that
alignment in which all actors are content with their positions is a major challenge
for an ecosystem. This necessity of aligning and balancing different interests be-
tween participants contrasts ecosystem strategy with traditional strategy, in which
the firm focuses on creating a competitive advantage (Adner, 2006, 2017; Sulich
& Soloducho-Pelc, 2024). While firms previously attracted customers by providing
a competitive and superior CVP, ecosystem orchestrators now face the additional
challenge of attracting the right partners to do so. In addition to the CVP, orches-
trators must provide a PVP that makes the ecosystem relatively more attractive than
competing ecosystems in attracting the best partners (Cennamo, 2018; Krome &
Pidun, 2023).

2 Network effects can arise between participants in their own group (“direct” or “same-side” network
effects), such as in the number of users on a social media platform. Alternatively, they can arise between
different groups (“indirect” or “cross-side”), when the increase of participants in one group creates value
for participants of other groups, such as app developers and app users (Hagiu & Spulber, 2013; Rochet &
Tirole, 2003; Zhu & Iansiti, 2019).

3 The research stream focusing on the “chicken-and-egg-problem” deals with the question of how to attract
different participants groups, and especially what benefits to offer to one group such that they start creating
value for another (Karhu et al. 2020; Parker and van Alstyne 2014; Rochet and Tirole 2003).
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The literature already provides insights into the potential factors that contribute
to an attractive PVP (Hilbolling et al., 2020; Krome & Pidun, 2023; Rietveld &
Schilling, 2021; Rong et al., 2020). Partners are fundamentally economically incen-
tivized (Rietveld et al., 2019); accordingly, their interest in ecosystem participation
depends on their ability to generate revenue. BEs address these challenges by provid-
ing reach, branding power, and scalability to tap into new revenue pools (Cusumano
et al., 2019). The ability to orchestrate innovation enables BEs to monetize hitherto
untapped models, such as the sharing economy (Chen et al., 2019) or notoriously
volatile industries with high levels of uncertainty (Rong et al., 2013). In addition
to accessing new markets, partners can benefit from previously unreached markets;
for example, Jin and Hurd (2018) show that BEs can solve intercultural challenges
and thus provide an effective channel for internationalization. Moreover, BEs have
shifted the focus of competition away from individual competitive (asset) advantages
aimed at gaining market share toward growing the overall market size, implying in-
creased value potential for all participants (Birkinshaw, 2019; Cennamo, 2018).

Apart from the initial motivation to engage in the first place, several other factors
can make ecosystems more appealing. As partners often decide between competing
ecosystems, orchestrators must ensure that they attract partners by creating a more
attractive PVP than their competitors (Cennamo, 2018; Gawer & Cusumano, 2002;
lansiti & Levien, 2004). The general conditions under which partners join and
collaborate within the ecosystem are broadly termed ‘“governance,” and include
mechanisms for control, pricing, and pie-sharing (Altman et al., 2022; Tiwana,
2014), as well as mechanisms to incentivize collaboration and deepen cooperation
among ecosystem participants (Martin et al., 2017). Authors agree that ecosystem
governance is “about ‘pleasing all sides’ [...] as much [as] it is about platform profit-
seeking” (Boudreau & Hagiu, 2009, p. 186), indicating that again a balance of
different factors is needed.

As the first significant governance decision, the orchestrator determines who can
contribute to the ecosystem and what can be contributed. Openness is a key con-
trol mechanism for orchestrators to regulate who can affiliate with the ecosystem
(Boudreau, 2012; Pereira et al., 2019). This access control allows the regulation of
the number of participants and the quality of the offer. When access is easy, the
number of participants increases, making coordination and quality assurance for the
orchestrator more difficult (Gulati et al., 2012; Mukhopadhyay et al., 2016). Access
to ecosystems is important for two reasons. First, partners expect their ecosystems
to provide sufficient customers of the right types (G. Parker et al., 2016). Second,
access regulates the number of (competing) partners an orchestrator allows. Al-
though a higher number of ecosystem partners increases the value of the overall
platform, partners do not value direct competitors that potentially compete for the
same customer attention (Cennamo, 2021; Halaburda et al., 2018).

Besides deciding who contributes to the ecosystem, the orchestrator should en-
sure that partners can monetize the value proposition and successfully satisfy their
revenue ambitions. Consequently, partners value orchestrators’ actions that actively
support them in facilitating transactions. The literature provides various examples
of orchestrator efforts such as active marketing support and promotion (Benlian
et al., 2015; Cennamo & Santal6, 2019; Rietveld et al., 2019), co-branding cam-
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paigns (Wareham et al., 2014), priority listing (T. L. Huber et al., 2017), and quality
assurance and rating systems (Pereira et al., 2019; Rietveld et al., 2020).

In addition to facilitating transactions, ecosystems can strengthen their PVPs by
providing further resources to underline the partnership approach and envisioned
level of cooperation. Orchestrators offer a common platform or basic services (lan-
siti & Levien, 2004), but they can further attract partners by empowering them to
create value and enhance their offerings. For example, orchestrators support by shar-
ing business intelligence in the form of market reports (T. L. Huber et al., 2017),
creating space for collaboration through software documentation (Benlian et al.,
2015), development kits (Eaton et al., 2015), complementor conferences (Foerderer,
2020), forums (Boudreau & Hagiu, 2009), and other support such as business plans
(Hukal et al., 2020) or financing lines (Wareham et al., 2014).

Finally, ecosystems set pricing mechanisms to provide incentives and split value
in the ecosystem. The orchestrator can subsidize partners to attract participants to
the ecosystem and kickstart network effects (Armstrong, 2006; Caillaud & Jullien,
2003; G. G. Parker & Van Alstyne, 2005). In addition, ecosystems can implement
transaction or membership fees to split the value and risks between the participants
and orchestrators (Tiwana, 2014). Eventually, partners react sensibly to changes in
pricing structures, and scholars agree that partners are attracted to well-governed
ecosystems that protect their margins (Gawer, 2014). If partners risk becoming
unprofitable, they are more likely to leave the ecosystem (Zhang & Liang, 2011).

In summary, the literature thematizes the different constituents of an attractive
PVP, including economic factors such as revenue and softer contributors such as on-
going support and provision of resources. Generally, a strong PVP draws from gener-
ating revenue, accessing favored customer types, and providing sufficient ecosystem
resources to engage in innovation, value delivery, and collaborative activities with
other participants. The partners are likely to choose the most promising ecosystem
for long-term success (Evans & Schmalensee, 2016). The literature suggests that
ecosystem size plays a role: the larger the existing base, the more benefits, such
as increased visibility, ecosystem credibility, access to resources, and collaboration
opportunities, and a more extensive customer and revenue base with the poten-
tial for network effects (Gawer & Cusumano, 2014; Iansiti & Levien, 2004; Ritala
et al., 2014). Market positioning is essential, as the willingness to join an ecosys-
tem increases exponentially with its existing base (Boudreau, 2012) and may even
supersede other advantages, such as superior product quality vis-a-vis a comparable
competitor (Zhu & Iansiti, 2012, 2019).

While existing research highlights the different PVP elements that are assumed
to appeal to partners, such studies concentrate on how the orchestrator can opera-
tionalize these elements. Few studies considered the perspective of potential partners
or even assumed their perspective regarding how partners evaluate PVP elements
or select their ecosystems for cooperation (Altman, 2017). This is essential for two
reasons. First, partners act strategically and independently; therefore, it is necessary
to assume their perspectives to understand their strategic choices. Second, while the
constituent PVP elements are known, there is no research on how partners evaluate
or potentially trade-off between these elements. Given the importance of attracting
the right partners for ecosystem success, a thorough understanding of how partners
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select their ecosystem for cooperation will not only shed light on their strategic
thinking but also allows us to evaluate how orchestrators can further improve their
PVP offerings.

