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Abstract

Recent work in economics has developed survey-based measures of economic preferences
that are “experimentally” or “behaviorally validated.” We scrutinize this approach focusing on
the Global Preference Survey (Falk et al., 2018, 2023). Replicating their behavioral validation
on almost 2,000 participants in five countries, China, Colombia, Iran, Kenya, and the US, we
find that many items correlate significantly with behavior in incentivized choice experiments,
but coefficients vary and are not always sizable. While hypothetical versions of an experi-
ment consistently show the strongest correlations, qualitative self-assessments are also almost
always among the best single-item modules predicting behavior in all countries. Within- and
across-preference principal component analyses, as well as comparison in terms of predictive
validity, suggest that qualitative self-assessments and behavioral measures capture distinct di-
mensions of the same latent construct of an economic preference, casting doubt on the use of

one instrument as an easy substitute for the other.
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1 Introduction

According to economic theory, individual preferences, together with beliefs, determine (rational)
human behavior. Prime examples include preferences about risk taking, patience, and the welfare
of others, i.e., so-called “social” preferences. Variation in economic preferences has long been
recognized as an important explanatory determinant for a wide array of differences in behaviors
and real-life outcomes across many social, economic, and institutional domains. For example,
risk preferences are associated with sorting into occupational choices with different earnings risk
(Bonin et al., 2007), performance pay (Caliendo et al., 2009; Grund and Sliwka, 2010), geographic
mobility (Jaeger et al., 2010), self-employment (Dohmen et al., 2011), investment in risky assets
(Dohmen et al., 2011), or even crime behavior (Epper et al., 2022). Time preferences are associated
with health (Kirby and Petry, 2004; Chabris et al., 2008), education (Golsteyn et al., 2014; Backes-
Gellner et al., 2021), savings (Sutter et al., 2013), credit card borrowing (Meier and Sprenger, 2010;
Golsteyn et al., 2014), and wealth (Epper et al., 2020). Further, social preferences predict success
in collective action (Rustagi et al., 2010; Carpenter and Seki, 2011; Kosfeld and Rustagi, 2015), the
development and maintenance of social capital (Céardenas et al., 2013), self-selection into public
service (Friebel et al., 2019), and support for redistribution (Epper et al., 2024). Together, these
results highlight the importance of accurate and precise, i.e., reliable measurement of economic
preferences.

Traditionally, economists rely on the “revealed-preference approach” (Samuelson, 1938; Sen,
1973) by which preferences can be measured — are revealed — through individual choices made
in controlled, incentivized decision-making situations. By varying the choice set, different types
of preferences can be measured (e.g., ambiguity vs. risk, reciprocity vs. inequity aversion, etc.).
While incentivized choice experiments — in the following, called behavioral measures — are a key
methodological benchmark for measuring economic preferences, their complexity and resource
intensity impose significant limitations. This becomes particularly pronounced when the aim is
to measure preferences in large, representative populations. As a consequence, economists have
started to move away from behavioral preference measures in recent years and replace them by
survey instruments that are so-called “experimentally” or “behaviorally validated.” Key examples
are the Global Preference Survey developed by Falk et al. (2018, 2023) measuring a range of
economic preferences in the domains of risk, patience, as well as social preferences, Cavatorta and
Schroder (2019) considering ambiguity attitudes, Fallucchi et al. (2020) and Buser et al. (2021)
measuring competitiveness, Enke et al. (2022) for moral universalism, Schudy et al. (2024) for
truth telling, and Epper and Mitrouchev (2025) for inequality aversion and altruism.

The perceived advantage of survey instruments is that they are highly portable and can be

quickly deployed in different field settings, adapting better to specific contexts and circumstances



than incentivized choice experiments. However, surveys face their own challenges: responses
may be prone to reference bias (Heckman and Kautz, 2021; Kautz et al., 2014; Lira et al., 2022),
self-serving biases (Gino et al., 2016), and inattention and strategic motives can cause imprecise
responses (Dohmen et al., 2011). Furthermore, survey questions are not incentive-compatible by
design, which makes economists particularly skeptical about their reliability. By behaviorally val-
idating the employed survey instruments, i.e., by selecting those items that have been shown to
correlate significantly with corresponding behavioral preference measures, these concerns are con-
sidered to be alleviated, corroborating survey measures as a valid alternative measuring instrument.

