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Appendix 1: Descriptives: age distribution among survey participants 

 

Appendix 2: Descriptives: gender of survey participants 
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Appendix 3: Descriptives: capabilites for handling Office-software 

 
Appendix 4: Descriptives: years of experience with programming 
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Appendix 5: Descriptives: like to spent their free time gaming 

 
Appendix 6: Descriptives: have used VR before 
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Appendix 7: Descriptives: management or leadership experience 
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Appendix 8: Descriptives: branche classification of survey participants 



 
 

 

Loading summary of Lisa  
 TEC PER TRAN INT CPOW TRU AIACC  

l_per_1 0 0.929 0 0 0 0 0 
l_per_2 0 0.908 0 0 0 0 0 
l_per_3 0 0.870 0 0 0 0 0 
l_int_1 0 0 0 0.951 0 0 0 
l_int_2 0 0 0 0.438 0 0 0 
l_int_3 0 0 0 0.544 0 0 0 
l_part_1 0 0 0 0 0.795 0 0 
l_part_2 0 0 0 0 0.538 0 0 
l_part_3 0 0 0 0 0.700 0 0 
l_part_4 0 0 0 0 0.647 0 0 
l_part_5 0 0 0 0 0.675 0 0 
l_tran_1 0 0 0.876 0 0 0 0 
l_tran_2 0 0 0.846 0 0 0 0 
l_tran_3 0 0 0.860 0 0 0 0 
l_tran_4 0 0 -0.473 0 0 0 0 
l_tru_1 0 0 0 0 0 0.947 0 
l_tru_2 0 0 0 0 0 0.880 0 
l_tru_3 0 0 0 0 0 0.930 0 
l_aiacc_1 0 0 0 0 0 0 0.917 
l_aiacc_2 0 0 0 0 0 0 0.908 
l_aiacc_3 0 0 0 0 0 0 0.917 
l_tec_1 0.684 0 0 0 0 0 0 
l_tec_2 0.826 0 0 0 0 0 0 
l_tec_3 0.641 0 0 0 0 0 0  

Appendix 9: Loading summary of Lisa 

 

 

 

 

 

 

 

 

 

 



 
 

Loading summary of Maria  
 TEC PER TRAN INT CPOW TRU AIACC  

m_per_1 0 0.895 0 0 0 0 0 
m_per_2 0 0.872 0 0 0 0 0 
m_per_3 0 0.865 0 0 0 0 0 
m_int_1 0 0 0 0.962 0 0 0 
m_int_2 0 0 0 0.251 0 0 0 
m_int_3 0 0 0 0.420 0 0 0 
m_part_1 0 0 0 0 0.888 0 0 
m_part_2 0 0 0 0 0.175 0 0 
m_part_3 0 0 0 0 0.614 0 0 
m_part_4 0 0 0 0 0.411 0 0 
m_part_5 0 0 0 0 0.477 0 0 
m_tran_1 0 0 0.898 0 0 0 0 
m_tran_2 0 0 0.881 0 0 0 0 
m_tran_3 0 0 0.915 0 0 0 0 
m_tran_4 0 0 -0.054 0 0 0 0 
m_tru_1 0 0 0 0 0 0.923 0 
m_tru_2 0 0 0 0 0 0.887 0 
m_tru_3 0 0 0 0 0 0.909 0 
m_aiacc_1 0 0 0 0 0 0 0.934 
m_aiacc_2 0 0 0 0 0 0 0.930 
m_aiacc_3 0 0 0 0 0 0 0.954 
m_tec_1 -0.248 0 0 0 0 0 0 
m_tec_2 0.934 0 0 0 0 0 0 
m_tec_3 -0.316 0 0 0 0 0 0  

Appendix 10: Loading summary of Maria 
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Appendix 11: Correlation summary of items: Lisa 
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Appendix 12: Correlation summary of items: Maria 

 

 



 
 

