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Abstract

One of the primary objectives of protests and demonstrations is to bring social, political,
or economic issues to the attention of politicians and the wider population. While protests
can have a mobilizing and persuading effect, they may reduce support for their cause if they
are perceived as a threat to public order. In this study, we look at how local or spontaneously
organised xenophobic demonstrations affect concerns about hostility towards foreigners and
worries about immigration among natives in Germany. We use a regression discontinuity
design to compare the attitudes of individuals interviewed in the days immediately before a
large far-right demonstration and individuals interviewed in the days immediately after that
demonstration. Our results show that large right-wing demonstrations lead to a substantial
increase in worries about hostility towards foreigners of 13.7% of a standard deviation. In
contrast, worries about immigration are not affected by the demonstrations, indicating that
the protesters are not successful in swaying public opinion in their favour. In the heterogeneity
analyses, we uncover some polarisation in the population: While worries about hostility against
foreigners increase and worries about immigration decrease in left-leaning regions, both types
of worries increase in districts where centre-right parties are more successful. Lastly, we also
show that people become more politically interested in response to protests, mainly benefiting
left-wing parties, and are more likely to wish to donate money to help refugees.
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1 Introduction

Demonstrations and protests play a key role in the political arena, as they allow
citizens to express their opinions and stress issues that are important to them.
Through protests, participants are able to appeal to wider audiences and might be
able to persuade or mobilise others for their cause (Madestam et al., 2013; Reny and
Newman, 2021; Caprettini et al., 2021; Lagios et al., 2022). Yet, if turned disruptive
or otherwise perceived as a threat to public order, protesters may reduce support for
their cause (Wasow, 2020; Eady et al., 2023).

To understand the role protests play in shaping political attitudes and prefer-
ences, it is important to study not only the direction of their effect but also their
geographical reach. Most of the literature in political science and economics looks at
the effects of protests on political outcomes in the district where the protests have
occurred (e.g., Madestam et al., 2013; Enos et al., 2019; Klein Teeselink and Melios,
2022; Wasow, 2020).! However, it is conceivable that local demonstrations affect the
political preferences of voters at the national level. There is also little evidence on
what are the underlying attitudes driving the changes in party preferences.

In this study, we focus on the effect of local or spontaneously organised large
far-right xenophobic demonstrations® in an administrative district (Nuts II) on the
attitudes towards migration of respondents being interviewed in the rest of Germany.
More specifically, we look at concerns about hostility towards foreigners and worries
about immigration in the native population in Germany between 2005 and 2020.
Additionally, we also study the effect of local xenophobic demonstrations on interest
in politics, party preferences, and pro-social behaviour towards migrants.

The effect of xenophobic demonstrations on our outcomes of interest is, a priori,
ambiguous. On one hand, demonstrations can mobilise and persuade, raising support
for the protesters’ agenda. The issues and demands of the protesters might have
strong resonance or mobilise cultural grievances linked to the presence or arrival of

minority groups. They can also make certain issues more salient and push them to the

L Four exceptions are a study by Lagios et al. (2022), which considers spillover effects of demonstrations against the
far right in France, a study by Eady et al. (2023) who show that the US Capitol insurrection led to de-identification
with the Republican party nationwide, a study by Reny and Newman (2021) which finds that the George Floyd
protests decreased favourability toward the police and increased perceived anti-Black discrimination and a study by
Brox and Krieger (2021) which finds that the occurrence of large far-right rallies in Dresden reduced in-migration to
the city from other German states.

2We interchangeably use other terms, such as "far-right", "xenophobic", "right-wing extremist", and "right-wing
xenophobic" protests, to refer to "far-right xenophobic" demonstrations/protests.



public agenda. In this case, far-right demonstrations would strengthen xenophobic
priors, and raise concerns about immigration.> Moreover, if the demonstrations
resonate with the overall population, they may also influence political preferences,
leading to a rise in support for (anti-immigrant) right-wing or far-right parties.

On the other hand, far-right protests may make xenophobia publicly visible
or even threaten bystanders. The existence and salience of xenophobic groups may
be increased, and the protesters’ message can be perceived as a threat by others,
including natives. In this situation, xenophobic protests could move public support
against the protesters’ agenda and possibly in support of parties with opposing policy
platforms. In this case, we would expect far-right protests to increase worries about
hostility towards foreigners.*

We rely on a dataset constructed by Kanol and Knoesel (2021), encompass-
ing right-wing extremist demonstrations in Germany, to identify large right-wing
xenophobic demonstrations. This dataset includes information on each protest’s
date, place, and number of participants. To measure public attitudes and opinions,
we employ data from the German Socio-Economic Panel (SOEP), a longitudinal
annual household panel. Our two primary questions of interest are those asking
respondents to rate how worried they are about hostility towards foreigners and
immigration. To understand how these changes in attitudes translate into changes in
pro-social behaviour towards migrants and political preferences, we look at the effect
of demonstrations on the intention to donate money or participate in initiatives to
help refugees, interest in politics, and party preferences.

Using the Kanol and Knoesel (2021) dataset on right-wing demonstrations, we
define our demonstrations of interest as those satisfying the following three criteria:
1) organised spontaneously and/or are of local nature, 2) larger than usual, and
3) isolated, i.e., there were no other large demonstrations taking place in the days
before or afterwards. We concentrate on spontaneous or locally organised events
because it is unlikely that ez-ante the organisation and planning of these right-wing
xenophobic demonstrations in a specific district in Germany would have attracted

or reached individuals residing in other districts of the country.® We focus on large

3The effects on concerns about xenophobia would be less clear, either decreasing or remaining flat.
4Concerns about immigration would remain unchanged or even decline.
5Alternatively, we exclude the entire state.



demonstrations so that ex-post people outside the demonstration’s local district would
likely be aware of them after their occurrence. In principle, we want to consider
demonstrations with significantly more participants than the typical figures observed
in xenophobic demonstrations such that these events stand out. In our preferred
measure, we consider a demonstration large and salient if the number of participants
is above the 99th percentile (1500 participants).® To ensure that the respondents
were not recently exposed to other protests, we classify a demonstration as isolated
if the individuals surveyed 30 days before and after the focal demonstration did not
experience any other demonstration.”

Our empirical approach uses a regression discontinuity design (RDD) to compare
the attitudes of individuals interviewed in the days immediately before a large right-
wing xenophobic demonstration with those interviewed in the days immediately after
that demonstration. To make the case of no anticipation stronger and to separate
the spillover effect from the possible direct disruptive effect of large protests, we do
not consider individuals residing in the district where the large protest took place.

Overall, we find that large xenophobic demonstrations significantly increase
worries about hostility towards foreigners among native Germans. Our results
show that within a 30-day bandwidth, right-wing demonstrations with more than
1500 participants lead to a substantial increase in worries about hostility towards
foreigners of 13.7% of a standard deviation. Looking at our second outcome, we
find that respondents’ concerns about immigration remain unchanged. Since media
reporting likely affects how respondents learn about protests, we examine how far-
right demonstrations that received low versus high newspaper coverage affect our
outcomes of interest. We find that the positive effect of xenophobic demonstrations
on worries about hostility towards foreigners is mostly driven by the demonstrations
that received high newspaper coverage. For worries about immigration, we see no
significant difference.

In the heterogeneity analyses, we uncover some potential polarisation in the

population: While worries about hostility against foreigners increase and worries

6As alternatives, we consider demonstrations where the number of participants is slightly below, at 1200, or
above, at 2000.

"In the first step, we classify a demonstration as isolated (regardless of its nature) if the individuals surveyed 30
days before and after the focal demonstration did not experience any other demonstration during that period. In the
second step, we identify the relevant and isolated events by excluding isolated demonstrations associated with annual
events that are of national prominence. This procedure is further detailed in Section 3.1.



about immigration decrease in left-leaning regions, both types of worries increase
in districts where right-of-centre parties are more successful. Moreover, at the
individual level, we show that only respondents who place themselves left-of-centre
on the political spectrum show significantly increased worries about hostility towards
foreigners. When looking at how changes in attitudes translate into changes in
economic and political behaviour, we find that following far-right demonstrations,
individuals become more politically interested and engaged, mainly benefiting left-
wing parties. Large xenophobic demonstrations also increase individual’s intentions
to donate money or goods to help refugees and to participate in initiatives to help
refugees.

For the regression discontinuity design to be valid, we need to ensure that
there is no selection on observables, no selective behaviour around the cutoff and
no anticipation. To show that there is no evidence of selection on observables,
we compare the characteristics of districts and individuals interviewed before the
demonstrations (control group) with those interviewed after (treatment group). We
also argue that selective behaviour around the cutoff is unlikely by showing that
the empirical distribution of the number of observations is continuous at the cutoff.
Additionally, we perform a qualitative media analysis, which suggests that newspaper
reporting in the days leading up to demonstrations was fairly limited and usually
only conducted by local or regional newspapers. To further strengthen the case of
no anticipation, we assign a placebo treatment one week and two weeks before the
true treatment day, and we find no effect on our outcomes of interest.

To assess the stability of our main results, we run a series of robustness
checks. First, we show that our results hold when we use a binary instead of a
continuous dependent variable. Second, we demonstrate that our results remain
robust when adding time, geographical and individual controls and when choosing
different specifications (e.g., bandwidth, weight, order of the polynomial). We also
show that our conclusions hold when varying the cutoff for large demonstrations,
excluding the entire state where the demonstration occurred (rather than the district)
and excluding each demonstration at a time. To ensure that we are not capturing
some randomness in the data, we randomly assign dates to each demonstration and

show that they have no discernible effect on attitudes. We further examine the



impact of these demonstrations on other concerns reported in the SOEP that, in
principle, should remain unaffected and find no effect. Lastly, we present our findings
when employing a local randomisation RDD.® Overall, our main conclusions hold.
Our study contributes to several different strands of the literature. First, we
add to existing research that analyses the effects of protests on attitudes and political

9 as we study the effects of far-right demonstrations on concerns about

preferences,
hostility towards foreigners, worries about immigration, interest in politics, party
preference and intention to help refugees. Previous studies have examined the political
effects of the 1932 Nazi marches (Caprettini et al., 2021), demonstrations against Le
Pen (Lagios et al., 2022), US civil rights protests (Wasow, 2020), the Women’s March
(Larreboure and Gonzalez, 2021), the George Floyd protests (Reny and Newman,
2021), Black Lives Matter (Klein Teeselink and Melios, 2022) or the January 6th,
2021 capitol riots (Eady et al., 2023), among others. While some of these studies
explore local variation in protest intensity to identify their effect on (aggregate)
regional political outcomes, we can measure attitudes at the individual level and
pin down how these change with respect to right-wing demonstrations. This allows
us to study individual heterogeneity and understand the channels through which
demonstrations affect individual attitudes. We focus particularly on worries about
hostility towards foreigners and immigration since these are important determinants
of political preferences and voting behaviour. Furthermore, by exploiting differences
in the interview date within the same year in adjacent months, we avoid imposing
strong assumptions on year-to-year variations in attitudes and decrease concerns
regarding confounding factors.

A second significant contribution is that we show how local demonstrations
(e.g., at the district level) can impact attitudes at the national level. This contrasts
with most of the literature, which assumes that the effect of protests is mostly
prevalent in the location where they took place and looks only at political outcomes
(Madestam et al., 2013; Enos et al., 2019; Klein Teeselink and Melios, 2022; Wasow,
2020; Larreboure and Gonzalez, 2021). In this aspect, our work is closer to that of

Eady et al. (2023), who show that the US Capitol insurrection led to de-identification

8The local randomisation RDD assumes that for a small window around the cutoff, the treatment status is
assigned as it would have been in a randomised experiment

9Studies include Madestam et al. (2013); Enos et al. (2019); Wasow (2020); Eady et al. (2023); Larreboure and
Gonzalez (2021); Reny and Newman (2021); Lagios et al. (2022).



with the Republican party nationwide, Reny and Newman (2021) who find that
the George Floyd protests decreased favorability toward the police and increased
perceived anti-Black discrimination, and Brox and Krieger (2021) who find that the
occurrence of large far-right rallies in Dresden reduced in-migration to the city from
other German states. In line with these studies, we argue that large protests may
also impact attitudes on a national level as people learn about these protests from
the news and other media.!”

Our third contribution is that we focus on local or spontaneously organised
right-wing xenophobic demonstrations. Many existing studies have primarily focused
on the effect of left-wing protests (regarding issues like civil rights or women’s rights)
on public attitudes and voting behaviour (Mazumder, 2018; Enos et al., 2019; Wasow,
2020; Larreboure and Gonzalez, 2021; Reny and Newman, 2021; Klein Teeselink
and Melios, 2022).11 However, the effect of right-wing protests is not necessarily
symmetric (Barker et al., 2021) since right-led protest differs from traditional left-led
protests with regards to the underlying motive, ethnic and social composition of
protesters (Eady et al., 2023; Manekin and Mitts, 2022). Most studies looking at
right-wing demonstrations have focused on coordinated protests or party-sponsored
demonstrations, which were organised to create a spectacle (Madestam et al., 2013,;
Caprettini et al., 2021). In contrast, we focus on local or spontaneously organised
demonstrations, similar to the more left-wing demonstrations studied in the literature.
Hence, our study broadens our understanding of the consequences of the different
types of demonstrations.

Lastly, by looking at far-right protests, we contribute to the literature on the
effects of xenophobia. Existing studies have focused on the effect of hate crimes or
xenophobic policies on integration, return intentions, and mental health of immigrants
(Friebel et al., 2013; Gould and Klor, 2015; Elsayed and de Grip, 2017; Steinhardt,
2018; Deole, 2019; Fouka, 2019; Graeber and Schikora, 2021; Abdelgadir and Fouka,
2020). Similar to this literature, the far-right demonstrations used in this study can
be perceived as a xenophobic threat. Yet, while most studies examine the impact

of xenophobic threats on migrants, we look at the effect on natives. Even though

10T6 look more deeply into that, we use information from the platform genios.de to show that most demonstrations
were covered extensively in newspapers (Table B1).

