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Nonconvex multicommodity near equilibrium models: Energy markets i
perspective
J. David Fuller, Mehrdad Pirnia *

University of Waterloo, 200 University Ave. W., Waterloo, Ontario, Canada, N2L 3G1

ARTICLE INFO ABSTRACT
Keywords: In this paper we explore the application of the minimum total opportunity cost (MTOC) model of Fuller and
OR in energy Celebi (2017) to multicommodity market planning models containing binary variables and price sensitive

Mixed integer equilibrium
Minimum total opportunity cost
Energy market models

demands, with or without substitution among commodities. We present a greatly simplified derivation of the
MTOC approximation of Fuller and Celebi (2017), here called the near equilibrium (NE) model, a mixed
integer program with nonlinearities only in the objective function. For some models, the NE solution achieves
the MTOC solution exactly, as in an example. We provide a simple example of capacity expansion in gas and
electricity markets that are linked through substitution in demand and in the possibility of using gas to produce
electricity. In several cases, we compare the NE solution to the social welfare (SW) maximization solution
calculated by a sequential optimization algorithm. In one case, the sequential optimization algorithm fails to
converge, due to the binary variables. For the other cases, the NE model has smaller producer opportunity
costs — in particular, in most cases, smaller make whole payments that bring negative producer profits up
to zero - at some sacrifice of social welfare. We suggest that the NE model could be useful to government
regulators as a supplementary tool along with SW models, as the NE solution usually reduces subsidies needed
for make whole payments, and sometimes benefits consumers compared to the SW solution.

1. Introduction binary variables for long term decisions on building new capacities [4],
and it applies to short term models with binary variables for starting or

When a market model has nonconvexities such as binary variables,
the prices from the model’s solution do not necessarily induce pro-
ducers to produce the quantities in the model’s solution — e.g., some
producers might have a negative profit if the model’s solution were
followed. Because this is a practical difficulty encountered in short-term
models used to run electricity markets, there has been much research in
recent decades into various methods to correct or reduce this problem
in short-term market models for a single commodity, electricity, with or
without price sensitivity in demand — see, e.g., [1,2], and [3] for dis-
cussions of these methods. The present paper explores the application of

shutting down the operating generators [1]. The commonly used social
welfare maximization model does not always provide price signals that
induce the profit maximizing electricity producers to carry out the
market regulator’s or market operator’s desired actions, because the
regulator’s/operator’s desired actions can produce a smaller profit than
producers could theoretically have if they could choose their actions
based only on the prices. Our method provides a way to minimize
the discrepancy between producers’ theoretical profits and the profits
that actually come from following the regulator’s or operator’s desired

one of these methods to multicommodity market models having price
sensitive demand functions with substitutability among commodities.
In an illustration, consumers satisfy their energy needs using gas and
electricity, in a long-term model of investment in new capacities for gas
and electricity production.

Our method also applies to the special cases of single commodity
models or multicommodity models with no substitution. For example, it
applies to electricity market models that contain nonconvexities due to

* Corresponding author.

actions, i.e., to minimize producers’ opportunity costs.! Minimization of
opportunity costs (compared to a social welfare maximizing solution)
usually tends to reduce make whole payments to producers that bring
negative profits up to zero.

Social welfare (SW) maximization is a widely used one-shot op-
timization approach to model single commodity markets. When the
producers’ feasible sets and cost functions are convex, the SW solution

E-mail addresses: dfuller@uwaterloo.ca (J.D. Fuller), mpirnia@uwaterloo.ca (M. Pirnia).
1 Opportunity cost normally means a decision maker’s loss of value of the next best choice, when the best choice is made. Here, a market regulator forces a
private actor to lose the extra profit that, in theory, could have been earned by just responding optimally to the prices announced by the regulator.

https://doi.org/10.1016/j.0rp.2022.100243

Received 8 April 2022; Received in revised form 11 June 2022; Accepted 28 June 2022

Available online 13 July 2022

2214-7160/© 2022 Published by Elsevier Ltd. This is an open access article under the CC BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/).


http://www.elsevier.com/locate/orp
http://www.elsevier.com/locate/orp
mailto:dfuller@uwaterloo.ca
mailto:mpirnia@uwaterloo.ca
https://doi.org/10.1016/j.orp.2022.100243
https://doi.org/10.1016/j.orp.2022.100243
http://crossmark.crossref.org/dialog/?doi=10.1016/j.orp.2022.100243&domain=pdf
http://creativecommons.org/licenses/by-nc-nd/4.0/

J.D. Fuller and M. Pirnia

is an equilibrium: producers and consumers have no incentive to de-
viate from the solution, given the prices produced by the model. The
social welfare objective is the integral of the inverse demand function
(representing consumers’ value) minus producers’ costs. Extending the
social welfare model to a multicommodity setting requires a multicom-
modity version of a consumer value function, but such a function does
not exist if the multicommodity inverse demand function is asymmetric
in its cross-commodity effects, i.e., consumers’ behaviour to substitute
one commodity for another [5]. There are two types of methods to
formulate and solve such asymmetric, multicommodity, convex market
models: sequential optimization methods, the earliest of which was the
Project Independence Evaluation System (PIES) method [5,6]; and the
mixed complementarity problem (MCP) approach [5]. Both methods
can also be applied to models with symmetric inverse demand.

In this paper, we explore and compare the application of the SW
model (as the PIES extension) and a proposed variant of the MCP ap-
proach [1] when the multicommodity market model contains noncon-
vexities due to binary variables. We show that the SW PIES extension
has the same producer incentive problems as in the single commodity
electricity models, and in addition, the presence of binary variables can
cause nonconvergence of the PIES algorithm. The MCP variant reduces
the producer incentive problems, and since it is a one-shot optimization
method, there is no question of convergence of an algorithm.

The MCP variant, due to Gabriel et al. [7], is here called the MC
model, as it minimizes the sum of complementarities subject to mixed
integer constraints containing continuous and binary variables; details
are given in Appendix. In [1], the minimum total opportunity cost
(MTOC) model is proposed as a generalization of the minimum uplift
(MU) model [2,8,9], which is a method to reduce the above mentioned
problems with electricity market models. It is shown in [1] that the
MC model provides an upper bound on the MTOC optimal value,
and for some models, the MC model gives an exact solution of the
MTOC model. While the MU model keeps the physical quantity results
of the social welfare model but adjusts prices, introducing possible
inconsistencies between demand quantities from the model and actual
demands which respond to the adjusted prices, both the MTOC and
MC models produce demands that are consistent with the model’s
prices. It was noted in [1] that this consistency makes the MC model
a candidate for a multicommodity near-equilibrium model; but only
a simple mathematical illustration was given, in an online appendix,
without any attempt to interpret the meaning of such a model or its
possible utility for analysts.

