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Abstract

This paper examines how experience from working in a foreign owned firm affects worker mobility.
International experience can provide a worker with knowledge about foreign operations, thereby
making them more attractive to other employers who are also engaged in international businesses.
We follow workers in local Swedish firms where some experience an internationalization shock when
their firm is acquired by a foreign multinational firm. Matching acquired firms with a group of
similar control firms and applying a stacked difference-in-differences estimation approach, we find
that international experience increases the likelihood of job switching to a multinational firm by
around 4 percentage points and decreases the likelihood of job switching to a local firm by around 5
percentage points. Moreover, the post-acquisition wage growth rate is 10 percentage points higher
for workers moving to MNEs as compared to stayers at acquired firms, leading to a steeper wage
growth trajectory for movers to MNEs.

Keywords: Globalization; Multinational firms; FDI; Job mobility
JEL Codes: F16; F66; J60
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1 Introduction

A recent study by the US Bureau of Labor Statistics found that individuals born during the baby

boom years of 1957-1964 held an average of 12.4 jobs during the prime age years of 18 to 54. Even

though roughly half of those jobs were held from ages 18 to 24, there was significant job turnover

across the entire age range. For example, for those who started a job between the ages of 35 and

44, 26% had their job end in less than a year and 61% had their job end in less than 5 years.1 This

underscores the fact that for many workers building a career is a complex, time-consuming process.

As workers move up the job ladder, they acquire new skills that afford them the opportunity to

compete for better, higher paying jobs. In our previous work (Davidson, Heyman, Matusz, Sjöholm,

and Zhu, 2020), we developed and analyzed a trade model that incorporates a job ladder in the

labor market. We argued that for many workers a stepping-stone to building a successful career

involves working for an internationally engaged firm where a worker can acquire skills that are

valuable to other internationally engaged firms. More precisely, such employment allows workers

to gain skills that help reduce the cost of accessing and penetrating international markets.

In this paper we examine empirically whether and how the experience of working for a multi-

national enterprise (MNE) affects job mobility. Multinational operations involve knowledge of

logistics, foreign preferences, legal systems, and other aspects of international commerce that play

little or no role when serving domestic markets only. We anticipate that these sets of international

skills can be obtained by working at an MNE and will be valued by other multinational firms

that aim to acquire the competence necessary to compete in the global marketplace by recruiting

employees with the needed skills (Balsvik, 2011; Parrotta and Pozzoli, 2012; Mion and Opromolla,

2014; Labanca, Molina, and Muendler, 2013; Mion, Opromolla, and Ottaviano, 2022). Our first

objective is to provide new evidence on the causal effect of working for a multinational on job

mobility.

1See the August 31, 2021 News Release from the Bureau of Labor Statistics (US Department of Labor)
https://www.bls.gov/news.release/pdf/nlsoy.pdf.
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Although our empirical question appears to be straight-forward, the results can have profound

implications for the way that trade economists should evaluate the impact of globalization on

workers. Many workers early in their careers may be more concerned with their future earnings

than with their current wage. If working for a multinational facilitates mobility to higher-paying

jobs, then globalization, which increases the number of jobs offered by MNEs, should make it easier

for workers to ascend the job ladder. If globalization increases the rate at which these workers

move up the job ladder while also pushing up the wages that they will earn later in life, then these

workers may gain substantially in terms of lifetime earnings. Thus, the second objective of this

paper is to study how job mobility can shift the wage trajectories and affect lifetime earnings. This

approach departs from the existing literature that focuses on the impact of globalization on static

wages.

Our empirical investigation exploits matched worker-firm data from Sweden for the period

1996-2015. To identify the causal effect of working for a multinational firm on mobility, we look

at foreign acquisitions between 1998 and 2013, which allow us to follow firms and workers at least

two years both before and after an acquisition taking place. One methodological problem that

needs to be addressed is that workers are likely to self-select into different firm types based on

their qualifications. In other words, more skilled workers are likely to work in better firms, which

in turn are more likely to be multinational firms. Hence, comparing workers who are already

employed by a multinational with those that are employed by strictly local firms will most likely

bias our results on experience and mobility. We mitigate this endogeneity problem by comparing

job mobility of workers in the Swedish firms that are eventually acquired by foreign investors

with mobility of workers at the Swedish firms that remain strictly local. We intend to determine

whether workers become more mobile after acquisitions, particularly in terms of moving to other

multinational firms that place a similar value on international skills. However, it is not random

which firms are targeted for acquisitions. To account for the non-random feature of acquisitions

and to deal with the selection problem, we use propensity score matching to construct a control
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group of local firms (“control firms”) whose characteristics match those of acquired firms (“treated

firms”) one year prior to the acquisition. We then follow job mobility of both the workers that

have gained international experience through foreign acquisitions (“treated workers”) and workers

at local control firms (“control workers”).

To estimate the causal effect of foreign acquisitions on job mobility, we use a stacked difference-

in-difference estimation method to compare the mobility of treated workers in the years before

and after an acquisition with the mobility of control workers in the same period, conditional on

observed firm and worker characteristics in the year of the acquisition and year fixed effects. Any

workers who leave their firms can take jobs either in MNEs, or in local firms. Our results show

that experience from working in an acquired firm increases mobility to other MNEs but decreases

mobility to local firms. On average, acquisitions increase mobility to MNEs by around 4 percentage

points. This effect is strong given that the share of workers who leave to MNEs is 14 percent in

treated firms over the five-year period after acquisitions. Further, our estimates of the dynamic

effect of acquisitions reveal that the increase in mobility does not materialize until the third year

after treatment and continues to rise until the sixth year when it stabilizes at 7 percentage points,

which supports the idea that it takes time for workers in acquired firms to gain skills that enhance

their ability to move to other MNEs. We also estimate the effect of foreign acquisition on mobility

to local firms and find a negative effect of around 5 percentage points.

We also examine how the effect of acquisitions on mobility differs between different occupa-

tions. High skilled occupations (managers and professionals) may be more involved in international

operations such as management of global supply chains, logistics, and foreign legal systems in com-

parison to low skilled occupations (clerks and operators). As such, we expect the effect of foreign

acquisitions on mobility to MNEs to be stronger for high skill occupations. We find that in all the

years after acquisitions, high skilled occupations have higher mobility to MNEs compared to low

skilled occupations. On the other hand, when we look at different occupations, movements to local

firms appear to be insignificantly different between treated workers and control workers.
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We then study the wage growth of treated workers by comparing movers and stayers in the years

before and after an acquisition (relative to one year before the acquisition), conditional on observed

firm and worker characteristics in the year of the acquisition and year fixed effects. We find that

workers who moved before an acquisition have a similar wage growth rate as stayers. In contrast,

workers who moved after an acquisition have a significantly higher wage growth compared to stayers.

For example, workers who moved to another MNE in the third year after acquisitions have a higher

wage growth rate by about 9 percentage points, as compared to stayers. This difference in wage

growth increases steadily to 11 percentage points in the 9th years after acquisitions. We find a

more modest post-acquisition wage growth premium for movers to local firms as compared to that

for stayers at the acquired firms.

To further quantify the impact of acquisitions on treated workers, we account for the effect of

acquisitions on mobility and compute the expected wage growth rate for movers in a particular year

as a product of the probability of moving and the wage growth rate by movers in that year (relative

to the year before acquisitions). We find that over the entire 9-year period after acquisitions,

movers to MNEs have an expected wage growth rate of 7 percent, which more than double the

growth rate (3 percent) if those movers had the same wage growth as stayers had and acquisitions

did not increase worker mobility. This means that more than half of the expected wage growth

represents the wage gains due to increased mobility and higher wages earned by movers to MNEs. In

comparison, the expected wage growth rate is more modest for movers to local firms. We also study

the wage growth trajectory for high and low skilled occupations separately and find that the wage

growth is highest for workers in high skilled occupations who moved to MNEs after acquisitions.

Overall, the results suggest that acquisitions provide an opportunity for treated workers to gain

international experience, making it easier for them, especially high skilled occupations, to move to

other MNEs and pushing them onto a steeper wage growth trajectory.

