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ABSTRACT
The purpose of this study was to identify factors linked with e‐learning utilization. This empirical study (N= 381) was

conducted in partnership with a German bank and measured e‐learning utilization as the degree to which participants

thoroughly completed an extensive number of automatically provided e‐learning courses on new banking software. The results

suggest that e‐learning utilization is influenced by the workplace context in which e‐learning takes place (supervisor support,

personal capacity for learning), the planning of the learning process, and a learner's volition to learn. Planning the e‐learning
process mitigated an unfavourable learning environment in terms of limited time resources for learning to some extent.

1 | Introduction

Modern organizations make significant investments in em-
ployee training and development to increase individual job
performance and overall organizational success (Freifeld 2023;
Kauffeld et al. 2025; Noe 2023). As a result, previous research
efforts in the field of training and development focused on two
primary questions: (1) What conditions allow for learning to
occur during training? (2) Under what conditions do training
participants transfer new knowledge and skills back into the
workplace? These research efforts revealed that in traditional
classroom training, a broad range of trainee (e.g., ability,
motivation), training (e.g., training content, training design),
and work environment factors (e.g., support, opportunities to
apply learning) impacted learning and subsequent training
transfer (e.g., Baldwin and Ford 1988; Ford et al. 2018; Holton
III et al. 2000; Kauffeld et al. 2008; Noe 2023). However,
alongside traditional classroom training, workplace self‐paced
e‐learning has become a popular delivery method for corporate
learning in recent decades (Beinicke and Bipp 2018; Decius
et al. 2024; Freifeld 2023; Quesada‐Pallarès et al. 2022). Key
benefits of workplace self‐paced e‐learning over traditional
classroom training include cost savings and a great degree of

flexibility in terms of time, place, and pace of learning
(Noe 2023). Yet attrition rates not found in traditional class-
room training indicate that workplace self‐paced e‐learning
places high demands on the learners already during the learn-
ing phase (Kashive et al. 2021; Lee et al. 2021; Long et al. 2009).
While traditional classroom training is instructed by trainers
and takes place at designated times and locations, e‐learning
participants must begin, monitor, and maintain their learning
efforts largely on their own (Chau 2018; Schmidt and
Koch 2022). If learners do not engage in e‐learning at all or do
not thoroughly process the e‐learning content provided, neither
learning nor transfer success can be achieved (Sitzmann and
Weinhardt 2019). Despite the increasing usage of workplace
self‐paced e‐learning in modern enterprises, the factors influ-
encing the e‐learning process within an organizational context
are still little understood (Lee et al. 2021; Chau 2018). To
address this gap in the literature, the current study applied the
framework of Baldwin and Ford (1988), the Rubicon model of
action phases (Heckhausen and Gollwitzer 1987; Achtziger and
Gollwitzer 2018), and influential models of self‐regulated
learning (Pintrich 2000; Zimmerman and Moylan 2009) to the
learning phase of workplace self‐paced e‐learning. In particular,
this study investigated factors associated with e‐learning
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utilization as a prerequisite for both learning and learning
transfer (Sitzmann and Weinhardt 2019). E‐learning utilization
was measured as the degree to which participants thoroughly
completed a considerable amount of provided e‐learning cour-
ses on the use of banking software. Drawing on the above‐
mentioned theories, we hypothesized that individual motiva-
tional and volitional variables, e‐learning design, and work
environment characteristics explain e‐learning utilization.

2 | Theoretical Background and State of Research

Motivation has been recognized as a vital component both during
the learning and the transfer phase of corporate learning (e.g.,
Chung et al. 2022; De Jong et al. 2023; Gegenfurtner et al. 2009).
For the learning phase of workplace self‐paced e‐learning, moti-
vation to learn predicted use and completion of e‐learning
(Chau 2018; Chen and Kao 2012; Garavan et al. 2010), learner
satisfaction (Chau 2018; Chen and Kao 2012), and learning out-
comes (Chau 2018; Lim et al. 2007). However, beyond initial
motivation, both influential self‐regulated learning models
(Pintrich 2000; Zimmerman and Moylan 2009) and the Rubicon
model of action phases (Heckhausen and Gollwitzer 1987;
Achtziger and Gollwitzer 2018) suggest that learners might ben-
efit from planning e‐learning activities and the use of volitional
action regulation to thoroughly complete an extensive e‐learning
programme. The Rubicon model of action phases (see Figure 1)
described goal realization as a multi‐step process that begins with
a person's wishes or aspirations and concludes with an evaluation
of the achieved outcome. The Rubicon model's title is a metaphor
for the formulation of intentions (in the form of a binding goal) at
the end of the first motivational phase of deliberation (e.g., to
complete all provided e‐learning courses thoroughly to be well
prepared for an upcoming IT transition). To put articulated
intentions into action, individuals must subsequently develop
plans that appear to be favourable to goal achievement (planning
phase). The prepared plans must subsequently be put into effect.
These efforts are best promoted by a steadfast pursuit of the
objective and increased efforts in the face of adversity (action
phase). Finally, individuals must assess whether their objectives
were met satisfactorily. If this is not the case, the objectives, plans,

and/or effort spent must be adjusted (evaluation phase; Achtziger
and Gollwitzer 2018). Similarly, the cyclical phase model of self‐
regulated learning (Zimmerman and Moylan 2009) breaks down
the learning process into three stages. The first phase, foresight,
involves learners analysing the task, setting goals, and planning
strategies to reach the learning goal. Motivational beliefs, such as
self‐efficacy or outcome expectations, serve as the driving force. In
the second phase, performance, learners complete the learning
tasks, monitor their own learning process, and employ a variety of
self‐control strategies to remain engaged with the learning task.
The third phase, self‐reflection, involves the learners assessing
their accomplishment and making attributions about success or
failure. These attributions in turn are assumed to influence suc-
ceeding learning cycles.

Regarding the planning of the e‐learning process, a meta‐
analysis of self‐regulated learning techniques discovered a link
between time management and academic accomplishment in
academic e‐learning (Broadbent and Poon 2015). However,
how planning and time management effect e‐learning in the
workplace is still largely unknown. The first research dem-
onstrates that planning and scheduling e‐learning sessions
may improve e‐learning success in a business setting. In a
study on e‐learning in Hong Kong‐based companies, Chau
(2018) defined time management as ‘the ability of a learner to
manage his or her time for workplace self‐paced e‐learning
through scheduling, planning, and ensuring effective use of
the learning time’ (Chau 2018, 345). Time management was
associated with higher e‐learning completion rates and greater
learner satisfaction.

Even with initial motivation to learn and careful planning of the
learning process, difficulties are likely to develop during
e‐learning. For example, because e‐learning is technology‐
based, technical issues may arise when accessing and proces-
sing learning content. Furthermore, workplace self‐paced
e‐learning is an inherently autonomous and lonely activity.
This means that learners must first solve understanding chal-
lenges on their own, which may involve revisiting the learning
material or contacting additional sources. Even if the e‐learning
platform allows you to communicate with instructors or peers,

FIGURE 1 | The Rubicon model of action phases (Heckhausen and Gollwitzer 1987; Achtziger and Gollwitzer 2018). Used with permission of

Springer Nature BV, from Motivation and Action, Chapter 12, Motivation and Volition in the Course of Action, Achtziger and Gollwitzer 2018;

permission conveyed through Copyright Clearance Center Inc.
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this usually occurs with a delay. To overcome these and other
challenges in the e‐learning process, a trainee's capability of
maintaining attention and effort toward learning activities
despite possible distractions or setbacks (Seiberling and
Kauffeld 2017), may be critical to achieving the set learning
objectives. Volitional strategies such as self‐consequences (i.e.,
establishing rewarding or punishing consequences for oneself)
and environmental structuring (i.e., making the immediate
learning environment more effective for learning) are key
components of Zimmerman's cyclical phases model of self‐
regulated learning (Zimmerman and Moylan 2009). Similarly,
Pintrich (2000) identified management of motivation, affect,
and effort as critical to self‐regulated learning. In academic
e‐learning effort regulation (i.e., the ability to persist when
presented with academic hurdles) has been linked to academic
accomplishment (Broadbent and Poon 2015). However, em-
pirical support from the setting of workplace self‐paced
e‐learning remains scarce. Therefore, a first aim of this study
was to examine whether planning and volition explain addi-
tional variance in e‐learning utilization beyond motivation to
learn.

H1: Planning to learn explains additional variance in
e‐learning utilization when motivation to learn has already
been accounted for.

H2: Volition to learn explains additional variance in e‐learning
utilization when motivation to learn and planning to learn have
already been accounted for.

2.1 | Motivation, Planning, and Volition as
Mediators Within the E‐Learning Process

The influential framework presented by Baldwin and Ford
(1988) assumed that, in addition to trainee characteristics such
as motivation and volition, training design and work environ-
ment characteristics influence both learning and transfer of
learning. For the transfer phase of training, a valid and gener-
alizable set of transfer system scales encompassing these
trainee, training, and work environment characteristics was
developed (learning transfer system inventory [LTSI]; Holton
III et al. 2000; Kauffeld et al. 2008; Kauffeld et al. 2025;
Massenberg et al. 2017). As training transfer attempts and
workplace self‐paced e‐learning are both undertaken directly at
the workplace, similar work environment characteristics such
as supervisor support and personal capacity in terms of suffi-
cient time for learning or transfer might be relevant both during
the learning phase of workplace self‐paced e‐learning and the
training transfer phase (Holton III et al. 2000; Tynjälä 2013).
Similarly, well‐designed e‐learning courses in terms of transfer
design (i.e., training design that supports training transfer by
providing realistic practice opportunities and other transfer‐
enhancing activities) might be beneficial both during the
learning phase of e‐learning and the transfer phase of training.
Hence, a further aim of this study was to identify whether ex-
emplary work environment and training design factors derived
from the LTSI (i.e., supervisor support, personal capacity for
learning, transfer design) play a role during the learning phase
of workplace self‐paced e‐learning.

