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:  Random Forest: Sechs Random Forests mit den höchsten F1-

Scores basierend auf Parametern aus Tabelle 12 (trainiert mit  

den Verhaltensdaten, exkl. Variable Erste Mahnung nach 

Belieferungsbeginn in Tagen)  
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Python 3.9.7

 



R

4.1.2 pscl

1.5.5 lmtest 0.9-31

seed random_state

pandas15,16 1.3.4 

GeoPandas17 0.9.0 

Shapely18 1.7.1 

NumPy19 1.21.2 

matplotlib20 3.5.0 

seaborn21 0.11.2 

scikit-

learn22 

1.0.1 

xgboost23 1.5.1 Entwicklung XGBoost-Modelle 
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RangeIndex: 155926 entries, 0 to 155925 Data columns (total 31 columns): 

# Column Non-Null Count Dtype 

--- ------ -------------- ----- 

0 section 155926 non-null object 

1 salutation 155882 non-null object 

2 age 155917 non-null float64 

3 email 155926 non-null object 

4 hasphonenumber 155926 non-null bool 

5 deliverypostalcode 155926 non-null object 

6 ownerpostalcode 155926 non-null object 

7 ispostalanddeliveryaddressindentical 155926 non-null bool 

8 bic 154290 non-null object 

9 paymentmethod 155926 non-null object 

10 distributionpartner 155914 non-null object 

11 hasoldsupplier 155926 non-null bool 

12 invoiceinterval 155926 non-null object 

13 bonusvalue 155755 non-null float64 

14 consumptionprognosis 155926 non-null float64 

15 energycostkwh 155921 non-null float64 

16 basepricemonthly 155921 non-null float64 

17 conclusionweekday 155926 non-null object 

18 first_dunning_in_days_after_supplybegin 9872 non-null float64 



19 highestdebtstatus 9911 non-null float64 

20 supplyinterval_in_days 155926 non-null float64 

21 is_active 155926 non-null bool 

22 callcount 29912 non-null float64 

23 emailcount 34722 non-null float64 

24 bankaccountcount 155718 non-null float64 

25 meterreadingcount 155926 non-null int64 

26 payplanreducedcount 4509 non-null float64 

27 payplanincreasedcount 5044 non-null float64  

28 separeversedcount 155926 non-null int64 

29 cancellationreceivedaftersupplybeginindays 56788 non-null float64 

30 manualsepacount 155926 non-null int64 







  

  



  

  



 



  

  



 



 

 











 



 

 

 

 

 

 

 

 



 

 



 



 

 



 

 

 

 

 

 



 

 

 

 

 

 

 

 

 



Vorname@Nachname.de

custom.overwrite.de 

COBADE 

UEBERWEISER PAYPAL 

SEPA PAYPAL
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SONSTIGES 

Interne Plattform

Affiliate

string

 

 

 

 

 

 

 

 

 



Sparte_Strom 

Sparte_Gas 

isAnuallyBilled 

False 

ageOver110 

True 

 



Zahlungsaus-

fall Kein Zahlungsausfall binary-

debtstatus 

True

 

 

 

 



factor

 



 

 

binarydebtstatus 

glm 

logistf 



𝛼 =  0, 1 % 

α 𝛼 =  5 %



 

Call: 

glm(formula = binarydebtstatus ~ ., family = binomial(link = "logit"), 

data = offerdata_woplz_train) 
 

Deviance Residuals: 

Min 1Q Median 3Q Max 

-4.0859 -0.3374 -0.2360 -0.1636 3.6835 
  
Coefficients: 

  Estimate Std. Error z value Pr(>|z|) 

(Intercept) -1.559e+01 8.284e+02 -0.019 0.984988  

sectionGas -5.153e-02 2.851e-01 -0.181 0.856557 

salutationFrau 1.301e+01 8.284e+02 0.016 0.987471 

salutationHerr 1.276e+01 8.284e+02 0.015 0.987713 

age -1.951e-02 1.035e-03 -18.854 < 2e-16 *** 

[...] 

emaildomainewetel.net -2.029e+00 1.026e+00 -1.977 0.048028 * 

[...] 

emaildomainschutzmail.de -1.732e+00 8.638e-01 -2.005 0.045015 * 

[...] 

