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Abstract

We study how acquisition-FDI during economic crises affects R&D investments of target firms as

compared to acquisitions made during periods of economic growth. Using a panel of Spanish firms, we find

that foreign multinationals cherry-pick the best domestic firms, irrespective of timing of acquisition. Using

matching and difference-in-difference regressions, we find that firms acquired during crises experience

smaller declines in R&D than those acquired during periods of growth. Our results are consistent with

the opportunity cost theory of R&D over the business cycle, as we also find that crisis-acquired firms

prioritize new product creation over achieving economies of scale.
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1 Introduction

The foreign acquisition of domestic firms during periods of economic crisis has received a lot of academic and

policy attention (Aguiar and Gopinath, 2005; Alfaro, 2017; Alquist et al., 2016; OECD, 2009). Such inflows

of foreign capital can help reduce the financial constraints faced by acquired firms (Alfaro and Chen, 2012;

Erel et al., 2015), but there is a concern that they are also short-term, volatile, and subject to speculative

behaviour. These fears are nicely summarised by the label of “fire-sale” FDI attributed to Krugman (2000).1

In this paper, we contribute by exploring for the first time in this literature, whether acquisition-FDI during

a crisis is indeed detrimental for the R&D investments of the acquired firms, which are investments that

matter for the long-run growth of the country in which the target firm is located.

In comparison to the effects on innovation from acquisitions made during economic crisis, the evidence of

the effects of acquisitions made during periods of strong economic growth is plentiful and convincing. These

acquisitions have been shown to have a positive effect on the post-acquisition sales, scale of production and

profits of the target firm (Conyon et al., 2002; Arnold and Javorcik, 2009; Fons-Rosen et al., 2021; Guadalupe

et al., 2012), but sometimes generate negative outcomes for R&D within the target firm. Stiebale (2016) finds

for example, that patents of the acquired affiliate fall post-acquisition, although they rise in the merged entity

as a whole. Such outcomes are consistent with the rationalization of R&D and the removal of duplicated

effort (Denicolò and Polo, 2018), along with a desire to locate research closer to the headquarters (Glaeser

et al., 2022), or as a strategy to reduce future competition (Cunningham et al., 2021). But, are those declines

in R&D larger or smaller than those which occur from acquisitions at other points in the business cycle, and

do they differ in other ways?

To study heterogeneity in the effects of FDI on R&D that arise from the timing of acquisition, we use

micro data for Spanish firms from 2004 to 2014, which is rich in coverage of firms’ expenditures on different

types of R&D. This period of Spanish economic history is particularly suitable to study this question, as

relative to other countries from which it receives the majority of FDI flows, Spain was at the extremes of

growth during both the boom and recessionary phases, amplifying any changes in the motive for FDI. At the

start of our period the economy was experiencing robust growth (with an average of 3.5%) followed by two

severe recessionary periods in the Global Financial Crisis (GFC) starting in 2008 and the Sovereign Debt

1Krugman (2000) writes: ”does the foreign purchase of Asian assets represent the transfer of control to

efficient owners who were previously unable to buy at a reasonable price? Or does it represent sales to

inefficient owners who happen to have cash?” and therefore “does the fire sale of domestic firms and their

assets represent a burden to the afflicted countries, over and above the cost of the crisis itself?”.
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Crisis (SDC) that emerged at the end of 2011.

To assess the causal effect of acquisition-FDI on innovation, we employ a propensity score matching

approach to construct a counterfactual of non-acquired domestically owned firms that share similar charac-

teristics, including R&D behaviours, and operate in the same industry.2 As part of this matching approach,

we model which observable pre-acquisition characteristics of domestic firms make acquisition more likely.

Evidence for cherry-picking of the best Spanish firms for acquisition during periods of strong growth can

be found in (Guadalupe et al., 2012), (Garćıa-Vega et al., 2019) and Koch and Smolka (2019). There is

no such comparative evidence, for Spain or indeed elsewhere, available to determine whether cherry-picking

also takes place during periods of economic crisis and we therefore fill-in this previously missing piece of

evidence. We combine the matching approach with triple difference-in-difference regressions, to study the

heterogeneity in the causal effect of acquisition-FDI on post-acquisition outcomes for firms acquired during

normal and bad economic times. The matching and inference technique allows us to control for observable

firm characteristics, and time-invariant unobservable differences between the acquired and matched domestic

firms.3

Our results suggest a number of areas where there are similarities between acquisitions that occur at

different points in the business cycle and a number of areas of difference. First, and consistent with credit

constraints as a motive for acquisition during periods of crisis, there is an increase in the number of acqui-

sitions that took place at the start of the Global Financial Crisis in Spain. Second, when we compare the

characteristics of those firms that are acquired at these different points in the business cycle they appear sta-

tistically similar to each other. That is, irrespective of when the acquisition occurs, in good or bad economic

times, the best domestic firms are cherry-picked by foreign multinationals.

Focusing our analysis initially on the effects of acquisition FDI on internal R&D expenditures and employ-

ees, our third result is that the post-acquisition R&D outcomes display differences between firms acquired in

2For example, Girma and Görg (2007), Guadalupe et al. (2012), Stiebale (2016) or Koch and Smolka

(2019) among others use this methodology to study the effects of acquisition-FDI or Haucap et al. (2019)

who analyse the the effects of horizontal mergers on innovation inputs and outputs.
3Our research design for studying whether the effect of acquisition on R&D outcomes is heterogeneous

based on the timing of acquisition is in line with the recent staggered DID literature which shows that

difference-in-difference estimates can be biased if treatment effects are heterogeneous across adoption periods

(Sun and Abraham, 2021; Callaway and Sant’Anna, 2021; Goodman-Bacon, 2021; De Chaisemartin and

d’Haultfoeuille, 2020). We discuss our design at length in Section 4.
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crisis and non-crisis periods. For acquisitions that occurred during a period of strong economic growth, and

consistent with parts of the existing literature, there is evidence of a decline in the likelihood that the firm

undertakes internal R&D and the number of R&D employees. For acquisitions that occur during a period of

economic crisis the post-acquisition path for R&D employees falls more modestly. Acquisition-FDI during

an economic crisis therefore also reduces domestic research, but by less than acquisitions during economic

booms. Our results suggest that acquisition during an economic boom reduces the post-acquisition prob-

ability of internal R&D by 12.8%, while for firms acquired during crisis this probability declines by 3.5%.

Alquist et al. (2016) allay fears about many of the effects of fire-sale FDI by concluding that it is in fact

“business-as-usual”. We show that for the innovation inputs of the target firm, this does not hold true. For

innovation inputs fire-sale FDI is “better-than-usual”.

We corroborate these findings using the richness of the data on the types of innovation expenditures. We

explore the effects on local innovation, such as cooperation with domestic R&D partners, which can enhance

the knowledge of the domestic economy, and alternative measures of R&D, such as total R&D expenditures,

current and capital R&D expenditures. Here, again, we find that the decline in the domestic knowledge base

is much smaller for firms acquired during the crisis compared to those acquired during periods of strong

economic growth. As in Alfaro and Charlton (2013), we examine whether industry heterogeneity explains

our results. This might arise because acquisitions occur more frequently in financially constrained, less-

technologically intensive, or in service industries during crisis periods. We find that industry heterogeneity

exists alongside the heterogeneity that arises from the timing of acquisition that we study. For example,

consistent with the importance of credit constraints as a factor determining these outcomes (Manova et al.,

2015; Bilir et al., 2019), we find that changes in R&D are much larger when firms operate in financially

constrained industries. However, irrespective of the degree of financial dependence, the post-acquisition

declines in R&D are smaller for crisis-period acquisitions.

To explore why acquisitions made during economic crisis do not result in large reductions in R&D, we turn

to the macro literature studying the cyclical movements in R&D as a possible mechanism. In this literature,

Aghion and Saint-Paul (1998) Cooper and Haltiwanger (1993), Caballero and Hammour (1994), and Kopytov

et al. (2018) argue that the opportunity cost of technological investments declines during periods of economic

crises because the foregone sales from existing production are lower. Consequently, during recessions, it is

optimal for firms to focus on long-run investments, such as R&D. Evidence for this mechanism is absent

from the international economics literature on acquisition-FDI and this represents a further contribution we

make to this literature.

We identify two themes from this literature that are relevant for acquisition-FDI and innovation and its
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effects over the business cycle. Firstly, work by Aghion et al. (2012), Garicano and Steinwender (2016),

Comin and Gertler (2006), Ouyang (2011) and Wälde and Woitek (2004) suggests that the liquidity of

multinational firms may play an important role in facilitating these counter-cyclical investments in R&D. If

tighter liquidity constraints during recessions can prevent firms from optimally financing R&D investment,

but alleviating financial constraints motivates acquisition during crisis, then a change in ownership alongside

changes in the opportunity cost of technological investments will positively affect R&D outcomes of acquired

firms. Second, Manso et al. (2021) provide convincing evidence that changes in the opportunity cost most

strongly affect the direction of innovation, rather than measures of total innovation expenditure. The search

for new technologies and products becomes optimal during recessions as the additional sales that could be

achieved with process innovation, which is about the generation of economies of scale, falls. In addition,

the decline in demand for existing products during recessions lowers the cost of cannibalisation from the

introduction of new products, thus further inducing firms to invest in the development of new products

(Dhingra, 2013). In other words, during recessions the incentive shifts towards new products and away from

process innovation. Such effects would be present for all firms, both domestic and foreign owned, but the

response may be stronger if the change to ownership alleviates financial constraints.

Focusing on new products and new processes as innovation outcomes, we then test in the paper whether:

1) changes in the opportunity cost of R&D over the business cycle manifest in pre-acquisition differences in

the innovation output of target firms, 2) lead to post-acquisition changes in the direction of innovation, and

3) whether these effects persist into a phase of the business cycle that differs from the one in which they

were acquired. There is currently no evidence on these questions in either the macro or the international

economics literature.

Here the results suggest that previous success in product or process innovation does not affect the types

of firms selected for acquisition, but these measures of the direction of innovation are affected by acquisition

events. Consistent with the opportunity cost theory, the innovation of new goods and services declines post-

acquisition if the acquisition occurred in good economic times, and rises for acquisitions that occur in crisis

periods. We observe the opposite pattern for process innovations. Finally, for firms acquired at the top of the

business cycle, these effects on total R&D and the direction of innovation persist when the economic outlook

changes and the economy enters a recession. We conclude from this that changes in the opportunity cost of

R&D at the time of acquisition are important for understanding the post-acquisition innovation outcomes

from acquisition-FDI.

Our findings contribute to several strands of literature. First, we contribute to the research on the

performance of multinationals during economic crisis (Alviarez et al., 2017; Alfaro and Chen, 2012). These
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literature has focused on how foreign multinationals perform in comparison to their local counterparts during

a crisis showing that foreign companies perform better in terms of sales. We shift attention to foreign

acquisitions acquired at different points of the business cycle and its impact on R&D - a crucial determinant

of long-term growth. Given the rise in foreign acquisitions during times of crisis, and the concerns of fire-sales

FDI, our study sheds light on this important phenomenon and provides an explanation based on changes in

the opportunity cost over the business cycle.

