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Early Effects of the COVID-19 Pandemic on
Housing Market in the United States

Abstract

| use daily data from fifty major cities to investigate the early effects of the COVID-19 pandemic
on housing market in the United States. | find that starting from the second half of March, 2020,
new home listings and pending home sales started to decrease. By mid-April, certain markets
experienced more than 60% drop in new home listings and pending home sales relative to the
same time period in the previous year. The collapse of the housing market is broad based, hitting
all major cities, regardless of the intensity of virus spread or timing of the introduction of state
level policies to combat the pandemic. The only exception is the closure of non-essential
businesses at certain states, which is associated with up to a 9 percentage point decrease in new
home listings.
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1 Introduction

The Novel Coronavirus (COVID-19) is an infectious disease that spread to more than 200 countries by
May, 2020. The World Health Organization (WHO) on March 11, 2020, has declared the COVID-19
outbreak a global pandemic. The early cases of COVID-19 was confirmed in the United States by
January, 2020. As of May 2020, more than 4.5 million confirmed cases of COVID-19 and more than
300,000 COVID-19 related deaths were reported globally. Approximately, 30% of all confirmed cases
and deaths related to COVID-19 were reported in the United States. Several recent studies document
the negative impact of the coronavirus pandemic on U.S. economy (Baker, Bloom, Davis, and Terry,
2020; Atkeson, 2020; Lewis, Mertens, and Stock, 2020). The existing literature also documents that
pandemics have considerable negative effects on housing markets and some negative effects may be
persistent even in the very long-run (Ambrus, Field,and Gonzales, 2020). This paper contributes
to this literature by providing the first estimates of the early effects of the COVID-19 pandemic on
housing market in the United States.

During the pandemic, majority of U.S. states implemented several different policies to slow the
spread of the COVID-19. Examples of these policies include shutting down certain businesses that
are deemed non-essential, closing schools, ordering people to stay at home, and imposing restrictions
on large gatherings. Recent papers show that these policies were effective in slowing down the spread
of the virus among the population (Martin-Calvo, et al., 2020) and reduced the movement and social
interactions of individuals (Dave et al., 2020; Friedson et al., 2020; Gupta et al., 2020). However, these
policies also require reductions in economic activity and may have long-lasting impacts on economy.
For instance, recent studies show that these policies had a significant impact on unemployment
insurance claims during the pandemic (Kong and Prinz, 2020). This paper also contributes to this
literature by investigating the effects of the state level policies to mitigate the spread of the COVID-19
on housing market activity in the United States.

I use daily housing data from 50 major U.S. cities from February 15 to April 19, 2020. During this
time period, total COVID-19 cases in the United States has reached to more than 750,000 from just
15. Using event study and difference-in-differences (DD) type models, I document that the collapse of
the housing market in the United States is broad based, hitting all major cities during the same time
period. The intensity of virus spread at the county level had a very little effect on the collapse of the

housing market. Under certain specifications, I find that a 10% increase in the alternative indicators



of COVID-19 related cases or deaths is associated with a 0.1 to 0.03 percentage point decrease in
housing market activity, relative to the same time period in the previous year. I also find that the
majority of the policies that were introduced to combat the pandemic had no significant impact on
the housing market. The only exception is the closure of non-essential businesses. I find that this
policy is associated with up to a 9 percentage point decrease in the number of newly listed homes

relative to the same time period in the previous year.

2 Background and existing literature

The coronavirus epidemic hit the United States relatively late. The first case of COVID-19 in the
United States was confirmed on January 20%", 2020, when parts of China were already under a
quarantine order. The first COVID-19 related death in the United States was reported on February,
29. Washington was the first state to issue a state of emergency on the same date, with New York
and California following the next week. There were 100 cases by March 4, 2020, 10,000 cases by
March 18, and more than one million cases by April 28. By mid May, more than 1.4 million cases and
85,000 deaths have been reported in the United States (Center for Disease Control and Prevention,
2020).

From mid March to early April, 2020, many states adopted policies to mitigate the spread of
the coronavirus. These include stay-at-home orders, non-essential business closures, bans on large
gatherings, school closures, and closings of certain businesses such as restaurants and bars. By April
20, 2020, all states with the exceptions of Arkansas, Iowa, Nebraska, North Dakota, South Dakota,
and Wyoming have issued some form of a stay-at-home order. By the same time, all states with the
exceptions of Arkansas, Minnesota, Nebraska, South Dakota, Texas, Utah, and Wyoming had imple-
mented some form of non-essential business closures. Initial implementation of these policies across
different states occurred at different times. Kong and Prinz (2020) show that although announcement
dates of the policies across different states are positively correlated, the correlation is weak in most
cases. Appendix Table Al shows when these policies were first implemented for 50 cities used in the
empirical analysis.

Several recent papers investigate the early effects of the coronavirus pandemic and state level
policies to control the spread of the virus on economic and social outcomes in the United States.

Engle, Stromme, and Zhou (2020) find that local infection rate and stay-at-home-orders are signifi-



cantly associated with reduction in mobility. Painter and Qiu (2020) document that political beliefs
present a significant limitation to the effectiveness of state-level social distancing orders to mitigate
the spread of coronavirus. In particular, residents in Republican counties are less likely to completely
stay at home after a state order has been implemented relative to those in Democratic counties.
Allcott, et al. (2020) also show that Republicans engage in less social distancing, even after con-
trolling for other factors including state policies, population density, and local COVID-19 cases and
deaths. Beland, Brodeur, and Wright (2020) document that COVID-19 increased the unemployment
rate and decreased hours of work and labor force participation in the United States, but had no
significant impact on wages. Kahn, Lange, and Wiczer (2020) show that job vacancies in the United
States significantly dropped in the second half of the March, 2020. This drop was broad based and
independent of the intensity of the initial virus spread or timing of stay-at-home policies. The only
major exceptions were in essential retail and nursing, the jobs that were most in-demand during the
coronavirus crisis. Kong and Prinz (2020) find that restaurant and bar limitations and non-essential
business closures could explain 4.4% and 8.5% of unemployment insurance (UI) claims in the United
States respectively, while the other state level policies did not have an impact on UI claims. Baker,
et al. (2020) find that U.S. households substantially changed their spending habits as news about the
COVID-19’s impact in their area spread. Overall, spending increased dramatically in an attempt to
stockpile needed home goods and also in anticipation of the inability to patronize retailers.

