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Executive summary  

In recent years there has been an increasing interest in assessing employment effects of de-

velopment cooperation interventions. On the one hand, the rigorous assessment of impacts of 

development activities is playing a central role among donors and implementing organizations 

for several reasons, including transparency, steering, reporting and institutional learning. On the 

other hand, the operational objectives of employment and employment promotion have become 

a main focus: specifically, many activities of German development cooperation, especially in the 

sector of sustainable economic development, target employment creation and the improvement 

of employment conditions in several dimensions, in particular individual employment opportu-

nities and labor income.  

The prominence of an employment agenda in development cooperation is reflected, for 

instance, in the World Bank’s 2013 World Development Report on “Jobs” and, for the German 

case specifically, in the “Marshall Plan with Africa” and its objective to generate and improve 

employment opportunities in a comprehensive and sustained way. Within GIZ (Deutsche 

Gesellschaft für Internationale Zusammenarbeit), the Sector Project Employment Promotion in 

Development Cooperation has been advancing this agenda for many years, an effort that has 

produced several studies specifically addressing the topic of rigorously measuring employment 

effects. These earlier studies are characterized by attempting to align impact measurement with 

project realities and intend to give guidance as pragmatic and practicable as possible, despite the 

inherent methodological complexities of rigorous impact assessment. 

Against this background, the objective of this research project is to put into practice the 

recommendations made in those studies: to involve rigorous evaluation efforts with program 

implementation from the very early stages; to continuously accompany program implementation 

with the impact evaluation over a longer time horizon; and, perhaps most importantly, to closely 

interact the rigorous evaluation with the M&E system, and have staff members of the GIZ 

projects execute the evaluation guided by and in close cooperation with the researchers. 

Moreover, it was decided to implement this approach in three pilot countries with signature 

(youth) employment promotion programs in three focus regions of German development 

cooperation: the Balkans, Middle East, and Sub-Saharan Africa. After a scoping phase analyzing 

different programs in several partner countries, the countries eventually selected for the pilot 

study are Serbia, Jordan, and Rwanda, respectively. Effectively, this study is thus based on a 

collaborative triangle consisting of (1) the GIZ teams in the three countries, (2) the GIZ Sector 

Project Employment Promotion in Development Cooperation, and (3) the RWI team of 

researchers. 

This report presents the final results of this collaborative study. Started in fall 2016, the re-

search project involved several key steps in each country. First, an assessment mission to identify 

which interventions in each country have the potential for a rigorous employment impact assess-

ment, as determined by program contents, timeline, and data availability or data collection po-

tential. Second, the development of the corresponding methodology. Third, the putting into 

practice of the impact evaluation over the three-year period, including the continuous data col-

lection and exchange between researchers and M&E teams, including several follow-up missions 

and workshops. 
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One key objective of the project was to test rigorous but practical and cost-efficient solutions 

that could be replicated or upscaled in related programs. The idea, therefore, was to incorporate 

existing M&E systems, closely involve the program M&E teams in the country, and collaborate 

with local researchers to ensure knowledge transfer. To this end, the results for the three coun-

try case studies constitute a key learning outcome for future pathways of rigorous impact as-

sessments within German development cooperation. The research report presents the three 

country case studies and their findings in detail, before drawing summary conclusions from the 

research project as a whole. 

I.) The country case study Jordan presents the results of implementing a homogenous impact 

assessment approach across a broad range of smaller-scale labor market interventions imple-

mented by the “Employment Promotion Programme” (EPP). Given that the program’s activities 

comprise a set of specific interventions across regions (and implemented with specific partners), 

the research design features a homogeneous approach of survey data collection across this set, 

and a comparable mechanism to identify a comparison group at the intervention level. The goal 

was to make impacts comparable and aggregable across different intervention groups, and at 

the same time also providing intervention-specific impact results. Overall, the approach worked 

very well in practice and produces insightful and valuable results. Given that GIZ employment 

promotion interventions frequently operate in similarly disaggregated ways, the pilot in Jordan 

has proven that there are practical ways to address this methodologically.  

In substantive terms, the results show that:  

➢ Interventions of the type Labor Market Matching display the largest and consistently posi-

tive employment effects at least in the short term (6 months). On this basis, these interven-

tions also appear to be the most cost-effective overall. 

➢ Interventions that combine Training and Matching increase the participants’ probability to 

be working after 6 months by 9 percentage points. While this is smaller than Matching 

alone, it is relatively large for this type of program in an international perspective. 

➢ The single Entrepreneurship measure in the impact evaluation displays a negative employ-

ment effect. This likely reflects that the program explicitly targets women to start their own 

home-based day care business, and a follow-up timeline of 6 months may have been too 

short to identify positive labor market outcomes arising from this program. 

II.) The country case study Serbia analyzes the employment impact of two separate modules 

that fall under the Program “Sustainable Growth and Employment in Serbia”.  

The first module “Reform of Vocational Education in Serbia” (VET) has aimed to improve the 

employment prospects of graduates from the Serbian vocational education and training system. 

To this end, the VET project has modernized six occupational profiles with elements of dual train-

ing in 52 vocational schools across Serbia. These schools are cooperating with 200 companies 

where students can complete their dual training program. To date, approximately 2,700 students 

have been trained in these occupations. For the evaluation, a Difference-in-Differences (DiD) 

methodology was implemented to assess the causal effect of graduating from a school with a 

modernized VET profile. In a nutshell, the DiD methodology compares the outcomes of students 

enrolled in modernized profiles to comparable students enrolled in non-modernized profiles 

within and across schools.  

The results show that:  
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➢ Overall, graduating from a modernized VET profile has a positive impact on perceived edu-

cation quality and characteristics of employment.  

➢ Graduates from modernized profiles are more satisfied with the quality of education, report 

better school conditions, perceive to be more ready for working, and are more likely to 

claim they would choose the same VET again. 

➢ While no measurable impact was found on the overall probability to be employed six 

months after graduation, students in modernized profiles are more likely to obtain their 

first job in the training companies. They are also more likely to use their VET skills and 

knowledge in their current job, and to earn higher wages. In particular, the last finding in-

dicates an important effect of the intervention towards improved long-term labor market 

success induced by the VET reform. 

The second module “Youth Employment Promotion” (YEP) supported Serbian unemployed 

youths aged 15 to 35 years in improving their labor market outcomes by implementing active 

labor market measures. The research project focused on estimating the impact for short-term 

skills trainings of two different types: First, matching youth to employer-based trainings offered 

by cooperating firms. Second, trainings in simulated workplace environments conducted by vo-

cational training institutes. To measure participants’ labor market outcomes, two datasets are 

combined: first, large-scale administrative data provided by the National Employment Service 

(NES) were used. Second, a phone survey was conducted among training participants. The causal 

effect of participation in YEP on the labor market outcomes of 916 beneficiaries is estimated by 

identifying – via statistical matching procedures – similar unemployed individuals among 1.5 mil-

lion registered unemployed that did not participate in the training.  

The results show that:  

➢ Employer-based training has a sizeable and sustained impact on registered formal employ-

ment. One reason is that participants were largely hired and retained by the training firm. 

And even though an increasing share of the comparison group finds jobs over the 8 months 

after training end, the impact assessment suggests that participants still have a 45 percent-

age points higher employment probability. Quantitatively, this is a very large impact. 

➢ VTI-based trainings have a positive impact on formal employment, which takes longer to 

emerge. After 8 months, the probability to be registered as employed is 16 percentage 

points higher than in the absence of the project. In addition, medium-run trends show that 

the gap to the comparison group widens over time. Sub-sample analysis for early training 

cohorts suggests the impact increases to more than 22 percentage points after 16 months. 

This indicates a sustained gain in human capital. On top, the survey data show that a large 

share of the non-registered employment participants is likely informally employed.  

➢ The survey data analysis shows that the majority of employed participants in both trainings 

were very satisfied with their employment, were working in same field as the GIZ training 

and reported earnings roughly around the national median wage. 

III.) The final case study of the report discusses Rwanda, where an effort was made to imple-

ment rigorous impact evaluations for selected interventions of the “Eco-Emploi” program. In a 

first step, an evaluability assessment was conducted across a large number of interventions. In 

contrast to the case of Jordan, a homogeneous and overarching impact evaluation design was 

not suitable given the complexity of the interventions, differences in intervention logic, different 

target groups and differing timelines. Consequently, it was decided to focus on three interven-

tions which were in principle suitable for a rigorous evaluation: WeCode, Training of Trainers 
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(ToT-TVET), and “Further Trainings”. Rigorous evaluation designs were developed for each inter-

vention, but their implementation was constrained by challenges that were specific to each in-

tervention. Consequently, the project team focused on developing specific solutions that would 

allow to implement the developed impact evaluation design in the future.  

➢ For the ICT training WeCode, the main challenge was that only a low number of individuals 

applied to the program who possessed sufficient English skills and the availability to commit 

full-time to the program. Hence, providing additional language support and a part-time 

course could thus increase the number of participants for future cohorts. 

➢ For ToT-TVET, a skills training for teachers of TVET profiles, the main challenge was data 

availability, as schools did not respond or provided incomplete information when re-

quested. One solution would be to organize self-administered surveys among students 

early-on, which collects extensive contact information for tracing. 

➢ For skills enhancement of TVET graduates (“Further Trainings”) small-scale, short-term 

trainings are implemented at different points in time. A more synchronized timeline by sec-

tor would allow to aggregate data to increase the sample size. Furthermore, eligibility cri-

teria for potential beneficiaries of the trainings should be established before the trainings 

in order to identify comparison groups. 

IV.) On the basis of the experiences of these three country case studies, there is a compre-

hensive set of overall conclusions and lessons learned that can be drawn. 

First and foremost, when reflecting on this 3-year research project involving the triangle of col-

laborateurs (1) GIZ country teams in Jordan, Rwanda, and Serbia – (2) GIZ Sector Project Employ-

ment Promotion in Development Cooperation – (3) RWI research team, there is one overarching 

conclusion: it is possible in practice to fruitfully implement a collaboration between develop-

ment cooperation practitioners and academics to rigorously assess employment effects of de-

velopment cooperation interventions. This is not a small achievement: in a context in which 

practitioners typically have little time capacity to get involved in impact evaluation, and in which 

researchers often conduct studies at best loosely attached to actual development practice, it is 

a notable and important step ahead to bring practice and research together and collaborate sys-

tematically and in a sustained way over a rather large period of time. 

In addition to showing that such a collaborative approach can work in practice, it is evidently 

the substantive results of the impact evaluation that are of value:  

First, the collaboration succeeded in devising tailormade – at the country, module, and inter-

vention level – research designs to rigorously measure employment impacts, and to collect the 

corresponding data. In particular, in each of the three countries relevant and evaluable interven-

tions were identified, and fit to rigorous methodological approaches – along with corresponding 

survey instruments etc. – for impact measurement. Perhaps even more importantly, the collab-

oration succeeded in collecting the relevant data over a 3-year time period to actually put the 

rigorous impact designs into practice.  

Clearly, this came with many challenges that needed to be solved, for instance: design the sur-

vey and identify a suitable comparison group – then actually track comparison individuals and 

interview them; understand and solve implausibilities in the data; find the required data prepa-

ration capacity that interlinks the survey efforts of the local M&E staff with the researchers (FREN 

in the Serbian case; the RWI research data centre and additional local M&E staff in the Jordanian 
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case), etc. But overall, the triangle of collaborateurs has had the patience and a long enough time 

horizon to resolve the obstacles. And sometimes a specific challenge cannot be overcome, such 

as the take-up of the WeCode intervention in Rwanda that in the end turned out to be too low 

to enable implementing the envisaged experimental design. But now that the design has been 

developed, this may still be implemented after the end of this research project.  

Second, the empirical findings show that German development cooperation interventions 

have significantly positive, and sometimes large, employment impacts. For instance, evidence 

from EPP Jordan shows that labor market matching interventions have the largest and most con-

sistently positive employment effects in the country; the Serbian VET results show that graduat-

ing from a modernized VET profile has a positive impact on perceived education quality and char-

acteristics of employment; and the Youth Employment Promotion impact evaluation in Serbia 

finds that employer-based training has a very large and sustained impact on registered formal 

employment, and that VTI-based training effects are equally large and materialize, in particular, 

in the longer run. 

Third, differential impacts across the range of interventions give important feedback for 

steering and future program design. Whereas the impact design for the Jordanian EPP is based 

on aggregating data across heterogeneous interventions, and produces information on overall 

impacts that way, it also gives EPP important feedback on the differential results by intervention 

(and corresponding information for steering, and for the next program phase): for instance, the 

fact that the training/matching interventions have the largest impacts. Or the fact that the en-

trepreneurship training cannot be expected to produce very short-run impacts on employment, 

as the female participants are still setting up their business. Moreover, from a GIZ perspective, 

the differential impacts across countries are likely to be very informative: to learn that labor 

market matching is indeed an effective intervention in a low demand labor market environment; 

to learn that modernizing VET is a promising approach; to learn that disadvantaged youths can 

be helped very effectively through on-the-job training. 

Fourth, data for impact evaluations of employment effects can be productively collected 

based on – and in connection with – existing M&E systems. As M&E systems are generally not 

geared towards satisfying the requirements of tailormade rigorous IE designs, typically they need 

some augmentation in practice: most often this would be through surveys collecting the required 

impact evaluation data (as in the cases of Jordan, Serbia’s VET, and Rwanda’s WeCode), but the 

case of Serbia’s YEP shows this can also be done with administrative sources, here in collabora-

tion with the National Employment Services NES. This result emphasizes the importance for eval-

uation researchers to comprehensively assess data availability and collectability both within the 

realm of the intervention (i.e. its M&E systems) but also to consider secondary sources, as these 

can be brought onboard in a very useful manner (as the Serbia YEP case proves). 

Fifth, it pays off for collaborative efforts in impact evaluation to start the exchange between 

intervention practitioners and researchers early on, ideally when designing the intervention or 

when starting it. As such a recommendation was made already in earlier work on assessing the 

effects of German development cooperation interventions, this research project proves the ac-

tual value of this a priori recommendation in practice: in fact, it was possible to (a) devise rigorous 

and practicable designs, (b) collect the corresponding data, and (c) produce meaningful and in-

formative impact results precisely because the GIZ teams in the three countries and the research 

team started their collaboration already at the outset of program implementation, and then had 

a sufficiently long time period at hand to put it into practice. 
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In addition to these main conclusions, there is a set of more specific experiences from this 3-

year project that deserve discussion, and that might inform future collaborations of a similar 

kind. 

One aspect concerns the integration of Monitoring and Evaluation, or, more specifically, the 

integration of existing M&E systems and practice with rigorous impact evaluation efforts. This 

has several dimensions: first, at the outset of the collaboration it is key to bring together “project 

thinking” – i.e. practitioners’ perspective on the intervention they implement – with “research 

thinking” – i.e. researchers’ perspective on what constitutes an appropriate rigorous impact eval-

uation design. For both sides, this involves empathy and an effort to understand the objectives, 

constraints, and modus operandi of the collaborating partner: for researchers, on the one hand, 

it implies an effort to understand how interventions work and may be evaluated (with corre-

sponding data collection), in a situation in which typically program documents – and often also 

M&E systems – are not written / designed with a rigorous impact evaluation in mind. For practi-

tioners, on the other hand, it implies an effort to understand why a control or comparison group 

is essential for impact evaluation, and why the issue of selectivity (i.e., who chooses to be in the 

intervention and why/how) is important, and why comprehensive data on as large a sample as 

possible are required for solid empirical evidence. 

Overall, the triangle of partners in this project has worked very well in this regard – nonetheless, 

the partners have identified several ideas how this process can be smoothed further: 

➢ The GIZ teams felt that it would have been useful at the outset of the collaboration (i.e. 

during the first country missions, or even beforehand) to get an overview about differ-

ent rigorous impact evaluation approaches by the researchers, so that it would be eas-

ier for them to have informed discussions and a better understanding of what the re-

searchers are testing / aiming at with potential research designs and data collection. 

One way to provide this, for instance, is indeed to have a dedicated session during the 

first country mission. Other pathways are provided, for instance, by the sector project 

Employment Promotion in Development Cooperation with its regular trainings on 

methods to assess employment effects. One of the two approaches would be clearly 

recommended to projects that plan to conduct a rigorous impact evaluation in the fu-

ture. 

➢ The research team finds there remains scope for project documents to be even more 

specific in delineating pathways to achieving outcomes – i.e. here: creating employ-

ment – that can be tested empirically. One possible procedure might be to intensify an 

exchange between researchers and program designers at a stage when the interven-

tions’ main results logic is being set up. This way impact evaluation efforts could be 

incorporated as early as possible. 

Another aspect arising from this research project is that, even in a collaboration with external 

researchers, development cooperation programs need additional resources on top of their reg-

ular M&E staff if they are to engage in program-accompanying rigorous impact evaluation. This 

has proven to be a key practical finding across countries: in Jordan the solution has been to aug-

ment the project M&E staff, and in Serbia the solution has been to contract a local research 

institute to handle and collect data, and thus provide a link between program operators and 

external researchers from the RWI team. Whereas the GIZ programs within this research project 

were fully committed to making this pilot a success and thus made available the corresponding 
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funding required, this practical results implies that for any other such efforts in the future an 

adequate budget supplement needs to be earmarked, preferably already during the project de-

sign phase.  

Looking back to the outset of this collaborative research project in the year 2016, the process 

of identifying the countries and programs for this pilot exercise proved successful and can thus 

provide guidance for similar attempts in the future. Key characteristics that were taken into ac-

count: (i) Focus regions of development cooperation; (ii) type of intervention that is prototypical 

for development cooperation and/or addresses an important target group (youth; female youth); 

(iii) programs’ explicit interest in rigorous impact evaluation of their intervention(s); (iv) Rela-

tively large programs (either individually, or in aggregate as in Jordan), since rigorous impact 

evaluations will typically be the more robust the larger the sample size.  

Finally, whereas the available time horizon in this collaboration – three years – has been a key 

factor in its successful implementation – in particular, identifying and collecting the relevant 

data, and overcoming practical challenges – there is one remaining, substantive factor, for which 

even more time would be useful: to assess the longer-term employment effects of the interven-

tions, which – as at least the Serbian YEP case and the Jordanian Entrepreneurship intervention 

suggest – might be even larger and more positive than the short-term employment effects meas-

ured here. 
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1. Introduction 

In recent years there has been an increasing interest in assessing employment effects of 

development cooperation interventions. On the one hand, the rigorous assessment of impacts 

of development activities is playing a central role among donors and implementing organizations 

for several reasons, including transparency, steering, reporting and institutional learning. On the 

other hand, the objectives of employment and employment promotion have become a main 

focus: specifically, many activities of German development cooperation, especially in the sector 

of sustainable economic development, target employment creation and the improvement of 

employment conditions in several dimensions, in particular labor income. The latter dimension 

of employment effects is of particular relevance, since labor earnings have been identified in the 

economic literature as one key factor for reducing poverty and increasing welfare.  

The prominence of an employment agenda in development cooperation is reflected, for 

instance, in the 2013 World Development Report on “Jobs” (World Bank 2013) and, for the 

German case specifically, in the “Marshall Plan with Africa” (BMZ 2017) and its objective to 

generate and improve employment opportunities in a comprehensive and sustained way. Within 

GIZ (Deutsche Gesellschaft für Internationale Zusammenarbeit), the Sector Project Employment 

Promotion in Development Cooperation has been advancing this agenda for many years, an 

effort that has produced several studies specifically addressing the topic of rigorously measuring 

employment effects: for instance, a set of pilot studies conducted for the Federal Ministry for 

Economic Cooperation and Development (BMZ) and GIZ address the measurement of 

employment impacts of a portfolio of development cooperation interventions, and give guidance 

on appropriate methodologies (Kluve and Stöterau 2014, RWI 2013 and 2014). These approaches 

– along with earlier guidelines for the sector project developed in Kluve (2011) – are closely 

aligned with project realities and intend to give guidance as pragmatic and practicable as 

possible, despite the inherent methodological complexities of rigorous impact assessment. 

Against this background, the objective of this research project is to put into practice the 

recommendations made in the earlier studies: to involve rigorous evaluation efforts with 

program implementation from the very early stages; to continuously accompany program 

implementation with the impact evaluation over a longer time horizon; and, perhaps most 

importantly, to closely interact the rigorous evaluation with the M&E system, and have staff 

members of the GIZ projects execute the evaluation guided by and in close cooperation with the 

researchers. Moreover, it was decided to implement this approach in three pilot countries with 

signature (youth) employment promotion programs in three focus regions of German 

development cooperation: the Balkans, Middle East, and Sub-Saharan Africa. After a scoping 

phase analyzing different programs in several partner countries, the countries eventually 

selected for the pilot study are Serbia, Jordan, and Rwanda, respectively. 

This report presents the final results of the pilot study. Started in fall 2016, the project involved 

several key steps in each country. First, an assessment mission to identify which project(s) in 

each country has (have) the potential for a rigorous employment impact assessment, as 

determined by program contents, timeline, and data availability or data collection potential. 

Second, the development of the corresponding methodology. Third, the putting into practice of 

the impact evaluation over the three-year period, including the continuous data collection and 

exchange between researchers and M&E teams, including several follow-up missions and 

workshops.  
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The report therefore presents the results from each country in turn: Chapter 2 covers the Em-

ployment Promotion Programme (EPP) in Jordan. Chapter 3 comprises two modules from Serbia, 

one for the Vocational Education and Training in Serbia (VET), and the other for the Youth Em-

ployment Promotion (YEP). Chapter 4 contains the experiences from Rwanda, focusing on the 

Eco-Emploi Programme. Chapter 5 concludes with the lessons learned across the experiences 

from the three countries. 

Each chapter explains the contents of the program, the empirical methodology chosen and the 

corresponding data collection. In addition, the main focus is on presenting descriptive data anal-

yses and empirical results on the employment effects of each program. Whereas the choice of 

method is presented and explained in each case, it is the starting point of the chapters that the 

general methodological and practical challenges concerning counterfactual impact evaluations 

are known and are therefore not discussed and explained again in this report. Useful resources 

for this are, inter alia, Kluve (2011), Hempel and Fiala (2011), Kluve and Stöterau (2014), and 

Gertler et al. (2016).  
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2. Country Case Study: Jordan 

2.1  Country background  

Labor market context 

Jordan has a working age population of 4.6 million (excluding refugees), of whom 36 percent 

(2016) participate actively in the labor force (CBJ 2017). Women and young people find it partic-

ularly difficult to gain a foothold in the Jordanian labor market. Despite the high educational 

attainment, the female and the youth participation rates are among the lowest in the world; the 

participation rate of young women was only 9 percent in 2016. The main reason for this lies in 

the predominant traditional role model, within which women take care of the household and are 

restricted to work close to their homes and only with women (ILO 2017, GIZ 2015). 

The Jordanian labor market is characterized by relatively high unemployment. Overall, the na-

tional unemployment rate is 18.6 percent reached its peak at 15.3 percent in 2016 (CBJ 2017). 

However, young people (15-24 years) face a particular challenge on the labor market, as the 

youth unemployment rate stands at 43.5% percent in 2018. This challenge is especially pro-

nounced for young women, who face an unemployment rate of about 40 percent.1  

One key feature at the heart of the unemployment challenge are considerable skills mis-

matches with a weak employability. Specifically, also many academically trained Jordanians do 

not find suitable jobs, as parts of the private sector struggle economically, and job creation in the 

economy is estimated to be only about half of what is needed per year, given the large cohorts 

of youth entering the labor market (ILO 2017). Moreover, the well-paid and secure jobs in the 

public sector that many young people aim for become increasingly rare due to the retrenchment 

of the role of the state (ILO 2017). Young people incur long unemployment periods waiting for 

such a job opportunity (“waithood”), which further increases with decreasing education (Assaad 

2019). Jobs in the private sector account for 60 percent of total employment, but they cannot 

compensate the decreasing number of public jobs and are not attractive for long-term employ-

ment, particularly as more than half of the young people are only informally employed (ILO 

2017). 

Skills mismatches result from a lack of alignment between the theoretical education system, 

which lacks sufficient technical and vocational education and training, and labor market needs 

(ILO S. 13, CBJ S. 20). They are reflected in the lack of professionally skilled and semi-skilled work-

ers, especially in the field of craftsmanship, and the high unemployment rate of the academically 

educated (GIZ 2015, CBJ 2017).  

The labor market situation is especially problematic for women, even though they have the 

highest literacy rate in the Middle East. Most problematic is the small number of acceptable pro-

fessions. The private sector does not create jobs that correspond to the traditional gender norms. 

The public sector, which is the only option for women living in rural areas besides agricultural 

work, employs a higher share of women than men, but jobs are getting scarce. When they cannot 

find a suitable job, they keep studying subjects for which the demand is low and leave the labor 

market once they are married to manage the household work (ILO 2017).  

 
1 http://www.dos.gov.jo/owa-user/owa/emp_unemp_y.show_tables1_y?lang=E&year1=2018&t_no=41 
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A final aspect exacerbating the Jordanian labor market challenge has been the refugee crisis, 

with an estimated number of at least 670,000 refugees having migrated to Jordan by mid-2019. 

Less educated Jordanian men have to compete not only with the high-educated, but also with 

the migrant workers, adding to the long waithood and unemployment periods among young Jor-

danian men (Assaad 2019). 

2.2  The Employment Promotion Programme (EPP)  

Objectives of EPP  

Against the background of the labor market situation in Jordan, EPP aims at improving the em-

ployment situation in selected sectors and regions, in cooperation with the Jordanian Ministry of 

Labor. The employment promotion interventions, specifically, intend to strengthen capacities to 

promote employment services for job matching and improve qualifications of the workforce. 

Labor market inclusion forms part of the employment promotion objectives, as EPP implements 

strategies to integrate youth and women into the labor market, and to connect urban and rural 

areas. Moreover, business development support is another objective: in particular, to increase 

economic opportunities in trade and micro and small businesses, improving their access to fi-

nance and innovation.  

Finally, a sustainability objective characterizes EPP’s activities, which also aim to improve evi-

dence-based policymaking, financial regulations and sustainable business models in the country. 

Overall, EPP follows the integrated approach to employment promotion and targets the four di-

mensions labor demand, matching and mediation, labor supply, and framework conditions. The 

program has a total budget of approximately 13.3 Mio. Euros and a duration of 6.5 years, running 

from 01/2016 until 06/2022. 

By 2022, EPP aims to attain the following outputs and outcomes:  

• 5000 job seekers have better job opportunities 

• 3000 people move from unemployment to having sustainable jobs 

• 1250 women specifically targeted for employment 

• 750 people are supported to improve their working environment and/or salary  

• 450 people are able to work in better conditions or for a higher salary/income 

EPP Fields of Activities 

The EPP program is active in four Fields of Activities (FoA), two of which are in focus for the 

impact evaluation conducted in this research project: 

• FoA2 – Local economic development and employment: Enhancing employment services 

in four governorates; employment initiatives with the private sector; local dialogues. 

• FoA3 – Employment opportunities for women: Regulation and qualification for child-

care; promoting job opportunities in ICT, Health, Clean Teach; awareness raising. 
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Specifically, Field of Activity 2 “Improvement of local economic development and employ-

ment promotion in four pilot regions” aims to create employment opportunities for Jordanian 

jobseekers. In close cooperation with its partner, the Ministry of Labour (MoL) and its local em-

ployment directorates, job-matching activities are implemented. This includes the development 

and implementation of active labour market measures. Hereby the component focuses on 4 gov-

ernorates in Jordan: Irbid,Balqa, Karak and Ma’an. 

For example, in the Irbid Governorate, a job placement centre was set up in cooperation with 

the local Chamber of Industry. Both partners, the local Ministry of Labour directorate and the job 

placement unit in the Irbid Chamber of Industry, cooperating closely in order to match jobseek-

ers. An important tool with regard to job placements is the direct cooperation with the private 

sector. Through the establishment of Local Employment Dialogues (LEDs) with the private sector 

activities are developed focusing on the sustainable employment of jobseekers. 

A successful example of placing young job seekers in the Irbid was a job fair held in May 2018 

implemented in close cooperation with the local employment office of the Ministry of Labour. 

The job fair was attended by over 800 job seekers (58% women / 42% men), mostly young people 

with university degrees. More than 100 vacancies could be identified, and participants were 

matched with them. 

Field of Activity 3 “Enhancing employment opportunities for women” focusing on promoting 

female employment in Jordan in coordination with the Ministry of Labour as the core partner. 

Four sectors were selected with high potential for female employment: Day care, Health, ICT and 

Clean Technology.  

The main sector is early childhood day care. Having in mind the situation of remote areas in 

Jordan the topic of home-based day care (HBDC) was integrated in the sector. A concept was 

developed by German consultants to train and mentor mainly informal working care givers as 

well as any care givers who are interested and work in a nursery. With the cooperation of the 

government the legal framework for HBDC was endorsed. Around 350 women were trained in 

most of the governorates of Jordan to be able to provide a safe and secure environment for the 

children during their work as care givers.  

Another field with potential female employment is market niches. The activities were selected 

with the potential of income generation or self-employment of the women. Four different sewing 

and three productive kitchen projects were supported with high standards of training for approx-

imately 150 women. For example, in the ICT sector EPP supports newly graduated women with 

background in ICT to find a job in this field. With tailored trainings based on the demands of the 

employers the gap between the theoretical educational and the practical requirements of the 

employers should be bridged. Approximately 150 women are expected to benefit from this in-

tervention. 

For the health care sector, elderly care was selected. The focus lies on family oriented non-

medical services to take off the pressure from families who are taking care of one or more older 

family members. Another topic is the activation of older people to be more integrated in the 

social life of the community. Here the staff of elderly clubs will be supported by building the 

capacity of well-trained women to be able to provide good services for their visitors. This sector 



RWI 

  20 

is in the pilot phase, a training measure is currently running with 25 women. Overall, FoA 3 will 

provide services to enhance employment opportunities for 1,250 women in total with the in-

volvement of 15% Syrian women refugees. 

Each of these two fields of activities comprises several specific measures. For the purposes of 

this study, a total of ten measures across the two FoAs were deemed feasible for an impact eval-

uation (details on the methodological approach follow in the next section). The list of measures 

is presented in Table 2.1. Names of the measures are labelled “# – FoA – partner” combining the 

# of the measure within the total EPP portfolio with the FoA it belongs to and the partner it 

collaborates with. That is, for instance, “3A2 Toyota” is the 3rd measure in the EPP portfolio, it 

belongs to FoA 2, and it collaborates with Toyota.  

The table also mentions the region (governorate) in which the program is active, and the year 

in which it was started. Appendix Jordan 1 has a sheet for each of the ten measures that gives 

monitoring information for the detailed duration, for program implementation and for the data 

collected for the impact evaluation. 

Table 2.1  
List of the ten EPP measures included in the impact evaluation  

1A2 Luminus Strengthening the cooperation between NGOs and the private sector Irbid LUMINUS 2017 

2A2 Loyac Balqa Strengthening the cooperation between NGOs and the private sector Balqa LOYAC 2017 

3A2 Toyota 
Strengthening the cooperation with the private sector (Public-Private Partnership) Irbid 
TOYOTA 2017 

5A2 CBOs 
Strengthening local CBOs and MSMEs to link to markets and to professionalize Karak CBOs 
2017 

8A3 HBDC Creating Employment for women of homebased day care All Governorates 2017 

11A3 NRC Employment related training measures Irbid, Balqa, Karak and, Maan NRC 2017 

12A2 EFE Sustainable employment of people with academic background Karak and Maan efe 2017 

13A2 Loyac Sustainable employment of people with academic background Irbid Loyac 2017 

15A2 EPU 
Promotion of Sustainable Employment in Irbid Through the Employment Promotion Unit 
Irbid 2018 

17A2 MMIS Supporting Carrier Days and Recruitment Processes Irbid, Amman MMIS 2018 

2.3  Methodological design for the impact evaluation  

The EPP activities directly target employment effects, and when this pilot research project 

started it had already been planned by EPP to follow-up on the employment status of beneficiar-

ies through a tracer study (more details below in the section on data collection). In order to as-

sess the effectiveness of each of the EPP measures, it is required to answer the counterfactual 

question 

“What would have happened to the EPP participants in terms of their outcome – employment 

status – had they not participated in the program?”, since the difference between the partici-

pants’ employment outcomes and the counterfactual measures the causal effect of the program. 



Employment impacts of development cooperation: 
a collaborative study 

 

  21 

Generally, M&E Systems are typically designed to collect information on the employment status 

(or earnings) before and after the program for program participants. Such a before-after-com-

parison, however, is generally an imperfect attempt at assessing the counterfactual, since con-

founding macro factors –such as programs run by other donors, governorate policy changes, 

macro-economic factors– may influence changes in labor market outcomes over time, in addition 

to the program. 

The basic idea is therefore to generate a comparison group to proxy the counterfactual. De-

tailed methodological challenges for the EPP case arise from the heterogeneity of the single in-

terventions, which are implemented in specific regions, and follow individual timelines and pro-

gram assignment mechanisms.  

The approach chosen is based on the idea of a homogenized data collection across the ten EPP 

measures, where for each measure data are collected at baseline, at program end, and at a 6-

month follow-up. Baseline and follow-up data are collected for both intervention and compari-

son groups, program end data for participants only, with the purpose to give a personal evalua-

tion of the program. The comparison groups were defined for each of the ten measures individ-

ually, using people interested in the intervention and followed the application / baseline proce-

dure, but who were finally not selected or not able to participate. 

This approach uses a difference-in-differences (DiD) design, i.e. a before-after comparison 

combined with a comparison of intervention and comparison groups at both points in time. The 

key assumption of this approach is that of “parallel trends” in outcomes, i.e. assuming that the 

outcomes – earnings, employment – of the participant group in the absence of the program 

would have developed over time as the comparison group outcomes. This assumption is not sta-

tistically testable, and hinges on the comparability of the two groups at baseline. 

In the specific case of EPP, this design comes with several advantages and a set of challenges. 

Advantages of the DiD design in the EPP case: 

• Build on program implementation (application process) and existing monitoring (tracer 

study) 

• Only relatively slight extension in data required to construct comparison group 

• Homogenized impact measurement across heterogeneous interventions and heteroge-

neous timing; hence also aggregable  

➢ Practicable, and implementable at comparatively little additional cost 

Challenges for this study and the DiD design:  

• Implement the homogenous approach & data collection for heterogeneous interven-

tions (selection processes & potential employment impacts)  

• Quality of impact evaluation depends on survey instrument and administrative data 

• Selection processes needs to be transparent / assessed in detail and for each measure, 

extracting the most adequate comparison group from the available data 
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2.4 Data collection 

In line with the methodological approach of an individual-measure based (and aggregable) DiD 

as explained in the previous section, for each measure data were collected following the struc-

ture outlined in Figure 2.1: 

Q0: registration = baseline data, for both intervention (I) and comparison (C) individuals 

Q1: evaluation = subjective feedback data, only for intervention group (I) individuals 

Q2: tracer = follow-up data on employment outcomes, for both intervention (I) and comparison 

(C) individuals 

Note that Q0 denotes the moment of application and registration, i.e. these data are collected 

prior to separating the intervention and comparison group persons. Importantly, Q0 contains 

data on employment status before entering the program. Q1 is the point in time defined by the 

moment when beneficiaries end their participation, and Q2 is the follow-up at 6 months post-

participation in general (where the respective comparison group is surveyed parallel to its inter-

vention group). 

Figure 2.1  

EPP tracer study for homogeneous data collection  

 

Note: Own illustration.  

The specific points in (calendar) time of Q0, Q1, and Q2 are defined at the level of the individual 

measure, i.e. they are always aligned to the individual measure’s timeline, duration and regional 

roll-out, and are thus dynamically adapted over the overall EPP timeline. The survey instruments 

are homogeneous across all measures, making the results aggregable and comparable.  

The questionnaires and tracers are based upon voluntarily provided information. False or no 

responses are beyond of the control of the research project. At Q0 and Q1 the data were col-

lected by a service provider, at the follow-up Q2 by staff from the EPP program.  

In practice, all beneficiaries in the intervention group were called up and tried to be reached. 

