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Examining the factors influencing fintech

adoption behaviour of gen Y in India
Meghna Aggarwal®, Keyurkumar M Nayak?* and Viral Bhatt?

Abstract: The main impetus of the research is to inquire into the fintech adoption
behaviour of India’s GenY population. The focus of this research paper is to enlarge
the scope of the planned behaviour theory by including other exogenous variables,
information quality (IQ), and readiness to pay for privileges. Responses from the 349
selected higher education students based on judgmental sampling were collected
from various institutes of repute in India. The suggested framework was evaluated
using the Smart PLS 4 software bootstrapping method. It was found that multiple
hypotheses framed in the study exert notable impact besides the belief that there is
a direct linkage between observed behavioural control (OBC) and actual intention
(AI). The paper confirms the application of the theory of planned behaviour for the
effective implementation of fintech in India. It was observed that information
quality is one of the crucial elements which influences the fintech adoption beha-
viour. The research enriches past studies by expanding the blueprint of a theory of
planned behaviour by identifying the information quality factor as the influencing
intent and behaviour. The reliability and validity of the suggested framework were
analyzed after keeping in mind the impact of a business environment’s constantly
changing dynamic forces. The study identified the primary constructs affecting the
fintech adoption behaviour with a particular focus on the GEN Y population of India.
It will also help the financial technocrats to optimally utilize the immense under-
lying capabilities of the fintech users and strategically launch more user-friendly
products and services.

Subjects: Management of IT; Psychological Science; Finance

Keywords: Theory of planned behaviour; fintech; privilege pay; information quality; user
friendly

1. Introduction

A nation’s overall development may be tied directly to the sophistication and progress of its
technological infrastructure. It helps to design policies to control the competition and entrance
of private actors in an economy. It is beneficial in formulating policies. The term “financial
technology” refers to an innovative, revolutionary, and up-to-date system that helps an effective
and seamless flow of economic transactions (Knewtson & Rosenbaum, 2020). Fintech is a syneresis
of the word financial technology. It is a convergence of technological equipment, processes, and
ecological communities, making commercial transactions much more accessible, approachable,
optimized, and resourceful. The provision of monetary disbursement, financing, advancing, buying
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and selling of stocks, and exchange of currencies are all examples of the kinds of finance-related
services that may be significantly influenced by the innovative medium of fintech

Over the most recent few years, the economy of India has been moving through the era of the
most swiftly spiraling digital expansion. It is anticipated that by 2023, digital technology will have
seen an enormous increase. The amount of time spent online will rise by forty percent. It is
expected that there will be between 750 million and 800 million people using the internet. The
number of people who use smart phones is expected to rise from 650 million to 700 million
(McKinsey Global Institute, 2019). The Indian economy was estimated to be worth $85-90 billion in
2020. It is expected to skyrocket to $Business 800 billion by 2030 (Business Today, 2022). It is due
to several positive factors, such as increased access to digital facilities, rising incomes, and
a growing population of young people (The Economics Times, 2022). In addition, after the
COVID-19 epidemic, India grew to become the world’s second-biggest emerging hotspot for
fintech, behind only the United States (Bhasin & Gulati, 2021). Research analysts Boston
Consulting Group (BCG) and Federation of Indian Chambers of Commerce and Industry (FICCI), in
their joint project, forecasted that the value of the financial technology (fintech) industry in India
would skyrocket to between $150-160 billion US dollars by the year 2025. Within the next several
years, the fintech sector will be responsible for creating the most significant number of unicorns
(India Briefing, 2022).

According to World Bank Findex Report 2021, 22% of adults in India are unbanked. Almost
540 million people in India who have an account make no use of technology in making payments.
The report identified several reasons, namely, inadequate information quality, highly charged
banking services, far away location of banking facilities, trim income level, requisite incomplete
documents, low trust, insufficient banking needs, lack of mobile handset, taking help of others in
financial transactions (Times of India, 2021b). Therefore, it is most appropriate to include informa-
tion quality as a predictor and readiness to pay for privileges as the moderating variable in the
existing theory of planned behaviour to measure the cause and effect of the actual adoption of
fintech by the young Indian. This study has a one-of-a-kind place in the context of the Indian
scenario, which was carried out for several different reasons. Firstly, The mechanization of the
Indian financial sector results in the radical transformation and development of the economy
(Sheokand & Gupta, 2017). Fintech leads to cost reduction, volume enhancement of financial
transactions, increased employment opportunities, and increased financial literacy (Saba et al,,
2019); Secondly, fintech enables financial institutions to adopt green technology such as green
finance and green innovations. It allows the corporates to adopt environmentally sustainable
policies by adopting a pro-environmental attitude, more dependence on renewable sources of
energy, proper management of trash, and growth of the green industry. (Yan et al., 2022). Third,
individuals were compelled to remain in their homes during the lockdown period. During the
pandemic period, people were forced to face enormous kinds of economic and social volatility.
They were compelled to use the internet and electronic devices to communicate with customers.
They were given support and encouragement through digital technology, ultimately leading to
changes in their consumption patterns (Yan et al, 2021). Fourth, the demonetization policy
implemented in India in 2016 assumed that the country had ample cash reserves despite wide-
spread tax evasion. That’s why the government of India decided to return to using the old currency
instead of the new one. At that time, customers were coerced into using technology, which
resulted in a significant behavioural shift on the part of consumers about financial technology
(Bahl et al., 2022). Fifth, the main objective of the Digital India Mission is to expand people’s access
to internet connection by cultivating an atmosphere that is hospitable, transparent, open, and
responsive. The mission assists customers in more readily adopting modern information and
communications technologies (Maiti et al., 2020). It is anticipated that the introduction of 5G
technology will give rise to a new ecological community of fintech companies in India. India’s
banking and financial industry is set to undergo a massive transformation due to the advent of 5G
technology (Mohanasundaram et al., 2021).
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In light of Ajzen’s theory of planned behaviour in 1991, the present research was intended to
investigate multitudinous ways in which millennial generation members in India interact with
financial technology. A person is considered a member of Generation Y if born between 1981 and
1996. This current generation relies heavily on many forms of digital media. They spend around 17
hours every week on the internet. They have a wealth of information and are resourceful. While
making a buying choice, they do in-depth research on the internet (Jain et al, 2021). Gen
Y comprises 23 percent of the planet’s total population. Thirty-four percent of people belong to
Generation Y, the Indian population.

