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Psychological dynamics of unit-linked insurance product
decision-making: a cognitive model

Chia-Chun Tsai�, Li-Yu Chen�, Chen-Wei Huang, Peng-Yu Zeng and Su-Ling Yeh

Department of Psychology, National Taiwan University, Taipei City, Taiwan

ABSTRACT
Investment and insurance constitute pivotal subjects in financial management, espe-
cially in an era characterized by inflation. Unit-Linked Insurance Plans (ULIPs), with a
unique combination of investment risks and insurance protection, potentially trigger
distinct psychological processes that have been inadequately explored. To bridge this
gap, the current research aims to develop a cognitive model for decision-making in
purchasing ULIPs. Utilizing structural equation modeling, our research manipulated
information related to ULIP products (performance and dividends) while measuring
participants’ perceptions, cognitive assessments, emotional states, and investment will-
ingness concerning the products (bottom-up pathway), along with their traits such as
risk tolerance (top-down pathway). Our results indicated that perceived performance
and dividends affect cognitive assessment and positive emotions within the bottom-
up pathway, thereby enhancing the willingness to invest in ULIPs. Conversely, risk tol-
erance negatively affects perceptions, evaluations, and emotions associated with ULIPs
in the top-down pathway. Understanding the perception of product characteristics
and individuals’ risk tolerance plays a crucial role in shaping financial decisions. These
findings have significant implications for the ULIP decision-making processes.

IMPACT STATEMENT
In an era of financial complexity, this research develops a cognitive model that illumi-
nates the psychological mechanisms underlying Unit-Linked Insurance Plan (ULIP)
investment decisions. Findings reveal that perceived performance and dividends posi-
tively influence cognitive assessments and emotions, enhancing investment willing-
ness, while individual risk tolerance negatively modulates product perceptions,
evaluations, and emotions. This nuanced framework provides insurance companies
with empirically grounded strategies for understanding investor behavior, ultimately
advancing the personalization of financial product development and marketing
approaches.
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Introduction

In response to addressing individuals’ investment needs amid inflationary pressures, research has pre-
dominately focused on financial products (Biddle & Gray, 2023), particularly stocks and mutual funds.
However, a conspicuous lack of attention is given to newly introduced financial instruments (Nofsinger,
2017). A noteworthy example is the Unit-Linked Insurance Plan (ULIP), a financial product combining
both insurance and investment components into a single integrated plan. This unique blending may
evoke distinct psychological processes associated with both investment and insurance, a dimension not
thoroughly explored in current research.
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The global popularity of ULIPs has substantially increased since its debut in the Netherlands in 1956.
In Taiwan, ULIP was first introduced in 2001 and has consistently experienced a rise in its first-year pre-
mium since 2008 (see Annual Report of Life Insurance Association of R.O.C. in 2008). This indicates a
growing acceptance of ULIPs in the financial landscape in Taiwan. In the post-pandemic era, consumers
are more aware and demand for life insurance protection. Within all kinds of life insurance, variable uni-
versal life insurance (one form of ULIPs) premiums skyrocketed by 65% in the U.S. in the fourth quarter
of 2021 (Festa, 2022), demonstrating a growing need for ULIPs in the financial landscape.

Understanding customers’ perceptions and preferences regarding the product characteristics of ULIPs
is vital for insurance companies. As a hybrid product designed to meet preferences for both life insur-
ance and flexible investments, ULIPs’ relationship with investors’ risk tolerance can differ from traditional
financial products. This distinction highlights the importance of delving into the investment decision
process specific to ULIPs.

In light of this, our current research set out to develop a Cognitive Investment Decision-Making
Model (CIDMM) tailored to ULIPs. This model integrated both bottom-up considerations (product infor-
mation) and top-down factors (the individual trait of risk tolerance). This dual-pathway approach enabled
a holistic exploration of the intricate dynamics influencing investors’ choices in ULIPs.

Objective vs. perceived product information

The bottom-up approach commences with an examination of various aspects of a financial product,
with a focus on past performance and dividends. Despite the widely acknowledged principle that past
performance does not guarantee future results (Diacon & Hasseldine, 2007), investors heavily rely on the
historical performance of products like mutual funds (Kaur, 2018; Ramasamy & Yeung, 2003). Dividends
are another key factor that attracts investors; for example, mutual funds that increase dividends tend to
draw more investors, despite associated costs (Harris et al., 2015).

It is noteworthy that product satisfaction is more closely linked to the perception of the product than
its actual performance (Burton et al., 2003). This underscores the distinction between objective value,
derived from factual information about a product, and perceived value, which is influenced by subjective
factors such as consumer expectations (Snoj et al., 2004). Perceived performance is affected not only by
actual performance itself but also by comparison standards (Oliver, 1980). Expectation plays a pivotal
role as a reference point for consumers, against which they evaluate actual performance. Intriguingly, a
higher comparison or expectation standard has been suggested to be associated with lower perceived
performance (Tse & Wilton, 1988).

