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Abstract

Masatlioglu et al. (2023) show a strong intrinsic preference for positively skewed

information over negatively skewed information through three laboratory and two

field experiments. Using the provided replication package, we successfully computa-

tionally reproduce these results. Additionally, we test the robustness of the findings

by employing alternative statistical tests, which confirmed the original conclusions.

We also make minor comments about the paper that may be useful to researchers

building on Masatlioglu et al. (2023)’s work.

Keywords: replication; information preferences; skewness; information avoidance

1 Introduction

In “Intrinsic Information Preferences and Skewness” Masatlioglu et al. (2023) communi-

cate two main findings. First, they find that people prefer “positively skewed information

structures,” e.g., receiving a binary information signal that yields either good news or

neutral-to-bad news, over “negatively skewed information structures,” e.g., receiving a bi-

nary information signal that yields either bad news or neutral-to-good news. Second, they

find that many participants avoid more informative information structures, e.g., receiving

an information signal that may yield news of any valence (i.e., good, bad, or neutral). For

these participants, a significant minority would be willing to acquire information when it

is restricted to delivering good news (or neutral-to-bad news).
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The data underlying Masatlioglu et al. (2023)’s findings come from their two main

lab experiments and two online Mturk studies. To illustrate the evidence of their first

finding, in the two lab experiments participants are found to prefer (i) receiving informa-

tion that reveals that their chance of winning $10 is likely (or reveals that their chance

is uncertain) over (ii) receiving information that reveals that their chance of getting $0
is likely (or reveals that their chance is uncertain). In a stated preference survey, par-

ticipants state that they prefer (i) taking a genetic test that reveals that their chance of

avoiding Azheimer’s disease is relatively high (or reveals that their chance is uncertain)

over (ii) taking a genetic test that reveals that their chance of avoiding Azheimer’s disease

is relatively low (or that that their chance is uncertain). In an online experiment in which

participants take an IQ Test, after guessing their own rank out of 100 participants, say

40th, participants reveal that they prefer (i) being informed whether or not their IQ rank

is more than ten positions better (30th), over (ii) being informed whether or not their

IQ rank is more than ten positions worse (50th). The evidence for the second finding is

based on similar measures, but we omit the detailed description here.

In this report prepared for the Institute for Replication (Brodeur et al., 2024), we

successfully computationally reproduce all of Masatlioglu et al. (2023)’s results, which

support these findings.

2 Replication package

The replication package is of excellent quality. The code is well-documented, runs without

issues, and reproduces all results in the paper.

The original code is in Stata. The results are replicated when the statistical tests are

re-coded in R and when using parametric equivalents of the non-parametric tests.

All figures, tables, and values referred to in the text reproduce. Alternative tests,

such as Bayes factor t-tests, replicate the same outcomes as originally reported. Given

that the original authors chose the appropriate tests, we find little value in providing the

results of the alternatives here.

Due to the nature of the study and without access to the raw data, there are limited

robustness checks we could conduct. Table 1 summarizes the computational reproduc-

tion.1

1The replication package includes intermediate data, but not the raw data. An example of raw data
that the authors reasonably exclude from the intermediate data used for analysis are the responses from
Mturk participants in both of the field experiments (Alzheimer’s and IQ test) who did not complete the
study, failed the attention checks, or admitted to not having made much effort.
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Fully Partial No

Raw data provided x
Cleaning code provided x
Analysis data provided x
Analysis code provided x
Reproducible from raw data x
Reproducible from analysis data x

Table 1: Computational reproduction summary. The computational reproduction was
successful based on the data provided. The fifth row indicates that reproducibility is
partial because the raw data was not provided (see footnote 1).

3 Minor Comments

In this section, we share some observations we made while exploring Masatlioglu et al.

(2023)’s replication package. We do not see those observations as challenging the paper’s

conclusion. However, they may be useful to researchers’ building on Masatlioglu et al.

(2023).

In Experiment 1, participants are asked for their minimum willingness-to-accept in

order to switch from their preferred information structure to their non-preferred in-

formation structure. This is referred to as the “minimum compensation required to

switch” (MCTS), and it is elicited using a multiple price list in which participants are

presented with 10 Yes/No decisions of whether they are willing to switch for c cents,

where c = 1, 5, 10, . . . , 50 (Holt and Laury, 2002). The MCTS is measured by the first

time the participant clicks “Yes,” because a rational participant that clicks “Yes” to a

compensation of c should also click “Yes” to any compensation greater than c. The mul-

tiple price list is among the most widely used methods to elicit individual preferences on

risk, time, and commodity pricing. Despite its popularity, one empirical difficulty that

it is often observed in the field is that participants often exhibit “multiple switching,”

which in this case would amount to switching from “No” to “Yes” and then back to

“No.” This behavior incompatible with standard assumptions on preferences and creates

noise in data (Charness et al., 2013), yet has it been found to happen at a rate of 17.1

percent in a sample of 6315 subjects over 54 published papers (Crosetto and Filippin,

2016; Filippin and Crosetto, 2016). One method commonly used to avoid the issue of

multiple switching points is only to ask the subjects to indicate which row on the list they

are willing to switch instead of deciding between lotteries in each row (Andersen et al.,

2006). We did not find such restrictions in the experimental instructions and program

screenshot provided in the online appendix. We checked the data from the replication

package, and no participant exhibited multiple switching. Given the typical prevalence

of multiple switching, its absence suggests that the experimenters either took measures

to prevent participants from doing so in a way that has not been documented—e.g., by
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using a validation check in the experimental software—or this data was excluded from the

intermediate data, as it was in the Alzheimer’s disease study (Masatlioglu et al., 2023,

p. 2631).

This brings to light the importance of the replicability of the experimental design and

its implementation. Camerer et al. (2016) evaluated 18 experimental studies published in

American Economic Review and the Quarterly Journal of Economics between 2011 and

2014. Compared to other fields of economics studies, they find that experimental studies

have a higher rate of replication success. At the same time, they call for authors to

provide comprehensive descriptions of the experimental procedures, including materials,

methods, and protocols, which is critical to making the replication process easy and

can significantly increase the study’s credibility. We propose that the computer code

used to conduct experiments be included in future replication packages. This way, in

future replication games, attendees can also role-play as participants in the experiments

themselves, which would simulate the collection of raw data.

In the Alzheimer’s disease field experiment, demographic data is collected along with

reported family history and other reasons for expecting to be of higher risk.2 However,

no findings related to this data are reported in the manuscript or online Appendix. We

find that both family history (p < 0.01) and other reasons (p < 0.001) predict being an

“information taker.” This is as expected; Alzheimer’s is a genetic disease, and having

direct family members with a history of it would likely increase the salience and perceived

benefit of diagnosis. We do not find a significant correlation between being an information

taker and other demographic data, including age, gender, and expected age at death.

Given that age is a selection criterion, its insignificance within this sample is expected.3
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