India has become the most critical market for millennials everywhere in the globe. This younger
generation plays an important and transformative role in today’s society (The Times of Indiq,
2021a). They are characterized by a unique driving force that sets them apart from people of other
age groups. India has a median age of 28 years, while the United States, China, and Japan each
have respective median ages of 38, 37, and 47. It indicates that most of India’s population is under
28. The young people of India make up the largest market for goods and services and the most
significant labour force in the world. A demographic dividend is a potential financial gain that may
be realized when there is a high proportion of employed persons relative to the overall population
(United Nations Population Fund). The country’s young people are its most valuable resource
because of their potential to bring about significant social upheaval and the critical part they
play in the development of any nation. The generation Y population is India’s demographic
advantage. They are masters of the internet because they were brought up alongside the applica-
tion of technology (Nakagawa & Yellowlees, 2020). They can maintain their positive attitude
thanks to digital technologies. (Sahni, 2021).

The inquisitions of researchers notably enrich the knowledge domain in various meaningful
ways. The current analysis makes an effort to determine whether or not the theory of planned
behaviour framework is legitimate by bearing in mind the many dynamic environment aspects that
are significantly unlike those investigated in the previous studies. Second, the present research
expands the scope of the theory of planned behaviour framework by considering two more
variables, namely information quality (IQ) and readiness to pay for privileges (RPP). Third, research-
ers contemplated knowing the underlying linkage between the exogenous and endogenous com-
ponents of consumer behaviour. Fourth, the researchers’ pioneer and test the new variable RPP as
a moderator while keeping in mind the requirement of a link between PI and the conduct of fintech
companies. In conclusion, the present study will enrich the knowledge domain by raising aware-
ness about how the actions of India’s uneducated Gen Y population may also be influenced by
financial technology. It will further assist fintech marketers in formulating highly individualized
programs and policies to capitalize on the unrealized potential in this industry. Users fintech
adoption intention is primarily based on environmental factors such as social, cultural, assurance,
confidence, and faith. Although, most of the previous researches are mainly focused on techno-
logical aspects while neglected social implications. Therefore, the present study attempts to fill this
research gap by including all the variable from theory of planned behaviour and information
quality from information system success model which will add value to the fintech literature.

2. Theoretical framework and hypotheses development

Theory of planned behaviour notes that buying intention (BI) may be broken down into three
categories: attitude, social norms, and observable behavioural control. In addition, it has been
hypothesized that buying behaviour, abbreviated as BB, may be forecasted by combining all three
of these factors. Depending on their respective contexts, the factors mentioned earlier have
various consequences on consumers’ intentions to purchase and their actual shopping behaviours
(Ajzen 1991). He argues that in some situations, just one of the three factors bears a substantial
influence on the buyer’s behaviour and buying intent. Despite this, there are other contexts in
which the interaction of two or all factors affects purchasing intentions and behaviour. Few studies
support the theory of planned behaviour model in forecasting adoption intention and actual
intention of fintech-enriched consumers (Aldammagh et al., 2021; Mazambani & Mutambara,
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2020; Niswah et al., 2019), whereas some studies partially support the model. (Aldammagh et al.,
2021; Chang et al.,, 2020; M.C. Lee, 2009; Mazambani & Mutambara, 2020; Niswah et al., 2019). The
factors above are investigated in great depth in the following research. According to the theory of
planned behaviour postulates, the influence of buying intent on buying behaviour may be broken
down into three distinct categories.

3. Attitude (ATT)

An individual’s favourable or unfavourable conduct, which emerges from the individual’s belief of
the behaviour and its aftermaths, is the basis of a person’s attitude formation. When it comes to
the prediction of purchase behaviour, this is the most crucial proximal variable. It has been shown
that a person’s perspective on the practicality and straightforwardness of fintech is correlated to
the generation of good psychological intent (Chuang et al., 2016). Krivkovich et al. (2020) dis-
covered that during the coronavirus pandemic phase, the southern part of the United States
showed substantial support for implementing fintech. According to the research findings, the
way people lived throughout this historical period significantly altered how people across the
globe live their lives now.

Additionally, it demonstrated a significant effect on technology adoption in money matters.
According to Meyliana et al. (2019), the use of technology in financial transactions is unaffected by
the risk element involved. The authors stated that the end users in Indonesia had a favourable
attitude toward financial technology services. Mehta and Kumari (2021) highlighted the primary
reasons for encouraging consumers to adopt fintech in India. Their research was conducted from
an Indian viewpoint. The user experience may be enhanced, along with other aspects such as ease,
economy, and availability. The optimistic outlook tremendously influences the process of incorpor-
ating new technologies. In contrast, Ryu (2018) observed that exposure to legal risk significantly
deterrents a buyer’s propensity regarding financial technology usage. Hussein (2021) marked
those factors such as gender, amount of wealth, and danger all have a significant negative
influence on an individual’s attitude toward and desire to utilize fintech services offered by
banks in Yemen.