Our paper builds on the substantial literature on job mobility. Previous work has shown that

mobility of workers between firms tends to be large and that it accounts for a substantial part
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of wage increases (e.g. Topel and Ward, 1992). We also know that the return to job switching

is relatively higher for workers who remain in the same industry, suggesting that the transferable

skills are not completely general (Neal, 1995). Moreover, workers tend to move between firms that

are similar in various characteristics. For instance, Haltiwanger, Hyatt, and McEntarfer (2015);

Haltiwanger, Hyatt, Kahn, and McEntarfer (2018) find that firms of different sizes and with different

levels of productivity tend to use different networks to fill their vacancies. Davidson, Heyman,

Matusz, Sjöholm, and Chun Zhu (2022) provide evidence that exporting firms primarily recruit

workers from other exporters while non-exporting firms tend to recruit from other non-exporters,

and Andersson, Castellani, Fassio, and Jienwatcharamongkhol (2022) find a relatively high mobility

of workers between MNEs in Sweden. We contribute to this strand of literature by examining if

foreign acquisitions (a form of internationalization) have a causal effect on job mobility.

The relationship between firm acquisitions and labor market outcomes has received some atten-

tion, with most papers studying how employment and wages in the acquired firms are affected. For

instance, Heyman, Sjöholm, and Tingvall (2007) find a very small effect of foreign acquisitions on

wages at the target firms, and Olsson and T̊ag (2018) find no effect on net employment after private

equity buyouts of Swedish firms, but a negative effect on workers doing routine type of tasks or

tasks that are easily offshorable. Using plant-level data for the entire US manufacturing sector for

1977-87, McGuckin and Nguyen (2001) find that ownership changes typically increase the number of

jobs and wages and improve the probability of plant survival. Ouimet and Zarutskie (2020) present

evidence that high value (“skilled”) employees are relatively more likely to be retained following

acquisitions with an objective of acquiring and retaining the target firm’s employees. Differing from

these papers, we are interested in the impact of foreign acquisitions on mobility and the subsequent

impact on wage dynamics of workers who moved to other firms. Focusing on movers rather than

stayers at the acquired firms sheds new light on the effect of acquisitions on labor market outcomes.

Our paper is also related to Mion et al. (2022) who find that in internationally active firms

(importers, exporters, or multinationals) the experience-wage profile is much steeper than in other
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firms, especially for managers as opposed to blue-collar workers. The higher lifetime wage income

for managers stems from the stronger accumulation of experience gained from internationally active

firms and from wage increases when switching to other firms. In contrast, our work exploits foreign

acquisitions as an internationalization shock and addresses the causality of mobility using ownership

changes. We use a stacked difference-in-difference approach combined with matching to estimate the

treatment effects of acquisitions on job mobility and use the event regression method to uncover the

dynamic effect of acquisitions on mobility. We also show that increased mobility after acquisitions

plays an important role in making the wage growth trajectory steeper for workers who have gained

international experience at the acquired firms and later moved to other MNEs.

The rest of the paper is organized as follows. Section 2 describes our data and empirical strategy.

Section 3 presents empirical results on the effect of acquisition on worker mobility and wage growth.

Section 4 concludes.

2 Empirical setup

Our empirical analysis examines how experience from working in an international firm affects job

mobility. Our main concern is a selection effect: workers employed by a multinational firm could

differ from workers employed by local firms. A simple comparison of mobility differences between

workers in local firms and multinational firms would be biased. We address this possible selection

bias by looking at workers who are initially employed in local firms but where some of them

experience an internationalization shock when their firm gets acquired by a foreign owner. Hence,

a foreign acquisition is our internationalization shock. We use acquisition by foreign MNEs, rather

than by all MNEs including domestic ones, as our internationalization shock since foreign MNEs

are the most internationalized ones in terms of export, import, offshoring, and foreign affiliates.

Our sample of workers is created in two steps. Firstly, we match acquired firms with similar non-

acquired firms. Secondly, we compare all workers employed in the acquired firm at the year of an

acquisition with all workers employed at the same time in the control firms. We use our sample of
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treated and control workers to examine the effect of international experience by applying a stacked

difference-in-differences model. A more detailed description of our approach follows below.

2.1 Data

We use two Swedish data sets covering the period 1996-2015 provided by Statistics Sweden. The

first one is the Swedish firm database containing detailed information on all Swedish private sector

firms, including information on foreign and domestic ownership, which we use to identify foreign

acquisitions of Swedish firms. The second data set includes detailed information on all Swedish

individuals at the age 16 or above, from the Longitudinal Integration Database for Health Insurance

and Labor Market Studies (LISA). LISA combines information from different register databases

such as tax records and population registers, and includes information on age, gender, education,

labor market participation, and wages. For individuals not in the labor force, we know if they are,

for instance, in school, unemployed, on sick-leave, taking early retirement, or on maternity leave.

Since LISA covers the universe of individuals in Sweden, a person exits our data only by emigration

or dying. Unique identification codes allow us to link firms and workers and to follow both over

time. We utilize this feature of the data to examine changes in ownership and job mobility.

2.2 Empirical model

We use our groups of treated and control firms to deal with selection issues. Treated firms are those

that were acquired by foreign multinationals. Control firms are those that had similar characteristics

to their matched treated firms prior to acquisitions. More details about how we create the group

of control firms are given in the next section. To estimate the causal effect of internationalization

on job mobility, we use a stacked difference-in-differences model (DiD) where mobility of workers

in the years before and after an acquisition is compared to mobility of workers in our control firms.

More specifically, we estimate the following equation for outcome Y of worker i at event year j

and calendar year t:
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Yijt = b0AFTERj + b1TREATEDi + b2DiDij +Xi +Xf + ωt + εijt (1)

Hence, we measure mobility as a binary variable, Yijt, which takes the value one if the worker

is moving to another firm. To examine the pattern of mobility, we run separate estimations where

mobility is either to MNEs or to local firms. AFTERj takes the value one in the year of acquisition

(j = 0) and all years after, which accounts for conditions that can change over time for every worker,

whether treated or not. TREATEDi takes the value one for workers who are employed in firms that

are acquired at some point, which accounts for the fixed differences between workers at the acquired

firms and those at the control firms. DiDij (i.e., AFTERj × TREATEDi) is our variable of main

interest and it takes the value one for treated workers in the year of an acquisition and all subsequent

years. That is, it indicates workers at treated firms for the period when the acquisition would matter

for worker mobility. Its coefficient b2 is the estimate of the causal effect of acquisitions on worker

mobility in treated firms, which contrasts the post-minus-pre-acquisition change of worker mobility

in treated and control firms. Xi and Xf are observable individual- and firm characteristics that

may affect worker mobility, measured at the year of acquisition. Individual characteristics include

gender, experience, experience squared, and years of schooling. Firm characteristics include log

firm size, the share of skilled workers, and capital intensity. ωt are year fixed effects to control for

business cycles and other macroeconomic factors that may affect worker mobility for all firms. All

other factors that may affect worker mobility are captured in the error term εijt.

We also estimate a modified version of (1) to examine the dynamic effects of foreign acquisitions

on worker mobility:

Yijt = Σ9
j=−4β

0
jTj + b1TREATEDi +Σ9

j=−4βj(Tj × TREATEDi) +Xi +Xf + ωt + εijt, (2)

where Tj are event year fixed effects that capture the change of mobility by all workers over time,
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TREATEDi and other explanatory variables are defined as above, and εijt is the error term. Our

main interest is in the coefficient βj for the interaction between Tj and TREATEDi, which indicates

the effect of acquisitions on worker mobility in treated firms in event year j. In our estimations,

the year before acquisitions (j = −1) is omitted as a reference year, and observations for the year

of acquisitions are dropped because all variables are fixed (standardized) at event year j=0 and we

cannot define movers or stayers at that time. We examine in our base estimations the effect of

acquisitions on mobility by comparing βj up to nine years after acquisitions with the years before

acquisitions. Moreover, we distinguish in some estimations between the short-, medium-, long, and

longest-run effects by examining the effects after acquisitions at event times 1-2, 3-4, 5-6, and 7-9

respectively, and the effects in the third and fourth years before acquisitions, while all these effects

are relative to the mobility difference in the two years prior to acquisitions (the omitted two years

of comparisons). Since interclass correlations between workers can result in too small standard

errors (Moulton, 1986), we cluster our standard errors at the firm and year. Hence, the underlying

assumption is that workers employed in a firm at the same time might affect each other, including

the choice to move to another firm.

