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Abstract 

 

In response to the COVID-19 pandemic two new timely poverty measures have been developed 

to monitor fast-changing economic conditions for the most deprived. The Han et al. near real-time 

poverty measure uses responses to a global income question on the Monthly Current Population 

Survey (CPS) that is available for a subsample of those surveyed. The CPSP monthly poverty 

measure, widely cited in the media, uses data from the Annual Social and Economic Supplement 

to the CPS and other sources to impute poverty in the Monthly CPS sample based on demographic 

and employment variables. This paper evaluates the two measures and their estimates of child 

poverty around the 2021 temporary changes to the Child Tax Credit (CTC). We argue that 

conceptually the measure based on responses rather than the one based on imputations is 

preferable, though both measures suffer from important drawbacks. We also conclude that widely 

publicized claims that child poverty fell by 25 percent when the Advance CTC payments started 

and subsequently rose by 41 percent when they ended are based on weak evidence and are 

overstated. The best evidence, though still imperfect, suggests poverty was relatively stable in 

2021 and the first half of 2022. Part of the explanation for the lack of change appears to be a 

compensating decline in employment among low-skilled workers with children. Other evidence 

tying changes in well-being to the tax credit is confounded by other policy changes. 
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As the COVID pandemic has made clear, the resources available to vulnerable 

households can change suddenly. Over the past few years, we have seen sharp changes in 

employment as well as dramatic swings in government transfers. Timely information about how 

these fluctuations affect the economic well-being of U.S. households is critically important for 

appropriately targeting and calibrating policy responses in a timely fashion. Unfortunately, 

official statistics, such as the official poverty rate are only updated on an annual basis. 

Furthermore, that they are made available after a considerable lag renders them of little use to 

federal, state, and local policymakers faced with making quick policy decisions. Other, more 

direct measures of economic well-being, such as consumption statistics, are likewise only 

available after a considerable lag.  

 In response to these data limitations, recent work has developed income-based poverty 

measures that can be computed on a near real-time basis. In particular, Han, Meyer and Sullivan 

(2020) construct a measure of income poverty that can be updated on a monthly basis using data 

on reported income over the past 12 months from the Monthly Current Population Survey (CPS). 

This paper has been extended with updated results reported each month at 

www.povertymeasurement.org. Researchers at the Columbia University Center on Poverty and 

Social Policy (CPSP) have taken a very different approach. They define a monthly poverty 

indicator based on imputed monthly income constructed from annual income from a prior year of 

the CPS Annual Social and Economic Supplement (CPS-ASEC), and then use this indicator to 

impute the poverty status out-of-sample for observations in the Monthly CPS (Parolin et al. 

2022). Updated estimates for the CPSP are provided on a monthly basis at 

www.povertycenter.columbia.edu/forecasting-monthly-poverty-data. A key distinction between 

these two indicators, in addition to the methodological differences, is that the Han et al. measure 

https://www.povertycenter.columbia.edu/forecasting-monthly-poverty-data
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defines poverty using an annual measure of resources, while the CPSP indicator defines poverty 

based on a prediction of resources for a single month.  

 In this paper we discuss the strengths and weaknesses of these different approaches to 

measuring poverty in near real-time and examine how recent changes in real-time poverty differ 

between these approaches. We also consider how near real-time poverty estimates can inform 

our understanding of the effects of government policies on income poverty, focusing on recent 

changes in the Child Tax Credit (CTC). Unprecedented changes to the Child Tax Credit were 

implemented on a temporary basis in 2021. These changes eliminated the existing Child Tax 

Credit that incentivized work and replaced it with a child allowance, available regardless of 

parental work. Part of this allowance was paid out on a monthly basis during the second half of 

2021 under what was called the Advance Child Tax Credit.  

We show that the two different approaches to measuring real-time poverty suggest 

sharply different short-run effects of the policy change on child poverty. Parolin et al. (2022) 

conclude that child poverty was 25 percent lower in July 2021 as the result of the CTC 

expansion. The CPSP researchers subsequently claimed that poverty rose by over 40 percent in 

January after the expiration of the monthly payments.1 These findings have been frequently cited 

by policymakers and the press in discussions of extending CTC benefits.2 The Han et al. 

measure, in contrast, shows only a small decline in poverty during the period of monthly CTC 

payments and no rise after the elimination of the payments. This measure is expected to move 

more slowly given the 12-month reference period for income, but even after considering six 

 
1 See https://www.povertycenter.columbia.edu/publication/monthly-poverty-july-2021 and 

https://www.povertycenter.columbia.edu/publication/monthly-poverty-january-2022 . 

https://www.nytimes.com/2022/05/02/opinion/child-tax-credit.html . 
2 See https://www.newyorker.com/news/q-and-a/the-devastating-effects-of-losing-the-child-tax-credit and 

https://www.nytimes.com/2022/04/17/opinion/biden-child-tax-credit.html and 

https://www.nytimes.com/2022/05/02/opinion/child-tax-credit.html . 

https://www.povertycenter.columbia.edu/publication/monthly-poverty-january-2022
https://www.newyorker.com/news/q-and-a/the-devastating-effects-of-losing-the-child-tax-credit
https://www.nytimes.com/2022/04/17/opinion/biden-child-tax-credit.html


3 
 

months of payments followed by six months without payments the near real-time poverty 

measure does not show much movement. The Han et al. measure does clearly register other 

pandemic tax credits, specifically the Economic Impact Payments, but shows little effect of the 

Advance CTC. In addition, we show that the differences in reference periods across measures 

cannot fully explain the different patterns. Other evidence tying changes in well-being to the tax 

credit changes is also weak.  

One of the key differences between the poverty measures that we emphasize is that the 

CPSP measure allows a very limited effect of behavioral responses to the substitution of a child 

tax credit with a child allowance. Using CPS data, we examine changes in employment around 

the time of the CTC payments. We find a decline in the employment of adults with children (the 

group expected to be affected by the change in tax credits based on prior research) relative to 

those without children beginning shortly after the passage of the American Rescue Plan Act in 

March 2021. This decline is only apparent for those with a high school education or less. There 

is little change for those with at least some college education. The decline begins to reverse in 

the last quarter of 2021, and by early 2022, the difference between those with and without 

children disappears. A second source of employment data from Opportunity Insights shows a 

decline in low-wage employment during a similar period, but little change in middle and high 

wage employment. The CPSP calculation also ignores other potential short run behavioral 

responses, such as changes in private transfers or living arrangements. 

1. How is Real-Time Poverty Measured? 

In the context of the pandemic and recent policy changes there has been great interest in 

concurrently tracking how poverty and well-being have changed in response. The difficulty with 
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timely poverty measurement is the requirement of obtaining quality data produced at a high and 

regular frequency that is publicly released. Ideally, the data would come from a long-running 

survey so that historical comparisons could be used to validate the measures. To resolve this 

difficulty, two groups of researchers have constructed timely poverty measures that rely on the 

Monthly CPS, which collects information on labor market outcomes and demographic 

characteristics from a representative sample of about 60,000 households each month. In this 

section we describe the different approaches taken to measuring near real-time poverty, 

emphasizing the key differences: the reference period over which income is measured (twelve 

months versus one month), the income concept (one similar to the official poverty measure 

versus one similar to the Supplemental Poverty Measure (SPM)), and the use of reported versus 

predicted values. In the following section, we assess the strengths and limitations of the different 

approaches.  

 Han et al. Measure 

The Han et al. real-time poverty measure relies on a global question in the Monthly CPS 

intended to capture all money income. Responses to this income question are simply compared 

to official thresholds, adjusted monthly for inflation, to determine poverty status for families. 

Specifically, the global income question asks the respondent to report the: 

“total combined income during the past 12 months…of all members [of the family]. This 

includes money from jobs, net income from business, farm or rent, pensions, dividends, interest, 

social security payments and any other money income received…by members of [the family] 

who are 15 years of age or older.”3 

 
3 “Basic CPS Items Booklet: Labor Force Items,” https://www2.census.gov/programs-

surveys/cps/techdocs/questionnaires/Labor%20Force.pdf.  

https://www2.census.gov/programs-surveys/cps/techdocs/questionnaires/Labor%20Force.pdf
https://www2.census.gov/programs-surveys/cps/techdocs/questionnaires/Labor%20Force.pdf
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Housing units selected to be in the CPS are typically only asked this question in the first- 

and fifth-month interviews in the survey (housing units are in the CPS sample for eight months 

over a 16-month period—surveyed for four months, eight months off, and then surveyed another 

four months). This global income question is asked only in reference to the family income of the 

householder’s family, so we do not observe this income information for individuals in the 

household who are outside the householder’s family (i.e., unrelated individuals and unrelated 

subfamilies), which accounts for about 5 percent of individuals in the first or fifth interview 

month.  

