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GENERAL & APPLIED ECONOMICS | RESEARCH ARTICLE

Impact of COVID-19 lockdowns on retail stock 
trading patterns
Christos Sigalas1*

Abstract:  The purpose of this paper is to explore the impact of the first wave of 
COVID-19 lockdowns on retail stock trading patterns, at a transnational level. Cross- 
sectional empirical research was utilized with five samples of public companies from 
the US, Europe, Asia, and blended equity capital markets globally. The impact of the 
first wave of COVID-19 lockdowns on stock trading patterns was investigated using 
median tests and the factors that influence retail stock trading were explored with 
regression analyses. Contrary to the conventional proposition that stock trading 
activity is reduced during times of crisis, the results of this study indicate that retail 
stock trading increased during the first wave of COVID-19 lockdowns. In addition, 
the findings raise awareness of the risks to novice retail investors associated with 
the increased stock trading due to herd behavior.

Subjects: Econometrics; International Finance; Investment & Securities 

Keywords: COVID-19 lockdowns; Retail stock trading; Herd trading behavior; Stock trading 
liquidity; Stock volatility

1. Introduction
The outbreak of the coronavirus disease (COVID-19), which is caused by the severe acute respira
tory syndrome coronavirus 2 (SARS-CoV-2), promptly became a pandemic in 2020 affecting 
millions of people globally (WHO, 2021). Apart from the ongoing severe impact on human health 
and the tragic loss of human lives, the COVID-19 pandemic is having also enormous impact on the 
social and economic activities of people worldwide (Goodell, 2020).

In the economic context, the COVID-19 pandemic has affected stock markets as well as 
investors’ stock trading patterns (Okorie & Lin, 2021; Ortmann et al., 2020). Despite heightened 
attention by investors (Smales, 2021), increased fear in stock trading due to the COVID-19 pan
demic (Subramaniam & Chakraborty, 2021) and decline in the investors’ trust and confidence in 
stock markets during the COVID-19 pandemic (Shrotryia & Kalra, 2021), stock market liquidity had 
increased during the first nine months of 2020. Stock market volatility had also increased during 
the first wave of COVID-19 lockdowns (Okorie & Lin, 2021). Brandt et al. (2010) suggest that high 
levels of volatility are usually associated with increased speculation by retail investors. Speculative 
trading is often related to herd trading (Omane-Adjepong et al., 2021).

In fact, during the first wave of COVID-19 lockdowns, stock trading activity had been dominated 
by novice retail stock traders, who overpowered the experienced and fundamentally driven stock 
traders (Tokic, 2020). Increase stock trading by retail investors is often associated with herd 
trading behavior, since during volatile and uncertain times retail investors are imitating each 
other’s stock trading behavior (Padungsaksawasdi, 2020). Herd trading behavior makes stock 
securities mispriced and consequently leads to market inefficiencies (Akbar et al., 2019). Thus, 
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the increased stock trading activity from newcomers and novice retail investors, raises the caveat 
that these inexperienced stock traders may be susceptible to artificial stock price inflating prac
tices that transfer wealth from the general population, which suffers more from the economic 
consequences of the pandemic to the expert arbitrageurs and speculators (Tokic, 2020).

The purpose of this study, which employs an empirical research design with five samples of 
public companies from global equity capital markets, is to explore the impact of the first wave of 
COVID-19 lockdowns on investors’ trading patterns, with an emphasis on retail investor as well as 
to investigate the factors that shape retail stock trading behavior. The study focuses on the first 
wave of COVID-19 lockdowns during the first nine months of 2020 because the universal and 
global lockdown was an unprecedented shock that disrupted both social and economic activity. 
Subsequent regional and partial lockdowns, especially after the introduction of COVID-19 vaccines, 
have lesser effect on stock trading activity that is more affected by other “black swan” events, such 
as the Russo-Ukrainian War and recessionary-inflationary environment in many economies.

The results of this study contradict the prevailing proposition that crises and other “distraction 
events” are associated with decreased trading volumes and stock volatility (Peress & Schmidt,  
2020). However, the findings of this study concur with the result of recent studies, which focus on 
the effects of the COVID-19 pandemic on stock trading, indicating that during the COVID-19 
pandemic, stock volatility has increased (see, Erdem, 2020; Heo et al., 2021; Okorie & Lin, 2021) 
and stock trading volumes have also increased (see, Ortmann et al., 2020). Most importantly, the 
results add to the body of existing literature that retail stock trading patterns changed during the 
first wave of COVID-19 lockdowns, underpinning strong presence of herd trading behavior.