In this paper, we present a new, simplified derivation of the MC
model as a relaxation of the MTOC model, for the case of linear
production costs and constraints. As the derivation avoids any reliance
on minimization of complementarities, we give this model a different
name — the approximate near equilibrium model, or NE for short.? The
MTOC and NE models here are slightly different from the MTOC and
MC models of Fuller and Celebi [1], to accommodate some features of
an illustrative model in Section 3.

The main contributions of this paper are as follows.

1. A general NE model is proposed as a solution concept for mul-
ticommodity market models having both binary and continuous
variables. A simplified derivation from the MTOC model is pre-
sented, along with a simplified proof that the NE model gives an
upper bound on the optimal value of the MTOC model.

2. A simple illustrative model of investment in new capacity for
the production of two commodities, natural gas and electricity,
is presented. It has the property that the NE solution is an exact
solution of the MTOC model. An SW model is also defined to
produce solutions to compare with the MTOC solution.

2 Readers familiar with noncooperative game theory should take care not
to read NE as Nash Equilibrium.
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3. Several data sets are used for comparisons of SW and NE so-
lutions, and in one case showing the possibility of a non-
convergent PIES algorithm. For cases when the PIES algorithm
converges, differences between SW and NE solutions are dis-
cussed, focusing on differences in make whole payments, social
welfare, total opportunity cost, producers’ profit and consumers’
welfare. Some cases have concave variable costs, as piecewise lin-
ear approximations, presenting a second source of nonconvexity
in addition to the binary variables.

4. It is proposed that the NE solution of the illustrative model
can be interpreted as an alternative possible recommendation to
government bodies that oversee and approve major new capacity
investments that may have impacts on related industries such
as gas and electricity supplies and demands. In short, the NE
model can be another tool for market analysts, in addition to
social welfare oriented models.

The remainder of this paper is organized as follows. Section 2
presents a brief background on the general forms of the MTOC and
NE models, describes the SW model and PIES algorithm, and describes
measures to compare SW and NE solutions. Section 3 presents the NE
and SW versions of a simple two-commodity model for investment in
new capacities. Section 4 illustrates the simple two-commodity model
with several data sets and compares the SW and NE solutions. Finally,
Section 5 summarizes the paper and highlights future directions of this
research, including some interesting possibilities in recent research by
other authors. An Appendix outlines the derivation of the NE model by
the minimum complementarity procedure of Fuller and Celebi [1], in
order to prove that a zero optimal value of the NE model implies that
the NE solution is also a solution to the SW model.

2. General forms of the SW and NE models

In this section, we outline the derivation of a near equilibrium (NE)
model which is general enough to be applicable as an alternative to
many multicommodity models of energy markets which contain some
binary variables. The NE model has been applied to short-term market
operation models by Fuller and Celebi [1], but in this paper, we explore
its application to long-term multicommodity planning models, where
demand substitution can be a significant consideration, with a simple
model of investment in new gas and electricity capacities. Examples of
large scale models which could benefit from the NE approach include
the MESSAGE [10] and TIMES [11] energy modelling systems, which
allow for the use of binary variables to represent lumpy investments or
other features requiring discrete variables. One of the first such models
represented energy supplies and demands in the city of Geneva [12],
using the TIMES precursor MARKAL. For recent reviews of energy
planning models, with or without discrete variables, see [13,14]. There
are two main points of interest in the use of the NE model for long-term
multicommodity models with binary variables: (1) the NE model can be
solved as a one-shot optimization, with readily available optimization
software and no need to code a specialized algorithm, and (2) the NE
solutions, which are often somewhat different from solutions based
on optimization of social welfare, may be of interest to government
regulators and policy makers, for reasons that we discuss in Section 4.

We also present the corresponding social welfare (SW) models, for
the case of a single social welfare objective (when inverse demand
is symmetric), and for the case of a sequence of approximate social
welfare objectives (when inverse demand is asymmetric, using the PIES
algorithm). This is followed by a discussion of methods to compare the
SW and NE solutions.

Most of the symbols for this section are as follows. All vectors are
column vectors; in the models, T indicates the transpose of a vector or
matrix.
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Xy, ys: vectors of continuous and binary variables for firm f
¢y, dy: vectors of cost coefficients of x Yy for firm f

E;,D;: matrices multiplying x Y in constraints of firm f

b,: vector of right side parameters of constraints of firm f

ag, fy: vectors of dual variables for binary-relaxed model, firm f
¢: vector of demand quantity variables for all commodities

q/™*: vector of parameters for fixed source of supply for ¢

p: vector of prices of commodities in ¢ vector

q(p): vector of demand functions, i.e., demands as functions of
prices

p(q): vector of inverse demand functions, i.e., prices as functions of
demands

Ay, F;: matrices such that A;x, + F;y, = net supplies from f
towards ¢

B(q): benefit to consumers of having amounts ¢ (for symmetric
(q)

In the definition of A;, Fj, net supplies means amounts of the
commodities produced by firm f minus amounts of the commodities
purchased by firm f as inputs to production — e.g., natural gas
purchased by a firm producing electricity with natural gas turbines.

2.1. NE model derivation

The model below differs from that of Fuller and Celebi [1] by (1)
including binary variables in the expressions for supply from producers,
and (2) including fixed sources of supply; both of the new features are
present in the illustration of Sections 3 and 4, necessitating a modified
presentation of the model derivations. The NE model below is otherwise
very similar to the minimum complementarity (MC) model in [1], but
here we present a greatly simplified derivation — for the case of linear
cost and constraint functions — that also clearly shows how improve-
ments could be made in future research. The NE model is here derived
directly from the MTOC model as a relaxation. In contrast, the MC
model was derived by Fuller and Celebi [1] from an MCP variant and is
then shown to give an upper bound on the optimal MTOC value (see the
Appendix for details). In addition to the inclusion of binary variables in
supply expressions and fixed sources of supply, the differences between
the NE model here and the MC model of Fuller and Celebi [1] are:
whereas Fuller and Celebi [1] assume a convex variable cost function
cr(xy) and vector-valued convex functions E (xp) contributing to the
constraints of firm f, here we assume linearity, i.e., ¢Tx 7 and E Xy
furthermore, Fuller and Celebi [1] use a vector-valued demand function
q(p) but here we use the inverse demand functions p(q), to facilitate the
definition of the SW models.

