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Abstracts 

As of the end of May 2021, more than 170 million people worldwide were infected with COVID-

19, with the total death toll exceeding 3.7 million. The COVID-19 pandemic and the demand for 

physical distancing and social isolation have highlighted digital financial services (DFS) as a typical 

solution for getting the basic services we need in our daily lives. Thus, to understand the behavior 

of people using digital financial services during a pandemic, in particular in developing countries, 

we used the UTAUT model, expanding it with two constructions: fear of COVID-19 as a moderator 

and social isolation as a direct determinant for behaviour intention. A survey method is used, in 

which primary data is collected through survey platforms and social networks from people from 

developing countries, more than 400 participants aged 18 and over. This study uses structural 

equation modeling (SEM) to test our constructs and hypotheses, analyze relationships, and 

determine the overall fit of the model. The study used factor analysis (EFA, CFA) and covariance-

based SEM. As a result, we found that all UTAUT constructs and social isolation positively 

influence behavioral intent and actual use of DFS during a pandemic. Testing the moderating role 

of COVID fear for other constructs plays a positive role, with the exception of the relationship 

between expected performance and behavior intensity and the relationship between behavioral 

intent and actual use. 

 

Keywords: Behaviour study, UTAUT model, structural equation modeling (SEM), digital financial 

service (DFS), social isolation, COVID-19 pandemic. 
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1. Introduction 

In early 2020, the world was confronted with one of the new infectious diseases called 

coronavirus disease (COVID-19), which came from Wuhan, China. This coronavirus differs little 

from the previously known coronavirus diseases, Severe Acute Respiratory Syndrome (SARS / 2003) 

and Middle East Respiratory Syndrome (MERS / 2012). All of these coronaviruses cause severe 

respiratory infections, are zoonotic pathogens that appear in infected animals and are transmitted from 

animal to person. However, COVID-19 is considered the most dangerous among them, as it is easily 

transmitted from person to person, badly affecting the respiratory system of people and health in 

general. 

According to World Health Organization (WHO) report, more than 170 million people 

worldwide were infected with COVID-19 at the end of May 2021, and the total death toll exceeded 

3.7 million. Consequently, highly infectious diseases with high mortality rates can increase fear 

among people for the risk of being infected. There is current evidence that the infection spreads 

between people directly and indirectly, or close contact through the mouth and nose secretions from 

infected people. Hence, concerns about COVID-19 focus on interactions with people who may be 

cause for infection with the disease, which naturally raises fears (Ahorsu et al., 2020). 

The physical distancing policy promoted by the World Health Organization (WHO) strongly 

recommends that people avoid crowded places, be isolated and engage in non-contact activities 

during a pandemic. Governments are changing strategies and policies to combat and overcome this 

disease. The most effective tools for dealing with infectious disease outbreaks are isolation, 

quarantine and social distancing (Wilder-Smith & Freedman, 2020) 

The COVID-19 pandemic and the demand for physical distancing and social isolation have 

highlighted digital financial services (DFS) as a typical solution for getting the basic services we need 

in our daily lives. As an example, DFS provides social distancing and enables governments to 

disburse funds rapidly and productively to those in need, and allows many households and businesses 

to easily access payments and other traditional financial services remotely (Agur et al., 2020). 

Furthermore, DFS has tremendous potential to offer a variety of smart, convenient and secure 

financial services to low-income people through technological innovations such as digital platforms 

and e-money solutions. Also, DFS enables people without bank accounts to digitally access financial 

services (Rana et. al, 2019). 

Moreover, widespread use of DFS can help increase financial inclusion and can also impact 

poverty reduction, especially in developing countries. Previous studies on poverty indicate that one 

way to reduce poverty in emerging economies is to widely access to formal financial services to all 

members of society, which means financial inclusion (Burgess & Pande, 2005; Chibba, 2009; Sharma 

et al., 2014; Park & Mercado, 2015; Ozili, 2018; Omar & Inaba 2020). 