Bootstrapped HTMT Table  
Lisa Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> PER 0.365 0.368 0.106 3.442 0.192 0.544 
TEC -> TRAN 0.125 0.140 0.069 1.802 0.046 0.268 
TEC -> INT 0.069 0.098 0.063 1.098 0.021 0.222 
TEC -> CPOW 0.101 0.118 0.076 1.326 0.020 0.261 
TEC -> TRU 0.065 0.113 0.062 1.042 0.038 0.236 
TEC -> AIACC 0.198 0.205 0.081 2.434 0.077 0.345 
PER -> TRAN 0.392 0.390 0.084 4.680 0.250 0.525 
PER -> INT 0.490 0.489 0.065 7.541 0.378 0.592 
PER -> CPOW 0.176 0.180 0.083 2.114 0.051 0.323 
PER -> TRU 0.419 0.417 0.077 5.417 0.286 0.540 
PER -> AIACC 0.272 0.272 0.077 3.543 0.142 0.397 
TRAN -> INT 0.592 0.592 0.051 11.561 0.505 0.673 
TRAN -> CPOW 0.278 0.279 0.079 3.506 0.146 0.407 
TRAN -> TRU 0.593 0.593 0.066 9.020 0.481 0.695 
TRAN -> AIACC 0.289 0.288 0.084 3.454 0.148 0.424 
INT -> CPOW 0.353 0.352 0.076 4.621 0.223 0.475 
INT -> TRU 0.611 0.610 0.071 8.649 0.487 0.718 
INT -> AIACC 0.435 0.433 0.077 5.682 0.301 0.555 
CPOW -> TRU 0.516 0.515 0.063 8.182 0.406 0.615 
CPOW -> AIACC 0.405 0.405 0.077 5.264 0.272 0.525 
TRU -> AIACC 0.566 0.565 0.073 7.732 0.439 0.680  

Bootstrapped HTMT Table  
Maria Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> PER 0.464 0.463 0.094 4.964 0.304 0.612 
TEC -> TRAN 0.183 0.192 0.088 2.090 0.070 0.350 
TEC -> INT 0.043 0.094 0.056 0.770 0.022 0.205 
TEC -> CPOW 0.025 0.091 0.058 0.428 0.020 0.205 
TEC -> TRU 0.100 0.140 0.069 1.453 0.054 0.274 
TEC -> AIACC 0.127 0.151 0.075 1.695 0.049 0.289 
PER -> TRAN 0.366 0.365 0.090 4.073 0.214 0.510 
PER -> INT 0.403 0.402 0.094 4.311 0.244 0.552 
PER -> CPOW 0.067 0.110 0.063 1.054 0.034 0.236 
PER -> TRU 0.394 0.393 0.086 4.600 0.247 0.529 
PER -> AIACC 0.468 0.465 0.083 5.634 0.322 0.594 
TRAN -> INT 0.446 0.445 0.088 5.100 0.294 0.579 
TRAN -> CPOW 0.191 0.198 0.084 2.278 0.075 0.348 
TRAN -> TRU 0.476 0.474 0.099 4.832 0.306 0.632 
TRAN -> AIACC 0.297 0.297 0.093 3.196 0.142 0.448 
INT -> CPOW 0.102 0.123 0.085 1.200 0.011 0.281 



 
 

       
Maria Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI 
INT -> TRU 0.619 0.617 0.067 9.194 0.497 0.720 
INT -> AIACC 0.549 0.547 0.068 8.036 0.428 0.652 
CPOW -> TRU 0.047 0.108 0.071 0.664 0.026 0.250 
CPOW -> AIACC 0.059 0.108 0.072 0.822 0.024 0.247 
TRU -> AIACC 0.717 0.715 0.056 12.850 0.618 0.800  

Appendix 13: Bootstrapped HTMT Table 

Bootstrapped path summary for Lisa  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> AIACC 0.199 0.205 0.080 2.490 0.073 0.336 
PER -> AIACC 0.150 0.159 0.076 1.973 0.033 0.283 
TRAN -> CPOW -0.274 -0.276 0.076 -3.606 -0.396 -0.149 
TRAN -> TRU 0.273 0.277 0.074 3.691 0.155 0.399 
INT -> TRU 0.322 0.320 0.088 3.678 0.172 0.460 
CPOW -> TRU -0.304 -0.301 0.058 -5.276 -0.395 -0.205 
TRU -> AIACC 0.446 0.445 0.080 5.574 0.308 0.571  