hasphonenumberTRUE 2.139e-01 4.609e-02 4.642 3.45e-06 *** 

ispostalanddeliveryaddressindenticalTRUE6.739e-01 1.018e-01 6.619 3.61e-11 *** 

bicAUDFDE -1.307e+01 3.565e+02 -0.037 0.970764 

bicAUGBDE 1.508e+00 5.040e-01 2.992 0.002772 ** 

[...] 

bicBELADE 1.357e+00 2.589e-01 5.240 1.61e-07 *** 

bicBEVODE 1.609e+00 2.927e-01 5.497 3.87e-08 *** 

bicBILADE -4.000e-01 1.064e+00 -0.376 0.706824 

bicBRLADE 9.722e-01 2.855e-01 3.405 0.000661 *** 

[...] 

bicCHEKDE 1.421e+00 5.504e-01 2.582 0.009821 ** 

bicCMCIDE 8.173e-01 2.670e-01 3.061 0.002204 ** 

[...] 

bicDEUTDE 8.219e-01 2.533e-01 3.245 0.001175 ** 

bicDGPBDE 5.594e-01 4.122e-01 1.357 0.174741 

bicDORTDE 9.661e-01 3.124e-01 3.093 0.001982 ** 

bicDRESDE 8.448e-01 2.736e-01 3.088 0.002017 ** 

bicDUISDE 1.667e+00 2.781e-01 5.993 2.06e-09 *** 

[...] 

bicFDDODE 2.970e+00 3.031e-01 9.800< 2e-16*** 

[...] 

bicHELADE 7.868e-01 2.568e-01 3.064 0.002186 ** 

bicHYVEDE 2.292e-01 3.120e-01 0.735 0.462516 

bicINGDDE -7.757e-01 2.609e-01 -2.973 0.002951 ** 

[...] 

bicNASSDE 1.017e+00 3.795e-01 2.680 0.007358 ** 

bicNBAGDE 3.773e-01 5.940e-01 0.635 0.525382 

bicNOLADE 1.115e+00 2.504e-01 4.453 8.48e-06 *** 

bicNORSDE 1.769e+00 2.659e-01 6.651 2.92e-11 *** 

bicNTSBDE 1.575e+00 2.667e-01 5.907 3.48e-09 *** 

[...] 

bicPAGMDE 3.423e+00 4.217e-01 8.119 4.72e-16 *** 



bicPAYPAL 1.083e+00 2.569e-01 4.215 2.49e-05 *** 

bicPBNKDE 1.233e+00 2.480e-01 4.970 6.71e-07 *** 

bicPZHSDE 1.085e+00 3.713e-01 2.922 0.003479 ** 

bicSABADE 1.218e+00 6.986e-01 1.743 0.081247 . 

bicSAKSDE 1.251e+00 4.034e-01 3.102 0.001925 ** 

[...] 

bicSLZODE 8.944e-01 3.074e-01 2.910 0.003618 ** 

bicSOBKDE 2.922e+00 3.850e-01 7.591 3.18e-14 *** 

bicSOLADE 4.966e-01 2.665e-01 1.864 0.062351 . 

bicSOLSDE 1.463e+00 4.032e-01 3.628 0.000286 *** 

bicSONSTIGES 2.018e+00 3.311e-01 6.093 1.11e-09 *** 

bicSPBIDE 1.360e+00 3.641e-01 3.734 0.000188 *** 

bicSPESDE 7.996e-01 2.673e-01 2.991 0.002777 ** 

bicSPKHDE 6.086e-01 3.291e-01 1.849 0.064414 . 

bicSPKRDE 1.114e+00 3.140e-01 3.546 0.000391 *** 

bicSPMHDE 1.002e+00 3.313e-01 3.025 0.002487 ** 

[...] 

bicUEBERWEISER 1.380e+00 5.162e-01 2.674 0.007491 ** 

bicULMVDE 1.447e+00 5.426e-01 2.667 0.007658 ** 

bicVBMHDE 1.432e+00 3.640e-01 3.933 8.39e-05 *** 

[...] 

bicWBAGDE 1.075e+00 5.081e-01 2.116 0.034378 * 

bicWELADE 8.176e-01 2.476e-01 3.302 0.000961 *** 

bicWIBADE -3.331e-01 1.056e+00 -0.315 0.752442 

bicWIREDE 2.944e+00 6.364e-01 4.626 3.72e-06 *** 

bicWLAHDE 1.302e+00 3.534e-01 3.685 0.000229 *** 

bicWUPSDE 5.964e-01 3.591e-01 1.661 0.096756 . 