Supervisor support in terms of being informed about the spe-
cific training objectives and holding trainees accountable for
training transfer facilitated training transfer in a broad range of
training scenarios (Govaerts et al. 2018). Transfer supporting
supervisor behaviours seem to promote training transfer
through motivation to transfer and volition to transfer
(Massenberg and Kauffeld 2015; Seiberling and Kauffeld 2017;
Richter and Kauffeld 2020). Viewing motivation and volition to
transfer as mediating variables in the transfer process ac-
knowledges that supervisors do not change their employees'
behaviour in a direct way. Instead, training transfer is influ-
enced indirectly through increased motivation and volition. In
the context of workplace self‐paced e‐learning, the influence of
perceived barriers and enablers (i.e., time restrictions, supervi-
sor support) on e‐learning participation was mediated by self‐
efficacy and motivation to learn (Garavan et al. 2010).
Accordingly, a recent meta‐analysis found that motivation to
learn mediated relationships between a wide range of individual
and organizational variables and learning outcomes. Organi-
zational climate variables that were positively correlated with
motivation to learn included manager support, peer support,
organizational support, and a continuous learning culture
(Chung et al. 2022). Thus, supervisors may impact e‐learning
utilization by enhancing the learning motivation of their team
members. Leadership behaviours that potentially have a posi-
tive impact on motivation to learn during the learning phase of
workplace self‐paced e‐learning include providing information
about available e‐learning courses, emphasizing the benefits of
an e‐learning course for both participants and the team, dem-
onstrating interest in the learning progress, assisting as needed,
and recognizing the completion of learning tasks.

H3: Perceived supervisor support is positively related to
motivation to learn.

In addition to supervisor support, personal capacity for learning
might be a second relevant variable of the work environment
that affects e‐learning utilization through motivation to learn.
For the transfer stage of training personal capacity was defined
as ‘the extent to which individuals have the time, energy, and
mental space in their work lives to make changes required to
transfer learning on the job’ (Holton III et al. 2000, 344). Sub-
sequent research found personal capacity to have a positive
impact on the training transfer process (e.g., Gara Bach Ouer-
dian 2025; Kirwan and Birchall 2006; Muthoni and Miiro 2017).
As workplace self‐paced e‐learning is undertaken directly at the
workplace or during work hours at the home office, the extent
to which individuals have the time, energy, and mental space in
their work lives for learning likely impacts e‐learning utiliza-
tion. Although a direct impact of personal capacity for learning
on e‐learning utilization can be assumed (Luor et al. 2009;
Sitzmann and Weinhardt 2019), perceived personal capacity for
learning might also impact e‐learning utilization through
motivation to learn. Perceiving the immediate work environ-
ment as conducive to learning might increase a participant's
motivation to learn, while perceived time restrictions for
learning might a have a negative impact on learning motivation.
Accordingly, prior research found that the influence of per-
ceived barriers and enablers (including time restrictions) on
e‐learning participation was mediated by self‐efficacy and
motivation to learn (Garavan et al. 2010).
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H4: Personal capacity for learning is positively related to
motivation to learn.

Furthermore, supervisor support and personal capacity for
learning are likely strongly related. For the transfer stage of
training, participants reported higher levels of supervisor support
and personal capacity for transfer if training participation was
initiated by the supervisor (Kauffeld et al. 2008). Accordingly,
manager support was found to impact personal capacity as a
prerequisite for training transfer (Kirwan and Birchall 2006).
During the learning phase of workplace self‐paced e‐learning, the
learner's immediate supervisor has direct influence on the
workplace learning conditions. The supervisor can foster per-
sonal capacity for learning by making time for learning, for ex-
ample, by prioritizing e‐learning activities over other activities.
The supervisor may also guarantee an undisturbed study en-
vironment or permit studying at the home office.

H5: Supervisor support is positively related to personal capacity
for learning.

Besides the organizational environment, e‐learning design factors
have proven to be critical to e‐learning success. A common
theme in various IT system success models is that system quality
(e.g., perceived usefulness, perceived ease of use, information
quality) influences system use via motivational variables such as
intention to use (e.g., Davis et al. 1989; DeLone and
McLean 2003). The technology acceptance model (Davis
et al. 1989), with its four central components of perceived ease of
use, perceived usefulness, attitude toward use, and intention to
use, was widely and successfully used to predict e‐learning use.
For example, in a study on e‐learning in Taiwan's financial sec-
tor, the effects of e‐learning design characteristics (content
quality, system response, system interactivity, and system func-
tionality) on actual e‐learning use were mediated by motivational
and attitudinal variables (perceived usefulness, perceived ease of
use, perceived enjoyment, attitude towards use, intention to use)
(Cheng 2011). In corporate classroom training, training design in
terms of content validity (i.e., training contents that match job
requirements) and transfer design (i.e., training design that
supports training transfer by providing realistic practice oppor-
tunities and other transfer‐enhancing activities) has been shown
to be critical for training success. While content quality has been
studied in the context of workplace self‐paced e‐learning (e.g.,
Chen and Kao 2012; Garavan et al. 2010; Lee et al. 2021; Lim
et al. 2007), transfer design has gotten less study attention. Sev-
eral studies in the realm of corporate classroom training have
demonstrated that transfer design influences training transfer
through motivation to transfer (e.g., Awais Bhatti et al. 2014;
Grohmann et al. 2014). As motivation to learn and motivation to
transfer are associated (e.g., Gegenfurtner et al. 2009), incorpo-
rating transfer‐enhancing activities into e‐learning programmes
may not only raise the likelihood of successful e‐learning transfer
but also increase motivation to learn throughout the learning
stage.

H6: Perceived e‐learning quality in terms of transfer design is
positively related to motivation to learn.

However, one major implication of the Rubicon model of action
phases (Heckhausen and Gollwitzer 1987; Achtziger and

Gollwitzer 2018) is that motivation alone is insufficient for goal
achievement. Beyond initial motivation, the Rubicon model
suggests that planning and volition serve as mediators in the
action process. To achieve a set goal, concrete steps for ac-
complishing the desired goal should be planned (planning
phase). After developing goal conducive plans, individuals must
undertake goal‐oriented behaviours and focus on achieving
their goals. These efforts are best supported by persistent goal
pursuit, increasing efforts in the face of adversity, and returning
to goal‐oriented acts after each interruption (action phase)
(Achtziger and Gollwitzer 2018). Similarly, influential self‐
regulated learning models described a mediating function of
planning and volition in the learning process (Pintrich 2000;
Zimmerman and Moylan 2009). The transfer of these models to
the context of workplace self‐paced e‐learning suggests that (1)
motivated learners are more likely to plan their learning pro-
cess, (2) learners with a clear plan for the learning phase are
more likely to use volitional action regulation in response to
distractions or setbacks, and ultimately, (3) the use of volitional
action control during the learning phase impacts e‐learning
utilization positively.

H7: Motivation to learn is positively related to planning to
learn.

H8: Planning to learn is positively related to volition to learn.

H9: Volition to learn is positively related to e‐learning
utilization.

2.2 | Compensating an Unfavourable Work
Environment to E‐Learning

While the Rubicon model and self‐regulated learning models
imply that planning generally mediates the learning process,
planning may act as a moderator when dealing with time
constraints for learning. As the fundamental goal of a work-
place is to provide goods and services (rather than to study),
workplace self‐paced e‐learning is prone to being postponed or
interrupted by more urgent requests (Chau 2018). Hence, pre-
vious research found that even highly motivated learners did
not engage in e‐learning activities due to time constraints (Luor
et al. 2009). In dealing with such time constraints, learners
might benefit from planning their learning activities. Motiva-
tional research has shown that even simple plans in the form of
implementation intentions (i.e., If–then plans; if X happens,
then I am going to perform behaviour Y) support goal realiza-
tion in a broad range of intended human behaviours. Defining
precise settings or conditions in which a particular behaviour is
demonstrated helps individuals discover appropriate situations
and ultimately act because the intended behaviour is already
cognitively linked to the situational cue (Achtziger and
Gollwitzer 2018; Sheeran et al. 2024). In the context of work-
place self‐paced e‐learning, Chau (2018) discovered that work-
load moderated the relationship between time management and
completion rates at a 10% level of significance. In this study, the
association between time management and completion rates
was stronger in low workload settings. Chau (2018, 225) pro-
vided the following interpretation of the results: ‘At a lower
level of workload, employee learners should be able to find
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some free time to learn. Hence, use of a time management
strategy may help employee learners juggle the work and
learning tasks, resulting in relatively higher WSPEL [workplace
self‐paced e‐learning] completion. When the level of workload
is high, however, employees have to work at a relatively faster
pace and should have less free time available. Under such time
pressures and because work is always the priority, a time
management strategy will be less effective in helping the em-
ployees juggle between the work and learning tasks.’ However,
it is worthwhile to attempt to reproduce these findings because
the effect of planning on the link between workload and
e‐learning completion may be more complex. Under low
workload conditions, learners may be able to complete their
e‐learning activities without or with little planning effort in
addition to their usual tasks. In other words, in low workload
scenarios, learners who precisely plan their e‐learning activities,
as well as learners who do little or no planning, should be able
to finish their assigned e‐learning courses. As a result, in low
workload settings, planning may not have a significant impact
on e‐learning utilization. In contrast, in situations with a
medium to high workload, planning may be beneficial. In
medium to high workload situations, learners who devote time
slots to learning by planning and scheduling their e‐learning
activities should achieve higher e‐learning utilization rates than
those who do not actively plan their learning process. Finally, in
very or extremely high workload situations, planning may
become less relevant, as e‐learning activities are likely to be
postponed in favour of more urgent duties, whether scheduled
or unplanned. As a result, the final aim of this study was to
explore whether planning to learn compensates to some extent
for a lack of time resources available for e‐learning.