Bootstrapped path summary for Lisa model 2  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> ACC 0.081 0.096 0.081 1.005 -0.044 0.225 
PER -> ACC -0.093 -0.069 0.093 -0.992 -0.239 0.074 
TRAN -> CPOW -0.274 -0.276 0.076 -3.627 -0.396 -0.147 
TRAN -> TRU 0.272 0.276 0.074 3.695 0.156 0.399 
INT -> TRU 0.322 0.321 0.087 3.682 0.172 0.461 
CPOW -> TRU -0.304 -0.301 0.058 -5.247 -0.397 -0.205 
TRU -> ACC 0.517 0.502 0.077 6.702 0.372 0.625  

Appendix 14: Bootstrapped path summary for Lisa 

Bootstrapped path summary for Maria  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> AIACC -0.001 -0.003 0.095 -0.009 -0.145 0.175 
PER -> AIACC 0.214 0.214 0.076 2.834 0.091 0.339 
TRAN -> CPOW -0.185 -0.186 0.093 -1.985 -0.336 -0.028 
TRAN -> TRU 0.241 0.237 0.092 2.607 0.084 0.388 
INT -> TRU 0.503 0.504 0.078 6.420 0.374 0.633 
CPOW -> TRU 0.141 0.142 0.079 1.790 0.011 0.272 
TRU -> AIACC 0.582 0.582 0.064 9.048 0.472 0.683  
 

 

 



 
 

Bootstrapped path summary for Maria model 2  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> ACC -0.082 -0.084 0.084 -0.977 -0.220 0.057 
PER -> ACC 0.091 0.109 0.095 0.954 -0.035 0.261 
TRAN -> CPOW -0.185 -0.185 0.095 -1.940 -0.337 -0.025 
TRAN -> TRU 0.241 0.238 0.093 2.593 0.083 0.387 
INT -> TRU 0.505 0.506 0.078 6.451 0.379 0.636 
CPOW -> TRU 0.142 0.141 0.079 1.788 0.008 0.270 
TRU -> ACC 0.228 0.223 0.092 2.466 0.068 0.371  

Appendix 15: Bootstrapped path summary for Maria 

Effect size f² of Lisa  
 TEC PER TRAN INT CPOW TRU AIACC  

TEC 0 0 0 0 0 0 0.048 
PER 0 0 0 0 0 0 0.024 
TRAN 0 0 0 0 0.081 0.098 0 
INT 0 0 0 0 0 0.130 0 
CPOW 0 0 0 0 0 0.153 0 
TRU 0 0 0 0 0 0 0.234 
AIACC 0 0 0 0 0 0 0  

Effect size f² of Maria  
 TEC PER TRAN INT CPOW TRU AIACC  

TEC 0 0 0 0 0 0 -0.00000 
PER 0 0 0 0 0 0 0.065 
TRAN 0 0 0 0 0.035 0.078 0 
INT 0 0 0 0 0 0.352 0 
CPOW 0 0 0 0 0 0.033 0 
TRU 0 0 0 0 0 0 0.562 
AIACC 0 0 0 0 0 0 0  

Appendix 16: Effect size: f² 

 

 

 

 

 

 

 

 



 
 

Bootstrapped total paths for Lisa  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> AIACC 0.199 0.205 0.080 2.474 0.073 0.336 
PER -> AIACC 0.150 0.158 0.077 1.949 0.032 0.284 
TRAN -> CPOW -0.274 -0.277 0.075 -3.640 -0.399 -0.149 
TRAN -> TRU 0.356 0.362 0.073 4.886 0.244 0.484 
TRAN -> AIACC 0.159 0.161 0.044 3.625 0.094 0.238 
INT -> TRU 0.322 0.320 0.088 3.671 0.170 0.459 
INT -> AIACC 0.144 0.142 0.046 3.097 0.069 0.221 
CPOW -> TRU -0.304 -0.301 0.057 -5.306 -0.395 -0.206 
CPOW -> AIACC -0.135 -0.135 0.038 -3.532 -0.201 -0.076 
TRU -> AIACC 0.446 0.446 0.080 5.591 0.311 0.571  

Bootstrapped total paths for Maria  
 Original Est. Bootstrap Mean Bootstrap SD T Stat. 5% CI 95% CI  