distributionpartnerCheck24 -1.080e+00 8.927e-02 -12.098 < 2e-16 *** 

distributionpartnerInterne Plattform4.099e-01 8.397e-02 4.881 1.05e-06 *** 

distributionpartnerVerivox -8.458e-01 9.269e-02 -9.126 < 2e-16 *** 

hasoldsupplierTRUE -5.226e-02 3.895e-02 -1.342 0.179669 

isanuallybilledTRUE -1.154e+00 7.110e-02 -16.233 < 2e-16 *** 

bonusvalue -1.689e-03 2.212e-04 -7.637 2.22e-14 *** 

consumptionprognosis 7.375e-05 8.013e-06 9.204 < 2e-16 *** 

energycostkwh 3.705e+00 1.397e+00 2.652 0.008007 ** 

basepricemonthly 5.058e-02 8.597e-03 5.883 4.02e-09 *** 

conclusionweekday2 5.079e-01 5.321e-02 9.546 < 2e-16 *** 

conclusionweekday3 5.538e-01 5.310e-02 10.429 < 2e-16 *** 

conclusionweekday4 5.319e-01 5.362e-02 9.921 < 2e-16 *** 

conclusionweekday5 5.158e-01 5.427e-02 9.503 < 2e-16 *** 

conclusionweekday6 4.302e-01 5.688e-02 7.563 3.95e-14 *** 

conclusionweekday7 1.880e-01 6.554e-02 2.868 0.004133 ** 

ageover110TRUE 2.295e+00 3.841e-01 5.975 2.31e-09 *** 

--- 

Signif. codes: 0 ’***’ 0.001 ’**’ 0.01 ’*’ 0.05 ’.’ 0.1 ’ ’ 1 

 

(Dispersion parameter for binomial family taken to be 1) 
 

Null deviance: 51422 on 109116 degrees of freedom 

Residual deviance:41486 on 108870 degrees of freedom 

AIC: 41980 
 

Number of Fisher Scoring iterations: 15 
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Call: 

glm(formula = binarydebtstatus ~ ., family = binomial(link = "logit"), 

data = usagedata_train[, -match(c("first_dunning_in_days_after_supplybegin", 

"ternarydebtstatus"), names(usagedata_train))]) 

Deviance Residuals: 

Min 1Q Median 3Q Max 

-7.5619 -0.1505 -0.1415 -0.1355 3.3983 
  
Coefficients: 

  Estimate Std.Error z value Pr(>|z|) 

(Intercept) -3.8058098 0.0948593 -40.121 < 2e-16 *** 

supplyinterval_in_days -0.0004750 0.0002342 -2.028 0.042549 * 

is_activeTRUE -1.2603410 0.0737087 -17.099 < 2e-16 *** 

callcount 0.0587856 0.0159663 3.682 0.000232 *** 

emailcount 0.1446991 0.0135374 10.689 < 2e-16 *** 

bankaccountcount 0.5531916 0.0572146 9.669 < 2e-16 *** 

meterreadingcount -0.0331447 0.0170454 -1.944 0.051836 . 

payplanreducedcount 0.0438864 0.0741772 0.592 0.554090 

payplanincreasedcount -0.0683485 0.0982413 -0.696 0.486604 

separeversedcount 1.5163697 0.0237614 63.817 < 2e-16 *** 

cancellationreceivedaftersupplybeginindays -0.0039837 0.0003034 -13.130 < 2e-16 ***  

manualsepacount 1.3072283 0.0447814 29.191 < 2e-16 ***  

--- 

Signif. codes: 0 ’***’ 0.001 ’**’ 0.01 ’*’ 0.05 ’.’ 0.1 ’ ’ 1 

(Dispersion parameter for binomial family taken to be 1) 

Null deviance: 51422 on 109116 degrees of freedom 

Residual deviance: 17423 on 109105 degrees of freedom 

AIC: 17447 

Number of Fisher Scoring iterations: 7 

𝛼 =  0,1 %
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Sensitivität =  
𝑅𝑃

𝑅𝑃 + 𝐹𝑁

PPV =  
𝑅𝑃

𝑅𝑃 + 𝐹𝑁
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1
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𝑦𝑡𝑟𝑢ⅇ 𝑦𝑝𝑟ⅇ𝑑 