Rather than reporting a specific amount for total income, respondents in the Monthly CPS 

choose among 16 categorical income ranges. For the bottom part of the income distribution, the 

income ranges are fairly small. Below $15,000 there are five categories: less than $5,000, 5,000 

to 7,499, 7,500 to 9,999, 10,000 to 12,499, 12,500 to 14,999; and from $15,000 to $40,000 the 

intervals are $5,000 wide (the entire list of bins is reported in the Data Appendix).4 We convert 

the categorical response to a continuous measure by randomly selecting values of family income 

from families in the CPS ASEC from the prior survey year who have incomes that fall in that 

same income range and who have some similar demographic characteristics (see Appendix I and 

Section VI of Han et al. (2020) for more details and analyses of the validity of the income 

measure from the Monthly CPS). 

This global family income question aligns fairly closely with the definition of total cash 

income that is used for official poverty and income statistics. An important difference is that the 

concept of money income used to measure official poverty does not include tax liabilities or 

credits. The extent to which respondents include taxes in their responses to the global income 

 
4 Because the income bins are much wider high up in the distribution, the responses to this income question are less 

suitable for studies of top incomes or high percentiles. 
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question is unclear. However, as we discuss below, there is considerable evidence that pandemic 

tax credits are largely included.  

Interviews for the Monthly CPS take place in the week that includes the 19th of the 

month, making it unclear whether income in the first few weeks of the interview month is 

included in the answers of respondents to this question. This distinction is important for 

determining when we should expect to see this measure of family income reflect changes in 

income. In practice, we interpret the responses as including income received in the first few 

weeks of the interview month, however we acknowledge that this may not be the case when the 

timing of the transfers is close to when the interview takes place.  

Han et al. (2020) perform several checks of their near real-time poverty measure. The 

results show that the 10th and 25th percentiles of the income underlying the poverty measure 

closely match (but are slightly lower than) those for pre-tax money income in the CPS ASEC at a 

point in time. This CPS ASEC income measure is used to determine the official poverty and 

income distribution statistics of the U.S.  Changes in percentiles of the near real-time income 

measure also closely match the changes over time in the CPS ASEC income measure during the 

2005-2019 period (Figure 4 of Han et al. 2020). As a result, the poverty rates from their real-time 

poverty measure closely track those from the official poverty measure over the same period 

(Figure 3 of Han et al. 2020). 

CPSP Measure  

Parolin et al. (2022) construct their predicted monthly poverty measure as follows. First, 

they begin with a measure of calendar year income in the CPS ASEC for the year two years prior 

(for some months only one year) to the month of their measure. The measure from the CPS 

ASEC relies on the income concept used for the SPM (Fox and Burns, 2021), so it includes 
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reported annual values of pre-tax money income (the income concept used for the official 

poverty measure) as well as reported or imputed values for in-kind benefits such as SNAP, WIC, 

housing benefits, school lunches, and some education aid; imputed state and federal tax liabilities 

and credits; reported medical out-of-pocket expenses and imputed work-related expenses.  

Next, they convert this annual measure of income to a monthly measure within the CPS-

ASEC by imposing several assumptions (their Table 1 provides a summary). For the bulk of the 

money income components of their measure—as well as for components such as WIC, heating 

assistance, housing assistance, out-of-pocket medical expenses, and state and federal taxes 

(excluding tax refunds)—they assume that the income is received evenly throughout the year, so 

they simply include one-twelfth of the annual value of each income component in each month. A 

notable exception is the case where the individual is not employed in the survey month but was 

employed during the previous calendar year. In that case, components such as earnings, 

unemployment insurance, work-expenses, and FICA taxes are adjusted using information on 

current employment status. For example, positive earnings values are recoded to zero if the 

individual is unemployed for five or more weeks. It is important to note that the question about 

current employment status is reported at the time of the interview, which is typically in March 

for the CPS-ASEC, but the reference period for the annual earnings questions in the CPS-ASEC 

is for the previous calendar year. So, earnings, unemployment insurance, and other components 

are being adjusted for employment status using an employment status reported several months 

after the end of the reference period for the income received. The labor force status questions in 

the Monthly CPS and the CPS-ASEC also refer to a different length of time and have different 

wording so the imputation of monthly income from annual measures of these sources is 

necessarily based on a rough translation of the monthly responses to the annual ASEC responses. 
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How these current employment status questions are used to impute monthly income based on 

annual income measures is not clearly stated in Parolin et al. (2022) or other related papers that 

describe their methods.5     

The CPSP measure also allows some components to vary within the year. For example, 

they allow SNAP and TANF benefits to vary within a year by using information on both imputed 

monthly benefits (using reported monthly earnings and state program rules) and reported annual 

benefits (see Table 1 of Parolin et al. 2022 for more details). The CPSP measure also includes in 

its income measure predicted values of key COVID-related income transfers such as the 

Economic Impact Payments and expanded unemployment insurance benefits using information 

on potential eligibility status as well as the distribution schedules of these payments (see Parolin 

et al. 2020 and Bitler et al. 2020). Parolin et al. then compare this predicted monthly income 

measure to one-twelfth of the SPM threshold provided in the ASEC files for each SPM unit to 

determine the monthly poverty status of each individual in the CSP ASEC.  

The CPS-ASEC is released on an annual basis. So, to generate a poverty estimate that is 

updated on a monthly basis, Parolin et al. (2022) use their imputed monthly poverty status from 

the CPS-ASEC to impute the poverty status for a separate sample in the Monthly CPS. For each 

month, they use the most recent CPS ASEC available. Because the CPS ASEC, which is 

administered mostly in March of each year, collects income data for the previous calendar year 

and these data are not released publicly until September of the survey year, the income data from 

the CPS ASEC is available with a significant lag. For example, to impute poverty status for 

individuals in August 2021, the most recent CPS ASEC available—the 2020 survey—provides 

data from households interviewed 17 months prior to August 2021 who are reporting on income 

 
5 We requested the code used for the studies but did not receive it and were told that it is not currently being made 

public. 
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received from January through December 2019, up to 32 months prior to August 2021. Since the 

income used is for a different sample altogether, Parolin et al. use a combined-sample multiple 

imputation technique to predict poverty status in the Monthly CPS using their imputed poverty 

status from the CPS ASEC. However, they note that they get similar results when they estimate a 

logistic regression in the CPS ASEC and use the parameter estimates from this regression to 

generate out-of-sample predictions in the Monthly CPS. Given this imputation approach, month-

to-month variation in their poverty estimate will be determined by the variables that are in both 

data sources that are used in the out-of-sample prediction. These variables include demographic 

characteristics (such as age, sex, education, race, etc.), geographic information, and information 

on employment status. For a complete list of these variables see Table 2 of Parolin et al. (2022).  

2. The Pros and Cons of the Different Approaches 

Both of these approaches allow poverty estimates to be updated monthly, which has the 

potential to provide important information to policymakers on a near real-time basis. In addition, 

these measures rely on the Monthly CPS, which has been collecting information for a nationally 

representative sample of U.S. households for more than 70 years, allowing us to compare data 

used in the timely poverty measures to those from historical data. For income specifically, the 

Monthly CPS has included the global income question for over 40 years, which allows us to 

observe the cyclical patterns of income and its association with other variables over a long period 

of time and compare these patterns to those from other surveys (see Han et al. 2020).  

An important limitation of both approaches is that they rely on survey reports of income. 

Income has been shown to be substantially under-reported in surveys, especially for those with 

few resources, and the extent of under-reporting has increased over time (Meyer and Sullivan 
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2003; 2011; Meyer, Mok, and Sullivan 2015). These studies argue that survey measurement 

issues are less problematic for consumption-based measures of well-being. In addition to 

measurement issues, consumption may better reflect economic well-being for conceptual 

reasons. Consumption better reflects long-run resources and is more likely to capture disparities 

that result from differences across families in the accumulation of assets or access to credit. 

Consumption will also reflect changes in uncertainty about future income streams, which may be 

particularly important during periods of crisis. Nevertheless, as we have argued in the past, these 

issues do not suggest that consumption should be used exclusively. Income and consumption 

data are complements and there are situations in which one is likely to be more informative than 

the other. Given that detailed, comprehensive and representative consumption data are not 

available in a timely fashion, the income data are an important source to use.  

To assess the relative advantages or disadvantages of these two timely poverty measures we 

focus on the three most substantive ways in which they differ: the reference period over which 

income is measured (twelve months versus one month), the income concept (one similar to the 

official poverty measure versus one similar to the SPM measure), and the nature of values used 

(reported versus predicted values). 

The Reference Period 

A key decision in the poverty measurement literature is the time period over which to 

measure resources received or consumed. The most common reference period both in the U.S. 

and elsewhere is a year. Both the official U.S. poverty measure and the Census Bureau’s SPM 

rely on income received over a 12-month period. Consumption poverty measures (Slesnick, 

1993; Meyer and Sullivan, 2012) have tended to rely on 3 months or 12 months of consumption. 