113ome studies looking at the effect of right-wing protests and demonstrations include Madestam et al. (2013);
Eady et al. (2023); Caprettini et al. (2021).



natives do not necessarily feel targeted by these protests, they may still be strongly
opposed to xenophobia, instead preferring to live in an open and diverse society.
This paper is organised as follows: in Section 2, we lay out some theoretical
considerations on the effect of right-wing xenophobic protests on individual’s attitudes,
and in Section 3 we present the data and explain our procedure to select the
demonstrations used in the empirical analysis. Section 4 explains our empirical
strategy and shows some preliminary tests. We show all our main results, robustness
checks, and heterogeneous analysis in Section 5. In Section 6, we extend our main
results and show the effect of far-right demonstrations on interest in politics, party

preference and intention to help refugees. Finally, Section 7 concludes.

2 Theoretical Considerations

The effect of right-wing xenophobic protests on public attitudes and political pref-
erences toward migration is, a priori, ambiguous. This section considers two main
channels: the "persuasion mechanism" and the "threat mechanism". Furthermore,
because the effect of protests on attitudes can be heterogeneous across certain groups,

we also discuss the role of media portrayal and polarisation.

Persuasion mechanism. Demonstrations and protests can help spread the protesters’
message to a broader audience and increase public support (Madestam et al., 2013,;
Wasow, 2020; Larreboure and Gonzalez, 2021), as they can serve as platforms for
participants to express their grievances, rally support, and engage in symbolic actions
that may resonate with bystanders, among others.

Protesters could sway the public in their favour through several channels. First,
they can have a persuasive effect (Wouters, 2019; Klein Teeselink and Melios, 2022).
As the protests unfold, the visibility of the protesters’ message may attract the
attention of people close to the protest but may also extend to a broader audience
that learns about the events through social networks or media coverage, affecting
individuals’ attitudes on a local and national scale (DellaVigna and Kaplan, 2007,
Adena et al., 2015; Guriev et al., 2021; Melnikov, 2021). Second, protests may
also help mobilise individuals who were previously politically inactive or disengaged

(Madestam et al., 2013; Engist and Schafmeister, 2022). They provide a visible



and tangible outlet for individuals who share similar ideological views but have not
been actively involved in political activities. These individuals may feel inspired
and motivated to actively support the protesters and their cause. Third, salient
protests covered in the media may also influence which topics are being discussed and
change how they are framed in the public discourse (Dunivin et al., 2022). Fourth,
protests could be crucial in facilitating coordination among the protesters themselves
and setting the stage for forming local organisations and future mobilisation efforts
(Madestam et al., 2013). This may help to sustain the momentum of the movement
and increase the likelihood of future protests and demonstrations.

If protesters successfully spread their message and can persuade other people
for their cause, we expect to see an increase in worries about immigration and no
change or a decrease in worries about hostility towards foreigners among individuals
interviewed after far-right demonstrations. Moreover, we might also observe an
increase in the alignment of respondents with right-of-centre and far-right parties,

whose policies are more restrictive with regard to immigration.

Threat mechanism. Political protests can backfire if they are perceived as threatening
by the public (Wasow, 2020; Gutting, 2020; Eady et al., 2023; Brox and Krieger,
2021). The public’s response to such protests is multifaceted, influenced by individual
characteristics, societal context, and the specific actions and rhetoric employed
during the protests. These protests often espouse exclusionary ideologies and target
marginalised groups, creating an environment of hostility and fear. The perception
of threat also arises from the potential consequences of the ideologies that protests
propagate. They may foster intergroup tensions, increase social divisions, and erode
social cohesion. The public’s perception of these protests as threatening can lead to
counter-mobilisation efforts, resistance against far-right ideologies, and strengthening
support for alternative perspectives that promote inclusivity and social justice.

If protesters are unsuccessful in swaying public opinion in their favour, and
xenophobic demonstrations are perceived as threatening, we expect to see an increase
in worries about hostility towards foreigners and no change or a decrease in worries
about immigration. In extension, there might be an increase in preferences for

left-wing parties, who espouse more immigrant-friendly positions.



Media attention and polarisation. To what extent protesters are successful or unsuc-
cessful in spreading their message depends in large part on two factors: i) audiences
knowledge and perception of the demonstrations, which depends on media coverage
and on how organised and coordinated protests are, and ii) how receptive potential
audiences are to their message, which depends on individual ideology and economic
situation, among other factors.

For a demonstration to successfully spread its message, it should have a wide
public reach. Previous research has shown that events which receive high media
coverage often have a stronger influence on public attitudes and political behaviour
than those with lower media coverage (Oberholzer-Gee and Waldfogel, 2009; Gentzkow
et al., 2011; Durante and Zhuravskaya, 2016; Mastrorocco and Minale, 2018; Benesch
et al., 2019). Therefore, we would expect that demonstrations with higher media
coverage will have a larger effect on our outcomes of interest.'?

A number of studies have shown that pre-existing viewpoints and ideology are
important mediators in how audiences perceive protesters, with conservatives more
opposed to liberal protesters and vice versa (Gutting, 2020; Barker et al., 2021).
Therefore, we would expect that more conservative individuals and those with higher
initial levels of anti-immigrant attitudes might be more open to the messaging of
far-right protesters, while the opposite might be true for more liberal individuals.
If xenophobic demonstrations have such a polarizing effect we expect to see that
following a far-right demonstration, worries about hostility towards foreigners increase
more and worries about immigration change less for left-leaning respondents than
centre-right and far-right respondents.

Similarly, by fostering a sense of relative deprivation among natives, economic
inequality might impact national identification, anti-immigrant attitudes, and populist
voting (Stoetzer et al., 2021; Riaz, 2023). Hence, people residing in economically
deprived areas or who are facing harsher economic conditions might be more positively
receptive to the position and rhetoric of far-right protesters. If this is the case, we
expect to see that worries about hostility towards foreigners decrease (increase)

and worries about immigration increase (do not change) for economically deprived

121n this analysis, we only look at the extent of newspaper coverage, but do not analyse how the media portrays
the demonstrations. Nevertheless, the framing of reporting can also influence how protests are perceived by the
public (DellaVigna and Kaplan, 2007; Adena et al., 2015; Guriev et al., 2021; Melnikov, 2021).



(non-economically deprived) respondents.

3 Data

3.1 Demonstrations Data and Selection

To study the effect of xenophobic demonstrations on attitudes, we rely on a dataset
of right-wing extremist demonstrations that took place in Germany between 2005
and 2020. The dataset was constructed by Kanol and Knoesel (2021) using the
German federal government’s answers to "brief parliamentary questions" (Kleine
Anfragen) by the left-wing party Die Linke. The dataset includes information on the
location, date, number of participants, and the motto of the protests. The overall
distribution of right-wing extremist demonstrations has a mean of 161 participants
and a minimum and a maximum number of participants of 4 and 6500, respectively
(Table 1, Panel B). The location of each demonstration is mapped into one of the 38
German government districts or Regierungsbezirke, which correspond to the Nuts II
in European Unions’ Nomenclature of Territorial Units for Statistics.

The Kanol and Knoesel (2021) dataset includes demonstrations that take
place at dates that are prominent in the minds of many Germans (in the following
discussion we refer to them as days of national knowledge), such as Labour Day or
the bombing of Dresden, but also lists demonstrations that were spontaneously or
locally organised, such as protests against asylum seeker centres or demonstrations
following a local far-right rock festival. In this study, we are interested in right-wing
xenophobic demonstrations that meet the following three criteria: 1) were organised
spontaneously and/or are of local nature, 2) were larger than usual, and 3) were
isolated.

We focus on demonstrations that were organised spontaneously and/or are of
local nature such that it is likely that the organisation and planning of these right-
wing xenophobic demonstrations in one given German district are unlikely to have
drawn or reached people living in other German districts. Demonstrations related
to annual events that are of national knowledge include protests on Labour Day,
German unity day, landmark war days and demonstrations related to the anniversary

of the bombings of Magdeburg, Dresden, and Chemnitz during WWII, which Neonazi

10



Table 1: Descriptive Statistics: Number of Participants

Panel A:  Percentiles Number Panel B: Other statistics
Participants
1% 12 Total numb. demonstrations 3,120
5% 20 Mean numb. participants 161.1285
10% 25 Std. Dev. numb. participants 347.7738
25% 40 Min numb. participants 4
50% 75 Max numb. participants 6500
75% 150
90% 300
95% 520
99% 1500

Source: Kanol and Knoesel (2021), all protests and demonstrations between 2005-2020.

groups frequently instrumentalise. We exclude these events because one could argue
that there might be anticipation effects at the national level. Moreover, protests on
these days were usually accompanied by other major events. For example, in the
case of the anniversary of the bombing of Dresden, there are usually large memorial
events organised by a broad spectrum of civil society and politicians, as well as
TV broadcasts that provide further information on the historical event. These
simultaneous events likely also affect respondents’ attitudes, biasing our estimates.

For the purpose of our analysis, we focus on relatively large protests so that
ex-post people were likely to have read or heard about them after they took place
- but not to have participated in them. To proxy for the scale and salience of the
event, we use the estimated number of participants and consider different cutoffs. In
principle, we want to consider events with a number of participants far above the
typical number of participants in xenophobic demonstrations such that the event
stands out. The distribution of the number of participants across all demonstrations
in the Kanol and Knoesel (2021) dataset is shown in Table 1. In our preferred
measure, we consider a demonstration large and salient if the number of participants
is above the 99th percentile (1500). As alternatives, we consider demonstrations
where the number of participants is slightly below, at 1200, or slightly above, at
2000.

To ensure that respondents in our analysis were not recently exposed to protests
or treated more than once, we use only isolated large xenophobic demonstrations with
a local or spontaneous character within a 30-day range.'® First, we classify a large

demonstration (irrespective of its nature) to be isolated if individuals interviewed

13This is similar to the design used in Graeber and Schikora (2021).

11



in the 30 days before and after the focal demonstration have not experienced any
other large far-right demonstration during this time period. Second, we drop protests
that are related to annual events that are of national knowledge, such as protests
memorialising the bombing of Dresden.

Table B in Appendix B lists and summarises all protests that fulfil our criteria
and which were included in our empirical analysis. In the first three columns, the
table shows the date, location, and number of participants for each event. The
smallest protests was in Jankendorf in 2010, which had 2000 participants and the
largest demonstrations were in Dresden in 2006 and in Chemnitz in 2018, with 6000
protesters.

To further ensure that the protests in our sample were not anticipated, we
examined to what extent they were covered in national, regional, and local newspapers
in the days leading up to them. Using the platform genios.de, which assembles and
provides articles of several hundred national, regional, and local German newspapers,
we construct a dataset that summarises which newspapers reported on our selected
protests in the days before and after they took place. The dataset is also presented
in Table B1 and described in more detail in Appendix B. Generally, most protests
received only limited attention from newspapers in advance. For two protests, we
found no mentions in the days leading up to the protests, while for most other
protests, reporting was done by local or regional newspapers that serve readers in
the same district or state where the protests took place. Even though a handful of
protests did receive at least some coverage in newspapers from outside the state,
in most cases, reporting was limited to only one or two articles and newspapers
reporting were usually regional and from a neighboring state. The only protest that
received meaningful national newspaper coverage leading up to the event was the
first protest in our dataset (Berlin 2005). However, we show in Section 5.2 that
excluding this event from our sample does not meaningfully alter the main results.*

For readability matters, we will refer to protests satisfying criteria 1) 2) and 3)

simply as large right-wing demonstrations or xenophobic demonstrations.

14Using our dataset, we also show in Table Bl in Appendix B that, after they occurred, most demonstrations
used in our analysis were covered extensively in national and regional newspapers.

12



3.2 Individual and Household Data

The Socio-Economic Panel (SOEP, Goebel et al. 2019) is a longitudinal annual
household survey that is representative of the German population, for which every
year approximately 30,000 people in around 15,000 households are interviewed. The
dataset contains individual and household information on a wide range of topics
related to work, education, family, consumption, preferences, and attitudes, among
others. To match the demonstration dataset, we use the German Socio-Economic
Panel (SOEP) from 2005 to 2020 and obtain access to the restricted-use SOEP data
with identifiers for respondents’ district of residence (Nuts II) such that we can link
it with the location of the demonstration.

For our two main variables of interest, we rely on the SOEP questions which
ask how concerned respondents are about "hostility towards foreigners or minorities
in Germany" and "immigration", with the following available answers (1) "not
concerned at all", (2) "somewhat concerned" and (3) "very concerned". For our
baseline estimations, we use these variables in the continuous form (ranging from 1 to
3). Figure 1 shows the trajectory of outcome means over the sample period. Generally,
both types of concerns declined in the years after 2005, then picked up sharply in the
years of the refugee crisis, but again subsided somewhat afterwards. Interestingly,
both our outcomes were generally decreasing in most years, with increases restricted
to the few years between 2013 and 2016. Table A1l in the Appendix shows the
basic statistics for the outcomes of interest for the sample used in the empirical
analysis. Both outcome variables have means relatively close to 2.04, with worries
about immigration being slightly lower at around 1.97 but with a higher standard
deviation of about 0.76 in all specifications.