𝑦𝑡𝑟𝑢ⅇ 𝑦𝑝𝑟ⅇ𝑑

𝑀𝐶𝐶 =
Cov(𝑦𝑡𝑟𝑢ⅇ,𝑦𝑡𝑟𝑢ⅇ,)

𝜎𝑡𝑟𝑢ⅇ ⋅ 𝜎𝑝𝑟ⅇ𝑑

=
𝑅𝑁 𝑅𝑁 − 𝐹𝑃 𝐹𝑁

√(𝑅𝑃 + 𝐹𝑃) ⋅ (𝑅𝑃 + 𝐹𝑁) ⋅ (𝑅𝑁 + 𝐹𝑃) ⋅ (𝑅𝑁 + 𝐹𝑁)  





 

𝑧 =  159 𝑣 =  98

c z 𝑣

𝐺𝑐 = (𝑅𝑃𝑐 − 𝐹𝑁𝑐) ⋅ 𝑧 + (𝑅𝑁𝑐 − 𝐹𝑃𝑐) ⋅ 𝑣

RP RN FP FN





𝑧 =  159 𝑣 =  98 



𝑧 =  159 𝑣 =  200 
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select 

contract.section_ as section, 

salutation.name_ as salutation, 

date_part(’year’, age(’2021-05-31’::date, bp.dateofbirth_)) as age, 

substring(bp.email_ from ’@(.*)$’) email, 

case when phone.businesspartner_ is null then ’False’ else ’True’ end 

as hasPhonenumber, 

contractaddress.postalcode_ as deliveryPostalcode, 

bpaddress.postalcode_ as ownerPostalcode, 

case when 

contractaddress.postalcode_ = bpaddress.postalcode_ 

and 

(contractaddress.street_ = bpaddress.street_ 

or contractaddress.street_ = regexp_replace(bpad-

dress.street_, ’^(.*) str\.$’, ’\1straße’) 

or bpaddress.street_ = regexp_replace(contrac-

taddress.street_, ’^(.*) str\.$’, ’\1straße’) 

or contractaddress.street_ = regexp_replace(bpad-

dress.street_, ’^(.*) Str\.$’, ’\1 Straße’) 

or bpaddress.street_ = regexp_replace(contrac-

taddress.street_, ’^(.*) Str\.$’, ’\1 Straße’) 

or bpaddress.housenumber_ = contractaddress.housenumber_) 

then ’True’ else ’False’ end as isPostalAndDeliveryAddressIndenti-

cal, 

bankacc.bic_ as bic, 

case when payMethod.id_ = 10 then ’Paypal’ else ’SEPA’ end as pay-

mentmethod, 

distributionpartner.name_ as distributionpartner, 

case when oldsupplier.name_ is null then ’False’ else ’True’ end as 

hasOldSupplier, 

contract.invoicinginterval_ as invoiceinterval, 

flba.value as bonusvalue, 

powerconsprog.prognosis_ as consumptionprognosis, 

snapcost.energycost_ as energycostkwh, 

snapcost.monthlycost_ as basepricemonthly, 

extract(dow from contract.contractconclusiondate_) as conclusion-

Weekday, --// 0= sunday, 1=monday... 

-- Erstmalig gemahnt in Tagen nach Lieferbeginn 

case when extract(DAYS from (firstIntegerAdditional3.minia3date - 

contract. periodstart_)) > 365 

then null 

else extract(DAYS from (firstIntegerAdditional3.minia3date - con-

tract.periodstart_)) 

end as first_dunning_in_days_after_supplybegin, 

-- Höchster jemals erlangter integerAdditional3 

highestIntegerAdditional3.maxia3 as highestdebtstatus, 

-- Lieferzeitraum 



case when 

(extract(DAYS from (’2021-05-31’::date - contract.periodstart_)) > 

365 and contract.periodend_ is null) 

or 

(extract(DAYS from (contract.periodend_ - contract.periodstart_)) 

> 365) 

then 

365 

else 

case when contract.periodend_ is null 

then extract(DAYS from (’2021-05-31’::date - contract.periodstart_)) 

else 

extract(DAYS from (contract.periodend_ - contract.periodstart_)) 

end 

end as supplyinterval_in_days, 

-- Belieferung aktiv? 

