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Di Gong, Steven Ongena, Shusen Qi and Yanxin Yu 
 
 
Information frictions inside a bank: Evidence from 
borrower switching between branches 
 
 
Abstract  
Banks are multidivisional organizations in which branches hold local knowledge 
about borrowers. Can this “soft” information be transmitted across units? Studying 
the population of corporate loans originated by a large commercial bank in China 
from 2010 to 2020, we find that when firms switch branches within bank, the 
switching loans carry a significantly lower spread than comparable nonswitching 
loans. After switching, the new branch further reduces the loan spreads initially, 
but ratchets it up afterwards, surprising evidence of intra-bank hold-up. By 
documenting how internal communication failures distort lending, we link 
relationship banking with delegation, coordination, and information transmission 
within organizations. 
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Non-technical summary 
 

Focus 
Banks rely heavily on information when making lending decisions, but this 
information—especially “soft,” relationship-based knowledge—is often local and 
difficult to communicate across organizational units. The paper asks whether such 
information frictions exist within banks themselves, not just between different 
banks. Using the universe of over 119,000 corporate loans made by a large Chinese 
commercial bank from 2010 to 2020, we examine what happens when a firm changes 
from one branch of the same bank to another. Do the new branches fully inherit the 
borrower’s past credit knowledge, or does the borrower experience disruptions 
similar to switching to a new bank? 
 
Contribution 
The study makes two key contributions. First, it provides the first empirical 
evidence of intra-bank “hold-up”, showing that informational frictions and rent-
extraction dynamics can occur even within a single financial institution. Second, it 
bridges relationship banking and organizational economics by demonstrating that 
internal communication failures between branches distort credit pricing, consistent 
with theories of delegation and limited information transmission inside firms. 
 
Findings 
When firms move to a new branch, their initial loans carry interest spreads about 6 
basis points lower than comparable loans, but rates rise within a year as the new 
branch rebuilds private knowledge—clear evidence of intra-bank hold-up. The effect 
disappears when the original manager moves with the borrower or when FinTech 
and mandatory information disclosure improve data sharing. Intra-bank hold-up 
disproportionately harms small and private firms, raising their borrowing costs and 
reducing access to credit. Policy reforms that enhance information transparency and 
digital integration thus not only improve fairness and competition within banks but 
also promote more efficient credit allocation and financial inclusion. 
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1. Introduction 
How effectively organizations collect, transmit, and act upon information lies at 
the heart of their performance. Banks are no exception. They are large, multi-unit 
organizations in which lending decisions rely on information that is often dispersed 

across hierarchies and geographies. A crucial insight from organizational econom-
ics is that information, particularly “soft” or qualitative information, is difficult to 
transmit across units. This creates a tension between local adaptation and central-
ized coordination (Aghion and Tirole, 1997; Garicano, 2000; Stein, 2002; Dessein, 

2002; Harris and Raviv, 2005; Alonso et al., 2008). While banks operate under uni-
fied ownership and capital structures, their vast branch networks mean that the 
internal organization of information can resemble that of federated firms, with 

each branch possessing unique knowledge of local borrowers. Recent work also em-
phasizes that organizational design and delegation choices are deeply influenced 
by information frictions and the structure of decision-making authority (Romero 

and Freitas, 2022; Malenko, 2023; Alfaro et al., 2024). 
This observation raises a fundamental question: to what extent do 

informational frictions exist not just across banks, but within banks themselves? 

The literature on relationship lending and hold-up has long emphasized the 
difficulties borrowers face when switching between banks (Sharpe, 1990; Rajan, 
1992; Dell’Ariccia and Marquez, 2004). Because soft information is relationship-

specific and context-dependent, it cannot easily be codified and transmitted to new 
lenders, leaving borrowers vulnerable to rent extraction (Petersen and Rajan, 
1994; Berger and Udell, 1995; Liberti and Petersen, 2019). 1  Empirical 

contributions, such as Ioannidou and Ongena (2010), document how firms 
switching banks initially enjoy lower interest rates but eventually face higher rates 

 
 
1 Soft information is mostly collected in person and is often used by the same person that “the loan 
officer has a history with the borrower and, based on a multitude of personal contacts, has built up 
an impression of the borrower’s honesty, creditworthiness, and likelihood of defaulting. Based on 
this view of the borrower and the loan officer’s experience, the loan is approved or denied” (op. cit., 
p. 5). Uzzi and Lancaster (2003) provide a more detailed description of the interactions between 
borrowers and loan officers in banking. 
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as the new bank exploits its informational advantage. 2 This dynamic cycle of 
discounts followed by rent extraction has since been replicated across different 
settings (Barone et al., 2011; Gopalan et al., 2011; Stein, 2015; Sutherland, 2018; 

Bonfim et al., 2021; López-Espinosa et al., 2017; Sutherland, 2018; Kalda and 
Neshat, 2024).3 

Yet this literature has overwhelmingly focused on inter-bank switching. 

Whether similar frictions arise within banks, when borrowers switch branches, 
remains an open question. On one hand, one might expect internal information 
systems, common ownership, and reputational considerations to ensure the seam-

less transfer of borrower information across branches. On the other hand, organi-
zational theory suggests otherwise. Dessein (2002) demonstrates that even within 
firms, communication of soft information is strategic and noisy, creating a trade-
off between control and effective information use. Alonso et al. (2008) show that 

decentralized divisions with private information may struggle to coordinate unless 
they credibly communicate. Applied to banking, these theories imply that branch-
level incentives and organizational frictions can hinder the flow of information 

across branches, even within the same institution (Stein, 2002).4 Liberti and Mian 

 
 
2 In Ioannidou and Ongena (2010), Bolivian firms initially receive an 89 basis points (bps) (≅ 7% of 
the average loan rate) discount when switching banks but eventually ratcheting it up sharply. This 
cycle explains the difference between switching and transferring loans. According to Von Thadden 
(2004), when firms are forced to transfer, the outside banks would pool-price the arriving firms and 
the rates being charged would depend on the average of firms’ dynamic cycles. In contrast to switch-
ing loans, which always happen at the end of the cycle, loans could be forced to transfer at all stages 
of the cycle. As a result, the level of transferring cost depends on the position of the averaging cycle. 
For example, Bonfim et al. (2021) show that when firms are forced to transfer to other banks due 
to the closure of nearby branches of their current banks, they receive no discount at the time of 
transfer. Xu et al. (2020) find that when firms are forced to transfer from existing branches to the 
newly established ones, on average, they even have to pay higher interest rates. Thus, the switching 
discount, and the related dynamic cycle, can be more precisely identified in switching than in trans-
ferring. As a result, our paper focuses on loan switching. 
3 Barone et al. (2011) find a discount of 44 bps in Italy, Stein (2015) finds an average discount for 
main bank borrowers of 33 bps in Germany, while Bonfim et al. (2021) finds a 63 bps discount in 
Portugal. Xu et al. (2020) and Liaudinskas (2024) study loan pricing when firms are forced to trans-
fer, while Cao et al., (2024) study pricing when firms switch banks on their deposit and/or credit 
relationships. 
4 If soft information cannot be communicated freely within the same bank, intra-bank competition 
across branches or even among loan officers may become possible (Blackwell et al., 1994; Seltzer 
and Frank, 2007; Xie et al., 2019). For example, loan officers might not truthfully reveal the soft 
information they collected to the bank (Heider and Inderst, 2012). When loan officers are on leave, 
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(2009) and Liberti (2017) show that organizational hierarchies and delegation of 
authority affect loan officers’ production and usage of (soft) information in lending 
decisions. If so, borrowers may face hold-up not only from banks as corporate enti-

ties but also from individual branches within them. 
This paper provides the first empirical evidence of such intra-bank hold-up. 

Using the complete population of 119,270 corporate loans issued by a large Chinese 

commercial bank between 2010 and 2020, we examine loan conditions when firms 
switch from one branch of the bank to another. The dataset allows us to track firms 
over time, identify the specific branches originating loans, and precisely compare 

loan terms between switching and non-switching relationships.5 Our identification 
strategy follows the empirical design pioneered by Ioannidou and Ongena (2010), 
enabling us to isolate dynamic patterns in loan spreads while focusing on the novel 
margin of intra-bank switching. 

Our findings reveal that when firms switch branches—moving from their in-
cumbent “inside” branch to a new “outside” branch within the same bank—their 
new loans carry an average loan spread that is 6 bps lower (≅ 1% of the average 

loan rate, or ≅ 7% of the average loan spread) than those on comparable new loans 

issued to existing customers. This initial spread reduction further deepens by an 

additional 18 bps during the first two quarters following the switch. However, 
within a year, these switching firms are charged loan rates that return to the av-
erage spread and eventually exceed it. While the magnitude of this cycle is smaller 

than that observed in inter-bank switching studies, its very presence is striking 

 
 
their related borrowers are less likely to receive new loans from the bank and are more likely to 
switch banks, indicating that soft information comes with the person rather than the bank (Drexler 
and Schoar, 2014). But the impact is less obvious when loan officers have incentives to transfer the 
soft information to the bank, as in the case of voluntary resignations. Goedde-Menke and Inger-
mann (2024) uses a wave of early loan officer retirements as a quasi-natural experiment and finds 
that the shock increases default rates due to an inferior production of default risk information. 
Loan officers are likely to adjust their behavior in response to their self-interest, such as compensation in-
centives and career concerns (Tzioumis and Gee, 2013; Cole, Kanz et al., 2015; Qian et al., 2015). 
5 The loan portfolio of this bank is large so that we can observe 7,628 branch-switching loans. Recall 
that Ioannidou and Ongena (2010) and Bonfim et al. (2021) study 1,062 and 24,292 bank-switching 
loans, respectively. 
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given that both branches operate under the same bank’s ownership and infor-
mation systems. These results suggest that the transmission of soft information 
across branches is limited, and that intra-bank organizational frictions meaning-

fully shape loan pricing. 
We substantiate the existence of intra-bank hold-up through five key analyses. 

First, we explore cases where the branch manager transitions alongside the bor-
rower to the new branch. As anticipated, we find no evidence of hold-up in these 

cases, implying that the manager’s transfer mitigates the loss of soft information. 
Second, we examine the geographical proximity of switching branches and find 
that switching costs are economically smaller when firms switch to nearby 

branches, suggesting that local competition constrains the pricing power of incum-
bent branches. Third, we observe that switching to newly established branches re-
sults in a significantly larger spread reduction (27 bps ≅ 5% of the average loan 

rate, or ≅ 31% of the average loan spread), indicating that the hold-up effect inten-

sifies when incumbent branches face minimal competitive pressure. Fourth, lever-

aging a natural experiment of China’ Social Credit System (SCS), we provide evi-
dence that mandatory information disclosure significantly mitigates firms’ hold-
up costs. By enhancing the corporate information accessible to bank branches, such 

disclosure policies diminish the informational advantages historically held by in-
cumbent branches, thereby lowering switching frictions and hold-up costs. Fifth, 
we demonstrate that deeper FinTech adoption mitigates hold-up by transforming 

traditionally soft information into hard, quantifiable data. This digital transfor-
mation not only strengthens the information flow between borrowers and bank 
branches but also reduces the asymmetry that typically drives hold-up problems 

(Malenko, 2023; Alfaro et al., 2024). 
Beyond pricing dynamics, we also uncover important welfare implications of 

intra-bank hold-up. Branches that strategically exploit their informational ad-

vantage engage in rent extraction, raising borrowing costs for smaller and more 
financially constrained firms. These branches benefit from improved credit portfo-
lio quality, as higher rates screen out weaker borrowers and reduce non-perform-
ing loans, but they do so at the expense of scale, market share, and inclusivity. In 
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effect, hold-up strategies enhance branch-level credit risk profiles while reducing 
allocative efficiency and access to finance. This trade-off underscores how intra-
bank organizational incentives influence not only distributional outcomes across 

firms but also the aggregate efficiency of credit markets (Garicano, 2000; Romero 
and Freitas, 2022; Malenko, 2023). 

While alternative mechanisms such as competition via teaser pricing, selec-
tion-on-offer, and borrower inertia could, in principle, explain some aspects of our 

findings, the weight of the evidence favors the organizational economics explana-
tion of intra-bank hold-up driven by information frictions. For example, teaser pric-
ing would predict that outside branches aggressively target larger and more trans-

parent firms, yet we find that opaque borrowers, SMEs and private firms, experi-
ence the largest initial discounts, inconsistent with that story. Borrower-driven 
selection also fails to account for our findings, as it neither explains the disappear-

ance of the discount when branch managers co-move with the borrower nor the 
attenuation of hold-up effects following the introduction of the SCS or FinTech 
adoption, both of which reduce information asymmetries. Similarly, if switching 

were purely driven by behavioral inertia, we would expect stable loan spreads ra-
ther than the observed overshooting above market rates over time, a pattern con-
sistent with the gradual rebuilding of informational leverage by the new branch. 

Collectively, these empirical patterns align closely with the predictions of organi-
zational economics models of hold-up under limited communication and transfera-
bility of soft information (Stein, 2002; Alonso et al., 2008), and they are difficult to 

reconcile with competing explanations. 
Our paper makes three main contributions. First, we provide the first system-

atic evidence of intra-bank hold-up. While the classic literature emphasizes the 

inability to transfer relationship-specific information across banks (Sharpe, 1990; 
Rajan, 1992; Ioannidou and Ongena, 2010), we show that similar frictions exist 
even within a single institution. Borrowers switching branches face temporary dis-

counts followed by higher spreads, revealing that hold-up dynamics arise inside 
banks as well as between them. In this sense, our research advances the under-
standing of how banks collect, process, and transmit soft information. Prior studies 
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have established that information asymmetries can distort credit allocation, ena-
bling banks to charge rates that exceed borrower quality (Kim et al., 2003; Ioan-
nidou and Ongena, 2010; López-Espinosa et al., 2017; Bertrand and Burietz, 2023) 

or reallocate credit selectively (Dell’Ariccia and Marquez, 2004; Sette and Gobbi, 
2015; Beck, et al., 2018). Our findings suggest that intra-bank hold-up may exac-
erbate these distortions, further questioning the efficient functioning of credit mar-
kets. 