We also contribute to the empirical literature testing post-acquisition changes in the firm knowledge base.

This literature has found contrasting effects of FDI on the R&D outcomes of target firms. Bandick et al.

(2014) for example, find that foreign acquisitions lead to increasing R&D intensity in acquired firms, whereas

Stiebale (2016) shows that R&D declines in the acquired target firm but rises in the broader firm. The mixed

evidence has been used as motivation to study the reasons for heterogeneity in the effects of acquisition.

For example, Garćıa-Vega et al. (2019) find that when acquiring firms are from technologically frontier

economies they are more likely to close down R&D activities in acquired affiliates. We also build on the

related literature studying post acquisition effects on the direction of innovation and provide a mechanism

for our results based on the opportunity cost theory. Stiebale and Vencappa (2018) find an increase in the

product quality of recently acquired firms in India, whereas Koch and Smolka (2019) and Wang and Wang

(2015) show that foreign ownership increases employment skills and reduce financial constrains respectively.

Our work also adds to the existing body of research on how knowledge is organized within multinational

corporations, as explored by Bilir and Morales (2020) and Gumpert (2018). One key finding from these

studies is the presence of technology transfers between different affiliates of multinational firms. This paper

highlights that heterogeneity in the effects of acquisition-FDI on R&D can also follow from the point in the

business cycle that the acquisition occurs.

The rest of the paper proceeds as follows. Section 2 describes the data and defines variables used in this

paper, followed by a discussion of the determinants of acquisition in good and bad times in Section 3. Section

4 discusses the identification strategy and section 5 shows the effect of acquisition on firm innovation. Section

6 concludes.
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2 Data and descriptive statistics

In this section, we describe the data and define the main variables that we use in the paper. Our source

of firm-level R&D data is a survey of firms operating in Spain (Panel de Innovación Tecnológica, PITEC).4

This survey has been conducted since 2004 by the Spanish National Institute of Statistics for a sample of

approximately 9,150 firms per year. In this paper, we use information from 2004 to 2014. This period of

Spanish economic history is particularly suitable to study the heterogeneity in the effects of FDI at different

points in the business cycle on R&D of firms since at the start of our period of study, the Spanish economy

was experiencing robust growth (with an average of 3.5%) followed by two severe recessionary periods, the

Global Financial Crisis (GFC) starting in 2008 and the Sovereign Debt Crisis (SDC) that emerged at the

end of 2011.

The survey is specifically designed to analyze R&D and other innovation activities and includes detailed

information on many forms of innovation expenditure and outputs. We focus on two variables that measures

firm capability to generate knowledge and innovation internally. The first captures the extensive margin of

R&D and it is constructed as a dummy indicator that takes the value one if a firm in a given year reports

positive internal R&D expenditures (zero otherwise). This variable indicates whether the company is ac-

tively trying to create new products or services or improve its production processes. The second variable

measures the intensive margin of R&D investment by looking at the number of R&D personnel employed. In

our baseline specifications, we use the inverse hyperbolic sine of the number of R&D personnel as the trans-

formation is well-defined for zeroes. In the section on robustness checks, we use alternative transformations

of this variable, such as its standardized value and the number of employees. In addition to rich information

on innovation expenditure and output, each year firms are asked to provide information on a number of key

performance characteristics, such as sales, employment, investment, details of ownership and the industry of

operation. As we explain below, we use many of these variables as controls in the regressions.

We capture domestic ownership and foreign ownership using information provided by the PITEC survey.

We define foreign ownership as a dummy variable equal to one if at least 50% of a firm is foreign owned in

a given year. Firms with a foreign equity share below 50% are defined to be domestically owned. Defining

4The PITEC survey is specifically designed to analyze R&D and other innovating activities follow-

ing the recommendations of the OSLO Manual on performing innovation surveys (see OECD/Eurostat

(2005)). Details on the survey and data access guidelines can be obtained at http://www.ine.es/prodyser/

microdatos/metodologia_pitec.pdf (last accessed 24.05.2022).
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foreign ownership in this way, we are interested in majority ownership and control of a company.5 Subse-

quently, a domestic firm is considered to be foreign acquired if it is not foreign owned in t − 1, becomes

foreign owned in t, and remains foreign owned in t + 1. This forms the treatment group in our baseline

analysis.6 The control group is defined as firms that are never foreign owned and are headquartered in Spain

throughout the sample period. Thus, we always compare firms in the treatment group to firms that are

never acquired or treated during our sample period.

Figure A1 in the Appendix presents information on the number of acquisition by year, differentiating

between firms that operate in the manufacturing and in the service sector. In this figure, we observe an

increase in the number of acquisitions for the years 2008 and 2009, which coincides with the global financial

crisis and is consistent with the alleviation of financial constraints as a motive for FDI. There are no significant

differences between manufacturing and services in terms of the share of acquisition across time. We further

explore differences at a more disaggregated industry classification in Table A1 in the Appendix where we

present the industry-wise share of acquisition that takes place during periods of growth (column 1) and

periods of economic crises (column 2). We observe that a similar percentage of acquisitions took place in

both periods for the major Spanish industries such as textiles, or motor vehicles. During the crisis period

there were fewer foreign acquisitions in the IT sector and in machinery and equipment, but the differences

are small, and a greater number of acquisitions in fabricated-metals and paper sectors. Given this evidence of

some differences in the proportion of acquisitions by sector, in our empirical approach explained in detail in

Section 4, we construct a matched sample where we match firms within industry. Moreover, in our empirical

specification, we control for industry times year fixed effects to account for variation across industries over

time.

To focus on the acquisition of private firms, we drop firms that are government-owned in any year in the

sample period. To remove key-punch errors and extreme values, we trim observations with sales in the 1%

tails for the full sample, as well as those with zero employees, those where the number of employees data

is missing, and those that report a negative age. We also drop firms that undergo a contingency, which

could result in an anomalous rate of growth in employment. Finally, we restrict the analysis to firms within

the manufacturing or services sector only, and also exclude firms engaged in the coke and refined petroleum

industry as these tend to operate at a much larger scale and with different FDI behaviours.

5This definition is consistent with Guadalupe et al. (2012), Javorcik and Poelhekke (2017) and Koch and

Smolka (2019).
6Using the above definition, ten firms in our sample are treated more than once during the sample period.

In our baseline analysis, we only consider the first time a firm is acquired during the sample period.
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Two further points are important to understand the empirical approach we use for our baseline specifica-

tions. Firstly, as we explain in Section 4, following convention in the literature, we study the changes within

treated firms (acquired firms) for three post-acquisition time periods.7 For example, for the firms acquired

in 2005, we use information from 2005 to 2007 to study the post-acquisition effects. Second, the period up to

2007 represented a period of strong economic performance in Spain, whereas the recession lasted for much of

the remaining time period for which we have data, from 2008 to 2013 (Almunia et al., 2021). To avoid con-

flating the effects of acquisition with the differential effect of changes in business conditions for foreign-owned

firms versus domestic firms, in our baseline specifications, we restrict attention to three cohorts of acquired

firms: 1) firms that were acquired in 2005; 2) those acquired in 2008, the start of the global financial crisis;

and 3) those acquired in 2011, the start of the sovereign debt crisis. This ensures that we study both the

acquisition and the post-acquisition R&D behaviour of firms within a similar macro-economic environment.

In other words, for the firms acquired in 2005, we explore their R&D from 2005 to 2007 (non-crises periods),

for those acquired in 2008, we study their R&D from 2008 to 2010 and for those acquired in 2011, we study

the period 2011 to 2014. We consider that the last two cohorts of firms are acquired during bad times or

crises. In section 5.3 on robustness, we study acquisitions that occur over the entire sample period.

3 Pre-acquisition characteristics

In Table 1, we investigate the determinants of acquisition during periods of economic crisis (2008 and 2011)

and stable growth (2005), and explore whether there are differences between the determinants of acquisition

at different points in the business cycle. The variables included in the table reflect those used in the broader

literature on acquisition-FDI. By investing abroad, companies may seek access to promising new markets

(Neary, 2007; Guadalupe et al., 2012; Blonigen et al., 2014). From this perspective, inward FDI might be

positively correlated with the size of the target firm (measured as the natural logarithm of the number of

employees, and as the natural logarithm of sales), its internationalisation status (measured as a dummy

variable that takes the value one if the firm is an exporter), and its market reach in terms of its relative sales

within the sector (measured as the proportion of sales in their sector), labor productivity (measured as the

natural logarithm of sales over number of employees) and whether the majority of its sales are in the local

market. We also account for the age of the firm and its investments in physical capital intensity. Foreign

acquisition may also be driven by the knowledge base of the firm and its access to technology (Griffith et al.,

7We follow Javorcik and Poelhekke (2017) who study the effect of disinvestment of foreign ownership for

the three years after the change in ownership.
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2006). To capture this, we include whether the target firm belongs to a larger business group and whether

they obtain R&D from within the business group. For R&D, we consider the firms’ internal investment in

R&D, external acquisition of R&D, and other forms of R&D (labeled as other R&D) such as expenditure

on training employees, acquiring machinery, acquiring external knowledge and the design and distribution

of products. Note that there are no significant differences in the country-location of the headquarters for

acquisitions in non-crises and crises periods. In non-crisis periods, 85% of the total acquired firms are

headquartered in EU, while in crises periods the corresponding number is 81%. This suggests that, in our

sample, there is no significant heterogeneity in terms of some acquirers being more affected by the crisis than

others.

The results from Table 1 indicate that there are significant differences in the characteristics of firms that are

acquired by foreign owners compared to those that remain domestically owned. Interestingly, these differences

in the characteristics of target firms are similar for both acquisitions that occur during periods of strong

economic growth and those that occur during an economic crisis. Based on pre-acquisition characteristics,

target firms are more productive, have larger employment, sales and greater investment in physical capital

than firms that remain non-acquired. They are also more likely to be exporters and on average have a larger

market share than non-acquired firms.

The summary information from Table 1 suggests that differences, if any, in the characteristics of firms

acquired at different points in the business cycle are small. We explore these formally by estimating a

probit model to determine the probability of being acquired based on firm characteristics, and distinguishing

according to when in the business cycle the acquisition occurs as in the following specification:

Acqit =


1 if αXit−1 + βXit−1 × Crisest + ϵit > 0

0 otherwise

(1)

The dependent variable in equation (1) is a dummy variable that takes the value one if a firm has been

acquired in a given year (zero otherwise). The variables Xit−1 are the pre-acquisition characteristics previ-

ously defined, while the variable Crisest is a shift dummy that takes the value one for acquisitions during

crisis years. We present the results from the probit specification in Table 2. In the first part of the table,

we show the estimated α, the coefficients for average differences between acquired firms (before acquisition)

and non-acquired firms. In the second part of the table, we present the estimated β coefficients, which test

for differences in that characteristic between firms acquired during crises compared to those acquired in

non-crisis periods.
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The results from Table 2 are largely consistent with the summary statistics. The probability of being

acquired by a foreign company is increasing in productivity and employment, being part of a business

group and obtaining R&D information from the broader business group. This probability is declining in

the age of the target firms and having R&D expenditures. From the second part of the table, we observe

that in comparison to firms acquired during non-crises periods, there are no significant differences in the

pre-acquisition characteristics of firms acquired during crises.