In addition, due to fear of COVID-19 and caring for their own families, people stay at home, 

maintaining social isolation and physical distancing. This pandemic has changed the way people live, 

remote working and distance learning are widely used, and the online community in general has 

grown. Also access to formal financial services could expand globally. 

Therefore, in order to understand human behavior on usage of digital financial services during 

a pandemic, in particular in emerging economies, we set these objectives: 1) to determine the human 

behavior in the adoption of digital financial services in a pandemic in developing countries; 2) to 



explore the impact of social isolation on behavioral intentions in digital financial services in 

developing countries; 3) to determine the impact of COVID-19, in particular fear of COVID-19, on 

model constructs and behavioral intent with actual use of digital financial services in developing 

countries.  

This study uses a questionnaire method, in which primary data is collected through survey 

platforms and social networks from people from developing countries, more than 400 participants 

aged 18 and over. As a research model, there is used the unified theory of acceptance and use 

technology (UTAUT) model, which is as of now the most broadly utilized model of technology 

adoption, which incorporates three constructs of behaviour intention to use (performance expectancy, 

effort expectancy, and social influence) and two constructs of usage behaviour (intention and 

facilitating condition) by extending with other two factors, the fear of COVID-19 as a moderator and 

social isolation as a one factor of behaviour intention to use of digital financial services. All elements 

intended for structural measurement in this study is taken from previously validated instruments. 

The study uses structural equation modeling (SEM) to test new factors and proposed hypotheses 

and analyze relationships. Also, exploratory and confirmatory factor analysis (EFA, CFA) approaches 

are used to analyze and verify the general consistency of the UTAUT model. The study uses RStudio 

(R) and Jupyter Notebook (Python) as analytical tools for data analysis, hypothesis testing and path 

analysis. 

The research outcomes may be useful for policy makers to encourage the digital financial 

services during the pandemic as part of strategic solutions, because while COVID-19 vaccination is 

under development, fear of COVID-19 and social isolation will continue to work. 

The study is organized as follows. Beginning with a review of previous studies in Section 2. 

Next, research methodology and data analysis in Section 3. Then, the results of the analysis in Section 

4. After that, the discussion in Section 5. And finally, the conclusion in Section 6. 

2. Literature review 

2.1 COVID-19 and Digital Financial Services 

The COVID-19 pandemic has affected everything from simple lifestyles to global economic 

growth. There is no country where the coronavirus is not found. The pandemic shows not only the 

real situation with medical preparedness in the country, but also opens up real gaps in any industry, 

including the financial sector. Kasradze (2020) shows that the pandemic had a negative impact on the 

financial sector, but it had a positive impact on remote services, as people actively use digital financial 

services due to the high risk of the virus spreading.  

According to Machasio (2020), while COVID-19 is generally negative, it has great potential to 

leverage the scale of mobile phone ownership and Internet access to spur technological innovation in 

the financial sector. Agur et al. (2020) mentioned that digital financial services provide social 

distancing and enables governments to disburse funds rapidly and productively to those in need, and 

allows many households and businesses to easily access payments and other traditional financial 

services remotely. Ayadi & Shaban (2020) proposed as a policy recommendation during the 

pandemic to promote greater use of mobile wallets, raise digital awareness, and increase digital 

financial literacy to drive the adoption of mobile and digital financial services in country. 



Thus, the pandemic is likely to bring about significant changes in the provision of financial 

services, primarily an increase in the use of traditional financial services through digital channels 

such as the Internet or mobile phones. 

2.2 Theoretical background 

There are several theoretical models explaining the adoption and use of technology, mostly 

based on theories of psychology and sociology. Venkatesh et. al (2003) analyzed eight theories and 

models of technology use, resulting in a new unified theory of technology adoption and use (UTAUT) 

model. The main reason for the development this model was to explore a common view of 

information technology. In a longitudinal study, the study found that the model explains 70% of the 

differences in behavioral intent to use technology and 50% of actual use. According to Dečman (2015), 

the UTAUT theory is viewed by researchers as a well-developed, updated, and relevant theory of 

technology adoption as it aligns with existing recognized technology adoption theories.  