4. Social Norms (SN)

The concept of social norms focuses on the stresses and strains placed on society about its
attachment or detachment from purchasing behaviour. According to the findings of Mohammad
and Nawayseh (2020), social networks carry a substantial effect on desires regarding the usage of
financial apps. According to Belanche et al. (2019), SN is considerably relevant to users with less
understanding of fintech. These consumers are more likely to be found in Anglo-Saxon nations. The
social distancing norms practiced during COVID-19 discouraged the usage of analog technology in
favour of the increased use of digital devices. As a result, it fosters the development of a new
standard set of behaviours among users of fintech (Minh, 2021).SN’s influence on purchase intent
regarding cryptocurrency adoption is insignificantly negative (Ramchandran & Stella, 2022).
However, Shubhangi et al. (2020) concluded that there is a considerable detrimental influence of
SN on behavioural intention to avail oneself of the services of fintech.

5. Observed Behavioural Control (OBC)

The observed behavioural control of a person is a predicted capacity and strength of that indivi-
dual, which in turn is another proximal characteristic for forecasting the purchase behaviour of
that individual. An individual’s sense of either uninhibitedness or inhibitedness while carrying out
certain behaviours is observed behavioural control. It is a person’s emotional state when engaging
in such behaviour (Ajzen, 1991). It is beneficial in anticipating a person’s purchase purpose and
behaviour when it is beyond the capability of self-imposed limitations. It does this by analyzing the
individual’s spending history. OBC helps to motivate postgraduate university students in India
regarding using cryptocurrencies (Ramchandran & Stella, 2022). OBC influences the buyer’s intent
to use fintech (Mohammad & Nawayseh, 2020). According to Warshaw and Davis’s (1985) defini-
tion, it is a buyer’s impression of whether as easy as a pie or hard to endure concerning the
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performance of specific behaviour. In its most basic form, one’s competency means a person’s
trust or confidence in their capabilities to carry out particular behaviour in a given setting. Akhtar
and Das (2019) decided to use the term “financial self-efficacy” rather than “OBC” while discussing
the situation from an Indian viewpoint. They concluded that a buyer’s financial self-efficacy not
only has a significant influence on their personality attributes but also carries a big impact on the
buyer’s desire to make a purchase. According to Daniel Antonius (2022), the government of
Indonesia devised regulations governing digital money. However, he concluded that the perceived
behavioural control of fintech users does not substantially influence such users’ behaviour in terms
of adhering to the legislation governing fintech.

6. Adoption intention and actual intention

The possibility that a customer will purchase a particular marketed brand in the following year may
be used as a proxy for estimating the consumer’s intention (Myers et al., 2000). It refers to the
client’s state when they are prepared to purchase products or services. According to Afandi (2021),
there is a considerable effect of ATT, SN as well as OBC on buyers’ intent for fintech usage. The
researchers Pascual-Miguel et al. (2015) discovered a tangible link between purchasing behaviour
and purchasing intent. According to the findings of Nayandjith and Damunupola (2019), there is
a considerable influence of OBC on using fintech when using banking services. According to Agrebi
and Jallais (2015), the intent to buy a product is a significant factor in adopting and utilizing
smartphones.

Furthermore, Talwar et al. (2020) found that the most considerable constraint of technological
improvements is consumers’ difficulty adapting to new developments. Further research has shown
a low desire to utilize fintech in India. It may be attributed to a lack of readiness concerning the
payment of bills online as well as a concern about having an increased tax burden. Researchers
Razak et al. (2013) and Escobar-Rodriguez and Carvajal-Trujillo (2014) concluded that intention is
not a primary predictor of purchase behaviour.

7. The following hypotheses are stated based on the arguments that were given before in
this sentence

H1: Attitude holds a substantial and favourable influence on the fintech adoption intention.
H2: Social Norms strongly and favourably influence the fintech adoption intention.

H3: Observed Behavioural Control holds a substantial and favourable influence on the buyer’s
intent to adopt fintech.

H4: Adoption intention holds a powerful and favourable influence on the buyer’s actual intent to
adopt fintech.

8. Information Quality (IQ.)

The quality of the information gets differs for every individual, and this valuation is further
influenced by the consumption patterns of those individuals (Peters et al, 2007). As per
Priyadarshini et al. (2017), the accessibility of high-quality content on various websites favours
the users’ mentality about such websites. According to Bizer and Cyganiak (2009), technology
users struggle with selecting high-quality information from the plethora of information accessible
in cyberspace. Gao et al. (2012) observed that when people are confronted with an abundance of
high-quality data that exceeds their cognitive capabilities, it might leave them feeling over-
whelmed and confused. Chung, Inuk (2007) found evidence that a substantial increase in the
amount and quality of information led to a revolutionary shift in social norms. Erwin et al. (2020)
established that observable behavioural control is connected to customers’ intentions—albeit
unfavourable. The quality of the information and the user’s attitude are two factors that exert
tremendous influence on the buyer’s intent to acquire and operate (Erwin et al., 2020; H. Kim &
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Niehm, 2009; Jeong & Lambert, 2001). According to research by A. J. Kim and Johnson (2016),
information attributes substantially influence buyers’ adoption intent. Nagaraju (2015) found that
information quality is essential for customer satisfaction while using fintech. Almajali et al. (2023)
conducted their study during the coronavirus pandemic period. They found a positive relationship
between information quality and intention to adopt and use the latest technology.

H5: IQ holds a strong and favourable influence on ATT
H6: 1Q holds a strong and favourable influence on SN
H7: 1IQ holds a powerful and favourable influence on OBC

9. Readiness to Pay for the Privileges (RPP)

Zhang et al. (2020) indicated that the most significant risk to the world at this time is using
a considerable quantity of energy. There is widespread adoption of energy-efficient financial
technology devices all around the globe to make a low-carbon economy. It was determined that
a significant positive association exists between the buyer’s purpose to use these devices and their
willingness to pay for the rights. According to Nomura and Akai (2004), using non-depletable
resources in energy generation contributes to reducing greenhouse gas emissions, which benefits
the environment. Compared to the cost of producing power using exhaustible resources, the cost
of producing electricity using limitless resources is much higher. It was discovered that Japanese
people are willing to pay extra if it means the environment is protected. According to Yalcintekin
and Saygili (2020), the increased willingness of customers to spend a higher price for the purchase
of tech-savvy products is correlated with an accelerated utility derived from technology usage.
There is a significantly favourable relationship between the attractiveness of technical devices and
the willingness to pay for the advantages (E.J. Lee, 2022). The research conducted by Stephanie
and her colleagues in 2022 concluded that the social, psychological, and environmental elements
that influence the acceptance and use of fintech impact the willingness to pay for the advantages.
It is primarily seen that fintech is deeply penetrated in the countries where it is provided at a high
cost. Philippon (2016) observed in the United States that despite the high price of fintech services,
customers are ready to adopt fintech services as it increases productivity and efficiency (See
Figure 1).

