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Abstract 

We present new statistical indicators of the structure and performance 
of US banks from 1990 to today, geographically disaggregated at the 
level of individual counties. The constructed data set (20 indicators for 
some 3150 counties over 31 years, for a total of about 2 million data 
points) conveys a detailed picture of how the geography of US banking 
has evolved in the last three decades. We consider the data as a 
stepping stone to understand the role banks and banking policies may 
have played in mitigating, or exacerbating, the rise of poverty and 
inequality in certain US regions.  
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1. Introduction 

In this paper we present new statistical indicators of the structure, behavior and performance of the 

US banking sector from 1990 to today, disaggregated at the level of individual counties. Although the 

scope of this paper is essentially statistical, we started working with a question in mind: Has the 

banking sector, and the banking policies enacted during that period, mitigated or exacerbated the rise 

of poverty and inequality in certain regions of the United States? We regard the data we present here 

as a stepping stone to answer that question in future research, by us or by others.   

Economic inequality has increased in many industrialized countries in recent decades, but in few 

places is the evidence as stark as in the US. Differences in living standards started rising in the 1980s, 

but the trend has accelerated after the Great Financial Crisis, and early evidence suggests that the 

Covid crisis may have caused further divergence. One well documented feature of the recent rise of 

inequality in the US is that it is “interregional” at least as much as it is “interpersonal”, meaning that 

entire geographical areas, not only the individuals within them, diverge from others in several respects 

– income and wealth levels, productivity, job opportunities as well as other measures of quality of life 

such as health, life expectancy, crime and drug abuse. While high-performance geographical clusters 

strive and increasingly attract highly skilled individuals and capital, other areas steadily regress (for a 

description through the lens of the job market, see Moretti, 2012). The divergence between high-

performance clusters and “left-behind places” (Hendrickson et al, 2018) has produced, among other 

consequences, political polarization and instability (Rodriguez-Pose, 2018). These considerations 

triggered a discussion about place-based policies in the US6 and, together with the richness of the data 

we describe below, suggest that the US may be an ideal subject for research on these topics.   

One aspect not sufficiently analyzed in this context is the role of finance and banking.7 This is surprising 

for two reasons. First, a long stream of literature on finance and development has uncovered multiple 

causal links between the structure, development and functioning of the financial sector and economic 

performance and growth (see for example Rajan and Zingales 1998). Second, much research has 

identified a specific role of banks (as opposed to securities markets) in facilitating the process of 

investment and growth, especially in areas where small and medium-sized enterprises prevail 

(Petersen and Rajan 1995). The recent decades have witnessed a decline of the share of small and 

community banks in the US (Powell 2016), which could be a factor to the economic and social decline 

of certain regions, where small businesses are predominant. Concerns of this nature are behind the 

adoption of policies to support community banking, most notably the Community Reinvestment Act, 

first enacted in the 1970s but progressively strengthened, especially after the mid-1990s. Phenomena 

 
6 Austin, Glaeser and Summers (2014) provided a thorough documentation of spatial divergence in the United 
States. They also review the pros and cons of adopting place-based policies, concluding that the balance of 
arguments favours undertaking such policies on both equity and efficiency grounds. They then present an 
overview of existing and possible further policies, including tax incentives, public investment and subsidies and 
regulatory relief. 
7 Hendrickson (2018) refer to credit policies and provides some references. Austin, Glaeser and Summers 
(2018) do not mention credit policies specifically, but some of the policies they mention, such as for example, 
regulatory relief, could be applied in the areas of banking and credit as well. 
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of this kind, and the related policy concerns, are not unique to the United States, but have also been 

observed in European countries such as Germany and Italy.   

We focus specifically on banks, without excluding a role of market finance, for two reasons. 

First, impoverished areas, the main focus of the spatial inequality literature, are unlikely to have a 

significant access to financial markets. By contrast, their inhabitants are likely to have at 

least some contact with the banking sector, in one of its functions – as receiver of deposits, provider 

of payment services, manager of saving, supplier of various types of credit. Second, there is a rich 

and hitherto largely underexploited data source on the territorial presence and activities of US banks, 

maintained by the Federal Deposit and Insurance Corporation (FDIC). This data can be used to derive 

indicators of banking structure, conduct and performance disaggregated at the level of US 

counties, a geographical detail which not only has not been explored so far but matches the one 

normally used to analyze spatial inequality in the US.   

The data we present, though imperfect in many ways as we shall explain8, provide a rich, fascinating, 

and we believe overall convincing picture of how the geography of US banks has developed over the 

last three decades, and of how it looks like now. To summarize the key developments, we identify 13 

stylized facts based on a descriptive county-level analysis of the statistical indicators over the period 

we study: 

1. The banks’ geographical reach has increased over time (the average number of counties a 

single bank operates in has increased steadily).  

2. The number of banks operating in each county varies strongly across regions.  

3. The market share of the 5 nationwide largest banks strongly increased in most counties, with 

the highest shares at the East and West coast.  

4. The market share of community banks shows a strong regional connotation, with many 

counties having either no community banks at all, or only community banks.  

5. Bank assets and deposits per capita increased over time on average, with a large dispersion 

across counties.  

6. Bank assets and deposits-to-GDP ratios are highest in the Heartland9, and decline over time on 

average.  

7. The composition of bank lending is shifting away from agricultural and small business loans 

and towards household lending, mainly for real estate.  

8. Bank business models in the “heartland” are characterized by a relatively large share of 

agricultural and small business loans and a lower levels of real estate loans.  

9. Non-interest income-to-asset ratios are highest in the West with initially large, but gradually 

disappearing, differences between neighboring counties across state borders.  

10. Dispersion in leverage is large before the GFC but converges towards higher levels in 2010s.  

11. Cost efficiency ratios within counties show no clear regional pattern and are rather volatile 

over time.  

 
8 Their construction involved a number of assumptions and approximations, some of which are strong but 
necessary given the present state of available statistics. 
9 We refer to the “Midwest ridge”, as the central region of the United States cutting North to South from the 
Dakotas to Texas. In addition, following a denomination used by Austin et al (2018) in a similar context, we 
refer to the “Heartland” as that area plus the region along the Mississippi river. 
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12. Net interest margins declined over time in most counties, but remained relatively stable in the 

Heartland.  

13. The GFC left a deep and persistent mark on banking performance measures.  

The paper is organized as follows. After this introduction, we discuss in section 2 the conceptual and 

statistical complexities inherent in deriving (indeed, in defining) banking indicators that have a spatial 

dimension. Section 3 reviews the literature on the role of finance and banks in influencing real 

economic performance.  Although we do not analyze such role directly in this paper, the review of the 

literature helps clarify what indicators are needed for that purpose.  In section 4 we recap the main 

regulatory changes enacted in the US which matter for our questions: the Community Reinvestment 

Act (CRA) of 1974, with subsequent modifications,  the Home Mortgage Disclosure Act (HMDA) of 

1975, which attempted to use transparency of information to address the credit shortage affecting 

certain disadvantaged geographical areas, and the Riegle-Neal Interstate Banking and Branching 

Efficiency Act of 1994, which liberalized the opening of branches across state borders. Section 5 

describes the methodology we used to construct the indicators, based on elementary statistics 

published by the FDIC. In section 6 we perform a pilot quality check, based on home mortgage credit, 

to verify the accuracy of our results. In section 7 we present stylized facts, based on a set of summary 

statistics and “dynamic charts”, which visually portray how the “banking map” of the nation has 

evolved over our time period. Section 8 contains conclusions and future work plans. An annex contains 

tables with summary statistics.  

Our plan is to put these data in the public domain, after collecting some more feedback and doing 

other quality checks. We will be happy if our work ends-up stimulating research. Even happier if our 

emphasis on the spatial dimension of banking will contribute to shift the focus of banking analyses, so 

often concentrated on what matters for the banks themselves, towards what benefits the people and 

the communities they serve.  

2. The spatial dimension of banking 

Our approach hinges on the notion that there is a “spatial dimension” to banking: in other words, that 

banks have an influence on, and are influenced by, the conditions of the geographical area(s) where 

they operate. By “area” we do not mean literally the surface of land, but the complex of human and 

material resources located in that area – people, enterprises, human and material capital, private and 

public infrastructures, etc. While these categories can conceptually extend to comprise things like 

social capital, enviromental characteristics, quality of life, etc., in practice we will refer in this paper 

mainly to the economic characteristics of the areas in question. We are interested in finding out how 

banks influence the economy of the geographical areas in which they operate, and are influenced by 

that economy. Or more precisely, since this is eminently a statistical paper, on how to construct 

indicators that can allow to detect and to measure those influences. 

While a focus on the effects of banks on local economic conditions may seem natural, even obvious, 

in practice it is not. In all countries we are aware of, banking statistics are not mainly constructed with 

that focus in mind, but rather refer to banks regardless of where they operate. Introducing the 

geographical dimension requires indicators which possess specific characteristics.  
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It is not always easy, or even possible, to construct such indicators. A trivial and unrealistic case is one 

in which there is only one bank in each area, say, a region within a country, and that bank operates 

only in that region (“one-to-one” case). In this case there is a neat correspondence between each bank 

and a given area, and the chain of effects running between that bank and the area can be defined 

unambiguously. Also easy to handle is the case where an area is served by several banks, but each 

bank operates only in that area (“many-to-one” case). There is, in that case, a banking “system” 

serving that specific geographical unit. 

Problems arise when (some) banks serve several areas (“multi-area” case). The more the geographical 

units of interest are small, for example administrative entities like counties or metropolitan areas, the 

more likely “multi-area” banks are. To fix ideas, suppose a fictional country comprising two regions, A 

and B, served by three banks: Bank 1 operates only in A (in the sense that it conducts business only 

with subjects residing in A); Bank 2 operates only in B, while Bank 3 operates in both A and B. The 

construction of indicators expressing the conditions of the banking “system” serving region A is 

complicated by the fact that those conditions are partly determined by the activity that Bank 3 

performs in B. In this case there is no one-to-one correspondence between banks and geographical 

units of interest. To be more concrete, suppose one wants to measure the links between the credit 

supply conditions in A and the leverage of the banks operating in that same area. It will normally not 

be possible, even conceptually, to construct a leverage indicator for Bank 3 which refers only to the 

exposures that Bank 3 holds in A. One way out is to construct a leverage indicator for banks operating 

in A as a weighted leverage using the respective market shares in A. By and large, this is the approach 

we take. But that indicator will depend also on the influences between region B and Bank 3, which in 

turn are affected also by the characteristics of Bank 2, which has no business in A.  

For certain types of indicators, a geograplical attribution is easier than for others. Hence it helps being 

more specific on what indicators we are talking about. In order to identify a set of indicators of banking 

conditions relevant to measure geographical influences, we refer to the relevant academic literature 

– see a review in a later section. In particular, the literature on the structure, performance and 

efficiency of the banking industry (Molyneaux and Forbes 1994, Lloyd-Williams, Molyneux & Thornton 

1994, Berger 1995, Berger, Demirgüç-Kunt, Levine & Haubrich 2004, Choi and Weiss 2005, including 

the references therein) concentrates on the linkages between the structure of the banking market 

(monopolistic, oligopolistic or more or less competitive), banking conduct (business models, product 

and sector specialization) and performance (profitability, solvency, risk appetite, etc.), in the attempt 

to find relationships between those features and the quality and cost of banking services. 

Following that literature, one can define three classes of indicators: 

1. Structure. Structural measures refer inter alia to measures of competition such as the number of 

banks operating in an area, their degree of concentration, the incidence of multi-area banks, 

measures of the bank intensity such as percapita asset or asstt/GDP ratios, etc. 

2. Business model. These measures express the way of conducting banking business, such as for 

example the type of services offered, the client or sectoral composition, the specialization in 

offering certain products or services, the type of funding, etc. 

3. Performance. These indicators measure how “successful” the banking business is, from several 

angles; its solvency and soundness (capital ratios, leverage), profitability (return on capital or 

assets, interest margins), riskiness (cost of risk, asset quality, etc.) 
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These three categories not only look at the nexus between banks and the local economy from different 

angles, but differ also in how easily the corresponding indicators can be constructed. The structural 

indicators are the easiest from this point of view. Measures like concentration, market shares, and the 

like, are naturally referred to geographical areas because the latter provide a definition of a relevant 

market. More difficult is the situation for business model and performance indicators, which naturally 

refer to banks, not to areas or markets. If a “one-to-one” or “many-to-one” correspondence applies, 

such correspondence is easily established. Not so when when there is a significant share of banks 

operating in several areas. 

In specific cases, business model or performance indicators can connect with geographical 

characteristics. For example, a bank’s sectoral specialization (such as the share of agricultural loans) is 

linked to the economy where it operates. Measures of asset quality like non-performing loan ratios 

depend on the local economic performance and in principle could be broken down according to the 

geographical destination of the loan. But these are exceptions, and even here the geographical nexus 

is usually not exact. Further obstacles reside in the way banking statistics are collected and published. 

For example, whereas detailed data on the sectoral composition of loans for each bank exist for each 

bank operating in the US, that sectoral breakdown is available at the bank level only and not by areas 

of destination. For all those reasons, the construction of area-specific banking indicators must make 

recourse to certain assumptions and approximations. 

The extent of those approximations changes over time. As the evidence in the subsequent sections 

shows, the geography of banking markets in the US has changed significantly over the last 30 years, 

partly due to regulatory changes and exceptional events such as financial crises. Among the regulatory 

drivers of change, summarized in a later section, one was the liberalization of interstate branching in 

the mid-1990s. In the initial part of the period considered, a very large part of the US banking marked 

was consituted by local or semi-local banks. More than two decades after those regulatory changes, 

this is – surprisingly – still largely the case, but less than previously and decreasingly so. This makes 

constructing our indicators more complex and increases the scope for assumptions and 

approximations. Section 5, in which our methodology is explained, discusses in detail what 

assumptions and approximation we made. 

 

3. Literature review 

The focus of interest in this paper lies at the intersection of two strands of literature. One regards the 

drivers of economic growth and inequality, especially in a spatial dimension. The second concerns the 

role of finance, and banks particularly, among those drivers. In this section we briefly review the 

second line of research, useful to identify the indicators which can best express that role. We first 

review the broader contributions on the link finance-growth-inequality, then focus on the role of 

banks. 

Dating back to Bagehot (1873), a vast body of empirical and theoretical evidence demonstrates the 

importance of the financial system for real sector economic development (Levine (2005) and Beck & 

Levine (2018). Most empirical studies exploit cross-country variations and find a positive relationship 

between measures of financial development and economic growth. To only name a few examples: 

King & Levine (1993) analyze data for 80 countries for the period 1960-1989 and lend support to 

Schumpeter’s traditional argument (1911) that financial intermediaries foster technological progress 



8 
 

and economic development; Rajan & Zingales (1998) show that sectors who strongly rely on external 

finance grow comparably faster in countries with more developed financial markets; Beck et al. (2000) 

exploit an instrument variable and panel estimation approach to establish a more causal link and 

conclude “that financial intermediaries exert a large, positive impact on total factor productivity 

growth, which feeds through to overall GDP growth”; Exploiting similar approaches, Levine et al. 

(2000) find a strong relation between exogenous variations in financial intermediary development and 

economic growth. Aghion et al (2005) identifies financial development as one of the main reasons why 

some countries have a strictly lower growth rate than others. 

Despite this compelling evidence, there is an increasing number of more recent studies that identify 

limits and considerable non-linearities to these positive effects with important policy implications 

(Beck 2013a, Beck et al. 2010a). Arcand et al. (2015) find negative marginal effects of financial depth, 

measured in terms of credit to the private sector, on economic growth for high levels of financial 

development. Cecchetti & Carroubi (2012), Beck R. et al. (2014) and Demetriadis & Rousseau (2016) 

come to a similar conclusion in their cross-country analysis. Analyzing a historical data set of financial 

crises in different countries, Schularick & Taylor (2012) identify excessive credit growth as a key 

predictor for financial crises and consequently for economic growth. Furthermore, there are 

numerous studies that provide evidence for differential industry-and region-specific effects of 

financial development; with largest positive effects in sectors that rely comparably more on external 

finance, such as intangible and R&D intensive industries (e.g. Claessens & Laeven 2003, Guiso et al. 

2004a, Guiso et al. 2004b). Relatedly, Beck et al. (2008) provide evidence that financial development 

disproportionally benefits small and opaque firms because of larger marginal effects of decreased 

external financing cost. Fisman & Love (2007) add to this literature by demonstrating that diverging 

growth opportunities between industries are an even better predictor for comparably stronger effects 

of financial developments than financial dependence (for a review of the empirical literature, see 

Popov, 2018).   

Overall, the empirical findings show that there is a positive effect of financial deepening on economic 

growth on average. However, this positive relation does not have to hold “at the margin”, i.e. for a 

highly developed banking sector, (Zingales 2015) and is heterogenous depending on the 

characteristics of the financial sector and activities (Valickova et al 2014, Popov 2018). These 

conditionalities are particularly important for our question as banking is typically more local compared 

to securities markets (Berger & Roman 2018) and varies considerably between different regions within 

a country, which are themselves very heterogenous. The literature has identified several 

characteristics of financial intermediation/banking that are central for the differential and context-

specific real effects of financial intermediation. The characteristics can be broadly grouped into three 

categories (see section 2):  i) structural indicators of the banking market, including its size and 

competition; ii) the type of business models of banks; as well as iii) the quality and performance of 

banks (stability, effectiveness-efficiency, profitability, etc.).  

A wide class of banking indicators has been singled out and analyzed in the literature to measure the 

organization of the banking market, including measures such as the average bank size, degree of 

market competition, the type of services offered and multiple variables expressing the performance 

of the banking firms. Perhaps the most often used metric in this category is the size of the 

intermediary, usually proxied by the dimension of its balance sheet. Small banks are usually deemed 

to be more flexible, particularly in dealing with soft information on borrowers, and thus have a 
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tendency to lend to small businesses and entertain close ties with them – so-called relationship-

banking. For example, Scott (2004) finds that community banks generate soft-information of higher 

quality. By contrast, larger banks with a more complex organizational structure usually rely more on 

“hard”, quantifiable information and as a result tend to lend to larger corporations that have a proven 

track record of solid financial figures – so-called transaction banking (e.g. Boot & Thakor 2002, Cole et 

al. 2004, Berger & Udell 2006, Berger & Roman 2018). Following this line of argument, community 

banks may be particularly important to small-medium enterprises (SMEs) because of the possibility to 

overcome information asymmetries between borrower and lender even if their business models are 

rather opaque (Berger & Udell 2002). Yet, the empirical evidence on the relative merits of relationship 

lending vs. transaction banking are not conclusive (Duqi et al. 2018). There is no clear evidence that 

SMEs are more likely to borrow from smaller and local banks than from larger institutions (Beck 2013b) 

or that SMEs have a stronger relationship to community banks as compared to megabanks (Berger et 

al. 2014). The conventional wisdom is further challenged by deregulation, new technologies and 

better data availability, which decrease the comparative advantages of smaller banks (Berger & 

Roman 2018). Nevertheless, there are several recent studies that demonstrate that high local 

presence of small banks is still connected to better performances of small businesses (e.g. Berger et 

al. 2015, Berger et al.  2017). LaPorta et al. (2002) examine the effect of bank ownership on real 

economic output and find that a higher level of public ownership is associated with lower total 

productivity growth in the future. Concentrating on community banks, Feldman & Langford (2019) 

show that a high community bank market share within a county is associated with a lower likelihood 

for recession conditions.  