According to this theory, there are three direct constructs of behavioral intention such as 

performance expectancy, effort expectancy, social influence, and two direct constructs of use 

behavior: facilitating conditions and behavioral intention. The model has also four moderate variables, 

such as gender, age, experience, and voluntary use. (Figure 1.) 

 

Figure 1. Conceptual framework - UTAUT model 

There are many cases of using the UTAUT model in similar studies. Raza et al. (2019) indicated 

that all variables, with the exception of social influence, have a significant positive effect on 

behavioral intention that leads to actual use mobile banking (M-Banking) in Islamic banks in Pakistan. 

A similar finding by Daka & Phiri (2019) is that, in addition to social inclusion, other elements of the 

model have a significant impact on the adoption of e-banking. Raza et al. (2020) tested the intention 

and use hypothesis of learning management systems and demonstration that a positive relationship 

between UTAUT model constructs and fear of COVID reduces social impact and behavioral 

intentions. 



2.3 Development of hypotheses 

There are several studies on the adoption of M-Banking, mobile payments and / or mobile 

financial services (MFS) that used the UTAUT model. Essentially, MFS or M-Banking are only one 

side of DFS where mobile devices and/or the Internet are used to achieve financial objectives. 

However, DFS can be used also other digital channels such as near field communication (NFC), QR 

codes, biometric technologies, ATMs, portable POS terminals (debit card payments) or using other 

smart devices such as smart watches, smart bracelets, smart speakers (Amazon Echo) etc. Thus, the 

study develops hypotheses based on the determinants of UTAUT model for adapting DFS in a 

pandemic. 

2.3.1 Performance Expectancy 

Performance Expectancy (PE) is the degree to which a person believes that using a system will 

help him or her to attain gains in job performance (Venkatesh et al, 2003). In our study, PE is seen as 

convincing users of the effectiveness of using DFS to achieve their financial goals. Previous studies 

have shown that performance expectancy (PE) is a vital prerequisite for user adoption of M-Banking 

(Sarfaraz, 2017; Raza et al., 2019; Purwanto & Loisa, 2020), internet banking services (Daka & Phiri, 

2019), and mobile payments (Abrahão et al., 2016; Patil et al., 2020). These studies have shown that 

the impact of PE on behavior and intentions to use financial services remotely is positively significant. 

Thus, the existing literature shows that convincing people to use DFS will increase their productivity 

by making it easier to achieve financial objectives and tasks. Therefore, based on these studies, the 

following hypothesis is proposed: 

H1: Performance Expectancy (PE) = “+” => Behavior Intention of DFS. 

 

2.3.2 Effort Expectancy 

According to Venkatesh et al. (2003), Effort Expectancy (EE) is the degree of ease of use of 

the system. This is a vital factor in technology adoption because people put so much effort into using 

it. In our study, EE is understood as the ease of use of DFS. Studies in mobile banking illustrated that 

a user's EE plays an important role in predicting his / her intent to use mobile financial services in 

developing countries (Sarfaraz, 2017; Raza et al., 2019; Purwanto & Loisa, 2020). Similar findings 

were found in studies of digital / mobile payments, where the impact of EE on behavior intentions to 

use non-cash payments is positively significant (Abrahão et al., 2016; Sivathanu 2019; Patil et al., 

2020). Thus, it is assumed that people believe that using DFS does not require a lot of effort, leading 

to a higher intent for human behavior. Therefore, based on a literature review, the study put forward 

the following hypothesis: 

H2: Effort Expectancy (EE) = “+” => Behavior Intention of DFS. 

 

2.3.3 Social Influence 

Venkatesh et al. (2003) defined Social Influence (SI) as the degree to which a person realizes 

how important others think he or she should use a novel system. That is, it is a reflection of the views 

of family members, friends and colleagues regarding the use of technology on the behavioral 

intentions of a person in a social environment. In our study, SI is viewed as the degree to which a 



person is encouraged by others (such as family members, friends, and colleagues) to use DFS for 

financial activities. While studies in mobile banking show that the impact of SI on the behaviour 

intension of M-Banking adoption is insignificant, other studies (cashless payments) have shown that 

there is a positively significant relationship (Abrahão et al., 2016; Sivathanu 2019; Patil et al. 2020). 