H10: Personal capacity for learning is positively related to
e‐learning utilization.

H11: Planning compensates for a lack of time resources to
utilize e‐learning.

3 | Materials and Methods

3.1 | Sample and Procedure

After a merger, a German bank provided a comprehensive
blended learning curriculum to prepare its employees for a
substantial IT transition. The curriculum was adapted to the

specific function within the new organization, such as account
manager for private customers, account manager for commer-
cial customers, or credit specialist. The programme was mostly
made of e‐learning courses aimed to provide instructions on
how to perform typical work tasks within the new IT systems.
Aside from the e‐learning courses, participants received course
materials and/or classroom training sessions based on the un-
ique requirements of their assigned function. For example, the
blended learning programme created for account managers in
wealth management was given a total of 36 h to learn. Out of
the entire 36 learning hours allotted, 28 h (78%) were set aside
to complete 13 e‐learning courses, while 8 h were set aside for a
single preparation session in a traditional classroom format
(22%). One month after the IT changeover, a digital survey was
given to a randomly selected set of bank employees to assess the
effectiveness of the blended learning programme. Participation
in the survey was optional. There were no promises of rewards
for participation, participants were allowed to withdraw at any
time, and they were guaranteed anonymity.

The blended learning programme enroled approximately 7000
salespeople. A stratified sample of 1000 employees from the
target group was chosen to complete the online questionnaire.
The sample was stratified based on the preceding and target
functions, as the programme's scope was decided by this
combination. Participants were recruited at random from
each stratum. Of the 1000 online questionnaires distributed,
386 were returned. The four questionnaires related to the
service function were eliminated after data collecting but
before data analysis. To safeguard participant confidentiality,
the participating company's works council determined that
strata with fewer than five completed questionnaires would
not be evaluated. Conducting a χ2 test revealed a significant
difference in response rates amongst the remaining eight
strata (χ2 [7, N= 968] = 21.51, p < 0.01). The response rates of
credit specialists were over 50%, however, just 25% of former
junior account managers private customers participated in the
survey. Regarding the seven variables of this study (see
Table 1), no statistically significant differences were seen
among the remaining eight strata in subsequent ANOVA
analyses. One participant did not answer any of the questions
related to the e‐learning section of the questionnaire, result-
ing in 381 data records usable for further statistical analyses.

The survey participants were 45.4% male and 54.3% female. In
terms of age, 13.1% were 30 or younger, 29.1% were

TABLE 1 | Means, standard deviations, and correlations among study variables.

Variable M SD ELU LMOT PLAN LVOL LSSUP LCAP DESG

1. E‐learning utilization (ELU) 4.06 1.04 (0.71)

2. Motivation to learn (LMOT) 3.43 0.89 0.15** (0.79)

3. Planning (PLAN) 3.11 1.20 0.41** 0.21** (0.82)

4. Volition to learn (LVOL) 4.30 0.70 0.54** 0.37** 0.35** (0.70)

5. Supervisor support (LSSUP) 3.25 1.13 0.36** 0.21** 0.50** 0.30** (0.86)

6. Personal capacity for learning (LCAP) 2.51 1.16 0.40** 0.13* 0.60** 0.25** 0.55** (0.86)

7. Transfer design (DESG) 2.84 0.84 0.17** 0.34** 0.23** 0.18** 0.29** 0.30** (0.83)

Note: Values from 1 (strongly disagree) to 5 (strongly agree). Cronbach's α values listed in parentheses.
*p ≤ 0.05; **p ≤ 0.01 (two‐tailed).
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31–40 years old, 36.0% were 41–50 years old, and 21.3% were
older than 50. A total of 49.2% of the participants had com-
pleted vocational training in the field of banking, while 21.5%
had taken additional evening courses in business administra-
tion. Furthermore, 27.0% of respondents held an (additional)
university degree. 1.8% of respondents reported having a
vocational training background that differed from the subject
of business administration.

Hierarchical linear regression (HLR) was used to test
whether planning to learn and volition to learn explained
additional variance to motivation to learn in e‐learning uti-
lization (H1, H2). HLR was performed using SPSS Version 29.
Missing data on the item level ranged from 0.8% to 1.8% and
was missing completely at random (Little test: χ2 = 217.958,
df = 247, p= 0.908). For the regression models, scales were
calculated as the mean of all available items. The regression
models were then computed using listwise deletion which
resulted in the exclusion of the four cases who showed high
individual levels of missing data (> 20%). Mplus 8.11 was
used to compute the structural equation models (H3–H11).
H11 (planning compensates for a lack of time resources to
utilize e‐learning) required the test of a latent moderator
effect. Mplus does not offer traditional fit indices for assess-
ing the overall model fit when estimating latent moderated
structural equation models since the non‐linear effects of a
latent interaction model induce biases to the chi‐square value
(and other fit indices derived from the chi‐square value).
Hence, the four steps outlined by Cheung et al. (2021) were
followed (i.e., testing measurement model fit in step 1,
obtaining fit values for the model without moderator in step
2, testing improved fit after including the moderator in step 3,
interpreting a significant moderator effect in step 4). As
certain indicators diverged from the normal distribution, we
used maximum likelihood with robust standard errors (MLR)
estimation. In Mplus full information, maximum likelihood
estimation was used for missing data.

3.2 | Measures

Scales used in this study included e‐learning utilization,
motivation to learn, planning to learn, volition to learn,
supervisor support, personal capacity for learning, and
transfer design. The questionnaires used a five‐point Likert
scale with responses ranging from ‘strongly disagree’ to
‘strongly agree.’ Table 1 shows the means, standard devia-
tions, Cronbach's α, and correlations between the study's
variables.

The e‐learning utilization scale assessed the degree to which
participants thoroughly completed an extensive number of
automatically provided e‐learning courses and consisted of the
following two items: ‘I have completed all e‐learning courses
planned for my learning path up to the system changeover.’ and
‘I worked through all the e‐learning courses thoroughly.’ The
e‐learning utilization scale showed an acceptable Cronbach's α
value of 0.71.

Motivation to learn has been conceptualized as a trainee's desire
to learn the specific content of a training programme
(Noe 1986). The three‐item motivation to learn scale exhibited
an acceptable Cronbach's α value of 0.79, employing similar
wording as the motivation to transfer scale of the GLTSI
(Kauffeld et al. 2008; exemplary item: ‘I was motivated when I
thought about what I can learn in the learning courses.’; full
scale see Table 2).

The three‐item planning to learn scale was used to examine how
much learners proactively planned their learning process and set
aside certain time intervals to complete e‐learning assignments
(exemplary item: ‘I have scheduled the completion of the indi-
vidual learning courses in my weekly schedule.’; full scale see
Table 2). 0.82 was a good Cronbach's α value for the planning to
learn scale. Volition to learn was earlier defined as a trainee's
capability of maintaining attention and effort towards learning

TABLE 2 | Confirmatory factor analysis of 3‐factor model motivation to learn, planning to learn, and volition to learn.

Scale Item Standardized factor loadings

Motivation to learn I was motivated when I thought about what I can learn in the
learning courses.

0.791

I could hardly wait to take part in the learning courses and learn
a lot.

0.815

I believed that the learning courses would help me to acquire new
knowledge.

0.651

Planning to learn I have scheduled the completion of the individual learning courses
in my weekly schedule.

0.761

For each individual learning course, I knew when to work on it. 0.812

I had a precise learning plan for completing the learning courses. 0.767

Volition to learn Although it is difficult to complete all learning courses, I have tried
everything to succeed.

0.654

I was determined to complete all learning courses. 0.711

I was determined to complete the learning program, even if I had to
overcome resistance.

0.611

Note: N= 379. Three‐factor model provided acceptable data fit ( χ2/df= 55.445/24 = 2.310; RMSEA= 0.059; CFI = 0.963; SRMR= 0.040). All factor loadings significant at
p< 0.001.
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activities despite possible distractions or setbacks (Seiberling and
Kauffeld 2017). The three‐item volition to learn scale consisted of
the following items: ‘Although it is difficult to complete all
learning courses, I have tried everything to succeed.’, ‘I was
determined to complete all learning courses.’, and ‘I was deter-
mined to complete the learning program, even if I had to over-
come resistance.’. The Cronbach's α value of the three‐item
volition to learn measure was 0.695. The data was used for further
analysis since the volition to learn scale's computed Cronbach's α
was only slightly below 0.7. However, it is recommended that
future research endeavours optimize the volition to learn scale
through the testing of supplementary items (e.g., setbacks spur
me on to exert further learning efforts). To validate the suggested
three‐factor structure for motivation to learn, planning to learn,
and volition to learn, a confirmatory factor analysis was con-
ducted. The three‐factor model of motivation, planning, and
volition to learn provided acceptable data fit (N=379; χ2/df=
55.445/24 = 2.310; RMSEA= 0.059; CFI = 0.963; SRMR= 0.040).
All standardized factor loadings were significant (p< 0.001) and
varied from 0.611 to 0.815 (see Table 2). A four‐factor model that
additionally included the dependent variable e‐learning utiliza-
tion also showed an acceptable data fit (N=381; χ2/df=91.828/
38 = 2.417; RMSEA= 0.061; CFI = 0.951; SRMR= 0.048). As
volition to learn and e‐learning utilization were highly correlated
(0.789) in the four‐factor model, a third CFA was computed for
motivation to learn, planning to learn, and a common factor for
the three volition to learn and the two e‐learning utilization items.
However, this model yielded a poor data fit (N= 381; χ2/df=
127.675/41 = 3.114; RMSEA= 0.074; CFI = 0.921; SRMR= 0.061)
indicating that motivation to learn, planning to learn, volition to
learn, and e‐learning utilization represented distinct constructs.