3 Methodology

In the following paragraphs, we briefly describe the empirical setting, highlighting
why sports aggregation ecosystems are an ideal setting for our research. Then,
we explain the research design and survey administration process. A flow diagram
(Fig. 1) visualizes the steps followed.

3.1 Empirical Context

We conduct our experiment in the German sports aggregation market, which pro-
vides an appropriate setting for our research questions. Only the collaboration of
three independent participants—the aggregator, individual users of sports facilities,
and physical sports facilities—can realize this value proposition. The aggregator
signs up a network of partner sports facilities that allow external users access in
return for “per-check-in” compensation. Conversely, the aggregator attracts users
by providing access to an appealing partner network for monthly subscription fees.
As such, partners gain access to the aggregator’s additional user pool, and users
benefit from a flexible offer, irrespective of their geographical location. This context
is especially suitable for our question because of the competitive dynamics: multi-
ple ecosystems* coexist, and accordingly, aggregators actively compete for partners.
Active aggregators differ in their attributes and, consequently, in their PVPs. In turn,
sports facilities in the German market are confronted with whether to engage in
a sports aggregation ecosystem, and if so, with which aggregator to cooperate.

3.2 Research Design

In our main study, we conduct an experimental conjoint analysis (Louviere et al.,
2000) to investigate partners’ decision-making behaviors. Conjoint analysis is a type
of discrete choice modeling that appeals to random utility theory (Louviere et al.,
2000; Manski, 1977) purporting that individuals choose from sets of alternatives by
maximizing their perceived utility (Albaladejo-Pina & Diaz-Delfa, 2009). McFad-
den (1974) pioneered the first multinomial logit model (MNL), but Louviere and
Woodworth (1983) later developed choice modeling and first experimental designs.
This technique involves participants making a series of decisions between alterna-
tives in a choice set. The decisions allow the decomposition of the participant’s
preference structure, unveiling how the decision maker trades off the importance of
competing attributes that define the alternatives. This approach uncovers the under-

4 The most prominent ecosystems in the market include: Urban Sports Club, Hansefit, EGYM Wellpass,
Gympass, and Gympool.
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lying preferences as multiple decision criteria are analyzed conjointly and multi-
variately, reflecting the actual decision behavior more accurately.

Conjoint choice experiments are a standard procedure for analyzing preferences
across disciplines (Kraus et al., 2017), such as marketing or transportation (Eggers &
Sattler, 2011), hospitality and tourism products (Crouch & Louviere, 2001), environ-
mental management, retailing and leisure (Adamowicz et al., 1998), and, nowadays,
the field of venture capital or private equity (Ademi et al., 2023; Block et al., 2019;
Wauebker et al., 2015). However, with a few exceptions, such choice experiments
have not been applied to managerial decision-making (Kraus et al., 2017).

Post-hoc approaches, such as interviews or questionnaires, are limited because
they collect information about a decision after it has been made (Shepherd &
Zacharakis, 1999). Conjoint, however, overcomes this limitation as it collects in-
formation as the decision is made, which limits self-reporting and recall biases.
Addressing the inherent doubt of external validity, previous research (e.g. Adamow-
icz et al., 1998; Shepherd & Zacharakis, 2018) supports conjoint studies, as their
data strongly correlate with real-world decision behaviors.

3.2.1 Choice-Based-Conjoint

We use a choice-based conjoint analysis (CBC) in which objects (aggregators®)
characterized by different attributes are evaluated by participants (decision makers
of partner facilities®). Participants are asked to deterministically decide between
multiple hypothetical orchestrator profiles that differ in the characteristics of their
defined attributes but are assumed to be equal for everything else.

Before making the series of choices, we provided all participants with background
information on the study, the attribute characteristics of the choices to be made, and
the decision tasks. To ensure that all participants understood the decision tasks
similarly, we summarized our understanding of orchestrator characteristics in the
introduction. Participants were told that they would be confronted with a choice of
multiple aggregators, between which they could decide on potential cooperation for
their sports facility.

After each choice task, the participants had to indicate whether the alternatives
displayed were attractive or unattractive for cooperation. This “dual-response” re-
places the traditional “None” option and aims at better reflecting the participants’
real choice environment (Johnson & Orme, 2003).

3.2.2 Identification and Derivation of Attributes
Because alternative profiles for the choice experiment are constructed from com-

binations of attributes and levels, a critical aspect is finding appropriate attributes
and respective levels to do so (Hoyos, 2010; Kim & Perdue, 2013). Simultaneously,

5 The orchestrator of the sports aggregation ecosystem builds a partner base of sports facilities to attract
users.

6 The individual (potential) partners of the ecosystem offer access to their facilities to individual end users
through the aggregator.
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the design must be concise, as the size and complexity of the experiment increase
exponentially with an increase in the number of attributes or levels per attribute
(Crouch & Louviere, 2004; Hensher et al., 2005).

We proceed in three steps to identify a set of decision criteria used by facility
owners. First, we derive a list of possible criteria from existing ecosystem research.
Second, we translate these criteria into relevant variables visible in the sports ag-
gregation market and actually used by both aggregators to differentiate and sports
facilities when selecting an ecosystem. Third, we conduct six interviews with indus-
try experts and sales functions of aggregators to identify potentially missing criteria
and narrow the list to a conclusive set. Shepherd and Zacharakis (2018) highlight
that conjoint experiments should reflect the participants’ real-world environments to
guarantee external validity. As such, after piloting the study, we followed up with
industry respondents who confirmed that our final attribute list contained the relevant
attributes used for decision-making in sports aggregation ecosystems and reflected
the actual decision environment.

The identified attributes are (1) partner network of the aggregator, (2) breadth
of product offering, (3) channel, (4) handling/support, (S) risk sharing, (6) revenue
potential, and (7) market position. These criteria are generally in line with factors
mentioned in ecosystem research that contribute to the attractiveness of an ecosystem
from the partner’s perspective’ (Sect. 2, “PVP”). Table 1 summarizes the attributes
and outlines the operationalization, including the levels and descriptions.

3.3 Technical Design Information

Because (potential) partners consider their cooperation decisions holistically, we
employed a full-profile CBC, which means that all attributes regarding the decision
are presented to participants at once. Because all possible combinations of attribute
levels result in too many decision tasks® for one participant, CBC is usually paired
with a “reduced conjoint design” (Chrzan & Orme, 2000). Furthermore, the design
is “asymmetric” because the number of levels differs across the attributes®.

The study generated 300 designs!®, each consisting of seven attributes whose
levels were randomly assigned to three different aggregator profiles. Participants
were asked to select one of the three profiles across 12 choice tasks. While ten of
these tasks were randomly assigned, two were held constant across participants to
allow for testing of test-retest reliability. Figure 2 shows an example of the choice
tasks faced by the participants in various manifestations.

CBC designs can suffer from different types of order effects (Chrzan, 1994),
which can be accounted for in addition to randomly assigning participants to ex-
perimental designs. To mitigate the impact of the (1) order of attributes effect, the

7 Table 2 provides an overview of exemplary literary sources for each topic.
8 Our setup contains 432 combinations.

9 An asymmetric design is aided by a balanced-overlap approach, which is a common design strategy for
CBC studies (e.g. Chrzan & Orme, 2000).

