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Abstract: Given that the ultimate goal of business is performance enhancement, this study ap-

proaches the phenomenon by drawing on resource-advantage (R-A) theory to conceptualize a 

model with the aim of investigating the links among composite operant resources (CORs), namely 

customer orientation, basic operant resources (BORs), innovative capability, and financial perfor-

mance across Miles and Snow’s five business strategy types, including prospectors, differentiated 

defenders, low-cost (LC) defenders, analyzers, and reactors. The scope of this study is firms based 

in the emerging market of Thailand. A final sample of 395 Thai firms participated in the self-admin-

istered survey. Multiple-group structural equation modeling and multivariate analysis of variance 

(MANOVA) were utilized to test the hypotheses. The results revealed insightful findings that ad-

vance the strategy and innovation literature. While business strategy types moderate the proposed 

relationships, the only one that is uniform across all five types of firms is the positive, strong, and 

significant customer orientation–innovation capability link. Moreover, customer orientation and in-

novative capability contribute significantly to financial performance among prospectors and LC de-

fenders. However, only the former is essential to differentiated defenders, analyzers, and reactors. 

Overall, the findings suggest that managers must pay attention to connections between their chosen 

business-level strategy, customer-focused resources, and innovation capabilities to generate the best 

financial performance outcomes for their firms. 

Keywords: market-sensing; customer-relating; customer-response; innovation capability; resource-

advantage theory; multiple group analysis; financial performance 

 

1. Introduction 

Understanding customers is a key potential input of the “front end of innovation” 

[1]. Information about buyers can be acquired by firms that adopt a customer orientation, 

which refers to collecting, processing, and disseminating information regarding custom-

ers’ present and future needs and behaviors [2,3]. As such, recent applications of neuro-

scientific approaches in diagnosing consumers’ behaviors through the emerging research 

field of neuromarketing have been strongly advocated since they provide major theoreti-

cal advancements in understanding consumers [4]. For instance, neuroscience has been 

used to study consumers’ online buying behaviors [5], to study website designs [6], and 

to craft marketing strategies such as advertising campaigns [7]. Essentially, customer ori-

entation entails a comprehensive collection of market feedback in order for firms to better 

serve their customers [8]. To ensure that firms really understand customers’ needs and 

behaviors, firms are likely to invest in processes that enable customer orientation. These 

processes also help firms improve relationships with customers and develop pools of both 

informational and relational assets, which will eventually lead to a competitive ad-

vantage. It is believed that through learning and innovation processes, firms can achieve 

competitive advantages, which ultimately lead to the enhancement of firm performance. 
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Attaining better performance is critical to the survival of firms. Therefore, this study fo-

cuses on how firms of different strategy types can improve performance through innova-

tion and customer orientation. 

Prior studies have reported that the customer orientation–innovation–performance 

relationship varies under different organizational and environmental contexts [9,10], thus 

refuting claims of customer orientation’s ‘universal’ performance-enhancing effects. Fur-

thermore, customer orientation helps strengthen the sequential mediating relationships 

between agility and innovativeness through helping behavior and knowledge sharing 

[11]. Matsuno and Mentzer [12] also suggest that the organizational results that a firm 

realizes by implementing a customer orientation depend on the firm’s implemented busi-

ness strategy type since the configuration of a particular product-market strategy re-

source’s deployment and that of customer orientation must be aligned to enhance perfor-

mance. Despite these findings, the performance implications of customer-oriented and in-

novation resources of firms pursuing different business-level product-market strategies 

remain inadequately explored, particularly in emerging market contexts. 

Recent extant literature on strategy suggests that improved performance is attained 

when firms execute resource configurations that match their marketing abilities with the 

demands of their business strategy [9,13]. Empirical analysis from earlier studies of busi-

ness strategy and marketing resources and abilities has generally found complementary 

impacts of product-market strategy and marketing strategy on firm processes and firm 

performance [14]. Miles and Snow [15] develop a framework of business strategies based 

on how firms attempt to compete and achieve competitive advantage in their product-

market domains, including: (1) prospectors, who continuously identify opportunities for 

new products and/or markets to develop and exploit; (2) defenders, which tend to secure 

premium niches in their industries and can be further categorized either as low-cost de-

fenders, who compete by emphasizing cost-efficiency, or as differentiated defenders, who 

focus on delivering superior product quality and/or service; (3) analyzers, who defend 

their core markets and products by providing slightly improved and cheaper lines of their 

newly launched products; and (4) reactors, who lack a consistent strategic outlay, and tend 

to only respond to environmental pressures when necessary. Thus, the firm’s complex set 

of resources must be effectively configured in order for marketing capabilities to comple-

ment the implementation of the firm’s business strategy [16–18]. 

This study responds to the call for more research that examines new intervening and 

moderating variables in the link between customer orientation and performance, particu-

larly within dynamic marketing environments [19]. Since there is no prior study that in-

vestigates whether the patterns among the customer orientation–innovation capability–

firm performance relationships are consistent among firms pursuing different business 

strategy types, we postulate that the business strategy type moderates the effects among 

customer orientation, innovation capability, and financial performance. Firstly, we hy-

pothesize and empirically investigate how customer orientation, innovation capability, 

and firm performance are related across five product-market strategy types, namely pro-

spector, low-cost defender, differentiated defender, analyzer, and reactor, which have 

been investigated in prior literature (e.g., [20,21]). Secondly, we extend the application of 

resource-advantage theory to investigate such relationships in a sample of firms operating 

in an emerging market, namely Thailand. While extensive research regarding firm strate-

gic type, customer orientation, and innovation can be found in the context of Western and 

developed economies, little is known about firms from emerging economies. Given that 

Thailand represents one of the major emerging economies in Asia [22], it presents a mean-

ingful research context for this study. 

This paper is organized as follows. Section 1 introduces the research, demonstrates 

the research gap, and highlights the research’s significance. Section 2 discusses the theo-

retical underpinnings and hypotheses. Section 3 elaborates the research methodologies. 

Section 4 presents the data analyses and results. Section 5 provides a discussion of the 
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results. Section 6 presents conclusions, research contributions, implications, and future 

research directions. 

