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Determinants of multiple agricultural technology 
adoption: evidence from rural Amhara region, 
Ethiopia
Mesele Belay Zegeye1*, Abebaw Hailu Fikire2 and Getamesay Bekele Meshesha1

Abstract:  The adoption of modern agricultural technologies remains to be 
a promising strategy to improve agricultural productivity, achieve food security and 
reduce poverty in Ethiopia. Despite the efforts to promote adoption in the country, 
the adoption rate has always been very low. So, it is essential to understand the 
determinants to the adoption of modern agricultural technologies. This study 
investigates the determinants of agricultural technology adoption decisions in the 
rural Amhara region of Ethiopia. The study is based on an Ethiopian socio-economic 
survey of 2015/16 and a sample of 656 farm households is considered. The paper 
uses a multinomial logit model to assess the factors affecting the adoption decision 
of agricultural technology. The result shows that farmers with more educational 
level, family size, off-farm participation, livestock, extension service, credit access, 
advisory service, and farmers closer to plot, all-weather road, zonal town, and 
farmers with lower remittance income are more likely to adopt new or improved 
agricultural technology. Accordingly, the study provides crucial policy implications 
regarding the technology adoption in the agricultural sector for all regions of 
Ethiopia.

Subjects: Microeconomics; Econometrics; Development Economics;  

Keywords: Agriculture; technology adoption; multinomial logit; poverty; Ethiopia

1. Introduction
In most developing countries, agriculture is the main stay of their economy. Agricultural develop-
ment helps improve the welfare of rural households such as poverty reduction, achieve food 
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security and environmental sustainability. The various manifestations of poverty are found dis-
proportionately in rural areas because of low income, vulnerability to shocks, poor infrastructure 
facilities, political marginalization, and exposure to the degradation of natural resources. This 
implicates the need for improving agricultural productivity at farm level, and thereby improving 
farmer’s welfare (McCalla, 2001; Admassie & Ayele, 2010; Jayne et al., 2017). Furthermore, 
agriculture, with its high contribution to country’s GDP, exports, and employment, it is an essential 
motor of growth in most developing countries.

According to Wik et al. (2008), growth originating in agriculture is about four times more 
effective in reducing poverty than other sectors. For this reason, policies that increase agricultural 
productivity can have a significant impact on poverty reduction. This is possible if and only if 
modern agricultural technologies are properly transferred and diffused so as to increase produc-
tivity. The green revolution introduced high yield varieties, fertilizers, pests, and others in develop-
ing countries, but the take up of these technologies in many developing countries has been uneven 
and have a low rate. In many areas traditional farming practices still dominate and the take up of 
the new technologies remains limited (De Janvry et al., 2017). This is true for Sub-Saharan African 
countries where the agricultural sector dominates and is characterized by low productivity due to 
the low rate of technology adoption (Asfaw et al., 2012; Feder & Savastano, 2017).

Agriculture is the main sector of the Ethiopian economy; it accounts for about 34.1% to the GDP, 
employs 79% of the population, accounts for 79% of foreign exchange earnings, it is the major 
sources of raw material and capital for investment and provides large market (Diriba, 2020). 
However, the share of the agriculture sector to GDP is decreasing overtime due to the sector is 
constrained by reliant on rainfall, traditional farming methods and minimal application of modern 
agricultural inputs (Belay & Mengiste, 2021). As a result, food production shortage, food insecurity 
and massive poverty are still the major development challenges in the country. For example, based 
on a $1 per day international poverty line 26.3% of the country’s population is estimated to be 
poor; and in $2 per day standard it increases to 80.7% (National Planning Commission, 2017).

Following this, the country has been implementing different extension approaches to promote 
the adoption of improved seed, fertilizer, pesticides, and improved agricultural practices (Tefera 
et al., 2016). Since land is scarce in the country; the feasible way to improve agricultural produc-
tivity in the country is through adoption of modern agricultural technology (Mohammed, 2014). 
Nevertheless, agricultural technology adoption remains very low in the country despite the fact 
that adoption has a direct impact on increasing yield and income generation as well as nutrition 
level. For instance, in 2014/15 cropping period, adoption rate of fertilizers, improved seed, pesti-
cides and irrigation were 55.06%, 8.55%, 22.32% and 6.15%, respectively (Shita et al., 2018). 
Therefore, this point out that more works need to be done to make sure that farmers recognize 
agricultural technologies as vital contributor of agricultural productivity and confirm better adop-
tion at the farm level.

In Ethiopia, different studies have been conducted on the determinants of adoption of agricul-
tural technology; for example (Kassie et al., 2010; Admassie & Ayele, 2010; Mulugeta & Hundie, 
2012; Asfaw et al., 2012; Hailu et al., 2014; Sebsibie et al., 2015; Amare, 2018; Wudu, 2017; Gebru, 
2016; Worku, 2019; Natnael, 2019; Ayenew et al., 2020; Feyisa, 2020; Massresha et al., 2021; 
Tamirat & Abafita, 2021). They found that agricultural technology adoption decisions are influ-
enced by factors of demographic, socioeconomic, institutional and plot characteristics. However, 
many of the aforementioned studies show the determinants of single agricultural technology 
adoption decisions. Hence, none of them showed farmers’ decision to adopt multiple agricultural 
technologies. In reality, the majority of the farmers are adopting a single and a combination of 
technologies. Thus, this paper investigates the determinants of adoption decisions of multiple 
agricultural technologies by considering adopters of at least one and more technologies in any of 
one of the crop land. Moreover, many of the studies conducted are using a few explanatory 
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variables and covers a small sample and area coverage. However, this study includes several 
explanatory variables and covers a large sample and area than the aforementioned studies.

Furthermore, this study is conducted in Amhara regional sate of Ethiopia. In the region agricul-
ture is the primary economic sector, in which nearly 84% of the population lives in rural areas. The 
most common agricultural activities practiced in the region are crop production, plantation, animal 
husbandry, forestry and logging, and fishing. To improve the livelihood of farming households, the 
application of modern agricultural technologies was taken as a measure throughout the region. 
Although there is a great focus on the application of agricultural technologies, the adoption rate of 
the region is quite low in the region, even as compared to Oromia and southern nation national-
ities and peoples regions of Ethiopia and the use is still lower than the recommended rates (Tefera 
et al., 2016; Zegeye, 2021). Therefore, it is meaningful to investigate the factors of adopting 
agricultural technologies in the Amhara region. However, there are no enough studies conducted 
on the factors of adopting agricultural technologies in the region. Thus, this study investigates the 
determinants of adoption decisions of multiple agricultural technologies in Amhara Region, 
Ethiopia.