10 The generated 300 possibilities are less than the possible 432 combinations due to the balanced-overlap
approach, which aims to reduce computational effort in conjoint studies (Chrzan & Orme, 2000).
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attribute order within a choice task was randomized across participants and only
kept the same for any one participant. We avoided the impact of (2) order of options
in a choice task effect because the three options within any given choice task were
randomly ordered. Finally, we addressed the (3) order of choice tasks effect as the
choice tasks were randomly ordered in each design.

Before conducting the survey, we tested the design with four potential respon-
dents and four researchers to ensure the study logic, clarity of the tasks, validity
of attributes, and the challenge of the complexity and number of choice tasks to
complete.

3.4 Administration of Survey, Data, and Sample

We used the SSI Web survey to conduct the CBC survey. For ease of use, immediacy,
time-saving, and higher response rates, web-based surveys provide an appropriate
means of collecting data (Caussade et al., 2005). The final questionnaire contained
three sections: (1) background information about the study, (2) respondents’ demo-
graphic data, and (3) 12 choice sets.

Through a German Industry Association (DSSV), we identified fitness facilities
that were willing to assist in distributing the survey through an affiliated specialist
journal. The survey was administered in February 2023 through a newsletter directed

Table 1 Differentiation potential observed along strategic variables

Attribute Attribute levels Attribute description

Partner network of the 1. Nationwide, relatively less Describes the existing geographical

aggregator dense footprint of the network of partner

(3 levels, nominal) 2. Nationwide, urban centers facilities of the aggregator

3. Relatively small and regional

Breadth of product 1. Broad offering Describes the breadth of sport types

offering 2. Concentrated offering currently on offer for the aggregator

(2 levels, ordinal)

Channel of the 1. B2C Describes which end user the

aggregator 2. B2B aggregator channels to the facilities:

(3 levels, nominal) 3 B2B & B2C B2C are private individuals and B2B
are the employees of corporate clients

Handling/support of 1. Aggregator supports Degree to which aggregator supports

the aggregator 2. No support participating partners, e.g., marketing,

(2 levels, nominal) sales, administration

Risk sharing 1. Potential/risk shared with Describes who carries both downside

(2 levels, nominal) aggregator risk and potential upside of fluctuating

2. Potential/risk with aggregator demand
Revenue potential 1. Same or more as existing user Amount of revenue generated per
(3 levels, ordinal) 2. 70-100% of existing user aggregator user compared to existing

3. Less than 70% of existing user users of partner’s facility

Market position of the 1. Top 3 Describes how well-positioned the
aggregator 2. Not top 3 aggregator is in the overall market
(2 levels, ordinal)
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at 8000 facility owners and managers. There were two reminders over the course of
eight weeks. A total of 2258 respondents took part in the request to participate in the
study, of which 249 began with the choice task section. After cleaning our sample
for responses that did not complete all 12 CBC tasks, we retained 141 complete
responses'!. The descriptive statistics for our sample are summarized in Table 3
and 4.

We then apply a Hierarchical Bayes (HB) procedure to calculate the part-worth
utilities for all attribute levels. Historically, conjoint analysis researchers used metric
approaches and ordinary least squares (OLS) regression models to estimate part-
worth utilities. However, HB models, first introduced in 1995 (Allenby & Ginter,
1995; Lenk et al., 1996), gained popularity with the rise of CBC designs. In addition
to OLS, the HB models employ two levels: a lower individual level (beta) and
an upper population level (alpha). This property allows the model to compensate
for missing information at the individual level by “borrowing” information from
the overall population'. This is advantageous because the estimation of individual
part-worth utilities deals with preference heterogeneity problems, which is essential
in fractional factorial designs where OLS approaches may result in less precise

Table 2 Study attributes and relevant references to the ecosystem literature

Attribute Literature references (non-exhaustive)

Partner net-
work of the
aggregator

Breadth of
product offer-
ing

Channel of the
aggregator
Handling/
support of the
aggregator

Risk sharing

Revenue poten-
tial

Market po-
sition of the
aggregator

Discussion of network effects:

Eisenmann et al., 2006; Armstrong, 2006; Cennamo and Santalo, 2013; Zhu and
Iansiti, 2019; Rochet and Tirole 2003; Hagiu and Spulber, 2013; Katz and Shapiro,
1992

Discussion of openness for the channel (customer) and product offer (partner):
Boudreau, 2012; Pereira et al., 2019; Gulati et al., 2012; Mukhopadhyay et al., 2016;
Parker et al., 2016; Rysman, 2009; Cennamo, 2021; Halaburda et al., 2018

Examples of concrete resources:

Cennamo and Santal6, 2019; Benlian et al. 2015; Rietveld et al. 2019; (marketing
support and promotion), Huber et al., 2017 (market reports), Boudreau and Hagiu,
2009 (partner forums), Hukal et al., 2020 (business plans), Wareham et al., 2014
(financing lines)

General governance discussion and ‘pie-sharing’ mechanisms:

Tiwana, 2014; Martin et al., 2017; Gawer and Cusumano, 2002; Cennamo, 2018;
Tansiti and Levien, 2004

Discussion of revenue potential, ecosystem benefits, and partner attractiveness:
Birkinshaw, 2019; Cennamo, 2018; Chen et al., 2019; Rong et al., 2013; Jin and
Hurd, 2018; Cusumano et al., 2019; Rietveld et al., 2019; Gawer, 2014; Zhang and
Liang, 2011

Discussion of network effects and dominant positioning:

Ritala et al., 2014; Gawer and Cusumano, 2014; Katz and Shapiro, 1992; Cennamo
and Santalo, 2013; Iansiti and Levien, 2004; Evans and Schmalensee, 2016

I The individual 141 responses came mostly from non-chain facilities (n=131), suggesting independent
decision-making, while 10 respondents represented chains. Overall, the 141 individual participants repre-
sented 235 facilities for whom the decision data were applicable.

12 Please see Sawtooth Software (2021) for a more detailed description of the Hierarchical Bayes proce-
dure.
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Breadth of product
offering

Amount earned with
an aggregator
customer

Market position of
aggregator

Channel of the
aggregator

Handling/support of
the aggregator

Partner network of
the aggregator

Sharing of
utilization risk

Concentrated offering

Less that 70% of
revenue of existing
customer

Non-top 3

Both, B2C and B2B

Aggregator supports

Nationwide, relatively
less dense

Potential/risk shared
with aggregator

Select

Broad offering

More than or same
revenue as existing
customer

Top 3

B2B
(corporate clients)

Aggregator does not
support

Nationwide, relatively
less dense

Potential/risk carried
by aggregator

Select

Concentrated offering

Between 70 — 100% of
revenue of existing
customer

Top 3

B2C
(private customers)

Aggregator does not
support

Nationwide, urban
focus

Potential/risk carried
by aggregator

Select

Given the choices, would you decide to cooperate with an aggregator?

Fig. 2 Sample choice task from web-based survey

estimates (Lenk et al., 1996; Rossi et al., 2006). We follow the common approach
of applying the HB procedure to calculate the MNL model parameters (Johnson,
2000; Sawtooth Software, Inc., 2021; Train, 2009). HB is the most sophisticated
method for estimating discrete choices in experiments. In addition, Table 5 presents
the results of a simple MNL estimation of part-worth utilities to validate the HB
robustness and for readers who are less acquainted with this method.