2. Theoretical Underpinning and Conceptual Framework 

This study adopts resource-advantage (R-A) theory and builds on the extant litera-

ture in strategy orientations and marketing strategy to propose a conceptual model and 

hypotheses about the performance of five product-market strategy types as derived from 

customer orientation and innovation capability. According to R-A theory, basic resources 

have properties that are either tangible, such as buildings and machinery, cash, and legal 

trademarks and licenses; or intangible—including human knowledge and skills, organi-

zational policies and culture, relationships with upstream and downstream partners, and 

acquired or newly generated information. Some of the tangible resources are considered 

‘operand,’ as they are “those on which an act of operation is performed,” whereas re-

sources that are intangible are mostly operant in nature, as they are “those that act on 

other resources” ([23], p. 67). According to R-A theory, resources can be classified hierar-

chically. Lower-order resources, such as basic operant resources (BORs), usually result 

from the configuration and deployment of unique bundles of basic resources. Higher-or-

der resources, such as composite operant resources (CORs), emerge from the integration 

of various BORs. These CORs are regarded as organizational capabilities or competencies 

that provide firms with the ability to drive down the costs and/or propose products with 

superior values [24,25]. Moreover, R-A theory also explicates that capabilities and compe-

tencies are derivatives of the complex organizational processes and interactions of basic 

resources, both tangible and intangible types, over time in order to develop superior mar-

ket propositions [25]. As such, the terms ‘resources’ and ‘capabilities’ are often used inter-

changeably [23,26]. In this paper, capabilities refer to operant resources since several ‘op-

erant resources’ are pervasive in an organization but at different hierarchical levels [23,26]. 

We draw on R-A theory to propose that customer orientation is a higher-order re-

source, derived from complex interactions among several CORs, instead of a simple com-

position of different CORs or BORs. Specifically, customer orientation, in this study, is 

developed as a second-order construct reflected by three first-order constructs that repre-

sent: (1) market intelligence (market-sensing capability); (2) customer knowledge devel-

opment (customer-relating capability); and (3) customer management (customer-response 

capability) [27]. 

2.1. Customer Orientation and Innovation Capability 

Innovation capability refers to the firm’s capacity to continuously convert knowledge 

resources and ideas into new products/services and organizational processes for the bet-

terment of the firm [28]. Such innovation is considered a critical element among firms 

aiming to provide superior value propositions to the markets; therefore, these firms strive 

to understand customers through acquiring market information so that they can antici-

pate changes in customers’ needs and behaviors. While an overemphasis on information 

by being customer-focused or market-driven could lead to merely “me-too”-type incre-

mental innovations, a dual focus on customers, on the one hand, and research and devel-

opment (i.e., being market-driving), on the other, may enable firms to achieve radical in-

novations [29]. Being responsive to customers thorough customer-response capability 

helps firms develop innovations that enhance customer value. Yet, superior customer 

value creation may encompass not only product innovations, but also business system 

innovations [30]. Although customer orientation has been found to positively affect ad-

ministrative and technical innovations [31], the link between customer orientation and 

innovation is rather complex. For instance, a positive customer orientation–R&D effec-

tiveness relationship is contingent upon the existence of firms with a high knowledge in-

tegration level [3]. In this study, we expect that customer-oriented firms tend to be 

equipped with better market knowledge through capabilities in market sensing, customer 
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relating, and customer response, which will enable them to attain higher levels of innova-

tion capability [11,32]. 

2.2. Customer Orientation and Business Strategy Configurations 

A review of the extant literature suggests strategy types as contingency factors be-

cause strategic implementation is a function of how an organization adapts to the business 

environment [33]. Since Miles and Snow’s five business strategy types are usually led by 

performance goals, firms pursuing each strategy type seem to follow a planned pattern to 

adapt to the environment. Therefore, the influence of customer orientation to enhance in-

novation capabilities and firm performance may also differ based on the business strategy 

type. This presumption is based on the strategy type literature, which indicates that (1) a 

firm chooses to pursue a product-market strategy based on its perception of the surround-

ing business environment, (2) the selected strategy serves as a guide by which the firm 

allocates its resources, and (3) the firm attempts to excel in specific performance targets 

[12]. Within this setting, customer-oriented firms tend to be selective in information ac-

quisition and information dissemination in order to attain specific types of performance 

outcomes. As such, we hypothesize that business strategy type moderates the effects 

among customer orientation, innovation capability, and financial performance (refer to 

the conceptual model in Figure 1). 

Hypothesis 1. The relationships among customer orientation, innovation capability, and financial 

performance are moderated by business strategy type. 

 

Figure 1. Conceptual model of the moderating effect of business strategy type on customer orienta-

tion–innovation capability–financial performance relationships. 

2.3. Prospectors, Customer Orientation, Innovation Capability, and Performance 

Prospector types are persistent in their quest for market opportunities. New opportu-

nities are recognized through exploration, which may transpire through “outside-in” cus-

tomer-oriented processes [34] and/or “inside-out” R&D-driven innovation processes [3]. 

Prospectors experiment with alternative responses to emerging environmental trends [35]. 

To keep up with environment changes, prospectors must possess an advanced learn-

ing capability and marketing capability in order to deploy the market knowledge they 

have acquired. For the development of new products, prospectors engage in customer 

learning by observing customers’ use of products and/or services within standard con-

texts and by collaborating closely with lead users for insights, inspiration, models, and 

expertise [20]. Therefore, it is anticipated that prospectors possess higher levels of both 

customer orientation and innovative capability in order to stay at the forefront of compet-

itive terrain. 

Figure 2 depicts a matrix, combining two types of capabilities along a continuum of 

low-to-high levels, with the proposed business strategy type. Prospectors should be 
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placed at the bottom-right corner of this grid. Given the aforementioned discussion, our 

second set of hypotheses can be expressed as follows: 

 

Figure 2. Customer orientation, innovative capability, business strategy type grid. 

Hypothesis 2. Prospectors will exhibit high levels of customer orientation and innovative capability. 

Hypothesis 3. The relationships among customer orientation, innovative capability, and financial 

performance will be more pronounced in prospectors, compared to LC defenders, differentiated de-

fenders, analyzers, and reactors. 

2.4. Defenders, Customer Orientation, Innovation, and Performance 

Views of the capabilities of defender types are not consistent in the literature. For 

instance, Miles et al. [33] contend that the failure of defenders to sense, relate, and respond 

to market changes may lead them to rather maintain the organizational status quo amid 

changes in the surrounding business environment. However, Conant, et al. [36] state that 

such market-linking capabilities are particularly critical for defenders because such capa-

bilities allow them to detect changes in customers’ needs and prepare necessary responses 

to thrive and survive in their market territory. Empirical evidence from prior studies is also 

indicative of the inconsistent capabilities of defender-type firms. For instance, Song, et al. 

[37] found that defender-type firms in the U.S. and in China have high market-linking and 

marketing capabilities relative to analyzer, reactor, and prospector types, whereas defend-

ers in Japan do not. With regard to customer orientation, Olson, Slater and Hult [20] report 

that prosperous defenders, both low-cost and differentiated, exhibit relatively low customer 

orientation compared to prospectors and analyzers, and compared to other behaviors in-

cluding internal/cost orientation, innovation orientation, and competitor orientation. 