TEC -> AIACC -0.001 -0.004 0.094 -0.009 -0.144 0.172 
PER -> AIACC 0.214 0.215 0.077 2.801 0.088 0.340 
TRAN -> CPOW -0.185 -0.186 0.094 -1.977 -0.337 -0.028 
TRAN -> TRU 0.215 0.213 0.099 2.171 0.049 0.374 
TRAN -> AIACC 0.125 0.123 0.057 2.182 0.028 0.217 
INT -> TRU 0.503 0.503 0.078 6.483 0.375 0.630 
INT -> AIACC 0.293 0.294 0.064 4.599 0.193 0.402 
CPOW -> TRU 0.141 0.141 0.080 1.777 0.010 0.271 
CPOW -> AIACC 0.082 0.082 0.047 1.739 0.006 0.161 
TRU -> AIACC 0.582 0.581 0.066 8.886 0.469 0.683  

Appendix 17: Bootstrapped total paths for structural model 

 

 

 

 

 

 

 

 

 

 

 

 



 
 

Appendix 18: R code for data analysis 

install.packages("seminr") 

library(seminr) 

library(car) 

library(lmtest) 

library(stargazer) 

library(Hmisc) 

head(data) 

 

#create measurement model 

 

l_measure <-constructs( 

  composite("PER", multi_items("l_per_", 1:3)), 

  composite("INT", single_item("l_int_1")), 

  composite("TRAN", multi_items("l_tran_",1:3)), 

  composite("CPOW", "l_part_1"), 

  composite("TRU", multi_items("l_tru_",1:3)), 

  composite("TEC", c("l_tec_1","l_tec_3")), 

  composite("AIACC", multi_items("l_aiacc_",1:3)), 

  composite("ACC", single_item("l_acc"))) 

m_measure <-constructs( 

  composite("PER", multi_items("m_per_", 1:3)), 

  composite("INT", single_item("m_int_1")), 

  composite("TRAN", multi_items("m_tran_",1:3)), 

  composite("CPOW", "m_part_1"), 



 
 

  composite("TRU", multi_items("m_tru_",1:3)), 

  composite("TEC", c("m_tec_1","m_tec_3")), 

  composite("AIACC", multi_items("m_aiacc_",1:3)), 

  composite("ACC", single_item("m_acc"))) 

nl_measure <-constructs( 

  composite("PER", multi_items("l_per_", 1:3)), 

  composite("INT", single_item("l_int_1")), 

  composite("TRAN", multi_items("l_tran_",1:3)), 

    composite("CPOW", c("l_part_1","l_part_3")), 

  composite("TRU", multi_items("l_tru_",1:3)), 

  composite("TEC", c("l_tec_1","l_tec_3")), 

  composite("AIACC", multi_items("l_aiacc_",1:3)), 

  composite("ACC", single_item("l_acc"))) 

nm_measure <-constructs( 

  composite("PER", multi_items("m_per_", 1:3)), 

  composite("INT", single_item("m_int_1")), 

  composite("TRAN", multi_items("m_tran_",1:3)), 

  composite("CPOW",c("m_part_1", "m_part_3")), 

  composite("TRU", multi_items("m_tru_",1:3)), 

  composite("TEC", c("m_tec_1","m_tec_3")), 

  composite("AIACC", multi_items("m_aiacc_",1:3)), 

  composite("ACC", single_item("m_acc"))) 

 

 

 



 
 

 

 

#create structural model 

est_l$data$l_per_1 

 

l_sem <- relationships( 

  paths(from= c("TEC","PER"), to ="AIACC"), 

  paths(from = "TRAN", to=c("TRU","CPOW")), 

  paths(from = c("INT","CPOW"), to="TRU"), 

  paths(from = "TRU", to= "AIACC")) 

 

sem_2 <- relationships( 

  paths(from= c("TEC","PER"), to ="ACC"), 

  paths(from = "TRAN", to=c("TRU","CPOW")), 

  paths(from = c("INT","CPOW"), to="TRU"), 

  paths(from = "TRU", to= "ACC")) 

 

sem3 <- relationships( 

  paths(from= c("TEC","PER"), to ="ACC"), 

  paths(from = "TRAN", to=c("TRU","CPOW")), 

  paths(from = c("INT","CPOW"), to="TRU"), 

  paths(from = "TRU", to= "ACC")) 

sem4 <- relationships( 

  paths(from= c("TEC","PER"), to ="AIACC"), 

  paths(from = "TRAN", to=c("TRU","CPOW")), 



 
 

  paths(from = c("INT","CPOW"), to="TRU"), 

  paths(from = "TRU", to= "AIACC")) 