H8: RPP holds a powerful and favourable influence on the buyer’s actual intent
H9: RPP moderates the relation between adoption intention and actual intention of fintech

10. Research methodology

The needed number of samples for the PLS-SEM 4 analysis is ten times the most significant
number of arrowheads pointing in the direction of the variables. It is done so that the research
may be carried out (Hair et al., 2014). The current investigation used a standardized questionnaire
that had a total of 31 different questions. Finally, this research requires essentially 40 respondents,
which is calculated by multiplying 4 and 10.

When picking students obtaining their higher education from various institutions in India, the
authors opted to use a judgemental sample strategy. The students chosen to participate are
typical members of Generation Y, who are heavy users of various forms of financial technology
in their day-to-day activities. While gathering the students’ participation information, it was
ensured that every student had an equal opportunity to do so. An electronic questionnaire was
sent to them in September 2022 through email IDs and WhatsApp groups established by their
respective institutions. After three weeks, a friendly reminder of the online questionnaire was sent
again over the same email -id and WhatsApp groups. The online questionnaire, in its entirety, was
sent out, and a total of 405 completed questionnaires were obtained. Because there was
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Figure 1. Conceptual Model.

Figure 2. Flowchart of research
methods.
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model of the study
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( Instrument Development )

The questionnaire has been developed based on the
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\
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349 valid sample responses were collected by Google
Scholar forms using the judgemental sampling method
from the Gen Y users from four mega cities of India who
represent the whole nation

\, J

(" Data Analysis ) Bootstrapping for hypothesis testing and PLS Predict for
out-of-the-sample prediction have been run on the data
along with mediation and moderation analysis using smart

9 ) PLS 4.0

inadequate information and an excessive amount of deviation, only 349 of the responses to the
questionnaire that were filled out were chosen for the in-depth study. The actual response rate
that was achieved as a consequence is denoted by 86%. The demographic distribution of the
respondent’s profile is as under:

The demographics of the respondents include a male representation of 52.14% and a female
representation of 47.86%. Additionally, 37.24% of respondents were between the ages of 18 and
22, 37.53% were between the ages of 22 and 26, and 25.23% were between the ages of 26 and 30.
Regarding educational levels, 21.48% had completed their bachelor’s degrees, 25.80% had com-
pleted their postgraduate degrees, 52.72% were professionals. Regarding the respondents’
monthly income, 20.91% made less than 2,000,00, while 28.65% earned between 2,000,00 and
500,000. 26.64% of people brought home between 500,000 and 1,000,000, while 23.8% earned
more than 1,000,000 monthly. Those respondents already utilizing fintech or considering switching
to fintech were counted as respondents.
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The results of an electronic survey consisting of 25 questions are depicted in the forthcoming
table. The e-questionnaire used in the study comprised four questions exhibiting information
quality, three questions showing attitude, four questions demonstrating observed behavioural
control, four questions indicating social norms, four questions showing adoption intention, three
questions exhibiting privilege to pay, and three questions displaying actual intent (See Figure 2).

11. Empirical findings

The authors made different hypotheses based on the conceptualization of their measurement
methodology. Measurement and structural models were used to analyze the collected data.
Relationships between components and their underlying variables may be identified in the mea-
surement model, while the structural model explains the effect of exogenous factors on endo-
genous factors.

12. Assessment of measurement model

Factor analysis helps solve the bias caused by the conventional research approach. The EFA
analysis was performed on the statements chosen with the assistance of the Harman single
factor. According to the Harman single factor technique, the tolerable limit is the value should
be less than 50%. The proportion of the variation from a single factor was 25%. Each cross-
sectional study of human behaviour has some degree of common method bias (CMB) (Podsakoff
et al,, 2003). CMB may exist if researchers have gathered data on all relevant endogenous and
exogenous factors using previously recognized scale items. So, our research used qualitative and
quantitative tests to ensure no CMB-related problems in the dataset (T. S. Hew & Kadir, 2016). It
was clear to respondents in advance that there was no “right” response to any of the questions.
The confidentiality of their data was also assured (Leong et al., 2019). In this research, we used
a variety of scales to measure a wide range of factors. The study’s primary scale variables were all
tested using a seven-point Likert scale. Secondary scale factors such as gender and education
were measured using two- and four-level nominal scales. The age scale had three levels, whereas
the income scale had four (refer to Table 1).

Harman’s single factor test retrieved 36.78 percent of the variance, which is less than the cut-off
value of 50 percent when dealing with this issue statistically. Therefore, it shows that the CMB is
very little in the available data (Podsakoff et al., 2003). Due to the limitations of Harman’s single-
factor methodology, further, more robust techniques were used to verify CMB. In the first place,
CMB was analyzed using VIF (Variation Inflation Factor) values produced from the block and full
collinearity test (Kock et al., 2012), which shows that the VIF value for each construct is less than
the threshold of 3.3 (N. Kock, 2015) in an independent block and complete collinearity test. Second,

Table 1. Demographic profile

Category Type of respondents No of respondents Percentage
Gender Male 182 52.14%
Female 167 47.86%
Age 18-22 130 37.24%
22-26 131 37.53%
26-30 88 25.23%
Educational Background Graduate 75 21.48%
Post Graduate 90 25.80%
Professional 184 52.72%
Income level Less than 200,000 73 20.91%
200000-500000 100 28.65%
500000-1000000 93 26.64%
More than 1,000,000 83 23.80%
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Table 2. Variables and factors

Variables Codes

Description

Reference

Information Quality

IQ1 I have access to updated
information.