Another dimension that is crucial for the real effects of financial intermediation is the degree of 

market competition. Theoretically, the effect of increased bank competition on economic growth and 

supply of credit is ambiguous and depends on the extent of information asymmetries. Competition is 

expected to have a negative effect for small and opaque firms, while for bigger and established firms 

effects are likely to be positive (e.g. Klein 1971, Petersen & Rajan 1995, Marquez 2002). Zarutskie 

(2006) provides empirical evidence for this conjecture. However, there might also be another side of 

the coin. Competition tends to increase innovation in the banking sector, which in turn decrease 

overall borrowing cost. Black & Strahan (2002) and Rice & Strahan (2010) provide empirical support 

for this channel, suggesting that these benefits outweigh potential negative effects for small 

businesses.  In a cross-country study, Claessens & Laeven (2005) show that growth rates of financially 

dependent industrial sectors are higher in countries with more competitive banking systems, leading 

to the conclusion that the “degree of competition is an important aspect of financial sector 

functioning”. By exploiting intra- and interstate banking deregulation, Chava et. al (2013) find that 

lower local market power of banks is positively associated with economic growth. Jayakumar et al 

(2018) draw a similar conclusion using a panel vector error-correction model.  

Several studies suggested that the marginal effect of banking on economic growth depends in large 

part on the type of financial activities, i.e. the bank business models. In a cross-country analysis of 77 

countries over the period between 1980-2007, Beck et al. (2014) find that intermediation activities, 

proxied by private credit to GDP, have positive long-run effect on real sector outcomes, while they 

find no significant effects for non-intermediation activities. In addition, bank business models that rely 

heavily on noninterest income are usually very risky, which may have detrimental long-run economic 

effects that outweigh potential diversification benefits (Demirgüc-Kunt & Huizinga 2010). 

Furthermore, the traditional theoretical argument why finance is an important driver for economic 
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growth depends on the enterprise credit channel (Schumpeter 2011). The predicted effects of credits 

to households (largely, mortgage credits) - the largest contributor to credit growth in recent years - 

are ambiguous (Beck 2013a). In contrast to enterprise credit, household credit is empirically not 

positively associated with economic growth (Beck et al 2012). Other studies (e.g. Sassi & Gasmi 2014, 

Bezemer et al. 2016, Benczúr et al. 2019) even estimate negative effects of household credit expansion 

on economic growth, providing further evidence on the relevance of considering the type of credit. 

In addition, there is a growing body of literature on finance and economics that links the effectiveness 

of financial intermediation to the stability of the banking sector. Several studies find a positive 

relation between financial deepening and the likelihood of a financial crisis, particularly if credit 

growth happens rapidly or expends over a long period of time (e.g.  Kaminsky & Reinhart 1999, Jordà 

et al 2011, Schularick & Taylor 2012, Laeven & Valencia 2018). Financial instability has a negative effect 

on economic growth in the short run. Accordingly, Loayza & Rancière (2006) explain the “mostly 

negative” short-run relation between financial intermediation and output growth by financial fragility 

in observed countries.  Complementing these findings, several cross-country studies find a positive 

statistical association between banking sector stability and economic growth (e.g. Jokipii & Monnin 

2013, Jayakumar et al. 2018). Moreover, banking sector instability can also have detrimental long-run 

implications as a distressed banking sector cannot fulfill its intermediary role as effective as possible. 

Dell’Ariccia et al. (2008) provide evidence that a  banking sector problems lead to “independent 

negative real effects” that can hinder real economic activity also in the long run. A sign of a distressed 

banking sector are high levels of non-performing loans (NPLs) on bank balance sheets. If met by 

inadequate regulatory measures, high levels of NPLs may incentivize “Zombie-Lending” (i.e. lending 

to non-viable firms), which in turn hinders innovation and has negative effects on economic growth 

(Caballero et al 2006). The Zombie-Lending channel has important policy implication both for fiscal as 

well as monetary policy (e.g. Acharya et al. 2019, Kasinger et al. 2021, Acharya et al. forthcoming).  

The likelihood of a banking crisis tends to increase with a high leverage ratio of banks. In contrast, it 

may increase lending costs of borrowers in the short run. Evaluating this complex tradeoff, Miles et 

al. (2013) conclude that the amount of bank capital in the 2000s was well below the optimal level. 

Barth & Miller (2018) come to a similar conclusion. In addition, higher bank capital improves relative 

performance of banks in banking cries (e.g. Berger & Bouwman 2013, Demirgüc-Kunt et al. 2013) and 

leads to higher bank valuations (Mehran and Thakor 2011). This is relevant as performance and 

efficiency of banking may have a feedback effect on real economic performance. As an example: Cole 

et al. (2008) find a positive relation between bank stock returns and future economic growth. Hasan 

et al. (2009) show that cost- and profit-efficiency measures of banking is an important driver of 

regional economic growth that may easily exceed the effects of quantitative credit expansion.  

Complementing the literature that studies the relation between finance and growth, several studies 

focus on the effects of financial development on inequality. Demirgüç-Kunt & Levine (2009) provide a 

critical review of this literature. They conclude that, while the theoretical predictions about the link 

between finance and inequality and relevant channels are ambiguous, the vast majority of empirical 

studies suggests that financial development reduces inequality. Many studies focus on developing 

countries and show that financial deepening reduces poverty (e.g. Burges & Pande 2005, Karlan & 

Zinman 2010). In a cross-country study, Beck et al (2007) provide evidence that “financial development 

disproportionately boosts incomes of the poorest quintile and reduces income inequality”, using three 

different measures of inequality: the Gini-coefficient of different countries, the income share of the 

poorest households and number of people living with less the $1 per day. A similar analysis by Zhang 
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& Naceur (2019) further suggests that financial access, efficiency and stability helps to reduce income 

inequality. Exploiting a quasi-natural experiment, Beck et al (2010b) find that intrastate branch 

deregulation - through increased banking competition and efficiency - disproportionately boosted 

income of low-income workers and thus reduced income inequality. Another channel already 

discussed above relates to the comparably large effect of financial development on the economic 

success of small firms (e.g. Rajan & Zingales 1998, Beck et al 2005, Beck et al 2008). 

 

4. Regulation affecting the geography of banking 

The United States has a long history of financial regulation designed for social purposes. Until and 

including the landmark Fair Housing Act of 1968 (part of President Johnson’s Civil Rights Act, which 

specifically prohibited race discrimination on housing matters including mortgage lending), however, 

such legislation did not have a geographical connotation. In other words, it did not influence credit 

flows based on location (to benefit poorer or disadvantaged areas), but only based on the borrowers’ 

characteristics (to help poorer or disadvangaged people). 

The first legislation with a geographical imprint is the Home Mortgage Disclosure Act (HMDA) of 1974, 

which was motivated by a desire to encourage mortgage lending in degraded urban areas and 

communities. HMDA attempted to attain its purpose by promoting transparency; a main section of 

the legislation require mortgage institutions to publish individual information on their credit 

assessment processes, to show if their home lending decisions support the housing needs of the areas 

where they are located. HMDA legislation provides, still today, the legal basis of much granular 

information on the geographical distribution of home mortgage lending, that we ourselves used for 

the quality check described in section 5. 

Important legislation from a credit geography viewpoint is the Community Reinvestment Act (CRA), 

passed into law by President Carter in 1977 and repeatedly modified (in fact, strengthened) until 

recent times. CRA covers a range of credit products, but in practice most of the regulators’ attention 

has concentrated on residential mortgage lending, on which granular statistical information is 

available pursuant to the HMDA. Residential mortgage credit tends to be penalized in disadvantaged 

areas, even if granted to prime borrowers, by the fact that collateral values are depressed in those 

areas. To achieve its purpose, CRA mandates supervisory authorities of FDIC-insured institutions to 

include in their examinations an assessment of the extent to which the institution provides credit in 

the communities where they operate. For that purpose, CRA indicates a set of criteria and a scoring 

system to “guide” the supervisory assessment.  

Though the law does not suggest, at least explicitly, that more risky loans be granted (in fact it 

prescribes that credit should be “safe and sound”) a debate has developed, especially after the 

Financial Crisis, on whether CRA resulted in riskier mortgage lending. Agarwal et al. (2012)’s  

econometric tests find that this was indeed the case. They compare the riskiness of residential 

mortgage loans originated by banks which are undergoing a CRA supervisory test by their supervisory 

institution, with the riskiness of the loans extended by banks not subject to that test. Supervisory tests 

are conducted according to a fixed calendar, more frequent for large banks. The authors find that 5% 

more loans are granted in periods close to the tests, and that those loans defaulted 15% more often. 

Black (2013) argued that the increased riskiness may have been due to factors other than the effects 

of the legislation.  

A separate question is whether CRA has been effective in its intended purpose of benefitting the local 

communities. Avery et al. (2003) compare the performance of census tracts (within-county 
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geographical sub-units) with relative percapita income level just above or just below the CRA-eligibility 

threshold. They find that CRA-eligible census tracts (with income just below the threshold) are 

characterized by higher home ownership and lower vacancy rates, consistent with the legislation 

achieving its purpose. However this result does not extend to broader measures of economic 

performance, and is not robust to changes of the methodology used (for example, inverting the test 

to measure the relative performance of non-eligible tracts, rather than that of eligible ones). All in all, 

the authors judge their evidence as inconclusive.  

In 1995, the US Congress passed the Riegle-Neal Interstate Banking and Brenching Efficiency Act, 

permitting banks to conduct banking operations and to open up branches across state boundaries. 

Though the rationale behind Riegle-Neal was separate from those underlying the other pieces of 

legislations that we have just mentioned, there was a link in the fact that the greater scope for 

geographical banking diversification which Riegle-Neal permitted could give rise, especially for large 

banks, to a greater disconnect between location of funding and of credit, hence possibly making banks 

depart from the support to local communities which CRA intended to promote. It is worth noting, in 

this regard, that in order to be authorized to expand across states banks were required to show 

compliance with CRA; this demonstrates the legislator’s intention to maintain a balance between the 

geographical diversification of banks and their local “rooting”.  

Be that as it may, among the several amendments which CRA underwent over the decades a major 

one took place in 1995, a year after the passage of Riegle-Neal. The regulation changes making CRA 

rests more extensive and detailed, and more focused on lending activities as opposed to service 

providing. As argued Avery et al (2003), which describe them in more detail, the 1995 changes were 

sufficiently important to have changed the behavior of lenders, causing them to intensify their focus 

on compliance with the act thereby possibly increasing the extension of credit to CRA-eligible areas 

and modifying their risk profile. 

 

5. Constructing the data 

To construct our county-level banking indicators we use two statistical sources publicly available from 

the FDIC: 

1. Call Report data (CR), including a large number of balance sheet and other data for each FDIC-

insured financial institution, at quarterly frequency; 

2. Summary of Deposit data (SoD), the annual survey of branch office deposits for all FDIC-insured 

institutions (reference date is 30 June each year). 

In a nutshell, as a first step we use the information on the geographical distribution of deposits of each 

bank from SoD, aggregated at county level using the branch location flags available in CR, to estimate 

the county-level breakdown of aggregate balance sheets. We then use these estimates to allocate, at 

county-level, a selected number of indicators of each bank from CR. The indicators  we calculate have 

yearly frequency and are temporally located at year-end for stock (balance sheet) variables, and the 

whole year for the flow (income and expenditure) variables. Finally, we obtain the county-level 

indicators as averages of all the banks operating in that county, weighted by market shares. SoD data 

have already been used to infer the geographical location of small business loans by Avery et al. (2003) 

and Jagtiani and Lemieux (2016). We extend their method and use it to obtain a larger set of indicators. 
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Based on the literature summarized in section 3, we concentrate on three classes of variables 

describing respectively the market structure, the business model, and the performance of the banks 

concerned: 

1. STRUCTURAL INDICATORS 

Number of banks 

Number of counties a bank operates in 

Share of the largest bank by assets (%) 

Share of community banks by assets (%) 

Share of top 5 US banks by assets (%) 

Per capita deposits ($ Thou.) 

Deposits/GDP (%) 

Per capita assets ($ Thou.) 

Assets/GDP (%) 

2. BUSINESS MODEL INDICATORS 

Share of agricultural loans (%) 

Share of commercial/industrial loans (%) 

Share of C&I loans below 1 mn. (%) 

Share of real estate loans (%) 

Non-interest income to asset ratio (%) 

3. PERFORMANCE INDICATORS 

Common Equity Tier 1 ratio (%) 

Leverage ratio (%) 

Efficiency ratio (%)10 

Pretax Return on Assets (%) 

Net Interest Margin (%) 

Non-performing assets ratio (%) 

For the first group of indicators we estimate the county breakdown of bank assets as follows. 

Suppose for simplicity there are two banks (1 and 2) operating in two counties (A and B). From the 

SoD database we know the deposits of each bank in each county (𝐷1,𝐴, 𝐷1,𝐵, 𝐷2,𝐴, 𝐷2,𝐵) and from CR 

we know the total assets of each bank (𝐴1, 𝐴2). We want to estimate the distribution of assets across 

counties (𝐴1,𝐴, 𝐴1,𝐵, 𝐴2,𝐴, 𝐴2,𝐵). 

We assume that each bank splits its assets in the two counties in the same proportion in which it holds 

its deposits: 

 
10 Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 
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𝐴1,𝐴

𝐷1,𝐴
 = 

𝐴1,𝐵

𝐷1,𝐵
          (1) 

𝐴2,𝐴

𝐷2,𝐴
 = 

𝐴2,𝐵

𝐷2,𝐵
          (2) 

We also know that 

𝐴1,𝐴 +  𝐴1,𝐵 =  𝐴1         (3) 

𝐴2,𝐴 +  𝐴2,𝐵 =  𝐴2         (4) 

Equations (1) to (4) determine 𝐴1,𝐴, 𝐴1,𝐵, 𝐴2,𝐴, 𝐴2,𝐵 given 𝐴1, 𝐴2 and 𝐷1,𝐴, 𝐷1,𝐵, 𝐷2,𝐴, 𝐷2,𝐵. This 

calculation was performed for each year (1990 to 2020), and for all counties (about 3200, the number 

varies slightly over time) and banks (about 5200 today, the number declined sharply over time). 

The crucial assumption behind this method is that the location of deposits is a good guide for the 

location of asset exposures; or in other words, that banks tend to lend largely in the counties where 

they collect deposits. This can be a strong assumption in particular if banks use the flexibility allowed 

by the liberalization of interstate banking (Riegle-Neal Act of 1994), not so much to move branches 

across state boundaries, but more to disconnect the location of funding sources from the location of 

the corresponding exposures. The next section contains a “quality check” of this assumption based on 

the location of residential real estate loans, which is available from HMDA data. 

For the second and third groups of variables (business model and performance indicators) we apply 

the same method, using as reference the estimated location of assets obtained in the way just 

described. We have chosen this approach rather than the alternative of using as reference the location 

of deposits as done for example by Avery et al. (2003) to account for the fact that banks have different 

deposit/asset ratios as a result of different funding strategies. If deposit/asset ratios differ significantly 

across banks, the distribution of deposits leads to a biased estimate of the characteristics of the bank 

asset mix (as shown in Annex 4). 

 

6. Quality check 

As a quality check of our estimates, we compared our county-level breakdown of residential 

mortgages with the data on the location of residential mortgages provided by the HMDA database. 

HMDA data provide information on all home mortgage applications submitted to US financial 

institutions, including the outcome of the application (acceptance or denials, origination), the 

characteristics of the loan (amount, conditions), the identity of the financial institution and its 

regulatory agency,  and the characteristics of the applicant and the collateral, including location.  

Our check, though probably the best one can do, is far from exact for three main reasons. First, it is 

limited to home mortgages, while we apply our estimation method other exposures as well. This 

depends on data availability: no statistical source exists which provides information on other bank 

exposures of a level of detail comparable to that of HMDA for home mortgages. The other class of 

loans for which granular information exists is small business loans (SBL), from the CRA database. 

Jagtiani et al (2018), who like us use the location of deposits to infer the location of SBLs, perform a 

similar quality check (see Jagtiani et al, 2018 Appendix 1). Residential mortgages are more appropriate 

for our purpose because they account for a much larger share of bank loans (about 33 percent in 2019, 
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as opposed to 8.0 percent for SBLs); at any rate, the pilot calculation they do on SBLs is also relevant 

as a check for what we do. Second, HMDA data refer to new loans, while our estimates refer to 

outstanding amounts. Outstanding loan amounts result from the cumulation of previous originations, 

until maturity, so there is a link between the two concepts; but the link is exact only if the geographical 

location of newly originated loans does not change over time. The third problem is that matching 

financial institutions across the two sources (FDIC Call Reports and HMDA data) is difficult because the 

coding systems are different and do not allow for an easy “crosswalk” from one to the other. We were 

able to establish a correspondence only for two years, 2018 and 2019, in which Legal Entity Identifiers 

are available in both sources for a large number of institutions, accounting for over 80  percent of 

outstanding loans. Therefore, our check is limited to those years and those financial institutions. 

With these limitations in mind, and after having checked that the HMDA shares are indeed roughly 

constant between 2008 and 2009 (suggesting that stock- and flow-shares may not be too different) 

we proceeded by comparing, for each of the two years just mentioned, the share of outstanding home 

mortgages by a given financial institution in a given county from our estimates with the share of newly 

originated home mortgages by that same institution in that same county from the HMDA source. The 

comparison include mortgages for house purchase only, excluding those for construction. The relation 

in each of the two years is shown in the scatter plots of Figure 1. Our estimated (stock) shares are in 

the horizontal axis, the HMDA (flow) shares in the vertical exis. 

While not all the (over 15.000) dots lie on or even close to the 45o line, the interpolating line’s slope 

is positive and highly significant (t statistic around 170). The cloud of points is particularly dense at low 

levels of the share, below 20 percent. The fact that slope coefficient is below unity (close to 0.6) may 

be explained by an errors-in-variable “attenuation” effect. Interestingly, the constant is small (around 

1.4 percent) but also significantly positive, something which the errors-in-variable bias cannot explain 

(the constant is not asymptotically biased by errors in variable). This is probably due to the fact that 

some cross-county lending takes place anyway, even when banks do not collect any deposits locally. 

The standard error of the regression is in the order of 9 percent.  