To the best of my knowledge, this is the first paper that investigates the effects of the coronavirus
pandemic on U.S. housing market.! There is also a broader literature, which investigates the effects
of health shocks and pandemics on housing market. Ambrus, Field, and Gonzales (2020) examine the
impact on housing prices of a cholera epidemic in one neighborhood of nineteenth century London.
They show that ten years after the epidemic, housing prices are significantly lower just inside the
catchment area of the water pump that transmitted the disease. Moreover, differences in housing
prices persist over the following 160 years. Francke and Korevaar (2020) investigate the effects of

historical outbreaks of the plague in 17*" century Amsterdam and cholera in 19*" century Paris

'European Economic Association hosts a registry of research projects related to impacts of coronavirus pandemic on
economic and social outcomes. As of May 15, 2020, the only project in this regitry related to the effects of COVID-19 on
U.S. housing market is entitled "The effect of COVID-19 on home prices and sales" by Elliot Anenberg. He proposes to
analyze the effect of COVID-19 on home prices and sales in the United States by using a dataset on approved purchase
mortgage applications. To the best of my knowledge, this project is still ongoing and a working paper is not available.
Furthermore, this paper uses a different data set to investigate the effect of coronavirus pandemic on the U.S. housing

market.



on housing prices. They find that outbreaks resulted in large declines in house prices, and smaller
declines in rent prices, with large reductions in house prices during the first six months of an epidemic
in heavily-affected areas. They also show that price shocks were transitory, and both cities quickly
reverted to their initial price paths. Wong (2008) finds that SARS epidemic led to a 1.6% fall in
home values and 72% fall in transactions volume in Hong Kong. Davis (2004) investigates the effect
of a health risk, a cluster of cases of pediatric leukemia in an isolated county of Nevada, on housing
prices. He finds that compared with unaffected counties, housing prices in the affected county declined
significantly during the period of maximum risk. In a recent paper, Currie, et al. (2015) investigate
the effect of toxic emissions from industrial plants on housing values and find that industrial plant
openings lead to 11 percent declines in housing values within 0.5 mile. This paper contributes to this
literature by investigating the effects COVID-19 pandemic and state level policies to mitigate the

spread of virus on housing market in the United States.

3 Data and methodology

I use data on daily confirmed coronavirus cases and deaths for each county from USAFacts (USAFacts,
2020). I use county population data from 2019 Census estimates to calculate per capita number of
cases and deaths for each county. Most cities in my sample is a part of a single county. However,
I use the cumulative population, number of cases, and deaths from multiple counties for few cities.?
Recent papers show that residents in Republican counties are less likely to comply with policies that
were introduced to control the spread of the virus. I estimate models that exclude counties where
share of the Republican votes were less than 50%. Data for county level election results from the
2016 Presidential election come from MIT Election Data and Science Lab (MIT, 2018).

There are a few sources that track the social distancing policies at the state level. 1 use the
data assembled by The Institute for Health Metrics and Evaluation (IHME) at the University of
Washington. because it is comprehensive and provides precise information on timing of the social
distancing order. In particular, I use information on the timing of the introduction of bans on mass
gatherings, any business closures that only affected certain businesses such as restaurants and bars,
school closings, closures of all non-essential businesses, and stay-at-home orders.

Daily housing data come from Zillow, an online real estate database company. Housing market

2For instance, in order to calculate per capita cases and deaths for New York City, I use cumulative population,

cases, and deaths from New York, Queens, Kings, and Bronx counties.



in the United States follow a seasonal pattern, which typically rises every spring. In a recent data
release, Zillow reports daily percentage change in the number of newly listed homes in the United
States and 50 major U.S. cities relative to the same time period in the previous year for 65 consecutive
days, from February 15 to April 19, 2020. These cities are the unit of observation for the empirical
analysis and reported in Table Al. For the same time period, Zillow also reports daily percentage
change in the number of pending home sales in the United States and 40 major U.S. cities.® I also use
information on percentage change in web traffic to for-sale listings relative to the same period in the
previous year calculated as a 7-day moving average. Web traffic data are available from March 1 to
April 15, 2020. Appendix Figure Al shows the the trends in these variables for the United States. On
February 15, 2020, when there were only 15 reported cases of COVID-19 in the United States, new
home listings and pending sales were up by almost 20% and 30%, respectively relative to the same
time period in 2019. By March 24, both indicators were below their 2019 levels. On April 19, newly
listed homes and pending sales in the United States were more than 30% below their 2019 levels.
Web traffic to for-sale listings exhibits a U-shape pattern. It was down by almost 20% by March 22.
However, it exhibits an increasing trend from that date until the end of the sample period.

Early cases of the coronavirus were seen in Washington, California, and Illinois. Intensity of the
spread of the virus and total confirmed cases and deaths also differ considerably across different cities.
As of April 19, 2020, New York City was by far the hardest hit with more than 158 cases per 10000
people (roughly one third of all cases in the United States). On the other hand, several cities in my
sample such as San Antonio, Raleigh, and Phoenix had less than 6 cases per 10000 people on the same
date. Figures 1 and 2 plot trends in daily percentage change in the number of newly listed homes
and pending sales relative to the same time period in 2019 for selected cities in the sample. The
figures show that housing market collapsed by late March across all cities regardless of the region.
There is very little evidence that housing market in cities that were hit more heavily by the epidemic
or that imposed more comprehensive social distancing policies were differentially affected. Pending
home sales, for instance, were below their 2019 levels in Miami on March 12 when there were only
2 confirmed cases of COVID-19 in Miami while on the same date pending home sales were up by

almost 30% in New York City where 90 cases were reported. In New York City, pending home sales

3Data for daily percentage change in the number of pending sales relative to the same time period in the previous
year are not available for the following cities: Memphis, Milwaukee, Minneapolis, Oklahoma City, Orlando, Richmond,
San Francisco, San Jose, Tampa, and Virginia Beach. The data used in this paper were released by Zilllow through two
recent publicly available reports (Tucker, 2020a; Tucker 2020b).



dropped below their 2019 levels on March 24 when there were almost 14, 000 cases in New York City.
In order to formally estimate the effect of the spread of the coronavirus and state level social
distancing policies on the U.S. housing market, I use two empirical models. First, I estimate an event
study model that exploits differential policy announcement dates across different states. The main
specification for this model for the cities that adopted a particular policy is of the form:

7

Yig = D 8 x Hday =5} + i + 6o + iy + £it (1)
J==T

where Y4 is one of the indicators of housing market for city ¢, located at state s, for the calendar
date t, day denotes the days relative to the date that a particular policy was announced (day = 0)
and ;, ¢s, and pu, are city, state, and calendar date fixed effects respectively. Standard errors are
clustered at the state level. This model essentially contains series of dummy variables that control
for each day of the weeks just before and after the day that a particular policy was announced. I
exclude the day prior to the announcement date (day = —1) so coeflicients of interest J; estimate the
differential change in outcome variables for each day j relative to the day prior to the announcement
date. Following Kong and Prinz (2020), for periods 7 > 7 and j < —7, [ assign j = 7 and j = -7
respectively with the underlying assumption that the dynamic effects of the policy are constant 7
days before or after the policy announcement.*

Next, I use a DD type model to estimate the impact of state policies on different indicators of

housing market. The main specification for this model is:
Yist = B Policys; + aXist +7v; + S5 + 1y + Vit (2)

where, Policy;s is a set of binary variables for policies adopted by state s at calendar date t. These
binary variables take the value of unity for the calendar dates for which day > 0. In several models,
I control for the spread of the coronavirus at the county level (X;s), either as total number of cases
or deaths per 10,000 people or daily number of new cases or deaths per 10,000. I present the
summary statistics for these variables in Appendix Table A2. Since daily new cases may follow a

trend based on the calendar date due to increased testing or possible under or over reporting on

*Conducting an event study with an extended time period would rely on comparisons between states that adopted the
policy early and states that adopted the policy at least one week later. However, in many occasions, state level policies
to mitigate the spread of coronavirus were introducted at the same time or within few days apart across different states.
Therefore, separately identifying calendar date fixed effects for an extended time period would rely on increasingly

selected set of treated and control states.



certain days (weekends vs. Mondays and Tuesdays), I also estimate models in which I interact daily
new cases with calendar dates. Standard errors are clustered at the state level. The key identification
assumption behind equation (2) is that alternative indicators of housing market follow a common
trend for treatment and control cities (cities that adopted a particular policy at a given date vs.
those did not) in the absence of the policies to control for the spread of coronavirus. Common trend
assumption may fail when a policy endogeneity problem exists. However, it is not plausible that
states that are experiencing relatively strong or weak housing markets are more or less likely to adopt
these policies. Event study model in equation (1) also provides a pre-trend analysis of each policy
since it includes terms that control for 2 to 7 days before the true adoption dates. In these models,

dummy variables that capture the time periods before the policy change should not be significant.?