However, consumption over such a time period reflects the inflow of resources over a much 
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longer period than 3 or 12 months. One might argue that a shorter reference period is preferred 

because families are limited in their ability to save or borrow, while certain payments, such as 

rent or other monthly bills, must be made regularly. Consequently, longer time periods would 

miss that well-being may be affected by variation in income received within the period. The 

literature on the SNAP benefit cycle suggests that a minority of food assistance recipients 

experience negative consequences from short term fluctuations in resources, including worse 

nutrition (Shapiro, 2005) and lower school performance in weeks of low resources (Bond et al., 

2021). On the other hand, it is not clear that individuals highly value smooth income flows—a 

long literature has found little willingness to incur the low administrative costs of smoothing out 

payments of tax credits through the Advance Earned Income Tax Credit (Romich and Weisner 

2000; Jones 2010). In addition, research has shown that low income over several years is a much 

stronger predictor of deprivation than one-year’s income (Brooks-Gunn and Duncan 1997; 

Duncan et al. 1998; Sullivan et al. 2009). Moreover, a substantial fraction of consumption, 

including durables such as clothes, furniture, and appliances, depends on spending flows over 

longer time periods than a month. The ownership of other durables including vehicles and homes 

is common even for those near the poverty line (Meyer and Sullivan, 2012).  

In the end, there is usefulness in understanding changes in poverty using both short time 

periods such as a month and longer time periods such as a year. The National Research Council 

panel that was charged with assessing official poverty measurement concluded “that it makes 

most sense to continue to calculate the official poverty statistics on an annual basis.” However, 

they also acknowledged that measuring poverty over a period shorter (or even longer) than a year 

may be appropriate in specific circumstances (Citro and Michael, 1995, p. 295). The relative 

usefulness of such measures depends on how the measure is being employed, and what types of 



12 
 

policies it is intended to inform. An important limitation of very short-term poverty measures, 

however, is that they may significantly overstate changes in well-being in months where lump 

sum transfers are made. As we show below, as families disproportionately file taxes in the first 

quarter of the year, we see dramatic fluctuations in the CPSP poverty estimates around tax-filing 

time. For example, the CPSP child poverty rate fell by 55 percent in March 2021 only to rise by 

78 percent in the following month. It is also worth emphasizing that it is often not made clear in 

summaries of the CPSP monthly poverty numbers that a different time period is being used in 

their measures than in other poverty measures, even though the distinction is made clear in the 

body of several of the CPSP publications. For example, policymakers and the media cited the 

CPSP’s headline finding that the expiration of the Advance Child Tax Credit led to a 41 percent 

increase in poverty without ever mentioning that this was an increase in poverty based on one 

month’s income rather than the much more standard annual reference period.6  

The Income Concept 

The income concepts on which the two poverty measures are based also differ. A 

conceptual advantage of the CPSP measure is that it intends to include in-kind benefits and taxes, 

while the Han et al. measure is based on a question about money income. Most researchers prefer 

adjusting for taxes and in-kind benefits, because these transfers can account for a substantial 

share of resources for disadvantaged families, suggesting that an income measure that includes 

them would be more closely associated with their well-being. However, in practice, all of these 

taxes and transfers are imputed in the CPSP measure, introducing the potential for substantial 

error. While conceptually preferable, if taxes or in-kind benefits are not actually measured and 

 
6 For example, see https://news.yahoo.com/nearly-4-million-children-fall-into-poverty-as-expanded-child-tax-credit-

ends-163644670.html and https://www.nytimes.com/2022/05/02/opinion/child-tax-credit.html.  

 

https://news.yahoo.com/nearly-4-million-children-fall-into-poverty-as-expanded-child-tax-credit-ends-163644670.html
https://news.yahoo.com/nearly-4-million-children-fall-into-poverty-as-expanded-child-tax-credit-ends-163644670.html
https://www.nytimes.com/2022/05/02/opinion/child-tax-credit.html
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are imputed poorly, they may produce a measure that is less well tied to actual well-being 

(Meyer and Sullivan 2015).      

Given that we are considering changes in real-time poverty in the context of changes in 

tax policy, the treatment of taxes in the income concept is particularly important. A potential 

limitation of the Han et al. measure is that it is unclear whether respondents include taxes, and in 

particular the Advance Child Tax Credit, in their responses to the global income question in the 

Monthly CPS. However, as we discuss below, the wording of the global income question 

suggests that respondents should include common cash payments from the government. We also 

present evidence that similar tax credits from the government that were not periodic, specifically 

Economic Income Payments (EIPs or stimulus checks), appear to be reported in the monthly 

CPS. Nevertheless, if the ambiguity of the question leads to under-reporting of receipt of tax 

credits, the Han et al. measure would understate the impact of these transfers on poverty. 

Reported versus Imputed Income 

While both measures rely on the same surveys to construct an estimate of real-time 

poverty, they are constructed using very different methods. In addition to relying on a different 

reference period discussed above, the most important distinction between these two measures is 

that Han et al. rely on actual reports of income in the Monthly CPS, while the CPSP measure is 

entirely imputed—no actual reported income data from the month the measure intends to 

represent is used to determine poverty status.7 The income data that the CPSP measure uses 

comes from prior years for completely different individuals. This distinction between reported 

 
7 Although Parolin et al. (2022) note that their measure is predicted, this point is not emphasized in their reports. 

Furthermore, this feature is rarely, if ever, noted in the frequent references to their poverty estimates in the popular 

press.  
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and imputed income has important implications for how one should interpret changes in the 

CPSP measure.  

One implication is that the CPSP approach does not allow for any behavioral response to 

a policy change, such as Advance Child Tax Credit payments, other than the behavioral 

responses captured in month-to-month changes in the observed characteristics from the Monthly 

CPS used to impute poverty status, such as employment status and demographic characteristics. 

Thus, their measure will not reflect behavioral responses through changes in labor supply 

(because the relationship between employment and poverty is likely to change when there are 

significant changes in policy); changes in interfamily transfers; or other behavioral responses. 

Even if behavioral responses change variables used in prediction, the changes in predicted 

income that result will be predicted for different individuals than those whose behavior was 

altered.  

Another implication is that while both approaches are subject to error due to misreporting 

in surveys, the CPSP measure relies on several stages of imputation that introduces additional 

potential for error. For example, the CPSP measure relies on imputed values for many 

components of their measure of annual income, such as taxes, housing subsidies, school lunches, 

etc. These imputations, which are provided by the Census and made available in the public use 

files, are themselves measured with error, as has been documented in Meyer, Wu et al. (2021a, 

b). On top of these imputations, the authors add additional imputations to reflect policies that 

changed between the most recent CPS ASEC survey and time of the Monthly CPS survey such 

as the expansions of SNAP, Unemployment Insurance, and the Child Tax Credit.  

The CPSP measure also imputes monthly income from annual income within the CPS 

ASEC from usually a year or more earlier, and imputes poverty status out of sample in the 
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Monthly CPS using imputed monthly poverty status in the CPS ASEC. These multiple stages of 

imputation rely on many untestable assumptions and introduce a series of errors that are difficult 

to assess. One might also be concerned that imputation based on one state of the economy or 

under one policy regime might be ill-suited to predict poverty when underlying circumstances 

change. Unfortunately, it is exactly in these types of changing situations when timely measures 

of well-being are especially useful that predictions are likely to be less valid. 

Parolin et al. (2022) report some checks on the accuracy of the monthly imputations on 

average. They compare the OPM poverty rate in the Survey of Income and Program Participation 

(SIPP) to a version of the monthly rate that does not account for taxes or in-kind transfers over 

the 2004-2016 period (see Figure 2 of Parolin et al. 2022). While the patterns are roughly 

similar, there are long periods when the monthly measure deviates sharply from the SIPP 

benchmark. These periods of divergence include most of 2004 and 2005, 2013, and 2014-2016. 

Even these comparisons necessarily understate the gap between the CPSP monthly poverty 

measure and true monthly income for two reasons.  First, many of the largest imputed 

components of the CPSP measure (such as tax refunds) are not part of the OPM so the full CPSP 

measure is not validated by comparisons of a simplified version of the CPSP measure to the 

OPM in the SIPP. Second, many of the SIPP income components were collected on an annual 

basis starting in 2013 so are not truly monthly and are converted to monthly values in the same 

way the CPSP measure does.   

In the end, the validity of estimates of the impacts of policies depends on the accuracy of 

the simulations of the policies themselves, as well as the accuracy of the base income to which 

credits are added and from which taxes are subtracted. Even if aggregate amounts are correct, it 

matters to whom various income sources are imputed, particularly when the aim is to estimate a 
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point on the cumulative distribution function for the overall population or for particular 

subgroups. It is also unclear what the implication is of imputing full amounts for income 

received by families for one policy, when most other sources of income tend to be underreported. 

This approach could very well lead to an overestimate of the effect of the simulated policy.  

3. Major Policy Changes during the Pandemic 

There were many different components to the federal government’s response to the 

pandemic. The two largest initial federal policies that worked to offset the decline in earnings 

due to the pandemic were the Economic Impact Payments or EIPs and the expansion of 

Unemployment Insurance (UI) benefits. Additional temporary policies were particularly targeted 

at families with children. These policies included the transformation of the Child Tax Credit into 

a child allowance, a special food assistance program for children, the Pandemic EBT program, 

expansion of childcare assistance, and changes to the Child and Dependent Care Tax Credit. In 

this section, we briefly describe these policy changes, which are important to keep in mind as 

they confound attempts to pin any changes in poverty or other economic outcomes on a single 

policy.  