case when lco.periodend_ is null 

then ’True’ 

else ’False’ 

end as is_active, 

---- Verhaltensattribute nach 365 Tagen 

-- Anzahl Rückrufformular 

callbacktask.callcount, 

-- Anzahl geschriebene E-Mails 

emailtask.emailcount, 

-- Anzahl genutzte Bankdaten 

fsepachange.bankacccount as bankAccountCount, 

-- Eingegebene Zählerstände vom Kunden 

meterreading.meterreadingcount, 

-- Abschlagsplanänderungen nach unten 

payplanreduced.reducedcount as payplanReducedCount, 

-- Abschlagsplanänderungen nach oben 

payplanincreased.increasedcount as payplanIncreasedCount, 

-- Anzahl Rücklastschriften 

separeversed.countSepaReversed as sepaReversedCount, 

-- Eingang der Kündigung/Wechselanfrage neuer Lieferant in Tagen 

case when extract(DAYS from (gpke.firstCancellationDate - con-

tract.periodstart_)) <= 365 

then extract(DAYS from (gpke.firstCancellationDate - con-

tract.periodstart_)) 

else null 

end as cancellationReceivedAfterSupplybeginInDays, 

-- Anzahl manueller Überweisungen 

manualsepa.countManualSepa as manualSepaCount 

from 

fl_contract contract 

left join fl_contractpartner cp1 

on cp1.contract_ = contract.id_ and cp1.role_ = 1 

left join log_businesspartner bp -- den ersten Datensatz nutzen, um 

Veränderungen nicht zu betrachten 

on cp1.businessPartner_ = bp.id_ and bp.created_log_ = (select 

min(created_log_) from log_businesspartner lb where 

lb.email_ is not null and lb.id_ = bp.id_) 

left join fl_businesspartnersalutati salutation 



on salutation.id_ = bp.salutation_ 

left join (select businesspartner_, min(created_log_) 

from log_phonenumber lp 

where lp.creationdate_ is null 

group by businesspartner_) phone 

on bp.id_ = phone.businesspartner_ 

-- Ist der Vertrag nach 365 Tagen noch aktiv gewesen? 

left join log_contract lco 

on contract.id_ = lco.id_ 

and lco.created_log_ = (select max(created_log_) from log_con-

tract where id_ = contract.id_ and created_log_ < con-

tract.periodstart_ + interval ’365 days’) 

left join fl_contractpartner cpDistribPart 

on cpDistribPart.contract_ = contract.id_ and cpDistribPart.role_ 

= 12 and cpDistribPart.periodend_ is null 

left join fl_businesspartner distributionpartner 

on cpDistribPart.businessPartner_ = distributionpartner.id_ 

left join fl_contractpartner cpOldSupplier 

on cpOldSupplier.contract_ = contract.id_ and cpOldSupplier.role_ 

= 13 --and cpOldSupplier.periodend_ is null 

left join fl_businesspartner oldsupplier 

on cpOldSupplier.businessPartner_ = oldsupplier.id_ 

left join fl_pointofdelivery pointofdelivery 

on pointofdelivery.id_ = contract.pointofdelivery_ 

left join fl_address contractaddress 

on contractaddress.id_ = pointofdelivery.address_address_ 

left join log_businesspartneraddress fbpa 

on fbpa.businepartne_businepartne_ = bp.id_ and fbpa.created_log_ 

= (select min( created_log_) from log_businesspartneraddress 

lbpa where lbpa. businepartne_businepartne_ = bp.id_) 

left join log_address bpaddress 

on bpaddress.id_ = fbpa.address_address_ and bpaddress.cre-

ated_log_ = (select min( created_log_) from log_address ladd 

where ladd.id_ = fbpa.address_address_ and typeofoperation_log_ 

= 1) 

left join fl_paymentmethodapplication payment 

on payment.contract_contract_ = contract.id_ and payment.period-

start_ = (select min(periodstart_) from fl_paymentmethodappli-

cation where contract_contract_ = contract.id_ and (pay-

ment.periodend_ > payment.periodstart_ or payment. periodend_ 

is null)) 

left join fl_paymentmethod payMethod 

on payMethod.id_ = payment.paymenmethod_paymenmethod_ 

left join fl_sepamandate sepa 

on sepa.id_ = payment.sepamandate_sepamandate_ --and sepa.active_ 

= true ergebnismenge verfälscht 

left join fl_bankaccount bankacc on sepa.bankaccount_bankaccount_ = 

bankacc.id_ 

left join (select contract_contract_, sum(value_) as value from 

fl_bonusapplication group by contract_contract_) as flba 

on flba.contract_contract_ = contract.id_ 



left join fl_powerconsumptprognosi powerconsprog 

on powerconsprog.contract_ = contract.id_ and 

powerconsprog.source_ = 1 and powerconsprog.creationdate_ = 

(select min(creationdate_) from fl_powerconsumptprognosi where 

contract_ = contract.id_) 