The DiD estimations examine the causal effect of international experience on job mobility under

two conditions. The parallel trend condition requires that workers in treated and control firms have

parallel trends in job mobility in the absence of foreign acquisitions. Past shocks (before acquisi-

tions) should have affected workers in treated and control firms in the same way. Failing to account

for shocks that affect the two groups of workers differently biases our estimates. Counterfactual

outcomes, what would have happened with job mobility in the absence of an acquisition, are not

observable, and we follow practice and examine the trend in job mobility before acquisitions. The

parallel trend assumption is considerably weaker than assuming random treatment, i.e. that acqui-

sitions of local firms is random. Our DiD estimations are unbiased if the parallel trend assumption

is not violated.

The stable unit value treatment assumption (SUTVA) requires that workers in control firms
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are not affected by acquisitions of treated firms. Such an effect could be present if, for instance,

the control and treated firms are close competitors in small markets with few firms. Then, a

foreign acquisition might improve the performance of the treated firms and force control firms to

make changes, including changes to the workforce. Our set of control firms are selected from the

population of Swedish firms and are not restricted to firms within the same region or industry as

the treated ones, which implies that it is presumably unlikely that acquisitions of treated firms

affect workers in control firms Olsson and T̊ag (2018).

Our DiD is carried out on panel data with staggered treatments, i.e. where treatment (an

acquisition) happens in different years. It is plausible that treatments are heterogenous over time;

the effect on mobility might for instance depend on the business cycle. Moreover, using workers who

later work in firms that are treated as control units is another issue that requires special attention

(e.g. Callaway and Sant’Anna, 2021; De Chaisemartin and d’Haultfoeuille, 2020; Goodman-Bacon,

2021; Sun and Abraham, 2021). Baker, Larcker, and Wang (2022) thoroughly discuss the biases

arising from treatment effect heterogeneity, and offer some possible solutions. We follow their

suggestions and control for such heterogeneity bias by applying several different approaches.

Firstly, we use a stacked regression design which is one way to reduce the risk of a bias when

estimating DiD with panel data and with staggered treatments (Cengiz, Dube, Lindner, and Zip-

perer, 2019). More specifically, we normalize the acquisition to j = 0 which is equivalent to a setting

where all acquisitions happen at the same time. We then follow the workers present in j = 0 in

treatment and control firms. As previously discussed, we do not include firms in the control group

if they are later treated, which could otherwise be another possible cause of a bias.

Baker et al. (2022, p. 40) also show that estimates can be largely affected by inclusion of control

variables. They therefore suggest that results both with and without such control variables should

be provided to give a better understanding on what is driving the results. We follow this approach

and provide estimations with and without control variables.
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2.3 Creating the control group

As previously discussed, we compare workers in acquired firms (treated) with workers in firms

remaining local (control). We restrict our sample to firms that only experience one acquisition and

exclude all firms that go from, for instance, Swedish to foreign ownership and then back to Swedish.

Moreover, we look only at foreign acquisitions of Swedish local firms and exclude acquisitions by

Swedish MNEs. We include all workers aged 22-62 at the time of acquisitions in our regressions,

which means that we can follow them a few years before and after this change in ownership. Finally,

we use acquisitions between 1998 and 2013 to allow us to follow firms and workers at least two years

before and after the acquisitions taking place. This leaves us with 2,681 acquisitions between 1998

and 2013. Figure 1 shows the distribution of acquisitions over time. The yearly number of foreign

acquisitions of local firms ranges from 91 in 2013 to 362 in 2001. The number of acquisitions is

relatively stable over time with the exception of the dot-com boom in 2000 and 2001.

[Figure 1 about here]

As previously noted, it is not random which firms are targeted for acquisition. We mitigate the

selection problem by a propensity score matching approach to find a control group of firms whose

firm characteristics match the ones of acquired firms one year prior to the acquisition. We create

the control group by matching at the firm level using one-to one matching without replacement.

Each control firm is only a control firm to one treated firm and hence, the number of firms in the

control group equals the number of firms in the treated group in the same year. The matching is

done for each year separately and with a nearest neighborhood algorithm. Hence, control firms are

selected so that their characteristics are similar to the treated firm one year prior to the year when

the acquisition is taking place. We do not include firms in the control group if they are acquired

in later years.2

2For example, we start with all firms treated in 2010 and find control firms that match their 2009 characteristics.
Then we look at all firms treated in 2011 and find control firms that match their 2010 characteristics, and so on. We
also make sure that the firms that serve as control firms in say 2010 do not end up as control firms in say 2011.
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We use a binomial logit estimation to conduct our matching where the dependent variable takes

the value one if a firm is acquired and zero if it is not acquired.

acquisitionit = α1Xit−1 + α2Xit−2 + α3Xi∆t−1 + δs + θt + µit, (3)

where Xit−1 and Xit−2 are vectors of firm characteristics at t − 1 and t − 2 that could affect the

probability of an acquisition. We include eight different firm characteristics as explanatory variables,

and also include the changes in the same variables for the two years before the acquisition (vector

Xi∆t−1). Finally, we also include industry, δs, and year, θt, fixed effects.

The results for our matching estimation for our first year (1998) and our last year (2013) are

shown in Tables A1 and A2 in the appendix. Two conclusions can be drawn from the tables. First

and as can be expected, foreign acquisitions target strong firms. Treated (acquired) firms tend

to be larger and more profitable, with a relatively skilled labor force and high capital intensity in

comparison to control firms in the unmatched sample. Secondly, matching reduces the difference

between treated and control firms significantly. There are, with few exceptions, no statistically

significant differences in firm characteristics between treated and control firms in the matched

sample.

A similar picture is seen in Table 1 which shows firm characteristics before the acquisitions for

our pooled set of firms over the whole period 1998-2013. Again, matching substantially reduces

any differences between acquired and non-acquired firms and there are no statistically significant

differences in firm characteristics left, with the exceptions of the one-year difference in sales and

share of low skilled workers.

[Table 1 about here]

Our final way to illustrate the reduction in bias is seen in Figure 2 which shows the difference

in various variables between treated and control firms, both in the matched sample of firms and in

the unmatched sample. A value close to zero means a low difference with high values indicating
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large differences. Again, it is clear that matching reduces the differences in almost all variables.

To sum up, our matching successfully removes differences in firm characteristics between acquired

and non-acquired firms prior to the acquisitions.

[Figure 2 about here]

2.4 Job Mobility in Treated and Control Firms

Overall, mobility of workers is high. Figure 3 shows the share of workers in our sample of treated

and control firms who are employed in the same firm up to five years before the takeover and

remaining in the firm up to five years after the takeover. For instance, around 75 percent of the

workers in the year of a takeover (event year j = 0), worked in the firm one year before (j = −1).

Five years before the takeover, the figure was only around 25 percent. Similarly, around 77 percent

of the workers remained in the firm after one year and 35 percent after five years.

[Figure 3 about here]

The size of mobility is notably similar between treated firms and control firms, but the type of

mobility might differ. Table 2 looks at the pattern of mobility. It covers the accumulated share of

workers who leave to different firm types after an acquisition. Most workers who change employers

end up in local firms, which is not surprising considering that this is the largest group of firms.

The first two columns show that 4.7 percent of workers in treated firms and 3.7 percent of workers

in control firms have moved to an MNE one year after the acquisition. The aggregated share has

increased to 14.2 and 11.8 percent respectively five years after the acquisition. Looking at movers

to local firms in columns 3 and 4, we see that the shares five years after the acquisition are 19.7

and 21.7 percent respectively. Hence, there is a clear difference in the pattern of transition where

a relatively high share of workers from treated firms move to MNEs and a relatively high share of

workers in control firms move to local firms.

[Table 2 about here]
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Foreign acquisitions could bring a new owner who forces workers to move. This would of course be

a very different cause of mobility than the learning based one we have discussed above. We find

some comfort in Figure 3, which suggests that this is not a major problem since the magnitude of

mobility is similar in treated and control firms. Table 3 takes this issue one step further and looks

at wages for workers staying in local firms, moving to an MNE or moving to another local firm.