Overall, the strong support we find for cherry-picking of domestic firms on the basis of productivity, size,

age and internationalisation status by foreign firms is in line with a number of empirical studies analysing

the nature of target firms for acquisition-FDI (Arnold and Javorcik, 2009; Garćıa-Vega et al., 2019). We

add to the literature by showing that selection on these characteristics is not significantly different during

crises periods. That is, cherry-picking occurs independent of the point at which acquisition occurs during

the business cycle.

4 Identification and empirical model

Our objective in this paper is to determine whether the effect of acquisition-FDI on target firms differs

according to when during the business cycle the acquisition occurs. As shown in the previous section, target

firms are different from other domestic firms before their acquisition in both good and bad times along

similar dimensions. Given the evidence of the differences compared to other domestic firms, a potential

concern would be that any changes in the post-acquisition time periods we explore are driven by selection

into treatment. For this reason, in this section we explain how we construct a matched sample of treated and

control firms where the comparison group are non-acquired domestic firms that are identical in observable

characteristics to the treated firms before the acquisition occurs.

In order to estimate the post-acquisition performance of acquired firms, we want to calculate the average

treatment effect on the treated (ATT). This is defined by the difference between observed outcomes of treated

firms and the outcome of the same firms, had they not being acquired. The ATT can be specified as follows:

ATT = E[y1|T = 1]− E[y0|T = 1] (2)

In the expression above, the term y1 is the outcome of interest if a firm has been acquired, y0 is the

outcome if the firm had not been acquired, and T is a dummy variable that takes the value one when the

firm has been acquired. The counterfactual state cannot be observed, and hence must be estimated based
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on outcomes measured among a group of similar firms that remain domestically owned.

Our methodology is a propensity score matching procedure together with differences in differences (DID).8

The core assumption of the propensity score estimators is that observable information contained in the

covariates used in the matching procedure account for all factors that jointly determine the probability

of being acquired and the post-treatment potential outcomes under treatment as well as non-treatment.

In other words, in the absence of acquisition, the outcome of the treated group would not have differed

systematically from that for control firms.

To construct a comparable group of control firms, we estimate the probability of being acquired or the

propensity score. The propensity score that we use for the matching procedure comes from a logit model,

where we calculate the probability of being acquired in year t on a set of lagged observable firm characteristics.

We also include industry year fixed effects to control for industry specific macroeconomic conditions that

could have led to selective inflow of foreign capital into an industry in a given year. The treatment group

is formed of firms that are acquired for a minimum of two years. In order to have a neat identification, our

treatment group includes only one treatment per firm. Firms with multiple treatments over time are dropped

from the sample. The control group is formed of domestically owned firms that remain so throughout the

sample period. To begin with, we estimate the propensity of acquisition separately in each of the our time

periods, which are 2005 (a period of normal growth), and during the economic crisis of 2008 and 2011. The

estimated propensity score is used to find a control firm through a nearest-neighbour one-to-one matching

without replacement. In addition to matching on the propensity score, we match such that a firm acquired

in year t is matched to a control group firm in year t. This ensures that both the treated and matched

control firm are affected by the same time-specific macroeconomic shocks. We also do exact matching within

an industry (32 groups), within size groups defined using the median of the sample (49 employees), and

whether the firm is R&D active prior to the acquisition or not. We use a caliper to ensure a region of

common support, that is, if for a treated firm we do not find a close enough control unit, we drop the firm

from subsequent analysis.

In Table A2 in the Appendix, we show results of the logit model used for estimating the probability of

acquisition of a previously domestically owned firms by a foreign owned firm during periods of normal growth

in column (1), during the GFC in column (2), and during the SDC period in column (3).9 As shown in

Table 3, the matching procedure gives 257 matched pairs, and drops 76 treated firms. Given that there is

8Recent articles that include this methodology include among others Stiebale (2016); Bircan (2019);

Brucal et al. (2019); Koch and Smolka (2019); Fons-Rosen et al. (2021).
9To give additional emphasis on the importance of the innovation setup as a determinant of acquisition,
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a good number of matched pairs in the different periods of the business cycle, we can consistently compare

the impact of acquisition FDI for firms that were acquired at different points in the business cycle.

Pre-acquisition trends for the matched sample. To check the assumption of equality of pre-

acquisition trend in the treatment and control group, we use a test for difference of means, shown in Table

4, as well as the difference in probability distribution using Kolmogorov Smirnov (KS) tests for stochastic

dominance, shown in Table 5.10 In these tests, we compare treatment and control groups before and after

matching. If the means and the wider distribution of firm characteristics for the treatment and matched

control group are not statistically different after matching, then this would demonstrate we have achieved

good match balance. We perform these tests for all variables included in the propensity score calculation, and

also for variables that are not part of the model such as the square of R&D expenditures and employment.

For categorical variables, we calculate only the difference of means t-test. The t-test and KS-test rejects

equality of means before we conduct the matching exercise, whereas after matching the equality of means

between the treated and the control group is not rejected. Figure 1 shows the reduction in standardised

bias between the treated and the control group after matching. Finally, we show difference of means test

for growth in sales, employment and R&D employment, and whether the firm does R&D or internal R&D

two years before acquisition. Since for firms acquired in 2005, we don’t have data for 2003, the number

of observations drop for variables using two-year lagged data. These results indicate that for the matched

sample, there are no differential trends in the firm observable characteristics before being acquired. Given

the similarity in observable characteristics for the matched sample, acquisition can be considered to be as

good as random.

4.1 Estimation

Using the matched sample of firms, we estimate the causal effect of acquisition-FDI on R&D inputs by

comparing the R&D of all acquired firms with respect to the control group of non-acquired firms. Further,

we determine the differential effect for firms acquired during crises with respect to firms acquired during

non-crises times using a triple difference-in-difference specification (DiDiD) as follows.

we include additional measures of the R&D activities of the firm in this regression model. We also control

for size using employment categories. This also ensures that our matched sample has good balance in the

observable characteristics.
10The two-sample K–S test is sensitive to differences in both location and shape of the empirical cumulative

distribution functions of the treated and matched control sample.
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Yit = β0 + β1Ti × Postt + β2Ti × Postt × Crisesi + λi + λjt + uit (3)

where the variable Yit represents the outcome; Ti is a dummy variable that takes the value of one if firm i

is acquired or treated, and 0 for its matched control group firm; Postt is a dummy equal to one for the year

of acquisition and the two post-acquisition years for both the treated and the corresponding match; Crisesi

is a dummy equal to one for firms acquired during 2008 or 2011, and their corresponding match; firm fixed

effects are denoted by λi; λjt are industry times year fixed effects which subsumes the direct effect of Postt;

and uit is the error term. The interactions of interest are: Ti × Postt, namely whether an acquired firm

performs differently after acquisition than a non-acquired firm, and Ti × Postt × Crisesi, which accounts

for the difference in the post acquisition outcome between firms acquired during crises and firms acquired

in normal times. Or in other words, the estimated coefficient β1 measures the effect of foreign acquisition

during good times, while β1 + β2 measures the effect of acquisition during bad times. If, for example, R&D

inputs decrease further due to fire-sale FDI compared to acquisitions during good times, then the estimated

coefficient β2 will be negative.

As mentioned earlier, in our baseline analysis we use four years of information for firms acquired in 2005,

2008 and 2011, and also for their corresponding matched control firms. This includes data for one year prior

to acquisition, the year of acquisition and two years post acquisition. Our main reason for restricting the

sample to three cohorts is to isolate the effect of foreign acquisition that occurs during different phases of the

business cycle from the differential response of foreign versus domestically owned firms to crises as shown

by Alfaro and Chen (2012). In other words, for acquisitions that take place in a certain macro-economic

environment, we study the post-acquisition performance within the same macro-economic environment, that

is for firms acquired in 2005, we restrict the period of study until 2007, and so on. As an outcome of our

design, the three treatment cohorts are essentially evaluated over independent time frames even though the

treatment is staggered. To directly compare differences in innovative outcomes for firms acquired during

non-crises and crises, we use triple difference-in-difference in the baseline but we get similar results using a

two-way DiD framework for each treatment cohort. We show these results in Section 5.3.
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5 The effects of fire-sale FDI on R&D of target firms

5.1 Baseline estimations

Before presenting the results from the estimation of equation 3, we show in Figure 2 the R&D outcomes

for our matched sample of acquired and non-acquired firms before and after the year of acquisition. In

Panel A of the figure, we show outcomes for acquisitions during the non-crises period and in Panel B for

acquisitions during crises. Before acquisition, the proportion of acquired firms doing internal R&D and the

average value of number of employees in the internal R&D department are very similar for the treatment

and control group. This is consistent with the difference of means test shown in Table 4: It reflects that

the matching procedure has performed well and that our results are not driven by differences in the trends

of R&D in the periods before acquisition. The figures also show that the R&D outcomes in the control

group remain relatively constant in the years following acquisition, thus confirming that any post-acquisition

differences are driven by changes in the treatment group alone. Irrespective of when during the business

cycle the acquisition occurs, the figures show that R&D starts to decline in the year of acquisition and then

the gap between treatment and control group firms remains relatively constant. While the decline in R&D

happens irrespective of when during the business cycle the acquisition occurs, the graphs also suggest that

the decline is larger if the acquisition occurred during a business cycle boom.

Table 6 tests for the effect of acquisitions on R&D at different points in the business cycle formally

following equation 3. In columns (1), (3), (5) and (7), we present the effects of acquisition on the likelihood

of conducting R&D activity within the firm, which captures the extensive margin of R&D. In columns (2),

(4), (6) and (8), we show results for the number of employees working in the R&D department of a firm,

which captures one aspect of the intensive margin of R&D. In columns (1) and (2) we include firm, year and

industry FEs; in columns (3) and (4), we add industry times year fixed effects; in columns (5) and (6), we use

a tighter caliper in the matching procedure and thus retain a smaller number of treated and matched control

firms;11 and finally in columns (7) and (8) we match with replacement, that is we allow for one control firm

to be matched to several treated firms.

In all columns, the estimated coefficients for post acquisition (T × Post) are negative and statistically

different from zero.12 This indicates that when acquisition occurred at the top of the business cycle, foreign

acquisition had negative effects on the extensive and the intensive margin of R&D compared to the counter-

11In columns (1) and (2) we drop all matches not within the caliper, that is within 0.26 standard deviations

of the propensity score. In columns (5) and (6) we use a caliper of 0.1.
12We drop sub-indexes to simplify the exposition.
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factual of non-acquired firms. The likelihood that an acquired firm invests in R&D drops by between 12.0

to 13.7 percentage points compared to the control group for example, depending on the exact regression

specification and the matching procedure. Column (2) shows that the number of employees in R&D falls

statistically significantly post acquisition.13 The estimated coefficients are very similar for the four different

baseline specifications. These results are in line with the findings of Stiebale and Reize (2011) who find a

decline in the R&D investments of acquired German firms following their acquisition.