The remaining sections of the paper are the following. Section 2 presents the recent literature 
findings and insights about the impact of the COVID-19 pandemic on retail investors’ stock trading 
patterns. Section 3 follows with the presentation of the methods and data used in the empirical 
exploratory study. Section 4 presents the results of the median tests to investigate the impact of 
the first wave of COVID-19 lockdowns on stock trading patterns as well as the regression analyses 
to explore the factors that influenced retail stock trading during the first wave of COVID-19 
lockdowns. Section 5 discusses the findings of empirical research in conjunction with literature 
and section 6 concludes the paper with the main implications of the study as well as directions for 
future research.

2. COVID-19 pandemic and stock trading patterns
The abrupt transmission rate of the SARS-CoV-2 to the global population and the seriousness of 
the COVID-19, forced governments in many countries to proceed with unprecedented lockdowns 
and strict quarantine measures, during the first nine months of 2020 (Ortmann et al., 2020). Amid 
lockdowns, many people had found themselves sitting in their homes, in isolation. Due to the 
cancellation of live sports, cultural festivals and other social events, most people had been getting 
bored without any means of entertainment aside from the internet, an example of this is online 
stock trading (Tokic, 2020). Therefore, many people had turned to online stock trading, as being 
evident by the increased number of new stock brokerage accounts and increased average trading 
activity during the COVID-19 pandemic (Ortmann et al., 2020). The emergence of many online 
platforms and mobile applications with commission-light or even commission-free accounts, such 
as Robinhood, TradeStation, TD Ameritrade, Firstrade, M1 Finance, Betterment and Interactive 
Brokers, accommodated the rapid expansion of online stock trading by inexperienced retail 
investors. These investors are mostly “positive feedback” stock traders. “Positive feedback” inves
tors are the stock traders who base their trading decisions solely on stocks with rising price 
momentum, on the expectation of “good news” and on the expectation that the “good news” 
will keep pushing stock prices higher (Tokic, 2020). In addition, the emergence of online platforms 
most likely enabled a part of the population with compulsive gambling disorder (Cox et al., 2020) 
to increase its speculative stock trading activity, such as day-trading and high frequency trading, 
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since peoples’ inclination towards gambling is positively related to increased stock trading beha
vior (Zhang et al., 2021).

Since the “positive feedback” stock traders are attracted by the uptrend in share price momen
tum and by the expectation of “good news” that will boost the stock prices even higher, there is an 
incentive from senior management of public companies and by speculative investors to manip
ulate stock prices. Senior managers are inclined to engage into “cheap talk” practices such as stock 
splits, CEO forecasts and press releases without any valuable information to convey, in terms of 
improved fundamentals of their companies, but rather aim to boost their stock price by creating 
the impression of “good news” (Gutiérrez et al., 2020). The “cheap talk” practices attract the 
attention of “positive feedback” stock traders, either directly, or indirectly through online media 
sources such as Yahoo! Finance, Seeking Alpha and social news aggregation websites such as 
Reddit (Bushee et al., 2020). In addition, lower levels of corporate transparency are found to be 
positively related to herd behavior (Padungsaksawasdi, 2020).

Speculative investors can also utilize various trading strategies that aim to artificially inflate 
stock prices to attract the attention of the “positive feedback” stock traders, who will most likely 
follow the uptrend momentum in anticipation that the momentum will persist (Tokic, 2020). A 
prominent trading strategy by speculative investors in mid-2020, which was labelled as the 
“Nasdaq whale” case, consisted of an aggressive purchase of out-of-money call options for 
Nasdaq-listed and high-profile stocks to boost their stock price (Inagaki et al., 2020). Lastly, the 
COVID-19 pandemic may also foster financial fraud and misrepresentations by public companies 
to positively manipulate their stock prices (Karpoff, 2021).

On a different note, fear of possible global recession due to the COVID-19 pandemic, led to stock 
selloff by many retail investors as a way to safeguard their households’ liquidity amid the lock
down and until the economic activity recovers (Okorie & Lin, 2021), as well as by young people due 
to concerns about their job security and thus uncertainty about their future income (Heo et al.,  
2021).