These differences in the findings may lie in the broad range of firms within this de-

fender categorization, which focuses mainly on the SBU’s intended growth rate and ne-

glects other aspects of strategy. For example, low-cost defenders (LC defenders) demon-

strate an internal focus on costs, which supersedes their external orientation on the exter-

nal environment, whereas differentiated defenders compete by offering superior products 

and/or services [35]. The differences in these two competitive strategies tend to demand 

different sets of resource utilizations, processes, and programs. 

2.4.1. Differentiated Defenders, Customer Orientation, Innovation, and Performance 

Differentiated defenders also choose to serve narrow niches that prevail in more sta-

ble product or service areas and demonstrate a keen understanding of their customers 

[35]. The differentiated defender emphasizes customer-oriented behaviors to maintain 

close relationships with its customers and track changes in customer needs and competi-

tor behaviors in order to satisfy unique needs that only the firm has identified [38], while 

product or service innovation may not be key activities [9]. Thus, we postulate that: 

Hypothesis 4. Differentiated defenders will exhibit a high level of customer orientation but low 

level of innovative capability. 
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2.4.2. Low-Cost Defenders, Customer Orientation, Innovation, and Performance 

Low-cost defenders (LC defenders) choose to compete in narrow and stable market 

domains, with an internal focus on cost control as a means to attract and retain customers 

by offering prices substantially below those of rival firms. The dominant functions of LC 

defenders include process engineering, production, distribution, and finance [35]. LC de-

fenders have a limited number of product lines, which are not as technically sophisticated 

as those of firms pursuing other business strategies. They are also less likely to set high ad-

vertising and sales promotion budgets compared to firms of other business strategy types. 

Relative to firms of other business strategy types, LC defenders do not invest much 

in marketing activities [39]. Nevertheless, even a slight allocation of marketing expendi-

tures is still required for survival and performance outcomes. LC defender firms’ primar-

ily focus is on cost reduction; therefore, market or customer orientations may not exert 

much influence on this type of firms. Moreover, LC defenders tend to pay attention to 

competitors because they rely on competitors’ pricing strategies as guidelines for their 

cost-reduction motives and activities [20]. By choosing to compete in a narrow and stable 

market domain, the LC defender becomes efficient in understanding customer needs, 

which facilitates market penetration and growth in revenue. Since the primary target cus-

tomers of LC defenders are price-sensitive, firms of this type tend to rely less on customer-

learning or linking capabilities [14]. Unlike firms of other business strategy types, LC de-

fenders’ efficiencies likely stem from process innovations rather than product innovations 

driven by technological advancements [35]. Hence, it is likely that minimal resources are 

committed to customer orientation, which will not be influential in the development of 

LC defenders’ innovation capability and ultimate performance. 

Hypothesis 5. LC defenders will possess a low level of customer orientation but a high level of 

innovative capability. 

2.5. Analyzers, Customer Orientation, Innovation, and Performance 

Analyzers are considered the most complex product-market strategy type because 

they have pursued a dual focus to defend their positions against other types of firms. To 

compete with prospectors for early adopters, analyzers need to understand the customers 

in order to preempt the markets. To compete with defender types and other analyzers in 

a mass market, analyzers attempt to defend the core products and markets that contribute 

to their entrepreneurial endeavors in generating essential resources [14]. Consequently, 

analyzers pursue an external focus on competitors as well as on customers to ensure that 

they convert their understanding of customers into better value propositions at competi-

tive prices and with comparable offerings to outcompete competitors [20]. To learn about 

competitors and customers, analyzers must have arduous processes for market scanning 

in order to enhance their market mobility to compete with prospectors when they plan to 

launch a product innovation or to enter a new market. With their dual focus, analyzers 

generally have a greater ability to scan the environment, identify new opportunities, and 

evaluate viable options to compete with prospectors and defend their positions against 

other analyzers and defenders [36]. 

Developing marketing and process innovations is essential for analyzers to ensure 

that the identified opportunities can be successfully captured [15,17]. Hence, the empha-

ses are on both cost reduction and process adaptation capabilities [15,40]. To effectively 

compete with prospectors, analyzers put priority on organizational effectiveness to ensure 

that their new product and market developments are parallel to those of prospectors. To 

efficiently defend against other analyzers and defenders, analyzers focus on productivity 

and efficiency to ensure the pre-emption of the markets and maintain their competitive 

positions. Hence, analyzers balance efficiency and effectiveness in developing and imple-

menting strategies. Specifically, innovations at all levels of business are important for an-

alyzers. 
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Recent empirical studies reveal that analyzers commit to the development of innova-

tion resources more so than prospectors and defenders. For instance, [41] found, from a 

sample of French manufacturing firms, that analyzers exhibit higher intensities of inno-

vation than do differentiated defenders and prospectors. Given the complex nature of an-

alyzer-type firms, it is postulated that these firms possess both customer orientation and 

innovative capability at mediocre levels when compared with firms of other business 

strategy types. 

Hypothesis 6. Analyzers will possess mediocre levels of customer orientation and innovative ca-

pability. 

Since analyzer-type firms tend to pursue a dual focus to compete with prospectors, 

defenders, and other analyzers, it is expected that the relationships among customer ori-

entation, innovative capability, and financial performance of analyzers are stronger than 

those of differentiated and LC defenders. Hence, 

Hypothesis 7. The relationships among customer orientation, innovation capability, and financial 

performance of analyzers will be stronger than those of differentiated defenders and LC defenders. 

2.6. Reactors, Customer Orientation, Innovation Capability, and Performance 

Reactor-type firms do not implement a viable or consistent product-market strategy, 

and instead show a pattern of ad hoc adaptation when they are compelled to respond to 

environmental changes and pressures [15]. Whether this pursuit is due to reactor una-

wareness to environmental changes or due to their limited resources and capacity to adapt 

remains unclear. Nevertheless, due to the fact that reactors typically do not seem to com-

mit to an enduring product-market strategy, some researchers who have examined the 

relationship between strategy type and organizational processes and/or firm performance 

have opted to exclude reactor strategy types in their studies [9,20]. Some researchers con-

tend that reactor-type firms are merely identified as the residual groups of the other prod-

uct-market types (e.g., [42]). There seems to be a general consensus that among the four 

business strategy types, reactors are the poorest performers, because prospectors, defend-

ers, and analyzers demonstrate consistent behaviors that enable them to build their critical 

requisite capabilities [43]. Reactors fail to develop the proper mechanisms and processes 

that are necessary to identify and to react to changes in the environment, and therefore 

lack adequate adaptive capability [44]. For this reason, we propose that: 

Hypothesis 8. Reactors will possess the lowest levels of customer orientation and innovative ca-

pability. 