The rest of the paper is structured as follows: Section 2 provides methodology section that 
describes data and econometric analysis used in the study. Section 3 presents result and discus-
sion of the study, and section 4 presents conclusion and recommendations of the study.

2. Methodology

2.1. Data description
The data for this study were obtained from the Ethiopian Socio-economic Survey (ESS) during 
2015/16. The survey covers all the regions of Ethiopia; however, the data is argued to be repre-
sentative for regional estimation in the most populous regions of Tigray, Amhara, Oromia, and 
Southern Nation and Nationality people’s regional state. The survey covered a wide range of topics 
such that it covers a range of topics including demography, education, health, labor, welfare, 
agriculture, food security, and shocks. The survey meets Ethiopia’s data demand gaps and is 
believed to be of high quality, and accessible to the public. The data cover rural areas and urban 
areas (small towns, medium and large towns); however, in this study households from urban areas 
were omitted for the reason of the non-applicability of agricultural activities. Then, this study 
considered merely rural farm households found in the Amhara regional state of Ethiopia. 
Consequently, the study considered 656 farm households drawn from rural Amhara regional 
state as a sample of this study.

2.2. Description and measurement of variables
Adoption in this study refers to a farm household, which used at least one technology (such as 
inorganic fertilizer (includes Urea and Dap), organic fertilizer (includes manure), herbicide and their 
combinations in any one of the crop fields. Those three technologies are selected based on the 
higher adoption rates in the region. Thus, the dependent variable is adoption of multiple agricul-
tural technologies and is estimated using multinomial logit model. The description and measure-
ment of variables used in the study are presented in Table 1 as follows.

2.3. The conceptual framework and estimation strategy

2.3.1. Modeling multiple technology adoption
The adoption of multiple agricultural technologies can be modeled in the setting of a framework. 
The adoption variable for this study is generated from the combinations of the organic fertilizer, 
inorganic fertilizer and herbicide technologies. The estimations of the adoption of alternative 
agricultural technology packages are estimated using Multinomial Logit model.
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2.3.2. Multinomial adoption selection model
Following (Verbeek, 2004; Gillespie et al., 2014; Kassie et al., 2018) the choice of alternative 
agricultural technologies is made according to the expected benefits from the adoptions of specific 
choices given their limitations. The common starting point is a random utility framework, in which 
the utility of each alternative is a linear function of observed characteristics plus an additive error 
term. Economic theory dictates that farmers adopt a single or a combination of technologies that 
can maximize their utility. This implies adoption occurs if the utility of the chosen package is higher 
than the utility of the other alternatives. However, the utility that gained from adopting agricul-
tural technology is not observed but only its choice of technology, one can assume a random utility 
model which states conditional probability choice given farmers choice. In most case, farmers are 
risk averse to adopt agricultural technology. This can be explained as; risk averse farmers tend to 
be more cautious individuals with preferences for less risky adoptions. But, a risk averter does not 
refuse to accept any risk at all. However, the risk averse farmer would seek to be compensated for 
the risk taken by receiving a higher return than would normally be obtained if there were no risk. 
Assuming that individual farmers are economically rational and maximize profits; a risk averse 
farmer probably compares all potential profits from alternative practices and then makes 
a decision about adoption. To formalize this, consider the following latent variable: 

Aij� ¼ ziαj þ ηij (1) 

where: Aij* is a latent variable which describes the ith farmer’s behavior in adopting the alternative 
package of technology J (j = 1, 2, . . . . . . .m) with respect to another alternatives K. Z’s are a vector 
of observed independent variables (household characteristics, farm-level factors, institutional 
factors, biophysical factors and technology aspects) and ηij are unobserved characteristics which 
are relevant to the farm household’s decision-maker but are unknown to the researcher. 

Ai ¼

1iffA�i1>max
k�1ðA

�
ikÞorεi1<0

. . .

. . .

. . .

MiffA�im>max
k�1ðA

�
ikÞorεim<0

8
>>>><

>>>>:

(2) 

The farm household i will choose a package of j-technologies with respect to adopting any other 
technologies of k if it provides greater expected utility than any other alternative k, k ≠ j, i.e. if ij = 
maxk�j (Aik*—Aij*) < 0.

It is assumed that the covariate vector of Zi is uncorrelated with the unobserved error term ηij, 
i.e. EðηijjziÞ ¼ 0. Assuming that ηij are independent and Gumbel (identically) distributed (indepen-
dence across utility functions and identical variance), that is under the independence of irrelevant 
alternatives (IIA) hypothesis; this model leads to the selection of a multinomial logit model.

2.3.3. Multinomial logit model (MNL)
Under adoption of multiple agricultural technologies, the number of alternatives that can be 
chosen is more than two; we can apply the multinomial discrete choice model to estimate 
simultaneously the effects of the explanatory variable on the adoption of different agricultural 
technologies. The variable Aij is a multiple-choice variable and can be consistently estimated using 
a limited dependent variable (Maddala, 1983). There are two mostly usable multinomial probabil-
istic choice models, namely multinomial logit (MNL) and probit (MNP). According to (Greene, 2003) 
there is a slight distinction between MNL and MNP models because of the need to evaluate 
multiple integrals of the normal distribution, the MNP model has found rather limited use in this 
setting and the estimated results are not sufficient to allow accurate and efficient evaluation for 
more than two variables in a sample of even moderate size, but the MNL model, in contrast, has 
been widely used in many fields. According to Kropko (2008) and Dow and Endersby (2004) 
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technically, these models are very similar, they differ only in the distribution of errors terms. MNL 
has errors which are independent and identically distributed, while MNP has errors which are not 
necessarily independent, and distributed by a multivariate normal distribution. With multiple 
integrals, MNP fails to converge or provide a useful estimation at all. Meanwhile choice probabilities 
are relatively simple in MNL, even for a large number of choices. In this regard, this study applied 
the MNL model over other since the model is simple to calculate the choice probability and 
computers can maximize the resulting likelihood function even for a large number of choices. 
The results obtained from the model is more stable than others when IIA assumption fulfilled. 
Kropko (2008) also shows the multinomial logit model nearly always provides more accurate and 
realistic results than others even if the Independent of Irrelevant Alternatives (IIA) assumption is 
severely violated. The model assumes that the possible distinct states are exhaustive in that they 
cover all possibilities.