Comparison individuals were tried to be called up until the number of respective individuals in 

the intervention group was attained; however, eventually this process could be put into practice 

only imperfectly, due to the dynamic nature of the final number of intervention individuals 

reached, and the generally larger efforts required to reach comparison individuals.  
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Table 2.2  
Overview of data collected for intervention and comparison groups, by individual measure 

Measure Category Intervention Comparison 
Reached Inter-

vention 
Reached Com-

parison 

1A2 Luminus T 103 195 48 28 

2A2 Loyac T 30 51 24 21 

3A2 Toyota T 12 0 12 - 

5A2 CBOs T 142 136 118 82 

8A3 HBDC 1 E 161 55 127 31 

11A3 NRC T 30 42 28 37 

12A2 EFE T 61 31 52 21 

13A2 Loyac T 46 49 38 48 

15A2 EPU M 354 256 171 125 

17A2 MMIS M 69 0 34 - 

Total   1008 846 652 393 

Note: Measure categories T = Training/Matching, M = Matching, E = Entrepreneurship 

Table 2.2 gives an overview of the data that were collected for the ten individual measures, for 

each giving the number of intervention and comparison individuals as initially assigned, and the 

numbers in each group that were reached at follow-up Q2. The column “category” maps each 

measure to the main measure category, distinguishing three groups: 

i) Training/Matching = Participants received some skills training plus matching with an em-

ployer was initialized. 

ii) Matching = Matching specifically between jobseekers and employers (e.g. career days). 

iii) Entrepreneurship = Participants received entrepreneurship training to start their own 

business.  

In the latter category there is only one measure “8A3 HBDC 1”, i.e. a program targeted only at 

women to become self-employed with home-based day care (HBDC). 

Table 2.3 aggregates the numbers of registered and reached individuals in the intervention and 

comparison group by measure category. 

Table 2.3  
Overview of data collected for intervention and comparison groups, by measure category 

Measure Intervention Comparison 
Reached 
Interven-
tion 

Reached 
Compari-
son 

Total Reg-
istration 

Total Fol-
low-Up 

Training/Matching 424 535 320 237 959 557 

Matching 423 605 205 125 1401 330 

Entrepreneurship 161 55 127 31 216 158 

Total 1008 1195 652 393 2576 1045 
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2.5 Empirical results 

2.5.1 Descriptive analysis at baseline: Q0  

At registration, a relatively large set of baseline characteristics for program applicants was col-

lected. Figure 2.2, for instance, illustrates from which source of information registrants had heard 

about the program. The figure shows that the largest share (around 20 percent overall) had heard 

about the measure from friends and family. The share recruited via Social Media – Facebook / 

Twitter – is also notable, while the recruiting channels via school or university and the Ministry 

of Labor show comparatively low numbers. Less than 5 percent of registrants report to have been 

informed through a recruiting event.  

Figure 2.2  

Participants’ source of information about the program 

 
 

Note: Own illustration.  

Table 2.4 displays registrants’ characteristics at baseline, by measure category. Women consti-

tute the largest share of registrants, in particular in the entrepreneurship program targeted at 

them, but also in the Training/Matching category. Most registrants are of Jordanian nationality. 

Registrants for Training/Matching are younger (average age around 27 years) and more often 

single (three quarters and two thirds, respectively), while those in entrepreneurship are in their 

mid-thirties (average 35 years) and more likely married (48 percent).  

Training/Matching registrants have the highest level of education (about 50 percent with a uni-

versity degree) compared to Matching (33 percent) and Entrepreneurship (23 percent). Across 

measures the majority of registrants is not currently participating in any other educational activ-

ity. 
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Table 2.4 also displays the answers to the question why people chose to register for the pro-

gram. While registrants in the Training/Matching category clearly cite “finding work” as the main 

reason (more than 85 percent), this is less pronounced in the Matching category (37 percent), 

where many cite “other” reasons (45 percent); among Entrepreneurship registrants, there is also 

a notable interest in starting a business and improving their income. 

Finally, for both Training/Matching and Matching the largest share of registrants is currently 

looking for a job (85,5 percent and 96 percent, respectively), while this share is just over 50 per-

cent for the Entrepreneurship registrants, of which 44 percent report to be currently not search-

ing because they are employed. Among those (few) that are currently employed overall, only the 

smaller part reports to have a written employment contract, and many are not satisfied with 

their current employment situation. 

Tables 2.5 through 2.7 present additional descriptive statistics at baseline, distinguishing be-

tween intervention and comparison at registration within the three measure categories (Table 

2.5 Training/Matching, Table 2.6 Matching, Table 2.7 Entrepreneurship). Table 2.5 indicates, for 

instance, a slightly higher share of men (21 percent) initially assigned to the intervention group 

relative to the comparison group (16,5 percent). Also, registrants in the intervention group are 

slightly more likely to be currently enrolled in education, though the overall share is low in both 

groups. Overall, sociodemographic characteristics are well balanced between registrants as-

signed to intervention and comparison group, within the Training/Matching category, indicating 

that the process of identifying comparison individuals at the measure level worked well in prac-

tice. 

In principle, this is also the case for the Matching category (Table 2.6), though in this measure 

the registrants assigned to the intervention group have on average a significantly lower level of 

education than those assigned to the comparison group. Whereas this may be beneficial for the 

inclusion efforts of the program targeting a more disadvantaged group, it may imply that for the 

effectiveness measurement actual participants may be compared with a relatively more edu-

cated and potentially more motivated comparison group (which may lead to underestimating 

program impacts).  

For the Entrepreneurship program (Table 2.7) again registrants assigned to intervention and 

comparison groups are very well balanced in sociodemographic characteristics. This gives further 

indication that the methodological approach chosen – to identify comparison individuals through 

registrants at the measure level – worked well in practice. 
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Table 2.4  
Summary statistics at registration, by measure category 

 Training/Matching Matching Entrepreneurship 

 N=1,032 N=1,401 N=222 

Female 81.3 (837) 56.6 (788) 99.5 (220) 

Jordanian 95.8 (987) 97.8 (1,369) 95.5 (212) 

Marital Status    

Single 74.2 (758) 66.5 (886) 42.9 (94) 

Married 22.4 (229) 26.5 (353) 48.9 (107) 

Divorced   2.5 (26)   2.5 (33)   5.0 (11) 

Widowed   0.3 (3)   0.4 (5)   3.2 (7) 

Unknown   0.6 (6)   4.2 (56)   0.0 (0) 

Age in 2019 27.5 27.2 35.4 

Highest level of education you have completed so far?    

None   1.2 (12)   0.4 (5)   1.8 (4) 

Elementary   3.1 (32) 15.4 (215) 14.0 (31) 

Secondary 33.8 (348) 40.2 (562) 43.0 (95) 

College   8.6 (89)   7.9 (111) 14.9 (33) 

University 50.6 (521) 33.3 (466) 23.1 (51) 

Apprenticeship   0.6 (6)   0.2 (3)   1.4 (3) 

Other training   2.0 (21)   2.6 (37)   1.8 (4) 

Current education    

None 84.8 (830) 73.4 (658) 98.0 (200) 

Elementary School   0.9 (9)   1.5 (13)   0.0 (0) 

Secondary School   5.5 (54)   4.0 (36)   1.0 (2) 

Community college education   1.6 (16)   3.0 (27)   0.0 (0) 

University degree (e.g. BA, MA, PhD)   3.4 (33) 14.5 (130)   1.0 (2) 

Apprenticeship/ internship   1.9 (19)   0.7 (6)   0.0 (0) 

Other training measure   1.8 (18)   2.9 (26)   0.0 (0) 

Reason: Find work 85.5 (880) 37.2 (521) 96.8 (214) 

Reason: Improve income 10.8 (111) 16.7 (234)  2.7 (6) 

Reason: Open business  2.4 (25)  1.6 (23)  1.4 (3) 

Reason: Improve business  1.3 (13)  2.4 (34)  0.9 (2) 

Reason: Interest  8.2 (84)  6.6 (93)  1.8 (4) 

Reason: Other  1.2 (12) 45.7 (640)  0.0 (0) 

Do you currently have a paid work?     

Yes   5.1 (52)   2.2 (30) 34.8 (77) 

No 93.0 (943) 97.5 (1,359) 63.8 (141) 

Don't know   1.9 (19)   0.4 (5)   1.4 (3) 

Is currently searching for a job 85.5 (862) 96.5 (1,014) 51.2 (110) 

Not searching because employed  8.2 (84)  1.9 (27) 44.3 (98) 

Do you have an employment contract?    

No 68.5 (37)   6.5 (2) 77.9 (60) 

Yes, written 20.4 (11) 58.1 (18) 13.0 (10) 

Yes, oral   3.7 (2)   3.2 (1)   5.2 (4) 

Don´t know   7.4 (4) 32.3 (10)   3.9 (3) 

Are you satisfied with your employment situation?    

Very much   5.6 (3) 22.6 (7) 27.3 (21) 

Much 13.0 (7) 22.6 (7) 23.4 (18) 

Somewhat 24.1 (13)   9.7 (3) 23.4 (18) 

Not much 40.7 (22)   6.5 (2) 18.2 (14) 

Not at all 11.1 (6)   0.0 (0)   3.9 (3) 

Don´t know   5.6 (3) 38.7 (12)   3.9 (3) 

Note: number of observations in parenthesis.  



Employment impacts of development cooperation: 
a collaborative study 

 

  27 

Table 2.5  
Summary statistics intervention vs. comparison at registration – Training/Matching 

 Comparison Intervention p-value 

 N=535 N=424  

Female 83.5 (446) 79.0 (335)   0.074 

Jordanian 95.3 (509) 96.0 (406)   0.62 

Marital Status     0.25 

   Single 75.6 (399) 72.9 (307)   

   Married 21.6 (114) 23.0 (97)   

   Divorced   1.9 (10)   3.1 (13)   

   Widowed   0.6 (3)   0.0 (0)   

   Unknown   0.4 (2)   1.0 (4)   

Age in 2019 27.3 27.8   0.29 

What is the highest level of education you have com-
pleted so far 

    0.089 

   None   1.3 (7)   1.2 (5)   

   Elementary   3.2 (17)   3.5 (15)   

   Secondary 32.0 (170) 38.7 (164)   

   College 10.3 (55)   7.1 (30)   

   University 51.1 (272) 46.5 (197)   

   Apprenticeship   0.8 (4)   0.2 (1)   

   Other training   1.3 (7)   2.8 (12)   

Current education     0.008 

   None 87.0 (449) 81.6 (319)   

   Elementary School   0.6 (3)   1.5 (6)   

   Secondary School   3.3 (17)   8.2 (32)   

   Community college education   2.3 (12)   1.0 (4)   

   University degree (e.g. BA, MA, PhD)   2.7 (14)   4.1 (16)   

   Apprenticeship/ internship   2.5 (13)   1.5 (6)   

   Other training measure    1.6 (8)   2.0 (8)   

Reason: Find work 89.3 (475) 80.9 (343) <0.001 

Reason: Improve income  8.5 (45) 14.4 (61)   0.004 

Reason: Open business  3.0 (16)  2.1 (9)   0.39 

Reason: Improve business  1.3 (7)  1.4 (6)   0.90 

Reason: Interest  5.8 (31) 10.1 (43)   0.013 

Reason: Other  1.5 (8)  0.9 (4)   0.44 

Is currently searching for a job 87.3 (459) 81.8 (336)   0.020 

Not searching because employed  7.7 (41)  9.7 (41)   0.27 

Do you currently have a paid work?      0.30 

   Yes   4.3 (23)   5.6 (23)   

   No 94.1 (498) 91.7 (378)   

   Don't know   1.5 (8)   2.7 (11)   

Note: number of observations in parenthesis.  
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Table 2.6  
Summary statistics intervention vs. comparison at registration – Matching  

 Comparison  Intervention p-value 

 N=605 N=796   

Female 56.2 (337) 56.9 (451)   0.79 

Jordanian 97.5 (589) 98.0 (780)   0.55 

Marital Status   <0.001 

   Single 70.4 (401) 63.6 (485)   

   Married 19.3 (110) 31.8 (243)   

   Divorced   2.1 (12)   2.8 (21)   

   Widowed   0.4 (2)   0.4 (3)   

   Unknown   7.9 (45)   1.4 (11)   

Age in 2019 27.1 27.3   0.59 

Highest level of education you have completed so far?   <0.001 

   None   0.0 (0)   0.6 (5)   

   Elementary 10.3 (62) 19.2 (153)   

   Secondary 23.7 (143) 52.6 (419)   

   College   9.8 (59)   6.5 (52)   

   University 51.4 (310) 19.6 (156)   

   Apprenticeship   0.2 (1)   0.3 (2)   

   Other training   4.6 (28)   1.1 (9)   

Current education   <0.001 

   None 61.9 (268) 84.2 (390)   

   Elementary School   0.5 (2)   2.4 (11)   

   Secondary School   2.5 (11)   5.4 (25)   

   Community college education   5.1 (22)   1.1 (5)   

   University degree (e.g. BA, MA, PhD) 23.6 (102)   6.0 (28)   

   Apprenticeship/ internship   0.9 (4)   0.4 (2)   

   Other training measure   5.5 (24)   0.4 (2)   

Reason for participation 

Reason: Find work 

 

45.8 (276) 

 

30.8 (245) 

 

<0.001 

Reason: Improve income 16.1 (97) 17.2 (137)   0.58 

Reason: Open business  3.2 (19)  0.5 (4) <0.001 

Reason: Improve business  3.3 (20)  1.8 (14)   0.061 

Reason: Interest  9.8 (59)  4.3 (34) <0.001 

Reason: Other 42.3 (255) 48.4 (385)   0.024 

Is currently searching for a job 98.6 (551) 94.1 (463) <0.001 

Not searching because employed  0.3 (2)  3.2 (25) <0.001 

Do you currently have a paid work?    <0.001 

   Yes   0.0 (0)   3.8 (30)   

   No 99.3 (594) 96.1 (765)   

   Don't know   0.7 (4)   0.1 (1)   

Note: number of observations in parenthesis.  



Employment impacts of development cooperation: 
a collaborative study 

 

  29 

Table 2.7  
Summary statistics intervention vs. comparison at registration – Entrepreneurship 

 Comparison Intervention p-value 

 N=55 N=161  

Female 100.0 (55) 99.4 (159)   0.56 
Jordanian 92.7 (51) 96.3 (155)   0.28 
Marital Status     0.74 

   Single 44.4 (24) 42.8 (68)   
   Married 46.3 (25) 49.1 (78)   
   Divorced   7.4 (4)   4.4 (7)   
   Widowed   1.9 (1)   3.8 (6)   

Age in 2019 36.8 34.7   0.27 
Highest level of education you have completed so far?     0.11 

   None   0.0 (0)   2.5 (4)   
   Elementary 12.7 (7) 15.0 (24)   
   Secondary 40.0 (22) 45.0 (72)   
   College   9.1 (5) 16.3 (26)   
   University 36.4 (20) 18.1 (29)   
   Apprenticeship   1.8 (1)   1.3 (2)   
   Other training   0.0 (0)   1.9 (3)   

Current education     0.50 
   None 100.0 (50) 97.3 (144)   
   Secondary School   0.0 (0)   1.4 (2)   
   University degree (e.g. BA, MA, PhD)   0.0 (0)   1.4 (2)   

Reason for participation 
Reason: Find work 

 
100.0 (55) 

 
95.6 (153) 

 
  0.11 

Reason: Improve income  0.0 (0)  3.8 (6)   0.15 
Reason: Open business  0.0 (0)  1.9 (3)   0.31 
Reason: Improve business  0.0 (0)  1.3 (2)   0.40 
Reason: Interest  0.0 (0)  2.5 (4)   0.24 
Reason: Other  0.0 (0)  0.0 (0)   
Is currently searching for a job 48.1 (26) 51.0 (79)   0.72 
Not searching because employed 49.1 (27) 43.8 (70)   0.49 
Do you currently have a paid work?      0.25 

   Yes 36.4 (20) 35.6 (57)   
   No 60.0 (33) 63.7 (102)   
   Don't know   3.6 (2)   0.6 (1)   

How do you currently earn an income?     0.51 
   Full-time employed 26.3 (5) 18.9 (10)   
   Part-time employed 26.3 (5) 15.1 (8)   
   Self-employed, without employees 26.3 (5) 45.3 (24)   
   Self-employed, with employees   5.3 (1)   3.8 (2)   
   Occasional jobs   5.3 (1)   7.5 (4)   
   Intern, volunteer or in family business   5.3 (1)   0.0 (0)   
   Other   5.3 (1)   5.7 (3)   
   Multiple   0.0 (0)   3.8 (2)   

Do you have an employment contract?     0.14 
   No 75.0 (15) 78.9 (45)   
   Yes, written 25.0 (5)   8.8 (5)   
   Yes, oral   0.0 (0)   7.0 (4)   
   Don´t know   0.0 (0)   5.3 (3)   

Satisfied with your employment situation:     0.19 
   Very much 20.0 (4) 29.8 (17)   
   Much 25.0 (5) 22.8 (13)   
   Somewhat 10.0 (2) 28.1 (16)   
   Not much 30.0 (6) 14.0 (8)   
   Not at all 10.0 (2)   1.8 (1)   
   Don´t know   5.0 (1)   3.5 (2)   

Active in the Social Security Corporation?     0.15 
   Yes 25.0 (5)   8.8 (5)   
   No 65.0 (13) 84.2 (48)   
   Don't know 10.0 (2)   7.0 (4)   

Self-reported position in firm (1-10) 6.5 (0,8.5) 2 (0,7)   0.13 

Note: number of observations in parenthesis.  
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2.5.2 Participants’ subjective evaluation at the end of the program  

Figures 2.3 through 2.5 present data collected at Q1 for participants only, containing their sub-

jective judgments on whether the program met their expectations (Figure 2.3), and whether they 

found the program adequate (Figure 2.4) and useful (Figure 2.5). 

As Figure 2.3 indicates, more than 80 percent of the participants of the activities were satisfied 

with the measure in reporting that the activity met their expectations “much” or “very much”, 

where the latter category already covers almost 50 percent. Moreover, according to Figure 2.4, 

75 percent of participants confirm that the measure was adequate for their level of experience. 

Finally, also more than 75 percent of the participants believe that the measure will be helpful to 

find work in this field. Even taking into consideration some possible degree of courtesy bias – 

since respondents were aware that they were interviewed by the program operating institution 

– these are very positive subjective evaluation results. 

In addition, Figure 2.6 reports the employment status of beneficiaries immediately after the 

end of participation and shows that 63 percent of participants had paid work at the end of the 

measure. Almost all of them (99 percent) were full-time employed (graph not shown). 

Figure 2.3  
Participants’ subjective evaluation of the measure (i) – expectations   

 

 

Note: Own illustration. 
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Figure 2.4  
Participants’ subjective evaluation of the measure (ii) – adequacy 

 
 

Note: Own illustration. 

Figure 2.5  
Participants’ subjective evaluation of the measure (iii) – usefulness 

 

 

Note: Own illustration. 
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Figure 2.6  
Participants’ employment status at the end of the measure 

 
 

Note: Own illustration. 

2.5.3 Empirical Analysis at Follow-up 

This section presents empirical results using the data collected at Q2. Table 2.8 first looks at 

potential differences in baseline characteristics between those individuals reached for an inter-

view at follow-up vs. those not reached, within intervention and comparison groups, respec-

tively. Recall that within the intervention group it was intended to reach every participant, i.e. 

the subgroup “not reached” was genuinely not reached for an interview; at the same time, within 

the comparison group it was intended to reach individuals up to the number of the correspond-

ing intervention individuals within each measure, such that the category “not reached” com-

prises both individuals that genuinely could not be reached and individuals that were not con-

tacted at all. 

Before presenting the results from a comparison of intervention and control groups, it is in-

formative to investigate whether there are any systematic differences between those individuals 

reached and not reached for an interview at follow-up. If there should be such differences, then 

the survey data may give only incomplete information, as this would indicate that there is a se-

lective response to the invitation to participate in the survey.  

Within the intervention group (Table 2.8b), there are overall relatively few significant differ-

ences at baseline between those reached and not reached, though some are notable: For in-

stance, those reached have a higher share of Jordanian nationality (97 vs. 93 percent), and are 

on average three years older (30 vs. 27 years of age). Some differences in education are visible, 

but not statistically significant. In addition, the ones reached for interview were to a higher share 



Employment impacts of development cooperation: 
a collaborative study 

 

  33 

looking for a job at baseline. Moreover, those reached within the intervention group more often 

do not have a contract and are less satisfied with their employment situation; but the number of 

observations available for this information is low. 

Within the comparison group (Table 2.8a), the differences are even less pronounced. Whereas 

there is also a significant difference in the share of Jordanian nationality between those reached 

and not reached (97 vs. 85 percent), the average age is effectively the same in both groups. The 

educational attainment at baseline is also very similar between both groups, as is the share of 

those looking for a job at baseline (86 and 88 percent, respectively). That is, overall, there are 

relatively limited indications only that those registrants reached and not reached at follow-up 

might systematically differ from each other in observable characteristics, lending credibility to 

the collected data and the results derived from them. 

The results analysis begins with Tables 2.9 through 2.11, which report mean differences in in-

tervention vs. comparison groups for labor market outcomes separately for the three measure 

categories Training/Matching (Table 2.9), Matching (Table 2.10), and Entrepreneurship (Table 

2.11).  

For the Training/Matching category, the first two rows of Table 2.9 indicate that individuals in 

the intervention group have a significantly lower probability of being searching for a job, and a 

significantly higher probability of having paid work at follow-up, than comparison group individ-

uals. They also have a higher probability of being full-time employed (marginally significant). 

While there is some indication that jobs among the intervention group individuals more often 

come without social insurance, they are significantly more likely to come with a written employ-

ment contract. 

Looking at the Matching category, some of the previous patterns are even more pronounced: 

Specifically, Table 2.10 shows highly significant positive differences for intervention vs. compar-

ison group individuals when looking at the probability of being searching for a job (56 percent 

intervention vs. 75 percent comparison), reporting to have paid work (60 percent intervention 

vs. 29 percent comparison), and full-time employment (95 vs. 43 percent, conditional on having 

a job). In addition, the jobs for the intervention group individuals at follow-up have a very high 

probability of coming with social security (93 percent) and with a written contract (88 percent). 

These numbers suggest a comprehensive success of the job matching efforts of these measures. 

For the Entrepreneurship measure (Table 2.11), the intervention group reports a significantly 

lower share of having a job at follow-up than the comparison group, and a higher share of self-

employed (conditional on employment). In both groups, about two thirds each report they are 

(still) searching for a job. The results here are somewhat less precise due to the small size of the 

comparison group. In line with the high share of self-employed in the intervention group – and 

thus in line with the program – the intervention group individuals have a much higher rate of 

paying private insurance, and a much lower rate of having a written employment contract. 

In the context of self-employment the time of tracing may have impacted the results, as working 

as a self-employment is in many cases influenced by seasons (e.g. agricultural work, holidays and 

vacation of schools etc.). Another explanation for the low outcome may be that the terminology 

of having a “job” may have led to unclear/ wrong responses during the tracing.  
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Table 2.8a  
Baseline characteristics of individuals reached / not reached at follow-up, comparison group 

 Not Reached Reached  p-value 

 N=176 N=362   

Female 78.3 (137) 75.8 (272)   0.52 

Jordanian 85.1 (149) 97.5 (353) <0.001 

Married 100.0 (47) 100.0 (88)   

Age in 2019 27.9  28.7    0.34 

What is the highest level of education you have completed so far     0.031 

   None   0.6 (1)   0.6 (2)   

   Elementary   6.3 (11) 10.8 (39)   

   Secondary 33.1 (58) 34.2 (123)   

   College 10.3 (18)   8.3 (30)   

   University 49.1 (86) 40.6 (146)   

   Apprenticeship   0.6 (1)   0.6 (2)   

   Other training   0.0 (0)   5.0 (18)   

Current education     0.69 

   None 87.0 (140) 84.2 (224)   

   Elementary School   1.2 (2)   0.4 (1)   

   Secondary School   3.1 (5)   4.5 (12)   

   Community college education   2.5 (4)   3.0 (8)   

   University degree (e.g. BA, MA, PhD)   3.1 (5)   2.3 (6)   

   Apprenticeship/ internship   2.5 (4)   3.4 (9)   

 Other training measure (e.g. by Ministry of Labor, private service 
provider), please specify 

  0.6 (1)   2.3 (6)   

How did you hear about this measure?   <0.001 

   Friend/family member 46.9 (82) 34.7 (125)   

   Recruiting event   7.4 (13)   3.9 (14)   

   Facebook/Twitter 26.3 (46) 27.8 (100)   

   School/University   0.6 (1)   0.0 (0)   

   Ministry of Labour   4.0 (7)   4.2 (15)   

   Other 10.9 (19) 14.4 (52)   

   Don’t know   4.0 (7) 15.0 (54)   

Is currently searching for a job 86.0 (147) 88.1 (296)   0.49 

Not searching because employed  8.0 (14)  7.2 (26)   0.75 

Q0: Has paid work 11.4 (19)  5.6 (20)   0.019 

Please state your total income in a typical month     0.11 

   Less than 100 JD 36.8 (7) 50.0 (10)   

   From 100 JD to 199 JD 15.8 (3) 10.0 (2)   

   From 200 JD to 299 JD 10.5 (2) 25.0 (5)   

   From 300 JD to 499 JD 21.1 (4)   0.0 (0)   

   More than 500 JD   5.3 (1) 15.0 (3)   

   Not indicated / known 10.5 (2)   0.0 (0)   

Do you have an employment contract?     0.26 

   No 68.4 (13) 70.0 (14)   

   Yes, written 15.8 (3) 30.0 (6)   

   Yes, oral 10.5 (2)   0.0 (0)   

   Don´t know   5.3 (1)   0.0 (0)   

To what extent are you satisfied with your employment situation:     0.14 

   Very much   5.3 (1) 20.0 (4)   

   Much 10.5 (2) 25.0 (5)   

   Somewhat 36.8 (7) 10.0 (2)   

   Not much 36.8 (7) 30.0 (6)   

   Not at all 10.5 (2)   5.0 (1)   

   Don´t know   0.0 (0) 10.0 (2)   

Self-reported position in firm (1-10) 3    6.5   0.16 

Note: Last column displays the p-value for a statistical test whether the average values for the 
“reached” and “not reached” groups are different: specifically, a p-value smaller than 0.05 indi-
cates that the observed difference is statistically significant. Numbers of observations in ( ). 
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Table 2.8b  
Baseline characteristics of individuals reached / not reached at follow-up, intervention group 

 Not Reached Reached p-value 

 N=214 N=626  

Female 77.1 (165) 77.3 (483)   0.96 

Jordanian 93.0 (198) 97.6 (611)   0.002 

married 100.0 (54) 100.0 (213)   

Age in 2019 27.0  30.2  <0.001 

What is the highest level of education you have completed so far     0.14 

   None   0.9 (2)   1.3 (8)   

   Elementary   9.9 (21) 10.1 (63)   

   Secondary 48.4 (103) 39.5 (247)   

   College   8.9 (19)   8.6 (54)   

   University 31.5 (67) 37.9 (237)   

   Apprenticeship   0.5 (1)   0.5 (3)   

   Other training   0.0 (0)   2.2 (14)   

current education     0.15 

   None 89.3 (184) 85.1 (493)   

   Elementary School   0.5 (1)   2.2 (13)   

   Secondary School   3.4 (7)   5.0 (29)   

   Community college education   0.0 (0)   0.9 (5)   

   University degree (e.g. BA, MA, PhD)   3.9 (8)   4.8 (28)   

   Apprenticeship/ internship   1.9 (4)   0.5 (3)   

Other training measure (e.g. by Ministry of Labor, private service pro-
vider), please specify 

  1.0 (2)   1.4 (8)   

 How did you hear about this measure?   <0.001 

   friend/family member 41.8 (89) 50.5 (316)   

   recruiting event 14.6 (31)   9.4 (59)   

   Facebook/Twitter 13.1 (28) 17.4 (109)   

   School/University   3.8 (8)   2.2 (14)   

   Ministry of Labour   5.2 (11)   9.1 (57)   

   Newspaper   0.0 (0)   0.3 (2)   

   Other 18.8 (40)   7.2 (45)   

   Don’t know   2.8 (6)   3.8 (24)   

Is currently searching for a job 75.8 (160) 82.3 (502)   0.040 

Not searching because employed 18.7 (40) 14.1 (88)   0.11 

Has paid work 12.1 (24) 12.3 (76)   0.93 

Please state your total income in a typical month     0.34 

   less than 100 JD 37.5 (9) 39.0 (30)   

   from 100 JD to 199 JD 12.5 (3) 13.0 (10)   

   from 200 JD to 299 JD 12.5 (3) 22.1 (17)   

   from 300 JD to 499 JD 29.2 (7) 11.7 (9)   

   more than 500 JD   0.0 (0)   5.2 (4)   

    Not indicated / known   8.3 (2)   9.1 (7)   

Do you have an employment contract?     0.062 

   No 37.5 (9) 64.9 (50)   

   Yes, written 41.7 (10) 18.2 (14)   

   Yes, oral   8.3 (2)   3.9 (3)   

   Don´t know 12.5 (3) 13.0 (10)   

To what extent are you satisfied with your employment situation:     0.15 

   very much 25.0 (6) 23.4 (18)   

   much 37.5 (9) 18.2 (14)   

   somewhat 25.0 (6) 19.5 (15)   

   not much   4.2 (1) 20.8 (16)   

   not at all   0.0 (0)   6.5 (5)   

   Don´t know   8.3 (2) 11.7 (9)   

Self-reported position in firm (1-10)              5              2   0.17 

Notes: see table 2.8a. 
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Table 2.9  
Training/Matching Intervention vs Comparison – Mean differences at follow-up  

 Comparison Intervention p-value 

 N=535 N=424   

Is currently searching for a job 82.1 (207) 74.4 (241)   0.026 

Has paid work 23.9 (61) 31.4 (102)   0.047 

How do you currently earn an income?     0.16 

   Full-time employed 57.4 (35) 66.0 (68)   

   Part-time employed 23.0 (14) 13.6 (14)   

   Self-employed, without employees   6.6 (4)   9.7 (10)   

   Self-employed, with employees   0.0 (0)   1.9 (2)   

   Occasional jobs   4.9 (3)   0.0 (0)   

   Intern, volunteer or in family business   6.6 (4)   7.8 (8)   

   Other   1.6 (1)   1.0 (1)   

How did you find this job?     0.004 

   Placement/support by the GIZ employment promotion measure   1.7 (1) 28.2 (29)   

   Placement/support by public institution (e.g. NEES) 13.3 (8)   7.8 (8)   

   Placement/support by private institution   3.3 (2)   1.0 (1)   

   Personal contacts (family, friends) 26.7 (16) 17.5 (18)   

   Job advertisement (internet/newspaper/radio/TV) 20.0 (12) 17.5 (18)   

   Job fare   1.7 (1)   1.0 (1)   

   Direct application to employer 21.7 (13) 11.7 (12)   

   Started my own business   8.3 (5) 13.6 (14)   

   Other, please specify   3.3 (2)   1.9 (2)   

Job is in relation to measure 17.9 (10) 59.5 (44) <0.001 

Job has social security 48.3 (29) 41.7 (43)   0.41 

Do you have a health insurance?     0.18 

   Private insurance (paid by yourself) 41.7 (25) 41.7 (43)   

   Insurance paid by company 15.0 (9)   9.7 (10)   

   No insurance 40.0 (24) 48.5 (50)   

   Don’t know   3.3 (2)   0.0 (0)   

Do you have an employment contract at your main job?     0.007 

   No 39.0 (23) 16.5 (17)   

   Yes, written 50.8 (30) 60.2 (62)   

   Yes, oral   8.5 (5) 16.5 (17)   

   Don’t know   1.7 (1)   6.8 (7)   

On a 1 to 5-point scale, to what extent are you satisfied with your 
current job  

3 3   0.93 

Note: Last column displays the p-value for a statistical test whether the average values for the 
“intervention” and “comparison” groups are different: specifically, a p-value smaller than 0.05 
indicates that the observed difference is statistically significant. Numbers of observations in ( ).  



Employment impacts of development cooperation: 
a collaborative study 

 

  37 

Table 2.10  
Matching Intervention vs Comparison – Mean differences at follow-up 

 Comparison Intervention  p-value 

 N=605 N=796   

Is currently searching for a job 75.0 (102) 56.1 (134) <0.001 

Has paid work 29.0 (40) 60.4 (145) <0.001 

How do you currently earn an income?   <0.001 

   Full-time employed 42.5 (17) 94.4 (136)   

   Part-time employed 40.0 (16)   3.5 (5)   

   Self-employed, without employees   5.0 (2)   0.7 (1)   

   Occasional jobs 10.0 (4)   0.7 (1)   

   Intern, volunteer or in family business   2.5 (1)   0.7 (1)   

How did you find this job?   <0.001 

   Placement/support by the GIZ employment promotion measure   0.0 (0) 25.0 (36)   

   Placement/support by public institution (e.g. NEES)   5.1 (2)   9.0 (13)   

   Placement/support by private institution   2.6 (1)   0.0 (0)   

   Personal contacts (family, friends) 46.2 (18) 27.8 (40)   

   Job advertisement (internet/newspaper/radio/TV) 10.3 (4)   4.2 (6)   

   Job fare   0.0 (0)   4.9 (7)   

   Direct application to employer 23.1 (9) 28.5 (41)   

   Started my own business 10.3 (4)   0.7 (1)   

   Don’t know   2.6 (1)   0.0 (0)   

Job is in relation to measure 20.0 (2) 65.7 (71)   0.004 

Job has social security 48.7 (19) 93.1 (134) <0.001 

Do you have a health insurance?     0.29 

   Private insurance (paid by yourself) 20.5 (8) 32.6 (47)   

   Insurance paid by company   7.7 (3) 11.8 (17)   

   No insurance 71.8 (28) 54.9 (79)   

   Don’t know   0.0 (0)   0.7 (1)   

Do you have an employment contract at your main job?   <0.001 

   No 46.2 (18)   6.9 (10)   

   Yes, written 41.0 (16) 88.2 (127)   

   Yes, oral 10.3 (4)   3.5 (5)   

   Don’t know   2.6 (1)   1.4 (2)   

On a 1 to 5-point scale, to what extent are you satisfied with your 
current job  

  2.5 3   0.77 

Notes: see Table 2.9 
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Table 2.11  
Entrepreneurship Intervention vs Comparison – Mean differences at follow-up 

 Comparison Intervention  p-value 

 N=55 N=161   

Is currently searching for a job 65.6 (21) 65.6 (86)   1.00 

Has paid work 56.3 (18) 34.4 (45)   0.023 

How do you currently earn an income?     0.090 

   Full-time employed 66.7 (12) 28.3 (13)   

   Part-time employed 22.2 (4) 28.3 (13)   

   Self-employed, without employees 11.1 (2) 26.1 (12)   

   Self-employed, with employees   0.0 (0)   2.2 (1)   

   Occasional jobs   0.0 (0)   8.7 (4)   

   Intern, volunteer or in family business   0.0 (0)   6.5 (3)   

How did you find this job?     0.011 

   Placement/support by public institution (e.g. NEES) 16.7 (3)   0.0 (0)   

   Placement/support by private institution 11.1 (2)   4.4 (2)   

   Personal contacts (family, friends) 33.3 (6) 42.2 (19)   

   Job advertisement (internet/newspaper/radio/TV)   5.6 (1)   8.9 (4)   

   Direct application to employer 22.2 (4)   4.4 (2)   

   Started my own business 11.1 (2) 37.8 (17)   

   Other, please specify   0.0 (0)   2.2 (1)   

Job is in relation to measure 50.0 (9) 82.2 (37)   0.009 

Job has social security 33.3 (6)  8.9 (4)   0.016 

Do you have a health insurance?     0.28 

   Private insurance (paid by yourself) 33.3 (6) 55.6 (25)   

   Insurance paid by company 11.1 (2)   6.7 (3)   

   No insurance 55.6 (10) 37.8 (17)   

Do you have an employment contract at your main job?     0.007 

   No 44.4 (8) 66.7 (30)   

   Yes, written 50.0 (9) 11.1 (5)   

   Yes, oral   0.0 (0)   6.7 (3)   

   Don’t know   5.6 (1) 15.6 (7)   

On a 1 to 5-point scale, to what extent are you satisfied with 
your current job  

3 3   0.34 

Notes: see Table 2.9 
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Figure 2.7  

Participants with paid work at follow-up – by measure 

  

Note: Own illustration. 

Looking at some results by individual measure, Figure 2.7 indicates several significant differ-

ences in the share of intervention group persons who are in paid work at follow-up across 

measures: 2A2 Loyac, 3A2 Toyota, 15A2 EPU and 17A2 MMIS have a share above 50 percent of 

participants working at Q2, with an overall range from 25 percent (5A2 CBOs) to 71 percent (17A2 

MMIS). 