3. Methodology 

3.1. Sampling Procedure and Data Collection 

Our sample was drawn from a list of firms in the Business Directory of Thailand 

Chamber of Commerce. A total of 1500 firms were randomly selected and contacted to 

identify key informants who are responsible for the company’s customers, strategies, and 

operations. Self-administered questionnaires were utilized to collect responses. The re-

spondents were reminded with two subsequent phone calls after the initial surveys were 

sent to them. The final number of usable completed questionnaires is 395 (response rate 

of 26.33%), representing firms from various industries. Table 1 illustrates the distribution 

of firms in our sample, both total and classified into different strategic types. The average 

number of years firms operated is 27.2. The number of permanent employees indicated 

firm size. Firms were classified to either small, medium, or large, based on ASEAN’s (As-

sociation of Southeast Asian Nations) definition. 

Given the self-selection nature of survey-based methodology, non-response is inevi-

table and must be examined. Non-response bias was checked using two approaches [28]. 
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First, we compared the demographic characteristics of response versus non-response 

firms. Second, we split completed surveys into early- and late-response groups and com-

pared the means of major constructs in this study. Since no significant differences were 

detected in response and non-response groups or early- and late-response groups, there 

is no non-response bias. Since all data were collected from a single informant—one of the 

conditions prone to common-method variance (CMV)—both ex ante and ex post proce-

dures were used to ensure that the CMV could be minimized. As suggested by Podsakoff 

et al. [45] various scaling techniques were used to obtain data to minimize the potential of 

CMV, ex ante. After obtaining this data, we used Harman’s one-factor approach to check 

CMV, ex post. No single factor emerged from the exploratory factor analysis; therefore, 

CMV is not a concern here. 

3.2. Measures 

All survey items were based on scales used in prior literature and are reported in 

Table 2. To measure business strategy type, five descriptions corresponding to each busi-

ness type were provided to the key informants, who were asked to select the description 

that best fit their firm. The descriptions were based on the seminal conceptualizations of 

Miles et al. [33] and Slater and Olson [39]. For customer orientation, we adopted the oper-

ationalization of customer orientation (COCAP) from Racela and Thoumrungroje [46], 

which regards COCAP as a higher-order dynamic capability consisting of the three lower-

order capabilities of market-sensing (MKTSENS), customer-relating (CUSTREL), and cus-

tomer-response (CUSTRES) capabilities. To measure customer orientation (COCAP) and 

innovation capability (INNOVCAP), we followed the scales developed by Racela and 

Thoumrungroje [46]. Financial performance (FPERF) was measured on six items based on 

the operationalization of Thoumrungroje and Racela [47] and Zhu and Nakata [48]. Table 

2 elaborates the scale type along with scale assessment. Since the original scales are in 

English, a back-translation technique was used to ascertain translation equivalence in con-

verting them into Thai. 
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Table 1. Sample profile. 

 Total Sample 

n = 395 

Prospector 

n = 122 

Diff Defender 

n = 123 

LC defender 

n = 77 

Analyzer 

n = 37 

Reactor 

n = 36 

Industry       

Industrial goods, Automotive, and Construction  

Materials 

22.5% (89) 19.7% (24) 26.0% (20) 24.4% (30) 13.5% (5) 27.8% (10) 

Agriculture and Food 21.5% (85) 20.5% (25) 20.8% (16) 25.2% (31) 13.5% (5) 22.2% (8) 

ICT, Chemicals, Energy, and Electrical 14.9% (59) 18.0% (22) 20.8% (16) 12.2% (15) 13.5% (5) 2.8% (1) 

Garment, Health, and Handy Crafts 21.0% (83) 22.1% (27) 16.9% (13) 21.1% (26) 18.9% (7) 27.8% (10) 

Services 9.1% (36) 8.2% (10) 6.5% (5) 9.8% (12) 13.5% (5) 11.1% (4) 

Others 10.9% (43) 11.5% (14) 9.1% (7) 7.3% (9) 27% (10) 8.3% (3) 

Number of years the firm has been established       

1–9 years 22.5% (89) 13.1% (16) 22.1% (17) 23.6% (29) 32.4% (12) 41.7% (15) 

10–19 years 27.6% (109) 27.0% (33) 27.3% (21) 30.1% (37) 27.0% (10) 22.2% (8) 

20–29 years 18.9% (75) 18.0% (22) 15.6% (12) 22.0% (27) 13.5% (5) 25.0% (9) 

30–39 years 12.4% (49) 20.5% (25) 9.1% (7) 8.9% (11) 10.8% (4) 5.6% (2) 

40–49 years 4.1% (16) 4.1% (5) 6.5% (5) 4.1% (5) 2.7% (1) 0.0% (0) 

>50 years 14.4% (57) 17.2% (21) 19.5% (15) 11.4% (14) 13.5% (5) 5.6% (2) 

Number of permanent employees       

<50 (Small) 32.2% (127) 20.5% (25) 35.1% (27) 36.6% (45) 29.7% (11) 52.8% (19) 

50–200 (Medium) 28.1% (111) 27.9% (34) 31.2% (24) 24.4% (30) 32.4% (12) 30.6% (11) 

>200 (Large) 39.7% (157) 51.6% (63) 33.8% (26) 39.0% (48) 37.8% (14) 16.7% (6) 
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Table 2. Scale assessment and CFA results. 

Research Constructs and Validations 
Standardized 

Loadings a 

Item-To-Total 

Correlation 

1. Customer Orientation (COCAP); α = 0.78; CR = 0.90; AVE = 0.74 

Indicate the extent to which your firm engages in the following:  

(six-point scale, anchored by “does not engage at all” and “engages to a very great extent”) 

Source: Racela and Thoumrungroje (2020) [46] 

  

Market-sensing (MKTSENS); α = 0.81; CR = 0.74; AVE = 0.48 0.70 b  

 We conduct customer satisfaction surveys on a regular basis. 0.70 (0.07) 0.59 

 We analyze customer data to uncover trends. 0.84 (0.07) 0.70 

 We have routines of how our customer information is gathered, stored, shared, and 

analyzed by our employees. 
0.78 b 0.68 

Customer-relating (CUSTREL); α = 0.85; CR = 0.85; AVE = 0.59 0.87 (0.10)  

 We collaborate with customers to find win-win solutions. 0.76 b 0.67 

 We give our customers attention that makes them feel important. 0.81 (0.07) 0.73 

 Customers stay with us because they want to, not because they have to. 0.79 (0.08) 0.73 

 We consider the long-term benefits of retaining customers. 0.72 (0.08) 0.64 

Customer-response (CUSTRES); α = 0.78; CR = 0.79; AVE = 0.48 0.92 (0.10)  

 We suggest different options to customers as ways to solve their problem. 0.76 b 0.62 

 We take care of customer problems immediately. 0.75 (0.07) 0.65 

 We invest resources to customize solutions to customer problems. 0.66 (0.08) 0.57 