In the model specification, the non-adoption is considered the base level and all the logit are 
made relative to the base category. When category k is taken as a base category, and let be the 
multinomial probability of an observation falling in the jth category, then the MNL model is 
specified as follows:

Pr ¼ P Yi ¼ jXð Þ ¼
exp xiαjð Þ

1þ∑n
k¼1 exp xiαkð Þ

forj ¼ 1;2; . . . ; k � 1ð Þ; andi ¼ 1;2;3 . . . . . . . . . n:

where, Yi is Adoption choice/decision, βi is the vector of parameters and Xi is a vector of all 
explanatory variables that can have influence on the adoption decisions of multiple agricultural 
technologies.

3. Results and discussion

3.1. Descriptive statistics
The eight possible agricultural technology packages are summarized in Table 4. Of the total 656 
sampled farm households in the Amhara region, about 21.04% are non-adopters (F0M0H0), 
whereas 7.77%, 17.84% and 2.74% of them adopted only one technology (F1M0H0, F0M1H0, 
and F0M0H1) respectively, and 19.82%, 8.84% and 3.35% of them are adopted a combination of 
two technology packages (F1M1H0, F1M0H1, and F0M1H1) respectively, and lastly 18.6% of the 
farm households simultaneously adopted all of the three packages (F1M1H1). The result shows 
that package of F1M1H0 and F1M1H1, followed by F0M1H0 have the higher frequencies that may 
indicate that farmers expected utility derived from those could be higher than the rest of the 
technology packages (Table 3).

The descriptive statistics of explanatory variables for the eight combined alternative packages 
considered in this study are presented in Table 5. The explanatory variables’ mean value of non- 
adopters (F0M0H0) is used as a base category to compare with mean values of alternative adopters 
(F1M0H0, F0M1H0, F0M0H1, F1M1H0, F1M0H1, F0M1H1 and F1M1H1).

The table revealed that, in the Amhara region, a set of household characteristics like sex 
(adopters are more of male headed), regarding education, adopters have high education level. 
Moreover, on average adopters have large family size than the non-adopters. On the other way, 
the mean age of the household head for adopters is lower than the non-adopters. Total farm size, 
remittance income, livestock wealth measured in TLU, and off-farm employment are used as 
a means to describe the economic status of the household. Average farm size for non-adopter is 
lower than adopters (except for herbicide adopters). The mean livestock wealth and the proportion 
of households with off-farm activity participation for adopters are higher than non-adopters. On 
average, remittance income of the household is larger for non-adopters (F0M0H0).

As the table shows, the mean distance from road, market and zonal town are larger for non- 
adopters. But adopters of manure, herbicide and a combination of the two packages, are higher 

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189                                                                                                                                                       

Page 7 of 23



Ta
bl

e 
2.

 H
yp

ot
he

si
s 

ex
pl

an
at

io
n 

an
d 

ex
pe

ct
ed

 s
ig

n 
of

 t
he

 v
ar

ia
bl

es
 u

se
d 

in
 t

he
 s

tu
dy

No
Va

ria
bl

es
Ex

pl
an

at
io

n
Ex

pe
ct

ed
 s

ig
n

1
Ag

e
Ag

e 
of

 t
he

 f
ar

m
er

 is
 o

ne
 o

f 
th

e 
fa

ct
or

s 
of

 
ad

op
tio

n 
de

ci
si

on
s.

 A
s 

th
e 

ag
e 

of
 t

he
 f

ar
m

er
 

in
cr

ea
se

s,
 t

he
ir 

ad
op

tio
n 

w
ill

 d
ec

re
as

es
 o

r 
in

cr
ea

se
s 

be
ca

us
e 

ol
d 

fa
rm

er
s 

ar
e 

ris
k 

av
er

se
 

an
d 

co
ns

er
va

tiv
e 

to
 a

do
pt

 t
he

 n
ew

 o
r 

im
pr

ov
ed

 t
ec

hn
ol

og
y 

(A
dm

as
si

e 
&

 A
ye

le
, 

20
10

) 
or

 o
ld

 f
ar

m
er

s 
co

ul
d 

ha
ve

 m
or

e 
ex

pe
rie

nc
e 

an
d 

kn
ow

le
dg

e 
th

an
 t

he
 y

ou
ng

 
fa

rm
er

s,
 s

o 
th

ey
 w

ill
 a

do
pt

 t
he

 t
ec

hn
ol

og
y 

(M
oh

am
m

ed
, 2

01
4)

.

±

2
Se

x
Se

x 
of

 t
he

 f
ar

m
er

 a
ff

ec
ts

 t
he

 a
do

pt
io

n 
de

ci
si

on
 b

y;
 if

 t
he

 s
ex

 o
f 

th
e 

fa
rm

er
 is

 m
al

e 
he

ad
ed

 t
he

n 
th

e 
pr

ob
ab

ili
ty

 o
f 

ad
op

tio
n 

w
ill

 
in

cr
ea

se
 b

ec
au

se
 m

al
e 

he
ad

ed
 fa

rm
er

s 
ha

ve
 

be
tt

er
 a

cc
es

s 
to

 r
es

ou
rc

es
 li

ke
 la

nd
, l

ab
or

 
an

d 
ot

he
r 

th
an

 f
em

al
e 

he
ad

ed
 fa

rm
er

s 
(H

ai
lu

 e
t 

al
., 

20
14

).

+

3
Fa

m
ily

 s
iz

e
Fa

m
ily

 s
iz

e 
in

 t
he

 fa
rm

 h
ou

se
ho

ld
 a

ff
ec

ts
 t

he
 

pr
ob

ab
ili

ty
 o

f 
ad

op
tio

n 
th

ro
ug

h;
 f

am
ily

 s
iz

e 
po

si
tiv

el
y 

af
fe

ct
s 

ad
op

tio
n 

be
ca

us
e 

ad
op

tio
n 

re
qu

ire
s 

an
d 

at
tr

ac
ts

 m
or

e 
fa

m
ily

 la
bo

ur
 

(K
as

si
e 

et
 a

l.,
 2

01
0)

. C
on

ve
rs

el
y,

 f
am

ily
 s

iz
e 

al
so

 n
eg

at
iv

el
y 

af
fe

ct
s 

ad
op

tio
n 

be
ca

us
e 

th
e 

m
or

e 
fa

m
ily

 m
em

be
r 

w
ith

in
 t

he
 h

ou
se

ho
ld

 
m

ay
 w

ea
ke

n 
th

ei
r 

ec
on

om
ic

 s
ta

tu
s,

 a
nd

 in
 

tu
rn

 a
do

pt
io

n 
de

cr
ea

se
s 

(S
ah

u 
&

 D
as

, 2
01

6)
.