Human cognition involves bottom-up information processing that begins with perception, the initial
stage of sensing and interpreting external stimuli, followed by higher-order processes, including cogni-
tion and emotion (Fodor, 1983; Neisser, 2014; Zajonc, 1980). In the context of financial decisions, past
study has highlighted the substantial impact of consumer perceptions of product information on the
overall evaluation of products (Sweeney & Soutar, 2001; Zeithaml, 1988). This insight motivated our
empirical examination of how consumer perceptions play a pivotal role in the bottom-up pathway of
the ULIPs evaluation. It also prompted our investigation into the potential influence of product percep-
tions on shaping cognitive assessment, emotion, and subsequent investment willingness, forming a
hypothesis that we aimed to substantiate in the bottom-up pathway.

Cognitive assessment and emotion

In studies of judgment and decision-making, the prevalent approach involves modeling individuals who
make decisions by evaluating the choices’ consequences (Loewenstein et al., 2001). For instance, the
Expected Utility Theory (Von Neumann & Morgenstern, 1944) posits that decision-makers compare the
utility of each option and select the one with the highest expected utility. Importantly, perceived values,
rather than objective values, are considered inputs for computing expected utilities in the mind.
Consumers assess the value of financial products through perceived performance (Diacon & Hasseldine,
2007) and perceived cash dividends (Khan et al., 2018). Moreover, Hillenbrand et al. (2020) demonstrated
that positive evaluation of product characteristics led to investment behaviors. Therefore, we anticipate
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that higher perceived performance and cash dividends will result in increased cognitive assessment, sub-
sequently inducing a higher willingness for product investment.

In contrast, the Risk as Feelings Theory (Loewenstein et al., 2001) emphasizes the influence of emo-
tions in decision-making. Encountering products with favorable characteristics intuitively induces positive
emotions due to the profit potential, and vice versa. Contemplating which product to invest in, among
all available options, might evoke negative emotions, especially when characteristics are challenging to
discern (Luce et al., 1997). Decision-makers’ current emotions may impact their judgments independently
of cognitive assessment of the product (Loewenstein et al., 2001). Nonetheless, how positive and nega-
tive emotions distinctively influence financial decision-making remains unclear.

Previous studies have demonstrated varied results on the effects of emotion on risk-taking decisions.
The Mood Maintenance Hypothesis suggests that people tend to maintain positive emotions and avoid
negative emotions (Isen et al., 1988). The theory postulates that people induced with positive emotions
are less willing to take on a gamble, as the potential for losing money might undermine their happiness
(Lin et al., 2006). In contrast, Kuhnen and Knutson (2011) found that people induced with positive emo-
tions were more likely to take on a bet due to the disregard of new information that contradicted their
prior decisions or actions. Most studies discovered that negative emotions decreased the willingness to
take risks or invest because negative emotions signify a dangerous environment, making people more
cautious (e.g., Lindquist & Barrett, 2008; Yuen & Lee, 2003). However, negative emotions could heighten
the motivation to pursue opportunities for altering one’s present circumstances (Forgas, 2013; Lin et al.,
2006), potentially increasing the willingness to invest. The inconsistent research results stem from the
implementation of different experimental environments and financial products. Therefore, in the current
study, the hypothetical effects of positive and negative emotions on investment willingness were left
open-ended.

Risk tolerance trait

In contrast to the bottom-up pathway, which starts from the stimuli (the product), the top-down path-
way is based on individuals’ inner state or trait. In the context of investment, involving the risk of losing
money and the opportunity to earn a profit, one’s risk tolerance trait plays a critical role in financial deci-
sions. Risk tolerance is defined as ‘the maximum amount of uncertainty that someone is willing to
accept when making financial decisions’ (Grable, 2000). It is considered the primary driving force behind
investing behavior (Ramu, 2021).

Individuals’ levels of risk tolerance significantly affect their investment preferences and behaviors.
Those with high-risk tolerance are more inclined to invest in short-term goals, such as impulsive con-
sumption, while individuals with low-risk tolerance prefer pursuing long-term goals like saving for retire-
ment (Xiao, 2008). Previous studies primarily focus on the impact of risk tolerance on high-risk products
(Ameriks et al., 2020). Investors with higher risk tolerance perceive lower risk in high-risk products (such
as stocks or real securities), enabling them to invest more money in such products (Nguyen et al., 2019;
Pak & Mahmood, 2015) and show less interest in low-risk products (Corter & Chen, 2006).

This preference for high-risk products among high-risk-tolerant individuals can be explained by their
return expectations. Those with higher risk tolerance generally have higher profit expectations in the
financial market (Gibson et al., 2013; Snelbecker et al., 1990). Due to these expectations, they are likely
to perceive low-risk products with lower performance (Tse & Wilton, 1988). This would then lead to less
satisfaction with returns from low-risk products (Grable & Joo, 2004). Therefore, investors with higher
risk tolerance might display less interest in lower-risk products like ULIPs and perceive them as unable
to meet their return expectations. In our hypothetical model, we anticipate that higher risk tolerance
will lead to lower perceived values and assessment, which, in turn, decrease investment willingness.