Similar results were found in internet banking studies (AbuShanab & Pearson, 2007; Martins et al. 

2014; Rahi et al. 2018), which showed that the impact of SI on behavioral intent in relation to internet 

banking was positively significant. Therefore, based on these studies, we assume that SI can 

positively influence behavioral intent to use DFS, and make the following hypothesis: 

H3: Social Influence (SI) = “+” => Behavior Intention of DFS. 

2.3.4 Facilitating Conditions 

Venkatesh et al. (2003) explained Facilitating Conditions (FC) as having adequate support and 

resources for the proper use of technology. In our study, FC refers to the degree to which a person 

believes there is an organizational and technical infrastructure to support the use of DFS. Previous 

research has shown that the actual use of financial services remotely must be maintained and 

supported by the supply side, such as technical infrastructure, as without them the demand factors 

would not be covered. Thus, FC can be seen as a basic condition and as an important factor for the 

actual use of mobile banking and mobile payments (Rahi et al. 2018; Raza et al. 2019; Sivathanu 

2019; Patil et al. 2020). Similar results in the MFS study show that FC has a positive influence on use 

behavior of MFS in Tanzania (Rahman et.al, 2020). In fact, there are found opposite results, a study 

by Martin et al. (2014) showed that the FC factor is not statistically significant for a direct relationship 

between FC and the behavior of Internet banking services in Portugal. Therefore, based on previous 

research on MFS and M-Banking, we assume that the direct effect of FC on use behavior of DFS is 

positively significant, and develop the following hypothesis: 

H4: Facilitating Conditions (FC) = “+” => Use Behavior of DFS. 

2.3.5 Social Isolation 

According to Gierveld et al. (2016), Social isolation (Iso) is the absence of a person or a small 

number of meaningful connections with other people, which makes them socially isolated. In our 

study, Iso is understood as the degree to which people reduce their frequency of contact and increase 

their physical distance from others. The pandemic has forced the entire world to isolate itself and 

drastically reduce public gatherings, encouraging social distancing as it is necessary to eradicate the 

spread of COVID-19 in society. There are several studies on physical distancing and social isolation, 

in particular on the pandemic. Raza et al. (2020) showed that the extended Iso construct in the 

UTAUT model has a positive and significant relationship with behavioral intent and learning 

management systems. Marston et al. (2020) showed that during social inclusion in UK, the number 

of Internet users increases and the Internet becomes a lifeline, allowing you to perform everyday 

activities (e.g. internet banking, online shopping), as well as maintain social connections with friends 

and family. Similar results from Stockwell et al. (2020) showed that there is a strong link between 

social isolation and all online activity. Therefore, based on previous research, we assume that the 

impact of social isolation on behavioral intention of using DFS is highly correlated and positively 

significant, so we develop the following hypothesis: 

H5: Social Isolation (Iso) = “+” => Behavior Intention of DFS. 



2.3.6 Behavioral Intention 

According to Huang & Kao (2015), Behavioral Intention (BI) refers to the degree to which a 

person chooses to use or not use electronic mobile technology in his/her daily activities. In our study, 

BI refers to the degree to which individuals are willing to agree to use DFS to carry out their financial 

activities. Many previous researchers have found that behavioral intent plays an important role in 

actual use of MFS and M-Banking. As Malik (2020) illustrated, all studies from 2015 to 2020 on 

adapting internet and mobile banking in developing countries showed that the impact of BI on User 

Behavior was positively significant. Similar findings by Purwanto & Loisa (2020) showed that the 

impact of BI on User Behavior is positive and significant for M-banking adoption in Indonesia. 

Therefore, based on these studies, we hypothesized that the impact of BI on the actual use of DFS is 

positive and significant, we show this as follows: 

H6: Behavioral Intention (BI) of DFS = “+” => User Behavior (US) of DFS. 