Figure 2.8 displays changes in paid work from Q0 to Q2 by measure category. Overall, the num-

ber of people working increased from registration to follow-up, only for the Entrepreneurship 

intervention group this was not the case. A particularly strong improvement can be seen for the 

Matching category, also in comparison intervention vs. comparison. Also, for measure category 

Training/Matching the increase is larger for the intervention group, although at a lower level. For 

Entrepreneurship there is a different effect, and the strong increase is only visible in the compar-

ison group, presumably as they did not move through the program into self-employment.  

Figure 2.9 displays the change in (un-) employment status for the intervention individuals be-

tween Q0 and Q2, by measure. Very few participants lose employment (blue), and across 

measures a relatively large share remains unemployed (red). At the same time, however, there 

are also several measures characterized by a large share of participants finding a job.  
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These are: 

• 17A2 MMIS (51 percent),  

• 15A2 EPU (45 percent),  

• 3A2 Toyota (46 percent), 

Figure 2.10 complements Figure 2.9 and shows the aggregate job transitions from baseline to 

follow-up only separating out intervention and comparison groups. The figure highlights the 

overall success of the EPP program measures in improving participants’ labor market perfor-

mance: specifically, the average probability of remaining unemployed is 15 percentage points 

lower among intervention than among comparison group persons (53 percent vs. 68 percent), 

and the average probability to gain employment is 11 percentage points higher (34 percent vs. 

25 percent). 

Figures 2.11 through 2.13 display developments in key job characteristics for participants. The 

share of individuals in the intervention group that have a written employment contract (condi-

tional on being employed) is substantially higher than for comparison individuals, by almost 20 

percentage points (66 percent vs. 47 percent) (Figure 11). Simultaneously, this means that the 

proportion of people without a contract at all in the comparison group is more than twice as high 

as in the intervention group (42 percent vs. 19 percent). 

Figure 2.12 complements this finding by looking at the social security coverage (again condi-

tional on being employed). The raw mean difference at follow-up indicates an improvement of 

16 percentage points between intervention and comparison group (62 percent vs. 46 percent 

coverage, respectively). Taking into account that the baseline coverage was lower in the inter-

vention than in the comparison group (22 percent vs. 25 percent) a simple difference-in-differ-

ence calculation would indicate a 19-percentage point increase in the social security coverage 

for the program participants. Note though, too, that the share of people who are active in the 

Social Security system increased in both groups.  

Finally, Figure 2.13 displays the distribution of income categories (conditional on being em-

ployed) at follow-up between intervention and comparison group. The figure shows that most 

people earn between 200 and 299 JD, and that the two distributions of income levels are quite 

similar. At the same time, the intervention group earns slightly more than the comparison group 

on average, with fewer people in the <100 and 100-199 JD groups, and more probability mass in 

the main income group between 200 and 299 JD. The latter category includes the minimum 

wage, which is around 250 JD. 
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Figure 2.8  

Changes in paid work from Q0 to Q2 – by measure category 

 
 

Note: “Comp.” = Comparison group; “Intv.” = Intervention group. 

Figure 2.9  

Job transitions from Q0 to Q2, by measure 

 

Note: Own illustration. 
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Figure 2.10  

Job transitions from Q0 to Q2 – aggregate 

 

Note: Own illustration. 

Figure 2.11  

Share with written contract at follow-up – aggregate 

 
 

Note: Own illustration.  
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Figure 2.12  

Change in social security coverage from Q0 to Q2 – aggregate 

 
 

Note: Own illustration. 

Figure 2.13  

Mean differences in income at follow-up – intervention vs. comparison group 

 

Note: Own illustration. 
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2.5.4 Impact Analysis  

In addition to the descriptive impact analysis in the previous section, the last step of the empir-

ical investigation is the formal measurement of the employment impacts of the program activi-

ties. This step is done, first, for each measure individually. Formally, it uses the difference-in-

difference set-up described in the methodological section – i.e. it takes into account the employ-

ment outcome of intervention and comparison persons at baseline Q0 and follow-up Q2 – and 

implements this with a so-called “logit” regression model – an econometric approach specifically 

adapted to models with a binary outcome variable such as “being employed yes/no (=1/0)”. Us-

ing a regression model also allows to include the covariates, i.e. the set of individual-level socio-

demographic characteristics at baseline (such as age, educational attainment, etc.). To the extent 

that these characteristics may influence the individual’s employment success and may be the 

origin of systematic differences between intervention and comparison groups they are thus 

taken into account in the impact measurement. 

Implementing these logit regression models – i.e. taking into account the type of outcome var-

iable and potential differences in characteristics between intervention and comparison groups – 

for each measure separately yields the impact estimates illustrated in Figure 2.14. The solid box 

shown for each measure indicates the size of the measured employment effect, i.e. the percent-

age point difference between intervention and comparison groups at follow-up (taking into ac-

count differences in covariates and differences in the outcomes at baseline). For 2A2 Loyac, for 

instance, the employment effect is 0.3, i.e. 30 percentage points difference between intervention 

and comparison individuals. This is a very large effect in magnitude, and in fact the largest iden-

tified here.  

The thin lines – “whiskers” – around the solid boxes indicate the 95 percent confidence inter-

vals, i.e. the range of the effect size within which the employment effect can be expected to be 

“true” with sufficient statistical confidence (since the analysis can only work with a sample). That 

is, again for 2A2 Loyac, the employment effect measured from the one sample means that it can 

be expected that for the population of 2A2 Loyac participants the employment effect will be in 

the range of 0.03 to 0.59 as shown by the whiskers. Graphically, the key thing is whether the 

whiskers in Figure 2.14 cross, i.e. include, the zero line, because if they do not, then the measured 

effect can be interpreted as “significantly different from zero”. 

As the figure thus shows, there are three programs with statistically significant employment 

effects: 11A3 NRC, 15A2 EPU, and 2A2 Loyac. The effects are also large in magnitude, indicating 

a 20 to 30 percentage point higher employment probability for the intervention than for the 

comparison group. One measure has a significant negative employment impact, 8A3 HBDC. The 

other measures have no significant impact, as indicated by the whiskers including the zero line. 

It has to be emphasized that this does not necessarily mean that the measures have no employ-

ment effect – it only means that such an effect could not be measured using the available sample. 

If, for instance, the available sample for a given measure is small, then it may not have enough 

statistical power for a precise measurement, meaning that an existing employment effect may 

not be found with statistical confidence, even if it is there (in particular, if that employment effect 

is of smaller magnitude; 5A2 CBOs might be an example). 

In order to increase statistical power, it is possible to aggregate the individual measures into 

the measure category, also to investigate if there are any patterns by main category. Figure 2.15 

shows the results. Note that the whiskers are now less wide than in Figure 2.14 – this shows the 
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increase in statistical precision of the impact measurement due to the aggregated samples. Of 

course, since 8A3 HBDC is the only measure in the Entrepreneurship group, the measured impact 

is the same in Figures 2.14 and 2.15 (the height of the solid boxes is an automated format and 

has no meaning – only the width of the solid boxes is important and gives the measured impact). 

The statistically negative impact for 8A3 HBDC likely reflects the fact that participants are suc-

cessfully encouraged to start their own business (see descriptive evidence above) and at a 6-

month follow-up are still likely to be building this business, resulting in a short-run negative effect 

when compared to a comparison group not setting-up their businesses. The finding does there-

fore not indicate that 8A3 HBDC is not a successful program – if anything, it would indicate that 

a follow-up measurement at a longer time horizon would be of interest. 

Looking at the other two measure categories, Figure 2.15 clearly illustrates that measures in 

the Matching category have the largest short-term employment effects. As these measures are 

specifically designed to link jobseekers with employment opportunities, finding this effect at the 

6-month follow-up makes sense intuitively, but also shows that the measures work very success-

fully, yielding a 30-percentage point higher employment probability for participants than for the 

comparison group. For the Training/Matching category the effect size is somewhat smaller – with 

an overall average of around 9 percentage points – but in the aggregate shown in Figure 2.15 it 

is also statistically significant/different from zero. Moreover, if compared to the international 

literature on training programs, 9 percentage points is a comparatively large employment effect.  

Figure 2.14  

Impact analysis: Intervention effect on employment, by measure 

 
 

Note: Own illustration. 
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Figure 2.15  

Impact analysis: Intervention effect on employment, by measure category 

 
 

Note: Own illustration. 

2.5.5 Cost effectiveness 

In a final step, it is possible to make a back-of-the-envelope calculation of cost effectiveness, 

relating the measured employment impacts to the direct costs of running the program. Table 

2.12 has the tentative results, indicating of course that programs with no statistically measurable 

positive employment effect are unlikely to be cost effective.  

Programs with a positive cost effectiveness assessment are in particular: 2A2 Loyac, 5A2 CBOs, 

13A2 Loyac, and 15A2 EPU. 
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Table 2.12  
Cost effectiveness 

 

Total cost 
(1) 

Number 
interven-
tion per-
sons (2) 

Share of 
interven-
tion per-
sons em-
ployed (3) 

Share ad-
ditionally 
employed 
(4) 

Number 
employed 

Number 
addition-
ally em-
ployed 

Cost per 
individual 
in inter-
vention 
group  

Cost per 
employed  

Cost per 
additional 
employed  

1A2 Luminus 134,848 € 106 0.21 -0.16 22.7 -16.8 1,272 € 5,936 € -8,016 € 

2A2 Loyac 32,744 € 30 0.64 0.34 19.2 10.2 1,091 € 1,705 € 3,210 € 

3A2 Toyota 5,600 € 12 0.50 . 6.0  467 € 933 €  

5A2 CBOs 208,880 € 152 0.24 0.08 37.0 12.6 1,374 € 5,644 € 16,583 € 

8A3 HBDC 76,400 € 169 0.35 -0.16 59.4 -27.0 452 € 1,286 € -2,831 € 

11A3 NRC   0.31 0.24 0.0 0.0    

12A2 EFE 97,946 € 61 0.36 -0.17 21.9 -10.6 1,606 € 4,479 € -9,229 € 

13A2 Loyac 44,003 € 55 0.35 0.10 19.3 5.3 800 € 2,277 € 8,292 € 

15A2 EPU 208,007 € 652 0.58 0.23 379.7 152.6 319 € 548 € 1,363 € 

TOTAL 808,427 € 1237 0.42 0.09 524.5 105.2 654 € 1,541 € 7,685 € 

Notes: All costs in EUR. 
(1) Estimate of GIZ for the sample on which the intervention is estimated (Q0) 
(2) In impact assessment sample 
(3) Among reached in follow-up survey 
(4) Based on difference-in-differences, covariate adjusted impact estimate 

2.6 Lessons for EPP and Program Results 

The results of the pilot evaluation of EPP in Jordan imply several important lessons. 

First and foremost, the empirical results provide valuable information on program effective-

ness. Having implemented the evaluation design for 10 individual measures, the results show, 

on the one hand, that individual measures are differentially effective (which might have been 

expected) and in which precise way, and they also show, on the other hand, main patterns by 

measure category. 

In particular, programs within the Matching category display the largest and consistently posi-

tive employment effects. This is an important result, as it shows that focusing on linking jobseek-

ers with employment opportunities can be (very) successful in the Jordanian labor market, in 

particular when looking at the short-run effects – which is what the follow-up at 6 months after 

the program does. This is likely to be a valuable lesson for EPP, in addition to providing rigorous 

evidence for the success of the program. 

Within the Training/Matching category one might have expected larger effects ex ante, due to 

the skills component they contain. However, the international literature (Card et al. 2018, Ibar-

rarán et al. 2018) shows that positive effects of skills training programs often materialize in the 

medium to long run, sometimes years after the program. Hence, measuring at 6 months may be 

relatively early to capture the full employment effects of these programs. But even the measure-

ment at 6 months already shows a significant positive effect when all Training/Matching 

measures are aggregated, giving a clear indication that these measures positively affect partici-

pants’ labor market outcomes. In addition, the measured effect size of 9 percentage points on 
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the employment probability is relatively large for this type of program in an international per-

spective (ibid.).  

Finally, the one Entrepreneurship measure in the evaluation displays a significant negative em-

ployment effect. On the one hand, this likely indicates that the measure might have potential to 

be improved, or it might even indicate that this type of program is too difficult to operate with 

successful results in the Jordanian labor market. On the other hand, a more balanced view is 

likely justified: given that the program explicitly targets women to start their own business, and 

given that the descriptive analysis of the program shows that they precisely do that, then an 

improvement in employment probability at 6 months is unlikely to be a complete indicator of 

program success or failure. If anything, the fact that women in specifically this program (home 

based day care) take a clear step into the labor market can be interpreted as a success, and any 

final judgment on the final labor market success might be made in the medium to long run, as 

their businesses evolve. 

In terms of implementing this evaluation, the methodological approach has worked very well: 

using a homogeneous approach of data collection across individual and heterogeneous interven-

tions – identifying the comparison population at the measure level and making them aggregable 

within categories at the same time – has been a fully appropriate concept producing valuable 

and informative results. Given that GIZ employment promotion intervention frequently operate 

in similarly disaggregate ways, this pilot has proven that there are practical ways to address this 

methodologically. 

At the same time, implementing this approach successfully came with substantial and sustained 

efforts and additional tasks for the M&E team, mostly concerning the identification of appropri-

ate comparison groups and then, throughout the three years, managing and implementing the 

data collection across interventions.  
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3. Country Case Study: Serbia 

3.1 Country background 

The Republic of Serbia is one of the poorest European countries and has been hit especially hard 

by the Great Recession, which has led to a high level of government debt (GIZ 2015, S. 5). Its 

economy is characterized by a slow restructuring of the public sector and a weakly internationally 

competitive private sector, especially the agricultural sector. The small and medium sized firms 

in the private sector are unable to offer employment perspectives to the working age population. 

The education system lacks practical training and education in professions relevant to the labor 

market, making it unattractive. These problems contribute to the high inactivity and unemploy-

ment rate that can be observed in Serbia, which is especially relevant for young people and the 

rural population (GIZ 2015). 

The working-age population (15-64 years) in Serbia amounted to roughly 4.6 million people in 

2018 (Statistical Office of the Republic of Serbia, 2019a). From 2014 to 2019, the employment 

rate increased strongly from 40.2 percent to 47.4 percent (Statistical Office of the Republic of 

Serbia, 2019b) and the gap in employment between men and women has remained constant at 

about 13 percentage points (54 percent vs. 41.2 percent).  

Serbia’s labor market is characterized by a small share of young people (15-24 years) which is 

further declining. In 2018, the population aged 15-24 was estimated at 0.73 million which repre-

sents only 16 percent of the working age population (Statistical Office of the Republic of Serbia, 

2018). Only 30 percent of people aged 15-24 is active in the labor market. Although the high 

inactivity rate can be mostly explained by the number of young people who are still in education 

(67.4 percent), the share of young people that is neither in employment nor in education (NEET) 

still accounts for 17 percent. The NEET rate is similar for men and women and has remained 

constant since 2016 (Statistical Office of the Republic of Serbia, 2019a; 2018; 2016). Compared 

with the 12.3 percent unemployment rates of the working-age population, the unemployment 

rates are much higher for the youth. Yet, since 2015 the youth unemployment rate has decreased 

considerably from 43.3 percent to 29.7 percent (Statistical Office of the Republic of Serbia, 2016; 

2019a). The unemployment rate is still higher for women than for men, yet the gap has narrowed 

from 8.5 percent in 2015 to 4 percent in 2018 (LFS 2015, LFS 2018). 

The employment rate among young people has increased during recent years from 16.4 percent 

in 2015 to 21.1 percent in 2018 (Statistical Office of the Republic of Serbia 2018, 2015). A gender 

comparison shows that there exists a large gap of 10 percentage points which prevailed over 

time (Statistical Office of the Republic of Serbia 2015, 2018). The unfortunate labor market posi-

tion of young people is reflected by the very low share of young employed people among all 

employed people, which merely amounts to 5.5 percent in 2017 (Statistical Office of the Republic 

of Serbia 2017). 

The gender inequalities can largely be explained by the large share of young men leaving the 

country to find better job opportunities abroad, while many young women choose to stay and 

work in the household (Pavlovic et al.). 
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Education and human capital development have been the main strategies to tackle the chal-

lenges faced by the youth in Serbia. The share of early school leavers2, for example, has been 

reduced from 8.3 percent in 2014 to 6.8 percent in 2018 (Statistical Office of the Republic of 

Serbia 2017; 2018). In particular, establishing a flexible and continuing vocational education and 

training that corresponds to the needs of the labor market has been a priority for the education 

strategies implemented by the Serbian government (Official Gazette of the Republic of Serbia, 

2006). 

3.3 The GIZ Program Sustainable Growth and Employment in Serbia 

On behalf of the German Ministry for Economic Cooperation and Development (BMZ), the 

Deutsche Gesellschaft für Internationale Zusammenarbeit (GIZ) is implementing several projects 

that fall under the overarching program “Sustainable Growth and Employment in Serbia”. The 

program aims at supporting companies to be more competitive and to secure or create jobs and 

furthermore aims at job seekers benefiting from the measures to find employment. 

Two projects that are part of this program were chosen to implement a rigorous evaluation: 

The project “Reform of Vocational Education and Training” (VET) and the “Youth Employment 

Promotion” (YEP) project. Both projects were designed with the goal to integrate young people 

into the labor market. The VET project aims at improving the offer of demand-oriented cooper-

ative education in technical professions as part of the formal Serbian VET system, by introducing 

elements of dual training in 3-year VET profiles. The YEP project focuses on developing local em-

ployment initiatives such as additional skills trainings, employment in hubs and rural areas, in-

ternships, career guidance and counselling for vulnerable groups and supported 21 social enter-

prises in order to improve labor market integration of the disadvantaged groups of a population.  

Both projects are presented separately in the next two sections. Each section provides addi-

tional information about the design and implementation of the respective project, outline the 

suggested impact evaluation design, and describes the empirical results from the evaluation.  

3.4 Project I: Reform of Vocational Education and Training in Serbia (VET)  

3.4.1 Project goal, design and implementation 

The main objective of the module “Reform of Vocational Education and Training in Serbia” (VET) 

is improving the offer of inclusive demand-oriented cooperative education in technical profes-

sions as part of the formal Serbian vocational education and training system. The VET focuses on 

providing dual education to improve both the vocational skills and employment prospects of 

school graduates. A modernized profile with elements of dual education in secondary school is a 

three- or four- year study program that prepares students to work in a given profession, by partly 

attending the classes in school and partly attending the training in the company.  

The modernization consisted in innovating the existing profiles by establishing a close cooper-

ation with companies where students received practical training and providing the schools with 

necessary basic tools. The basic tools refer to (i) providing capacity development measures for 

 
2 People aged 18-24 whose highest level of completed education is primary and who are not currently en-
rolled in education.  



Employment impacts of development cooperation: 
a collaborative study 

 

  51 

teachers in schools and instructors in companies and (ii) providing schools with more modern 

equipment.  

Modernized profiles differ from non-modernized profiles in three ways. First, the profiles have 

been developed based on the qualification standards in Serbia and are outcome-based. Second, 

the amount of practical lessons in a company (dual training) is higher than in non-modernized 

profiles. Third, students who are attending companies for practical lessons participate in the 

working process instead of just observing, and they have a trained instructor supporting them 

throughout the process.  

The modernization of profiles has been implemented in 52 vocational schools for six occupa-

tional courses (locksmith-welder, electrician, industrial mechanic, fashion tailor, mechanic for 

motor vehicles, and electro-fitter for networks and installations). Approximately, 2700 students 

are being trained in these profiles. The staff in schools with modernized profiles responsible for 

designing and implementing the profile modernization have received training to adjust their 

teaching to the new curricula. In addition, the schools are cooperating with 200 companies where 

students can complete their dual training program.  

3.4.2 Impact evaluation design 

For the impact evaluation design, the main focus is on the cohort of students enrolled in mod-

ernized profiles in the school year 2015/2016 who finished secondary school in May 2018.  Dur-

ing this school year the following profiles with the modernized curricula were offered: locksmith-

welder, electrician, and industrial mechanic. These profiles were offered in 10 schools and all 

except one school, which had two classes, had one class with one modernized VET profile.  

The main objective of this project is to evaluate the impact of attending a modernized profile 

on schooling and labor market outcomes of graduates. A Difference-in-Differences (DiD) meth-

odology was implemented to assess the causal effect of graduating form a modernized profile. 

For the DiD methodology, the outcomes of the students enrolled in modernized profiles are com-

pared with students enrolled in non-modernized profiles. For the remainder of the report grad-

uates of modernized profiles in the school year 2015/2016 are referred to as the “intervention 

group” and GIZ partner schools that implemented the new profiles as “intervention schools”. To 

implement the DiD methodology, one intervention group and three comparison groups were 

identified:  

• Intervention group Students attending an intervention profile in an intervention 

school. 

• Comparison group 1 Students attending a non-intervention profile in an intervention 

school. 

• Comparison group 2 Students attending a profile similar to the modernized profile 

i.e., locksmith-welder, electrician, and industrial mechanic in comparison schools.   

• Comparison group 3 Students attending a non-intervention profile in a comparison 

school. Ideally, comparison group 1 and comparison group 3 profiles should be the same. 

Three comparison groups were identified to solve different challenges of comparing students 

only within or between schools.  
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1. Within school comparison with one comparison group (comparison group 1) 

Comparing modernized profiles with comparison profiles within the same schools would 

have certain disadvantages. Students select themselves into different profiles (student’s self-

selection). For example, a positive effect may be found in modernized profiles if higher-qual-

ity or more motivated students enroll in the locksmith-welder profile than in other profiles 

in the same school. Thus, comparing students in different profiles in the same schools could 

lead to an effect that cannot be fully attributed to the modernization of the profile.  

2. Between school comparison with one comparison group (comparison group 2) 

Comparing modernized profiles e.g., locksmith-welder in intervention schools with a similar 

profile e.g., welder in a different school would also have certain disadvantages. Comparing 

similar profiles in different schools would not take into account unobserved differences be-

tween schools (school selection). For example, the schools could be of different quality and 

thus attract different students; or if the schools are located in different areas, these areas 

could offer different labor market opportunities which could drive the differences between 

the intervention and comparison group.  

To solve the disadvantages of choosing only one comparison group, three different comparison 

groups were identified to implement a DiD approach. First, the difference in outcomes is calcu-

lated within intervention schools. This is done by subtracting the average outcome of students in 

comparison profiles (comparison group 1) from the average outcome of students in modernized 

profiles within the same intervention school (intervention group). Second, the difference in out-

comes is calculated within comparison schools. This is done by subtracting the average outcome 

of students in profiles similar to the intervention profile (comparison group 2) from the average 

outcome of students in comparison profiles (comparison group 3). Finally, the two simple differ-

ences are subtracted from each other. This approach solves the disadvantages previously dis-

cussed i.e., student’s self-selection and selection of schools. The methodology is illustrated in 

Figure 3.1 and an example on the implementation is provided in the appendix (Appendix Serbia 

1). 



Employment impacts of development cooperation: 
a collaborative study 

 

  53 

Figure 3.1  

Illustration of the difference-in-differences methodology  

 

Note: RWI – Leibniz Institute for Economic Research.  

Intervention and comparison profiles  

For the implementation of the DiD design, 10 schools were identified with modernized profiles 

(11 classes). In these schools, the comparison profiles for comparison group 1 were identified. 

Comparison schools were identified to find the corresponding profiles for comparison groups 2 

and 3.  

The steps to select comparison schools were the following. First, for each school in the interven-

tion group a comparison school was identified that offered at least one profile comparable with 

an intervention profile (i.e., profiles similar to locksmith-welder, electrician, and industrial me-

chanic). These profiles will be referred to as P1. Second, comparison schools should have at least 

two additional comparable profiles as in intervention schools which are not modernized profiles 

(e.g., car-mechanic and driver). These profiles will be referred to as P2.  

To select a profile P1, several conditions have to be fulfilled: 

3. Both the intervention and comparison profiles should be in the same field. 

4. The minimum number of points for enrollment in secondary school should be similar (a 

±3 points margin was arbitrarily been chosen) 
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5. The average number of points should to be as similar as possible in both profiles.3 

6. A minimum of 5 students should be enrolled in the profile. 

The profiles which were identified similar to modernized profiles are reported in Table 3.1 

Table 3.1  
Modernized profiles and P1 profiles in comparison schools 

Modernized 
profiles 

Locksmith-
welder 

Electrician Industrial mechanic 

P1 profiles  

Locksmith Electro-installer Operator for machine processing 

Welder 
Electro-mechanic for machines and 
equipment 

Mechanic for hydraulics and mechan-
ics 

Machine-lock-
smith 

Electro-mechanic for thermal and 
cooling devices 

CNC machinist 

  

Electro-fitter for networks and facili-
ties 

Lathe worker 

Note: P1 profiles refer to profiles that are similar to GIZ modernized profiles (modernized pro-
files). 

Once potential schools have been identified that offer at least one P1 profile, the second step 

is to select the schools that will be part of the comparison group by identifying P2 profiles. An 

important aspect is that P2 profiles should be very similar across intervention and comparison 

schools. Thus, profiles offering a similar curriculum were chosen.4   

The final sample includes 10 intervention schools with a total of 11 classes where the modern-

ized profiles were implemented in and 21 comparison schools without modernized profiles. For 

each of the 11 classes with modernized profiles, two comparison classes in comparison schools 

were selected, with the exception of one class to which only one comparable class in a compari-

son school was assigned. A summary of the selected intervention and comparison schools, and 

the respective profiles is provided in Tables A11 and A12 in the Appendix.  

Cooperation with stakeholders 

The cooperation with national stakeholders was a key aspect for the successful implementation 

of the impact evaluation design. It helped to identify both comparison profiles and comparison 

schools, receive additional data on enrollment scores, and establish the contact with comparison 

schools. The Institute for Improvement of Education and Upbringing selected the profiles which 

are similar to the profiles modernized with the support of GIZ. This step was relevant to identify 

 
3 Both rounds of enrollment have to be taken into account where applicable, so the average number of 
points is recalculated by using the weighted average of average number of points in each round where 
the weights have been given by the number of students in each round divided by the total number of stu-
dents enrolled in both rounds. 
4 Due to a limited availability of potential P2 profiles in schools, there are a few exceptions in which the 
two P2 profiles differ in their respective fields of education. These exceptions apply to profiles in (1) Sred-
nja mašinska skola, Novi Sad, (2) Tehnička škola Šabac, (3) Tehnička škola, Odžaci, (4) Srednja škola Luki-
jan Mušicki , Temerin, (5) Tehnička škola, Smederevo. 
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the profiles part of the comparison group. The Ministry of Education, Science and Technological 

Development of the Republic of Serbia (MoESTD) provided enrollment data from the secondary 

school entry exam. This dataset was used to select the comparison schools and comparison pro-

files and to compare the quality of students in the intervention and potential comparison schools. 

Schools that were part of the comparison group were contacted directly by the MoESTD to ex-

plain the purpose of the evaluation and to establish the contact with the research team.   

3.4.3 Descriptive analysis 

Baseline and follow-up surveys were conducted in intervention schools and comparison schools 

to collect data on students in intervention and comparison profiles. The baseline survey was con-

ducted during March and April 2018. The full survey is available in the Appendix (Appendix Serbia 

3). Students were asked for consent so that their data could be used for research purposes.5 The 

follow-up surveys were conducted by phone in December 2018.  

Table 3.2 summarizes the number of schools, profiles, and students included in the database.6 

The surveys were conducted in 10 intervention schools and 21 comparison schools. For interven-

tion schools, there are 3 modernized profiles and 10 comparison profiles, leading to a total of 

373 students in 30 classes. For comparison schools, 6 profiles were selected similar to modern-

ized profiles (P1 profiles), and 6 which are similar to non-modernized profiles (P2 profiles). In 

total, 499 students are enrolled in the comparison schools in 49 classes.  

Table 3.2  
Number of schools, profiles, classes and students in baseline sample 

 Intervention schools Comparison schools Total 

Profile Intervention 
Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

  

Number of schools 10 10 20 21 31 

Number of profiles 3 10 6 6 16 

Number of classes/profile com-
binations 

11 19 23 26 79 

Number of students enrolled in 
third year 

208 165 231 268 872 

Notes: Comparison group 1 refers to students in non-modernized profiles in interventions 
schools. Comparison group 2 refers to students in similar profiles as modernized profiles in com-
parison schools. Comparison group 3 refers to students in non-modernized profiles in compari-
son schools. 

Table 3.3 further summarizes the response rates, the rejection rates, and the unreachable rates 

based on the sample of students who completed the baseline questionnaire. Out of the 872 stu-

dents enrolled in intervention and comparison schools, 582 responded to the baseline survey. 

The main reasons for not participating were that students were not at school at the time of the 

 
5 Students who were minors when the baseline survey was conducted were asked to provide the consent 
from their legal guardian. 
6 Table A13 in the Appendix provides the number of students for each grade, the dropout rates and the 
graduation rate. 
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survey, did not provide a consent form signed by the parents (in case of minors), or refused to 

participate. Overall, close to 72 percent of students from the baseline could be reached. Out of 

the students who participated in the baseline survey, 64 percent were interviewed in the follow-

up survey, 27 percent of students could not be reached7, and 8 percent rejected to participate in 

the follow-up survey.  

In general, the response rates were higher for students in modernized profiles. The unreachable 

rate among students from modernized profiles stood at 17.6 percent and was about half of the 

size of the unreachable rate of comparison profiles in both intervention (30.6 percent) and com-

parison schools (29.6 and 32.5 percent).  

Table 3.3  
Follow-up sample size and response rate 
 Intervention schools Comparison schools Total 

Profile Intervention 
Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

  

# Baseline questionnaires com-
pleted 

131 108 152 191 582 

# Follow-up questionnaires com-
pleted 

99 64 96 114 373 

Response rate (%) 75.57 59.26 63.16 59.69 64.09 

Students who rejected 9 11 11 13 44 

Rejection rate (%) 6.87 10.19 7.24 6.81 7.56 

Students who were unreachable 23 33 45 64 165 

Unreachable rate (%) 17.56 30.56 29.61 33.51 26.35 

Notes: Comparison group 1 refers to students in non-modernized profiles in intervention 
schools. Comparison group 2 refers to students in similar profiles as modernized profiles in com-
parison schools. Comparison group 3 refers to students in non-modernized profiles in compari-
son schools. 

To evaluate if the sample is representative given the large rate of students who did not reply to 

the follow up survey, we examine whether students who responded to both surveys differ in 

terms of socio-demographic characteristics from students who were only surveyed at baseline 

(survey dropouts). The sample of students who participated in the baseline and follow-up surveys 

is representative for the overall sample of students surveyed at baseline, if no significant differ-

ences between the groups are found. 

Table 3.4 compares the characteristics of both groups including gender, mother’s education, 

and characteristics that measure school performance before secondary enrollment i.e., the num-

ber of points for enrollment in secondary school and the position of the enrolled school on wish 

list, for students who completed the follow-up survey and those who only completed the base-

 
7 The main reasons were either the phone number was incorrect or there was no response when the per-
son was called. 
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line. The table shows no significant differences in terms of gender and parental education. Sig-

nificant differences are found for GIZ schools and modernized profiles, suggesting that students 

both in intervention schools and in modernized profiles were less likely to drop out. Additional 

significant differences are found for points for secondary school and position of enrolled school 

on wish list. Participants who completed both surveys are more likely to have higher scores for 

secondary school and to be enrolled on the first choice on their wish list.8 Although the differ-

ences are small, they suggest that participants who dropped out show slightly lower education 

levels than participants who completed both surveys. 

Table 3.4  
Background characteristics of students who were surveyed only at baseline and students sur-
veyed both at baseline and follow-up 

  Complete surveys Only baseline T-test 

  Mean Std. dev Mean Std. dev Diff. 

Female 0.043 0.203 0.033 0.180 0.009 

GIZ school 0.437 0.497 0.364 0.482 0.073* 

Modernized profile 0.265 0.442 0.153 0.361 0.112*** 

Points for secondary school      
59 or less points 0.435 0.497 0.531 0.500  -0.096** 

60-69 points 0.361 0.481 0.309 0.463 0.053 

70-79 points 0.165 0.371 0.103 0.305  0.062* 

80 or more points 0.039 0.193 0.057 0.233 -0.018 

Position of enrolled school on wish list      
First 0.701 0.459 0.617 0.487 0.084* 

Second 0.171 0.377 0.177 0.383 -0.006 

Third or higher 0.128 0.334 0.206 0.405  -0.078** 

Mother's education      
At most primary school 0.294 0.456 0.269 0.445 0.025 

3- or 4-years secondary school 0.652 0.477 0.661 0.475 -0.01 

College or higher 0.054 0.226 0.070 0.256 -0.016 

Number of students 373 209  

Note: Difference compared to baseline students only: * significant at 10 percent, ** significant 
at 5 percent, *** significant at 1 percent. 

Students background characteristics  

For the DiD design intervention and comparison groups should be similar. In this section, the 

demographic characteristics of students are compared. The descriptive statistics reveal minor 

differences between intervention and comparison groups. Figure 3.2 reports the average points 

for secondary school enrollment. Less than 25 percent of students in intervention and compari-

son groups scored more than 70 points for the secondary school enrollment grade, the remain-

der scored 69 points or less. Figure 3.3 further shows the position of the school on the student’s 

wish list. The figure shows that a larger share of students in modernized profiles are enrolled in 

 
8 After completing primary schools, students provide a ranking including up to eight schools and profiles 
indicating their preferences to continue with secondary education.  
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their first choice. 85 percent of the students in modernized profiles report being enrolled in their 

first choice in contrast to about 65 percent of the students in each of the comparison groups.  

Figure 3.2  

Average points for secondary school enrollment 

Note: RWI – Leibniz Institute for Economic Research. 

Figure 3.3  

Position of enrolled school on the wish list 

 

Note: RWI – Leibniz Institute for Economic Research. 
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Figure 3.4 summarizes the education level of the students’ mothers. The figure shows that over 

60 percent of mothers have completed at least secondary education for both intervention and 

comparison groups. Mothers of students in the intervention group and in the comparison group 

3 have higher levels of education. The share of mother’s who completed college is 6.6 and 9.7 

percent, respectively. Student characteristics by intervention and comparison groups are sum-

marized in Table 3.5  

Figure 3.4  

Mother’s education level 

 

Note: RWI – Leibniz Institute for Economic Research. 

The table reports gender, number of points for secondary school enrollment, position of en-

rolled school on wish list, and mother’s education level. In the columns (1) to (4), the character-

istics for each of the groups are reported. The last column reports the difference-in-differences 

(DiD) estimator from a simple linear regression.9 The number is equal to the difference between 

the intervention group and the comparison groups as explained in the previous sub-chapter. A 

statistically significant DiD coefficient implies that the characteristic of the intervention group is 

statistically different from the comparison groups.  

Although the graphs show larger differences between intervention and comparison groups, the 

comparison of available background characteristics using the DiD methodology reveals that the 

only significant difference is the education level of mothers. Mothers in modernized profiles are 

slightly more educated than mothers in comparison profiles. For the characteristics which meas-

ure school performance before secondary school, no significant differences between the inter-

vention and comparison groups are found.  
  

 
9 This structure of columns will be used for all tables in this sub-chapter that report the effect of the pro-
gram on the intervention group. 
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Table 3.5  
Characteristics of students in intervention and comparison groups 

School Intervention Comparison 

DiD 
Profile Intervention 

Comparison 
group 1 

Comparison 
group 2 

Compari-
son group 3 

 (1) (2) (3) (4) 
[(1)-(2)]- 

[(3)-(4)] 

Female 0.03 0.031 0.073 0.035 -0.039 

Points for secondary school      
59 or less points 0.398 0.389 0.533 0.418 -0.106 

60-69 points 0.361 0.426 0.293 0.378 0.020 

70-79 points 0.205 0.167 0.147 0.143 0.034 

80 or more points 0.036 0.019 0.027 0.061 0.052 

Position of enrolled school on wish list      
First 0.851 0.66 0.658 0.627 0.159 

Second 0.069 0.189 0.228 0.206 -0.142 

Third or higher 0.08 0.151 0.114 0.167 -0.018 

Mother's education      

At most primary school 0.264 0.382 0.333 0.243 -0.209** 

Secondary school (3 or 4 years) 0.67 0.6 0.655 0.66 0.076 

College or higher 0.066 0.018 0.012 0.097 0.133*** 

Number of students 99 64 96 114   

Total 373 

Note: Difference compared to baseline students only: * significant at 10 percent, ** significant 
at 5 percent, *** significant at 1 percent. 

