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ABSTRACT

Artificial intelligence represents the cutting-edge frontier in influencer marketing,
offering a novel approach to leveraging social media data. This study aims to provide
a comprehensive analysis of the recent state and future directions of artificial
intelligence-infused influencer marketing through bibliometric analysis. For substantial
bibliometric analysis, the study contains 316 documents published in journals indexed
in the Scopus database for the period ranging from 2004 to 2023. The yearly publications
have risen from 2 in 2004 to 55 in 2023, with an average age of 19.06years and a
citation rate of 22.19 yearly. The number of publications in this domain accelerated in
2020. According to the review findings, Hong Kong is the most productive country in
this research domain. The leading affiliation is Hanyang University. The top contributing
author is Gatica Perez-D. The most prolific source is the AAAI Spring Symposium
Technical Report. Keyword occurrence analysis highlights prevalent terms such as Blogs,
Social media networking (online) and Data mining alongside emerging keywords such
as Influencer marketing, User-Generated Content, Artificial Intelligence, Sentiment
Analysis, and Semantic Analysis in this domain to anticipate future inclinations.
Performance analysis, further delves into Collaborative efforts among countries, sources,
affiliations and authors have also been done using tools like Biblioshiny and Vos Viewer.
The study offers novel contributions to the existing literature in terms of comprehensively
providing evidence of the current practices of Al-integrated influencer marketing.
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1. Introduction

Initially, Blogs were the main source for people to get information about anything (Bronstein, 2013). But
since 2017 social media started gaining importance because a large number of people started using
different social media platforms daily. Individuals who have an account on a social media platform with
a large number of following and regularly post content on it are known as an influencer. People follow
them because of their diversified content. Because of the large audience of influence brands find it a
good strategy and start collaborating with these influencers to engage with a large audience and pro-
mote their product and services. Influencers have gained a solid reputation in the market. Thus, it
becomes very difficult for marketers to find the right influencers (Vrontis et al., 2021).

Wherein, Artificial intelligence (Al) refers to the simulation of human brains in devices that have been
designed to act and think like people. Al has gained popularity since 2015 with different tools like
robots, chatbots etc. Al improves efficiency reduces time and improves governance through better
decision-making. Al is the newest and most innovative way to use influencer marketing (IM). Data from
social media can be extracted by using artificial intelligence-integrated influencer marketing. Al-integrated
influencer marketing is at the epicentres of research scholars and practitioners while receiving immense
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devotion in the recent literature. Influencer marketing (IM) is an important and prospering section of the
digital marketing industry.

Organisations are using Al to assess the influencer’s performance and to find the right influencer with
whom they can collaborate (Mileva, 2023). Because of the extremely growing sector, researchers and
practitioners are keenly showing their interest in these domains. And that is why publications on Al and
IM are increasing day by day as shown in Figure 3. Therefore, this growth raises the need to do a bib-
liometric review.

Previous scholars such as (Kumar & Singh, 2019) presented the quality of information that existed
online about probiotic products by detecting virtual communities and identifying key influencers in
social media. (Stella, 2022) presented a brief review on cognitive network science through online media
that bridges emotional content and social dynamics by comparing multilayer networks with the mindsets
of influencers and followers. (Yang et al., 2021) did a comparative study on audience reaction to content
posted by influencers with brand sponsorship and computed influencers’ large volume of social media
texts. (Argyris et al.,, 2020) did an empirical investigation on IM on Instagram using deep-learning algo-
rithms for automatic image classification.

Moreover, To the best of our understanding, no review on Al and IM was published within the last
10years that has adopted bibliometric analysis for review. This contention is also validated through
Scopus search that no bibliometric review has been published on Al and IM.

Thus, the following research questions have been explored in this review:

RQ1. What is the publication productivity of research on Al and IM?
RQ2. What are the most influential authors on Al and IM?
RQ3. What are the top contributing (sources, countries and affiliations) of Al and IM?

RQ4. What are the most prominent research topics and themes on Al and IM?

The remaining review is organized as follows: Initially, a brief overview of Al and IM literature followed
by an explanation of the methodology adopted in this bibliometric review. Next, after reviewing the
results of Al and IM research mentioned. Finally, future implications have been given to enrich the
domain of Al and IM.

2. Background of artificial intelligence and influencer marketing
2.1. Artificial intelligence

Artificial intelligence is designed to mimic the human brain and make decisions similar to those made
by humans in a variety of settings (Bar-llan, 2004). Artificial intelligence is a technique that gives busi-
nesses the chance to obtain a competitive edge by utilising large data to specifically address the needs
of their clients through individualised offerings (Li & Chen, 2009). It is a gadget that behaves, thinks, and
learns exactly like a human. The world became a web of interconnected networks as technology
advanced. The realm of artificial Intelligence has diverse applications across a wide array of businesses
such as Investment. In parallel with how organisations are transitioning to Industry 4.0, cutting-edge
technology such as artificial intelligence is developing. Even though many obstacles are preventing the
widespread adoption of artificial intelligence (Al), scientists are working on systems that support the
theory of mind and self-awareness of Al systems so that big data analytics can generate market intelli-
gence as a result of the technology implementation.