The scales for supervisor support, personal capacity for
learning, and transfer design were adapted from the GLTSI
(Kauffeld et al. 2008) and consisted of three items each. The
supervisor support scale (exemplary item: ‘My manager ap-
preciates it when I take the time to work on the e‐learning
material.’), personal capacity for learning scale (exemplary

item: ‘I was given enough time to work on the learning
courses.’), and transfer design scale (exemplary item: ‘The
e‐learning courses used lots of examples that showed me how I
could use my learning on the job.’) showed good Cronbach's α
values of 0.86, 0.86 and 0.83 (see Table 1). A table of all scales
and items used in this study is provided in the appendix
(Table A1).

4 | Results

4.1 | HLR

HLR was carried out in three steps (see Table 3). In step 1, only
motivation to learn was entered into the model (N= 377). The
model was significant (F[1, 375] = 9.04, p< 0.01) and had an R2

value of 0.02. In model 1, motivation to learn significantly
predicted e‐learning utilization (β= 0.15, p< 0.01).

Step 2 of the regression analysis included planning to learn in
the model. R2 significantly increased by 0.15 (ΔF[1,
374] = 67.06, p< 0.001). The second model found that planning
to learn was a significant predictor of e‐learning utilization
(β= 0.39, p< 0.001), whereas motivation to learn was not
(β= 0.07, p= 0.143). Nonetheless, H1 (planning to learn ex-
plains additional variance in e‐learning utilization when moti-
vation to learn has already been accounted for) was confirmed.

Step 3 involved adding volition to learn to the regression model.
R2 increased by an additional 0.17 (ΔF[1, 373] = 99.40,
p< 0.001). In total, model 3 explained 34% of the variance in
e‐learning utilization. Planning to learn (β= 0.26, p< 0.001)
and volition to learn (β= 0.47, p< 0.001) were both significant
predictors of e‐learning utilization, while, as in model 2, moti-
vation to learn was not (β=−0.07, p= 0.110). Nonetheless, H2
(volition to learn explains additional variance in e‐learning
utilization when motivation to learn and planning to learn have
already been accounted for) was supported.

TABLE 3 | Hierarchical linear regression on e‐learning utilization.

Variable ΔR2 B SEB β t p

Model 1 0.02 < 0.01

Intercept 4.06 0.05 76.59 < 0.001

Motivation to learn 0.18 0.06 0.15 3.01 < 0.01

Model 2 0.15 < 0.001

Intercept 4.06 0.05 83.02 < 0.001

Motivation to learn 0.08 0.06 0.07 1.47 =0.143

Planning to learn 0.34 0.04 0.39 8.19 < 0.001

Model 3 0.17 < 0.001

Intercept 4.06 0.04 93.31 < 0.001

Motivation to learn −0.08 0.05 −0.07 −1.60 =0.110

Planning to learn 0.22 0.04 0.26 5.73 < 0.001

Volition to learn 0.70 0.07 0.47 9.97 < 0.001

Note: N= 377. Total R2 = 0.34 (F[3, 373] = 65.84, p< 0.001) (model 3).
Assumptions check: maximum VIF = 1.272, Durbin Watson statistic = 1.333, maximum Cook's distance = 0.084, mean standardized residuals = 0.000, SD standardized
residuals = 0.996, visual inspection indicated homoscedasticity and linear relationships of dependent and independent variables.
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4.2 | Structural Equation Modelling (SEM)

In the first step, the measurement model of the seven latent
variables supervisor support, personal capacity for learning,
transfer design, motivation to learn, planning to learn, volition to
learn, and e‐learning utilization was tested. The measurement
model showed an acceptable data fit (N= 381; χ2/df= 314.557/
149 = 2.111; RMSEA= 0.054; CFI = 0.945; SRMR= 0.045).
Model correlations among the observed and latent variables
ranged from 0.587 to 0.916 and were all significant at p< 0.001.

In Step 2, fit values for the full mediation model without the
moderator term for personal capacity for learning × planning to
learn were obtained (i.e., a model in accordance with Figure 2
without H11) as Mplus does not offer traditional fit indices for
assessing the overall model fit when estimating latent moder-
ated structural equation models (Cheung et al. 2021). However,
this full mediation model without moderator fitted the data
poorly (N= 381; χ2/df= 547.347/161 = 3.400; RMSEA= 0.079;
CFI = 0.871; SRMR= 0.139). Particularly, the paths from
supervisor support to motivation to learn and from personal
capacity for learning to motivation to learn were not significant
in the full mediation model without moderator (see Table 4).
Hence, a partial mediation model without moderator was tested
next. This partial mediation model without moderator showed
an acceptable data fit (N= 381; χ2/df= 314.556/149 = 2.111;
RMSEA= 0.054; CFI = 0.945; SRMR= 0.045; see Table 4).

Step 3 tested whether the partial mediation model with the
moderator term personal capacity for learning x planning to
learn had a better data fit than the partial mediation model
without this moderator term calculated in step 2. To compare
the fit of the two models, a loglikelihood values difference test
was performed (Cheung et al. 2021). The significant test statistic
(TRd = 6.5643, delta(df) = 1, p= 0.0104) indicated that the par-
tial mediation model with the moderator yielded the best data
fit. Hence, the results of the partial mediation model with
moderator were used to determine whether the formulated
hypotheses were supported or had to be rejected (see Table 4).
As shown in Figure 3, supervisor support was positively asso-
ciated with personal capacity for learning (β= 0.627, p< 0.001;

H5 supported) and planning to learn (β= 0.174, p< 0.05;
additional significant path). However, the path from supervisor
support to motivation to learn was not significant (β= 0.140,
p= 0.139; H3 not supported). Personal capacity for learning was
positively associated with planning to learn (β= 0.627,
p< 0.001; additional significant path) and e‐learning utilization
(β= 0.250, p< 0.01; H10 supported). Again, the path from
personal capacity for learning to motivation to learn was not
significant (β=−0.044, p= 0.631; H4 not supported). Transfer
design showed positive associations with motivation to learn
(β= 0.383, p< 0.001; H6 supported) and personal capacity for
learning (β= 0.112, p< 0.05; additional significant path). While
motivation to learn was not positively associated with planning
to learn (β= 0.087, p= 0.119; H7 not supported), additional
routes from motivation to learn to volition to learn (β= 0.335,
p< 0.001; additional significant path) and from motivation to
learn directly to e‐learning utilization (β=−0.197, p< 0.05;
additional significant path) were significant. The paths from
planning to learn to volition to learn (β= 0.316, p< 0.01; H8
supported) and from volition to learn to e‐learning utilization
(β= 0.739, p< 0.001; H9 supported) were significant as
hypothesized. Finally, the interaction term personal capacity for
learning × planning to learn was significantly related to
e‐learning utilization (β=−0.156, p< 0.01).

In Step 4, the significant interaction term personal capacity for
learning × planning to learn was interpreted. Figure 4 revealed
that personal capacity for learning was significantly associated
with e‐learning utilization only at lower levels of planning. In
other words, participants with higher levels of planning were
significantly less negatively impacted in their e‐learning utili-
zation by low personal capacity for learning than those with low
levels of planning. Thus, H11 was supported.

5 | Discussion

Drawing on the Rubicon model of action phases (Heckhausen and
Gollwitzer 1987; Achtziger and Gollwitzer 2018) and influential
self‐regulated learning models (Pintrich 2000; Zimmerman and
Moylan 2009), motivation to learn, planning to learn, and volition

FIGURE 2 | Hypothesized relationships between the study's variables.
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to learn were used in this study to explain variance in e‐learning
utilization. In a first regression model, motivation to learn was
regressed as a single predictor on e‐learning utilization. This
regression model accounted for only 2% of the variance in
e‐learning utilization (see Table 3). In contrast, the model which
included planning to learn, volition to learn, and motivation to
learn explained 34% of the variance in e‐learning utilization.

Hence, unlike planning to learn and volition to learn, motivation
to learn did not appear to play an important role in the utilization
of e‐learning in the specific setting of this study (mandatory
e‐learning courses on banking software). This missing relationship
between motivation to learn and e‐learning utilization was also
observed in the structural equation model (see Figure 3) where a
positive association between motivation to learn and volition to

TABLE 4 | Structural equation modelling (estimates, standard errors, and two‐tailed p‐values for standardized path coefficients).