 

Economic Impact Payments 

The initial EIPs were part of the CARES Act, which was passed on March 25, 2020. 

These payments provided $1,200 to individuals with income less than $75,000 and to single 

parents (heads of household) with income below $112,500, and they provided $2,400 to married 

couples with income less than $150,000. Recipients were also eligible to receive an additional 

$500 for each qualifying child. For those with income above these thresholds, the payments were 
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reduced by 5 percent of the income that exceeded the threshold. The EIP benefits started the 

second week of April 2020, with early checks going to those with the lowest adjusted gross 

income. The Internal Revenue Service had sent EIPs to nearly 90 million individuals by April 

17, 2020, and to an additional 63 million individuals over the next five weeks.  

 A second, less generous round of stimulus payments of up to $600 per person were 

included in the Consolidated Appropriations Act, which passed in December 2020. These 

payments started going out on December 29, 2020. The American Rescue Plan Act, which 

passed on March 11, 2021, provided a third round of stimulus payments of up to $1,400 per 

person.   

 

Unemployment Insurance 

Additional relief to those who lost their job was made available through expanded UI 

benefits. The CARES Act created the Pandemic Unemployment Compensation (PUC) program, 

which provided an additional $600 per week to claimants on top of the usual benefit. These PUC 

payments expired at the end of July 2020. The CARES Act also extended eligibility for benefits 

to groups not covered by the traditional UI program, such as the self-employed, part-time 

workers, and those who did not have a long enough work history to qualify for the traditional 

program (Pandemic Unemployment Assistance, PUA), and it extended by thirteen weeks the 

duration of UI benefits for a regular claim (Pandemic Emergency Unemployment Compensation, 

PEUC). UI payments totaled $4.2 billion in March 2020, rose to $48.4 billion in April, nearly 

doubled to $93.7 billion in May, and $115.7 billion in June.  

The UI benefits were partially extended through the Consolidated Appropriations Act. 

This extension included revived PUC payments at a lower amount ($300 per week rather than 
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the $600 per week supplement that expired in July 2020). The American Rescue Plan Act 

extended the $300 PUC payments to September 2021, although some states stopped providing 

these supplemental benefits a few months earlier. 

Together, these expansions of UI led to very substantial increases in transfers to those 

whose work was affected by the pandemic. Spending on UI jumped from $28 billion in 2019 to 

$581 and $323 billion in 2020 and 2021, respectively.8 

 

Child Tax Credit 

To understand the changes to the Child Tax Credit under the American Rescue Plan it is 

essential to understand how the CTC operated prior to the pandemic. Under the Tax Cuts and 

Jobs Act (TCJA), the CTC starting in 2018 offered tax filers a partially refundable credit of up to 

$2,000 per dependent child under age 17. The refundable portion of the CTC (called the 

Additional CTC or ACTC) does not require tax filers to have any federal income tax liability. It 

begins phasing in at $2,500 of earned income, at a rate of $0.15 per dollar of earned income.9 A 

maximum of $1,400 per dependent child can be claimed as a refundable credit, and the 

remaining portion of the maximum $2,000 credit must be claimed as a non-refundable credit that 

 
8 See https://fiscaldata.treasury.gov/datasets/daily-treasury-statement/deposits-and-withdrawals-of-operating-cash. 
9 For example, a tax filer with one dependent child, no tax liability and $3,500 of earned income would receive a refundable credit 

of $150 (15% of the difference between $3,500 and $2,500). 

https://fiscaldata.treasury.gov/datasets/daily-treasury-statement/deposits-and-withdrawals-of-operating-cash
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offsets federal income tax liability. In Figure 1, the solid line shows the credit amount as a 

function of earnings for a family headed by a single parent with two children.10  

 

Child Allowance 

The American Rescue Plan Act temporarily replaced the CTC with a child allowance for 

2021 only. The child allowance increased the maximum per-child credit from $2,000 for all 

children under age 17 to $3,600 for children aged 0 to 5 and $3,000 for children aged 6 to 17. It 

was also fully refundable, meaning families with little or no tax liability would qualify for the 

entire amount. Notably, children aged 17 qualified for the full $3,000 under the child allowance, 

whereas they were only eligible for up to $500 under prior law through the Other Dependent 

Credit. The higher maximum payment began to phase out starting at $75,000 for single filers, 

$112,500 for head of household filers, and $150,000 for married filers. The $2,000 credit was 

still available to higher-income tax filers who had under prior law been eligible for the CTC.  

In addition to changing benefit amounts, the child allowance was administered differently 

than the CTC. Families received child allowance payments on a monthly basis during the last six 

months of 2021. Typically, they received half of the payment they would be eligible for based on 

prior tax filing. For example, a family with two children between the ages of 6 and 17 would be 

eligible for a $6,000 credit for tax year 2021, so half of this credit would be paid in advance 

through six monthly payments of $500 each from July through December of 2021. These 

advance payments were called the Advance Child Tax Credit or Advance CTC. Total CTC 

 
10 An additional $500 credit (called the Credit for Other Dependents or ODC) can be claimed on behalf of dependents aged 17+ 

who are not eligible for the $2,000 credit. The ODC is non-refundable and phases out at the same rate as the non-refundable CTC 

for dependents under age 17. 
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payments were over $100 billion in 2020 and were expected to be over $200 billion for 2021 

(Corinth et al. 2022).  

 

Changes in Work Incentives Due to the Child Allowance 

Since it was fully refundable, the child allowance temporarily eliminated the work 

incentives of the CTC when passed in March 2021. We focus on the return to work—what is 

relevant for the work participation decision—because the literature on labor supply for low-

income families, particularly single mothers, has focused on the work/non-work decision and 

found it to be highly responsive to tax incentives. The return to work is equal to earnings net of 

taxes and reduced transfer benefits when an individual moves from not working to working. The 

return to work would be lower under the child allowance because families with no earnings 

would receive the full benefit, whereas such families would receive no benefit from the CTC. 

Figure 1 showing the payment amounts also shows the loss in incentives of eliminating the CTC 

that had been in place at the start of 2021. To indicate the magnitude of the work incentives, we 

show the incremental work incentives for the same single parent family with two children under 

a 40 percent increase in the Earned Income Tax Credit (EITC). The EITC and CTC are similar 

tax credits that have their strongest work incentives for the same population, low-earning 

workers with children, despite the CTC affecting a broader population. One can see in Figure 1 

that the work incentive of the CTC and 40% of the EITC are similar through about $15,000 in 

earnings, after which the CTC work incentive continues to grow until over $30,000 in earnings 

and then remains constant, while the EITC plateaus and then phases out. The National Academy 

of Sciences, Engineering and Medicine (NASEM), in an influential report (NASEM 2019) 

simulated a 40 percent increase to the EITC, arguing that the increase in work incentives would 
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lead nearly 800,000 single mothers to enter employment. Thus, the elimination of the larger 

incentive of the 2020 law CTC shown in the figure would be expected to have an even larger 

effect on employment in the opposite direction. The NASEM report left out this effect in its 

calculations of the effect of a child allowance. In addition to this substitution effect, one should 

add a smaller, but not unimportant income effect, a reduction in employment due to higher 

incomes. See Corinth et al. (2022) for more discussion of the tax incentives of a child allowance. 

 

Other Notable Policy Changes 

One of the challenges of determining the impact of a specific policy change, such as the 

Advance CTC, on poverty is that there were several other policy changes implemented during 

the pandemic that targeted low-income families and therefore may have affected poverty or other 

outcomes. For example, 39 billion dollars in expanded food benefits were paid out under the 

Pandemic EBT program between October 2020 and April 2022, with the vast majority (32 

billion dollars) paid out between May and December of 2021 (USDA, 2022). The overlap in 

timing of these payments with those for Advance CTC will confound any analysis of the effects 

of the Advance CTC on poverty, food security, or related outcomes.   

Another policy change that potentially affected the economic well-being of low-income 

households around the time of the Advance CTC was the greatly enhanced Child and Dependent 

Care Credit for 2021, which was part of the American Rescue Plan Act. This change included a 

39-billion-dollar expansion in direct childcare funding as well as an expansion of the Child and 

Dependent Care Tax Credit for 2021.11  

 
11 https://www.whitehouse.gov/briefing-room/statements-releases/2021/04/15/fact-sheet-biden-harris-

administration-announces-american-rescue-plan-funding-to-rescue-the-child-care-industry-so-the-economy-can-

recover/ 
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4. Trends in the Timely Poverty Measures During the Pandemic  

In this section we present estimates for the timely poverty measures discussed above for 

the period from just prior to the start of the pandemic through the first half of 2022. We highlight 

the sharply different patterns between these two measures, particularly the differences that are 

evident around the implementation of major policy changes, such as the Advance CTC.  