Artificial Intelligence (Al) technology is a groundbreaking force in today’s landscape, fundamentally
altering our interactions with and understanding of the digital realm. Essentially, Al involves the creation
of computer systems capable of performing tasks traditionally requiring human intelligence, including
learning, reasoning, problem-solving, and language comprehension. One key application of Al is machine
learning, a subset that enables systems to learn from data and enhance their performance without
explicit programming. This adaptability and evolution based on experience have led to significant
advancements across various domains, spanning healthcare, finance, education, and entertainment
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(Sharma & Bahl, 2023). In the business sphere, Al technologies offer unprecedented opportunities for
efficiency and innovation. Through automation driven by Al, mundane tasks are streamlined, freeing up
human resources to focus on more intricate and creative aspects of their roles. Moreover, Al algorithms
enhance decision-making processes by analysing extensive datasets, providing valuable insights, and
refining the precision of strategic decisions.

With the proliferation of Al-driven tools and algorithms, marketers are harnessing the power of
machine learning and natural language processing to optimize influencer selection, content creation, and
audience targeting (Mileva, 2023). Al-powered platforms offer invaluable insights into consumer behaviour
and preferences, enabling brands to identify the most relevant influencers for their campaigns and tailor
content that resonates authentically with target audiences. Moreover, Al-driven analytics facilitate
real-time performance monitoring and optimization, allowing marketers to adapt strategies dynamically
and maximize campaign impact (Ballestar et al., 2022).

2.2. Influencer marketing

Influencer marketing has undergone a fascinating evolution, beginning with the rise of blogs as a plat-
form for individuals to share their opinions and expertise. Initially, businesses recognized the potential of
partnering with influential bloggers to reach niche audiences with authentic content. This phase marked
the early stages of influencer marketing, characterized by organic partnerships and genuine endorse-
ments (Vrontis et al., 2021). As social media platforms emerged, celebrity endorsements became a dom-
inant force in influencer marketing. Brands leveraged the massive followings of celebrities to amplify
their message and reach broader audiences. This era saw the birth of sponsored posts and collaborations
with well-known personalities across various industries.

These well-known personalities are known as influencers. They are the users on social media
platforms who have a large number of followers because of their credible content (Ao et al., 2023).
Because of the large audience, brands are using influencers to collaborate with them to promote
and review products. Despite this, users feel annoyed and confused because of the sponsored post
character and it leads to frustration and anger among users because of unclarity on the influencer’s
credibility (Aw & Agnihotri, 2023). Because of their vast reach and business knowledge, social media
influencers are receiving a lot of attention from marketers. Influencer marketing has undergone a
fascinating evolution, beginning with the rise of blogs as a platform for individuals to share their
opinions and expertise. Initially, businesses recognized the potential of partnering with influential
bloggers to reach niche audiences with authentic content. This phase marked the early stages of
influencer marketing, characterized by organic partnerships and genuine endorsements (Vrontis
et al., 2021). As social media platforms emerged, celebrity endorsements became a dominant force
in influencer marketing. Brands leveraged the massive followings of celebrities to amplify their
message and reach broader audiences. This era saw the birth of sponsored posts and collaborations
with well-known personalities across various industries.

The subsequent shift towards nano influencers marked a turning point in influencer marketing,
emphasizing quality over quantity. Nano influencers, with relatively small but highly engaged fol-
lowings, offered brands the opportunity to connect with niche audiences on a more personal level.
Their authenticity and relatability resonated with consumers, leading to increased trust and brand
loyalty. Micro-influencers further refined this approach by focusing on specific niches and commu-
nities (Vidani & Das, 2021). With follower counts ranging from a few thousand to around 100,000,
micro-influencers cultivated deeply engaged audiences based on shared interests or demographics.
Brands recognized the value of these genuine connections and began prioritizing partnerships with
micro-influencers to drive authentic engagement and conversions (Kanaveedu & Kalapurackal,
2022). The rise of macro influencers introduced a new dynamic to influencer marketing, with indi-
viduals boasting follower counts in the hundreds of thousands or even millions. While
macro-influencers offered broader reach, they sometimes struggled to maintain the authenticity
and credibility associated with smaller influencers. Nevertheless, brands continued to leverage their
influence to increase brand awareness and visibility on a larger scale. More recently, the concept
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of mega influencers has emerged, representing individuals with enormous followings and signifi-
cant influence across multiple platforms (Bohndel et al., 2023). These influencers, often celebrities
or public figures, command immense reach and influence, making them sought-after partners for
brands aiming to make a big impact. Companies think communicating with influencers is a useful
strategy to maximise their investment in social media. Social media influencers have a significant
impact on how businesses market themselves as a result of the proliferation of social media plat-
forms. Brands are depending more and more on social media influencers as a marketing strategy.
The organisation works with social media influencers who are motivational and good organisation
works with social media influencers who are motivational and good.

In parallel, the industry has witnessed the emergence of a new trend distinct from traditional influ-
encer marketing: the rise of virtual influencers (VI), these computer-generated personalities and artificial
intelligence blur the line between reality and fiction, offering brands a unique opportunity to engage
with audiences in immersive and innovative ways. Virtual influencers are defined as ‘entities, whether
human-like or not, autonomously controlled by artificial intelligence and visually represented as interac-
tive, real-time rendered beings in a digital setting (Gupta, 2022). While virtual influencers are still rela-
tively new, their potential to captivate audiences and drive brand engagement is undeniable, signalling
a fascinating new chapter in the evolution of influencer marketing.

The subsequent sections elaborate on the particular procedures and methodologies employed in
the review.