1Q2 It provides the information I need.

1Q3 I always get relevant information.

1Q4 It provides me with quick and easy

access to information.

Huang et al. (2012)

Attitude toward fintech adoption

ATT1

[ feel delighted while using fintech.

Gholami et al. (2018); Hu et al.
(2019)

ATT2 It is my prudent decision to use
fintech.

ATT3 It brings confidence in me.

Social Norms

SN1 The use of fintech provides me Teo et al. (2012); Vicente Sales
with a distinctive position among Melo et al. (2019)
my friends and colleagues.

SN2 I feel honoured among my peers
while using fintech.

SN3 It makes me trendy among my
peers.

SN4 I am acceptable in my peer group

while using fintech.

Observed Behavioural Control

0BC1

I have the potential to use fintech
effectively

OBC2 I can handle fintech transactions
smoothly.

OBC3 I have the capabilities and
understanding to control fintech.

OBC4 I can easily use fintech apps in my

routine.

Njanja et al. (2014); Thoradeniya
et al. (2015)

Adoption Intention

Adop_int1 I would advise others to use
fintech

Adop_int2 I am strongly willing to use fintech

Adop_int3 I am favourable toward fintech

Adop_int4 [ use positive words to others for

fintech

Dai and Van Hove (2017); Mikalef
et al. (2013)

Readiness to Pay for the Privileges

Pay_privl I am ready to pay more to get
satisfaction.

Pay_priv2 I am ready to pay more to get
convenience.

Pay_priv3 I am ready to pay to enjoy social

status

Lestari and Nita (2021)

Actual Intention

Actu_Int1 I feel good while working on
fintech.

Actu_Int2 My life is more life comfortable
with fintech.

Actu_Int3 I feel more involved in fintech

Tsai et al. (2011)
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VIF was calculated for every scale and instrument combination. When looking at the current data
set as a whole, it is clear that all VIF values for each scale item are lower than the cut-off value of 5
(RM, 2007). Because of the above, it is reasonable to conclude that CMB will have no problems
using this data set.

With the assistance of reliability and validity, the efficiency of the reflective measurement
model may be evaluated (J. F. Hair et al., 2011). The values of outer loading and CR need to be
more than 0.7, and the importance of AVE has to be greater than 0.5. (Chin, 2010; J. F. Hair et al,,
2011).

The calculations made for outer loading, convergent reliability (CR), and the average variance
extracted (AVE) are depicted in Table 2. The research outcomes for outer loading and CR are shown
in the table 3; all values are more than 0.70. Additionally, the values of AVE are greater than 0.5.

According to Henseler et al. (2015), the HTMT ratio is used to determine whether or not
discriminant validity has been met. Values of the HTMT ratio that are lower than 1.00 are taken
into consideration to be acceptable. The findings of the HTMT ratio are given in Table 4, and it was
discovered that every estimated ratio for every pair of constructs had a value lower than the
needed value of 1.00. Consequently, the findings provided evidence that the reflective measure-
ment scale has both discriminant and concurrent validity.

Table 3. Convergent validity for the reflective measurement model

Constructs Items Outer Loading CR AVE

Information Quality . Q1 0.793 0.890 0.670
1Q2 0.853
1Q3 0.829
1Q4 0.798

Attitude ATT1 0.841 0.909 0.769
ATT2 0.909
ATT3 0.879

Social Norms SN1 0.851 0.930 0.769
SN2 0.864
SN3 0.926
SN4 0.864

Observed . OBC1 0.962 0.980 0.925
Behavioural Control 0BC2 0.961
OBC3 0.963
OBC4 0.961

Adoption Intention Adop_Int1 0.855 0.912 0.721
Adop_Int2 0.786
Adop_Int3 0.863
Adop_Int4 0.890

Pay for Premium . Pay_Privl 0.941 0.957 0.881
Pay_Priv3 0.924
Pay_Priv_2 0.950

Actual Intention . Actu_Intl 0.881 0.922 0.797
Actu_Int2 0.910
Actu_Int3 0.886
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The assistance of yet another criterion, namely the FL Criterion, might be used to check the
discriminant validity of the model. The values for the diagonals ought to be higher than those for
the non-diagonals and are regarded as ideal (Chin 2010; Hair et al. 2017). Table 5 demonstrates
that all diagonal values are greater than those found outside the diagonal. Since this is the case,
the table again satisfies the discriminatory validity requirement.

A bootstrapping approach determines whether or not the structural model is significant. The
goodness of fit (GOF) for the inner model can be checked with the help of the Coefficient of
determination (R?), path coefficient (B value), and T-statistic value. Other criteria include effect size
(F), model’s predictive relevance (Q%), and GOF index. The relevance of route coefficients may be
inferred from the value of the T-statistics (Ringle et al., 2015).

One can use the beta coefficient to assess the influence of exogenous variables on endogenous
variables. If there is a larger B value, we may anticipate that the impact of the independent
variable will be much more pronounced on the value of the dependent variable. Influence of an
external latent construct onto an internal latent construct, the values of the VIF may be used to
consider the multicollinearity in the variables. The value of the VIF provides evidence that there is
no multicollinearity in the data. The value of the VIF should be less than 5 to meet the criteria for
acceptability. These are the primary criteria that will be used to assess the internal model. F? value
may be used to estimate the magnitude of the effect caused by the independent variables. It
refers to the variation in the value of R? that takes place by removing a separate variable from the
statistical model. The following criteria are used to determine the effect size. It is considered less
when the value of F? is less than or equal to 0.02; the effect size is considered to be medium when
the value of F2 is between 0.15 and 0.35, and the effect size is considered to be significant when F?
is 0.35 or more. (Cohen, 1988).