3.4.4 Impact analysis 

The main outcomes of interest for the empirical analysis are the quality of educational profiles, 

the employment status, and job characteristics. In this section, first we discuss the differences 

between intervention and comparison groups descriptively and as a second step we discuss the 

results of the DiD analysis. 

Quality of educational profiles 

As a first step, the quality of the modernized profiles is assessed. The expectation is that the 

modernization increased the quality of modernized profiles. To measure this, students were 

asked a series of questions. For example, they were asked to rate the overall quality of education, 

the equipment in schools and companies, their job readiness after completing secondary schools, 

and to report if they would choose the same educational profile again. 

The measures of education quality are compared across intervention and comparison groups 

and the results are reported in Table 3.6. Columns (1) to (4) show the average characteristics 

calculated by groups. The share of students who completed the third grade by the time of the 

follow-up survey is above 98 percent for both intervention and comparison groups. This is not 
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surprising as most dropouts in secondary school occur in the first grade.10 The average grade is 

reported as “excellent” or “good” by more than 50 percent of students. Over 70 percent of stu-

dents both in intervention and comparison profiles report that they are “very well” or “well” 

prepared for employment after graduation.  

Differences between the groups can also be observed. While 47 percent of students from mod-

ernized profiles report that they either started or plan to start additional education after finishing 

school, the respective share of students in comparison groups is smaller. The rate of the quality 

of secondary education and the rate of school conditions and equipment also differ. For both 

measures, the share of students who rate the conditions as “very good” or “good” is higher for 

students in modernized profiles. The share of students who state they would choose the same 

VET again is the highest for students in modernized profiles.  

Table 3.6  
Measures of quality of education 

School Intervention Comparison 

Profile Intervention 
Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

 (1) (2) (3) (4) 

Completed third grade 1.000 0.984 0.990 0.982 

Grade average 0.619 0.587 0.716 0.658 

Started education after finishing school (or 
plans) 

0.475 0.422 0.344 0.298 

Quality of secondary educationa 0.765 0.656 0.542 0.632 

School: Equipment and conditionsa 0.592 0.391 0.347 0.460 

Company: Equipment and conditionsa 0.788 0.870 0.737 0.699 

Work readinessa 0.798 0.797 0.719 0.814 

Choose again same VETb 0.866 0.734 0.615 0.588 

Number of students 99 64 96 114 

Total number of students 373 

Notes: aThe scale is equal to 1 if the student reported very good or good and 0 if the student re-
ported acceptable, poor, very poor. bThe scale is equal to 1 if the student reported very likely or 
likely and 0 if the student reported maybe, unlikely, very unlikely. 

The results of the DiD methodology are illustrated in Figure 3.5. The figure shows the estimated 

impact, which is calculated by subtracting the difference of columns [(1)-(2)] and columns [(3)-

(4)] of Table 3.6, and the respective confidence interval at the 90 percent level. The confidence 

interval shows that there is a 90 percent probability that the estimated impact lies within a cer-

tain range of values. In general, the estimated impact is statistically significant if the confidence 

interval does not include the value zero.  

 
10 See Table A.11 in the Appendix for more details on dropouts. 
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The figure shows that the estimated impact is zero for the outcomes (i) completed the first 

grade, (ii) average grade, and (iii) started/will start education i.e., no statistically significant dif-

ferences are found between intervention and comparison groups. Statistically significant differ-

ences are found for two outcomes: quality of secondary education and school conditions. The 

figure shows that students in modernized profiles are 19.9 percentage points more likely to rate 

the overall quality of secondary education as “very good” or “good” in contrast to students in 

comparison groups. In addition, students in modernized profiles are 31.4 percentage points more 

likely to rate the school conditions and equipment as “very good” or “good” in contrast to stu-

dents in the comparison groups. Students in modernized profiles rate the company’s equipment 

and conditions slightly worse than the comparison groups. While the difference is not significant, 

the negative effect could be explained by the access to brand new equipment in intervention 

schools. Finally, for the outcomes work readiness and the likelihood of choosing the same VET 

again a positive effect is found for students in modernized profiles, however the effect is not 

statistically significant which could be attributed to the small sample size.  

Figure 3.5  
Measures of quality of education – estimated impact  

Notes: significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. The im-
pact estimates and confidence intervals are obtained by a linear regression model. The impact 
estimate refers to the difference in columns [(1)-(2)]-[(3)-(4)] from Table 3.6. 
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Employment status and job characteristics 

The employment status six months after graduation of students in intervention and comparison 

groups is assessed in Table 3.7 The DiD or impact estimate is provided in the last column. The 

results show that students in modernized profiles are 9.75 percentage points more likely to have 

ever been employed than students from comparison profiles in the same school (column 1 vs. 

column 2). Once the DiD methodology is applied the difference drops to 7.4 percentage points. 

However, the coefficient is not statistically significant. The same holds true for the share of stu-

dents who were employed at the time of the survey. Although the estimated impact is positive 

(1.51 percentage points), it is not statistically significant.  

Table 3.7  
Employment status and hours worked 

School Intervention Comparison 

DiD 
Profile Intervention 

Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

 (1) (2) (3) (4) 
[(1)-(2)]- 

[(3)-(4)] 

Ever employed (%) 87.88 78.13 92.71 90.35 7.4 

Currently employed (%) 72.72 68.75 82.3 79.82 1.51 

Hours worked per week 44.357 44.793 45.095 47.176 1.65 

Number of students 99 64 96 114 373 

Total number of students 373 

Note: significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. 

Following the same methodology, we compare job characteristics of employed individuals. Ta-

ble 3.8 reports average characteristics by group. Across all groups, more than 70 percent of stu-

dents are currently in their first job. While the latter is true for both intervention and comparison 

groups, a larger share of students in modernized profiles report having their first job in the com-

pany where they received dual training (53 percent). Moreover, a higher share of students in 

modernized profiles report they work in a topic related to their VET (65 percent), and the share 

of students who report their VET is useful for their current work (70) is almost twice as high than 

the share of students in comparison profiles. 

The wage level for students in modernized profiles is also higher, 44 percent report earning 

more than 45 thousand RSD per month while the shares in comparison groups are much lower 

at 19 percent, 13 percent, and 7 percent, respectively. Over 70 percent of all students have 

signed a written contract with their employer, yet the share of students who have an unlimited 

contract is quite low (less than 10 percent for all groups with the exception of comparison group 

2). The general satisfaction level is the lowest among students in modernized profiles, 79 percent 

report being very satisfied/satisfied with their employer whereas the share is higher for the com-

parison groups.  
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Table 3.8  
Job characteristics of the employed participants 

School Intervention Comparison 

Profile Intervention 
Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

 (1) (2) (3) (4) 

Still in first job 0.806 0.721 0.949 0.921 

First job in training company 0.528 0.333 0.09 0.122 

Work VET related 0.647 0.357 0.389 0.329 

Work VET usefula 0.706 0.357 0.375 0.402 

     
Monthly net wage     

Less than 35.000 RSD 0.138 0.297 0.139 0.239 

Between 35.000 and 45.000 RSD 0.415 0.514 0.734 0.693 

More than 45.000 RSD 0.446 0.189 0.127 0.068 

Written contract 0.817 0.738 0.911 0.769 

Unlimited contract 0.058 0.286 0.038 0.088 

Satisfied with joba 0.792 0.907 0.886 0.857 

Number of students 72 44 79 91 

Total number of students 286 

Note: The scale is equal to 1 if the student reported very helpful or helpful/very satisfied or satis-
fied and 0 otherwise. 

The empirical analysis shows that some of the descriptive differences are also present after 

implementing the DiD methodology (see Figures 3.6 to 3.8). Figure 3.6 shows that while no sig-

nificant differences are found with respect to the probability of being in the first job, students in 

modernized profiles are 23 percentage points more likely to be employed at the companies 

where they received dual training, which shows that modernized profiles had a better coopera-

tion with the companies than comparison profiles. The share of students in modernized profiles 

who report holding a job related to their VET is considerably higher than the share of students in 

comparison profiles (65 percent vs. 35 percent). The impact estimate is positive but is not statis-

tically significant at conventional levels which could be attributed to the small sample size. Yet, 

students in modernized profiles are 37.6 percentage points more likely to report their vocational 

training is useful for their job, which suggests that the modernization of profiles actually aligned 

the skills and knowledge of graduates with those needed in the labor market.  
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Figure 3.6  
Job conditions (VET) - estimated impact  

Notes: significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. The im-
pact estimates and confidence intervals are obtained by a linear regression model. The impact 
estimate refers to the difference in columns [(1)-(2)]-[(3)-(4)] from Table 3.8. 

Figure 3.7 shows the impact of the modernization of the profiles on wages. Students in mod-

ernized profiles are almost 20 percentage points more likely to report the highest wage category 

than their counterparts in the comparison groups. This finding suggests that the modernization 

of profiles led to students earning higher wages in their first job as they report earnings above 

45 thousand RSD. 

In Figure 3.8 the impact of the modernization on contracts and job satisfaction is analyzed. Two 

surprising findings are that students in modernized profiles are less likely to have a contract with 

unlimited duration and are also less satisfied with their employment situation. A possible expla-

nation for this finding is that students from modernized profiles are employed by larger compa-

nies which as a rule give their employees a limited duration contract lasting up to two years. This 

uncertainty could also explain why students in the intervention group are less satisfied with their 

current job situation.  
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Figure 3.7  

Job conditions (monthly wage) - estimated impact  

Notes: significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. The im-
pact estimates and confidence intervals are obtained by a linear regression model. The impact 
estimate refers to the difference in columns [(1)-(2)]-[(3)-(4)] from Table 3.8. 

Figure 3.8  

Job conditions - estimated impact  

 

Notes: significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. The im-
pact estimates and confidence intervals are obtained by a linear regression model. The impact 
estimate refers to the difference in columns [(1)-(2)]-[(3)-(4)] from Table 3.8 
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Finally, the impact of the VET modernization is assessed with respect to job search. Table 3.9 

provides the results of job search by employment status. Irrespective of their current labor mar-

ket status, graduates could be searching for a (better) job. For students in modernized profiles, 

the share of those who are looking for a job is higher for both employed and unemployed stu-

dents. However, after implementing the DiD methodology no statistically significant differences 

are found between intervention and comparison groups. 36 students report they are not search-

ing for a job although they are unemployed. Among the 36 students not searching for a job, the 

main reasons why they were not searching for employment are: they plan to start looking for a 

job at some later point of time (33.3 percent), they are still in education or doing a practical 

training (30.6 percent) or they plan to continue their education (11.1 percent). 

Table 3.9  
Job search by employment status 

School Intervention Comparison 

DiD 
Profile Intervention 

Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

 (1) (2) (3) (4) 
[(1)-(2)] 
[(3)-(4)] 

Searches for job - Employed (%) 0.268 0.220 0.038 0.110 0.120 

Searches for job - Unemployed / 
Inactive (%) 

0.556 0.700 0.353 0.696 0.198 

Number of students 98 61 96 114  

Total number of students 369 

Notes: * significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent. 

3.4.5 Lessons learned  

In this sub-chapter, we discuss the three main challenges faced during the evaluation of the im-

pact of modernized VET profiles on school quality and employment outcomes which are related 

to the definition of comparison groups and collaboration with schools, the survey implementa-

tion, and sample size.  

Comparison groups and collaboration with schools  

One of the challenges faced during the rigorous evaluation was defining potential comparison 

profiles and selecting comparison schools. The GIZ team and the research team received exten-

sive support from the Serbian Ministry of Education, Science and Technological Development 

(MoESTD) and from the Institute for the Improvement of Education and Upbringing and the In-

stitute for the Evaluation of Education. The MoESTD supported the research team to find appro-

priate comparison schools and to facilitate the initial contact with comparison schools. The Insti-

tute for the Improvement of Education and Upbringing and the Institute for the Evaluation of 

Education facilitated identifying profiles similar to the profiles modernized by the GIZ. Without 

the close collaboration with both organizations the research design would not have been possi-

ble to implement. 
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Survey Implementation 

Collecting baseline data and ensuring that a large number of students would participate in the 

survey and provide reliable contact information for the follow-up survey was an additional chal-

lenge. On a first step, the schools were asked to implement the survey which resulted in a very 

low number of responses for the cohort 2014/2015. Given the low response rate this data could 

not be used as part of the analysis. For the cohort 2015/2016 to implement the baseline survey, 

external consultants on behalf of the GIZ visited each school. The consultants went to each of 

the classes to explain the purpose of the project and the instructions to fill in the survey to the 

students. The participation in the research project was voluntary. According to the law,11 collect-

ing personal data requires that participants in the research are informed about which data is 

collected and the purpose of research. They also need to sign an informed consent form so that 

their data can be used. Many students in our sample were minors and the informed consent form 

had to be signed by their parents which posed a further challenge. 

Sample size 

The survey data collected for this evaluation has two main disadvantages which posed a chal-

lenge for the empirical analysis: the baseline data includes many missing values and many stu-

dents did not respond to the follow up survey (the response rate is equal to 64 percent). Given 

the small sample size, the impact of a modernized VET on the employment outcomes of un-

derrepresented groups such as women or the Roma population could not be analyzed. In addi-

tion, a regression analysis controlling for a rich set of control variables could not be implemented. 

All the impact estimates of modernized VET are based on simple DiD without controlling for fur-

ther characteristics.  

A multivariate analysis has the advantage that observable differences between intervention 

and comparison groups can be accounted for by including them in the regression model. Alt-

hough observable characteristics are not accounted for in the DiD estimates, the descriptive ev-

idence shows these characteristics (gender, number of points for enrolment in secondary school, 

position of the enrolled school on wish list and mother’s education) are balanced. Thus, the sim-

ple DiD estimates are the best methodology given the data available.  

A possible solution to increase the number of observations and data quality is using administra-

tive data on schooling outcomes and labor market outcomes. Administrative data on labor mar-

ket outcomes is available from the National Employment Service (NES). While the schooling data 

is not yet available, the MoESTD is currently setting up an information system which will include 

background and educational data on students attending compulsory education in Serbia. Once 

the information system with individual level school data is established, it could be possible to 

design an evaluation and monitoring system for VET profiles by linking together educational data 

and labor market outcomes from administrative sources.  
  

 
11 The Law on the Protection of Personal Data regulates the procedures on data collection for research 
purposes. 
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3.4.6 Conclusion, key results and recommendations 

This sub-section assessed the impact of the introduction of modernized VET profiles on grad-

uates’ perception of education quality and their self-reported employment outcomes. For the 

evaluation, a rigorous Difference-in-Differences methodology comparing students of GIZ profiles 

to comparable students within and across schools is implemented. The analysis is based on sur-

vey data collected from the second cohort of the program that entered secondary schools in 

2015/2016. Baseline data was collected while the students were still enrolled in education and 

follow-up data was collected 6 months after graduation in December 2018.  

The baseline data supports the credibility of our evaluation design. Baseline characteristics of 

students in the intervention and comparison groups show only minor differences between the 

groups in terms of points for secondary school enrollment, position of enrolled school on the 

wish list, and parental education.  

Findings from the impact evaluation suggest a significantly positive impact of modernized VET 

profiles on perceived education quality and characteristics of employment. With regards to the 

quality of education, students in modernized profiles are significantly more likely to be satisfied 

with the overall quality of education in the school and to report better equipment and conditions 

in the schools than students in comparison profiles. Furthermore, the analysis suggests12 that 

students in modernized VET profiles rate better their work readiness and are more likely to claim 

they would choose the same VET again. While no statistically significant impact was found in 

terms of the probability to be employed, students in modernized profiles were more likely to 

obtain their first job in the companies where they did their training during school. In addition, 

statistically significant improvements were found when analyzing the quality of jobs. Students 

from modernized profiles were more likely to report using the VET knowledge and skills in their 

current job. They also earn higher wages than students in the comparison groups. At the same 

time, we find that employed graduates in modernized profiles were somewhat less satisfied with 

their jobs and less likely to have an unlimited contract. One reason for the lower prevalence of 

limited contracts could be that students from modernized profiles are hired by larger companies 

which are more likely to have a probation period for new employees.  

With regard to the key hypothesis formulated by the project, and keeping the limitations of 

the current analysis in mind, the results imply that modernization of VET profiles: (i) did not in-

crease the probability that secondary school graduates are  employed six months after gradua-

tion; (ii) increased the income and quality of employment among graduates that were employed 

six months after graduation; (iii) increased the probability that employed graduates use their VET 

skills and knowledge after graduation, which suggests that the matching of VET graduates with 

the demand of the labor force is better in modernized profiles with dual elements.  
  

 
12 Although a positive effect is found, it is not statistically significant which could be due the small sample 
size. 
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3.5 Project II: Youth Employment Promotion (YEP) 

3.5.1 Project goal, design and implementation 

The Youth Employment Promotion (YEP) project was financed by the Federal Ministry for Eco-

nomic Cooperation and Development (BMZ) from 07/2015 until 12/2019 with a total budget of 

10 Million Euro. The project was implemented by the German Organization for International Co-

operation (GIZ) in partnership with the Ministry of Youth and Sports of the Republic of Serbia. 

The YEP project worked with a large variety of implementing partners, depending on the inter-

vention. Some key partners were local youth offices, local government administrative units, vo-

cational educational training (VET) schools, NGOs, entrepreneurship hubs, cooperatives, the Na-

tional Employment Service (Nacionalna Sluzba Za Zaposljavanje, NES) and private sector compa-

nies.  

The overall aim of the YEP project was to empower young people (aged 15-35) to be better 

positioned on the (existing) labor market. One key working area of the project was to develop 

and implement active labor market interventions specifically designed to the target-group and 

local labor market demand in marginalized regions in Serbia. The evaluated short-term skills 

trainings were one of six different interventions developed by the project. The design followed 

an integrated approach which was based on (among others): detailed analysis of labor market 

context and private sector demand, youth-targeted design of out-reach campaigns and services, 

monetary and non-monetary support during participation.  

The target group of short-term skill trainings were youth ages 18 to 35 that were not employed 

(formally or informally), and considered disadvantaged (e.g. vulnerable, hard-to-employ, low-

skilled, Roma, long-term unemployed etc.). The key eligibility criteria for both trainings was 

therefore to be unemployed (self-reported) and under the age of 35 years. In addition, youth 

were selected based on their observed disadvantage on the labor market (e.g. belonging to a 

vulnerable group), as well as their commitment for the training and motivation for working in 

the respective occupational field.  

The identification of training occupations (vocational skills) was based on an assessment of the 

local/regional labor market demand and skills gaps among youth in the target group. Input to the 

selection was obtained from local private sector employers, training providers and local branches 

of national employment office. In addition, an assessment of career needs and interests of young 

people was carried out.  On the other hand, selection of occupations was based on career needs 

assessment and interests of young people to attend offered trainings and retraining services to 

enhance their employability and employment. A majority of trainings were conducted in the area 

of welding, industrial machinery operation, textile industry and tourism-related services. These 

occupations correspond with the (typically) low level of education in the target group. 

Two different types of short-term skills trainings were implemented. Both emphasized applied 

learning that takes place either in a real workplace or simulated workplaces at training institu-

tions. However, the key approach and delivery mode of both trainings differs: The first type 

(“Training at employer’s request”) matched youth to firm-based trainings at private-sector em-

ployers. The second type (“Training for labor market needs”) subsidized training set in simulated 

workplaces of accredited vocational trainings institutions (VTIs). The approach, implementation 

and expected effect of both trainings differed substantially and is therefore discussed in detail 

below.   
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3.5.2 Training at employer’s request (“employer-based trainings”) 

• Overall approach and goal: The approach of employer-based trainings integrated two com-

ponents: First, provision of labor market intermediation services (partially through NES) to 

match disadvantaged youth with private-sector companies. Second, improving the design 

and implementation of employer trainings. The goal of the first component was to improve 

the access of disadvantaged youths to formal training in the private sector. The goal of the 

second was to increase the relevance and quality of qualifications obtained by youth in em-

ployer trainings. Both components are discussed in more detail below. The ultimate goal 

was to increase formal labor market participation, retention rates and job readiness of dis-

advantaged youth participants.  

• Labor market intermediation / matching: In order to increase participation of disadvan-

taged youth in formal sector training, the project developed a youth-friendly approach for 

offering of labor market information and job intermediation service. Caseworkers from the 

National Employment Service would pre-screen interested unemployed youth for eligibility 

(e.g. age, location, education) and suitability (e.g. previous work experience) in relation to 

the respective occupation. The CVs of interested candidates were forwarded to the training 

companies for review and selection. Training companies would then conduct further as-

sessments in order to identify the most suitable candidates. While the overall process mir-

rored the typical hiring process of these firms, the approach was adapted to cater disad-

vantaged youth.  

• Training design: The trainings combined two modules: First, practical classes in training 

centres of the cooperating firms.13 Second, applied workplace-based trainings at the em-

ployer under the supervision of a mentor. Both components were typically designed to pro-

vide trainees skills for specific occupations within the firms. The typically training had a du-

ration of 2-3 months of full-time training. Within this period both components were usually 

combined in three consecutive stages: (i) two to four weeks of theoretical classroom-based 

training, (ii) around four weeks of combined classroom and workplace training, (iii) an equal 

period of only workplace training. Overall, workplace-training should usually account for 

80% of full training. At the end, successful trainees received a certificate of completion. 

• Public-private partnerships: The project established public-private partnership agreements 

with formal (i.e. legally registered) private sector companies. In some cases, these PPP 

agreements also included external training providers (VET schools, institutes, etc.) and local 

self-governments. The PPPs agreements typically specified that training firms and other 

partners would contribute at least 50% of the total estimated training costs. Firms would 

usually cover training material, insurance of trainees, work wear and safety gear, meals 

during the training, as well as costs for trainers and mentors. Furthermore, training compa-

nies had to ensure that adequate spatial-technical conditions for the training was available, 

provide mentors and to issue a certificate upon completion14. The project would provide 

 
13 In a few cases, the initial classroom trainings were delivered by external training institutions.  
14 In the case that the external training provider is not responsible for training provision.  



RWI 

  72 

additional financial support to trainees.15 Typically, the this covered travel expenses, ac-

commodation (if necessary), and a small monthly allowance usually in the range of 5.000 – 

20.000 RSD (40-170 EUR) depending on training type and duration. Trainees would typically 

not be remunerated by firms during the training period above this daily allowance. In some 

cases, the project also provided capacity development to supervisors and mentors of firms. 

Within most PPPs agreements it was defined that the employer should employ at least 70% 

of trainees under any form of formal employment contract when the training is completed. 

• Training size and duration: By end of 2018, the program conducted trainings in 21 different 

occupations in cooperation with 7 private sector employers. Trainings were conducted in 

76 cohorts and included a total of 766 participants.  

3.5.3 Training for labor market needs (“VTI- or institute-based trainings”) 

• Overall approach and goal: The main goal of trainings conducted at vocational training in-

stitutes was to improve the vocational skills and employability of disadvantaged youth in 

occupations that were in demand on the local labor market. The VTI trainings included as-

pects of non-formal (adult) education, short and mid-term education measures, vocational 

and technical trainings and the demand of the labor market. 

• Mobilization and selection: The mobilization and selection mechanism for VTI trainings 

contrasted from the participant selection process in employer trainings. First, a youth-tar-

geted mobilization approach was developed for reaching youth in target areas through lo-

cal NGOs and public administration, local branches of the National Employment Service, as 

well as (social) media campaigns. Interested youths were asked to apply for trainings 

through an online application form. After screening application for eligibility and motiva-

tion, the information was again verified in short phone interviews. Eligible applicants were 

then invited to personal interviews which were usually conducted in local branches of the 

National Employment Service. The interviews were conducted by the project staff and in-

cluded experts for specific training in order to assess youths’ skills and experiences in the 

professional field of the training. In addition, they included questions to elicit candidates’ 

attitudes and motivation for attending the training and seeking employment in a given area 

afterwards (active job search skills). For some trainings (e.g. welding, hospitality industry, 

etc.), this was complemented with additional practical or/and medical tests to ensure suita-

bility. Candidates were then ranked based on the scores received for the full selection pro-

cess. This rigorous selection mechanism was regarded as a key mechanism for the success 

of trainings. 

• Selection of training providers:  The project identified potential vocational training institu-

tions and issued public tenders for trainings in each occupational field that was in demand 

on the labor market (see above). The project selected training institutions with existing ex-

pertise in fields related to the respective occupation. In addition, training institutions had 

to possess facilities to replicate the eventual workplace (see below). A set of quality stand-

ards for training providers was developed (including national accreditation, strong linkages 

 
15 The detailed financial contributions varied somewhat in every PPP agreement. 
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with related private sector, adequate training premises, etc.). Training providers could be 

private sector providers, research institutes, or accredited higher-learning (e.g. VET) institu-

tions. For some training providers, the project provided capacity development and, in some 

cases, technical equipment to confirm the requirement of the private sector. Training insti-

tutions did not have to provide commitments of private-sector employers to hire partici-

pants after training. In addition, payment was not conditional on outputs (completion of 

training by participants) or outcomes (employment). 

• Training implementation: Trainings were conducted in training centers of the respective 

provider that replicated conditions at the future workplace. Thus, most trainings were 

hence conducted in (e.g.) welding workshops, training kitchens or simulated warehouses. 

The curricula focused on practical (applied) work on machinery typically used by private 

sector firms, with a ratio of 20% of theoretical training and 80% of practical training. Train-

ings took between 1 week and 3 months and were full-time trainings of roughly up to 10 

hours per day. However, the size and length of training varied strongly, depending on the 

occupation and skill levels. In the beginning, no financial support was provided to youth, 

but the project soon started providing a monthly allowance of around 5000 RSD (40 EUR) 

to trainees in order to prevent program drop-out. For a few trainings (mostly Roma-fo-

cused) some additional labor intermediation services were provided to trainees upon grad-

uation (mostly by refereeing hem to potential employers in the field of training). 

• Training size: By the end of 2018, the program conducted trainings in 10 different occupa-

tions in cooperation with10 training providers. Trainings were conducted in 50 cohorts. This 

included a total of 628 participants (last training 07/12/2018). Some trainings were specifi-

cally designed and targeted at Roma or women only.  

3.5.3 Impact evaluation design 

For the purpose of the impact assessment, four different data sources were combined:  

1. GIZ YEP M&E data about the trainings – including the number of participants who ap-

plied/started/finished, beneficiary selection mechanism, dates of mobilization/selec-

tion/training, training implementer, etc.  

2. Data from the initial registration survey conducted at the beginning each training. This 

included some basic socio-demographic information. But most importantly the registra-

tion form asked for the individual national ID number (JMBG), as well as for consent16 for 

using of personal data for GIZ YEP monitoring purposes and for measurement of success 

of the YEP project. 

3. Administrative data from the Serbian National Employment Service (NES) and in Serbia 

and the Central registry of compulsory social insurance. From this data, we are able to 

construct detailed individual labor market histories – including the long-term (un)em-

ployment trajectories and previous participation in ALMPs. The construction of this da-

tabase is detailed below.  

 
16 In accordance with the Law on Personal Data Protection 
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4. Primary data collected through a follow-up phone survey among training participants – 

the survey tool includes detailed questions on education, current and past labor market 

status, wage, satisfaction with obtained job, etc.  

Administrative and phone survey data represent the key information used in the impact assess-

ment. These data sources, as well as their specific challenges, are discussed in more detail below.  

The administrative data obviously has several limitations for the purpose of the impact meas-

urement: First, information about individual and employment characteristics is limited (e.g. their 

socio-economic status, employment quality, etc.). Second, the reliability and validity of the reg-

istered labor market status is unclear due to the high share of informal employment in Serbia. 

Unemployed persons in Serbia do not have a strong incentive to be registered with NES unless 

they have the right to claim unemployment benefits.17 As a result, a considerable share of the 

unemployed are not registered with NES. Hence, it is difficult to infer from the data whether an 

individual that is in between two registered labor market periods is either informally employed, 

inactive or unemployed but not registered. To address some of these issues, the NES data is 

complemented with original data collected through a phone survey among training participants. 

Against this background, in Section 3.5.5, we will provide two analyses:  

First, we compare administrative outcomes between those that were surveyed to those who 

were not surveyed (either because they had no/incorrect contact information or decline partici-

pation when reached). This analysis will provide an indication of the (potential) measurement 

error due to (selective) survey response.  

Second, we compare the employment status in administrative data with self-reported employ-

ment outcomes from the follow-up survey. We do so by comparing responses for each survey 

participant to their NES register data, based on the exact date of the respective interview. This 

will provide an indication of measurement error due to misreporting in surveys among partici-

pants.  

Pilot of evaluation design 

In order to test the viability and feasibility of the impact assessment research design, we con-

ducted a pilot both for the administrative and survey data collection and analysis. For this pur-

pose, data was collected from an initial set of 144 training participants from 18 trainings, con-

ducted by 4 different training providers between 29 March 2016 and 20 March 2017.  

A first agreement was drafted with NES about the required administrative data for the pilot 

sample and a sample of potential comparison individuals. This would later build the basis for 

enhancement of the signed Memorandum of Understanding between the NES and YEP project. 

This initial data sample proved key in the end to understand the data structure and request ad-

ditional information required to construct outcome measures. Furthermore, the data allowed to 

assess the reliability and scope of administrative data.  

In parallel the same individuals were interviewed based on the first draft of the survey ques-

tionnaire. The initial piloting of the survey questionnaire highlighted several formulations that 

were difficult to understand for respondents. Based on the initial experience, major changes 

 
17 The length of unemployment benefits depends on the length of the last registered (formal) employ-
ment.  
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were performed for both the registration form and the follow up questionnaire. A key improve-

ment to the registration form was the inclusion of additional contact information such as (e.g.) 

Facebook link and the phone number of relatives/friends in case the participant could not be 

reached at the primary phone number provided.  

Evaluation sample composition 

The administrative data evaluation sample consists of trainings that ended before 31 October 

2018 since employment outcomes should be measured at least six months after training end. 

The resulting sample includes 89 trainings that started between 29 March 2016 and 01 August 

2018. Among these 89 trainings, 62 trainings were employer-based, and 27 VTI-based. In total, 

871 participants completed the training and filled out the registration form. Among these train-

ees, 66.9 percent participated in employer training while the remaining 33.1 percent attended 

VTI training. Among these 871 participants, 847 participants signed the consent and provided 

their national identification number (JMBG) for the purpose of the study and hence administra-

tive data could be retrieved. In addition, information from 19 participants were not included in 

the administrative data due to database issues. Consequently, the administrative data analysis is 

based on 826 participants. The number of participants for each training and further details are 

reported in the Appendix Table A13. 

For the phone survey, an initial set of 18 trainings with 46 participants was used to pilot the 

survey tool as described above. Survey data from these initial participants are hence excluded 

from the analysis. Trainings in the phone survey sample therefore started after 01 September 

2016. At the same time, the survey includes one training with 10 participants for which no regis-

tration data was collected. The resulting survey evaluation sample hence includes 73 trainings 

with a total of 856 participants. Contact information was available for a total of 773 of all 825 

participants. However, of those 773 who initially provided some contact information, 365 could 

not be reached or refused to be surveyed. This is further analyzed in Section 3.5.4.  

This implies that in order to assess the potential bias from survey non-response (see #1 above), 

we compare registration and administrative data from 441 surveyed to 410 non-surveyed par-

ticipants. For a sample of 778 among these, administrative outcome data could be computed. In 

order to assess the potential bias from misreporting (see #2 above), we are able to compare self-

reported and administrative data from 408 individuals that responded both to the survey and 

provided their JMBG.  

3.5.4 Description of data sources 

Administrative data 

The database that was provided by the National Employment Service (NES) contains all individ-

uals born on 1.1.1976 and afterwards, and who have ever been registered unemployed with NES. 

Prior to the analysis, the data was anonymized by NES by removing from the data – the names, 

surnames and national ID numbers (JMBG) of the individuals. The retrieved analysis sample con-

tains roughly 1.3 million individuals, for which more than 6.2 million distinct registration periods 

are recorded in the data.  

The NES dataset contains the following information for each individual: 
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• Personal information: gender, birthday, place of residence, profession and educational 
level 

• Belonging to a vulnerable group: disabled, single parent, internally displaced person, 
etc. 

• Unemployment periods: start and end data, regional NES office where person was reg-
istered, spell termination reason 

• Information on meetings with personal advisor: date of meeting, whether the unem-
ployed was classified at the meeting, classification (if classified), whether the individual 
employment plan was developed/updated at the meeting 

• Participation in NES labor market measures: start date and end date, type of measure 

• Data on mediation in employment: date of job interview, conduct of unemployed at the 
job interview, outcome of job interview 

• Data on temporary disability to work: start date and end date, cause of disability 

Based on the national ID number, the NES data is matched with data from the Central registry 

of compulsory social insurance (CROSO). The NES and CROSO database have been linked since 

February 2014 and consequently this is when first precise employment spells start in the NES 

database. Since more recently, the data from CROSO are imported in the NES database on a daily 

basis, hence providing very exact and updated information about labor market status. This data 

from CROSO includes the following information:  

• Employment periods: start and end date  

• Employment characteristics: weekly number of hours, type of contract, spell termina-

tion reason 

• Firm identifier: anonymized, based on the national firm tax ID 

On this basis, the distinct registration periods could be either registered formally employed, 

registered unemployed, participation in an ALMP, or out of the labor-force (OOLF). In the follow-

ing, we refer to these distinct periods as “labor market spells”.  

The administrative NES and CROSO data that represents the basis for this report was extracted 

on 10 April 2019. Unfortunately, the time period of constructing the dataset coincided with large-

scale changes in the NES data management system – which were ultimately performed to further 

improve the quality and scope of data in future rounds. This resulted in some data issues that 

were not observed in previous instances of the administrative data extraction (and should be 

resolved in future rounds). One issue was that more recent information about ALMP participa-

tion was not comparable to previous data retrieved. While the start and end dates appear cor-

rect, the specific types and names are different. This should not pose a big issue to the current 

analysis. Another issue was that, as mentioned above, 19 individuals that had supplied their 

JMBGs and were originally part of the administrative data sample were not included in this data 

sample.  

One of the key challenges (and time-consuming tasks) for the impact assessment was the con-

struction of individual-level labor market histories based on the available administrative data. 

In a first step, we retain only a randomly selected subset of the comparison group sample in 

order to reduce the computational burden of the data processing. The sample could be enlarged 
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for more precise estimation in subsequent analysis, but, as the sample is nonetheless large, we 

expect that this random sample draw does not affect our results.  

In a second step, we identify issues in the data which need to be either excluded or corrected 

in order to proceed with the rigorous impact evaluation. Firstly, double entries are removed. A 

labor market spell is considered to be a double entry if there is another spell of the same type 

(employed, unemployed, ALMP or OOLF), for the exact same period, with the same spell termi-

nation reason and for the same person. Secondly, some spells of a negative duration are re-

moved.  

In a third step, the data on unemployment spells and employment spells was checked for in-

consistencies. Our analysis requires to have a consistently coded labor market information of 

intervention and comparison groups, since the matching will be performed based on this data. 

Furthermore, the labor market status represents the main outcome variable of the impact anal-

ysis. Four different cases were identified that could imply inconsistency in the data: (i) Overlap 

of two (or more) employment spells; (ii) Overlap of two unemployment spells; (iii) Overlap of 

unemployment spell with following employment spell(s); (iv) Overlap of employment spell with 

following unemployment spell.  

In total, the database cleaning results in the exclusion of 19 individuals from the intervention 

group and 4,064 individuals from the comparison. The resulting sample dataset includes 808 in-

dividuals from the intervention group (6,261 spells) and 239,513 individuals from the comparison 

group (1,193,756 spells). 

Survey data 

In view of these limitations of the administrative dataset, the questionnaire was designed to 

complement the administrative data on participants with additional information on their socio-

economic background and detailed labor market outcomes before and after the GIZ training. In 

this regard, the survey data is expected to provide some insights into the prevalence of informal 

employment which is not captured by the administrative data. The complete questionnaire is 

provided in Appendix Serbia 3. 