Regardless of the cause, i.e., as a mean of entertainment or as a mean of liquidity preservation, 
stock trading activity has increased during the COVID-19 pandemic period, raising concerns about 
herd trading behavior and requiring the close attention of regulators. Prior studies had focused on 
the impact of the COVID-19 pandemic on stock returns (see, Al-Najjar et al., 2021; Anh & Gan, 2021; 
Harjoto & Rossi, 2021; Shrotryia & Kalra, 2021; Subramaniam & Chakraborty, 2021) and not on retail 
stock trading behavior, such as stock trading liquidity, volume and volatility. This study aims to fill 
this gap in literature by focusing on retail stock trading patterns, at a transnational level.

3. Methods

3.1. Data
The study focuses on the first wave of COVID-19 lockdowns, because the universal and global 
lockdowns and quarantine measures during that period were an unprecedented shock that 
disrupted both social and economic activity. Since most lockdowns in Europe (EU) and the 
United States of America (US) took place in late March 2020 (see, Ortmann et al., 2020), this 
study focuses on the period started on 1 April 2020, and ended on 30 September 2020. The period 
since 30 September 2020, extends beyond the end of most initial lockdowns because the dete
rioration of the pandemic in terms of human cases and lives (see, Figure 1., Figure 2. and Figure 3.) 
had been affecting the trading patterns of investors following the initial lockdowns. In particular, 
the increased number of new COVID-19 cases and deaths during the period started on 1 April 
2020, and ended on 30 September 2020, had a significant impact on stock trading patterns, since 
stock trading liquidity had been found to be positively related to the number of new infections and 
deaths due to the COVID-19 (Mdaghri et al., 2021).
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This study employs an empirical research design by cross-sectionally comparing investors’ 
trading patterns between the April–September 2020 or 2Q-3Q 2020 period (first COVID-19 period) 
and the April–September 2019 or 2Q-3Q 2019 period, the April–September 2018 or 2Q&3Q 2018 
period (pre-COVID-19 periods) and the April–September 2021 or 2Q-3Q 2021 period.

Figure 2. Impact of the COVID- 
19 on human health lives in EU 
(April–September 2020). 

Figure 1. Impact of the COVID- 
19 on human health lives in US 
(April–September 2020). 
Source: World Health 
Organization 
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The sample of this paper is comprised of stocks in the US, EU, Asia and blended stocks listed on 
various global equity capital markets to cover all markets and all geographical regions in order to 
conduct a study at transnational level. The US stocks are being divided into large capitalization 
stocks taken from the S&P 5001 index and small capitalization stocks taken from the Russell 20002 

index to capture companies of all sizes in US. The sample of EU stocks is compiled from the CAC 
40,3 the DAX4 and the FTSE 1005 indices to capture the more significant economies in Europe. 
Furthermore, the sample of Asian stocks is composed from the Nikkei 2256 and the Hang Seng7 

indices to capture the major stock trading activity in Asia. Lastly, the S&P Global 12008 index is 
used as a blended sample of global stocks.

3.2. Variables
Abudy (2020) provides evidence that there is a causal relation as well as positive relationship 
between retail investors’ activity and stock market liquidity. Therefore, the stock trading liquidity 
(LIQ) for the first COVID-19 period and the other periods was used as a proxy to measure retail 
investors’ trading activity.

The LIQ per stock for each period was computed as follows: 

LIQ p;sð Þ ¼ ∑
N

i;sð Þ

Bid i;sð Þ � Ask i;sð Þ

N 

where p is each of the four periods, i.e., 2Q-3Q 2018, 2Q-3Q 2019, 2Q-3Q 2020, 2Q-3Q 2021;

s is a stock of a public company from the sample;

i is a trading day in each of the four periods;

Bid i;sð Þ is the bid price per trading day per stock;

Figure 3. Impact of the COVID- 
19 on human health lives in 
Asia (April–September 2020). 
Source: World Health 
Organization 
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Ask i;sð Þ is the ask price per trading day per stock;

N is the total trading days for each of the four periods.