Second, we connect relationship banking to organizational economics. Banks 
resemble multidivisional firms in which branch managers hold critical private in-
formation. Our findings align with the theoretical predictions of Dessein (2002) 

and Alonso et al. (2008): communication of soft information is noisy, delegation 
creates informational trade-offs, and coordination failures emerge when internal 
incentives are misaligned. By documenting how these frictions shape credit terms, 

we bring organizational economics to bear on relationship lending, complementing 
the empirical literature on soft information (Berger et al., 2005; Liberti and Pe-
tersen, 2019). 

Third, we highlight the policy and welfare implications of intra-bank frictions. 
We show that FinTech adoption and mandatory disclosure reforms mitigate intra-
bank hold-up by transforming soft into hard information, facilitating transferabil-

ity across branches. While hold-up strategies improve the credit quality of branch 
portfolios, they do so at the cost of higher borrowing costs for constrained firms and 
reduced market share. These findings underscore how organizational design, reg-

ulation, and digital transformation jointly affect credit allocation and financial ef-
ficiency (Jayaratne and Strahan, 1996; Berger et al., 1997; Jayaratne and Strahan, 
1998; Black and Strahan, 2002; Morgan et al. 2004; Degryse and Ongena, 2007; 

Hirtle, 2007; Beck et al., 2010; Ergungor, 2010; Gilje et al., 2016; Goetz, 2018; Ngu-
yen, 2019; Keil and Ongena, 2024). 

The remainder of the paper is structured as follows: Section 2 introduces the 

banking system in China and its branching network. Section 3 describes the da-
taset and presents summary statistics. Section 4 outlines the empirical strategy 
and discusses the findings. Section 5 concludes. 
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2. Banking system and branching architecture in 
China 

Commercial banks in China maintain extensive branch networks across the coun-
try, a structural necessity given the nation’s geographic and economic scale. These 
branch networks make Chinese banks archetypical multidivisional organizations: 

branches operate within a hierarchical framework that is coordinated by the 
bank’s headquarters, while individual branches serve as the primary interface for 
delivering a diverse array of banking services. In organizational economics terms, 
banks must resolve the classic trade-off between coordination and adaptation 

(Stein, 2002; Dessein, 2002; Alonso et al., 2008). Headquarters can centralize deci-
sion-making to ensure consistency, but doing so risks ignoring the rich soft infor-
mation generated locally. Conversely, granting branches autonomy allows them to 

tailor lending to local borrower conditions but makes internal coordination and 
information transfer more difficult. 

This organizational tension is particularly relevant in the Chinese context. 

Regulatory reforms since the 1990s have gradually decentralized decision-making 
to branch-level units, allowing them to better exploit local informational ad-
vantages (Park and Shen, 2008; Qian et al., 2015). At the same time, banks rely on 

tournament-style performance evaluations that compare branches against each 
other (Xie et al., 2019). These evaluation systems strengthen incentives for branch 
managers to guard their informational advantage, much like divisional managers 

in multidivisional firms (Blackwell et al., 1994; Seltzer and Frank, 2007; Tzioumis 
and Gee, 2013).6 As organizational economics predicts, this can lead to strategic 
communication failures: branches may not share soft information fully, and in-

stead act as semi-autonomous units competing for clients (Dessein, 2002). 
To empirically assess the prevalence and perception of such competitive dy-

namics and information flow barriers, we conducted an online survey targeting 

 
 
6 The tournament theory suggests that the outcome of competition within an organization is based 
on the relative performance evaluations, and promotions are awarded to those who achieve higher 
ranks (Lazear and Rosen, 1981; Connelly et al., 2014). 
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bank employees across China. The survey was administered in early 2024 and 
yielded 301 qualified responses within one week. Of these, 160 were from employ-
ees at bank headquarters and 141 from those stationed in branches. Given the 

study’s focus on intra-bank competition and information sharing at the branch 
level, we restricted our analysis to the latter subgroup. Branch-level employees are 
more likely to possess direct insights into inter-branch dynamics and communica-
tion practices. The resulting sample comprises 141 respondents from branches lo-

cated in 18 different provinces across China.7 The original questionnaire was de-
veloped and administered in Chinese; an English translation is provided in Appen-
dix B for reference. The survey comprises three core sections: intra-bank competi-

tion, internal information sharing, and the role of FinTech in banking operations.8 
For each question, respondents selected from a five-point Likert scale: Strongly 
disagree, Disagree, Neutral, Agree, and Strongly agree. 

Our survey corroborates our interpretation. As shown in Figure 1, 69% of re-
spondents reported that performance evaluations prioritize comparisons across 
branches within the same bank over comparisons with external institutions. Sim-

ilarly, 78% noted that intra-bank rankings influence personnel assessments. Strik-
ingly, 76% of respondents state that branches within the same bank actively com-
pete for customers. Turning to Figure 2, while a majority of respondents recognize 

that their banks encourage internal information sharing, 30% report clear defi-
ciencies in formal communication, and 22% highlight informal communication 
breakdowns. These patterns closely resemble the dynamics emphasized by Alonso 

et al. (2008): when divisions compete and incentives are not perfectly aligned, hor-
izontal communication is limited, and the internal flow of information becomes 
strategically distorted. 

 
 
7 To further contextualize the responses, we distinguished between employees affiliated with the 
bank from which we obtained our loan-level data and those employed by other institutions. Of the 
141 branch respondents, 26 were from our focal bank, while 115 represented other Chinese banks. 
To protect respondent confidentiality, we did not request specific institutional affiliations beyond 
this distinction. Notably, the responses between these two groups were largely consistent. There-
fore, unless otherwise indicated, our analysis does not differentiate between them. 
8 Discussion on the application of FinTech will be presented in Section 4.6. 
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[Insert Figure 1 and 2 here] 
 
The branching architecture of Chinese banks can thus be viewed through the lens 

of organizational economics. Banks resemble multidivisional firms in which local 
managers possess valuable private information but face weak incentives to com-
municate it. The trade-off between centralized coordination and local adaptation 
(Stein, 2002) is intensified by performance tournaments that heighten competition 

among branches. Consistent with Dessein (2002), authority is delegated to 
branches precisely because soft information cannot be easily codified or transmit-
ted upwards, yet this same decentralization makes coordination across branches 

more difficult. Alonso et al. (2008) predict that when internal competition is strong, 
divisions will hold some information and under-communicate information to pro-
tect their rents, a mechanism that fits squarely with the evidence from our survey. 

Framing Chinese banks in this way provides more than institutional back-
ground; it highlights a theoretical tension at the core of our analysis. If soft infor-
mation does not flow seamlessly across branches, then borrowers switching 

branches may face informational frictions analogous to switching across banks, 
leading to intra-bank hold-up. Our empirical analysis leverages this organizational 
setting to test whether these predicted frictions manifest in loan pricing and bor-

rower outcomes. 
The setting examined is not unique to China, nor is the tension exclusively 

observed in Chinese banks. Utilizing data from the Argentinian branch of a major 

multinational U.S. bank, Hertzberg et al. (2010) demonstrate that career concerns 
and local control distort communication, whereas rotation helps realign incentives. 

 

3. Data and descriptive statistics 
Our empirical analysis is based on a proprietary dataset obtained from a major 
commercial bank in China. This institution operates nationwide, with approxi-
mately 300 branches located across more than 20 cities. Due to confidentiality 

agreements, we are unable to disclose the bank’s identity. The dataset comprises 
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the full population of 119,270 newly initiated corporate loans issued between 2010 
and 2020, extended to 27,118 distinct firms operating in 203 cities.9 By restricting 
the analysis to new loan originations, we ensure temporal alignment between loan-

level contract data and firm-specific information, thereby capturing firm-branch 
matching dynamics at the precise moment when a firm initiates a new lending 
relationship. The geographical distributions of borrowers and loans in terms of 
value are listed in Appendix Figure A1. 

For each loan, the dataset includes detailed information on contract terms, 
borrower characteristics, and the originating branch. The loan contract data cover 
origination and maturity dates, interest rates, loan amounts, collateral status 

(with 89% of loans secured), internal loan ratings (pass=1, special attention, sub-
standard, doubtful, and write-off=5), and whether the loan is part of a credit line 
(which applies to 77% of cases). Borrower-level data include geographic location, 

industry classification, legal form (with 98% identified as corporations, and the 
remainder as partnerships, collectives, sole proprietorships, public institutions, 
and other organizational types), ownership structure (92% private firms, 8% state-

owned enterprises or government-related entities), and firm size (78% small and 
medium-sized enterprises; 22% large firms). To protect borrower confidentiality, 
firm identifiers have been anonymized, preventing linkage to external financial 

statement databases. 
A distinctive feature of the dataset is its capacity to track the issuing branch 

for each loan. The branch-level data include geographic location, identity codes, 

and establishment dates. These attributes allow us to construct novel measures of 
firm-branch relationship intensity. We quantify relationship duration as the num-
ber of months between a firm’s first loan from a given branch and the current loan 

origination. Relationship density is measured as the number of loans issued by the 
same branch to the same firm within the preceding five years. Furthermore, we 

 
 
9 Ioannidou and Ongena (2010) observe 33,084 loan initiations to 2,805 firms between March 1999 
and December 2003, while Bonfim et al. (2021) observe 1,364,250 loan initiations to 94,281 firms 
between June 2012 and May 2015. 
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construct a binary indicator for whether a firm simultaneously maintains lending 
relationships with multiple branches. 

The institutional context of interest rate policy in China further informs our 

empirical framework. Since the mid-1990s, the People’s Bank of China (PBoC) has 
gradually liberalized interest rates (Kim and Chen, 2022). The reform began with 
the liberalization of interbank rates, followed by the incremental expansion of the 
permissible range around benchmark lending and deposit rates. Key milestones 

occurred in 2004, 2013, and 2015, when the PBoC sequentially removed the upper 
and lower bounds of interest rates. These reforms culminated in the adoption of a 
market-oriented interest rate corridor system. Throughout this period, the policy 

benchmark rate remained a salient reference point for banks in pricing loans. Be-
tween 2010 and 2020, the PBoC adjusted the policy rate 21 times, with the cumu-
lative magnitude of changes reaching up to 280 bps. Because the focal bank’s pric-

ing strategy emphasizes risk premiums rather than nominal interest rates, our 
primary outcome variable is the loan spread above the prevailing PBoC benchmark 
rate. However, our empirical findings remain robust when using nominal loan 

rates as an alternative specification (see columns 5-6 of Appendix Table A1). 
Descriptive statistics from the dataset reveal that the average new loan car-

ries a spread of 88 bps, has a maturity of approximately one year, and an average 

principal of CNY 23.7 million. Firms in the sample typically receive three loans 
annually from the focal bank, while an average branch originates 216 loans per 
year. Over the sampling period, each branch engages with an average of 507 

unique borrowing firms. In terms of lending relationships, 39% of firms maintain 
simultaneous ties with multiple branches. Among single-branch relationships, the 
average duration is 32 months, with firms obtaining approximately six loans from 

the same branch during that period. 
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4. Results 
4.1. Switching 

Following the seminal framework of Ioannidou and Ongena (2010), we investigate 
the presence and implications of relationship lending within banks by examining 
changes in loan conditions when firms switch branches of the same bank. Specifi-

cally, we define a new loan as a “switch” (or a switching loan) when the borrowing 
firm receives credit from a branch with which it had no lending relationship in the 
preceding 12 months. We refer to such a branch as an “outside branch”. This defi-
nition relies on the assumption that critical soft information from prior lending 

relationships deteriorates over a one-year horizon—an assumption consistent with 
the literature. Our findings remain robust to alternative cutoffs of 24 and 36 
months (see columns 1-4 of Appendix Table A1). In line with Ioannidou and 

Ongena (2010), we do not distinguish between firms that “move” from one branch 
to another and those that “add” a new branch relationship. The rationale is that 
existing exposures often persist after the switch, making it difficult—both opera-

tionally and conceptually—to disentangle movers from adders. We then designate 
branches that extended credit to a firm within the prior 12 months as “inside 
branches,” and define new loans issued by these branches to their existing custom-

ers as “nonswitching loans”. 
 

[Insert Figure 3 here] 
 

Figure 3 illustrates this classification using a stylized example. Consider firm A 

and four bank branches (1, 2, 3, and 4). The solid lines represent ongoing loan 
relationships, while the dashed line denotes a newly issued loan at time t = 0. Firm 
A receives this new loan from branch 3, which had not engaged in lending to the 

firm over the prior 12 months. Branch 3 is therefore identified as an outside 
branch, and the loan is classified as a switching loan. In contrast, branches 1, 2, 
and 4 had existing relationships with the firm during the preceding year and are 



BOFIT Discussion Papers 7/2025 
 
 
 

 
 
 
 
 

15 

categorized as inside branches. Loans from these branches to firm A during the 
same period are classified as nonswitching loans. 