Furthermore, risk tolerance is linked to emotional stability. Research indicates that emotionally stable
individuals are more risk-tolerant and likely to invest in riskier assets (Kuhnen et al., 2013; Mayfield et al.,
2008; Nicholson et al., 2005; Oehler et al., 2018; Rustichini et al., 2016). Therefore, individuals with higher
risk tolerance might exhibit less emotional response, both positive and negative, toward low-risk prod-
ucts like ULIPs.

COGENT ECONOMICS & FINANCE 3



In addition, previous studies have indicated positive correlations between risk tolerance and extraver-
sion, while negative correlations were observed with neuroticism, conscientiousness, and agreeableness
(Brooks & Williams, 2021; Pinjisakikool, 2018). Given the strong association between personality and risk
tolerance, it emerges as a relevant confounding factor that requires control. Therefore, we controlled
personality when examining the effect of risk tolerance.

Overview of the current research

This study aimed to unravel the investors’ decision-making process in ULIP by exploring the hypothetical
CIDMM (Figure 1), which encompasses both bottom-up and top-down pathways. Definitions of each vari-
able in the model are given in Table 1. To dissect the bottom-up investment process, we manipulated infor-
mation related to the performance and dividends of ULIPs and used questionnaires to assess how
participants perceived the performance and dividends and how changes in their perceptions of perform-
ance and dividends affected cognitive assessment and emotions, subsequently impacting investment will-
ingness. Concerning the influence of the top-down pathway on the investment process, we aimed to
understand how investors with different risk tolerance levels perceived ULIP performance and dividends.
Furthermore, we investigated the impact of risk tolerance on emotions and cognitive assessment, thereby
confirming the importance of the top-down pathway in the investment process.

Figure 1. Hypothetical CIDMM. The green arrows represent the hypothetical bottom-up pathway (H1), initiating from
Manipulated Performance and Manipulated Dividends and progressing through Perceived Performance, Perceived
Dividend, Cognitive Assessment, and Emotions, ultimately influencing Investment Willingness. The “þ” symbols indicate
positive effects, and the “-” symbols denote negative effects. Due to inconsistent findings on the impact of emotions in
prior studies, the hypothetical effects of positive and negative emotions are left neutral. Factors covered by the blue
background depict the hypothetical negative effects of the Risk Tolerance trait on Perceived Performance, Perceived
Dividend, Cognitive Assessment, and Emotions (H2). The gray two-way arrows indicate factors that covariate with each
other.

Table 1. Definitions of variables in the hypothetical CIDMM.
Variable Definition

Manipulated performance Performance related product information (high or low) that is presented
Manipulated dividend Dividend related product information (high or low) that is presented
Perceived performance Primary subjective interpretation toward the product’s performance
Perceived dividend Primary subjective interpretation toward the product’s dividend rate
Cognitive assessment Overall evaluation of the product’s expected utility
Positive emotion Delightful feelings toward the product
Negative emotion Unpleasant feelings toward the product
Investment willingness The likelihood or readiness of a consumer to invest in the product
Risk tolerance The maximum amount of uncertainty that someone is willing to accept when making financial decisions
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Hypotheses

H1. Bottom-up pathway of ULIPs investment

To comprehend the bottom-up mechanism steering individuals’ decisions to invest in ULIPs, we
examined how information about ULIPs influenced perceptions, cognitive assessment, emotions, and
investment willingness. Specifically, we tested whether the performance and dividend rate of ULIPs had
a positive effect on an individual’s perceived performance and dividend rates, respectively. Moreover, we
investigated whether perceived performance and dividend rates positively influenced cognitive assess-
ment and emotions, subsequently fostering investment willingness. Given the inconsistent findings on
the effect of emotions on investment willingness in previous studies, we maintained the hypothetical
effect as neither positive nor negative.

H2. Top-down pathway of ULIPs investment

The top-down mechanism illustrates how a higher-level individual tendency, risk tolerance, affects the
ULIPs’ investment process. We tested whether risk tolerance had a negative impact on individuals’ per-
ceptions of ULIPs’ performance and dividend rates, cognitive assessment, and emotions. In other words,
individuals with lower risk tolerance were expected to perceive higher performance and dividend rates
and exhibit higher cognitive assessment and more emotions than those with higher risk tolerance.

Method

To examine the hypothetical model, we sought to examine how manipulations of performance and divi-
dends affect the individuals’ perceptions. Specifically, we explored the impact of different dividend rates
and product performance on participants’ perceptions, emotions, and investment willingness. In add-
ition, we investigated the role of risk tolerance in influencing these variables while controlling for per-
sonality traits as a potential confounding factor.

Ethics approval

Our research was approved by the Research Ethics Committee at National Taiwan University (NTU-
REC-202011HS011). Informed consent was obtained on the first page of the online questionnaire before
the participants started the experiment. Participants could express their agreement with the consent
form by checking the “agree” option.