#estimated model 

est_l<- estimate_pls(data = data_l, measurement_model = l_measure, structural_model

 = l_sem) 

est_m<- estimate_pls(data = data_m, measurement_model = m_measure, struc-

tural_model = l_sem) 

est2_l <- estimate_pls(data = data_l, measurement_model = l_measure, structural_model

 = sem_2) 

est2_m <- estimate_pls(data = data_m, measurement_model = m_measure, struc-

tural_model = sem_2) 

est3_l <- estimate_pls(data = data_l, measurement_model = nl_measure, struc-

tural_model = sem3) 

est3_m <- estimate_pls(data = data_m, measurement_model = mm_measure, struc-

tural_model = sem3) 

est4_l <- estimate_pls(data = data_l, measurement_model = nl_measure, struc-

tural_model = sem4) 

est4_m <- estimate_pls(data = data_m, measurement_model = nm_measure, struc-

tural_model = sem4) 

 

#summarize model results 

sum_l <- summary(est_l) 

sum_m <- summary(est_m) 

sum_m$descriptives$statistics 

sum2_l <- summary(est2_l) 

sum2_m <- summary(est2_m) 

sum3_l <- summary(est3_l) 



 
 

sum3_m <- summary(est3_m) 

sum4_l <- summary(est4_l) 

sum4_m <- summary(est4_m) 

sum4_m$loadings 

sum_m$loadings 

sum_l$vif_antecedents 

sum_m$vif_antecedents 

stargazer(load_l,title="Loading summary", out="tot-loading-l.html") 

stargazer(load_m,title="Loading summary",out="tot-loading-m.html") 

sum_l$weights 

 

stargazer(sum_l$descriptives$statistics$items, title ="Descriptive statistics of items of 

Lisa", out="Lisa-items.html") 

stargazer(sum_m$descriptives$statistics$items, title ="Descriptive statistics of items of 

Maria", out="Maria-items.html") 

stargazer(sum_l$descriptives$statistics$constructs, title ="Descriptive statistics of con-

structs of Lisa", out="Lisa-constructs.html") 

stargazer(sum_m$descriptives$statistics$constructs, title ="Descriptive statistics of con-

structs of Maria", out="Maria-constructs.html") 

stargazer(sum_l$descriptives$correlations$items, title ="Descriptive statistics of items of 

Lisa", out="Lisa-items-cor.html") 

stargazer(sum_m$descriptives$correlations$items, title ="Descriptive statistics of items 

of Maria", out="Maria-items-cor.html") 

stargazer(sum_l$descriptives$correlations$constructs, title ="Correlations of constructs 

of Lisa", out="Lisa-constructs-cor.html") 

stargazer(sum_m$descriptives$correlations$constructs, title ="Correlations of constructs 

of Maria", out="Maria-constructs-cor.html") 



 
 

stargazer(sum_l$reliability,sum_m$reliability, title ="Reliability summary", out="Relia-

bility_l.html") 

stargazer(sum_m$reliability, title ="Reliability summary of Maria", out="Reliabil-

ity_m.html") 

stargazer(sum_m$validity$fl_criteria, title ="FL Criteria table of Maria", 

out="FLC_m.html") 

stargazer(sum_l$validity$fl_criteria, title ="FL Criteria table of Lisa", 

out="FLC_l.html") 

stargazer(sum_l$validity$htmt, title ="HTMT table of Lisa", out="htmt_l.html") 

stargazer(sum_m$validity$htmt, title ="HTMT table of Maria", out="htmt_m.html") 

stargazer(sum_l$vif_antecedents, title ="VIF test of Lisa", out="VIF_l.html") 

stargazer(sum_m$vif_antecedents, title ="VIF test of Maria", out="VIF_m.html") 

stargazer(sum_l$loadings, title ="Loadings summary of Lisa", out="loadings_l2.html") 

stargazer(sum_m$loadings, title ="Loadings summary of Maria", out="load-

ings_m2.html") 

stargazer(sum_boot_l$bootstrapped_total_paths, title ="Total path summary of Lisa", 

out="path_l.html") 

stargazer(sum_boot_m$bootstrapped_total_paths, title ="Total path summary of Maria", 

out="path_m.html") 