Applying this definition to our dataset, we identify 7,628 switching loans, ac-

counting for approximately 7% of all loan originations during the 2010–2020 sam-
pling period. These loans were extended to 6,170 firms, suggesting that around 
22% of firms in our sample switched branches at least once over the decade (an 
annual switching rate of 2.2%). This frequency is notably lower than the interbank 

switching rates reported in Farinha and Santos (2002) and Ioannidou and Ongena 
(2010), who report annual rates of 4% and 4.5%, respectively. The relative infre-
quency of intra-bank switching is intuitively sensible that switching within a bank 

is less necessary than switching across banks. 
 

[Insert Table 1 here] 
 

Table 1 presents descriptive statistics comparing switching and nonswitching 

loans. While the median loan spread is identical across groups (87 bps), switching 
loans exhibit a slightly higher mean spread (90 bps) than nonswitching loans (88 
bps). However, this difference may reflect underlying heterogeneity between the 

loan types. Specifically, switching loans tend to be smaller in size, longer in ma-
turity, more frequently collateralized, higher in internal credit ratings, and less 
likely to be associated with a credit line. Additionally, they are more commonly 

issued to SMEs and reflect weaker prior lending relationships with the originating 
branch. These patterns suggest that outside branches may systematically differ in 
both the firms they choose to finance and the contract terms they offer. Conse-

quently, to draw valid inferences about switching costs, it is essential to control for 
observable firm and loan characteristics—a task we address using a rigorous 
matching approach. 
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4.2. Matching 

To estimate switching costs, we ideally seek to compare the interest rate that the 
firm received from the outside branch with the rate it would have obtained from 
one of its inside branches at the same point in time. However, we do not observe 

counterfactual offers from the firm’s incumbent branch. To approximate this un-
observed benchmark, we adopt the matching strategy developed by Ioannidou and 
Ongena (2010). Specifically, we compare the switching loan to a set of similar loans 
extended by the firm’s inside branches in the same month to other comparable 

firms. Additionally, we conduct a parallel analysis comparing the switching loan 
to similar loans granted by the outside branch to its existing customers at the same 
time. These two complementary matching strategies allow us to isolate the role of 

relationship history while accounting for potential branch-specific pricing behav-
ior.  

Figure 4 illustrates the first matching design. At time t = 0, the switching loan 

is granted by branch 3 (an outside branch). We match this loan to nonswitching 
loans made during the same month by the firm’s inside branches—branches 1, 2, 
and 4—to other firms with similar observable characteristics. In the second strat-

egy, depicted in Figure 5, we again focus on the switching loan from branch 3 at 
time t = 0. This time, we match it with nonswitching loans that branch 3 issued to 
its existing clients during the same month. This enables us to control for unob-

served pricing norms or regional factors specific to the outside branch. 
 

[Insert Figures 4 and 5 here] 
 

Table 2 describes the variables used in the matching procedure. In both strategies, 

we match on the loan origination month, branch identity (inside or outside), and a 
rich set of borrower and contract characteristics. These include loan amount, ma-
turity, collateral status, presence of a credit line, firm location, industry, legal 

form, ownership type, and firm size. To further mitigate bias from unobserved het-
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erogeneity, we also include the bank’s internal credit rating for each loan—an in-
formative proxy for borrower risk that is observable to the bank but not externally 
available. As a robustness check, we also match using the borrower’s most recent 

credit rating prior to switching, which helps address concerns regarding potential 
rating inconsistencies arising from information asymmetries between branches. 
However, since we analyze switching behavior within the same bank, such asym-
metries are arguably less severe than in interbank settings. Finally, by matching 

on both the origination month and loan maturity, we control for temporal variation 
in economic conditions and interest rate expectations, ensuring that the observed 
differences in loan spreads are not confounded by broader macroeconomic trends. 

 

[Insert Table 2 here] 
 

Our estimation strategy proceeds in three steps. First, for each switching loan, we 
identify a set of matched nonswitching loans issued during the same month by the 

firm’s inside or outside branches to similar borrowers.10 Second, we compute the 
difference in loan spreads between the switching loan and each matched non-
switching loan. Third, we regress the differences in spreads on a constant term. A 

statistically significant negative constant would indicate that, on average, switch-
ing loans are priced more favorably than comparable nonswitching loans, which 
we interpret as evidence of switching costs due to hold-up. Importantly, any resid-

ual bias from unobservable borrower characteristics would likely attenuate our es-
timates, rendering them a conservative lower bound on the true magnitude of 
switching costs (Ioannidou and Ongena, 2010). 

 

4.3. Switching costs 

Table 3 presents the main empirical results, including the set of matching varia-
bles, the number of matched switching and nonswitching loans, the total number 

 
 
10 Our results are consistent if we employ a propensity score matching strategy. 
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of matched pairs, and, most importantly, the estimated coefficients on the constant 
term from the regression analyses. To address concerns related to potential multi-
plicity bias, we apply a weighting scheme in which each observation is weighted 

by the inverse of the number of matched nonswitching loans per switching loan. 
Standard errors are clustered at the level of the switching firm to further mitigate 
any inference distortion arising from correlated residuals within firms (our find-
ings remain consistent when we cluster at the branch level, see columns 9-10 of 

Appendix Table A1). 
 

[Insert Table 3 here] 
 

In column 1, we follow the approach illustrated in Figure 3 by matching each 

switching loan to nonswitching loans issued by the same firm’s inside branches 
within the same calendar month. This procedure yields 1,063 switching loans and 
2,526 matched nonswitching loans, resulting in a total of 3,064 matched pairs. On 

average, each switching loan is matched to 2.4 comparable nonswitching loans. 
The coefficient estimate on the constant is -5.71 bps, indicating that switching 
loans carry a spread that is, on average, 5.71 bps lower than comparable loans 

issued by the firm’s current inside branch in the month of switching. This effect is 
economically meaningful: given that the average loan spread is 88 bps and the 
average loan interest rate is 582 bps, the discount for switchers represents approx-

imately 1% of the total loan rate or 6.5% of the average loan spread. 
In column 2, we refine the matching strategy by comparing switching loans to 

nonswitching loans issued by outside branches, as depicted in Figure 3. This ad-

justment addresses potential concerns regarding unobserved heterogeneity across 
branches by ensuring that the comparison occurs within the same branch and in 
the same month. The key distinction in this comparison lies in the customer rela-

tionship: one loan is extended to a new client (the switcher), while the other is 
provided to an existing client of that branch. This approach offers a notable ad-
vantage over the inside-branch matching in column 1 or alternatives that rely on 
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controlling for observable branch characteristics.11 Matching on outside branches 
yields 2,095 switching loans and 4,949 matched nonswitching loans, resulting in 
6,443 matched pairs. The estimated coefficient on the constant is -5.85 bps, which 

closely aligns with the result in column 1, indicating that outside branches price 
loans to new customers in a manner similar to how inside branches price loans to 
their own long-term clients. 

To further assess the robustness of our findings, we conduct two additional 

tests. In column 3, we modify the matching procedure by substituting the credit 
rating assigned by the outside branch with the most recent credit rating issued by 
the firm’s inside branch prior to the switch. This adjustment is motivated by the 

premise that the inside branch, having a longer-standing relationship with the 
firm, may provide a more accurate assessment of the firm's creditworthiness. Prior 
literature, notably Ioannidou and Ongena (2010), has documented that the predic-

tive power of credit ratings increases with the duration of the lending relationship. 
In this context, matching on the inside branch's rating effectively imposes the re-
quirement that the matched nonswitching loans share the same rating as the 

switcher, thus offering a better approximation of the inside branch’s unobserved 
offer. This refinement modestly reduces the sample size, with the estimated spread 
of -3.86 bps. 

In column 4, we further explore the influence of relationship strength by 
matching loans on several proxies that capture the depth of prior lending ties. Spe-
cifically, we include the length and density of the borrower-lender relationship as 

well as the existence of multiple concurrent lending relationships. This approach 
aims to ensure that switchers and matched nonswitchers are comparable not only 
in terms of observable loan and borrower characteristics but also in their relational 

history with the inside branch. The matching based on relationship strength re-
duces the number of observations to 798, with the estimated coefficient on the con-
stant of -6.86 bps. 

 
 
11 Unless otherwise noted, we adopt the column 2 specification as our benchmark model in subse-
quent analyses. 
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Collectively, the results offer robust evidence that when firms switch branches 
within the same bank, the newly originated loans tend to carry spreads approxi-
mately 6 bps lower than those on comparable loans extended to existing customers. 

The persistence of this discount underscores that the transfer of relationship-spe-
cific soft information across branches is imperfect. In line with theories of authority 
and communication (Dessein, 2002; Alonso et al., 2008), these findings suggest that 
internal communication frictions and branch-level incentives generate an intra-

bank hold-up problem, where information asymmetries are reproduced inside the 
organization itself. 
 

4.3.1. Excluding the possibility of involuntary switching 

Bank policies. One potential concern is that some firms may be compelled to 
switch branches due to bank policies, rather than as a voluntary response to lend-
ing conditions. For instance, banks may mandate that certain loans be transferred 

to specialized branches tasked with handling restructuring or bankruptcy resolu-
tion. Xu et al. (2020) document a relevant example in their study of a policy imple-
mented by a major Chinese bank, which mandated the localization of credit origi-

nation. Under this policy, the formation and maintenance of branch–borrower re-
lationships were subject to two key restrictions: (1) within the same administrative 
district, a firm could not obtain loans from more than one branch of the same bank; 

and (2) branches were prohibited from issuing loans to firms that were not legally 
registered within their own district. As a result, the policy effectively forced some 
borrowers to switch branches to comply with these geographical lending con-

straints. To rule out the possibility that similar internal policies are driving the 
switching behavior observed in our sample, we conducted detailed discussions with 
senior management at our focal bank. Based on these communications, we confirm 

that no such branch-switching policies were in place during our study period. This 
assurance strengthens our interpretation that the observed switching events in 
our dataset reflect firms’ autonomous decisions, rather than policy-induced reas-

signments.  
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Multi-market firms. Firms may also be forced to switch due to reallocation 
or geographic expansion of their businesses, such as the establishment of new sub-
sidiaries or operations in different regions. In such cases, borrowers may gain ac-

cess to alternative bank branches, thereby facilitating a switch in lending relation-
ships. However, due to data limitations, we are unable to observe the precise tim-
ing of such process. But to address this concern, we conduct a robustness check by 

excluding firms that operate across multiple business addresses and re-estimate 
our baseline model on this restricted sample. The results, reported in columns 7 
and 8 of Appendix Table A1, remain consistent with our main findings. This sug-

gests that the observed discount in loan spreads for switching loans is not attribut-
able to changes in borrower location or to different subsidiaries of the same firm 
applying for loans at different branches. 

Branch closures. Another potential source of involuntary branch switching 

arises from branch closures. In studies such as Bonfim et al. (2021) and 
Liaudinskas (2024), firm transfers were triggered by the shutdown of local bank 
branches, necessitating the reassignment of existing loan relationships. However, 

this concern does not apply to our setting. According to internal records and con-
firmation from bank management, our focal bank did not undergo any branch clo-
sures during the sample period. As such, we can confidently rule out the possibility 

that the observed switching behavior is driven by exogenous branch shutdowns. 
 
4.4. Heterogeneity generated by hold-up 

Our findings are most consistent with an organizational economics explanation in 

which intra-bank information frictions generate a form of hold-up, rather than be-
ing driven by alternative mechanisms such as teaser pricing, borrower self-selec-
tion, or behavioral inertia. And such hold-up could generate the following hetero-

geneities. 
 
4.4.1. Switching with (or without) branch managers 

First, we investigate a unique subsample in which the borrower switches branches 
together with their original branch manager. Prior research emphasizes that 
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branch managers are not passive conduits of credit policies but active holders and 
interpreters of soft, relationship-specific information (Aghion and Tirole, 1997; 
Stein, 2002; Berger and Udell, 2002; Liberti and Mian, 2009). Within the theoret-

ical framework of relationship lending, these managers accumulate non-contracti-
ble, qualitative information that informs loan origination, renewal, renegotiation, 
and termination decisions. This manager-centric view of soft information is rein-
forced by models showing that lending discretion and local judgment are central to 

relationship banking (Drexler and Schoar, 2014; Canales and Greenberg, 2016). 
Building on this framework, we hypothesize that when the same manager 

transfers to the borrower’s new branch, the informational gap that typically drives 

initial pricing discounts should disappear. Specifically, we identify cases where the 
borrower switches to an outside branch within the first 12 months of a branch 
manager’s tenure—thus minimizing potential disruption in the lending relation-

ship. When we restrict the analysis to these “manager-continuity switches,” the 
estimated coefficient on the spread discount becomes statistically insignificant 
(column 1, Table 4). In our data, managerial mobility is relatively common—46% 

of the 540 branch managers in the sample move at least once during the sample 
period—yet only 1.3% of switching loans involve a borrower moving with the orig-
inal branch manager. Although this subsample is small, the result provides sug-

gestive evidence that the presence of the same manager mitigates information loss. 
Conversely, when we exclude these joint-switch observations and re-estimate the 
baseline model, the initial discount re-emerges with virtually unchanged magni-

tude (column 2, Table 4). 
 

[Insert Table 4 here] 
 

These findings are difficult to reconcile with alternative mechanisms. Teaser pric-

ing would not predict the elimination of the discount when managers co-move, as 
the initial rate reduction would reflect competitive strategies independent of man-
agerial continuity. Likewise, a selection-on-offer explanation would imply that bor-
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rowers choose to switch based on superior terms, meaning the observed rate dif-
ferential should persist regardless of managerial mobility. Finally, behavioral in-
ertia cannot explain why the switching discount disappears when the original 

manager relocates with the borrower, as inertia-driven frictions are psychological 
and unrelated to the transfer of relationship-specific information. By contrast, the 
disappearance of the discount under managerial co-movement is consistent with 
an organizational economics interpretation of hold-up, wherein the transfer of soft 

information mitigates informational frictions. 
 