4 Results

Figure 3 and Appendix Tables A3 to A7 report the results for the event study models of the effect
of state policies on daily percentage change in the number of newly listed homes and pending home
sales under alternative specifications. Tables A3 and A4 show that restrictions of mass gatherings and
school closures did not have a significant impact on the housing market. On the other hand, Figure 3
and the first specification in Table A5 show that the effects of closure of non-essential businesses on
the housing market are negative and highly significant. In particular, this policy led to a 4 percentage
point decrease in the number of new listings and 3 percentage point decrease in pending home sales
relative to the same time period in the previous year, one day after the adoption date. The effects
extend to long-run. One week after the adoption of this policy, number of new listings and pending
home sales were down by 21 and 24 percentage points, respectively. For this policy, dummy variables
that capture the time periods before the adoption date are insignificant as expected. I estimate
several alternative models to test robustness of these results. Results reported in specifications 2 to
5 in Appendix Table A5 show that inclusion of daily new cases and deaths per capita to models,
exclusion of New York (the most affected state from the pandemic) from the sample, exclusion of the

states where the first cases were seen (California and Washington) from the sample, and exclusion of

>The timing and strength of policy implementation may be endogenous to the expectations regarding the effectiveness
of other social distancing strategies. Although, calendar day fixed effects adjust for timing issues and controls for the
number of total and daily cases and deaths in certain models account for how seriously a city would take the pandemic,

I cannot completely rule out this possibility.



cities where Republican votes were higher than 50% in the 2016 Presidential election from the sample
(exclusion of Kansas and Oklahoma) does not have a meaningful impact on the benchmark results
reported in the first specification of the table and panel D of Figure 3.5 Panel E of Figure 3 and
first three specification of Table A7 provide some evidence that stay-at-home orders had a significant
negative impact on the number of newly listed homes 5 to 7 days after the policy adoption date.
However, significant effects disappear when New York, California, and Washington are excluded from
the sample. In Appendix Table A8, I also provide event study estimates for the effect of state level
policies on the change in web page views of for-sale homes. The closure of non-essential businesses
appear to be the only policy that had a significant negative impact on the web traffic to for-sale homes.
However, these estimates should be interpreted with caution since the estimates for pre-periods (up
to 4 days before the policy announcement date) are also statistically significant.

Table 1 reports the DD estimates of the effect of the spread of the coronavirus and state level
social distancing policies on the percentage change in the number of newly listed homes relative to
the same time period in the previous year. The benchmark model reported in the first specification
shows that closure of non-essential businesses is associated with a 9 percentage point decrease in the
number of newly listed homes. The estimated impact of the remaining policies are relatively small
and statistically insignificant. Specifications 2 to 6 add alternative indicators of the spread of the
coronavirus at the county level. The remaining specifications drop certain states from the sample.
The negative impact of the closure of the non-essential businesses on new listings is robust under these
specifications. In specifications 3 to 6, the coefficients on alternative control variables are relatively
small and marginally significant. For instance, in specification 3, a one point increase in the total
number of cases per 10,000 people at the county level (18.4% increase from the mean of this variable)
decreases the number of newly listed homes by 0.2 percentage points. However, this effect is not
robust to the exclusion of New York from the sample.” Similarly, a 10% percent increase in daily

new deaths at the county level relative to the mean of this variable (0.019) corresponds to a 0.03

SThere are only two cities in my sample in which Republican votes in the 2016 Presidential election were higher
than 50%. These cities are Kansas City and Oklahoma City. In my sample, these are the only cities that represent
their states. Therefore, dropping these two cities from the sample is equivalent of dropping Kansas and Oklahoma from
the sample. Since I do not have data on change in pending home sales for these cities, I cannot estimate models that

exclude these two cities from the sample for this particular outcome.
" Although not reported, I also estimate DD type models in which I control for total or daily cases and deaths per

10,000 people jointly. In majority of these models, coefficients of both vaiables were statistically insignificant. These

results are available upon request.



(0.173 x 0.0019) percentage point decrease in the number of newly listed homes relative to the same
period in the previous year.

Event study estimates show a negative impact of non-essential business closures on pending sales
for cities that are located in states that adopted this policy. However this effect disappears in DD
type models that control for other social distancing policies and include cities that did not impose
any restrictions on non-essential businesses. Table 2 shows that none of the state level policies to
mitigate the spread of coronavirus had a significant impact on pending home sales. In specifications 3
to 6, the effect of the variables that control for the spread of the virus at the county level is significant
but relatively small. As in Table 1, this effect also disappears when New York, or Washington and
California are excluded from the sample.

Table 3 reports DD estimates of the effect of state level policies on web page views of for-sale homes.
The results show that closure of non-essential businesses is associated with a 5.5 to 7.2 percentage
point decrease in web traffic to for-sale-homes. However, these results should be interpreted with
caution since event study estimates show statistically significant effects of this policy on web page
views even before the policy adoption date. Furthermore, the results reported in specification 8 of
Table 3 show that the significant effect of this policy is sensitive to the sample selection. The effects of
other social distancing policies on web traffic to for-sale homes are relatively small and not significant.
Similarly, number of COVID-19 related cases or deaths at the county level has a negative but a minor

impact on web page views of for-sale homes.

5 Conclusion

As of May, 2020, United States is the hardest hit country from the coronavirus pandemic with more
than 1.4 million cases and 85,000 deaths. From mid March to early April, 2020, many U.S. states
adopted policies to mitigate the spread of the coronavirus. Using daily data from 50 major U.S. cities
from February 15 to April 19, 2020, this paper provides the first estimates of the early effects of the
COVID-19 and state level policies to control the pandemic on housing market in the United States.
Inspection of raw data and estimates from the event study and DD type models suggest that the
collapse of the housing market in the United States is broad based, hitting all major cities, regardless
of the intensity of virus spread or timing of the introduction of state level policies to combat the

pandemic. Although there is some evidence that alternative indicators of COVID-19 related cases

10



and deaths at the county level have a significant impact on the decline of the number of newly listed
homes, pending sales, and web traffic to for-sale homes over time, the effect of these variables are
relatively small. For certain specifications, I find that a 10% increase in the alternative indicators
of COVID-19 related cases or deaths is associated with a 0.1 to 0.03 percentage point decrease in
housing market activity.

Among others, the closure of non-essential businesses at certain states appear to be the only policy
which had a significant and considerable impact on the housing market. I find that introduction of
this policy is associated with up to a 9 percentage point decrease in the number of newly listed homes
relative to the same period in the previous year. This result is not surprising since majority of homes
in the United States are sold by real estate agents who were considered as non-essential workers in
many states that adopted the closure of non-essential businesses policy. Some states such as New
York later relaxed their policy and allowed real estate agents to conduct their business. In reality
however, real estate agents were not allowed to meet with their clients in person and were only allowed
to show properties virtually, especially if the state has a stay-at-home order in place. An increasing
trend in web traffic to for-sale listings after the majority of state level policies were adopted by late
March,2020 may also be explained by this policy and stay-at-home orders.