left join log_tariffapplication logtariffapp 

140 on logtariffapp.contract_ = contract.id_ and logtariffapp.period-

start_ is null and logtariffapp.typeofoperation_log_ = 1 
--and logtariffapp.created_log_ = (select min(created_log_) from 

log_tariffapplication lt where lt.contract_ = logtar-

iffapp.contract_) 

left join fl_snapshotcost snapcost 

on snapcost.tariffapplic_tariffapplic_ = logtariffapp.id_ and 

snapcost. pricecompon_pricecompon_ not in 

(120,122,124,126,128,129) 

-- Höchster jemals erlangter integerAdditional3 

left join (select lca.id_, max(lca.integeradditional3_) as maxia3 

from log_contractadditional lca 

inner join fl_contract ifc 

on ifc.contractadditionalid_ = lca.id_ 

where lca.integeradditional3_ < 800 

-- Endstatus 9 (=bezahlt) geht immer eine Mahn-

stufe voraus 

and lca.integeradditional3_::text not like ’%9’ -

- ~ ’^[0-9]{2}[0-8]{1}$’ 

and lca.created_log_ < ifc.periodstart_ + inter-

val ’365 days’ 

group by lca.id_ ) as highestIntegerAdditional3 

on contract.contractadditionalid_ = highestIntegerAdditional3.id_ 

-- Zeitpunkt nach Belieferung bis zur ersten Mahnung 

left join (select id_, min(created_log_) as minia3date from log_con-

tractadditional where integeradditional3_ >= 100 and integerad-

ditional3_ < 800 group by id_ ) as firstIntegerAdditional3 

on contract.contractadditionalid_ = firstIntegerAdditional3.id_ 

-- anzahl genutzte bankdaten 

left join (select ifs.contract_contract_, count(distinct ifs. bankac-

count_bankaccount_) bankacccount 

from fl_sepamandate ifs 

inner join fl_contract ifc 

on ifs.contract_contract_ = ifc.id_ 

and ifs.periodstart_ < ifc.periodstart_ + in-

terval ’365 days’ 

group by contract_contract_) fsepachange 

on fsepachange.contract_contract_ = contract.id_ 

-- häufigkeit rückrufservice 

left join (select contract_contract_, count(contract_contract_) call-

count from fl_task 

left join fl_contract on fl_contract.id_ = 

fl_task. contract_contract_ and fl_task.peri-

odstart_ < fl_contract. periodstart_ + inter-

val ’365 days’ 

where title_ = ’Rückrufservice’ group by con-

tract_contract_) callbacktask 

on callbacktask.contract_contract_ = contract.id_ 



-- häufigkeit emails 

left join (select contract_contract_, count(contract_contract_) 

emailcount from fl_task 

left join fl_contract on fl_contract.id_ = 

fl_task. contract_contract_ and fl_task.peri-

odstart_ < fl_contract. periodstart_ + inter-

val ’365 days’ 

where title_ like ’E-Mail bearbeiten%’ group by 

contract_contract_) emailtask 

on emailtask.contract_contract_ = contract.id_ 

-- anzahl zählerstände (summe über alle register/zähler) 

182 left join (select fc.id_, count(flm.register_) as meterreadingcount 

from fl_contract fc 

left join fl_pointofdelivery as malo 

on malo.id_ = fc.pointofdelivery_ 

left join fl_pointofdelivery as melo 

on melo.parent_ = malo.id_ 

left join fl_meter as meter 

on meter.pointofdelivery_ = melo.id_ 

left join fl_register as reg 

on reg.meter_registers_ = meter.id_ 

left join (select register_, date_ 

from fl_meterreading 

where source_ = 2 

) as flm 

on flm.register_ = reg.id_ 

and flm.date_ < fc.periodstart_ + interval 

’365 days’ 

group by fc.id_) meterreading 

on contract.id_ = meterreading.id_ 

-- Abschlagsplanänderungen nach unten 

left join (select contract_, count(diff_to_previous_row) as re-

ducedcount 

from (select contract_, creationreason_, creationdate_, 

height_ - lag( height_) 