The behavioral-validation approach raises a number of questions. Typically, the validation is
based only on one sample of participants in one specific context (e.g., students in one country).
Surveys, however, are then implemented on a global, often representative, scale. To what extent
does the behavioral validation hold outside its original context? Are survey items as predictive
for behavioral measures as in the original validation, or does this depend on cultural and country-
specific contexts? Next, even if survey items are shown to be significantly correlated, they might
not be the best items in terms of explanatory power and hence would not have been selected if
the survey instrument had been validated in a different culture or context. Does the behavioral
validation depend on where it is conducted? In other words, if, for example, Falk et al. (2023) had
done their behavioral validation in China instead of Germany, would the Global Preference Survey
look different? Finally, all of the above considerations rely at least implicitly on the assumption
that behavioral preference measures are the superior instrument, sometimes also considered the
gold standard. To what extent is this a valid assumption? Ultimately, how do we best measure
economic preferences, and on what basis do we assess the performance of one instrument relative
to another?

In this paper, we address the above questions focusing on the Global Preference Survey (GPS)
and the corresponding Preference Survey Module (PSM) of Falk et al. (2018, 2023), which cover
several key economic preferences and have been widely used in recent years. We replicate their
behavioral validation on almost 2,000 student participants in five different countries — China,
Colombia, Iran, Kenya, the U.S. — employing the exact same procedures as in the original valida-
tion study in Germany (Falk et al., 2023). That is, we employed the same experimental games and
comprehensive battery of more than 100 survey questions. We consider students because the orig-
inal validation did, allowing us to draw direct comparisons. Moreover, the variation in preferences
among students across these six countries, including Germany, is shown not to be different from
the variation observed in representative samples of the same countries in Falk et al. (2018).

Our results show that many GPS and PSM survey items perform well in predicting behavior
in incentivized choice experiments; however, coefficients vary and are not always sizable. Across

all preferences, quantitative survey items, i.e., hypothetical versions of the corresponding choice



experiment, consistently outperform qualitative items, i.e., self-assessments.! For negative reci-
procity in most countries and several preferences in Kenya, performance is found to be relatively
poorer compared to the other preferences.

Using the same item selection procedure as in Falk et al. (2023), we identify the two survey
items with the highest explanatory power for each preference. While the quantitative items are
consistently selected in all countries, the qualitative items vary between countries. As qualitative
items contribute relatively little to explanatory power, however, the loss due to their variation is
limited. Intriguingly, even though qualitative GPS items are outperformed by quantitative items,
they are still selected among the best top-three single-item survey modules, based on their perfor-
mance in all six countries. A very similar result is obtained when employing a Random Forest
procedure.

Finally, Principal Component Analysis (PCA), both within and across all preferences, reveals
that incentivized behavioral measures and qualitative survey measures — while related — “live
in separate worlds.” They always load on distinct components, with quantitative items joining the
incentivized behavioral measure. Intriguingly, cross-preference clustering (for social preferences,
and also for risk and time) is observed only for behavioral and quantitative measures and almost
never for qualitative ones. These results suggest that the two instruments capture rather different
aspects of the same latent construct of an economic preference, casting doubt on the use of survey
instruments as an easy substitute for behavioral measures. The results are further corroborated
by comparing the predictive validity of behavioral vs. survey measures for both cross-country and
cross-individual heterogeneity. While cross-country heterogeneity (such as Long-term Orientation,
Human Development Index, or Corruption Index) seems to be better captured by behavioral mea-
sures, survey measures are found to be more predictive for differences between individuals (such
as gender, smoking habits, or financial investments). To what extent these correlations reflect true
relationships and hence suggest one measure to be superior to the other, unfortunately, our data
does not allow us to answer. We believe, however, that it is important to show that performances
in predicting behavior and outcomes differ.

Our results relate to a small number of studies that have started to replicate the behavioral
validation of GPS measures in different contexts. Bauer et al. (2020) find in a sample of low-
income households in Kenya that only the quantitative GPS items predict corresponding behavior
in incentivized choice experiments, while qualitative items perform poorly. Kosfeld and Sharafi
(2023) observe similar patterns with university students in Iran. However, with only about 100
participants each, it is difficult to rule out that differences in the performance of quantitative and

qualitative items are driven by the fact that qualitative items may simply be noisier. Next, neither

"For example, the quantitative item for measuring risk preferences is a multiple price list using the staircase method
with hypothetical payments. The qualitative item is a self-assessment about the general willingness to take risks.



study considers the full set of GPS and PSM items for all economic preferences. Kosfeld and
Sharafi (2023), for example, only look at social preferences. Our larger, multi-country study pro-
vides a more comprehensive picture: while there is important variation, by and large, the measures
do better than expected — however, mostly due to the performance of quantitative survey items.