The current results are based on survey data from three iterations of follow-up phone surveys 

with training participants which were conducted in May 2018, October 2018 and April 2019. On 

average, training participants were contacted roughly 8 to 10 months after the completion of 

their training.18 

Table 3.10 shows the number of participants and number of cohorts for each training and train-

ing provider. As mentioned in Section 3.5.1, the program until December 2018 (the cut-off for 

this report) included 1394 participants in 126 trainings. The reporting sample included trainings 

starting between March 2016 and August 2018 and comprises 848 training participants from 91 

different trainings. In contrast to the administrative data, one additional training (Alfa Plam III) 

with 10 participants was included in the phone survey. Overall, 404 of these 848 participants 

were reached, implying that the survey rate was less than 50 percent. The main reason was that 

individuals did not provide contact details at registration and that provided contact details were 

 
18 Initially, it was planned to contact training participants 6 months after they finished trainings. This 
could not be implemented for the first cohorts, as difficult due to organizational challenges.  
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not correct or were outdated at the time of the survey.  A minor number of training participants 

that could be reached refused to participate in the survey. The table shows that the response 

rate differs quite strongly across training providers and is particularly low for Falke trainings.  

Table 3.10  

Sample of survey participants, by training provider 

  Participants 

Training pro-
vider 

Number of  
Trainings  Total 

Not in 
sample 

No contact 
information 

Not  
surveyed Surveyed 

Response 
rate 

AlfaPlam 3  56 0 5 23 28 50% 

Falke 59  138 29 61 19 29 27% 

Gosa 14  190 6 2 92 90 49% 

Leoni 7  322 12 1 137 172 55% 

Other 17  185 23 8 79 75 46% 

SITEL 4  27 0 9 8 10 37% 

Total 104  918 70 86 358 404 48% 

3.5.4 Descriptive analysis of administrative data 

This sub-section provides a detailed descriptive analysis of GIZ training participants’ socio-eco-

nomic characteristics and labor market status before and after they took part in the training. The 

goal is to provide a first idea of the gross effect of training and inform about the labor market 

trajectories of selected participants.  

Table 3.12 compares participants by the type of training in which they participated. Several 

interesting observations about the training participant can be inferred, which we shortly describe 

in turn.19  

First, with regards to the socio-demographic characteristics and location we observe:   

• In accordance with the target group and subject of training, the majority of participants 

were between 22-31 years of age, often male, and largely with a 3- or 4-year VET or high-

school diploma.  

• More than 64 percent of participants were registered at the NES office in just 2 of the 26 

Serbian districts: Nišavski and Jablanički (not displayed in table).  

• Importantly, participants in VTI trainings were predominantly male and had a somewhat 

lower education than participants in employer trainings. Moreover, VTI training partici-

pants were more often assigned some target group status by NES officers, which repre-

sent specific vulnerable groups. In particular, a large share of VTI trainees was Roma, 

social assistant beneficiaries and/or internally displaced. In many cases, multiple of these 

categories applied to the same person.   

 
19 In these and the following tables, continuous measures are generally presented by the median fol-
lowed by the interquartile range (IQR). The IQR represents values for the middle 50 percent of the sample, 
e.g. the values between the 25th percentile and the 75th percentile.  
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Second, with regards to the formal labor market status of participants before the training, we 

observe:  

• In the week before the training, a large share of participants (>90 percent) was either 

registered unemployed with NES or unregistered. At the same time, 10 percent of par-

ticipants were still registered employed in the week before starting the training.20 

• Most participants appear to have been long-term unemployed. Within the year prior to 

training start, on average participants spent only around one-fifth (61 days) in registered 

employment. 

• Comparing the two training types, it appears that VTI training participants are overall 

less attached to the formal labor market than employer-based trainees. While the dura-

tion in registered employment is similar to employer-based participants, VTI training par-

ticipants are more commonly unregistered than registered unemployed prior to training. 

Hence, the rate of formality appears lower – which aligns with their lower socio-eco-

nomic status. 

Finally, the table shows some preliminary insight for the employment outcomes of trainees af-

ter the training ended. As the results differ strongly by training type, we discuss them in turn: 

• Among participants of employer trainings, 76 percent are employed at the end of the 

training. This matches the GIZ requirement that employers are to offer employment con-

tracts to at least 70 percent of training participants. It is unclear whether the remaining 

ones have dropped out or not (yet) signed a formal contract. This share slightly increases 

even further to 80 percent six months after training end. That is not too surprising as 

companies which collaborated with GIZ for the trainings expressed a need to hire em-

ployees. It appears that among the remaining 25 percent, roughly 4 percent of those 

previously registered unemployed deregister from NES within this timeframe.  

• For VTI-based participants, the picture is quite different: only 11 percent of trainees are 

registered employed at the end of the training, which is an even lower share than before 

the training. In addition, a larger share of trainees than before the training is neither 

officially registered unemployed. However, this changes quite strongly over time: after 

six months, the employment share has increased to 41 percent, and both unregistered 

and unemployment rate is reduced significantly. In the six months following training end, 

on average, participant spent equally around one-third in employment, unemployment 

and being unregistered.  
  

 
20 While being unregistered could also represent being out of the labor force (e.g. in education or (unreg-
istered) childcare), the high share of days spent unregistered among participants already indicates the 
prevalence of informality among these individuals.  
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Table 3.12  
Socio-economic characteristics and labor market outcomes of participants, by type of training 

 Total 
Employer-
based training 

VTI-based 
training 

p-value 

 N=808 N=510 N=298  

Personal-level variables     

Female 28.7%  39.6%  10.1%  <0.001 

Age on 01apr2019 27 (23-31) 27 (23-31) 26 (22-31)  0.080 

Level of education    <0.001 

Primary school or less 16.6%  11.8%  24.8%   

Three-year VET school 26.9%  24.9%  30.2%   

Four-year VET school or high school 49.1%  54.3%  40.3%   

College or more 7.4%  9.0%  4.7%   

NES target group*:     

Person assigned NES target group 39.2%  35.5%  45.6%   0.004 

Surplus of employees 4.2%  4.7%  3.4%   0.36 

Single parents 2.2%  2.2%  2.3%   0.86 

Both parents unemployed 13.0%  12.5%  13.8%   0.62 

Internally Displaced 2.1%  1.4%  3.4%   0.058 

Social assistance benef. 11.5%  8.0%  17.4%  <0.001 

Roma 11.3%  4.5%  22.8%  <0.001 

Other vulnerable 9.9%  10.6%  8.7%   0.39 

Status in 7 days before training start     

Employed 10.0%  7.3%  14.8%  <0.001 

Unemployed 68.2%  79.0%  49.7%  <0.001 

ALMP 0.6%  0.4%  1.0%   0.28 

Out of labor-force 1.4%  1.0%  2.0%   0.22 

Unregistered 23.0%  14.7%  37.2%  <0.001 

Number of days in 360 days before training start     

Employed 61 (±102) 59 (±98) 66 (±109)  0.33 

Unemployed 185 (±137) 212 (±131) 140 (±136) <0.001 

ALMP 4 (±28) 5 (±32) 4 (±22)  0.71 

Out of labor-force 6 (±42) 5 (±33) 9 (±55)  0.12 

Unregistered 100 (±125) 78 (±111) 138 (±137) <0.001 

Status in 7 days after training end     

Employed 52.7%  76.7%  11.7%  <0.001 

Unemployed 24.9%  13.9%  43.6%  <0.001 

ALMP 0.2%  0.0%  0.7%   0.064 

Out of labor-force 0.7%  0.2%  1.7%   0.018 

Unregistered 25.0%  11.2%  48.7%  <0.001 

Status within 7 days after 6 months from training end     

Employed 67.1%  81.8%  41.9%  <0.001 

Unemployed 18.3%  10.6%  31.5%  <0.001 

ALMP 0.2%  0.2%  0.3%   0.70 

Out of labor-force 0.5%  0.2%  1.0%   0.11 

Unregistered 14.7%  7.6%  26.8%  <0.001 

Number of days in 180 days after 6 months training end     

Employed 113 (±75) 145 (±60) 59 (±66) <0.001 

Unemployed 36 (±62) 20 (±49) 63 (±72) <0.001 

ALMP 0 (±5) 0 (±3) 1 (±7)  0.12 

Out of labor-force 1 (±12) 0 (±5) 2 (±19)  0.029 

Unregistered 27 (±51) 12 (±34) 53 (±64) <0.001 

Notes: *Multiple answers possible. Continuous measures are summarized by the median, followed by the 
interquartile range in brackets (p25-p50). Or by the mean followed by ± and the Standard Deviation in 

brackets.  
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Figure 3.9 visualizes these results more clearly. The figure shows the trajectory of labor market 

outcomes for trainees in both types of trainings respectively. Each panel displays the share of 

individuals by registration status in each week relative to the training end.21 Since the last training 

in our sample ends by 31 October 2018, we are able to assess labor market outcomes up to 21 

weeks (6 months) after the respective training end. Since trainings have a varying duration, the 

dotted lines present the median and maximum start of trainings relative to the training end in 

the respective categories.  

Prior to training, participants in both types of trainings had a very low formal employment rate 

(<25 percent) over the entire year prior to starting the training. Participants increasingly started 

registering with NES in the month leading up to the training. This reflects that many participants 

were selected through NES branch offices which is particularly the case for the employer train-

ings measures. Interestingly, this does not so much concern individuals that were registered em-

ployed and were gradually losing their jobs. In particular for employer trainings, those newly 

registered unemployed appear to include many individuals who were apparently (re-)registering 

with NES from being unregistered (see the decreasing share who are unregistered in the last 

panel). Among VTI training participants, as described above, a large share of roughly 40 percent 

is long-term unregistered – even just prior to training start.  

Following training start, the trajectories of participants in both types diverges strongly. Over 

the course of the roughly 3 months that participants spend typically in employer trainings, a large 

share of them registers employed. This reflects the contractual obligation of firms to provide a 

formal contract to at least 70 percent of trainees. By the end of trainings, more than 80 percent 

are registered formally employed. For VTI trainings, we observe several spikes in the share of 

individuals becoming registered employed. This reflects that some training institutes register 

trainees under temporary (non-work) contracts (e.g. the VET School Ivan Saric).  

After the trainings ended, labor market trajectories clearly show the positive effect of both 

training types. For employer-based trainings, the graphical evidence suggests that most partici-

pants who were contracted by training firms also stayed employed for the six months following 

the end of the training (or transitioned into jobs that are not with the work-based training firm). 

For VTI trainings, participants revert back to their pre-training labor market status, but they start 

finding employment shortly afterward. After 21 weeks, the share of individuals who have formal 

employment is almost double than on average in the months leading up to the training (40 vs. 

20 percent).  
  

 
21 Figures showing the share of individuals in ALMPS and registered out of labor force are not displayed 
as their share is generally negligible. 
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Figure 3.9  

Share of individuals by labor market status (in week relative to training end)  

 

 

Source: RWI – Leibniz Institute for Economic Research   

Employer-based training Institute-based training 
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Figure 3.10 shows the probability to be registered employed for each of the main training pro-

viders separately. By a visual before-after comparison, the gross effect of the training is positive 

for all training providers. More closely looking at the post-training labor market trajectory sepa-

rately provides an interesting insight: Among employer-based participants, those from Leoni, SI-

TEL and Alfa Plam were almost all hired immediately upon training end. This is not always the 

case for Falke training participants. Nonetheless, the later participants also increasingly found 

jobs in the six months after training end.22 For VTI training participants, it becomes clear that the 

positive impact is strongly driven by Gosa trainings.  

Figure 3.10  

Share of individuals employed by training provider (in week relative to training end) 

 

Source: RWI – Leibniz Institute for Economic Research. 

3.5.5 Descriptive analysis of survey data 

Analysis of selective non-response 

In order to understand the representativeness of the survey data results, this section tries to 

examine whether participants who could not be reached for the phone survey differ from par-

ticipants who were reached in the phone survey. If we see that specific training participants with 

specific characteristics were more likely to respond to the survey, the overall results may not be 

a good indication for the employment outcomes of the full training sample.  

 
22 More in-depth analysis that is considered for the project extension phase will reveal whether these 
were at Falke or other employer.  
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Typically, such an analysis is done using information from a pre-training survey. While the data 

included in the registration survey is limited, we have the advantage to avail of information about 

pre-training labor market outcomes from the administrative data. These are available for a sub-

set of 788 participants of the entire survey sample (848).  

Table 3.13 compares the demographic characteristics of respondents and non-respondents us-

ing the registration and administrative data where available. As in earlier tables, a p-value of less 

than 0.05 provides an indication that the observed difference is statistically significant. The table 

provides promising results: The only difference appears to be that survey respondents are slightly 

younger that those not reached. Most importantly, we do not find that those who were not sur-

veyed differ in their formal employment outcomes at the time they would have been surveyed. 

Hence, we can be somewhat more confident that self-reported employment outcomes in the 

surveyed group also provide a rather good approximation of the employment outcomes for 

those who were not reached. The following sections hence describe the socio-demographic char-

acteristics and self-reported labor market situation of those who were reached and interviewed 

for the follow-up survey.  
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Table 3.13  

Test for selective of survey non-response 

 Total Not reached Reached p-value 

 N=856 N=446 N=410  

Personal-level variables     

Female 27.9%  27.6%  28.3%   0.82 

Age 26 (23-30) 27 (23-31) 26 (22-30) <0.001 

Level of education     0.58 

Primary school or less 16.5%  18.1%  14.8%   

Three-year VET school 26.6%  27.0%  26.2%   

Four-year VET school or high school 49.6%  47.9%  51.4%   

College or more 7.2%  6.9%  7.5%   

NES target group*:     

Person assigned NES target group 39.2%  41.7%  36.6%   0.15 

Surplus of employees 4.3%  6.2%  2.3%   0.008 

Single parents 2.2%  2.5%  1.8%   0.52 

Both parents unemployed 13.2%  13.6%  12.7%   0.70 

Internally Displaced 2.2%  1.5%  2.9%   0.19 

Social assistance benef. 11.7%  12.2%  11.2%   0.67 

Roma 11.4%  11.2%  11.7%   0.82 

Other vulnerable 9.5%  10.2%  8.8%   0.52 

Status in 30 days before training start     

Employed 14.8%  14.6%  15.1%   0.87 

Unemployed 69.3%  70.5%  68.1%   0.46 

ALMP 1.1%  1.2%  1.0%   0.79 

Out of labor-force 1.4%  1.7%  1.0%   0.40 

Unregistered 26.5%  27.0%  26.0%   0.73 

Number of days in 360 days before training start     

Employed 62 (±102) 65 (±106) 58 (±98)  0.33 

Unemployed 184 (±137) 182 (±139) 186 (±135)  0.70 

ALMP 4 (±29) 5 (±31) 4 (±26)  0.58 

Out of labor-force 6 (±43) 8 (±50) 5 (±35)  0.34 

Unregistered 101 (±125) 98 (±123) 105 (±127)  0.41 

Status in 7 days after training end     

Employed 53.4%  54.6%  52.2%   0.50 

Unemployed 24.1%  23.6%  24.7%   0.72 

ALMP 0.3%  0.0%  0.5%   0.15 

Out of labor-force 0.8%  1.0%  0.5%   0.45 

Unregistered 25.1%  25.6%  24.7%   0.78 

Status in 7 days 6 months after training end     

Employed 67.9%  66.3%  69.6%   0.31 

Unemployed 17.3%  19.6%  14.8%   0.075 

ALMP 0.3%  0.5%  0.0%   0.17 

Out of labor-force 0.5%  0.5%  0.5%   0.96 

Unregistered 14.8%  14.4%  15.3%   0.71 

Status in 7 days before follow-up survey     

Employed 63.1%  61.0%  65.4%   0.18 

Unemployed 13.6%  15.0%  12.0%   0.19 

ALMP 0.8%  1.3%  0.2%   0.074 

Out of labor-force 0.6%  0.7%  0.5%   0.72 

Unregistered 14.8%  13.5%  16.3%   0.23 

Notes: *Multiple answers possible. Continuous measures are summarized by the median, fol-
lowed by the interquartile range in brackets (p25-p50). Or by the mean followed by ± and the 
Standard Deviation in brackets. 
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Socio-economic and educational background of participants 

One advantage of the follow-up survey is to elicit detailed information about the socio-demo-

graphic background of participants, which are not available in the administrative data (Table 

3.14). In congruence with the full participant group, the sample of interviewed participants con-

sists largely of males who are in their mid-twenties. Corresponding, roughly half of participants 

are not married, and the majority does not have children. Moreover, given their age and marital 

status, it can be assumed that many participants live in their parental households, which explains 

the large household size (the interquartile range in this case shows that 50 percent of participants 

live in households with 4-5 members).23 As in the administrative data, VTI training participants 

are more often male and slightly younger.  

With regards to education, the majority reported to have completed either a 3- or 4-year voca-

tional secondary school. Despite a rather young participant sample, most of them finished their 

education more than 3 years ago. (A small share of less than 5 percent reported to be still in 

education at the time of the follow-up survey.)  

Interestingly, for most participants, the training was not related to their educational back-

ground – in particular among employer-based participants. This suggests that trainees were 

searching for employment in a different field than their own. The stated rationale for participa-

tion clearly relates to the type of training: Almost all employer training participants were primar-

ily motivated by the offered employment opportunity in the training firm. In contrast, the key 

rationale for VTI training participants was earning a certificate and improve job prospects after 

hiring.  

The last panel of Table 3.14 shows the retrospective self-reported pre-training labor market 

experience from trainees. For both trainings, over 90 percent of those surveyed report to have 

been searching for a job in the month prior to training. Very few say to have been working and/or 

not searching for a job prior to training. Among those that were searching for a job, many report 

to have been searching for between 3-6 month. Among those not working and searching for job, 

almost 90 percent were searching for less 12 months. The previous job-search duration is slightly 

longer among employer-based participants.  

In conclusion, it could be assumed that a key motivation for participating in the training was to 

find a job and then move out of the parental household. That most participants took trainings 

unrelated to their educational background suggests that it represented an opportunity to change 

sectors or develop new (rather than additional) qualifications.  
  

 
23 Comparing this to the data available from the Statistical Office of the Republic of Serbia (source: 
http://data.stat.gov.rs/Home/Result/3102020101?languageCode=sr-Cyrl) it should be highlighted that 
the average number of household members in the sample is significantly larger than the country average 
of 2.89.  
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Table 3.14  
Socio-demographic characteristics of follow-up survey participants 

 
Total 

Employer-
based training 

VTI-based 
training p-value 

 N=410 N=254 N=156  

-- Socio-demographic variables: --     
Female 28.3%  37.4%  13.5%  <0.001 
Age 26 (22-30) 26 (23-30) 25 (22-29)  0.12 
Q49. Marital status     0.042 

Single / never married 54.9%  49.6%  63.5%   
Engaged 5.9%  5.9%  5.8%   
Married 38.0%  42.9%  30.1%   
Divorced 1.2%  1.6%  0.6%   

Q50. Has children 38.0%  43.3%  29.5%   0.005 
Q51. Number of children     0.41 

1 53.8%  57.3%  45.7%   
2 41.0%  38.2%  47.8%   
3 5.1%  4.5%  6.5%   

Q52. Household size 4 (4-5) 4 (4-5) 4 (4-5)  0.81 
Q53. Employed household members (excl. yourself)     0.34 

0 10.5%  10.6%  10.3%   
1 56.8%  56.7%  57.1%   
2 30.0%  31.1%  28.2%   
3 2.7%  1.6%  4.5%   

-- Educational background: --     
Q15. Currently in education 3.7%  3.9%  3.2%   0.70 
Q17. Highest education obtained    <0.001 

Primary school 0.5%  0.8%  0.0%   
3-year vocational secondary school 19.3%  17.3%  22.4%   
4-year vocational secondary school 71.0%  75.2%  64.1%   
Gymnasium 1.0%  0.8%  1.3%   
College 5.9%  2.4%  11.5%   
Faculty 2.4%  3.5%  0.6%   

Q18. Years since finished education 6 (3-9) 7 (3-10) 5 (2-8)  0.012 
Q18. Years since finished education     0.082 

<1 year 7.8%  7.1%  9.0%   
1-5 years 38.6%  34.4%  45.5%   
6-12 years 42.3%  46.6%  35.3%   
>12 years 11.2%  11.9%  10.3%   

Q8. Training related education background 7.1%  4.7%  11.0%   0.017 
Reasons for participation in training*:     

Training offered employment in company  67.6%  98.0%  17.9%  <0.001 
Good job prospect after finishing the training 12.4%  1.6%  30.1%  <0.001 
Wanted to earn a certificate 33.9%  9.4%  73.7%  <0.001 
Wanted to learn something new 8.5%  4.3%  15.4%  <0.001 
Employment before training: --     

Work and job search in month before training     0.11 
Working but searching 5.4%  3.6%  8.4%   
Working and not searching 2.7%  3.6%  1.3%   
Not working but searching 87.7%  88.5%  86.5%   
Not working and not searching 4.2%  4.3%  3.9%   

Q7. Months of job search before training 6 (4-7) 6 (4-8) 6 (3-6) <0.001 
Q7. Months in current work before training 6 (4-7) 6 (4-12) 6 (3-6) <0.001 
Q7. Months inactive before training  (-)  (-)  (-) <0.001 
Q7. Month in unemployment before training start    <0.001 

1-5 months 40.4%  37.1%  45.9%   
6-12 months 48.2%  46.0%  51.9%   
13-24 months 7.8%  11.2%  2.2%   
>24 months 3.6%  5.8%  0.0%   

Notes: *Multiple answers possible. Continuous measures are summarized by the median, fol-
lowed by the interquartile range in brackets (p25-p50). Or by the mean followed by ± and the 
Standard Deviation in brackets. 
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Labor market transitions  

Table 3.15 displays the self-reported labor market status of training participants before the start 

of the training and at the time of the survey. The variable was constructed from two questions 

about employment search and working status. The question on working status allowed to pro-

vide multiple (non-exclusive) answers about various types of employment. However, few partic-

ipants reported to follow more than one work simultaneously (e.g. dependent employed and 

freelancing). Hence the variable was condensed into one (exclusive) categorical variable for in-

terpretability. Inactive are defined as those who are not in employment or training and state that 

they were not searching for work. 

Prior to the training start, the self-reported labor market situation among those interviewed 

were roughly similar in both training groups. The large majority of those interviewed said to have 

been unemployed or inactive prior to training start. In comparison to employer-based partici-

pants, VTI participants reported slightly more often being self-employed or freelancing. This con-

forms with the administrative data that shows higher shares of non-registered among VTI partic-

ipants. However, the combined share of potentially informally employed does not reach the 

share of unregistered in administrative data.  

At the time of the follow-up survey, the differences in each trainings’ impact becomes apparent. 

For employer trainings, no survey participant reports being unemployed (i.e. not working and 

actively searching), and most are dependently employed. The share of those reporting to be de-

pendently employed is only around 5 percentage points higher than the share registered em-

ployed six months after training end in the administrative data (96 percent vs. 91 percent).24 

Among VTI trained participants, the self-reported outcomes are slightly lower, but still clearly 

positive. More than 91 percent report working at the moment – most of them being dependently 

employed. At the same time, more than 10 percent of those working is in self-employment or 

some other type of employment. The share reporting to be in dependent employment is 25 per-

centage points higher than the share registered employed after six months (see Table 3.11) in 

section 3.5.4). This provides some indication that, for the VTI training, the relevance of informal 

employment is much larger, and hence administrative data clearly underestimates the share that 

are working before and after the training.  
  

 
24 Clearly, these numbers are not directly comparable. First, the samples are not the same in both analy-
sis (despite little indication for selective survey non-response). Further, not all interviews were conducted 
6-months after training end. A more direct comparison follows in section 3.5.7.  
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Table 3.15  

Self-reported employment status of the participant before and after the training, in percent  

Training type Employer-based training VTI-based training 

Self-reported labor market status Before training Follow-up Before training Follow-up 

Inactive 4,2 2,7 4,1 1,4 

Unemployed 89 0 86,3 7,5 

Employed (FT/PT) 4,6 95,8 2,1 81,5 

Self-employed 1,1 0,8 4,8 4,8 

Other/Freelance 1,1 0,8 2,7 4,8 

Total 100 100 100 100 

Table 3.16 directly compares the self-reported employment status for each participant before 

and after the training. For example, among employer training participants almost 3 percent of 

those reported having been unemployed prior to training, remained unemployed at the follow-

up survey. This table is very interesting as it shows the contrast to the administrative data results: 

Overall, the transition rates are only slightly more positive for employer-based trainings in com-

parison to VTI trainings. This furthermore indicates the significant impact on informal employ-

ment from VTI trainings.  

Table 3.16  

Transition of employment status before and after the training, in percent  

Change in labor status Total Employer-based training VTI-based training 

Remained unemployed 4,39 2,65 7,53 

Unemployed -> Employed 87,56 90,15 82,88 

Remained Employed 7,56 7,2 8,22 

Employed -> Unemployed 0,49 0 1,37 

Total 100 100 100 

Employment characteristics 

In this section we analyze the employment characteristics of those who are working in detail. 

Table 3.17 shows the job characteristics of employed individuals for the total sample and by 

training type. We make the following observations from this table:  

• The first lines in the table show some evidence that a small part of those who are em-

ployed are nonetheless searching for a job, irrespective of being employed at the mo-

ment. This is slightly more prevalent among VTI training participants.25 Nonetheless, this 

provides an indication that most are satisfied with their current employment situation.  
  

 
25 The questionnaire included detailed information about the reasons, channels and expectations of par-
ticipants about their job-search behavior (Q.37 – Q.48). Since the number of individuals that were search-
ing for a job at follow-up is small, we do not assess the reasons and channels of job-search in more detail. 



RWI 

  90 

• In line with the program design, most employer-based participants became employed by 

the company that provided the work-based training. Moreover, almost all employer 

training participants work in a field related to the training. As a very positive outcome, 

this is also the case for more than two-thirds of employed VTI training participants. 

• Among employer-based participants, most were hired directly at or after the training. 

Almost all of those hired by the training company report being on this job since then. VTI 

training participants took longer to find a job after the training started. This can also be 

very nicely observed in Figure 3.11, showing that a large share of respondents took 

around 6 months to find their current employment. Working Institute-based trainees 

consequently report a shorter duration on their current job – mostly around 8-10 months 

(see Figure 3.12).  

• With regards to the work characteristics, the large majority works in formal jobs, even 

though the share of individuals with a written contract is slightly lower among VTI train-

ing participants. That the share with a formal contract is high even among Institute-based 

participants is unexpected given the large share of unemployed/unregistered in the ad-

ministrative data. At the same time, only few participants secured an unlimited contract 

– in particular among employer training participants. Moreover, almost everyone in the 

sample works full time, with an average duration of 44 hours per week. 

• With regards to income, we observe that the median reported monthly income among 

employed interviewees was 36.000 RSD – with 50 percent of respondents earning be-

tween 34.000RSD and 41.000RSD. This implies that monthly incomes for 38 percent of 

training participants surpass the median wage in Serbia in 2018.26 At the same time, the 

difference between both training types are large. Compared to VTI training participants, 

monthly reported incomes of employer-based trainees are roughly 10.000RSD lower 

than among employed VTI trainees and only 19 percent of employer-based participants 

earn more than the median wage. This has to be viewed in the context of a slightly lower 

share who are working among VTI participants (91 percent vs. 98 percent for employer-

based trainees). Furthermore, employer- and Institute-based trainings were targeting 

different occupations (except for welders), which may affect the difference in incomes 

between the two training types. But the difference is nonetheless significant, in particu-

lar against the background that VTI trainees also demonstrated a lower level of educa-

tion and fewer labor market experience. 

• Figure 3.13 provides a more detailed analysis of the reported monthly incomes. The red 

line represents the national median income in 2018. As can be seen from the figure, most 

employer-based trainees earn close to the median wage. Monthly incomes among VTI 

training participants are much more dispersed, with a significant share of individuals re-

porting to earning around 60.000RSD. There may be several reasons for the low disper-

sion of incomes among trainees from employer trainings: they work in fewer companies, 

often with similar 2-year contracts, and many trainings were focused on similar, rather 

low-skilled occupations (e.g. welders). 

 
26 The median monthly income was 37.957RSD in 2018 according to the Statistical Office of the Republic 
of Serbia. 
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• Regarding the job satisfaction, outcomes are clearly supportive of the training: more 

than 80 percent of respondents said that they were much or very much satisfied with 

their current job arrangement. In addition, around 90 percent of participants believe that 

they will be able to keep their job over the next year.  

Overall, comparing both training types, the survey suggests that interviewed employer-based 

participants were almost all able to secure a formal, stable but limited-term contract at the train-

ing firm in a field in relation to the training. However, monthly earnings are slightly lower than 

the national median. Nonetheless, almost all participants report being satisfied and optimistic 

about their future. For VTI training participants, finding employment took a bit longer, but even-

tually appears to have led to well-paid, full-time formal jobs for a majority of survey respondents. 

They are equally satisfied and optimistic about the job security.  
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Table 3.17  
Self-reported job characteristics among survey respondents that reported to currently earn 
an income in the follow-up survey (Q.21) 

 Total 
Employer 
training 

VTI-based 
training 

p-value 

 N=410 N=254 N=156  

Current work and job search    <0.001 

Working but searching 3.2%  2.4%  4.5%   

Working and not searching 92.4%  95.7%  87.2%   

Not working but searching 2.7%  0.0%  7.1%   

Not working and not searching 1.7%  2.0%  1.3%   

-- Relation of job to training: --     

Q10. Hired by training company 67.1%  98.8%  15.4%  <0.001 

Q11. Job related to training 86.7%  96.4%  69.9%  <0.001 

Currently working in training company and/or field    <0.001 

Same company & field 66.1%  96.0%  14.0%   

Same company, other field 3.1%  3.2%  2.8%   

Other company, same field 20.7%  0.4%  55.9%   

Other company & field 10.2%  0.4%  27.3%   

Q13. Still at training company 95.2%  96.0%  87.5%   0.062 

Started current job at or after training start 97.4%  96.8%  98.6%   0.27 

Duration between training start and current job start 2 (1-3) 2 (1-3) 3 (1-4) <0.001 

Duration of current job at follow-up 10 (9-11) 11 (10-11) 9 (8-11) <0.001 

Q20. Total work experience     0.16 

<1 year 70.2%  72.7%  66.0%   

1-2 years 7.1%  5.1%  10.3%   

3-4 years 3.4%  4.0%  2.6%   

>4 years 19.3%  18.2%  21.2%   

-- Job characteristics: --     

Q31. Has written contract 95.9%  99.2%  90.1%  <0.001 

Q32. Has unlimited contract 18.4%  15.7%  23.2%   0.063 

Hours worked per week 44 (44-44)  44 (44-44) 44 (44-44)  0.009 

Monthly income in RSD 
36000 

(34000-41000) 

35000 

(33000-37000) 

42000 

(38000-60000) 
<0.001 

Reported income > median wage (~37.957RSD in 2018) 37.9%  15.7%  76.8%  <0.001 

Q35. Job satisfaction     0.078 

Not at all 0.3%  0.4%  0.0%   

Not much 3.1%  1.6%  5.6%   

Somewhat 12.8%  14.9%  9.1%   

Much 62.5%  60.6%  65.7%   

Very much 21.4%  22.5%  19.6%   

Q36. Perceived chance to keep the job     0.028 

Very unlikely (0 - 20%) 0.5%  0.0%  1.4%   

Unlikely (21 - 40%) 0.8%  0.0%  2.1%   

Maybe (41 - 60%) 6.9%  5.6%  9.1%   

Likely (61 - 80%) 35.5%  36.9%  32.9%   

Very likely (81 - 100%) 56.4%  57.4%  54.5%   

Notes: *Multiple answers possible. Continuous measures are summarized by the median, fol-
lowed by the interquartile range in brackets (p25-p50). Or by the mean followed by ± and the 
Standard Deviation in brackets. 
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Figure 3.11  

Months of job search before the current job at follow-up, by training type 

 

Source: Own illustration. 

Figure 3.12  

Months employed at current job at follow-up, by training type 

 

Source: Own illustration. 

Employer-based training Institute-based training 

Institute-based training Employer-based training 



RWI 

  94 

Figure 3.13  

Distribution of self-reported monthly incomes at follow-up, by training type 

 

Source: Own illustration. 

Key results of the sub-section 

With regards to training participants’ socio-economic background we observe that:  

• Socio-demographic characteristics suggest that many are unemployed youth living with 

their parents. However, many are out of education since a significant time.  

• Most participants reported to have been unemployed and searching for work prior to 

training – often for around 3-6 months. Hence, while the training clearly targeted unem-

ployed individuals, not many of them were long-term unemployed.  

• For most, the training was not related to their educational background, suggesting that 

many were searching to train for new occupations. Hence, their main aim was re-skilling 

rather than up-skilling of existing skills. 

Regarding employment outcomes we find that: 

• Overall, the descriptive analysis sheds a very positive light on the effect of both types of 

training and both data sources.  

• Based on administrative data, among employer-based participants the registered em-

ployment rate increased from 8 percent before the training start to more than 80 per-

cent in the week six months after training end. For VTI trainings, the improvement was 

less pronounced but clearly positive: the share of registered employed increased from 

13 percent in the week before training start to 41 percent in the week six month after 

the training.  

Employer-based training Institute-based training 
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• Based on self-reported outcomes the training was equally successful. In both training 

types, the share of unemployed or inactive individuals dropped from more than 90 per-

cent to less than 10 percent. Among employer-based trainings, only 3 percent of sur-

veyed participants report to have stayed unemployed, while this is the case for 7 percent 

of VTI training participants. Almost all employer-based participants in the sample report 

to have been hired by the training firm in the field of the training and to still work there. 

Even among institute-based participants, most employed individuals found employment 

in the field of the training. It took them an average of between 2-4 months after the 

training started to find a job.  

• In terms of employment characteristics, self-reported outcomes are favorable. The ma-

jority of employed individuals have a written, limited-term contract and work full-time. 

On average, reported monthly incomes among employed individuals roughly correspond 

to the median income in Serbia (34000-41000RSD). However, monthly incomes are lower 

among employer-based participants and only 20 percent report to earn more than the 

median wage. This is likely related to the type of occupations and participant sample. 

Nonetheless, working individuals are overall very satisfied with their employment situa-

tion, few appear to be wanting to change their job (e.g. searching) or are worried to 

become unemployed soon. 

3.5.6 Impact analysis  

Methodology  

The descriptive analysis in the last chapter provides an indication that training had a very posi-

tive gross effect on participants, in the sense that their labor market status improved compared 

to before the training. However, the key evaluation question is what would have been the labor 

market outcomes of training participants if they had not participated in the GIZ training – the 

(causal) impact of the training.  

The key evaluation problem is that training participants are specifically selected to participate 

in the training. Conceptually, this could have two distinct implications for the estimated effect: 

On the one hand, selection into participation reflects the targeting of the program: Since the 

program was targeting disadvantaged individuals, one may assume that participants would have 

had a lower chance to find employment even without the program. More importantly, the selec-

tion also regards elf-selection among eligible candidates. Since participation is not mandatory 

trainees can apply or (at least) decide whether they want to participate. This could imply that, 

for example, more motivated candidates are more likely to start the training. The implication is 

the opposite of that from targeting: More motivated individuals would have probably observed 

a higher chance to find a job even if they were not offered the program.  

Consequently, it is impossible to ex-ante predict the bias from simply comparing before-after 

outcomes among trainees to those of a (random) group of all unemployed with NES at the same 

time. Quite the opposite: One must very carefully find a suitable comparison group to assign a 

credible causal interpretation to the estimated impact of the training.  

To identify a credible comparison group, we follow recent methodological developments from 

non-experimental impact evaluations of active labor market programs around the world. Specif-

ically, we implemented a statistical matching procedure that was initially developed in 2004 and 
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methodologically improved further since then. The main idea is that you cannot simply compare 

those who are trained to a group that was never trained, since the probability to participate in 

the training increases with the duration in unemployment prior to training. Consequently, you 

should only include individuals with the same duration in pre-training unemployment in the sam-

ple of eligible participants and then find the best matching comparison group among these.   

A key difference in our setting is that not all training participants are selected by NES from their 

unemployment registers. As a result, a large share of training participants (especially among VTI-

based trainees) is not registered unemployed prior to training. Consequently, it would be mis-

leading to simply select the full candidate group (the “eligible”) from those that were registered 

unemployed when the training started. For the same reason we cannot simply follow the ap-

proach of Sianesi (2004) by selecting the potential comparison group among those with the same 

duration in registered unemployment.27 Rather, we select the potential comparison group among 

everyone with the same duration not being formally registered employed prior to training start. 

We perform the matching separately for each training type, and proceed in the following three 

steps:  

1. Identification of candidate group (“eligible”):  

• For each month that a training started (“cohort”), we identify the months that partici-

pants were last registered employed or last became registered unemployed.  