3. Methodology
3.1. Bibliometric search

The ‘Bibliometric’ is one of those methods that is mostly used to evaluate the literature. 2.3
Combining several bibliometric approaches promotes a deeper comprehension of problems in that
area of research. Bibliometric assessments of Al and IM have been performed in several kinds of
research. (Bar-llan, 2004) stated that the extreme growth of blogs and the different attributes that
are used in blog posting. The following are the attributes that the author mentioned in the docu-
ment the theme of the blog posting, length of the blog, links to add to blog posting, relation
between links and bogs posting and placement of those links in blog postings. (Li & Chen, 2009)
Stated that blogs have become viral marketing sites because they contain a large number of infor-
mation and this becomes problematic for the blog reader to retrieve the important information.
The author proposed a blog recommendation mechanism which combines information that is trust-
worthy, reliable, socially intimate, popular and semantically similar. (Li et al.,, 2010) To evaluate the
influence and determine the influential bloggers in the blogosphere, a marketing influential value
model with three aspects was developed: the aspects are content-based, network-based and
activeness-based. Marketers can effectively apply this model to promote their products and ser-
vices. (Quan & Ren, 2016) designed a blog emotion visualisation system and to implement this
system machine learning methods are applied to detect emotions in blogs. This helps to evaluate
the performance of sentence emotion. (Yang et al., 2020) demonstrated that brands are utilising
influencers for the promotion of their product and influencers are mentioning the brand on their
social network. Audiences are showing highly similar reactions to sponsored and non-sponsored
posts and to classify the sponsorship post the author has proposed a neural network-based model
by utilizing the network embedding and social media features (Mileva, 2023). To further elucidate
the literature on Al and IM, a bibliometric review has been conducted on Al and Al research. In the
next sections, specific procedures and methods of the review are explained.

In this review paper bibliometric study has been conducted to represent the overall research work on
Al and IM in the SCOPUS database (Broadus, 1987). The data of the period from 2004 to 2023 have been
covered, where the centre of attention is on the data of completed recent studies. To do the bibliometric
search review, mainly four stages have been developed that consists: Database search, Scholarly filtration,
Language filtration and Bibliometric review in Figure 1 (Donthu et al., 2021).



COGENT BUSINESS & MANAGEMENT . 5

Database search is the first stage. Scopus has been chosen first, due to the extensiveness of the bib-
liometric data for documents that it indexes and secondly, (Aria & Cuccurullo, 2017) due to its scope of
productions that met a tough set of requisites for indexing. Scopus is a scientific database that is fre-
quently suggested for bibliometric evaluations, and it is excellent for projects looking to curate a sizable
corpus for review (Heradio et al., 2016). Importantly, Scopus has been acknowledged as a high-quality
source for bibliometric data, and the correlation between its measures and those found in other scientific
databases like the Web of Science is ‘extremely high, despite the latter's coverage being less than the
former (Marshakova-Shaikevich, 2005; Singh & Dhir, 2019). As a result, Scopus is a higher-quality but
more comprehensive source of data for review.

we chose ("social media influencer marketing" OR "social media influencer*" OR "YouTube influ-
encer*" OR “nano influencer*” OR “virtual influencer*” OR "Facebook influencer*" OR "online influ-
encer*" OR "micro-influencer*" OR "macro influencer*" OR "mega influencer*" OR "human influencer*"
OR "Instagram influencer*" OR "video blogger*" OR "Snapchat Influencer*" OR "vlogger*" OR "blog-
ger*" OR "YouTuber*" OR "digital influencer*" OR "influencer marketing") AND ("artificial intelligence"
OR "neural networks" OR "deep learning" OR "data learning" OR "voice recognition" OR "text mining"
OR "Data mining" OR “social network analysis” OR “robot*” OR “chatbot*” OR “natural language pro-
cessing” OR “speech recognition”)

As our search keyword due to its prominence as a concept in our analysis, we decided to focus
only on search up to 2023 for rational reasons. the result came using a database search was 412
documents (Snyder, 2019). Scholarly filtration was the second stage. In this stage, we include only
conference proceedings, journal publications, and book chapters due to the grounds of novelty on
which they were evaluated and also due to precise peer review (Kessler, 1963). Researchers did not
include a conference review. this stage excluded 85 documents and this included 337 documents

Stage 1: Database Search

-Database: Scopus
-Period Up to 2023
-Included: 412 Articles

Stage 2: Scholarly Filtration
-85 articles excluded
-Article type: Journal article,

Conference Proceedings, Book
chapters
-Included: 337

Stage 3: Language Filtration
-11 articles excluded -Language: English
-Included: 316 Articles
Stage 4: Bibliometric
Review
-Included 316 Articles

Figure 1. Bibliometric review strategy.
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only (Kent Baker et al., 2020). Language filtration is the third stage. We included documents written
in English language only as we all are vernacular speakers and reviewing with a large data set is
impractical when translation works (Zupic & Cater, 2015). This stage excluded 11 documents.
Altogether, 316 publications are retained for bibliometric analysis within these stages as indicated
in Figure 2.

To address our first research question (RQ1), where we conducted document analysis and cita-
tions analysis to identify the most influential articles globally and locally. Citation analysis helps
gauge a document’s popularity and helps researchers in locating impactful publications. To address
our second research question (RQ2), we conducted a Co-authorship analysis to examine collabora-
tion trends among countries and authors, which is crucial for assessing collaborative efforts. For our
third research question (RQ3), we sought to identify the top contributors in terms of sources,
authors, countries and affiliations. can be ascertained and is an impactful tool to assess trends and
address our fourth research question (RQ4), we employed Keyword co-occurrence analysis and
major themes through thematic analysis to map the intellectual structure of Al and IM. By identi-
fying key themes and influential keywords, we can understand the underlying concepts and trends
in these fields. To find the answer to all these research questions and visualize the network
‘Biblioshiny’ and ‘Vos viewer’ have been used using the techniques mentioned in Table 1 (Boyack &
Klavans, 2010). This study serves as a valuable resource for academics, shedding light on novel
areas within Al and IM. It also facilitates the identification of productive authors and organizations,
aiding researchers in finding potential collaborators and academic institutions. Moreover, it pro-
vides insights into impactful research documents, which can serve as foundational pillars in these
fields. This information is invaluable for future researchers seeking to advance knowledge in
Al and IM.