 Our employees are empowered to respond to customers. 0.62 (0.08) 0.51 

2. Innovative Capability (INNOVCAP); α = 0.81; CR = 0.78; AVE = 0.42 

Compared with your competitors, how does your business perform in: 

(six-point scale, anchored by “very poor” and “much better”) 

Source: Racela and Thoumrungroje (2020) [47] 

  

 developing better product designs. 0.65 b 0.56 

 implementing new ideas and changes to work. 0.74 (0.09) 0.65 

 implementing new administrative processes. 0.67 (0.09) 0.58 

 using new ways to manage employees’ productivity and morale. 0.68 (0.09) 0.59 

 being innovative. 0.65 (0.11) 0.59 

4. Financial Performance (FPERF); α = 0.89; CR = 0.87; AVE = 0.52 

Compared with your competitors, how does your business perform in terms of: (7-point 

Stapel scale with a range from ± 3) 

Source: Adapted from Zhu and Nakata (2007); Thoumrungroje and Racela (2013) [48] 

  

 growing sales revenue. 0.77 b 0.72 

 earning returns on its investments. 0.65 (0.07) 0.61 

 reaching its financial goals. 0.89 (0.07) 0.80 

 growing profit. 0.87 (0.06) 0.79 

 cash flows. 0.67 (0.07) 0.64 

 shareholder value. 0.68 (0.08) 0.64 
a Standard errors are reported in the parentheses. b For the purpose of model identification and 

estimation, the item was fixed. 

3.3. Scale Assessment 

We assessed the measurement model using confirmatory factor analyses since our 

scales are based on prior scales used in the literature. The model achieved acceptable fit 

well, with chi-square (χ2) of 526.28 (203). The comparative fit index (CFI) of the model is 

0.92, with a Tucker–Lewis coefficient (TLI) of 0.91; standardized root mean square resid-

ual (SRMR) of 0.06; and root mean square error of approximation (RMSEA) of 0.06, indi-

cating that the model fit the data well [49]. All constructs established reliability and valid-

ity since all coefficient alphas are above 0.70, the minimum threshold recommended by 

Nunnally and Bernstein [50], with all significant standardized factor loadings (p < 0.00) 
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over 0.60. To assess construct reliability, we used composite reliabilities (CR) and average 

variance extracted (AVE). With CRs above 0.70, and most AVEs above 0.50, all constructs 

are reliable [49]. Despite the fact that some AVEs are below 0.50, the minimum level rec-

ommended by Fornell and Larcker [51], the item-to-total correlations of these constructs 

are greater than 0.40 and CRs are over 0.70. These are acceptable conditions for scale reli-

ability [52]. 

We assessed convergent validity through confirmatory factor analyses. With all items 

significantly loaded to their designated construct (p < 0.00), and the standardized factor 

loadings (λ’s) above 0.6, convergent validity of every construct was achieved [53]. To 

check discriminant validity, the square roots of the AVEs were compared to the corre-

sponding correlations with other constructs. Since all square roots are larger than the cor-

relations, except for those between the first-order constructs (MKTSENS, CUSTREL, CUS-

TRES) and their respective second-order construct of COCAP, the scales established dis-

criminant validity [51]. The higher correlations between COCAP and its first-order com-

ponents are expected because the first-order constructs should converge into the second-

order construct as postulated by the theory; therefore, this does not consider the violation 

of discriminant validity. In addition, the main construct of interest in this study is COCAP, 

with the remaining constructs of INNOVCAP and FPERF. The correlations among these 

main constructs are less than the square roots of their AVEs; hence, all scales achieved 

discriminant validity [46]. Table 3 reports means, standard deviations (SD), correlations, 

and square roots of AVEs used for assessing discriminant validity. Overall, all scales are 

reliable and valid. 

Table 3. Descriptive statistics, correlations, and discriminant validity. 

 1 2 3 4 5 6 

1. MKTSENS 0.70      

2. CUSTREL 0.51 *** 0.77     

3. CUSTRES 0.49 *** 0.68 *** 0.69    

4. COCAP 0.84 *** 0.85 *** 0.83 *** 0.86   

5. INNOVCAP 0.53 *** 0.42 *** 0.49 *** 0.58 *** 0.65  

6. FPERF 0.45 *** 0.37 *** 0.44 *** 0.50 *** 0.45 *** 0.73 

Mean 4.32 5.01 4.76 4.69 4.52 5.36 

SD 1.07 0.84 0.78 0.75 0.81 0.85 

Note: The square roots of the average variance extracted (AVEs) are reported in the diagonal ele-

ments in the table. *** if p < 0.001 (two-tailed). 

3.4. Control Variables in the Model 

In order to minimize endogeneity problems, which could result from potential omis-

sion of variables for model estimation, we included control variables as suggested by 

Bernerth and Aguinis [54]. Moreover, prior studies (e.g., [55]) indicate that firm age and 

size influence the level of innovation of firms; as such, the inclusion of these two firm 

characteristics is deemed appropriate. From our results, as reported in Table 4, both firm 

age and size have no impact across firms. 
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Table 4. Unstandardized parameter estimates (with standard errors) of multiple-group analyses. 

Paths 
Total Sample 

n = 395 

Prospector 

n = 122 

Diff. Defender 

n = 123 

LC Defender 

n = 77 

Analyzer 

n = 37 

Reactor 

n = 36 

Control Variables       

Firm Size  Financial Performance 
0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

Firm Age  Financial Performance 
0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

0.00 

(0.00) 

Customer orientation  Innovation Capability (p21) 
0.62 *** 

(0.05) 

0.52 *** 

(0.08) 

0.63 *** 

(0.10) 

0.49 *** 

(0.10) 

0.68 *** 

(0.14) 

0.77 *** 

(0.15) 

Innovation Capability  Financial Performance (p32) 
0.27 *** 

(0.05) 

0.37 ** 

(0.13) 

0.03 

(0.12) 

0.36 *** 

(0.09) 

0.17 

(0.28) 

0.33 

(0.23) 

Direct Effect (p31) 

Customer orientation  Financial Performance  

0.42 *** 

(0.06) 

0.38 ** 

(0.11) 

0.47 *** 

(0.14) 

0.27 ** 

(0.11) 

0.69 ** 

(0.33) 

0.71 ** 

(0.24) 

Indirect Effect (p21 ∗ p32) 

Customer orientation  Innovation Capability  Financial Performance 

0.17 ** 

(0.03) 

0.19 * 

(0.07) 

0.02 

(0.08) 

0.18 * 

(0.06) 

0.11 

(0.20) 

0.26 

(0.19) 

Total Effect p31 + (p21 ∗ p32) 