The empirical research of retail stock trading patterns was also supplemented with the stock 
trading volume (VOL) and stock volatility (VOLAT) variables, because contrary to other “distraction 
events” and crises that are associated with decreased trading volumes and volatility (Peress & 
Schmidt, 2020), the COVID-19 pandemic led to increasing volatility (Erdem, 2020; Heo et al., 2021; 
Okorie & Lin, 2021) and excessive trading volumes (Ortmann et al., 2020). In addition, Akbar et al. 
(2019) found that stock trading volume is a better proxy variable for herd behavior compared to 
the conventional variable of stock return.

The VOL per stock for each period was computed as follows: 

VOL p;sð Þ ¼
∑N

i;sð Þ
Vol i;sð Þ

N

� �

Shares j;sð Þ

where p is each of the four periods, i.e., 2Q-3Q 2018, 2Q-3Q 2019, 2Q-3Q 2020, 2Q-3Q 2021;

s is a stock of a public company from the sample;

i is a trading day in each of the four periods;

Vol i;sð Þ is the trading volume, in terms of number of shares, per trading day per stock;

N is the total trading days for each of the four periods;

j is the day ended of the four periods, i.e. September 30, 30 September 2018, 30 September 2019, 
30 September 2020, 2021;

Shares j;sð Þ is the total number of shares outstanding per day ended of the four periods per stock.

The VOLAT per stock for each period was calculated as follows: 

VOLAT p;sð Þ ¼

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi

∑N
i r i;sð Þ � m p;sð Þ

� �2

N � 1

s

�
ffiffiffiffi
N
p

where p is each of the four periods, i.e., 2Q-3Q 2018, 2Q-3Q 2019, 2Q-3Q 2020, 2Q-3Q 2021;

s is a stock of a public company from the sample;

i is a trading day in each of the four periods;

N is the total trading days for each of the four periods;

r i;sð Þ is the price return per trading day per stock;

m p;sð Þ is the mean value of price return per period per stock.

For the regression analyses, the average share price (PRICE) for each period, the free float (FLOAT), 
the insiders’ ownership (INSID), and the institutional ownership (INSTIT) per stock as of the end of 
each period, are all used as control variables.
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4. Empirical results
Since LIQ, VOL and VOLAT variables deviate from normal distribution,9 this study employs Kruskal– 
Wallis non-parametric tests to explore the cross-sectional median differences of stock trading 
patterns between the first COVID-19 period and the other periods. The results of the median 
differences analyses are presented in Tables 1, 2 , 3 , and 4.

The results for large capitalization companies listed on US stock exchanges (see, Table 1: Panel 
A), indicate that there are statistically significant differences in the median values of LIQ, VOL, and 
VOLAT between the first COVID-19 period and the other periods, with the exception of the 2Q-3Q 
2020 period versus the 2Q-3Q 2021 period for the LIQ variable. The median LIQ presented a 
statistically significant increase in 2Q-3Q 2020 period compared to 2Q-3Q 2018 and 2Q-3Q 2019 

Table 1. Median differences of stock trading patterns in the US

Panel A: Large capitalization companies (S&P 500)
LIQ VOL VOLAT

Median 2Q-3Q 2018 −0.0124 0.0020 0.1487

Median 2Q-3Q 2019 −0.0187 0.0019 0.1701

Median 2Q-3Q 2020 −0.0242 0.0024 0.2890

Median 2Q-3Q 2021 −0.0240 0.0019 0.1593

Test Statistic 235.39 62.95 808.73

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2018 Test Statistic

488.42 −230.82 −924.17

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2019 Test Statistic

170.33 −235.59 −723.95

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2021 Test Statistic

−6.93 237.20 824.42

p-value 0.848 0.000 0.000

Panel B: Small capitalization companies (Russell 2000)

Median 2Q-3Q 2018 −0.0412 0.2261 0.0017

Median 2Q-3Q 2019 −0.0219 0.2693 0.0020

Median 2Q-3Q 2020 −0.0246 0.4796 0.0028

Median 2Q-3Q 2021 −0.0371 0.2693 0.0022

Test Statistic 99.80 2309.77 470.73

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2018 Test Statistic

−123.12 −3114.86 −1441.98

p-value 0.085 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2019 Test Statistic

84.75 −2451.31 −1092.27

p-value 0.226 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2021 Test Statistic

555.97 2479.27 525.59

p-value 0.000 0.000 0.000
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periods and remained at the same levels in 2Q-3Q 2021 period. Moreover, the median VOL 
increases in 2Q-3Q 2020 period, compared to the same periods in 2018 and 2019. In the 2Q-3Q 
2021 period, VOL decreased to the 2019 levels. The median VOLAT in 2Q-3Q 2020 period increased 
to 28.9%, compared to 14.87% and 17.01% for 2Q-3Q 2018 and 2Q-3Q 2019, respectively. In the 
2Q-3Q 2021 period the median VOLAT decreased to 15.93%.