Full mediation model
without moderator

Partial mediation model
without moderator

Partial mediation model with moderator
(Figure 3)

Standardized path
coefficients Estimate S. E. p‐value Estimate S. E. p‐value Estimate S. E. p‐value Conclusion

Supervisor support with
transfer design

0.354 0.057 0.000 0.340 0.058 0.000 0.340 0.058 0.000

To motivation to learn (LMOT)

Supervisor support→ LMOT 0.142 0.096 0.140 0.136 0.094 0.149 0.140 0.094 0.139 H3 not
supported

Personal capacity for
learning→ LMOT

0.008 0.096 0.935 −0.038 0.091 0.673 −0.044 0.092 0.631 H4 not
supported

Transfer design→ LMOT 0.374 0.071 0.000 0.383 0.071 0.000 0.383 0.071 0.000 H6 supported

To personal capacity for learning (LCAP)

Supervisor support→ LCAP 0.673 0.040 0.000 0.625 0.048 0.000 0.627 0.048 0.000 H5 supported

Transfer design→ LCAP 0.113 0.055 0.040 0.112 0.055 0.042 Additional
significant path

To planning to learn (PLAN)

Motivation to learn→ PLAN 0.314 0.076 0.000 0.090 0.056 0.108 0.087 0.056 0.119 H7 not
supported

Supervisor support→ PLAN 0.170 0.074 0.022 0.174 0.075 0.020 Additional
significant path

Personal capacity for
learning→ PLAN

0.626 0.064 0.000 0.627 0.064 0.000 Additional
significant path

Transfer design→ PLAN 0.004 0.060 0.947 0.002 0.060 0.978

To volition to learn (LVOL)

Planning to learn→ LVOL 0.483 0.055 0.000 0.305 0.108 0.005 0.316 0.110 0.004 H8 supported

Motivation to learn→ LVOL 0.335 0.097 0.001 0.335 0.096 0.000 Additional
significant path

Supervisor support→ LVOL 0.180 0.091 0.048 0.174 0.092 0.057

Personal capacity for
learning→LVOL

−0.051 0.100 0.610 −0.054 0.100 0.586

Transfer design→ LVOL −0.045 0.070 0.522 −0.045 0.070 0.522

To e‐learning utilization (ELU)

Volition to learn→ ELU 0.755 0.063 0.000 0.756 0.079 0.000 0.739 0.081 0.000 H9 supported

Planning to learn→ ELU 0.068 0.105 0.518 0.066 0.109 0.544

Motivation to learn→ ELU −0.197 0.083 0.017 −0.197 0.080 0.014 Additional
significant path

Supervisor support→ ELU 0.052 0.090 0.563 −0.002 0.093 0.982

Personal capacity for
learning→ ELU

0.269 0.060 0.000 0.166 0.093 0.072 0.250 0.096 0.009 H10 supported

Transfer design→ ELU 0.035 0.066 0.598 0.026 0.063 0.680

Personal capacity for learning x
planning to learn→ ELU

−0.156 0.056 0.006 H11 supported

Note: S. E. = standard error. Poor data fit of full mediation model without moderator (χ2/df= 547.347/161 = 3.400; RMSEA= 0.079; CFI = 0.871; SRMR= 0.139);
acceptable fit of partial mediation model without moderator ( χ2/df= 314.556/149 = 2.111; RMSEA= 0.054; CFI = 0.945; SRMR= 0.045); loglikelihood values difference
test showed improved fit of partial mediation model with moderator over partial mediation model without moderator (TRd = 6.5643, delta[df] = 1, p= 0.0104).
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learn (β=0.335, p< 0.001) was suppressed by a path with a neg-
ative algebraic sign from motivation to learn to e‐learning utili-
zation (β=−0.197, p<0.05). These results were inconsistent with
earlier findings. Previous studies on workplace self‐paced
e‐learning found that motivation to learn influenced not only
use and completion of e‐learning (Chau 2018; Chen and Kao 2012;
Garavan et al. 2010) but also learning outcomes (Chau 2018; Lim
et al. 2007). These contradictory findings raise the question of
potential moderators. The mandatory or voluntary nature of an
e‐learning course could be one such moderating influence (Curado
et al. 2015; Gegenfurtner et al. 2016). If e‐learning participation is
voluntary, motivation to learn might play a more prominent
mediating role in the learning process. In mandated e‐learning
situations, like the one investigated in this study, planning and

volition may be more relevant for individuals to utilize e‐learning.
Therein, the regression analysis corroborated important concepts
from volitional and self‐regulated learning theories in the context
of workplace self‐paced e‐learning.

Regarding the influence of personal capacity for learning on
e‐learning utilization, the results of the partial mediation model
with the moderator (see Figure 3) indicated that personal
capacity was positively associated with planning to learn which
in turn was positively related to volition to learn and, ulti-
mately, e‐learning utilization. Simultaneously, the significant
interaction term personal capacity for learning x planning to
learn implied that learners with low personal capacity for
learning particularly benefited from planning their e‐learning

FIGURE 3 | Partial mediation model with moderator personal capacity for learning × planning to learn. N= 381. All path weights are stan-

dardized. Non‐significant paths omitted for better readability. *p< 0.05, **p< 0.01, ***p< 0.001.

FIGURE 4 | Interaction effect of personal capacity for learning and planning to learn on e‐learning utilization. [Color figure can be viewed at

wileyonlinelibrary.com]

382 of 402 International Journal of Training and Development, 2025

https://wileyonlinelibrary.com


activities. However, personal capacity for learning was not
associated with motivation to learn (β=−0.044, p= 0.631).
Hence, in the specific research context of this study, personal
capacity for learning had a stronger association with activities
that take time to complete (i.e., planning and e‐learning utili-
zation) than with the participants' motivation to learn. In this
regard, personal capacity for learning can cautiously be inter-
preted as a prerequisite for both the planning and the utilization
of workplace self‐paced e‐learning.

As hypothesized, supervisor support was strongly related to
personal capacity for learning (β= 0.627, p< 0.001). Further-
more, supervisors seemed to aid e‐learning utilization by fos-
tering planning activities (additional significant path supervisor
support to planning to learn, β= 0.174, p< 0.05). This addi-
tional finding might be due to the specific organizational setting
in which the learning programme was performed. Supervisors
in the cooperating bank held weekly planning meetings with
their team members to plan sales activities. Supervisors poten-
tially included the planning of e‐learning activities into these
meetings during the preparation of the IT changeover. How-
ever, in contrast to previous research findings, the path from
supervisor support to motivation to learn (β= 0.140, p= 0.139)
was not significant. A post hoc power analysis revealed a power
of only 0.363 for this path. Although a larger data set of
N= 1000 would have increased power to 0.774, the relationship
between supervisor support and motivation to learn was lower
than expected. In a recent meta‐analysis, a corrected mean
correlation of 0.35 between supervisor support and motivation
to learn was reported (Chung et al. 2022). The relationship
between supervisor support and motivation to learn could be
moderated by the type of e‐learning content. For the transfer
phase, a mediated effect of supervisor support on training
transfer via motivation to transfer was only found for soft skill
and not for hard skill trainings (Massenberg and Kauffeld 2015).
Hence, the missing link between supervisor support and moti-
vation to learn could be related to the hard skill content of this
study (i.e., business processes within a banking software) where
supervisor support could be less relevant compared to other
support variables such as peer support.

Finally, transfer design (i.e., an e‐learning design that promotes
learning transfer by providing realistic practice opportunities
and other transfer‐enhancing activities) was positively associ-
ated with motivation to learn as hypothesized (β= 0.383,
p< 0.001). However, motivation to learn was neither related to
planning to learn (β= 0.087, p= 0.119) nor to the utilization of
e‐learning in the specific organizational setting of this study. A
further unexpected finding of this study was that transfer design
was positively related to personal capacity for learning
(β= 0.112, p< 0.05). This additional significant path can be
cautiously interpreted, in the sense that participants who ex-
perience the e‐learning exercises as practice‐oriented are more
likely to make time for learning.

5.1 | Theoretical Implications

In their seminal work, Baldwin and Ford (1988) proposed a
systemic view of learning and learning transfer. According to

this influential framework, the learning and learning trans-
fer process is influenced by individual characteristics of the
trainee, training design variables, and the organizational
work environment. Unlike traditional classroom training,
e‐learning has the unique property of taking place at the
workplace and thus showing attrition rates not found in
traditional classroom training (Kashive et al. 2021; Long
et al. 2009). As engaging in e‐learning activities is a pre-
requisite for individual learning and transfer success, this
study investigated how individual, e‐learning design, and
work environment variables were associated with e‐learning
utilization. While previous IT success models prioritized
system quality (e.g., Davis et al. 1989; DeLone and
McLean 2003; MacDonald et al. 2001), the results of this
study indicate that individual self‐regulatory variables (i.e.,
planning to learn and volition to learn) are related to
e‐learning utilization. Hence, future theories on the usage of
workplace self‐paced e‐learning should consider the extent
to which trainees consciously organize their learning process
and employ volition to retain attention and effort towards
learning activities in the face of potential distractions or
setbacks. Such a phase perspective encompassing action
regulation beyond initial motivation has already been sug-
gested for the transfer phase of learning (Seiberling and
Kauffeld 2017; Quesada‐Pallarès and Gegenfurtner 2015;
Richter and Kauffeld 2020). Furthermore, future models of
workplace self‐paced e‐learning should take both organiza-
tional support and potential organizational learning barriers,
such as a low personal capacity for learning, into account.
Finally, quality features should also be considered as transfer
design was positively related to the participants’ motivation
to learn in this study. Hence, overall, the results of this study
indicate that building theory on e‐learning utilization may
benefit from adopting the systemic view suggested by
Baldwin and Ford (1988) for learning and learning transfer.
However, one unexpected finding of this study was that
motivation to learn did not play a significant role in the
given setting of mandated e‐learning on banking software.
This finding contradicted previous research findings in
which motivation to learn acted as a mediating factor in the
participation of workplace self‐paced e‐learning (Garavan
et al. 2010). Thus, the relative impact of motivation to learn,
planning to learn, and volition to learn on e‐learning utili-
zation, as well as the specific path of mediation, may differ
depending on the learning situation. As e‐learning partici-
pation was mandatory in this study, planning to learn and
volition to learn may have been more essential for e‐learning
utilization than motivation to learn. Thus, when developing
a system's view of workplace self‐paced e‐learning, it should
be acknowledged that every learning scenario is linked to a
unique organizational learning system (Holton et al. 2003).