Chapman et al. (2025) is closest to our approach as they also use much larger samples to
draw robust conclusions. Their focus is primarily on qualitative self-assessments. They document,
in line with our results, that qualitative GPS items are only weakly correlated with incentivized
elicitations. Further, qualitative items are sometimes more strongly correlated with the behavioral
measure of another preference. We do not find this in our data. For all preferences, the qualitative
GPS item is always most strongly correlated with its corresponding behavioral measure (cf. Table
3). Still, our PCA results corroborate the conclusion that qualitative items, while referring to the
same latent construct, seem to capture different components than incentivized elicitations. A very
similar message of both papers is therefore that behavioral validations, at least when relying only
on qualitative self-assessments, may not be as “valid” as they are thought to be.

That quantitative and qualitative measures seem to capture different dimensions of an eco-
nomic preference has also been shown by Frey et al. (2017) in the case of risk preferences. Our
results suggest that this pattern is actually more general, as it can also be observed for patience
and social preferences. Whether this implies that incentivized preference elicitations are the better
measure, as Chapman et al. (2025) argue, or qualitative self-assessments, as Frey et al. (2017)
do, is something we cannot resolve based on the currently available evidence. We believe that
this requires more extensive investigations in the future. The goal of these analyses should be to
help economists identify how (most likely, depending on the context and the particular research
question) they can best measure economic preferences.

Altogether, our paper makes three important contributions to the literature. First, we document
that many GPS and PSM survey items are significantly correlated with behavior in incentivized
choice experiments across countries beyond Germany. Prior to our study, the predictive power
of these modules in diverse cultural contexts was unknown. We build on existing studies, which
often relied on partial replication or small sample sizes, by conducting the first full replication
with large samples drawn from multiple countries representing various continents and cultures.
Second, this extensive dataset allows us to develop alternative survey modules that are informed
by the observed variation in measures across cultural contexts. Third, employing a comprehensive
set of survey questions and behavioral measures for multiple preferences enables us to closely
examine both within- and across-construct associations between preferences assessed by these
two approaches, thereby illuminating how the two methods capture distinct parts of individuals’
preference structures.

Our results highlight a number of critical gaps that warrant further investigation in future re-



search. We hope our research lays the groundwork for other researchers to join, e.g., by utilizing
the study materials we develop in their own contexts across various countries, thus advancing the
research agenda toward a comprehensive validation and development of truly global measures of
economic preferences.

The paper is organized as follows. In the next section, we explain our main study design
and measurement of economic preferences based on the GPS and PSM. Section 3 contains the
results from the behavioral validations in the five different countries. Section 4 explores the deeper
relationship between behavioral and survey measures, e.g., using PCA. Section 5 compares the
predictive power of both measures for cross-country and cross-individual heterogeneity. Finally,

Section 6 concludes.

2 Study Design and Measurement

Behavioral validations of survey questions have become increasingly popular in economics over
the last years. We focus our analysis on the Global Preference Survey (GPS) developed by Falk
et al. (2018, 2023). To ensure comprehensive coverage of our research questions, we implemented
the complete study package described in Falk et al. (2023) following the exact same procedures as
in their original study.

In order to conduct the experiments in different countries, we first screened active experimen-
tal economic laboratories across the globe and then selected the most compatible one in a given
country, ensuring it met the standards of typical experimental economics laboratories and could
comply with the particular aspects of our study. In particular, we required participants to have no
prior experience in economic experiments, to come to the lab twice at the same time, one week
apart, and, depending on their choices in the experiment, to be paid in one year’s time. In all cases,
participants were recruited from the student body of a public, comprehensive university compara-
ble to the University of Bonn, Germany, where Falk et al. (2023) had conducted their experiments.
In China we conducted our experiments at the FEEL lab at Xiamen University; in Colombia at
the REBEL lab at the University of Rosario, Bogota; in Iran at the Business Research Lab at the
University of Tehran; in Kenya at the Busara Lab with students from the University of Nairobi;
and in the United States at the EBEL lab at the University of California, Santa Barbara. In total,
1932 students (395 from China, 397 from Colombia, 389 from Iran, 383 from Kenya, 368 from
the US) participated in our study, i.e., the sample size in each country is close to Falk et al. (2023).