Our conclusion from this exercise is that, while deposit location is by no means an exact indicator of 

the geography of assets, it does contain a large amount of information on where residential mortgages 

are located.  
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Figure 1 

 

         2018  
 HMDA shares  

   

Estimated shares 0.570***  

 (0.00318)  

   

Constant 1.421***  

 (0.0788)  

   

SE of the regression 8.8877  
N 15586  
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2019 
 

 HMDA shares 
   

Estimated shares  0.570*** 
 

 (0.00336) 
   

Constant  1.465*** 
 

 (0.0809) 
   

SE of the regression  9.1898 

N  15736 

 

 

 

7. Stylized facts 

The data allows us to draw some stylized facts about the development of US Banking, with county-

level detail, over the period 1990-2020. The stylized facts we present here are purely descriptive and 

do not claim any causality. They are based on the summary statistics presented in Annexes 1 and 2, 

the maps and frequency distributions presented in Annex 3 and online Annex 5, and complement the 

synoptic table of Annex 6. 

In what follows we refer to the “Midwest ridge”, as the central region of the United States cutting 

North to South from the Dakotas to Texas. In addition, following a denomination used by Austin et al 
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(2018) in a similar context, we refer to the “Heartland” as that area plus the region along the 

Mississippi river. 

 

Stylized Fact 1: Banks increased the number of counties they operate in. 

The average number of counties a bank operates in steadily increased, from 1.8 in 1990 to 5.1 in 2020 

(see Annex 1 and Figure I.2.). The distribution is strongly skewed to the left and peaks at the first 

bracket (operation in 1 county) in all years (see Figure C2). This implies that the vast majority of banks 

operate only in very few counties — local banking still dominates. However, the share of banks that 

only operate in one county decreased over time, from around 80% in 1990 to less than 40% in 2020. 

Accordingly, the distribution flattens out and the standard deviation declines from 3.3 in 1990 to 23.7 

in 2020 (see Annex 1).11  

 

Stylized Fact 2: The number of banks operating in each county varies strongly across regions. 

While the average number of banks per county remains rather constant over time, reaching a peak 

just before the Global Financial Crisis (henceforth GFC), there is considerable variation across regions. 

This heterogeneity remains rather stable throughout the observation period. The number of banks 

per county is lowest (1-3 banks per county) along the Midwest ridge, whereas it is highest (11 banks 

or more) in the West coast, Florida and New England as well as around the Great Lakes (see Figure 

C1). There are several states with large within-state differences in the number of banks operating in 

each of the state’s counties, such as in Texas, Colorado and states in the Southwest.  

 

Stylized Fact 3: The “big 5” market share strongly increased in most counties with the highest shares 

at the East and West coast. 

The market share of the 5 largest US banks by assets (“big 5”12) increases over time in nearly all 

counties. In the average county, the market share of the 5 largest banks rose from just 0.6% to over 

13.9% in 2010. The trend slightly reversed in the last decade with a market share of 11.2% in 2019 

(see Annex 1 and Figure I.5). We observe the same trend if shares are weighted by assets or 

population; this weighting yields considerable higher shares since bigger banks are concentrated in 

only few counties. In 2019 the mean share weighted by bank assets (population) was equal to 42.2% 

(33.3%). As can be seen in Figure C5, the distribution peaks at the lowest bar, which represent a share 

of big bank assets less than 5%. In 1990, the share of counties with a share of "big 5" less than 5% was 

close to 100%. This fraction decreased steadily until 2011 to around 53%. Like the mean, the trend 

slowly reversed in more recent years. 

The geographical distribution of the "big 5" shares also shows major changes over time, especially in 

the 1990s, after the liberalization of interstate branching (Riegle-Neal Act). At the beginning of the 

1990s the share is high (20-100%) only in California. Subsequently, it grows both in the West and in 

 
11 There are some banks that operate in a large number of branches that are not illustrated in the histogram. In 
1990, the number of counties covered by the bank with most branches was equal to 83. This number increased 
to 580 in 2000 and 931 in 2010. the same trend is observable for other large banks. In recent years, the trend 
slightly reversed: in 2020, the largest bank operated in 857 counties (see maximum in Summary statistic table 
12 The composition of this group changes over time, being defined by the 5 largest banks by assets each year. 
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the North-east. Towards the end of the sample the share is high in most of the West and at the East 

coast, including Florida, as well as in certain areas around the Great Lakes. It remains low in most of 

the Midwest, especially along the Midwest ridge. 

 

Stylized Fact 4: The market share of community banks shows a strong regional connotation, with 

many counties having either no community banks at all, or only community banks. 

The community banks’ market share by assets in the average county decreased over time from 66.2 

% to 54,4 % in 2019. The same trend is observable if the shares are weighted by assets and population 

(Annex 1 and Figure I.4). Throughout the period this distribution has two peaks, at the minimum (0-

5%) and the maximum (95-100%), with the latter peak being higher (see Figure C4). This pattern 

evolves over time. In 1990, the percentage of counties with a community banks’ market share of 95-

100% lies around 35%. It drops to around 25% at the end of the 1990s before the trend slows down, 

stabilizing just above 20% in 2020. The ratio of counties with a community banks’ market share of 0-

5% increases slightly over time to above 10% in 2020.  

The market share of community banks has a strong regional connotation throughout the period (see 

Figure C4): low or nil in the West, high in the Midwest Ridge, intermediate in the South-East and North-

East. The pattern evolves over time: in the regions where the share is high initially, it tends to gradually 

decline. At the end of the observation period, the community banks’ market share is low in the 

Northeast and the Southeast, with some exceptions, while it remains large along the Midwest Ridge. 

 

Stylized fact 5: Bank assets and deposits per capita increase over time on average, with a large 

dispersion across counties. 

Bank assets and deposits per capita in the average county steadily increased between 1990 and 2020, 

from around $12,400 to $31,100 and from $9,900 to $23,500, respectively (Annex 1 and Figure I.6 and 

I.8). The geographical distributions are bell-shaped and skewed to the left throughout (see Figure C6 

and C8). The distribution gets considerably more spread out over time, implying an increasing 

variation across counties; the standard deviation rises, between 1990 to 2019, from $9,000 to 

$124,400 for bank assets and from $5,200 to $66,200 for bank deposits per capita. Part of this change 

may be related to changes in real values due to inflation.  

As can be seen in Figure C6 and C8, the highest ratios can be found along the Californian coast, along 

the Midwest Ridge and in the Northeast. This heterogeneity pattern persists over time, even if per 

capita bank assets and deposits increase on average. In 2020, most counties have ratios in the highest 

quintile, based on the year 2005. Here again, changes in real values may explain these movements. 

 

Stylized fact 6: Bank assets and deposits-to-GDP ratios are highest in the Heartland, and decline over 

time on average. 

Bank deposits and assets to GDP ratios are slightly decreasing throughout the observation period in 

the average county. The distribution across counties is bell shaped and slightly skewed to the left 

throughout. The distribution seems to get slightly more symmetric and a little less spread out over 

time for bank assets, implying that there are fewer counties with very high bank assets to GDP ratios 

(>125%). However, in general both distributions remain rather stable between the mid-90s and the 
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end of our observation period. Accordingly, the regional heterogeneity is also quite stable. The largest 

ratios can be found in counties with large financial centers, such as in counties in the Northeast, Florida 

and around the San Francisco area and throughout the Heartland (see Figure C7 and C9).  

 

Stylized fact 7: The composition of bank lending is shifting away from agricultural and small business 

loans and towards household lending, mainly for real estate. 

We observe a clear shift in business models over the observation period. The share of agricultural 

loans in the average county steadily decreased from 9.5% in 1990 to 4.9% in 2020. Similarly, the share 

of small business loans (proxied by commercial and industrial loans below $1 mn) decrease from 10.6% 

in 199313 to 5.9% in 2019. In 2020, there is a considerable rise in the share of small business loans 

throughout the US, probably connected with the Covid emergency (see Annex 1 and 2).14 The 

distribution of small business and agricultural loans shares across counties is skewed to the left (see 

Figure C10 and C12), which is attributable to the fact that many counties, particularly in the East, have 

very little or no agricultural loans. By contrast, the share of real estate loans in the average county 

increase from 52.5% in 1990 to 67.4% in 2009. After the GFC the share of real estate loans in the 

average county drops, but then remains rather stable around 64% (a share well above the levels of 

the 1990s). 

 

Stylized fact 8: Bank business models in the Heartland are characterized by a relatively large share 

of agricultural and small business loans and a lower levels of real estate loans. 

There is a considerable regional connotation regarding bank business models (see Figure C10-C14). At 

the beginning of our observation period, the share of small business loans is high (11-31%) in the 

whole Midwest and in large areas of the West and East. Towards the end of the sample, it is high only 

along the Midwest ridge. Similarly, the share of agricultural loans is initially high (9-85%) in all 

Midwestern regions, and medium-high (2-9%) throughout the West; then it progressively declines. 

Towards the end of the period, it remains high only in the Midwest ridge and along the Mississippi 

River, whereas in the West and in some parts of the South-East it is medium-high. 

By contrast, the share of real estate loans starts very low but rises steadily, first in the West Coast and 

some "clusters" (Colorado, New Mexico), plus most of the East. Before the GFC the share is high (75% 

or above) in large parts of the country, but then declines. The only area in which it stays low 

throughout (in relative terms, at 57% or less) is the Midwest ridge. 

 

Stylized fact 9: Non-interest income to asset ratios are highest in the West with initially large, but 

disappearing, differences between neighboring counties across state borders. 

The non-interest income to asset ratio in the average county increased in the 90s from 0.9 % in 1990 

to 1.3% in 2000. The ratio remained rather constant in the 2000s and decreased again in the last 

 
13 Data for 1990-1992 are not available. 

14 We deleted observations, presumably mistaken, in which the share of small business loans is greater than 100%. 
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decade (see Annex 1 and Figure II.5). For the entire observation period, counties with the highest 

ratios are located in the West, while the lowest ratios can be found in the Heartland.  

Throughout the 1990s, there are considerable differences in ratios between neighboring counties 

across state borders, perhaps linked to interstate differences in bank regulations. The most 

pronounced differences can be found along the Eastern borders of Arizona, Utah and Idaho, which 

separates counties with high ratios throughout the West and counties with lower ratios in the middle 

of the country. Another example is found at the Northern borders of Tennessee and North Carolina, 

separating counties with higher ratios in the Southeast from counties with lower ratios in the 

Northeast. After the GFC, these differences cease to exist (see Figure C14). 

 

Stylized fact 10: Dispersion in leverage is large before the GFC but converges towards higher levels 

in 2010s. 

The (inverted) leverage ratio in the average county increased over the observation period, from 7.7% 

to 10.7% with a small dip before the GFC. In the early 1990s the ratio is in the highest brackets (above 

10%) only in the Midwest and in certain areas of the East, whereas in the West and at the East coast 

it is lower (see Figure C16). In the years before the GFC, there is a considerable increase in the standard 

deviation across counties, with extreme (inverted) leverage ratios in some counties (see Annex 1 and 

Figure III.2). In general, the dispersion across counties is quite large before the GFC. Starting in 2009, 

the ratio quickly moves up in the whole country, presumably due to the post-crisis tightening of capital 

regulation, and the ratios across counties converge. Interstate differences also tend to vanish. 

 

Stylized fact 11: Cost efficiency ratios within counties show no clear regional pattern and are rather 

volatile over time. 

In the early 90s, cost efficiency ratios decreased in nearly all counties and stayed around 60% on 

average until the GFC. Between 2009 and 2011, the average cost efficiency ratio moves up to 68% 

with a reversing trend in recent years (see Annex 1 and Figure III.3). Starting in the late 90s and until 

2007 ratios are rather small in the West and comparably large in the Midwest and some counties in 

the South and Northeast. There is no clear regional pattern in cost efficiency ratios (see Figure C17). 

In some years there are significant changes in some states, leading to differences between neighboring 

counties across state borders. For instance: in 1996 cost efficiency levels in California are noticeable 

larger compared to years before and afterwards. In 2000 a similar change is observable in Arizona and 

Utah. 

 

Stylized Fact 12: The net interest margin declined over time in most counties, but remained relatively 

stable in the Heartland. 

After a small increase in the early years, the net interest margin in the average county gradually 

decreased, between 1993 and 2020 from around 4.5% to 3.4%, in connection with the trend decline 

in the general level of interest rates. The variation across counties, as measured by the standard 

deviation, increased before the GFC and dropped afterwards (see Annex 1 and Figure III.5). 

The margin is high everywhere at the beginning of our period, especially in the West and certain areas 

of the East. After the GFC it moves lower, especially in certain areas of the West. Towards the end of 
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the sample the lowest levels are in the West and part of the East and the South-East. Overall, the 

counties in the Midwest ridge exhibit a more stable NIM over time (see Figure C19). 

 

Stylized Fact 13: The GFC left a deep mark on banking performance measures. 

The GFC strongly, but temporarily, affected banking performance measures in nearly all counties. The 

non-performing asset ratio in the average county jumped upwards, from around 0.7% in the early 

2000s to 3.2% in 2009/2010. In 2020 these levels were back to pre-crisis levels – data in that year do 

not reflect the Covid crisis yet. Similarly, the pre-tax return on assets dropped from around 1.7-1.8% 

in pre-crisis years to 0.3% in 2009. The return-on-assets recovered in 2010s, however, still remain 

below pre-crisis levels (see Annex 1 and 2). 

 

8. Conclusions and work ahead 

We believe that the data presented in this paper can help analyse several features of the recent US 

economic history, in particular how banking sector developments and policies have contributed to 

shape the country’s economic and social progress, its diversity across regions and its imbalances and 

failures. 

Discussing how this can be done goes beyond our scope here. Three areas, however, come to mind. 

First, any observer of US recent developments is struck by the parallel decline, over the recent 

decades, of the economic and social conditions in certain areas of the country and of the banking 

sectors serving those area. Our data are extensive and detailed enough not only to document and 

measure this relation but also to uncover any underlying causal linkages. Of special interest is to 

understand how landmark legislative reforms, such as the liberalization of interstate branching and 

the protection accorded to local and community banking, have affected the way banks influence 

economic and social progress in those areas. 

Second, the data can be used to explore the impact of the Great Financial Crisis with added 

geographical detail. A body of banking literature and much popular discourse have surmised that small 

and community banks with retail-oriented business models are in a better position to protect local 

economies and communities from adverse shocks. This hypothesis has been tested in several ways 

but never in a geographical dimension. Again, our data are sufficiently comprehensive to do that and 

also allow to compare the experience of the GFC with that of earlier – though milder – economc 

recessions. 

Thirdly, our data will permit to analyse the effects of the Covid crisis on both the local economies and 

the local banking sectors. For this purpose, more observations will be needed. Banking indicators for 

2020, affected by Covid, are already included in our estimates, but county-level real sector data for 

2020 will only be released in December 2021. Data for 2021 will become available in two steps: April 

2022 for banking data, and December 2022 for real sector data.  

We plan to put our data in the public domain, but not immediately. As a first step, we will contact a 

small number of scolars involved in banking and inequality studies, offering our data to them and their 

students for research and dissertation work. This will help us test the data and uncover ways in which 

they can be refined and developed further. In parallel, we will conduct analyses on our own and 
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additional quality checks. After this phase, which should last some 12 months, we will make our data 

public.  

Readers of these lines who wish use our data for their research are welcome to contact us at the email 

addresses listed in the front page.  
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Annex 1: Summay statistics (tables) 

 

 

 

 

 

 

 

 

Summary statistics: 1990

Variable simple land pop. GDP asset

1 Number of banks 8.4 7.5 43.8 54.1 63.8 12.3 1.0 3.0 6.0 9.0 329.0

2 Number of counties a bank operates in (2) 1.8 n.a. n.a. n.a. n.a. 3.3 1.0 1.0 1.0 1.0 83.0

3 Share of the largest bank by assets (%) 42.9 48.6 26.8 25.5 25.0 21.4 7.7 27.6 37.3 52.1 100.0

4 Share of community banks by assets (%) 66.2 50.5 38.2 32.9 30.1 32.5 0.0 38.1 71.9 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.6 1.2 3.7 5.1 9.6 4.4 0.0 0.0 0.0 0.0 60.7

6 Per capita deposits ($ Thou.) 9.9 8.2 12.6 16.7 25.3 5.2 0.1 6.8 9.0 11.9 108.7

7 Deposits to GDP ratio (%) 68.3 53.2 55.8 54.8 64.0 33.4 0.7 45.3 62.3 85.1 454.3

8 Per capita assets ($ Thou.) 12.4 10.3 18.4 29.0 53.7 9.0 0.1 8.3 11.2 14.8 314.7

9 Assets to GDP ratio (%) 84.5 66.5 76.4 80.2 106.1 42.1 0.9 57.2 78.1 103.4 680.2

1 Share of agricultural loans (%) 9.5 8.7 1.9 1.4 1.4 14.5 0.0 0.4 2.7 12.0 84.5

2 Share of commercial and industrial loans (%) 16.6 20.9 19.7 21.1 22.6 6.9 0.0 11.8 15.9 20.5 64.5

3 Share of commercial and industrial loans below $1 mio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

4 Share of real estate loans (%) 52.5 46.2 57.5 56.3 53.3 14.4 1.0 44.1 54.3 62.4 99.2

5 Non-interest income to asset ratio (%) 0.9 1.0 1.2 1.2 1.4 0.6 -0.4 0.6 0.8 1.1 14.7

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 7.7 7.6 6.1 5.9 5.8 2.1 1.6 6.3 7.4 8.8 21.5

3 Efficiency Ratio (%) (3) 68.8 66.0 72.2 72.3 72.2 53.8 16.1 61.4 66.1 71.6 2910.6

4 Pretax Return on Assets (%) 1.0 1.1 0.6 0.5 0.5 0.7 -4.6 0.7 1.1 1.5 4.6

5 Net Interest Margin (%) 3.9 4.1 3.6 3.6 3.5 0.8 -2.7 3.6 3.9 4.3 12.4

6 Non-performing assets ratio (%) 2.1 2.1 2.9 3.0 3.2 2.0 0.0 1.0 1.5 2.4 20.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 1991

Variable simple land pop. GDP asset

1 Number of banks 8.2 7.4 41.9 51.2 60.3 11.7 1.0 3.0 6.0 9.0 314.0

2 Number of counties a bank operates in (2) 1.8 n.a. n.a. n.a. n.a. 3.4 1.0 1.0 1.0 1.0 83.0

3 Share of the largest bank by assets (%) 43.1 48.5 27.3 26.1 25.5 21.2 6.7 28.1 37.8 52.2 100.0

4 Share of community banks by assets (%) 66.2 50.4 38.0 32.9 30.1 32.5 0.0 38.4 71.8 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.6 1.3 4.0 5.2 10.2 4.7 0.0 0.0 0.0 0.0 88.9