Regarding the small capitalization companies listed on US stock exchanges, there are no 
statistically significant differences in median values of LIQ between the first COVID-19 period 
and pre-COVID-19 periods. Nevertheless, there is a statistically significant increase in the median 
LIQ in 2Q-3Q 2021 compared to the same period in 2020 (see, Table 1: Panel B). Furthermore, 
results of the median differences analyses of the large capitalization companies listed on US stock 
exchanges for VOL and VOLAT variables are comparable with the same analyses of the large 
capitalization companies listed on US stock exchanges. Both the median values of VOL and VOLAT 
increased significantly in 2Q-3Q 2020 compared to the same periods in 2018 and 2019. In the 2Q- 
3Q 2021 period the median of VOL and VOLAT declined at a statistically significant level from the 
2Q-3Q 2020 period.

The results for the companies listed on EU stock exchanges indicate that median values of LIQ 
do not differ significantly between the first COVID-19 period and the two pre-COVID-19 periods as 
well as the same period in 2021 (see, Table 2). Nevertheless, there are statistically significant 
differences in the median values of VOLAT for all periods and of VOL between 2Q-3Q 2020 and 2Q- 
3Q 2021. The median value of VOLAT increased to 27.22% in 2Q-3Q 2020 from 14.21% and 16.15% 
of the same periods in 2019 and 2018, respectively. Lastly, the median value of VOLAT decreased 
in the 2Q-3Q 2021 period from the same period in 2020.

Turning to the companies listed on Asian stock exchanges, there is a statistically significant 
increase in the median value of LIQ in 2Q-3Q 2020 compared to the same period in 2018 (see, 
Table 3). Moreover, there are no statistically significant differences in median values of VOL 
between the 2Q-3Q 2020 period and the other periods. Alike the trading patterns in the US and 
EU, the results for the companies listed on Asian equity capital markets suggest that there are 
statistically significant differences in the median values of VOLAT. The median VOLAT increased to 

Table 2. Median differences of stock trading patterns in EU

LIQ VOL VOLAT
Median 2Q-3Q 2018 −0.2031 0.0026 0.1421

Median 2Q-3Q 2019 −0.1771 0.0024 0.1615

Median 2Q-3Q 2020 −0.1763 0.0026 0.2722

Median 2Q-3Q 2021 −0.1376 0.0018 0.1611

Test Statistic 4.14 66.74 292.46

p-value 0.247 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2018 Test Statistic

- −15.68 −335.23

p-value - 0.457 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2019 Test Statistic

- −34.07 −259.18

p-value - 0.106 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2021 Test Statistic

- 156.14 262.78

p-value - 0.000 0.000
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25.47% in 2Q-3Q 2020 from 16.45% in 2Q-3Q 2018 and from 17.80% in 2Q-3Q 2019. In addition, 
the median VOLAT in 2Q-3Q 2021 reduced to 19.24% compared to the same period in 2020.

Lastly, for public companies throughout the world, i.e., US, Canada, Brazil, Chile, Colombia, 
Mexico, Peru, United Kingdom, Switzerland, Netherlands, Denmark, Finland, Sweden, France, 
Italy, Germany, Spain, Ireland, Japan, China, South Korea, Singapore, and Australia, there are 
statistically significant differences in the median values of LIQ between the first COVID-19 period 
and the two pre-COVID-19 periods. Particularly, the median values of LIQ increased in 2Q-3Q 2020 
compared to 2Q-3Q 2018, 2Q-3Q 2019 and remained unchanged, from a statistical point of view, 
in 2Q-3Q 2021 (see, Table 4). In addition, there are statistically significant differences in the 
median values of VOL and VOLAT between 2Q-3Q 2020 and all other periods. Specifically, the 
median values of VOL and VOLAT increased in 2Q-3Q 2020 compared to 2Q-3Q 2018 and 2Q-3Q 
2019, as well as decreased in 2Q-3Q 2021 compared to 2Q-3Q 2020.