±

4
Ed

uc
at

io
n 

le
ve

l
Ed

uc
at

io
na

l l
ev

el
 o

f 
th

e 
fa

rm
er

 p
os

iti
ve

ly
 

af
fe

ct
s 

th
e 

pr
ob

ab
ili

ty
 o

f a
do

pt
io

n 
as

 fa
rm

er
s 

w
ith

 m
or

e 
ed

uc
at

io
na

l l
ev

el
s 

en
ab

le
 t

o 
ac

qu
ire

, a
na

ly
ze

 a
nd

 e
va

lu
at

e 
in

fo
rm

at
io

n 
on

 
ag

ric
ul

tu
ra

l t
ec

hn
ol

og
y,

 m
ar

ke
t 

op
po

rt
un

ity
 

an
d 

its
 im

pl
ie

d 
be

ne
fit

s 
(B

el
ay

 &
 M

en
gi

st
e,

 
20

21
).

+

(C
on

tin
ue

d)

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189

Page 8 of 23



Ta
bl

e 
2.

 (C
on

tin
ue

d)
 

No
Va

ria
bl

es
Ex

pl
an

at
io

n
Ex

pe
ct

ed
 s

ig
n

5
La

nd
 s

iz
e

Fa
rm

 la
nd

 s
iz

e 
de

te
rm

in
es

 p
os

iti
ve

ly
 t

he
 

de
ci

si
on

 o
f 

ad
op

tio
n 

fo
r 

th
e 

re
as

on
 t

ha
t 

as
 

op
er

at
ed

 f
ar

m
 s

iz
e 

in
cr

ea
se

s,
 t

he
 li

ke
lih

oo
d 

of
 fa

rm
er

s 
co

ns
id

er
in

g 
fa

rm
in

g 
ac

tiv
ity

 a
s 

fu
ll 

tim
e 

or
 w

ay
 o

f l
ife

 in
cr

ea
se

s:
 a

nd
 h

en
ce

 m
or

e 
lik

el
y 

m
ot

iv
at

ed
 t

ow
ar

ds
 a

do
pt

in
g 

ag
ric

ul
tu

ra
l t

ec
hn

ol
og

ie
s.

 T
hi

s 
im

pl
ie

s 
th

at
 

gr
ea

te
r 

la
nd

 s
iz

e 
se

rv
es

 a
s 

a 
se

cu
rit

y 
ag

ai
ns

t 
th

e 
ris

k 
of

 c
ro

p 
fa

ilu
re

 (
Fe

yi
sa

, 2
02

0)
.

±

6
Di

st
an

ce
 fr

om
 m

ar
ke

t
Di

st
an

ce
 f

ro
m

 h
om

e 
to

 n
ea

re
st

 m
ar

ke
t 

ne
ga

tiv
el

y 
af

fe
ct

s 
th

e 
ad

op
tio

n 
of

 
ag

ric
ul

tu
ra

l t
ec

hn
ol

og
y 

be
ca

us
e 

fa
rm

er
s 

w
ho

 
liv

e 
aw

ay
 f

ro
m

 m
ar

ke
t 

pl
ac

es
 h

av
e 

le
ss

 
ac

ce
ss

 t
o 

m
ar

ke
t 

in
fo

rm
at

io
n 

an
d 

to
 b

uy
 

(s
el

l) 
ag

ric
ul

tu
ra

l i
np

ut
s 

(o
ut

pu
ts

) 
on

 t
im

e 
an

d 
w

ith
 a

 r
ea

so
na

bl
e 

pr
ic

e 
(M

es
el

e,
 2

01
9)

.

-

7
Di

st
an

ce
 t

o 
Zo

na
l t

ow
n

Di
st

an
ce

 f
ro

m
 h

om
e 

to
 n

ea
re

st
 z

on
al

 t
ow

n 
al

so
 n

eg
at

iv
el

y 
af

fe
ct

s 
th

e 
pr

ob
ab

ili
ty

 o
f 

ad
op

tio
n 

si
nc

e 
fa

rm
er

s 
w

ho
 li

ve
 a

w
ay

 f
ro

m
 

ur
ba

n 
ce

nt
er

s 
co

ul
d 

ha
ve

 le
ss

 a
cc

es
s 

to
 

in
fo

rm
at

io
n,

 le
ss

 a
cc

es
s 

to
 in

pu
ts

 a
nd

 
m

ar
ke

ts
 (

Ad
m

as
iie

 a
nd

 A
ye

le
, 2

01
0)

.

-

8
Di

st
an

ce
 t

o 
al

l w
ea

th
er

 r
oa

d
Di

st
an

ce
 fr

om
 h

om
e 

to
 a

ll-
w

ea
th

er
 ro

ad
 a

ls
o 

af
fe

ct
s 

th
e 

pr
ob

ab
ili

ty
 o

f a
do

pt
io

n 
ne

ga
tiv

el
y 

be
ca

us
e 

fa
rm

er
s 

w
ho

 li
ve

 a
w

ay
 f

ro
m

 t
he

 
m

ai
n 

ro
ad

s 
co

ul
d 

ha
ve

 le
ss

 a
cc

es
s 

to
 

m
ar

ke
ts

, a
nd

 in
pu

t 
su

pp
lie

s 
(S

eb
si

bi
e 

et
 a

l.,
 

20
15

).

-

9
Li

ve
st

oc
k

Li
ve

st
oc

k 
as

se
t 

ha
ve

 a
 p

os
iti

ve
 e

ff
ec

t 
on

 t
he

 
ad

op
tio

n 
de

ci
si

on
s 

fo
r 

th
e 

re
as

on
 t

ha
t 

fa
rm

er
s 

w
ho

 p
os

se
ss

 a
 f

lo
ck

 o
f 

liv
es

to
ck

 w
ill

 
he

lp
s 

to
 a

do
pt

 a
s 

th
e 

as
se

t 
be

co
m

es
 

a 
so

ur
ce

 o
f 

in
co

m
e 

an
d 

in
pu

ts
 o

f 
or

ga
ni

c 
fe

rt
ili

ze
r 

(A
dm

as
si

e 
&

 A
ye

le
, 2

01
0)

.