4 Results
4.1 Main Results
Our results are based on the responses of 141 participants who completed the survey

fully, resulting in 1410 choice tasks. The main results of our conjoint experiment are
displayed in Tables 5 and 6, which present the analysis of the utility parameters for
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Table 3 Descriptive statistics

Sample characteristics N %
Type of facility

Individual facility 94 67
Chain 10 7
Micro facility 29 21
EMS facility 8 6
Number of facilities represented 235

Location of facility

Small town 39 28
Small city 38 27
Medium-size city 18 13
Large city 46 33
Strategic orientation

Rather short-term 26 18
Rather long-term 110 78
Other 5 4
Target customer group

Broad target group 74 52
Specific/selected target group 67 48
Competitors in proximity

<2 27 19
2-5 53 38
5-10 44 31
>10 17 12
Competitive intensity

Low 35 25
Medium 81 57
High 25 18
Utilization of facility

Low 16 11
Medium 100 71
High 25 18
Growth trajectory

Decreasing member numbers 7 5
Stable 54 38
Increasing member numbers 80 57
Profitability

Low 30 21
Medium 86 61
High 25 18
Existing cooperation with aggregator

Yes, with on 48 34
Yes, with multiple 46 33
No, with none 47 33
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each attribute level and the relative importance'? of the seven attributes in explaining
the observed choices, respectively. The part-worth (utilities) are HB estimates that
detail the average effect of any attribute level on the decision with which aggrega-
tor to cooperate. While positive values indicate higher desirability of an attribute
level, negative values indicate lower desirability. Part-worth utilities are interval data
scaled to zero within each attribute; thus, utilities are not directly comparable across
attributes.

The preferences for the partner network attribute indicate that “relatively small
and regional” networks provide the highest utility and are preferred over other net-
work types, with “nationwide, urban centers” contributing the lowest utility. Simi-
larly, the results for the channel attribute show that the “B2C” user segment con-
tributes the lowest value to overall utility, whereas the “B2B” segment offers the
highest part-worth utility. The attribute revenue potential reflects that making con-
siderably less per aggregator customer compared to existing customers is the least
preferred, and the highest potential is preferred. The level at which facilities earn an
amount comparable to or slightly below what they make with current users seems
relatively indifferent. The preferences for attribute levels related to the support of the
aggregator;, risk sharing, and market position follow a common logic; that is, aggre-
gators that offer support, carry the risk exclusively, and have a good market position
positively impact cooperation decisions. The preference for the last attribute, breadth
of product offering, indicates that partners prefer concentrated offerings over broad
offerings.

Utilities indicate preferences for a given attribute. In comparison, the relative
importance values of the seven attributes (Table 6) indicate how strongly a change
in the level of any attribute affects the total utility of an aggregator’s offering. The
higher the value, the higher is the contribution of the respective attribute to the aggre-
gator ‘s total utility value. To enable a better comparison, the values were normalized
such that the sum of all importance values yielded 100% (e.g. Block et al., 2019).
Overall, we can see that three attributes strongly influence the decisions. Revenue
potential (31%), channel (21%), and partner network (18%) account for approxi-
mately 70% of the overall decision. Among the remaining attributes, support of the
aggregator contributes ~10% of the overall decision, with the remainder accounting
for ~6-7%. We use a two-sided Wilcoxon test for paired samples to assess whether
the differences between the relative importance values are statistically significant.
The approach is a non-parametric test used to analyze differences between measures
of the same sample. It serves as an alternative to the Student’s t-test when the pop-
ulation cannot be assumed to be distributed normally but the data can be ranked
(Neumann et al., 2020). The test shows that the relative importance values for the
four most important attributes differ significantly whereas the difference between
the values is insignificant for the least important attributes. This indicates that, with
decreasing importance for the overall decision, the distinctiveness between attributes
also decreases.

13 The relative importance value is calculated per attribute by taking the range between the highest and
lowest part-worth utility within each attribute and scaling this value to 100 (%) across attributes (Orme,
2010).

@ Springer



1117

Schmalenbach Journal of Business Research (2025) 77:1101-1139

UOISS2I391 ON)SISO] [eTWOUnNIA

[opour sakeq [eSTYOIBITH

v0°0 #xx0€1LS°0~ L8ILY 1~ 68781 1~ 20€81°0 S0200°0 8808¥'1— 1asn SunsIxd Jo 95()L Uey) ST
0ov0°0 €6L20°0 0SLY1°0 €ETPT0 86LTT°0 ¢€100°0 covr10 Josn SunsIXd Jo %001-0L
6£0°0 #xx9LEVS 0 L86EET S0TeE'T 1¥8L1°0 661000 96S¢€’T 1osn FunsTXd s AIOW I0 dwes
puuziod anuanay
8200 #x8€190°0 06S¥1°0 [4Y44%0) 9TLLOO 98000°0 1TPr1°0 Joje3a135e (PIM YSL/[ENUS)0]
101301330
8200 #x8€190°0— 444NVl 06S¥1°0— 9TLLOO 98000°0 1Trr1°0— I pareys JSL/[eRUa3oq
SuLiys ys1y
8200 w5 V88V 10— 08LLE O~ LETBE0— 291800 160000 6S6LE0— yoddns oN
8200 #xxV88V1°0 LETRE0 08LLEO 79180°0 160000 6S6LE°0 sioddns 101832138y
401082.483p 2y fo 140ddnsySunpuvpy
6€0°0 %8T0L00 LSE9T0 §98ST0 TIZIT°0 SC100°0 I119C°0 ocd »® dcd
6€0°0 #x0€STT0 €0LLTO Y10LT0 0CLST0 9L100°0 6S€LT0 dcd
0v0°0 #xx89681°0— 181€S°0— 6SLES 0~ ¥0CeET0 8¥100°0 0LYES 0~ ocd
401032438 2y) Jo jpuuPYy)
8200 LTETO0 09800°0 S1S00°0 CL8LO0O 880000 889000 SuLIRIJO ParRNUAIUOD)
8200 LTETO0— S1S00°0— 09800°0— CTL8LOO 88000°0 88900°0— Suragjo peorg
3uriaffo 1onpoud Jo yippaig
6€0°0 #%x99L61°0 9861%°0 c0EIv0 909S1°0 L1000 917°0 [eUOISRX puE [[ews A[PANE[SY
1700 sxLLYIT 0~ €LS9C 0~ LOTLT O~ E€LITI0 9¢€100°0 0v89C°0— SI2IUAD UBQIN *OpIMUOTEN
asuop
000 68200~ L9SYT 0~ 0S1°0— 1¥801°0 121000 708%1°0— SS9 A[oAIIR[aI ‘OpIm-UOHEN
40JP32433D Y] JO YA0M§dU 1dULID]
uon
IOLIQ pIepuels JUSOYFA0D) quonnqIISIp J0119)50d JO [eAIIUI 95G6 -BIAQD pIEpuUBlS JOIIo pIepue)§ LAUSOYJI0D)

1°0>d 4 60°0>d 45 1070 >d 445 1012321330 1M 91810d002 0] UOISIOAP 10J uonewnsd (INJA) S0 [erwounnw pue (gH) S9ARY [BIIYOIRIAH Y] JO SINSAY S J[qeL

pringer

AR



Schmalenbach Journal of Business Research (2025) 77:1101-1139

1118

(120 ‘@1em1jos rooimes) (sl ao10yd 1od s)deouod aaneurd)[e Jo requunu o) Suraq [ yiim /1) ysey 2o1oyd 10d aqereae
51doouod Jo Ioqunu Ay} AQ PIPIAIP [ ST AN[BA ISIOM ) Pue an[ea 3[qissod 159q ay) ST [ "SYSB) SS0IoE $19puodsal JO SIITOYD JO JaquUNU [210) A} SIIAPAI U IYM POOYIAI] A}
JO 1001 (U ) Funye) Aq pAe[NIEd ST HTY "se910yd  syuapuodsar Sunorpard pue Sunordop A[[eonsifear ur [opour 2 Jo 11 Jo sSaupoos ) sainseaul () POOYIYI] 100,