6 Per capita deposits ($ Thou.) 10.0 8.3 12.3 15.7 24.2 5.2 0.1 6.9 9.2 12.1 99.1

7 Deposits to GDP ratio (%) 67.8 52.8 53.6 52.2 62.2 34.0 0.8 44.7 61.5 84.7 471.2

8 Per capita assets ($ Thou.) 12.4 10.3 17.8 27.2 53.9 8.8 0.2 8.4 11.2 14.8 314.6

9 Assets to GDP ratio (%) 82.7 64.9 72.7 76.0 105.6 41.0 1.1 56.0 76.1 101.8 606.5

1 Share of agricultural loans (%) 9.9 9.1 2.0 1.5 1.5 14.9 0.0 0.5 2.7 12.8 84.9

2 Share of commercial and industrial loans (%) 15.8 19.4 18.8 20.1 21.7 6.6 0.4 11.3 15.0 19.5 66.0

3 Share of commercial and industrial loans below $1 mio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

4 Share of real estate loans (%) 53.6 47.2 58.3 57.0 53.6 14.8 2.6 45.3 55.6 64.1 98.8

5 Non-interest income to asset ratio (%) 0.9 1.1 1.3 1.3 1.5 0.6 0.0 0.6 0.8 1.1 13.6

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.0 8.1 6.6 6.4 6.3 2.0 2.2 6.6 7.7 9.0 22.2

3 Efficiency Ratio (%) (3) 66.5 65.2 68.1 67.2 69.1 10.8 -122.9 61.0 65.4 70.4 210.6

4 Pretax Return on Assets (%) 1.2 1.2 0.8 0.7 0.7 0.7 -3.9 0.9 1.2 1.5 5.2

5 Net Interest Margin (%) 4.1 4.3 3.9 3.8 3.8 0.6 -2.2 3.8 4.1 4.4 12.7

6 Non-performing assets ratio (%) 1.9 1.8 2.9 3.1 3.2 1.6 0.0 0.9 1.5 2.3 18.5

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 1992

Variable simple land pop. GDP asset

1 Number of banks 8.0 7.1 39.4 48.1 56.0 11.0 1.0 3.0 6.0 9.0 289.0

2 Number of counties a bank operates in (2) 1.8 n.a. n.a. n.a. n.a. 3.5 1.0 1.0 1.0 2.0 85.0

3 Share of the largest bank by assets (%) 43.3 45.0 28.7 27.7 27.0 20.8 8.2 28.6 38.2 52.0 100.0

4 Share of community banks by assets (%) 65.2 49.9 36.6 31.4 29.2 32.7 0.0 36.6 70.4 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.8 1.7 5.2 6.7 12.1 5.5 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 10.1 8.4 12.1 15.5 23.8 5.1 0.2 7.0 9.4 12.2 98.4

7 Deposits to GDP ratio (%) 64.4 49.7 50.2 48.7 57.4 31.7 1.5 42.6 59.0 80.3 439.6

8 Per capita assets ($ Thou.) 12.6 10.4 17.6 27.3 53.5 8.7 0.2 8.6 11.6 15.1 318.0

9 Assets to GDP ratio (%) 78.9 61.2 68.1 71.0 96.8 38.5 2.2 53.6 72.6 97.2 538.1

1 Share of agricultural loans (%) 9.7 8.9 1.9 1.5 1.5 14.5 0.0 0.5 2.7 12.6 84.6

2 Share of commercial and industrial loans (%) 15.3 16.9 18.1 19.4 21.0 6.4 0.0 10.8 14.3 19.0 69.8

3 Share of commercial and industrial loans below $1 mio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

4 Share of real estate loans (%) 54.9 47.3 59.0 57.6 53.9 14.9 3.2 46.5 56.9 65.4 100.4

5 Non-interest income to asset ratio (%) 1.0 1.0 1.3 1.5 1.6 0.7 0.1 0.6 0.9 1.2 18.1

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.5 8.1 7.3 7.2 7.1 1.8 1.3 7.2 8.1 9.3 20.8

3 Efficiency Ratio (%) (3) 62.7 59.4 65.8 66.2 65.6 8.4 33.3 58.0 62.2 66.5 235.6

4 Pretax Return on Assets (%) 1.6 1.6 1.4 1.3 1.3 0.6 -12.4 1.4 1.6 1.9 7.0

5 Net Interest Margin (%) 4.5 4.4 4.3 4.3 4.2 0.6 1.5 4.1 4.5 4.8 11.2

6 Non-performing assets ratio (%) 1.4 1.4 2.3 2.4 2.7 1.1 0.0 0.7 1.1 1.8 15.6

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 1993

Variable simple land pop. GDP asset

1 Number of banks 7.8 6.9 37.2 45.1 53.3 10.4 1.0 3.0 5.0 9.0 279.0

2 Number of counties a bank operates in (2) 1.9 n.a. n.a. n.a. n.a. 3.7 1.0 1.0 1.0 2.0 119.0

3 Share of the largest bank by assets (%) 43.6 45.1 29.5 28.6 27.7 21.0 10.7 28.8 38.2 52.4 100.0

4 Share of community banks by assets (%) 64.4 51.2 35.7 30.4 27.8 32.8 0.0 35.7 68.8 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.8 1.5 5.5 7.0 12.8 5.4 0.0 0.0 0.0 0.0 68.4

6 Per capita deposits ($ Thou.) 10.1 8.4 11.8 15.0 23.4 5.1 0.2 7.0 9.3 12.1 93.2

7 Deposits to GDP ratio (%) 62.3 48.0 47.5 46.0 54.2 32.0 1.3 40.4 56.5 77.6 462.8

8 Per capita assets ($ Thou.) 12.9 10.6 18.1 28.5 59.1 9.3 0.2 8.7 11.7 15.3 344.0

9 Assets to GDP ratio (%) 77.7 60.1 67.3 70.7 99.6 39.2 1.5 52.5 70.9 95.7 557.9

1 Share of agricultural loans (%) 9.7 8.9 1.9 1.5 1.5 14.6 0.0 0.5 2.7 12.3 85.0

2 Share of commercial and industrial loans (%) 14.9 15.9 17.7 18.8 20.3 6.3 0.0 10.6 13.9 18.4 70.9

3 Share of commercial and industrial loans below $1 mio (%) 10.6 10.9 7.4 6.9 6.0 5.3 0.0 7.1 9.8 12.9 70.2

4 Share of real estate loans (%) 55.4 48.8 59.1 57.5 53.2 14.9 2.8 46.8 57.4 65.9 105.1

5 Non-interest income to asset ratio (%) 1.0 1.1 1.5 1.6 1.8 0.8 0.1 0.6 0.9 1.2 20.6

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.9 8.4 7.8 7.7 7.6 1.8 5.2 7.6 8.5 9.7 21.4

3 Efficiency Ratio (%) (3) 62.6 58.4 64.1 64.5 64.4 7.7 32.1 58.1 62.2 66.4 132.6

4 Pretax Return on Assets (%) 1.8 1.8 1.6 1.6 1.6 0.5 -3.1 1.5 1.8 2.0 8.9

5 Net Interest Margin (%) 4.5 4.4 4.4 4.3 4.2 0.6 2.3 4.1 4.5 4.8 11.4

6 Non-performing assets ratio (%) 1.0 0.9 1.5 1.6 1.7 0.7 0.0 0.5 0.8 1.2 10.8

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 1994

Variable simple land pop. GDP asset

1 Number of banks 7.7 6.8 35.4 42.6 50.6 9.9 1.0 3.0 5.0 9.0 262.0

2 Number of counties a bank operates in (2) 1.9 n.a. n.a. n.a. n.a. 3.8 1.0 1.0 1.0 2.0 132.0

3 Share of the largest bank by assets (%) 44.0 45.6 30.1 29.2 28.8 21.0 11.3 28.9 38.4 53.4 100.0

4 Share of community banks by assets (%) 62.8 56.9 33.6 28.6 25.5 33.1 0.0 34.2 67.0 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.8 1.5 5.7 7.2 13.9 5.5 0.0 0.0 0.0 0.0 71.5

6 Per capita deposits ($ Thou.) 10.1 8.4 11.6 14.7 23.4 5.1 0.0 7.0 9.3 12.1 88.9

7 Deposits to GDP ratio (%) 59.4 46.3 45.2 43.7 51.6 30.7 0.1 38.9 54.0 74.5 483.1

8 Per capita assets ($ Thou.) 13.2 11.0 19.1 30.5 68.4 10.3 0.0 8.9 12.0 15.7 389.3

9 Assets to GDP ratio (%) 76.2 59.9 67.9 71.8 106.8 41.4 0.1 51.1 69.8 93.3 813.5

1 Share of agricultural loans (%) 9.3 8.5 1.9 1.5 1.4 14.2 0.0 0.5 2.6 11.6 84.6

2 Share of commercial and industrial loans (%) 15.2 16.2 18.2 19.4 20.8 6.5 0.0 10.6 14.2 18.8 69.4

3 Share of commercial and industrial loans below $1 mio (%) 10.2 10.4 6.7 6.3 5.4 5.4 0.0 6.6 9.4 12.5 80.6

4 Share of real estate loans (%) 55.1 48.7 58.2 56.5 51.7 14.7 2.0 46.4 56.7 65.4 100.9

5 Non-interest income to asset ratio (%) 1.0 1.1 1.4 1.5 1.7 0.9 -2.4 0.6 0.9 1.2 16.5

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.0 8.5 8.0 7.9 7.7 1.9 5.2 7.7 8.7 9.9 23.0

3 Efficiency Ratio (%) (3) 62.4 58.4 63.5 63.8 64.0 6.6 32.4 58.5 62.2 66.1 117.1

4 Pretax Return on Assets (%) 1.7 1.7 1.6 1.6 1.6 0.5 -2.3 1.4 1.7 1.9 9.0

5 Net Interest Margin (%) 4.4 4.4 4.3 4.3 4.1 0.6 0.9 4.1 4.4 4.8 11.6

6 Non-performing assets ratio (%) 0.7 0.6 1.0 1.0 1.1 0.5 0.0 0.4 0.6 0.9 10.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 1995

Variable simple land pop. GDP asset

1 Number of banks 7.6 6.7 33.8 40.9 48.5 9.4 1.0 3.0 5.0 9.0 243.0

2 Number of counties a bank operates in (2) 2.0 n.a. n.a. n.a. n.a. 3.9 1.0 1.0 1.0 2.0 92.0

3 Share of the largest bank by assets (%) 44.4 45.8 30.9 30.1 29.7 20.8 9.5 29.5 39.0 53.6 100.0

4 Share of community banks by assets (%) 61.0 55.4 32.0 27.1 24.1 33.3 0.0 31.5 64.5 100.0 100.0

5 Share of top 5 US banks by assets (%) 0.9 1.6 5.9 7.5 14.2 5.6 0.0 0.0 0.0 0.0 72.2

6 Per capita deposits ($ Thou.) 10.2 8.5 11.7 14.7 22.8 5.0 0.6 7.1 9.5 12.4 83.1

7 Deposits to GDP ratio (%) 58.9 45.8 43.8 41.9 49.4 31.6 1.0 38.5 53.2 73.8 599.4

8 Per capita assets ($ Thou.) 13.9 11.5 20.1 32.5 71.7 11.0 0.6 9.3 12.5 16.6 403.9

9 Assets to GDP ratio (%) 78.0 60.7 68.4 72.2 108.2 43.7 1.5 52.2 70.6 95.6 940.5

1 Share of agricultural loans (%) 9.0 8.2 1.8 1.4 1.3 13.7 0.0 0.5 2.6 11.4 79.9

2 Share of commercial and industrial loans (%) 15.7 16.8 18.9 20.1 21.4 6.3 0.0 11.3 15.0 19.5 72.2

3 Share of commercial and industrial loans below $1 mio (%) 10.3 10.4 6.7 6.2 5.3 5.2 0.0 6.7 9.6 12.9 74.8

4 Share of real estate loans (%) 54.8 48.4 57.5 55.7 50.7 14.4 2.0 46.2 56.5 64.8 101.6

5 Non-interest income to asset ratio (%) 1.0 1.1 1.4 1.5 1.8 0.9 0.1 0.6 0.9 1.3 20.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.1 8.6 7.9 7.8 7.7 2.0 4.9 7.7 8.7 10.0 23.1

3 Efficiency Ratio (%) (3) 60.6 56.5 61.1 61.6 62.2 6.3 16.9 56.8 60.5 64.3 92.3

4 Pretax Return on Assets (%) 1.8 1.8 1.7 1.7 1.7 0.5 -5.0 1.5 1.8 2.0 8.0

5 Net Interest Margin (%) 4.4 4.4 4.2 4.2 4.0 0.7 0.7 4.0 4.3 4.7 11.9

6 Non-performing assets ratio (%) 0.7 0.6 0.9 0.9 0.9 0.5 0.0 0.4 0.6 0.8 12.8

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 1996

Variable simple land pop. GDP asset

1 Number of banks 7.5 6.6 32.0 38.8 45.7 8.9 1.0 3.0 6.0 9.0 232.0

2 Number of counties a bank operates in (2) 2.1 n.a. n.a. n.a. n.a. 4.4 1.0 1.0 1.0 2.0 153.0

3 Share of the largest bank by assets (%) 44.3 45.4 31.9 31.3 31.5 20.6 11.0 29.7 38.8 53.2 100.0

4 Share of community banks by assets (%) 61.2 48.5 31.8 26.7 23.5 33.6 0.0 32.0 64.2 100.0 100.0

5 Share of top 5 US banks by assets (%) 1.6 3.7 7.9 9.7 17.0 8.3 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 10.5 8.7 11.8 14.8 22.7 5.3 0.1 7.3 9.7 12.7 75.1

7 Deposits to GDP ratio (%) 56.9 44.3 42.1 40.2 46.8 29.8 0.8 37.5 51.7 71.0 536.5

8 Per capita assets ($ Thou.) 14.3 11.8 20.9 35.3 82.2 12.1 0.1 9.7 12.8 16.9 451.5

9 Assets to GDP ratio (%) 75.1 58.8 67.0 71.4 110.1 41.6 0.9 50.7 68.3 90.9 720.7

1 Share of agricultural loans (%) 8.5 7.9 1.7 1.4 1.3 13.1 0.0 0.5 2.4 10.6 75.4

2 Share of commercial and industrial loans (%) 15.8 16.7 19.2 20.5 21.5 6.0 0.9 11.7 15.2 19.2 50.0

3 Share of commercial and industrial loans below $1 mio (%) 10.4 10.6 6.8 6.3 5.4 7.5 0.2 6.7 9.5 12.8 312.2

4 Share of real estate loans (%) 55.3 48.7 56.5 54.5 49.3 14.0 1.1 47.4 57.3 65.0 105.9

5 Non-interest income to asset ratio (%) 1.1 1.2 1.5 1.6 1.9 1.1 0.1 0.7 1.0 1.3 34.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.1 8.5 7.9 7.8 7.7 1.9 5.3 7.7 8.7 10.0 25.0

3 Efficiency Ratio (%) (3) 60.5 56.6 61.8 62.1 62.6 7.2 18.6 56.5 60.1 64.3 195.8

4 Pretax Return on Assets (%) 1.8 1.8 1.7 1.7 1.7 0.5 -5.6 1.5 1.8 2.0 9.3

5 Net Interest Margin (%) 4.4 4.4 4.3 4.2 4.1 0.6 2.4 4.0 4.4 4.7 11.9

6 Non-performing assets ratio (%) 0.7 0.6 0.8 0.8 0.8 0.5 0.0 0.4 0.6 0.8 9.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 1997

Variable simple land pop. GDP asset

1 Number of banks 7.4 6.6 31.1 37.7 43.7 8.7 1.0 3.0 5.0 9.0 215.0

2 Number of counties a bank operates in (2) 2.2 n.a. n.a. n.a. n.a. 6.0 1.0 1.0 1.0 2.0 285.0

3 Share of the largest bank by assets (%) 45.3 46.1 32.4 31.9 32.4 20.9 12.1 30.4 39.9 54.2 100.0

4 Share of community banks by assets (%) 61.1 56.1 30.9 25.9 21.8 33.8 0.0 32.2 63.3 100.0 100.0

5 Share of top 5 US banks by assets (%) 4.1 5.8 11.2 13.3 19.6 11.7 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 10.6 8.6 12.1 16.2 28.9 5.7 0.6 7.1 9.7 12.9 110.7

7 Deposits to GDP ratio (%) 54.9 42.3 40.4 39.2 49.7 31.0 1.4 34.7 49.3 69.3 624.2

8 Per capita assets ($ Thou.) 15.8 13.5 22.3 38.5 120.6 42.4 0.7 9.6 13.2 17.7 2130.4

9 Assets to GDP ratio (%) 80.3 66.3 68.2 72.5 264.1 240.6 2.0 49.1 67.8 90.6 12435.1

1 Share of agricultural loans (%) 8.4 7.8 1.7 1.3 1.3 13.2 0.0 0.5 2.3 10.2 76.0

2 Share of commercial and industrial loans (%) 16.2 17.5 20.3 21.8 24.0 6.1 1.0 12.0 15.8 19.8 50.6

3 Share of commercial and industrial loans below $1 mio (%) 10.2 10.3 6.8 6.3 5.2 5.0 0.7 6.7 9.3 12.7 45.7

4 Share of real estate loans (%) 55.5 48.5 56.2 54.3 48.7 13.7 1.7 47.8 57.4 64.8 96.3

5 Non-interest income to asset ratio (%) 1.1 1.2 1.6 1.7 1.9 1.2 0.1 0.7 1.0 1.4 48.3

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.1 8.5 7.9 7.8 7.6 2.0 5.2 7.6 8.6 10.0 24.7

3 Efficiency Ratio (%) (3) 58.5 54.5 58.2 58.4 59.3 7.2 17.8 54.8 58.2 61.7 229.0

4 Pretax Return on Assets (%) 1.8 1.8 1.9 1.9 1.8 0.5 -6.8 1.6 1.8 2.1 6.6

5 Net Interest Margin (%) 4.4 4.3 4.2 4.1 4.0 0.7 0.4 4.1 4.4 4.7 24.0

6 Non-performing assets ratio (%) 0.7 0.6 0.7 0.7 0.7 0.5 0.0 0.4 0.6 0.8 9.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 
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mean (1)
sd min p25 p50 p75
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Summary statistics: 1998

Variable simple land pop. GDP asset

1 Number of banks 7.5 6.7 30.9 37.7 43.2 8.6 1.0 3.0 6.0 9.0 212.0

2 Number of counties a bank operates in (2) 2.3 n.a. n.a. n.a. n.a. 7.9 1.0 1.0 1.0 2.0 380.0

3 Share of the largest bank by assets (%) 45.1 45.7 32.5 32.0 32.5 20.6 12.4 30.0 39.7 54.1 100.0

4 Share of community banks by assets (%) 58.2 54.1 28.2 23.3 19.9 34.0 0.0 28.6 58.0 99.0 100.0

5 Share of top 5 US banks by assets (%) 6.2 6.7 16.0 18.1 21.2 14.0 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 11.1 9.1 12.6 17.2 29.7 6.6 0.6 7.4 10.0 13.3 119.4