When looking at political behaviour, we focus on a variable reflecting interest
in politics (1-4, where 4 is high interest)!® and four dummy variables reflecting
stated party preferences, i) no preference for any political party, ii) preference for a
centre-left or left-wing party (SPD, Gruene, Die Linke, Piratenpartei), iii) preference
for a centre-right party (CDU, CSU, FPD) and iv) preference for a far-right party
(AfD, NPD, Republikaner, Die Rechte).!®

To study changes in respondents’ intentions to support migrants and refugees,

15This is based on the question "Generally speaking, how much are you interested in politics?"
16The construction of these variables are based on the question "Toward which party do you lean?"
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Figure 1: Means of Outcome Variables over Time
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Note: Panel (a) shows a plot of the variables "Worried about hostility towards foreigners or minorities in Germany" and
Panel(b) "Worried about immigration" over time. Both variables are measured on a 1-3 scale, where (1) "not concerned at
all", (2) "somewhat concerned" and (3) "very concerned".

we rely on three SOEP waves (2016, 2018, and 2020) which asked respondents,
"Which of the following activities relating to refugee issues do you plan to engage in
the future?", individuals could reply "yes" or "no" to the following three statements
"Donating money or goods to help refugees", "Working with refugees directly (e.g.,
accompanying them to government agencies, providing support in language learning)",
and "Going to demonstrations or collecting signatures for initiatives to help refugees".
We code these three variables as dummies where 0 is for no and 1 is for yes. Since
our dataset only has a few protests for these three years, we are left with a small

sample size. Hence, our results should be viewed as complementary evidence.

4 Empirical Strategy and Identification

4.1 Regression Discontinuity Design (RDD)

Our empirical approach compares the attitudes of individuals interviewed in the days
immediately before a large right-wing xenophobic demonstration (control group) with
those of individuals interviewed immediately after that demonstration (treatment
group). To make the case of no-anticipation stronger and separate spillover effects
from the possible direct disruptive effect of large protests, we do not consider
individuals residing in the district where the large demonstration occurred (1) in our
estimations.

A local or spontaneously organised demonstration j € {1, ..., J} occurs on date
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¢j (the demonstration-specific cutoff) and district I.!” An individual 7 € {1, ..., N;}
living in district k # [ is interviewed on date d;; (the score), which is scheduled
many months in advance. We normalise the score d;; = d;; — ¢; such that treatment
assignment is determined by a unique cutoff that is equal to zero in all demonstrations:
T;; = 1{d;; > 0}. We then pool all observations around this unique cutoff and
estimate a single regression discontinuity design (RDD) for all demonstrations.!®
Given that some individuals were interviewed on the day of the focal demonstration
(approximately 1%), but we have no information on the time of the interview or
demonstration, we do not include them. In Section 5.2, we show that our results do

not depend on their inclusion.

Our local linear!® polynomial estimation is the following:
Y; = a+ BT + di; + poTijdi; + € (1)

In equation (1), Y; is either worries about hostility towards foreigners or worries
about immigration. f is our parameter of interest, which can be interpreted as the
intent-to-treat estimator or as the causal effect of being interviewed after a local or
spontaneously organised demonstration occurred. We use a triangular kernel to give
more weight to the observations closer to the cutoff and heteroskedasticity-robust
standard errors (Lee and Lemieux, 2010).2°

In our main results, we consider different bandwidths around the demonstrations:
b =15, 20, 30, and the mean squared error optimal bandwidth from Calonico et al.
(2019).2! For expositional clarity, we use the 30-day time window as our preferred
bandwidth. We chose this bandwidth because i) we consider isolated demonstrations
(described in Section 3.1) using a 30-day criterion, which ensures that the attitudes
of individuals interviewed before and after the focal event have not been affected by

any other demonstration, ii) we want to make our RDD estimates comparable across

17Note that each demonstration takes place in a different day-month-year. Therefore, each cutoff value occurs
only once.

18This procedure is similar to the "Normalizing-and-Pooling" described in Cattaneo et al. (2016) and Fort et al.
(2022) and used in applied work by Black et al. (2007) and Cohodes and Goodman (2014) for instance.

19The current consensus in the literature is to use a local linear specification (Cattaneo et al., 2020; Gelman and
Imbens, 2019). In Section 5.2, we show our results using a second-order polynomial.

20Tn Section 5.2 we check if our results are sensitive to the choice of kernel by using a uniform kernel instead of a
triangular one. We also confirm that our results are unlikely to be affected by potential outliers close to the cutoff by
excluding observations in a one-day window around the demonstration in a "donut hole" specification as suggested
by Cattaneo et al. (2020).

21For most of our analysis, we use the Stata package rdrobust (Calonico et al., 2017).

15



different specifications and iii) to maintain meaningful sample sizes when looking at
heterogeneous effects for which we rely on a subset of the original sample. Table 2 in
Section 5 shows that our conclusions are robust to different bandwidths.

In Section 5.2, we augment the local polynomial model to include predetermined
covariates such as the day of the week, month and year month of the interview,
residential district, gender, age, number of children, marital status, educational
background and employment status.?> We show in Section 4.2 that indidivudal
characteristics are balanced at the cutoff and in Section 5.2 that their inclusion does

not meaningfully change our point estimates.

4.2 Validity of the Regression Discontinuity Design

In this section, we address three potential threats to our regression discontinuity
design: 1) selective behaviour around the cutoff, 2) anticipation and 3) selection on
observables. 1) and 3) could happen if individuals can precisely manipulate their
interview dates (the score). If individuals cannot precisely manipulate the score
value they receive, we should not observe any systematic differences in observables
between individuals interviewed just before and after the demonstration date (cutoff).
Similarly, if there is no precise manipulation, random chance would allocate a similar
number of observations to both sides of the cutoff such that the number of interviews

is continuously distributed at the cutoff.

1) No selective behaviour at the cutoff A potential threat to the RDD design is if
there is selection into or out of treatment based on expected gains. In our setting,
there is no clear gain from selecting into or out of treatment, and individuals cannot
easily manipulate their treatment assignment since the SOEP interviews are scheduled
well in advance. However, it is still possible that individuals are more or less willing
to reply to the SOEP survey questions right after a demonstration.

More formally, we employ a density test where the null hypothesis is that the

empirical distribution of the number of observations is continuous at the cutoff.?

22The predetermined covariates are included in a linear and additive-separable way. For local polynomial methods
to accommodate covariates without invoking parametric assumptions or redefining the parameter of interest, the
covariates must be balanced at the cutoff (Cattaneo et al., 2020). If predetermined covariates were to be imbalanced
at the cutoff, this would call into question the continuity assumption and including them as controls would not "fix"
the RD design (Cattaneo et al., 2020).

23We use the rdensity package from Cattaneo et al. (2018) for the density test.
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The value of the statistic is 0.4851, and the associated p-value is 0.6276. Hence, under
the continuity-based approach, we fail to reject the null hypothesis of no difference
in the density of treated and control observations around the cutoff. Figure Al in
the appendix shows a histogram of the number of interviews and confirms the results
of the density test that there is no abrupt change in the number of observations at

the cutoff.

2) No anticipation As mentioned in the data section, we focus on demonstrations
that were organised spontaneously or are of local nature®* and are larger than usual
such that it is reasonable to assume that their date and scale was unlikely to be
anticipated by individuals residing outside of the district where the demonstration
took place. In Section 5.2, we show that our results are robust when excluding the
entire state where the demonstrations occurred. We also show in Section 5.2, that
our results remain robust when we exclude the observations near the cutoff, which
helps to mitigate concerns about short-run anticipation effects.

The qualitative media analysis outlined in Section 3.1 and described in detail
in Appendix B also shows that there was little reporting in the newspapers before
the demonstrations. Nevertheless, one or two local newspapers reported on the
demonstrations in the week before they took place. Even though these newspapers
are mostly regional and have low national circulation, we test if newspaper coverage
potentially affected our outcomes of interest before the actual demonstration took
place. To do this, we fix our sample in the pre-period - 30 days before a demon-
stration takes place - and assign a placebo newspaper treatment 7 days before the
true demonstration. The idea behind this strategy is to compare the outcomes
between those interviewed before and after the potential newspaper reporting on the
demonstration. We also assign a newspaper treatment 5 days before to get closer to
the actual demonstration date. The results of this exercise are displayed in Table A2
in Appendix A and show no significant effect of the placebo newspaper treatments

on our outcomes of interest.

24The demonstrations considered in the RDD are those satisfying the criteria 1), 2), and 3) established in Section
3.1.
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Figure 2: Continuity Tests

(a) Individual characteristics (b) District characteristics
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Note: Panel (a) and (b) display the coefficients from the estimation of Equation (1) on the individual characteristics
and district characteristics listed on the y-axis, respectively. All regressions consider demonstrations with more than 1500
participants and use a 30-day bandwidth. 95 per cent confidence intervals are shown.

3) The continuity assumption holds Our identification strategy relies on the assump-
tion that the individuals interviewed before a focal demonstration (control group)
are similar to those interviewed after that focal demonstration (treatment group),
constituting a credible counterfactual. We provide evidence that the continuity
assumption holds by estimating equation (1) using predetermined individual and
district characteristics as an outcome. Since the demonstration should not affect the
predetermined covariates, the null hypothesis of no treatment effect should not be
rejected if the RD design is valid. For individual characteristics, we consider gender,
age group, marital status, if the respondent has a child, employment status and edu-
cational achievement at the time of the survey. For the characteristics of the districts,
we use the one-year lag of the unemployment rate, share of foreigners, standardised
GDP,? election turnout, share of the far-right, centre-right and left-wing vote in the
last elections in the Nuts II region where the respondent resided at the time of the
survey. 26

In Figure 2, we show that the characteristics of the districts and of the respon-
dents do not depend on whether they were interviewed before or after a demonstration.
Across specifications, the treatment and control groups have very similar characteris-

tics, with only mild differences in the share with vocational training.

25We standardise so that the scale fits with the other variables.
26E]ections took place in 2005, 2009, 2013 and 2017. Individuals interviewed in 2015, for instance, will be assigned
the turnout and vote shares of 2013.
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5 Results

5.1 Main Results

Figure 3 shows a regression discontinuity design plot for worries about hostility
towards foreigners (Panel (a)) and worries about immigration (Panel (b)) using a
local linear trend with a 30-day bandwidth, triangular kernel and mimicking variance
evenly-spaced bins.

The plot in Panel (a) shows a discontinuity at the cutoff, suggesting that large
right-wing demonstrations increase the worries about hostility towards foreigners. In
Panel (b), we see no such suggestive evidence for the worries about immigration.

The main results of our analysis, using equation (1), are displayed in Table
2 below. They show the effects of large right-wing demonstrations on respondents’
attitudes at the national level for time windows of 9 or 10 days (optimal bandwidth),
15 days, 20 days, and 30 days around the date of the demonstrations and excluding
respondents from the district where each protest took place. In line with the graphical
evidence, the coeflicients in Panel A of Table 2 indicate that natives’ concerns about
intolerance increased markedly and significantly in response to large xenophobic
demonstrations. Using a 30-day bandwidth, we see that a large, isolated and local or
spontaneously organised protest led to a 0.0924 increase in worries about hostility

towards foreigners, which represents an increase of 4.50% relative to the baseline or

Figure 3: Main RDD Plots
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Note: Figure 3 shows a regression discontinuity design plot for "Worries about hostility towards foreigners or minorities in
Germany" (Panel (a)) and "Worries about immigration" (Panel (b)) using a local linear trend with a 30-day bandwidth,
triangular kernel and mimicking variance evenly-spaced bins. Both variables are measured on a 1-3 scale. Respondents who
were interviewed in the Nuts II region of the protest and on the day of the demonstrations are excluded.
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Table 2: Main RDD Results

Bandwidth: Optimal: 9 days 15 days 20 days 30 days
(1) (2) (3) (4)
RD Estimate 0.1437** 0.1257*** 0.1131%** 0.0924***
(0.0644) (0.0430) (0.0369) (0.0300)
Baseline 2.0535 2.0192 2.0426 2.0535
Observations 2498 5206 7238 10902

Panel B: Worries about immigration

RD Estimate 0.0588 0.0625 0.0539 0.0206
(0.0648) (0.0491) (0.0422) (0.0342)

Baseline 1.9715 1.9658 1.9779 1.9715

Observations 2867 5206 7238 10902

Note: Table 2 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in
Panel B and worries about immigration in Panel B for varying bandwidths. Both outcome variables range from 1-3, with
Baseline indicating mean values within each bandwidth. All regressions consider a demonstration to be relevant if it has
more than 1500 participants, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard errors.
Respondents who were interviewed in the Nuts II region of the protest and on the day of the demonstrations are excluded.
Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*p<.05; ***p<.01

13.70% of a standard deviation. The RDD estimate does not vary greatly across
time windows. As mentioned in Section 4, we use the 30-day bandwidth in most
of our analysis because the procedure used to identify isolated demonstrations uses
30-day criteria and because we want to make our RDD estimates comparable across
different subgroups and specifications. The results in Panel B of Table 2 show that
respondents did not become more worried about immigration. While positive, the
effect of demonstrations on worries about immigration remains insignificant.

Taken together, these findings indicate large xenophobic demonstrations were
unsuccessful in swaying the public’s opinion in their favour nationwide, as concerns
about hostility towards foreigners increased, while worries about immigration re-
mained essentially flat. These results suggest that residents nationwide perceived

far-right protesters as a threat.

5.2 Robustness Checks

In this section, we present a series of robustness checks using our preferred measure of
large and salient demonstrations (number of participants above the 99th per centile
at 1500 individuals) with a 30-day bandwidth. We start by demonstrating that
our results are robust to using a binary instead of a continuous outcome variable,

including control variables and choosing different empirical specifications. Secondly,
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we show that our conclusions hold when varying the cutoff for large demonstrations,
excluding the entire state where the demonstration occurred (rather than the Nuts 11
only) and excluding a specific demonstration from the analysis. We also demonstrate
that when we assign a random date to each xenophobic demonstration, their effect
on attitudes is null on average and that the effect of the true demonstrations on
worries that should not be affected by far-right protests is also null. Finally, we show

our results when using local randomisation RDD.