All wages are compared to the year of acquisition (j = 0). The figures for event year five include

all workers who move between the first and fifth years after an acquisition. Acquisitions increase

wages for workers who stay at the firm by 16 percent in a five-year period, compared to six percent

in the control firms. More importantly, the wage increase is highest for treated workers moving to

MNEs. This suggest that workers leaving a firm after an acquisition are not pushed out but rather

attracted by higher wages, presumably due to the experience gained from working in an MNE.

[Table 3 about here]

The above results suggest that treated workers have higher mobility to MNEs than workers in

control firms, and that treated workers who move to another MNE have the highest wage growth

after they move. In the following analysis we investigate whether the higher worker mobility and

higher wage growth are caused by acquisitions.

3 Econometric results

3.1 The effect on mobility

The effect of foreign acquisition on mobility to MNEs (panel A) and local firms (panel B) are shown

in Figure 4. This figure shows the stacked difference-in-difference estimates of βj ’s using equation

(2), relative to one year prior to foreign acquisitions, and with 95% confidence intervals. Panel

A shows that the point estimates in the pre-treatment period are close to zero and statistically

insignificant, implying that the treatment and control groups have a similar trend four years before

foreign acquisitions occur. There is no effect of treatment in the first two years after acquisitions.
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The effect of acquisitions on mobility then starts to increase in the third year and continues to rise

until the sixth year when it stabilizes at 7 percentage points, suggesting that treated workers are

7 percentage points more likely than control workers to move to an MNE in the sixth year after

acquisitions as compared to the mobility difference between treated and control workers in the first

year before acquisitions. Figure 4, hence, suggests that foreign acquisitions raise worker mobility

three years after acquisitions, which supports the hypothesis that it takes time before a worker has

gained valuable skills from working in a foreign MNE, skills that increase mobility to other MNEs.

The effect on mobility to local firms is different as seen in Panel B. The pre-treatment estimates

are relatively close to zero which suggest that the parallel trend assumption holds. Moreover, there

is an immediate and negative effect on mobility already in year one when workers in treated firms

are around 3 percent less likely than workers in control firms to move to a local firm, as compared

to the mobility difference in the first year before acquisitions. The effect becomes stronger and

varies between 5 to 7 percent in the following years. However, standard deviations are large and

some of the point estimates are statistically insignificant.

[Figure 4 about here]

We continue by showing the difference-in-difference estimates of equation (1) in Table 4. The

estimated coefficient for DiD measures the mobility difference between workers in treated and

control firms for the whole period after acquisitions as compared to that difference for the whole

period before acquisitions. Columns 1 and 2 examine the effect of treatment (foreign acquisition)

on workers’ mobility to MNEs, and columns 3 and 4 to local firms. We include estimations both

with and without firm- and worker characteristics.

Foreign acquisitions increase the likelihood of moving to a MNE by around 4 percentage points.

This effect is strong given that the share of workers who leave to MNEs is 14 percent in treated firms

over the five-year period after acquisitions. There is a relatively large negative effect of acquisitions

on the likelihood of moving to a local firm. More precisely, workers in firms that are acquired by

15



foreign owners are around 5 percentage points less likely to move a local firm, in comparison to

workers who work in local firms which are not acquired.

[Table 4 about here]

Looking at the control variables, we see that females are less likely than males to move to other

firms, which holds for both movement to multinational and to local firms. Experience is measured

as the time since finishing the highest level of education and is therefore highly correlated with age.

The coefficients on Experience show that older experienced workers are less likely to move to other

firms. Highly educated workers (Schooling) are relatively likely to move to MNEs and unlikely to

move to local firms, but the point estimates are small. Finally, the firm characteristics suggest that

workers in large and skill intensive firms are relatively likely to move to MNEs and unlikely to move

to local firms.

We continue by dividing the effect of international experience into six periods. The pre-

acquisition periods are pre-medium-run including years 3-4 before the acquisition (DID pre-medium-

run) and pre-short-run including years 1-2 years before the acquisition (DID pre-short-run). The

post acquisitions periods are short-run including years 1-2 (DiD short-run); medium-run including

years 3-4 (DiD medium-run); long-run including years 5-6 (DiD long-run), and longest run includ-

ing years 7-9 (DiD longest-run). The effect is seen in Table 5 and is very small and statistically

insignificant in the short run, substantially larger in the medium run (around 5%), larger in the

long run (close to 7%), and even larger in the longest-run (close to 8%). The effect is negative for

movements to local firms. More importantly, the effect is about the same in the short run as in

the long run, which is consistent with the idea that movement to local firms is different than the

experienced caused movement to MNEs.

[Table 5 about here]

There are reasons to believe that the pattern of mobility differs between different occupations.

The experience of working in an internationalized firm might for instance be of higher value for
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more skilled occupations compared to less skilled occupations (Mion et al., 2022), suggesting that

skilled occupations would have higher mobility to other MNEs that value international experience

more. We look at this in more detail in Figure 5 where we examine mobility separately for high

skilled occupations (managers and professionals) and low skilled occupations (operators and clerks).

The results show that for both high and low skilled occupations, there is no significant difference

between treated and control firms prior to acquisitions. However, mobility starts to pick up three

years after acquisitions and peaks in the 5th and 6th years after acquisition. As expected, the

effect is stronger for high skilled occupations than for low skilled occupations. In all the years after

acquisitions, high skilled occupations have higher mobility to other MNEs compared to low skilled

occupations. For example, in the 5th and 6th years after acquisitions, managers and professionals

in treated firms are 6.9 and 8.3 percentage points respectively more likely to move to MNEs in

comparison to managers and professionals in the control group. The corresponding figures for

clerks and operators are 6.1 and 6.4 percentage points respectively. Hence, movements to MNEs

from treated firms are more common among managers and professionals than among operators and

clerks.

On the other hand, for both high and low skilled occupations, movements to local firms appear

to be insignificantly different between workers from treated firms and those from control firms.

[Figure 5 about here]

The above analysis has documented strong evidence that foreign acquisitions increase mobility

to other MNEs, especially for high skilled occupations. To investigate further, we now look at the

effect on mobility to Swedish and foreign MNEs separately. It is possible that foreign MNEs may

place greater value on international experience gained from working at the firms that are newly

acquired by foreign owners. As seen from Table 6, treatment increases mobility to foreign MNEs

but not to Swedish MNEs. More specifically, column 1 shows a positive and statistically significant

effect on mobility to foreign MNEs and column 2 reports an insignificant effect on mobility to

Swedish MNEs. However, the parallel trend assumption was violated when we estimated the
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coefficients in columns 1 and 2 (not shown), which means that differences in trends rather than

the treatment might explain the results. To deal with this issue, we look at larger firms only and

find no differences in mobility pre-trends for larger firms with above 500 or above 1000 employees.

Moreover, the results in columns 3-6 confirm that international experience increases mobility to

foreign MNEs but there is no, or even a negative, effect on mobility to Swedish MNEs, suggesting

that movements to other MNEs may mostly be driven by movements to foreign MNEs. The similar

mobility patterns across firms of different size also suggest that higher mobility to foreign MNEs is

not due to their larger firm size.

[Table 6 about here]

3.2 Robustness

We continue our analysis with several alternative specifications to examine the robustness of our

results. The previous estimations examined the effect of international experience on job mobility in

the period four years before an acquisition and nine years after. In Table 7 we have experimented

with re-estimating equation 1 using different time periods. with alternative periods. Columns 1

and 6 are identical to columns 2 and 4 in Table 4, and they are included for comparisons with the

results when we change the time period. The other columns show the results when either we have

a shorter pre-acquisition period (starting from two or three years before an acquisition) and/or a

shorter post-acquisition period (ending with six years after an acquisition). The results are robust:

international experience increase job mobility to MNEs and decrease job mobility to local firms.

The effect for MNEs remains similar in size to the previously shown results: treatment increases

job mobility to MNE by between 3.3 and 4.7 percentage points. International experience decreases

mobility to local firms by between 5 and 6 percentage points in the different specifications. Finally,

we have also estimated the different specifications in Table 7 but with our event study approach.

The results are shown in Figures A1 and A2 in the appendix and confirm the results in Table 7.

We also use different restrictions on our sample of workers as another robustness test. Adding
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restrictions that workers are not allowed to move between control firms or between treated firms

gave similar results: foreign experience has a positive effect on mobility to MNEs and the estimated

effect was very similar to the ones found above.