7 Deposits to GDP ratio (%) 54.4 42.3 39.5 38.4 48.9 32.6 1.2 34.3 48.1 68.6 620.0

8 Per capita assets ($ Thou.) 17.6 13.7 23.9 40.7 108.2 85.9 0.7 10.5 14.1 19.0 4739.9

9 Assets to GDP ratio (%) 86.4 63.7 68.4 72.8 217.7 545.4 1.6 49.9 69.5 93.4 30128.5

1 Share of agricultural loans (%) 8.0 7.5 1.6 1.3 1.2 12.6 0.0 0.5 2.1 9.2 72.0

2 Share of commercial and industrial loans (%) 17.2 18.2 21.6 23.1 24.6 6.3 0.4 12.8 16.8 21.1 58.4

3 Share of commercial and industrial loans below $1 mio (%) 10.1 10.3 6.7 6.2 5.3 5.5 0.2 6.6 9.2 12.7 122.5

4 Share of real estate loans (%) 55.4 48.3 55.1 53.0 48.3 13.4 1.5 48.0 57.1 64.4 98.7

5 Non-interest income to asset ratio (%) 1.3 1.3 1.8 1.9 2.2 1.4 0.0 0.7 1.1 1.5 44.5

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.0 8.4 7.8 7.7 7.6 2.2 5.4 7.6 8.5 9.8 61.8

3 Efficiency Ratio (%) (3) 60.3 56.3 60.5 60.8 61.8 8.6 13.7 56.2 59.9 63.6 343.3

4 Pretax Return on Assets (%) 1.8 1.8 1.8 1.8 1.8 0.5 -3.4 1.5 1.8 2.0 10.1

5 Net Interest Margin (%) 4.3 4.3 4.1 4.0 3.9 0.8 -0.2 4.0 4.2 4.6 33.5

6 Non-performing assets ratio (%) 0.7 0.6 0.6 0.6 0.7 0.5 0.0 0.4 0.6 0.8 7.7

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 1999

Variable simple land pop. GDP asset

1 Number of banks 7.7 6.9 31.4 38.4 46.0 8.8 1.0 3.0 6.0 9.0 206.0

2 Number of counties a bank operates in (2) 2.4 n.a. n.a. n.a. n.a. 7.5 1.0 1.0 1.0 2.0 276.0

3 Share of the largest bank by assets (%) 45.0 46.5 34.5 34.3 35.1 20.5 11.5 30.1 40.0 53.5 100.0

4 Share of community banks by assets (%) 59.1 54.4 28.5 23.5 19.5 33.7 0.0 29.6 61.4 95.9 100.0

5 Share of top 5 US banks by assets (%) 3.8 6.3 13.8 16.7 23.5 11.6 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 11.3 9.4 12.8 17.3 29.2 6.6 0.8 7.6 10.3 13.6 114.0

7 Deposits to GDP ratio (%) 54.0 42.0 38.8 37.4 47.8 31.5 1.4 34.0 48.0 68.1 495.2

8 Per capita assets ($ Thou.) 17.1 14.2 24.9 42.5 95.8 38.4 0.9 10.5 14.3 19.1 1511.4

9 Assets to GDP ratio (%) 79.9 62.6 68.7 73.1 134.6 192.6 2.0 48.9 67.8 91.0 7179.5

1 Share of agricultural loans (%) 7.4 6.9 1.5 1.2 1.1 11.9 0.0 0.5 1.9 8.6 73.6

2 Share of commercial and industrial loans (%) 17.2 18.6 21.6 23.1 24.3 6.4 0.5 12.8 16.7 21.0 61.9

3 Share of commercial and industrial loans below $1 mio (%) 10.2 10.3 6.9 6.4 5.6 5.3 0.4 6.7 9.3 12.6 90.4

4 Share of real estate loans (%) 56.9 49.6 56.7 54.7 49.7 13.3 3.0 49.8 58.8 65.7 98.4

5 Non-interest income to asset ratio (%) 1.3 1.3 1.8 2.0 2.4 1.5 0.1 0.7 1.1 1.5 46.7

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.0 8.4 8.0 7.9 7.9 1.9 5.5 7.7 8.6 9.8 27.2

3 Efficiency Ratio (%) (3) 59.5 55.0 58.0 58.0 58.1 6.9 25.6 55.3 59.1 63.1 125.8

4 Pretax Return on Assets (%) 1.8 1.8 1.9 1.9 2.0 0.5 -2.3 1.5 1.8 2.0 10.2

5 Net Interest Margin (%) 4.3 4.2 4.0 4.0 3.9 0.7 1.4 3.9 4.2 4.5 20.0

6 Non-performing assets ratio (%) 0.6 0.6 0.6 0.6 0.6 0.5 0.0 0.4 0.5 0.7 11.8

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75



34 
 

 

 

 

 

 

 

 

 

 

Summary statistics: 2000

Variable simple land pop. GDP asset

1 Number of banks 7.7 7.4 31.5 38.5 44.2 8.8 1.0 3.0 6.0 9.0 209.0

2 Number of counties a bank operates in (2) 2.5 n.a. n.a. n.a. n.a. 9.9 1.0 1.0 1.0 2.0 580.0

3 Share of the largest bank by assets (%) 44.9 48.7 31.5 31.1 33.0 21.3 11.9 29.2 39.4 54.2 100.0

4 Share of community banks by assets (%) 56.2 50.8 27.2 22.2 18.5 34.3 0.0 26.2 55.6 93.0 100.0

5 Share of top 5 US banks by assets (%) 5.2 6.1 14.9 17.7 23.6 12.3 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 11.6 10.1 13.7 18.8 32.7 7.8 0.8 7.8 10.4 13.8 201.9

7 Deposits to GDP ratio (%) 53.0 43.8 39.3 38.1 50.6 33.2 1.4 34.0 47.1 66.2 861.5

8 Per capita assets ($ Thou.) 17.2 15.0 26.2 46.9 106.3 17.9 1.1 11.1 14.9 19.8 579.7

9 Assets to GDP ratio (%) 76.4 63.9 68.2 73.2 116.6 61.7 2.2 50.0 67.9 92.4 1728.1

1 Share of agricultural loans (%) 6.8 7.0 1.4 1.2 1.0 11.3 0.0 0.5 1.7 7.4 72.4

2 Share of commercial and industrial loans (%) 18.1 19.8 21.7 22.9 24.3 6.5 0.0 13.5 17.8 22.2 43.7

3 Share of commercial and industrial loans below $1 mio (%) 10.1 10.9 6.5 5.9 5.1 4.9 0.0 6.8 9.3 12.4 49.8

4 Share of real estate loans (%) 56.9 54.1 57.4 55.5 49.6 13.1 3.8 50.1 58.6 65.5 97.9

5 Non-interest income to asset ratio (%) 1.3 1.3 1.8 1.9 2.4 1.4 0.1 0.8 1.1 1.5 46.3

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.8 8.9 7.8 7.7 7.7 1.9 5.3 7.6 8.3 9.6 29.3

3 Efficiency Ratio (%) (3) 59.7 58.9 58.2 58.0 58.4 6.9 25.8 55.4 59.4 63.6 113.5

4 Pretax Return on Assets (%) 1.6 1.6 1.7 1.7 1.8 0.6 -6.9 1.3 1.6 1.8 14.6

5 Net Interest Margin (%) 4.2 4.3 3.9 3.9 3.8 0.8 1.6 3.8 4.1 4.5 19.9

6 Non-performing assets ratio (%) 0.7 0.7 0.7 0.7 0.7 0.5 0.0 0.5 0.6 0.8 12.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2001

Variable simple land pop. GDP asset

1 Number of banks 7.8 6.9 31.6 38.5 43.8 8.9 1.0 3.0 6.0 9.0 206.0

2 Number of counties a bank operates in (2) 2.6 n.a. n.a. n.a. n.a. 10.1 1.0 1.0 1.0 2.0 573.0

3 Share of the largest bank by assets (%) 44.6 45.2 31.9 32.0 34.6 20.7 8.7 29.5 39.5 54.2 100.0

4 Share of community banks by assets (%) 55.7 47.7 27.1 22.5 19.0 33.5 0.0 26.1 55.3 89.3 100.0

5 Share of top 5 US banks by assets (%) 5.0 6.4 17.8 21.0 25.2 12.2 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 12.3 10.0 14.5 20.1 33.6 8.3 0.7 8.2 11.1 14.7 244.2

7 Deposits to GDP ratio (%) 53.3 40.6 40.0 39.3 51.1 30.7 1.7 34.1 47.9 66.8 738.0

8 Per capita assets ($ Thou.) 18.0 14.5 27.2 46.9 94.3 16.5 0.8 11.5 15.8 21.1 526.9

9 Assets to GDP ratio (%) 75.6 57.8 69.3 74.1 108.7 44.0 2.4 50.0 68.7 92.6 955.3

1 Share of agricultural loans (%) 6.6 6.3 1.4 1.1 1.0 10.9 0.0 0.5 1.6 7.0 72.2

2 Share of commercial and industrial loans (%) 17.4 17.4 20.3 21.4 22.4 6.1 0.6 13.2 17.1 21.3 50.9

3 Share of commercial and industrial loans below $1 mio (%) 10.0 10.2 6.5 5.9 5.3 5.0 0.0 6.8 9.4 12.4 48.8

4 Share of real estate loans (%) 58.3 52.5 58.6 56.7 51.7 12.9 3.5 51.9 59.9 67.0 90.6

5 Non-interest income to asset ratio (%) 1.3 1.2 1.8 1.9 2.2 1.1 0.1 0.8 1.1 1.5 39.6

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.7 8.4 7.9 7.8 7.8 1.8 5.2 7.6 8.3 9.4 29.6

3 Efficiency Ratio (%) (3) 60.5 57.1 58.7 58.6 58.6 7.1 34.2 56.1 60.1 64.4 130.3

4 Pretax Return on Assets (%) 1.6 1.5 1.7 1.7 1.7 0.5 -4.4 1.3 1.6 1.8 7.9

5 Net Interest Margin (%) 4.1 4.0 3.9 3.9 3.8 0.7 1.4 3.7 4.0 4.3 19.8

6 Non-performing assets ratio (%) 0.8 0.8 0.8 0.8 0.9 0.5 0.0 0.6 0.8 1.0 7.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2002

Variable simple land pop. GDP asset

1 Number of banks 7.9 7.1 31.5 38.1 42.8 8.8 1.0 3.0 6.0 10.0 200.0

2 Number of counties a bank operates in (2) 2.7 n.a. n.a. n.a. n.a. 11.4 1.0 1.0 1.0 2.0 572.0

3 Share of the largest bank by assets (%) 43.9 44.5 31.3 31.5 34.3 20.6 9.7 28.9 38.6 53.2 100.0

4 Share of community banks by assets (%) 56.1 46.9 27.0 22.5 18.5 33.5 0.0 27.2 54.9 89.4 100.0

5 Share of top 5 US banks by assets (%) 5.8 6.2 19.0 22.1 26.8 13.3 0.0 0.0 0.0 0.0 100.0

6 Per capita deposits ($ Thou.) 12.9 10.7 15.6 21.7 37.9 8.6 1.0 8.7 11.6 15.3 222.2

7 Deposits to GDP ratio (%) 53.6 41.7 41.3 41.2 53.6 29.4 1.2 35.4 48.4 66.4 652.9

8 Per capita assets ($ Thou.) 18.7 15.3 28.8 49.2 105.4 18.0 1.2 12.2 16.4 21.7 580.4

9 Assets to GDP ratio (%) 75.5 58.9 70.7 76.5 116.5 42.7 1.9 51.5 68.8 91.8 791.6

1 Share of agricultural loans (%) 6.3 6.0 1.3 1.0 0.9 10.5 0.0 0.4 1.5 6.8 70.8

2 Share of commercial and industrial loans (%) 16.5 16.6 18.5 19.2 19.9 5.9 0.9 12.7 16.0 19.7 54.6

3 Share of commercial and industrial loans below $1 mio (%) 9.6 9.6 6.4 5.8 5.2 8.4 0.0 6.3 8.7 11.7 393.1

4 Share of real estate loans (%) 60.0 53.6 60.7 59.1 53.8 13.1 1.7 53.7 62.1 68.6 95.4

5 Non-interest income to asset ratio (%) 1.3 1.3 1.8 1.9 2.3 1.2 0.1 0.9 1.2 1.5 38.1

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.7 8.3 7.9 7.8 7.9 1.9 5.3 7.5 8.3 9.4 29.0

3 Efficiency Ratio (%) (3) 59.7 56.3 57.8 57.8 57.8 7.3 29.6 55.4 58.8 63.2 121.2

4 Pretax Return on Assets (%) 1.7 1.7 1.9 1.9 2.0 0.6 -8.0 1.5 1.7 2.0 16.6

5 Net Interest Margin (%) 4.2 4.1 4.0 4.0 4.0 0.6 1.3 3.9 4.2 4.5 17.6

6 Non-performing assets ratio (%) 0.9 0.8 0.8 0.8 0.9 0.5 0.0 0.6 0.8 1.0 11.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2003

Variable simple land pop. GDP asset

1 Number of banks 8.0 7.1 31.6 38.0 44.1 8.9 1.0 3.0 6.0 10.0 197.0

2 Number of counties a bank operates in (2) 2.8 n.a. n.a. n.a. n.a. 11.7 1.0 1.0 1.0 2.0 573.0

3 Share of the largest bank by assets (%) 44.0 41.8 31.1 31.4 34.8 20.8 8.7 29.0 38.6 53.4 100.0

4 Share of community banks by assets (%) 57.8 50.6 27.6 22.8 17.8 33.6 0.0 29.0 58.9 93.1 100.0

5 Share of top 5 US banks by assets (%) 6.2 6.4 18.7 21.7 26.9 13.3 0.0 0.0 0.0 5.1 100.0

6 Per capita deposits ($ Thou.) 13.4 10.6 17.2 24.3 46.0 11.1 0.5 8.8 11.9 15.8 390.0

7 Deposits to GDP ratio (%) 51.8 38.9 42.9 43.8 60.0 29.2 1.1 35.0 47.4 64.7 738.5

8 Per capita assets ($ Thou.) 19.0 14.8 30.9 52.8 122.3 21.3 0.8 12.1 16.4 21.9 643.8

9 Assets to GDP ratio (%) 71.2 53.9 71.4 79.0 128.6 42.3 1.7 48.9 65.9 87.1 977.5

1 Share of agricultural loans (%) 6.1 5.7 1.2 1.0 0.8 10.3 0.0 0.4 1.3 6.6 69.8

2 Share of commercial and industrial loans (%) 15.9 14.8 16.8 17.3 17.8 5.7 0.5 12.2 15.6 18.8 64.5

3 Share of commercial and industrial loans below $1 mio (%) 9.3 8.8 5.8 5.3 4.7 5.1 0.0 5.9 8.4 11.7 71.6

4 Share of real estate loans (%) 61.7 53.5 62.5 60.9 55.2 13.4 2.3 55.8 64.1 70.5 93.8

5 Non-interest income to asset ratio (%) 1.3 1.3 1.8 1.9 2.3 1.2 0.2 0.9 1.2 1.6 37.8

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.8 8.1 8.0 7.9 7.9 1.9 2.3 7.6 8.4 9.5 29.6

3 Efficiency Ratio (%) (3) 61.6 54.7 59.1 58.7 58.2 11.6 23.6 56.7 60.7 65.3 519.2

4 Pretax Return on Assets (%) 1.7 1.6 1.9 2.0 2.1 0.7 -5.6 1.4 1.7 1.9 15.8

5 Net Interest Margin (%) 4.0 3.7 3.8 3.7 3.7 0.8 1.5 3.7 4.0 4.3 33.7

6 Non-performing assets ratio (%) 0.8 0.7 0.7 0.7 0.7 0.6 0.0 0.5 0.7 0.9 17.5

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2004

Variable simple land pop. GDP asset

1 Number of banks 8.0 7.2 31.4 37.7 43.4 8.8 1.0 3.0 6.0 10.0 195.0

2 Number of counties a bank operates in (2) 2.9 n.a. n.a. n.a. n.a. 13.1 1.0 1.0 1.0 2.0 583.0

3 Share of the largest bank by assets (%) 44.0 44.9 31.8 32.1 35.7 20.7 9.8 28.9 38.7 53.3 100.0

4 Share of community banks by assets (%) 56.8 47.4 26.4 22.0 16.1 33.8 0.0 27.3 57.8 91.1 100.0

5 Share of top 5 US banks by assets (%) 9.3 20.1 21.3 24.4 32.0 17.0 0.0 0.0 0.0 14.5 100.0

6 Per capita deposits ($ Thou.) 13.7 11.3 17.6 25.2 56.1 11.4 0.4 9.0 12.1 16.1 297.9

7 Deposits to GDP ratio (%) 49.7 38.4 41.4 42.5 65.7 28.6 0.7 33.2 45.6 61.4 601.2

8 Per capita assets ($ Thou.) 19.9 16.3 33.6 61.1 177.6 26.3 0.5 12.4 17.0 22.5 848.9

9 Assets to GDP ratio (%) 69.7 54.2 71.7 81.3 160.2 46.0 1.0 47.9 64.5 83.8 1274.2

1 Share of agricultural loans (%) 6.0 5.6 1.2 1.0 0.8 10.2 0.0 0.4 1.3 6.4 71.1

2 Share of commercial and industrial loans (%) 15.6 14.8 16.1 16.4 16.8 5.8 0.8 12.2 15.0 18.1 67.1

3 Share of commercial and industrial loans below $1 mio (%) 8.7 8.0 5.5 5.0 4.3 4.8 0.0 5.5 7.9 11.0 52.3

4 Share of real estate loans (%) 64.2 59.6 65.3 63.8 56.9 12.6 2.7 58.9 66.6 72.3 95.8

5 Non-interest income to asset ratio (%) 1.3 1.4 1.6 1.7 2.2 1.2 0.2 0.8 1.2 1.5 36.3

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.0 8.3 8.1 8.0 8.1 3.1 4.5 7.6 8.4 9.6 65.1

3 Efficiency Ratio (%) (3) 61.3 56.6 59.3 59.4 59.8 8.6 18.9 56.8 60.4 65.0 199.1

4 Pretax Return on Assets (%) 1.7 1.7 1.8 1.8 1.9 0.6 -4.1 1.4 1.7 1.9 13.3

5 Net Interest Margin (%) 4.0 3.8 3.7 3.6 3.5 0.8 1.1 3.6 3.9 4.2 34.7

6 Non-performing assets ratio (%) 0.6 0.6 0.5 0.5 0.5 0.5 0.0 0.4 0.5 0.8 9.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2005