5.2 | Practical Implications

Nowadays, workplace self‐paced e‐learning is being widely
employed in organizational training and development
(Freifeld 2023). However, low completion rates demonstrated
that e‐learning is not always effective (e.g., Long et al. 2009;
Schmidt and Koch 2022). If learners do not utilize the allocated
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e‐learning courses, neither learning success nor the desired
organizational advantages will occur (Sitzmann and
Weinhardt 2019). As a result, companies risk losing significant
investments in e‐learning design and delivery, if learners are
unable or unwilling to use the e‐learning courses supplied. In
the context of mandated e‐learning on new banking software,
the findings of this study revealed that learners’ planning
activities and volition to learn were closely related to the utili-
zation of provided e‐learning courses. In this study, higher
degrees of planning appeared to compensate an adverse work
environment in terms of low time resources for learning to
some extent. Furthermore, supervisor support was associated
with higher levels of planning and personal capacity for learn-
ing (i.e., available time resources for learning). As a result, firms
that invest in e‐learning programmes should view e‐learning as
a process that only begins with assigning e‐learning courses to
employees in a learning management system. Whether pro-
vided e‐learning courses are used seems to be determined by
both individual volitional variables and the learning environ-
ment. Companies should thus involve supervisors in the
implementation of e‐learning initiatives. Supervisors, for ex-
ample, should ensure sufficient time for learning and encourage
planning efforts to guarantee that e‐learning programmes suc-
ceed. Simultaneously, e‐learning designers and HR managers
should encourage planning activities and the use of volitional
action regulation throughout the e‐learning experience.

5.3 | Limitations

Some limiting factors regarding the interpretation and gener-
alization of the found results should be considered. First, a
greater response rate would have been preferable as low return
rates could result in nonresponse bias. With 381 questionnaires,
less than half of the 1000 questionnaires distributed could be
included in the statistical analyses. Although the strata did
significantly differ in their response rates, they did not show
significant differences regarding the variables of interest in this
study.

Second, the data for this study was collected from a single
e‐learning setting within a single firm. Thus, the observed
findings may be representative of the banking business and/or
mandatory software training. While teaching new software is a
common use case for workplace self‐paced e‐learning
(Freifeld 2023), many companies provide e‐learning on a vol-
untary basis. Thus, data collection from multiple e‐learning
settings in a variety of industries is required to evaluate the
generalizability of the results.

Third, the data was entirely self‐reported. This seemed suitable
despite the known issues (e.g., leniency, self‐serving bias)
because the primary focus of this study was on the learners’
subjective motivational, volitional, and work environment per-
ceptions. Answering the questionnaires was entirely voluntary,
and by ensuring anonymity throughout the procedure, the risk
of social desirability was reduced. Instead of a questionnaire
scale, another method for measuring e‐learning utilization
would have been to use the processing status recorded in the
learning management system. This alternate strategy did not

appear appropriate in the context of this study. For example, in
some instances, trainees completed the majority of a team's
e‐learning courses to meet learning tasks and not ‘waste’ valu-
able sales time. Because of these workarounds, the learning
management system data did not accurately reflect the
e‐learning activities of all enroled employees.

Fourth, the present study investigated only a segment of the
complex e‐learning process. This study sought to determine
how trainee (motivation to learn, planning to learn, volition to
learn), workplace (supervisor support, personal capacity for
learning), and e‐learning design characteristics (transfer
design) were associated with e‐learning utilization. To gain a
better understanding of the motivational and volitional pro-
cesses within workplace self‐paced e‐learning, future studies
should include additional input (e.g., organizational learning
culture, peer support, content validity), process (e.g., time
spent working on e‐learning material, fostering of additional
informal learning activities on the e‐learning topic at the
workplace), and output factors (e.g., learning success, transfer
success) (Decius and Decius 2022; Richter et al. 2020; Tyn-
jälä 2013; Welk et al. 2023).

Finally, the empirical associations observed between
supervisor support, personal capacity for learning, transfer
design, motivation to learn, planning to learn, volition to
learn, and e‐learning utilization should be taken with cau-
tion as causes and effects. All data was collected at one
measurement took place one month after the IT changeover.
To derive causal inferences from the structural equation
model, supervisor support and transfer design, motivation to
learn and personal capacity for learning, planning to learn,
volition to learn, and e‐learning utilization would have had
to be measured at five subsequent measurement time points.
However, such a complex procedure was not feasible in the
given context of a large business merger. Similarly, the
found moderator effect of planning to learn on the rela-
tionship between personal capacity for learning and
e‐learning utilization should be interpreted with caution.
The statistical tests were performed by testing the interac-
tion personal capacity for learning × planning to learn. At
the statistical level, it is therefore not possible to clearly
determine whether personal capacity or planning to learn
was the moderator. Thus, future studies should employ ex-
perimental and longitudinal research designs to further
validate the findings of this study.

6 | Conclusion

The findings of this study suggest that the utilization of work-
place self‐paced e‐learning is influenced by the workplace
context in which e‐learning takes place (supervisor support,
personal capacity for learning), the planning of the learning
process, and a learner's volition to learn. Future research should
replicate these findings about the potential role of volitional
processes in workplace self‐paced e‐learning in a wider range of
organizational contexts, investigate these volitional processes in
greater depth, and develop volitional interventions that can be
integrated into both e‐learning design and organizational HR
development practice.

384 of 402 International Journal of Training and Development, 2025



Acknowledgements

Figure 1 used with permission of Springer Nature BV, from Motivation
and Action, Chapter 12, Motivation and Volition in the Course of
Action, Achtziger and Gollwitzer 2018; permission conveyed through
Copyright Clearance Center Inc. The authors received no specific
funding for this work. Open Access funding enabled and organized by
Projekt DEAL.

Ethics Statement

The authors have nothing to report.

Conflicts of Interest

The authors declare no conflicts of interest.

Data Availability Statement

Author wishes not to share data. The data was collected in cooperation
with a German banking cooperation that expects confidentiality under
all circumstances.

References

Achtziger, A., and P. M. Gollwitzer. 2018. “Motivation and Volition in
the Course of Action.” In Motivation and Action, edited by J.
Heckhausen and H. Heckhausen, 485–527. Springer International
Publishing. https://doi.org/10.1007/978-3-319-65094-4_12.

Awais Bhatti, M., S. Ali, M. F. Mohd Isa, and M. Mohamed Battour.
2014. “Training Transfer and Transfer Motivation: The Influence of
Individual, Environmental, Situational, Training Design, and Affective
Reaction Factors.” Performance Improvement Quarterly 27, no. 1: 51–82.
https://doi.org/10.1002/piq.21165.

Baldwin, T. T., and J. K. Ford. 1988. “Transfer of Training: A Review
and Directions for Future Research.” Personnel Psychology 41, no. 1:
63–105. https://doi.org/10.1111/j.1744-6570.1988.tb00632.x.

Beinicke, A., and T. Bipp. 2018. “Evaluating Training Outcomes in
Corporate E‐Learning and Classroom Training.” Vocations and
Learning 11: 501–528. https://doi.org/10.1007/s12186-018-9201-7.

Broadbent, J., and W. L. Poon. 2015. “Self‐Regulated Learning Strategies
& Academic Achievement in Online Higher Education Learning En-
vironments: A Systematic Review.” Internet and Higher Education 27:
1–13. https://doi.org/10.1016/j.iheduc.2015.04.007.

Chau, Y. K. 2018. “What Predicts Workplace Self‐Paced E‐Learning
Outcomes?: An Exploratory Study of Motivation, Self‐Regulated
Learning Characteristics, and Organisational Contextual Factors
(Publication No. 51641).” EdD thesis, University of Nottingham. Not-
tingham eTheses. http://eprints.nottingham.ac.uk/51641/.

Chen, H.‐J., and C.‐H. Kao. 2012. “Empirical Validation of the Impor-
tance of Employees' Learning Motivation for Workplace E‐Learning in
Taiwanese Organisations.” Australasian Journal of Educational
Technology 28, no. 4: 580–598. https://doi.org/10.14742/ajet.829.

Cheng, Y.‐M. 2011. “Antecedents and Consequences of E‐Learning
Acceptance.” Information Systems Journal 21, no. 3: 269–299. https://
doi.org/10.1111/j.1365-2575.2010.00356.x.

Cheung, G. W., H. D. Cooper‐Thomas, R. S. Lau, and L. C. Wang. 2021.
“Testing Moderation in Business and Psychological Studies With Latent
Moderated Structural Equations.” Journal of Business and Psychology
36: 1009–1033. https://doi.org/10.1007/s10869-020-09717-0.

Chung, S., Y. Zhan, R. A. Noe, and K. Jiang. 2022. “Is It Time to Update
and Expand Training Motivation Theory? A Meta‐Analytic Review of
Training Motivation Research in the 21st Century.” Journal of Applied
Psychology 107, no. 7: 1150–1179. https://doi.org/10.1037/apl0000901.

Curado, C., P. L. Henriques, and S. Ribeiro. 2015. “Voluntary or Man-
datory Enrollment in Training and the Motivation to Transfer Train-
ing.” International Journal of Training and Development 19, no. 2:
98–109. https://doi.org/10.1111/ijtd.12050.

Davis, F. D., R. P. Bagozzi, and P. R. Warshaw. 1989. “User Acceptance
of Computer Technology: A Comparison of Two Theoretical Models.”
Management Science 35, no. 8: 982–1003. https://doi.org/10.1287/mnsc.
35.8.982.

Decius, J., and L. Decius. 2022. “Sovereign Workplace Learning: A
Process Model to Integrate Self‐Regulated and Informal Learning.”
Academy of Management Proceedings 2022, no. 1: 14907. https://doi.org/
10.5465/AMBPP.2022.14907abstract.

Decius, J., T. Kortsch, and A. Schmitz. 2024. Does Combination Matter?
A Latent Profile Analysis of Experiences With (Non‐) Digital Learning
Offers and Basic Need Satisfaction at Work. Hawaii International Con-
ference on System Sciences 2024. https://hdl.handle.net/10125/107019.

DeLone, W. H., and E. R. McLean. 2003. “The DeLone and McLean
Model of Information Systems Success: A Ten‐Year Update.” Journal of
Management Information Systems 19, no. 4: 9–30. https://doi.org/10.
1080/07421222.2003.11045748.

Ford, J. K., T. T. Baldwin, and J. Prasad. 2018. “Transfer of Training:
The Known and the Unknown.” Annual Review of Organizational
Psychology and Organizational Behavior 5: 201–225. https://doi.org/10.
1146/annurev-orgpsych-032117-104443.