over (partition by contract_ order by 

periodstart_, creationdate_) as 

diff_to_previous_row 

from fl_advancepayplan 

order by contract_, periodstart_) payplandiff 

inner join fl_contract fc 

on fc.id_ = payplandiff.contract_ 

and payplandiff.creationdate_ < fc.periodstart_ + 

interval ’365 days’ 

where diff_to_previous_row < 0 

and payplandiff.creationreason_ in (2, 3, 4, 5, 9, 10) 

group by contract_) payplanreduced 

on payplanreduced.contract_ = contract.id_ 

-- Abschlagsplanänderungen nach oben 

left join (select contract_, count(diff_to_previous_row) as in-

creasedcount 

from (select contract_, creationreason_, creationdate_, 

height_ - lag( height_) 



over (partition by contract_ order by 

periodstart_, creationdate_) as 

diff_to_previous_row 

from fl_advancepayplan 

order by contract_, periodstart_) payplandiff 

inner join fl_contract fc 

on fc.id_ = payplandiff.contract_ 

and payplandiff.creationdate_ < fc.periodstart_ + 

interval ’365 days’ 

where diff_to_previous_row > 0 

and payplandiff.creationreason_ in (2, 3, 4, 5, 9, 10) 

group by contract_) payplanincreased 

on payplanincreased.contract_ = contract.id_ 

-- Anzahl Rücklastschriften 

left join (select fc.id_, count(entry.id_) as countSepaReversed 

from fl_contract fc 

left join fl_financiaaccountownershi finaccowner 

on finaccowner.contract_Contract_ = fc.id_ 

inner join fl_financialaccount debitorAccount 

on debitorAccount.id_ = finaccowner.financAccoun_Ac-

count_ 

and debitorAccount.type_ = 1 

left join (select financaccoun_debit_, postingdate_, 

id_ 

from fl_entry 

where subject_ like ’%Rücklastschrift %’ 

) entry 

on entry.financaccoun_debit_ = debitoraccount.id_ 

and entry.postingdate_ < fc.periodstart_ + interval 

’365 days’ 

group by fc.id_) separeversed 

on contract.id_ = separeversed.id_ 

-- Eingang der Kündigung/Wechselanfrage neuer Lieferant in Tagen 

-- In Tabelle sind nur CancellationPassive = Kündigung durch Lief 

und SupplyEndActive = Kunden Kundigung 

left join (select contractid_, min(created_) firstCancellationDate 

from fl_gpkeprocess group by contractid_) gpke 

on gpke.contractid_ = contract.id_ 

-- Anzahl manueller Überweisungen 

left join (select fc.id_, count(entryManualSepa.id_) as countManu-

alSepa 

from fl_contract fc 

left join fl_financiaaccountownershi finaccowner-

SepaAccount 

on finaccownerSepaAccount.contract_Contract_ = 

fc.id_ 

inner join fl_financialaccount debitorSepaAccount 

on debitorSepaAccount.id_ = finaccownerSepaAccount. 

financAccoun_Account_ 

and debitorSepaAccount.type_ = 6 

left join fl_financiaaccountownershi finaccowner 

on finaccowner.contract_Contract_ = fc.id_ 

inner join fl_financialaccount debitorAccount 



on debitorAccount.id_ = finaccowner.financAccoun_Ac-

count_ 

and debitorAccount.type_ = 1 

left join (select financaccoun_debit_, financac-

coun_credit_, postingdate_, id_ 

from fl_entry) entryManualSepa 

on entryManualSepa.financaccoun_debit_ = debi-

torSepaAccount.id_ 

and entryManualSepa.financaccoun_credit_ = deb-

itoraccount.id_ 

and entryManualSepa.postingdate_ < fc.period-

start_ + interval ’365 days’ 

group by fc.id_) manualsepa 

on manualsepa.id_ = contract.id_ 

where 1=1 

and contract.state_ not in (’NEW’, ’LOCKED’, ’GPKE_ABORTED’, 

’GPKE_RUNNING’) 

and (contract.periodstart_ < contract.periodend_ or contract.peri-

odend_ is null) 

and contract.periodstart_ > ’2018-03-01’::date and contract.peri-

odstart_ < ’ 2021-03-01’::date 

and logtariffapp.tariff_ not in (120, 124
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