*$s0001d SuI[[opour 9y} JO SMBIP [[B SSOIOR AIB SIIBWINS JUIIILFI0D )

S[qEI[S1 MOY UOHEDIPUL UE SIALS [BAIJUI DY, “SJUSIOLF0D AU} SJe[nd[ed 0} pasn [949] Jod suesw uonendod uonnquysip J013sod gy uo paseq paJe[no[ed SI [BAINIUL 966 YLy
"S9INQLIE UIIM PAIDUID 0IIZ PUB PIA[BIS [PAIIUT QB SIJBWINSI JUIIOYJA0D) "uwnjod juanbasqns oy ur (9] anqrme 1ad sanfea
(SJUSTIOTFI0D [9POUI JO UOTIBIAP pIepue)s oy re pajrodoy] Surpdures sqqio) woij smelp SUOWE UOTIE[ALIOD ) 29NPAI 0) UOTIE[NI[ED 10J pasn pue 1day sem smeIp 000‘0 JO [¢10)
a1 Jo N0 Yy K193 ATUO ‘(600T) UIRI], AQ PSAB3ns Sy 20uag1oau0d 1aje uonemndod 1oreisod 9y JO SMBIP PIARS AU JO SUBAW ) 0) [enb3 aIe SAIBWINSI JUAOYJI0D Y[,

00T #891~ PoOYI[ayI-30]
6v9°0 o°oN[eA HTY
01l 0I¥1 SUOTIBAISSQO JO JoquInN
8200 ##xxC0160°0— L9EET 0~ w0LET O~ 099L0°0 98000°0 GECET 0~ ¢ doyjoN
8200 ##xxC0160°0 0LETO L9EET0 099L0°0 98000°0 geceT0 ¢ dog,
401032488 Y3 Jo uonyisod 14D
uorn
10119 pIepuels JUSIOYJ0D) quonNqIISIp Joualsod Jo [eAIOIUT %66 -BIAOD pPIEpURIS  IOLIQ pIRpUB]S BlicialiiElve)

uoIssa13a1 oNsISO[ [eruoun[nA

[opou sakeq [BOTYIIRIOTH

(ponupuoD) ¢ IAqEL

pringer

Qs



Schmalenbach Journal of Business Research (2025) 77:1101-1139 1119

Table 6 Average relative importance values of attributes based on Hierarchical Bayes model

Attribute Average Importances Standard deviation z-value
Revenue potential 31.4571 16.7324 —4.992%**
Channel of the aggregator 20.6775 12.6541 —1.705%*
Partner network of the aggregator 18.1590 14.3029 —5.879%**
Handling/support of the aggregator 9.3497 7.5778 —2.178%%*
Risk sharing 6.9787 5.5345 —-0.020
Market position of the aggregator 6.9468 6.3559 -1.573
Breadth of product offering 6.4312 5.8760

Total 100.0

Z-value: A two-sided Wilcoxon test for paired samples shows that the difference between the relative
importance values of these two attributes is significant. *** p<0.01; ** p<0.05; * p<0.1

4.2 Differences Across Segments

Tables 7 and 8 contain the results of dedicated models for the selected segments of
partner facilities for which we performed a subsample analysis. This analysis allows
us to discern differences among partners and is motivated by the input gathered in
the industry interviews. The input suggested that the facilities’ decision rationale
and customer behavior may differ based on the physical location. Furthermore, re-
spondents indicated that the rationale for joining an ecosystem may be driven by
the competitive pressure experienced. Finally, whether a facility already cooperates
with an aggregator may strongly influence decision behavior. Accordingly, we per-
formed subsample analyses using three categorical variables: (a) facility location,
(b) competitors in proximity, and (c) existing aggregator cooperation.

Running a separate model for each sub-segment indicates whether the prefer-
ences are lower or higher for each sub-segment. However, a comparison could not
discern whether these differences across segments are statistically significant. To
address this issue, we estimate separate regressions that test different subsegments.
The coefficients are the interaction terms that indicate whether the value of one
segment differs significantly from that of the respective reference group. For exam-
ple, Model 1 (Table 7) compares the preferences of facilities in different locations
with the reference group of facilities in large cities. We estimate these regressions
for part-worth utilities (Table 5) and the relative importance of the decision criteria
(Table 6) across the selected segments. Below, we briefly describe the models used
for each segment.

4.2.1 Location of Facility

Model 1 in Table 7 compares respondents’ preferences across different locations
against the reference group of facilities from large cities. The results show sig-
nificant differences in preferences, mainly regarding the partner network of the
aggregator and, to some extent, the market position. Regarding the network, we
can see that facilities in small towns and medium-sized cities show a significantly
lower preference for “large, nationwide networks” and a significantly positive pref-
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erence for “small and regional” networks compared to facilities in large cities. The
attribute level of “nationwide and relatively less dense” networks is not significantly
impacted. Further, facilities in small towns and cities show a lower preference for
“top 3 aggregators and a higher preference for “non-top 3 aggregators compared
to large city facilities, albeit significant only at 10%.

Model 4 in Table 8 shows the differences in relative attribute importance across
segments and indicates that facilities in small towns and medium-sized cities attach
significantly higher importance to the aggregator’s partner network than facilities in
large cities.

4.2.2 Competitors in Proximity

Model 2 in Table 7 compares the respondents’ preferences across competitive in-
tensities measured by the number of competitors in direct proximity. We compare
facilities with higher numbers to the reference group of “<2.” The results show that
facilities with high competitive pressure (“>10") have a significantly higher prefer-
ence for aggregator support and dislike the lack thereof compared to the reference
group. Also, there is a tendency to prefer “non-top 3” aggregators over “top 3” aggre-
gators, significant at the 5% level. Regarding the importance of different attributes
for decision-making (Model 5, Table 8), the results indicate that the importance of
the aggregator market position decreases significantly at the 5% and 10% level for
facilities with “5-10" and “>10" competitors in proximity, respectively.

4.2.3 Existing Aggregator Cooperation

Model 3 in Table 7 compares the preferences of facilities with existing aggregator
cooperation with those of the reference group without existing cooperation. The
results show that the groups differ significantly in their preferences regarding the
attributes of the parmmer network, channel, and market position to a lesser extent.
Regarding the network, facilities with existing cooperation—one or more aggrega-
tors—show a significantly higher preference for nationwide networks focusing on
cities. In turn, they attach significantly lower value to small and regional networks.
Regarding the channel, aggregators with existing cooperations derive significantly
more utility from the B2B channel and lower value from the mixed “B2B & B2C”
and “B2C” for aggregators with one and those with more than one existing coop-
eration, respectively. The market position indicates that partners cooperating with
multiple aggregators derive higher value from “top 3” aggregators, albeit only sig-
nificantly at the 10% level.

A comparison of the importance values assigned to the decision criteria indicated
three differences. First, facilities with multiple existing cooperations attach signifi-
cantly lower weight to aggregator partner network. Second, facilities with existing
cooperations (one or multiple) attach lower weight to the aggregator’s product offer-
ing. Third, the revenue potential increases significantly in importance for facilities
with multiple existing cooperations at the 1% level.
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5 Discussion

Our analysis of the CBC responses of 141 respondents offers insights into their
decision structures. The data presented shed light on the perspectives of ecosystem
partners regarding the individual constituents of an ecosystem PVP. In the following
sections, we highlight the surprising results in relation to existing research and
interpret the findings.