Dichotomous dependent variables As a first robustness test, we transform our
dependent variables such that worries about hostility towards foreigners (immigration)
equals one if the respondent replied to be "somewhat concerned" or "very concerned"
about hostility towards foreigners (immigration) and zero if the respondent replied
"not concerned at all". Columns (1) and (3) in Table A3 in the Appendix show the
results when using the dependent variables in the continuous form, on a 1-3 scale,
and columns (2) and (4) when dichotomizing the dependent variable. The results

are qualitatively similar.

Controlling for individual characteristics, time and location factors As a second
robustness test, we augment the local polynomial model to include predetermined
covariates in a linear and additive-separable way. As shown in Figure 2 the assignment
to the right or left side of the cutoff does not depend on individual or district
characteristics. Nevertheless, Table A4 in the Appendix shows the results when
adding different sets of controls. Column (1) shows the baseline results as in Table 2,
column (2) adds the Nuts II region where the individuals being interviewed reside,
column (3) the year of the interview, column (4) the month of the interview and
column (5) the day of the week. Column (6) shows the main results when adding the
individual characteristics used in the balance tests, and column (7) adds all controls

combined. Our results do not change.

Alternative specifications This sub-section shows that our results are robust to
different and more flexible specifications. Panel (a) in Figure 4 shows the robustness
checks for the worries about hostility towards foreigners, and Panel (b) for worries

about immigration. The first line in both panels displays the baseline effect reported
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in column (4) of Table 2.

In the second line of Figure 4, we show that the dynamics of the European
Refugee Crisis are unlikely to confound our analysis. The increased inflow of asylum
seekers into Germany, which peaked in 2014-2015, led to potential monthly variations
in the inflow of refugees to a given district. This could confound our pre-and-post
demonstration analysis even when using a 30-day time window.?” However, the
results in Figure 4 show that our main coefficient of interest changes little when we
exclude post-2013 demonstrations.

In our main specification, we excluded individuals interviewed on the day the
focal demonstration took place because we have no information on the hours of the
demonstration. Line 3 of Figure 4 shows that our results do not change when we
add to the treatment group people interviewed on the day of the demonstration.

In line 4 of Figure 4, we investigate the sensitivity of the results to the response
of the individuals interviewed very close to the cutoff. If there was a systematic
manipulation of score values, individuals interviewed very close to the cutoff are
those most likely to have engaged in manipulation. To test for this, we exclude
individuals interviewed at —1 and 1 (the "donut hole" approach) (Cattaneo et al.,
2020).%® The results in line 4 show that the conclusions from the analysis are robust
to excluding observations with |d;;| < 1.

We excluded individuals residing in the district where the large protest took
place to strengthen the case of no-anticipation and to separate the spillover effect
from the possible direct disruptive effect of large demonstrations. In line 5 of Figure
4, we show that our results are robust to the inclusion of these individuals.

In our main specification, we have followed the recent consensus in the literature
(Gelman and Imbens, 2019; Cattaneo et al., 2020) and used a local linear specifica-
tion? and triangular kernel function which gives more weight to the observations
closer to the cutoff. In line 6 of Figure 4, we show that our point estimates become

larger when we include a second-order polynomial but do not change our study’s

27At the same time, these dynamics made monthly protests more recurrent (Gattinari et al., 2021)

28 Furthermore, this test also allows evaluating the sensitivity of the results to the extrapolation intrinsic to the
local polynomial estimation, where the few individuals interviewed close to the demonstration are likely to be the
most influential when fitting the local polynomials.

29The reason to do so is that higher-order polynomials increase the chances that we are giving high weights
to observations which are further away from the cutoff; this tends to produce overfitting of the data and lead to
unreliable results near boundary points (Cattaneo et al., 2020). Cattaneo et al. (2020) notes that in most situations,
incorporating higher-order terms will reduce the approximation error and lead to changes in the estimated effect.
However, the relevant question is whether such changes alter the study’s conclusions.
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conclusions. In lines 7 and 8 of Figure 4, we display our results when using an
Epanechnikov kernel, which gives a quadratic decaying weight, and a uniform kernel,
which gives equal weight to all observations whose scores are within the selected
bandwidth. Although using a uniform kernel slightly changes the magnitude of the

coefficients, the main conclusions remain unchanged.

Figure 4: Robustness: Testing Different Specifications

(a) Worries about hostility towards foreigners (b) Worries about Immigration
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Note: Figure 4 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in
Panel (a) and worries about immigration in Panel (b). Both variables are measured on a 1-3 scale. All regressions consider
a demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth and heteroskedasticity-robust
standard errors. 95 per cent confidence intervals are shown. The different methods and choices are listed on the y-axis.
The baseline estimation uses a triangular kernel, a polynomial or order one and excludes the Nuts II and the day of the
demonstrations.

Varying the definition of a large demonstration We have considered a demonstration
large if it is above the 99th percentile at 1500 participants (9 demonstrations). Since
the boundary choice for a demonstration to be large carries a degree of arbitrariness, in
this subsection, we check the sensitivity of our results to changes in this boundary. As
alternatives, we consider demonstrations where the number of participants is slightly
below, at 1200 (12 demonstrations), or slightly above, at 2000 (7 demonstrations).
The results are displayed in Table A5 in the Appendix and show that our conclusions

are robust to variations around the definition of a large event.

Exclude all districts in the state where the demonstration took place To further
reduce any concerns about anticipation effects, we exclude respondents from the
entire state (instead of the district) where the actual demonstration occurred. Table
A6 in the Appendix shows the results for this exercise - the point estimates are close

to those in our main results in Table 2.
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Exclude one event at a time To assess the importance of a particular demonstration
to our estimation, Figure 5 shows our main results when we exclude one of the nine
demonstrations at the time. Generally, our estimates remain stable and robust to
the exclusion of these events. While excluding events 1 and 5 slightly reduces the
coefficient on the worries about hostility towards foreigners, it remains statistically
different from zero at the 10 per cent level. The coefficients in the worries about

immigration regression are always statistically indistinguishable from zero.

Figure 5: Robustness: Exclude One Event at a Time

(a) Worries about hostility towards foreigners (b) Worries about immigration
Baseline - —_——— Baseline - e
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Excl. event 5 S a— Excl. event6q ——1———
Excl. event 6 —_— Excl. event 6 —_—t————
Excl. event 7 —_—— Excl. event 7 4 —_——
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Note: Figure 5, displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in
Panel (a) and worries about immigration in Panel (b). Both variables are measured on a 1-3 scale. All regressions consider a
demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth, a triangular kernel, a polynomial
of order one, and heteroskedasticity-robust standard errors. 95 per cent confidence intervals are shown. Respondents who
were interviewed in the Nuts II region of the protest and on the day of the demonstrations are excluded.

Placebo treatment date As a placebo test, we assign a random date to each relevant
and isolated demonstration, estimate equation (1), and repeat this procedure 300
times. The distribution of the coefficients is shown in Figure 6 and is concentrated
around zero. In Panel (a) "Worries about hostility towards foreigners", the red
vertical line represents the true effect of 0.0924 estimated in our baseline regression in
Table 2 and is far away from the distribution of the coefficients when using random
dates. This indicates that our results are likely due to the xenophobic protests and
not some statistical artefact. In Panel (b), "Worries about immigration", the true
effect is 0.0206 and is close to the zero mean of the distribution of the coefficients

when using random dates.
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Figure 6: Robustness: Use Placebo Treatment Date
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Note: Figure 6, displays the distribution of the coefficients from estimating 300 times equation (1) on worries about hostility
towards foreigners in Panel (a) and worries about immigration in Panel (b). Both variables are measured on a 1-3 scale. All
regressions consider a random demonstration date, use a 30-day bandwidth, a triangular kernel, a polynomial of order one,
and heteroskedasticity-robust standard errors. The Nuts II and the day of the random demonstrations are excluded.

Placebo outcomes As a second placebo test, we consider the treatment effects on
worries which, in principle, should not be affected by far-right demonstrations. These
worries are captured in the SOEP data and relate to own health, own economic
situation, and global terrorism. Table A7 in the Appendix shows the coefficients when
estimating equation (1) using these alternative outcomes. As expected, xenophobic

demonstrations did not affect these worries, as all coefficients remain insignificant.

Local randomisation RDD The regression discontinuity framework used throughout
this study is based on continuity assumptions. Although this approach is the most
commonly used in practice (Cattaneo et al., 2020), we employ another framework
based on local randomisation assumptions in this sub-section. We do so because
our running variable, the interview day, is not truly continuous (we do not measure
one-third of a day) and can be considered a discrete variable. When the running
variable is discrete, the local randomisation approach can be employed because it does
not impose assumptions as strong as when the running variable is truly continuous.

The main difference of the local randomisation approach is that instead of
relying upon continuity and differentiability assumptions, it assumes that for a small
window around the cutoff, the treatment status is assigned as it would have been in
a randomised experiment. The day an individual is interviewed can be considered a

randomly generated number unrelated to the average potential outcomes.>°

30While in the continuity-based RDD the average potential outcomes are non-constant functions of the score, in

25



Table 3: Robustness: Local Randomization

Worries about Worries about
hostility towards foreigners immigration
(1) (2)
Local Randomization Estimate 0.0594** 0.0197
Power vs Local Pol. 0.999 0.460
Baseline 1.9893 1.9227
Observations 2243 2243

Note: Table 3 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in
column (1) and worries about immigration in column (2) using a local randomization approach. Both variables are measured
on a 1-3 scale. All regressions consider a demonstration to be relevant if it has more than 1500 participants and use a 30-day
criteria to identify isolated demonstrations. Respondents who were interviewed in the Nuts II region of the protest and on
the day of the demonstrations are excluded. Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*p<.05; ¥F*p<.01

A crucial component of the local randomisation approach is the window W,
where the local randomisation assumption is invoked. To choose this window, we
follow on Cattaneo et al. (2015, 2016) and use a procedure based on balance tests for
regression discontinuity (RD) designs under local randomisation. We use the rdrandinf
package developed by Cattaneo et al. (2016) and consider the following individual
characteristics: gender, age, marital status, presence of children, employment status
and education. Using this criterion, the optimal window W is one week. The results
using the local randomisation approach with a one-week window are displayed in
Table 3. The point estimates are slightly smaller, but the overall results are robust

and consistent with the continuity approach.

5.3 Newspaper Coverage

As laid out in Section 2, media and news reporting might play a role in how people
learn about the demonstrations and how they perceive them. In this section, we
conduct a short media analysis and present suggestive evidence that newspaper
reporting are to mediate the effect of xenophobic demonstrations on migration
attitudes.3!

We conduct our media analysis based on data by genios.de, which assembles
and provides articles from several hundred German newspapers in Germany. Apart
from studying whether there has been anticipation of protests in newspapers, we also

use this data to examine the extent of reporting after the protests have taken place.

the local randomisation RDD, the functions are constant in the entire region where the score is randomly assigned.
31 Analysing the sentiment of the newspaper’s reporting and/or other media is outside this study’s scope.

26



Table B1 summarises and presents to what extent newspapers covered protests. The
construction of this dataset is discussed in more detail in Appendix B.

The data reveal several interesting insights: First, we see that there was
reporting on all but one demonstration (Jéankendorf 2010) within the first three days,
with all other events being covered by newspapers inside and outside of the state
where they took place. Moreover, all but two protests were reported by national
newspapers within 3 days. This indicates that for most events, there was considerable
attention from newspaper media.>?

Second, most reporting occurs relatively close to the event date and then
subsides. While for the protests between 2006 and 2015, there is often some lag in
reporting as many newspapers only start reporting two days after the event took
place, recent protests are covered much more quickly. Moreover, reporting three days
after the protest took place is usually fairly limited, and apart from the Chemnitz
event (2018a), reporting wanes afterwards.®3

Third, the volume of reporting differs quite substantially between the different
protests. While some protests (e.g., Berlin 2005, Chemnitz 2018a, 2018b, Dresden
2019) received a lot of reporting in newspapers, others (e.g., Leipzig 2009, Jankendorf
2010, Jankendorf 2011) received much less attention from news outlets.

We make use of this variation and construct a dummy variable, which indicates
whether media coverage was low or high ("Salience" in Table B1). Hereby, we
consider the number of reporting newspapers distributed outside the district, for
how many days coverage took place, and whether national newspapers covered the
protest.

The results of this analysis are presented in Figure 7 and show that the intensity
of newspaper reporting appears to play a role. While we see significant and large
effects on worries about hostility towards foreigners for highly-covered protests,
the coefficient is not statistically significant for those protests that received little
newspapers coverage. For worries about immigration, we see no significant difference,

as the coefficients are not statistically significant.

32A potential shortcoming of our analysis could be that we can not examine reporting on TV or other media
sources which may have also played an important role in our period under analysis. However, we belief that the
newspaper coverage summarized in our dataset is representative of media reporting more generally.

33Not shown in Appendix B, as there was very little if any coverage of most protests four or more days after they
took place.
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Figure 7: RDD Results By Extent of Media Coverage

Worries about hostility

Low media coverage - —_—

High media coverage | —_—

Worries about immigration

Low media coverage - —_

High media coverage —_—

-3 -2 -1 0 A 2 3

Note: The y-axis in Figure 7, displays the coefficients from the estimation of Equation (1) on worries about hostility
towards foreigners in Panel (a) and worries about immigration in Panel (b) when we distinguish protests by their level of
media coverage (or salience). Both variables are measured on a 1-3 scale. All regressions consider a demonstration to be
relevant if it has more than 1500 participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and
heteroskedasticity-robust standard errors. 95 per cent confidence intervals are shown. Respondents who were interviewed in
the Nuts II region of the protest and on the day of the demonstrations are excluded.