Following the standard practice of translation and back-translation by native or bilingual speak-
ers, we created the English master version based on the original German codes in zTree, and trans-
lated them into Mandarin, Farsi, and Spanish. As English is the official language in Kenya and

the US, we conducted our study in both countries in English. All experiments and surveys were



programmed in oTree (Chen et al., 2016).

To minimize spillovers between incentivized behavioral measures and survey measures, we
followed the procedures of Falk et al. (2023) and invited participants twice, with one session con-
taining choice experiments on risk and time discounting preferences combined with survey items
on social preferences, and another session containing choice experiments on social preferences
combined with survey items on risk and time preferences. The two sessions were one week apart.
Further, to mitigate potential order effects, sessions were organized in a way that in the first ses-
sion, half of the sample participated in experiments on risk and time preferences, whereas the other
half participated in experiments on social preferences.

We calibrated monetary incentives for each country using the prices of a comparable food item
in the spirit of the Big Mac Index to adjust for differences in purchasing power between countries
(Parsley and Wei, 2007). The local lab managers were actively engaged in this process to ensure
comparable incentives across countries. In the original study conducted in Germany in the winter
of 2010/2011, 100 experimental points were valued at 0.8 Euros. To account for inflation and cross-
country differences in purchasing power, we calibrated the conversion rates in our study so that 100
experimental points corresponded to 4 Chinese yuan, 3,000 Colombian pesos, 150,000 Iranian rial,
30 Kenyan shillings, and 1 US dollar. The resulting average experimental points earned over both
sessions are 8,728, 8,335, 8,142, 7,805, and 8,821 in China, Colombia, Iran, Kenya, and the US,
respectively. The amounts correspond well in real terms to the average earnings in Falk et al.
(2023).

For the time-discounting experiments in which participants have to choose between a payment
today and a payment in 12 months, we utilized established payment methods in the local labs, in
particular digital transfers via known platforms in the different countries. Participants were assured
that they would receive their delayed payments with the institutional guarantee offered by the local
lab. They were further informed that future payments will be inflation-adjusted.

On average, a session lasted about 100 minutes. Table B1 in Appendix B1 presents the imple-
mentation timeline and key demographic characteristics, such as age and gender, of participants
across all countries. Figure B1 complements this information by showing the distribution of par-

ticipants’ field of study. As can be seen, participants in our study cover a diverse range of subjects.

2.1 Incentivized Choice Experiments

In the following, we briefly describe the incentivized choice experiments used for measuring the
various preferences. More detailed information is provided in the Online-Appendix.> We retained

the exact same games, instructions, order, and perfect-stranger-matching protocol in the games

2Original instructions are available at https://nextcloud.flex.uni-frankfurt.de/index.php/s/ZHSRXyiFo3GcEfM



involving strategic interaction as described in Falk et al. (2023). To reduce measurement errors,
two variations of a choice experiment were conducted to measure risk taking, time discounting,
trust, and positive reciprocity. These versions share the same structure but have slightly different
payoffs. The behavioral measure of a given preference is calculated by averaging the two choices
in each version (see Table D1 in Appendix D).

Risk Preferences - For risk taking, participants completed two multiple price lists, each con-
taining 21 choices between a lottery that yields 1000 points with 50% chance and O points oth-
erwise, and a safe payment option that increased with each subsequent decision. Risk taking is
measured by averaging over the switching points (i.e., the rows in which participants switched
from preferring the lottery to the safe payment) in these two multiple price lists.?

Time Preferences - Similarly, for time discounting, participants completed two multiple price
lists, each containing 25 choices between a fixed amount of immediate payment (today) and a
payment in 12 months which increased with each subsequent decision. Time discounting is mea-
sured by averaging over the switching points (i.e., the rows in which participants switched from
preferring a payment today to a payment in 12 months) in these two multiple price lists.

Trust - Trust is measured with the first-mover behavior in two different versions of the invest-
ment game (Berg et al., 1995), where the amount sent by the first mover is either doubled or tripled.
Each participant takes on the role of the first and second mover in each version, resulting in four
investment games for each participant. The average amount sent as a first mover in both versions
determines the individuals’ willingness to trust strangers.