Summarizing the findings of median tests on stock trading patterns (see, Table 5), LIQ demon
strated statistically significant increase in 2Q-3Q 2020 versus the previous two respective periods 
for companies listed on blended global equity capital markets as well as on US stock exchanges for 
large capitalization companies. Moreover, LIQ increased, at a statistically significant level, in 2Q-3Q 
2020 versus 2Q-3Q 2018 for the public companies in Asia, whereas in EU equity capital markets 
there was not any statistically significant change between 2Q-3Q 2020 and the same periods in 
2018 and 2019. Turning to VOL, there was a statistically significant increase in 2Q-3Q 2020 versus 
the previous two respective periods at all equity capital markets, expect for EU and Asian markets. 
In addition, VOL in 2Q-3Q 2021 period decreased from the respective 2020 levels at all stock 
exchanges, apart from Asian stock exchanges. For VOLAT, the findings are consistent in all equity 
capital markets. There was a statistically significant increase in 2Q-3Q 2020 versus 2Q-3Q 2018 
and 2Q-3Q 2019 and a statistically significant decrease in 2Q-3Q 2021 compared to 2Q-3Q 2020.

The empirical results were supplemented with Generalized Method of Moments regressions 
using HAC Newey-West estimation weighting matrix, to investigate the factors that influenced 
LIQ during the first COVID-19 period and the three other periods.

Table 3. Median differences of stock trading patterns in Asia

LIQ VOL VOLAT
Median 2Q-3Q 2018 −2.4231 0.0038 0.1645

Median 2Q-3Q 2019 −3.0172 0.0034 0.1780

Median 2Q-3Q 2020 −3.6794 0.0039 0.2547

Median 2Q-3Q 2021 −3.0573 0.0033 0.1924

Test Statistic 8.70 6.52 266.90

p-value 0.034 0.089 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2018 Test Statistic

79.76 - −403.81

p-value 0.003 - 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2019 Test Statistic

40.63 - −355.77

p-value 0.132 - 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2021 Test Statistic

−41.38 - 259.52

p-value 0.125 - 0.000
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The model specification used is the following:

LIQpr ¼ f VOlpr;VOLATpr; PRICEpr; FLOATpr; INSIDpr; INSTITpr
� �

where p is each of the four periods, i.e., 2Q-3Q 2018, 2Q-3Q 2019, 2Q-3Q 2020, 2Q-3Q 2021;

r is the region, i.e., US (for large capitalization companies: S&P 500), US (for small capitalization 
companies: Russell 2000), EU (CAC 40, DAX and FTSE 100), Asia (Nikkei 225 and Hang Seng), and 
blended global (S&P Global 1200).

The results of the regressions appear in Tables 6, 7 , 8 , and 9.

The results for the US public companies with large capitalization indicate that during 2Q-3Q 
2020, FLOAT became important determinant of LIQ and remained a statistically significant factor 
of LIQ in 2Q-3Q 2021 (see, Table 6: Panel A). On the contrary, INSTIT from a positive and 
statistically significant factor in all other periods ceased being determinant of LIQ in 2Q-3Q 
2020. Furthermore, VOLAT, VOL and PRICE were negative, positive and negative, respectively, 
factors of LIQ throughout the periods. The results for the US public companies with small capita
lization indicate that VOL and PRICE were negatively related to LIQ (see, Table 6: Panel B). VOL 
became a positive and statistically significant factor of LIQ in 2Q-3Q 2020 and turned to a negative 
and statistically significant factor of LIQ in 2Q-3Q 2021.

The results for EU public companies indicate that VOL and VOLAT were not significant factors of 
LIQ during 2Q-3Q 2020. Moreover, INSTIT became a significant and positive factor of LIQ, whereas 
INSID ceased being a significant and positive factor of LIQ during 2Q-3Q 2020 (see, Table 7). In 
addition, the lower PRICE and the increased FLOAT were important factors of LIQ in all periods.