The outcomes of the path coefficient are depicted in Table 6 and Figure 3. The findings in Table 6
show a significant and favourable association exists between all the variables except for observed
control behaviour. Figure 3 depicts a graphical representation of the model’s complete set of route
coefficients.

As per the findings of PLS-SEM analysis, hypothesis 1 predicts that attitude bears a powerful and
positive effect on buyers’ usage intention of fintech. The data in Table 6 and Figure 3 confirmed
that attitude exerts a notable influence on the usage intention of the fintech value (B value =521,
T=8.511, p<0.01). As a result, H1 may be trusted. It is further hypothesized that the influence of
SN regarding the selection and adoption of fintech would be considerable and beneficial. Table 6
and Figure 3 showed that social norms substantially impacted the desire to embrace fintech (B
value=0.332, T=4.695, p<0.01). As a result, H2 may be trusted. It is hypothesized that the
observable control of behaviour would significantly impact the decision to adopt, particularly
a favourable one. The data are shown in Table 6, and Figure 3 confirmed what was hypothesized
to be the case, namely that observable behavioural control had a substantial impact on the
adoption intention of fintech (B value =.101, T=2.131, p>0.01). Because there is insufficient
evidence to support H3, we cannot proceed. It was revealed that there was a significant associa-
tion between actual intention ( value=0.657, T value=12.823, and p<0.01). It was discovered
that the fintech adoption intention exerts a significant and favourable impact on actual intention.
Therefore, the H4 hypothesis is accepted.

Table 6 and Figure 3 demonstrate that information quality has the highest B value. It can be
treated as the leading factor of the model. Information quality has favourable and substantial
impacts on attitude (B value=0.554, T=11.18, p<0.01) as well as on social norms ( value =0.695,
T=17.816, p<0.01) and on observed behavioural control (B value=0.379, T=7.02, p<0.01). It has
been determined that Hypotheses 5, 6, and 7 may be accepted. In addition, the results show that
there exists a significant and positive linkage between actual intention and one’s readiness to pay
for the privilege (B value=0.251, T=4.252, p<0.01). As a result, Hypothesis 8 has been validated.
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Figure 3. Path coefficient
model.
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In addition, this research investigated the moderating effect of a participant’s willingness to pay
for the privilege of adopting a child on the connection between their adoption intention and actual
intention. It was proposed by Muller et al. (2005) that to consider a construct to be a mediator, it
needs to satisfy certain conditions, which are as follows: Firstly, the association among endogen-
ous as well as exogenous variables must be notable without considering the effect of the proposed
mediator. Secondly, the proposed mediator should not affect the relationship between the endo-
genous and exogenous variables. Second, the suggested mediator must be affected by the variable
doing the explaining. The data indicate that there is a positive influence. However, it is not
significant, of ready to pay for the privilege as a moderator (with a B value equal to 0.02,
T equal to 0.681, and a p-value greater than 0.01).

Since each indicator’s VIF value was lower than 5, it is demonstrated in Table 6 that there is no
evidence of multicollinearity. The vast majority of considerations are located within the band
proposed by Cohen (1988). As a result, the research successfully met the requirements for multi-
collinearity and effect size.

The current study model can account for 68.10 of the variance in predicting the outcome
variable. The values of SRMR, dULS, and dG discrepancies of estimated models were 0.052,
0.721, and 0.412, respectively. The goodness of fit of the bootstrapping estimated model was
determined. Notably, the values at 0.067, 0.857, and 0.730 were below their respective 95%-
quartile bootstrap confidence intervals. Additionally, NFI's score of 0.913 was higher than its
threshold value of 0.90. (Bentler & Bonetl, 1980). The findings above show that the model has
a higher goodness of fit index and is trustworthy for additional research.

13. Mediation analysis

The research is predicated on mediation and indirect effect sizes (Hayes, 2015; Nitzl et al., 2016).
The bootstrapping method (Jose, 2013) was used in this study so that researchers could evaluate
the moderating effects of factors such as attitude, social norms, and observable behavioural
controls. The mediating effects were demonstrated via a two-step technique (Baron and Kenny,
1986). During the first step of the evaluation process, the conceptual model was examined without
the assistance of mediators. In the subsequent step, the mediators were factored in, and an
estimate of the indirect influence was derived. The bootstrapping method was used, and 5000
samples were employed. This technique can both explain and make predictions. R? is a valuable
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Table 7. Specific indirect effect

Std
Beta Std. Error t-value p- values Decision

Information 0.152 0.035 4.334 0.000 Supported
Quality -> Social
Norms ->
Adoption
Intention ->
Actual Intention

Information 0.288 0.046 6.306 0.000 Supported
Quality >
Attitude ->
Adoption
Intention

Information 0.231 0.05 4.628 0.000 Supported
Quality -> Social
Norms ->
Adoption
Intention

Information 0.19 0.035 5.461 0.000 Supported
Quality ->
Attitude ->
Adoption
Intention ->
Actual Intention

Information 0.025 0.013 1.902 0.057 Not Supported
Quality >
Observed
Behavioural
Control ->
Adoption
Intention ->
Actual Intention

Attitude -> 0.342 0.05 6.912 0.000 Supported
Adoption
Intention ->
Actual Intention

Observed 0.066 0.032 2.098 0.036 Supported
Behavioural
Control ->
Adoption
Intention ->
Actual Intention

Social Norms -> 0.218 0.05 4.372 0.000 Supported
Adoption
Intention ->
Actual Intention

Information 0.038 0.02 1.923 0.055 Supported
Quality ->
Observed
Behavioural
Control ->
Adoption
Intention

tool for determining how accurate the model’s predictions will be. J. F. Hair et al. (2013) recom-
mended the values of R? for dependent variables. The acceptable range is as follows: 0.75
(considerable), 0.50 (moderate), and 0.25 (weak). The predictive importance of the dependent
variables is evaluated using the Q-square statistic. If the value of Q*>0, the model carries high
predictive power (Table 7).
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Table 8a shows that the R? value for attitude was 0.307, that the value for social norms was
0.483, that the value for observed behavioural control was 0.144, that the value for adoption
intention was 0.703, and that the value for the actual intent was 0.681. It demonstrates that the
model has a significant capacity for explaining the data.