[Table 7 about here]

The analysis above shows that workers in treated firms are more likely to move to MNEs. We

have argued that this higher mobility is due to the fact that MNEs are internationally engaged

firms and they value workers with international experience. An alternative hypothesis would be

that workers in treated firms have the ability to move to good firms with high wages, irrespective of

these firms’ international engagement. Hence, a large mobility to MNEs would then be explained

by MNEs being good firms that pay relatively high wages. We examine this issue in Table 8

where firms are divided based on their average wages. More specifically, we examine mobility to

the ten percent of firms with the highest wages (column 1), to the 20 percent with the highest

wages (column 2) and to the 33 percent with the highest wages (column 3). The results show

no statistically significant effect of treatment on mobility to high wage firms. Hence, we conclude

that international experience does not increase mobility to good firms in general (i.e., local firms or

MNEs that pay high wages); instead, the effect is restricted to mobility to MNEs that are interested

in hiring workers with international experience due to their needs for the specific skills.

[Table 8 about here]

3.3 The effect on wages

We continue our analysis by examining the effect of internationalization and mobility on wages. We

find no effect on average wages at the acquired firms after an acquisition, which is consistent with

previous finding of a small or no wage premium in MNEs once one controls for firm and worker

characteristics (e.g. Heyman et al., 2007).3

3We estimate equation (2) by replacing the dependent variable with log wages. The estimated coefficients on the
interactions between event year fixed effects and the treatment indicator are statistically insignificantly for all years
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We next examine the wage effect of moving from acquired firms to MNEs. We would expect

to see a positive wage effect if working for MNEs allows workers to gain skills that enable them to

move to better jobs. No positive wage effect would make us suspect that mobility is caused by a

push rather than a pull effect, in other words, workers are forced to leave after an acquisition. A

positive wage effect also provides support for the hypothesis that international experience gained

from working at the acquired firm can help workers climb job ladders and move onto a higher wage

trajectory.

To estimate the effect of acquisition on wages, we compare movers with stayers in acquired firms

(treated firms). Specifically, we estimate the following wage equation:

wijt = a0AFTERj + a1Moverij + a2AFTERj ×Moverij +Xi +Xf + ωt + vijt, (4)

where wijt is the log wage of worker i in event year j and calendar year t; AFTERj indicates

the year of acquisition and all subsequent years; Moverij is equal to one if worker i is at another

MNE or a local firm in event year j, and zero otherwise; Xi and Xf represent observed worker

and firm characteristics, respectively, in the year of acquisition; ωt is year fixed effects that capture

macroeconomic factors that may affect wage growth for all workers; and vijt is the error term.

Because movers to MNEs may differ from movers to local firms, we run separate regressions for

these two types of movers. Stayers are always the comparison group.

Our main interest is in the coefficient a2, which represents the wage gains associated with

moving to another firm after acquisitions as compared to those before acquisitions. With stayers as

the comparison group, we interpret these gains as the extra wage growth by movers compared to

what workers would have earned had they chosen to stay at the acquired firms after acquisitions.

We also look at the dynamic wage effect of acquisitions by modifying equation (4) as follows:

wijt = Σ9
j=−4γ

0
j Tj + a1Moverij +Σ9

j=−4γj(Tj ×Moverij) +Xi +Xf + ωt + vijt, (5)

(not shown).
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where Tj represents event year dummies with the year before acquisition (j = −1) omitted as

the reference year, γ0j captures the wage growth by stayers in event year j, and γj represents the

additional wage growth by movers as compared to stayers in event year j. All the other explanatory

variables are defined as above.

The estimates of γj are displayed in Figure 6. Panel A shows that before acquisitions, the

wage growth is not different between movers and stayers. However, one year after acquisitions,

the additional wage growth by movers is about 10 percent and the effect is rather stable at this

level up until 9 years after acquisitions. Hence, the figure suggests that wages increased quite

substantially for workers who leave their jobs in acquired firms and move to MNEs. Since these

post-acquisition wage gains happened in the year when workers moved and a few years afterwards,

the extra wage growth may be interpreted as an additional return to international experience gained

after acquisitions at the treated firms.

Panel B shows the estimates of γj for movers to local firms. We find that one year after

acquisitions, the wage growth for movers to local firms is 11 percentage points higher than that for

stayers. But this wage growth gap between movers to local firms and stayers starts to shrink over

time and stabilizes at around 6 percent.

[Figure 6 about here]

Table 9 shows the estimates of (4). The first two columns compare wage growth by movers

to MNEs with wage growth by stayers in treated firms. In column 2 where control variables

are included, the difference in wage growth between movers to MNEs and stayers is around 12.9

percentage points higher after acquisitions than that difference before acquisitions. Moreover,

experienced and highly educated workers get comparably high wages and females comparably low

wages. Finally, large firms pay low wages and capital-intensive firms with a skilled labor force pay

high wages.

Columns 3-4 report the results for movers to local firms as compared to stayers in acquired firms.

We observe additional wage gains by movers to local firms after acquisitions, which is consistent
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with the finding by Balsvik (2011) that as workers with MNE experience move to local firms, they

generate knowledge externality to local firms and earn higher wages after moving. However, we also

note that the magnitude of wage gains is smaller than that for movers to MNEs, which provides

support to the conjecture that international experience is more valuable for MNEs.

[Table 9 about here]

3.4 The expected wage growth for movers

To further quantify the effect of acquisition on workers at the acquired firms, we now look at the

wage growth for movers with stayers as the comparison group. Specifically, using the estimates of

(2) and (5), we compute the expected wage growth associated with moving to MNEs in event year

j as
(
β0
j +βj

)(
γ0j +γj

)
, which can be expanded into β0

j γ
0
j +β0

j γj +βjγ
0
j +βjγj . These terms can be

interpreted as follows: (i) β0
j γ

0
j is the amount of wage growth if work mobility is at the same rate as

that for control firms (we call it the benchmark mobility rate) and wage growth is at the same rate

as that for stayers (we call it the benchmark wage growth rate); (ii) β0
j γj is the amount of wage

growth if mobility is at the benchmark level, but there is additional wage growth associated with

moving to another MNE; (iii) βjγ
0
j is the amount of wage growth if there is an increase in mobility

due to acquisition, but wage growth is at the benchmark level; and (iv) βjγj is the amount of wage

growth if there are an increase in mobility due to acquisitions and a rise in wage growth associated

with moving to another MNE. This cross term reflects the correlation between mobility and extra

wage changes for movers as compared to stayers. In the case of moving to MNEs, higher mobility

combined with extra wage growth for movers (a positive correlation) leads to a further increase in

the expected wage growth for movers. The expected wage growth associated with moving to local

firms in event year j can be computed in a similar way.4

In Figure 7 we draw the trajectories of expected wage growth for movers. Panel A shows that

β0
j γ

0
j rises steadily after acquisition, suggesting a steady post-acquisition wage growth for stayers.

4In the case of moving to local firms, lower mobility and extra wage growth for movers (a negative correlation)
leads to a reduction in the expected wage growth for movers.
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Part of the wage growth could be associated with the returns to increased international experience

by stayers after acquisition. We also observe that both β0
j γj and βjγ

0
j contribute markedly to the

wage growth for movers to MNEs. In comparison, the cross term βjγj is smaller. For example, in

the 9th year after acquisition, the benchmark cumulative wage growth β0
j γ

0
j is at 3 percent (relative

to j = −1), while each of β0
j γj , βjγ

0
j , and βjγj contributes to the total wage growth for movers

to MNEs by 1.78, 1.32, and 0.77 percent respectively, leading to a total growth rate of 7 percent.

Since these estimates are obtained after controlling for various individual and firm characteristics

that may affect wages (including years of experience and schooling), the wage growth reported in

Figure 7 represents the additional wage gains due to increased mobility and higher wages earned

by movers to MNEs. Overall, we observe that movers to MNEs have a much steeper wage growth

trajectory after acquisitions.

Panel B of Figure 7 displays the wage growth trajectories for movers to local firms. We see

that the cumulative expected wage growth rate is close to the benchmark rate. For example, the

cumulative wage growth rate for movers to local firms is 5.3 percent nine years after acquisition,

which is just slightly above the benchmark rate of 4.9 percent.