The shift dummies that test for the differential effect for acquisitions that took place during periods

of economic crises also show a clear pattern. In all cases, the estimated coefficients are positive. For

R&D employment the estimated coefficients are positive and statistically significantly different from zero

throughout the table. In contrast, for internal R&D, the coefficients are not significant at standard levels,

with the exception of column (7). It is apparent from this table that the decline in the intensive margin

of R&D that follows foreign acquisitions made during good times are significantly smaller when acquisition

takes place during an economic crisis, whereas for the extensive margin they are at worse no larger than the

declines that occur from acquisitions at the top of the business cycle.

5.2 Dynamic patterns

Next, we investigate the dynamics of the treatment effect by separating the average post acquisition effect

by the sth year post acquisition, where s ∈ (0, 1, 2). We show these results in Table 7. We find that there

is a significant decline in internal R&D expenditures and R&D employment in each of the post-acquisition

years when acquisition occurs in non-crisis periods. The likelihood of doing R&D reduces by 9.1 percentage

points for the treatment group compared to the counterfactual in the year of acquisition, and drops by 12.8

percentage points two years after acquisition. We find a similar dynamic effects for the number of internal

R&D employees. The differential effect for acquisitions that occur during a crisis are again positive in both

columns (1) and (2). The magnitude of the coefficients confirm our previous findings that acquisitions that

occur during economic crises lead on average to a reduction in the internal knowledge capabilities of the

acquired firm, but the declines are smaller than for acquisitions that occur during periods of strong economic

growth in Spain.

13Following Bellemare and Wichman (2020), we estimate the percentage change in y due to a discrete

change in the independent variable as exp(β̂) − 1 for a inverse-hyperbolic-linear specification with dummy

independent variables. Using the coefficient from column (2), shows that acquisition leads to a 37% decline

in the number of R&D employees in the treatment group.
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In Table A3 in the Appendix, we focus only on acquisitions that occur during crises periods and present

the direct effect of acquisition on R&D compared to the control group of non-acquired firms. In these

estimations, we use information for two pre-acquisition periods, and three post-acquisition periods. As a

reminder, it is not possible to include two pre-acquisition periods for acquisitions made in 2005 owing to

the fact that the data set only begins in 2004. In columns (1) and (2), we show the 2008 and 2011 cohorts

of acquisitions pooled together and in columns (3) and (4) the 2008 cohort only. We draw two important

lessons from this table. Firstly, as expected given the previously reported balancing tests for the matched

sample, in all columns the estimated coefficients for pre-acquisition periods are small and not significant at

statistical levels. We conclude from this that there is no evidence of significant differences in the trends

for R&D prior to acquisition in our matched sample of acquired and never-acquired firms. Second, there is

evidence that the timing of acquisition within the business cycle is important, with smaller negative effects

on R&D for acquisitions that occur in crisis periods. When we pool crisis cohorts together in columns (1)

and (2), we find that coefficients are negative but the effect on internal knowledge capabilities of acquired

firms is not always statistically different from the matched sample of non-acquired firms. When we focus in

on the firms acquired in the 2008 crisis in columns (3) and (4), the decline in internal R&D is negative and

significantly different from the matched control group. A possible reason for differences between the 2008

and 2011 cohorts is that the GFC and the SDC differed in their intensity, the number of countries that were

affected and the length of the crisis.

5.3 Robustness

To further establish the robustness of the evidence presented above, we perform additional estimations,

including for different samples, different measures of R&D (including alternative transformations of our

internal R&D variable). We also study sectoral heterogeneity in order to control for possible differences in

the acquisition behaviour during crisis and non-crisis period. Here we distinguish the effects for firms with

different external financial dependence, we differentiate between the manufacturing and service sector and,

finally, we account for differences in technological intensity.

Different samples: In columns (1) and (2) of Table A4, we extend the sample by using all acquisitions

made between 2005 to 2012 rather than just those that occur in 2005, 2008 or 2011. The findings are again

in line with previous estimations; there is evidence of a reduction in both the likelihood of doing internal

R&D and employment in the R&D department for acquisitions that occur during periods of strong growth.

For the triple interaction, in column (1), the coefficient is positive but not statistically significant, whereas

it is so for internal R&D employees in column (2). The results from these regressions indicate that the
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differences in post-acquisition R&D according to the timing of the acquisition found previously hold more

generally. Next, we examine outcomes excluding matched pairs from the SDC period to check if the smaller

decline in R&D for crisis cohorts is driven by the SDC sample. The results are presented in columns (3) and

(4) of Table A4. The findings are again consistent with the baseline estimations.

Alternative measures of R&D: In Table A5, we exploit the richness of the R&D data available to

us and use four alternative measures of the R&D expenditures of the firm. We also present alternative

transformations of our internal R&D employment variable. In column (1) we study the effect on domestic

cooperation for R&D. The survey includes information about technological cooperation, constructed as a

dummy variable that takes the value one if the firm has R&D cooperation programs with private Spanish

companies or public institutions. Domestic R&D collaborations imply sharing both codified knowledge and

tacit sources of knowledge, thus generating technology spillovers within the domestic economy (Almeida

et al., 2003). In column (2), we use a much broader measure of the firm’s likelihood to absorb and generate

technological knowledge. This measure captures the R&D produced internally by the firm, plus the R&D

that is acquired from outside of the firm, plus additional expenditures incurred from the introduction of

new processes or products to the market, such as design or feasibility studies. We then further separate

R&D expenses into capital and current expenses to study if there is substitution between capital and labour

post acquisition. In column (3) we study the effect on the capital expenditures used for R&D. This variable

includes the expenses in machinery, equipment and software used to generate product and process innovations

and reflect the long term R&D investments in the company. In column (4), we study the effect on current

R&D expenditures, which largely captures the salaries paid to R&D employees.14 In column (5), we eliminate

potential outliers of the variable internal R&D employment by trimming 2% of the right tail of its distribution.

Sixth, we present two alternative transformations of the internal R&D employment variable. In column (6),

we standardize the variable by subtracting the mean and dividing by the standard deviation. In column (7),

we return to using the number of employees working in R&D (without any transformation of the variable)

but estimate equation 3 using a Poisson model.

The overall patterns in Table A5 are consistent with previous results. The estimations in column (1)

14To determine whether the post-acquisition decline in likelihood of doing R&D and in the number of

R&D employees is a consequence of downsizing of employment more generally, we also studied the effect on

total employment in the post acquisition period. We find no evidence that the effect on total employment

depends on when the acquisition occurs during the business cycle, suggesting that our results are not driven

by broader employment declines.
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show that there is a decrease in domestic cooperation for acquisitions that occur during periods of strong

economic growth. However, for acquisitions occurring during periods of economic crises, this effect is smaller.

An interpretation of this result is that firms need to cooperate with other innovators in order to explore

and create new products for the domestic market (Bercovitz and Feldman, 2007). The results in column (2)

indicate that there is also a decline in the likelihood of incurring any innovation expenditures for acquisitions

that occur during periods of strong growth. For acquisitions during periods of low growth, the estimated

coefficient is positive but not significant at standard statistical levels. The effects are similar to the baseline

for both capital (column 3) and current R&D expenditures (column 6) and when we trim outliers (column

5). Finally, the estimated coefficients for standardised values of the internal R&D employment in column

(6) show that there is a 0.313 standard deviation decrease in the number of R&D employees for acquisitions

that occur in periods of strong growth. However, for acquisitions that occur during crises, the decrease in

the number of R&D employees is only 0.024 standard deviations. Poisson estimation in column (7) also

shows the same pattern, thus confirming that our results are not contingent on the transformation or the

estimation routine used.

Firms with different external financial dependence: One explanation for our findings so far could

be that during periods of economic crisis foreign multinationals acquire firms in sectors with greater financial

dependence. The empirical strategy we have employed has attempted to deal with this point by matching

acquired and non-acquired domestic firms within the same industry and year and adding controls for time-

industry fixed effects as a robustness check. To focus more narrowly on the issue of financial dependence, we

separate acquisitions by the external financial dependence of the sector in which the acquired firm operates in

Table A6. For this distinction we follow the classification of Rajan and Zingales (1998), which measures the

“desired investment that cannot be financed through internal cash flows generated by the same business”,

and split the matched sample if more than 50% of the investment is financed externally.15

Two patterns are evident from the results in Table A6. Firstly, irrespective of the degree of external

financial dependence, there is a larger reduction in internal R&D employment for acquisitions that occur

during periods of strong economic growth compared to those that occur during economic crises. That is,

15Our measure for external financial dependence comes from Sharma and Winkler (2018). Using data from

Compustat on publicly listed firms in the United States from 1995 to 2005, they follow the approach of Rajan

and Zingales (1998) but extend this measure of external financial dependence to cover both manufacturing

and services sectors. In using this measure, we assume that an industry’s dependence on external finance is

not country-specific.
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even when we focus within sectors with similar external financial dependence we find that the declines in

R&D that follow acquisitions during crisis periods are smaller than the declines for acquisitions occurring

during strong growth periods. This is not to say that financial dependence does not matter. The second

striking result from this table is that the magnitude of these effects is much larger, both the decline in R&D

that occurs from acquisitions made by non-crisis acquisitions and the positive coefficient on acquisitions

during crises, for sectors where financial constraints are of greater relevance. These results indicate that

financial constraints are a source of heterogeneity in the post-acquisition outcomes for R&D, but the timing

of acquisition during the business cycle, that is our focus, also plays a role.

Differences between manufacturing and service sector: Next, we explore whether differences be-

tween manufacturing and services sector plays any role in generating the results we have found so far.

Typically, firms in service sectors are less labor intensive and require less production sites than manufactur-

ing firms. Therefore, following acquisition there can be stronger changes in the location of R&D for firms

in the manufacturing sector. In Table A7, we distinguish between manufacturing (columns 1 and 2) and

service sector firms (columns 3 and 4). The results suggest that there is a similar decline in R&D activity

for manufacturing and services firms, but the effects are estimated with more precision for firms in the

manufacturing sector. Again, while this industry heterogeneity appears to play some role, we continue to

find that the decline in R&D activities is smaller when acquisitions occur during crises, independently of the

sector.