2.3.7 Fear of COVID-19 

Reisler (1944) characterized fear as an emotionally negative feeling caused by worry and 

anxiety about something in the mind. As Furedi (2007) noted, in society, fear is associated with a 

well-defined threat: fear of something (e.g. fear of death, fear of illness, fear of hunger, etc.). Because 

the threat was defined as the object of fear and what people actually feared: death, illness, hunger. 

Pakpour & Griffiths (2020) have shown that unexpected and emergency situations, such as outbreaks 

of disease, can cause fear in people, and therefore, this is one of the psychological aspects of the 

COVID-19 pandemic. According to Ahorsu et al. (2020), the COVID-19 outbreak and its aftermath 

have triggered fear, anxiety and concern among people around the world due to high infection rates 

and high mortality rates, making it one of the deadliest pandemics in history. There are several studies 

that show that a factor such as fear of COVID plays a direct moderating role with other constructs in 

research (Raza et al. 2020; Gasparro et al. 2020; Koçak et al. 2021; Ye et al. 2021). Therefore, based 

on previous research, we develop the following hypotheses to analyze the deterrent role of fear of 

COVID-19 (FoC): 

H7: Fear of COVID-19 (FoC)    the relationship between Iso and the BI of DFS. 

H8: Fear of COVID-19 (FoC)    the relationship between PE and the BI of DFS. 

H9: Fear of COVID-19 (FoC)    the relationship between EE and the BI of DFS. 

H10: Fear of COVID-19 (FoC)   the relationship between SI and the BI of DFS. 

H11: Fear of COVID-19 (FoC)   the relationship between FC and the UB of DFS. 

H12: Fear of COVID-19 (FoC)   the relationship between BI and the UB of DFS. 

  



3. Research Methodology 

3.1 Research model 

Since the original UTAUT model proposed relevant factors to determine a person's behavioral 

intention for DFS and their use behavior, based on our hypotheses, we expand two more factors: 

social isolation (Iso) as the independent variable and fear of COVID-19 (FoC) as the moderator into 

the model. (Figure 2.)  

 

 
Figure 2. Research model 

 

Constructs Meaning Role 

Performance 

Expectancy 
PE 

The degree to which people believe that the use of a particular 

technology (DFS) will facilitate their performance of certain 

activities (financial goals). 

Independent 

variable 

Effort 

Expectancy 
EE 

The degree of ease with which people can use a particular 

technology (DFS). 

Independent 

variable 

Social Influence SI 

The degree to which people are encouraged by others (i.e., family 

members, friends, and colleagues) to use a particular technology 

(DFS). 

Independent 

variable 

Facilitating 

Conditions 
FC 

The degree to which people believe there is an organizational and 

technical infrastructure to support for using a particular technology 

(DFS). 

Independent 

variable 

Social Isolation Iso 
The degree to which users reduce their frequency of contact and 

increase their physical distance from others. 

Independent 

variable 

Behavioral 

Intention of DFS 
BI 

The degree to which users are willing to agree to use DFS to meet 

their financial objectives. 

Dependent 

variable 

Use Behavior of 

DFS 
UB 

The degree to which users are continued commitment to use of a 

particular technology (DFS), usage volume (frequency) and quality 

(variety of use). 

Dependent 

variable 

Fear of  

COVID-19 
FoC 

The degree to which people believe there is a risk of contracting 

coronavirus (COVID-19) and fears getting sick. 
Moderator 

Table 1. Model variables 



3.2 Data and descriptive statistics 

This study uses a questionnaire method and was developed in the course of the study based on 

previous research. It is divided into two sections, Section A - demographic related questions such as 

gender, age, education, and income. In section B, behavioral questions rated on a 5-point Likert scale 

ranged from strongly disagree (1) to strongly agree (5) to measure intent to use digital financial 

services.  

Primary data was collected using survey platforms and social media from people around the 

world over a two-month period (March-April 2021). To collect more data, the survey questions were 

translated from English into other languages such as Russian and Kazakh. As a result, survey 

participants who used non-English languages were one of three survey participants. (Figure 3). 