Altruism - Altruism is measured by a dictator game in which a charitable organization serves
as the recipient. Participants were given a list of well-established international and domestic char-
itable organizations in a given country. Participants could then designate a charity organization to
which they wanted the money to be donated. We elicited altruism with the amount participants
transferred to charity.*

Positive Reciprocity - Positive reciprocity is measured with the second-mover behavior in the
two above-mentioned investment games. We used the strategy method to elicit the second-mover
behavior and took the average of these decisions in each version of the game. The average from
the two games is then used to measure positive reciprocal inclination.

Negative Reciprocity - Finally, two distinct experimental games are employed to measure
negative reciprocity: The ultimatum game (Giith et al., 1982) and the prisoner’s dilemma game

with punishment (Falk et al., 2005). Participants took part in two ultimatum games, one in which

3In case of multiple switching points, we use the average of the switching points as the final measure. We do the
same for times preferences.

4Participamts indicated the amount they wanted to transfer to the charities, and we, the experimenters, made the
transactions on their behalf. All receipts were uploaded to protected cloud folders so that participants in each country
could verify that their donations had been made successfully.



they were the sender and the other in which they were the receiver, with the sequence selected
randomly. We used participants’ minimum acceptable offer in the ultimatum game as the first
indicator for negative reciprocity. Subsequently, individuals participated in a prisoner’s dilemma
game with punishment. We used participants’ investment in punishing the unilateral defection of
their opponents as the second indicator for negative reciprocity. To obtain the measure of negative
reciprocity, we first standardized these two indicators and then took the average.

As there were no control questions in the original experiments of Falk et al. (2023), we added
control questions ourselves to ensure that participants understood the choice experiments and to
be able to control for their level of comprehension in the analysis (cf. Online-Appendix). We
always tried to ensure that all participants understood the instructions of each choice experiment
before making their decisions. In particular, every participant was provided the correct answer to a
control question in case they did not answer it correctly beforehand. Next, if a participant showed
particular trouble, we came to the participant and explained instructions in more detail in person.
As explained below, our results do not depend on whether we include all participants or only those

who answered control questions correctly.

2.2 Survey Items on Preferences and Real-life Behavior

While we kept the incentivized choice experiments and their measurement methods unaltered, we
made some important adjustments to the survey items of the original study. Falk et al. (2023)
included 188 qualitative and quantitative survey items from a variety of sources. Some were taken
from existing surveys such as the German Socio-Economic Panel Study (SOEP), the National
Longitudinal Study of Youth (NLSY), and the World Values Survey (WVS), others were drawn
from past research (Weber et al., 2002), or were created by the authors.

We refined the survey battery to obtain a final set of 120 qualitative and quantitative survey
items. The original set of items contains questions with similar content, questions that have been
shown to not capture individual variance, that require respondents to possess particular character-
istics (e.g., employment), refer to a context that is in conflict with legal or social norms in some
countries (e.g., gambling) or a situation that appears ambiguous (e.g., who is treated unfairly by
others, who is the transgressor of a norm, who gets punished, etc.). Some questions also mea-
sure two distinct preferences simultaneously (e.g., positive as well as negative reciprocity), which
makes it difficult to interpret the results. We deleted these questions. In the Online-Appendix, we
provide a detailed description of our iteration process and display all questions that remained as
well as those that were excluded. All GPS and PSM items are, of course, still included in our study
(see Table D2 in Appendix D).

To compare the performance of behavior- versus survey-based preference measures in explain-



ing outside-lab behavior, we added some new questions that elicit information about participants’
real-life behavior in domains like health, social engagement, and financial decision-making (An-
derson and Mellor, 2008; Dohmen et al., 2009, 2011; Lades et al., 2021; Sutter et al., 2013). To
avoid any interference with participants’ responses to the main body of experiments and survey
questions, we programmed these new questions as a separate module at the end of the last ses-
sion. These additional questions provide a unique opportunity to provide a first assessment of
the relative performance of the two different methodologies in predicting behavior and outcomes
outside the lab. Finally, we also elicited demographics such as age, gender, cognitive ability, and

socioeconomic status at the end of the study.

3 Behavioral Validation of the GPS and PSM in China, Colom-
bia, Iran, Kenya, and the US

3.1 Global Preference Survey (GPS)

In this section, we investigate whether survey items in the GPS explain behavior in incentivized
choice experiments in countries beyond the original validation in Germany. We begin by assessing
whether GPS questions significantly predict behavior in the experiments in each country, as well
as the combined data from all five replication countries.