Technological differences: In Table A8, we consider whether our results are driven by differences in

the importance of R&D across sectors. We split the sample into high and high-medium technological firms

and low-medium and low technological firms following the Eurostat/OECD classification by Hatzichronoglou

(1997). We find that there is a post-acquisition reduction in R&D for firms operating in both high tech-

nological and low technological sectors, although the effects are stronger in high-technological sectors. This

reduction in R&D is smaller for acquisitions that occur during economic crises for firms in both sectors,

suggesting that our results are not driven exclusively by high-tech firms.16

16We also explore heterogeneity in the effects of acquisition according to firm characteristics such as firm

size or age. We find some evidence of heterogeneity associated with these characteristics, but it does not

overturn the main results regarding the timing of acquisition.
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5.4 The Opportunity Cost of R&D Over the Business Cycle

The results thus far suggest that the decline in the intensive margin of R&D that occurs as a consequence

of foreign acquisition during periods of crises is typically less severe than that experienced by acquisitions

made during periods of strong economic growth. In this section, we focus on a theoretical framework well

established in the macro-literature, the opportunity cost of R&D over the business cycle, to examine if it

can explain these findings.

Early work by Aghion and Saint-Paul (1998) suggested that during periods of economic crises, the oppor-

tunity cost of technological investments falls because the revenue from current production declines. During

recessions, it is then optimal for firms to invest relatively more in long-term investments, such as R&D

(Cooper and Haltiwanger, 1993; Caballero and Hammour, 1994; Kopytov et al., 2018). As argued by Manso

et al. (2021), empirical evidence in support of this prediction proved elusive however, with a large number

of studies finding that total innovation expenditures and patents are in fact pro-cyclical (Griliches, 1998;

Geroski and Walters, 1995; Fatas, 2000; Comin and Gertler, 2006). This central idea has been developed

in the recent literature to argue that the opportunity cost of innovation should instead be framed as the

choice between the innovation of new products versus new processes (Manso et al., 2021). Firms can either

focus their innovation on the optimization of production processes, the reduction of costs and increasing the

efficiency in producing existing products and technologies; or firms can develop new products, they can try to

identify technologies and markets that are novel to the firm. During economic booms, firms are more likely

to invest in innovations that reduce costs, as the relative returns from the economies of scale for existing

products are high. In contrast, firms switch to innovating new products as the economy enters an economic

crisis, as the additional profits that arise from reducing the costs of producing existing products diminish. In

keeping with a technology life cycle model, the authors show empirically that innovation shifts towards the

innovation of new products during recessions and process innovation during expansions. This idea is further

developed by Dhingra (2013), who shows that the cost of cannibalization caused by the introduction of a new

product can further amplify these patterns over the business cycle. As demand for existing products rises

during economic booms, so do the costs of cannibalisation from the introduction of new products, incentivis-

ing process innovation over product innovation. Conversely, during recessions, the cost of cannibalization of

the existing product base decreases, leading to a shift in incentives towards product innovation.

We consider three implications that arise from the opportunity cost literature for the effects of acquisition-

FDI on innovation that is of interest in this paper, but for which there is currently no evidence. First,

we explore whether or not, changes in the opportunity cost of innovation over the business cycle affects

the types of firms that are selected for acquisition, specifically in terms of their pre-acquisition innovation
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output. Second, we draw on the predictions from Manso et al. (2021) and Dhingra (2013) about the type

of innovation output that occurs, to study whether or not, acquisition-FDI affects product versus process

innovations post-acquisition. And thirdly, we examine whether, for firms acquired at a particular point in

the business cycle, the type of innovation they conduct then changes when the economy enters a different

phase of the business cycle. That is, whether the changes in innovation that result from acquisition we have

observed so far, further respond to changes in the economic cycle, or whether they are persistent.

We present evidence for the types of firms selected for acquisition in Table 8. In this regression we measure

process innovation, as a dummy variable that takes the value one if the firm reports having introduced new

or significantly improved processes; and new goods as a dummy variable that takes the value one if the firm

reports having introduced new physical goods. The results for the broader R&D variables match those found

earlier in Table 2. Domestic firms are not more likely to be acquired if they have any internal R&D activity,

but are more likely to be acquired if they are part of a wider business group and receive R&D from within

that group. These effects do not change when we examine acquisitions made during periods of economic

crisis. Adding previous process and new goods innovations to this regression appears to add some predictive

power, albeit not in the direction suggested by the opportunity cost literature. During periods of strong

growth, where there is a stronger motive for process innovation, we actually find that domestic firms that

have had process innovations are actually less likely to be acquired by foreign multinationals. During crisis

periods the interaction term for this variable is positive and the magnitude of the coefficient indicates that

this effect is offset. We find that new goods have no predictive power in determining acquisition, either in

periods of strong growth or in recessions. Therefore, it does not seem that changes in the business cycle

substantially affects the types of firms selected for acquisition.

Drawing on the predictions by Manso et al. (2021) and Dhingra (2013), we turn next to studying the effect

of acquisitions on the type of innovation. Here, we anticipate that while changes in the opportunity cost of

the type of innovation would be present for all firms, both domestic and foreign owned, the response may

be stronger for newly acquired firms relative to non-acquired firms if foreign acquisition alleviates financial

constraints. This is consistent with recent work showing that financial liquidity plays an important role

in facilitating the counter-cyclical movement of investment in R&D at the firm-level (Aghion et al., 2012;

Garicano and Steinwender, 2016).

In Table 9 we report the effects of acquisition-FDI on process innovation (column 1) and innovation of

new goods (column 2).17 In our data, firms also provide information about the objective of their innovative

activities, including whether the objective of the innovation was to increase the number of goods, markets,

17Consistent with the Community Innovation Surveys, questions on innovation output in PITEC refer
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or quality of their products; or to increase the flexibility and capacity of the production process.18 First,

we use this information to capture innovation effort purely directed towards creation of new goods, and

thus allay the concern that we may be picking up quality improvements in existing products and not new

products in Column (2). We thus construct a continuous variable between zero and one in Column (3) that

takes higher values if the importance of increasing the number of goods is high as an objective of innovation.

Second, in keeping with the idea that the opportunity cost of new products declines during business cycle

downturns, leading to a counter-cyclical movement in the importance of the innovation of new products, in

column (4) we measure the relative importance of new products innovation in total innovation (new products

innovations plus those that increase the flexibility or the capacity of the production).19

The results in column (1) suggest that firms acquired during periods of strong economic growth have

a higher likelihood of engaging in process innovation post acquisition, although this effect is not precisely

estimated.20 The triple interaction is negative and significant, thus showing that the effect of acquisition-FDI

on process innovation is significantly weaker when the acquisition occurs during periods of economic crisis.

This result provides support to the idea that the relative returns from improvements to existing products

to the cumulative output over the current and previous two years, while innovation inputs and accounting

variables are for the current period. Using data for one year prior to acquisition until two periods after

acquisition for each firm in our DiDiD estimation allows us to pick up variation in the innovation output of

firms compared to the pre-acquisition output if there is a change in the innovation trajectory post acquisition.

For a firm that innovates pre-acquisition and innovates only in one out of three periods post-acquisition, the

data will not capture a change in the innovation trajectory. Thus, if anything, our estimates are a lower

bound of the effect on innovation output.
18For each of the objectives, a company can define the importance of the objective as high, intermediate,

low, or as not relevant.
19Empirical work testing the theory of the opportunity cost of R&D finds that R&D intensity is counter-

cyclical for firms that face low financing constraints. The literature has not explored whether the likelihood

of doing R&D is cyclical or not. Thus, our results might be used to suggest that change in the opportunity

cost of R&D have stronger effects on the intensive margin of R&D.
20This is consistent with evidence from Guadalupe et al. (2012), who find that foreign acquisition leads

to an increase in the likelihood of process innovations, with the simultaneous introduction of new machines

and organisational practices.
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through renewed processes falls in recessions. The results for the introduction of new goods in column (2)

contrast noticeably with those for process innovations. Column (2) shows that for acquisitions that occur

during periods of strong economic growth the likelihood of introducing new goods decreases post acquisition.

The triple interaction is positive and significant showing that for acquisitions that occur during periods

of economic crisis, the negative effect on new goods is reversed. The value of the coefficients in the table

indicate that for firms acquired in periods of crises there is an absolute decline in process innovation and

an absolute increase in the likelihood they innovate new goods.21 The results again provide support for the

idea that incentives shift towards new goods during crises as the opportunity cost of experimentation and

searching for new, hitherto untapped, product markets, declines. The results in column (3) and (4) provide

further support for this view. Here we find that the intensity of innovation effort geared towards creation of

new products decreases post acquisition for firms acquired during non-crisis periods, and increases for firms

acquired during economic crises.

As a final exercise, we study whether differences in the post-acquisition trajectory of R&D for firms

acquired at different points in the business cycle are permanent, or change with the level of demand in the

economy. As we require longer time period to study such effects, we focus here on the cohort of firms acquired

in 2005, i.e. those at the top of the business cycle. In Table 10, we present results for internal R&D in column

(1), R&D employment in column (2), process innovation in column (3), new goods dummy in column (4),

number of new goods in column (5) and the share of new goods in innovation objectives in column (6). The

results reveal a very clear pattern. In all post acquisition periods there is a statistically significant decline in

the R&D inputs and a change in the direction of R&D outputs of acquired firms. The decline in R&D inputs

as well as the number of new goods and the share of new goods is statistically significant and also persists

when the economy enters a recession. Table A9 in the Appendix shows similar results for the other measures

of R&D previously studied such as domestic cooperation, total, capital and current R&D. In other words,

it appears that for firms acquired during good economic times, the decision to invest in internal R&D, and

the direction of innovation, does not change when the economy subsequently enters a period of low growth.

Rather the effects of acquisition on innovation are persistent and depend instead on when in the business

cycle the firms are acquired.

21We study the direct effect of acquisition for firms acquired during crises using a difference-in-difference

and find that there is a statistically significant decline in process innovation immediately after acquisition,

and an increase in new goods one-year after acquisition.
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6 Conclusion

Motivated by the concerns that foreign acquisitions during crisis, or fire-sale FDI, can be detrimental for

long-term R&D investments and innovation, we study for the first-time the R&D and innovation activities of

firms acquired by foreign firms at differing points in the business cycle. We use data for Spanish firms from

2004 to 2014 and find a significant increase in the number of acquisitions during crises, particularly during

the global financial crisis of 2008/9. Our analysis of pre-acquisition characteristics suggests that foreign firms

target more productive, larger, younger, and exporting firms with lower physical capital intensity irrespective

of the timing of acquisition. That is, as in periods of strong economic growth, the best domestic firms are

cherry-picked by foreign multinationals even during periods of economic crises.

Using propensity score nearest-neighbor matching and triple difference-in-difference regressions, we study

the impact of acquisition-FDI on post-acquisition R&D. We find that firms acquired during periods of strong

economic growth see a decline in their internal R&D capabilities in the subsequent years, while acquisitions

during crises result in significantly smaller reductions in internal R&D. This result suggests that the motive

for acquisition during crisis is not exclusively based on realising short-term gains in profitability, or speculative

behaviour traditionally associated with fire-sale FDI.

To explain why fire-sale FDI does not result in large declines in R&D in target firms, we turn to the

opportunity cost theory of innovation which suggests that innovation shifts towards the innovation of new

products and markets during crises when the returns from achieving economies of scale for existing products

through process innovation decrease. Our results suggest that change in the opportunity cost over the

business cycle does not govern the selection of target firms, but in terms of post acquisition outcomes it

matters. To elaborate, we find that firms acquired during periods of growth focus on process innovation,

while firms acquired during crisis periods pursue innovation of new goods. Our findings provide evidence for

persistent changes in the direction of innovation for firms acquired at different points in the business cycle,

inline with the theory of the opportunity cost of innovation.