[Figure 7 about here]

Based on the cumulative expected wage growth rates, we also compute the annualized wage

growth rates.5. Again, the year before acquisitions is the reference year. The results are displayed

in Figure 8. Panel A shows the annualized rate for movers to MNEs. The benchmark annualized

growth rate is based on the mobility rate in control firms and the wage growth by stayers at the

acquired firms. We see that the annualized expected wage growth rate for movers to MNEs more

than double the benchmark rate (if those movers had the same wage growth as stayers had and

acquisitions did not affect worker mobility).

Panel B of Figure 8 shows the annualized wage growth trajectory for movers to local firms. Up

5Let xj denote the cumulative expected wage growth rate in event year j. Given that the year before acquisition
(j = −1) is the reference year, the annualized expected wage growth rate is computed as (1 + xj)

1/(j+1) − 1

23



to four years after acquisition, the annualized expected wage growth lags behind the benchmark

growth rate due to lower mobility to local firms after acquisition. In the 9th year after acquisitions,

the annualized wage growth rate reaches 0.52 percent, slightly above the benchmark rate of 0.48

percent.

In sum, we find that acquisitions increase the probability of moving to MNEs and raise the

wage growth rate substantially for movers to MNEs. On the other hand, acquisitions reduce the

probability of moving to local firms and raise the wage growth for movers to local firms at a more

modest rate. Therefore, acquisitions appear to shift the career path more toward MNEs and push

workers onto a much steeper wage growth trajectory.

[Figure 8 about here]

We further explore the difference in wage growth trajectory between high and low skilled oc-

cupations. The results are shown in Figure 9. We can see that the annualized expected wage

growth is the highest for movers to MNEs in high occupations. In contrast, in low occupations,

movers to local firms have a higher wage growth. These patterns suggest that international expe-

rience is more relevant for high occupations and workers in those occupations benefit more from

international experience by moving to MNEs.

[Figure 9 about here]

4 Concluding remarks

We used foreign acquisitions of Swedish firms as an internationalization shock and identified the

causal effect of international experience on worker mobility. Workers at acquired firms may gain

international experience after the acquisition shock. To adjust for the nonrandom feature of ac-

quisitions, we paired acquired firms with never-acquired local firms based on one-to-one propensity

score matching and used those local firms as the group of control firms. We applied a stacked

difference-in-difference estimation approach by comparing worker mobility in treated and control
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firms before and after acquisitions. We find that international experience gained after foreign ac-

quisitions increases the likelihood of job switching to another MNE by about 4 percentage points

while reducing the likelihood of job switching to local firms by about 5 percentage points. We also

find that the effect of acquisitions on worker mobility is gradual, and it turns significant in the third

year after treatment and remains steady afterwards, which supports the idea that it may take time

for treated workers to gain international skills that increase their ability to move to better jobs.

We also studied the effect of acquisitions on wage growth for movers. We find that one year

after acquisitions, the additional wage growth by movers to another MNE is about 10 percent and

the effect remains stable at this level afterwards. We also find a more modest post-acquisition wage

growth for movers to local firms as compared to that for stayers at the acquired firms.

Overall, acquisitions allow workers at the acquired firms to gain international experience, thus

increasing the probability of moving to other MNEs and enabling movers to reach a steeper wage

growth trajectory.
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Figures

Figure 1: Annual number of foreign acquisitions of local firms (1998-2013)
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Figure 2: Absolute differences in treated and control firms in matched and unmatched samples

Note: The X-axis shows the absolute value of the standardized percentage bias for the matched and unmatched
firms. This is calculated by storing the means and variances of lags one year, lags two years and one-year differences
for treated and controls in the matched and unmatched samples, all years pooled. Then the absolute values of
standardized percentage bias are calculated according to the formula in Austin (2009).
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Figure 3. Job mobility in acquired and non-acquired firms (1998-2013).
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Panel A: Mobility to MNEs

Panel B: Mobility to local firms

Figure 4. Event study. The effect of foreign ac-
quisitions on job mobility.

Note: The figures show yearly difference-in-difference
estimates relative to one year before the foreign
acquisition (event time t− 1). The vertical bars show
the 95% confidence intervals. Control variables and fixed
effects are included. For details on included variables see
Table 4.
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Panel A. Mobility of high skill occupations (managers, professionals, technicians).

Panel B. Mobility of low skill occupations (clerks and operators).

Figure 5. Event study. The effect of foreign acquisitions on job mobility of different occupations.

Note: The figures show yearly difference-in-difference estimates relative to one year before the foreign acquisition
(event time t− 1). The vertical bars show the 95% confidence intervals. Control variables and fixed effects are
included. For details on included variables see Table 4.
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Panel A: Comparison between movers to MNEs with stayers at an acquired firm.

Panel B: Comparison between movers to local firms with stayers at an acquired firm

Figure 6. Event study. The wage effect of moving to other firms

Note: The figures show yearly estimates relative to the one year before the foreign acquisition (event time j = −1).
The vertical bars show the 95% confidence intervals. Control variables and fixed effects are included. For details on
included variables see Table 4.
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Figure 7: The Cumulative Expected Wage Growth for Movers.

Note: (i) β0
j γ

0
j is the amount of wage growth if work mobility is at the same rate as that for control firms and wage

growth is at the same rate as that for stayers; (ii) β0
j γj is the amount of wage growth if mobility is at the

benchmark level, but there is additional wage growth associated with moving to another MNE; (iii) βjγ
0
j is the

amount of wage growth if there is an increase in mobility due to acquisition, but wage growth is at the benchmark
level; and (iv) βjγj is the amount of wage growth if there are an increase in mobility due to acquisition and a rise in
wage growth associated with moving to another MNE. See Section 3.3 for details.

Figure 8: The Annualized Expected Wage Growth for Movers.

Note: The benchmark annualized growth rate is based on the mobility rate in control firms and the wage growth by
stayers at the acquired firms. See Section 3.3 for details.
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Panel A. Annualized expected wage growth for movers to MNEs

Panel B. Annualized expected wage growth for movers to local firms

Figure 9: The Annualized Expected Wage Growth for Movers in Different Occupations.

Note: The benchmark annualized growth rate is based on the mobility rate in control firms and the wage growth by
stayers at the acquired firms. See Section 3.3 for details.
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Tables
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Table 1: Summary statistics for matched sample (pooled 1998–2013).

Difference
in means

Treated Control t-test p-value

One year lag
Capital intensity 0.270 0.307 -0.037 0.861
Log Firm size 3.347 3.334 0.013 0.254
Profits 4559 4277 282 0.394
Profits/Sales -2.545 0.018 -2.564 0.838
Sales 124074 124892 -818 0.523
Share high-skilled employees 0.354 0.362 -0.008 0.949
Share low-skilled employees 0.137 0.137 0.001 0.423
Value added 34836 34514 322.500 0.463

Two years lag
Capital intensity 0.287 0.339 -0.052 0.874
Log Firm size 3.212 3.205 0.007 0.352
Profits 3865 10369 -6503 0.877
Profits/Sales -0.159 0.072 -0.231 0.934
Sales 114555 113325 1229 0.463
Share high-skilled employees 0.350 0.358 -0.008 0.931
Share low-skilled employees 0.142 0.143 -0.001 0.569
Value added 31545 31873 -328 0.541

One year difference

Capital intensity 0.007 -0.005 0.012 0.229
Log firm size 0.083 0.085 -0.002 0.583
Profits -247 4361 -4609 0.904
Profits/Sales 2.527 -0.024 2.550 0.162
Sales 10534 6971 3562 0.035
Share high-skilled employees 0.003 0.003 0.000 0.443
Share low-skilled employees -0.004 -0.005 0.002 0.068
Value added 2933 3878 -944 0.729
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Table 2: The share of workers who leave to different firm types (1998-2013).

To MNEs To local firms

Event Year Control Treated Control Treated

j = 1 0.0374 0.0472 0.0976 0.0736
j = 3 0.0929 0.1129 0.2094 0.1522
j = 5 0.1184 0.1424 0.2172 0.1974

Note: Treated firms are acquired by foreign owners. Control firms are never acquired by foreign
owners. MNEs (columns 1 and 2) consist of both Swedish MNEs and foreign owned firms. Local
firms (columns 3 and 4) have no foreign affiliates.