Freifeld, L. 2023, “2023 Training Industry Report.” Training Magazine,
November 14. https://trainingmag.com/2023-training-industry-report/.

Gara Bach Ouerdian, E. 2025. “Motivation on Training Transfer: A
Moderated Moderation Model of Personal Capacity for Transfer and
Gender.” European Journal of Training and Development 49, no. 1/2:
260–278. https://doi.org/10.1108/EJTD-01-2024-0011.

Garavan, T. N., R. Carbery, G. O'Malley, and D. O'Donnell. 2010.
“Understanding Participation in E‐Learning in Organizations: A Large‐
Scale Empirical Study of Employees.” International Journal of Training
and Development 14, no. 3: 155–168. https://doi.org/10.1111/j.1468-
2419.2010.00349.x.

Gegenfurtner, A., K. D. Könings, N. Kosmajac, and M. Gebhardt. 2016.
“Voluntary or Mandatory Training Participation as a Moderator in the
Relationship Between Goal Orientations and Transfer of Training.”
International Journal of Training and Development 20, no. 4: 290–301.
https://doi.org/10.1111/ijtd.12089.

Gegenfurtner, A., K. Veermans, D. Festner, and H. Gruber. 2009.
“Integrative Literature Review: Motivation to Transfer Training: An
Integrative Literature Review.” Human Resource Development Review 8,
no. 3: 403–423. https://doi.org/10.1177/1534484309335970.

Govaerts, N., E. Kyndt, and F. Dochy. 2018. “The Influence of Specific
Supervisor Support Types on Transfer of Training: Examining the
Mediating Effect of Training Retention.” Vocations and Learning 11, no.
2: 265–288. https://doi.org/10.1007/s12186-017-9190-y.

Grohmann, A., J. Beller, and S. Kauffeld. 2014. “Exploring the Critical
Role of Motivation to Transfer in the Training Transfer Process.”
International Journal of Training and Development 18, no. 2: 84–103.
https://doi.org/10.1111/ijtd.12030.

Heckhausen, H., and P. M. Gollwitzer. 1987. “Thought Contents and
Cognitive Functioning in Motivational Versus Volitional States of
Mind.” Motivation and Emotion 11, no. 2: 101–120. https://doi.org/10.
1007/BF00992338.

Holton, E. F., H. C. Chen, and S. S. Naquin. 2003. “An Examination of
Learning Transfer System Characteristics Across Organizational Set-
tings.” Human Resource Development Quarterly 14, no. 4: 459–482.
https://doi.org/10.1002/hrdq.1079.

Holton III, E. F., R. A. Bates, and W. E. A. Ruona. 2000. “Development
of a Generalized Learning Transfer System Inventory.” Human Resource

385 of 402

https://doi.org/10.1007/978-3-319-65094-4_12
https://doi.org/10.1002/piq.21165
https://doi.org/10.1111/j.1744-6570.1988.tb00632.x
https://doi.org/10.1007/s12186-018-9201-7
https://doi.org/10.1016/j.iheduc.2015.04.007
http://eprints.nottingham.ac.uk/51641/
https://doi.org/10.14742/ajet.829
https://doi.org/10.1111/j.1365-2575.2010.00356.x
https://doi.org/10.1111/j.1365-2575.2010.00356.x
https://doi.org/10.1007/s10869-020-09717-0
https://doi.org/10.1037/apl0000901
https://doi.org/10.1111/ijtd.12050
https://doi.org/10.1287/mnsc.35.8.982
https://doi.org/10.1287/mnsc.35.8.982
https://doi.org/10.5465/AMBPP.2022.14907abstract
https://doi.org/10.5465/AMBPP.2022.14907abstract
https://hdl.handle.net/10125/107019
https://doi.org/10.1080/07421222.2003.11045748
https://doi.org/10.1080/07421222.2003.11045748
https://doi.org/10.1146/annurev-orgpsych-032117-104443
https://doi.org/10.1146/annurev-orgpsych-032117-104443
https://trainingmag.com/2023-training-industry-report/
https://doi.org/10.1108/EJTD-01-2024-0011
https://doi.org/10.1111/j.1468-2419.2010.00349.x
https://doi.org/10.1111/j.1468-2419.2010.00349.x
https://doi.org/10.1111/ijtd.12089
https://doi.org/10.1177/1534484309335970
https://doi.org/10.1007/s12186-017-9190-y
https://doi.org/10.1111/ijtd.12030
https://doi.org/10.1007/BF00992338
https://doi.org/10.1007/BF00992338
https://doi.org/10.1002/hrdq.1079


Development Quarterly 11, no. 4: 333–360. https://doi.org/10.1002/1532-
1096(200024)11:4%3C333::AID-HRDQ2%3E3.0.CO;2-P.

De Jong, B., J. Jansen in de Wal, F. Cornelissen, R. van der Lans, and
T. Peetsma. 2023. “How to Predict Transfer of Training? Investigating
the Application of the Unified Model of Task‐Specific Motivation.”
International Journal of Training and Development 27, no. 2: 242–262.
https://doi.org/10.1111/ijtd.12297.

Kashive, N., L. Powale, and K. Kashive. 2020. “Understanding User
Perception Toward Artificial Intelligence (AI) Enabled E‐Learning.”
International Journal of Information and Learning Technology 38, no. 1:
1–19. https://doi.org/10.1108/IJILT-05-2020-0090.

Kauffeld, S., R. Bates, E. F. Holton, III, and A. C. Müller. 2008. “Das deut-
sche Lerntransfer‐System‐Inventar (GLTSI): Psychometrische Überprüfung
der deutschsprachigen Version.” Zeitschrift für Personalpsychologie 7, no. 2:
50–69. https://doi.org/10.1026/1617-6391.7.2.50.

Kauffeld, S., J. Decius, and C. Graßmann. 2025. “Learning and Transfer
in Organisations: How It Works and Can Be Supported.” European
Journal of Work and Organizational Psychology.

Kirwan, C., and D. Birchall. 2006. “Transfer of Learning From Man-
agement Development Programmes: Testing the Holton Model.”
International Journal of Training and Development 10, no. 4: 252–268.
https://doi.org/10.1111/j.1468-2419.2006.00259.x.

Lee, J., T. Sanders, D. Antczak, et al. 2021. “Influences on User En-
gagement in Online Professional Learning: A Narrative Synthesis and
Meta‐Analysis.” Review of Educational Research 91, no. 4: 518–576.
https://doi.org/10.3102/0034654321997918.

Lim, H., S.‐G. Lee, and K. Nam. 2007. “Validating E‐Learning Factors
Affecting Training Effectiveness.” International Journal of Information
Management 27, no. 1: 22–35. https://doi.org/10.1016/j.ijinfomgt.2006.
08.002.

Long, L., C. Dubois, and R. Faley. 2009. “A Case Study Analysis of
Factors That Influence Attrition Rates in Voluntary Online Training
Programs.” International Journal on E‐Learning 8, no. 3: 347–359.

Luor, T., C. Hu, and H. P. Lu. 2009. “Mind the Gap: An Empirical Study
of the Gap Between Intention and Actual Usage of Corporate
E‐Learning Programmes in the Financial Industry.” British Journal of
Educational Technology 40, no. 4: 713–732. https://doi.org/10.1111/j.
1467-8535.2008.00853.x.

MacDonald, C. J., E. J. Stodel, L. G. Farres, K. Breithaupt, and
M. A. Gabriel. 2001. “The Demand‐Driven Learning Model.” Internet
and Higher Education 4, no. 1: 9–30. https://doi.org/10.1016/S1096-
7516(01)00045-8.

Massenberg, A.‐C., and S. Kauffeld. 2015. “Hilf mir (nicht immer) –
Eine moderierte Mediationsanalyse zum Einfluss der Unterstützung
durch die Führungskraft auf Transfermotivation und Lerntransfer
[Help Me (But Not Always): A Moderated Mediation Analysis of the
Effect of Support by Senior Staff on Transfer Motivation and the
Transfer of Learning].” Zeitschrift für Erziehungswissenschaft 18, no. S1:
145–167. https://doi.org/10.1007/s11618-014-0603-5.

Massenberg, A.‐C., E.‐M. Schulte, and S. Kauffeld. 2017. “Never Too
Early: Learning Transfer System Factors Affecting Motivation to
Transfer Before and After Training Programs.” Human Resource
Development Quarterly 28, no. 1: 55–85. https://doi.org/10.1002/hrdq.
21256.

Muthoni, R. A., and R. F. Miiro. 2017. “What Influences Transfer of
Training in an African Agricultural Research Network?” Journal of
Agricultural Education and Extension 23, no. 1: 23–37. https://doi.org/
10.1080/1389224X.2016.1207550.

Noe, R. A. 1986. “Trainees' Attributes and Attitudes: Neglected Influ-
ences on Training Effectiveness.” Academy of Management Review 11,
no. 4: 736–749. https://doi.org/10.2307/258393.

Noe, R. A. 2023. Employee Training and Development. McGraw Hill.

Pintrich, P. R. 2000. “The Role of Goal Orientation in Self‐Regulated
Learning.” In Handbook of Self‐Regulation, edited by M. Boekaerts, P. R.
Pintrich, and M. Zeidner, 452–502. Academic Press.

Quesada‐Pallarès, C., and A. Gegenfurtner. 2015. “Toward a Unified
Model of Motivation for Training Transfer: A Phase Perspective.”
Zeitschrift für Erziehungswissenschaft 18, no. S1: 107–121. https://doi.
org/10.1007/s11618-014-0604-4.