Our findings highlight the importance of considering the external macroeconomic environment when study-

ing the effects of acquisition-FDI on innovation and growth and are informative for policymakers deciding

whether to keep an economy open or restrict foreign investment during periods of economic turmoil. A

promising direction for future work is to examine the flow of knowledge to acquired firms and spillovers to

local buyers and suppliers when acquisition occurs during periods of crises (Blalock and Gertler, 2008; Lopez,

2008). Comparative studies from other countries and other episodes of more recent economic turbulence can

further shed light on how macro structures matter for the effect of fire-sale FDI on innovation and therefore
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long-term economic growth.
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Table 1: Characteristics of acquired and non-acquired firms

Cohort 05 - Non-crises Cohorts 08, 11 - Crises

Acquired Non-acquired Acquired Non-acquired
Productivity 12.067 11.521 *** 12.181 11.67 ***

(1.10) (1.05) (1.23) (1.02)
Employment 5.085 4.182 *** 5.266 3.963 ***

(1.43) (1.59) (1.61) (1.64)
Sales 17.152 15.703 *** 17.447 15.632 ***

(1.76) (1.97) (1.95) (2.00)
Age 2.82 2.808 3.126 3.024

(0.99) (0.81) (0.74) (0.64)
Physical investment 11.617 10.239 ** 10.743 8.838 ***

(5.64) (5.66) (6.55) (6.25)
Part of a business group 0.712 0.301 *** 0.844 0.333 ***

(0.45) (0.46) (0.36) (0.47)
Exporter 0.627 0.536 * 0.683 0.585 **

(0.49) (0.50) (0.47) (0.49)
Sells in local market 0.907 0.942 0.917 0.953 .

(0.29) (0.23) (0.28) (0.21)
Relative sales -0.449 -1.634 *** -0.175 -1.686 ***

(1.58) (1.81) (1.69) (1.86)
Does R&D 0.619 0.679 0.615 0.59

(0.49) (0.47) (0.49) (0.49)
Does internal R&D 0.559 0.585 0.459 0.481

(0.50) (0.49) (0.50) (0.50)
Does external R&D 0.229 0.291 0.21 0.232

(0.42) (0.45) (0.41) (0.42)
R&D from business group 0.059 0.005 * 0.088 0.014 ***

(0.24) (0.07) (0.28) (0.12)
R&D expenses 8.454 8.584 8.303 7.636

(6.77) (6.06) (6.76) (6.50)
Internal R&D expenses 7.581 7.317 6.174 6.202

(6.85) (6.27) (6.81) (6.53)
External R&D expenses 2.91 3.287 2.635 2.772

(5.42) (5.22) (5.18) (5.09)
Internal R&D employees 1.565 1.361 1.278 1.226

(1.58) (1.39) (1.61) (1.48)

Note: This table shows the mean, standard deviation (in parenthesis) as well as the statistical
significance of the difference of means between acquired and non-acquired firms for the non-crisis
(2005), and crisis (2008 and 2011) cohorts. All variables are lagged one year to show differences
in the pre-acquisition characteristics. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. Productivity is the
natural logarithm of sales over number of employees; Employment is natural logarithm of number of
employees; Sales is the natural logarithm of sales; Age is the natural logarithm of firm age; Physical
investment is the inverse hyperbolic sine of physical investment; Part of a business group is a dummy
variable that takes value one if a firm belongs to a business group; Exporter is a dummy variable
that takes value one if the firm is an exporter; Sells in local market is a dummy variable that takes
value one if the firm sells in the regional market; Relative sales is the log of the ratio of the sales of
the company over the total sales of its industry; Does R&D is a dummy variable that takes the value
one if the firm has positive R&D expenditures; Does internal R&D is a dummy variable that takes
the value one if the firm performs R&D within the firm; Does external R&D is a dummy variable
that takes the value one if the firm acquires R&D from external sources; R&D from business group is
a dummy variable that takes the value one if the firm obtains R&D from other parts of the business
group in the given year or any prior year; R&D expenses is the inverse hyperbolic sine of R&D
expenses; Internal R&D expenses is the inverse hyperbolic sine of internal R&D expenses; External
R&D expenses is the inverse hyperbolic-sine of external R&D expenses; Internal R&D employees is
the inverse hyperbolic sine of the number of employees working in R&D.
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Table 2: Determinants of acquisition during non-crisis and crisis pe-
riods

Acquisition dummy (Probit)

Productivity 0.344∗∗ (0.153)
Employment 0.265∗ (0.147)
Log of age −0.108∗ (0.063)
Physical investment −0.004 (0.008)
Part of a business group 0.509∗∗∗ (0.106)
Exporter 0.014 (0.113)
Sells in local market −0.137 (0.158)
Relative sales −0.162 (0.143)
Does internal R&D −0.011 (0.109)
R&D from business group 0.740∗∗∗ (0.257)

Productivity × Crises −0.293 (0.178)
Employment × Crises −0.197 (0.168)
Log of age × Crises 0.070 (0.084)
Physical investment × Crises −0.005 (0.009)
Part of a business group × Crises 0.198 (0.137)
Exporter × Crises 0.015 (0.140)
Sells in local market × Crises −0.064 (0.202)
Relative sales × Crises 0.216 (0.165)
Does internal R&D × Crises −0.120 (0.133)
R&D from business group × Crises −0.329 (0.299)

Industry-year FE Yes
Observations 23,310
Log Likelihood −1,370.169
Akaike Inf. Crit. 2,972.337

Note: Dependent variable takes the value of one if a firm is acquired
in a given year. Crises is a dummy equal to one for acquisitions in
2008 and 2011, and 0 for acquisitions that took place in 2005. All
independent variables are lagged one year. Robust standard errors
are reported in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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Table 3: Number of matched pairs

Year Control firms Treated firms Matched pairs
2005 10348 118 90
2008 9531 155 127
2011 8548 60 40
Total 28427 333 257

Note: Matching is done using propensity score within
year and within industry (32 groups), and on whether or
not the firm does R&D, and whether it has less than the
median number of employees in the sample (49).
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Table 4: Balancing test: T test

Before matching After matching

Treated Control p-value Treated Control p-value Obs.
Propensity Score 0.11 0.01 0.00 0.07 0.07 0.95 514
Productivityt−1 12.15 11.60 0.00 12.03 12.02 0.93 514
Salest−1 17.36 15.54 0.00 17.28 17.38 0.52 514
Employmentt−1 5.21 3.95 0.00 5.24 5.36 0.41 514
Employment-sqt−1 10.41 7.89 0.00 10.49 10.72 0.41 514
Aget−1 3.02 2.96 0.22 3.06 3.06 0.96 514
Physical Investmentt−1 11.05 9.16 0.00 11.04 11.17 0.82 514
Does R&Dt−1 0.62 0.62 0.90 0.61 0.61 1.00 514
R&D-sqt−1 16.31 15.41 0.23 15.91 16.20 0.81 514
Does Internal R&Dt−1 0.49 0.52 0.40 0.50 0.51 0.79 514
Internal R&D employeest−1 1.38 1.26 0.19 1.36 1.50 0.32 514
Relative salest−1 -0.27 -1.76 0.00 -0.34 -0.21 0.39 514
R&D from business groupt−1 0.08 0.00 0.00 0.02 0.02 0.74 514
Exportert−1 0.67 0.56 0.00 0.63 0.66 0.52 514
Part of a business groupt−1 0.81 0.28 0.00 0.77 0.78 0.75 514
Sells in local markett−1 0.91 0.95 0.01 0.93 0.94 0.72 514

Sales growth 0.08 0.04 0.16 0.06 0.10 0.42 334
Employment growth -0.02 -0.01 0.76 -0.01 0.02 0.28 334
R&D employment growth -0.01 -0.03 0.75 -0.01 -0.04 0.66 334
Productivityt−2 12.07 11.59 0.00 11.97 11.98 0.97 334
Does R&Dt−2 0.61 0.63 0.76 0.59 0.66 0.21 334
Does Internal R&Dt−2 0.46 0.51 0.17 0.46 0.51 0.38 334

Note: In this table, we present the means of the variables before and after matching, as well as the p-
value of the difference of means between the treated and the control group and the number of observations
after matching.
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Figure 1: Standardised bias
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Table 5: Balancing test: Kolmogorov Smirnov test

Before After
matching matching

(1) (2)
Propensity Score 0.6071 0.0195

(0.00) (1.00)
Productivity 0.2992 0.0934

(0.00) (0.21)
Sales 0.4596 0.0584

(0.00) (0.77)
Employment 0.3797 0.0584

(0.00) (0.77)
Employment-sq 0.3797 0.0584

(0.00) (0.77)
Age 0.1145 0.0661

(0.00) (0.63)
Physical Investment 0.2601 0.0661

(0.00) (0.63)
Does R&D 0.1264 0.0661

(0.00) (0.63)
R&D-sq 0.1264 0.0661

(0.00) (0.63)
Internal R&D employees 0.0723 0.0856

(0.08) (0.30)
Relative sales 0.4018 0.0584

(0.00) (0.77)

Note: For each variable, the KS-statistic test coef-
ficient is reported measuring the difference in dis-
tributions of the treated and control group before
matching and after matching. The p-values are re-
ported in parenthesis.
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Figure 2: Trajectories of matched treatment and control firms
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Table 6: Change in R&D after acquisition

Dependent variable Does Int RD Int RD emp Does Int RD Int RD emp Does Int RD Int RD emp Does Int RD Int RD emp

(1) (2) (3) (4) (5) (6) (7) (8)

T × Post −0.120∗∗∗ −0.470∗∗∗ −0.128∗∗∗ −0.489∗∗∗ −0.137∗∗ −0.503∗∗∗ −0.128∗∗∗ −0.488∗∗∗

(0.046) (0.133) (0.047) (0.137) (0.054) (0.152) (0.046) (0.135)

T × Post × Crises 0.079 0.355∗∗ 0.082 0.364∗∗ 0.091 0.379∗∗ 0.093∗ 0.396∗∗

(0.056) (0.158) (0.056) (0.162) (0.064) (0.180) (0.056) (0.160)

Observations 2,030 2,030 2,030 2,030 1,746 1,746 2,045 2,045
R2 0.057 0.040 0.173 0.151 0.201 0.173 0.176 0.150
Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
Year FE Yes Yes No No No No No No
Industry FE Yes Yes No No No No No No
Industry-Year FE No No Yes Yes Yes Yes Yes Yes
Tighter caliper No No No No Yes Yes No No
Match with replacement No No No No No No Yes Yes