Variable simple land pop. GDP asset

1 Number of banks 8.2 8.0 32.1 38.7 44.6 9.0 1.0 3.0 6.0 10.0 180.0

2 Number of counties a bank operates in (2) 3.0 n.a. n.a. n.a. n.a. 14.8 1.0 1.0 1.0 2.0 693.0

3 Share of the largest bank by assets (%) 43.3 46.9 31.1 31.5 34.6 20.5 12.7 28.4 37.9 52.7 100.0

4 Share of community banks by assets (%) 55.7 49.4 25.6 21.2 15.9 33.6 0.0 26.9 55.6 88.8 100.0

5 Share of top 5 US banks by assets (%) 11.2 22.8 26.3 30.0 33.9 17.6 0.0 0.0 0.0 18.6 100.0

6 Per capita deposits ($ Thou.) 14.5 12.9 19.7 28.7 58.0 11.0 0.4 9.6 12.8 17.0 233.3

7 Deposits to GDP ratio (%) 49.9 41.3 43.7 45.0 67.5 26.1 0.4 34.1 45.8 61.7 451.0

8 Per capita assets ($ Thou.) 21.2 19.1 36.3 62.4 148.8 24.3 0.5 13.5 18.2 24.2 751.9

9 Assets to GDP ratio (%) 70.8 59.8 75.1 83.2 145.0 41.4 0.6 49.9 65.7 85.1 959.5

1 Share of agricultural loans (%) 5.8 5.8 1.1 0.9 0.7 9.9 0.0 0.4 1.3 6.0 71.9

2 Share of commercial and industrial loans (%) 15.3 15.9 16.3 16.8 17.2 5.4 1.7 12.3 15.0 17.7 71.6

3 Share of commercial and industrial loans below $1 mio (%) 8.5 8.1 5.1 4.6 4.0 4.6 0.0 5.4 7.6 10.6 42.0

4 Share of real estate loans (%) 65.1 64.1 65.7 64.0 58.7 12.1 1.8 59.3 67.2 73.0 94.8

5 Non-interest income to asset ratio (%) 1.3 1.5 1.7 1.8 2.1 1.6 0.1 0.8 1.2 1.5 48.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.1 9.0 8.2 8.0 8.2 3.0 5.8 7.7 8.5 9.7 62.4

3 Efficiency Ratio (%) (3) 59.9 59.2 57.5 57.5 57.1 7.7 17.5 55.8 59.3 63.9 174.5

4 Pretax Return on Assets (%) 1.7 1.9 1.9 1.9 1.9 0.8 -2.7 1.5 1.7 2.0 35.7

5 Net Interest Margin (%) 4.0 4.1 3.6 3.5 3.5 0.8 1.6 3.6 3.9 4.3 33.8

6 Non-performing assets ratio (%) 0.6 0.6 0.5 0.5 0.5 0.4 0.0 0.4 0.5 0.7 7.0

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2006

Variable simple land pop. GDP asset

1 Number of banks 8.5 7.6 33.1 39.6 46.5 9.3 1.0 3.0 6.0 10.0 174.0

2 Number of counties a bank operates in (2) 3.2 n.a. n.a. n.a. n.a. 15.7 1.0 1.0 1.0 2.0 691.0

3 Share of the largest bank by assets (%) 42.9 43.4 31.0 31.3 34.2 20.3 13.3 28.2 37.7 52.1 100.0

4 Share of community banks by assets (%) 55.0 45.7 24.9 20.8 15.0 33.7 0.0 25.3 55.2 87.1 100.0

5 Share of top 5 US banks by assets (%) 11.5 21.4 28.3 32.2 36.4 17.8 0.0 0.0 0.0 18.8 100.0

6 Per capita deposits ($ Thou.) 15.6 12.9 21.4 31.8 71.4 13.0 0.4 10.3 13.6 18.0 373.3

7 Deposits to GDP ratio (%) 50.0 38.8 44.3 46.5 74.8 27.5 0.2 34.3 45.8 61.1 559.7

8 Per capita assets ($ Thou.) 22.4 18.6 39.3 68.4 179.4 27.4 0.5 14.2 18.9 25.4 861.3

9 Assets to GDP ratio (%) 69.8 55.1 75.5 85.5 161.6 43.0 0.2 48.7 64.5 82.9 948.8

1 Share of agricultural loans (%) 5.7 5.4 1.1 0.9 0.7 9.8 0.0 0.4 1.3 6.0 73.0

2 Share of commercial and industrial loans (%) 15.4 15.2 16.8 17.3 17.6 5.2 1.3 12.4 15.1 18.0 65.8

3 Share of commercial and industrial loans below $1 mio (%) 18.0 12.6 5.6 4.7 4.3 561.1 0.0 4.9 7.1 10.0 31683.3

4 Share of real estate loans (%) 65.4 59.3 66.1 64.6 59.6 12.1 1.3 60.0 67.3 73.5 97.3

5 Non-interest income to asset ratio (%) 1.3 1.4 1.6 1.7 2.1 1.3 0.1 0.9 1.2 1.5 39.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.2 8.6 8.2 8.1 8.2 2.9 6.0 7.9 8.7 9.8 62.1

3 Efficiency Ratio (%) (3) 60.2 55.2 58.1 58.0 57.2 7.3 7.4 56.1 59.9 64.3 145.8

4 Pretax Return on Assets (%) 1.7 1.7 1.7 1.7 1.9 0.6 -4.5 1.4 1.7 1.9 11.0

5 Net Interest Margin (%) 3.9 3.9 3.4 3.4 3.4 0.9 1.4 3.5 3.9 4.3 41.8

6 Non-performing assets ratio (%) 0.6 0.7 0.5 0.5 0.5 0.4 0.0 0.4 0.5 0.8 5.9

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2007

Variable simple land pop. GDP asset

1 Number of banks 8.7 7.8 34.4 41.2 47.2 9.7 1.0 3.0 6.0 10.0 179.0

2 Number of counties a bank operates in (2) 3.3 n.a. n.a. n.a. n.a. 16.2 1.0 1.0 1.0 3.0 693.0

3 Share of the largest bank by assets (%) 43.0 43.7 31.8 32.5 37.5 20.2 12.2 28.3 37.8 52.1 100.0

4 Share of community banks by assets (%) 54.2 44.6 23.9 19.9 14.0 33.9 0.0 24.4 53.6 86.5 100.0

5 Share of top 5 US banks by assets (%) 12.4 22.8 31.1 35.0 38.4 18.9 0.0 0.0 0.0 20.8 100.0

6 Per capita deposits ($ Thou.) 16.2 13.6 22.0 30.9 62.2 12.5 0.4 10.7 14.1 18.8 292.6

7 Deposits to GDP ratio (%) 49.4 38.0 44.8 46.2 77.4 26.4 0.2 33.9 45.4 60.9 435.4

8 Per capita assets ($ Thou.) 24.0 20.7 42.7 67.6 160.6 29.2 0.6 15.1 20.1 26.9 802.8

9 Assets to GDP ratio (%) 70.7 56.5 81.4 90.0 186.6 49.6 0.3 49.9 65.3 84.4 1417.3

1 Share of agricultural loans (%) 5.6 5.2 1.1 0.9 0.7 9.6 0.0 0.3 1.2 6.0 75.7

2 Share of commercial and industrial loans (%) 15.8 15.9 18.1 18.8 19.0 4.9 0.6 12.8 15.7 18.8 53.8

3 Share of commercial and industrial loans below $1 mio (%) 7.8 7.2 4.7 4.3 3.8 4.2 0.0 4.8 6.9 9.7 41.1

4 Share of real estate loans (%) 65.1 58.6 64.3 62.5 57.7 11.9 1.3 59.0 66.9 73.1 96.1

5 Non-interest income to asset ratio (%) 1.3 1.4 1.5 1.6 1.9 1.2 0.1 0.9 1.2 1.5 39.5

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.0 8.3 8.0 7.8 8.0 2.7 5.0 7.7 8.5 9.6 53.8

3 Efficiency Ratio (%) (3) 62.1 56.9 62.0 62.0 61.4 7.3 16.6 58.4 61.8 65.7 132.0

4 Pretax Return on Assets (%) 1.4 1.4 1.2 1.2 1.2 0.6 -3.6 1.1 1.4 1.7 11.2

5 Net Interest Margin (%) 3.9 3.8 3.4 3.3 3.3 0.9 1.6 3.4 3.8 4.2 43.0

6 Non-performing assets ratio (%) 1.0 1.0 1.0 1.0 1.0 0.8 0.0 0.6 0.8 1.2 11.4

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max
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Business model
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Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2008

Variable simple land pop. GDP asset

1 Number of banks 8.8 7.9 34.6 40.9 47.7 9.8 1.0 4.0 6.0 10.0 175.0

2 Number of counties a bank operates in (2) 3.4 n.a. n.a. n.a. n.a. 17.2 1.0 1.0 1.0 3.0 725.0

3 Share of the largest bank by assets (%) 42.9 43.6 31.4 32.1 37.1 20.3 11.5 28.2 37.6 52.2 100.0

4 Share of community banks by assets (%) 54.3 43.8 24.0 20.2 13.8 33.8 0.0 24.9 54.0 86.6 100.0

5 Share of top 5 US banks by assets (%) 12.6 24.3 33.8 37.7 40.7 19.3 0.0 0.0 0.0 20.7 100.0

6 Per capita deposits ($ Thou.) 17.0 14.3 22.8 31.7 69.3 14.1 0.8 11.0 14.4 19.7 345.8

7 Deposits to GDP ratio (%) 50.1 38.6 45.9 47.6 87.4 29.2 0.1 33.8 45.9 61.6 512.5

8 Per capita assets ($ Thou.) 25.1 22.0 45.0 69.9 181.8 31.4 1.0 15.5 20.6 27.8 810.9

9 Assets to GDP ratio (%) 71.7 58.1 84.6 94.0 216.2 50.9 0.2 50.1 65.8 84.9 1113.7

1 Share of agricultural loans (%) 5.5 5.1 1.1 1.0 0.7 9.5 0.0 0.3 1.2 5.9 75.0

2 Share of commercial and industrial loans (%) 16.0 16.5 19.1 19.8 20.1 5.1 1.0 12.7 16.1 19.3 53.0

3 Share of commercial and industrial loans below $1 mio (%) 7.6 6.9 4.6 4.3 3.7 4.1 0.4 4.8 6.6 9.3 38.6

4 Share of real estate loans (%) 65.6 58.6 63.6 62.0 56.7 11.8 0.8 59.5 67.0 73.4 93.6

5 Non-interest income to asset ratio (%) 1.1 1.3 1.3 1.4 1.6 1.0 0.0 0.8 1.0 1.3 36.1

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.6 7.8 7.5 7.4 7.6 1.7 4.6 7.6 8.3 9.3 26.9

3 Efficiency Ratio (%) (3) 62.2 56.8 60.1 60.5 86.1 22.6 -100.3 56.5 61.4 66.5 1127.4

4 Pretax Return on Assets (%) 0.5 0.6 0.1 0.2 0.1 1.0 -9.5 0.1 0.7 1.2 11.6

5 Net Interest Margin (%) 3.7 3.6 3.2 3.1 3.2 0.8 0.8 3.3 3.7 4.0 23.5

6 Non-performing assets ratio (%) 1.9 1.8 2.0 1.9 1.9 1.2 0.0 1.1 1.7 2.3 20.4

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2009

Variable simple land pop. GDP asset

1 Number of banks 8.8 7.9 33.9 40.1 45.8 9.6 1.0 4.0 6.0 11.0 167.0

2 Number of counties a bank operates in (2) 3.5 n.a. n.a. n.a. n.a. 18.0 1.0 1.0 2.0 3.0 727.0

3 Share of the largest bank by assets (%) 42.7 43.7 31.2 32.0 37.2 20.3 11.0 27.9 37.4 52.3 100.0

4 Share of community banks by assets (%) 55.6 44.7 25.4 21.3 15.1 33.4 0.0 26.6 55.9 87.6 100.0

5 Share of top 5 US banks by assets (%) 11.7 23.5 32.9 36.9 41.1 18.4 0.0 0.0 0.0 19.5 100.0

6 Per capita deposits ($ Thou.) 17.8 15.0 24.4 34.7 76.0 15.6 1.4 11.2 15.0 20.7 399.1

7 Deposits to GDP ratio (%) 53.4 41.8 49.7 52.3 97.9 33.1 0.2 36.2 48.6 64.8 810.1

8 Per capita assets ($ Thou.) 24.6 21.4 42.2 67.2 167.3 30.2 1.6 15.0 20.1 27.5 784.4

9 Assets to GDP ratio (%) 71.9 58.7 81.4 90.7 200.9 50.3 0.4 49.4 66.0 85.4 1187.4

1 Share of agricultural loans (%) 5.6 5.2 1.1 1.0 0.7 9.5 0.0 0.3 1.3 5.9 72.9

2 Share of commercial and industrial loans (%) 14.5 14.3 16.6 17.1 17.1 4.7 0.8 11.6 14.4 17.0 77.2

3 Share of commercial and industrial loans below $1 mio (%) 7.4 6.7 4.7 4.3 3.9 3.9 0.4 4.7 6.5 9.0 42.1

4 Share of real estate loans (%) 67.4 61.6 65.8 64.2 58.8 11.7 0.8 61.8 69.1 75.0 94.0

5 Non-interest income to asset ratio (%) 1.3 1.5 1.7 1.8 2.0 0.9 -1.1 0.8 1.2 1.6 25.3

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 8.9 8.2 8.3 8.2 8.6 1.8 3.0 8.0 8.6 9.5 57.7

3 Efficiency Ratio (%) (3) 66.3 59.1 61.6 60.5 57.9 14.5 19.4 59.5 64.0 69.9 435.3

4 Pretax Return on Assets (%) 0.3 0.4 0.1 0.1 0.0 1.2 -12.8 -0.2 0.5 1.0 12.3

5 Net Interest Margin (%) 3.8 3.7 3.5 3.4 3.5 0.6 0.4 3.4 3.7 4.0 13.8

6 Non-performing assets ratio (%) 3.2 3.2 3.6 3.5 3.4 2.0 0.0 1.8 2.9 4.0 17.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2010

Variable simple land pop. GDP asset

1 Number of banks 8.7 8.3 32.7 38.9 44.7 9.4 1.0 4.0 6.0 10.0 158.0

2 Number of counties a bank operates in (2) 3.7 n.a. n.a. n.a. n.a. 19.8 1.0 1.0 2.0 3.0 931.0

3 Share of the largest bank by assets (%) 43.0 46.7 31.0 31.9 37.7 20.5 11.7 28.1 37.7 52.7 100.0

4 Share of community banks by assets (%) 55.6 48.2 25.2 21.1 14.6 33.6 0.0 26.3 56.5 87.6 100.0

5 Share of top 5 US banks by assets (%) 13.9 27.7 36.2 40.4 42.7 19.9 0.0 0.0 0.0 23.1 100.0

6 Per capita deposits ($ Thou.) 17.8 16.0 24.6 36.9 93.6 18.0 1.5 11.1 15.0 20.6 549.6

7 Deposits to GDP ratio (%) 51.4 43.1 48.3 51.2 109.6 33.3 0.2 34.8 46.9 62.6 771.2

8 Per capita assets ($ Thou.) 24.3 22.3 42.7 71.7 205.8 37.5 1.7 14.5 19.7 27.1 1239.6

9 Assets to GDP ratio (%) 68.1 59.2 78.7 89.0 228.0 56.4 0.3 47.0 61.9 80.8 1739.4

1 Share of agricultural loans (%) 5.6 5.5 1.1 1.0 0.7 9.5 0.0 0.3 1.2 6.2 76.8

2 Share of commercial and industrial loans (%) 14.2 15.1 16.5 17.0 16.5 4.6 1.1 11.3 14.2 16.7 52.6

3 Share of commercial and industrial loans below $1 mio (%) 6.9 6.6 4.4 4.1 3.6 3.8 0.5 4.4 6.0 8.5 51.6

4 Share of real estate loans (%) 67.4 65.7 64.6 62.8 56.4 11.6 1.9 61.8 68.9 75.0 93.7

5 Non-interest income to asset ratio (%) 1.2 1.4 1.6 1.7 1.8 0.7 -0.7 0.8 1.1 1.5 22.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.2 9.3 8.8 8.7 8.9 1.5 2.1 8.5 9.0 9.8 26.2

3 Efficiency Ratio (%) (3) 66.0 64.1 63.3 62.7 59.8 11.4 -45.9 60.5 64.5 69.6 293.1

4 Pretax Return on Assets (%) 0.7 0.8 0.8 0.8 1.0 0.9 -6.7 0.4 0.9 1.2 12.0

5 Net Interest Margin (%) 3.9 3.9 3.6 3.5 3.8 0.6 0.2 3.6 3.8 4.1 19.2

6 Non-performing assets ratio (%) 3.2 3.3 3.4 3.4 3.1 2.2 0.0 1.8 2.8 4.1 22.1

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2011

Variable simple land pop. GDP asset

1 Number of banks 8.7 8.2 32.1 38.0 44.2 9.2 1.0 4.0 6.0 10.0 147.0

2 Number of counties a bank operates in (2) 3.8 n.a. n.a. n.a. n.a. 20.6 1.0 1.0 2.0 3.0 925.0

3 Share of the largest bank by assets (%) 43.2 46.7 31.1 32.1 39.7 20.5 11.5 28.1 38.2 52.9 100.0

4 Share of community banks by assets (%) 56.2 49.2 25.3 21.4 14.2 33.8 0.0 26.6 57.6 88.5 100.0

5 Share of top 5 US banks by assets (%) 13.4 27.3 35.3 39.3 43.6 19.6 0.0 0.0 0.0 22.1 100.0

6 Per capita deposits ($ Thou.) 18.3 16.5 26.2 41.1 106.7 18.4 1.3 11.2 15.2 21.1 521.8

7 Deposits to GDP ratio (%) 49.6 41.7 49.0 53.2 114.5 30.3 0.2 34.2 46.0 60.6 618.3

8 Per capita assets ($ Thou.) 24.6 22.9 44.3 76.9 223.2 34.0 1.6 14.5 19.7 27.6 974.5

9 Assets to GDP ratio (%) 65.0 57.0 78.5 89.9 231.9 48.0 0.2 45.3 59.8 77.3 1154.7

1 Share of agricultural loans (%) 5.7 5.6 1.2 1.1 0.7 9.5 0.0 0.3 1.2 6.2 78.9

2 Share of commercial and industrial loans (%) 14.9 16.0 18.0 18.6 18.1 5.0 0.7 11.6 14.7 17.8 54.4

3 Share of commercial and industrial loans below $1 mio (%) 6.7 6.5 4.3 4.0 3.4 3.8 0.0 4.2 5.9 8.4 47.3

4 Share of real estate loans (%) 66.6 64.6 62.1 60.0 52.9 11.7 1.4 60.1 68.2 74.4 92.0

5 Non-interest income to asset ratio (%) 1.1 1.3 1.5 1.6 1.7 0.8 -1.8 0.8 1.1 1.4 31.0

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.6 9.6 9.1 8.9 9.1 1.4 0.4 8.8 9.3 10.1 22.5