The first step in defining the MTOC and NE models is to specify the
individual firm model. We assume that the firm is a price-taker, i.e., it
treats the market price vector p as a parameter, beyond its control, and,
if allowed, it would choose its continuous and binary variables in order
to maximize its profit:

Price-Taker problem (PT):

max (App—cp)lx; +(Ffp=dply, (1a)
st. E;x;+Dsy; <bs (1b)
xp20,y, € (0,1}4M00) (10

In [1], the minimum total opportunity cost (MTOC) model is de-
fined, with price and variable values that produce the smallest possible
total opportunity cost, VMTOC. With £/ (p)., §-(p) denoting optimal solu-
tions to the price-taker problems PT, which depend on the price vector
p, MTOC is defined as follows:

MTOC:

yMTOC _

Operations Research Perspectives 9 (2022) 100243

min Z {(Afp - cf)chf(p) + (F}-IJ - df)Tﬁf(P)}

Xppp
=Y A=) xp + (Flp=dp)Ty, | (2a)
A
st. by—E;x;—Dsy, 20 Vf (2b)
ap) = D (Agx;+ Fryp) =q/™ (20)
S
x;20,y, €{0, 13400 v (2d)

The MTOC model above is not in a convenient form for the use
of software such as GAMS, because the functional forms of % ,(p) and
$7(p) cannot be specified in an efficient way, in general, because PT is
a mixed integer model. However, we show below that we can derive
a mixed integer nonlinear program (MINLP) approximation to MTOC,
denoted NE, whose optimal solution gives an upper bound VNE >
Y MTOC  Fyrthermore, for the example in Sections 3 and 4, VNE =
yMTOC,

Consider any linear program (LP) approximation of PT that relaxes
the binary variables to be between 0 and 1, and that produces an
optimal solution % ;(p), 7, (p) with a value that is an upper bound on PT.
Examples include: the straightforward replacement of y, by a vector
of real variables bounded below by 0 and above by 1, but otherwise
keeping the form of (1a)-(1c); an equivalent, sharper reformulation of
PT with extra constraints and possibly extra variables (see, e.g., [15]);
and a convex hull approximation to PT. Clearly, replacing % ,(p), 7 /(p)
in (2a) with (P, V(D) produces an approximation to MTOC whose
optimal solution is an upper bound on ¥MTOC  The last step to pro-
duce an MINLP approximation to MTOC relies on the dual of the LP
approximation to PT.

For the remainder of the paper, we consider only the PT approxima-
tion which is the straightforward replacement of y, by a vector of real
variables between 0 and 1, leaving the exploration of other approxi-
mations to future research. The binary-relaxed price-taker problem in
primal form is (dual variable vectors are in parentheses):

ATp—e)Tx, + (FTp—d)Ty, 3
}\Tfl%}f( ( P cr) xy (fp Y (3a)
st. E;x;+ Dy, <b; (ay) (3b)
yp <1 (By) (30)
Xpyp20 (Bd)

The binary-relaxed price-taker problem in dual form is the following
LP:

s T T
gnﬁr; bray+1° 5, (4a)
st. ¢, —Alp+Efa; 20 (4b)
df—FfTP+DjTraf+ﬂf20 (40)
ap,fr 20 (4d)

The MINLP approximation to MTOC, NE, is created by replacing the
MTOC objective terms (A7p—c,)" % ;(p) +(Ff p—d ;)" §;(p) by the dual
PT objective b?zx ++ 17 B;, and including the dual PT constraints:

min pla, +17 }— {AT —e)x, +(FTp—d )" }
"f-ﬂf»xf»yf,pzf“{ L by zfl (App—cp) xp+(Fpp—dp)yy

(5)

s.t. (2b), (2d), (4b), (4c), (4d) Vf, and (2¢),

which has nonlinearities only in the objective terms -3, plrAsx; —
> Y pr F;y,. Using the constraint (2c) of MTOC, we choose to convert
these nonlinear terms to the equivalent term —(q(p) — ¢/™)"p, and to
change variables from the p vector to the ¢ vector, producing the term
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—pT(g)(q — ¢/™), which, under some conditions on the inverse demand
function, can be convex in ¢. The near equilibrium MINLP follows.

NE:
bla, +17 ,
yNE = min fT ! Tﬂf - (@)g- ") (62)
xpypaapbr S\ Fepxp+diyy
st. by—E;x;—D;y; >0 Vf (6b)
¢ = ALp()+ Efay 20 Vf (60)
df—Fij(q)+D;af+ﬂf >0 Vf (6d)
9= D (Apx; + Fyyp) = g™ (6e)
f

ap 20,8, 20,x, 20,y, € (0,1} v (60

When FT =0 and ¢/ = 0, the model NE is equivalent to the model
MC of Fuller and Celebi [1], for the case of linear costs and constraints:
the constraints (6b)—-(6f) are identical to the constraints of MC; and (6a)
differs from the MC objective only by the use of p(q) instead of ¢(p),
and by the substitution of —p”(q)q for — ¥ p” A sx ;. Our contributions
here are in the inclusion of the cases F! # 0 and ¢/** # 0, and in the
simplification of the derivation of NE and of the proof of Theorem 1
below.

Given a solution to NE, denoted by V£, the price pN ¥ = p(¢" ), and
the profit I7 }V E of firm f is

IYE = (A7pNE — ) P+ (Flp—dp)TyE. @)

If a market operator gives instructions x,,y, that lead to firm f
having a negative profit, then a make whole payment, M W; to firm f
would bring the firm’s profit up to zero:

NE —H}.VE , if H;YE <0
MWNE = ) 8
4 0,if ITYE >0 ®

In general, the solution of the price-taker model PT for firm f, (1a)-
(1c), using the price pNE, will be different from the NE solution; the PT
profit H;’T(pNE) at optimal % (pVE), 9,(pNE), is

HfT(PNE) = (A;PNE -T2,V E) + (FfTP —dp) 5, E). (C)]
Since xVE, yNE is feasible in PT, H}’,’T(pNE) > H;VE, and the opportunity
cost for firm f is defined as ’

NE _ PT  NE\ _ NE
OCNE = T (pNEy — mYE. (10)

A strictly positive opportunity cost could be due to negative profit
but a zero price-taker profit IT j‘,’ T (pNE), or it could instead be due to the

price-taker profit being strictly greater than a positive IT }V E,
The total opportunity cost

nNE

TOCNE = Z ocyE 1D
f

is therefore nonnegative, and can be thought of as a measure of
disequilibrium: the larger the total opportunity cost, the greater is the
incentive for one or more firms to deviate from the NE solution.

The value of TOCNE cannot be less than the minimum total oppor-
tunity cost VMTOC; therefore

yMTOC <« TOCNE, 12)

Furthermore, for the price vector p = pN £, it is clear from the structure
of the model NE that a}v E ﬂ}v E are optimal in (4a)-(4d), which implies,
by LP duality, that any optimal primal solution % ,(p" £), 5 (p" £) to the
binary-relaxed price-taker problem (3a)-(3d) satisfies

DAL =) % V) + (Ffp—d ) 5,0y = Y BT af E + 1T E
S f
Therefore, using the form of the NE objective in (5), together with the

fact that the optimal value of the relaxed PT problem is an upper bound
on the optimal value of the exact PT problem, it follows that

Operations Research Perspectives 9 (2022) 100243

VNE

DALV )5 (PN EY + (F p—d ) 5,0 )

f

- ;«A;p“ —ep)" <Y E+(Ffp—dp) v}

> P (ATPNE )5 (0N E) + (F] p—d ) 5, (0N E))
S

- ;‘,((Afp“ =)<y E+(Ffp—d ) )F)

=TOCNE | by (7), (9), (10) and (11).