Note: We present estimations for the matched sample. T is a dummy variable that takes the value of one if a firm is acquired or treated, and 0 for
its matched control group firm; Post is a dummy equal to one for the year of acquisition and the two post-acquisition years for both the treated and
the corresponding match; Crises is a dummy equal to one for firms acquired during 2008 or 2011, and their corresponding match. Does Int RD is
a dummy variable that takes the value one if a company has internal R&D in a given year; Int RD emp is the inverse hyperbolic sine of the number
of employees working on R&D. The standard errors are presented in parentheses and are clustered at the firm-level. * p < 0.10, ** p < 0.05, ***
p < 0.01.
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Table 7: Dynamic effects

Dependent variable Does Int RD Int RD emp

(1) (2)

T × Post [0] −0.091∗ −0.450∗∗∗

(0.050) (0.136)

T × Post [1] −0.165∗∗∗ −0.473∗∗∗

(0.054) (0.154)

T × Post [2] −0.128∗∗ −0.546∗∗∗

(0.055) (0.168)

T × Post [0]× Crises 0.057 0.376∗∗

(0.059) (0.162)

T × Post [1]× Crises 0.117∗ 0.363∗∗

(0.065) (0.183)

T × Post [2]× Crises 0.071 0.345∗

(0.069) (0.205)

Observations 2,030 2,030
R2 0.175 0.153
Firm FE Yes Yes
Industry-Year FE Yes Yes

Note: We present estimations for the matched sample.
T is a dummy variable that takes the value of one if a
firm is acquired or treated, and 0 for its matched control
group firm; Crises is a dummy equal to one for firms
acquired during 2008 or 2011, and their corresponding
match. Post[0] is the year of the acquisition, Post[1] is
one year after acquisition, and Post[2] is two years after
acquisition. Does Int RD is a dummy variable that takes
the value one if a company has internal R&D in a given
year; Int RD emp is the inverse hyperbolic sine of the
number of employees working on R&D. The standard
errors are presented in parentheses and are clustered at
the firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 8: Pre-acquisition characteristics based on the direction
of innovation. Probit model

Acquisition dummy

Does internal RnD 0.087 (0.109)
RnD from business group 0.786∗∗∗ (0.262)
Process innovation −0.267∗∗∗ (0.094)
New goods dummy −0.126 (0.081)

Does internal RnD × Crises −0.160 (0.138)
RnD from business group × Crises −0.397 (0.303)
Process innovation × Crises 0.224∗ (0.118)
New goods dummy × Crises 0.126 (0.128)

Industry-year FE Yes
Observations 23,308
Log Likelihood −1,356.795
Akaike Inf. Crit. 2,953.591

Note: We present a probit model. Robust standard errors are
presented in parentheses. Dependent variable takes the value
of one if a firm is acquired in a given year. Crises is a dummy
equal to one for acquisitions in 2008 and 2011, and 0 for acqui-
sitions that took place in 2005. Process innovation is a dummy
variable that takes the value one if the firm reports having in-
troduced new or significantly improved processes. New goods
dummy is a dummy variable that takes the value one if the firm
reports having introduced a new good. The regression also in-
cludes the variables productivity, employment, age, physical
investment, part of the business group, exporters, sells in local
market and relative sales, as well as the interactions of these
variables with the crises dummy. All independent variables are
lagged one year. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 9: The direction of innovation

Dependent variable Process New goods Number of Share of

innovation dummy new goods new goods

(1) (2) (3) (4)

T × Post 0.102 −0.116∗∗ −0.172∗∗∗ −0.206∗∗∗

(0.065) (0.050) (0.057) (0.063)

T × Post × Crises −0.136∗ 0.175∗∗∗ 0.143∗∗ 0.152∗

(0.077) (0.062) (0.072) (0.081)

Observations 2,030 2,030 1,491 1,003
R2 0.167 0.178 0.185 0.278
Firm FE Yes Yes Yes Yes
Industry- year FE Yes Yes Yes Yes

Note: We present estimations for the matched sample. Process innov.
is a dummy variable that takes the value one if the firm reports having
introduced new or significantly improved processes. New goods dummy
is a dummy variable that takes the value one if the firm reports having
introduced a new good. Number of new goods is a continuous variable
between zero and one that evaluates the intensity of innovation effort geared
towards increasing the number of new products. The variable share of new
goods measures whether the objective of innovation is ‘high’ for the purpose
of increasing the number of goods, markets or quality of a firms’ products
as a ratio of whether the objective of innovation is ‘high’ for both the
purpose of increasing flexibility or capacity of the production process, and
increasing the number of goods, markets or quality of a firms’ products.
T is a dummy variable that takes the value of one if a firm is acquired or
treated, and 0 for its matched control group firm; Post is a dummy equal to
one for the year of acquisition and the two post-acquisition years for both
the treated and the corresponding match; Crises is a dummy equal to one
for firms acquired during 2008 or 2011, and their corresponding match.
The standard errors are presented in parentheses and are clustered at the
firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 10: No change in innovation trajectory for firms acquired in 2005

Dependent variable Does Int RD Int RD emp Process New goods Number of Share of
innovation dummy new goods new goods

(1) (2) (3) (4) (5) (6)

T × 2005 −0.090∗ −0.452∗∗∗ 0.117∗∗ −0.058 −0.165∗∗∗ −0.236∗∗∗

(0.050) (0.138) (0.060) (0.051) (0.059) (0.073)

T × 2006 −0.164∗∗∗ −0.475∗∗∗ 0.095 −0.126∗∗ −0.192∗∗∗ −0.267∗∗∗

(0.055) (0.157) (0.069) (0.056) (0.068) (0.078)

T × 2007 −0.124∗∗ −0.547∗∗∗ 0.103 −0.124∗ −0.199∗∗∗ −0.232∗∗∗

(0.055) (0.170) (0.093) (0.064) (0.067) (0.085)

T × 2008 −0.201∗∗∗ −0.750∗∗∗ 0.010 −0.091 −0.196∗∗ −0.265∗∗

(0.064) (0.180) (0.084) (0.066) (0.077) (0.116)

T × 2009 −0.195∗∗∗ −0.713∗∗∗ 0.067 −0.128∗ −0.153∗∗ −0.266∗∗

(0.063) (0.193) (0.085) (0.067) (0.073) (0.124)

Observations 1,068 1,068 1,068 1,068 771 527
R2 0.205 0.183 0.141 0.146 0.200 0.242
Firm FE Yes Yes Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes Yes Yes

Note: In this table, we look at the estimates for innovation input and output variables for the matched sample
of firms acquired in 2005. T is a dummy variable that takes the value of one if a firm is acquired or treated, and
0 for its matched control group firm. 2005− 09 represent the year. Does Int RD is a dummy variable that takes
the value one if a company has internal R&D in a given year; Int RD emp is the inverse hyperbolic sine of the
number of employees working on R&D. Process innovation is a dummy variable that takes the value one if the
firm reports having introduced new or significantly improved processes. New goods dummy is a dummy variable
that takes the value one if the firm reports having introduced a new good. Number of new goods is a continuous
variable between zero and one that evaluates the intensity of innovation effort geared towards increasing the
number of new products. The variable share of new goods measures whether the objective of innovation is ‘high’
for the purpose of increasing the number of goods, markets or quality of a firms’ products as a ratio of whether
the objective of innovation is ‘high’ for both the purpose of increasing flexibility or capacity of the production
process, and increasing the number of goods, markets or quality of a firms’ products. The standard errors are
presented in parentheses and are clustered at the firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.

44



Appendix

Figure A1: Number of foreign acquisitions distinguishing between manufacturing and services
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Table A1: Share of acquisitions by industry

Non-crises Crises
(1) (2)

Food and Tobacco 0.06 0.07
Textiles 0.02 0.01
Wearing apparel 0.00 0.01
Leather 0.00 0.00
Wood 0.01 0.01
Paper 0.00 0.02
Printing 0.01 0.00
Chemicals 0.07 0.07
Pharmaceuticals 0.03 0.02
Rubber and Plastic 0.05 0.05
Non-metallic 0.02 0.03
Basic Metals 0.01 0.02
Fabricated Metals 0.02 0.04
Electrical and optical equipment 0.03 0.03
Machinery and equipment 0.11 0.08
Motor vehicles 0.04 0.05
Ships and Boats 0.01 0.00
Air transport 0.00 0.00
Other transport equipment 0.00 0.01
Furniture, other manufacturing 0.01 0.01
Utilities services 0.02 0.00
Construction 0.02 0.03
Wholesale and retail trade 0.11 0.12
Transportation services 0.04 0.04
Hotels and restaurants 0.04 0.02
Telecommunication 0.01 0.01
Finance 0.03 0.04
Real estate 0.01 0.00
IT 0.10 0.09
Research 0.03 0.01
Arts 0.08 0.10

Note: In the table non-crisis refer to acquisitions made
in 2005, 2006 and 2007; and crises refers to acquisitions
made between 2008 and 2013.
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Table A2: Logit regression used to estimate propensity score

2005 cohort 2008 cohort 2011 cohort
(1) (2) (3)

Productivity 0.582∗∗∗ -0.013 0.117
(0.203) (0.162) (0.242)

Age -0.343∗∗∗ -0.212 -0.048
(0.129) (0.138) (0.273)

Physical investment -0.006 -0.027∗ -0.008
(0.019) (0.015) (0.026)

Part of a business group 1.404∗∗∗ 2.310∗∗∗ 1.222∗∗∗

(0.253) (0.274) (0.376)
R&D from business group 3.077∗∗∗ 2.593∗∗∗ 1.598∗∗

(0.626) (0.429) (0.681)
Internal R&D 0.255∗∗ -0.133 0.116

(0.107) (0.099) (0.167)
External R&D -0.068 -0.046 -0.149

(0.125) (0.120) (0.187)
Exporter -0.054 0.325 -0.196

(0.253) (0.229) (0.364)
Sells in local market -0.399 -0.229 -1.167∗∗

(0.348) (0.353) (0.456)
Does Internal R&D -3.165∗∗ 2.030 -2.603

(1.418) (1.271) (2.341)
R&D intensive firm -0.053 -0.067 0.275

(0.390) (0.284) (0.515)
Relative sales -0.105 0.295∗∗ 0.313

(0.179) (0.140) (0.216)
Employment dummy [50,100) 0.979∗∗ 0.573 -0.724

(0.444) (0.353) (0.697)
Employment dummy [100,500) 1.552∗∗∗ 0.456 -0.058

(0.527) (0.410) (0.621)
Employment dummy >= 500 1.436∗ 0.791 -0.073

(0.796) (0.595) (0.967)
Does external R&D -0.339 -0.148 1.208

(1.518) (1.500) (2.398)
Does internal R&D t−2 -0.604∗∗ 0.499

(0.307) (0.504)
Constant -11.666∗∗∗ -4.256∗ -5.217

(3.017) (2.390) (3.635)

Observations 6,229 8,017 7,228
Industry FE Yes Yes Yes
Log Likelihood -431.106 -553.381 -242.511
Akaike Inf. Crit. 958.213 1,204.763 583.023