5.1 Facilities See Aggregators Mainly as a Revenue Source and Have Not
Adopted “Ecosystem Thinking”

The main results carry two implications suggesting that (i) partners see the ecosystem
as a source of revenue rather than a long-term partnership when cooperating with
an aggregator and that (ii) partner facilities have not (yet) adjusted to “ecosystem
thinking”.

Regarding (i), revenue potential is implicitly discussed in the literature as a mo-
tivator (Cennamo, 2018; Jin & Hurd, 2018; Rietveld et al., 2019), but constitutes
only one element of an attractive PVP. However, our results indicate that revenue
potential dominates cooperation decisions, dwarfing other partnership aspects in
sports aggregation ecosystems. The attribute importances (Table 6) support this in-
terpretation. The revenue potential'* is the single most influential attribute in the
overall decision. The second most important attribute is channel (~21%), suggesting
that partners thoroughly consider the type of customer they can access through the
aggregator. When combined, both attributes accounted for more than 50% of the
overall decision. The part-worth utilities of the revenue potential indicate a clear
preference for high revenue per aggregator customer, dislike for the lowest revenue
per customer, and almost indifference for comparable revenue potential. This finding
suggests that generating a comparable revenue per aggregator customer compared to
existing customers leaves the partner indifferent toward cooperation, lower revenue
has an evident influence on cooperation, and the potential to generate more revenue
per customer through the aggregator highly motivates partners to participate in the
ecosystem. Additionally, the channel attribute shows the strongest preference for the
B2B channel, in which the aggregator sources customers to their partners through
corporate clients. B2C, on the other hand, yields negative utility and is the least pre-
ferred. As partner facilities are primarily active in the B2C business, partners aim
to avoid customer segments with a high risk of cannibalizing their existing (B2C)
business while aiming for the segment that provides them with the highest degree
of incrementality (B2B).

These results indicate that partners see the sports aggregation ecosystem as
a source of incremental revenue more than as a partnership vehicle, in which partners
collaborate and engage with their orchestrators to improve their ecosystem’s overall
offering and success. Where revenue dominates the decision, other attributes such

14 For clarification: revenue potential refers to the revenue that a partner (sports facility) can generate per
additional customer sourced through the aggregator platform compared to the revenue the partner makes
per existing customer.
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as risk sharing and handling/support, which typically reflect partnership thinking
(Benlian et al., 2015; Eaton et al., 2015; T. L. Huber et al., 2017; Wareham et al.,
2014), score comparatively low, at 7% and 6%, respectively. Furthermore, prefer-
ences regarding risk sharing indicate that partners prefer the aggregator to carry
all the risks. This suggests that partners do not see value in a closer cooperative
relationship or do not want to commit to it if it requires risk sharing.

This aspect is particularly interesting given that ecosystem participation does
not only serve as an opportunity to increase partner performance (Barney et al.,
2023; Fernandez-Portillo et al., 2024) but may allow to reduce partners’ risk via
diversification and increased resilience. For example, orchestrators can provide non-
financial benefits to partners such as learning opportunities, support in supply chain
and operations management, access to financing lines, and even provide support in
crises such as COVID-19 to ensure long-term viability of the partnerships (Krome
et al., 2025; Wareham et al., 2014).

Apart from seeing the ecosystem as a source of incremental revenue rather than
a long-term partnership, the results imply that (ii) partners in sports aggregation
ecosystems think mainly about bilateral relationships. As ecosystems are funda-
mentally more complex than the aggregation of individual bilateral relationships,
this suggests that partners have not yet adapted to “ecosystem thinking” (Adner,
2017). For example, the utilities indicate that partners prefer a concentrated aggre-
gator offering to a broad one. As the product offering directly results from openness
(Sect. 2), that is, to whom the aggregator grants access to the ecosystem, this im-
plies two things. First, partners do not consider the overall value proposition of the
ecosystem but instead focus on their individual relationship with the customer; that
is, they do not ask, “What is the larger value proposition that the ecosystem provides
for my customer?” Thus, partners do not value diversity in product offers to attract
users to the platform (e.g. Boudreau, 2012). Second, a concentrated offer implies
a higher density of direct (substitutable) competitors and, consequently, the risk
of increasing internal competition. The literature describes this as “crowding out,”
which partners generally avoid (Cennamo, 2021; Halaburda et al., 2018; Rysman,
2009). Our results imply that partners either do not care about this internal compet-
itive pressure or do not think in terms of the ecosystem to recognize it as a threat.
Beyond the risk of internal competition that increases with a higher density of direct
competitors, a growing size of the network may imply more complexity in itself. To
ensure that the network remains viable, quality is controlled and favored behavior is
ensured, the orchestrator needs to actively manage and govern the ecosystem (Pidun
et al., 2021). Since the ecosystem logic is relatively new it may be the case that the
risk governance of the partners considering ecosystem participation lags behind and
that especially network risk is a vital factor to consider (Stein & Wiedemann, 2016).

In general, the breadth of the product offering scores ~6% in terms of relative
importance and is the least important attribute. This further underlines the fact that
partners do not attribute importance to considerations such as the overall ecosystem
value proposition, the resulting CVP, or implications for internal dynamics, such
as preferring a concentrated offer despite the risk of higher internal competition.
Potentially, partners do not (strategically) consider this factor or sacrifice any dislike
for higher revenue potential.
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A possible explanation for both interpretations, i) the high focus on incremental
revenue over other ecosystem benefits and ii) the low consideration of ecosystem
thinking, may be that partners are not aware of these potential benefits before joining;
that is, they generally understand ecosystems as a sales channel and are unaware of
partnership benefits, such as resource sharing.

If this were the case, then the focus on revenue should decrease over time, and
the importance of attributes reflecting partnership aspects and ecosystem thinking
should increase. Our subsample analysis allowed us to test this hypothesis. The re-
sults discussed in Sect. 4.2 (Table 8) compare partners with and without aggregator
experience. Contrary to expectations, the attribute importances of risk sharing and
handling/support did not change significantly over time. Moreover, the importance
of the partner network and product offering decreases significantly for partners with
multiple aggregator cooperation and those with one aggregator cooperation, respec-
tively. In turn, facilities with multiple aggregator cooperations show an increase in
the importance of the channel reflecting incrementality and a significant increase in
the importance of revenue potential for their decisions.

Consequently, the subsample analysis suggests that the effects observed in the
main results have increased over time. Partners do not learn to appreciate ecosystem
values over time if they are unaware of them. Instead, the more experience partners
have with ecosystems, the more important aspects of incremental revenue become
and the lower the importance they attach to ecosystem thinking and partnership at-
tributes. While the data does not allow us to make inferences about this phenomenon
in other sectors the conclusion does not contradict the broader literature which high-
lights that ecosystem partners retain economic and legal independence (Lingens &
Huber, 2023). While participants manage the tension between ecosystem-wide and
individual value, Oskam et al. (2021) suggest that eventually partners will prioritize
their benefit and leave an ecosystem as soon as the alignment in their favor fails.