5.4 Heterogeneity Analysis

In the previous sections, we analysed the effects of far-right demonstrations on the
attitudes of the native population. However, our estimates could obscure potential
heterogeneities both in terms of the location where respondents reside as well as
individuals’ characteristics and previous political and social attitudes. Studying these
heterogeneities can help us explain who actually reacted in which way in response to
far-right protests.

In this section, we perform multiple separate regressions in which we evaluate
the impact of economic, political, and structural factors at the regional level and
analyse to what extent results may differ when we distinguish individuals by labour
market, demographic, and attitudinal characteristics. We split the sample into
different groups and run equation (1) on concerns about hostility towards foreigners
and immigration. As in the previous section, we present all our results using large

demonstrations, with more than 1500 participants, and using a 30 days bandwidth.

Regional economic characteristics For the heterogeneity analysis based on district
economic characteristics, we take the yearly median GDP per capita, disposable
income per capita, and the unemployment rate at the NUTS II level and classify

each district-year as being above the yearly median in each of this characteristics or
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Figure 8: Heterogeneity Analysis: By Regional Economic Situation

(a) Worries about hostility towards foreigners (b) Worries about immigration
GDP per Capita GDP per Capita
Above Median - —— Above Median | —t———
Median or Below —_— Median or Below —_—T
Disposable Income per Gapita Disposable Income per Capita
Above Median —_— Above Median - —_——
Median or Below - —_—T Median or Below | —_—
Unemployment Rate Unemployment Rate
Above Median —— Above Median - —_—
Median or Below —_—— Median or Below - B
T T T T T T T T T T T T
3 2 1 0 1 2 3 -3 2 1 o] 1 2 3

Note: Figure 8, displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. Both
variables are measured on a 1-3 scale. All regressions consider a demonstration to be relevant if it has more than 1500
participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard
errors. 95 per cent confidence intervals are shown. Respondents who were interviewed in the Nuts II region of the protest
and on the day of the demonstrations are excluded.

not.3* We then take a one-year lag of each of these measures relative to the year of
the interview.?®

Generally, there is no clear indication that respondents in economically weaker
regions react differently. Looking at GDP per capita and the unemployment rate,
there is hardly any difference in estimates for both worries about hostility towards
foreigners and worries about immigration. We see a difference only when we compare
respondents by regional disposable income. However, there is no clear pattern here
either, as individuals in regions with above-median income experience an increase in
both types of concerns, possibly indicating some polarisation, while for the other
group, neither coefficient is statistically different from 0. If anything, worries about
immigration appear to decrease for respondents in the lower-income regions. Overall,

we find no clear evidence that people residing in more economically deprived areas

react differently than those in more prosperous regions.

Regional political characteristics In this sub-section, the sample is split by the NUTS

IT regional voting share of far-right, left-of-centre, and right-of-centre parties®® in the

34The regional data is provided by the statistical offices of the German states (Statistische Landesidmter) and can
be accessed publicly via regionalstatistik.de.

35This is done to avoid the issue that our treatment may directly affect those regional characteristics.

36For far-right parties, we look at the vote share of the following parties: NPD, Republikaner, DVU, AfD, Pro
Deutschland, die Rechte, and Schill-Partei/Offensive D. For left-of-centre parties we include the SPD, Biindnis
90/Die Griinen, PDS/Die Linke, and Piratenpartei. Right-of-centre parties are CDU, CSU, and FDP.
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Figure 9: Heterogeneity Analysis: By Regional Political Environment

(a) Worries about hostility towards foreigners (b) Worries about immigration
Far Right Share Far Right Share
Above Median - —_— Above Median - —_—
Median or Below —_— Median or Below — —_—
Left Share Left Share
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Note: Figure 9 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. Both
variables are measured on a 1-3 scale. All regressions consider a demonstration to be relevant if it has more than 1500
participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard
errors. 95 per cent confidence intervals are shown. Respondents who were interviewed in the Nuts II region of the protest
and on the day of the demonstrations are excluded.

last federal election relative to the interview date.?” In contrast to economic factors,
Figure 9 displays that political factors appear to influence respondents’ reactions to
the protests.

The estimates in Figure 9 (a) show that individuals who live in NUTS II regions
with a higher share of far-right voting do not experience an increase in their concerns
about hostility towards foreigners after protests take place, while respondents in
other regions see a considerable increase. In contrast, when splitting the sample
along the election vote share of left-wing and moderate conservative parties shows
no statistically significant differences.

Figure 8 (b) shows the results for worries about immigration. While the
estimates are virtually the same in regions where far-right parties are more or less
successful, there is a marked difference when we split the sample by the vote share of
left-of-centre and moderate right-leaning parties. While worries decrease (increase)
in areas where left-wing parties are more (less) successful, the opposite is true for
right-of-centre parties.

This sets up an interesting picture, whereby respondents in relatively left-leaning
areas appear to show a reasonably consistent reaction to far-right demonstrations,
which runs counter to the interests of the protesters, as they both increase their

concerns about hostility towards foreigners and become less worried about immi-

37There were federal elections in 2002, 2005, 2009, 2013 and 2017.
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gration. In right-leaning areas, on the other hand, there appears to be more of an
ambivalent, potentially even polarizing reaction, with increases in both types of
concerns. This indicates that the political environment might affect how respondents
perceive protests. However, one should be careful not to draw strong conclusions,
particularly with regard to the far-right vote share, as it was often still rather low,
even in areas where they were relatively more successful.

Figure A2 in Appendix A looks at some additional heterogeneities at the district
level. Most noteworthy here is that both types of concerns remain unchanged in
eastern Germany. Moreover, worries about immigration increase significantly in
districts with fewer foreigners, while the increase is only borderline significant in

rural areas.

Individual characteristics Using information from the SOEP, we distinguish respon-
dents by their labour market status and household income quartiles. The coefficients
in Figure 10 show that there is not much of a difference across groups, as individuals
react for the most part similarly to protests, both in terms of their concerns about
hostility towards foreigners and immigration. Nevertheless, it seems that unemployed
respondents or those with the lowest incomes do react more negatively. These results
are in line with the estimates on the regional level in Figure 8, suggesting that
economic factors do not play much of a role in determining respondents’ reactions to
local or spontaneously organised large far-right demonstrations.

In addition, Figure A3 in the appendix distinguishes along several demographic
characteristics. While the differences across demographic groups are not very strong,
the effects of the demonstrations on worries about hostility towards foreigners are
more pronounced for men, married people, childless individuals, and respondents
with medium education. The coefficients are virtually the same across demographic
groups when looking at concerns about immigration. Overall, heterogeneities along

demographic lines appear fairly limited.

Individual political attitudes To look at heterogeneity analysis by political attitudes,
we rely on the panel structure of the SOEP. Since not all individuals are interviewed
yearly, our sample size is reduced to 3,659 observations from the 10,902 observations

reported in Table 2.
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First, we consider SOEP interviewees’ self-placement on the political spectrum
- respondents can place themselves on a 0-10 scale from extremely left-wing (0) to
extremely right-wing (10). We then group individuals into a left-of-centre (from
0 to 3), centre (4 to 6) and right-of-centre (7 to 10) category. Because this self-
assessment only takes place every four to five years, we use the last known lagged
value to ensure that it is not affected by the protests themselves. Second, we consider
individual one-year-lagged political interests and create two categories: none-to-low
political interest and medium-to-high political interest. Lastly, we split the sample
by reported worries about hostility towards foreigners and worries about immigration
in the previous interview.

In contrast to economic characteristics, heterogeneities based on political atti-
tudes seem much more striking. The heterogeneity by self-placement on the political
spectrum in Figure 11 (a) shows an interesting picture; only those respondents who
place themselves left-of-centre had significantly increased concerns about hostility
towards foreigners. On the other hand, Figure 11 (b) shows that the point estimate
for worries about immigration is the highest for respondents who place themselves
right-of-centre, even though it is not significantly different from zero. Thus, previous
political viewpoints appear to be key in individuals’ receptiveness to protests.

When looking at the heterogeneous effects by lagged political interests, the

estimates are virtually the same for those with higher and lower levels of interest.

Figure 10: Heterogeneity Analysis: By Individual Labour Market Situation

(a) Worries about hostility towards foreigners (b) Worries about immigration

Employment Status Employment Status

Employed - — Employed - —_

Unemployed | - Unemployed - -

Qut of Labor Force -

Household Income

First Quartile

Second Quartile

Second Quartile 4

Fourth Quartile

Out of Laber Force -

Household Income

First Quartile

Second Quartile

Second Quartile 4

Fourth Quartile

Note: Figure 10 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. Both
variables are measured on a 1-3 scale. All regressions consider a demonstration to be relevant if it has more than 1500
participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard
errors. 95 per cent confidence intervals are shown. Respondents who were interviewed in the Nuts II region of the protest
and on the day of the demonstrations are excluded.
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The coefficients of the heterogeneity analysis by lagged worries suggest that existing
political or social attitudes are the major drivers in how people perceive and react
to protests. While the effects in Figure 11 (a) seem solely driven by individuals
who were previously unconcerned about immigration, respondents who were not
concerned about hostility towards foreigners have significantly increased worries
about immigration in response to far-right protests. These results suggest that there
might be some polarisation in the population in response to the protests, which

would align with studies such as Caprettini et al. (2021).

Figure 11: Heterogeneity Analysis: By Political and Social Attitudes

(a) Worries about hostility towards foreigners (b) Worries about immigration
Political Self-Placement Political Self-Placement
Left of Center | —_——— Left of Center - —_——
Center —_— Center —_—
Right of Center - —_—— Right of Center . 2
Political Interest Political Interest
None fo Low - —— None to Low - —T—
Medium te High —_—— Medium to High —t—
Worries about Immigration Worries about Xenophobia
in Previous Year in Previous Year
None —_—— None —_———
At Least Some Worries —— At Least Some Worries —
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Note: Figure 11, displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. Both
variables are measured on a 1-3 scale. All regressions consider a demonstration to be relevant if it has more than 1500
participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard
errors. 95 per cent confidence intervals are shown. Respondents who were interviewed in the Nuts II region of the protest
and on the day of the demonstrations are excluded.

6 Changes in Political Preferences and Pro-Social Behaviour

towards Migrants

In our main results, we focused on the effect of far-right protests on attitudes
towards migration in the native population. However, it might be important for
policymakers and politicians to know to what extent the changes in attitudes can
lead to changes in interest in politics, party preferences, and pro-social behaviour
towards migrants. In this section, we show suggestive evidence that by increasing
the salience of immigrants and affecting public attitudes towards foreigners, large
right-wing demonstrations can affect interests in politics, political preferences and

intentions to help refugees. We do not claim that the effect on political preferences
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Table 4: Extension: Political Interest and Party Preferences

Interest No preference Preference Preference Preference
in politics for any pol. party left-wing party right-wing party far-right party
B 2) 3) (4) (5)
RD Estimate 0.0757** -0.0686*** 0.0453** 0.0221 0.0051
(0.0372) (0.0229) (0.0202) (0.0181) (0.0051)
Baseline 2.3630 0.5349 0.2380 0.1961 0.0125
Observations 10886 10853 10680 10680 10680

Note: Table A7 displays the coefficients from estimating Equation (1) using the outcomes: interest in politics (1), having no party preference (2),
and stated party preference for a left-wing (3), center-right (4), and far-right party (5). Political interest in scaled from 1 to 4. All other variables
are binary, with Baseline indicating mean values for each outcome. All regressions consider a demonstration to be relevant if it has more than
1500 participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one. Respondents who were interviewed in the Nuts II
region of the protest and on the day of the demonstrations are excluded. Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*¥p<.05; ¥*¥*p<.01

Table 5: Extension: Pro-Social Behaviour toward Refugees

Donate money Work with Participate in
or goods to help refugees refugees directly initiatives to help refugees
(1) 2) 3)
RD Estimate 0.1121** -0.0182 0.0810**
(0.0523) (0.0290) (0.0361)
Baseline 0.2286 0.0998 0.0633
Observations 1652 1652 1652

Note: Table 5 displays the coefficients from the estimation of Equation (1). All outcomes variables are binary, with Baseline
indicating mean values for each outcome. All regressions consider a demonstration to be relevant if it has more than 1500
participants, use a 30-day bandwidth, a triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard
errors. Respondents who were interviewed in the Nuts II region of the protest and on the day of the demonstrations are excluded.
Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*p<.05; **F*p<.01

stems directly from the demonstrations since there could be second-order effects, e.g.,
coming from the possible reaction of the different parties to some of these events.

Table 4 shows the results of estimating Equation (1) on interest in politics (1-4,
where 4 is high interest) in column (1) and on four dummy variables reflecting party
preferences in columns (2)-(5).

The estimates in Table 4 suggest two main effects: respondents become more
politically engaged in response to the protests, and this shift mainly helps left-
wing parties. The coefficients in columns (1) and (2) indicate both an increase in
political interest and in expressing a preference for a political party. The estimates
in the following columns (3) to (5) show us that preference for left-wing parties
increases significantly by around 4.5 per centage points. At the same time, there is
no significant increase in the propensity to favour right-of-centre or even far-right
parties. While these coefficients do not perfectly inform us about the intentions
of individuals, taken together, they imply that local or spontaneously organised
large far-right demonstrations led to an adverse reaction in the population as people

became more active in opposing the protesters.
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In Table 5, we look at the effect of large right-wing demonstrations on the
intentions to help refugees. We can see that following a large far-right demonstration,
individuals are more likely to want to donate or participate in initiatives to help
refugees in the future. However, they are not more likely to want to work directly
with refugees in the future. These results also serve as complementary evidence that
local and spontaneous large right-wing demonstrations did not sway the public’s
opinion against immigrants. Native Germans seem to wish to counterbalance the

xenophobic rhetoric of these demonstrations by helping refugees.