3 Efficiency Ratio (%) (3) 67.7 65.5 66.7 66.2 63.9 21.0 -59.2 61.4 65.9 70.5 745.1

4 Pretax Return on Assets (%) 1.0 1.2 1.0 1.1 1.3 0.8 -5.6 0.8 1.1 1.4 21.9

5 Net Interest Margin (%) 3.9 3.9 3.6 3.5 3.6 0.6 1.9 3.6 3.8 4.1 19.9

6 Non-performing assets ratio (%) 2.9 2.7 2.9 2.9 2.6 2.1 0.0 1.6 2.5 3.5 21.3

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max
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Business model
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Notes:

mean (1)
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Summary statistics: 2012

Variable simple land pop. GDP asset

1 Number of banks 8.6 8.2 31.5 37.5 42.4 9.0 1.0 3.0 6.0 10.0 139.0

2 Number of counties a bank operates in (2) 3.9 n.a. n.a. n.a. n.a. 21.2 1.0 1.0 2.0 3.0 927.0

3 Share of the largest bank by assets (%) 43.3 46.9 30.6 31.8 40.0 20.6 10.7 28.1 38.0 52.8 100.0

4 Share of community banks by assets (%) 56.5 49.0 25.1 21.2 13.9 33.5 0.0 27.1 58.1 88.9 100.0

5 Share of top 5 US banks by assets (%) 13.3 27.1 34.8 38.8 43.6 19.5 0.0 0.0 0.0 21.8 100.0

6 Per capita deposits ($ Thou.) 19.4 17.4 28.3 46.3 212.2 35.8 1.0 11.3 15.6 21.7 1708.5

7 Deposits to GDP ratio (%) 50.2 42.1 49.6 55.3 226.0 46.4 0.2 34.0 45.6 60.8 1992.4

8 Per capita assets ($ Thou.) 26.5 23.9 45.7 83.2 496.9 93.2 1.4 14.5 19.8 28.2 4875.6

9 Assets to GDP ratio (%) 66.0 56.7 75.5 89.6 522.7 112.0 0.2 44.8 59.1 77.0 5685.8

1 Share of agricultural loans (%) 5.8 5.6 1.2 1.1 0.8 9.6 0.0 0.3 1.3 6.4 78.8

2 Share of commercial and industrial loans (%) 15.4 16.5 19.0 19.7 19.3 5.3 0.6 11.9 15.2 18.5 57.0

3 Share of commercial and industrial loans below $1 mio (%) 6.6 6.4 4.1 3.9 3.3 3.8 0.4 4.0 5.8 8.2 38.1

4 Share of real estate loans (%) 65.9 64.0 60.6 58.4 50.8 11.6 0.2 59.4 67.1 73.6 91.6

5 Non-interest income to asset ratio (%) 1.2 1.4 1.6 1.6 1.8 0.8 -1.3 0.8 1.1 1.5 30.1

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.7 9.7 9.2 9.1 9.1 1.4 2.1 8.9 9.5 10.3 20.1

3 Efficiency Ratio (%) (3) 67.0 64.9 67.6 66.8 64.8 16.3 21.6 61.4 65.6 70.2 433.4

4 Pretax Return on Assets (%) 1.2 1.4 1.3 1.3 1.4 0.6 -5.1 1.0 1.3 1.5 21.9

5 Net Interest Margin (%) 3.8 3.7 3.4 3.3 3.4 0.6 1.6 3.5 3.7 4.0 19.3

6 Non-performing assets ratio (%) 2.4 2.3 2.4 2.4 2.2 1.9 0.0 1.3 2.0 2.8 24.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2013

Variable simple land pop. GDP asset

1 Number of banks 8.5 8.1 30.9 36.8 42.2 8.8 1.0 3.0 6.0 10.0 135.0

2 Number of counties a bank operates in (2) 4.0 n.a. n.a. n.a. n.a. 21.4 1.0 1.0 2.0 3.0 927.0

3 Share of the largest bank by assets (%) 43.5 46.9 30.9 32.0 39.8 20.7 11.4 28.1 38.4 53.5 100.0

4 Share of community banks by assets (%) 56.5 49.0 24.8 21.2 13.7 33.9 0.0 26.2 58.6 89.3 100.0

5 Share of top 5 US banks by assets (%) 13.3 26.9 35.3 39.3 43.9 19.5 0.0 0.0 0.0 22.1 100.0

6 Per capita deposits ($ Thou.) 19.9 18.0 29.6 48.8 249.6 41.3 0.7 11.4 15.7 22.2 2016.8

7 Deposits to GDP ratio (%) 48.8 41.4 50.2 56.3 272.1 53.0 0.2 32.8 44.7 58.3 2424.5

8 Per capita assets ($ Thou.) 26.8 24.3 46.3 84.2 551.4 100.3 0.9 14.5 19.8 28.3 5280.0

9 Assets to GDP ratio (%) 63.4 54.8 74.4 88.3 595.9 122.5 0.3 42.5 56.8 73.5 6347.3

1 Share of agricultural loans (%) 5.9 5.7 1.2 1.2 0.8 9.8 0.0 0.4 1.4 6.6 81.5

2 Share of commercial and industrial loans (%) 15.6 16.6 19.3 20.0 19.6 5.4 0.5 11.9 15.4 18.8 57.5

3 Share of commercial and industrial loans below $1 mio (%) 6.5 6.3 4.1 3.8 3.2 3.8 0.3 3.9 5.7 8.0 35.6

4 Share of real estate loans (%) 65.1 63.2 59.3 57.0 49.2 11.5 0.1 58.7 65.7 72.8 91.5

5 Non-interest income to asset ratio (%) 1.1 1.3 1.6 1.6 1.7 0.8 -2.8 0.8 1.1 1.5 35.1

1 Common Equity Tier 1 ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

2 Leverage ratio (%) 9.9 9.8 9.5 9.4 9.4 1.3 2.7 9.2 9.7 10.4 22.7

3 Efficiency Ratio (%) (3) 66.5 64.4 64.6 64.2 61.9 8.2 18.5 61.9 65.9 70.5 146.4

4 Pretax Return on Assets (%) 1.3 1.5 1.4 1.4 1.6 0.7 -3.5 1.1 1.3 1.5 26.5

5 Net Interest Margin (%) 3.6 3.6 3.3 3.2 3.3 0.6 1.5 3.3 3.6 3.8 18.3

6 Non-performing assets ratio (%) 1.8 1.8 1.8 1.8 1.6 1.4 0.0 1.0 1.5 2.2 13.2

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 
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mean (1)
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Summary statistics: 2014

Variable simple land pop. GDP asset

1 Number of banks 8.4 8.0 30.2 36.2 41.9 8.7 1.0 3.0 6.0 10.0 129.0

2 Number of counties a bank operates in (2) 4.1 n.a. n.a. n.a. n.a. 21.5 1.0 1.0 2.0 3.0 930.0

3 Share of the largest bank by assets (%) 43.9 47.3 31.0 32.3 39.9 20.9 11.8 28.3 38.8 53.8 100.0

4 Share of community banks by assets (%) 56.3 48.2 24.4 20.7 13.3 34.2 0.0 25.0 58.2 90.2 100.0

5 Share of top 5 US banks by assets (%) 12.7 25.8 34.9 39.0 44.6 19.0 0.0 0.0 0.0 21.2 100.0

6 Per capita deposits ($ Thou.) 20.5 18.7 31.5 54.1 274.4 45.1 1.6 11.6 15.9 22.5 2213.0

7 Deposits to GDP ratio (%) 48.9 41.6 50.6 57.7 279.9 54.2 0.3 32.5 44.2 59.0 2516.1

8 Per capita assets ($ Thou.) 27.7 25.2 48.6 89.8 571.7 103.8 1.8 14.7 20.3 29.0 5449.7

9 Assets to GDP ratio (%) 63.9 55.0 74.6 89.2 584.1 119.7 0.4 42.8 56.4 74.4 6196.1

1 Share of agricultural loans (%) 6.2 5.9 1.3 1.2 0.8 10.2 0.0 0.4 1.5 7.0 81.0

2 Share of commercial and industrial loans (%) 15.8 16.7 19.9 20.6 20.3 5.6 0.4 12.0 15.6 19.1 61.3

3 Share of commercial and industrial loans below $1 mio (%) 6.4 6.2 4.0 3.8 3.2 3.6 0.3 4.0 5.7 7.9 36.6

4 Share of real estate loans (%) 64.2 62.5 57.3 54.9 47.6 11.7 0.1 57.4 64.4 72.1 93.1

5 Non-interest income to asset ratio (%) 1.1 1.2 1.4 1.5 1.6 0.8 -0.1 0.8 1.0 1.3 33.3

1 Common Equity Tier 1 ratio (%) 1.7 3.0 5.0 5.7 7.4 2.4 0.0 0.0 0.5 2.9 27.2

2 Leverage ratio (%) 10.0 9.8 9.6 9.4 9.4 1.4 2.9 9.2 9.8 10.6 23.1

3 Efficiency Ratio (%) (3) 65.8 63.9 64.6 64.3 62.9 7.8 18.6 61.7 65.3 69.6 144.6

4 Pretax Return on Assets (%) 1.3 1.5 1.4 1.4 1.5 0.6 -3.0 1.1 1.3 1.5 25.4

5 Net Interest Margin (%) 3.6 3.5 3.2 3.1 3.1 0.6 0.8 3.3 3.5 3.8 18.3

6 Non-performing assets ratio (%) 1.4 1.3 1.3 1.3 1.2 1.3 0.0 0.8 1.2 1.5 13.9

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max
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Business model
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Notes:

mean (1)
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Summary statistics: 2015

Variable simple land pop. GDP asset

1 Number of banks 8.3 7.9 29.8 35.9 40.7 8.5 1.0 3.0 6.0 10.0 121.0

2 Number of counties a bank operates in (2) 4.3 n.a. n.a. n.a. n.a. 21.9 1.0 1.0 2.0 3.0 930.0

3 Share of the largest bank by assets (%) 44.0 47.3 30.7 31.5 38.5 21.0 11.8 28.5 39.0 54.2 100.0

4 Share of community banks by assets (%) 56.3 49.0 23.9 19.9 13.3 34.3 0.0 24.9 58.7 89.8 100.0

5 Share of top 5 US banks by assets (%) 12.5 25.6 34.7 38.9 43.1 19.0 0.0 0.0 0.0 20.1 100.0

6 Per capita deposits ($ Thou.) 21.1 19.4 32.9 56.8 274.8 47.2 0.3 11.8 16.4 23.3 2353.8

7 Deposits to GDP ratio (%) 50.0 43.1 51.0 58.3 274.3 55.6 0.5 33.1 44.6 60.2 2623.6

8 Per capita assets ($ Thou.) 28.3 26.0 49.4 90.3 537.3 101.2 0.4 15.1 20.9 29.8 5319.6

9 Assets to GDP ratio (%) 65.1 56.8 73.8 87.7 538.0 114.9 0.8 42.9 57.0 75.9 5929.1

1 Share of agricultural loans (%) 6.2 6.0 1.3 1.1 0.8 10.2 0.0 0.4 1.5 7.2 83.2

2 Share of commercial and industrial loans (%) 15.9 16.8 20.1 20.8 20.6 5.5 0.4 12.0 15.6 19.4 52.6

3 Share of commercial and industrial loans below $1 mio (%) 6.3 6.0 4.0 3.7 3.2 3.5 0.2 3.9 5.6 7.7 38.3

4 Share of real estate loans (%) 63.9 62.0 56.6 54.2 47.2 11.4 0.3 57.0 64.5 71.7 91.9

5 Non-interest income to asset ratio (%) 1.1 1.2 1.4 1.5 1.6 0.8 -0.3 0.8 1.1 1.3 35.4

1 Common Equity Tier 1 ratio (%) 14.6 14.3 13.1 13.0 13.3 3.8 4.2 12.2 13.4 15.9 48.0

2 Leverage ratio (%) 10.2 9.9 9.6 9.5 9.6 1.4 3.1 9.3 9.9 10.7 23.4

3 Efficiency Ratio (%) (3) 65.0 62.7 63.0 62.6 60.6 7.5 22.0 60.6 64.4 69.1 113.2

4 Pretax Return on Assets (%) 1.4 1.5 1.4 1.4 1.5 0.6 -0.7 1.2 1.4 1.6 27.0

5 Net Interest Margin (%) 3.6 3.5 3.1 3.0 3.1 0.6 1.5 3.2 3.5 3.8 18.2

6 Non-performing assets ratio (%) 1.1 1.0 1.0 1.0 1.0 1.1 0.0 0.7 0.9 1.2 11.6

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 
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Summary statistics: 2016