Participants

Participants in this study consisted of individuals with previous ULIP purchasing experience from an
insurance company. All participants signed the consent form by checking the “agree” option before
starting the online questionnaire. A total of 736 questionnaire responses were collected, with 8 partici-
pants providing duplicate responses. After excluding the second set of responses from these partici-
pants, the dataset comprised data from 728 participants, including 266 males and 462 females. The
average age of participants was 44.1 years (SD ¼ 11.5 years old). Those who completed the question-
naires had the opportunity to receive a 150 NTD coffee coupon as a reward, with 50 spots available.

Experimental design

The present study adopted a 2 (product dividend rate: low or high) � 2 (product performance: low or
high) between-subjects design. Participants were randomly assigned to one of the four conditions. In
each condition, participants were presented with a leaflet of a unit-link product in which both the divi-
dend rate and performance were manipulated (Figure 2).

COGENT ECONOMICS & FINANCE 5



Materials and measures

Four distinct leaflets (Figure 2) were designed to examine the effect of product information—the ULIP
performance and dividend rates—on investment willingness. There were two levels of dividends, accord-
ing to the experts’ advice, the annual dividend rate was set at 5% for the high-level dividends and 3.8%
for the low-level dividends. The performance of the fund was presented as the internal rate of return
(IRR) at several time points. The percentages of the IRR referred to the performance of funds linked to
the ULIPs of a large-scale insurance company in Taiwan and were confirmed by the experts. Participants
viewed one of the four leaflets and responded to questions in the questionnaire (see Appendix A).

Perceived performance
Participants’ perceived performance was measured with one item, “The performance of this unit-linked
insurance is good.” Participants responded to the question on a 6-point Likert scale (1 as strongly dis-
agree; 6 as strongly agree).

Figure 2. Partially translated leaflets of the unit-linked product. All information in the leaflets was originally presented
in Chinese in the questionnaires and is translated here, except for the simulated ULIP names in the upper part of the
leaflet. The simulated names remain untranslated as they were constant across all conditions and not a primary
manipulation. Performance levels are depicted as high in the upper images and low in the lower images. Dividend rates
are high in the left images and low in the right images.
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Perceived dividend
Participants’ perceived dividend rate was measured with one item, “The dividend of this unit-linked
insurance is good.” Participants responded to the question on a 6-point Likert scale (1 as strongly dis-
agree; 6 as strongly agree).

Cognitive assessment
Five items for the cognitive assessment were modified from Perceptual Risk Factor measurements
(Chang, 2013) and the Personal Involvement Inventory scale (Zaichkowsky, 1994). Example questions
included “Buying this unit-linked insurance is meaningful for me” and “This unit-linked insurance is rele-
vant to me.” All items were rated on a 6-point Likert scale, ranging from 1 (strongly disagree) to 6
(strongly agree). The internal consistency of the measure, as assessed by Cronbach’s alpha, was found to
be .938.

Emotion
Participants were asked to indicate how they felt about the unit-linked insurance. Based on the results
of factor analysis in a pilot study, we selected six items from the Positive and Negative Affect Schedule
(PANAS, Watson et al., 1988). Examples of positive emotion items included “excited,” while examples of
negative emotion items included “nervous”. All responses were recorded on 5-point Likert scale, ranging
from 1 (Not at all) to 5 (Extremely), following Watson et al. (1988). The internal consistency, as indicated
by Cronbach’s alpha, was .934 for positive emotion and .838 for negative emotion.

Risk tolerance
To assess participants’ risk tolerance, six items were employed from the Risk Tolerance Measure devel-
oped by Grable and Joo (2004). An example item included the statement “In terms of investing, safety is
more important than returns.” Responses for all items were recorded on a 6-point Likert scale, with 1
indicating strongly disagree and 6 indicating strongly agree. The internal consistency, as measured by
Cronbach’s alpha, was found to be .768.

Investment willingness
Three items were revised from Zeithaml (1988) and Dodds et al. (1991) to measure participants’ invest-
ment willingness of the unit-link product, including sample questions such as "I am willing to buy this
unit-linked insurance." and "I will choose this unit-linked insurance as my first choice when I need unit-
linked insurance in the future." Responses for all items were recorded on a 6-point Likert scale, with 1
indicating strongly disagree and 6 indicating strongly agree. The internal consistency, as measured by
Cronbach’s alpha, was found to be .884.

Personality
Considering the potential effects of personality on risk tolerance and investment willingness, personality
was included as a covariate. The Ten Item Personality Inventory (TIPI, Gosling et al., 2003) was adopted
to measure the Big Five personality dimensions. Sample items included "extraverted, enthusiastic” for
extraversion and “anxious, easily unsettled” for neuroticism. Responses for all items were recorded on a
6-point Likert scale, with 1 indicating strongly disagree and 6 indicating strongly agree. The correlation
coefficients between the two items in each dimension indicated the internal consistency for each Big
Five personality dimension. Details are provided in Appendix B.