5.2 WTA Effects Must Be Viewed in a Differentiated Manner

The literature places immense emphasis on the dominating role of network effects
and the resulting WTA dynamics (Cennamo & Santalé, 2013; Eisenmann et al.,
2006; Evans, 2003; M. L. Katz & Shapiro, 1992), network economists underline
their logic (Armstrong, 2006; Rochet & Tirole, 2003), and researchers explicitly
focus on how to instrumentalize them (Amelio & Jullien, 2012; Bakos & Hal-
aburda, 2020; Gawer & Cusumano, 2008; Rochet & Tirole, 2003). However, our
data from sports aggregation ecosystems suggest that considerations around WTA
dynamics—mainly reflected through partmer network and market position, in our
setting (see Sect. 2)—should be viewed in a more differentiated manner.

The relative importance values indicate that size effects are not the dominant de-
cision driver. The aggregator’s market position shows a relative importance of ~7%,
indicating that partners attribute comparably little importance to the aggregator’s
current standing when choosing an ecosystem to join. This contrasts with existing
research that highlights the benefits of joining the dominant ecosystem for visibility,
credibility, customer access, and others benefits (Ritala et al., 2014; Zhu & Iansiti,
2012, 2019). Similarly, while the partner network attribute scores among the top
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attributes, revenue potential and channel are ultimately more important. Both indi-
cations challenge the WTA dynamics as the single most important decision driver.

Furthermore, partners prefer “small and regional” networks over “nationwide”
networks. This contradicts the WTA literature, which suggests that more exten-
sive networks are beneficial and increasingly attractive to partners (Boudreau, 2012;
Evans & Schmalensee, 2016; Gawer & Cusumano, 2008; Iansiti & Levien, 2004;
Ritala et al., 2014). While this finding does not indicate that partners are opposed to
dominant ecosystems, the results suggest that partners value some benefits of region-
ality, such as a close relationship with the aggregator, more highly than the overall
size benefits of the ecosystem. One possible explanation could be that partners con-
sider the aggregator network as something carrying inherent risk that needs to be
managed (Stein & Wiedemann, 2016). The governance literature (e.g. Hilbolling
et al., 2020; Pidun et al., 2021; Rietveld & Schilling, 2021) suggests that larger
networks increase complexity for the orchestrator to effectively control partner be-
havior and ensure desired outputs and quality thereby increasing the viability risk of
the network. Another possible explanation for these results may be a local bias, as
Huotari et al. (2017) document on the consumer side, which purports that regional
preferences exist that may favor “local champions” or “regional winners” and avoid
WTA dynamics on an overarching scale (Zhu et al., 2021). Specifically, in our set-
ting, this would imply that WTA effects are not dominant at the national level but
rather within regional clusters, where partners prefer aggregators that can provide
the strongest local network with the most extensive local customer base.

This possibility implies heterogeneity within our sample, which can be tested
by segmentation along the location of the partner facility. The results (Sect. 4.2
and Table 8) show some differences. While the importance of market position does
not change significantly across facility locations, partners from smaller, less urban
locations (e.g. small towns and medium-sized cities) place significantly higher im-
portance on the network attribute than partners from large cities; that is, the network
assumes a higher relevance for the overall decision outcome. At the same time, the
utilities indicate that these partners (i.e., small towns and medium-sized cities) de-
rive significantly higher value from “small and regional networks” and significantly
less value from “nationwide networks with a focus on urban areas”. Hence, facili-
ties that care about the network do not prefer the largest network in absolute size,
but rather a regional presence, which may well reflect a local champion. A similar
interpretation stems from the market position attribute. Partners from small loca-
tions show a lower preference for “top 3” aggregators and a higher preference for
“non-top 3”, indicating that not the globally best-known aggregator is appealing,
but rather a relatively smaller ecosystem that can better match the partners’ regional
requirements. These differences along location parameters explain the main results,
indicating that regional biases and preferences play a considerable role. In sports
aggregation ecosystems, the overall network size and global WTA dynamics seem
to be less important than the network strength and position in the respective region
of the partner. Partners may value the benefits of regionality, such as close relation-
ships, a strong local network, and a user base, over the advantages derived from
a large ecosystem on a global scale (e.g. Zhu et al., 2021).
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We can draw multiple conclusions. First, our main results indicate that the WTA
dynamics are not the dominant decision criterion in our setting. Second, network
effects are not dominant globally; however, the partner base is heterogeneous and
shows evidence of local preferences. As such, WTA approaches may still be highly
relevant at the regional cluster level rather than on an overall national scale. Finally,
the heterogeneity observed in partner preferences suggests that orchestrators may fail
to develop a singular PVP. Instead, they may need a more nuanced value proposition
to attract and retain the overall targeted partner composition because elements that
successfully attract one partner may deter the other. Cennamo and Santal6 (2013)
investigate differentiated consumer preferences and implications for orchestrators
in developing their CVP. Our results suggest that a similar differentiation approach
may be beneficial to the partner side.

6 Conclusion
6.1 Contributions to the BE Literature

Ecosystems bring together different actors to realize a value proposition beyond each
contributor’s individual capacity. Attracting participants is essential for such value
propositions to materialize and network effects to begin. The literature highlights
that a PVP is required, beyond a strong CVP. Researchers addressed the constituent
elements of such a PVP and analyzed how orchestrators can operationalize them.
However, despite the importance of attracting partners and understanding how part-
ners perceive a PVP, this study is the first to assess the decision criteria of partners
considering their cooperation with an ecosystem. Using analysis, we applied an
experimental methodology to assess the decision structures of different types of
partners in the German sports aggregation ecosystem.

This study contributes to existing literature in several ways. First, our study
highlights that the factors of an attractive PVP are ecosystem-dependent, such that
there is no universal answer to what constitutes a good PVP. We derive a set of
relevant criteria for partners in German sports aggregation ecosystems to choose
their orchestrators for cooperation. The fact that we required industry interviews
to operationalize the factors found in the literature highlights the importance of
considering the corresponding ecosystem context.

Second, we find evidence that partner engagement in an ecosystem does not guar-
antee “ecosystem thinking”. Instead, partners may consider the ecosystem mainly
as an additional source of revenue. Revenue potential dominates the decision of
which ecosystem to cooperate with. Where revenue potential and the final customer
channel account for more than 50% of the decision outcome, traditional ecosystem
attributes such as risk sharing or the handling/support of the aggregator are compa-
rably less important. Moreover, our results indicate that partners continue to think
in bilateral relationships; that is, towards their orchestrators or individual customers.
For example, partners attach little importance to the ecosystem’s breadth of product
offering, indicating that they do not consider the ecosystem’s overall value propo-
sition or its related impact on internal competitive dynamics. Interestingly, these
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indications increase with growing aggregator experience, implying that partners do
not learn to value the benefits of the overall ecosystem over time. Instead, their
focus further shifts from partnership aspects to a more exclusive focus on their own
(incremental) revenue generation.

Third, our data indicate that partners should not be seen as a homogeneous base
but may have heterogeneous preferences. Our subsample analyses show significant
differences in preferences across segments, suggesting that a single orchestrator
PVP likely does not appeal equally to all partners. On the one hand, this implies an
opportunity for orchestrators to differentiate their positioning through a tailored PVP
that targets specific sets of partners in their ecosystem. However, orchestrators must
account for heterogeneous preferences when developing a strong PVP. Similar to
differentiating CVPs, orchestrators may need to create more differentiated offerings
for their partners.

Finally, we find that network effects need to be viewed in a differentiated manner,
and one should be careful when assuming WTA dynamics as the dominant decision
driver. In our setting, partners do not attach high importance to the attributes of the
existing partner network (size) or the market position of the aggregator. Revenue
potential and channel are more important, suggesting that WTA considerations do
not drive cooperative decisions. Moreover, one must distinguish between global and
local network effects, with some ecosystems benefitting from either one or the other.
Our main results indicate that partners prefer “small regional networks”, questioning
the universal benefits of nationwide partner networks. The subsample analysis shows
that this result is driven by particular partner segments that not only attach higher
importance to the network itself, but actually prefer a smaller, local player. Contrary
to the literature asserting that more extensive networks are increasingly attractive,
our results indicate that partners may prefer a local winner to the largest or best-
positioned ecosystem on a global scale.