4, Results and interpretations
4.1. Descriptive analysis (RQ1)

The summary statistics in Table 2 represent the record of published data comprising 250 sources, 888
authors and 316 documents. This progress is with an average annual publication of 19.06% and an aver-
age annual citation of 22.19. The collaboration index of 3.21 and 888 authors used 11312 references and
1766 keywords, which indicates a good collaboration of researchers in this domain.

[ Bibliometric Analysis ]

/[ Descriptive ]\ /[ Biblioshiny ]\ /[ Vos Viewer ]\

e Leading Sources

¢ Document Analysis

e Leading Countries
® Document

e Local Citation Analysis
e Co-authorship
Analysis

Performance (Global e Keyword Co-
Citation Analysis)
e Leading Authors

e Leading Affiliations

occurrence Analysis

e Collaborating Authors
e Collaborating
Countries

\ / k Thematic Analysis / K /

Figure 2. Bibliometric review strategy for analysis.
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Table 1. Strengths and weaknesses of the techniques applied.

Techniques Description Strength Weakness

Co-authorship analysis When two or more authors Collaboration among countries, ~ Comparatively least recognition
collaborate and do a authors, and affiliations can has been given to
publication jointly. It be ascertained and is an co-authorship visualisation
evaluates the set of highly impactful tool for assessing networks (Vallaster et al.,
productive articles collaboration trends (Fonseca 2019).
(Ponomariov & Boardman, et al., 2016).
2016).

Keyword Co-occurrence analysis Assess the number of New ideas build from old Frequent changes in keyword
occurrences of the keywords concepts. Keyword analysis clusters lead to inaccurate
used in the articles (Choi helps to identify the results (Lemieux, 2016).
et al, 2011). important keywords and the

keywords with high clusters
are highly connective (Choi

et al., 2011)

Citation analysis Assess the impact of publication, The more the number of Useful only for researchers who
and author by the number of citations an article gets the have the same interest in the
counts in citations it gets more popular it becomes and same domain and the
globally and locally this helps the other researcher popularity differs as per the
(Hoffmann & Doucette, 2012). to see the impactful fields (Agarwal et al., 2016)

document.

Thematic Analysis Evaluating trends in the data: It helps to read a set of data and Lack of consistency and coherence
‘Collecting codes into have the idea of patterns to makes this analysis inflexible.
possible themes, compiling find themes.

all information pertinent to
each possible theme'(Si et al.,
2018)

Table 2. Summary statistics of documents under review corpus.

Main Information Results
Timespan 2004:2023
Sources 250
Documents 316
Avg. Yrs. from publications 19.06
Avg. citations per document 22.19
References 11312
Keyword Plus 1766
Authors keywords 850
Authors 888
Documents per author 29
Collaboration Index 3.21

Annual Publications
60 55
50
40
30
20

10

Documents
o
2006 N -
2007 A
2008 N -
2009 I
2010 I O
2011 I
2012 N =
2013 N 2
2014 I v
2015 N 5
2016 I o
2017 I D
2018 N -
2019 N
2020 N -
2021 I
2022 I
2023 I

2004 B~
2005 B~

Year

Figure 3. Distribution of annual publications.
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4.2. Document analysis

Publications in this domain started increasing in 2021 and have followed a steady rise with an annual
growth rate of 19.06% within the period of 2004-2023, 316 documents were published. During this ten-
ure, the documents progressed from 2 in 2004 to 55 in 2023. In the marketing sector, influencer market-
ing has seen a significant rise in popularity due to its benefits associated with brands utilizing artificial
intelligence Figure 3 depicts the annual publications and it is evident that the highest number of research
documents were published in the year 2023 with 55 documents.

4.3. Documents performance

4.3.1. Global citations

Global citations are the total number of citations to an article in the Scopus database that was acquired
without any filtering (such as subject filtration). Table 3 represents, the document with the most global
citations ‘The political blogosphere and the 2004 U.S. election’ (1903 citations) which is authored by Adamic
and Glance (2005). It is followed by an article titled ‘Effects of Age and Gender on Blogging’ authored by
Schler et al. (2006) (505 citations) and ‘Rise and Fall Patterns of Information Diffusion: Model and
Implications’ with (274 citations) (Matsubara et al., 2012)

4.3.2. Local citations

Local citations are, to put it simply, citations found in works included in the review corpus. Table 4
represents the most locally cited document ‘Effects of Age and Gender on Blogging’ authored by Schler
et al. (2006) (with 9 citations), which is followed by ‘Conversations in the Blogosphere: An Analysis from the

Table 3. Top cited documents of Al and IM based on global citations.
Rank Document Title Author(s) Year Citations

1 ‘The political blogosphere and the 2004 U.S. election: divided they blog’ (Adamic & Glance, 2005) 2005 1903

2 ‘Effects of age and gender on blogging’ (Jonathan Schler, n.d.) 2006 505

3 ‘Rise and fall patterns of information diffusion: Model and implications’  (Matsubara et al., 2012) 2012 274