4.4.2. Switching to closer (or more distant) branches 

Another perspective on intra-bank hold-up comes from examining the geographic 

distance between a borrower’s inside branch and the new (outside) branch to which 
it switches. From an organizational economics standpoint, geographic distance can 
exacerbate internal communication frictions and reduce informal monitoring, 

while also influencing the degree of competitive pressure across branches. Prior 
research highlights that proximity improves lending efficiency and strengthens 
competition (Degryse and Ongena, 2005). In the context of intra-bank hold-up, 

closer branches should face greater constraints on rent extraction, both because 
internal information transfer may be easier and because localized market compe-
tition limits their pricing power. Conversely, when borrowers move to more distant 

branches—where communication is weaker and competitive overlap is minimal—
the inside branch has greater scope to exploit informational rents. 

To test these predictions, we re-estimate our baseline regression on two sub-

samples: (i) firms switching to geographically closer branches, and (ii) firms switch-
ing to more distant branches. Distance is measured in kilometers as the straight-
line distance between the borrower’s previous branch and the new branch, with 

“closer” defined as the distance to new branch being smaller than the distance to 
existing branch. Roughly 54% of switches are to closer branches, while 46% are to 
more distant branches. 
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The results, presented in Table 5, align squarely with the intra-bank hold-up 
interpretation. For borrowers switching to closer branches (column 1), the esti-
mated spread discount is statistically insignificant and economically small, sug-

gesting that competitive pressure and easier internal communication mitigate the 
informational rents that typically drive hold-up dynamics. By contrast, when bor-
rowers switch to more distant branches (column 2), the spread discount is larger 
and statistically significant, reflecting greater latitude for informational rent ex-

traction in settings where competitive pressures are weaker and organizational 
frictions are greater. 
 

[Insert Table 5 here] 
 

These geographic patterns are inconsistent with alternative explanations such as 
teaser pricing and borrower selection. Teaser pricing would predict that outside 
branches, regardless of distance, compete aggressively to win business, particu-

larly from high-volume or low-risk borrowers, leading to similar or even larger in-
itial discounts in competitive, nearby markets. Selection-on-offer would similarly 
imply that firms switch when presented with sufficiently attractive terms, so dis-

tance should not systematically affect the magnitude of the observed discount. 
While behavioral inertia could, in principle, generate some geographic variation—
borrowers might be more willing to switch to nearby branches where the perceived 
switching costs (time, administrative effort, and relational disruption) are lower—

the results align most closely with an organizational economics framework: prox-
imity enhances competitive pressure and facilitates informal information flows, 
constraining the incumbent branch’s ability to extract informational rents. 

 
4.4.3. Switching to newly established (or existing) branches 

In a similar vein, if the hold-up mechanism underlies our findings, we would expect 
a more pronounced decline in loan spreads when firms switch to branches that are 

comparatively less informed and, consequently, less competitive. In organizational 
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terms, incumbent (inside) branches possess superior borrower-specific informa-
tional capital, allowing them to extract informational rents from existing custom-
ers. This advantage is particularly potent when competing branches are relatively 

uninformed, such as newly established branches that have not yet developed the 
capacity to collect and interpret soft information. In such cases, the inside branch 
faces limited external pressure to lower spreads, and borrowers that remain are 
more vulnerable to rent extraction. When a borrower switches to such a nascent 

branch, however, the informational asymmetry between the two branches is great-
est, creating an environment where the new branch must offer larger initial pricing 
concessions to attract the borrower, even as it gradually rebuilds its own informa-

tional advantage. 
To examine this organizational dynamic, we first extend our baseline analysis 

to the subsample of firms switching to newly established branches. 12  These 

branches—defined as those within the first 12 months of operation—lack the ac-
cumulated knowledge, informal networks, and local soft-information base that sea-
soned branches rely on for effective screening and monitoring. As a result, they are 

at an informational disadvantage, both relative to incumbent branches and to more 
established competitors. To avoid contamination from administrative reassign-
ments rather than true switching, we further exclude loans originated in the first 

three months of a branch’s operation.13 
Table 6 presents the results. Firms switching to newly established branches 

experience substantially larger reductions in loan spreads (26.79 bps ≅ 5% of the 

average loan rate or ≅ 30% of the average loan spread), compared to only 5.5 basis 

points (5.50 bps ≅ 1% of the average loan rate or ≅ 6% of the average loan spread) 

 
 
12 In this analysis, we match switching loans with nonswitching loans issued by the set of inside 
branches, as the outside branch is newly established (less than 12 months) with no existing non-
switching customers. The inside matching model requires matching outside branches with inside 
branches in the same city. This assumes each city has at least two branches. If the outside branch 
is new, an established branch must already exist there. This excludes the possibility that new 
branches are in newly developed areas with more business opportunities and lower interest rates. 
13 Our findings are insensitive to the choice of time window. 
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for switches to existing branches. This striking heterogeneity reinforces the organ-
izational economics interpretation: the magnitude of initial discounts scales with 
the informational disadvantage of the new branch, and the depth of the informa-

tional gap between branches dictates the intensity of the hold-up cycle. 
 

[Insert Table 6 here] 
 

Building on the preceding analysis, we next examine the role of managerial turn-
over in shaping intra-bank hold-up dynamics. From an organizational economics 

perspective, branch managers are the primary repositories and interpreters of soft 
information (Aghion and Tirole, 1997; Stein, 2002; Liberti and Mian, 2009). When 
a manager is newly appointed to a branch, that branch experiences a temporary 

informational disadvantage relative to more established incumbents. This disad-
vantage weakens the branch’s ability to compete for borrowers and amplifies the 
incumbent branch’s ability to extract informational rents, consistent with the in-

ternal hold-up framework.  
We define a switch to a branch with a newly appointed manager as a loan 

originated by that branch within the first 12 months of the manager’s tenure, while 

excluding loans granted during the initial three months to account for transitional 
adjustments. This exclusion mitigates noise from administrative carryovers—such 
as loans initiated under the previous manager but finalized under the new one—

ensuring that observed dynamics reflect genuine shifts in relationship-specific in-
formation. To isolate the effect of managerial turnover from the confounding effects 
of branch maturity, we restrict this analysis to established branches only, exclud-

ing newly created branches where all managers are, by definition, new. This focus 
allows us to more cleanly assess how a loss of embedded managerial knowledge 
affects switching outcomes. 

Table 7 presents the estimation results. Firms switching to branches with 
newly appointed managers receive substantially larger initial rate concessions 
(11.30 bps ≅ 2% of the average loan rate or ≅ 13% of the average loan spread) 

compared to a much smaller 3.5 basis point reduction when switching to branches 
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with stable managerial leadership (≅ 1% of the average loan rate or ≅ 4% of the 

average loan spread). These findings reinforce the organizational economics inter-
pretation of intra-bank hold-up. When a borrower switches to a branch with a man-
ager who has not yet developed the local soft-information base, that branch is 
forced to compete more aggressively to attract the borrower. At the same time, the 

incumbent branch faces less credible competition, allowing it to extract greater 
informational rents from borrowers that remain. 
 

[Insert Table 7 here] 
 

The observed patterns when borrowers switch to newly established branches or 
branches with newly appointed managers could be consistent with teaser pricing 
or selection-on-offer mechanisms. New or transitional branches might offer tempo-

rarily lower rates to build market share, or borrowers may self-select into these 
branches precisely because they receive more attractive initial offers. Behavioral 
inertia, by contrast, offers no explanatory power in this setting, as psychological 

frictions do not vary systematically with the establishment age of the branch or 
the tenure of the branch manager. In contrast, the evidence aligns closely with an 
organizational economics interpretation: newly established or managed branches 

face acute informational disadvantages relative to incumbent branches, weaken-
ing their ability to compete on informational rents and forcing them to offer deeper 
initial discounts. 

 
4.5. Mitigating hold-up 

4.5.1. Social Credit System 

Government-mandated information disclosure plays a critical role in reducing or-
ganizational frictions in financial markets by leveling the informational playing 
field between incumbents and potential competitors. By expanding the quantity, 

reliability, and accessibility of borrower information, such regulations constrain 
the ability of insiders to exploit private informational advantages (Friedman et al., 
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2022). They also incentivize firms to improve the quality of their financial report-
ing (Bertomeu et al., 2021; Bertomeu, 2023), thereby making borrower risk profiles 
more transparent and verifiable. Complementing these reforms, digital credit-in-

formation platforms improve the efficiency of recording, publicizing, and dissemi-
nating borrower-level credit data, reducing information asymmetries and lowering 
switching costs in lending markets (Ma et al., 2005; Klievink et al., 2016). 

China’s Social Credit System (SCS) embodies this dual function of regulatory 

oversight and centralized information sharing. By providing timely, comprehen-
sive data on firms’ operational performance, tax compliance, financing behavior, 
and credit defaults, the SCS improves transparency and strengthens lenders’ abil-

ity to assess borrower quality. The institutionalization of the SCS was codified in 
the “Planning Outline for the Construction of the Social Credit System (2014–
2020)” by the State Council in June 2014. This document laid the groundwork for 

the system’s integration across commercial, social, and judicial domains. In re-
sponse, the National Development and Reform Commission (NDRC) and the Peo-
ple’s Bank of China (PBoC) jointly launched two waves of pilot programs in 2015 

and 2016, covering 11 and 31 prefecture-level cities, respectively (see Appendix 
Table A2 for more details). These cities built robust online credit portals and stand-
ardized credit-sharing systems, reducing the reliance on relationship-specific soft 

information. Within our matched sample, 23.4% of cities participated in the pilot 
program, covering 3,959 loans, or 56.2% of all observed loans in the dataset. 

To assess the effect of this policy on mitigating intra-bank hold-up, we esti-

mate a difference-in-differences specification comparing loan spreads between 
switching and matched non-switching loans before and after SCS implementation 
(based on specifications in Column 2 of Table 3). The model includes policy-timing 

indicators, borrower and city-level controls (𝐶𝐶𝐶𝐶𝑓𝑓𝑓𝑓 and 𝐶𝐶𝐶𝐶𝑐𝑐𝑐𝑐), city fixed effects (𝜑𝜑𝑐𝑐), 

and province-by-year fixed effects (𝜑𝜑𝑐𝑐) to absorb unobserved heterogeneity and re-
gional shocks. The estimating equation is as follows: 
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𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑖𝑖 = 𝛼𝛼0 + �𝛽𝛽𝑛𝑛𝐵𝐵𝐵𝐵𝐵𝐵𝑐𝑐𝑐𝑐𝑛𝑛
4

𝑛𝑛=1

+ 𝛾𝛾𝐶𝐶𝐶𝐶𝐶𝐶𝑐𝑐𝑐𝑐 + �𝛿𝛿𝑛𝑛𝐴𝐴𝐴𝐴𝐴𝐴𝑐𝑐𝑐𝑐𝑛𝑛
4

𝑛𝑛=1

+ 𝜌𝜌𝐶𝐶𝐶𝐶𝑓𝑓𝑓𝑓 + 𝜃𝜃𝐶𝐶𝐶𝐶𝑐𝑐𝑐𝑐 + 𝜑𝜑𝑐𝑐 + 𝜑𝜑𝑝𝑝𝑝𝑝

+ ε𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖                                                                                                                (1) 
 
where Spread denotes the loan spread difference between a switching loan i and 
its matched non-switching counterpart. The policy dummies capture the year-by-

year dynamics: BEF equals 1 if the loan originates 𝑛𝑛 years before the SCS imple-

mentation in city 𝑐𝑐; CUR equals 1 during the year of implementation; and AFT 

equals 1 for each of the 𝑛𝑛 years following implementation. 

Figure 6 visualizes the estimates, with coefficients normalized to the year be-
fore implementation and 95% confidence intervals clustered at the city level. The 
results provide clear evidence that mandatory disclosure reduces intra-bank hold-

up. There are no statistically significant pre-trends, supporting the parallel-trends 
assumption. However, in the year of implementation, switching loans experience 
a sharp decline in spreads relative to matched non-switching loans (a significant 

positive estimate indicates a reduction in hold-up), an effect that persists for three 
years before tapering off. This temporary but economically meaningful reduction 
in switching costs highlights how centralized, standardized credit information sys-

tems erode the informational advantage of incumbent branches, increase internal 
information portability, and foster more competitive loan pricing. From an organ-
izational economics perspective, these findings show that policy interventions that 

codify and share soft information can mitigate the structural frictions inherent in 
multi-branch banks. By reducing the opacity that fuels intra-bank hold-up, such 
reforms not only enhance efficiency in credit allocation but also promote broader 

borrower mobility and market competitiveness. 
 

[Insert Figure 6 here] 
 

4.5.2. Deployment of FinTech 

FinTech innovations are transforming how soft information is processed, codified, 
and transmitted, fundamentally reshaping the organizational dynamics that give 
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rise to intra-bank hold-up. By converting qualitative, relationship-based insights 
into standardized and transferable metrics, FinTech effectively “hardens” soft in-
formation (Liberti and Petersen, 2019). Technologies such as internal credit-scor-

ing systems and machine-learning-based risk assessments make borrower infor-
mation portable across branches, reducing the dependency on the subjective, con-
text-specific knowledge of individual managers. This digitization erodes the local-
ized informational advantages historically held by incumbent branches, thereby 

mitigating hold-up (Sutherland, 2018).  
Our survey evidence supports this theoretical mechanism: 84% of respondents 

perceive significant opportunities in adopting FinTech, 89% report that banks are 

actively pursuing such technologies, and 79% agree that FinTech reduces infor-
mation asymmetries by deepening lenders’ understanding of their customers. 
These perceptions, summarized in Figure 7, underscore the industry-wide belief 

that digitalization enhances informational transparency and efficiency in lending. 
 