 

sum_l$composite_scores 

stargazer(sum_l$paths, title ="Path summary of Lisa model", out="paths_l.html") 

stargazer(sum_l$total_effects, title ="Total effects summary of Lisa model", out="to-

tal_effects_l.html") 

stargazer(sum_l$total_indirect_effects, title ="Total indirect effects of summary of Lisa 

model", out="totalineffects_l.html") 

stargazer(sum_l$loadings, title ="Loadings summary of Lisa model", out="load-

ings_l.html") 



 
 

stargazer(sum_l$weights, title ="Weights summary of Lisa model", 

out="Weights_l.html") 

stargazer(sum_l$validity, out="Validity_l.html") 

stargazer(sum_l$composite_scores, title ="Composite scores summary of Lisa model", 

out="Composite_l.html") 

stargazer(sum_l$vif_antecedents, title ="VIF summary of Lisa model", 

out="VIF_l.html") 

stargazer(sum_l$fSquare, title ="Fsquare summary of Lisa model", 

out="Fsquare_l.html") 

stargazer(sum_l$descriptives, title ="Descriptive summary of Lisa model", out="De-

scriptive_l.html") 

stargazer(sum_l$it_criteria, title ="It criteria summary of Lisa model", 

out="IT_C_l.html") 

stargazer(sum_l$loadings, title ="Loadings summary of Lisa model", out="load-

ings_l.html") 

stargazer(sum_m$loadings, title ="Loadings summary of Maria model", out="Ma-

ria.html") 

stargazer(est_l$rSquared, est_m$rSquared, est2_l$rSquared, est2_m$rSquared, title ="R-

squared", out="R-squared.html") 

#iterations to converge 

sum_l$iterations 

sum_m$iterations 

#inspect model paths 

sum_l$paths 

desum_m$paths 

sum_l$weights 

sum_l$fSquare 

stargazer(sum_l$fSquare, sum_m$fSquare, title = "Effect size f²", out = "f-square.html") 



 
 

est_l$rSquared 

#inspect the construct reliability metrics 

sum2_l$reliability 

sum2_m$reliability 

sum_l$total_effects 

#inspect loadings 

sum_l$loadings 

sum_m$loadings 

sum_l$fSquare 

sum2_m$loadings 

sum3_l$loadings 

sum3_m$loadings 

sum3_l$reliability 

#inspect reliability 

sum_l$loadings^2 

sum_m$loadings^2 

sum_l$reliability 

sum3_l$loadings 

sum3_m$loadings 

plot(sum_l$reliability) 

plot(sum_m$reliability) 

plot(sum2_l$reliability) 

plot(sum2_m$reliability) 

#table of FL criteria 

sum2_l$validity$fl_criteria 



 
 

sum2_l$validity$htmt 

sum_m$vif_antecedents 

sum2_m$validity$fl_criteria 

sum2_m$validity$htmt 

sum2_m$vif_antecedents 

#bootstrap model  

boot_l <- bootstrap_model(seminr_model = est_l, nboot = 10000) 

boot_m <- bootstrap_model(seminr_model = est_m, nboot = 10000) 

boot_l_2 <- bootstrap_model(seminr_model = est2_l, nboot = 10000) 

boot_m_2 <- bootstrap_model(seminr_model = est2_m, nboot = 10000) 

boot_l_3 <- bootstrap_model(seminr_model = est3_l, nboot = 1000) 

boot_m_3 <- bootstrap_model(seminr_model = est3_m, nboot = 1000) 

boot_l_4 <- bootstrap_model(seminr_model = est4_l, nboot = 1000) 

boot_m_4 <- bootstrap_model(seminr_model = est4_m, nboot = 1000) 

sum_boot_l <- summary(boot_l, alpha = 0.1) 

sum_boot_m <- summary(boot_m, alpha = 0.1) 

sum_boot_l$bootstrapped_paths 

sum_boot_m$bootstrapped_paths 

sum_boot_l$bootstrapped_total_paths 

sum_boot_m$bootstrapped_total_paths 

sum_boot_l$bootstrapped_HTMT 

sum_boot_m$bootstrapped_HTMT 

sum_boot_l_2 <- summary(boot_l_2, alpha = 0.1) 

sum_boot_m_2 <- summary(boot_m_2, alpha = 0.1) 

sum_boot_m <- summary(boot_m, alpha = 0.1) 