Quesada‐Pallarès, C., A. González‐Ortiz‐de‐Zárate, P. Pineda‐Herrero,
and E. Cascallar. 2022. “Intention to Transfer and Transfer Following
Elearning in Spain.” Vocations and Learning 15, no. 2: 359–385. https://
doi.org/10.1007/s12186-022-09292-w.

Richter, S., and S. Kauffeld. 2020. “Beyond Supervisors’ Support: In-
fluencing (International) Technical Training Transfer.” European
Journal of Training and Development 44, no. 4/5: 391–403. https://doi.
org/10.1108/EJTD-08-2019-0141.

Richter, S., T. Kortsch, and S. Kauffeld. 2020. “Understanding Learning
Spillover: The Major Role of Reflection in the Formal–Informal
Learning Interaction Within Different Cultural Value Settings.”
Journal of Workplace Learning 32, no. 7: 513–532. https://doi.org/10.
1108/JWL-01-2020-0008.

Schmidt, J. T., and A. Koch. 2022. “‘Keinen Bock auf E‐Learning’: Wie
Sie Ihre Mitarbeitenden zum Lernen motivieren und zur Umsetzung
des Gelernten bringen [“Don't Feel Like E‐Learning”: How to Motivate
Your Employees to Learn and to Implement What They Have
Learned].” In E‐Learning im digitalen Zeitalter [E‐Learning in the Digital
Age], edited by M. A. Pfannstiel and P. F.‐J. Steinhoff, 735–758.
Springer. https://doi.org/10.1007/978-3-658-36113-6_36.

Seiberling, C., and S. Kauffeld. 2017. “Volition to Transfer: Mastering
Obstacles in Training Transfer.” Personnel Review 46, no. 4: 809–823.
https://doi.org/10.1108/PR-08-2015-0202.

Sheeran, P., O. Listrom, and P. M. Gollwitzer. 2024. “The When and
How of Planning: Meta‐Analysis of the Scope and Components of
Implementation Intentions in 642 Tests.” European Review of Social
Psychology: 1–33. https://doi.org/10.1080/10463283.2024.2334563.

Sitzmann, T., and J. M. Weinhardt. 2019. “Approaching Evaluation
From a Multilevel Perspective: A Comprehensive Analysis of the In-
dicators of Training Effectiveness.” Human Resource Management
Review 29, no. 2: 253–269. https://doi.org/10.1016/j.hrmr.2017.04.001.

Tynjälä, P. 2013. “Toward a 3‐P Model of Workplace Learning: A Lit-
erature Review.” Vocations and Learning 6: 11–36. https://doi.org/10.
1007/s12186-012-9091-z.

Welk, S., T. Kortsch, and S. Kauffeld. 2023. “How to Foster Informal
Learning: A Cross‐Cultural Study.” Zeitschrift für Arbeits‐ und
Organisationspsychologie A&O 67, no. 2: 92–106. https://doi.org/10.
1026/0932-4089/a000394.

Zimmerman, B. J., and A. R. Moylan. 2009. “Self‐Regulation: Where
Metacognition and Motivation Intersect.” In Handbook of Metacognition
in Education, edited by D. J. Hacker, J. Dunlosky, and A. C. Graesser,
299–315. Routledge.

386 of 402 International Journal of Training and Development, 2025

https://doi.org/10.1002/1532-1096(200024)11:4%3C333::AID-HRDQ2%3E3.0.CO;2-P
https://doi.org/10.1002/1532-1096(200024)11:4%3C333::AID-HRDQ2%3E3.0.CO;2-P
https://doi.org/10.1111/ijtd.12297
https://doi.org/10.1108/IJILT-05-2020-0090
https://doi.org/10.1026/1617-6391.7.2.50
https://doi.org/10.1111/j.1468-2419.2006.00259.x
https://doi.org/10.3102/0034654321997918
https://doi.org/10.1016/j.ijinfomgt.2006.08.002
https://doi.org/10.1016/j.ijinfomgt.2006.08.002
https://doi.org/10.1111/j.1467-8535.2008.00853.x
https://doi.org/10.1111/j.1467-8535.2008.00853.x
https://doi.org/10.1016/S1096-7516(01)00045-8
https://doi.org/10.1016/S1096-7516(01)00045-8
https://doi.org/10.1007/s11618-014-0603-5
https://doi.org/10.1002/hrdq.21256
https://doi.org/10.1002/hrdq.21256
https://doi.org/10.1080/1389224X.2016.1207550
https://doi.org/10.1080/1389224X.2016.1207550
https://doi.org/10.2307/258393
https://doi.org/10.1007/s11618-014-0604-4
https://doi.org/10.1007/s11618-014-0604-4
https://doi.org/10.1007/s12186-022-09292-w
https://doi.org/10.1007/s12186-022-09292-w
https://doi.org/10.1108/EJTD-08-2019-0141
https://doi.org/10.1108/EJTD-08-2019-0141
https://doi.org/10.1108/JWL-01-2020-0008
https://doi.org/10.1108/JWL-01-2020-0008
https://doi.org/10.1007/978-3-658-36113-6_36
https://doi.org/10.1108/PR-08-2015-0202
https://doi.org/10.1080/10463283.2024.2334563
https://doi.org/10.1016/j.hrmr.2017.04.001
https://doi.org/10.1007/s12186-012-9091-z
https://doi.org/10.1007/s12186-012-9091-z
https://doi.org/10.1026/0932-4089/a000394
https://doi.org/10.1026/0932-4089/a000394


TABLE A1 | Scales and corresponding items (study ‘The Influence of Planning and Volition on E‐Learning Utilization During Technology

Transitions’).

Scale (Cronbach's α) English translation German item

E‐learning
utilization (0.71)

I have completed all e‐learning courses planned for
my learning path up to the system changeover.

Ich habe alle für meinen Lernpfad bis zur System‐
Umstellung vorgesehenen WBT absolviert.

I worked through all the e‐learning courses
thoroughly.

Die WBT der Integrationsqualifizierung habe ich gründlich
durchgearbeitet.

Motivation to learn
*(0.79)

I was motivated when I thought about what I can
learn in the learning courses.

Ich war motiviert, wenn ich daran dachte, was ich alles in
der Integrationsqualifizierung lernen kann.

I could hardly wait to take part in the learning
courses and learn a lot.

Ich konnte es kaum erwarten, an der
Integrationsqualifizierung teilzunehmen und viel zu lernen.

I believed that the learning courses would help me
to acquire new knowledge.

Ich glaubte, die Integrationsqualifizierung würde mir
helfen, neues Wissen zu erwerben.

Planning to
learn (0.82)

I have scheduled the completion of the individual
learning courses in my weekly schedule.

Die Bearbeitung der einzelnen Maßnahmen habe ich fest in
meinen Wochenablauf eingeplant.

For each individual learning course, I knew when
to work on it.

Für jede einzelne Maßnahme wusste ich, wann ich sie
bearbeite.

I had a precise learning plan for completing the
learning courses.

Für die Absolvierung der Lernmaßnahmen hatte ich einen
genauen Lernplan.

Volition to learn
**(0.70)

Although it is difficult to complete all learning
courses, I have tried everything to succeed.

Auch wenn es schwierig ist, alle Qualifizierungsmaßnahmen zu
absolvieren, habe ich alles versucht, dass es gelingt.

I was determined to complete all learning
courses.

Ich hatte mir fest vorgenommen, die Lernmedien vollständig zu
absolvieren.

I was determined to complete the learning
program, even if I had to overcome

resistance.

Ich war fest entschlossen, die Lernmedien zu absolvieren, auch
wenn ich Widerstände überwinden muss.

Supervisor support
*(0.86)

My supervisor appreciates it when I take the
time to work on the e‐learning material.

Meine Führungskraft schätzt es, wenn ich mir Zeit für die
Bearbeitung der Lernmedien nehme.

Comprehensive preparation for the IT
changeover was very important to my

supervisor.

Meiner Führungskraft war eine umfassende Vorbereitung auf die
Kunden‐ und Produktmigration sehr wichtig.

My supervisor shows interest in what I learn
in the e‐learning courses.

Meine Führungskraft zeigt Interesse an dem, was ich in der
Integrationsqualifizierung lerne.

Personal capacity for
learning *(0.86)

I had no difficulty finding the time to deal
with the content of the learning program.

Ich hatte keine Schwierigkeiten, die Zeit zu finden, mich mit den
Inhalten der Integrationsqualifizierung zu befassen.

I had enough time to work on the learning
media.

Für die Bearbeitung der Lernmedien hatte ich ausreichend
zeitliche Freiräume.

I was given enough time to work on the
e‐learning courses.

Mir wurde genügend Zeit zur Verfügung gestellt, um die Inhalte
der Integrationsqualifizierung zu bearbeiten.

Transfer design
*(0.83)

The activities and exercises used in the e‐learning
courses helped me to apply my learning on the job.

Die Aktivitäten und Übungen, die in den WBT benutzt werden,
helfen mir, das, was ich gelernt habe, bei der Arbeit anzuwenden.

The e‐learning courses used lots of examples that
showed me how I could use my learning on the job.

In den WBT der Integrationsqualifizierung werden viele
Beispiele verwendet, die mir zeigen, wie ich das Gelernte bei der

Arbeit anwenden könnte.

The way in which the e‐learning courses
communicated the contents of the training made me
feel more confident to be able to apply the acquired

knowledge.

Die Art und Weise, wie in den WBT die Fortbildungsinhalte
vermittelt wurden, gibt mir Vertrauen, das Gelernte auch

anzuwenden.

Note: * Adapted from the German learning transfer system inventory (Kauffeld et al. 2008). ** Adapted from Seiberling and Kauffeld (2017); the volition to learn scale
should be optimized in future studies by testing the additional item: Setbacks spur me on to make even more learning efforts (German item: Rückschläge spornen mich an,
mich noch mehr um die Bearbeitung der Trainingsinhalte zu bemühen).
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