[Insert Figure 7 here] 
 

To empirically examine this channel, we re-estimate the baseline model from Col-

umn 2 of Table 3, augmenting it with a branch-level index of FinTech deployment. 
This measure captures both bank-wide FinTech adoption and branch-specific var-
iation in the capacity to implement these tools. Specifically, the branch-level index 

is defined as:  
𝐵𝐵𝐵𝐵𝐵𝐵𝐵𝐵𝐵𝐵ℎ 𝐹𝐹𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖ℎ𝑏𝑏𝑏𝑏 = 𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑏𝑏𝑏𝑏𝑏𝑏 × 𝐵𝐵𝐵𝐵𝐵𝐵𝐵𝐵 𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹ℎ𝑡𝑡                                    (2) 

 
where b indexes the bank branch, c denotes the city of the branch, and t represents 

the year. The term Bank FinTech reflects the bank-wide adoption of FinTech tech-
nologies and digitalized operations from the Digital Transformation Index of Chi-
nese Commercial Banks developed by the Institute of Digital Finance at Peking 

University. This index remains uniform across all branches in a given year and it 
is confirmed by our bank that all branches have equal access to a centralized digi-
tal information system. While this measure captures temporal changes in FinTech 
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usage, it does not account for spatial heterogeneity in FinTech integration across 
branches. In reality, the capacity of branches to effectively deploy FinTech varies 
significantly, influenced by regional disparities in digital infrastructure and tech-

nological adaptation. Our discussions with branch management reveal that, de-
spite being equipped with uniform IT systems and FinTech platforms, branches 
exhibit varying levels of FinTech adoption and operational application. The digital 
awareness, literacy, and competence of branch managers, which is strongly influ-

enced by the local FinTech penetration in their region, are primary drivers of these 
differences. 

To address this limitation, we construct a MinMaxScaler that adjusts for local 

variations in FinTech capacity by benchmarking each city’s digital financial inclu-
sion against national levels (Clement and Tse, 2005; Do and Zhang, 2020). This 
scaler is derived from the Digital Financial Inclusion Index of China, developed by 

the Institute of Digital Finance at Peking University in partnership with Ant 
Group (Guo et al., 2019; Ding et al., 2022; Ling et al., 2025). This index evaluates 
digital financial inclusion along three dimensions: (1) breadth of coverage, reflect-

ing accessibility to digital services; (2) depth of usage, capturing engagement with 
financial products such as payments and credit; and (3) degree of digitalization, 
measuring the integration of digital technologies into financial practices. Cru-

cially, we utilize the third dimension of the index to highlight regional disparities 
in FinTech deployment, emphasizing the need for localized strategies that align 
with varying digital infrastructures. 

To operationalize this measure, we compute the difference between the degree 
of digitalization of each city and the minimum degree observed across all Chinese 
cities for a given year t. This difference is normalized by the annual range, yielding 

a relative score that reflects each branch’s capacity to implement FinTech solutions 
without altering the overall distribution of Bank FinTech. This adjustment allows 
us to effectively capture the readiness of each city to deploy FinTech solutions ef-

fectively. 
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Figure 8 presents the results. As FinTech penetration deepens across 
branches, the initial spread discounts associated with switching narrow consider-
ably, indicating a weakening of incumbent branches’ informational rents. From an 

organizational perspective, this reflects how digitization facilitates the internal 
portability of soft information, enabling outside branches to compete more effec-
tively and eroding the structural frictions that sustain intra-bank hold-up. Bor-
rowers benefit directly through lower switching costs and more competitive loan 

pricing, demonstrating that technology-driven information integration can mate-
rially improve credit market efficiency. 
 

[Insert Figure 8 here] 
 

The evidence from the SCS pilot program and FinTech adoption strongly supports 
the hold-up interpretation and is inconsistent with alternative explanations. Both 
teaser pricing and borrower-driven selection would predict the opposite effect: as 

information flows improve and borrowers become more visible to competing 
branches, outside branches should face stronger competitive pressure to offer even 
more aggressive initial pricing, thereby widening—not narrowing—the observed 

spread discounts. Likewise, these mechanisms cannot explain why the gap be-
tween switching and non-switching loans narrows in response to improved infor-
mation sharing. Behavioral inertia, meanwhile, provides no clear prediction for 

how institutional reforms or digital technologies that harden soft information 
should affect loan spreads, since psychological frictions are unrelated to the effi-
ciency of information transfer. By contrast, the findings align neatly with an or-

ganizational economics framework: by reducing information asymmetries between 
incumbent and outside branches, both SCS disclosure and FinTech adoption erode 
the informational rents that inside branches can extract, leading to lower hold-up 

costs and more competitive loan pricing. 
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4.6. Dynamics after switching 

We further extend our analysis to explore the dynamic evolution of loan spreads 
following firms’ transitions to outside branches. While switching may initially 
grant firms favorable loan terms, organizational economics suggests that these 

benefits may be transitory. As the outside branch gradually accumulates relation-
ship-specific knowledge, its informational disadvantage erodes. Over time, this en-
ables the branch to extract informational rents, replicating the hold-up behavior 
previously exerted by the incumbent branch. 

To test this dynamic, we track each switching borrower’s subsequent loans at 
the new branch, comparing their spreads to the initial switching loan while holding 
branch and firm characteristics constant. This within-branch, within-firm compar-

ison ensures that the observed changes are driven by the evolution of the relation-
ship rather than borrower heterogeneity or changes in branch conditions. Using 
our matched sample, we analyze 3,543 switching loans to 3,041 firms, alongside 

12,485 subsequent loans, and group observations into quarterly intervals ranging 
from 1-3 months after switching to at least 13 months post-switch. For each inter-
val, we regress loan spreads on a constant, as well as calendar-year, branch, and 

firm fixed effects. These fixed effects control for time-invariant characteristics and 
macroeconomic fluctuations, allowing for a clean identification of the temporal pat-
tern in loan spreads. 

Panel A of Table 8 reveals a clear temporal pattern. In the first six months 
after switching, loan spreads decline further by as much as 17.68 bps, suggesting 
aggressive initial competition by the outside branch. However, after roughly one 

year, this advantage reverses: spreads increase, eventually exceeding the initial 
switching loan by 18.64 bps. This rise-and-revert cycle indicates that once the out-
side branch develops sufficient borrower-specific knowledge, it leverages this in-

formational advantage to extract rents, effectively becoming a new incumbent. 
 

[Insert Table 8 here] 
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To further validate this observed cyclicality, we also look backward, examining 
historical loans from the original (inside) branch before the borrower switched. 
Panel B of Table 8 documents a similar trajectory: spreads initially decline as the 

relationship forms, then rise as the branch’s informational advantage deepens. The 
consistency of this pattern across both forward- and backward-looking analyses, 
visualized in Figure 9, strengthens the evidence for endogenous informational lock-
in. Relative to cross-bank switches documented in Ioannidou and Ongena (2010) 

and López-Espinosa et al. (2017), where spreads revert over roughly three years 
and 18 months respectively, the reversion here occurs more quickly—within about 
a year. This shorter horizon reflects the lower informational asymmetry within a 

single banking institution, where organizational ties and standardized procedures 
facilitate faster accumulation of borrower-specific information. 
 

[Insert Figure 9 here] 
 

We observe similar dynamics in other loan terms. As shown in Appendix Table A3, 
switching loans are initially associated with larger amounts and longer maturities, 
consistent with aggressive competition for new borrowers. Over time, however, 

loan amounts contract and maturities shorten, mirroring the spread cycle and re-
inforcing the view that branches, once informed, use their informational advantage 
to renegotiate terms in their favor. In contrast, collateralization requirements 

show little systematic variation, suggesting that collateral remains a relatively 
rigid feature of loan contracts, less sensitive to relational dynamics. 

The temporal dynamics of loan spreads following a branch switch further re-

inforce the hold-up interpretation. While teaser pricing or borrower-driven selec-
tion could partially explain the initial discount, they cannot account for the rapid 
reversal and eventual rise in loan spreads once the outside branch establishes its 

own informational advantage. Under a teaser pricing framework, competitive pres-
sures should encourage sustained or even deeper discounts to retain borrowers ra-
ther than a systematic tightening of credit terms over time. Similarly, a pure se-

lection-on-offer mechanism predicts stable pricing consistent with the borrower’s 
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observable risk profile, not a dynamic reversion that exceeds initial levels. Behav-
ioral inertia, by contrast, predicts relatively stable spreads over time, as borrowers 
remain locked into their existing relationships due to psychological frictions, offer-

ing no explanation for the observed spread cycle. By contrast, the evidence fits 
squarely within an organizational economics framework: informational asymme-
tries initially favor the borrower at the outside branch, producing a temporary re-
duction in spreads. As the branch accumulates borrower-specific knowledge and 

strengthens its informational position, it leverages this advantage to extract infor-
mational rents, leading to a gradual increase in spreads—mirroring the hold-up 
cycle identified in cross-bank contexts (Ioannidou and Ongena, 2010) but at a 

faster pace given the intra-bank setting and lower initial asymmetry. 
 

4.7. Welfare effects 

From an organizational economics perspective, certain firms are structurally more 
vulnerable to informational hold-up because of their limited bargaining power and 
reliance on relationship lending. For instance, SMEs exemplify this vulnerability. 

Unlike larger firms, which typically maintain diversified banking relationships 
and enjoy greater visibility in capital markets, SMEs often depend heavily on their 
local branch for credit. This dependence, combined with their informational opac-

ity, grants incumbent branches substantial leverage to extract informational rents. 
Similarly, private firms are also more exposed to hold-up risks compared to State-
owned enterprises (SOEs). This disparity arises from the distinct institutional ad-
vantages afforded to SOEs, who often benefit from institutional privileges—im-

plicit government guarantees, preferential credit terms, and greater access to 
state-backed financing—that reduce their dependency on individual branches and 
make them less susceptible to rent extraction . 

Table 9 empirically validates these predictions. In Columns 1 and 2, SMEs 
exhibit significantly higher hold-up rents than their larger counterparts, while 
Columns 3 and 4 show that private firms bear more of the rent burden than SOEs. 

These patterns suggest that branches strategically leverage their informational 
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advantage to engage in price discrimination: extracting greater rents from firms 
with fewer outside options, particularly SMEs and private firms, while offering 
more competitive terms to large firms and SOEs.  
 

[Insert Table 9 here] 
 

This strategic rent extraction imposes higher switching costs on SMEs and private 
firms, often compelling them to seek alternative branches with more favorable loan 
terms. From a welfare perspective, this is particularly detrimental for these firms, 

as they typically have more limited access to capital markets compared to larger 
corporations or SOEs. The increased financing costs reduce their available capital 
for investment, expansion, and operational improvements, potentially stifling 

their growth and innovation capabilities. Higher borrowing costs can also weaken 
the competitive positioning of SMEs and non-SOEs in the marketplace. These 
firms often operate with thinner profit margins and less financial resilience, mak-

ing them more vulnerable to cost fluctuations. In contrast, larger and more estab-
lished firms, which are less exposed to hold-up rents, may benefit from lower fi-
nancing costs and stronger credit terms, enhancing their market dominance. 

This heterogeneity of hold-up effects across borrower types provides additional 
evidence favoring the organizational economics explanation. While borrower-
driven selection and inertia could, in principle, explain why opaque firms are 

overrepresented among switchers, the findings run counter to the predictions of 
teaser pricing, which would suggest that outside branches compete more aggres-
sively for transparent, low-risk borrowers such as large firms or SOEs. 

For branches, however, these strategies create a strategic trade-off between 
short-term rent capture and long-term market competitiveness. Branches that ag-
gressively extract informational rents tend to experience higher borrower attrition, 

particularly among SMEs and private firms that are more cost-sensitive and will-
ing to switch for better terms. This dynamic leads to a decline in those branches’ 
market share, both in the number of loans and in total loan volume. Yet, because 

the firms that switch out are typically smaller or riskier, branches that retain only 
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larger or state-affiliated firms see an improvement in the credit quality of their 
remaining portfolio. 

To empirically validate these theoretical predictions, we calculate the differ-

ential in loan spreads between each non-switching loan and its matched switching 
loan for each branch on an annual basis. The average of these differences repre-
sents the annual information rent—or hold-up rent—extracted by the branch. Fol-
lowing this, we compute each branch’s growth rates in loan market share, both in 

terms of the number of loans and the total loan amount, relative to the bank’s 
overall portfolio. 

The branch-level regression results, summarized in Table 10, provide robust 

support for our hypotheses. We observe that higher hold-up rents are negatively 
associated with the growth rate of a branch’s market share. Specifically, branches 
that prioritize rent extraction face a contraction in both the quantity and volume 

of loans they manage, signaling a trade-off between short-term rent capture and 
long-term market competitiveness. Paradoxically, however, the composition of 
their borrower base improves, as the higher switching costs filter out lower-quality 

borrowers, resulting in fewer nonperforming loans. This suggests a mixed welfare 
implication: while branches practicing hold-up strategies may bolster their credit 
portfolio’s quality, they simultaneously forfeit market share and the associated 

scale advantages. 
 