Customer orientation  Financial Performance 

0.59 * 

(0.06) 

0.57 ** 

(0.10) 

0.49 ** 

(0.10) 

0.45 ** 

(0.11) 

0.80 * 

(0.23) 

0.96 * 

(0.20) 

Note: Path analysis goodness-of-fit measures: chi-square 16.652 (15); CFI = 0.992; TLI = 0.961; GFI = 0.992; RMSEA = 0.02; SRMR = 0.02. * if p < 0.05; ** 

if p < 0.01; *** if p < 0.001 (two-tailed). 
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4. Data Analyses and Results 

To test our hypotheses, our data analyses were conducted in two stages: multiple-

group path analysis and multivariate analysis of variance (MANOVA). Since our business 

type is a categorical variable, we used a multiple-group path analysis to test hypotheses 

1, 3, and 7, which propose comparing the parameter estimates among customer orienta-

tion, innovation capability, and financial performance across different business strategy 

types. The mediating effect of innovation capability illustrated in the model was tested by 

the bias-corrected bootstrapping technique. Table 4 reports the results of the study with 

the total sample of 395 firms (i.e., 122 prospectors; 123 differentiated defenders; 77 LC 

defenders; 37 analyzers, and 36 reactors). According to the thresholds suggested by 

Bagozzi and Yi [49], the model provides good fit with a non-significant χ2 of 16.652 (12); 

goodness of fit index (GFI) of 0.992; confirmatory fit index (CFI) of 0.992; root means 

square error of estimation (RMSEA) of 0.022; and standardized RMR (SRMR) of 0.024. 

Our first hypothesis postulates the moderating role of business type on customer ori-

entation–innovation capability–financial performance relationships. To compare the ef-

fect sizes of the hypothesized relationships shown in Figure 1 across multiple business 

strategy types, unstandardized coefficients are used (see Table 4). From our findings, the 

link between customer orientation and innovation capability is significant across all busi-

ness strategy types with the highest-to-lowest effect sizes among reactors (𝑝21 𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 

0.77, p < 0.001), analyzers ( 𝑝21 𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠 = 0.68, p < 0.001), differentiated defenders 

(𝑝21 𝐷𝑖𝑓𝑓 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.63, p < 0.001), prospectors (𝑝21 𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠 = 0.52 p < 0.001), and LC 

defenders (𝑝21 𝐿𝐶 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.49, p < 0.001), respectively. However, the relationship be-

tween innovation capability and financial performance is only significant in prospectors 

(𝑝32 𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠 = 0.37, p < 0.01) and LC defenders (𝑝32 𝐿𝐶 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.36, p < 0.001), but not 

in differentiated defenders (𝑝32 𝐷𝑖𝑓𝑓 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠  = 0.03, p > 0.10), analyzers (𝑝32 𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠  = 

0.17, p > 0.10), and reactors (𝑝32 𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 0.33, p > 0.10). As such, the direct path between 

customer orientation and financial performance is also significant across business strategy 

types, with the highest-to-lowest effect sizes in reactors (𝑝31 𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 0.71, p < 0.01), ana-

lyzers (𝑝31 𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠 = 0.69, p < 0.01), differentiated defenders (𝑝31 𝐷𝑖𝑓𝑓 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.47, p < 

0.001), prospectors (𝑝31 𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠  = 0.38, p < 0.01), and LC defenders (𝑝31 𝐿𝐶 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠  = 

0.27, p < 0.01), respectively. The indirect effect (through innovation capability) between 

customer orientation and firm performance only exists in prospectors (𝑝21 ∗ 𝑝32 𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠 

= 0.19, p < 0.05) and LC defenders (𝑝21 ∗ 𝑝32 𝐿𝐶 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.18, p < 0.05), but not in differ-

entiated defenders (𝑝21 ∗ 𝑝32 𝐷𝑖𝑓𝑓 𝐷𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 0.02, p > 0.10), analyzers (𝑝21 ∗ 𝑝32 𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠 = 

0.11, p > 0.10), and reactors (𝑝21 ∗ 𝑝32 𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 0.29, p > 0.10). With these aforementioned 

differences in the effect sizes in the proposed relationships across five business strategy 

types, Hypothesis 1 is supported.  

Our third hypothesis postulates that the links among customer orientation, innova-

tion capability, and financial performance are more pronounced in prospectors than the 

other four business strategy types. Since the unstandardized estimates of (1) the innova-

tion capability–financial performance (𝑝32  = 0.37, p < 0.01) and (2) the customer orienta-

tion–innovation capability–financial performance (𝑝32  = 0.19, p < 0.01) paths in prospec-

tors are highest across the five business strategy types but not the highest in the remaining 

paths, we gain only partial support for Hypothesis 3. 

Hypothesis 7 expects that relationships among customer orientation, innovation ca-

pability, and financial performance to be stronger in analyzers than differentiated defend-

ers and LC defenders. Since the unstandardized estimates of (1) the customer orientation–

innovation capability path (𝑝21  = 0.68, p < 0.001), (2) the direct path between customer 

orientation and financial performance (𝑝31  = 0.69, p < 0.01), and (3) the total impact of 

customer orientation on financial performance (𝑝31 + (𝑝21 × 𝑝32 ) = 0.80, p < 0.01) of ana-

lyzers are higher than those of differentiated defenders and low-cost defender business 

types, while the other paths are insignificant, Hypothesis 7 is partially supported. 
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To test the remaining hypotheses, we applied multivariate analysis of variance 

(MANOVA) to compare the means of customer orientation and innovation capability 

across five business strategy types. The results indicate significant differences in customer 

orientation (F-statistics = 4.96, p < 0.01) and innovation orientation (F-statistics = 9.384, p < 

0.001) across business strategy types. Therefore, pair-wise comparisons were conducted 

to identify significant differences between each pair of business strategy types. Table 5 

reports the mean comparisons. 

Table 5. Mean comparisons. 

 Prospector Diff Defender LC Defender Analyzer Reactor 
Significant Paired Compar-

ison 

Customer Orientation 4.91 4.66 4.66 4.51 4.37 PA *; PR ** 

Innovation Capability 4.86 4.43 4.42 4.36 4.11 
PD1 **; PD2 ***; 

PA **; PR ** 

Financial Performance 5.50 5.41 5.29 5.12 5.21  

Market-Sensing Capability 4.63 4.29 4.29 4.02 3.76 PA *; PR *** 

Customer Relating Capability 5.19 4.93 4.97 4.84 4.85  

Customer Response Capability 4.90 4.76 4.72 4.68 4.51  

Note: P = prospectors; D1 = diff defenders; D2 = LC defenders; A = analyzers; R = reactors. All paired 

comparisons reported are significant at p < 0.05. PD1 reveals differences between prospectors and 

diff defenders; PD2 indicates differences between prospectors and LC defenders; PA indicates dif-

ferences between prospectors and analyzers; PR indicates differences between prospectors and re-

actors; D1D2 indicates differences between diff defenders and LC defenders; D1A indicates differ-

ences between diff defenders and analyzers; D1R indicates differences between diff defenders and 

reactors; D2A indicates differences between LC defenders and analyzers; D2R indicates differences 

between LC defenders and reactors. * p < 0.05; ** p < 0.01; *** p < 0.001. 