 
 

sum_boot_l_2$bootstrapped_paths 

sum_boot_m_2$bootstrapped_paths 

sum_boot_l_2$bootstrapped_total_paths 

sum_boot_m$bootstrapped_total_paths 

stargazer(sum_boot_l$bootstrapped_total_paths,sum_boot_m$bootstrapped_to-

tal_paths, title="Bootstrapped total paths", out="total-effects.html") 

stargazer(htmt_l, htmt_m, title = "Bootstrapped HTMT Table", out="boot-htmt-l.html") 

stargazer(htmt_m, title = "Bootstrapped HTMT Table", out="boot-htmt-m.html") 

boot_l_2$fSquared 

boot_m_2$rSquared 

sum_boot_l$bootstrapped_loadings 

sum_boot_l 

sum_boot_l$bootstrapped_total_paths 

sum_l$paths 

sum_l$fSquare 

sum_boot_l$bootstrapped_loadings 

sum_boot_l$bootstrapped_weights 

sum_boot_m_2 <- summary(boot_m_2, alpha = 0.1) 

sum_boot_m$bootstrapped_paths 

sum_boot_m_2$bootstrapped_total_paths 

sum_m$paths 

sum_m$fSquare 

sum_boot_m$bootstrapped_loadings 

sum_boot_m$bootstrapped_weights 

stargazer(sum_boot_l$bootstrapped_paths, title="Bootstrapped path summary for Lisa", 

out="boot-l.html") 



 
 

stargazer(sum_boot_m$bootstrapped_paths, title="Bootstrapped path summary for Ma-

ria", out="boot-m.html") 

stargazer(sum_boot_l_2$bootstrapped_paths, title="Bootstrapped path summary for 

Lisa", out="boot-l-2.html") 

stargazer(sum_boot_m_2$bootstrapped_paths, title="Bootstrapped path summary for 

Maria", out="boot-m-2.html") 

#generate model prediction 

predict_l <-predict_pls(model = boot_l, technique = predict_DA, noFolds = 10, reps = 

10) 

predict_m <- predict_pls(model = boot_m, technique = predict_DA, noFolds = 10, reps 

= 10) 

sum_predict_l <- summary(predict_l) 

sum_predict_m <- summary(predict_m) 

sum_predict_m$prediction_error 

sum_predict_l$PLS_out_of_sample 

stargazer(sum_predict_l$PLS_out_of_sample,sum_predict_l$LM_out_of_sample, 

sum_predict_m$PLS_out_of_sample,sum_predict_m$LM_out_of_sample, title="Pre-

diction error measures", out="prediction.html") 

write(sum_predict_l) 

sum_predict_m 

#Analyze the distribution of prediction error  

par(mfrow=c(1,3)) 

plot(sum_predict_l, "l_tru_1") 

plot(sum_predict_l, "l_tru_2") 

plot(sum_predict_l, "l_tru_3") 

plot(sum_predict_l, "l_aiacc_1") 

plot(sum_predict_l, "l_aiacc_2") 



 
 

plot(sum_predict_l, "l_aiacc_3") 

plot(sum_predict_l, "l_part_1") 

plot(sum_predict_l, "l_part_2") 

plot(sum_predict_l, "l_part_3") 

plot(sum_predict_l, "l_part_4") 

plot(sum_predict_l, "l_part_5") 

plot(sum_predict_l, "l_acc") 

plot(sum_predict_m, "m_tru_1") 

plot(sum_predict_m, "m_tru_2") 

plot(sum_predict_m, "m_tru_3") 

plot(sum_predict_m, "m_aiacc_1") 

plot(sum_predict_m, "m_aiacc_2") 

plot(sum_predict_m, "m_aiacc_3") 

plot(sum_predict_m, "m_part_1") 

plot(sum_predict_m, "m_part_2") 

plot(sum_predict_m, "m_part_3") 

plot(sum_predict_m, "m_part_4") 

plot(sum_predict_m, "m_part_5") 

plot(sum_predict_m, "m_acc") 

par(mfrow=c(1,1)) 

plot(est_l,title="Structural Equation Model of Lisa", structure_only =TRUE, what 

="std") 

plot(est_m,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std") 



 
 

plot(boot_l,title="Structural Equation Model of Lisa",structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(boot_m,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(est2_l,title="Structural Equation Model of Lisa", structure_only =TRUE, what = 