Table 3: Wages for workers staying or leaving to other firm types (percent).

Stayer To MNEs To local firms

Event Year Control Treated Control Treated Control Treated

j = 1 2 -1 15 16 4 9
j = 3 6 13 17 18 -4 10
j = 5 6 16 17 25 16 12

Note: Treated firms are acquired by foreign owners. Control firms are never acquired by foreign
owners. Stayers are workers who remain employed at the firm. Local firms have no foreign
affiliates. MNEs consist of both Swedish MNEs and foreign owned firms.
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Table 4: Estimating the effect of international experience on job mobility.

To MNEs To MNEs To Local To Local

Treated 0.009 0.019*** 0.004 -0.015
(0.006) (0.005) (0.011) (0.010)

After 0.028*** 0.023*** 0.065*** 0.052***
(0.006) (0.005) (0.012) (0.011)

DiD 0.041*** 0.040*** -0.050*** -0.050***
(0.008) (0.008) (0.014) (0.013)

Female -0.021*** -0.017***
(0.002) (0.002)

Experience -0.004*** -0.006***
(0.000) (0.000)

Exp. Square 0.000*** 0.000
(0.000) (0.000)

Schooling 0.002*** -0.007***
(0.000) (0.001)

(log) Size 0.003* -0.013***
(0.001) (0.002)

High-skill 0.086*** -0.109***
(0.009) (0.012)

Capital int. 0.000 -0.000
(0.000) (0.000)

Observations 2,957,840 2,957,840 2,957,840 2,957,840
R-squared 0.022 0.048 0.021 0.052
Year FE YES YES YES YES
Industry FE NO YES NO YES

Note: Estimating the effect in the period up to nine years after the acquisition compared to the
period up to four years before the acquisition. Standard errors are clustered at the firm-year
level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 5: The effect of international experience on job mobility in the short-, medium-, and long
run.

To MNE To MNE To Local To Local

DiD pre-medium 0.015 0.014 -0.024 -0.022
(0.012) (0.010) (0.022) (0.020)

DiD short-run 0.012 0.011 -0.051*** -0.051***
(0.008) (0.008) (0.017) (0.016)

DiD medium-run 0.047*** 0.047*** -0.076*** -0.075***
(0.013) (0.012) (0.022) (0.021)

DiD long-run 0.065*** 0.065*** -0.056** -0.055**
(0.015) (0.014) (0.024) (0.023)

DiD longest-run 0.078*** 0.076*** -0.046** -0.047**
(0.015) (0.014) (0.022) (0.021)

Control variables No Yes No Yes
Year FE Yes Yes Yes Yes
Industry FE No Yes No Yes

Note: DiD pre-medium measures years 3 and 4 before treatment. Years 1 and 2 before treatment
are omitted as years of comparisons. DiD short-run examines the treatment effect in years 1
and 2, DiD medium-run in years 3 and 4, DiD long-run in years 5 and 6, and DiD longest-run
in years 7, 8 and 9. See Table 4 for the included control variables. Robust standard errors
in parentheses. Standard errors are clustered at the firm-year level. *** p<0.01, ** p<0.05,
* p<0.1. All specifications include year fixed-effects. All specifications with firm controls also
include industry fixed-effects. Standard errors are clustered by firm and year.
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Table 6: The effect of international experience on job mobility to foreign and Swedish MNEs.

Foreign Swedish Foreign Swedish Foreign Swedish

All firms Above 500 employees Above 1000 employees

DiD 0.049***
(0.005)

-0.009*
(0.005)

0.053***
(0.011)

-0.024*
(0.013)

0.046***
(0.013)

-0.016
(0.016)

Note: The coefficient shows the difference-in-differences coefficient from estimating equation (1)
with mobility to foreign- or Swedish MNEs as dependent variable. All specifications include
year fixed-effects, control variables, and industry fixed-effects. See Table 4 for the included
control variables. The effect is estimated in the period up to nine years after the acquisition
compared to the period up to four years before the acquisition. Standard errors are clustered
at the firm-year level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 8: The effect of international experience on job mobility to high-wage firms.

To top-10% To top-20% To top-33%
high wage firms high wage firms high wage firms

DiD -0.003
(0.004)

-0.010
(0.006)

-0.014
(0.011)

Note: The coefficient shows the difference-in-differences coefficient from estimating equation
(1) with mobility to high wage firms as dependent variable. All specifications include year
fixed-effects, control variables, and industry fixed-effects. See Table 4 for the included control
variables. The effect is estimated in the period up to nine years after the acquisition compared
to the period up to four years before the acquisition. Standard errors are clustered at the firm-
year level.
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Table 9: Estimating the effect of mobility on wages

Movers to MNEs Movers to local firms
compared to compared to
stayers in stayers in

treated firms treated firms

After 0.077*** 0.100*** 0.081*** 0.101***
(0.019) (0.006) (0.019) (0.006)

Mover 0.033** -0.031*** -0.183*** -0.188***
(0.015) (0.013) (0.013) (0.006)

After×Mover 0.090*** 0.129*** 0.047*** 0.085***
(0.018) (0.017) (0.017) (0.007)

Female -0.355*** -0.352***
(0.003) (0.003)

Experience 0.037*** 0.037***
(0.000) (0.000)

Experience square -0.001*** -0.001***
(0.000) (0.000)

Schooling 0.082*** 0.078***
(0.001) (0.001)

(log) Size -0.022*** -0.018***
(0.001) (0.001)

High-skill 0.494*** 0.438***
(0.010) (0.010)

Capital Intensity 0.004*** 0.005***
(0.000) (0.000)

Observations 1,206,218 1,206,218 1,298,064 1,298,064
R-squared 0.034 0.264 0.028 0.200

Note: Estimating the effect in the period up to nine years after the acquisition compared to
the period up to six years before the acquisition. All estimations include year fixed effects and
industry fixed effects. Columns 1-2 compare wage growth of movers to MNEs with that of
stayers at acquired firms. Columns 3-4 compare wage growth of movers to local firms with that
of stayers at acquired firms. Standard errors are clustered at the firm-year level. *** p<0.01,
** p<0.05, * p<0.1
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Appendix

Figure A1. Event study. The effect of foreign acquisitions on job mobility to MNEs. Robustness
estimations with different time periods.

Note: The figures show yearly difference-in-difference estimates relative to one year before the foreign acquisition
(event time t− 1). The vertical bars show the 95% confidence intervals. Control variables and fixed effects are
included. For details on included variables see Table 4
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Figure A2. Event study. The effect of foreign acquisitions on job mobility to local firms. Robustness
estimations with different time periods.

Note: The figures show yearly difference-in-difference estimates relative to one year before the foreign acquisition
(event time t− 1). The vertical bars show the 95% confidence intervals. Control variables and fixed effects are
included. For details on included variables see Table 4.
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Table A1. Indicators of covariance balancing before and after matching, 1998. 

 
Unmatched 

(U) and 

Matched 

(M) 

Mean %bias -Δ%bias t-test p-value 

 
  Treated Control 

 
   