Note that, if the binary-relaxed PT problem always has optimal solu-
tions with binary values in the y, vector, for all firms f, and for any
price vector p, then VNE = pMTOC,

The above observations prove the following theorem.?

Theorem 1. VMTOC < TOCNE < V'NE; and if, for any price vector p, the

binary-relaxed PT model has a binary solution, then VMTOC = TOCNE =
VNE,

Remark 1. For models such as the large scale energy sector models
developed in the MESSAGE [10] or TIMES [11] frameworks, the NE
model might only be guaranteed to find a solution which gives an upper
bound V'V on the minimum total opportunity cost. However, we note
in Section 3 that many energy planning and capacity expansion models
share a key feature that is used in the proof that the binary-relaxed PT
model of Section 3 has a binary optimal solution, suggesting that this
might be a property of other models, too.

Remark 2. If p(g) is a linear vector valued function, then the only
nonlinear term in NE is —p’'(¢q)q, which is quadratic and, under some
assumptions, it can be convex, as is the case in the illustrative model of
Sections 3 and 4. This allows the use of mixed integer quadratic convex
programming solvers such as CPLEX.

Remark 3. The vector ¢ and the vector valued function p(g) can be
composed not only of demands for different commodities, but for the
general form of NE, these vectors can distinguish demands in different
geographical locations and in different time periods. See, e.g., [1] for
an example of a two-period unit commitment model with an electricity
transmission network.

Remark 4. The objective function (6a) of NE contains the terms that
would appear in a monopoly model of a single firm, i.e., to minimize
the sum of all firms’ costs, minus all revenue from sales to consumers,
subject to (6b), (6e) and (6f). However, it is important to note that the
other terms in the objective (6a), together with the other constraints
(6¢) and (6d) force the NE model to have the characteristics of a model
of price-taking firms, because price-taker behaviour was assumed in
deriving NE from the model of each firm (1a)-(1c). In a computational
illustration of Section 4, we show that the monopoly solution is very
different from the NE solution.

2.2. Social Welfare (SW) model

If the inverse demand function is symmetric (i.e., dp;/dq; = dp;/9q;
for all pairs of commodities j, k), then a consumer value, or benefit
function, B(q), exists such that

0B(q)/9q; = p;(@) VJ, 13)

3 For the case F, = 0,¢/™* = 0, this result is also in [1], Theorem 1 and
Corollary 6, but with a more complicated proof.
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and the social welfare maximization objective is defined as consumer
benefit minus producers’ cost of producing g:

SW =B - Y, {x, +dly, ), a4
;

with constraints (6b), (6e), nonnegativity for x 7 and the binary require-
ments for y,. One particular type of symmetric p(q) is to have each
good’s price depend only on its own quantity, i.e., dp;/dq; = 0 for all
j#k.

If instead, the inverse demand function is asymmetric, then a con-
sumer benefit function cannot be defined (see, e.g., [5]). However, it is
possible to extend the social welfare maximization model by defining
an approximate consumer benefit function to repeatedly maximize ap-
proximate social welfare, updating and improving the benefit function
for each maximization, and converging to an equilibrium, under certain
conditions. The model and algorithm that we use in the illustration of
Section 4 is the first such model and algorithm, known by the acronym
PIES (for Project Independence Evaluation System, created at the US
Department of Energy in the 1970s).* This variation on the equilibrium
model of social welfare maximization first defines a diagonalization
of the inverse demand vector valued function: the inverse demand
for the price of the jth commodity ¢;, given the demands of the
other commodities §_;, is p;(g;;4_;) = pj(cjl,...qj,l,qj,qjﬂi...). The
approximate benefit to consumers of having the amount g; is B;(q;; 4_;),
the integral of p;(¢;:4_;), and Zj Bj(qj;q_j) takes the place of B(g)
in (14) for an approximate social welfare maximization model. If q;
is a vector of demands distinguished by location and period as well
as commodity, then Bj(qj;q, ;) is the sum over locations and periods
of all such integrals. A solution to the PIES model is defined as a
solution (x*,y*,q*) to the approximate social welfare maximization
model, having the property that ¢* = g:

PIES model: Find (x*, y*, ¢*) that solves

B.(q..d_;)— T T
x‘???‘-q;Bf("f"’-f) ; {efxr+afo } (152)
s.t.(6b), (6e) (15b)
xp 20,5, €1{0,1)9700 vy (150)

with ¢ = ¢*.

The PIES algorithm starts by solving (15a)-(15c) with a first guess
of demands g; the first solution ¢* replaces g, and (15a)—(15c) is solved
again; the updating of § and solving is repeated until ¢* is acceptably
close to §. See [6] for conditions on p(q) that ensure convergence,
when the firm models are convex (in particular, no binary variables):
essentially, the cross-q effects dp; /dqy, k # j, should be small compared
with dp;/dq;. In Section 4, we illustrate that when the firm models
contain binary variables, the PIES algorithm can sometimes fail to
converge, even if p(q) satisfies the convergence conditions for convex
firm models.

The PIES model can be viewed as a generalization of social welfare
maximization because, although it was designed for an asymmetric p(q),
the PIES model can also be defined when p(q) is symmetric: at a PIES
solution, Bj(qj;q_j) = Bj(q;‘;qjj) = Bj(q %), so at ¢*, X, B;(q *) is the
total consumer benefit, having the property (13). If symmetry is due to
0p;/dqy = 0 for all j # k, then, in addition, the PIES algorithm solves in
one optimization step. Therefore, for the remainder of the paper, when
we refer to an SW model, we have in mind the more general PIES model.

We can calculate profits, make whole payments and opportunity
costs for an SW solution, H}YW, H;T(pSW), MWfSW, OC}?W, TOCSW
in the same manner as with a solution of the NE model (7)-(11),

4 This describes the PIES-q variant [5,6], which updates guesses of cross-
commodity effects in the inverse demand function. The PIES-p variant updates
cross-price effects in the demand function.
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but using the price and variable values from the SW solution, pS"% =
p@™).

In the appendix, we show that the if the NE model has a zero
optimal value, VVNE = 0, then the solution to the NE model also solves
the SW model. This suggests the intuition that if the binary nature
is expected to be significant but not overwhelming - i.e., the total
opportunity cost is small — then the two solutions might be somewhat
similar; we see this in some illustrations of Section 4.