7 Conclusion

One of the primary objectives of public demonstrations is to bring social, political, or
economic issues to the attention of politicians and the wider population. Although
demonstrations can have a mobilizing and persuading effect, if turned violent or
disruptive, they may reduce support for their cause.

In this study, we use a regression discontinuity design to analyse how large
right-wing xenophobic demonstrations affect concerns about hostility towards for-
eigners and worries about immigration among natives in Germany. Our results
show that local xenophobic demonstrations lead to a significant short-term increase
in worries about hostility towards foreigners at the national level, indicating that
these demonstrations are perceived as a threat by Germans. On the other hand,
worries about immigration are not affected by the demonstrations, indicating that
the demonstrations are not successful in swaying public opinion in their favour.
We also find that individuals become more politically interested following far-right
demonstrations, mainly benefiting left-wing parties, and that they become more
willing to help refugees. Our results are robust to a series of robustness checks.

The data and empirical design of this study have several advantages. Firstly,
the SOEP individual data enables us to examine a larger range of outcome variables.
We can focus on a set of variables that capture underlying individual attitudes and
are not influenced by party affiliation: concerns about hostility towards foreigners,
worries about immigration, intention of helping refugees and interest in politics.

Secondly, we can estimate the immediate impact of the demonstrations. A typical
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challenge in the protest literature is to understand whether protests cause political
changes or reflect changes in the underlying political preferences. Since we compare
the attitudes between 9 and 30 days before and after a demonstration, our estimation
approach allows us to claim that the demonstrations and not other factors impact
attitudes and party preferences. Thirdly, significant parts of the (quantitative)
political science and economics literature is concerned with the local impacts of
protests while overlooking national effects (e.g., Madestam et al., 2013; Enos et al.,
2019; Klein Teeselink and Melios, 2022; Wasow, 2020; Larreboure and Gonzalez,
2021). However, we show that large-scale demonstrations also have an impact on
national attitudes, especially in the time period when people learn about these
demonstrations from news media.

This study broadens our understanding of the consequences of different types
of demonstrations by showing how local or spontaneously organised right-wing
demonstrations can impact attitudes at the national level. Yet, its conclusions are
limited to protests that have a local or spontaneous nature. Therefore, future research
is needed to understand the effects of protests that are organized at a national level

or are concurrent with other major national events.
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A Additional Tables and Figures

Figure A1l: Density Test: Frequency of Interviews

600
1

400

Frequency of interviews

200

30 25 20 15 10 -5 0 5 10 15 20 25 30
Days to event

Note: The y-axis in Figure Al displays the number of individual interviews used in the main analysis. The 0 at the x-axis
represents the day a demonstration took place, to the left of the red vertical line are the days before the demonstration, to the
right are the days after.

Figure A2: Heterogeneity Analysis: By Regional Characteristics

(a) Worries about hostility towards foreigners (b) Worries about Immigration
Region Region
(Former) East Germany —_— (Former) East Germany .
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T T T T T T T T T T T T
-3 -2 -1 0 1 2 3 -3 -2 -1 0 1 2 3

Note: Figure A2, displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. All
regressions consider a demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth, a
triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard errors. 95 per cent confidence intervals
are shown. Respondents who were interviewed in the Nuts II region of the protest and on the day of the demonstrations are
excluded.
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Figure A3: Heterogeneity Analysis: By Individual Demographic Characteristics

(a) Worries about hostility towards foreigners
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(b) Worries about Immigration
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Note: Figure A3, displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel (a) and worries about immigration in Panel (b), restricting the sample to the group listed on the y-axis. All
regressions consider a demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth, a
triangular kernel, a polynomial of order one, and heteroskedasticity-robust standard errors. 95 per cent confidence intervals
are shown. Respondents who were interviewed in the Nuts II region of the protest and on the day of the demonstrations are
excluded.

Table Al: Descriptive Statistics: Outcomes

count mean sd min max
Worries about hostility towards foreigners 10902 2.0440 0.6745 1 3
Worries about immigration 10902 1.9749 0.7615 1 3
Donate money or goods to help refugees 1662 0.2353 0.4243 0 1
Work with refugees directly 1661 0.0939 0.2918 0 1
Participate in initiatives to help refugees 1658 0.0730 0.2602 0 1
Interest in Politics 10902 2.3605 0.8130 0 4
No party preference 10902 0.5301 0.4991 0 1
Preference for a left-wing party 10902 0.2366 0.4250 0 1
Preference for a right-wing party 10902 0.1940 0.3954 0 1
Preference for an extreme right-wing party =~ 10902 0.0119 0.1086 0 1
Worries about own health 10886 1.8008 0.6826 1 3
Worries about own economic situation 10890 1.9016 0.7032 1 3
Worries about global terrorism 5333 2.1378 0.6759 1 3

Note: Statistics of the raw outcomes used in the analysis. *p<.1; **p<.05; ***p<.01
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Table A2: Testing No Anticipation: Placebo Regressions

All demonstrations Demonstrations with some reporting
Placebo treatment at: -5 days - 7 days -14 days -5 days - 7 days -14 days

(1) (2) 3) 4) ©) (6)

Panel A: Worries about hostility towards foreigners

RD Estimate -0.0453 -0.0630 -0.0338 -0.0377 -0.0593 -0.0397
(0.0550) (0.0502) (0.0335) (0.0551) (0.0502) (0.0338)

Observations 6949 6927 6846 6831 6809 6733

Panel B: Worries about immigration

RD Estimate -0.0571 -0.0179 0.0257 -0.0591 -0.0201 0.0254
(0.0627) (0.0550) (0.0385) (0.0628) (0.0552) (0.0389)

Observations 6949 6927 6846 6831 6809 6733

Note: Table A2 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in Panel B
and worries about immigration in Panel B. All regressions consider a demonstration to be relevant if it has more than 1500 participants,
use a 15-day bandwidth, a triangular kernel, a polynomial of order one. Respondents who were interviewed in the Nuts II region of the
protest and on the day of the demonstrations are excluded. Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*p<.05; ¥**p<.01

Table A3: Dichotomous vs. Continuous Dependent Variables

Worries about hostility Worries about immigration
Continuous Dummy Continuous Dummy
(1) 2) (3) (4)
RD Estimate 0.0924*** 0.0655*** 0.0206 0.0243
(0.0300) (0.0182) (0.0342) (0.0212)
Baseline 2.0535 0.7990 1.9715 0.6930
Observations 10902 10902 10902 10902

Note: Table A3 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel B and worries about immigration in Panel B. Both variables are measured on a 1-3 scale, with Baseline indicating
mean values for each outcome. All regressions consider a demonstration to be relevant if it has more than 1500 participants
and use a 30-day bandwidth, a triangular kernel, a polynomial of order one. Respondents who were interviewed in the Nuts
II region of the protest and on the day of the demonstrations are excluded. Heteroskedasticity-robust standard errors in
parentheses.

*p<.1; ¥*¥p<.05; ***p<.01
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Table A4: Robustness: Include Control Variables

Base Nuts II Year Month Day week Indiv. C. All
(1) (2) 3) (4) () (6) (7)

Panel A: Worries about hostility towards foreigners
RD Estimate 0.0924*** 0.0925*** 0.0969*** 0.0939*** 0.0921*** 0.0922*** 0.0977***

(0.0300) (0.0300) (0.0299) (0.0300) (0.0300) (0.0298) (0.0297)
Baseline 2.0535 2.0535 2.0535 2.0535 2.0535 2.0535 2.0535
Observations 10902 10902 10902 10902 10902 10902 10902

Panel B: Worries about immigration

RD Estimate 0.0206 0.0224 0.0140 0.0161 0.0196 0.0405 0.0355
(0.0342) (0.0342) (0.0340) (0.0339) (0.0342) (0.0325) (0.0323)
Baseline 1.9715 1.9715 1.9715 1.9715 1.9715 1.9715 1.9715
Observations 10902 10902 10902 10902 10902 10902 10902
Nuts 11 No Yes No No No No Yes
Year No No Yes No No No Yes
Month No No No Yes No No Yes
Day of week No No No No Yes No Yes
Indiv. charact. No No No No No Yes Yes

Note: Table A4 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in Panel B
and worries about immigration in Panel B. Both variables are measured on a 1-3 scale, with Baseline indicating mean values for each
outcome. All regressions consider a demonstration to be relevant if it has more than 1500 participants and use a 30-day bandwidth, a
triangular kernel, a polynomial of order one. Respondents who were interviewed in the Nuts II region of the protest and on the day of the
demonstrations are excluded. Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*p<.05; ¥*¥*p<.01

Table A5: Robustness: Use Varying Cutoffs for Large Protests

Optimal bandwidth: 10d, 9d, 9d Bandwidth: 30 days
# Participants: 1200 1500 2000 1200 1500 2000

(1) (2) 3) (4) (5) (6)

Panel A: Worries about hostility towards foreigners

RD Estimate 0.1506*** 0.1437** 0.1429*** 0.0777*** 0.0924*** 0.1142***
(0.0521) (0.0644) (0.0553) (0.0269) (0.0300) (0.0312)

Baseline 2.0726 2.0535 2.0900 2.0726 2.0535 2.0900

Observations 3665 2498 2137 13460 10902 10151

Panel B: Worries about immigration

RD Estimate 0.0891 0.0588 0.0545 0.0277 0.0206 0.0342
(0.0734) (0.0648) (0.0663) (0.0306) (0.0342) (0.0350)

Baseline 1.9859 1.9715 2744 1.9859 1.9715 2.0014

Observations 2874 2867 2681 13460 10902 10151

Note: Table A5 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners
in Panel B and worries about immigration in Panel B. Both variables are measured on a 1-3 scale, with Baseline indicating
mean values for each outcome. All regressions use a 30-day bandwidth, a triangular kernel, a polynomial of order one.
Respondents who were interviewed in the Nuts II region of the protest and on the day of the demonstrations are excluded.
Heteroskedasticity-robust standard errors in parentheses.
*p<.1; **p<.05; ***p<.01
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Table A6: Robustness: Excluding all Respondents from State of Demonstration

Bandwidth: Optimal: 9 days
(1)

15 days

(2)

20 days 30 days
(3) (4)

Panel A: Worries about hostility towards foreigners

RD Estimate 0.1497**
(0.0647)

Baseline 2.0527

Observations 2457

Panel B: Worries about immigration

RD Estimate 0.0556
(0.0650)

Baseline 1.9725

Observations 3230

0

124717

(0.0434)

2.0169
5123

0.0560

(0.0495)

1.9678
5123

0.1140%* 0.0949"**
(0.0373) (0.0303)
2.0417 2.0527

7104 10680
0.0476 0.0175

(0.0425) (0.0345)

1.9800 1.9725
7104 10680

Note: Table A6 displays the coefficients from the estimation of Equation (1) on worries about hostility towards foreigners in
Panel B and worries about immigration in Panel B, with Baseline indicating mean values for each outcome. All regressions
consider a demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth, a triangular kernel,
a polynomial of order one. The state and the day of the demonstrations are excluded. Heteroskedasticity-robust standard

errors in parentheses.
*p<.1; ¥*p<.05; ***p<.01

Table A7: Robustness: Use Placebo Worries as Outcomes

Worry about:

Own health Own economic situation Global terrorism
0 @) ®
RD Estimate -0.0273 0.0241 0.0024
(0.0314) (0.0323) (0.0413)
Baseline 1.8100 1.8795 2.1250
Observations 10886 10890 5333

Note: Table A7 displays the coefficients from the estimation of Equation (1) on worries about own health, own economic
situation and global terrorism. All outcome variables range from 1-3, with Baseline indicating mean values for each outcome.
All regressions consider a demonstration to be relevant if it has more than 1500 participants, use a 30-day bandwidth, a
triangular kernel, a polynomial of order one. Respondents who were interviewed in the Nuts II region of the protest and on
the day of the demonstrations are excluded. Heteroskedasticity-robust standard errors in parentheses.

*p<.1; ¥*¥p<.05; ***p<.01
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B Media Analysis

In this section, we describe the data used for our media analysis. Table B1 presents
to what extent German newspapers reported on each protest included in our study
and shows which newspapers covered the protests. The tables are generated by
manually looking up newspaper publications that covered the events using the
platform genios.de, which assembles and provides articles from several hundred
national, regional, and local German newspapers from 1994 until today.?® We
assembled our dataset by looking up various search terms — which are presented
for each entry in the Table B1 — on the genios platform for the time period of two
weeks before and after each protest. We then browsed through all the articles that
showed up and manually collected those that reported on the protests. We used this
information to construct our tables. As a note of caution: While the platform is
relatively extensive, it is not fully comprehensive of all newspapers in Germany, as
many smaller newspapers and online news outlets are not included. Moreover, it
does not include information on other forms of news media, such as magazines, TV,
radio, and, social media. Therefore, our dataset is likely not fully comprehensive
of all reporting taking place in Germany. Nevertheless, we believe it to be fairly
representative in terms of the salience of each protest.