Lag 1 year        

Profits 
U 20844 3974.9 12.5 

 
1.37 0.170 

M 12291 2302.3 7.4 40.8 1.20 0.233 

Sales 
U 120 000 54161 15.4 

 
1.43 0.152 

M 110 000 110 000 2.2 85.4 0.25 0.802 

Value added 
U 22603 15042 5.2 

 
0.42 0.673 

M 22773 28609 -4.0 22.8 -0.96 0.338 

Low level of skills 
U 0.147 0.269 -73.1 

 
-7.20 0.000 

M 0.147 0.1436 1.8 97.5 0.18 0.858 

High level of 

skills 

U 0.338 0.163 73.3 
 

9.13 0.000 

M 0.338 0.314 9.9 86.4 0.71 0.479 

Capital per 

employee 

U 0.498 0.290 7.3 
 

1.18 0.236 

M 0.185 0.156 1.0 85.8 0.64 0.524 

Profits per sales 
U 0.147 0.055 3.2 

 
0.26 0.793 

M 0.090 0.021 2.5 24.0 2.09 0.037 

Log firm size 
U 3.330 2.786 52.6 

 
6.75 0.000 

M 3.316 3.418 -9.9 81.2 -0.72 0.475 

Lag 2 year        

Profits 
U -3879.3 1528.8 -8.3 

 
-1.35 0.178 

M 2951.2 2014.3 1.4 82.7 0.42 0.677 

Sales 
U 110 000 52674 13.9 

 
1.29 0.196 

M 110 000 93720 3.3 76.0 0.41 0.682 

Value added 
U 18922 14432 3.1 

 
0.26 0.797 

M 19372 25347 -4.2 -33.1 -0.88 0.379 

Low level of skills 
U 0.150 0.275 -71.1 

 
-7.00 0.000 

M 0.149 0.146 1.7 97.6 0.16 0.872 

High level of 

skills 

U 0.336 0.162 71.5 
 

8.80 0.000 

M 0.336 0.322 5.5 92.3 0.39 0.699 

Capital per 

employee 

U 0.572 0.307 6.7 
 

0.69 0.489 

M 0.259 0.160 2.5 62.9 1.34 0.181 

Profit per sales 
U -0.040 0.036 -6.3 

 
-0.53 0.594 

M -0.004 -0.000 -0.3 95.2 -0.10 0.919 

Log firm size 
U 3.162 2.699 42.0 

 
5.40 0.000 

M 3.149 3.264 -10.5 75.1 -0.76 0.447 

One year 

difference        

Profits 
U -30726 101.45 -16.2  -2.72 0.006 

M -11407 -2097 -4.9 69.8 -1.07 0.283 

Sales 
U 17970 5788.7 13.8  1.29 0.197 

M 18201 8724.9 10.8 22.2 1.32 0.188 

Value added 
U -25.976 1313.6 -3.6  -0.39 0.695 

M 2745.4 -401.73 8.6 -134.9 1.35 0.177 

Low level of skills 
U 0.007 -0.004 14.3  1.38 0.167 

M 0.007 0.003 5.6 61.0 0.57 0.570 
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High level of 

skills 

U -0.009 -0.000 -11.3  -1.28 0.202 

M -0.009 0.012 -28.4 -151.3 -2.02 0.045 

Capital per 

employee 

U -0.045 0.014 -4.6  -0.37 0.708 

M -0.019 0.006 -1.9 59.2 -1.02 0.308 

Profit per sales 
U -0.199 0.062 -2.1  -0.17 0.868 

M -0.064 -0.021 -0.3 83.6 -1.37 0.172 

Log firm size 
U 0.125 0.086 10.4  1.18 0.236 

M 0.125 0.111 3.8 63.6 0.29 0.769 

Profit per 

employee 

U -0.248 -0.001 -13.4  -1.37 0.171 

M -0.111 -0.158 2.6 80.9 0.38 0.707 

Sales per 

employee 

U 0.0743 0.024 2.7  0.27 0.789 

M 0.0763 0.120 -6.6 -142.0 -0.38 0.704 

Value added per 

employee 

U -0.039 0.014 -13.6  -1.74 0.081 

M -0.020 -0.151 33.7 -147.2 1.10 0.272 

Share women 
U -0.009 0.002 -14.2  -1.54 0.125 

M -0.009 -0.010 1.2 91.5 0.09 0.924 

Export / Sales 
U -0.015 -0.001 0.8  0.15 0.884 

M 0.000 0.003 -3.2 -292.9 -0.25 0.804 

Note: The matching also include industry dummy variables. 
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Table A2. Indicators of covariance balancing before and after matching, 2013. 

 

Unmatched 

(U) and 

Matched 

(M) 

Mean %bias 
-

Δ%bias 
t-test p-value 

  Treated Control     

Lag 1 year        

Profits 
U 3245.6 3167.2 0.2 

 
0.01 0.989 

M 3698.2 8.7198 8.1 -4604.2 0.70 0.483 

Sales 
U 110 000 60994 15.0 

 
1.30 0.195 

M 95907 73899 6.1 59.2 0.76 0.448 

Value added 
U 33320 18580 20.2 

 
1.73 0.084 

M 30125 29992 0.2 99.1 0.02 0.987 

Low level of 

skills 

U 0.112 0.156 -35.7 
 

-3.14 0.002 

M 0.113 0.095 14.5 59.4 1.14 0.254 

High level of 

skills 

U 0.370 0.259 41.1 
 

4.10 0.000 

M 0.367 0.409 -15.6 62.1 -0.99 0.324 

Capital per 

employee 

U 0.163 0.663 -10.7 
 

-0.73 0.468 

M 0.163 0.118 1.0 91.0 1.00 0.318 

Profits per sales 
U -0.030 -0.132 0.8 

 
0.05 0.957 

M -0.030 -0.017 -0.1 86.7 -0.17 0.861 

Log firm size 
U 3.422 3.077 39.0 

 
4.03 0.000 

M 3.389 3.448 -6.7 82.9 -0.43 0.671 

Lag 2 year        

Profits 
U 3805 2994.3 2.3 

 
0.18 0.854 

M 4995.7 9770.4 -13.4 -489.0 -0.65 0.516 

Sales 
U 99605 57796 13.1 

 
1.21 0.226 

M 99832 71189 9.0 31.5 0.85 0.395 

Value added 
U 26809 17912 14.0 

 
1.10 0.271 

M 26770 27110 -0.5 96.2 -0.05 0.961 

Low level of 

skills 

U 0.116 0.160 -34.7 
 

-3.04 0.002 

M 0.116 0.103 10.4 70.0 0.79 0.432 

High level of 

skills 

U 0.367 0.255 40.5 
 

4.10 0.000 

M 0.364 0.406 -15.1 62.7 -0.96 0.338 

Capital per 

employee 

U 0.167 0.641 -11.6 
 

-0.79 0.430 

M 0.169 0.128 1.0 91.4 0.86 0.391 

Profits per sales 
U 0.057 -0.004 0.3 

 
0.02 0.983 

M 0.072 0.127 -0.3 9.5 -0.56 0.574 

Log firm size 
U 3.296 3.024 30.8 

 
3.12 0.002 

M 3.294 3.32 -4.0 87.1 -0.25 0.806 

One year 

difference 
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Profits U -1732.4 130.65 -6.0 
 

-0.45 0.652 

M -1243.4 2258.2 -11.3 -88.0 -0.82 0.411 

Sales U 42220 875.28 14.7 
 

6.01 0.000 

M 1445.7 1887.4 -0.2 98.9 -0.10 0.918 

Value added U 7787.6 512.54 13.2 
 

3.74 0.000 

M 73.868 256.25 -0.3 97.5 -0.10 0.921 

Low level of 

skills 

U -0.001 -0.005 7.3 
 

0.59 0.556 

M -0.001 -0.004 5.3 27.7 0.58 0.564 

High level of 

skills 

U 0.0100 0.004 8.1 
 

0.72 0.470 

M 0.0100 -0.000 13.9 -71.0 1.13 0.259 

Capital per 

employee 

U -0.023 -0.013 -0.4 
 

-0.03 0.977 

M -0.023 0.004 -1.2 -179.9 -1.53 0.129 

Profits per sales U -0.026 0.044 -0.4 
 

-0.03 0.977 

M -0.027 -0.006 -0.1 70.3 -0.31 0.758 

Lof firm size U 0.062 0.004 15.4 
 

1.53 0.126 

M 0.048 0.023 6.7 56.7 0.58 0.562 

Profits per 

employee 

U -0.077 -0.009 -4.2 
 

-0.29 0.776 

M -0.078 0.087 -10.1 -143.0 -1.38 0.170 

Sales per 

employee 

U -0.057 -0.001 -4.4 
 

-0.32 0.753 

M -0.052 -0.024 -2.2 50.0 -0.27 0.785 

Value added 

per employee 

U -0.048 0.010 -10.5 
 

-0.79 0.429 

M -0.047 -0.040 -1.4 86.9 -0.18 0.861 

Share women U -0.007 -0.001 -7.9 
 

-0.69 0.492 

M -0.007 -0.005 -3.1 61.3 -0.25 0.799 

Export / Sales U 0.008 0.000 13.4 
 

1.71 0.088 

M 0.008 0.004 6.7 49.8 0.46 0.648 

Note: The matching included industry dummy variables. 

 