This paper provides an early analysis of the impact of the COVID-19 pandemic on U.S. housing
market. The raw data show an increasing trend in home listings and pending sales after April 16,
2020. Although this may be seen as an early sign of recovery, it is not clear whether this increasing
trend will continue in the long-run and the pandemic will have a significant impact on housing prices.
Future research will investigate these questions when U.S. housing market data for the post-pandemic

period become available.
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Table 1. The effect of state level policies on newly listed homes

(1) ) (3) ) ®) (6) (7 (&) ©)
Ban on mass gatherings 0.013 0.014 0.011 0.010 0.012 0.011 0.009 0.031 0.011
(0.023) (0.024) (0.022) (0.022) (0.022) (0.022) (0.022) (0.023) (0.023)
School closures -0.011 -0.010 -0.012 -0.011 -0.012 -0.011 -0.010 -0.023 0.001
(0.032) (0.031) (0.031) (0.031) (0.031) (0.031) (0.032) (0.031) (0.031)
Closure of any business -0.026 -0.028 -0.028 -0.028 -0.027 -0.028 -0.029 -0.041 -0.055
(0.054) (0.053) (0.052) (0.053) (0.052) (0.053) (0.053) (0.057) (0.049)
Closure of non-essential business  -0.090**  -0.076**  -0.076**  -0.081**  -0.079**  -0.083** -0.068**  -0.071*  -0.080**
(0.035) (0.032) (0.033) (0.035) (0.032) (0.035) (0.033) (0.039) (0.035)
Stay at home order 0.012 0.008 0.006 0.008 0.009 0.009 0.014 0.016 0.008
(0.034) (0.031) (0.031) (0.033) (0.030) (0.032) (0.032) (0.037) (0.034)
Total cases per 10000 -0.002* -0.002 -0.002 -0.002%*
(0.001) (0.001) (0.001) (0.001)
Total deaths per 10000 -0.020%*
(0.010)
New cases per 10000 -0.024*
(0.013)
New deaths per 10000 -0.173*
(0.087)
N 3250 3250 3250 3250 3250 3250 3120 2665 3185
Daily case count X calendar date N Y N N N N N N N
Drop NY N N N N N N Y Y N
Drop NY, WA, and CA N N N N N N N Y N
Drop KS and OK N N N N N N N N Y

Notes: All models include city, state, and calendar date fixed effects. Standard errors are clustered at the state level and reported in parentheses. The signs
* and ** indicate statistical significance at 10 and 5 percent levels.
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Table 2. The effect of state level policies on pending sales

Q) @) A) (4) ) (©) (7) (8)
Ban on mass gatherings 0.006  -0.003  -0.008  -0.010  -0.006  -0.008  -0.007  0.027
(0.048)  (0.048)  (0.047)  (0.048)  (0.048)  (0.048)  (0.049)  (0.044)
School closures 0.031 0.034 0.029 0.030 0.030 0.031 0.027 0.021
(0.050)  (0.053)  (0.049)  (0.049)  (0.049)  (0.050)  (0.051)  (0.054)
Closure of any business 0.024  -0.025  -0.024  0.025  -0.024  -0.025  -0.019  -0.039

(0.034) (0.035) (0.033) (0.034) (0.033) (0.034) (0.034) (0.037)
Closure of non-essential business -0.062 -0.044 -0.045 -0.049 -0.049 -0.052 -0.040 -0.022
(0.048) (0.050) (0.050) (0.049) (0.048) (0.049) (0.052) (0.059)

Stay at home order 0.011 -0.002 0.003 0.005 0.007 0.007 0.002 0.013

(0.0306) (0.032) (0.032) (0.034) (0.031) (0.034) (0.034) (0.039)
Total cases per 10000 -0.002* -0.002 -0.002

(0.001) (0.001) (0.001)
Total deaths per 10000 -0.026**
(0.011)
New cases per 10000 -0.023%*
(0.009)
New deaths per 10000 -0.196%**
(0.085)

N 2600 2600 2600 2600 2600 2600 2470 2145
Daily case count X calendar date N Y N N N N N N
Drop NY N N N N N N Y Y
Drop NY, WA, and CA N N N N N N N Y

Notes: All models include city, state, and calendar date fixed effects. Standard errors are clustered at the state level and reported in parentheses. The signs
* and ** indicate statistical significance at 10 and 5 percent levels.
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Table 3. The effect of state level policies on web page views of for-sale homes

Q) @) ©) 4) ) (6) ) (8) )
Ban on mass gatherings 0.013 0.013 0.011 0.010 0.012 0.012 0.008 0.007 0.012
(0.015)  (0.013)  (0.013)  (0.014)  (0.013)  (0.014)  (0.013)  (0.014)  (0.014)
School closures 0.020  -0.020  -0.021  -0.020  -0.021  -0.020  -0.018  -0.019  -0.020
(0.015)  (0.013)  (0.014)  (0.014)  (0.014)  (0.015)  (0.013)  (0.015)  (0.014)
Closute of any business 0.001 -0.002  -0.002  -0.002  -0.001  -0.001  -0.003  -0.004  -0.008

(0.016)  (0.014)  (0.014)  (0.015)  (0.014)  (0.015)  (0.014)  (0.016)  (0.013)
Closure of non-essential business  -0.072%%  -0.061*  -0.060%*  -0.064*  -0.063*  -0.067*  -0.055%  -0.057  -0.064*
(0.034)  (0.031)  (0.031)  (0.033)  (0.031)  (0.033)  (0.031)  (0.034)  (0.033)

Stay at home order 0.018 0.012 0.013 0.014 0.017 0.016 0.017 0.021 0.016

(0.024) (0.019) (0.021) (0.023) (0.021) (0.023) (0.022) (0.023) (0.023)
Total cases per 10000 -0.002* -0.002 -0.002 -0.002%*

(0.001) (0.001) (0.001) (0.001)
Total deaths per 10000 -0.027**
(0.012)
New cases per 10000 -0.022**
(0.011)
New deaths per 10000 -0.148**
(0.065)

N 2300 2300 2300 2300 2300 2300 2208 1886 2254
Daily case count X calendar date N Y N N N N N N N
Drop NY N N N N N N Y Y N
Drop NY, WA, and CA N N N N N N N Y N
Drop KS and OK N N N N N N N N Y

Notes: All models include city, state, and calendar date fixed effects. Standard errors are clustered at the state level and reported in parentheses. The signs
* and ** indicate statistical significance at 10 and 5 percent levels.
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Figure 1. Change in new listings for selected cities
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Figure 2. Change in pending sales for selected cities
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Figure 3. Event study estimates of the impact of state policies on new listings and pending

sales
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The day prior to the announcement is excluded from the models.
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Online Appendix

Figure Al. Change in new listings, pending home sales, and web traffic to for-sale listings in the United States

40.00%
’ 4/19: more than 750,000 cases
and 40,000 deaths
30.00%
20.00%
3/26: more than 85,000 cases
10.00%
0.00%
-10.00%
-20.00%
v
-30.00% v
! 2/29: 1st death 3/22: more than 33,000 cases
-40.00%
2/15: 15 cases
-50.00%
o o o o o o o o o o o o (=] o o o o o o o o o o o o o o o o o o o o
g g g g g g g g § g g g g g q g g g g g q q q q §q §q g o
o) o) o) o) o) o) o) o) — - - - — — — — - - — [ — — — - — — — — - - = = =
§ E 28282828 EEEEEEEEsEEEEEEE522250220208
M523 LR QAN Y009 g3 s oS o R g~ @0~ o g h g
e Change in new listings === (Change in Pending sales == Change in web page views
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the United States is reported for certain dates.
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Table Al. Policy adoption date by city