4 ‘Business intelligence in Blogs: Understanding consumer interactions and (Chau & Xu, 2012) 2012 273
communities’

5 ‘Conversations in the blogosphere: An analysis from the bottom up’ (Herring et al., 2005) 2005 233

6 ‘Capturing global mood levels using blog posts’ (Mishne, n.d.) 2006 233

7 ‘Mining communities and their relationships in blogs: A study of online  (Chau & Xu, 2007) 2007 21
hate groups’

8 ‘Hi YouTube! Personality impressions and verbal content in the social (Biel et al., 2013) 2013 149
video'

‘Stylometric Analysis of Bloggers’ Age and Gender’ (Goswami et al., 2009) 2009 17

10 ‘A neural network-based approach for sentiment classification in the (Chen et al., 2011) 2011 94
blogosphere’

Note: Top 10 most globally cited articles according to Scopus.

Table 4. Top cited documents of Al and IM based on local citations.

Rank Document Title Author(s) Year Citations

1 ‘Effects of age and gender on blogging’ (Schler et al., 2006) 2006 9

2 ‘Conversations in the blogosphere: An analysis ‘from the bottom up’ (Herring et al., 2005) 2005 8

3 ‘The political blogosphere and the 2004 U.S. election: divided they  (Adamic & Glance, 2005) 2005 8
blog’

4 ‘VlogSense: Conversational behaviour and social attention in (Biel & Gatica-Perez, 2011) 2011 6
YouTube’

5 ‘Detecting Engagement Bots on Social Influencer Marketing’ (Kim & Han, 2020) 2020 5

6 ‘How do influencers mention brands in social media? Sponsorship  (Yang et al., 2020) 2019 4
prediction of Instagram posts’

7 ‘A new approach in bloggers classification with a hybrid of (Gharehchopogh et al., 2015) 2015 4
K-nearest neighbour and artificial neural network algorithms’

8 ‘Hi YouTube! Personality impressions and verbal content in social (Biel et al., 2013) 2013 4
video'

9 ‘The good, the bad, and the angry: Analyzing crowdsourced (Biel & Gatica-Perez, 2021) 2012 4
impressions of vloggers’

10 ‘An analysis of information diffusion in the blog world’ (Kwon et al., 2009) 2009 3

Note: Top 10 most locally cited documents derived using Biblioshiny.
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Bottom Up’ authored by Herring et al. (2005) (with 8 citations) and ‘The political blogosphere and the
2004 U.S election’ authored by Adamic and Glance (2005) (with 8 citations).

4.4. Top contributing authors (RQ2)

888 authors contributed 316 productions to research regarding Al and IM. Figure 4 depicts the highly
active authors with several documents. The top two leading authors with the most publications are (Biel
& Gatica-Perez, 2011, 2021; Gatica-Perez et al., 2018) (7 articles), followed by (Gatica-Perez et al., 2018; Kim
et al,, 2021) (6 articles). Bloggers create content, build connections with other bloggers so they may share
content, and combine these activities to create a blog network, an online social network. According to
social network theory, information dissemination happens as a result of connections among the individu-
als who make up a social network. When the history of information diffusion in the actual blogosphere is
analysed, however, it is found that most of the information moves between the constituents without any
established association, in contrast to the social network theory. Also noted is the phenomenon of explo-
sive information spread. This research illustrates the relationship between these two phenomena using
data from actual blogs and investigates the factors that lead to explosive information diffusion.

Publications per author

No of Publications
O = N W H T Y N 0

| No. of Articles

Figure 4. Publications Per Author.
Note: Top contributing authors with three or more publications.

Table 5. Top influential authors.

Authors h_index g_index m_index TC NP PY_start
GATICA-PEREZ D 5 7 0.333 257 7 2010
ASIM Y 4 5 0.571 48 5 2018
BIEL J-I 4 4 0.267 239 4 2010
DE RIJKE M 4 4 0.211 227 4 2006
KIM S 4 4 0.286 41 4 2011
MALIK AK 4 5 0.571 48 5 2018
MISHNE G 4 4 0.211 415 4 2006
RAZA B 4 5 0.571 48 5 2018
CHAU M 3 3 0.158 489 3 2006
CHEN C-W 3 4 0.167 151 4 2007
DASCALU M 3 3 0.429 22 3 2018
KIM S-W 3 6 0.188 47 6 2009
Ll Y-M 3 4 0.167 151 4 2007
NISTOR N 3 3 0.429 22 3 2018
PARK S 3 4 0.188 44 4 2009

Total citations (TC), Number of publications (NP).
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4.4.1. Most influential authors

The authors play a significant role in the evolution of a research stream. Table 5 shows the top 15
authors based on their number of publications, Citations received and h-index that helps to obtain the
picture that takes into account the most influential author.

Table 5 represented that Gatica-Perez D is the author with the highest number of publications and
h-index (7 publications with h-index 5) in this research domain followed by Kim S-W with the second
highest number of publications with (6 publications with h-index 3). Chau M is the author with the
highest number of citations (489 citations) followed by Mishne G second highest with (415 citations). The
threshold was a minimum of 3 papers by author. (Gatica-Perez et al., 2018; S. Kim et al., 2021).