Note: We present estimations for the logit regression that we use to con-
struct our matched sample. Column (1) shows the results for the 2005
cohort, column (2) for 2008 cohort and Column (3) for 2011 cohort. *
(p < 0.10), ** (p < 0.05), *** (p < 0.01).
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Table A3: Effect of acquisition for the crises cohorts (2008 and 2011)

2008, 2011 cohorts 2008 cohort

Does Int RnD Int RnD emp Does Int RnD Int RnD emp

(1) (2) (3) (4)

T × Post [−2] −0.032 −0.028 −0.043 −0.079
(0.028) (0.069) (0.033) (0.084)

T × Post [0] −0.039 −0.087 −0.079∗∗ −0.168
(0.031) (0.088) (0.038) (0.108)

T × Post [1] −0.055 −0.123 −0.089∗∗ −0.210∗

(0.037) (0.101) (0.042) (0.115)

T × Post [2] −0.067 −0.208∗ −0.091∗ −0.282∗∗

(0.043) (0.119) (0.050) (0.142)

Observations 1,647 1,647 1,256 1,256
R2 0.196 0.162 0.179 0.161
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: In this table, we look at the matched sample of firms acquired in 2008 and 2011 (in
columns 1 and 2) and only those that were acquired in 2008 (in columns 3 and 4). T is
a dummy variable that takes the value of one if firm i is acquired or treated, and 0 for its
matched control group firm. Post[−2] is two years before acquisition, Post[0] is the year of
the acquisition, Post[1] is one year after acquisition, and Post[2] is two years after acquisition.
Does Int RD is a dummy variable that takes the value one if a company has internal R&D in
a given year; Int RD emp is the inverse hyperbolic sine of the number of employees working
on R&D. Standard errors are presented in parentheses and are clustered at the firm-level. *
p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A4: Different samples

Using acquisitions for 2005-2012 Without SDC

Dependent variable Does Int RD Int RD emp Does Int RD Int RD emp

(1) (2) (3) (4)

T × Post −0.065∗∗ −0.246∗∗∗ −0.131∗∗∗ −0.497∗∗∗

(0.030) (0.090) (0.047) (0.136)

T × Post × Crises 0.049 0.229∗∗ 0.048 0.285∗

(0.039) (0.112) (0.059) (0.170)

Observations 3,708 3,708 1,719 1,719
R2 0.139 0.135 0.171 0.154
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: In columns (1) and (2), we show estimates for all cohorts from 2005 to 2012. In
columns (3) and (4), we show estimates for the 2005 (non-crises), and 2008 cohorts (crises).
We exclude the 2011 cohort, which was at the time of the Sovereign Debt Crisis, SDC. T is
a dummy variable that takes the value of one if firm i is acquired or treated, and 0 for its
matched control group firm. Post is a dummy equal to one for the year of acquisition and
the two post-acquisition years for both the treated and the corresponding match. Crises is
a dummy equal to one for firms acquired and their corresponding match between 2008 and
2012 in columns (1) and (2), and for firms acquired and their corresponding match in 2008
in columns (3) and (4). Does Int RD is a dummy variable that takes the value one if a
company has internal R&D in a given year; Int RD emp is the inverse hyperbolic sine of the
number of employees working on R&D. The standard errors are presented in parentheses and
are clustered at the firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A5: Additional R&D variables

Dependent variable Domestic coop. Does RD Capital RD Current RD Int RD emp Int RD emp Int RD emp
(Trimmed) (Standardised) (Poisson)

(1) (2) (3) (4) (5) (6) (7)

T × Post −0.160∗∗∗ −0.159∗∗∗ −1.902∗∗∗ −1.905∗∗∗ −0.500∗∗∗ −0.313∗∗∗ -0.487∗∗∗

(0.052) (0.053) (0.643) (0.591) (0.131) (0.093) (0.144)

T × Post × Crises 0.139∗∗ 0.112 1.580∗∗ 1.233∗ 0.376∗∗ 0.289∗∗∗ 0.479∗∗∗

(0.063) (0.068) (0.762) (0.716) (0.158) (0.106) (0.1773)

Observations 2,030 2,030 2,030 2,030 1,973 1,973 1,129
R2 0.153 0.160 0.142 0.170 0.155 0.146
Firm FE Yes Yes Yes Yes Yes Yes Yes
Industry FE No No No No No No Yes
Year FE No No No No No No Yes
Industry-Year FE Yes Yes Yes Yes Yes Yes No

Note: We present estimations for the matched sample. The variable domestic coop. is a dummy variable that takes the value one
if the firm has R&D cooperation programs with Spanish private companies or public institutions; Does RD is a dummy equal to
one for positive internal or external RD expenditure; Capital RD is the inverse hyperbolic sine of the capital expenditures used
for R&D; Current RD is the inverse hyperbolic sine of the current R&D expenditures. Column (5) uses the inverse hyperbolic
sine of internal R&D employment with 2 percent of the values on the right tail trimmed. Column (6) shows the result using the
standardised value of internal R&D employment. Column (7) shows the Poisson regression using internal R&D employment. T
is a dummy variable that takes the value of one if firm is acquired or treated, and 0 for its matched control group firm. Post is
a dummy equal to one for the year of acquisition and the two post-acquisition years for both the treated and the corresponding
match. Crises is a dummy equal to one for firms acquired in 2008 and 2011 and their corresponding match. The standard errors
are presented in parentheses and are clustered at the firm-level.* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A6: Intensity of External Financial Dependence

High Low

Dependent variable Does Int RD Int RD emp Does Int RD Int RD emp

(1) (2) (3) (4)

T × Post −0.201∗∗ −0.672∗∗∗ −0.082 −0.378∗∗

(0.081) (0.230) (0.053) (0.167)

T × Post × Crises 0.149 0.551∗∗ 0.038 0.252
(0.097) (0.270) (0.067) (0.201)

Observations 885 885 1,145 1,145
R2 0.267 0.229 0.190 0.151
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: We split the sample of matched firms by the external financial dependence of
the sectors they operate in based on the classification of (Rajan and Zingales, 1998).
Columns (1) and (2) show the results for sectors with greater than fifty percent
external financial dependence, and Columns (3) and (4) for less than fifty percent.
T is a dummy variable that takes the value of one if firm is acquired or treated,
and 0 for its matched control group firm. Post is a dummy equal to one for the
year of acquisition and the two post-acquisition years for both the treated and the
corresponding match. Crises is a dummy equal to one for firms acquired in 2008 and
2011 and their corresponding match. Does Int RD is a dummy variable that takes
the value one if a company has internal R&D in a given year; Int RD emp is the
inverse hyperbolic sine of the number of employees working on R&D. The standard
errors are presented in parentheses and are clustered at the firm-level. * p < 0.10, **
p < 0.05, *** p < 0.01.
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Table A7: Differences between manufacturing and service sectors

Manufacturing Services

Dependent variable Does Int RD Int RD emp Does Int RD Int RD emp

(1) (2) (3) (4)

T × Post −0.154∗∗ −0.580∗∗∗ −0.113 −0.436∗∗

(0.062) (0.187) (0.071) (0.203)

T × Post × Crises 0.091 0.428∗ 0.079 0.338
(0.080) (0.231) (0.081) (0.233)

Observations 992 992 1,038 1,038
R2 0.222 0.184 0.171 0.150
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: Columns (1) and (2) show the results for firms belonging to the manufacturing
sectors in the pre-acquisition period, and Columns (3) and (4) for firms belonging to
the services sector in the pre-acquisition period. T is a dummy variable that takes the
value of one if firm is acquired or treated, and 0 for its matched control group firm.
Post is a dummy equal to one for the year of acquisition and the two post-acquisition
years for both the treated and the corresponding match. Crises is a dummy equal
to one for firms acquired in 2008 and 2011 and their corresponding match. Does Int
RD is a dummy variable that takes the value one if a company has internal R&D in
a given year; Int RD emp is the inverse hyperbolic sine of the number of employees
working on R&D. The standard errors are presented in parentheses and are clustered
at the firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A8: Technological intensity

High and high-medium Low-medium and low

Dependent variable Does Int RD Int RD emp Does Int RD Int RD emp

(1) (2) (3) (4)

T × Post −0.146∗∗ −0.741∗∗∗ −0.128∗∗ −0.393∗∗

(0.067) (0.251) (0.061) (0.168)

T × Post × Crisis 0.038 0.493∗ 0.109 0.318
(0.090) (0.296) (0.072) (0.199)

Observations 662 662 1,368 1,368
R2 0.272 0.271 0.189 0.139
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: We split the matched sample of firms into those that operate in high and
high-medium technological sectors (Column 1 and 2) and those that operate in low-
medium and low technological firms (Columns 3 and 4) following the Eurostat/OECD
classification by Hatzichronoglou (1997). T is a dummy variable that takes the value
of one if firm is acquired or treated, and 0 for its matched control group firm. Post is
a dummy equal to one for the year of acquisition and the two post-acquisition years
for both the treated and the corresponding match. Crises is a dummy equal to one
for firms acquired in 2008 and 2011 and their corresponding match. Does Int RD is
a dummy variable that takes the value one if a company has internal R&D in a given
year; Int RD emp is the inverse hyperbolic sine of the number of employees working
on R&D. The standard errors are presented in parentheses and are clustered at the
firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A9: No change in innovation trajectory for firms acquired in 2005. Additional
R&D variables

Dependent variable Domestic coop. Total RD Capital RD Current RD

(1) (2) (3) (4)

T × 2005 −0.143∗∗ −0.111∗ −1.604∗∗ −1.439∗∗

(0.061) (0.058) (0.683) (0.626)

T × 2006 −0.191∗∗∗ −0.210∗∗∗ −2.109∗∗∗ −2.235∗∗∗

(0.058) (0.064) (0.758) (0.681)

T × 2007 −0.136∗∗ −0.164∗∗∗ −2.153∗∗∗ −1.985∗∗∗

(0.066) (0.062) (0.821) (0.691)

T × 2008 −0.183∗∗∗ −0.215∗∗∗ −2.012∗∗ −2.904∗∗∗

(0.067) (0.072) (0.910) (0.801)

T × 2009 −0.169∗∗ −0.182∗∗ −1.932∗∗ −2.904∗∗∗

(0.068) (0.071) (0.831) (0.809)

Observations 1,068 1,068 1,068 1,068
R2 0.142 0.164 0.168 0.207
Firm FE Yes Yes Yes Yes
Industry-Year FE Yes Yes Yes Yes

Note: In this table, we look at the estimates of the innovation input variables for the
matched sample of firms acquired in 2005. The variable domestic coop. is a dummy
variable that takes the value one if the firm has R&D cooperation programs with
Spanish private companies or public institutions; Total RD is the inverse hyperbolic
sine of the total expenditures in innovation; Capital RD is the inverse hyperbolic sine
of the capital expenditures used for R&D; Current RD is the inverse hyperbolic sine
of the current R&D expenditures. T is a dummy variable that takes the value of one
if a firm is acquired or treated, and 0 for its matched control group firm; 2005 − 09
represent the year. The standard errors are presented in parentheses and are clustered
at the firm-level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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