Overall, social demographic characteristics were shown in Table 2. 

 

 Table 2. Social demographic characteristics 

Figure 3. Percentage of survey languages 

 
Figure 4. Participants among countries  

At the end of the survey, the total number of participants was 437 people from 63 countries. As 

this study focused on developing countries, so the appropriate responses were selected for the study, 

the total number of observations was 405 out of 57 developing countries. These countries were 

selected based on the World Bank list, with the exception of high-income countries such as the 

Republic of Korea, the United States and most of Europe. (Figure 4.) A complete country list of 

survey participants is available in Appendix 1. 



4. Result of analyses 

The study uses programming languages such as R (4.0.5) in RStudio (1.3.1093) and Python 

(3.9.1) in Jupyter Notebook to perform structural equation modeling (SEM) with factor analysis and 

path analysis. First of all, we scaled data for analysis. 

 
Figure 5. Scree plot of Eigenvalue by factors 

To test items and latent variables, we do exploratory factor analysis (EFA) and scree plot to see 

how they fit into the data. As shown the screen plot that an eigenvalue less than 1 is displayed in 8 

factors. (Figure 5) This is a truth value because we are using 8 latent variables of 34 items. 

 

 
 

Table 3. EFA cross loadings 
 

Table 4. Reliability and convergent validity 



From the EFA cross-loading results in Table 3, we noticed that all values may explain their 

latent variables, although the values of some of them are less than the comparison of similar items. 

Then, we also checked for reliability and convergent validity. As shown in Table 4, all Cronbach's 

alpha (CA) and composite reliability (CR) values are greater than 0.7, and the average variance 

extracted (AVE) is greater than 0.5 values, which means that all items are sufficient for the model 

(Fornell & Larcker, 1981).  

Next, in order to validate the high-fit model, we perform Confirmatory Factor Analysis (CFA) 

with all items and find that our model does not meet the research requirements. According to 

Schreiber et. al (2006), there are several indices to check for acceptance such as Comparative fit index 

(CFI ≥ 0.95), Goodness-of-fit (GFI ≥ 0.95), Tucker-Lewis’s index (TLI ≥ 0.95), Normed fit index 

(NFI ≥ 0.95), Root mean square error of approximation (RMSEA ≤ 0.80), Standardized Root mean 

square residual (SRMR ≤ 0.80) and etc.  

Based on these indices, we tried to test our CFA results for acceptance. However, at the 

beginning the results with 34 items, the CFA results were unacceptable. Therefore, we used Chin's 

(1998) suggestions for a fit, discarding the lower values from the EFA cross-loads. First, discarding 

values less than 0.6 (dropped 3 items) but still not satisfactory acceptance, then values less than 0.7 

(rejecting other 11 items) still not acceptable for some indices. Finally, by dropping the other three 

elements in the model, the CFA results were satisfied main indices for acceptance. Thus, our items 

were discarded doubled, at the end by having only 17 items for 8 latent variables. All CFA results 

were shown in Table 5. 

 

Table 5. CFA results for acceptance 

To see the correlations among variables, we run the correlation matrix. We noticed that there is 

no high correlation, but there are two group relationships: positive and negative. One group consists 

of determinants such as PE, EE, SI, FC, BI, UB, while the other opposite group variables are FoC 

and Iso. The same group variables are positively correlated but negatively correlated with other group 

variables. (Figure 6). 

We also performed Covariance‐based structural equation modelling (CB-SEM) analysis to test 

relationship between latent variables. There are high covariances among variables PE, EE, SI, FC, BI, 

UB, but less covariance with Iso and FoC. However, the relationship between Iso and FoC has high 

covariance relationship (Figure 7).  

According to CB-SEM results, all constructs of UTAUT have statistically significant (p-value) 

connections. Moderating variable (Fear of COVID) has significant covariance with Social Influence 

(SI) and Facilitating Conditions (FC), and statistically significant covariance with Social Isolation 

(Iso). Lastly, the relationship between SI and Iso also has significant connection (Table 6). 