Demographic variables
Considering the potential effects of demographic variables on the model, demographic variables, such
as age, gender, education level, household income, and profession, were included as covariates. Age
was asked with a short-answer question, while others were asked with multiple-choice questions. Details
are provided in Appendix A.
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Procedure

The experiment was conducted on Qualtrics, an online survey platform. After completing the informed
consent, participants filled out the questionnaires on demographic information and measures of risk-
tolerance tendencies. They were then asked to read the leaflet of one unit-linked product, which con-
tained information on the product performance and dividend rates. They reported their perception and
cognitive assessment of the product, the emotions they felt then, and their willingness to invest. Lastly,
qualitative questions were asked to investigate the participants’ thoughts about the product presented
in the leaflet.

Analysis

Participant data were anonymized prior to analysis to maintain confidentiality. The present study investi-
gated the hypothesized model using structural equation modeling (SEM). SEM was conducted using
SPSS 26 and Amos 23. The model was estimated with maximum likelihood (ML) estimation.

Results

The model fit indexes of the CIDMM are satisfactory (Hu & Bentler, 1999; Kline, 2005; MacCallum &
Hong, 1997), indicating a good fit to the data: v2(24) ¼ 27.595, p ¼ .277, GFI ¼ .995, AGFI ¼ .977,
RMSEA ¼ .014. Descriptive statistics and a correlation matrix of the variables can be found in
Appendix C.

First, we examined the bottom-up mechanism that underlies customers’ decision to invest in ULIPs—
specifically, how the information about ULIPs affected customer’s perception, cognitive assessment, emo-
tion, and investment willingness. The model with standardized parameter estimates is shown in Figure 3.
For additional details on standardized parameter estimates, please refer to Appendix D.

Results showed that the manipulated performance positively affected the perceived performance,
which then enhanced one’s positive emotion and cognitive assessment of the product. The manipulated
dividend rate also positively affected the perceived dividend rate, which enhanced one’s positive emo-
tions and cognitive assessment of the product. Both cognitive assessment and positive emotion
increased participants’ willingness to invest. On the other hand, negative emotions were not affected by

Figure 3. Path analysis results of the CIDMM. The one-way arrow with a solid triangle represents the effect from one
factor to another, while the two-way arrow with outlined triangles indicates factors that covariate with each other. The
arrows with solid lines designate a significant effect, while the ones with dotted lines imply a null effect. The small
gray arrows on the right corner of the factors serve as the residuals of the factors. �p <.05. ��p <.01., ���p <.001.
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participants’ perceived performance or perceived dividend rate and did not affect their willingness to
invest.

We conducted a serial mediation analysis to examine the mechanism of the manipulated product per-
formance on customers’ investment willingness. Two paths demonstrated significant indirect effects
from manipulated performance to investment willingness. Specifically, manipulated performance
enhanced perceived performance, subsequently heightening both cognitive assessment and positive
emotion, ultimately resulting in increased investment willingness. Both indirect effects through cognitive
assessment and positive emotion were significant (estimate ¼ .037, SE ¼ .009, p <.001, 95% CI ¼ [.022,
.058] for cognitive assessment; estimate ¼ .009, SE ¼ .003, p ¼ .001, 95% CI ¼ [.003, .016] for positive
emotion).

We then conducted another serial mediation analysis to examine the mechanism of the manipulated
product dividend rate on customers’ investment willingness. Results revealed that the manipulated divi-
dend rate enhanced the perceived dividend rate of the product. This, in turn, increased the customer’s
cognitive assessment and positive emotion, ultimately enhancing investment willingness. Both indirect
effects through cognitive assessment and positive emotion were significant (estimate ¼ .019, SE ¼ .007,
p < .001, 95% CI ¼ [.008, .035] for cognitive assessment; estimate ¼ .003, SE ¼ .001, p ¼ .001, 95% CI ¼
[.001, .006] for positive emotion).

Second, we explored the top-down mechanism of the ULIPs investment process. Specifically, we
tested whether risk tolerance negatively affects customer’s perception of ULIPs’ performance and divi-
dend rate, cognitive assessment, and emotions. Results showed that people with higher risk tolerance
perceived the product as providing fewer dividends and had a lower cognitive assessment of the prod-
uct, while the influence of risk tolerance on perceived performance was negligible. Moreover, risk toler-
ance had a negative effect on one’s emotions; the higher the risk tolerance was, the fewer positive and
negative emotions one experienced.

Then, we further examined the indirect effect of risk tolerance on investment willingness. Results
showed that customers’ risk tolerance reduced investment willingness by reducing their perceived divi-
dend rate of the product. Specifically, higher risk tolerance decreased the perceived dividend rate, which in
turn decreased cognitive assessment and positive emotion, resulting in decreased investment willingness.
Both indirect effects through cognitive assessment and positive emotion were significant
(estimate¼−.045, SE ¼ .013, p < .001, 95% CI ¼ [−.076, −.024] for cognitive assessment; estimate¼−.006,
SE ¼ .003, p ¼ .001, 95% CI ¼ [−.014, −.002] for positive emotion). In addition, higher risk tolerance showed
no indirect effect on investment willingness through perceived performance. For additional details on the
serial mediation analysis, please refer to Appendix E.