"std", show_p_value=TRUE) 

plot(est2_m,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="eq") 

plot(boot_l_2,title="Structural Equation Model of Lisa", structure_only = TRUE, what = 

"std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(boot_m_2,title="Structural Equation Model of Maria", structure_only = TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(est3_l,title="Structural Equation Model of Lisa", structure_only =TRUE, what 

="std") 

plot(est3_m,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std") 

plot(boot_l_3,title="Structural Equation Model of Lisa", structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(boot_m_3,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(est4_l,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std") 

plot(est4_m,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std") 



 
 

plot(boot_l_4,title="Structural Equation Model of Lisa", structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

plot(boot_m_4,title="Structural Equation Model of Maria", structure_only =TRUE, what 

="std", theme= seminr_theme_create(sm.edge.boot.show_p_value = TRUE, 

sm.edge.boot.show_t_value = TRUE)) 

#test 

#demographical 

summary(data_demo) 

plot(data_demo$age_1) 

hist(data_demo$age_1) 

install.packages("dynlm") 

install.packages("psych") 

library(psych) 

 

##plot 

deskr <-function(lage){ 

  SUM <- data.frame( 

    n =sapply(lage, length), 

    min =sapply(lage, min), 

    q25 =sapply(lage, quantile, probs = 0.25), 

    mean =sapply(lage, mean), 

    median =sapply(lage, median), 

    q75 =sapply(lage, quantile, probs = 0.75), 

    max =sapply(lage, max), 

    sd =sapply(lage, sd), 



 
 

    var =sapply(lage, var) 

  ) 

  return(SUM) 

} 

#t-test 

    per_l <- (data_l$l_per_1+data_l$l_per_2+data_l$l_per_3)/3 

    per_m <- (data_m$m_per_1+data_m$m_per_2+data_m$m_per_3)/3 

    int_l <- data_l$l_int_1 

    int_m <- data_m$m_int_1 

    cpow_l <- data_l$l_part_1 

    cpow_m <- data_m$m_part_1 

    tran_l <- (data_l$l_tran_1+data_l$l_tran_2+data_l$l_tran_3)/3 

    tran_m <- (data_m$m_tran_1+data_m$m_tran_2+data_m$m_tran_3)/3 

    tru_l <- (data_l$l_tru_1+data_l$l_tru_2+data_l$l_tru_3)/3 

    tru_m <- (data_m$m_tru_1+data_m$m_tru_2+data_m$m_tru_3)/3 

    aiacc_l <- (data_l$l_aiacc_1+data_l$l_aiacc_2+data_l$l_aiacc_3)/3 

    aiacc_m <- (data_m$m_aiacc_1+data_m$m_aiacc_2+data_m$m_aiacc_3)/3 

 

    tec_l <- (data_l$l_tec_1+data_l$l_tec_3)/2 

    tec_m <- (data_m$m_tec_1+data_m$m_tec_3)/2     

    acc_l <-data_l$l_acc 

    acc_m <-data_m$m_acc 

t.test(per_l,per_m, na=0) 

t.test(int_l,int_m,na=0) 

t.test(cpow_l,cpow_m,na=0) 



 
 

t.test(tran_l,tran_m,na=0) 

t.test(tru_l,tru_m,na=0) 

t.test(aiacc_l,aiacc_m,na=0) 

t.test(tec_l,tec_m,na=0) 

t.test(acc_l,acc_m) 

t.test(data$antro,int,paired=TRUE) 

get_summary_stats(tec) 

des_l<-deskr(boot_l$data) 

deskr(est_m$data) 

stargazer(deskr(est_l$data), type="html", title="Descriptive statistics",sum-

mary=FALSE, digits=4, out="deskr-l.html") 

stargazer(deskr(est_m$data), type="html", title="Descriptive statistics",sum-

mary=FALSE, digits=4, out="deskr-m.html") 

Appendix 19: Survey 

 

 



 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 
 

 

 

 

 

 

 

 

 



 
 

 

 

 

 

 

 

 

 



 
 

 

 

 

 

 

 

 

 



 
 



 
 



 
 



 
 



 
 



 
 



 
 



 
 



 
 



 
 



 
 

 

 

 

 

 

 

 

 