• We identify the full candidate group (“eligible”) by selecting from the (random-sampled) 

database everyone that entered non-employment or unemployment at the same time 

as the participants in this cohort. This ensures that the comparison group has the same 

prior duration in non-employment as the intervention group prior to training. 

• Again, for computation reasons, we select a random subset of 30 percent from each co-

hort-eligible comparison group.28 

2. Selection of best matches (“comparison”) 

• Creation of the main variables used for the matching procedure. In the current analysis, 

we match participants and comparison group based on: (i) socio-demographic charac-

teristics, such as gender, age, education; (ii) the total number of days in each of the five 

labor market states29 in the year before the (artificial) training start of this cohort; (iii) a 

set of 60 indicator variables for the labor market status for each month in the full year 

prior to this training start (5 states * 12 month); (iv) a set of 24 indicator variables 

whether an individual ever belonged to one of NES “target group” categories (e.g. Roma, 

youth, welfare recipients, low-skilled) and the 3-category employability rating that is pro-

vided by NES officers during counseling meetings.  

• Estimation of the probability to participate in the training based on these variables. For 

the estimation, we employ Propensity Score Matching30 and followingly select only the 

 
27 Barbara Sianesi, 2004. "An Evaluation of the Swedish System of Active Labor Market Programs in the 
1990s," The Review of Economics and Statistics, MIT Press, vol. 86(1), pages 133-155, February. 
28 To clarify: The cohort-candidate group includes non-treated with the same duration in non-employment 
as the participant of this cohort at the time when they started the training.  
29 Registered employed, registered unemployed, registered out-of-labor-force, registered in ALMP, unreg-
istered.  
30 The methodological and statistical details for each empirical approach are not included in this report. 



Employment impacts of development cooperation: 
a collaborative study 

 

  97 

20 most comparable individuals for each training participant among the full candidate 

group. Importantly, this matching procedure also ensures that the selected comparison 

group for each cohort perfectly resembles the key characteristics of the intervention 

group. For example, if the all trainings participants are male (or Roma) the comparison 

group will also only include males (or Roma).  

3. Estimation of the impact  

• We use the matched comparison group to estimate the impact of the training in a DiD 

regression framework based on the panel data that is available. In addition, we use the 

exact probability that was calculated for each comparison group individual as weights in 

the regression. This further improves the resemblance of both groups.  

This procedure has to be performed individually for each training start date in order to identify 

individuals that had the same duration in non-employment at the respective date time period 

prior to the training. Since the matching can only be performed with a large enough group, the 

following impact analysis includes all cohorts with more than 20 individuals. As a result, 76 of the 

807 participants in the full sample are disregarded from the analysis in the first step. At the same 

time, we are able to match comparison individuals for almost all remaining participants (only 4 

of the remaining 732 participants are not matched).  

Assessment of matching quality  

To provide some background, in Table 3.18, we start by comparing training participants to the 

full candidate group as defined in Step 1 above. The table clearly shows that GIZ training partici-

pants strongly differ from the overall NES population – even when pre-selected in the above-

mentioned approach. Compared to this eligible group, GIZ training participants consist of more 

males, are younger, and more often have a three- or four-year VET education. More importantly, 

GIZ trainees appear to have had a worse labor market situation before the respective training 

started. In the month before the training started, a higher share is registered unemployed and a 

lower share is employed. Looking at the entire year before training started, GIZ trainees have 

spent more days in registered unemployment and less days in employment. At the same time, 

GIZ trainees were less likely unregistered in the month before training start but overall spent a 

similar amount of days unregistered in the full year prior to training start. This reflects that a 

significant part of trainees registered unemployed shortly before the training and hence were 

selected by NES. 
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Table 3.18  
Comparison of GIZ trainees with full potential comparison group (candidates) 

 Total Comparison Intervention p-value 

 N=277,266 N=276,534 N=732  

Personal-level variables     

1=female 51.0%  51.1%  27.7%  <0.001 

Age on 01apr2019 30 (25-36) 30 (25-36) 27 (23-31) <0.001 

Level of education    <0.001 

Primary school or less 19.9%  19.9%  17.9%   

Three-year VET school 21.7%  21.7%  25.4%   

Four-year VET school or high school 34.7%  34.7%  48.8%   

College or more 23.7%  23.8%  7.9%   

NES target group*:     

Person assigned NES target group 32.9%  32.9%  39.9%  <0.001 

Surplus of employees 8.6%  8.6%  4.0%  <0.001 

Single parents 3.2%  3.2%  1.9%   0.045 

Both parents unemployed 10.7%  10.7%  13.5%   0.015 

Internally Displaced 1.0%  1.0%  2.3%  <0.001 

Social assistance benef. 7.1%  7.0%  11.6%  <0.001 

Roma 3.9%  3.9%  11.9%  <0.001 

Other vulnerable 6.9%  6.8%  10.2%  <0.001 

Status in 30 days before training start     

Employed 24.6%  24.6%  18.4%  <0.001 

Unemployed 22.8%  22.6%  69.8%  <0.001 

ALMP 1.7%  1.7%  1.1%   0.24 

Out of labor-force 2.6%  2.6%  1.2%   0.019 

Unregistered 26.2%  26.2%  25.1%   0.52 

Number of days in 360 days before training start     

Employed 82 (±127) 82 (±127) 63 (±102) <0.001 

Unemployed 88 (±117) 87 (±117) 183 (±137) <0.001 

ALMP 7 (±39) 7 (±39) 4 (±25)  0.022 

Out of labor-force 10 (±50) 10 (±50) 6 (±40)  0.044 

Unregistered 97 (±127) 97 (±127) 102 (±125)  0.37 

Status in 7 days after training end     

Employed 24.1%  24.0%  53.6%  <0.001 

Unemployed 17.5%  17.4%  26.5%  <0.001 

ALMP 1.4%  1.4%  0.3%   0.009 

Out of labor-force 2.3%  2.3%  0.8%   0.007 

Unregistered 21.4%  21.4%  21.3%   0.95 

Status in 7 days 6 months after training end     

Employed 27.1%  26.9%  67.1%  <0.001 

Unemployed 16.8%  16.8%  18.2%   0.31 

ALMP 1.2%  1.2%  0.4%   0.051 

Out of labor-force 2.3%  2.3%  0.4%  <0.001 

Unregistered 20.6%  20.6%  15.7%   0.001 

Number of days in 180 days 6 months after training end     

Employed 43 (±70) 42 (±70) 111 (±74) <0.001 

Unemployed 29 (±56) 29 (±56) 35 (±60)  0.002 

ALMP 2 (±17) 2 (±17) 0 (±6)  0.005 

Out of labor-force 4 (±24) 4 (±24) 1 (±13)  0.005 

Unregistered 33 (±62) 33 (±62) 30 (±54)  0.14 

Notes: *Multiple answers possible. Continuous measures are summarized by the median, fol-
lowed by the interquartile range in brackets (p25-p50). Or by the mean followed by ± and the 
Standard Deviation in brackets. 
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These stark differences between the GIZ training group and a broadly defined comparison group 

demonstrate the importance of our rigorous matching procedure. Table 3.19 therefore compares 

trainees to the matched comparison group. As we see, the comparison group now includes 

roughly 13,000 individuals, which is a much smaller subset of the initial candidate group of more 

than 250,000 individuals in Table 3.18. However, this matched group very closely resembles the 

GIZ training group. All pre-training differences between groups are statistically insignificant. As 

expected, this does not hold for post-training labor market outcomes. In the month after training 

ended, GIZ trainees are significantly more likely than the comparison group to be employed. 
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Table 3.19  
Comparison of GIZ trainees with matched comparison group  

 Total Comparison Intervention p-value 

 N=12,975 N=12,250 N=725  

Personal-level variables     

1=female 28.5%  28.5%  27.9%   0.72 

Age on 01apr2019 26 (23-32) 26 (23-32) 27 (23-31)  0.25 

Level of education     0.72 

Primary school or less 18.3%  18.3%  17.7%   

Three-year VET school 25.1%  25.1%  25.4%   

Four-year VET school or high school 47.8%  47.7%  49.1%   

College or more 8.9%  8.9%  7.9%   

NES target group*:     

Person assigned NES target group 36.1%  35.9%  39.6%   0.042 

Surplus of employees 3.8%  3.8%  4.0%   0.82 

Single parents 1.9%  1.9%  1.9%   0.92 

Both parents unemployed 12.7%  12.6%  13.4%   0.55 

Internally Displaced 1.9%  1.8%  2.3%   0.32 

Social assistance benef. 10.6%  10.6%  11.3%   0.54 

Roma 9.7%  9.5%  11.6%   0.070 

Other vulnerable 8.5%  8.4%  10.1%   0.12 

Status in 30 days before training start     

Employed 17.7%  17.8%  16.3%   0.31 

Unemployed 64.2%  63.8%  69.4%   0.003 

ALMP 0.9%  0.9%  0.8%   0.83 

Out of labor-force 1.5%  1.5%  1.2%   0.59 

Unregistered 26.4%  26.4%  25.7%   0.65 

Number of days in 360 days before training start     

Employed 65 (±106) 65 (±106) 64 (±103)  0.75 

Unemployed 174 (±136) 174 (±136) 183 (±138)  0.082 

ALMP 3 (±22) 3 (±21) 3 (±25)  0.76 

Out of labor-force 6 (±39) 6 (±39) 6 (±41)  0.99 

Unregistered 106 (±125) 106 (±125) 102 (±125)  0.36 

Status in 7 days after training end     

Employed 24.5%  22.4%  57.9%  <0.001 

Unemployed 46.7%  47.8%  30.3%  <0.001 

ALMP 1.3%  1.4%  0.1%   0.004 

Out of labor-force 1.6%  1.6%  1.0%   0.17 

Unregistered 25.3%  25.6%  20.6%   0.002 

Status in 7 days 6 months after training end     

Employed 32.3%  30.2%  67.2%  <0.001 

Unemployed 36.2%  37.3%  18.2%  <0.001 

ALMP 1.7%  1.7%  0.3%   0.003 

Out of labor-force 1.9%  2.0%  0.4%   0.003 

Unregistered 26.2%  26.9%  14.6%  <0.001 

Number of days in 180 days 6 months after training end     

Employed 50 (±72) 46 (±70) 112 (±74) <0.001 

Unemployed 71 (±78) 73 (±78) 35 (±60) <0.001 

ALMP 3 (±19) 3 (±19) 0 (±6) <0.001 

Out of labor-force 3 (±22) 3 (±22) 1 (±13)  0.022 

Unregistered 45 (±68) 46 (±69) 30 (±53) <0.001 

Notes: *Multiple answers possible. Continuous measures are summarized by the median, fol-
lowed by the interquartile range in brackets (p25-p50). Or by the mean followed by ± and the 
Standard Deviation in brackets. 
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Impact estimates  

Figure 3.14 displays the evolution of labor market outcomes for participants sample and the 

respective matched comparison sample. Similar to the descriptive figures in Section 3.5.4, these 

figures show the percentage that was employed, unemployed, and unregistered in each week 

relative to training end. The respective impact estimates and their statistical significance31 at se-

lected months are reported below each graph. Some of the cohorts that were too small to be 

included in the matching procedure finished towards the end of the full evaluation window (e.g. 

ending 31 October 2018). Their exclusion from the sample allows us to extend maximum dura-

tion that labor market outcomes can be observed in the data up to 35 weeks (8 months) after 

training. (In fact, for work-based trainings labor market outcomes could be observed up to 42 

weeks (10 months) after training end.) 

Regarding the matching quality, a key observation is that the matched comparison group dis-

plays a very similar labor market trajectory to that of GIZ training participants prior to training 

start. This is an additional indication that the matching procedure created very similar groups, 

which strengthens the credibility of our impact estimates.  

In the case of employer trainings, a significant share of participants is hired during the training 

phase, as already described in the previous chapter. Interestingly, also individuals in the matched 

comparison group observe a significant improvement of their employment situation in the weeks 

following the training start. Even though the improvement is much less pronounced, the figure 

indicates that both groups converge over the medium-term. This convergence is reinforced be-

cause the share of training participants in registered employment decreases slightly in the 

months following trainings start.  

The matched comparison groups likewise deregistered from NES in the month following the 

training. Interestingly, however, the roughly 29 percentage points reduction in unemployment 

among the matched comparison group is not fully compensated by a respective increase in reg-

istered employment (23 percentage points). Rather, the share of the matched comparison group 

that is unregistered increases after the (pseudo-) training start (e.g., de-registered from NES 

while not registering employed). One reason could be that the matched comparison group has 

found employment in the informal economy.  

 
31 Roughly, an absolute t-value of |1.96| indicates statistical significance on the 5 percent confidence 
level.  
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Figure 3.14  

Percentage of intervention and matched comparison group in each labor market status by 

week relative to training end 

 

Source: RWI – Leibniz Institute for Economic Research.  
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For VTI training participants, as expected, the estimated counterfactual situation is different. 

While a significant share of the comparison group also manages to find formal employment after 

the training would have started, the improvement is much slower compared to the intervention 

group. In contrast to work-based trainings, the trajectories of intervention and comparison group 

do not converge over the medium term. Rather, the formal employment gap continues to widen 

and hence the impact estimate increases over time.  

For the VTI training comparison group, this development does not go in hand with a significant 

difference in the rate of de-registering from unemployment. Consequently, the observed differ-

ence of 5 percentage points in registered unemployment after 35 weeks is insignificant. At the 

same time, it appears that trainees are less likely to remain or become unregistered, as a large 

share of the comparison group does. This provides further evidence that the training increases 

attachment to the formal labor market. 

Contrasting the employment trajectories of matched comparison groups for both training 

types offers some interesting insights how the two training groups would have differed in their 

outcomes in the absence of training. First, employment among the employer training compari-

son group improves much stronger. Likewise, the reduction in registered unemployment is not 

as stark among the VTI training comparison group (-29 percentage points for employer trainees 

and -13 percentage points for VTI trainings). This reflects that (as discussed in Section 3.5.5) par-

ticipants that were selected for employer-based trainings are better educated, less often part of 

vulnerable groups, and have better labor market histories prior to training. Hence, they would 

have had better chances in the absence of training than VTI trainees in the comparison group. 

Finally, the comparison group trajectory suggests that employer-based trainees would have in-

creasingly deregistered (possibly since they found informal employment) if they would have par-

ticipated in the training. This is not the case for VTI-based comparison group, who, nonetheless, 

remain less formally registered overall.  

Initial medium-term impact estimates 

The key question with regards to the sustainability of the trainings’ impact is hence whether 

the observed trends for intervention and comparison groups remain in the longer-term. This re-

gards in particular the observed convergence between employer-based trainees and their 

matched comparison group. To give an initial idea of the longer-term impacts, Figure 3.15 pro-

vides a sub-sample analysis for all trainings that ended before January 2018. This allows us to 

analyze labor-market outcomes for a full 16 month (67 weeks) after training end.  

Again starting with employer-based trainings, we see the that the medium term 40-week im-

pact of the selected 277 participants is overall very comparable to that of the full 459 participant 

sample in the previous section (47 percentage points). This provides some confidence that the 

training impact among this subsample is not considerably different from that among the trainings 

that ended later than January 2018. In the following longer-term period from week 40 to 67, the 

employment situation of participants remains rather stable and even improves slightly by around 

2 percentage points. At the same time, the comparison group continues to catch up. However, 

at least in terms of registered employment, the difference between participants and comparison 

group remains large even in the longer-term. Assuming that training participants would have, on 

average, followed the same trajectory as the matched comparison group, this indicates that a 

significant share of around 44 percent among employer-based trainees would not have found a 
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job even up until 16 months after training end. If one is further willing to assume that individuals 

would not have taken up informal work (or only low-payed informal work) in the meantime, this 

implies a significant cumulative earning gain. In addition, the intervention-comparison gap in the 

share of unregistered remains large as well. This indicates that even trainees that did not find 

employment remained more attached to NES in the medium term. This highlights the role of the 

training for improving the relevance of NES for unemployed or informally employed.  

In the case of VTI trainings, we observe some differences between the 111 participants in the 

medium-term impact evaluation sub-sample and the full training group (268): Labor market tra-

jectories of participants are slightly different before and during the training. Furthermore, the 

40-month impact estimate is 4 percentage points lower for these first cohorts (15 percentage 

points in the full sample vs. 11 percentage points in the sub-sample). Most importantly, the sub-

sample displays a much higher probability to be registered unemployed after the training. Keep-

ing this difference in mind, it appears that the medium-term impact carries forward the positive 

trend that was observed until 40 weeks after training start. The gap in formal employment be-

tween intervention and comparison group widens further, and hence the impact increases to 

more than 22 percentage points after 16 months. As the unemployment rate continues to de-

crease among this sub-sample, it appears that trainees who do not find employment remain at-

tached with NES but eventually – after roughly 45 weeks – have higher probability to transition 

from registered unemployment to registered employment than the comparison group.  

While the medium-term results appear promising, they only include a rather small share of all 

participants. In addition, this sub-sample may not be representative for the full training partici-

pant group (in particular for VTI trainings). Therefore, a comprehensive long-term analysis of the 

full sample of GIZ participants would be crucial to assess whether the promising initial results 

regarding the long-term sustainability of impact can be justified.  
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Figure 3.15  

Longer-term impact: Percentage of intervention and matched comparison group in each labor 

market status by week relative to training end  

 

Source: RWI – Leibniz Institute for Economic Research. 
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Key results of the sub-section 

• For employer trainings, we observe a convergence as the matched comparison group 

catches up. However, the gap between participants and comparison individuals remains 

large until 10 months after training end. Since most participants were registered unem-

ployed before the training start, this goes in hand with a strong reduction in registered 

unemployment.  

• Even if the immediate impact of employer trainings is largely related to program design, 

the analysis suggests that trainees also remain employed at the training firm in the me-

dium-term. After 16 months, we still observe a 44 percentage points higher chance to be 

formally employed than the comparison group. Assuming that the comparison group did 

only partially took up informal employment and/or that work was of lower pay, one could 

calculate significant gains in accumulated incomes over this time period.  

• For VTI trainings, we observe a positive impact on registered employment. At the same 

time, we do not observe any difference in the share deregistering from unemployment. 

This implies that participants switch from informal to formal employment rather than 

from registered unemployment to employment. At the same time, for VTI trainings we 

observe a divergence rather than convergence for outcomes in the longer-term.  

• For both trainings, participants that did not take up formal employment are significantly 

less likely unregistered. This indicates that the training improved their willingness to re-

main attached to the formal labor market compared to the matched comparison group. 

One could infer that the training improved their motivation and perception of the rele-

vance of NES.   

• The comparison group trajectories suggest that institute-based participants would have 

had worse labor market chances than employer-based participants in the absence of 

training. One implication is that, even though the impacts from VTI trainings are not as 

large in magnitude as from the employer-based trainings, it supports a more deserving 

target group. This is in line with their socio-demographic profile.  

• On this basis, VTI trainings could be judged more successful overall, even if impact mag-

nitudes are not as large, since (i) it serves a more difficult group that would not have found 

formal employment as easily without training and (ii) impacts increase in longer-term (di-

vergence rather than convergence in outcomes).  

3.5.7 Comparison of administrative and survey data 

Table 3.20 provides a more detailed analysis that survey non-response does not go in hand with 

significant differences in the registered labor market status. The key difference that could be 

noted is that those reached were somewhat more often unregistered than registered in unem-

ployment, ALMP or out-of-labor-force with NES. However, the p-value of a test for significant 

differences between the groups is larger than 0.05 for all comparisons. This provides some con-

fidence that the following comparison of administrative vs. self-reported outcomes may also ap-

ply for the full sample – i.e.  not biased by selective survey non-response.  
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Table 3.20  
Survey non-response by registered labor market status 

Registered labor market 
status in the survey week 

(1) (2) (3)  

No contact data 
Not reached/ 

refused Interviewed Total 

Unregistered 10,10% 16,00% 17,40% 16,10% 

Employed 68,40% 67,30% 69,10% 68,30% 

Unemployed 19,00% 14,50% 12,70% 14,10% 

ALMP/OOLF 2,50% 2,20% 0,80% 1,50% 

     

Test 1 vs 2 2 vs 3 1 vs 3 1 vs 2 vs 3 

p-value 0,5 0,38 0,12 0,33 

N= 79 324 385 788 

Of course, other factors may impact the accuracy of survey responses. First, there may be some 

measurement error involved, as respondents were asked about their “current” employment sta-

tus. In the table, we compute the labor market status in the week prior to the survey. However, 

this measurement error is likely minor – only 7 individuals in the total sample changed their reg-

istered labor market status in this week. Second, and more importantly, survey respondents may 

have a reason to misreport their true labor market status. One reason could be to overstate the 

benefit of the training (“courtesy bias”) or to conceal employment in hope for further support. 

Such factors should be kept in mind when comparing administrative data and survey outcomes.  

Hence, how reliable does the formally registered employment status of the participant group 

reflect their actual (self-reported) labor market status? Table 3.21 provides results for those that 

are included in the survey and administrative data. The largest share of them (69.1 percent) was 

registered employed in some point during the week prior to the survey. Among them, roughly  

4 percent reported to be unemployed or inactive in that time period. In this regard, survey mis-

reporting can be assumed to be rather low. At the same time, among those that were neither 

registered with NES nor CROSO, 91 percent mentioned to have been (self-)employed during that 

time. Only 1.5 percent of them said they were not working and not searching for work in that 

time period. Among those that were registered employed, 95 percent reported to be employed. 

Similarly, among those formally registered unemployed, almost 94 percent were reporting to 

follow some type of employment. This result indicates the large prevalence of informal employ-

ment among participants. 
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Table 3.21  
Comparison of registered and self-reported labor market outcomes at follow-up 

Self-reported labor 
market status 

Registered labor market status in the survey week 

Employed Unregistered Unemployed ALMP/OOLF Total 

Employed (FT/PT) 95,1 86,6 83,7 100,0 92,21 

Self-employed 0,8 3,0 4,1 0,0 1,56 

Other/Freelancing 0,0 1,5 6,1 0,0 1,04 

Unemployed 1,5 7,5 4,1 0,0 2,86 

Inactive 2,6 1,5 2,0 0,0 2,34 

Share of total by ad-
ministrative status 

69,1 17,4 12,7 0,07 100 

3.5.8 Tentative valuation of monthly income gains 

In this section, we develop a model to provide an estimated valuation of the monthly income 

gains among participants. The model is based on the predicted shares in formal and informal 

employment in the participant and matched comparison group, as well as reported monthly in-

comes among surveyed participants. In addition, we include assumptions on the potential earn-

ings among formally and informally employed in the matched comparison group based on aver-

age wages from the Serbian Labour Force Surveys of the Serbian national statistical office.  

The outcome variable (monthly income in RSD) is measured by the respective share of workers 

multiplied by the according estimated or reported income. For both groups (intervention and 

comparison) we differentiate between workers in formal employment, informally employed 

workers and non-working. We calculate the respective shares using combinations of reported 

labor market status in the survey week and administrative data. We calculate the estimated 

share of formally employed by adding the percentage values of those who reported being em-

ployed or self-employed and are registered employed. Informally employed are defined as those 

who are not registered employed but report any kind of positive employment status. Unem-

ployed are defined as those reporting a negative employment status (unemployed or inactive), 

apart from those registered employed but identified as unemployed, who are allocated to the 

informally employment group. 

The incomes of workers in formal work that were part of the intervention group are defined by 

the median of the respective reported monthly incomes, whereas the incomes of workers in for-

mal work that are part of the comparison group are estimated with the median of the monthly 

income reported by the Serbian statistical office as of September 2018. For both groups, income 

in informal work is defined by the Serbian gross minimum wage as of 2018, equivalent to 168 

working hours per month. 

The total outcome per observation months for the intervention and comparison group is calcu-

lated by multiplying the respective shares of employer- and institute-based participants accord-

ing to calculated gross monthly incomes. 

Table 3.22 shows an overview of the respective results in the intervention and comparison 

group, taking all these factors into account. The initial (tentative!) results suggest that partici-

pants in employer-based trainees earned roughly 6,000 RSD per month more than the matched 

comparison group– hence accumulating an overall additional earning of more than 38,500 RSD 
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in the six months following the training end. Participants in VTI trainings earned an average of 

2,600 RSD more than the matched comparison group, suggesting a total income gain of 16,000 

RSD over the entire 6-month duration.  

While these results are first initial calculations which have to be verified in detail, they show 

that an approximation of total (counterfactual!) income gains is possible with the chosen evalu-

ation design. If the project were to obtain approximate costs per training participants, we would 

be able to provide a band-width valuation for the cost-effectiveness ratio of each measure.  

Table 3.22  
Estimated monthly income gain by training provider 
 Employer-based training VTI-based training 

Month after training end Participants Comparison Difference Participants Comparison Difference 

Month 1        

Formally employed 28.938 8.842 20.096 12.474 8.941 3.533 

Informally employed 7.799 23.033 -15.234 27.113 23.824 3.289 

Total 25.819 18.571 7.248 26.584 19.771 6.813 

Month 2       

Formally employed 28.644 9.297 19.347 15.480 9.773 5.707 

Informally employed 5.919 22.662 -16.743 22.229 23.079 -850 

Total 24.533 18.260 6.273 21.084 19.094 1.991 

Month 3       

Formally employed 28.718 9.773 18.945 16.382 10.430 5.951 

Informally employed 6.938 22.248 -15.311 21.069 22.390 -1.321 

Total 25.061 17.921 7.140 20.205 18.468 1.737 

Month 4       

Formally employed 28.203 10.221 17.983 17.133 11.119 6.014 

Informally employed 7.120 22.109 -14.988 19.648 21.982 -2.334 

Total 24.305 17.964 6.340 19.004 18.296 708 

Month 5       

Formally employed 27.616 10.737 16.879 18.486 11.689 6.797 

Informally employed 6.720 21.661 -14.942 19.088 21.477 -2.389 

Total 23.195 17.640 5.555 19.475 17.955 1.520 

Month 6       

Formally employed 27.542 10.900 16.643 18.937 12.195 6.742 

Informally employed 6.849 21.223 -14.374 16.713 18.028 -1.315 

Total 23.134 17.148 5.985 17.231 14.033 3.198 

Aggregated over 6 months       

Formally employed 26.661 11.179 109.892 18.689 12.347 34.744 

Informally employed 6.581 19.625 -91.592 16.032 19.271 -4.920 

Total 21.656 15.279 38.540 16.315 15.575 15.966 
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3.5.9 Lessons learned 

This sub-section discusses the main challenges but also key success factors in designing and im-

plementing a rigorous impact assessment for the YEP project based on administrative and survey 

data.  

Designing the impact assessment  

Timing: It was pivotal to start the impact assessment early on and, in this case, the timing of 

project start was just right in order to allow for piloting and adapting the evaluation design. At 

the same time, the (operational) implementation plans were not yet developed in the beginning 

of the intervention. The intervention appeared to respond dynamically to training needs or col-

laboration opportunities – which on the one hand may be important for the successful imple-

mentation, and such adaptability is a key feature of GIZ interventions. On the other hand, this 

makes it challenging for the research team to plan the data collection in advance. 

➢ Interventions selected for impact evaluations ideally have a pre-specified operational plan 

and ensure a consistent implementation of the plan throughout the project timeline. 

➢ Also, interventions selected for an impact assessment should have defined a clear theory 

of change and (employment) outcome measures of interest. Alternatively, sufficient time 

should be allowed to develop a theory of change in collaboration with the project team 

and stakeholders.  

Project beneficiary numbers: Typically, one of the key constraints for conducting an impact 

assessment is the project size in terms of the number of beneficiaries reached. For many projects, 

the analysis sample size may be too small to detect the impact or conduct meaningful sub-group 

analysis. In this case, the overall size of the YEP project was quite large. However, as described 

in section 3.5.1, the project implemented many single trainings with a small number of benefi-

ciaries. This implied several challenges:  

• First, it inflated the effort for keeping track of participant registration data via the regular 

M&E system for the M&E and project team. It also made the system prone to errors and 

inconsistencies.  

• Second, it made the methodological approach more involved, since a comparison group 

had to be found for each training start date.  

• Third, it would have multiplied the effort for survey data collection if data were to be col-

lected strictly 6 months after training end for each participant. Hence, surveys were col-

lected in batches, but this implied that outcomes are (strictly speaking) not entirely com-

parable. 

➢ Projects that are selected for impact evaluations should have a sufficient sample size for 

each intervention that will be evaluated separately. Ideally, evaluated projects reach a 

large number of beneficiaries with a rather homogenous intervention.  

Piloting: Overall, the meticulous piloting of the impact assessment design was a key aspect for 

the success of the project. It allowed to understand the structure and content of the administra-

tive data as well as to address remaining issues in the design of the survey. This further allowed 
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to include the feedback from national stakeholders and project staff (e.g., in the development of 

the survey design). 

➢ Any rigorous impact evaluation should be started with enough time to allow for conduct-

ing an as-if pilot. If possible, a sub-sample of the full beneficiary group should be desig-

nated for running the pilot at the beginning of the project.  

Up-front efforts: Overall, the start-up effort for designing and starting the research project 

were high for all partners involved. One task was to set up a system for collecting coherent reg-

istration data for all participants. The other was to develop a high-quality survey tool – especially 

in view of the lower education level of targeted participants. Once the necessary procedures 

(compiling coherent participant lists, administrative data processing) and the survey question-

naire had been developed, the efforts reduced strongly. A conclusion is hence: 

➢ Projects selected for impact assessment are ideally larger and long-term projects in order 

to reap economies of scale after setting up the initial design and procedures for data col-

lection.  

Collecting and cleaning data 

M&E data: The initial M&E system devised by GIZ was not designed to allow for consistent 

tracking of all participants. Collecting and matching the required information as a basis for col-

lecting administrative and survey data thus proved to be a substantial effort for the local M&E 

teams.  A key issue was to gather coherent, compiled lists of participants in each training for the 

purpose of gathering administrative and follow-up data. The key reason was that a correspond-

ing data storage and processing system was not in place.  

Collaboration with NES was overall very positive but evidently also implied some challenges for 

the project implementation: One challenge for the research project was that data could often 

not be retrieved in time to ensure reporting according to GIZ deadlines. The data quality of NES 

data was very high in general, but nonetheless required additional effort in order to construct 

consistent outcome measures and labor market histories to implement the methodological ap-

proach. This was not foreseen in the work effort allocated to the project initially.  

➢ Delays and additional work effort for data processing should be taken into account when 

planning to conduct impact assessment based on administrative needs. The data processing 

associated with administrative data could have not been performed without external help 

from local researchers, and hence is not advisable when planning to conduct impact evalu-

ations in-house.  

Survey non-response: As mentioned throughout the report, the low response rate was one 

limitation for the impact assessment. While several mechanisms to increase survey response 

rates were set in place after the pilot (e.g., extension of requested contact information), some 

options remained untouched.  

➢ Collecting multiple contact details from participants was key for improving the (low) sur-

vey response rate. At the same time, researchers must ensure that all available infor-

mation are made use of by the survey firm. In addition, contact details collected at appli-

cations/registration should be updated after the training or at least periodically if a longer-

term survey data should be collected.  



RWI 

  112 

Project setup  

Integration with GIZ staff: From the beginning, a key effort was made to align the planned pro-

ject M&E system with the data requirements for the impact assessment. Due to the additional 

M&E requirements of impact assessment, there should be more capacities available for M&E 

staff in the projects or a central GIZ structure that provides the expertise to support impact as-

sessment. Typically, M&E staff within GIZ cannot be expected to have the expertise and time 

capacity for setting up a system of data collection that satisfies the requirements of an impact 

assessment. Ideally, additional resources for M&E staff would need to be allocated to projects 

that plan to conduct an impact assessment which goes beyond collecting outcome data. 

Inclusion of local researchers: The inclusion of a local research team from the University of 

Belgrade was one of the key success factors for the research project. This allowed to keep in 

close collaboration with the project team and staff from the national employment service (NES) 

and improved the know-how about the available Serbian labor market micro-data. 

Involvement of Sector Project: Overall, the active participation and support of staff from the 

Sector Project was important to ensure buy-in and the necessary institutional support to conduct 

the impact assessment. In addition, the methodological and contextual input from various staff-

members of the Sector Project was highly valuable to improve the design and implementation of 

the project. 

3.5.10 Conclusion, key results and recommendations 

This sub-section provides an overview of the methodology and results from a rigorous impact 

analysis of the GIZ YEP short-term skills trainings. These skills trainings were of two types: The 

first was conducted on the workplace in cooperation with private sector firms (“employer train-

ings”). The second were trainings conducted in simulated workplace environments delivered at 

vocational training institutes (“VTI trainings”). 

In order to measure labor market outcomes of before and after the training, we combine 

large-scale administrative data with a follow-up survey data among participants. The adminis-

trative data was obtained from the Serbian National Employment Service (NES) and the Serbian 

Central Registry of compulsory social insurance (CROSO). The survey data was collected through 

a phone survey among training participants roughly 8-10 months after they graduated. The anal-

ysis includes a sample of 91 trainings which started between March 2016 and ended latest by 

beginning October 2018, with a total of 881 training participants. This time period allows us to 

measure short-term impacts up to 6 months for all participants. We obtained administrative data 

for 826 individuals. The follow-up survey was based on a sample of 856 participants. 

Experience from this pilot project shows that, if used by themselves, both data sources have 

limitations and come with challenges for constructing reliable outcome measures. Cleaning and 

preparing the administrative data for a rigorous analysis took up a major part of the research 

project. Moreover, the administrative data only include a limited set of outcomes (i.e. registered 

employment/unemployment status). In a context of high informality, important labor market 

outcomes are not captured. The survey data collection, on the other hand, observed non-re-

sponse rates of about 44 percent - which is high even compared to similar contexts. Furthermore, 

due to the program design, follow-up survey data could not be collected for a comparison group. 
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Against this background, both data sources complement each other in important ways: The 

rich administrative data allows to compare outcomes of participants to a similar group of non-

participants using statistical matching techniques. This technique allows the program to credibly 

attribute the difference between both groups to the impact of the program. Furthermore, the 

administrative data allows us to assess whether phone survey respondents differ in their charac-

teristics and employment outcomes from non-respondents. The phone survey, on the other 

hand, provides detailed information about the labor market status of participants. This allows us 

to assess labor market informality as well as the benefits of training participation in more depth. 

Results from the impact assessment show a significant positive net impact on labor market 

outcomes six months after training ended. At the same time, the observed impact differs 

strongly between both training types due to their specific design. Due to the program design of 

matching youth to employer-based trainings, more than 75 percent of participants were hired 

by the training firms as part of the training. Even though the matched comparison group is able 

to catch-up over time, participants have a 45 percentage points higher chance to be employed 

than the comparison group even 8 months after training end. For institute-based trainings, the 

positive impact takes longer to emerge, but is also clearly positive: after 8 months, training par-

ticipants have a roughly 45% chance to be employed. This is 16 percentage points higher than 

among the matched comparison group. In addition, medium trends indicate that the gap be-

tween intervention and comparison groups widen over time. Sub-sample analysis suggests the 

impact increases to more than 22 percentage points after 16 months. This indicates a sustained 

gain in human capital. 

Results from the follow-up phone survey support and further qualify the findings from the 

administrative data analysis. Those who found employment were mostly employed in the pri-

vate sector with a full-time contract and worked in the same field as the GIZ training. The majority 

of employed were very satisfied with their employment arrangement and were expecting to keep 

this employment. Reported earnings among participants were roughly around the national aver-

age – which can be a considered a very positive outcome given that the program targeted vul-

nerable and long-term unemployed youth. The survey data further suggests that relying on ad-

ministrative data only would likely underestimate the share of those working in the participant 

group, as more than 90 percent of those registered as unemployed or unregistered in the week 

prior to the survey reported to be currently employed. 

Regarding the key hypothesis formulated by the project in advance, the results suggest that 

participation in training measures conducted by YEP: (i) significantly increased the probability to 

be formally registered employment six months after training end over the comparison group  (ii) 

likely increased the overall monthly income earned by participants. 
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4. Country Case Study: Rwanda 

Labor Force Participation 

Rwanda is one of the most densely populated countries in Eastern Africa, with a projected pop-

ulation of 12.6 million for 2020 (NISR, 2014).32 Although the Rwandan population is young, the 

country faces several challenges such as a high rate of underutilization in the labor market, a high 

youth unemployment rate, and a high share of people who rely on subsistence agriculture.  