General discussion

The primary objective of our research was to develop the CIDMM to illuminate the intricacies of invest-
ment behavior associated with Unit Linked Insurance Plans (ULIPs). Our exploration encompassed both
the bottom-up and top-down pathways to establish a comprehensive understanding of the ULIP invest-
ment process, with a focus on perceived performance, dividends, emotional dynamics, and risk toler-
ance. By integrating both bottom-up and top-down pathways to explain the complex dynamics of
investment decision-making in ULIPs, our research advances the theoretical understanding of how prod-
uct characteristics and individual traits collectively influence investment behavior.

Bottom-up pathway: perceived performance and dividends

Our findings underscored the reliability of the bottom-up pathway as a significant determinant of the
ULIPs investment decision-making process, emphasizing the impact of perceived performance and divi-
dends on the decision-making process. By manipulating ULIP performance and dividends, we observed
a positive impact on perceived performance and dividends. Higher perceived performance and divi-
dends, in turn, heightened cognitive assessment and positive emotions. The cascading effect of
improved cognitive assessment and positive emotions was an increased willingness to invest in ULIPs.
Serial mediation analysis further confirmed that enhancements in ULIP performance or dividends
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positively affected perceived performance and dividends, which led to an augmentation in cognitive
assessment and positive emotions, and ultimately fostered a stronger inclination toward investment.

Our findings highlighted individuals’ emphasis on performance and dividends, aligning with previous
studies (Harris et al., 2015; Kaur, 2018; Ramasamy & Yeung, 2003) on investment products when making
investment decisions. Specifically, perceived performance and dividends of ULIPs were found to signifi-
cantly influence investment decisions, aligning with assertion of Burton et al. (2003) that perceived per-
formance of the product strongly correlates with satisfaction. As indicated by Chien (2008) and Khan
et al. (2018), perceived product information contributed to product evaluation, subsequently predicting
investment willingness (Hillenbrand et al., 2020).

Emotional dynamics in decision-making

Furthermore, our research explored the role of emotions in ULIP investment decisions, differentiating
positive and negative emotional influences. As noted by Loewenstein et al. (2001), a decision maker’s
current emotions could significantly influence their judgments. Our study showed that positive emotions
increase participants’ willingness to invest. This finding aligns with Kuhnen and Knutson (2011) findings
of positive emotions’ positively affecting action-taking. The Affect Infusion Model (AIM, Forgas, 1995) pro-
vided a theoretical framework, suggesting that positive affect enhances attention toward positive infor-
mation, leading to better learning and interpretation of such information, more favorable interpretations
of ambiguous information, and improved recall of positive aspects later on. Participants in positive emo-
tional states focused, learned, interpreted, or remembered the positive features of ULIPs, leading to a
heightened willingness to invest.

Interestingly, our results showed that negative emotions had no significant influence on investment
willingness. These results were different from past findings of both the negative (Lindquist & Barrett,
2008; Yuen & Lee, 2003) and positive (Forgas, 2013; Isen et al., 1988; Lin et al., 2006) effects of negative
emotion on investment willingness. Our results could be a combination of both negative and positive
effects, in which participants experiencing negative effects not only paid attention to the negative
aspects of ULIPs but also saw investment decisions as a possible opportunity to change their current
negative situations. The positive and negative effects may cancel out each other, leading to the null
effect.

Top-down pathway: the role of risk tolerance

Beyond the bottom-up pathway, our research investigated the top-down pathway, revealing the nega-
tive influence of risk tolerance on perceptions, evaluations, and emotions in ULIP investments.
Specifically, the finding suggested that individuals with lower risk tolerance were predisposed to per-
ceive higher ULIP dividends, alongside exhibiting a more favorable cognitive assessment and emotional
response.

The effects of risk tolerance on perception and cognitive assessment could be explained from the
perspective of participants’ expectations of the product. Previous research indicated that individuals with
higher risk tolerance had higher expectations of making profits in the financial market (Gibson et al.,
2013; Snelbecker et al., 1990). Higher expectation was suggested to be linked to lower perceived per-
formance and lower satisfaction with the investment results (Grable & Joo, 2004; Tse & Wilton, 1988)
because of the gap between expectation and actual performance (Burton et al., 2003). Additionally, indi-
viduals with higher risk tolerance tended to invest in higher-risk products and were less interested in
low-risk options (Corter & Chen, 2006). ULIPs are relatively low-risk investment products with lower per-
formance and dividends, compared to other common investment products such as stocks and funds. As
a result, the ULIPs might not meet the expectations of people with higher risk tolerance, resulting in
lower perceived dividends, as well as lower cognitive assessment.