+

(C
on

tin
ue

d)

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189                                                                                                                                                       

Page 9 of 23



Ta
bl

e 
2.

 (C
on

tin
ue

d)
 

No
Va

ria
bl

es
Ex

pl
an

at
io

n
Ex

pe
ct

ed
 s

ig
n

10
Ac

ce
ss

 t
o 

cr
ed

it
Cr

ed
it 

ac
ce

ss
 b

y 
th

e 
fa

rm
er

 h
as

 a
 p

os
iti

ve
 

ef
fe

ct
 o

n 
th

e 
pr

ob
ab

ili
ty

 o
f 

ad
op

tio
n 

si
nc

e 
th

e 
ac

ce
ss

 t
o 

cr
ed

it 
so

lv
es

 li
qu

id
ity

 
co

ns
tr

ai
nt

s 
th

at
 t

he
 f

ar
m

er
 c

ou
ld

 f
ac

e 
w

hi
le

 
th

ey
 w

an
t 

to
 b

uy
 a

gr
ic

ul
tu

ra
l t

ec
hn

ol
og

y 
pa

ck
ag

es
 (

Be
la

y 
&

 M
en

gi
st

e,
 2

02
1)

.

+

11
Ex

te
ns

io
n 

se
rv

ic
e

Ex
te

ns
io

n 
se

rv
ic

es
 p

ro
vi

de
d 

to
 th

e 
fa

rm
er

s 
by

 
th

e 
lo

ca
l a

nd
 n

at
io

na
l g

ov
er

nm
en

t 
af

fe
ct

s 
th

e 
de

ci
si

on
 t

o 
ad

op
t 

po
si

tiv
el

y 
be

ca
us

e 
ex

te
ns

io
n 

se
rv

ic
e 

pr
ov

id
es

 in
fo

rm
at

io
n,

 
tr

ai
ni

ng
 a

nd
 a

dv
is

or
y 

se
rv

ic
es

 a
bo

ut
 t

he
 

so
ur

ce
s 

an
d 

co
nt

rib
ut

io
n 

of
 t

he
 t

ec
hn

ol
og

ie
s 

to
 t

he
 f

ar
m

er
s 

an
d 

pa
rt

ic
ip

at
in

g 
in

 in
pu

t 
di

st
rib

ut
io

n 
(M

es
el

e,
 2

01
9)

.

+

12
Ad

vi
so

ry
 s

er
vi

ce
Fa

rm
er

s 
ge

tt
in

g 
ad

vi
ce

 f
or

 a
do

pt
io

n 
fr

om
 

pr
iv

at
e 

or
 p

ub
lic

 b
od

ie
s,

 f
ar

m
 c

oo
pe

ra
tiv

e,
 

N
GO

s,
 d

ev
el

op
m

en
t 

ag
en

ts
, a

nd
 

ag
ric

ul
tu

ra
lis

ts
 h

as
 a

 p
os

iti
ve

 e
ff

ec
t 

on
 t

he
 

pr
ob

ab
ili

ty
 o

f a
do

pt
io

n 
si

nc
e 

ha
vi

ng
 a

cc
es

s 
to

 
re

gu
la

r 
an

d 
fr

eq
ue

nt
 a

dv
is

or
y 

se
rv

ic
es

 b
y 

di
ff

er
en

t 
ag

en
ts

 p
la

ys
 a

 v
ita

l r
ol

e 
in

 t
he

 
di

ss
em

in
at

io
n 

an
d 

ad
op

tio
n 

of
 f

ar
m

 
te

ch
no

lo
gi

es
 (

Te
fe

ra
 e

t 
al

., 
20

16
).

+

(C
on

tin
ue

d)

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189

Page 10 of 23



Ta
bl

e 
2.

 (C
on

tin
ue

d)
 

No
Va

ria
bl

es
Ex

pl
an

at
io

n
Ex

pe
ct

ed
 s

ig
n

13
Re

m
itt

an
ce

Re
ci

pi
en

ts
 o

f 
re

m
itt

an
ce

 in
co

m
e 

by
 t

he
 fa

rm
 

ho
us

eh
ol

d’
s 

ha
s 

a 
ne

ga
tiv

e 
ef

fe
ct

 o
n 

th
e 

de
ci

si
on

 t
o 

ad
op

t 
ag

ric
ul

tu
ra

l t
ec

hn
ol

og
y 

fo
r 

th
e 

re
as

on
 t

ha
t 

th
e 

hi
gh

er
 r

em
itt

an
ce

 
in

flo
w

s 
to

 h
ou

se
ho

ld
s,

 a
nd

 s
ub

se
qu

en
tly

, t
he

 
hi

gh
er

 in
co

m
e 

bu
ff

er
, m

ig
ht

 h
av

e 
in

cr
ea

se
d 

th
e 

op
po

rt
un

ity
 c

os
t 

of
 e

ng
ag

in
g 

in
 

ag
ric

ul
tu

re
, r

es
ul

tin
g 

in
 r

el
ia

nc
e 

on
 

re
m

itt
an

ce
 in

co
m

e 
m

or
e 

th
an

 t
he

 in
co

m
e 

fr
om

 t
he

 a
gr

ic
ul

tu
re

 s
ec

to
r 

(T
ul

ad
ha

r 
et

 a
l.,

 
20

14
). 

O
n 

th
e 

ot
he

r 
ha

nd
, t

he
 e

ff
ec

t 
of

 
re

m
itt

an
ce

 o
n 

th
e 

ad
op

tio
n 

de
ci

si
on

 is
 

po
si

tiv
e 

be
ca

us
e 

it 
so

lv
es

 li
qu

id
ity

 c
on

st
ra

in
ts

 
th

at
 t

he
 f

ar
m

er
 c

ou
ld

 f
ac

e 
w

hi
le

 t
he

y 
w

an
t 

to
 a

cq
ui

si
tio

ns
 o

f 
ag

ric
ul

tu
ra

l t
ec

hn
ol

og
ie

s 
(M

oh
am

m
ed

, 2
01

4)
.