The Rwandan Labor Force Survey (LFS) estimates that more than half of the population in 

Rwanda (7.1 million) is of working age (NISR 2019). Of the working age population, 52.5 percent 

are active in the labor force. Out of the total working age population outside of the labor force, 

53 percent are involved in subsistence agriculture, 20 percent are students, and the remainder 

27 percent are elderly or disabled people and discouraged job seekers.  

The labor force participation rate is heterogeneous across regions, gender, age group, and ed-

ucation level. By region, the labor force participation is higher in urban areas (66 percent) than 

in rural areas (50 percent). The gap can be explained by more job opportunities in urban areas 

and the prevailing engagement in subsistence agriculture in rural areas. Around 60 percent of 

Rwanda’s total working age population in and out of the labor force is engaged in agricultural 

work. By gender, the statistics reveal for the population of working age that while 62 percent of 

men are active in the labor force, only 44 percent of women are. By age group, the statistics show 

that the highest labor force participation rate is for people in the age group 31-54 years at about 

65 percent. By education level, the statistics suggest that the labor force participation rate is the 

highest for university graduates (85 percent) and the lowest for people without any education 

(52 percent). 

Unemployment and labor underutilization 

Rwanda’s labor market is further characterized by a large labor underutilization rate estimated 

at 57 percent which includes unemployment, underemployment, and potential labor force. The 

underutilization rate ranges around 49 percent for men and 64 percent for women. The rate is 

especially high for the youth, 62 percent of young people are working below their capacity (NISR 

2019, NISR 2018b).  

Although the underutilization rate is high, the unemployment rate in Rwanda decreased from 

2016 to 2019 from 18.8 percent to 14.5 (NISR 2019, NISR 2018b, NISR 2017). The unemployment 

rate of women is slightly higher than the unemployment rate of men (15.4 percent vs 13.8 per-

cent). The gap has remained relatively constant since 2016. Comparing age groups reveals that 

the unemployment rate for Rwanda’s youth is higher than the unemployment rate for young 

adults. 19.3 percent of people aged 16 to 30 are unemployed, in contrast to 10.8 percent of 

adults aged 31 and older. In addition, the share of youth (16 to 24 years old) who are neither in 

education nor in employment was calculated at 33.3 percent.  
  

 
32 The 2012 Rwandan Population and Housing Census (RPHC) recorded a total population of 10.5 million 
inhabitants (NISR, 2014).  
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Employment 

While the absolute number of employed persons increased slightly over the years, the employ-

ment-to-population ratio, or employment rate, remained constant at an average level of 45 per-

cent (NISR 2019, NISR 2018b). The majority of the employed work as dependent employees or 

apprentices, but this share has decreased from 71 percent 2017 to 66.6 percent 2019. In contrast, 

the share of own-account workers has increased steadily since 2017 from 22.5 percent to 27.8 

percent. The share of contributing family members and employers remained constant over the 

years at 4 percent and 1 percent, respectively.  

Concerning occupational groups, elementary occupations33 represent the largest share among 

the employed (53 percent). Further important occupational groups include Service and Sales 

Workers (19 percent), Craft and Related Trades Workers (around 8 percent), Skilled Agricultural, 

Forestry and Fishery Workers (7.5 percent) and Professionals (around 6 percent) (NISR 2019). 

Out of the top 12 occupations, construction and passenger land transport activities are clearly 

dominated by men, whereas farming, domestic, and sales activities are dominated by women 

(NISR 2018c).  

Technical and Vocational Training (TVET) 

Increasing the number of Technical and Vocational Training (TVET) graduates has been an im-

portant strategy to improve the match of employers and employees in the Rwandan labor mar-

ket and to increase the youth’s participation in the labor market. The number of people who 

completed TVET increased from roughly 600,000 in 2017 to 675,000 people in 2018. TVET grad-

uates have considerably higher employment rates (58 percent) than graduates in general educa-

tion (43 percent), suggesting that TVET graduates are more successful in the labor market than 

graduates in general education. The most popular fields for TVET are tailoring, masonry, and 

carpentry (NISR 2017, NISR 2018a, NISR 2018c). 

4.1 The Eco-Emploi Program 

The Eco-Emploi program is a Rwandan-German development cooperation to promote sustain-

able economic development in Rwanda. The main objective of the program is to increase the 

employment level of the workforce. In particular, the program aims at raising the labor force 

participation of women and of people with disabilities as well as at establishing environmentally 

sound business practices (GIZ, 2017).  

Eco-Emploi strongly supports the “Vision 2020” established by the Rwandan government which 

intends to transform Rwanda to a knowledge-based economy and to a middle-income country 

by 2020. Among the key indicators for development within the Rwandan Vision 2020 is the cre-

ation of 200,000 off-farm jobs (MINECOFIN, 2012). Eco-Emploi implements the integrated ap-

proach to employment promotion by executing interventions covering Technical and Vocational 

Education and Training (TVET), Labor Market Information (LMI), and Private Sector Development 

(PSD). 

 
33 Elementary occupations refer to simple and routine tasks which require the use of hand-held tools and 
often physical effort (ILO, 2019). 
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Within the component of LMI, Eco-Emploi promotes specific employment initiatives such as the 

National Employment Program (NEP), supports the advancement of labor market information 

and analysis, and the creation of public employment service centers. Within the TVET compo-

nent, Eco-Emploi aims at developing the skills of the Rwandan youth, which should respond to 

the needs of the labor market. Finally, PSD supports the sustainable development of the private 

sector. The aim is to improve the business environment by providing business development ser-

vices (BDS), fostering entrepreneurship and innovation by targeting mainly Small and Medium 

Enterprises (SMEs). The program works through an integrated approach within value chains of 

the identified most promising sectors for the economy and for job generation. These were found 

to be Information and Communication Technology (ICT), Wood, Tourism, Creative industries, and 

E-Commerce.  

4.2 Project Progression 

The evaluation project progressed in five steps. The first step was to get an overview of the Eco-

Emploi interventions. As explained below, an overarching, homogeneous evaluation design and 

data collection mechanism turned out not to be feasible. Instead, an individual assessment of 

selected activities was more suitable. Therefore, in a second step, the RWI team identified for 

each intervention whether a rigorous evaluation was possible. The third step was to sketch – for 

those interventions identified as promising candidates for a rigorous evaluation in the preceding 

step – the most promising evaluation designs. The fourth step was to select some interventions 

for a rigorous evaluation. The fifth step was the analysis of the interventions selected. These 

steps and their results are described next. 

The first step of the selection process, the overview, was mainly implemented just before and 

during a two-week mission to Kigali which took place in May 2017. Inside GIZ, this included meet-

ings with the GIZ country director, the Eco-Emploi manager, internal staff (executive personnel), 

and the monitoring team. There were also meetings with partners (e.g., Integrated Craft Produc-

tion Centers, ICPCs) and external organizations (e.g. KfW; Institute of Policy Analysis and Re-

search, IPAR). 

The overview showed a large number of interventions: At the time of the mission, 36 measures 

consisting of 73 interventions were being implemented or planned. The RWI team therefore con-

sidered three options: (i) a macroeconomic approach at the sectoral or regional level, (ii) an over-

arching, homogeneous evaluation design performing an aggregated analysis of interventions of 

the same type, (iii) an analysis of selected interventions.  

The macroeconomic approach (approach (i)) generally requires the existence of detailed and 

timely employment data at these levels – which was not available or accessible to Eco-Emploi. 

Furthermore, the number of beneficiaries in most sectors/regions was too small to be measura-

ble using existing data at the sectoral or regional level. Consequently, analyses at the sectoral or 

regional level would not deliver meaningful results. For an overarching, homogeneous evaluation 

design (approach (ii)), one needs very similar interventions in order to be able to perform an 

aggregate analysis by intervention type (e.g., TVET). However, it turned out that most of the in-

terventions were heterogeneous and tailor-made to the specific local or regional contexts, and 

they came with individual timelines within the overall project frame. The RWI team therefore 

opted for the third approach, an analysis of selected interventions. 
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The second step of the project consisted in an assessment whether a rigorous evaluation was 

possible. In order to conduct this assessment, we used three main criteria: 

1) Does the intervention have enough participants such that the statistical power is large 

enough, i.e. can one perform a meaningful statistical analysis? 

2) Is it conceptually possible to implement a causal evaluation design (comparison group ap-

proach)? 

3) Is there enough data available both for the participants and for the comparison group? 

A first assessment during the mission to Kigali yielded a relatively large number of potential 

interventions where a rigorous evaluation could be implemented (which however also included 

some simple before-after comparisons), i.e. five interventions each in the ICT, the wood, and the 

tourism sector.  

For these interventions, potential evaluation designs were sketched out in a third step. In a 

fourth step, the interventions and data availability were analyzed in more detail. The results of 

this analysis reduced the number of interventions suitable for a rigorous evaluation to three: 

WeCode, Training of Trainers (ToT-TVET), and Further trainings. These interventions seemed suit-

able as RWI and the GIZ team in Kigali expected these three interventions to fulfill the three cri-

teria mentioned above. 

Throughout the project, for the interventions chosen, no rigorous evaluation could be success-

fully implemented. The following sub-sections describe the interventions and the suggested eval-

uation designs. In addition, we discuss the challenges for each of the evaluation designs e.g., the 

difficulties of finding appropriate comparison groups, and provide descriptive evidence on the 

interventions.34 

4.3 The WeCode Intervention 

The ICT sector in Rwanda has the potential to create jobs and contribute to economic growth. 

ICT is among the fastest growing industries in Rwanda with an average growth rate of 15.8 per-

cent (GIZ, 2018a) between 2011 and 2016. In 2016, the ICT sector was among the largest con-

tributors to GDP growth and continues to attract foreign direct investment (FDI) into the country 

(MITEC, 2016). Eco-Emploi supports this sector by promoting the digitalization of the private sec-

tor, business development, and training of employees and management.  

A special focus within the Eco-Emploi program is promoting the participation of women in the 

ICT sector. One of the most promising interventions to implement an impact evaluation design 

is WeCode. WeCode is a programming school exclusively for women in East Africa and offers IT 

trainings to working-age women. WeCode partnered with two organizations, Moringa School and 

Muraho Technology, to develop six-month trainings for women with and without previous IT 

knowledge, respectively. Muraho Technology is a Rwandan/Canadian tech company based in Ki-

gali which aims at delivering tech services in the IT domain in Rwanda. Moringa School intends 

to fill the gap between the skill set needed in the industry and the skills of university graduates. 

It is based in Kenya and offers customized digital and professional skills trainings.  

 
34 Descriptive evidence is only provided for WeCode and Further Trainings given the lack of data for ToT-
TVET.  
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For evaluation purposes, the focus relies on the training provided by Moringa School as the 

courses are targeted at a broader group of women and not exclusively at women with a strong 

IT background. WeCode is expected to recruit two cohorts, the first starting in 2018 and the sec-

ond in 2019, and is divided into three phases: SPOC, PREP, and Core. First, SPOC targets women 

with basic computer knowledge, who are fluent in English and who have some math knowledge. 

The main objective of this phase is to introduce basic computer literacy. Women who successfully 

completed SPOC or who have more advanced computer knowledge can join the second phase of 

WeCode. Second, PREP is designed to introduce programming languages aimed at developing 

mobile and web solutions. Women who are successful in PREP or who have a strong IT back-

ground can join the final phase of WeCode. Third, Core is designed as an advanced course to 

prepare women for the local and international labor market. During this final phase, the partici-

pants acquire advanced programming skills tailor-made for potential employers. Figure 4.1 pre-

sents a summary of each phase. After completing the training, Moringa offers employment sup-

port for their best candidates in order to help them find employment as junior developers.  

Figure 4.1  

WeCode Implementation by Moringa School  

 

Note: Own illustration.  

For the first cohort, Moringa’s main objective was to recruit and enroll 150 women for SPOC, 

60 women for PREP, and 42 women for CORE. 27 women are expected to complete the full pro-

gram and at least 60 percent of them should be placed in junior developer jobs. For the second 

cohort, the expected number of women recruited and enrolled is slightly higher: 200 women for 

SPOC, 90 women for PREP, 63 women for CORE. 41 women are expected to graduate and 60 

percent of them should be placed in junior developer jobs. Sub-section 4.3.3 provides the actual 

number of applicants and participants by phase.  
  

SPOC PREP Core
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4.3.1 Methodological Design for the Impact Evaluation  

Randomized Controlled Trial  

To estimate the causal effect of WeCode on the labor market outcomes of women, RWI in-

tended to implement a Randomized Controlled Trial (RCT).35 The main idea of an RCT is to ran-

domly assign eligible applicants to the intervention and the comparison group. This randomiza-

tion can be relatively easily implemented when an excess of demand for the program exists. This 

approach allows to minimize the differences between individuals in the intervention and the 

comparison group before the intervention starts. Randomly assigning participation will produce 

two groups of eligible candidates who are likely to be statistically identical. Therefore, the differ-

ence in outcomes found between groups can be attributed to the intervention. An additional 

advantage of an RCT design is that it provides a fair and transparent way of assigning the program 

among individuals who are eligible (Gertler et al. 2016). Thus, the assignment to the program is 

not driven by subjective criteria (see Figure 4.2). 

For WeCode, the main objective was to find enough eligible applicants to randomly allocate 

them into the intervention and comparison groups. An RCT design would allow comparing 

women who benefited from WeCode with very similar women who did not benefit from We-

Code. Therefore, the differences in employment outcomes found between baseline and follow-

up between the two groups could be fully attributed to the training.  

Figure 4.2  

WeCode Random Assignment 

 

Note: Own illustration.  

  

 
35 The RCT could however not be successfully implemented given many of the eligible women did not start 
with PREP (see section 4.3.2). 

Pool of WeCode applicants

Eligible women

Treatment 
group: 

assigned to 
WeCode

Control 
group: not 
assigned to 

WeCode

Random 
assignment
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For the RCT approach, five main stages were identified. Figure 4.3 provides a summary of each 

of the steps planned as well as the expected number of applicants and eligible women.  

i. Mobilization: an extensive marketing campaign was planned to mobilize participants. 

The planned campaign included printed material (flyers and posters), social media ad-

vertisement, radio ads, and activation events (visits to universities and promo-stands). 

2000 applications were expected, out of which 500 applicants were supposed to fulfill 

the minimum requirements.  

ii. Application: the online application portal was activated simultaneously with the market-

ing campaign. In order to select participants, RWI developed an application form to-

gether with Moringa. The application form served two purposes: first, the screening of 

the applicants; second, the baseline data collection on all eligible women for the impact 

evaluation designed. For this questionnaire, RWI combined questions on basic computer 

literacy and English skills with relevant information for evaluation purposes such as de-

mographic characteristics (gender, age, place of birth, schooling level) and employment 

(labor force status, income, experience, type of job). The final version of the application 

form is included in Appendix C (Appendix Rwanda 1).  

iii. Selection of participants: after completing the application form, the applicants were in-

vited to the assessment day. During the assessment, the applicants had to complete Eng-

lish and Math examinations and a face-to-face interview. The purpose of the face-to-face 

interview was to test the English knowledge of the applicant, the commitment to the 

program, as well as the applicant’s interest in programming languages. Thus, during this 

stage, the eligibility of the applicants was double-checked.  

iv. Randomization: Randomly assign all eligible women into the intervention group and the 

comparison group. All eligible women receive an SMS or a phone call indicating if their 

application was successful or not. Women who were assigned to the intervention group 

start with SPOC. Out of all eligible women, at least 100 should be assigned to the pro-

gram. The expectation is to reach 500 eligible women.  

v. Follow-up: Three months after the first cohort completed the program, women in the 

intervention and comparison group are contacted for the follow up survey. To increase 

the likelihood of successfully contacting all women, extensive contact information was 

collected during the baseline survey.  
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Figure 4.3  

Planned timeline WeCode  

 

Note: Own illustration. The figure shows the planned timeline and expected number of partici-
pants per phase. The actual timeline differed from the dates presented in this figure because the 
marketing campaign started two-weeks later than originally planned. As a result, SPOC started 
one week later than originally planned.  

4.3.2 Challenges for the Impact Evaluation Design 

Implementing an RCT design as described above requires a certain minimum number of persons 

both in the comparison group and in the intervention group. Unfortunately, the number of ap-

plicants and of eligible participants was much lower than initially expected and the required num-

ber of persons was not reached.  

The recruitment and enrollment of participants proceeded as follows. Once the online applica-

tion system was opened, WeCode received 526 applications. Only women were considered for 

the process, so the final number of applications considered was 479. After the assessment was 

completed, 158 women were identified as eligible.  

First randomization (26.10.2018) 

During the first randomization, 100 women were assigned to WeCode (intervention group) and 

58 to the comparison group. Out of the 100 women, 10 women said that they could not commit 

to the program and 3 could not be reached. Because the priority was to allocate all available 

places to eligible participants, a second randomization was conducted. 
  

Mobilization
(Sep-17 to Nov-9)

SPOC
(Oct-15 to Nov-9)

Applications
(Sep-17 to TBA)

2,000
women

1) Online registration 
(baseline)

2) English and Math 
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3) Personal interview
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flyers, posters, radio ad, 
activation events

PREP
(Nov-19 to Dec-21)

SPOC Evaluation
(Nov-12 to Nov-16)

PREP Evaluation
(Dec-24 to Jan-11)

CORE
(Jan-14 to May-3)

Core Evaluation
(May-6 to May-17)

Selection
(Sep-17 to Nov-9)

Selection
(Nov-12 to Nov-16)

Selection
(Jan-7 to Jan-11)

42 
women

Randomization of 
eligible applicants

60 
women

500
eligible
women

Intervention

Comparison
350 

women

150 
women
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Second randomization (30.10.2018) 

During the second randomization, 13 participants from the comparison group were randomly 

assigned to the intervention group, reducing the size of the comparison group to 45. However, 

out of the 100 women who were supposed to start after the second randomization, 15 turned 

down the offer.  

Given the small size of the comparison group and the number of available spaces for the pro-

gram, GIZ Rwanda decided to give a slot to women in the comparison group to start the course 

with 100 women, further reducing the comparison group to 30. As a result, the comparison group 

was too small to implement an impact evaluation design.  

Several reasons for the low number of applicants were identified. First, the marketing campaign 

started later than originally planned mainly due to internal delays within the company hired for 

the campaign. Because of the short duration of the campaign, many potential applicants were 

not reached. Second, the time span between applications, assessment, and program start was 

very narrow. As a result, a number of applicants did not make it to the assessment day. Delaying 

the start of WeCode SPOC by one week did not increase participation numbers significantly. 

Third, many applicants who attended the assessment day and were successful in the examina-

tions were rejected because they did not cover the minimum requirements. The interviewers 

reported English difficulties and lack of full-time availability as the main reasons to reject appli-

cants. Finally, the main reason why having a comparison group was not possible was the low 

take-up rate. Women selected to the program could not fully commit. The following section pre-

sents a more detailed analysis of the baseline data which was collected during the application 

phase.  

4.3.3 Descriptive Analysis  

Table 4.1 summarizes WeCode’s main phases. The number of applications considered was 479 

and the total number of assessments conducted was 294. 90 percent of applicants who attended 

the assessment day passed all examinations (Math, English, and Digital examinations), but only 

53 percent of them passed the final interview. Although 157 women were eligible to start the 

intervention36, only 88 finalized SPOC, 80 PREP, and 45 Core.  
  

 
36 This number differs from the original 158 women who were randomly assigned to intervention and 
comparison groups, because one participant was listed twice.  
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Table 4.1  
WeCode Summary 

Application phase   

Total number of applications 526 

Men 47 

Women 479 

Applications considered 479 

Assessment phase  

Total assessments conducted 294 

Applicants who passed the assessment 265 

  

Total interviews conducted  244 

Applicants who passed the interviews 155 

Accepted to WeCode 157 

WeCode phase  

SPOC participants 88 

PREP participants 80 

Core participants 45 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School. 

Figure 4.4 shows the number of participants by WeCode phase completed and Figure 4.5 the 

share of participants who completed each phase, failed or dropped out. On the first phase of the 

course, SPOC, although 157 women were eligible to start with the program only 88 did. Out of 

the 88 participants who started SPOC, 80 moved on with PREP (91 percent) and 8 dropped out 

(9 percent). Out of those who started PREP, 45 participants completed the level successfully (56 

percent), 11 participants dropped out (14 percent), and 24 participants (30 percent) failed the 

level. The majority of those who failed the level were failed because of plagiarism (20 percent), 

the rest failed because of poor performance (10 percent). Out of those who started CORE, 28 

finalized the course successfully (62 percent) and 17 failed (38 percent). Out of the 88 partici-

pants, only 32 percent completed all of WeCode’s phases.37  

 
37 Further descriptive statistics by completed phase are reported in the Appendix C (Rwanda 2) in Tables 
A14, A15, and A16. The tables provide information by status i.e., participants who passed or failed PREP, 
SPOC, and Core.  
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Figure 4.4  
Number of participants per completed WeCode phase  

 

Note: Own illustration using WeCode's application data and participant lists provided by 
Moringa School. 

Figure 4.5  

Participants by phase and status (in percent) 

 

Note: Own illustration using WeCode's application data and participant lists provided by 
Moringa School. 

As the outreach to potential participants is a crucial success factor for any intervention, we 

summarize the main channels through which women found out about WeCode in Figure 4.6. The 

figure reports the share of applicants by reported channel and eligibility. Eligible women are 

those who were accepted to the program, while non-eligible women are those who applied but 

did not attend the assessment or attended the assessment day but were not successful. For both 
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groups, a similar pattern is observed. Focusing on eligible women, the first channel through 

which women heard about WeCode were friends (54.7 percent), highlighting the importance of 

word-of-mouth. 39.4 percent received direct information from WeCode via email (24.7 percent), 

WhatsApp (12.7 percent), or phone call (2 percent). 9.3 percent heard about WeCode via radio, 

and 8.7 percent via social media or internet. 5.3 percent heard about WeCode via their schools 

and 2.0 percent via the GIZ.  

Figure 4.6  

Information channels WeCode (in percent) 

 

Note: Own illustration. The values do not add up to 100 percent given that multiple responses 
are allowed. 

With respect to the outreach of an intervention, it is also of interest which population groups 

are reached. In particular, out of the total of women who applied, 39 percent did not show up 

for the assessment day. Identifying reasons why these women did not attend the assessment, 

although they initially showed interest for the program, may be relevant to mobilize and target 

future cohorts. Table 4.2 provides the descriptive statistics by attendance to the assessment day. 

The first two columns show the mean and standard deviation of demographic characteristics of 

women who completed the online application form and attended the assessment day. The third 

and fourth columns show the same characteristics for the group of women who completed the 

online application form but did not attend the assessment day. In general, both groups share 

similar characteristics. For both groups, women who applied to WeCode are on average 26 years 

old, over 40 percent of them report having no programming knowledge, about 50 percent report 

being enrolled in education – vocational training, apprenticeship or university – and over 80 per-

cent report their families to be supportive or neutral in their enrollment to the program. The 

main differences observed are: women who were not able to attend the assessment day are less 
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likely to reside in the Kigali province (80 percent vs 65 percent), are less likely to be available full-

time (85 vs 74 percent), are less likely to be currently searching for a job (72 vs 66 percent), and 

are more likely to be employed (6 vs 11 percent).  

Table 4.2  
Descriptive statistics by assessment day attendance 

 Attended assessment 
day 

Did not attend assessment 
day 

  Mean Std. dev Mean Std. dev. 

Age 26.53 4.70 25.12 4.88 

Kigali province 0.80 0.40 0.65 0.48 

     

Programming knowledge     

No knowledge 0.49 0.50 0.41 0.49 

Basic knowledge 0.37 0.48 0.41 0.49 

Advanced knowledge 0.14 0.35 0.19 0.39 

Marital status     
Single 0.80 0.40 0.84 0.37 

Married 0.19 0.39 0.16 0.36 

Separated 0.01 0.10 0.01 0.07 

Available full-time     
Yes 0.85 0.36 0.74 0.44 

Maybe 0.09 0.29 0.17 0.38 

No 0.06 0.24 0.09 0.29 

Family support     
Very supportive 0.63 0.48 0.53 0.50 

Mostly supportive 0.19 0.39 0.25 0.43 

Neutral 0.03 0.16 0.04 0.21 

Not supportive 0.01 0.08 0.01 0.10 

Not informed 0.15 0.36 0.16 0.37 

     

Highest education degree completed     

Secondary 0.30 0.46 0.43 0.50 

Vocational education 0.03 0.18 0.02 0.15 

Bachelor’s degree 0.63 0.48 0.50 0.50 

Master’s degree 0.04 0.19 0.05 0.21 

Enrolled in education     
None 0.48 0.50 0.47 0.50 

Secondary or vocational 0.08 0.28 0.12 0.33 

University (BA, MA, PhD) 0.27 0.45 0.29 0.46 

Apprenticeship 0.16 0.37 0.11 0.32 

Searching for a job 0.72 0.45 0.66 0.47 

Employed 0.06 0.24 0.11 0.31 

Observations 291 185 

Note: Own calculation using WeCode's application data and participant lists provided by Moringa 
School. 
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Table 4.3 provides descriptive statistics on the demographic characteristics of women who 

were accepted to the program versus women who were rejected. The calculations are done con-

ditional on having attended the assessment day and presenting at least one of the examinations. 

In general, candidates who are accepted to the program passed at least two out of three exams 

(English, Math, and Digital) and the face-to-face interview. Three main reasons lead to rejecting 

a candidate. First, the candidate took at least one of the exams, but did not go through with the 

whole assessment. Second, the candidate passed the interview, but failed two exams. Third, the 

candidate passed at least two exams, but failed the interview.  

The demographic characteristics of both groups are very similar. One of the differences ob-

served is the education level. 65 percent of women who were accepted report having a bache-

lor’s degree, in contrast to 60 percent of women who were rejected. In addition, 77 percent of 

women accepted are searching for a job, in contrast to 67 percent of the women who were re-

jected. Only 5 percent reported being employed vs 9 percent of the women who were rejected. 

However, the main differences arise from the assessment outcomes. 96 percent of women who 

were accepted to the program passed the assessment, i.e., they passed at least two out of three 

exams. Surprisingly, the percentage of rejected women who passed the assessment is also high 

at 86 percent. This suggests that most of the candidates were only rejected after the interview. 

The average performance for the exams is slightly higher for women who were accepted. They 

outperformed women who were rejected by 0.63 points in Math, 1.32 points in English, and 1.89 

points in the Digital examination.  

For the second part of the assessment, the face-to-face interview, larger differences can be 

observed between accepted and rejected women. While 89 percent of accepted women passed 

the interview, only 28 percent of rejected women did. The main reasons for not passing the in-

terview are also reported in the table. 53 percent of women who were rejected had difficulties 

with communication in English. The interviewer reports that these women were not able to fully 

understand the questions asked or could not communicate clearly in English. Only 13 percent of 

women who were accepted had difficulties with communication in English. A second reason for 

rejecting the candidates was the lack of full-time commitment to the program. While 95 percent 

of the women who were accepted reported full-time availability, only 71 percent in the group of 

rejected women report being available full-time.38  
  

 
38 Moringa provided for childcare and nursing facilities in order to support women to commit full-time. 
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Table 4.3  
Descriptive statistics by acceptance to the program (conditional on attending the assessment 
day) 

 Accepted Rejected 

  Mean Std. dev. Mean Std. dev. 

Demographic characteristics     

Age 26.31 4.47 26.86 4.97 

Kigali province 0.81 0.40 0.78 0.41 

Programming experience     
No knowledge 0.49 0.50 0.48 0.50 

Basic knowledge 0.39 0.49 0.35 0.48 

Advanced knowledge 0.12 0.32 0.17 0.37 

Marital status     

Single 0.79 0.41 0.82 0.39 

Married 0.20 0.40 0.17 0.38 

Separated 0.01 0.12 0.01 0.08 

Family support     

Very supportive 0.62 0.49 0.63 0.49 

Mostly supportive 0.23 0.42 0.15 0.36 

Neutral 0.03 0.18 0.02 0.14 

Not supportive 0.01 0.12 0.00 0.00 

Not informed 0.11 0.31 0.20 0.40 

Highest education degree completed     

Secondary 0.30 0.46 0.31 0.47 

Vocational education 0.02 0.14 0.04 0.21 

Bachelor’s degree 0.65 0.48 0.60 0.49 

Master’s degree 0.03 0.18 0.04 0.21 

Enrolled in education     

None 0.48 0.50 0.47 0.50 

Secondary or vocational 0.08 0.27 0.10 0.30 

University (BA, MA, PhD) 0.27 0.44 0.28 0.45 

Apprenticeship 0.17 0.38 0.15 0.36 

Searching for a job 0.77 0.42 0.67 0.47 

Employed 0.05 0.21 0.09 0.29 

Assessment and interview     

Passed assessment 0.95 0.23 0.86 0.35 

Passed interview  0.89 0.31 0.28 0.45 

Math score (out of 10) 6.73 1.51 6.10 1.49 

English score (out of 15) 9.64 2.32 8.32 3.20 

Digital score (out of 25) 18.59 2.97 16.70 3.96 

Can commit to the program 0.95 0.22 0.71 0.46 

Language difficulties 0.13 0.33 0.53 0.50 

Has a laptop 0.52 0.50 0.41 0.49 

Observations  151 147 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School. 
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Table 4.4 further summarizes the main results of the assessment and the interview. For the 

assessment, out of 294 women who attended the assessment, 9.9 percent failed. While the re-

sults show that the average score for the digital examination is the same for both groups (17.7 

vs 17.5), large differences can be observed for both Math and English examinations. In particular 

for Math, the group who failed scored 3 points lower than the group who passed. For the inter-

view, out of 244 women who were interviewed, 36.4 percent were not recommended to start 

the program. 73 percent of these women had some difficulties to communicate in English, 

27 percent reported they were not available full-time due to other commitments.  

Table 4.4  
Assessment and interview results  

A. Assessment 
Passed Failed 

Mean Std. dev. Mean Std. dev. 

Digital (max. score: 25) 17.68 3.66 17.50 3.13 

Math (max. score: 10) 6.69 1.31 3.69 0.62 

English (max. score:15) 9.11 2.87 7.83 2.55 

Observations  265 29 

B. Interview 
Passed Failed 

Mean Std. dev. Mean Std. dev. 

Difficulties in communication in English 0.05 0.22 0.73 0.45 

Lack of full-time availability 0.01 0.11 0.27 0.45 

Suitable characteristics 0.76 0.43 0.03 0.18 

Observations 155 89 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School. 

Up to now, the evidence presented focuses on the importance of one characteristic (e.g., lan-

guage difficulties) for an outcome variable (e.g., admission to the program), i.e. we looked at 

bivariate correlations. However, different characteristics could be correlated with each other, 

e.g., young people may have better language skills. In order to take this into account, we conduct 

a multivariate analysis which relates an outcome variable to several explanatory variables.  

In particular, to determine the characteristics of participants that affect the probability of com-

pleting WeCode successfully, a Logit model is estimated. The Logit model estimates how each 

explanatory variable is correlated with the probability of success. Given that only a few partici-

pants graduated, we define success as a binary indicator which takes the value 1 if the participant 

was enrolled in the final phase Core, independent on whether or not she passed the level, and 0 

otherwise. Table 4.5, columns I and II, report the marginal effects and respective standard errors 

of the Logit model which considers all applicants who attended the assessment day. Columns III 

and IV report the results using the sample of eligible applicants.  

Taken together, the results show that individual characteristics such as place of residence, mar-

ital status, or education level do not determine the probability of success. This result is consistent 

with the previous descriptive evidence showing that eligible and non-eligible applicants share 

similar observable characteristics. The results for the first model further reveal that each addi-

tional year of age increases the probability of being enrolled in Core by 1.5 percentage points. 

Individuals who reported advanced coding knowledge are 24 percentage points more likely of 

being successfully enrolled in Core than their counterparts who reported no coding knowledge. 
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Finally, the results suggest that language is an important determinant of success. An increase in 

the English examination of one unit increases the probability of success by 2.5 percentage points. 

Participants who had difficulties in English during the interview are 20 percentage points less 

likely of being successfully enrolled in Core. The results for the second model show that when 

the sample is restricted to eligible candidates, the only significant coefficients are related to pre-

vious coding knowledge. Applicants who report some knowledge or advanced knowledge are 19 

and 46 percentage points more likely of being successfully enrolled in Core, respectively.  

Table 4.5  
Determinants of the probability of being enrolled in CORE (marginal effects) 

 Enrolled in CORE Enrolled in Core cond.a 

 M.E. Std. err. M.E. Std. err. 

Age 0.015* 0.007 0.024 0.013 

Kigali province 0.091 0.070 0.079 0.116 

Married  -0.069 0.072 -0.090 0.107 

Coding knowledge Ref.: No knowledge     

Some knowledge 0.109 0.058 0.184* 0.089 

Advanced knowledge 0.237* 0.101 0.416** 0.138 

Family is very supportive 0.027 0.052 -0.019 0.083 

Has a bachelor's degree -0.071 0.065 -0.196 0.110 

Current enrollment Ref.: None     

Secondary school -0.138 0.086 -0.245 0.141 

University (BA, MA, PhD) -0.104 0.062 -0.143 0.103 

Apprenticeship -0.127 0.070 -0.167 0.124 

Searching for a job -0.098 0.058 -0.186 0.095 

Math examination results 0.006 0.019 0.013 0.031 

English examination results 0.026* 0.013 0.026 0.022 

Digital examination results 0.003 0.009 -0.009 0.016 

Language difficulties -0.202** 0.075 -0.104 0.141 

Has laptop -0.016 0.056 0.006 0.094 

Pseudo R-squared 0.172 0.145 

Observations 213 121 

Note: The table reports the estimated marginal effects (m.e.) and the corresponding standard 
errors (std. err.). *, **, *** denote significance level at the 5, 1, and .1 percent respectively. 
aConditional on being accepted to WeCode. 

4.4 Training of Trainers (ToT-TVET) 

Teachers in 20 TVET schools received training in 2017 or 2018 for the trades Wood, ICT, and 

Tourism. Two different types of training are implemented: (i) trainings on specific technical skills 

for the corresponding trade, and (ii) trainings on pedagogical skills common for all trades. The 

trainings take one or two weeks and all teachers have to pass an exam after the training. The 

teachers who received training are either master teachers i.e., they train other teachers, or they 

work directly with students. Table 4.6 provides more information on the number of teachers 

trained by gender, trade, and type of training.  
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Table 4.6  
Number of teachers trained (ToT) 

  Wood  ICT Tourism Pedagogical Total 

Women 8 1 2 14 25 

Men 39 27 6 21 93 

Total  47 28 8 35 118 

Note: Own calculation based on data provided by the Rwanda M&E team. 

A DiD strategy was planned to evaluate the impact of the trainings on students’ performance. 

The main indicator of students’ performance is the outcome of the national examination con-

ducted by Rwandan authorities. The evaluation is targeted at students who completed the last 

level of TVET education, level 6 or level 7 which is equivalent to a Diploma or Advanced Diploma. 

If the evaluation is successful, the candidates receive their certificate, otherwise they repeat the 

examination. 

For the DiD design, a within-school comparison was planned (see sub-chapter 3.4 for more de-

tails on the DiD evaluation design). Ideally, one would conduct a between-school comparison, 

which means that the comparison group would be students in the same trade in similar schools 

which are not supported by the GIZ or any other organization. However, comparable schools to 

GIZ-schools in Rwanda are usually supported by other international organizations; and schools 

which are not supported by other organizations are different in terms of quality and infrastruc-

ture. Therefore, in the within-school design, to estimate the impact of ToT, students who bene-

fited from ToT would be compared to students who did not benefit from ToT in the same schools. 

This approach seemed possible because the GIZ supports specific trades such as Tourism, Wood, 

and ICT, while other trades in the same schools are not supported.  

For the implementation of the DiD, a data request was sent to collect information from 2016, 

before any training was conducted, to 2018, after the trainings were conducted. The schools 

were asked to provide information on the number of students by trade as well as their national 

examination results. However, implementing the DiD design was not possible for three main rea-

sons. First, out of 20 schools that were asked to provide the data, only 8 responded. 39 Second, 

out of the 8 that responded none provided information on trades which are not supported by 

the GIZ. Third, out of the 8 that responded only 2 provided complete information for 2016 to 

2018. Thus, due to the low responses and missing information for the comparison group, imple-

menting a DiD was not possible.  

For future evaluation, the main recommendation would be to collect information directly from 

the students (see sub-chapter 3.4 for an example of the implementation of questionnaires in 

Serbia). The students in the comparison and intervention groups could be surveyed at the start 

of the schooling year to collect baseline information. The follow-up survey could be conducted 

three to six months after the results of the national examination are published to collect infor-

mation on the performance on the test and on employment outcomes.  