Han et al. (2020) discusses how the near real-time poverty measure changed during the 

early months of the pandemic. In Figure 2, we update these estimates through June 2022. We 

report the rate for all individuals as well as for children because many of the policy changes, 

such as the Advance CTC, targeted families with children. These estimates indicate that the 

poverty rate was drifting slowly downward prior to the COVID-19 Pandemic. The rate fluctuated 

quite a bit on a monthly basis, which is not surprising given that the sample is about one-sixth 

the size of the CPS ASEC sample. The rate for children is about one-third higher than the rate for 

all individuals. One can see a pronounced fall in the rate for all individuals and especially for 

children in April of 2020, which coincides with the distribution of the first EIPs. The rate 

continues to fall with additional payments in May and the ramping up of expanded 

unemployment insurance. For all individuals the rate is 1.6 percentage points lower in May than 

at the start of the year, and for children the rate is 2.3 percentage points lower.12 Han et al. (2020) 

showed that the entire decline in poverty through June 2020 can be mainly accounted for by the 

 
12 Due to the moderately sized samples, estimates of month-to-month changes in poverty are imprecise. Larger 

changes, such as the fall in poverty between January and May 2020 or the subsequent rise in poverty between May 

and December, are statistically significant at the 5% level for the full sample. The data behind these figures, 

including standard errors, are available on the NTJ website hosted by DATAVERSE 

(https://dataverse.harvard.edu/dataverse/ntj). 
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initial round of EIPs, issued predominantly in April and May 2020, and secondarily by the 

expansion of unemployment insurance eligibility and benefits.  

In the last 6 months of 2020, however, poverty rose sharply, as some of the benefits that 

were part of the initial government relief package expired. Between June and December 2020, 

poverty rose by 2.2 percentage points for all individuals and 2.7 percentage points for children. 

Poverty rose each month between June and November (October for children) even though the 

unemployment rate fell by 40 percent (from 11.1 percent to 6.7 percent) during this period. This 

disconnect between poverty and unemployment is not surprising given that many government 

benefits expired, and unemployment insurance benefits typically only cover about half of pre-job 

loss earnings. By December 2020, the rates for both all individuals and children were about one 

percentage point higher than they were at the start of the year.  

During 2021, both the rates for all individuals and children showed little systematic 

change. The rate for all individuals drifted up slowly, rising almost a full percentage point over 

the year. The rate for children fluctuated between 15.7 and 17.7 percent given the fairly small 

sample but showed little trend or difference in the second half of the year compared to the first. 

The rate for children was 0.4 percentage points lower on average in the first half of 2022 

compared to all of 2021, but this difference is small.  

In Figure 3 we superimpose the CPSP poverty measures (starting in January of 2020) on 

those of Han et al., to show how the patterns compare. Unsurprisingly given the one-month 

reference period for resources, the CPSP monthly poverty rate swings dramatically from month 

to month. These large changes occur despite the much larger sample size used by the CPSP 

measure than the Han et al. measure. For example, consider how the CPSP poverty rate 

fluctuated in the early months of the pandemic. The poverty rate for all individuals fell sharply 
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by 3.4 percentage points (22 percent) in March of 2020, and then rose by 4 percentage points (34 

percent) over the next three months. The fluctuations in child poverty were even larger; poverty 

for children fell by 7.5 percentage points (40 percent) in March of 2020 and then rose by 8.7 

percentage points (78 percent) over the next three months.  

These fluctuations in the CPSP measures are driven, in part, by the fact that, as a monthly 

poverty measure, the material benefits of a lump sum transfer are only recognized in the month 

that they are received. Thus, poverty fell sharply in March 2020 because the CPSP allocated the 

bulk of EIP payments as well as tax refunds to families in that month. As a fraction of monthly 

income, the EIPs were enormous. Monthly income for a family of four with two children and 

with steady pre-pandemic income at 75 percent of the poverty line increased by more than 200% 

due to the EIPs. If this family lost all of its non-relief income (due to a lost job, for example) but 

received the EIP and the expanded unemployment insurance benefits, their monthly income was 

4.2 times greater than prior to the pandemic and was more than 200 percent of one-twelfth of the 

federal poverty line.13 Did these sharp, transitory changes in income accurately reflect the degree 

to which well-being changed, as is suggested by a monthly measure of poverty? To conclude that 

all the economic benefits from income are realized only in the month the income is received, one 

is implicitly assuming that individuals and families do not save (or borrow) to smooth over very 

short-term changes in income. Rather, they are implicitly assumed to consume all of their income 

each month. This assumption seems particularly implausible when the short-run fluctuations in 

income are particularly large, as was the case in the early months of the pandemic. In fact, 

research using household level consumption data shows that for those with few resources 

 
13 These statements are based on a family of four with annual income of $19,445 all of which is from earnings, 

implying monthly pre-pandemic income of $1,620. An EIP of $3,400 represents a 210% increase over $1,620. If 

monthly earnings go to 0 but the family receives UI (with a 50% replacement) as well as PUC and EIP, the resulting 

income is 810 + 2,600 + 3,400 = $6,810, which is 4.2 times greater than $1,620. 
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consumption did not increase noticeably in the first few months of the pandemic while savings 

increased (Meyer et al. 2022).  

 

Changes in Real-Time Poverty and the Advance Child Tax Credit 

It is important to note the differences in the patterns between the two real-time poverty 

measures in 2021 and early 2022, because this is the time that spans the period during which the 

Advance Child Tax Credit was announced and distributed. As noted above, the Advance Child 

Tax Credit was part of the American Rescue Plan Act, which passed in March 2021. The first 

advance payments were distributed in July 2021 and these payments continued through 

December 2021. The patterns for the two poverty measures differ sharply during this period. The 

CPSP poverty continued to see extraordinarily large changes in 2021. The rate for children fell 

by 9.4 percentage points (55 percent) in March, presumably driven by imputed receipt of tax 

refunds in that month. The rate for children fell by 3.9 percentage points (25 percent) in July 

2021 and then rose by 4.9 percentage points (40 percent) in January of 2022. These changes, 

which suggest the CTC had very large, immediate effects on child poverty, for the most part 

occur by construction—the CTC payments are imputed to families with children during these 

months, but the measure does not allow changes in other components of income to affect 

predicted poverty beyond those captured by changes in the inputs used to predict poverty, such 

as demographics and employment status. The poverty estimates from the Han et al. measure, in 

contrast, showed much less change during 2021 and early 2022. The Han et al. child poverty rate 

actually rose in July, by 1.1 percentage points (7.3 percent) and then fluctuated between 16.1 

percent and 17.7 percent without a noticeable trend through January 2022.  
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There are several potential explanations for the stark differences between the two 

measures of poverty over this period. It is first worth examining the importance of the use of a 

monthly, as opposed to annual, reference period by the CPSP measure. To get a sense of how 

important the reference period is for the overall trends, we can take the monthly values of 

poverty and average them over a year. This does not correspond to income averaged over a year, 

but it is a useful proxy.14 We can see in Appendix Figure 1 that the annual averaged CPSP 

measure still shows a sharp divergence from the Han et al. measure, especially for children. The 

average of the child poverty rates tends to be about a percentage point above the Han et al. 

measure in the first half of 2021, but then falls to more than two percentage points below the Han 

et al. rate in the first half of 2022. Thus, the use of a monthly measure does not seem to explain 

the different patterns. 

It is also worth asking if the large changes from one month to the next that we see for 

child poverty rates from the CPSP measure are plausibly capturing large changes in child well-

being. The comparisons to well-being measures from the Census Household Pulse Survey in 

Parolin et al. (2022) indicate an association between the monthly poverty measures and well-

being measures at the state/month level that is stronger in the simulations that account for policy 

changes than with poverty measures that do not account for any transfer or a measure of 

nonemployment.15  However, this is a fairly weak test given that the alternative poverty measures 

do not incorporate the trillions of dollars in cash transfers paid out over this period, and 

nonemployment is a poor proxy for poverty.    

 
14 Note that even with the monthly predictions of income from the CPSP simulations one could not calculate annual 

poverty as one would need to know the relationship over time of the predicted incomes over the course of a year for 

each family. 
15 Most of the measures they examine, such as whether the respondent is anxious, down, lacking interest or is not 

able to stop worrying, are subjective. They also include food insecurity, which is partly subjective, and missed rent 

or mortgage.  
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Another possible explanation would be that the Han et al. measure might not reflect 

receipt of the Advance CTC if respondents do not include these payments in their responses to 

the global income question in the Monthly CPS. While this is a serious question, there are good 

reasons to believe that the CTC payments are captured by the global income question. This issue 

can be approached in two ways. First, does the nature of the Monthly CPS income question make 

it likely that the payments were included? Second, what does the empirical evidence say about 

survey respondents’ inclusion of similar payments during the previous year? 

The nature of the CPS question is not without ambiguity, but the wording suggests that 

respondents should believe that the income measure should include the Advance CTC payments. 