Variable simple land pop. GDP asset

1 Number of banks 8.3 7.8 29.4 35.7 41.2 8.5 1.0 3.0 6.0 10.0 116.0

2 Number of counties a bank operates in (2) 4.5 n.a. n.a. n.a. n.a. 22.4 1.0 1.0 2.0 3.0 928.0

3 Share of the largest bank by assets (%) 44.2 47.8 30.9 31.6 38.3 21.1 11.4 28.5 39.2 54.2 100.0

4 Share of community banks by assets (%) 55.8 48.6 23.5 19.3 13.0 34.4 0.0 24.3 58.1 89.4 100.0

5 Share of top 5 US banks by assets (%) 12.5 25.7 35.0 39.4 43.4 19.1 0.0 0.0 0.0 20.2 100.0

6 Per capita deposits ($ Thou.) 21.5 19.9 34.6 61.5 273.2 47.4 0.5 12.1 16.8 23.9 2331.7

7 Deposits to GDP ratio (%) 51.1 44.5 52.4 60.1 258.8 54.9 0.6 33.8 45.7 61.6 2526.1

8 Per capita assets ($ Thou.) 28.8 26.7 51.6 97.4 511.8 97.4 0.6 15.5 21.4 30.6 5062.6

9 Assets to GDP ratio (%) 66.5 58.6 75.3 89.7 483.5 108.2 1.0 43.8 58.3 77.7 5484.7

1 Share of agricultural loans (%) 5.9 5.7 1.2 1.0 0.7 9.6 0.0 0.3 1.5 7.0 83.0

2 Share of commercial and industrial loans (%) 15.8 16.8 20.3 21.1 20.8 5.4 0.2 11.9 15.5 19.3 47.5

3 Share of commercial and industrial loans below $1 mio (%) 6.2 5.9 3.9 3.6 3.1 3.3 0.2 3.9 5.5 7.5 38.4

4 Share of real estate loans (%) 64.3 62.1 56.4 53.9 47.3 11.1 1.4 57.5 64.8 71.9 91.9

5 Non-interest income to asset ratio (%) 1.1 1.2 1.4 1.4 1.5 0.8 0.0 0.8 1.0 1.3 25.3

1 Common Equity Tier 1 ratio (%) 14.6 14.3 13.1 13.1 13.6 3.9 5.8 12.2 13.4 15.8 52.9

2 Leverage ratio (%) 10.2 9.9 9.5 9.4 9.5 1.5 4.4 9.3 9.9 10.8 24.1

3 Efficiency Ratio (%) (3) 64.2 62.1 61.3 60.7 58.7 7.2 19.5 59.9 63.9 68.4 109.6

4 Pretax Return on Assets (%) 1.4 1.5 1.4 1.4 1.5 0.5 -1.0 1.2 1.4 1.6 19.9

5 Net Interest Margin (%) 3.6 3.5 3.1 3.1 3.1 0.6 1.7 3.2 3.5 3.8 18.6

6 Non-performing assets ratio (%) 1.0 0.9 0.9 0.9 0.9 0.9 0.0 0.6 0.9 1.1 10.9

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2017

Variable simple land pop. GDP asset

1 Number of banks 8.2 7.7 28.9 35.1 40.6 8.3 1.0 3.0 6.0 10.0 110.0

2 Number of counties a bank operates in (2) 4.6 n.a. n.a. n.a. n.a. 22.7 1.0 1.0 2.0 3.0 925.0

3 Share of the largest bank by assets (%) 44.3 47.6 30.7 31.4 37.9 21.2 11.8 28.4 39.4 54.3 100.0

4 Share of community banks by assets (%) 55.3 48.1 22.9 18.8 12.7 34.6 0.0 23.5 57.4 88.7 100.0

5 Share of top 5 US banks by assets (%) 12.0 24.8 34.5 38.8 43.0 18.6 0.0 0.0 0.0 19.3 100.0

6 Per capita deposits ($ Thou.) 22.3 20.8 36.1 65.6 313.0 53.8 0.7 12.5 17.3 24.7 2718.3

7 Deposits to GDP ratio (%) 51.2 45.1 52.8 60.6 287.1 61.9 0.5 33.6 45.6 61.0 2913.5

8 Per capita assets ($ Thou.) 29.5 27.4 53.2 102.8 577.2 106.0 0.8 15.7 21.7 31.2 5576.3

9 Assets to GDP ratio (%) 65.9 58.4 74.7 89.3 530.6 116.8 0.8 43.1 57.9 76.6 5976.9

1 Share of agricultural loans (%) 5.8 5.5 1.2 1.0 0.7 9.4 0.0 0.3 1.4 7.0 84.0

2 Share of commercial and industrial loans (%) 15.8 16.8 20.3 21.1 20.7 5.4 0.2 11.7 15.5 19.5 43.8

3 Share of commercial and industrial loans below $1 mio (%) 6.0 5.8 3.9 3.5 3.1 3.1 0.0 3.9 5.4 7.4 26.0

4 Share of real estate loans (%) 64.5 62.4 56.2 53.6 47.0 11.0 2.6 57.5 64.7 72.2 91.7

5 Non-interest income to asset ratio (%) 1.1 1.1 1.4 1.4 1.5 0.8 0.0 0.8 1.0 1.3 28.8

1 Common Equity Tier 1 ratio (%) 14.7 14.6 13.4 13.4 13.9 3.9 6.8 12.3 13.5 15.8 57.3

2 Leverage ratio (%) 10.3 10.1 9.7 9.6 9.6 1.5 5.1 9.4 10.0 10.8 25.1

3 Efficiency Ratio (%) (3) 63.4 62.4 60.9 60.3 58.2 6.8 -12.1 59.7 63.0 66.7 104.0

4 Pretax Return on Assets (%) 1.4 1.5 1.5 1.5 1.6 0.5 -3.1 1.2 1.4 1.6 21.9

5 Net Interest Margin (%) 3.6 3.5 3.2 3.2 3.3 0.6 0.8 3.3 3.6 3.9 18.8

6 Non-performing assets ratio (%) 0.9 0.8 0.8 0.7 0.7 1.0 0.0 0.6 0.7 1.0 8.4

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Summary statistics: 2018

Variable simple land pop. GDP asset

1 Number of banks 8.1 7.6 28.5 34.8 40.4 8.2 1.0 3.0 6.0 10.0 105.0

2 Number of counties a bank operates in (2) 4.8 n.a. n.a. n.a. n.a. 23.1 1.0 1.0 2.0 3.0 908.0

3 Share of the largest bank by assets (%) 44.6 47.7 30.7 31.3 37.7 21.4 11.8 28.7 39.5 54.4 100.0

4 Share of community banks by assets (%) 54.9 48.2 22.6 18.7 12.6 34.9 0.0 22.3 56.7 88.8 100.0

5 Share of top 5 US banks by assets (%) 11.7 24.2 33.8 38.1 42.1 18.3 0.0 0.0 0.0 18.7 100.0

6 Per capita deposits ($ Thou.) 22.8 20.8 37.3 67.4 344.5 59.1 1.0 12.8 17.6 25.1 3039.8

7 Deposits to GDP ratio (%) 50.0 43.3 52.1 59.6 302.7 63.0 0.5 32.9 44.4 59.8 3040.8

8 Per capita assets ($ Thou.) 30.1 27.3 54.5 104.9 625.2 113.7 1.1 16.1 22.1 31.8 6030.6

9 Assets to GDP ratio (%) 64.3 55.9 73.4 87.3 549.2 117.0 0.7 41.8 56.5 75.2 6032.7

1 Share of agricultural loans (%) 5.7 5.5 1.1 1.0 0.7 9.2 0.0 0.3 1.4 6.8 82.7

2 Share of commercial and industrial loans (%) 16.4 17.4 21.1 21.8 21.3 5.7 0.3 12.1 15.9 20.3 46.8

3 Share of commercial and industrial loans below $1 mio (%) 6.0 5.8 3.8 3.5 3.1 3.1 0.3 3.9 5.4 7.3 25.6

4 Share of real estate loans (%) 64.1 62.0 55.4 52.7 45.9 11.1 3.5 56.5 64.3 72.1 91.6

5 Non-interest income to asset ratio (%) 1.0 1.1 1.3 1.4 1.5 0.6 -0.1 0.7 1.0 1.3 25.2

1 Common Equity Tier 1 ratio (%) 14.7 14.7 13.3 13.3 13.8 4.0 7.8 12.4 13.5 15.8 54.5

2 Leverage ratio (%) 10.5 10.3 9.7 9.6 9.7 1.5 5.8 9.5 10.1 11.0 24.8

3 Efficiency Ratio (%) (3) 61.6 60.8 58.7 58.1 56.1 6.6 22.5 57.5 61.0 65.3 108.8

4 Pretax Return on Assets (%) 1.5 1.6 1.6 1.6 1.7 0.5 -3.4 1.4 1.6 1.7 21.1

5 Net Interest Margin (%) 3.8 3.7 3.4 3.3 3.4 0.6 2.1 3.5 3.7 4.0 19.0

6 Non-performing assets ratio (%) 0.8 0.7 0.6 0.6 0.6 0.8 0.0 0.5 0.6 0.9 9.0

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75

Summary statistics: 2019

Variable simple land pop. GDP asset

1 Number of banks 8.0 7.6 28.2 34.5 40.2 8.2 1.0 3.0 6.0 10.0 104.0

2 Number of counties a bank operates in (2) 4.9 n.a. n.a. n.a. n.a. 23.3 1.0 1.0 2.0 4.0 870.0

3 Share of the largest bank by assets (%) 45.1 48.1 31.0 31.5 38.0 21.5 11.5 28.9 40.1 55.0 100.0

4 Share of community banks by assets (%) 54.4 48.1 21.9 18.0 11.9 35.1 0.0 21.6 56.3 88.7 100.0

5 Share of top 5 US banks by assets (%) 11.2 23.5 33.2 37.6 42.1 17.9 0.0 0.0 0.0 17.5 100.0

6 Per capita deposits ($ Thou.) 23.5 21.3 38.7 70.0 389.2 66.2 0.9 13.1 18.1 25.6 3456.0

7 Deposits to GDP ratio (%) 49.3 42.5 52.0 59.7 334.7 68.1 0.6 32.2 44.0 58.4 3351.9

8 Per capita assets ($ Thou.) 31.1 28.0 56.4 109.1 698.3 124.4 1.1 16.6 22.8 32.9 6664.0

9 Assets to GDP ratio (%) 63.8 55.3 73.2 87.2 597.9 124.8 0.8 41.5 56.2 73.8 6463.4

1 Share of agricultural loans (%) 5.5 5.3 1.1 0.9 0.6 9.0 0.0 0.3 1.4 6.4 75.4

2 Share of commercial and industrial loans (%) 16.4 17.1 20.7 21.3 20.8 5.7 0.2 12.2 15.9 20.1 44.9

3 Share of commercial and industrial loans below $1 mio (%) 5.9 5.7 3.9 3.6 3.1 3.1 0.2 3.8 5.4 7.2 29.5

4 Share of real estate loans (%) 63.9 62.0 54.6 51.9 45.3 11.3 3.7 56.2 64.2 72.1 91.9

5 Non-interest income to asset ratio (%) 14.8 14.8 13.4 13.4 13.8 0.8 -0.1 0.8 1.0 1.3 29.0

1 Common Equity Tier 1 ratio (%) 10.7 10.4 9.9 9.8 9.7 4.0 4.8 12.5 13.6 15.8 56.2

2 Leverage ratio (%) 61.8 61.2 58.8 58.2 56.5 1.6 3.8 9.7 10.4 11.3 25.7

3 Efficiency Ratio (%) (3) 1.5 1.5 1.6 1.6 1.6 6.5 21.2 57.9 61.2 65.2 116.6

4 Pretax Return on Assets (%) 3.7 3.7 3.4 3.3 3.3 0.5 -3.9 1.4 1.5 1.7 24.0

5 Net Interest Margin (%) 1.0 1.1 1.3 1.4 1.5 0.6 1.1 3.4 3.7 4.0 18.8

6 Non-performing assets ratio (%) 0.8 0.7 0.6 0.6 0.5 0.7 0.0 0.5 0.6 0.8 10.4

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

Notes:

Structure

Business model

Performance

mean (1)
sd min p25 p50 p75 max
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Summary statistics: 2020

Variable simple land pop. GDP asset

1 Number of banks 8.0 7.6 n.a. n.a. 40.7 8.2 1.0 3.0 6.0 10.0 106.0

2 Number of counties a bank operates in (2) 5.1 n.a. n.a. n.a. 23.7 1.0 1.0 2.0 4.0 857.0

3 Share of the largest bank by assets (%) 45.5 48.4 n.a. n.a. 41.2 21.8 12.0 29.4 40.2 56.0 100.0

4 Share of community banks by assets (%) 54.3 48.3 n.a. n.a. 11.6 35.0 0.0 21.7 56.1 88.3 100.0

5 Share of top 5 US banks by assets (%) 10.8 22.7 n.a. n.a. 42.3 17.6 0.0 0.0 0.0 16.4 100.0

6 Per capita deposits ($ Thou.) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

7 Deposits to GDP ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

8 Per capita assets ($ Thou.) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

9 Assets to GDP ratio (%) n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a. n.a.

1 Share of agricultural loans (%) 4.9 4.7 n.a. n.a. 0.5 8.3 0.0 0.3 1.2 5.6 72.4

2 Share of commercial and industrial loans (%) 19.3 20.1 n.a. n.a. 21.9 5.8 0.9 15.3 19.1 22.9 51.4

3 Share of commercial and industrial loans below $1 mio (%) 8.2 8.1 n.a. n.a. 4.5 3.3 0.5 5.9 7.6 9.5 33.1

4 Share of real estate loans (%) 62.1 60.1 n.a. n.a. 43.8 10.7 4.9 54.6 62.4 69.8 90.7

5 Non-interest income to asset ratio (%) 1.1 1.1 n.a. n.a. 1.4 0.9 -0.2 0.7 1.0 1.2 21.1

1 Common Equity Tier 1 ratio (%) 11.7 12.2 n.a. n.a. 14.0 4.4 0.3 9.6 12.1 13.6 45.8

2 Leverage ratio (%) 9.8 9.6 n.a. n.a. 8.8 1.5 5.5 8.8 9.4 10.3 28.9

3 Efficiency Ratio (%) (3) 62.6 63.3 n.a. n.a. 59.8 6.6 28.1 59.1 62.1 65.7 131.1

4 Pretax Return on Assets (%) 1.1 1.0 n.a. n.a. 0.9 0.6 -5.5 0.9 1.2 1.4 17.9

5 Net Interest Margin (%) 3.4 3.3 n.a. n.a. 2.8 0.5 0.6 3.1 3.4 3.6 16.7

6 Non-performing assets ratio (%) 0.7 0.7 n.a. n.a. 0.6 0.7 0.0 0.4 0.6 0.8 11.5

(1) Cross-county mean; respectively, unweighted and weighted by land, population,  GDP and bank assets.
(2) Mean and distribution for this indicator are calculated across banks, not across counties.
(3) Noninterest expense less amortization of intangible assets in percent of net interest income plus noninterest income. 

max

Structure

Business model

Performance

Notes:

mean (1)
sd min p25 p50 p75
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Annex 2 - Summay statistics (time charts) 

I. Structure 

 

Note: Mean_simple is unweighted mean across counties. Mean_land, Mean_pop, Mean_gdp and Mean_asset are means 
weighted by land, population, GDP and bank assets respectively. 

 

Note: Mean and distribution for this indicator are calculated across banks, not across counties. All other indicators are 
calculated across counties.  
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II. Business models 
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Note: Data for this indicator is available from 1993 onwards.  
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III. Performance 

 

 

Note: Data for common equity tier 1 ratio is not available prior to 2014, and not available for CBLR-electing institutions 
starting in 2020. 
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Annex 3 - Distribution across counties for the years 1990, 2000, 2010, 2019  
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Figure C1: Number of banks  

 
Note: This figure illustrates the number of banks in different counties and its distribution in 1990, 2000, 2010 and 2019. Brackets for the maps 

are based on quintiles in the year 2005. A darker area represents a larger number of banks in one particular county. The histogram represents 

the fraction of counties that fall into the range of one bar (width is equal to 3, starting at value 1). Outliers (<1%-percentile or >99%-percentile 

using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C2: Number of counties a bank operates in 

 
 

 
 
Note: This figure illustrates the distribution of the number of counties one specific banks operates in for the years 1990, 2000, 2010 and 2019. 

The histogram represents the fraction of banks that fall into the range of one bar (width is equal to 2, starting at value 0, implying that the first 

bar represents the fraction of banks that operate in 1 county, the second bar represent the fraction of banks that operate in 2 or3 counties 

etc.). Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a 

dynamic representation of the maps and histograms for all years. 
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Figure C3: Share of the largest bank by assets (%)  

 

 

 

 
Note: This figure illustrates the share of the largest bank by assets in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents a larger share of the largest bank by assets in one particular 

county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to 4.21%, starting at value 15.86%). 

Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a 

dynamic representation of the maps and histograms for all years.  
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Figure C4: Share of community banks by assets (%) 

 

 

 

 
Note: This figure illustrates the share of community banks by assets in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents a larger share of community banks by assets in one particular 

county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to 5%, starting at value 0%). Please 

see the Online Appendix for a dynamic representation of the maps and histograms for all years.  
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Figure C5: Share of top 5 US banks by assets (%) 

 

 

 

 
Note: This figure illustrates the share of the 5 largest US banks by assets in each county and its distribution in 1990, 2000, 2010 and 2019. A 

darker area represents a larger share in one particular county. The composition of this group changes over time, being defined by the 5 largest 

banks by assets each year. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to 5%, starting 

at value 0%). Please see the Online Appendix for a dynamic representation of the maps and histograms for all years.  
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Figure C6: Per capita deposits ($ Thou.) 

 
Note: This figure illustrates the average per capita deposits (in $ Thousands) in each county and its distribution in 1990, 2000, 2010 and 2019. 

Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger average per capita deposits in one particular 

county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to $2.54 Thou., starting at value 

$2.74 Thou.). Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online 

Appendix for a dynamic representation of the maps and histograms for all years.  
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Figure C7: Deposits to GDP ratio (%) 

 
Note: This figure illustrates the average bank deposits to GDP ratios in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents larger ratio in one particular county. The histogram represents 

the fraction of counties that fall into the range of one bar (width is equal to 8.08%., starting at value 6.89%). Outliers (<1%-percentile or >99%-

percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C8: Per capita assets ($ Thou.) 

 
Note: This figure illustrates the average per capita assets (in $ Thousands) in each county and its distribution in 1990, 2000, 2010 and 2019. 

Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger average per capita assets in one particular 

county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to $3.61 Thou., starting at value 

$3.54 Thou.). Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online 

Appendix for a dynamic representation of the maps and histograms for all years.  
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Figure C9: Assets to GDP ratio (%) 

 
Note: This figure illustrates the average bank assets to GDP ratios in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents larger ratio in one particular county. The histogram represents 

the fraction of counties that fall into the range of one bar (width is equal to 10.57%., starting at value 9.13%). Outliers (<1%-percentile or 

>99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the 

maps and histograms for all years.  
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Figure C10: Share of agricultural loans (%) 

 
Note: This figure illustrates the share of agricultural loans in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets for the 

maps are based on quintiles in the year 2005. A darker area represents a larger share in one particular county. The histogram represents the 

fraction of counties that fall into the range of one bar (width is equal to 2.62%, starting at value 0%). Outliers (<1%-percentile or >99%-

percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C11: Share of commercial and industrial loans (%) 

 
Note: This figure illustrates the share of commercial and industrial loans in each county and its distribution in 1990, 2000, 2010 and 2019. 

Brackets for the maps are based on quintiles in the year 2005. A darker area represents a larger share in one particular county. The histogram 

represents the fraction of counties that fall into the range of one bar (width is equal to 1.43%, starting at value 4.35%). Outliers (<1%-

percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic 

representation of the maps and histograms for all years.  
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Figure C12: Share of commercial and industrial loans below $1 mio (%) 

 
Note: This figure illustrates the share of commercial and industrial loans below $1 mio. in each county and its distribution in 1993, 2000, 2010 

and 2019. Data prior 1993 are not available. Brackets for the maps are based on quintiles in the year 2005. A darker area represents a larger 

share in one particular county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to 2%, 

starting at value 0%). Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online 

Appendix for a dynamic representation of the maps and histograms for all years.  
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Figure C13: Share of real estate loans (%) 

 
Note: This figure illustrates the share of real estate loans in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets for the 

maps are based on quintiles in the year 2005. A darker area represents a larger share in one particular county. The histogram represents the 

fraction of counties that fall into the range of one bar (width is equal to 3.34%, starting at value 19.67%). Outliers (<1%-percentile or >99%-

percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C14: Non-interest income to asset ratio (%) 

 
Note: This figure illustrates the non-interest income to asset ratios in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents a larger ratio in one particular county. The histogram represents 

the fraction of counties that fall into the range of one bar (width is equal to 0.14%, starting at value 0.27%). Outliers (<1%-percentile or >99%-

percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C15: Common Equity Tier 1 ratio (%) 

 
Note: This figure illustrates the Common Equity Tier 1 ratio across banks in each county and its distribution in 2014, 2015, 2017 and 2019. Data 

prior 2014 is not available. Brackets for the maps are based on quintiles in the year 2015. A darker area represents larger ratio in one particular 

county. The histogram represents the fraction of counties that fall into the range of one bar (width is equal to 1.47%, starting at value 0%). 

Outliers (<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a 

dynamic representation of the maps and histograms for all years.  
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Figure C16: Leverage ratio (%) 

 
Note: This figure illustrates the average (inverted) Leverage ratio across banks in each county and its distribution in 1990, 2000, 2010 and 

2019. Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger ratio in one particular county. The 

histogram represents the fraction of counties that fall into the range of one bar (width is equal to 0.48%, starting at value 5.75%). Outliers 

(<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic 

representation of the maps and histograms for all years.  
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Figure C17: Efficiency Ratio (%) 

 
Note: This figure illustrates the average efficiency ratio across banks in each county and its distribution in 1990, 2000, 2010 and 2019. Brackets 

for the maps are based on quintiles in the year 2005. A darker area represents larger ratio in one particular county. The histogram represents 

the fraction of counties that fall into the range of one bar (width is equal to 2.19%, starting at value 44.77%). Outliers (<1%-percentile or >99%-

percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic representation of the maps and 

histograms for all years.  
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Figure C18: Pretax Return on Assets (%) 

 
Note: This figure illustrates the average pretax return on assets across banks in each county and its distribution in 1990, 2000, 2010 and 2019. 

Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger pretax return in one particular county. The 

histogram represents the fraction of counties that fall into the range of one bar (width is equal to 0.19%, starting at value -0.99%). Outliers 

(<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic 

representation of the maps and histograms for all years.  
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Figure C19: Net Interest Margin (%) 

 
Note: This figure illustrates the average net interest margin across banks in each county and its distribution in 1990, 2000, 2010 and 2019. 

Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger margin in one particular county. The histogram 

represents the fraction of counties that fall into the range of one bar (width is equal to 0.16%, starting at value 2.66%). Outliers (<1%-

percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic 

representation of the maps and histograms for all years.  
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Figure C20: Non-performing assets ratio (%) 

 
Note: This figure illustrates the average non-performing assets ratio across banks in each county and its distribution in 1990, 2000, 2010 and 

2019. Brackets for the maps are based on quintiles in the year 2005. A darker area represents larger ratio in one particular county. The 

histogram represents the fraction of counties that fall into the range of one bar (width is equal to 0.35%, starting at value 0.08%). Outliers 

(<1%-percentile or >99%-percentile using all data points) are excluded for the histograms. Please see the Online Appendix for a dynamic 

representation of the maps and histograms for all years.



Annex 4 – Example of potential disaggregation bias 

If deposit/asset ratios differ across banks, the distribution of deposits leads to a biased estimate of the 

characteristics of the bank asset mix. Intuitively, banks with a low deposit/asset ratio are 

underrepresented in the counties where they operate. 

For example, suppose for simplicity there are two banks (1 and 2) operating in two counties (A and B). 

The data are as follows:  

Bank County Deposit Total bank asset 

1 A 100 500 (total assets of 1 held in both A and B) 

1 B 100 500 (total assets of 1 held in both A and B) 

2 A 200 600 (total assets of 2 held in both A and B) 

2 B 400 600 (total assets of 2 held in both A and B) 

 

Let D be the matrix whose cell Dij contains share of deposits of bank j collected in county i. The rows of A 

contain the deposit shares in the given county, and sum to one. In our example,  

𝐷 = [

1

3

2

3
1

5

4

5

] 

Let A be the corresponding matrix, calculated using the estimated assets obtained by solving equations 

(1) to (4). In our example, 

𝐴 = [

250

450

200

450
250

650

400

650

] = [

5

9

4

9
5

13

8

13

] 

Comparing the two matrices one sees that bank 2 receives a larger weight in D relatively to A, because its 

deposit ratio is higher. This introduces a bias in the estimate of county-level characteristics which depend 

on asset size. Suppose for example that bank 1 has a ratio of non-performing assets equal to 4%, while 

bank 2 has a ratio of non-performing assets equal to 10%, both distributed uniformly across the two 

regions. Using D, one obtains the following estimates of average county-level non-performing asset ratios: 

County A: 14.67%, County B: 16.8%. Using A, one obtains the correct values: County A: 11.11%; County B: 

13.85%.  
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