4.4.2. Network of Co-authorship analysis

When authors work together and collaborate on an article is known as co-authorship analysis. The Figure
5 depicts the co-occurrence between the author on Al and IM through network analysis. The circular
nodes represent the contribution of each author in terms of the number of papers published by them.
The bigger the size of the node denotes higher the number of publications by that author. The lines
joining the nodes represent the frequency of collaboration between two authors. Thicker the joining line
indicates more frequent collaboration between them. The network diagram depicts the top 40 authors
engaged in collaboration with their counterparts. It is interpreted from the analysis that the most collab-
orating author is Gatica-Perez D as he collaborated with 6 other authors, followed by Kim S-W, Asim Y,
Malik AK, Raza B and Shahid AR has collaborated with 3 authors each (Kim & Baek, 2022; Nkoulou
Mvondo et al., 2022). It is also observed that due to the thickest node, the pair of Gatica Perez D (Biel
& Gatica-Perez, 2011, 2021; Gatica-Perez et al., 2018) and Park S (Kwon et al., 2009) is the most collabo-
rating pair in this domain.

4.5. Top contributing sources (RQ3)

The existing publications on this domain have been examined in this review and all are sourced from a
total of 250 different sources.

Amongst 316 documents, a list of the top 10 sources has been taken who have published articles
based on IM and Al during the tenure of 2004 to 2023 shown in Figure 6. The top three considered
sources are AAAI Spring Symposium- Technical Report (11 articles), ICWSM 2008- Proceedings of the 2
International Conference on Weblogs and Social Media (7 articles), ACM International Conference
Proceeding Series (5 articles) and the list continues.

e dy  pdeK\c ,\
' baudier p

wang w chang c-h

sAf-matu s de boissieu ®

dascalum
chaum
park s

mishne g
liy-m

Figure 5. Network map of Co-authorship.
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4.5.1. Top contributing sources
To ensure a comprehensive examination of the most impactful research, a well-rounded understanding
of the topic has been obtained from top contributing sources.

Table 6 shows the most productive sources with a higher cumulative frequency of citations Among
these 12 sources shown in the Table 6, the AAAI Spring Symposium Technical Report is the most con-
tributing source with 11 publications, 1092 citations and h-index 8. It is followed by ICWSM 2008-
Proceedings of the 2" International Conference on Weblogs and Social Media (S. Kim et al., 2021) with
7 publications. It is followed by the Proceedings of the 3™ International AAAI Conference on Weblogs
and Social Media, ICWSM with 127 citations. International Conference on Information and Knowledge
Management, Proceedings with h-index 4. This representation of sources helps in determining the per-
formance of the sources and their importance.

4.6. Top cited countries

Worldwide, 34 countries have contributed so far in Al and IM. Figure 7 represents the 12 countries with at least
70 citations. Research documents by Hong Kong have the greatest number of citations with 619 citations. Israel
and the Netherlands follow it with 552 and 519 citations respectively. The list of top five leading countries
includes Hong Kong, Israel, Netherlands China and the USA with 2418 citations in aggregate.

4.7. Top collaborating countries

Biblioshiny was used for the network visualisation of countries’ collaboration contributing to the research
of Al and IM. Figure 8 depicts that the first major cluster/collaboration involves the USA, which is the
heart of international collaborations with the UK, Korea, China, Germany, Canada, Brazil, Thailand,
Australia, Hong Kong, Romania and Singapore. The second major cluster/collaboration among Saudi
Arabia, Malaysia, Turkey, Jordan, United Arab Emirates and Pakistan. The third major cluster/collaboration
is among India, Japan and Switzerland. The other collaboration is between the Netherlands and Austria,
Spain and Ireland, Indonesia and Hungary, Cyprus and South Africa, and Sri Lanka and New Zealand.

4.8. Top contributing dffiliations

Table 7 represents the dissemination of publications by affiliations. The table depicts that Hanyang
University in South Korea is the leading affiliation contributing to the research of Al and IM (13

AAAI Spring Symposium- Technical Report — 11

ICWSM 2008- Proceedings of the 2nd... 7

ACM International Conference...

wn

Communications of the ACM

R

International Conference on Information...

CEUR Workshop Proceedings

Sources

Computers in Human Behaviour
Expert Systems with Applications
IEEE Access

Procedia Computer Science

w W w w w

o
N

4 6 8 10 12

No. of Articles

Figure 6. Source-wise publications.
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Table 6. Top contributing sources.

Sources H-index G-index M-index TC NP PY-start

‘AAAI Spring Symposium- Technical Report’ 8 1 0.421 1092 1 2006’

‘ICWSM 2008- Proceedings of the 2" International 2 5 0.118 34 7 2008
Conference on Weblogs and social media’

‘ACM International Conference Proceeding Series’ 2 4 0.125 20 5 2009

‘International Conference on Information and Knowledge 4 4 0.211 101 4 2006
Management, Proceedings’

‘Communications of the ACM’ 2 2 0.143 4 4 2011

‘Computers in Human Behaviour’ 3 3 0.429 105 3 2018

‘Expert Systems with Applications’ 3 3 0.188 108 3 2009

‘|EEE Access’ 3 3 0.5 24 3 2019

‘Procedia Computer Science’ 3 3 0.3 46 3 2015

‘Proceedings - IEEE International Conference on Data 3 3 0.158 95 3 2006
Mining, ICDM’

‘Proceedings of the 3 International AAAI Conference on 3 3 0.188 127 3 2009
Weblogs and Social Media, ICWSM’

‘Proceedings Of the ACM Symposium on Applied 3 3 0.214 17 3 2011
Computing’

‘Total citations (TC), Number of publications (NP), Publication year (PY)'.
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Figure 7. Top cited countries.

documents) followed by Comsats University Islamabad in Pakistan (12 documents), followed by the
University of Amsterdam in the Netherlands (11 documents).