Risk tolerance showed a negative effect on perceived dividends, while no significant effect was
observed on perceived performance. This finding may be attributed to the explicit nature of stimuli
associated with performance and dividends. Notably, the difference in IRR between high and low per-
formance (e.g. 89.38 vs. 1.71% in the first year) was more prominent than the disparity between high
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and low dividends (5 vs. 3.8%). Participants could easily discern performance as either good or bad
based solely on performance information. In contrast, gauging the disparity in dividends solely from the
provided stimuli might prove more challenging. The assessment of dividends is thus susceptible to vari-
ous factors, including risk tolerance. In other words, perceived performance tends to be more stable
compared to perceived dividends, the latter of which may fluctuate based on individual traits such as
risk tolerance.

Additionally, the negative effect of risk tolerance on both positive and negative emotions aligned
with previous research in which emotionally stable individuals were more risk-tolerant and purchased
more risky assets (Kuhnen et al., 2013; Mayfield et al., 2008; Nicholson et al., 2005; Oehler et al., 2018;
Rustichini et al., 2016). Participants with higher risk tolerance might be more unflustered when facing
risky choices.

Implications

A contribution of our research lies in the development of a comprehensive model designed for ULIPs.
Historically, there has been a notable gap in the research landscape regarding the intricacies of the ULIP
investment process. ULIPs, being hybrid financial instruments combining insurance and investment com-
ponents, present a unique set of challenges and opportunities for both consumers and industry stake-
holders. Through our empirical investigation, we constructed a holistic framework that captures the
interplay of perceptions, cognitive assessment, emotions, and risk tolerance.

Our results revealed a stable relationship among perceptions, cognitive assessment, emotions, and
investment willingness in products combining insurance and investment characteristics. Beyond the
scope of ULIPs, our model extends insights that serve as a reference for decision-making process models
more broadly. Specifically, the importance of perceived information in the decision-making process
emerges as a key takeaway. Our research highlights that consumer perceptions significantly influence
their cognitive assessment and emotional responses, subsequently impacting their willingness to invest.
Decision-making process models, seeking to comprehend and predict consumer behavior, can draw
from our study to emphasize the critical role of perceived information in shaping choices. Whether in
the realm of financial products or beyond, understanding the centrality of perceived information
enriches decision-making process models, allowing for more targeted and effective strategies.

Moreover, insurance companies offering ULIPs can benefit from the insights from our research to
guide policy decisions based on changes in fund performance or dividend policies. Specifically, our
research highlights the interconnected dynamics of consumer perceptions, cognitive assessment, emo-
tions, and investment willingness. By understanding how these factors influence ULIP investment deci-
sions, insurance companies can make informed decisions regarding policy adjustments. For instance, in
periods of improved fund performance, companies may consider optimizing marketing strategies to cap-
italize on heightened positive perceptions and emotions among potential investors. Similarly, during
periods of dividend policy changes, companies can tailor communication strategies to address potential
concerns or capitalize on positive shifts in consumer sentiment.

Additionally, our results showed that participants with lower risk tolerance had a more positive
impact on their perception and cognitive assessment of ULIPs than those with higher risk tolerance.
These findings suggest that insurance companies and financial advisors should tailor their marketing
strategies to emphasize product characteristics such as performance and dividends when targeting indi-
viduals with lower risk tolerance. For individuals with higher risk tolerance, communications should focus
on the potential for growth, flexibility, and higher returns, which align with their investment preferences.
This top-down impact pathway on investment decision-making highlights the importance of considering
product-specific characteristics when assessing the influence of risk tolerance. Companies selling ULIPs
or other investment products should carefully evaluate how risk tolerance and other personality traits
on investment willingness, recognizing the potential variability of these traits across different products
and scenarios.

The CIDMM developed in this study can potentially extend beyond ULIPs and be applied to other
hybrid financial products, such as annuities or structured products. Its versatility allows researchers to
explore the impact of perceptions and individual traits across various financial domains. Furthermore,
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the model could be adapted to examine consumer behavior in the context of emerging financial tech-
nologies, such as robo-advisors or cryptocurrency investments, where emotions and risk tolerance play
critical roles in shaping decisions.

Limitations and future directions

While our research offers valuable insights, we acknowledge certain limitations. We assessed consumers’
willingness to purchase ULIPs through self-reported measures rather than evaluating actual investment
decisions or behaviors in real-world settings. Consequently, the translation of reported intentions into
actual behaviors remains uncertain. Future research could enhance this understanding by employing
behavioral measures, such as tracking the actual investment amounts in such products.

Furthermore, expanding the scope of future research to include various insurance and investment
products, such as funds and stocks, for comparative analysis would enrich our understanding of the
influence of risk tolerance on investment decisions. By comparing conservative products with those pre-
senting higher-risk investment options, researchers can investigate whether risk tolerance consistently
predicts investment inclination or if its impact varies based on product characteristics. For example,
assessing whether risk tolerance negatively predicts investment willingness in more conservative prod-
ucts while positively predicting it in higher-risk options could unveil valuable insights into the nuanced
relationship between risk tolerance and investment decisions across different insurance offerings. This
comparative approach would contribute to a more comprehensive model reflecting the diversity of
investor preferences within the insurance market.