Table 8a shows that the values of Q? for all the factors are more than zero. It shows the model
has high predictive power.

By comparing the values of the root mean squared error (RMSE) for the dependent variables of
the PLS-SEM with those of the linear regression model (LM), PLS predicts the predictive ability of the
model (Hair, 2019).

Table 10 reveals that there is only one number from Act 2 that was greater in PLS-SEM than it
was in LM (See Table 9). It can be concluded that the model has a level of predictive ability
between medium and high. As shown in Figure 4 below, a consumer’s readiness to pay for
a privilege contributes positively to the link between their buy intention and actual purchase
intention.

14. Importance performance map analysis

According to the findings of the significant performance map study, the adoption intention of
Millennials is the most critical element in the adoption of financial technology. It was then
followed by the quality of the information, an attitude, a willingness to pay for privileges, social
standards, and observable behavioural control. In addition, it was discovered that the performance

Table 8. Goodness of Fit and Predictive Relevance

R2 Q?
Attitude 0.307 0.295
Social Norms 0.483 0.473
Observed Behavioural Control 0.144 0.135
Adoption Intention 0.703 0.396
Actual Intention 0.681 0.482

Table 9. Predictive capacity of the model

Sr. No. Range of the Variables Model’s Predictive Ability
1 All the values of PLS RMSE > LM | No Predictive power
RMSE
2 Majority of values of PLS RMSE > LM | Poor predictive power
RMSE
3 Majority of values of PLS RMSE < LM | Medium predictive power
RMSE
4 All the values of PLS RMSE < LM | High Predictive power
RMSE

Table 10. The PLS predict

PLS SEM

RMSE LM RMSE
Act 1 1.082 1.102
Act 2 1.319 1.317
Act 3 1.117 1.177

Page 17 of 25



Aggarwal et al., Cogent Economics & Finance (2023), 11: 2197699

< cogent -~ economics & finance

https://doi.org/10.1080/23322039.2023.2197699

Figure 4. Consumer’s readiness
to pay for a privilege as mod-
erating variable.

Figure 5. Importance perfor-
mance map.
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of adopting intentions and social norms was the greatest, followed by observable behavioural
control, attitude, willingness to pay for privileges, and information quality (See Figure 5).

15. Discussion

The present study investigates theory of planned behaviour’s relevance in forecasting adoption
intention and actual intention of the Gen Y population in developing countries. The research
accepts and broadens the outcomes of insufficient past research (Ramchandran & Stella, 2022;
Sujood et al,, 2022)) carried out an investigation of adoption intention and actual intention of
fintech among Indian users by applying theory of planned behaviour. The paper widely accedes for
the theory of planned behaviour apart from the direct linkage between OBC and the user’s intent.
It indicates that the user’'s emotional state to carry out specific behaviour proves straightly
ineffective on the fintech adoption intention of the users. The study authenticates the findings
of past studies whereby OBC carried no impact on user intent (Purwantini et al., 2020, Majid, 2021).
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Meanwhile, the research disagrees with the findings where OBC affirmed a remarkable impact
on user’s intention of Indian users (Darmansyah et al., 2020; Mazambani & Mutambara, 2020;
Putranto and Sobrari, 2021). At the same time, OBC indirectly impacted users’ adoption and actual
intention. Furthermore, the research asserts that fintech adoption intention influences actual
intention. Over and above, the mediation effects discussed in this paper highlight the dynamics
of the behavioural psychology of fintech users wherein IQ, attitudes, social norms, and OBC impact
the actual intention through adoption intention. Subsequently, the research unveils intrinsic
tendencies of in-depth association among the various antecedents of Gen Y’s fintech actual
intention. Hence, the research outcomes primarily witness the sustainability of theory of planned
behaviour in illustrating the fintech adoption behaviour of the Gen Y population in India.

In addition, the research supports the broadening of theory of planned behaviour by building the
effectiveness of further adding two extra variables in determining user’s adoption and actual
intention. It was observed in the study that IQ had a remarkable impact on all the exogenous
variables, namely attitude, social norms, and observed control behaviour. This result is corrobo-
rated by (Fanoberova and Kuczkowska, 2016; Khwaja et al., 2020). The study’s results confirmed
the work of Lee et al. (2016), where the quality of information significantly affects the purchase
intention of youngsters. Indirect effects in this study highlight the subconscious mechanism that
exists in the Gen Y population between information quality and purchase intention.

Additionally, readiness to pay for the privileges remarkably influenced the intention to use
fintech. The study highlights the price sensitivity of India’s young consumers. The researchers
tried to broaden the scope of planned behaviour theory by introducing additional constructs. It
provides critical knowledge to marketers regarding the strong relationship between adoption
intention and actual intention. The users are ready to pay an extra price if they adopt fintech.

16. Theoretical contribution

The present research focuses on identifying diversified research gaps, and thus it will make an
extensive addition to the body of knowledge. Firstly, Ajzen’s theory of planned behaviour (1991)
is used here to confirm whether the theory can be applied or not in the effective implementa-
tion of fintech in India. ATT, SN, and OBC are the three components that makeup theory of
planned behaviour. The study broadens the scope of theory of planned behaviour by applying it
to Gen Y’s intention to adopt and use fintech. This research paper is among the first to consider
the notable impact of information quality on the adoption intention of the millennial popula-
tion of India. Secondly, the study examined the mediation role of three factors of theory of
planned behaviour, namely attitude, social norms, and observed control behavior between
information quality and adoption intention. Thus, it tries to define how information quality
can affect the buying intent of consumers. Thirdly, it is found on exploring the peer-referred
databases and the best of the authors’ comprehension, no earlier study exists to identify the
impact of information quality on the buying intent of fintech consumers. Although, many
research works show the impact of attitude, social norms, and observed behavior control on
the adoption intent of fintech, excluding information quality (Mazambani & Mutambara, 2020;
Setiawan, 2020; Shaikh et al., 2020).