The question asks for all money income received by the family and mentions a common cash 

payment from the government (social security payments) as an example. While the Census 

Bureau thinks of this question as capturing pre-tax income, there is no mention of taxes in the 

income section. The interviewer instructions list that regular cash payments should be included, 

but not tax refunds. Similar tax payments from the government that were not periodic, 

specifically Economic Income Payments (EIPs or stimulus checks), appear to be largely reported 

in the monthly CPS as we show below.  

In practice though, many types of government benefit payments are sharply 

underreported in the CPS and other surveys (Meyer, Mok and Sullivan 2015). The question of 

empirical evidence comes from two sources. First, the pattern of the Han et al. measure around 

the payment of the first round of EIPs in April and May of 2020 strongly suggests these EIPs 

were included in reports of family income. Looking at Figure 2, we see that there was a large dip 

in poverty of all individuals and children in April of 2020 with a continuing fall in May when the 

vast majority of the EIPs were paid. The poverty rate of children fell by 2.2 percentage points in 
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April, and an additional 1.4 percentage points in May. These drops occurred despite a fall in 

employment and an increase in poverty without the EIPs forecast in Han et al. (2020). UI dollar 

payments were substantial during this period, though they occurred slightly later. See Han et al. 

(2020) Table 3 for simulations that indicate that UI was much less important for poverty 

reduction in April and May 2020 than the EIPs. We also know that UI payments were sharply 

underreported in the CPS-ASEC in the pandemic (Larrimore et al. 2022). Thus, it seems fairly 

clear that the EIPs were largely recorded by the monthly money income question in the CPS. 

Second, a comparison of the Han et al. measure to the ASEC poverty measure, which 

explicitly does not account for taxes including EIPs and the Advance CTC, indicates that at least 

a large share of the EIPs are included in reported family income in the Monthly CPS. We 

compare calendar year annual ASEC child poverty rates from 1989-2020 to real-time child 

poverty averaged over the months from November through March, given the size of the child 

sample. Figure 4 shows the Han et al. measure change from 2019 to 2020 (a fall of 1.7 

percentage points) lines up best with the simulated fall in the ASEC adding in most of the EIPs.  

Incorporating only the first EIP indicates a fall of 1.0 percentage point (triangle marker), while 

including both EIPs indicates a fall of 2.3 percentage points (diamond marker). On the other 

hand, the series without the EIPs rises by 1.3 percentage points (circle marker). Thus, again the 

Han et al. measure appears to largely include the EIPs as the fall in poverty from 2019 to 2020 is 

of a similar size to that in the ASEC when incorporating them.16 

Another potential explanation for the different patterns across the two real-time poverty 

estimates during the period when the Advance CTC payments were distributed is that the Han et 

 
16 We also compared these measures for all individuals (Appendix Figure 2). The evidence for this full sample is not 

as strong as it is for the sample of children, but we see that poverty based on the Monthly CPS does not rise 

noticeably as it does in the CPS-ASEC measure that excludes the EIPs, consistent with some but not all of EIP 

dollars being reported.  
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al. measure, which is based on actual survey reported income, allows for a behavioral response to 

the policy change that would not be reflected in the CPSP measure beyond what is captured in 

month-to-month changes in the observed characteristics, such as demographic characteristics, 

and measures of employment that are used to impute CPSP poverty status. Potential behavioral 

responses that could affect family income, such as changes in labor supply, transfers from family 

or friends, and changes in living arrangements, would not be directly considered in the CPSP 

measure. 

Because there were many other policy changes that disproportionately affected families 

with children during this period, it is difficult to determine the extent of the behavioral response 

to the Advance CTC. However, empirical evidence and past research suggest that the response 

could be substantive. In general, we would expect the labor supply response in the very short run 

to be smaller than the long-run response. This may be particularly true in the case of the Advance 

CTC because the change in incentives was complicated and not particularly emphasized (Corinth 

et al. 2022). In the case of the EITC, there were extensive outreach campaigns at the national, 

state, and city level to point out the money gained from working due to the credit. There were 

also policies that were part of the American Rescue Plan Act that instituted the Advance CTC 

that would have counteracted the employment reduction effect, in particular the expansion of 

support for childcare.  

Nevertheless, there is evidence from both the Monthly CPS and administrative 

employment data that employment fell around the time of the Advance CTC. The EITC literature 

repeatedly finds that the employment of those with low levels of education responds to tax 

incentives targeted at those with low earnings, while the employment response of those with high 

levels of education is muted or not present.  In Figure 5 we report the employment of adults with 
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children relative to adults without children by education group after January 2020 (see Appendix 

Figure 3 for levels of employment).  We see a decline in the employment of adults with children 

relative to those without children beginning shortly after the passage of the American Rescue 

Plan Act in March 2021. This decline is only apparent for those with a high school education or 

less. There is little change for those with at least some college education. The decline begins to 

reverse in the last quarter of 2021 as it became clear that the temporary advance payments were 

in fact temporary. By early 2022, the difference between those with and without children 

disappears. In September and October of 2021, both the difference in employment levels 

between those with and without children and the difference in this difference between those with 

high and low education are statistically significant. In terms of the magnitude of the employment 

changes, the decline of 2 percentage points by September 2021 amounts to about 400,000 

workers. This change is between 25 and 30 percent of the long-run decline predicted by Corinth 

et al. (2022) from the elimination of the CTC work incentives. 

A similar pattern is evident in administrative employment data. These data come from 

Opportunity Insights (OI), which combines anonymized paycheck data from two private 

companies, Paychex and Intuit. The OI series indicates that low-wage employment (the bottom 

quartile) fell during a similar, though slightly later period than what is indicated by the CPS data. 

Low earnings employment peaked in July 2021 and did not recover until April of 2022.  While 

the OI series has the advantage of disaggregation by earnings level, we cannot separate the data 

by education or presence of children (this series can be seen in Appendix Figure 4 and is 

described in the Data Appendix).    

Changes in transfers from family members, friends, and non-custodial parents are another 

potentially substantive behavioral response. This response could occur in the short run given the 
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salience and the advertising of these transfers (as opposed to advertising of the work incentives). 

A substantial literature has found changes in private transfers from family members in response 

to changes in income or public transfers (see Rosenzweig and Wolpin, 1994; Cox and Jakubson, 

1995; Altonji, Hayashi, and Kotlikoff 1997; and Schoeni 2002). Estimates indicate that private 

transfers are reduced by 10 to 40 cents for every dollar of income received. Nonfamily transfers 

from partners or fathers of children may be more relevant and potentially an additional source for 

the families in question. While private transfers may not be a large fraction of income for the 

typical family, research has indicated that these transfers can account for a large fraction of 

income for very disadvantaged groups (Edin and Lein, 1997). Finally, changes in living 

arrangements can also counteract changes in non-market income as those with income increases 

move out or are less likely to move in with relatives, partners, or friends. Bitler et al. (2006) find 

large effects of welfare reform on living arrangements for children of low-educated heads 

averaged over the first years after reforms. The effects of the Advance CTC might be smaller 

given our short time period.  

5. Findings from Other Indicators of Well-Being 

Additional evidence on the effects of the CTC comes from two recent studies on changes 

in measures of well-being during the period of Advance CTC payments. If poverty fell sharply, 

and then rose sharply six months later, as indicated by the CPSP measure, one might expect to 

see sharp changes in well-being measures at these times. Furthermore, a key goal of poverty 

measurement is to identify deprivation which can be directly studied for this period. Two recent 

papers have examined other measures of well-being besides income poverty before and during 

the Advance CTC. In the months before and during the Advance CTC Parolin et al. (2021) 
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examine food insufficiency, missed rent/mortgage payments, and difficulty in meeting essential 

expenses. In the year before and after the Advance CTC Karpman et al. (2022) examine food 

insecurity as well as problems paying rent, mortgage payments, or utility bills. The results of 

both papers suggest an improvement in food security during the period of the Advance CTC. The 

other well-being measures, which are arguably less subjective, do not show clear improvements.  

The lack of consistent effects of the large changes in poverty on family hardship 

measures is not what one would expect from a 25 percent lower poverty rate. Furthermore, the 

one outcome that appears to show changes from before the Advance CTC to during its 

implementation is confounded by the expansions of SNAP and Pandemic EBT. Pandemic EBT 

expenditures were large (on the order of half of what is distributed in SNAP in a typical year) 

and were specifically targeted toward poor children during the period of the Advance CTC.   

A further limitation of the findings from these studies is that the approach used to identify 

the effect of the CTC on hardship in many of the analyses compares reporting recipients to 

reporting nonrecipients, an approach likely to be biased because of non-classical measurement 

error in who reports receipt. The pronounced underreporting of receipt can be seen by dividing 

the number of children sent payments (61 million as reported in Parolin et al. 2021) by the 

number of children covered by the relevant surveys (74 million) yielding a receipt rate of over 82 

percent (Parolin et al. report 83 percent). In the Parolin et al. sample, only 67 percent of children 

were in families with parents reporting receipt. Karpman et al. (2022) cut the sample down to 

those with incomes that would make them eligible and still find that only 76 percent of adults 

with children report receipt.17  Thus, a large share of those not reporting receipt is those who 

 
17 The rate for families could be lower than that for children but given the surveys’ likely under-coverage of 

nonrecipient undocumented immigrants and children abroad, the survey almost certainly has substantial 

underreporting.  
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received but just did not report it, likely a selected sample of those for whom the Advance CTC 

was not salient.  