City State Mass gatherings School Closure of non- Any business  Stay at home
ban closures essential business closures orders
Atlanta GA 3/24 3/18 3/24 4/3
Austin T 3/21 3/19 3/21 4/2
Baltimore MD 3/16 3/16 3/23 3/16 3/30
Birmingham AL 3/19 3/19 3/18 3/19 4/4
Boston MA 3/13 3/17 3/24 3/17
Buffalo NY 3/12 3/18 3/22 3/16 3/22
Charlotte NC 3/14 3/14 3/30 3/17 3/30
Chicago 11 3/13 3/17 3/21 3/16 3/21
Cincinnati OH 3/12 3/16 3/23 3/15 3/23
Cleveland OH 3/12 3/16 3/23 3/15 3/23
Columbus OH 3/12 3/16 3/23 3/15 3/23
Dallas-Fort Worth TX 3/21 3/19 3/21 4/2
Denver CcO 3/19 3/23 3/26 3/17 3/26
Detroit MI 3/13 3/16 3/23 3/16 3/24
Hartford CcT 3/12 3/17 3/23 3/16
Houston TX 3/21 3/19 3/21 4/2
Indianapolis IN 3/12 3/19 3/24 3/16 3/25
Jacksonville FL 4/3 3/17 3/17 4/3
Kansas City MO 3/19 3/23 3/23 4/6
Las Vegas NV 3/24 3/16 3/21 3/18 3/31
Los Angeles CA 3/11 3/19 3/19 3/19 3/19
Louisville KY 3/19 3/20 3/26 3/16
Memphis TN 3/23 3/20 4/1 3/23 4/2
Miami FL 4/3 3/17 3/17 4/3
Milwaukee WI 3/23 3/18 3/25 3/17 3/25
Minneapolis MN 3/24 3/18 3/17 3/27
Nashville TN 3/23 3/20 4/1 3/23 4/2
New Oftleans LA 3/13 3/16 3/22 3/17 3/23
New York City NY 3/12 3/18 3/22 3/16 3/22
Oklahoma City OK 3/24 3/17 4/1 4/1
Orlando FL 4/3 3/17 3/17 4/3
Philadelphia PA 4/1 3/17 3/23 3/18 4/1
Phoenix AZ 3/30 3/16 3/30
Pittsburgh PA 4/1 3/17 3/23 3/18 4/1
Portland OR 3/12 3/16 3/17 3/23
Providence RI 3/17 3/16 3/17 3/28
Raleigh NC 3/14 3/14 3/30 3/17 3/30
Richmond NC 3/14 3/14 3/30 3/17 3/30
Riverside CA 3/11 3/19 3/19 3/19 3/19
Sacramento CA 3/11 3/19 3/19 3/19 3/19
Salt Lake City uT 3/19 3/16 3/19
San Antonio TX 3/21 3/19 3/21 4/2
San Diego CA 3/11 3/19 3/19 3/19 3/19
San Francisco CA 3/11 3/19 3/19 3/19 3/19
San Jose CA 3/11 3/19 3/19 3/19 3/19
Seattle WA 3/11 3/13 3/25 3/16 3/23
St. Louis MO 3/23 3/23 3/23 4/6
Tampa FL 4/3 3/17 3/17 4/3
Virginia Beach VA 3/15 3/16 3/24 3/17 3/30
Washington DC 3/13 3/16 3/25 3/16 3/30
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Table A2. Summary statistics

No. of Standard
Mean o

Obs. Deviation
Outcome variables
Percentage change in the no. of newly listed homes (relative to 3250 0.025 0.239
the same time period in 2019)
Percentage change in the no. of pending home sales (relative to 5 0.061 0.298
the same time period in 2019)
Percentage change in web traffic to for-sale homes (7-day 2300 0.048 0.130
moving average relative to the same time period in 2019)
Controls for spread of the COVID-19
Total number of cases (per 10,000 people at county level) 3250 5.436 15.657
Total number of deaths (per 10,000 people at county level) 3250 0.201 0.891
Daily new cases (per 10,000 people at county level) 3250 0.387 1.042
Daily new deaths (per 10,000 people at county level) 3250 0.019 0.097
State level policies to combat COVID-19
Bans on mass gatherings 3250 0.498 0.500
Any business closures 3250 0.493 0.500
School closures 3250 0.513 0.500
Closure of non-essential business 3250 0.283 0.451

3250 0.320 0.467

Stay-at-home orders
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Table A3. Event study estimates: Restrictions on mass gatherings

Percentage change in new listings Percentage change in pending sales
No-ofdusto gy ©) © o) ) M @) ©) )
policy
-7 -0.051%F  -0.045%% -0.042** -0.050%F -0.049** -0.022  -0.014  -0.006  -0.027
(0.021)  (0.019)  (0.019)  (0.019)  (0.020) (0.039)  (0.037)  (0.036)  (0.040)
-6 -0.032*  -0.030*  -0.027  -0.040%F -0.031* -0.004  -0.001 -0.001 -0.012
(0.018)  (0.017)  (0.018)  (0.017)  (0.018) (0.027)  (0.027)  (0.027)  (0.029)
-5 -0.022  -0.020  -0.016  -0.026  -0.020 0.008 0.010 0.008 0.001
(0.017)  (0.017)  (0.017)  (0.017)  (0.017) (0.027)  (0.027)  (0.027)  (0.029)
-4 -0.007  -0.006  -0.003  -0.011 -0.006 0.021 0.022 0.021 0.017
(0.014)  (0.014) (0.014) (0.014) (0.014) (0.027)  (0.028)  (0.028)  (0.030)
-3 0.006 0.006 0.008 0.002 0.007 0.016 0.017 0.016 0.014
(0.010)  (0.010)  (0.010)  (0.010)  (0.010) (0.021)  (0.022)  (0.022)  (0.023)
-2 0.004 0.004 0.004 0.000 0.004 0.011 0.010 0.010 0.010
(0.006)  (0.006)  (0.006)  (0.006)  (0.006) (0.013)  (0.014)  (0.014)  (0.015)
0 -0.003  -0.003  -0.004  -0.001 -0.004 -0.008  -0.009  -0.008  -0.006
(0.006)  (0.006)  (0.006)  (0.006)  (0.000) (0.011)  (0.011)  (0.011)  (0.011)
1 0.002 0.000 -0.001 0.004 -0.001 -0.015  -0.017  -0.016  -0.011
(0.008)  (0.008)  (0.008)  (0.008)  (0.009) (0.020)  (0.020)  (0.020)  (0.019)
2 0.003 0.001 -0.001 0.003 -0.001 -0.021 -0.023  -0.022  -0.013
(0.010)  (0.010)  (0.009)  (0.010)  (0.009) (0.028)  (0.027)  (0.028)  (0.026)
3 -0.005  -0.006  -0.007  -0.002  -0.010 -0.023  -0.024  -0.022  -0.007
(0.011)  (0.011)  (0.012)  (0.012)  (0.011) (0.031)  (0.031)  (0.031)  (0.029)
4 -0.011 -0.014  -0.016  -0.008  -0.018 -0.015  -0.018  -0.014 0.002
(0.013)  (0.014)  (0.014)  (0.015)  (0.013) (0.032)  (0.031)  (0.031)  (0.028)
5 -0.009  -0.012  -0.013  -0.004  -0.017 -0.007  -0.011 -0.007 0.009
(0.015)  (0.016)  (0.016)  (0.017)  (0.016) (0.031)  (0.030)  (0.030)  (0.026)
6 -0.004  -0.005  -0.006 0.005 -0.009 0.004 0.002 0.007 0.027
(0.019)  (0.019)  (0.020)  (0.022)  (0.019) (0.028)  (0.027)  (0.028)  (0.023)
7 -0.014  -0.014  -0.009 0.012 -0.020 0.045 0.044 0.047  0.087**
(0.044)  (0.044)  (0.046)  (0.050)  (0.045) (0.043)  (0.043)  (0.046)  (0.035)
N 3250 3250 3120 2665 3185 2600 2600 2470 2145
Daily new cases &
deaths per capita N Y Y Y Y N Y Y Y
Drop NY N N Y Y N N N Y Y
Drop NY, CA, WA N N N Y N N N N Y
Drop KS and OK N N N N Y N N N N