[Insert Table 10 here] 
 

These results are consistent with theories of adverse selection in asymmetrically 

informed markets (Einav et al., 2010; Arthur and Turkson, 2021; DeFusco et al., 
2022; Cahn et al., 2024). Rent extraction effectively filters out lower-quality bor-
rowers, concentrating better credit risks in the remaining portfolio, but at the ex-

pense of scale and long-term competitiveness. This duality underscores how inter-
nal organizational frictions and informational bottlenecks shape not only borrower 
welfare but also branch-level performance and strategic positioning within the 

bank’s network. 
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4.8. Excluding alternative explanations 

Taken together, our findings present a coherent body of evidence consistent with 
an organizational economics framework of intra-bank hold-up. The initial loan 

spread discounts for switching borrowers, followed by a systematic reversion and 
eventual increase in spreads, highlight the dynamic process through which outside 
branches acquire and then leverage borrower-specific information to extract infor-

mational rents. The attenuation of the discount when branch managers move with 
the borrower underscores the centrality of soft information and the frictions in 
transferring it across organizational units. Similarly, the sharper discounts ob-

served when borrowers switch to newly established branches or branches with 
newly appointed managers—units that are informationally disadvantaged—fur-
ther point to the role of information asymmetry in shaping pricing dynamics. Geo-

graphic proximity amplifies this pattern: switches to nearby branches, where com-
petitive pressure is stronger and informal information sharing is easier, show 
muted discounts and weaker evidence of rent extraction. Moreover, institutional 

and technological interventions that enhance information flows, such as the SCS 
and FinTech adoption, substantially erode the magnitude of hold-up, confirming 
that the observed dynamics are rooted in informational frictions rather than mar-

ket structure alone. Finally, the disproportionate exposure of opaque borrowers, 
such as SMEs and private firms, to these dynamics highlights how informational 
disadvantages exacerbate vulnerability to rent extraction within internal banking 
markets. 

These findings also make clear why alternative explanations fail. Teaser pric-
ing implies that initial discounts should reflect competitive strategies independent 
of managerial continuity, that are more aggressive with geographic proximity or 

for more transparent borrowers, and increase with SCS/FinTech development, yet 
we observe that discounts vanish when borrowers co-move with their original 
branch manager, remain small when switching to nearby branches, and scale with 

improved information environment and among opaque borrowers—patterns that 
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teaser strategies cannot account for. Selection-on-offer would predict that borrow-
ers self-select into branches with superior terms, implying stable or persistent rate 
differentials regardless of manager mobility, branch proximity, or improvement in 

information envirionment; however, the discount disappears or varies systemati-
cally with managerial co-movement, branch distance, and development of SCS and 
FinTech. Behavioral inertia, being psychological, predicts stable borrower behav-
ior regardless of branch-specific information, yet our data show sharp, time-vary-

ing changes in spreads that track the accumulation of relationship-specific 
knowledge by outside branches. It also offers no insight into the effects of manager 
co-movement, branch tenure, informational shocks, or technological adoption. Col-

lectively, these inconsistencies point to organizational frictions and informational 
hold-up as the driving mechanism, rather than conventional competitive or behav-
ioral explanations. More details are listed in Appendix Table A4. 

 

5. Conclusions 
This paper is motivated by a central insight from organizational economics: infor-
mation within firms is costly to generate, costly to communicate, and often imper-

fectly transferred across units (Aghion and Tirole, 1997; Dessein, 2002; Stein, 
2002). In multi-branch banks with decentralized lending decisions, these frictions 
create localized informational monopolies, where branches that originate and 

maintain lending relationships accumulate borrower-specific knowledge that is 
difficult to replicate elsewhere in the organization. Such structures generate scope 
for internal hold-up, as branches with privileged information can extract rents 

from borrowers, much like incumbent banks do in external markets. By contrast, 
a more centralized decision hierarchy could reduce such frictions by pooling bor-
rower information, limiting the scope for branch-level rent extraction but poten-

tially sacrificing local responsiveness and relational insight. 
Using a rich dataset of 119,270 corporate loans originated by a major Chinese 

commercial bank between 2010 and 2020, we provide the first systematic evidence 
of intra-bank hold-up. When borrowers switch from their current (inside) branch 
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to a new (outside) branch within the same bank, the new loan carries, on average, 
a 5.85 bps discount relative to comparable loans extended to existing customers. 
This discount deepens over the first two quarters post-switch, experiencing a fur-

ther decline of 17.68 bps, but erodes as the outside branch gradually builds its own 
informational advantage. Within a year, spreads rise above the initial switching 
loan, illustrating how informational rents emerge and re-establish themselves over 
time. These dynamics mirror—but are less severe and shorter-lived than—those 

documented for cross-bank switching, consistent with lower informational asym-
metry within a single bank but similar underlying mechanisms. 

Several complementary analyses reinforce this interpretation. First, the 

switching discount vanishes when the borrower moves with the same branch man-
ager, underscoring the manager-specific nature of soft information. Second, 
switches to geographically proximate branches exhibit smaller discounts, con-

sistent with competitive pressure limiting rent extraction. Third, firms switching 
to newly established branches receive substantially larger discounts, highlighting 
the role of informational disadvantage in shaping initial terms. Fourth, the rollout 

of China’s SCS, which standardized and centralized credit data, narrowed spread 
differentials and reduced switching costs, demonstrating that policy-driven im-
provements in information centralization counteract the inefficiencies of decentral-

ized decision-making. Fifth, deeper FinTech adoption similarly mitigated hold-up 
by “hardening” soft information, enabling its transfer across branches and foster-
ing more competitive pricing. 

The welfare and strategic implications are substantial. SMEs and private 
firms, which rely more heavily on relationship lending and lack diversified financ-
ing options, bear disproportionate hold-up costs. At the branch level, aggressive 

rent extraction produces a trade-off between short-term rent capture and long-
term competitiveness: branches extracting higher rents lose market share as cost-
sensitive borrowers switch away, even as the average credit quality of their re-

maining portfolios improves, reducing nonperforming loan ratios. These dynamics 
reflect the tensions inherent in decentralized decision hierarchies, where local in-
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formational advantages can distort pricing and allocation. By contrast, more cen-
tralized lending frameworks could reduce such distortions but may limit branches’ 
ability to tailor loans to local conditions, highlighting a fundamental policy trade-

off. 
Taken together, our findings show that organizational frictions in the genera-

tion and transfer of soft information can distort credit allocation, even within a 
single bank. By integrating organizational economics into the study of lending 

markets, we demonstrate that the decentralization of lending decisions and the 
resulting internal information bottlenecks shape pricing, allocation, and welfare 
outcomes in ways that are distinct from—but complementary to—external market 

competition. These insights carry clear policy implications: technologies and insti-
tutional frameworks that enhance the portability and centralization of information 
can mitigate the hold-up problem inherent in decentralized systems, promote com-

petitive pricing, and improve both the efficiency and inclusiveness of credit mar-
kets. 
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Table 1. Selected characteristics of switching loans and nonswitching loans  

The table reports the descriptive statistics for selected firm and loan contract characteristics. The unit of observation in this table is the number 
(N) of loan initiations for switching and nonswitching loans, respectively. 

  
Switching Loans  Nonswitching Loans 

(N = 7,628)  (N = 111,642) 
  Mean SD Median 10th 90th   Mean SD Median 10th 90th  
Loan spread 90.20** 86.23 87 0 174  88.11 88.84 87 0 174 
Loan amount (in logs of CNY) 15.02*** 2.26 15.42 11.51 17.73  15.36 2.06 15.42 13.04 17.73 
Loan maturity (in months) 13.66*** 11.62 12 12 12  12.29 7.46 12 11 12 
Collateral 0.91*** 0.28 1 0 0  0.89 0.32 1 0 1 
Credit rating 1.09*** 0.52 1 1 1  1.07 0.42 1 1 1 
Credit line 0.59*** 0.49 1 0 1  0.79 0.41 1 0 1 
Corporations 0.97*** 0.17 1 1 1  0.98 0.15 1 1 1 
Private 0.94*** 0.24 1 1 1  0.93 0.26 1 1 1 
SMEs 0.83*** 0.38 1 0 1  0.78 0.42 1 0 1 
Relationship length 25.96*** 18.15 22*** 10 51  32.41 24.72 25 8 69 
Relationship density 2.88*** 3.44 2*** 1 6  6.11 12.02 3 1 13 
Multiple branch relationships 0.23*** 0.42 0 0 1  0.4 0.49 0 0 1 
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Table 2. Matching variables 

The table reports the number of values (#) and a range (or list) of values for the matching var-
iables. 

Cate-
gory 

Matching Va-
riables 

# Possible Values 

Macro Year: month 132 2010.01-2020.12 
Bank Inside branch 2 = 1 if the firm had a lending relationship with the branch in the 

last 12 months, and = 0 otherwise 
Bank Outside branch 2 = 1 if the firm did not have a lending relationship with the 

branch in the last 12 months, and = 0 otherwise 
Bank Branch city 25 prefecture-level cities 
Loan Credit rating 5 pass (= 1), special mention, substandard, doubtful, write-off (= 

5) 
Loan Prior credit rat-

ing from inside 
branch 

2 = 1 if matched nonswitchers have the same rating as switchers’ 
most recent inside rating prior to the switch, and = 0 otherwise 

Loan Loan amount 2 = 1 if the matched loans have similar amount (using a (-25%, 
+ 25%) window), and = 0 otherwise 

Loan Loan maturity 2 = 1 if the matched loans have similar maturity (using a (-25%, 
+ 25%) window), and = 0 otherwise 

Loan Collateral 2 = 1 if the loan is collateralized, and = 0 otherwise 
Loan Credit line 2 = 1 if the loan comes with a credit line, and = 0 otherwise 
Firm Firm city 203 prefecture-level cities 
Firm Industry 17 domestic trade, technology, construction, building materials, 

transportation, healthcare, infrastructure construction, foreign 
trade, real estate, education, tourism, power, electronics, petro-
chemical, light, postal and telecommunications, finance, and 
others 

Firm Legal structure 6 corporations, partnerships, collective, sole proprietorships, 
public institutions, and others 

Firm Ownership struc-
ture 

5 private firms, central SOEs, local SOEs, government financing 
platforms, and other government institutions 

Firm Firm size 2 = 1 if the firm is a SME, = 0 otherwise 
Firm Multiple branch 

relationships 
2 = 1 if the firm has outstanding loans with more than one 

branch, and = 0 otherwise. 
Rela-
tion 

Relationship 
length 

4 length of a firm-branch relationship in months: (0, 12) = 1, 
(12, 24) = 2, (24, 60) = 3, >60 = 4 

Rela-
tion 

Relationship 
density 

4 number of loans a firm obtained from this branch within the 
past 5 years: (0, 1) = 1, (1, 3) = 2, (3, 5) = 3, >5 = 4 
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Table 3. Difference in loan spreads on switching and nonswitching loans 

The table assesses the difference between the loan spread on a switching loan and the loan 
spreads on new loans obtained (by other firms) from the switchers’ set of inside bank branches 
in column l and from the switchers’ outside bank branch in columns 2 to 4. In each column, 
we match on the indicated variables. All variables are defined in Table 2. The variables in 
column 4 refer to the strength of the switchers’ relationships with the inside branches prior to 
the switch. We regress the differences on a constant and report the coefficients on the constant. 
We weight each observation by one over the total number of comparable nonswitching loans 
per switching loan. Standard errors are clustered at the switching-firm level in parentheses. *, 
**, and *** indicate significance at the 10%, 5%, and 1% levels. 

Matched Branches Inside   Outside 
Matching Variables (1)   (2) (3) (4) 
Year: month Yes   Yes Yes Yes 
Set of inside branches Yes         
Set of outside branches     Yes Yes Yes 
Credit rating Yes   Yes     
Prior credit rating from inside branch       Yes   
Prior relationship length          Yes 
Prior relationship density         Yes 
Prior multiple branch relationships         Yes 
Firm city Yes   Yes Yes Yes 
Bank branch city Yes   Yes Yes Yes 
Loan amount  Yes   Yes Yes Yes 
Loan maturity Yes   Yes Yes Yes 
Collateral Yes   Yes Yes Yes 
Credit line Yes   Yes Yes Yes 
Industry Yes   Yes Yes Yes 
Legal structure Yes   Yes Yes Yes 
Ownership structure Yes   Yes Yes Yes 
Firm size Yes   Yes Yes Yes 
Number of switching loans 1,063    2,095  2,073  624  
Number of nonswitching loans 2,526    4,949  4,896  702  
Number of observations (matched pairs) 3,064    6,443  6,384  798  
Spread (bps) with weighting -5.71**   -5.85*** -3.86** -6.86** 
  (2.37)   (1.70) (1.81) (2.76) 
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Table 4. Switching with or without branch managers 

The table evaluates the difference between the loan spread on a switching loan and the loan 
spreads on new loans obtained (by other firms) from the switchers’ set of outside bank 
branches. A loan is considered a switching loan with branch managers if the same managers 
who handle the switching loan from the outside branch also approved the most recent loan prior 
to it from the inside branch. It is worth noting that the switching loan is approved in the first 
12 months of the managers’ tenure at the outside branch, which means that the loan switching 
is accompanied by a switching of management between bank branches. In column 1, we focus 
on those loans switching with branch managers. Column 2 retains only the samples that do not 
involve a switching of management between branches. In each column, we match on the indi-
cated variables. All variables are defined in Table 2. We regress the differences on a constant 
and report the coefficients on the constant. We weight each observation by one over the total 
number of comparable nonswitching loans per switching loan. Standard errors are clustered at 
the switching-firm level in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 
1% levels. 