2.3. Measures for comparison of SW and NE solutions

If an analyst has found solutions to both the NE and SW models,
then comparisons of the two solutions can give insights into decisions,
as we illustrate in Section 4. In addition to detailed comparisons of
particular activities of all firms, some macro-level comparisons can be
useful, e.g., market prices, firms’ profits, total make whole payments
(which would need to come from extra lines on customers’ bills, or
from general taxation by government), firms’ opportunity costs (indi-
cating firms’ degree of dissatisfaction with quantity decisions, given
the prices), and if possible, comparisons of consumers’ surplus (con-
sumer benefit minus money paid by consumers) and social welfare.
We show below that although it is impossible to formulate a consumer
benefit function when the multicommodity inverse demand function
is asymmetric, it is possible to estimate an approximate difference in
consumer benefit between the two solutions, and with this difference,
approximate differences in consumers’ surplus and social welfare can
be estimated.

In microeconomic theory, an inverse demand function is derived
from a model of the consumer who maximizes utility in the choices
of amounts of several commodities available at given prices, subject to
a constraint on the consumer’s total income. Harberger [16] showed
that, in this multicommodity setting, it is possible to estimate an ap-
proximation of the difference in consumer benefit (in monetary units)
between the commodity choices corresponding to two different sets of
commodity prices. The result, which relies on an assumption of a small
change in marginal utility of income across the two sets of prices, is
easy to describe: for each commodity separately, plot the two price-
quantity pairs on a graph, draw a straight line between them, and
calculate the area of the trapezoid from the quantity axis to the straight
line, giving the difference in consumer benefit for this one commodity.

Following this simple result, given the price and demand vectors
of the solutions of the two models, (5" ,¢5") and (pVE,¢gVE) we
estimate the difference in consumer benefit for commodity j (in the
SW minus NE sense) as %(pfw + pNE)G" — ¢NF). The difference
in consumers’ surplus for commodity ; subtracts the difference in
consumers’ payments (also in the SW minus NE sense)°:

NE)_(

_ 1 sw_ NE\ sw SW
ACS,—E(pj +p; Ng T —q; p;

J J

a" - (16)
and the total estimated difference A CS, across all commodities j is
found by summing (16) over j.

The difference in social welfare for commodity j starts from the
difference in consumer benefit, and subtracts the difference in costs of

firms that produce commodity j° (indicated by f(j)):
_Ll sw_ NE SW_ _NE
A SW; —E(pj +p; " — 4" )

T _SW , ;T SW _ T _NE _ ;T NE a7)
= 2 epx wdpy - e - dfyY )
SO
and the total estimated difference in social welfare A SW is calculated
by summing (17) over all commodities.

5 If consumers are required to pay any extra amounts — e.g., make whole
payments to compensate producers who would otherwise have negative profits
— then A CS; must be further adjusted by subtracting the difference in such
payments between the two solutions, as we illustrate in Section 4.

6 If a firm produces more than one commodity, then it might be impossible
to separate some costs by commodity. For this type of model, only the total
difference in social welfare, across all commodities, is possible to calculate.
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3. NE and SW models with two commodities

In this section, we describe simple NE and SW two-commodity mod-
els that are used in the next section to illustrate the possible behaviours
of the models and the SW algorithm, and to suggest uses in policy
analysis. We do not claim that these models are sufficiently realistic to
support real world decision making. In order to make the discussion
easier to follow, we name the two commodities gas and electricity.
Each firm produces only one commodity, but the models allow for the
possibility that a firm might purchase some of the other commodity as
an input to production, e.g., producing electricity from gas turbines.
The models have only one time period and one geographical location,
which means that each model has two market clearing constraints (one
for gas, the other for electricity). The single period is a year that is
far enough in the future that demands at that time will be significantly
affected by prices, i.e., inverse demand for a commodity is a function of
demand for that commodity and for the other commodity. The models’
decision variables are the sizes of new gas and electricity production
capacities, but a given amount of capacity is proportional to the amount
of the commodity produced over the year — thus, annual production
is taken as the measure of capacity.

A firm’s costs include fixed costs, regardless of the size of the
new capacity (e.g., land acquisition costs) and variable costs that vary
with the size of the new capacity. The fixed cost in the model is the
portion of the actual fixed cost that is allocated to the year in question,
by an engineering-economic calculation. Similarly, part of the cost of
installing the new capacity is allocated to the year in question and
added to the annual cost of operation, to give the variable cost in
the model. Each firm’s variable cost is described by a piecewise linear
function composed of several connected line segments; as detailed
below, this allows for the representation of concave or convex variable
costs, while ensuring that the NE model solution is a solution to the
minimum total opportunity cost model MTOC.

Each inverse demand function is linear in the two demand com-
modities. As in [1], a complementarity submodel of demand ensures
that, e.g., if the gas demand is zero, then the gas price can exceed the
value of the inverse demand function.

The symbols are defined as follows. Note that every variable and
parameter is a real or binary number, not a vector. The symbols have
been chosen to correspond, as far as possible, to the vector symbols
of the general NE model (6a)-(6f) — e.g. the vector x 7 in the general
model corresponds to a vector whose components are the individual
real variables x ;, below.

G: set of all firms f that produce gas

E: set of all firms f that produce electricity

x,;: variable for capacity above the minimum for firm f, on
segment i

yr,;: binary variable equal to 1 if segment i is chosen by f, 0
otherwise

api Brids dual variables of relaxed PT model (appearing in NE)
d;: fixed cost for firm f, regardless of capacity size

ds variable cost of capacity equal to minimum on segment i, for

i variable cost per unit of x
} : minimum capacity on segment i for firm f

M3 P : maximum capacity on segment i for firm f

ry: amount of the other commodity purchased by f, per unit of f

capacity

g°%~, e?*: parameters for existing capacities of gas and electricity

q8,q°: variables for demands for gas and electricity

pé, p°: variables for prices for gas and electricity

a8, b8, b8¢: parameters of inverse demand function for gas, all > 0
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a®, b, b°8: parameters of inverse demand function for electricity,
all >0

u8,u’: binary variables used to enforce complementarity in demand
submodel

M: large positive parameter used for complementarity in demand
submodel

Note that the total capacity, if segment i is selected, is m* Tha x5 i and
that the upper bound on x%, , is (M3 , —m] y ). Furthermore, if no segment
is selected for firm f, then’ the capac1ty of firm f is zero.

In the following model of the reaction to prices by firm f (a
particular form of the general price-taker model (1a)—(1c)), the symbol
p is for the price of the commodity produced by f, and p’ is for the price
of the other commodity which could be purchased by f as an input —
e.g., if f produces electricity, then p = p¢ and p’ = p®.