6.2 Limitations and Future Research

Our study has some limitations that may serve as a starting point for future research
on the decision structures of ecosystem partners and the resulting implications for
PVPs.

First and foremost, our study is geographically limited by our empirical context
which is defined by competing ecosystems in the German market. This may limit
the transferability of the results as the geographical context may make a difference
(Krome et al., 2025). For example, the aggregation business model in the US differs
in terms of value proposition for both customers and partners from the one observed
in Germany suggesting that the specific interaction of ecosystem partners with the
orchestrator may differ as well (fitness MANAGEMENT, 2019). Moreover, while
the Polish market operates under the same value model as in Germany, the market
dynamics are not comparable. As one aggregator grew to dominate the market
thereby exerting immense pressure on the ecosystem partners one can assume that
the sentiment of respondents towards the ecosystem reflected in the survey responses
may differ fundamentally (fitness MANAGEMENT, 2019; Krome et al., 2025).
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Second, our study does not include additional demographic factors on the re-
spondents themselves (e.g. age, gender, tenure in the industry) that may influence
the results. Whilst we collected moderating variables on the (potential) ecosystem
partner represented, a deeper look into the respondents’ population could explore
how demographic influences (e.g. gender effect) shape the results. Similarly, in-
ternal firm characteristics such as management maturity or degree of digitalization
could explain the readiness and understanding of the ecosystem concept as a new
organizational form.

Third, our study is part of a growing body of experimental research applying
conjoint methodology, for which one must be aware of the potential differences
between experiments and reality. CBC experiments better depict decision settings in
real market behavior than other methods, such as rating-based experiments (Elrod
et al., 1992; Franke et al., 2008; J. Huber et al., 2002). Nevertheless, the possibility
persists that the study design overestimates some criteria and underestimates oth-
ers. The attribute-task compatibility effect (Nowlis & Simonson, 1997) provides an
example in which specific attributes are overemphasized in choice-based settings,
while others are underrepresented. Future research could thus extend the emerging
experimental research body by applying multi-method approaches tailored to cap-
ture the effects of a particular design setting and validating our results using other
methods, such as rating-based approaches.

To the best of our knowledge, this study is the first to apply a CBC approach in
a business ecosystem context. As such, we relied heavily on the existing literature
and validating industry interviews to derive the attributes for the decision task. Other
studies could replicate this approach in different ecosystem settings. The benefits are
two-fold. First, further research in this field could validate and extend the relevance
of the applied decision attributes. Second, insights from different ecosystems would
indicate the extent to which individual ecosystems are comparable and generalizable
to the general BE literature.

Fourth, we find that partners in German sports aggregation ecosystems regard
ecosystems mainly as a source of additional revenue and not as long-term part-
nerships. Future research could build on this insight and investigate whether similar
outcomes can be observed in different ecosystem contexts. Future research could test
for possible correlations with ecosystem performance and health, if indications differ
across ecosystems. If multiple contexts indicate that partners see ecosystems mainly
as a revenue source, researchers could further differentiate the extent to which this is
driven by ecosystem type. Moreover, future research could conduct event studies to
test whether contextual factors—our industry involves physical interaction limited
throughout the COVID pandemic—influence outcomes.

Fifth, given our approach to derive factors from the existing literature our at-
tributes are influenced by the performance side of ecosystem evaluation. Beyond
this, there are newer studies looking beyond the measurable performance impact
to assessing ecosystem benefits stemming from diversification, increased crisis re-
silience and the ability to more swiftly adapt to changing environments (Koster et al.,
2023; Krauze, 2025; Toufaily & Zalan, 2023). Future research could isolate these
factors and try to evaluate partners’ understanding and appreciation of these when
deciding on ecosystem participation.
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Finally, we require a differentiated perspective on WTA dynamics, in which the
difference between local and global network effects seems especially important (e.g.
Zhu et al., 2021). Prior research focused on the customer side to test ecosystem posi-
tioning, differentiation, and local customer preferences (Cennamo & Santal6, 2013).
Future research could apply the logic to the partner side and test how visible effects
such as a local bias interact with logical size advantages of dominant ecosystems.
As a next step, the research could address how to effectively integrate such local
differences into a strong PVP and evaluate how differentiated orchestrators need to
develop their PVP.

6.3 Managerial Implications

Despite these limitations, this study offers interesting insights for practitioners and
ecosystem participants. Regarding partners, our findings show that local preferences
are a valid and real phenomenon in strategic decision-making. While this does not
negate the influence of network effects, it suggests that partners can take a more
nuanced approach toward local champions rather than a default preference for the
largest or best-positioned ecosystem on a global scale. Furthermore, partners should
be aware that ecosystems hold benefits beyond pure revenue potential, such as op-
portunities for learning, (product) innovation, or other perks (Sect. 2), which should
not be overlooked in decision-making. Apart from considering these benefits in their
ecosystem choices, partners should actively leverage them as participants in their
respective ecosystems to realize their full potential (Inoue, 2019). Where it seems
that a main challenge for partners may remain to treat an ecosystem as more than
a distribution channel, it may be necessary to progress the institutional logic on the
partner side as well. Altman and Tushman (2017) discuss the changes in institutional
requirements from an orchestrator perspective, such as an increased outward focus
on openness or different leadership capabilities. Transferring this logic to the par-
ticipant side, partners may equally need to adjust the skillset and mentality to really
appreciate and leverage ecosystem benefits whilst extending their collaboration and
understanding beyond the bilateral relationship with the orchestrator.

Our results have various implications for orchestrators. Our research shows that
not all partners join ecosystems prepared and educated. A lack of ecosystem thinking
among partners may hinder the full development of ecosystem benefits and reduce
incentives to pure revenue potential. As such, orchestrators may face an educational
need to prepare their partners for sustainable and productive cooperation. Require-
ments may stretch beyond the pure construction of an appealing value proposition
for the partner which details how interactions are governed, and value is split. Rather,
orchestrators would have to equip partners to understand the ecosystem and the in-
herent value potential from contributing and interacting. For example, orchestrators
could provide structured onboarding and training or create internal learning plat-
forms that allow partners to understand the benefits and workings of the overarching
value proposition (Gomes et al., 2023). Orchestrators sometimes provide additional
benefits to retain partners in the ecosystem (Krome et al., 2025). They may benefit
from promoting these non-financial benefits in their value proposition to partners
before they even join the ecosystem. Examples include mutual learning opportuni-
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ties for partners, forums for strategic alignment such as industry roundtables, best
practice-sharing for non-competing partners, co-development of partner business
models, and operational support through (ecosystem) scale benefits.

Moreover, our findings suggest that orchestrators cannot assume that potential
ecosystem partners have homogeneous preferences. To compete actively for the right
partners, orchestrators may need to diverge from offering a universal PVP. Rather,
orchestrators should differentiate their partner offerings and evaluate how they can
best target their preferred partner groups. This finding also implies that the fate
of competing ecosystems is not necessarily determined by first-mover advantages,
which lead to inevitable WTA outcomes (Eisenmann et al., 2006; Hagiu, 2009).
Instead, heterogeneous preferences will always allow orchestrators to differentiate
into niche offerings not only on the consumer side, but also on the partner side.
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