±

14
O

ff
-f

ar
m

 
Em

pl
oy

m
en

t
O

ff
-f

ar
m

 a
ct

iv
iti

es
 h

as
 a

 n
eg

at
iv

e 
ef

fe
ct

 o
n 

th
e 

ad
op

tio
n 

de
ci

si
on

 s
in

ce
 e

ng
ag

em
en

t 
in

 
of

f-
fa

rm
 a

ct
iv

iti
es

 r
ed

uc
e 

w
or

ki
ng

 h
ou

r 
al

lo
te

d 
to

 a
gr

ic
ul

tu
re

 (
M

es
el

e,
 2

01
9)

. 
Co

nv
er

sl
y,

 it
 c

ou
ld

 h
av

e 
a 

po
si

tiv
e 

ef
fe

ct
 

o 
th

e 
ad

op
tio

n 
de

ci
si

on
 b

ec
au

se
 p

ar
tic

ip
at

in
g 

in
 o

ff
-f

ar
m

 a
ct

iv
iti

es
 c

an
 g

en
er

at
e 

in
co

m
e 

an
d 

so
lv

e 
th

e 
liq

ui
di

ty
 c

on
st

ra
in

ts
 o

f 
th

e 
fa

rm
er

s 
(M

ul
ug

et
a 

&
 H

un
di

e,
 2

01
2)

.

±

15
Pl

ot
 d

is
ta

nc
e

Di
st

an
ce

 f
ro

m
 h

om
e 

to
 f

ar
m

 p
lo

t 
ne

ga
tiv

el
y 

af
fe

ct
s 

th
e 

pr
ob

ab
ili

ty
 o

f a
do

pt
io

n 
as

 th
e 

pl
ot

 
of

 t
he

 h
ou

se
ho

ld
 is

 d
is

ta
nt

 f
ro

m
 t

he
 

fa
rm

ho
us

e,
 t

he
 le

ss
 li

ke
ly

 w
ill

 b
e 

pr
om

pt
 p

lo
t 

pr
ep

ar
at

io
n,

 w
ee

d,
 h

ar
ve

st
 a

nd
 in

pu
t 

us
e 

(Z
eg

ey
e,

 2
02

1)
.

-

(C
on

tin
ue

d)

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189                                                                                                                                                       

Page 11 of 23



Ta
bl

e 
2.

 (C
on

tin
ue

d)
 

No
Va

ria
bl

es
Ex

pl
an

at
io

n
Ex

pe
ct

ed
 s

ig
n

16
Pl

ot
 w

et
ne

ss
 in

de
x

Pl
ot

 P
ot

en
tia

l w
et

ne
ss

 in
de

x 
of

 t
he

 fa
rm

 p
lo

t 
ha

s 
a 

po
si

tiv
e 

ef
fe

ct
 o

n 
th

e 
de

ci
si

on
 to

 a
do

pt
 

fa
rm

 t
ec

hn
ol

og
y 

be
ca

us
e 

as
 t

he
 h

um
id

ity
 o

f 
th

e 
pl

ot
 r

is
es

 (
ke

ep
s 

va
sc

ul
ar

 p
la

nt
 s

pe
ci

es
 

fu
lln

es
s,

 s
oi

l p
H

, g
ro

un
dw

at
er

 le
ve

l a
nd

 s
oi

l 
m

oi
st

ur
e)

, t
he

 m
or

e 
to

 b
e 

ex
pe

ct
ed

 t
he

 
ad

op
tio

n 
of

 t
he

 a
lte

rn
at

iv
e 

te
ch

no
lo

gi
es

 
(M

es
el

e,
 2

01
9)

.

+

17
So

il 
qu

al
ity

So
il 

fe
rt

ili
ty

 q
ua

lit
y 

of
 t

he
 c

ro
p 

pl
ot

 p
os

iti
ve

ly
 

af
fe

ct
s 

th
e 

pr
ob

ab
ili

ty
 o

f 
ad

op
tio

n 
fo

r 
th

e 
re

as
on

 t
ha

t 
fa

rm
er

s’
 in

cu
r a

 c
os

t 
to

 a
do

pt
 a

s 
lo

ng
 a

s 
th

ey
 e

xp
ec

t 
to

 im
pr

ov
e 

th
e 

so
il 

fe
rt

ili
ty

 a
nd

 h
ig

he
r 

re
tu

rn
 f

ro
m

 a
do

pt
in

g 
th

e 
te

ch
no

lo
gi

es
 (

Se
bs

ib
ie

 e
t 

al
., 

20
15

).

+

18
La

nd
 o

w
ne

rs
hi

p 
rig

ht
O

w
ne

rs
hi

p 
rig

ht
 o

f p
lo

ts
 p

os
iti

ve
ly

 a
ff

ec
ts

 th
e 

pr
ob

ab
ili

ty
 o

f 
ag

ric
ul

tu
ra

l t
ec

hn
ol

og
y 

ad
op

tio
n 

be
ca

us
e 

ha
vi

ng
 a

 f
ul

l o
w

ne
rs

hi
p 

rig
ht

 w
ill

 h
el

pi
ng

 th
e 

fa
rm

er
s 

to
 m

ak
e 

a 
lo

ng
- 

te
rm

 in
ve

st
m

en
t a

nd
 m

ay
 h

av
e 

no
 a

dd
iti

on
al

 
co

st
 (

as
 r

en
te

d)
. T

hi
s 

m
ay

 r
es

ul
t 

in
 f

ar
m

er
s 

ar
e 

te
nd

s 
to

 p
ro

du
ce

 m
or

e 
by

 a
pp

ly
in

g 
di

ff
er

en
t 

fa
rm

 t
ec

hn
ol

og
ie

s 
(M

oh
am

m
ed

, 
20

14
).

+

Zegeye et al., Cogent Economics & Finance (2022), 10: 2058189                                                                                                                                      
https://doi.org/10.1080/23322039.2022.2058189

Page 12 of 23



than non-adopters indicating that as the distance increases farmers adopt the kind of technology 
that are easy to carry and nearby available technologies so as to reduce transportation costs.