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,
and calendar date fixed effects. Standard errors are clustered at the state level and reported in parentheses. The
signs * and ** indicate statistical significance at 10 and 5 percent levels.
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Table A4. Event study estimates: School closures

Percentage change in new listings

Percentage change in pending sales

No. of days to

policy M ©) €) ) ®) M 2) ) )
-7 0.045 0.050 0.048 0.035 0.049 -0.071 -0.065  -0.070  -0.092
(0.046)  (0.043)  (0.042)  (0.044)  (0.043) (0.077)  (0.075)  (0.074)  (0.078)
-6 0.033 0.037 0.033 0.032 0.036 -0.048  -0.044  -0.047  -0.057
(0.031)  (0.029)  (0.028)  (0.031)  (0.029) (0.065)  (0.063)  (0.063)  (0.069)
-5 0.027 0.030 0.027 0.028 0.029 -0.041 -0.039  -0.041 -0.047
(0.027)  (0.025)  (0.025)  (0.027)  (0.025) (0.054)  (0.053)  (0.053)  (0.059)
-4 0.019 0.022 0.019 0.022 0.021 -0.035  -0.033  -0.035  -0.041
(0.021)  (0.020)  (0.019)  (0.021)  (0.020) (0.043)  (0.042)  (0.042)  (0.040)
-3 0.010 0.012 0.011 0.015 0.011 -0.024  -0.023  -0.025  -0.030
(0.015)  (0.014)  (0.014) (0.016)  (0.014) (0.030)  (0.029)  (0.029)  (0.032)
-2 0.002 0.003 0.003 0.004 0.003 -0.004  -0.003  -0.003  -0.005
(0.008)  (0.008)  (0.008)  (0.009)  (0.008) (0.015)  (0.015)  (0.015)  (0.017)
0 -0.007  -0.007  -0.009  -0.007  -0.007 0.003 0.003 0.002 0.002
(0.007)  (0.008)  (0.007)  (0.009)  (0.008) (0.013)  (0.012)  (0.012)  (0.013)
1 -0.012  -0.012  -0.013  -0.009  -0.011 0.009 0.009 0.005 0.005
(0.013)  (0.013)  (0.013)  (0.015)  (0.013) (0.024)  (0.024)  (0.023)  (0.025)
2 -0.014  -0.016  -0.016  -0.014  -0.015 0.011 0.009 0.007 0.004
(0.021)  (0.021)  (0.021)  (0.023)  (0.021) (0.031)  (0.030)  (0.029)  (0.031)
3 -0.019  -0.020  -0.021 -0.023  -0.019 0.015 0.014 0.008 0.005
(0.030)  (0.030)  (0.030)  (0.032)  (0.030) (0.036)  (0.035)  (0.034)  (0.035)
4 -0.019  -0.021 -0.022  -0.030  -0.018 0.026 0.024 0.018 0.013
(0.040)  (0.040)  (0.041)  (0.042)  (0.040) (0.043)  (0.041)  (0.040)  (0.041)
5 -0.016 ~ -0.018  -0.018  -0.027  -0.015 0.027 0.026 0.019 0.013
(0.050)  (0.050)  (0.050)  (0.051)  (0.050) (0.048)  (0.046)  (0.045)  (0.045)
6 -0.024  -0.028  -0.028  -0.033  -0.025 0.032 0.029 0.021 0.013
(0.057)  (0.057)  (0.057)  (0.060)  (0.057) (0.053)  (0.050)  (0.049)  (0.049)
7 -0.021  -0.023  -0.020  -0.036  -0.020 0.042 0.041 0.036 0.023
(0.079)  (0.080)  (0.080)  (0.089)  (0.080) (0.062)  (0.059)  (0.058)  (0.057)
N 3250 3250 3120 2665 3185 2600 2600 2470 2145
Daily new cases &
deaths per capita N Y Y Y Y N Y Y Y
Drop NY N N Y Y N N N Y Y
Drop NY, CA, WA N N N Y N N N N Y
Drop KS and OK N N N N Y N N N N

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,
and calendar date fixed effects. Standard errors are clustered at the state level and reported in parentheses
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Table A5. Event study estimates: Closure of non-essential businesses