Regarding Hypothesis 2, which proposes that prospectors exhibit high levels of both 

customer orientation and innovation capability, results reveal that the level of customer 

orientation of prospectors is highest (𝑥̅𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠 = 4.91) but only significantly different 

from those of analyzers (𝑥̅𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠= 4.51, p < 0.05) and reactors (𝑥̅𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 4.37, p < 0.01). 

When we scrutinized the components of customer orientation, the only significant differ-

ences existed in the degree of market-sensing capability between prospectors (𝑥̅𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠= 

4.63) and analyzers (𝑥̅𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠 = 4.02), and between prospectors (𝑥̅𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠 = 4.63) and 

reactors (𝑥̅𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 3.76). For the level of innovation capability, prospectors reported the 
highest level (𝑥̅𝑃𝑟𝑜𝑠𝑝𝑒𝑐𝑡𝑜𝑟𝑠= 4.86), and this is significantly different from those of differenti-

ated defenders (𝑥̅𝐷𝑖𝑓𝑓 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠= 4.43, p < 0.01), LC defenders (𝑥̅𝐿𝐶 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠= 4.42, p < 0.001), 

analyzers (𝑥̅𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠 = 4.36, p < 0.01), and reactors (𝑥̅𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 4.11, p < 0.01). Therefore, 

Hypothesis 2 is fully supported. 

Hypothesis 4 postulates that differentiated defenders would have a high level of cus-

tomer orientation and low level of innovative capability, while Hypothesis 5 proposes that 

LC defenders would possess a low level of customer orientation but a high level of innova-

tive capability. Our findings indicate no significant difference between both types of defend-

ers because they seem to have the same levels of customer orientation (𝑥̅𝐷𝑖𝑓𝑓 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠 = 

4.66; 𝑥̅𝐿𝐶 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠= 4.66) and innovative capability (𝑥̅𝐷𝑖𝑓𝑓 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠= 4.43; 𝑥̅𝐿𝐶 𝑑𝑒𝑓𝑒𝑛𝑑𝑒𝑟𝑠= 4.42). 

Since in both types, the level of customer orientation is higher than the level of innovation 

capability, we gain support for Hypothesis 4 but not for Hypothesis 5. 

Hypothesis 6 expects analyzers to have mediocre levels of customer orientation and 

innovative capability, and Hypothesis 8 proposes that reactors possess the lowest levels 

of customer orientation and innovative capability. Consistent with our hypotheses, reac-

tors reported the lowest level of customer orientation (𝑥̅𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 4.37) and innovative 

capability (𝑥̅𝑅𝑒𝑎𝑐𝑡𝑜𝑟𝑠 = 4.11) across the five types of firms, and these levels are significantly 

different from those of prospectors (p < 0.01). Analyzers seem to have higher levels of 
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customer orientation (𝑥̅𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠= 4.51) and innovative capability (𝑥̅𝐴𝑛𝑎𝑙𝑦𝑧𝑒𝑟𝑠= 4.36) than re-

actors, but lower than differentiated defenders and LC defenders. The levels of customer 

orientation and innovation capability of analyzers are significantly lower than those of 

prospectors (p < 0.01). Thus, Hypothesis 6 is partially supported, and Hypothesis 8 is sup-

ported. A summary of the hypotheses test results is reported in Table 6. 

Table 6. Summary of hypotheses testing results. 

Hypothesis Relationship Result 

H1 
The relationships among customer orientation, innovation capability, and financial performance 

are moderated by business strategy type. 
Supported 

H2 Prospectors will exhibit high levels of customer orientation and innovative capability. Supported 

H3 

The relationships among customer orientation, innovative capability, and financial performance 

will be more pronounced in prospectors, compared to those of LC defenders, differentiated de-

fenders, analyzers, and reactors. 

Partial support 

H4 
Differentiated defenders will exhibit a high level of customer orientation but a low level of innova-

tive capability. 
Supported 

H5 LC defenders will possess a low level of customer orientation but a high level of innovative capability. Not supported 

H6 Analyzers will possess mediocre levels of customer orientation and innovative capability. Partial support 

H7 
The relationships among customer orientation, innovation capability, and financial performance of 

analyzers will be stronger than those of differentiated defenders and LC defenders. 
Partial support 

H8 Reactors will possess the lowest levels of customer orientation and innovative capability. Supported 

5. Discussion 

Our first set of hypotheses (1, 3, and 7) address the moderating role of business strat-

egy types on the customer orientation–innovation capability–financial performance rela-

tionships. Although the results did not support all three of these hypotheses, they re-

vealed insights regarding the moderating role of business strategy types. As postulated in 

Hypothesis 1, linkages among customer orientation, innovation capability, and financial 

performance are moderated by business strategy type, which are consistent with the find-

ings reported by Slater and Narver [56] in their study of manufacturing companies and 

service firms in the USA, and those found by Olson et al. [20] from their diverse sample 

of USA-based companies. With various degrees of effect sizes from multiple-group struc-

tural equation analyses, it is evident that the extent to which customer orientation and 

innovation capability affect financial performance of firms pursuing different business 

strategy types varies. Moreover, the results of Hypothesis 3 further highlight the signifi-

cant role of innovation capability in the prospector type of firms, as only the paths involv-

ing innovation capability are more pronounced than others. This is consistent with the 

nature of the prospectors, who are always active in identifying market opportunities and 

preempting their competitors. Therefore, it is unsurprising that prospectors would rely 

on innovation as a means to enhance financial performance. In contrast, Slater and Narver 

[56] found that the customer orientation–financial performance link is greatest in the an-

alyzer group, whereas Olson et al. [20] report that it is greatest among the differentiated 

defender group. For Hypothesis 7, which postulates that the proposed relationships in the 

model would be stronger amongst analyzers when compared to defenders, our findings 

showed that customer orientation exerts more influence on innovation capability and fi-

nancial performance both directly and indirectly through innovation capability. However, 

the impacts of innovation capability on financial performance, both directly and as a me-

diator between customer orientation and firm financial performance, is stronger amongst 

LC defenders compared to differentiated defenders and analyzers. Since analyzers have 

been documented in the literature as the most complex business strategy type due to their 

tendency for dual emphases on both competitors and customers [14], it is not surprising 

that this hypothesis is partially supported. With the multiple foci, analyzers may shift re-

sources between being innovative to preempt competitors and being customer-oriented 

to satisfy them at different points of time. Our mixed results could be attributed to the 
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temporal factor. Specifically, the market environment during our data collection period 

may be more conducive for the prospectors to focus more on being innovative, emphasiz-

ing winning over competitors, and the analyzers to focus more on customers rather than 

on competitors. Temporal factors may also explain why Olson et al. [20] found that the 

innovation capacity–financial performance link is significantly negative among analyzer, 

prospector, and low-cost defender groups, and contributes positively to financial perfor-

mance for differentiated defenders. Therefore, future research may investigate this phe-

nomenon longitudinally in order to monitor the relationships under different market en-

vironments over time. 