Nonetheless, the impact of information quality on fintech usage is still an unexplored area
in research. (Cai & Zhu, 2015). Fourthly, the latest past studies showed a lack of attention to
the influence of quality of information on the adoption and usage of fintech in the Gen
Y population. Fifthly, the adoption of fintech is said to have enormous potential in addressing
the under-banked and unbanked people along with those with a poor level of financial
literacy (B. Setiawan et al.,, 2021). This study will motivate the use of financial technology
among young people in India. Sixthly, this study also addresses the problem of the dearth of
studies focusing on the variables that affect the adoption intent of financial technology in
India (Gupta & Agrawal, 2021). The findings of this research cover a knowledge gap in
adoption intention and actual intention of fintech among the millennial generation in India.
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Finally, as mentioned above, the model primarily focuses on India’s Gen Y population. Hence
the researchers endeavor to enrich the knowledge by widening the area of research to the
Asian subcontinent.

17. Practical implications

The current study focuses on the elements driving Gen Y’s adoption of financial technology in India
and looks specifically at India. As a result, gaining knowledge about the consumers’ adoption of
fintech in India would benefit marketers. They can get information about the acceptance and true
purpose of users of fintech in India. It will help to promote new start-up enterprises to advertise
the latest fintech advancements among existing customers and future consumers. It will lead to
great assistance for fintech marketers. In addition to this, fintech marketers in India have the
opportunity to explore a new market sector. It would be beneficial to fintech marketers to under-
stand how people in India react and behave in response to changes by fintech. The strategies may
be developed to take advantage of the enormous potential that lies inside India’s digital economy.
It will assist the marketers of fintech services, allowing them to improve their products and make
them more user-friendly. It will also help fintech marketers to erase uncertainties and fear among
consumers of fintech by delivering user-friendly, innovative fintech services. It would be of great
assistance to fintech marketers. It will help consumers feel more confident and trustworthy in their
interactions with the platform. The present study is hoped to be a stepping-stone in forecasting
user behaviour in the Indian economy. The Indian government is consistently penetrating internet
services even in remote areas and transforming the Indian economy into a digital economy. In
addition, it is the goal of the Indian government to change the Indian economy into a digital
economy. Despite the widespread availability of fintech services, there is a need to gain knowledge
about the users’ intentions and behaviour towards adopting fintech. The expanding use of financial
technology helps broaden the current investigation’s horizon.

18. Conclusion

In recent years, India has emerged as one of the top digital economies, with a wide range of
everyday duties and commercial transactions conducted online. (Bhatt et al. (2020). Everyday
online financial transactions have increased significantly in a developing nation like India. There
was a scarcity of relevant literature accessible to the general public that specifically addressed
how diverse behavioural aspects impact practical adoption of technology for financial transactions,
especially among Gen Y. The examination of this data, with a special emphasis on Gen Y adoption
of fintech, adds to the previously existing notion of planned behaviour.

The findings of our study provide evidence for the substantial effect that the quality of informa-
tion has on social norms and attitude. In addition, mediating variables attitudes and social
conventions have a direct and considerable influence on the desire to use technology for financial
transactions. The intention to use financial technology is the factor that has the most significant
impact on Generation Y’s behaviour. The findings of this investigation lend credence to the
hypothesis that direct effects are caused by privilege pay as moderating variable. How members
of Generation Y conduct their online financial transactions is directly influenced by the myriad of
promos, discounts, and coupons that are available.

According to the findings of the present research, cultural norms and mindset play an important
mediating role in the adoption of fintech by Generation Y in emerging countries like India. In
general, many different determinants of the theory of planned behaviour, with the exception of
perceived behaviour control, have a substantial effect on the adoption of fintech, particularly Gen-
y. Our research expands the theoretical bounds by presenting strong evidence in favour of the
relevance of the dual process of theory of planned behaviour in gaining an understanding of the
adoption intention of financial technology.

The future researchers can use more mediators and moderators such as green technology,
financial innovations, perceived trust, green finance, rational consumer behavior in order to
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conduct in-depth study of underlying relationships. Besides it, an experimental study can be
undertaken to know about the before and after impact of fintech adoption by millennials. Now
a days, experimental research is undertaken in order to know the underlying causal relationships
among the variables. Further, effective reservoir experimental research based on data partitioning
can be conducted. Experimental research based on neural science can be further explored. The
present study is based on theory of planned behavior and it can be explored further on the basis of
several circumstantial justifications. It will be gainful to carry out meta-analysis study to know
antecedents and consequences of adoption intention and actual intention for adoption of fintech
among Gen Z. It would further provide much more vision and develop embryonic areas of research.

19. Limitations and future research direction

The population of India’s Generation Y is all that will be covered in this research. Future studies
may involve members of India’s Gen Z. Another disadvantage of the study is that the user’s real
and adoption intention towards fintech is exclusively based on theory of planned behaviour. It is
a significant restriction, given the nature of the research. On the other hand, the scope of the study
may be expanded further by including additional dependent and independent variables. As poten-
tial moderators, demographic parameters such as sex, age group, level of education, as well as an
economic level might be considered (Ferdaous & Rahman, 2021). Based on Global Findex Report
2022, there is 22% of Indians lack an account in any financial institution due to distance to
financial institutions, lack of trust, and lack of need were the most commonly cited reasons for
account inactivity. Therefore, trust, lack of need, perceived security and risk can be considered as
exogeneous variable in the existing model for future research.
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