(max Z{(p—c = xp g my p—dp—dy = rem )y
AL W i
(18a)
s.t. xf'[—(M;,i—me,i)yf‘,-SO Vi [ag,l, (18b)
Dy —1<0 gl (18¢c)
i
x;; 20, y;,€{0,1} Vi (18d)

The firm model (18a)-(18d) has the property that, for any prices p,
p', the binary-relaxed model (a linear program) has an optimal solution
which satisfies the binary restrictions on y ;. The proof is simple' for
each segment i, evaluate the objective at x,; = M f,, vri =1
and choose the segment having the largest such value, i.e., the largest
profit V*, then an optimal solution is either (a) set y, .« = 1, X =
M} - and all other variables to zero if V;» > 0, or (b) set y i =0,
xp; =0 for all i if V= < 0. Therefore, the following NE model finds an
optimal solution to the MTOC model, according to Theorem 1.

A key feature of the model (18a)—(18d) is the constraint (18c) which
requires that at most one of the firm’s binary variables can equal 1.
This is crucial in the above proof that the binary-relaxed model has a
binary optimal solution. This feature often appears in energy planning
and capacity expansion models; see, e.g., [11] (section 10 on the lumpy
investment extension, where a new capacity variable equals one of
several preset sizes or zero), and Pirnia et al. [4] (where any new
facility can be built in at most one future year). Therefore, depending
on the rest of a firm model’s structure, it may be possible to prove that
the binary-relaxed firm model has a binary optimal solution, and thus
that the NE model provides an optimal solution to the MTOC model.

In the model below, the constraints (19g)—(191) enforce complemen-
tarity relations on demands, prices and inverse demand expressions:
they require that a commodity’s price be given by a linear inverse
demand function of demands, except when demand is zero, when the
price may exceed the linear inverse demand function. For example,
if the binary variable u8 = 0, then (19g) and (19h) imply that p¢ =
a8 —b88q8 —b8q°; but if u8 = 1 then constraint (19h) has no effect, (19g)
says that p& > a8 — b88¢q8 — b%¢¢°, and (19k) together with nonnegativity
of ¢¢ require that ¢¢ = 0.

In the following NE model, the binary variables are y,;,us,u¢ and
the continuous variables are X745, 4505 0% 0y Br i by for the sake

of brevity, this set of variables is called ¢.

min ;(C;Jx/«'+(df+d},z)y/<l+ﬁ/.t+¢f) (19a)
—(q® — g™ )(a® — b*8q® — b%q°) — (¢° — e )(a® — b*q° — b*q®) (19b)
st oxp; = (M}, —m, )y,<0 VS, (19¢)
Ny-1<0 v, (19d)
Z my e+ X85 = z re(my v+ xp) =gt = (19e)

fE€G.i fEE.i
Z My Yo+ X+ e — Z rem v+ xp ) =g =0, (19f)

fEE,i feG.ii
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a* - b¥gE — b¥gt — pf <0, (19g)
at — b¥EgE — bEg° — pf + Muf >0, (19h)
o - g — b — <, (190)
@ = bq° — bEgE — p° + Mu® > 0, (19)
q¢ - M(1-u®) <0, (19k)
¢ - M1 —u) <0, (19D
¢ Hr =P e, 20 VFEGYi, (19m)
S I =Py, 20 VfEEVY (19n)
dp+dy, +rpmy p° —m pf — (M}, —m} Jag, + B +¢, 20 VfeGq,Vi
(190)
dp+d5, +rpm pf—m pf = (M3, —m day + B, +d, 20 V[ €EVi,
(19p)
X, G55 by 20 (199)
ypub uf € 10,1) (19r)

The approximate social welfare maximization at each step of the
PIES algorithm (15a)-(15c) is as follows:

max (a® — —bggq — b%G°)q® + (a° — —b"" ¢ — b°8g8)q° (20a)
XpiYf,i-48.4° 2 2
= D X+l +d5 vy ) (20b)
1
stoxp = (M5, —m} )y, <0 Vf.i (20¢)
Zy/-’,-—lso vf (20d)
i
z qu,-)’f,i +xpit g — 2 rf(m},iyf%,- +x7)— ¢ =0
feqG.i fEEi
(20e)
z m}’iyf,i +xp; e = 2 rf(mj,,iyf’,. +xr)—q°=0
fEE,i feqG.i
(20f)
q,¢°20, x;,20, y,, €{0,1} Vf,i (20g)

where §°¢, ¢ are the demand quantities from the solution of the previ-
ous iteration, or from the first guess at the first iteration.

4. Computational results

In the illustrations below, we assume that there are two gas firms
and two electricity firms that can provide new capacity, and that the
electricity firm number 2 needs to purchase gas as an input (its 7, > 0),
while electricity firm number 1 produces electricity without gas (its
rp = 0), and neither gas firm uses electricity (rf = 0). Data for
the piece-wise linear variable cost functions are derived from smooth
linear-quadratic functions. We start with lower and upper bounds &,
K on capacity z, and a variable cost function Vizp)=vszp+ %5f z?.
Then we define a number N of straight line segments, to approximate
the variable cost function, on the interval [k, K ], such that each
segment’s end points lie on the graph of V,(z;). For segment i, i =
I,..., N, the minimum production is m*, . = = ks + (i — 1)Ky —kg)/N,
the maximum production is M } =m’ y ¥ (K s —k)/N, the slope of the
segment is ¢*. . = (Vf(MS ) - Vf(mf’))/(M fl), and the value of
the variable cost at the lower endpoint is d* i = =V,m? ).

We first discuss four cases for which PIES converges, labelled cases
A, B, C and D, followed by a discussion of a case where PIES fails to
converge. The data for the base case, Case A, are in Table 1, where all
6, <0,s0 that V;(z;) is concave, indicating economies of scale, another
source of nonconvexity in addition to the binary variables. Data for the
three other PIES-convergent cases are described in Table 2 in terms of
differences from Table 1. Note that for all four cases, the diagonally
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Table 1
Data for the base-case: Case A.

Data for firms f

Gas Electric Gas Electric
1 2 1 2 1 2 1 2
K,= 400 310 250 200 y;= 13 15 50 3
ky= 250 80 200 60 o= -.02 -.01 —.003 —.001
d;= 2600 1000 1100 250 = 5 5 5 5
Other supply data
g%= 50 e*= 20 Fep= 1.5
Inverse demand data
at= 40 bs= .06 b= .002
a‘= 90 b= .003 b*= .086
Table 2
Data for Cases B, C, D as changes from Case A.
Case B 58 = |5}‘|, for convex V,(z,)
Case C 6, =0, N=1, a® =45, a* =100
Case D 6P = |841, N =1, a* =45, a* = 100, g =210, ¢ =220
Table 3
Some aggregate results for the base-case A.
SW NE
Gas Electric Gas Electric
Price p&, p° 12.1 49.3 16.7 52.8
Demand ¢#, ¢° 449.2 457.6 374.7 420.0
Profit 1450 4330
Opportunity cost 3940 858
Make whole payment 3940 858
Profit + Make Whole 5390 5188
ACS 3392
A(CS - Make Whole) 310
A Social Welfare 215
AProfit —2880
A(Profit + Make Whole) 202
(4 indicates a difference in the SW-NE sense.)
Table 4
Firm-specific results for base-case A.
Sw NE
Gas Elec. Gas Elec.
Firm 1 2 1 2 1 2 1 2
Capacity 400 299.2 237.6 200 400 224.7 200 200
Profit —-1348 -1409 -1183 5390 470 -370 —-489 4718
Opportunity cost 1348 1409 1183 0 0 370 489 0

dominant values of the »* parameters of inverse demand ensure two
properties: (i) the PIES convergence criteria for convex models are
satisfied; and (ii) the term —p(q)q in the objective (6a) is convex.