Percentage change in new listings

Percentage change in pending sales

No. of days to

policy M ©) ©) ) ®) ©) ©) ) )
-7 0.023 0.022 0.019 -0.007 0.044 0.061 0.060 0.058 0.000
(0.043)  (0.040)  (0.041)  (0.049)  (0.039) (0.051)  (0.046)  (0.049)  (0.038)
-6 0.004 0.002 -0.002  -0.018 0.015 0.031 0.028 0.028 -0.003
(0.029)  (0.029)  (0.030)  (0.038)  (0.030) (0.029)  (0.027)  (0.029)  (0.031)
-5 0.005 0.002 -0.000  -0.011 0.012 0.021 0.018 0.019 -0.005
(0.024)  (0.023)  (0.025)  (0.032)  (0.020) (0.021)  (0.021)  (0.021)  (0.020)
-4 0.005 0.004 -0.001  -0.007 0.010 0.019 0.017 0.019 0.003
(0.019)  (0.019)  (0.020)  (0.026)  (0.021) (0.016)  (0.016)  (0.016)  (0.021)
-3 0.004 0.004 0.001 -0.004 0.008 0.020 0.019 0.019 0.007
(0.013)  (0.012)  (0.013)  (0.018)  (0.014) (0.012)  (0.011)  (0.012)  (0.014)
) 0.003 0.002 -0.000  -0.003 0.003 0.010 0.007 0.010 0.003
(0.007)  (0.007)  (0.007)  (0.009)  (0.008) (0.007)  (0.008)  (0.007)  (0.008)
0 -0.011  -0.013  -0.016  -0.012  -0.017 -0.017%F -0.021%%F -0.024%*%* -0.024**
(0.010)  (0.010)  (0.011)  (0.013)  (0.010) (0.006)  (0.006)  (0.006)  (0.011)
1 -0.038*¢  -0.037* -0.041**  -0.035 -0.044**  -0.030** -0.028** -0.034** -0.029
(0.017)  (0.018)  (0.018)  (0.024)  (0.019) (0.012)  (0.013)  (0.012)  (0.018)
2 -0.060%** -0.061%*¥F -0.064***  -0.062% -0.072%F*  -0.044** -0.045%F -0.051%*¢ -0.047*+*
(0.020)  (0.021)  (0.021)  (0.031)  (0.022) (0.017)  (0.016)  (0.015)  (0.022)
3 -0.085%** -0.083%** -0.082%%* -0.084** -0.097*F* -0.068*** -0.067*** -0.076*** -0.069**
(0.024)  (0.025)  (0.025)  (0.039)  (0.020) (0.020)  (0.020)  (0.017)  (0.020)
4 -0.104%%* -0.102%%F -0.096%%* -0.106** -0.118%F*  -0.092%F -0.091*F* -0.097*** -0.093**
(0.031)  (0.032)  (0.031)  (0.046)  (0.035) (0.021)  (0.021)  (0.021)  (0.036)
5 -0.124%8% 20122066 -0.112%%% -0.131%% -0.141%6%  -0.115%0F 0.113%6% -0.120%%F -0.121*+*
(0.038)  (0.038)  (0.037)  (0.054)  (0.042) (0.026)  (0.025)  (0.027)  (0.045)
6 S0.151%F% -0.14706F -0.140%%% -0.158*%* -0.170%FF  -0.138%%F -0.134%8% 0. 138*%% (. 142+*
(0.042)  (0.042)  (0.040)  (0.058)  (0.045) (0.030)  (0.030)  (0.032)  (0.056)
7 -0.210%6% -0.201%%% -0.189%F% -0.199%F -0.220%* (0. 242%%F (.232%8F (. 234%¥%  ().244*+*
(0.050)  (0.049)  (0.046)  (0.074)  (0.049) (0.053)  (0.053)  (0.055)  (0.096)
N 2210 2210 2080 1625 2145 1755 1755 1625 1300
Daily new cases &
deaths pet capita N Y Y Y Y N Y Y Y
Drop NY N N Y Y N N N Y Y
Drop NY, CA, WA N N N Y N N N N Y
Drop KS and OK N N N N Y N N N N

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,
and calendar date fixed effects. States that did not implement the policy (AZ, FL, GA, MN, MO, OR, RI, TX,
UT) are excluded from the sample Standard errors are clustered at the state level and reported in parentheses.
The signs ** and *** indicate statistical significance at 5 and 1 percent levels.
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Table A6. Event study estimates: Any business closures

Percentage change in new listings

Percentage change in pending sales

No. of days to

policy O o) &) ) ®) O @ S) “)

-7 -0.067%* -0.055%¢  -0.046*  -0.054*  -0.042 0.010 0.027 0.034 0.036

(0.028)  (0.026)  (0.026)  (0.028)  (0.029) 0.074)  (0.072)  (0.072)  (0.083)

-6 -0.043**  -0.036*  -0.031  -0.034  -0.027 0.019 0.030 0.031 0.038

(0.020)  (0.019)  (0.019)  (0.022)  (0.021) (0.062)  (0.061)  (0.062)  (0.072)

-5 -0.030¢  -0.025  -0.022  -0.022  -0.018 0.015 0.024 0.025 0.033

(0.016)  (0.016)  (0.016)  (0.018)  (0.018) (0.053)  (0.052)  (0.052)  (0.061)

-4 -0.021  -0.017  -0.016  -0.014  -0.013 0.017 0.023 0.023 0.030

(0.013)  (0.013)  (0.013)  (0.015)  (0.015) (0.041)  (0.041)  (0.041)  (0.049)

-3 -0.012  -0.009  -0.008  -0.006  -0.007 0.011 0.017 0.017 0.019

(0.010)  (0.010)  (0.010)  (0.011)  (0.011) 0.029)  (0.029)  (0.028)  (0.035)

-2 -0.001 0.001 -0.000  -0.000 0.002 0.010 0.012 0.012 0.014

(0.005)  (0.005)  (0.006)  (0.006)  (0.000) (0.016)  (0.016)  (0.016)  (0.020)

0 0.000  -0.001  -0.002 0.002  -0.003 -0.002  -0.004  -0.002  -0.003

(0.005)  (0.005)  (0.006)  (0.007)  (0.005) (0.012)  (0.012)  (0.012)  (0.015)

1 0.003 0.000  -0.001 0.007  -0.003 -0.000  -0.004  -0.001  -0.003

(0.009)  (0.009)  (0.010)  (0.011)  (0.009) (0.019)  (0.019)  (0.018)  (0.022)

2 0.012 0.008 0.006 0.013 0.004 0.003  -0.002 0.002  -0.002

(0.011)  (0.011)  (0.011) (0.013)  (0.012) (0.024)  (0.024)  (0.023)  (0.026)

3 0.018 0.016 0.014 0.017 0.010 0.011 0.006 0.009 0.006

(0.013)  (0.014)  (0.015)  (0.016)  (0.010) (0.026)  (0.025)  (0.024)  (0.027)

4 0.028 0.023 0.022 0.019 0.018 0.022 0.013 0.018 0.014

(0.017) ~ (0.017)  (0.018)  (0.018)  (0.022) (0.028)  (0.026)  (0.026)  (0.027)

5 0.032 0.027 0.025 0.020 0.021 0.027 0.017 0.019 0.010

(0.020)  (0.020)  (0.021)  (0.022)  (0.020) (0.032)  (0.030)  (0.030)  (0.030)

6 0.039*  0.035 0.031 0.032 0.028 0.031 0.022 0.023 0.013

(0.023)  (0.024)  (0.025)  (0.028)  (0.030) (0.033)  (0.031)  (0.030)  (0.030)

7 0.047 0.044 0.046 0.040 0.039 0.037 0.027 0.024 0.008

(0.030)  (0.031)  (0.034)  (0.037)  (0.039) (0.041)  (0.039)  (0.039)  (0.038)

N 3185 3185 3055 2600 3120 2535 2535 2405 2080

Daily new cases &

deaths per capita N Y Y Y Y N Y Y Y
Drop NY N N Y Y N N N Y Y
Drop NY, CA, WA N N N Y N N N N Y
Drop KS§ and OK N N N N Y N N N N

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,
and calendar date fixed effects. States that did not implement the policy (AZ) are excluded from the sample

Standard errors are clustered at the state level and reported in parentheses. The signs * and ** indicate
statistical significance at 10 and 5 percent levels.
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Table A7. Event study estimates: Stay at home orders