Before doing so, we document that the cross-country variation in preferences in our student
sample is comparable, and statistically indistinguishable, from the variation observed in the cor-
responding GPS sample. While we do not claim (nor expect) that students from a given country
reveal exactly identical preferences to those from a representative sample, Figure B2 in the Ap-
pendix illustrates that the variation in preferences in these samples is indeed very similar. The
Figure shows close alignment between the distributions of student and representative samples, in-
dicating similar distributional properties, not only similar means but also comparable spread and
shape, across the entire distribution of preferences. Non-parametric Leven’s tests reveal no sig-
nificant differences in the cross-country variation between the two samples (p > 0.2) for any
preference. The finding aligns with results in Snowberg and Yariv (2021) and corroborates the use
of student samples to address our research questions.

For each preference, we estimate OLS regressions of the standardized behavioral measure on
the corresponding GPS survey items, with all variables standardized within each country. Through-
out the analysis, we focus on the sample of participants who answered the control questions cor-

rectly.’ Figure 1 shows the results by preference and country. The first coefficient at the top of each

SResults do not depend on this. Further, as there were no control questions in Falk et al. (2023), the sample from
Germany includes all participants.



panel presents results from the original study in Germany, serving as a benchmark.® It is calculated
based on data from the replication package published by Falk et al. (2023). The subsequent coeffi-
cients correspond to China, Colombia, Iran, Kenya, and the US, respectively. The final coefficient
in each panel shows results for all replication countries combined with country fixed effects, with
all variables standardized across countries. The complete regression results are reported in Table
C1 in Appendix C.

At first glance, the results in Figure 1 suggest that GPS items seem to predict behavior in the
incentivized choice experiments rather well, with the exception of positive and negative reciprocity
and a comparably better overall performance of the quantitative survey items. Still, the magnitude
of coefficients in the different countries and in all countries combined varies, and in some cases,
it is rather small. Results for the quantitative items on risk taking, patience, and altruism (R1, DI,
and A11) show relatively strong and statistically significant coefficients across all countries. The
coefficients of these items, particularly those related to risk taking and altruism, are remarkably
similar across countries. The results align with prior evidence regarding the performance of quan-
titative survey items (Bauer et al., 2020; Kosfeld and Sharafi, 2023). In contrast, the qualitative
survey items generally show more variation in their predictive power, with the trust question (T16)
being an exception. However, the overall performance of these qualitative survey items appears
considerably better than in the aforementioned studies.’

Figure 1 identifies whether the 95% confidence intervals of the effect sizes in each country
include the original effect size observed in the German sample (reported at the top of each panel).
This replicability assessment, outlined by Camerer et al. (2016), provides further insights into the
performance of different questions and allows for a comparison of their replicability. Notably,
the quantitative questions of risk and altruism meet the 95% confidence interval criterion in all
countries separately as well as combined.

For qualitative survey items, we observe notable differences across samples and preferences.
The risk-related qualitative question does not meet the 95% CI criterion in any country except
Colombia, while the time preference question does so in China, Iran, and the US. The trust question
meets the criterion in all countries except Kenya, whereas the altruism question only meets it in
China, and the positive reciprocity questions meet it in China and Colombia. In the Appendix,
we provide the full breakdown of these results, offering precise information on the performance
of each item by country and preference. We further conduct robustness checks by using the full

sample without restricting the sample to students who answered the control questions correctly,

®GPS questions for negative reciprocity were later modified and therefore did not appear in the original validation
study.

"For example, Kosfeld and Sharafi (2023) found that the qualitative item PR9 was not significantly correlated with
the behavioral measure of positive reciprocity. Here, based on an almost four times larger participant sample, the
coefficient is not only slightly larger (0.16 v. 0.13) but also significant at the five percent level.
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Figure 1: Plot of regression coefficients of GPS items. Coefficients from OLS regressions with 95% confidence intervals. The sample includes
only participants who answered control questions correctly. See the Online-Appendix for similar results based on the full sample. For negative
reciprocity, the German sample does not have GPS items NR1 and NR2. R1: switching row from staircase measure; R3: willingness to take risks.
D1: switching row from staircase measure; D3: willingness to wait. T16: I assume that people have only the best intentions. A11: Hypothetical
donation game; A10: Share when it comes to good causes. PR11: When someone does me a favor, I am willing 