 Switching with  
branch managers 

 Switching without  
branch managers 

Matching Variables (1)  (2) 
Year: month Yes  Yes 
Set of outside branches Yes  Yes 
Credit rating Yes  Yes 
Firm city Yes  Yes 
Bank Branch city Yes  Yes 
Loan amount  Yes  Yes 
Loan maturity Yes  Yes 
Collateral Yes  Yes 
Credit line Yes  Yes 
Industry Yes  Yes 
Legal structure Yes  Yes 
Ownership structure Yes  Yes 
Firm size Yes  Yes 
Number of switching loans 15  2,080 
Number of nonswitching loans 21  4,928 
Number of observations (matched pairs) 21  6,422 
Spread (bps) with weighting -1.53  -5.88*** 
  (24.62)  (1.71) 
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Table 5. Switching to closer or more distant branches 
The table displays the difference between the loan spread on a switching loan and the loan 
spreads on new loans obtained (by other firms) from the switchers’ set of outside bank 
branches, considering the distance between bank branches and firms that could influence. Col-
umn 1 retains only the loan samples where firms switch the loans to a closer branch, and col-
umn 2 retains those where firms switch loans to a farther branch, both comparing with its most 
recent inside loan prior to the switch (if there are multiple most recent loans, we use the loan 
with the farthest distance). In each column, we match on the indicated variables. All variables 
are defined in Table 2. We regress the differences on a constant and report the coefficients on 
the constant. We weight each observation by one over the total number of comparable non-
switching loans per switching loan. Standard errors are clustered at the switching-firm level in 
parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels. 

 Switch to  
closer branches 

 Switch to  
more distant branches 

Matching Variables (1)  (2) 
Year: month Yes  Yes 
Set of outside branches Yes  Yes 
Credit rating Yes  Yes 
Firm city Yes  Yes 
Bank Branch city Yes  Yes 
Loan amount  Yes  Yes 
Loan maturity Yes  Yes 
Collateral Yes  Yes 
Credit line Yes  Yes 
Industry Yes  Yes 
Legal structure Yes  Yes 
Ownership structure Yes  Yes 
Firm size Yes  Yes 
Number of switching loans 1,128  954 
Number of nonswitching loans 2,871  2,414 
Number of observations (matched pairs) 3,586  2,814 
Spread (bps) with weighting -3.06  -9.42*** 
  (2.37)  (2.47) 
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Table 6. Switching to newly established branches V.S. existing branches 
The table assesses the difference between the loan spread on a switching loan and the loan 
spreads on new loans obtained (by other firms) from the switchers’ set of inside bank branches. 
A branch is defined as a new branch if the switching loan is issued by this branch within the 
first 12 months (but excluding the first three month) since its establishment. Column 1 focuses 
on the switching to existing branches and column 2 focuses on the switching to newly estab-
lished branches. In each column, we match on the indicated variables. All variables are defined 
in Table 2. We regress the differences on a constant and report the coefficients on the constant. 
We weight each observation by one over the total number of comparable nonswitching loans 
per switching loan. Standard errors are clustered at the switching-firm level in parentheses. *, 
**, and *** indicate significance at the 10%, 5%, and 1% levels. 

 Switching to Existing 
Branches  

Switching to 
Newly Established 
Branches 

Matching Variables (1)  (2) 
Year: month Yes  Yes 
Set of inside branches Yes  Yes 
Credit rating Yes  Yes 
Firm city Yes  Yes 
Bank Branch city Yes  Yes 
Loan amount  Yes  Yes 
Loan maturity Yes  Yes 
Collateral Yes  Yes 
Credit line Yes  Yes 
Industry Yes  Yes 
Legal structure Yes  Yes 
Ownership structure Yes  Yes 
Firm size Yes  Yes 
Number of switching loans 961  42 
Number of nonswitching loans 2,295  108 
Number of observations (matched pairs) 2,735  123 
Spread (bps) with weighting -5.50**  -26.79** 
  (2.54)  (10.90) 
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Table 7. Switching to branches with V.S. without newly appointed managers 
The table shows the difference between the loan spread on a switching loan and the loan spreads 
on new loans obtained (by other firms) from the switchers’ set of outside bank branches. An 
outside branch with newly appointed managers is defined as one where the switching loan is 
issued by this branch within the first 12 months (but excluding the first three month) of the 
managers’ tenure. Column 1 focuses on switching to branches without newly appointed man-
agers, while column 2 focuses on switching to branches with newly appointed managers. In 
each column, we match on the indicated variables. All variables are defined in Table 2. We 
regress the differences on a constant and report the coefficients on the constant. We weight 
each observation by one over the total number of comparable nonswitching loans per switching 
loan. Standard errors are clustered at the switching-firm level in parentheses. *, **, and *** indi-
cate significance at the 10%, 5%, and 1% levels.  

Existing Branches 
Outside branch without 
newly appointed man-
agers 

 Outside branch 
with newly 
appointed managers 

Matching Variables (1)  (2) 
Year: month Yes  Yes 
Set of outside branches Yes  Yes 
Credit rating Yes  Yes 
Firm city Yes  Yes 
Bank Branch city Yes  Yes 
Loan amount  Yes  Yes 
Loan maturity Yes  Yes 
Collateral Yes  Yes 
Credit line Yes  Yes 
Industry Yes  Yes 
Legal structure Yes  Yes 
Ownership structure Yes  Yes 
Firm size Yes  Yes 
Number of switching loans 1,383  602 
Number of nonswitching loans 3,206  1,621 
Number of observations (matched pairs) 4,154  2,092 
Spread (bps) with weighting -3.51*  -11.30*** 
  (1.96)  (3.72) 
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Table 8. Differences in loan spreads before and after switching 
In Panel A, we calculate the difference in loan spreads between new loans obtained by the 
switcher from the outside branch and the switching loan. In Panel B, we calculate the difference 
in loan spreads between the past loans obtained by the switcher from the inside branch and the 
first loan that the switcher obtained from this inside branch. Apart from matching on firm and 
branch identity, we also match on the relevant variables from our benchmark model in column 
2 of Table 3. All variables are defined in Table 2. We group the corresponding matches in five 
quarters (“1-3” to “at least 13” months) since the switching loan. For each quarter, we regress 
the loan spreads on a constant, calendar-year dummies, branch dummies, and firm dummies. 
We report the coefficients of the constant and standard errors are clustered at the firm level in 
parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels. 

Panel A: Difference in loan spreads between new loans from outside branch and switching loan 

Periods (in months) since the switching loan 1-3 4-6 7-9 10-12 >=13 
Firm identity Yes Yes Yes Yes Yes 
Branch identity Yes Yes Yes Yes Yes 
Loan matching variables Yes Yes Yes Yes Yes 
Number of observations (matched pairs) 293  165  231  1,247  6,906  
Spread (bps) with weighting -3.02*** -17.68*** -5.68*** 7.30*** 18.46*** 
  (0.00) (0.00) (0.00) (0.00) (0.00) 

Panel B: Difference in loan spreads between past loans from inside branch and first loan 

Periods (in months) since the first loan 1-3 4-6 7-9 10-12 >=13 
Firm identity Yes Yes Yes Yes Yes 
Branch identity Yes Yes Yes Yes Yes 
Loan matching variables Yes Yes Yes Yes Yes 
Number of observations (matched pairs) 9,829  1,618  505  2,424  26,276  
Spread (bps) with weighting -0.48*** -4.02*** 4.54*** 9.33*** 10.60*** 
  (0.00) (0.00) (0.00) (0.00) (0.00) 
  



BOFIT Discussion Papers 7/2025 
 
 
 

 
 
 
 
 

58 

Table 9. Heterogeneity across firm types 
This table presents the heterogeneous effects across firm types. Based on the results from the 
outside matching model, we have grouped the samples in the outside branches as follows: First, 
since SMEs generally face higher information asymmetry compared to medium and large en-
terprises, we divide the sample into non-SMEs (column 1) and SMEs (column 2). Similarly, 
given that private firms generally experience higher information asymmetry than SOEs, we 
classify the sample into SOEs (column 3) and private firms (column 4). In each column, we 
match on the indicated variables. All variables are defined in Table 2. Standard errors are clus-
tered at the switching-firm level in parentheses. *, **, and *** indicate significance at the 10%, 
5%, and 1% levels. 

 Non-SME SME  SOE Private firm 
Matching Variables (1) (2)  (3) (4) 
Year: month Yes Yes  Yes Yes 
Set of outside branches Yes Yes  Yes Yes 
Credit rating Yes Yes  Yes Yes 
Firm city Yes Yes  Yes Yes 
Bank Branch city Yes Yes  Yes Yes 
Loan amount  Yes Yes  Yes Yes 
Loan maturity Yes Yes  Yes Yes 
Collateral Yes Yes  Yes Yes 
Credit line Yes Yes  Yes Yes 
Industry Yes Yes  Yes Yes 
Legal structure Yes Yes  Yes Yes 
Ownership structure Yes Yes  Yes Yes 
Firm size Yes Yes  Yes Yes 
Number of switching loans 212 1,883  45 2,050 
Number of nonswitching loans 268 4,681  59 4,890 
Number of observations (matched 
pairs) 318 6,125  62 6,381 

Spread (bps) with weighting 0.79 -6.59***  2.90 -6.04*** 
  (4.12) (1.84)  (11.07) (1.72) 
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Table 10. Welfare effects 

This table illustrates how hold-up problems affect the welfares of bank branches. The explan-
atory variable, Hold-up rent, is the average difference of interest rate spread between non-
switching and switching loans at the bank branch level (based on the outside/inside matching 
model), reflecting the information rent charged by the branch in the hold-up problem. The 
branch-level dependent variables include: the growth rate of the branch’s market share meas-
ured by total number of loans (column 1), the growth rate of the branch’s loan share measured 
by aggregate amount of loans (column 2), the proportion of defaulted loans at the branch level, 
weighted by loan amount each year, relative to the total defaulted loans of the entire bank 
(column 3); the growth rate of the proportion of defaulted loans at the branch level (column 4). 
We control for city × year and bank branch fixed effects. Standard errors clustered at the city 
level are reported in parentheses below the coefficients. *, **, and *** indicate significance at 
the 10%, 5%, and 1% levels. 

 
Market Share 
Growth (Loan 
Count) 

Market Share 
Growth (Loan 
Amount) 

 Nonperformance 
Loan Proportion 
 

Nonperformance 
Loan Proportion 
Growth 

 (1) (2)  (3) (4) 
Hold-up rent -0.21* -0.52***  -19.82* -0.07*** 
 (0.10) (0.15)  (10.16) (0.02) 

City×Year FE Yes Yes  Yes Yes 
Bank Branch FE Yes Yes  Yes Yes 
Observations 732 732  732 732 
R2 0.524 0.484  0.382 0.220 
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Figure 1. Intra-bank competition 
This figure presents the responses in percentages for each of the questions in the survey. Black indicates the responses that we are interested in 
and grey indicates other responses to the question. 
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Figure 2. Information communication 
This figure presents the responses in percentages for each of the questions in the survey. Black 
indicates the responses that we are interested in and grey indicates other responses to the ques-
tion. 
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Figure 3. Switchers, inside branches, and outside branches 
The figure depicts the definition of switchers, inside branches, and outside branches. We call 
firm A the switcher and branch 3 the outside branch for firm A, as branch 3 did not lend to firm 
A during the last 12 months. Branches 1 and 2 are the switcher’s inside branches, as in the last 
12 months firm A had at least one loan outstanding with these branches. 
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Figure 4. Switching versus nonswitching loans at the switcher’s inside branch 
The figure displays the analysis in column 1 of Table 3, where we compare the rate of the 
switching loan with the rate of comparable nonswitching loans from the switcher’s inside 
branches at the time of the switch. 
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Figure 5. Switching versus nonswitching loans at the switcher’s outside branch 
The figure displays the analysis in column 2 of Table 3, where we compare the rate of the 
switching loan with the rate of comparable nonswitching loans that the switcher’s outside 
branch at the time of the switch. 
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Figure 6. Implementation of SCS 
This figure plots the impact of SCS polit policy on the difference in loan spreads. We consider a time 
window of 9 years, spanning from 4 years before the event until 4 years after the event. The dashed lines 
represent 95% confidence intervals, adjusted for city-level clustering. Specifically, we report estimated 
coefficients from the regression of model (1). 
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Figure 7. Application of FinTech 
This figure presents the responses in percentages for each of the questions in the survey. Black 
indicates the responses that we are interested in and grey indicates other responses to the ques-
tion. 
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Figure 8. Deployment of FinTech 
The figure illustrates the relationship between the FinTech index of our bank’s branches and 
the estimated hold-up cost (in basis points), as well as the probability distribution of the FinTech 
index. The upper graph shows the FinTech index of our bank’s branches on the horizontal axis 
and the difference between the loan spreads on the vertical axis. we estimate 𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 =
 𝛼𝛼 +  𝛽𝛽𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹ℎ𝑏𝑏𝑏𝑏 + 𝐹𝐹𝐹𝐹 + 𝜀𝜀𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖, where 𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹ℎ𝑏𝑏𝑏𝑏 is the FinTech application across various 
branch b in t year. The estimated parameters are 𝛼𝛼�= -20.43*** and 𝛽̂𝛽=3.65**. Using these esti-
mates, we fit an upward-sloping line with a slope of 3.65. This fitted line shows that as FinTech 
advances, the loan spread discount steadily declines, reflecting a reduction in hold-up costs. 
The analysis controls for year and branch fixed effects to address any potential endogeneity 
concerns. The three vertical dashed lines represent the 10th percentile (2.18), median (3.82), 
and 90th percentile (4.67) of the FinTech index (log). The lower graph shows the probability 
distribution of the FinTech index across branches, with the horizontal axis representing differ-
ent log-transformed groups of the FinTech index and the vertical axis representing the proba-
bility distribution of the number of branches corresponding to each group. 
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Figure 9. Loan spread differences before and after switching 
The figure displays the differences in loan spreads in basis points between the new loans ob-
tained by the switcher and the loans obtained by matched firms from their inside or outside 
branches before, around, and after the switch. The lines are the coefficient estimates from Ta-
bles 3 (column 2) and Table 8. The estimates of Table 8 (Panel A) are anchored at the −5.85 
basis points spread from Table 3 (column 2). The estimates of Table 8 (Panel B) are anchored 
at zero.
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Appendix A 
Table A1. Robustness checks 
In columns 1-4, we show that our main results are robust to using 24- and 36-month cut-offs, whatever in outside branch matching groups (columns 
1 and 3) or inside branch groups (columns 2 and 4). In columns 5-6, our findings remain robust when using the differences in loan rates between 
switching and nonswitching loans. Additionally, in columns 7-8, the results hold when excluding geographic expansion or the establishment of 
new subsidiaries in other regions. Furthermore, in columns 9-10, standard errors clustered at the outside-branch level are shown in parentheses. In 
other columns, we report the firm-level clustered standard errors in parentheses. ∗, ∗∗, and ∗∗∗ indicate significance at the 10%, 5%, and 1% levels. 