In the case of the regression analyses employed by Parolin et al. with reported receipt as a 

binary explanatory variable that is measured with error, there will be substantial bias (Aigner 

1977; Meyer and Mittag 2017), that will overstate effects in this case.  The nonclassical 

measurement errors are necessarily correlated with the true values of receipt.  Parolin et al. also 

estimate the effect of CTC receipt using the presence of children as an instrumental variable for 

receipt. But this approach is also necessarily biased because the nonclassical measurement error 

must be correlated with any instrument that is correlated with the true values. In this context, the 

instrumental variable procedure necessarily biases upward estimates of the CTC effects.18 

Comparisons of those with and without children would still be valid, a contrast used in some of 

the Parolin et al. (2021) analyses.  While these studies would be more compelling with additional 

evidence from the period after the Advance CTC had expired, one should recognize that other 

policies of this period would continue to confound the analyses. 

6. Conclusions 

The COVID pandemic sparked innovation in real-time poverty measurement. In this 

paper, we highlight the differences between the new approaches taken to measure real-time 

income poverty and show that the different approaches can yield sharply different patterns and 

conclusions about the effects of policies. Several academic papers and numerous popular reports 

based on these measures conclude that poverty fell sharply during the temporary implementation 

of a child allowance in 2021 and rose sharply when it lapsed. What is not evident in these 

 
18 This logic also applies to a variable like CTC dollars which is the product of a mismeasured binary variable and a 

continuous one.  
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sources is that these claims of poverty changes in the range of 40 percent are based on 

simulations that do not rely on income data from the period in question. Instead, they simulate 

income relying on income data from prior years rather than actual reports of current income. The 

simulations also assume behavioral responses to cash transfers are absent. When we examine 

reported survey income data from the Monthly CPS, our estimates indicate that child poverty 

rates changed little during and after the period of a temporary child allowance. We explore 

explanations for the different patterns. Some of the differences are likely due the CPSP 

simulating monthly as opposed to annual income, to behavioral responses, and the 

underreporting of government transfers. While we cannot resolve many of the differences, the 

evidence we present indicates that conclusions that there was a large decrease in poverty while a 

child allowance was in place in 2021 and a large increase in 2022 when it lapsed merit greater 

qualification. In fact, evidence from a measure based on reported rather than imputed income for 

an annual rather than a monthly reference period suggests much more modest changes in 

poverty.  

It is also important to qualify that the relationship between a child allowance and income 

poverty in the long run likely differs from this relationship in the short run. This may be 

particularly true when examining changes in income in a single year (2021) that was atypical in 

many ways and during which other changes confound potential analyses. An assessment of the 

long run implications of a policy such as a permanent child allowance should consider the 

potential for behavioral responses including long-run changes in labor supply, living 

arrangements, fertility, and marriage that might affect the poverty reduction effects, and more 

broadly the effects on child well-being. Corinth et al. (2022) find that the labor supply responses 

could reverse most, or all, of the positive effects of a child allowance compared to a CTC. Other 
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recent papers have found smaller, but still substantial, effects but tend to rely on lower 

elasticities than have been found in the EITC literature, assuming that elasticities have fallen 

over time (Bastian 2022). The evidence for a decline in elasticities is mostly from married 

mothers which is not especially relevant.  The one paper that focuses on single women (Bishop 

et al. 2009), finds little change in the participation elasticities (as opposed to hours elasticities) 

that are relevant for the CTC and even less change over the period beginning in late 1980s or 

1990s from which most of the elasticities in the EITC literature draw their identification.  Other 

work that has directly estimated the labor supply effects of the CTC has found larger effects than 

Corinth et al. (2022) assumed (Lippold 2019). 

Other potential long-run effects of the change to a child allowance are also important to 

consider alongside short-run effects.19 Increased support for low-income children could improve 

their long-run outcomes. Children’s access to food stamps in the 1960s and 1970s led to 

improved outcomes when they became adults, including higher earnings (though not increased 

employment), better health, less incarceration and less dependence on welfare programs 

(Hoynes, Schanzenbach, and Almond 2016; Bitler and Figinski 2019; Bailey et al. 2020). Much 

of this evidence comes from a period when other safety net programs were much less generous 

than current aid, so the marginal effects might be lower today. Larger EITC payments for 

children have increased their educational attainment and their employment and earnings as adults 

(Bastian and Michelmore 2018). In that case, the policy being examined was a combination of 

more income and higher employment.  

Finally, we should emphasize the potential limitations of income-based poverty measures 

generally due to measurement issues and because income variation may not imply changes in 

 
19 See Winship (2021) for discussion of alternatives to a child allowance. 
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economic well-being. For these reasons, previous research has argued that consumption is a 

better measure of economic well-being, particularly for families with few resources. 

Nevertheless, this does not suggest that consumption should be exclusively used. Income and 

consumption data are complements and there are situations where each is likely to be more 

informative than the other. Given the conflict between income sources that we have highlighted, 

we expect that consumption data will be especially informative about how the material 

circumstances of families changed during the pandemic and with the temporary introduction of a 

child allowance.20 Though, as indicated earlier in this section, both favorable and unfavorable 

long-run effects will not likely be immediately apparent.   

 
20 If the Bureau of Labor Statistics follows the same schedule as in recent years, nationally representative data on 

consumption for 2021 from the Consumer Expenditure Survey would not be released until September 2022. 
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Data Appendix 

 

Analysis Sample 

 

Our analyses focus on a subset of individuals from the Monthly CPS monthly survey because we 

do not observe family income for all individuals for several reasons. First, housing units in the 

CPS are typically only asked this question in the first and fifth interview months that they are in 

the survey (housing units are in the CPS sample for eight months over a 16-month period—four 

months on, eight months off, and four months on). Second, the total income question is asked 

only in reference to the family income of the householder’s family, so we do not observe this 

income information for individuals in the household who are outside the householder’s family 

(i.e. unrelated individuals and unrelated subfamilies), which accounts for about 5 percent of 

individuals in the first or fifth interview month. Finally, during our sample period, between 20 

and 31 percent of individuals in the first or fifth months of the survey do not have a response to 

the family income question. Although the Census Bureau provides imputed values of income for 

those who do not respond, we do not include these observations in our analysis. As a result of 

these restrictions, we observe family income from respondents in their first or fifth month in the 

survey for a monthly sample of about 8,000 households and 20,000 individuals. 

 

Changes in nonresponse in the pandemic 

 

An important issue to consider for analyses of income that include the period of the COVID-19 

pandemic is a concern about how the pandemic may have affected survey responses. Due to 

health concerns, the Census Bureau shifted the survey collection method for the Monthly CPS 

from in- person to phone interview for some households in March 2020 and for nearly all 

households in April 2020. This change in procedure continued through August of 2020, but by 

September 2020 the methods had returned to baseline. This issue affects both the Monthly CPS 

and the CPS-ASEC for 2020.  

 

Adjusting Survey Weights 

 

To address concerns about changes in sample representativeness due to the pandemic, we 

reweight the samples during and after the pandemic so that they closely match a sample prior to 

the pandemic on observable characteristics. Specifically, for the Monthly CPS samples used for 

Figures 2 through 3, we first pool the January and February 2020 surveys, and divide our sample 

into 27 demographic cells defined by age (18-39, 40-64, 65 or above), education (high school 

dropout, high school degree or some college, College degree or above), and family type 

(individual 65 or older, non-elderly married person with/without children, non-elderly unmarried 

person with/without children). We then adjust the weights so that the weighted averages of these 

demographic characteristics of samples in March 2020-June 2022 surveys match to those of the 

pooled sample from January and February 2020. For the CPS-ASEC and the Monthly CPS 

samples used for Figure 4, we repeat the above reweighting procedure but adjusting the weights 

for survey years 2020-2021 to match the above demographic characteristics of the sample in the 

2019 CPS-ASEC. 

 

Imputing a Continuous Measure of Income from Bracketed Income in the Monthly CPS 
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Rather than reporting a specific dollar amount for family income, respondents in the Monthly 

CPS choose among 16 categorical income ranges:  

 

1) Less than $5,000 

2) 5,000 to 7,499 

3) 7,500 to 9,999 

4) 10,000 to 12,499 

5) 12,500 to 14,999 

6) 15,000 to 19,999 

7) 20,000 to 24,999 

8) 25,000 to 29,999 

9) 30,000 to 34,999 

10) 35,000 to 39,999 

11) 40,000 to 49,999 

12) 50,000 to 59,999 

13) 60,000 to 74,999 

14) 75,000 to 99,999 

15) 100,000 to 149,999 

16) 150,000 or more 

 

We convert categorical responses into a continuous measure by randomly selecting values of 

family income from families in the CPS-ASEC from the prior survey year who have incomes 

that fall in that same income range and who have some similar demographic characteristics. 