For the companies listed on the Asian stock exchanges, VOLAT and FLOAT became significant 
and positive factors of LIQ during 2Q-3Q 2020 (see, Table 8). Furthermore, Alike US and EU equity 
capital markets, retail investors of Asian public companies seem to prefer stocks with lower PRICE 

Table 4. Median differences of stock trading patterns in blended global stock exchanges

LIQ VOL VOLAT
Median 2Q-3Q 2018 −0.0343 0.0024 0.1485

Median 2Q-3Q 2019 −0.0432 0.0023 0.1657

Median 2Q-3Q 2020 −0.0537 0.0027 0.2703

Median 2Q-3Q 2021 −0.0567 0.0021 0.1640

Test Statistic 30.43 154.59 1633.09

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2018 Test Statistic

286.94 −414.56 −2069.60

p-value 0.000 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2019 Test Statistic

111.22 −421.43 −1698.46

p-value 0.049 0.000 0.000

2Q-3Q 2020 vs. 2Q-3Q 
2021 Test Statistic

−33.47 698.18 1737.70

p-value 0.554 0.000 0.000
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in all periods. Lastly, INSID became significant and negative factors of LIQ in 2Q-3Q 2019 and 
remained negative and significant in all periods thereafter.

The results for companies listed on blended stock exchanges globally suggest that FLOAT 
became a significant and positive factor of LIQ, whereas INSTIT ceased being a significant factor 
of LIQ during 2Q-3Q 2020 (see, Table 9). Moreover, the positive and negative impact of VOL and 
VOLAT, respectively, on LIQ discontinued in 2021. Lastly, the results on blended global stock 
exchanges corroborate the consistent finding that lower PRICE is a significant antecedent of LIQ 
in all periods.

Summarizing the findings of the empirical investigation of LIQ determinants (see, Table 10), 
VOLAT became a factor positively affecting LIQ in 2Q-3Q 2020 for small capitalization companies 
in US and for public companies in Asia. Moreover, VOLAT ceased being a negative factor of LIQ in 
2Q-3Q 2020 for public companies in EU. FLOAT became a positive determinant of LIQ in 2Q-3Q 
2020 for all public companies globally, with the exception of EU and US small capitalization 
companies. For INSTIT there are mixed results, since it ceased being a positive factor of LIQ in 
2Q-3Q 2020 for US large capitalization and blended global public companies, whereas became a 
positive factor of LIQ in 2Q-3Q 2020 for EU public companies. Moreover, INSID ceased being a 
positive factor of LIQ in 2Q-3Q 2020 at EU equity capital markets. Lastly, PRICE is consistently a 
negative factor of LIQ for all periods and at all equity capital markets.

5. Discussion
The results of the empirical research suggest that there is a statistically significant increase of 
stock volatility during the first wave of COVID-19 lockdowns in all stock exchanges globally. 
Although this finding contradicts the prevailing theoretical proposition that during crises, stock 
volatility is decreased (see, Peress & Schmidt, 2020), it concurs with recent literature focusing on 
the effects of the COVID-19 pandemic on stock markets (see, Erdem, 2020; Heo et al., 2021; Okorie 
& Lin, 2021). This finding provides evidence of herd behavior in stock trading by novice retail 
investors, since high volatility is associated with herd trading behavior (Padungsaksawasdi, 2020). 
Specifically, Padungsaksawasdi (2020) who investigated herd behavior in a sample dominated by 
retail investors, found that retail investors tend to imitate the trading behavior of other investors 
more during times of high volatility. The main reason of such collective behavior is that during 
extreme market conditions characterized by information uncertainty, individual investors are more 

Table 10. Variations of LIQ factors during the first COVID-19 period

LIQ factors
US 

(Large Cap.)
US 

(Small Cap.) EU Asia
Blended 
Global

VOLAT Became positive 
factor in 2020 
and negative 
factor in 2021

Ceased being 
negative factor 
in 2020

Became positive 
factor in 2020

PRICE Consistently 
negative factor 
in all periods

Consistently 
negative factor 
in all periods

Consistently 
negative factor 
in all periods

Consistently 
negative factor 
in all periods

Consistently 
negative factor 
in all periods

FLOAT Became positive 
factor in 2020 
and 2021

Became positive 
factor in 2020 
and 2021

Became positive 
factor in 2020

INSID Ceased being 
positive factor 
in 2020

INSTIT Ceased being 
positive factor 
in 2020

Became positive 
factor in 2020

Ceased being 
positive factor 
in 2020
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receptive to follow the market consensus rather than base their investment decisions on their own 
views about companies’ fundamentals.