4.9. Keywords analysis (RQ4)

Through network visualisation of co-authorship analysis in Figure 9 it is noted that there are 7 clusters
in the network that future researchers can opt for in the research domain of Influencer marketing and
Artificial intelligence. The related clusters of Al and SMI are bloggers, data mining, blogs, social network-
ing (online), marketing, social media, natural language processing, blogospheres, and semantics. Table 8
depicts the studies that mostly used these keywords: bloggers, data mining, blogs, social networking
(online), marketing, social media, natural language processing, blogospheres and semantics the future
researcher is advised to go through deeper into these studies.

In Figure 10 density of the keywords depicts the deeper area in dark yellow colour saying that blogs,
bloggers, data mining, social media, social networking (online), blogospheres, natural language process-
ing and blogging are some keywords on which researchers have worked very much. On the other side,



COGENT BUSINESS & MANAGEMENT . 13

the portion in the light yellow and green area says that researchers are gradually starting to explore this
research domain with these keywords as well. The keywords are influencer marketing, User-generated
content, Artificial intelligence, Sentiment analysis, Semantic analysis etc. Future researchers can delve
deeper into these keywords.

4.10. Major themes

The basic themes that are popular in the research domain of Al and IM are extracted by thematic anal-
ysis and are discussed as follows:

a. Cluster 1- Customer Engagement through Infusing Al into MI: The articles of this cluster discussed
customer engagement. (Kwon et al., 2009) A new way to endorse a product through social media inter-
action is by the use of influencers. This increases the engagement between followers and the users i.e.
influencers through the post. (Argyris et al., 2020) to build strong connections with followers influencers
use visual congruence as a representation of shared interest in a particular area. (Feng et al., 2021)
influencers post on social media in the form of narratives to make the advertisement disclosure by using
learning-based topics or deep learning-based images to engage customers. (Rutter et al,, 2021) says that
influencers have higher network engagement efficiencies than celebrities because of their expertise and
subject efficiency. (Silva & Costa, 2021) Avtar-based influencer marketing generates engagement with
followers through the credibility, narrative of their personal stories and authenticity.

b. Cluster 2- Influencer Classification The articles in this cluster discussed about influencers.
(Rodriguez-Vidal et al., 2020) influencers’ posts do not only depend on their expertise but also on
that of their followers. (Baudier et al., 2023) says robot influencers are encroaching increasingly on
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Figure 8. Network map of collaborating countries.
Table 7. Top affiliations.
Affiliations Country Documents
Hanyang University South Korea 13
Comsats University Islamabad (CUI) Pakistan 12
University Of Amsterdam Netherland 1}
Comsats Institute of Information Technology Pakistan 10
National Chiao Tung University China 10
Nanyang Technological University Singapore 9
Queen’s University Canada 8
Sungkyunkwan University South Korea 7
Xihua University China 7
Hiroshima City University Japan 6




14 R.BANSAL ET AL.

social mediainfluencers

computers
influence earketing
electronicgommerce
big@ata inflUénce@marketing
belavioralresearch instagram
-
blogdgphere marketing
informatig diffusion artificial mtellngenc& social @twork
twitter
contentanalysis deep (garning
blogo’leres e neural getworks
1 N humanemenmen:
v . . . '
diffgion social @@tworks ~social networking (onlifie) socigimedia
® v
arrline sotidl neéqworks
bl
0g n@tworks. learningiystems social medid platforms
bl ; ° covig-19
visuai@ation bl s . decisigh trees
wents ) datwung é S
websites . natural lan uage processin
online systems “ “ * & g g ferale
bloggin
: OD J humans
4 SeMANUCS. feature axtraction statistics
weblogs world wide web g téxt agalysis sina-weibo

machingjearning
A J

User interfaces ) 4
9 " text @ining dassificatiorf@f information
“

algogthms
data regluction natural language processing sy® micrarblog
automation
text miningdechniques
blog mining
#, vosviewer
Figure 9. Network of keywords.
Table 8. Occurrence of keywords in the network.
Keyword Occurrence Total link strength
Blogs 98 562
Social networking (online) 98 507
Data mining 92 469
Blogger 70 393
Social media 72 337
Internet 37 231
Blogospheres 32 188
Blogging 26 186
Marketing 30 183
Natural language processing systems 32 179
Natural language processing 30 152
Sentiment analysis 28 147
Learning Systems 21 142

the internet by interacting with humans and promoting brand content and values. (Albogami,
2023) highlighted that consumer trust can be driven by Al influencers through five sources these
are Source attractiveness, congruences, source credibility and attractiveness. (Simay et al., 2022)
says that the adoption of Al applications by SMI leads to an effect on the e-wom intention of
customers. (Sands et al., 2022) virtual influencers are gaining popularity but at the same time giv-
ing rise to falsifying and artificially created and manipulated influencers. (Rodriguez-Vidal et al.,
2020) states that virtual influencers are trending in marketing because they can emulate human
appearance and behaviour. But brands shield themselves from scandals of human influencers
through investigation.