All models were formulated in GAMS and solved with CPLEX.
Because the models are very small, the computation times were only
a few seconds.

4.1. Detailed results of base case A

The aggregate results for Case A are displayed in Table 3, and some
details of individual firms are in Table 4. Prices for gas and electricity
are higher in the NE solution than in the SW solution; NE demand
quantities are lower in the NE solution. The higher NE prices result in
smaller opportunity costs for the producers and therefore lower make
whole payments by the regulators compared to the SW solution. The
NE solution has the larger total profit across all firms, before the make
whole adjustment, but after the make whole payments are added to
profits, the SW solution has the larger total profit ($202 higher). The
opportunity costs for both models are entirely due to firms preferring
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Fig. 1. make whole payments from different scenarios.

zero profit (from building no new facilities) to negative profit; but note
that in some other cases, some opportunity costs arise due to positive
profits being less than the optimal response to prices.

On the consumer side, the results indicate a higher consumer surplus
for the SW model than the NE model ($3392 higher), before accounting
for the make whole payments. However, this difference in net consumer
surplus is reduced to $310 if the difference in make whole payment is
subtracted from the difference in consumer surplus, as it is assumed
that the consumers pay for the make whole payments.

Overall, in this case we observe that the difference in social welfare
favours the SW model, which is not surprising because PIES is oriented
to maximizing social welfare, albeit in an iterative fashion. After ac-
counting for the transfer of the make whole payments from consumers
to producers, both consumers and producers are better off with the SW
solution than the NE solution. However, the much larger make whole
payment in the SW solution could be a consideration in the choice
by government regulators between the two solutions — e.g., a large
subsidy at the time of construction might be criticized as corporate
welfare, while a much smaller subsidy could be more easily defended.

With the data in Table 1, a monopoly model was constructed,
as discussed in Remark 4 of Section 2.1. As suggested in Remark 4,
the monopoly solution was very different from the NE solution: the
monopoly prices were much higher, at 30.56 and 70.63 for gas and
electric; monopoly demands were much lower, at 150 and 220 for gas
and electric; social welfare was worse for the monopoly solution than
for the NE solution, by 2489, much more than the SW-NE social welfare
difference in Table 3; and the consumers’ surplus difference (in the NE-
monopoly sense), adjusted for make whole payments, was 8504, which
is much larger than the SW-NE difference of 310 in Table 3.

4.2. Comparison of SW and NE for Cases A, B, C and D

We further study the performance of the proposed NE model in
comparison to the SW model to explore its advantages and disadvan-
tages for various policy implications. Cases B, C and D are variations of
the base case A - the changes from Case A are shown in Table 2. The
comparisons are based on the results shown in Fig. 1 for make whole
payments, and Fig. 2, in which we compare the differences between
SW and NE (in the SW minus NE sense) with respect to:

» consumers surplus (CS)

+ consumers surplus minus make whole payments (CS-MW)
« social welfare (SW)

+ total profit

« total profit plus make whole payments (Profit+MW).

As shown in Fig. 1, in cases A, B and C, the amount of make whole
payment in the SW model is much higher than in the NE model (in case
C, make whole payments are zero in the NE solution). In these three
cases, the prices are lower in the SW solution than in the NE solution,
causing more negative profits and thus larger make whole payments.
This is understandable because the SW solution ignores fixed costs in
the determination of prices. If government regulators are particularly
sensitive to publicity about large make whole payments - e.g., if the
make whole payments come as subsidies from government — then the
regulators might have a strong preference for the NE solution in cases
A, B and especially C.

However, the comparison does not always go this way, as shown in
case D, where the SW solution has zero make whole payments but the
NE solution has a positive amount. This peculiarity arises because the
prices are higher in the SW solution than in the NE solution.

Next we turn to the SW-NE welfare differences in Fig. 2. In cases
A, B and C, the consumers surplus criterion favours the SW solution
by a large amount before accounting for differences in make whole
payments, but by a smaller amount after the make whole adjustment
(much smaller for cases A and B). However, the large negative con-
sumers surplus difference in case D indicates a strong preference for
the NE solution by this criterion, although the preference is reduced a
little when the make whole payments in the NE solution are considered.

The total profit difference, before the make whole adjustment,
suggests a preference by producers for the NE solution in cases A, B and
C, but instead a strong preference for the SW solution in case D. When
profit is adjusted to account for make whole payments, the SW solution
is preferred in all four cases, on this producer oriented criterion.

The SW-NE total social welfare difference favours SW in all four
cases, but it is conceivable that government regulators could neverthe-
less prefer the NE solution because of the large make whole payments
in cases A, B and C, or because the case D NE solution is much better
for consumers in spite of the need for some make whole payments.

4.3. PIES fails to converge

The only data differences in this case, compared with case A in
Table 1, are in the two cross-commodity demand function parameters
b8, b°8, which are increased by a factor of 10 to »%¢ = .02, b8 =
.03, thus enhancing the effect in the PIES algorithm of the previous
iteration’s other commodity on the inverse demand. Note that the PIES
convergence criteria, and convexity of —p(q)q are still satisfied.
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Fig. 2. Differences between SW and NE results (SW-NE) for CS, CS-MW, SW, Total profit, and Profit+MW.
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Fig. 3. Two alternating positions of partial inverse demands.

In successive iterations, the PIES solutions alternate between se-
lecting one gas firm and one electric firm, followed by two gas firms
and two electric firms. The gas and electric demands alternate between
low and high amounts in successive iterations. Fig. 3 shows how this
demand alternation causes the position of each commodity’s approxi-
mate inverse demand (with the other commodity’s amount fixed at the
previous iteration’s value) to shift from one iteration to the next. In
Fig. 3, the middle dot of each inverse demand line shows the quantity
and price at that iteration of PIES; it can be seen that the demands and
prices are very different on successive iterations.