Regarding the stock trading volume there are mixed findings among equity capital markets 
throughout the world. Particularly, there are no statistically significant differences of stock trading 
volume during the period of the first wave of COVID-19 lockdowns compared pre-COVID-19 
periods, in the EU and Asian stock exchanges, whereas it increased significantly in the US and 
global equity capital markets. Moreover, stock trading volume can be used as a proxy variable for 
herd trading behavior (Akbar et al., 2019). Therefore, the presence of herd trading behavior is less 
intense in EU and Asian stock exchanges compared to US and global equity capital markets. These 
findings add to the body of existing literature that suggests that herd trading behavior is more 
likely to exist in emerging equity capital markets (Bikhchandani & Sharma, 2000).

This study provides evidence that retail stock trading, as being measured by stock trading 
liquidity, increased during the first wave of COVID-19 lockdowns for large capitalization publicly- 
traded companies in the US and for public companies in blended global stock exchanges compared 
to the pre-COVID-19 periods in 2018 and 2019. Stock trading by retail investors also increased at 
Asian equity capital markets during the first wave of COVID-19 lockdowns compared to the pre- 
COVID-19 period in 2018. These findings provide evidence of herd behavior by retail investors, since 
herd behavior is manifested through an increased stock trading (Padungsaksawasdi, 2020). Thus, 
this study provides evidence of herd trading behavior during COVID-19 pandemic for large capita
lization public companies in the US, contrary to prior studies that found no herd behavior in the US 
equity capital markets or other developed markets (Chang et al., 2000; Chiang & Zheng, 2010; 
Christie & Huang, 1995).

The empirical findings also indicate that the factors affecting retail stock trading are not uniform 
among the various equity capital markets and not equally important during the various periods. 
Stock volatility became an important determinant of retail stock trading with positive effect during 
the first wave of COVID-19 lockdowns for the US small capitalization and Asian public companies. 
A plausible explanation of the positive relationship between stock volatility and retail stock trading 
is that news about causalities of the COVID-19 pandemic, which are perceived as negative 
information, attracted more attention by retail investors and therefore induced higher volatility 
in these stock markets (Chen et al., 2020).

Lower stock prices seem to consistently drive increased retail stock trading in all stock 
exchanges, regardless of the unprecedented shock caused by COVID-19 lockdowns. This finding 
is useful to stock market regulators to enhance the stock trading rules for micro-cap or “penny 
stock” companies to protect inexperienced retail investors.

Lastly, corporate governance variables, such as free float, institutional ownership and insiders’ 
ownership are not consistently significant determinants, either positive or negative, of retail stock 
trading during the first wave of COVID-19 lockdowns.

6. Conclusions
This study explores the impact of the first wave of COVID-19 lockdowns on retail stock trading 
patterns at a transnational level by employing cross-sectional empirical research design. The 
findings of the study provide evidence of herd behavior in stock trading by novice retail investors, 
since increased noise trading and highly volatile environment are associated with herd trading 
behavior (Padungsaksawasdi, 2020). The presence of herd trading behavior causes significant 
deviation between stock prices and their intrinsic value (Chiang & Zheng, 2010). Herd trading 
behavior not only renders the markets inefficient (Akbar et al., 2019) but also make novice 
investors susceptible to excessive and unjustifiable risk (Omane-Adjepong et al., 2021). Thus, this 
study provides empirical evidence of the increased retail stock trading during the first wave of the 
COVID-19 lockdowns and raises awareness of the risks to novice retail investors stemming from 
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the increased stock trading because of herd behavior. The findings of the study are useful to stock 
market regulators to calibrate the stock trading rules to protect inexperienced retail investors and 
foster fair stock trading practices by arbitrageurs and experienced speculators. In addition, the 
findings of the study add to the body of existing literature that low stock prices lure retail investors 
to increase their stock trading, most probably because low-priced stocks are more affordable to 
retail investors.

Future researchers wishing to further investigate the impact of COVID-19 lockdowns on retail stock 
trading patterns, are encouraged to also employ qualitative research designs, such as in-depth interviews 
with novice retail investors. By doing so, literature will have more rigorous evidence of herd behavior in 
stock trading by retail investors as well as of the factors that drive retail investors’ trading patterns.
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