Our second set of hypotheses aims to distinguish the levels of customer orientation 

and innovation capability across five business strategy types. Consistent with our postu-

lations, Hypotheses 2 and 8 are fully supported. Prospectors revealed the highest levels 

of customer orientation and innovative capability, which are consistent with the findings 

reported by Olsen et al. [20], from their broad sample of USA-based manufacturing com-

panies and service firms, and are similar with the findings of Slater and Narver [57], who 

found from their diversified sample of USA-based firms that prospectors have the highest 

levels of market focus and new product innovation emphasis, while reactors reported the 

lowest levels of both. Therefore, this confirms the distinctive natures of both prospectors 

and reactors. Based on Figure 2, analyzers should possess mediocre levels of customer 

orientation and innovation capability when compared to the other four business strategy 

types. We expected the level of customer orientation of analyzers to be lower than that of 

prospectors, but higher than that of LC defenders and reactors. We also expected the level 

of innovative capability of analyzers to be lower than that of prospectors but higher than 

that of differentiated defenders and reactors. From our results, Hypothesis 4 is supported, 

which is consistent with the results reported in Olson and Slater [20]; however, Hypothe-

sis 5 is not supported, and Hypothesis 6 is only partially supported. In contradiction to 

Hypothesis 5, the level of customer orientation of LC defenders is higher than that of an-

alyzers. Moreover, analyzers revealed a lower level of customer orientation than LC de-

fenders and a lower level of innovative capability than differentiated defenders; therefore, 

Hypothesis 6 is only partially supported. As discussed in the previous section, analyzers 

may opt for a different focus depending on how they analyze the current situation. 

Contrary to Hypothesis 3, the results indicate that the link between customer orien-

tation and innovation capability, in addition to the direct effect and total effects of cus-

tomer orientation, on the financial performance of reactors are more pronounced than 

those of other business strategy types. Such findings shed new light on the strategy and 

innovation literature because they pinpoint a critical role of customer orientation in en-

hancing innovative capability and financial performance amongst the reactor type of 

firms. While reactors may possess the lowest levels of customer orientation and innova-

tive capability, either due to their limited resources or their unawareness to environmental 

changes, our findings unveil that even with a minimal level of a higher-order capability 

such as customer orientation, which constitutes salient dimensions including market-

sensing, customer-relating, and customer-response capabilities—regarded as composite 

operant resources (CORs)—its contributions to performance outcomes are very significant 

despite a relatively small sample. Hence, future research may delve into how firms, in-

cluding reactor-types, should cultivate these higher-order capabilities from several basic 

operant resources (BORs) to advance theoretical development. Our findings also suggest 

that while CORs (e.g., customer orientation) play a crucial role among differentiated de-

fenders, analyzers, and reactors, both CORs (i.e., customer orientation) and BORs (e.g., 

innovative capability) are important to prospectors and LC defenders. These insights fur-

ther distinguish prospectors and LC defenders from other types of firms by suggesting 

that these firms possess characteristics that may enable them to exploit both BORs and 

CORs in enhancing their performance. Firms pursuing other business strategy types may 

focus more on the development of CORs, as it is this type of capability that is critical to 

their success. 
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6. Conclusions 

6.1. Theoretical Contributions 

This study further advances resource-advantage (R-A) theory [24,58] to explain the 

varying roles of customer orientation and innovative capability across firms of different 

business strategy types [33]. Despite the seemingly small sub-samples of LC defenders, 

analyzers, and reactors, this current study discovered significant relationships in the pro-

posed model. Particularly, this paper extends R-A theory by identifying how types of ca-

pabilities—BORs and CORs—may contribute to the financial performance of firms of dif-

ferent business strategy types. While innovative capability is considered a BOR or lower-

order capability, customer orientation is regarded as a COR, or a higher-order capability 

that constitutes several BORs. With the strong and significant relationship between cus-

tomer orientation and innovative capability across five types of firms, this highlights the 

crucial role of CORs such as customer orientation in building BORs such as innovation 

capability. Through the R-A lens, we also observe and distinguish the differential roles 

that each type of resource plays in enabling firms to attain better financial performance. 

6.2. Managerial Implications 

For managers, understanding the type of business strategy pursued by their firm and 

re-allocating resources to develop essential capabilities (i.e., BORs, CORs, or both) that 

enhance performance will ensure efficient management practices. Realizing the more im-

portant role of higher-order capabilities, such as customer orientation, allows them to em-

phasize the cultivation of such capabilities. While innovation capability is important to 

prospectors and LC defenders, it may not be as important to differentiated defenders, an-

alyzers, and reactors. Overemphasizing innovation over understanding customers may 

not really contribute to a better financial performance of differentiated defenders, analyz-

ers, and reactors. For prospectors and LC defenders, developing abilities to relate and re-

spond to dynamic market environments and to integrate these activities together with the 

ability to be innovative will improve financial performance. 

6.3. Limitations and Future Research Directions 

Future studies may explore how firms can develop these higher-order capabilities. 

Our findings also reveal that these five business strategy types, despite their resource con-

figurations elaborated in the literature, tend to change their focus. For instance, although 

the literature may suggest that analyzers possess mediocre levels of both customer orien-

tation and innovative capability, this is still contingent upon how the firms analyze and 

interpret the situation. Therefore, it is possible that during a particular period, analyzers 

will focus on customers rather than innovations to preempt competitors, and vice versa. 

Given a small subset of analyzer-type firms in the present study, future research may ex-

pand the sample size and obtain longitudinal data. This presents another venue for future 

studies to explore the contingent factors that may influence different emphases and re-

source allocations of firms. By including more firms from various industries and incorpo-

rating a temporal factor through a longitudinal research design, future research can sub-

stantiate the generalizability of the research findings and explore the probability of suc-

cess. Given the self-report method applied in this study, complementary research using 

secondary and tertiary data would further validate our findings. Furthermore, researchers 

may attempt to identify BORs and CORs, and investigate these capabilities across firms 

of different business strategy types, industries, and nationalities. 
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