Institutional factors such as extension service, advisory service, credit access, and tenure 
security are other factors that affect the adoption decision. The first two are related with farmers’ 
access to information on different packages and its profitability while access to credit indicates 
farmers’ ability to finance their purchase of modern technology under cash constraints. The result 
shows these supports are higher for adopters. This may indicate that the institutional support 
system has long been a major factor for modern agricultural technology adoption even if its 
support has remained low (Kassie et al. (2010). Furthermore, adopters have significantly higher 
mean values in terms of microclimate indicators like plot potential wetness index, and lower mean 
values in terms of plot distance from homestead. Similarly, the proportion of non-fertile soil plot is 
significantly higher for non-adopters than adopters. To sum up, the result shows that the mean 
comparison test between adopters and non-adopters are significantly larger for adopters and the 
values are different across the different alternatives. Table 2 provides hypothesis explanation and 
expected sign of the variables used in the study.

3.2. Econometric analysis
In econometric analysis, the study applies a method of analysis of maximum likelihood estimation 
technique for the purpose of estimating the multinomial logit functions. The result from the 
multinomial logit model is presented in Table 6. The base category is non-adoption (F0M0H0), 
where results of alternative packages are compared. The model fits the data reasonably well. 
Various post estimation tests were made to check the validity of the model. The Wald test is used 
to ensure that all regression coefficients are jointly equal to zero is rejected with [χ2(133) = 
(478.82); P >0.000]. The Hausman test result for test of IIA assumption confirms that all the 
alternative packages are distinguishable with respect to the variables in the model. VIF for 
continuous and correlation matrix for categorical variable also have been computed to test multi-
collinearity problem, and the result indicates that there is no serious multicollinearity problem 
across the explanatory variables. And finally, robust regression has used to control the problem of 
heteroscedasticity and non-normality.

3.3. Determinants of adoption of multiple agricultural technology
Based on this estimation, the result indicates that the sign of age of household head is negative 
and significant, indicating that young farmers in the Amhara region are more likely to adopt farm 
technology since young farmers may have formal education than the non-adopter, less risk averse, 

Table 3. Alternative Adoption of Agricultural Technology
Choice Binary 

package
Fertilizer Manure Herbicide

Fo F1 Mo M1 Ho H1

1 F0M0H0 √ √ √
2 F1M0H0 √ √ √
3 F0M1H0 √ √ √
4 F0M0H1 √ √ √
5 F1M1H0 √ √ √
6 F1M0H1 √ √ √
7 F0M1H1 √ √ √
8 F1M1H1 √ √ √
Note: Each element in the combination is a binary variable and for chemical fertilizer (F), organic manure (M) and 
herbicide adoption (H), and the subscripts represent 1 = adoption and 0 = non-adoption. 
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more willing, and have greater flexibility in accepting new ideas, 
other things being constant. This is consistent with (Admassie & 
Ayele, 2010; Ayenew et al., 2020). Similarly, education level of the 
head has positive sign and significant for F1M1H0, which is similar 
with the finding of (Asfaw et al., 2012; Kassie et al., 2010; 
Massresha et al., 2021). This is because farmers in the Amhara 
region with more educational years are more likely to adopt as 
they able to acquire, analyze and evaluate information on modern 
technology, market opportunity and its implied benefit.

The family size of farmers has a positive and significant effect on 
the adoption decision of manure and a combination of manure with 
herbicide packages. This implies the more family member of the 
household the more the adoption will be, because adoption of 
multiple farm technologies requires and attracts more labor force 
for agricultural activities (Kassie et al., 2010; Zegeye, 2021).

In the Amhara region, livestock asset measured by tropical live-
stock unit (TLU) significantly and positively affects the adoption 
decision of multiple technologies. This is because of farmers who 
possess a flock of livestock are more likely to adopt than the have- 
not as it helps to get improved technology (as income means and 
source of manure input), consistent with Mulugeta and Hundie 
(2012) and Massresha et al. (2021). Farm households who partici-
pate in off-farm activity are also more likely to adopt chemical 
fertilizer and herbicide packages. This is because of participating 
in off-farm activities can generate income and solve the problem 
that the farm household’s face while intending to purchase farm 
technologies, consistent with (Kassie et al., 2010; Mulugeta & 
Hundie, 2012; Ayenew et al., 2020).

The other important factor is farm remittance income, and the 
result shows that the impact of remittance income on the adoption 
decision is negative and significant. The descriptive analysis also 
supports this finding. From the descriptive analysis it was found 
that the remittance income in the Amhara region is higher for non- 
adopter households. One plausible reason for this is the house-
hold’s way of spending the money from remittance. Most often 
income from remittance will be used for daily consumption purpose 
than investing in agricultural development. This is supplemented by 
Tuladhar et al. (2014) and Zegeye (2021). The higher remittance 
inflows to households, and subsequently, the higher income buffer, 
might have increased the opportunity cost of engaging in agricul-
ture, resulting in reliance on remittance income more than the 
income from the agriculture sector.

Distance to market, road and zonal town are significant proxy 
variables which capture the relationship between access to market 
information, access to input and farm households’ technology 
adoption. Distance to zonal town has a strong and negative effect 
on the adoption of package F1M0H0, F1M1H0, F1M0H1, and F1M1H1. 
Distance to all weather roads has also negative effect on the 
adoption of package F1M1H1. This result may verify that those 
framers in the Amhara region who live away from service centers M
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such as urban centers, development agent, and market place are less likely to adopt farm 
technologies because of farmers could have less access to information on improved technologies 
and high production cost, and hence are unlikely to adopt new or improved technology; similar 
with (Admassie & Ayele, 2010; Hailu et al., 2014; Zegeye, 2021; Belay & Mengiste, 2021). However, 
distance to road and zonal town affects positively the adoption of package F0M1H0 and F0M0H1 

respectively. This is because as the road distance is longer, farmers would adopt nearby available 
technologies like organic fertilizer and easy to carry type technologies like herbicide to minimize 
the production costs. This means that in the adoption decision, the farm household would be 
beneficial if their adoption is cost-effective (Mesele, 2019; Mohammed, 2014).

Institutional support factors such extension service, advisory service, credit access and tenure 
security are considered equally important to understand farm household’s technology adoption 
decision. That is, access to extension service and advisory service has a positive and significant 
relation on the adoption of alternative technologies. This is because the extension service provided 
by the local government helps the farmers to raise their awareness about the characterization and 
attributes of the technology, use and their impact. Extension gives detailed information, training 
and advisory services about the source, use and importance of the technologies to the farmers and 
engaging in input distribution. Advisory services, on the other hand, indicate that having access to 
regular and frequent advisory services by development agents, farm cooperatives and meetings 
plays a fundamental role in the dissemination and adoption of farm technology. Access to credit 
has a positive impact on the adoption decision of different packages. This is because of credit 
access solves income problems that household could face while they want to purchase agricultural 
technologies; and hence paves the way for timely application of modern farm inputs, and this is 
consistent with (Tefera et al., 2016; Sebsibie et al., 2015; Massresha et al., 2021; Zegeye, 2021; 
Belay & Mengiste, 2021).