Percentage change in new listings

Percentage change in pending sales

No. of days to

policy m e e @6 “moooe e
-7 -0.021  -0.024  -0.030  -0.086  -0.024 0.004 0.002 0.001 -0.048
(0.039)  (0.038)  (0.043)  (0.052)  (0.038) (0.038)  (0.039)  (0.043)  (0.039)
-6 -0.033  -0.036  -0.044  -0.076*  -0.036 0.001 -0.003  -0.002  -0.021
(0.028)  (0.028)  (0.032)  (0.040)  (0.028) (0.021) ~ (0.023)  (0.025)  (0.031)
-5 -0.026  -0.028  -0.034  -0.058  -0.028 0.001 -0.002 0.001 -0.013
(0.023)  (0.023)  (0.026)  (0.034)  (0.023) (0.017)  (0.019)  (0.021)  (0.020)
-4 -0.017  -0.018  -0.024  -0.038  -0.018 0.001 -0.000 0.002  -0.008
(0.018)  (0.018)  (0.020)  (0.027)  (0.018) (0.013)  (0.015)  (0.016)  (0.020)
-3 -0.013  -0.014  -0.018  -0.027  -0.014 0.006 0.005 0.006  -0.003
(0.013)  (0.013)  (0.014)  (0.019)  (0.013) (0.010)  (0.011)  (0.012)  (0.014)
-2 -0.001  -0.004  -0.005  -0.009  -0.004 0.002  -0.001 0.001 -0.004
(0.007)  (0.008)  (0.008)  (0.010)  (0.008) (0.006)  (0.008)  (0.008)  (0.009)
0 -0.011  -0.012  -0.013  -0.009  -0.012 -0.003  -0.003  -0.005  -0.003
(0.009)  (0.009)  (0.010)  (0.011)  (0.009) (0.006)  (0.006)  (0.006)  (0.007)
1 -0.024  -0.023  -0.023  -0.015  -0.023 0.001 0.001 -0.002 0.005
(0.016)  (0.017)  (0.018)  (0.020)  (0.017) (0.011)  (0.011)  (0.011)  (0.013)
2 -0.026  -0.027  -0.023  -0.014  -0.027 0.002 0.001 -0.002 0.009
(0.021)  (0.021)  (0.023)  (0.026)  (0.021) (0.015)  (0.014)  (0.015)  (0.018)
3 -0.039  -0.036  -0.029  -0.019  -0.036 -0.001 0.003 -0.000 0.015
(0.024)  (0.025)  (0.027)  (0.033)  (0.025) (0.019)  (0.020)  (0.020)  (0.024)
4 -0.050  -0.046  -0.037  -0.030  -0.046 -0.008  -0.004  -0.007 0.011
(0.027)  (0.028)  (0.029)  (0.040)  (0.028) (0.021) ~ (0.021)  (0.022)  (0.029)
5 -0.063*  -0.060*  -0.047  -0.039  -0.060* -0.012  -0.009  -0.011 0.009
(0.030)  (0.030)  (0.030)  (0.043)  (0.030) (0.023)  (0.023)  (0.024)  (0.032)
6 -0.075%  -0.071*%*  -0.059*  -0.044  -0.071** -0.014  -0.009  -0.010 0.014
(0.032)  (0.033)  (0.034) (0.047)  (0.033) (0.025)  (0.026)  (0.028)  (0.038)
7 0.118*  -0.104**  -0.082*  -0.058  -0.104** -0.061  -0.046  -0.038 0.006
(0.047)  (0.045)  (0.046)  (0.059)  (0.045) (0.047)  (0.049)  (0.052)  (0.063)
N 2925 2925 2795 2340 2925 2340 2340 2210 1885
Daily new cases &
deaths per capita N Y Y Y Y N Y Y Y
Drop NY N N Y Y N N N Y Y
Drop NY, CA, WA N N N Y N N N N Y
Drop KS and OK N N N N Y N N N N

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,

and calendar date fixed effects. States that did not implement the policy (UT, CT, KY, OK, MA) are excluded
from the sample Standard errors are clustered at the state level and reported in parentheses. The signs * and **
indicate statistical significance at 10 and 5 percent levels.
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Table A8. Event study estimates: Change in web page views of for-sale homes

Ban on mass Non-essential Any business
) School closutes ) Stay at home orders
gatherings business closures closutes
Nootdsio g m m nm nm
policy
-7 0.045  -0.037 0.028 0.036 0.007 0.003 -0.021  -0.012 0.030  -0.027
0.027)  (0.024) (0.046)  (0.043) 0.018)  (0.017) (0.038)  (0.034) (0.025)  (0.021)
-6 0.018%  -0.015 0.026 0.031 0.016 0.012 0.000 0.005 -0.006  -0.008
(0.010)  (0.010) (0.030)  (0.028) (0.010)  (0.009) (0.023)  (0.021) 0.014)  (0.012)
-5 0.013  -0.010 0.022 0.026 0.015 0.011 0.003 0.007 -0.005  -0.005
(0.009)  (0.008) (0.024)  (0.023) (0.009)  (0.008) 0.019)  (0.017) 0.011)  (0.011)
-4 -0.007  -0.006 0.019 0.022 0.013*  0.012* 0.005 0.008 -0.001  -0.001
(0.007)  (0.006) 0.019)  (0.017) (0.007)  (0.006) 0.014)  (0.013) (0.009)  (0.008)
3 -0.004  -0.002 0.012 0.014 0.010%%  0.010%* 0.004 0.007 0.002 0.002
(0.004)  (0.004) (0.012)  (0.012) (0.005)  (0.004) (0.010)  (0.009) (0.006)  (0.006)
2 -0.002  -0.002 0.005 0.006 0.007%6% 0.006%* 0.003 0.004 0.004 0.001
(0.002)  (0.002) (0.006)  (0.006) (0.002)  (0.002) (0.005)  (0.004) (0.003)  (0.004)
0 0.002 0.001 0.005  -0.005  -0.009% _0.011**  -0.003  -0.004 -0.005  -0.006
(0.002)  (0.002) (0.005)  (0.005) (0.003)  (0.003) (0.004)  (0.004) (0.003)  (0.004)
1 0.004 0.003 0.006  -0.007  -0.018Fx 0.016%  -0.005  -0.007 -0.008  -0.009
(0.004)  (0.003) (0.010)  (0.009) (0.006)  (0.006) (0.008)  (0.007) (0.006)  (0.006)
2 0.007 0.005 0.009  -0.012  -0.028%¢ 0.027**  -0.006  -0.009 0.011  -0.013
(0.005)  (0.005) (0.014)  (0.012) (0.009)  (0.009) 0.011)  (0.009) (0.009)  (0.009)
3 0.007 0.005 0.010  -0.013  -0.036** -0.033**  -0.006  -0.007 0.015  -0.013
(0.007)  (0.006) (0.017)  (0.016) (0.013)  (0.012) 0.014)  (0.012) 0.011)  (0.010)
4 0.009 0.006 0.006  -0.010  -0.042%x _0.038%  -0.002  -0.005 0.019  -0.018
(0.009)  (0.008) (0.021)  (0.019) 0.014)  (0.014) 0.017)  (0.014) 0.012)  (0.012)
5 0.012 0.008 0.003  -0.008  -0.049%k _0.045%  0.002  -0.001 -0.020  -0.020
(0.010)  (0.009) (0.025)  (0.022) (0.016)  (0.016) 0.021)  (0.018) 0.014)  (0.013)
6 0.017 0.014 0.000  -0.007  -0.056%* -0.051%  0.005 0.003 0.018  -0.018
(0.012)  (0.010) (0.029)  (0.026) (0.019)  (0.018) (0.025)  (0.021) 0.015)  (0.013)
7 0.019 0.016 0.012 0.007 0.089%F -0.077*  -0.000  0.001 0.029  -0.023
0.022)  (0.020) (0.036)  (0.032) (0.032)  (0.029) (0.039)  (0.033) 0.028)  (0.024)
Daily new
cases & deaths N Y N Y N Y N Y N Y
per capita

Notes: The day prior the announcement of the policy is the excluded category. All models include city, state,
and calendar date fixed effects. Number of observations for all models is 2300. Standard errors are clustered at
the state level and reported in parentheses. The signs *, **, *** indicate statistical significance at 10, 5, and 1
percent levels.
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