While our research delved into the role of emotions in ULIP investment decisions, the current study
relied on measurements of emotions rather than experimental manipulations. Future studies could
experimentally manipulate emotional states to establish causal relationships between emotions and ULIP
investment willingness. For instance, inducing positive or negative emotions in participants before pre-
senting information about ULIPs could offer a more nuanced understanding of how emotions causally
influence investment decisions. Researchers could also experiment with techniques to emphasize the
positive aspects of ULIPs, aiming to evoke feelings associated with optimism and a bright financial
future. Conversely, an alternative approach could focus on highlighting the unpredictability of life and
the need for financial preparedness, intending to instill a sense of prudence and a proactive mindset
among participants. These approaches can enable researchers to uncover the causal relationship
between emotions and investment willingness and offer a more detailed insight into how emotional
dynamics shape decision-making in the context of ULIPs.

While our current study does not directly address the impact of regulatory disclosures on investment
performance and product characteristics, it is essential to acknowledge the significant role these disclosures
play in the financial industry. Regulatory frameworks, such as the Packaged Retail and Insurance-based
Investment Products (PRIIPs) regulation in the European Union, mandate comprehensive disclosures aimed
at enhancing transparency and protecting investors and insured parties. These requirements ensure that
investors have access to critical information regarding investment performance, risks, and product features,
thereby facilitating more informed decision-making. However, the introduction of extensive disclosures
may have nuanced effects on investor behavior and trust. On one hand, greater transparency can empower
investors by providing them with the necessary data to make well-informed choices, potentially increasing
their confidence in financial products. On the other hand, the complexity and volume of disclosed informa-
tion might overwhelm some investors, leading to increased skepticism or mistrust towards the products
being offered. This paradox underscores the need for a balanced approach in regulatory disclosures that
enhances clarity without causing information overload. Future research should delve into the intricate
dynamics between regulatory disclosures and investor perceptions, trust, and decision-making processes,
particularly in the context of ULIPs.

In addition, in assessing the willingness to purchase investment-linked insurance policies, this study
did not consider the taxation issue. Research by Cheng (2010) found that in Taiwan, when the overseas
investment income from ULIP exceeds 1 million New Taiwan Dollars, overseas income tax must be lev-
ied. The taxation of investment products can potentially influence an individual’s purchasing intentions
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(Hong et al., 2015). Therefore, future research could include the variable of tax differences across various
investment products and integrate this into the CIDMM associated with ULIP.

Robustness

Our research introduces the CIDMM for ULIPs. Beyond the Big Five personality traits, we systematically
controlled for various potential covariates such as age, gender, education, household income, and pro-
fession (See Appendix F for standardized parameter estimates and Appendix C for correlations between
demographic variables). Previous studies have established relationships between these demographic var-
iables and investment decisions. For example, older investors often demonstrate greater investment
knowledge but may exhibit poorer investment skills if they are less educated and have lower incomes
(Korniotis & Kumar, 2011). Additionally, older, low-income, and less educated investors tend to prefer
dividends (Dong et al., 2005). Our findings reveal that these demographic variables influence certain
dependent variables within our model. Specifically, older age is associated with increased cognitive
assessment and positive emotions, higher education levels are linked to increased perceived dividends
and decreased cognitive assessment, higher household income is associated with greater investment
willingness, and private company employees have higher cognitive assessment compared to military,
civil servants, and housewives. The consistency of our results across these controlled variables under-
scores the reliability of our findings. Consequently, our model can be applied to individuals with diverse
characteristics and social backgrounds, providing a solid foundation for further research and practical
applications in the field of ULIPs.

It is worth mentioning that, during this study’s recruitment period, significant events such as
Taiwanese political incidents or the Covid-19 pandemic could have impacted individuals’ moods, which
might affect their purchasing intentions of ULIPs. For instance, Edmans et al. (2007) noted that losses by
a country’s soccer team can trigger collective negative moods, leading to a significant decline in the
stock market. To validate whether the emotional results of this study are influenced by specific events,
future research could replicate this study at various points in time to determine if the findings are stable
across different time periods.

Conclusion

The ULIP decision-making process, as illustrated in CIDMM, was influenced by the perception of the
product information, rather than its objective value. This aspect should be considered in sales engage-
ments. Additionally, positive emotions could predict investment willingness, indicating that customers
with positive emotions might be more likely to purchase ULIP. In contrast, negative emotion played a
minor role in the model, which might be a mixed result that needs further research. Furthermore, indi-
viduals with higher levels of risk tolerance perceived and evaluated the product lower, indicating that
companies should avoid targeting higher risk tolerance individuals as potential future customers when
setting marketing plans for ULIP. The findings in this research underscore the multifaceted influences of
both bottom-up and top-down pathways and offer implications for insurance companies by contributing
to the broader understanding of consumer decision-making in the realm of investment products. This
research lays the groundwork for future studies to delve deeper into the psychological processes that
govern financial decision-making. Further exploration of these processes in different financial contexts
and the incorporation of real-world behavioral data will enrich our understanding of consumer behavior
and help develop more effective financial products tailored to diverse investor profiles.
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