Specifically, we define the cells from which we draw income values based on the 16 income 

categories and 15 demographic categories defined by family size, number of children, and 

whether the age of the household head is 65 or older. For example, we assign an income value 

for a 65-year-old single individual in the Monthly CPS who reports having income between 

$30,000 and $34,999 by randomly selecting income values from the CPS ASEC sample of single 

individuals aged 65 and over who report a total income value that is between $30,000 and 

$34,999. We create and use five imputations for each response to estimate poverty. The key 

assumption for this imputation approach is that the distribution within a given category is the 

same in the Monthly CPS as in the CPS-ASEC, which is reasonable given that both questions 

refer to a twelve-month period and rely on the same definition of income. 

 

Imputing Economic Impact Payments (EIP) 

 

Imputing the EIP is straightforward as eligibility was primarily determined by family income, 

size and composition, all of which we observe in the Monthly CPS. However, to calculate the 

EIP, in some cases we have to make assumptions about 1) who is in the tax filing unit and 2) 

how total family income is divided across families with multiple tax filing units.  

 

1.1 Specifying the tax filing unit 

To assign individuals in the Monthly CPS to tax filing units we make four assumptions. First, 

each family unit within a household is a separate tax unit. Because the monthly income question 

is only asked of the householder’s family, we must focus on the 95 percent of the population that 
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this question covers. Fortunately, 96.4 percent of these individuals are in households that only 

have one family and no subfamilies. An example of the remaining cases is when a household has 

a primary family and a subfamily that we would assume file tax returns separately. For a 

household with multiple subfamilies, each subfamily is a separate tax unit. Second, a married 

couple files taxes jointly. Third, a person age 23 or below who is not the head of family or the 

spouse of family head (i.e. child or other relative of family head) belongs to the family head’s tax 

unit as a dependent. Fourth, a person age 24 or above who is not the head of the family or the 

spouse of the family head is a separate tax unit. 

 

1.2. Specifying the income of tax filing units 

In multiple family households that contain 3.6 percent of the population, we first allocate family 

income in a household assuming that each family’s contribution to household income is 

proportional to the number of adults in the family. For example, suppose that a household 

consists of two families where the first family has two adults and the second family has three 

adults. We assign family income of 2*(total household income/5) to the first family and family 

income of 3*(total household income/5) to the second family. Similarly, we calculate tax filing 

unit income as family income multiplied by the percent of adults in a family who belongs to the 

tax filing unit. Overall, 11.7 percent of people are in households where income is allocated in 

this way.  

 

1.3 Household level EIP 

Having the imputed tax filing units and their income, we calculate the amount of the first and 

second round EIPs for each tax filing unit by applying the EIP eligibility/benefit rules. 

Specifically, for the 1st (2nd) round EIP, we assign $1,200 ($600) to a single tax unit who has 

income less than $75,000. We apply the benefit reduction rate of 5 percent for each dollar in 

excess of $75,000. We assign $2,400 ($1,200) to a married couple tax unit with income less than 

$150,000 and apply the benefit reduction of 5 percent for each dollar in excess of $150,000. For 

each dependent who is age under 17, we assign an additional $500 ($600) to a tax unit. Finally, 

we calculate the household-level EIP as the sum of EIPs in all tax filing units of a household.  

 

 

Notes on the Opportunity Insight (OI) Employment Tracker 

 

OI reports weekly (seven-day moving average) employment rates by wage quartiles, expressed 

as a percentage change relative to the period of January 4-31, 2020. The wage quartiles are 

defined using multiples of the poverty thresholds that are adjusted monthly for inflation using the 

CPI. The upper threshold for the bottom annual wage quartile is 100% of the federal poverty 

line, while the upper threshold for the 2nd and 3rd quartiles are 150% and 250% of the federal 

poverty line, respectively. See Chetty et al. (2020) for more details. 



Notes: This figure is from Corinth and Meyer (2021). CTC and EITC parameters are based on 2020 tax law (all dollar

values expressed in 2020 nominal terms). All adjusted gross income is assumed to come from earned income, and the

family is assumed to take the standard deduction and claim no other non-refundable tax credits.

$4,000

Adjusted Gross Income

Figure 1. Credit Amount and Work Incentive of
Child Tax Credit and 40% of Earned Income Tax Credit for 

a Single Parent with Two Children, 2020

Child Tax Credit (pre-2021)

40% increase to EITC (what NAS
simulated would increase
employment of single mothers by
771,000)

$0
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Notes: To determine the poverty status of a family, we compare their income to their official poverty threshold,

adjusted monthly for inflation using the monthly CPI. The sample includes individuals who are included in the

householders’ families and who are in their 1st or 5th month in the Monthly CPS survey. Individuals with imputed

income are excluded from the sample. The statistics are weighted using fixed demographic weights since March 2020. 
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Figure 2. Han et al. Near Real-Time Poverty Rate, January 2019 –

June 2022, All Individuals and Children

Children

All Individuals

Initial EIPs 
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Notes: To determine the poverty status of a family, we compare their income to their official poverty threshold, 

adjusted monthly for inflation using the monthly CPI. The sample includes individuals who are included in the 

householders’ families and who are in their 1st or 5th month in the Monthly CPS survey. Individuals with imputed 

income are excluded from the sample. The statistics are weighted using fixed demographic weights since March 2020.  

The CPSP data are from https://www.povertycenter.columbia.edu/forecasting-monthly-poverty-data
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Figure 3. Han et al. Near Real-Time and CPSP Monthly Poverty 

Rates 

Children (Han et al.)

Children (CPSP)

All Individuals (CPSP)

Final Advance 
CTC sent

1st Advance 
CTC sent  

Initial EIPs 
sent



Notes: The Monthly CPS and CPS ASEC samples include individuals who are included in the householders’ families.

The Monthly CPS sample is restricted to children in households with non-imputed income that are in their 1st or 5th

month in the survey. The statistics are weighted using fixed demographic weights since 2019. EIPs are imputed based

on methods used in Han, Meyer, and Sullivan (2020).
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Figure 4. U.S. Child Poverty Rate, Monthly CPS (5-month moving 

average) vs. CPS ASEC

Monthly CPS (Nov-Mar Average)

ASEC w/o EIPs

ASEC w/ 1st EIPs

ASEC w/ 1st&2nd EIPs



Note: This figure reports the employment rates of adults aged 18-54 with children relative to those without children 

by education group. The employment data come from the Monthly CPS. The statistics are weighted using survey 

weights.
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Figure 5. Employment Rate Difference between Individuals aged 18-54 
w/ Children and those w/o Children by Education Level

Some College or More

H.S. Degree or Less

Initial EIPs 
sent

American 
Rescue Plan 

enacted

Final Advance 
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Notes: To determine the poverty status of a family, we compare their income to their official poverty threshold, 

adjusted monthly for inflation using the monthly CPI. The sample includes individuals who are included in the 

householders’ families and who are in their 1st or 5th month in the Monthly CPS survey. Individuals with imputed 

income are excluded from the sample. The statistics are weighted using fixed demographic weights since March 2020. 

The CPSP data are from https://www.povertycenter.columbia.edu/forecasting-monthly-poverty-data
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Appendix Figure 1. Han et al. Near Real-Time and CPSP Monthly 

Poverty Rates (12-month moving average)

Children (Han et al.)

All Individuals (Han et al.)

Children (CPSP, 12-month moving average)

All Individuals (CPSP, 12-month moving average)



Notes: The Monthly CPS and CPS ASEC samples include individuals who are included in the householders’ families.

The Monthly CPS sample is restricted to individuals from households with non-imputed income that are in their 1st or

5th month in the survey. The statistics are weighted using fixed demographic weights since 2019. EIPs are imputed

based on methods used in Han, Meyer, and Sullivan (2020).
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Appendix Figure 2. U.S. Poverty Rate, Monthly CPS (5-month 

moving average) vs. CPS ASEC

Monthly CPS (Nov-Mar Average)

ASEC w/o EIPs

ASEC w/ 1st EIPs

ASEC w/ 1st&2nd EIPs



Note: This figure reports the employment rates of adults aged 18-54 by education level and presence of children in 

the family. The employment data come from the Monthly CPS. The statistics are weighted using survey weights.
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Appendix Figure 3. Employment Rates by Education Level and Presence 

of Children, Individuals aged 18-54  

Some College or More w/ Children
Some College or More w/o Children
H.S. Degree or Less w/ Children
H.S. Degree or Less w/o Children



Notes: This figure reports weekly employment rates from the Economic Tracker at https://tracktherecovery.org. The 

employment series is constructed using the paycheck data from Paychex and Intuit. 
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Appendix Figure 4. Opportunity Insights Economic Tracker Employment 

Rates by Wage Quartile

2nd & 3rd quartile ($29k-$73k)

1st quartile (<$29k)
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