The positive and significant effect of tenure security for a combination of chemical and manure 
fertilizer shows that when farmers are secured ownership right for their own land, the more likely 
in the adoption practice since they can make long-term investment, and the finding is in line with 
(Mohammed, 2014; Zegeye, 2021).

Plot characteristics and microclimate variables in the Amhara region are another set of factors 
considered in explaining household’s likelihood of technology adoption, such as soil quality, plot 
wetness and plot distance. Plot distance from the homestead is negatively affects the adoption of 
package F0M1H0, and F1M1H0. This is because of as plot is far away from the homestead, the less 
likely will be on time plot preparation, weed, harvest and input utilization and hence farm house-
holds are less likely to adopt, confirmed with Kassie et al. (2010), Hailu et al. (2014), and Zegeye 
(2021). On the other hand, also, plotting potential wetness index has a positive impact on the 
probability of the adoption of full packages (F1M1H1). This is because of as the wetness of the plot 
increases (maintains vascular plant species richness, soil pH, groundwater level and soil moisture) 
the more likely the adoption of the agricultural technology. This is in line with the finding of 
(Sebsibie et al., 2015; Zegeye, 2021). Most of the explanatory variables like sex of the family head 
distance to market, farm size and soli quality, even if they are not statistically significant, they 
have the expected signs with the adoption decision.

4. Conclusion and policy recommendation
In Ethiopia, where agriculture is the mainstay of the economy, and where severe poverty is the 
main challenge, reducing poverty is the preliminary concern. Therefore, boosting production and 
productivity of agriculture through the use of improved agricultural technology is considered as 
a major solution. The country is underway of implementing agricultural technologies starting from 
the imperial regime up to now. Despite the efforts to promote adoption in most of the rural areas 
of Ethiopian farmers, the adoption rate in the country is very low and holds true for the Amhara 
region. Understanding the factors that influence or hinder adoption of agricultural technology is 
essential in planning and implementing yield and productivity enhancing technologies for meeting 
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the challenges of poverty, food insecurity and food production in the country. Thus, the main 
objective of this study was to explain factors affecting the adoption of multiple farm technologies 
in rural Amhara region of Ethiopia. The study takes data from the Ethiopian socio-economic survey 
of collected in 2015/16. A total of 656 farm households were considered for a sample of the study. 
To assess the determinants of adoption the study employed multinomial logit model.

The result of the study revealed that farm household’s in the Amhara region decision to adopt 
improved or new farm technologies is manly influenced by factors of socioeconomic, institutional, 
access to information and distance factors, and plot characteristic. More specifically, the adoption 
of multiple agricultural technologies is positively and significantly affected by education level of 
the head, household size, off-farm activity, livestock wealth, farmers contact with extension and 
advisory service, farmers having credit access, farmers secured for their own land, and plot 
potential wetness index. However, the adoption of farm technologies is negatively and significantly 
affected by age of the family head, distance from zonal town, road and plot distance from the 
homestead, and farmers getting remittance income. However, the effect of distance from road and 
zonal town for the adoption of herbicide and manure technologies is positive, indicating as the 
farm lives far away from urban centers and development agents, farmers adopt nearby available 
technologies and easy to carry type technologies so as to reduce their cost of production.

Thus, in terms of policy implication, the federal and regional government of the country, 
agricultural development office, non-governmental organizations, and donor agencies should 
work in collaborations with the farm households. Specifically, policies for strengthening the access 
to information about the farm technologies by increasing the availability and quality of extension 
service, encouraging the participation of farmers in training centers and providing advisory service 
to increase the adoption by farm households. The influence of extension service, trainings and 
advisory services can counter balance the negative effect of lack of years of formal education on 
the overall decision to adopt farm technologies. Thus, polices for strengthening the extension 
service and advisory service delivery capabilities through technical support and short and long- 
term training programs are important in adoption decisions.

The study also found that distance of the household’s residence from the main road, market 
centers and zonal town is another important factor influencing the adoption of a technology. The 
closer the household is to market centers, zonal town and all weather road the better it would be 
to access information about technology and prices and hence is positively related to technology 
adoption. This implies that the access of these infrastructures increase the agriculture technology 
adoption decision by the farm households. Thus, the government and other stakeholders should 
support the access of these infrastructural services.

Access to credit is found to be a highly significant variable that positively determines the probability 
of adoption of alternative farm technology packages. This may call for the need and expansion of 
microfinance institutions in rural areas of the local government and Ethiopia where financial con-
straint is a major challenge for farmers while in adopting technology. This may reveal that adoptions of 
farm technologies are capital intensive: thus, credit should be accessible for the rural poor.

Lastly, the effect of remittance income on technology adoption is negative. Therefore, the study 
recommends the different stakeholders aimed at channeling remittances to finance agricultural 
capital and inputs that increase agricultural productivity is required. The government should have 
to make awareness to the recipients and to the sender to have a well-managed remittance use 
and to involve more effectively on the agricultural sector. This could help the government of 
Ethiopia to implement policies to enhance skills of migrants so that migrants remit more income 
to households, ultimately enabling them to acquire more productivity enhancing capital assets 
even after discounting for the high share of consumption expenditure.
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Currently, the farm households in the Amhara region are acknowledged the role of agricultural 
technologies and their adoptions are constrained by factors of household characteristics, infra-
structure, institutional and plot characteristics. Therefore, the government should ensure better 
targeting of agricultural technology adoption and appropriate rural institutions on rural farmers to 
increase farm technology adoption by the rural poor so as to understand farmers need as well as 
their ability to adopt technology in order to come up with technology that will suit them.

As the study used a cross-sectional data, it is limited to show the time effect of adopting 
agricultural technologies in the study area. Further research is recommended for investigating 
the determinants of agricultural technology adoption decisions by using panel data (with long- 
time dimension) to capture the real and long-lasting determinants of adoption decisions. The 
study gives only a focus on demand-side factors. Additionally, this study is also recommended for 
examining the determinants of adoption decisions of agricultural technologies including the 
supply-side related factors.
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