Table B1 summarises when and to what extent newspapers covered each protest.
Hereby, they present whether there has been any anticipation of the protests in
different newspapers, which can be seen in columns "Anticipation" and "Anticipation:
Sources". Generally, most protests received only limited attention from newspapers
in advance. Overall, only two protests received considerable media attention in the
days leading up to the protest (Berlin 2005 and Dresden 2019), with the one in
Dresden being mostly covered by local newspapers. Most other protests received
no attention or were only covered by local newspapers serving readers in the same
district or state where the protests took place. There were a handful of protests
which received at least some coverage in newspapers from outside the state. However,

in most cases, there were only one or two articles and reporting newspapers were

38Even though each newspaper article can be purchased, in this study, we solely rely on the information given by
the headline and first paragraph. This is done because we believe that this already captures most of the relevant
information about each protest. Moreover, we believe that headline and the first paragraph of articles are the most
salient and therefore the most impactful to readers.
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usually from a neighbouring state. Therefore, apart from the first protest (Berlin
2005), we do not see any meaningful anticipation represented in newspapers in our
data.

The tables also display which newspapers reported on each protest on the day
of the protest and on the three days following the event. Generally, there is some
variation in the reporting and, therefore the salience of events. While there has been
a lot of coverage, e.g., for the protests in Berlin (2005), Chemnitz (2018a, 2018b),
and Dresden (2019), some protests (e.g., Jinkendorf 2010, 2011) received relatively
little attention. We use that to construct a simple indicator of coverage, which we
call "Salience" and a dummy variable indicating whether a protest received a high
or low level of reporting. We use this variable in our main study to show that those
protests receiving a lot of reporting were driving our results.

Lastly, the data in Table B1 also displays that it usually takes some time
for newspapers to report on the protests or demonstrations. Most of the protests
only receive limited attention on the day of the protests, reflecting that physical
newspapers are written the day before the publication. However, many newspapers
only started reporting two days after the protest took place, which is the case for
all protests between 2006 and 2015, indicating some lag. Interestingly, this is also
displayed in our results on worries about hostility towards foreigners, as they only

appear to increase around two days after protests have taken place.

48



“Sunjozsyop 18izdoy
‘Bunjiey, OPSISORG TeTds

-puny wzyisne :(3oLSIp “Sunyy,
Jo opisur) [edory/reuots SUPSISTORS :(3OLIISIP JO opisur)
oy :(301s1p Jo +(3011981p JO OpIS “Sungioy, apsisiprg ‘Sunyzsyop wHzd] Neps  [eoor]/euoidoy — :(JOLISIP “Sungg o
9pIsINo) [edo/[euois  -ur) [ed07/[euorSey — :(JOLIISIP JO OPIS  -puny Lzysne :(POLPSIP JO IPISUr) [e00]/[euoiSoy — 9pISINO)  [eD0T/[RUOIS  -SISORS ey, dI0Jog "SUNAZ SPSISIIRS I0Jog aels
mop o1d pdu,  -oy —  :euoljeN -Jno) [ed0T/TeuoISoY ‘(IJV( ‘[RUOIIRN  :(3OLIISIP JO OpPISINO) [ed0T/[eUolSey] "IV [BUCIIRN -9¥  ddVd ;qeuoryeN  sAe(q omJ, ‘Sunjny oPssYORS oI0jog Ae( ouQ UM A[uo 0012 JopuayuRl 1172010
— :(yo11351p
3o opisuy) [ed07]/[euots — (101
%&_ Jopw  -ey  — :(M0SIp Jo — :(3o1181p -SIp Jo opisul) [edo7/[euotd
-quel, f,sejessoxd  opisino) [edor/[euotS  jo opisur) [edor]/[euoiSoy — :(OLIYSIP — :(7o11981p Jo opisur) [edorp/[euoiSey — -0y — :(JOLISIP JO OPISINO) ‘ze) iyey, 210y 9YR)S UMM
0] pdu, :sopsserd, -y . {[eUOIEN  JO OPISINO) [e00/[euciSey — :[euoryeN  :(IOLIISIP JO OpISINO) [ed07/[euoiSey qeuorjeN  [e007/[euolSey — :[eUOljRN]  -og ‘MEUPSpUNY Idz)isner] ‘ze) :aaoyog Ae( dSuQ Apsowr 0002 Jopusuer  01°80°L0
Sunjyezsopuer| “Sunyzsopuer] arpsISuLIm ],
ayosISuLmy T, ‘Sunjroy  ‘Sunyey WSULMYYISO PUPWOS|[Y FuLm],
wunmyysQ  :(PLSIp :(PLSIp Jo  apisur)  [eoor]/[euoiSey “OUILBULS[[Y IoSurm ],
JO OpISUI) [B007]/[eUOIS SNy SSISIORS ‘SUNIIY UL ‘PUNAI B A 108z ‘Sunyozsopuer] SYoSISULNTY L,
-og SUNPZSYO0A  -SY[OA IOYDSHOLLL, ‘0SSOI OUON IO URL] “Sunyy wSUIMRSO (30103 m:E:w TSuLmySO) 3y, dd0jog Sunyzsopuer]
wSzd]  :(301ysIp Jo  ‘Sunjrozsyjop wSzdo Meypspuny  03any -SIp jo opsur) [eoor/[euors gL, ‘Sunyy wSuLMYNS( o100g ske
OPISIN0) | [¥20T/[FUOIS St 3(JOLISIP JO OPISYIO) [E007 /(0L - 1(3911981p Jo opIsuI) [eo0r] /[euoiBoy -0} - :(JOLUSIP JO OPISING) Sunyozsyop 08zdio] ‘FumypzsopUET o 01BIS UM
s -oyg —  ieuoljeN -9y Sunjoy oyosineppng ‘zey :[euorjeN  :(I91IISIp JO 9pIsino) [ecor/[euorSey — :[euorjeN  [edo/[euoiSey — :[euoijeN  -siSunmy], ‘Sunjey sSuumnyyis( :e1ojeg Leq suQ Apsour 0068 eIID) 60°L0°TT
“Sunyrezs
‘Sunjrey, oA 1Szder] ‘Sunyoy oYsISORG ‘Neydspuny Sunjrezsyop tSizdroy
SUPISYPRS  :(01AISIP Jo  Tazyisner :(3DLIISIP JO apisul) [ed07]/[euotd ‘Bunyoy APISIPRS  :(39LIYSIP “Bunyrozs
opisul) [edor]/[euoiS -0y )sodusSiofy ISmqUIRE ‘9ssald AMON Jo opisur) [edorq/[euoiSey  -NoA WSzdWT ‘Sunjy oydsISYIRS pey ], a1ojog
oy :(JOYSIP JO mmpuRL] ‘Bunjy SRSIapEIN ‘Sungoy Sunypy, oSuMIsO (I3 -Bungrozsyop w8zdp] ‘Sunjey osisprg 010§
OpISINO) [007]/[RUOIS  JoUIEDE ‘NRPSPUNY IOYMPURL] (JOLISIP JO +(301981p Jo opisur) (8207 /[euoiBoy ‘pRordssofu],  -SIP JO OPISINO) [@I0T/[BUCIS  -og SAR( OMT, NEYPSPUNY JoZyISHer] FunozSY[0A ayers
RCt Jsopossord, -0y~ i[eUOljeN  OpISINO) [e007]/[euoiSoy Ze) [eUoeN  :(IOLIISIP JO OPISHO) [BO0T/[eUoiSoy  {euonEeN -0y owu( pHodg :euoneN  wSrd ‘Sunjpg opsspes odojog Ae( oUQ WM A[uo 0009 wpsorq  90°80°G0
Funjroy, UG IS0 YS!
‘unyozsyop wSzd] ‘zg
“s0duoBI0]y WUIIag ‘Wuny] WUy ‘Sunjoy,
Jour[tog] ‘[aSardsseSe], :(99119SIp Jo opIsul) [edor/[euois
-oy Sunjoy, wSuLmyIsO M Y[-SNUNERT -UIRI ‘1ol y| Jozyisner| .wuncwm mzmn_ u-_o,m ‘stodedsmou E:o_wﬁ
IOUAPR(SAT A “I0BIOZUY-[RIOUAY) IDULOE ‘BUNYIOY, 10)1e81MIG IO[BWS IDJ0 § + USNPLIDEN IFIOQUINN 10§
‘ourowdS[y wwSuum ], ‘Sunjey wypniqrers ‘Sunjoy oy -og sAe( @04y, ")IR[qPUEQY ISmquief] ‘puey
-STpeg ‘BUNYOZ-URIY ‘USNPLIPEN IOUSDRY )SOJ-Urejy -(DSIND(] SOUILY, [RIDURUL] ‘IOLINY] IDUIIAg ‘Funjiozs
TONPLIPRN 1931e8)M)g ‘Merpspuny zjsne] ‘Sunijoy oA 1081zd1T ‘SUITUO SYDOANSIRIDSII AN TRTDSPUNY
IOYONIQIRRS MRIPSPUNY] JOYNPURL] ‘PUNDISHO IDTISIID Tozytsne] “soduaSIoly Iourpog ‘zey ‘ouruo pSordg
I, ‘ISIZIY TOTRYILD) ISZIY JpRqINeT ‘WSRZIy ‘pSordssaSe], oA :od0jog sAe( omT, ‘stoded
~swory] ‘Sunjroy, wSqUIMY ‘WSZIY WSUIS() ‘MedSpunY -SMOU [RUOISI W0 ¢ + Sunjozsyop wSzdo|
oduog oy ‘Meqeser, “oumy] sourog ‘ysoduoSioy  ‘woumypng  ‘Sun Soumy]  Iourog
PO, — :(JolgSIP  -I0]\ IoUOg ‘IOLMY ourog ‘(ofordssoSe],  -Io[y IoSInquier] ‘uof o ‘pSordssose], :(301a3SIp Jourely CroSozmeiperg  tomey  ‘jsodueSioly
wep  ju m::fn_ Jo opisur) [edo]/[euolS  :(POLIYSIP JO opisul) [edor]/[euciSey  -Se, Ioupeqselpy ‘usssoyudY-zure]y Sunjy sunwes opisur) [eoory/[euor8  moulIeg ‘Sunjy, LUIIL ‘USPPLIPRY 1031e81n1S
—  o9n[ss -oyg ‘Sunjazsyjop  Sunjy  Iopniqieeg  ‘IOUnM-snunel-urely  -[[y ‘Sunjey I0SULopy ‘Sunjy Iaure)spp — :(9o1a3s1p Jo  ‘Sunjiey eSequiny ‘Sunjpy, wusypry ‘Suniey oy
aayer 09 181zdior]  :(JOLIISIP JO  IOLINY  IOUGPR(SIIA\  ‘OUISI[BJISOA\  OMAN  9j0g-IRY ‘LMpLS ‘11e[qpuaqy teSmquier] Co:am.v apisjno) [eoor]/[euoi8ey  -SIpeE] ‘J[OA\ ‘UIUO AYDOASHRYISIIA ‘[PSordsseFe],
ysogoxd opIsIno) [edor]/[euotS  :(JPLYSIP JO OPISINO) [edor]/[euociSoy  JO 9PISIN0) [eD07/[eUoISoY I[P\ ‘SUNIZ APSINOP  OUUO  JIR[(SPPURY  OUUO  ‘SUNIDZ SUISINOPPNS ‘Ze) ‘NRYISPUNY Io)IURL]
s £, ueq owdp pdu,  -oy . [euorjeN  "SUNJPYZ SUDSINOPPUS ‘IPAN 7B} [RUOIjRN]  -PNG ‘PUR[UDSINO(] SOWIL], [BIOURUL] ‘Z8) ‘ZV, ([CUOIJEN]  OPDOMSIJRYDSIIA  [BUOIjEN  ‘MR[qPUAqY IoSinquief]  :odojog Ae(  auQ sS4 00€g g G0°C0'80
souones SULT, awog Toye ske(] g so0anog Toyye ske(] g so0anog 150301 2033¢ Av(] [ S90IM0g 150301 JO Ae(] S00an0g So0an0g _ruopedpHUY wonedpyuy  uonwoo]  syuedpndeg  oje(

SISATeUyY ®IPIN ‘Td 9qRTL,

49



‘stodedsmatt [eUoNR Um0 (PR U paysmBUnSIp are sodedsmou jo sadA) ooy
jo1d oty 03 dn Surpea] skep oy ur

Surmol[oj o], ¥

2301d o w0 Sunaodar Awe wvaq ser

(qorap] “s}s9901d T0yje SABP 90I} PUR ‘Toyye sKep omj ‘e3ge Awp oo Bunioder Lep oures
Juorednnuy, uumoy) -op-soras £q wyep U0 p

2107} IOYIOTM SIqLIDSAP |,

1opI0 Sumo[oj o ur 3sa30ad e w0 payioden fery siadedsmeu oy [ 3
q st sisApeue siq, -s3sojoad ony w0 pagrodax sradedsmou (I pue Auvunes) ur siodedsmot pojurid ur paraaod sea s3sojoxd pouruIEXd oYy JO

150301d D} WO OUAI[ES 10 0FLIA0D MO[ 10 YBIT] WO SLT IO} IOJOYM OZLIPUIINS
PU029S pure SUTIN{0D Sn01AGId BT} UT RIEP AT} IT[ILS 0] POSN 0o JI[) SULIY) TDILDS O ISI[ ISIY SUTIM[OD 0M) JSe] S, “OPISINO SeaTR dAIOS OS[e Aetr Jnq soe[d 300} 159301d B IV JOLISIP O dAT0S Yred ur Jsea] Je Jery) stodedsmou [e20] 10 TeuorFax ‘aoe[d 3001 150101d 1Y) SIGYM JDLISIP AT} JO SPISINO K[ SLoTR GAIOS JeTf) stodedsaon (€20 10 [euorSor