 24 months  36 months  Loan rate  Without multi-mar-
ket firms 

 Branch-clustered 
standard errors 

Matched Branches Outside Inside  Outside Inside  Outside Inside  Outside Inside  Outside Inside 
Matching Variables (1) (2)  (3) (4)  (5) (6)  (7) (8)  (9) (10) 
Year: month Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Set of inside branches  Yes   Yes   Yes   Yes   Yes 
Set of outside branches Yes   Yes   Yes   Yes   Yes  
Credit rating Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Prior credit rating from inside branch Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Firm city Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Bank branch city Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Loan amount  Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Loan maturity  Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Collateral Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Credit line Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Industry Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Legal structure Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
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Ownership structure Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Firm size Yes Yes  Yes Yes  Yes Yes  Yes Yes  Yes Yes 
Number of switching loans 2,301 1,177  2,444 1,251  2,095 1,063  1,557  1,055   2,095  1,063  
Number of nonswitching loans 5,291 2,890  5,673 3,110  4,949 2,526  3,492  2,403   4,949  2,526  
Number of observations (matched pairs) 7,115 3,469  7,649 3848  6,443 3,064  4,516  2,945   6,443  3,064  
Spread (bps) with weighting -5.50*** -5.92***  -6.54*** -6.32***  -5.27*** -5.52**  -4.28** -3.43***  -5.85*** -5.71** 
  (1.66) (2.29)  (1.67) (2.19)  (1.10) (2.36)  (1.77) (1.01)  (1.56) (2.33) 
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Table A2. Lists of SCS Pilot Cities 
This table shows the list of two rounds of SCS pilot cities in China and when each city’s SCS 
was launched. From 2015 to 2016, the construction of SCS pilot cities involved 15 provinces 
(including the Inner Mongolia Autonomous Region) and a total of 42 cities (including Beijing 
and Shanghai). 

Launch year Province Prefecture-level city 

2015 

Liaoning  Shenyang 
Shandong  Qingdao 

Jiangsu   
Nanjing 
Wuxi 
Suqian 

Zhejiang   
Hangzhou 
Wenzhou 
Yiwu 

Anhui  Hefei 
Wuhu 

Sichuan  Chengdu 

2016 

Beijing Beijing 

Inner Mongolia Hohhot 
Wuhai 

Liaoning  
Dalian 
Anshan 
Liaoyang 

Heilongjiang  Suifenhe 
Shanghai Shanghai 
Jiangsu  Suzhou 
Zhejiang  Taizhou 

Anhui  Anqing 
Huaibei 

Fujian  
Fuzhou 
Xiamen 
Putian 

Shandong 

Weifang 
Weihai 
Dezhou 
Rongcheng 

Henan Zhengzhou 
Nanyang 

Hubei 

Wuhan 
Xianning 
Yichang 
Huangshi 

Guangdong Guangzhou 
Shenzhen 
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Zhuhai 
Shantou 
Huizhou 

Sichuan  Luzhou 
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Table A3. Differences in other loan conditions before and after switching 
The table calculates the difference in other loan conditions between new loans obtained by the 
switcher from the outside branch and the switching loan. All variables are defined in Table 2. 
We group the corresponding matches in five quarters (“1-3” to “at least 13” months) since the 
switching loan. For each quarter, we regress the loan spreads on a constant, calendar-year dum-
mies, branch dummies, and firm dummies. We report the coefficients of the constant. Standard 
errors are clustered at the firm level. *, **, and***indicate significance at the 10%, 5%, and 1% 
levels. 

Dependent Variable Loan amount  Loan maturity  Collateral 

Matching Variables (1)  (2)  (3) 
Firm identity Yes  Yes  Yes 
Branch identity Yes  Yes  Yes 
Loan spread  Yes  Yes  Yes 
Credit rating Yes  Yes  Yes 
Collateral Yes  Yes   
Credit line Yes  Yes  Yes 
Loan amount    Yes  Yes 
Loan maturity  Yes    Yes 
Number of observations (matched pairs) 6,495  6,327  6,771 
Periods (in months) since the switching      
1-3 0.26***  -0.09***  -0.0009*** 
4-6 0.17***  0.25***  -0.0005*** 
7-9 -0.09***  0.31***  0.01*** 
10-12 -0.09***  -0.02***  -0.01*** 
>= 13 -0.02***  -0.24***  0.01*** 
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Table A4. Alternative explanations for switching-loan pricing 
This table presents findings from seven analytical dimensions, comparing our explanations based on hold-up due to information frictions against three alterna-
tive explanations: competition via teaser pricing, selection-on-offer, and borrower inertia. 
Our analyses Our findings Our explanation Alternative explanations 

Hold-up due to information 
frictions (Alonso et al., 2008; 
Ioannidou and Ongena, 2010; 
Agarwal and Hauswald, 2010) 

Competition vis teaser pric-
ing (Van Leuvensteijn, Søren-
sen, Bikker and Van Rixtel, 
2013; Hollander and Verriest, 
2016; Ornelas, Silva, and 
Doornik, 2022) 

Selection-on-offer (Gustafson, 
2018; Santos and Winton, 
2019; Berg et al., 2020; Fan, 
Liu, Peng and Wang, 2024) 

Borrower inertia (Baker, Co-
val and Stein, 2007; Steiner, 
Stewart, and Matějka, 2017; 
Heiss, McFadden, Winter, 
Wuppermann and Zhou, 2021) 

Initial loan rate 
at switching 

Lower initial 
rates at 
switching 

Prediction: Lower initial 
rates at switching 
(organizational frictions hinder 
the flow of information, repre-
senting hold-up costs) 

Prediction: Lower initial 
rates at switching 
(outside branches offer lower 
initial rates to attract the bor-
rower) 

Prediction: Lower initial 
rates at switching 
(switch only occurs when the 
outside offer is better enough) 

Prediction: Lower initial 
rates at switching 
(only large perceived gains 
overcome inertia) 

  ✓ Consistent ✓ Consistent ✓ Consistent ✓ Consistent 
Subsequent loan 
rate path 

Reversal 
above the 
market aver-
age 

Prediction: Reversal above 
the market average 
(as outside branch accumulates 
soft information, it regains in-
formational leverage and be-
gins to extract rents) 

Prediction: Remain stable or 
revert to the market average 
(no reason for spreads to over-
shoot) 

Prediction: Remain stable or 
revert to the market average 
(no reason for spreads to over-
shoot) 

Prediction: Remain stable 
(inertia is about reluctance to 
move, not about pricing dy-
namics once moved) 

  ✓ Consistent ✓ Partially Consistent ✓ Partially Consistent ✗ Inconsistent 
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Branch manager  
Co-movement 

Discount dis-
appears when 
switch with 
managers 

Prediction: Discount disap-
pears when switch with man-
agers 
(soft information transfers 
seamlessly, eliminating infor-
mational frictions) 

Prediction: No difference 
(teaser pricing is a market-
based strategy unrelated to 
who the manager is) 

Prediction: No difference 
(selection is driven by bor-
rower behavior, not internal in-
formation flows) 

Prediction: No difference 
(inertia is behavioral, unrelated 
to soft information transfer) 

  ✓ Consistent ✗ Inconsistent ✗ Inconsistent ✗ Inconsistent 
Lender-borro-
wer geographic 
proximity 

Smaller initial 
discounts 

Prediction: Smaller initial 
discounts 
(nearby branches exert greater 
competitive pressure, con-
straining the incumbent’s abil-
ity to extract rents) 

Prediction: Larger initial dis-
counts 
(greater proximity leads to 
more intense competition and 
deeper discounts) 

Prediction: No difference 
(selection should depend on 
better offers, not distance) 

Prediction: Smaller initial 
discounts 
(inertia is weaker when outside 
option is nearby and samll dis-
count can overcome it) 

  ✓ Consistent ✗ Inconsistent ✗ Inconsistent ✓ Consistent 
Newly estab-
lished branches 

Larger initial 
discounts 

Prediction: Larger initial dis-
counts 
(new branches with less infor-
mational capital pose incum-
bents with less competitive 
pressure and can extract larger 
rents) 

Prediction: Larger initial dis-
counts 
(new branches use aggressive 
teaser pricing to build loan 
portfolios) 

Prediction: Larger initial dis-
counts 
(borrowers might select new 
branches offering aggressive 
rates) 

Prediction: No difference 
(both newly established and 
existing branches can lead to 
inertia) 

  ✓ Consistent ✓ Consistent ✓ Consistent ✗ Inconsistent 
SCS/FinTech re-
ducing infor-
mation frictions 

Smaller initial 
discounts 

Prediction: Smaller initial 
discounts 
(better information flows re-
duce asymmetry and weaken 

Prediction: Larger initial dis-
counts 

Prediction: Larger initial dis-
counts 
(better information environ-
ment leads to better offers) 

Prediction: No difference 
(inertia is psychological, 
should not be affected by in-
formation envirionment) 
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incumbents’ ability to hold up 
borrowers) 

(better information environ-
ment leads to more severe 
competition) 

  ✓ Consistent ✗ Inconsistent ✗ Inconsistent ✗ Inconsistent 
Borrower opac-
ity (SMEs/pri-
vate firms) 

Larger initial 
discounts 

Prediction: Larger initial dis-
counts 
(opaque borrowers are more 
dependent on relationship 
lending and thus more vulnera-
ble to rent extraction) 

Prediction: Smaller initial 
discounts 
(competitive teaser pricing 
should target larger, safer, and 
more visible firms) 

Prediction: Larger initial dis-
counts 
(opaque firms should switch 
only when rates are very favor-
able) 

Prediction: Larger initial 
discounts 
(opaque borrowers exhibit 
more inertia, staying put de-
spite worse terms) 

  ✓ Consistent ✗ Inconsistent ✓ Consistent ✓ Consistent 
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Figure A1. Sample Distribution 
These figures present the distribution of loan amounts and the distribution of lending firms at 
the city level. 
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Appendix B: Questionnaire 
Basic Information 
Please provide the following information. Please note that your confidentiality and the sensi-
tive information you provided will be strictly enforced. 
 
1. What is your gender? 
  A. Male 

   B. Female 
2. Which type of bank are you affiliated with? 
   A. State-owned commercial banks  
   B. Joint-stock commercial banks 
  C. City commercial banks 

   D. Rural commercial banks 
   E. Rural credit cooperatives 
  F. Village banks 
  G. Private-owned commercial banks 
  H. Foreign banks 

   I. Others 
3. Where is your place of work? 
4. What level of branch hierarchy are you employed in? 
   A. Headquarter 
   B. First-tier Branch 
   C. Second-tier Branch 
   D. First-tier Sub-branch 
   E. Second-tier Sub-branch 
   F. Others 
 
Survey Questions 
Kindly assess your bank based on the following descriptions according to your genuine feel-
ings and experiences. Indicate the most appropriate category based on the following criteria. 

 
 
Section 1. Intra-Bank Competition 
1. The bank sets high performance targets for the branch. 
2. The bank emphasizes on whether the branch could meet the targets. 
3. The branch can only get recognition from the bank if the branch performs well. 
4. The branch is responsible to meet the targets and satisfy the bank. 
5. The employee’s promotion prospects are highly dependent on her performance. 
6. The bank evaluates the performance of the branch based more on the comparison across 
branches within the bank than the comparison to other banks. 
7. The branch managers evaluate the performance of employees based on the comparison with 
other branches within the bank. 
8. There exist intra-bank competition among branches to attract customers. 
9. The branch tries to attract credit customers from other branches within the bank. 
 

Strongly Disagree Disagree Neutral Agree Strongly Agree
1 2 3 4 5



BOFIT Discussion Papers 7/2025 
 
 
 

 
 
 
 
 

79 

Section 2. Information Communication 
1. The branches within the bank emphasize on the communication and sharing of information. 
2. Different branches within the bank regularly arrange meeting or other formal occasions to 
discuss strategic decisions. 
3. Different branches within the bank regularly communicate informally and exchange opin-
ions on strategic decisions. 
 
Section 3. Application of FinTech 
1. The application of FinTech provides great opportunities for the bank. 
2. The bank has continued to emphasize the importance of FinTech. 
3. The bank has encountered some challenges in the application of FinTech. 
4. The application of FinTech enriches the bank’s information about the customers. 
5. The application of FinTech increases the customers’ reliance on the bank. 
6. The application of FinTech increases SMEs reliance on the branch. 
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