  
Figure 6. Correlation matrix  

between latent variables 

 
Figure 7. Covariance‐based SEM 

  
Table 6. CB-SEM results 

 

According to SEM regression results, the moderating role of Fear of COVID (FoC) can regulate 

the links between behavioral intent (BI) for using of digital financial service with social influence 

(SI), social isolation (Iso) with statistical significancy (p-value ≤ 0.001), and it also significantly 

moderates the relationship between facilitation conditions (FC) and actual use behavior (UB) of DFS 

(p-value ≤0.01). Finally, FoC less moderates the relationship between effort expectancy (EE) and 

behavior intent (BI) with significancy level (p-value ≤ 0.05). Consequently, hypotheses about the 

moderating role of FoC in these links cannot be rejected. Although there are hypotheses that cannot 

be accepted, in particular in the connections between PE and BI, BI with UB, as moderating these 

links by FoC. (Table 7) 

In addition, as shown in Table 7, all constructs of the UTAUT model (PE, EE, SI, BI, FC) were 

put forward and accepted because, based on the regression results, these constructs show a level of 

statistical significance (p-value ≤ 0.001). The new variable Social Isolation (Iso) also has a 

significance with a p-value ≤ 0.023. Therefore, based on our hypotheses, all these constructs cannot 

be rejected. 



 

Table 7. Regression results 

Thus, after testing all of our hypotheses, we rejected two only hypotheses for containment 

impact on the connection in terms of expected performance with behavior and intent using behavior. 

In general, the results of the SEM analysis can be seen in Figure 8. 

 

 

Figure 8. SEM analysis results 

 

 



5. Discussion 

To test behavioral intent constructs for digital financial services use during a pandemic, the 

study used the UTAUT model as a research framework, extending two constructs, fear of COVID 

and social isolation, to determine the relationship with dependent variables (behavioral intent and 

actual use of behavior in digital financial services. Thus, we developed 12 hypotheses for research 

and conducted several SEM analyzes, such as factor analysis (EFA, CFA), covariance-based 

structural equation modelling analysis (CB-SEM) and SEM regression. 

According to our results, as one of main constructs in the model was performance expectancy 

(PE). Because it shows that if there would increase in one unit of PE, it may affect to about 0.578 

units in the behaviour intention for using DFS in pandemic. In other words, PE can explain about 

57.8% of the behavioral intentions to use this system. Moreover, similar results were obtained in 

previous studies: M-Banking (Sarfaraz, 2017; Raza et al., 2019; Purwanto & Loisa, 2020), Internet 

banking services (Daka & Phiri, 2019) and mobile payments (Abrahão et al., 2016; Patil et al., 2020), 

where they pointed out that performance expectancy (PE) is an important determinant for behaviour 

intention to use a particular system. However, our study has mainly focused on the use of DFS 

during a pandemic, so we did not reject the H1 hypothesis and we agreed that PE has a positive 

effect on the intention to use digital financial services in a pandemic based on our findings.  

As we hypothesized that the effort expectancy (EE) positively influences the intention to use 

DFS during a pandemic, our results attributed this to statistically significant approximately. 

Previous studies have also illustrated similar findings (Abrahão et al., 2016; Sarfaraz, 2017; 

Sivathanu 2019; Raza et al., 2019; Purwanto & Loisa, 2020; Patil et al., 2020). Thus, during the 

COVID-19 pandemic, EE shows a statistically positive effect on behavior intention to usage of DFS. 

Hence, the hypothesis H2 is accepted in our study. 

There was a positive impact on the intention to use DFS in a pandemic through social 

influence (SI). Our results show that this is statistically significant in the model. In addition, similar 

results have been illustrated in literature reviews (AbuShanab & Pearson, 2007; Martins et al. 2014; 

Abrahão et al., 2016; Rahi et al. 2018; Sivathanu 2019; Patil et al. 2020). So, agreeing with previous 

studies and based on our findings, we accepted the H3 hypothesis of a positive relationship between 

SI and BI in a pandemic. 