5. Summary and directions for future research

Government regulation and approval of large capacity expansion
projects requires careful economic analysis, which can include long
term market equilibrium models such as energy planning models that
maximize social welfare either as one-shot optimization models, or
possibly by sequential optimization in the case of multicommodity
models with substitution in demands. However, the large size of such
projects naturally leads to models with binary variables, but this causes
two problems: prices are not guaranteed to provide correct incentives
to producers to choose new capacities that maximize social welfare,

i.e., producers would see opportunity costs; and the sequential opti-
mization algorithm for multicommodity models can fail to converge.
The most glaring example of incorrect producer incentives is negative
profit, which requires make whole payments to be paid to producers
and charged to consumers, if producers are to accept the solution.

In this paper, we propose a general near equilibrium (NE) model,
which tends to minimize opportunity costs (and for some models, it
exactly minimizes opportunity costs) as a solution concept for single-
or multicommodity market models. We do not propose to replace the
social welfare oriented analysis; instead, we suggest that the NE model
solution could supplement the solution from a social welfare (SW)
maximization model.

Using a simple, one period illustrative model of capacity expansion
in gas and electricity markets, with substitution in demand, we compare
the NE model to the SW model, using the PIES algorithm which maxi-
mizes social welfare in an iterative sequence. Solutions for five different
data sets confirm, as expected, that the NE solutions have smaller
opportunity costs, and the SW solutions have larger social welfare. Of
more interest is the failure of the PIES algorithm to converge for one
of the data sets; in practice, this would mean that the NE solution is
the only solution available. The other four data sets show differences
in make whole payments, consumer surplus (before and after adjusting
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for make whole payments by consumers), and in profits (before and
after make whole payments to producers).

We suggest that government regulators might prefer an NE solution
if it leads to smaller make whole payments (i.e., smaller subsidies), or
to larger consumer surplus, even at the expense of a small loss in social
welfare. Thus, the addition of the NE model to the analyst’s toolkit
could be useful.

Future research could include the examination of multiperiod NE
versions of energy planning models. One important question is whether
the NE model exactly minimizes opportunity costs, i.e., whether the
price-taker submodel has the desirable property in Theorem 1 (for any
price vector p, the binary-relaxed PT model has a binary solution).

For price-taker models that do not have this desirable property, an-
other line of research could be to explore alternative relaxations of the
price-taker problem (1a)-(1c) (e.g., convex hull approximations) in the
derivation of the NE model. In [17], outer and inner approximations of
the convex hulls of players in a Nash game are constructed iteratively;
these ideas may be useful for improving the NE approximation. Recent
research by Harwood et al. [18] presents an entirely different approach
to deal with such PT models: the authors devised a convergent algo-
rithm using a global optimization and semi-infinite approach to solve
the MTOC model directly as a bilevel program. The authors tested it
on a small example from [1] that lacked the desirable PT property,
and found an optimal solution to the MTOC model, different from the
MC solution. Future research could examine the performance of the
algorithm of Harwood et al. [18], and could possibly consider the NE
approximate solution to the MTOC model as an advanced starting point
for the algorithm.
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Appendix. VNE = 0 implies NE solution is SW solution

In this appendix, we show that a zero optimal value for the NE
model implies that the NE solution is also a solution to the SW model.
The proof uses the original derivation of the NE model based on the
minimum complementarity (MC) model employed by Fuller and Celebi
[11, so we begin by explaining this.

Starting from the binary-relaxed price-taker problem (3a)—(3d), we
derive a mixed complementarity problem (MCP) model of market
equilibrium [5], which is composed of the KKT conditions of the binary-
relaxed price-taker models, together with a constraint that ensures that
net supplies equal demands, and replace the price vector p with the
vector-valued inverse demand function p(q):
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Binary-Relaxed Mixed Complementarity Problem’ (BRMCP):

0<b;—E;x;—=Dsy, L a;20 Vf (21a)
0<l-y, L p;20 Vf (21b)
OScf—AYf-p(q)+E;af L x;>0 Vf (21¢)
0<d;—F/pl@)+Djay+f; L y; 20 Vf (21d)
g’ (21e)

= q- D (Apxs+ Fryp)
7

In each of (21a)-(21d), we refer to the inner product of the vector
on the left and on the right as the complementarity. Note that the sum
of all of the complementarities in BRMCP is equal to zero; but if the
y; are restricted to be binary (as in the next step), then the sum
of complementarities could be greater than zero for all values of the
variables.

The final step in the derivation of the MC model is to restore the
binary restriction on the y, variables, and formulate a mixed integer
nonlinear program which minimizes the sum of the complementarities
in BRMCP, subject to all of the constraints of BRMCP (except for 0 <
1 -y, and y; > 0, which are replaced by y, € {0,1}%"07). The MC
objective, to be minimized, is

Dby —Epxy=Dpypap+ 1=y By
7

+(cp—ALp(@) + Efap) x; +(dp = Ffplg)+ Diay + )" v, (22)

The MC objective is simplified by noting that there are several can-
cellations. For example, the first term in the summand of (22) includes
the term —x” ETa, but this term is cancelled by the term +al E x,
from the third term of (22). As in the derivation of the NE model in
Section 2.1, we can replace the term — Zf(pT(q)Afxf +pT(@)F;y;) by
—-pT(q)(g — ¢/™), resulting in an MC model which is precisely the same
as the NE model (6a)-(6f) of Section 2.1.

Therefore, if the NE model has a zero optimal value, VV£ = 0,
then the sum of complementarities (22) is zero, which implies that the
BRMCP model has a solution with binary values for the y, variables.

Now consider the KKT conditions of the binary-relaxed SW model.
The PIES form (15a)-(15c), with § = g¢*, is general enough to in-
clude both the symmetric and asymmetric inverse demand cases. It is
straightforward to check that the KKT conditions of the binary-relaxed
PIES model are precisely the BRMCP model (21a)—(21e). Therefore,
if the KKT conditions of the binary-relaxed PIES model are sufficient
to specify an optimal solution to the binary-relaxed PIES model, then
VNE = ( implies that the solution of NE solves the binary-relaxed PIES
model with binary values for the Vr variables, i.e., the NE solution
solves the PIES model. Because the PIES model includes both the
symmetric and asymmetric inverse demand cases, we can say that
V' NE = 0 implies that the solution of NE solves the SW model, provided
that the KKT conditions of the binary-relaxed PIES model are sufficient
for an optimal solution.

For sufficiency of the KKT conditions, we note that all constraints
of the PIES model are linear, satisfying a constraint qualification, and
we assume convexity of the approximate consumer benefit functions B ;
with respect to ¢;. Convexity should be an uncontroversial assumption:
e.g., if q; is a single variable in (15a), then the second derivative of
1§j(qj;zj_ ;) with respect to g; is negative as it is the rate of change of
pi(@ with respect to q;-

The discussion above proves the following theorem.

Theorem 2. Assume that B (g3 4_;) is concave with respect to g;. If the

optimal objective value of NE equals zero, then any solution of NE also
solves the PIES model.

7 The symbol L means (vector on the left)” (vector on the right) = 0.
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