[ Ut} MO[[0f yeTyy SuUm[od oy o], “Aep £q s3spjoad o ga0dox prp yeyy swodedsmou oYy SISI UL UWN[OD

o puogxo Jeya 03 spaodod o[qey SI, 20N

s0j01d

foup one,

By one

— :(3o1msIp
Jo opisur) [edoT/[euorSoy — (PSP
JO OPISINO) (€207 /[EUOISOY — {[CUOFEN]

— :(3o1msIp
:(1usip

o opisu) 2007 /[euoiBoy

“SunyIoy, OYPSISYORS BUNYOY, OWOWIS([Y
IOUPAQ(] ‘SUNIBZSY[OA IOPURLINS( ‘Sunjoy
oupWAS[y 1021RYds() ‘Sunjezsyjop 1dizde
“UDNOLIYDRN] 9)SONN] IOUPSAI(] ‘DS dMOL]
‘ysodua8iofy tupser(] ‘ysodusBiopy 10zju
-weT) :(3O1IISIP Jo opisul) [edor/[euots
-2 ‘stodedsmott  [eu0I801/TRO0]  Io[[RUIS
10710 ()7 + UNPLIORN 9)SONON IOUWIDLION
“Bunyoy-swy ‘Bunjoy, SYESIpR UNPLIPEN
D)SONON OYOSINOPPION ‘BUNIOZSY[OA IOULID
-Mpg ‘10z)uSg o :(I9LIISIP Jo opIs
-10) (8207 /[EUOIBOY “POUZY [EUOITEN]

“ToNpLIEN 91SaNON
(3o11351p 3O
FOLSIP JO

wopsor(] ‘Bungioy, SuosISIOR
opisur) [eoor]/[euoi8oy

-

—i(3orsIp
Jo opisur) [edoT/[euoiSoy :(3o11981p
JO OPISINO) [€207 /[EUCISOY — [EUOIEN]

“)s0duaBIoy WUpsoI(]
CUOMOLIYORN 9)1SONON UOPSOX(] ‘Meyospunyy
Tozysne] ‘Sunjazsyjop 1Sizdy ‘Sunjey
QUDWAS([Y 1OUPQ(] ‘SUNIOZS[OA Iopug[Ia)
-sQ ‘Sunjoy supWLI(y Wzyeps ‘Sunjyz
QUDSISRS ‘Ossal ] ool :(JOLYSIP JO dpisur)
[eoor/feuoi8oy  swodedsmou [euoiSa1/[eo
-0 I[[RWs 0Y0 09 + IHIYPUg ‘Funywy
IDUIIDY 9SO SUPSIUPIY ‘Sunyioy, oypsinop
gsop\ “oSordssoSe], ‘Sunypy SURSIOPPININ
‘Sunyoy OSBRI :(IO1IISIP JO OpISINO)

08801 ] 101 :(3OLIISIP JO OPISTL)
[e20/Teuor3ey — :(32LISIP JO opIsNO)
[e007 /[euoi8oy  owuO o)\ [eUOIIEN

*350dupSI0 TOUPSI(] :(3O1AISIP JO opIsuI)
[e20/Teuor3ey — :(32LIISIP JO opIsINO)

UDNILIIRN
Q)SONON IOUPSII(] ‘OUIUO IOAN
iyey], arojog ze) ‘Sunjrozs

S{[0A TPUR[IR)SQO ‘Sunjey, durpuL
-a8[[y IouPQQ( ‘Sunjey sutaur
-8y WzyepsQ  “gsodusdioy
IOUPSAI(] ‘MEYDSpUNy Iozjsner|
‘Bunyozsyjop Szdo ‘Sunypy
SRS “TONPLIYDRN 93SoNoN
IoUpsoI(] ‘0SS0l OWL] ‘OUIUO
1A\ eIojog sAe( ooayJ,
“Sunyay, SYPSISIPRG ‘UANPLIYIRN
918NN 1DUPSII(] ‘BUNYPZSH[OA
Iopugpe)sQ)  ‘Sunjy  ououred
SV teupqeq  ‘Sunyey outaur
-8y m0zjeIPsQ  ‘merpspunyy
Tozysner] ‘Sunjrozsy[op 1edizdio|
“gsoduoBIoly Ioupsor]  :odoj
-og sfe OML UORPLIIEN
9)son0N ToupsoI(] ‘ze) ‘Sunjy,

ELe

ou 002 [0S Pee/ony 61218

QJRIS UIHIM

sy Jepisod,  Jo apIsino) [eoor/[euociSey — :[eUOIjeN] OpIsINO) [edor/[euoiSey — :euorjeN [edor]/[euoi8ey -ouluo [pfordg Teoor]/TeuorSey -ouruo [pSo1dg [eUOIjeN  OYPSISORS :adojog Ae( 2uQ Apysoux 0008 OPSIIT  6T0T°0T
“Sunjrozsyo) 108zdo
-10]\ Tozytutat))) )sodusSIoy oupsa(] ‘nerps
-puny 1ezjsner] ‘Sunirey ayosisprg ‘Sunjey,
QUIDWAS[[ IDU[qQ(] ‘USNILIIRN 9)SINDN] 19T
~psoa(] ‘SuM)I7 SURWLS[[Y WZYeDsO) ‘Funyrozs “ossoid
[0A TPUR[INSQ ‘9sSIJ OL] (ISP oI :(IOLIYSIP Jo Ipisul) [edo7]/[euotd
Jo opisur) [evor/[euoiBoy swodedsmou -0y -stodedsmou [RuOIFel/[20] Jo[[RUIS 10
[euoI8e1/[eoo0] Top[ews Y0 09 + ssoxdxy P + Sunyy oyosipeq ‘Sunjwy ourwoS[y
Uy uRg  SUNIPYZ DU OMNY  SIMGSIOA UONPUIRN IqNY UNILIDEN
-PUS ‘WR[G-UO[RJISOA\ TONPIUIPRY 9JSON0N  9ISONON I0WRPSIOJ ‘TOYOLDRN J0SIDqUINN
IoWepsiog ‘180 AUPSIUYY ‘7 ‘Bunjroy OYDSINOPISOA IO IOUWDUN
noxd zjr onaN 0jmpuey] ‘Sunjoy wSPqUINN ‘eyds  ‘nerpspuny] wpmpuel ‘pSordsseSey, (30113
-waT,, ¢, 0Wp ZyTu -9ss91 o1 :(1OLIYSIP — i(poLysIp  -puny Llmpuel ‘)sodusSiofy WSIMqu) -SIP JO 9pIsINo) [ed0r/[euoiSey ouruo
SwRYD, ¢, ZNUWAD  JO 9pIsul) [edor]/[euoiSey —— :(JM3SIP  JoO opisul) [edor]/[euorSey —— :(101MISIP  :(IPLYSIP JO OpIsINO) [edor/[euoiSey 1107 ‘DuI[uo [pFo1dg ‘Oul[uo JyR[qS[EPURE] ‘Ul aye)s
LEit any JOYIDYDIS,  JO SPISINO0) [Bd0] /[eUoiSey * :[RUOIJeN  JO 9pISINO) [ed07/[RUOISOY  :[RUOIEN ZVd ‘SUNIDZ  oUISINOppUS  [RUOIJEN  -U() J[PA\ ‘OPOUISINOPPUS ‘PUWZY ([RUOIJRN  9ssal] J01f :odojog Ae( ouQ  uIpm  A[uo 0052 Zyuuey)  |TTT9T
“funyreg, owpWRSY BUpPQ( ‘Sunjeyg TTDNPIIPRN 9)SONAN IUPSII(] ‘Sunjtoy, ourot
PULSY  WZRPSO 1ZSY[0A I0puR[ 05501 P10 “TONPHIDEN 2)SONON 30U -0[[y OUPqQ( Bungioz, SURULSY Wz)er
10350 ‘SunyrezsyoA 1Srzd ‘ToNpLpRN  -psor(] ‘Sumipy SURWES[[Y PUpPqe( SRy SO ‘SUNJZSY0A IOPUREIS) ‘Sunjezsyo SRy, AULWRS(Y WP ‘SumPy
93SONON JOUPSOI(] ‘08801 OIOA] BUNYIOZ SISIS  SUPWOS[[Y WDZJRYRS() ‘BUNJOZSY0A PUPI0)  1051zdio] ‘Sunyoy OYoSIS|oRS ‘0ssol] dIL] WOS[[Y 1023eTS() ‘BUNIZSY[0A IOPUR[I
e :(3O1SIP Jo opIsur) [edo]/[euoiSey 5O ‘Sunywzsyjop wSizdp “sodussioly wzym  “ysodusBioly zyuuoy) “sodusSiopy wup -5 ‘ysodusSiopy tozsruway)) ‘jsodusSIopy 1ou
‘stodedsmou [euoior/[eo0] (1ofuws) 1m0 -woy) :(3OLISIP JO OpISUI) [B007/[RUOI8  -So1(] :(JOLIISIP JO OPISUI) [BOOT/[RUOIS  -psoi(] 0SS01d AL ‘UONILIIEN 9ISINON 10U
09 punore DpUpNS  ‘pe[g-uoesopy  -oy  stodedsmou [euorSor/[eoop (mfrews) -oy  stodedsmou [euorSei/[eoo] (m[ews) -psax(] :(391I3SIp jo apisul) [edor/Teuord
‘Gunyrey, 109re8ynyg  ‘ysodusBIoly IoulIdg  IOYI0 (G PUNOIR | JIR[E-US[RIISOA MDY IYj0 (G punore | ‘[pJerdsseSe], o1d  -oy ‘sodedsmou [euoIFol/[RI0] Id[[RUIS II0
‘)RIqPUAQY  10SIMqURE]  ‘)S04  QUISIWPYY  WWPUR[Y  RUNNPNS  ‘Sunjey  opsimep  -Xi “9sod dUDSImONY MEPSpuny LLnmpuel]  ¢G + UIPUUPRN [01ERS)INGS INNW U
Bun)rezsopue ] SUDSIBULIN ], ‘MeYDSPUNY 1040]  -)s9p\ “IS0dUsSIOfN IOSMUILH ‘USNPUIUDRN  ‘OUOWOS[[Y OUISDIR[ I IOYDUNY  -YOUN[y ‘1SOJ OUDSIURYY MEBYISPUNY aydsiu
-queyq ‘(PSardsseSe], ‘Sunjey oypsinepisep|  103aeSHINIG ‘meyospuny mejmpuely ‘pSerds  ‘Sunjey oypsinapisap ‘Sunirey audsmapRIIy -10Y ‘[oSerdsse8e], ‘1oSzuy-[RIoULY) JoUUOE
4189901d 7w :(JOLYSIP  JO  OPISINO)  [eD07/[euolrS  -5Fe], ‘IS0 AUPSIIIONY :(JOLIISIP JO OPISINO0)  ‘BuUnIy WLSULNYISQ :(IOLIISIP JO OPISINO)  ‘Funjoy APSIMaPEIIN  :(ILSIP Jo apIs
WO, {OULD ZU oy WOYMD 7w} ‘BUNYOZ SUDSIOPPUS  [2007/[RUOIBOY W00 Mp ‘Ze} GOWZY] DUl  [e907/[euoiBoy e} WooMp PUZY] DUl  -jno) [ed0r/[euoiSoy OUUO J7 ‘Ou  -opoupsjueppns ‘euzye oumuo
AmeTp, ¢, 7MW ‘OUIU0 RqSPPUR] AUIUO 07 “PWZY -0 [erdg ‘ouruo g7 ‘ouruo j3e[qSPPURH U0 pSrdg OUIuo j1o7 OUIUO 1JR[ISPPURH U0 JIRSPPURI] DUIUQ [PSo1dS ‘ZVA OU  1IY[qSPPURE ‘OUITO oA ‘our] uL193-1107s
sy ay YU, ‘ouruo [Sordg  ‘ouruo jop  f[EUOIYEN  OUIUQ JPM ‘SUNjg SpSINOppUG [RUOIIRN  OUIUQ) joM ‘SUnjioy opsinopplg [euoreN 10 M ‘Sunjwg ousinoppng euonyeN  -to psadg :oiojog Aeq ouQ  A10a jnq ‘sof 0009 Zwoy)  8T'80°L2
ooualeg SULID T, DIBIG ao5e sde(] ¢ se0Imog e she(] g se0Inog 1509014 19338 AR(] | S92IN0G 1503014 Jo Av( $90an0g nanog uojedpiuy uoppedpyuy Juedporre U0IRIO] ore(]

(ryu00) stsATeuy eIpeIN :1g °Iqel,

50



Diskussionsbeitrige - Fachbereich Wirtschaftswissenschaft - Freie Universitit Berlin
Discussion Paper - School of Business & Economics - Freie Universitit Berlin

2024 erschienen:

2024/1 Krecik, Markus: Preference Dynamics: A Procedurally Rational Model of Time
and Effort Allocation
Economics

2024/2 Krecik, Markus: A Needs-based Framework for Approximating Decisions and
Well-being

Economics



	Titelblatt_engl_2024_3
	Teresa Freitas Monteiro
	Christopher Prömel
	School of Business & Economics
	Discussion Paper
	Economics

	Perceived_Xenophobia_Freitas_Proemel_WP_version
	Introduction
	Theoretical Considerations
	Data
	Demonstrations Data and Selection
	Individual and Household Data

	Empirical Strategy and Identification
	Regression Discontinuity Design (RDD)
	Validity of the Regression Discontinuity Design

	Results
	Main Results
	Robustness Checks
	Newspaper Coverage
	Heterogeneity Analysis

	Changes in Political Preferences and Pro-Social Behaviour towards Migrants
	Conclusion
	Additional Tables and Figures
	Media Analysis

	Liste2024
	Diskussionsbeiträge - Fachbereich Wirtschaftswissenschaft - Freie Universität Berlin