¢. Cluster 3- Content Analysis: The articles in this cluster discussed about content analysis of blogs.
(Chau & Xu, 2007) highlighted that blogs are user-generated content that provide useful information
which is helpful for business intelligence, good opportunities and offers products to the consumer.
(Y.-M. Li & Chen, 2009) emphasized that Micro-blogs are something which is very short and every
individual has a distinct way of expressing emotions which creates problems in micro-blogs. (Chau
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& Xu, 2012) illustrated that blogs have become personal diaries where everyone can freely express
their emotions and opinions which the virtual communities can read and share their ideology.
(Truelove et al., 2015) indicated that events about to happen in future can be harvested from blogs
because the information derived is credible. (Ulicny et al., 2007) stated that the new arena of blogs
represents an intelligent gathering of information. The information should be relevant, credible, spe-
cific and timeliness. (Sandeep & Patil, 2018) identifies that bloggers share their personal experiences
or opinions on a certain topic in a blog.

d. Cluster 4- Morphology of Bloggers Post: (Rzepka & Araki, 2015) explored that human experiences
and thoughts about bloggers can be evaluated using text mining techniques to enrich knowledge.
(Teng & Chen, 2006) highlighted that bloggers are doing good day by day and to detect their inter-
ests three features have been mentioned by the author ‘Textual’ to know the interest of the bloggers
related to the words they used. ‘Temporal’ to evaluate the frequency of bloggers to understand the
strength of their interest. ‘Interactive’ shows the comments that bloggers make in the blogosphere
to identify others. (Bronstein, 2013) stated that bloggers are creating good content through virtual
presence by self-presenting and disclosing their personal experiences blogger's semantics can be
identified by their posts.

5. Implications

Based on the findings of this analysis we offer four major academic implications. First, our findings help
scholars understand the breadth and current limits of their field’s research. The results of this study could
thus be used by academics to highlight novel and less explored areas that will promote the adoption of
Al in influencer marketing. Second, finding the most productive authors and organisations in this field
could help researchers find new collaborators and academic institutions for this field. Thirdly, it gives
scholars crucial information about impactful research documents that may be viewed as the pillars of
this field of study. Future researchers will find this information valuable. Finally, carrying out empirical
inquiries grounded in our analysis could act as a catalyst for driving empirical progress in forthcoming
research trends.
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The outcome of this paper can be interesting to practitioners who want to increase their expertise.
To assist the deployment of artificial intelligence for influencer marketing, we offer several practical impli-
cations for digital marketers based on the findings. Firstly, this study implies that experts who keep a
close watch on technology developments in corporations might use our data to better understand the
wide range of uses for artificial intelligence in influencer marketing. Second, these experts might make
use of the findings of well-known studies that are found in this investigation that discuss the advantages
and disadvantages of using artificial intelligence in influencer marketing. Additionally, the results also
suggest that it is necessary to evaluate by practitioners whether artificial intelligence affects influencers’
marketing ability and can act as more effective communicators.

6. Conclusion

In the marketing sector, influencer marketing has seen a significant rise in popularity due to the benefits
associated with brands utilizing artificial intelligence. This review adopted the bibliometric technique for
mapping the existing literature on artificial intelligence-integrated influencer marketing by using soft-
ware like Vos Viewer and Biblioshiny.

« In this analysis, performance analysis was done to identify the most prolific authors, affiliations and
countries and most relevant sources. Publications show that this domain started increasing in 2021
and has followed a steady rise within the period of 2004-2023, 316 documents were published during
this tenure and the documents progressed from 2 in 2004 to 55 in 2023.

- Citation analysis was done to identify the most impactful research documents based on global as
well as local citations. Lecture notes in computer science are the most relevant source while AAAI
Spring Symposium Technical Report is the most impactful source. An article titled ‘The political blogo-
sphere and the 2004 U.S. election’ is the most globally cited article.

«  Further, under the science mapping, a collaboration network was prepared to gain insights into the
pattern of collaboration among authors. Results revealed that Gatica-Perez D is the most prolific
author as he collaborated with 6 other authors, followed by Kim S-W, Asim Y, Malik AK, Raza B and
Shahid AR has collaborated with 3 authors each.

«  From analysis, it is found that Hong Kong is the most contributing country. The list of top five lead-
ing countries includes Hong Kong, Israel, Netherlands, China and the USA. Hanyang University in South
Korea is the leading affiliation.

« Additionally, Co-occurrence analysis of keywords and thematic analysis revealed major clusters and
themes in the domain. Co-occurrence analysis uncovered prominent clusters and themes within this
domain, including the keywords bloggers, data mining, blogs, social networking (online), marketing, social
media, natural language processing, blogospheres, and semantics, the themes are Customer Engagement
through Integrating Al into IM, Influencer Classification, Content Analysis, and Morphology of Bloggers’ Posts.

7. Limitations and future scope of research

This study tries to impart a bibliometric summary of the influencer marketing literature that incorporates
artificial intelligence. In this study, only a single database i.e. Scopus database was chosen to collect
bibliometric data on articles for this analysis which limited the scope of articles. Several other credible
sources for data collection, such as WOS, Dimensions, and PubMed are also available. Findings may differ
slightly when data from two or more databases are combined. This analysis's scope is also constrained
in terms of language. The conclusion must therefore be comprehended with these constraints. However,
there are still several gaps to fill. Future studies might review a more extensive approach towards the
research domain and source of publications, which helps to create an all-inclusive point of view for arti-
ficial intelligence and social media influencers. Finally, while the analysis offers a thorough overview of
the study field, it excludes the kind of in-depth information that may be offered by analyses that are
more detail-oriented, like systematic reviews or meta-analyses. Despite these pitfalls, this study offers
insightful information for researchers in the field who may address these problems in their follow-up
work while considering any proposed agendas.
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