While some studies have shown that facilitating conditions (FC) as opposing results (e.g. 

Martin et al., 2014), we found more similarities with most previous studies (Rahi et al., 2018; Raza 

et al., 2019; Sivathanu, 2019; Patil et al. 2020, Rahman et al., 2020), which explained that FC as 

vital factor for actual use of DFS. Therefore, based on our results, we came to the idea not to reject 

hypothesis (H4) in the relationship between FC and BI. 

Despite the fact that social isolation (Iso) did not show the same high level of significance as 

the above constructs (its p-value is illustrated only less than 0.05), we do not reject the H5 hypothesis 

of a positive relationship between Iso and BI in a pandemic. Furthermore, previous studies have 

also shown results similar to our findings (Raza et al., 2020; Marston et al., 2020; Stockwell et al., 

2020). 

According to our findings, the relationship between intent and actual use of digital financial 

services during the COVID-19 pandemic shows a strong relationship with a high level of 

significance, with a p-value ≤ 0.001 and 53.6% of the explanation for actual user behavior. This 

result is in good agreement with previous studies in a similar field. Because most studies of the 

Technology Acceptance Model (in particular UTAUT) have shown more than 50% of this close 



relationship between BI and UB. Therefore, we are glad to confirm and accepting this hypothesis 

(H6) about a positive influence on behaviour intention and use behaviour of DFS in a pandemic. 

Finally, discussion about the moderating role of fear of COVID-19 (FoC) in digital financial 

service users. The study proposed six hypotheses based on the model. However, two of them are 

rejected (connections PE & BI and BI & UB), since they have a lower level of significance. Overall, 

we can say that fear of COVID-19 may have some connection with intention to use DFS in people 

of developing countries. Some studies have also come to the same conclusion as we have. (Raza et 

al. 2020; Gasparro et al. 2020; Koçak et al. 2021; Ye et al. 2021). 

Some limitation of the study 

Although the study is focused on developing countries, we noticed that one third of the data 

was collected in one country (Kazakhstan). Therefore, we considered one of the shortcomings of 

the study. Because it can be explained as one case of a middle-income developing country, but it 

may not explain low-income developing countries. Another limitation may be thought as time period 

of taking survey. Because the current fear of COVID-19 may be completely different from the start 

of the COVID-19 pandemic. However, even if this is a one-year delay, there is still a good 

connection between the other constructs of the model.  

 

6. Conclusion 

Over the past year, due to the COVID-19 outbreak, people have changed their lifestyles, work 

remotely and avoid public gatherings, stay at home and are socially isolated. Due to the high 

prevalence and death of COVID infections in humans, people fear COVID. All governments try to 

overcome until now, for developing social distancing policies. All governments are still trying to 

overcome and develop social distancing policies that emphasize digital financial services (DFS). 

Because DFS can help you buy, sell, or transfer money remotely. Overall, DFS can help you live 

easier and more contactless during a pandemic. So, how DFS may impact in behaviour intention, 

use behaviour in COVID period. 

Thus, this study focusses on indicating of the behavior of people using DFS during a pandemic, 

in particular in developing countries, then make 12 hypotheses for the study. To test them study use 

the UTAUT model, expanding it with two constructions: fear of COVID-19 as a moderator and 

social isolation as a direct determinant for behaviour intention.  

A survey method is used, in which primary data is collected through survey platforms and 

social networks from people from developing countries, more than 405 participants aged 18 and 

over. This study uses structural equation modeling (SEM) to test our variables and hypotheses, 

analyze relationships, and determine the overall fit of the model. The study used factor analysis 

(EFA, CFA) and covariance-based SEM. As a result, we found that all UTAUT constructs and social 

isolation positively influence behavioral intent and actual use of DFS during a pandemic. Testing 

the moderating role of COVID fear for other constructs plays a positive role, with the exception of 

the relationship between expected performance and behavior intensity and the relationship between 

behavioral intent and actual use. 
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