 
39 Busasamana TVET School, Mpanda TVET School, IPRC Ngoma, IPRC Karongi, Rwanda Polytechnic IPRC 
Musanze, Rubavu Technical College TVET, Rubengera TSS, TVET Notre Dame de Bonne Esperance 
Gisagara 
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4.5 Further Trainings (TVET) 

Further trainings or short-term trainings are intended to provide new skills or upgrade the skills 

of participants. These trainings are implemented in all the selected sectors (see below) and have 

a duration of between one and three weeks. The trainings are implemented in different regions 

of the country and the number of participants for each training is on average 20. The trainings 

are mostly targeted at participants who have completed TVET education. For the implementation 

of short-term trainings, the GIZ provides the material, venue, and know-how, and the implemen-

tation partners (e.g., Rwanda Polytechnique, TVET schools, ICT Chamber, Wood Value Chain As-

sociation, and Rwanda Hospitality Association) suggest potential participants. A short description 

of the trainings by industry is provided in this section. 

Creative industries 

• Location management: Training for photographers and cameramen and camerawomen 

to select particular shooting sites. Duration: approximately one week.  

• Production process: The training takes participants through the process of conception 

of shooting to its implementation. Duration: one week. 

• Workshop photography: Upgrade photography skills. Target: participants with some 

photography experience. Duration: two weeks. 

ICT 

• ICT: Two-part course. Beginners: Basic computing knowledge (Internet, Office). Ad-

vanced: Provide basic ICT services such as tax payments, online documentation, online 

payments. Target: unemployed women. Duration: two weeks. 

Tourism 

• Culinary arts: Meal preparation for hotels. The main goal is improving the quality of 

meals. Duration: two-three weeks. 

• Food and beverage: Setup for hotel restaurants. Intended at improving skills for waiters 

and waitresses. Duration: two weeks. 

• Housekeeping (TOT): The main goal is improving the quality service of the housekeeping 

process: introduction to manual and electronic cleaning equipment, chemicals and 

their use. Target: hotel personnel and teachers of dual training. Duration: two weeks. 

• Richard Kandt Tour Guide: Training to provide information on locations and attractions 

sites of the Richard Kant trail. Duration: two days. 

• Training on Pastry, Baking, and Entrepreneurship: Training for women on pastry and 

baking with the main goal of starting an own business. After the training the partici-

pants were supported by AVEGA (Association of Genocide Survivors) to develop a busi-

ness plan and set up their business. Duration: two weeks. 
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Wood 

• Introduction to heavy duty equipment training: Training in specialized and modern car-

pentry machines. Target: trainers in schools, carpenters in ICPCs, unemployed carpen-

ters. Duration: two weeks. 

• Introductory training to carpentry: Training on specific types of wood and techniques 

to work with wood. Duration: two weeks. 

• Operation of carpentry machinery: Training in specialized and modern carpentry ma-

chines. Duration: two weeks.  

4.5.1 Methodological Design for a Quantitative Analysis  

An impact evaluation design could not be implemented for further trainings. The main challenge 

for the robust evaluation was to find an appropriate comparison group for each of the trainings. 

As described in the previous section, the trainings are targeted at a small number of participants 

and are heterogeneous. In addition, the selection of participants into the trainings is usually de-

termined by the partners and not by the GIZ. For the evaluation, a possibility would be to aggre-

gate similar trainings to increase the number of people in the intervention group. However, even 

if similar trainings are pooled, finding comparable individuals for the comparison groups would 

remain a challenge given that no information on the selection of participants was available. 

Therefore, a before-after comparison is conducted using the survey information collected by 

the M&E team in Rwanda. A before-after comparison provides useful insights on the employ-

ment outcomes of participants after the trainings were conducted. However, as the counterfac-

tual situation remains unknown, factors independent to the training could be driving the results. 

The following sub-section provides the results of the descriptive analysis. The main disadvantage 

of this approach is that the findings do not provide evidence of causality, because they cannot 

be exclusively attributed to the trainings. A before-after comparison assumes by design that the 

outcomes for the participants would be exactly the same as they were before they attended the 

intervention (Gertler et al., 2016). This should be borne in mind when interpreting the results. 

4.5.2 Before-After Descriptive Analysis  

The M&E team in Rwanda collects baseline and follow-up information of the participants during 

the trainings. We use this information to compare employment outcomes before and after the 

training. This analysis can provide preliminary evidence on the effectiveness of short-term train-

ings and track the changes in outcomes for the participants.  

The baseline questionnaire includes basic demographic characteristics (gender, age, place of 

residence, education level) as well as information on employment outcomes (employment sta-

tus, hours worked, wages, benefits, and job satisfaction). The questionnaire further collects com-

prehensive contact information of the participants. The M&E team conducts a tracer survey 

(tracer) on all participants three months after they completed the training. The database consists 

of 603 participants of short-term trainings who completed the questionnaire.  

Table 4.7 displays the trainings by sector and the number of participants for each of the train-

ings who participated in the baseline or the tracer survey. The Tourism sector is the one with the 

highest number of participants (255), followed by ICT (202), and Wood (79). The last two columns 
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report the number of participants who participated in the tracer. The response rate for the fol-

low-up survey is very high: 84 percent of the participants were contacted and surveyed three 

months after the training (503 participants). 

Table 4.7  
Short-term trainings by sector 
  Baseline Tracer 

Sector Name of activity obs. percent obs. percent 

Creative in-
dustry 

Location management* 2 0.33 1 0.20 

Production process 11 1.82 8 1.59 

Workshop photography 54 8.96 42 8.35 

ICT ICT 202 33.50 171 34.00 

Tourism 

Culinary art 66 10.95 53 10.54 

Food and beverage 85 14.10 69 13.72 

Housekeeping training (TOT) 11 1.82 10 1.99 

Richard Kandt tour guide training 55 9.12 45 8.95 

Training on pastry, bakery and entrepreneurship 38 6.30 35 6.96 

Wood 

Introduction to heavy duty equipment training 24 3.98 18 3.58 

Introductory training to carpentry 12 1.99 11 2.19 

Operation of carpentry machinery 43 7.13 40 7.95 

  Total 603 100 503 100 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. *More participants attended this training but did not complete the questionnaire. 

Descriptive statistics  

Table 4.8 reports the characteristics of the beneficiaries of short-term trainings in more detail. 

Participants are more likely to be women (62 percent), are on average 29 years old, and 2 percent 

report a disability status. The majority reside in the Northern, Southern, and Western regions 

accounting for 75 percent of the sample, 18 percent reside in Kigali city, and only 5 percent in 

the Eastern province. With respect to employment outcomes, 46 percent report being employed 

during the baseline survey, and to work on average 48 hours per week. 63 percent of participants 

report receiving no income. The characteristics of participants during the follow-up survey are 

similar. Focusing on employment outcomes, the table shows large differences between the base-

line survey and the tracer survey. These differences are analyzed in more detail in this section.  
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Table 4.8  
Descriptive statistics 
 Baseline Tracer 

  Obs. Mean Std. Dev. Obs. Mean Std. Dev. 

Female 603 0.622 0.485 503 0.638 0.481 

Birth year 578 1990 6.611 492 1990 6.192 

Disability status 584 0.021 0.142 497 0.020 0.141 

Employed  580 0.457 0.499 472 0.623 0.485 

Hours worked per week 415 11.537 25.727 369 24.073 26.881 

Hours worked per week cond. 100 47.880 31.783 191 46.508 18.727 

       

Income per week       

No income 502 0.627 0.484 404 0.441 0.497 

Below 5000 502 0.090 0.286 404 0.042 0.201 

5000 - 7499 502 0.070 0.255 404 0.035 0.183 

7500 - 12499 502 0.082 0.274 404 0.109 0.312 

12500 - 24999  502 0.058 0.234 404 0.161 0.368 

Above - 25000 502 0.074 0.262 404 0.213 0.410 

       

Province       

Kigali city 528 0.184 0.388 449 0.200 0.401 

Eastern 528 0.057 0.232 449 0.056 0.230 

Northern 528 0.254 0.436 449 0.263 0.441 

Southern 528 0.275 0.447 449 0.256 0.437 

Western 528 0.231 0.422 449 0.225 0.418 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. 

Figure 4.7 further shows the percentage of participants who attended short-term trainings by 

gender. The majority of participants for trainings in Creative Industries and Wood are men with 

87 percent and 79 percent, respectively. In contrast, for ICT (98 percent)40 and Tourism (60 per-

cent) the majority of participants are women. 
 

 
40 ICT trainings are targeted at unemployed women. 
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Figure 4.7  
Participants by sector and gender (baseline) 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  

Figure 4.8  

Employment status before and after training 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  
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Before-after comparison 

Turning to employment outcomes, at baseline, 44 percent of participants reported being em-

ployed and 52 percent unemployed. At follow-up, 58 percent report being employed. The per-

centage of people who report being employed increased by 14 percentage points (see Fig-

ure 4.8). If we further compare before-after employment outcomes by gender, we can observe 

an increase in the percentage of participants employed at follow-up for both groups (see Fig-

ure 4.9).  

During the baseline survey, men reported higher employment levels than women. 77 percent 

of men were employed in contrast to 24 percent of women. During the tracer survey, the per-

centage of participants who report being employed increased for both groups. While the per-

centage of employed women (44 percent) continues to be lower than for men (84 percent), the 

increase in employment for women is almost three times higher than the increase for men with 

an increase of 20 percentage points vs. 7 percentage points. 

Figure 4.9  
Employment status before and after training by gender 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  

We further analyze differences in employment for each sector. Figure 4.10 shows that the per-
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of participants employed increased by 8 percentage points. In contrast, the Creative Industry 
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were collected during January and March. An alternative explanation for the decline could be 

that people in the Creative Industry continue with additional further trainings.  

Figure 4.10  

Employment status before and after training by sector 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. Values smaller than 2 percent are omitted. 

Figure 4.11  
Employment status before and after training by province 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  
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Looking at the employment differences by province before and after the trainings (see Fig-

ure 4.11), we can observe that in the Northern and Southern provinces the percentage of partic-

ipants employed is under 25 percent. After training, the employment levels for the participants 

in these regions are more than twice as high. The percentage of participants employed also in-

creased in the Eastern and Western provinces at about 16 and 19 percentage points, respec-

tively. Participants residing in Kigali City display the smallest difference, with an increase in the 

share of participants employed of 6 percentage points.  

Figure 4.12 shows the percentage of participants employed by education level before and after 

the training. After the training, all education groups show an increase in the share of employed 

participants. The largest increase can be seen for the group of participants who completed lower 

secondary (48 percentage points) relative to the baseline level, followed by individuals with TVET 

education in all levels -lower and upper secondary, and tertiary with an increase in the percent-

age of employed of more than 20 percentage points each. Participants who completed tertiary 

education report the smallest increase in employment (7 percentage points). 

Figure 4.12  

Employment status before and after training by education level 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  
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Figure 4.13  

Hours worked per week before and after training 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. 

Figure 4.14  

Hours worked per week before and after training (conditional on being employed) 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  

75.9

5.5 3.4
7.7 7.5

49.1

4.1
7.9

23.6

15.5

0

10

20

30

40

50

60

70

80

90

Zero hours 1-19 hours 20-39 hours 40-60 hours More than 60

hours

Baseline Tracer

23

14

32 31

8.0

15.4

46.3

30.3

0

10

20

30

40

50

60

1-19 hours 20-39 hours 40-60 hours More than 60 hours

Baseline Tracer



Employment impacts of development cooperation: 
a collaborative study 

 

  141 

Conditional on being employed, the second figure shows a decrease in the percentage of par-

ticipants who work less than 20 hours per week and a sharp increase in the percentage of partic-

ipants who work 40 or more hours per week. This observation implies that participants not only 

move from unemployment to employment, but also move from part-time to full-time employ-

ment after the training. An alternative explanation is that the participants were not able to work 

full-time while they attended the training. After the training is completed, the participants are 

able to work full-time, and this explains the shift from part-time to full-time employment. The 

respective histograms for unconditional and conditional hours work are reported in Figure A2 

and A3 in the Appendix C (Rwanda 2).  

The increase in the percentage of people employed is also reflected in the income level. Fig-

ure 4.15 shows the before-after comparison of monthly income of short-term trainings partici-

pants. The figure shows that after the trainings participants usually earn a higher income for 

three main reasons. First, the percentage of participants receiving no income decreases from 52 

to 35 percent. Second, the percentage of participants in the two lowest income categories also 

decreases after training. Third, the share of participants who report one of the three highest 

income categories increases after the training. The category “above 25,000 RWF” (the highest 

income category) shows the largest increase of 11 percentage points.  

Figure 4.15  

Wage category before and after training 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  
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Figure 4.16  

Desire to increase the number of hours worked before and after training 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda.  
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In addition, we estimated a Tobit model to show if the increase in hours worked holds even 

after conditioning on several variables simultaneously. The Tobit model is especially useful when 

the data are highly skewed, such as the weekly hours worked which are bunched at zero. The 

estimated coefficient for the “After training” variable suggests that the actual number of hours 

worked increased, on average, by 31 hours per week after the training. Similar as in the Logit 

model, the estimated coefficients of other variables reflect level differences. Women, for exam-

ple, work 24 hours less than men and younger people work on average one hour less than older 

people. Participants in the sectors Tourism and Wood are not statistically different from partici-

pants in the Creative industry sector, but a significant difference can be observed for participants 

in the ICT sector. Participants in ICT work less hours than participants in the reference group 

which is also consistent with the evidence provided in Figure 4.10.  

Table 4.9  
Determinants of the probability of being employed and hours worked (marginal effects) 

  Logit: Employment Tobit: Hours worked 

  
I 
M.E. 

II 
Std. error 

III 
Coef. 

IV 
Std. error 

After training 0.176*** 0.026 30.542*** 4.783 

Women -0.208*** 0.034 -23.713*** 6.206 

Year of birth -0.015*** 0.003 -1.424*** 0.375 

Disability Status -0.036 0.085 -22.585 22.219 

Education (Ref.: Primary)     

Lower secondary -0.083 0.152 -0.596 14.607 

Lower secondary TVET -0.183 0.117 -11.596 10.696 

Upper secondary -0.165 0.115 -9.692 10.139 

Upper secondary TVET -0.166 0.116 -17.502 10.976 

Tertiary -0.185 0.122 -20.064 12.024 

Tertiary TVET -0.220 0.117 -33.291** 11.700 

Sector (Ref.: Creative industry)     

ICT -0.653*** 0.040 -53.445*** 13.320 

Tourism -0.491*** 0.041 -9.289 14.175 

Wood -0.191** 0.065 -11.983 13.689 

Province (Ref.: Kigali City)   ref.  

Eastern 0.002 0.068 19.505 13.424 

Northern 0.172*** 0.051 18.677 11.554 

Southern 0.197*** 0.052 16.871 10.770 

Western 0.204*** 0.061 20.701 12.248 

Pseudo R-squared 0.376 0.091 

Observations 894 688 

Note: The table reports the estimated marginal effects (M.E.) and the corresponding standard 
errors (Std. error). *, **, *** denote significance level at the 5, 1, and .1 percent respectively. 
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The “After training” variable was interacted with control variables such as gender, year of birth, 

industry, and province to analyze the heterogeneity of the results. The estimated marginal effect 

can be interpreted by the change in the probability of being employed after the training for each 

group. Table 4.10 provides the summary of the results. Panel A reports the marginal effects by 

gender and shows that the increase in the probability of being employed after the training is 

larger for women than for men: women are 21 percentage points more likely to be employed, 

while men are 13 percentage points more likely to be employed. Panel B reports the marginal 

effects by industry. The highest increase in the probability of being employed after training is for 

the participants in the ICT sector (27 percentage points) and the Tourism sector (19 percentage 

points). The results for Wood are not significantly different from zero; for Creative Industry the 

number of observations is too low for an estimation. Panel C reports the marginal effects by 

province. The results show a significant increase in the employment probability for all provinces 

ranging from 25 percentage points in the Southern province to 19 percentage points in the 

Northern Province.  

Table 4.10  
Determinants of the probability of being employed (marginal effects) 

     M.E.              Std. err. 

A. Gender   
Men 0.125* 0.063 

Women 0.209*** 0.032 

   
B. Industry    

Creative Industry N/A N/A 

ICT 0.271*** 0.048 

Tourism 0.188*** 0.047 

Wood 0.115 0.082 

   
C. Province   

Kigali City 0.218** 0.078 

Northern 0.188*** 0.044 

Southern 0.246*** 0.051 

Western 0.105* 0.050 

Note: The table reports the estimated marginal effects (M.E.) and the corresponding standard 
errors (Std. err.). *, **, *** denote significance level at the 5, 1, and .1 percent respectively. The 
regressions are conducted separately controlling for: gender, year of birth, disability status, edu-
cation level, sector, and province. 
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Figure 4.17  

Marginal effects by year of birth (baseline vs tracer) 

 

Notes: Marginal effects calculated from a Logit model. Each dot represents the estimated mar-
ginal effect and the bars denote the respective 95 percent confidence interval. 

The estimated marginal effects of the interaction of the “After training” variable with the year 

of birth are shown in Figure 4.17. The results show that the probability of working decreases with 

the year of birth. However, after the training there is a considerable increase in the probability 

of being employed for all birth cohorts. Focusing on the average participant born in 1990, the 

figure shows that after training the probability of being employed increases by about 20 percent-

age points. For the participants born before 1980, the increase in the probability of being em-

ployed is smaller.  

4.6 Lessons for Eco-Emploi and Program Results 

This section summarizes the lessons learned and provides the main recommendations for fu-

ture impact evaluation designs in Rwanda. A homogeneous and overarching impact evaluation 

design is not suitable given the complexity of the interventions, differences in intervention logic, 

different target groups and differing timelines. However, implementing a robust evaluation is 

theoretically possible for individual interventions targeting a large number of beneficiaries e.g., 

WeCode and ToT. For a robust evaluation, a key recommendation is to design the monitoring 

system before the intervention is running. This would facilitate defining the eligibility criteria of 

beneficiaries, identifying potential comparison groups (excess of applicants, similar individuals 

who did not benefit from the intervention, individual information matched from administrative 

sources), and integrating the data collection process into the intervention’s timeline. Further-

more, identifying and planning data collection for the comparison group before the start of the 

intervention seems crucial. 
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For WeCode, the main challenge for the evaluation design was the low number of eligible ap-

plicants. Therefore, it seems important to increase the number of eligible applicants for future 

interventions. This would not only allow for a larger number of participants to the intervention, 

but also for an evaluation design using a Randomized Controlled Trial. The randomization of eli-

gible applicants to the program was implemented without major difficulties and provided a fair 

and transparent way of selecting eligible applicants to start with the program. The minimum 

sample size for an experimental evaluation design i.e., the size of the intervention and compari-

son groups, is usually determined by several factors such as the expected size of the effect of the 

interventions. The sample size can be determined using a power calculation. For the implemen-

tation of the power calculation in an experimental setting see e.g., Djimeu and Houndolo (2016). 

One recommendation to increase the outreach is to allow more time between the marketing 

campaign and the program’s start and to conduct a feasibility study on the number of eligible 

applicants who are likely to be reached by the campaign. The descriptive analysis showed that 

eligible and non-eligible applicants are similar with respect to demographic characteristics. The 

main differences found were with respect to the English skills and the availability to commit full 

time to the program.  

An important conclusion from the descriptive analysis using WeCode’s baseline data is that an-

other possibility to reach more women would be to provide a part-time course and additional 

language support for the participants. The descriptive analysis also shows that participants with 

some prior coding experience were more likely to be enrolled in the final phase than participants 

without any previous experience. Therefore, the mobilization could be targeted specifically at 

women who have an IT background such as an IT vocational training or a bachelor’s degree.  

For Training-of-Trainers (TVET), the main challenges for the evaluation design were twofold. 

First, finding comparable schools which are not supported by the GIZ or by another organization. 

Second, obtaining data from the schools. The schools did not respond to the data request or 

provided incomplete information. A possible solution to the first challenge would be to conduct 

a within-school comparison using supported vs. non-supported trades or comparing students 

enrolled in GIZ-schools who benefited from ToT vs. students in GIZ-schools who will benefit at a 

later stage (if the implementation is staggered). A solution to the second challenge is to collect 

data directly from the source that is, (i) implementing the questionnaires to the students before 

they graduate, (ii) collecting extensive contact information and, (iii) contacting the students after 

the national examination for the tracer (see data collection example in Serbia). 

Finally, for further trainings, three main factors have been identified to implement an impact 

evaluation design in the future. First, the selection of eligible participants should be clearly de-

fined before the trainings. The following aspects should be pre-specified: what are the eligibility 

criteria for the training? And how are participants going to be selected? Second, the comparison 

group should be identified. After establishing the eligibility criteria of the participants, the next 

step is defining the comparison group which could be, for example, randomly assigned if there is 

an excess of eligible participants or made up of potential future beneficiaries who fulfill the eli-

gibility criteria. Third, the trainings should be aggregated, for example by sector for evaluation 

purposes. Focusing on individual trainings is not ideal given the small number of participants. The 

trainings by sector are often similar, therefore, they could be evaluated together. But this option 

would only be suitable if a potential comparison group has been previously identified. 
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5. Project summary and conclusions 

5.1  Summary of country case studies and key results 

 This report presents the results of the first long-term research project aiming to design and 

implement comparable, rigorous impact assessments of employment related GIZ programs in 

three pilot countries: Jordan, Serbia, and Rwanda. The key goals of the project were to test 

rigorous but practical and cost-efficient solutions that could be replicated or upscaled in related 

programs. The idea, therefore, was to incorporate existing M&E systems, closely involve the pro-

gram M&E teams in the country, and collaborate with local researchers to ensure knowledge 

transfer. To this end, the results constitute a key learning outcome for future pathways of rigor-

ous impact assessments within German development cooperation.  

The country case study Jordan discusses the results of implementing a homogenous impact 

assessment approach across a broad range of smaller-scale labor market interventions imple-

mented by the “Employment Promotion Programme” (EPP). Given that the program’s activities 

comprise a set of specific interventions across regions (and implemented with specific partners), 

the research design features a homogeneous approach of survey data collection across this set, 

and a comparable mechanism to identify a comparison group at the intervention level. The goal 

was to make impacts comparable and aggregable across different intervention groups, and at 

the same time also providing intervention-specific impact results. Overall, the approach worked 

very well in practice and produces insightful and valuable results. Given that GIZ employment 

promotion interventions frequently operate in similarly disaggregated ways, the pilot in Jordan 

has proven that there are practical ways to address this methodologically.  

In substantive terms, the results show that:  

➢ Interventions in the group Labor Market Matching display the largest and consistently pos-

itive employment effects at least in the short term (6 months). On this basis, these inter-

ventions also appear to be the most cost-effective overall. 

➢ Interventions that combine Training and Matching increase the participants’ probability to 

be working after 6 months by 9 percentage points. While this is smaller than Matching 

alone, it is relatively large for this type of program in an international perspective. 

➢ The single Entrepreneurship measure in the evaluation displays a negative employment ef-

fect. This likely reflects that the program explicitly targets women to start their own home-

based day care business, and a follow-up timeline of 6 months may have been too short to 

identify positive labor market outcomes arising from this program. 

The country case study Serbia analyzes the employment impact of two separate modules that 

fall under the Program “Sustainable Growth and Employment in Serbia”.  

The first module “Reform of Vocational Education in Serbia” (VET) has aimed to improve the 

employment prospects of graduates from the Serbian vocational education and training system. 

To this end, the VET project has modernized six occupational profiles with elements of dual train-

ing in 52 vocational schools across Serbia. These schools are cooperating with 200 companies 

where students can complete their dual training program. To date, approximately 2,700 students 

have been trained in these occupations. For the evaluation, a Difference-in-Differences (DiD) 

methodology was implemented to assess the causal effect of graduating from a school with a 

modernized VET profile. In a nutshell, the DiD methodology compares the outcomes of students 
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enrolled in modernized profiles to comparable students enrolled in non-modernized profiles 

within and across schools.  

The results show that:  

➢ Overall, graduating from a modernized VET profile has a positive impact on perceived edu-

cation quality and characteristics of employment.  

➢ Graduates from modernized profiles are more satisfied with the quality of education, report 

better school conditions, perceive to be more ready for working, and are more likely to 

claim they would choose the same VET again. 

➢ While no measurable impact was found on the overall probability to be employed six 

months after graduation, students in modernized profiles are more likely to obtain their 

first job in the training companies. They are also more likely to use their VET skills and 

knowledge in their current job, and to earn higher wages. In particular, the last finding in-

dicates an important effect of the intervention towards improved long-term labor market 

success induced by the VET reform. 

The second module “Youth Employment Promotion” (YEP) supported Serbian unemployed 

youths aged 15 to 35 years in improving their labor market outcomes by implementing active 

labor market measures. The research project focused on estimating the impact for short-term 

skills trainings of two different types: First, matching youth to employer-based trainings offered 

by cooperating firms. Second, trainings in simulated workplace environments conducted by vo-

cational training institutes (VTIs). To measure participants’ labor market outcomes, two datasets 

are combined: first, large-scale administrative data provided by the National Employment Service 

(NES) were used. Second, a phone survey was conducted among training participants. The causal 

effect of participation in YEP on the labor market outcomes of 916 beneficiaries is estimated by 

identifying – via statistical matching procedures – similar unemployed individuals among 1.5 mil-

lion registered unemployed that did not participate in the training.  

The results show that:  

➢ Employer-based training has a sizeable and sustained impact on registered formal employ-

ment. One reason is that participants were largely hired and retained by the training firm. 

And even though an increasing share of the comparison group finds jobs over the 8 months 

after training end, the impact assessment suggests that participants still have a 45 percent-

age points higher employment probability. Quantitatively, this is a very large impact. 

➢ VTI-based trainings have a positive impact on formal employment, which takes longer to 

emerge. After 8 months, the probability to be registered as employed is 16 percentage 

points higher than in the absence of the project. In addition, medium-run trends show that 

the gap to the comparison group widens over time. Sub-sample analysis for early training 

cohorts suggests the impact increases to more than 22 percentage points after 16 months. 

This indicates a sustained gain in human capital. On top, the survey data show that a large 

share of the non-registered employment participants is likely informally employed.  

➢ The survey data analysis shows that the majority of employed participants in both trainings 

were very satisfied with their employment, were working in same field as the GIZ training 

and reported earnings roughly around the national median wage. 

The final case study discusses Rwanda, where an effort was made to implement rigorous im-

pact evaluations for selected interventions of the “Eco-Emploi” program. In a first step, an eval-

uability assessment was conducted across a large number of interventions. In contrast to the 
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case of Jordan, a homogeneous and overarching impact evaluation design was not suitable given 

the complexity of the interventions, differences in intervention logic, different target groups and 

differing timelines. Consequently, it was decided to focus on three interventions which were in 

principle suitable for a rigorous evaluation: WeCode, Training of Trainers (ToT-TVET), and “Fur-

ther Trainings”. Rigorous evaluation designs were developed for each intervention, but their im-

plementation was constrained by challenges that were specific to each intervention. Conse-

quently, the project team focused on developing specific solutions that would allow to imple-

ment the developed impact evaluation design in the future.  

➢ For the ICT training WeCode, the main challenge was that only a low number of individuals 

applied to the program who possessed sufficient English skills and the availability to commit 

full-time to the program. Hence, providing additional language support and a part-time 

course could thus increase the number of participants for future cohorts. 

➢ For ToT-TVET, a skills training for teachers of TVET profiles, the main challenge was data 

availability, as schools did not respond or provided incomplete information when re-

quested. One solution would be to organize self-administered surveys among students 

early-on, which collects extensive contact information for tracing. 

➢ For skills enhancement of TVET graduates (“Further Trainings”) small-scale, short-term 

trainings are implemented at different points in time. A more synchronized timeline by sec-

tor would allow to aggregate data to increase the sample size. Furthermore, eligibility cri-

teria for potential beneficiaries of the trainings should be established before the trainings 

in order to identify comparison groups. 

5.2.  Conclusions and lessons learned 

At the end of this 3-year research project involving the triangle of collaborateurs (1) GIZ Sector 

Project Employment Promotion – (2) GIZ country teams in Jordan, Rwanda, and Serbia – (3) RWI 

research team, there is one overarching conclusion: it is possible in practice to fruitfully imple-

ment a collaboration between development cooperation practitioners and academics to rigor-

ously assess employment effects of development cooperation interventions. This is not a small 

achievement: in a context in which practitioners typically have little time capacity to get involved 

in impact evaluation, and in which researchers often conduct studies at best loosely attached to 

actual development practice, it is a notable and important step ahead to bring practice and re-

search together and collaborate systematically and in a sustained way over a rather large period 

of time. 

In addition to showing that such a collaborative approach can work in practice, it is evidently 

the substantive results of the impact evaluation that are of value:  

First, the collaboration succeeded in devising tailormade – at the country, module, and inter-

vention level – research designs to measure employment impacts, and to collect the corre-

sponding data. In particular, in each of the three countries relevant and evaluable interventions 

were identified, and fit to rigorous methodological approaches – along with corresponding sur-

vey instruments etc. – for impact measurement. Perhaps even more importantly, the collabora-

tion succeeded in collecting the relevant data over a 3-year time period to actually put the rigor-

ous impact designs into practice.  

Clearly, this came with many challenges that needed to be solved, for instance: design the sur-

vey and identify a suitable comparison group – then actually track comparison individuals and 
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interview them; understand and solve implausibilities in the data; find the required data prepa-

ration capacity that interlinks the survey efforts of the local M&E staff with the researchers (FREN 

in the Serbian case; the RWI research data centre and additional local M&E staff in the Jordanian 

case), etc. But overall, the triangle of collaborateurs has had the patience and a long enough time 

horizon to resolve the obstacles. And sometimes a specific challenge cannot be overcome, such 

as the take-up of the WeCode intervention in Rwanda that in the end turned out to be too low 

to enable implementing the envisaged experimental design. But now that the design has been 

developed, this may still be implemented after the end of this research project.  

Second, the empirical findings show that German development cooperation interventions 

have significantly positive, and sometimes large, employment impacts. For instance, evidence 

from EPP Jordan shows that labor market matching interventions have the largest and most con-

sistently positive employment effects in the country; the Serbian VET results show that graduat-

ing from a modernized VET profile has a positive impact on perceived education quality and char-

acteristics of employment; and the Youth Employment Promotion impact evaluation in Serbia 

finds that employer-based training has a very large and sustained impact on registered formal 

employment, and that VTI-based training effects are equally large and materialize, in particular, 

in the longer run. 

Third, differential impacts across the range of interventions give important feedback for 

steering and future program design. Whereas the impact design for the Jordanian EPP is based 

on aggregating data across heterogeneous interventions, and produces information on overall 

impacts that way, it also gives EPP important feedback on the differential results by intervention 

(and corresponding information for steering, and for the next program phase): for instance, the 

fact that the training/matching interventions have the largest impacts. Or the fact that the en-

trepreneurship training cannot be expected to produce very short-run impacts on employment, 

as the female participants are still setting up their business. Moreover, from a GIZ perspective, 

the differential impacts across countries are likely to be very informative: to learn that labor 

market matching is indeed an effective intervention in a low demand labor market environment; 

to learn that modernizing VET is a promising approach; to learn that youths can be helped very 

effectively through on-the-job training. 

Fourth, data for impact evaluations of employment effects can be productively collected 

based on – and in connection with – existing M&E systems. As M&E systems are generally not 

geared towards satisfying the requirements of tailormade rigorous IE designs, typically they need 

some augmentation in practice: most often this would be through surveys collecting the required 

impact evaluation data (as in the cases of Jordan, Serbia’s VET, and Rwanda’s WeCode), but the 

case of Serbia’s YEP shows this can also be done with administrative sources, here in collabora-

tion with the National Employment Services NES. This result emphasizes the importance for eval-

uation researchers to comprehensively assess data availability and collectability both within the 

realm of the intervention (i.e. its M&E systems) but also to consider secondary sources, as these 

can be brought onboard in a very useful manner (as the Serbia YEP case proves). 

Fifth, it pays off for collaborative efforts in impact evaluation to start the exchange between 

intervention practitioners and researchers early on, ideally when designing the intervention or 

when starting it. This recommendation was made already in earlier work on assessing the effects 

of German development cooperation interventions (see, for instance, Kluve 2011, RWI 2013 and 

2014), and is a theme prevalent in general suggestions for good evaluation practice (Gertler et 
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al. 2016). This research project proves the actual value of this a priori recommendation in prac-

tice: in fact, it was possible to (a) devise rigorous and practicable designs, (b) collect the corre-

sponding data, and (c) produce meaningful and informative impact results precisely because the 

GIZ teams in the three countries and the research team started their collaboration already at the 

outset of program implementation, and then had a sufficiently long time period at hand to put it 

into practice. 

In addition to these main conclusions, there is a set of more specific experiences from this 3-

year project that deserve discussion, and that might inform future collaborations of a similar 

kind. 

One aspect concerns the integration of Monitoring and Evaluation, or, more specifically, the 

integration of existing M&E systems and practice with rigorous impact evaluation efforts. This 

has several dimensions: first, at the outset of the collaboration it is key to bring together “project 

thinking” – i.e. practitioners’ perspective on the intervention they implement – with “research 

thinking” – i.e. researchers’ perspective on what constitutes an appropriate rigorous impact eval-

uation design. For both sides, this involves empathy and an effort to understand the objectives, 

constraints, and modus operandi of the collaborating partner: for researchers, on the one hand, 

it implies an effort to understand how interventions work and may be evaluated (with corre-

sponding data collection), in a situation in which typically program documents – and often also 

M&E systems – are not written / designed with a rigorous impact evaluation in mind. For practi-

tioners, on the other hand, it implies an effort to understand why a control or comparison group 

is essential for impact evaluation, and why the issue of selectivity (i.e., who chooses to be in the 

intervention and why/how) is important, and why comprehensive data on as large a sample as 

possible are required for solid empirical evidence. 

Overall, the triangle of partners in this project has worked very well in this regard – nonetheless, 

the partners have identified several ideas how this process can be smoothed further: 

➢ The GIZ teams felt that it would have been useful at the outset of the collaboration (i.e. 

during the first country missions, or even beforehand) to get an overview about differ-

ent rigorous impact evaluation approaches by the researchers, so that it would be eas-

ier for them to have informed discussions and a better understanding of what the re-

searchers are testing / aiming at with potential research designs and data collection. 

One way to provide this, for instance, is indeed to have a dedicated session during the 

first country mission. Other pathways are provided, for instance, by the sector project 

Employment Promotion in Development Cooperation with its regular trainings on 

methods to assess employment effects. One of the two approaches would be clearly 

recommended to projects that plan to conduct a rigorous impact evaluation in the fu-

ture. 

➢ The research team finds there remains scope for project documents to be even more 

specific in delineating pathways to achieving outcomes – i.e. here: creating employ-

ment – that can be tested empirically. One possible pathway might be to intensify an 

exchange between researchers and program designers at a stage when the interven-

tions’ main results logic is being set up. This way impact evaluation efforts could be 

incorporated as early as possible. 
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Another aspect arising from this research project is that, even in a collaboration with external 

researchers, development cooperation programs need additional resources on top of their reg-

ular M&E staff if they are to engage in program-accompanying rigorous impact evaluation. This 

has proven to be a key practical finding across countries: in Jordan the solution has been to aug-

ment the project M&E staff, and in Serbia the solution has been to contract a local research 

institute to handle and collect data, and thus provide a link between program operators and 

external researchers from the RWI team. Whereas the GIZ programs within this research project 

were fully committed to making this pilot a success and thus made available the corresponding 

funding required, this practical results implies that for any other such efforts in the future an 

adequate budget supplement needs to be earmarked, preferably already during the project de-

sign phase.  

Looking back to the outset of this collaborative research project, the process of identifying the 

programs for this pilot exercise proved successful and can thus provide guidance for similar at-

tempts in the future. Key characteristics that were taken into account: (i) Focus regions of devel-

opment cooperation; (ii) type of intervention that is prototypical for development cooperation 

and/or addresses an important target group (youth; female youth); (iii) programs’ explicit inter-

est in rigorous impact evaluation of their intervention(s); (iv) Relatively large programs (either 

individually, or in aggregate as in Jordan), since rigorous impact evaluations will typically be the 

more robust the larger the sample size. 

Finally, whereas the length of this collaboration – three years – has been a key factor in its 

successful implementation – in particular, identifying and collecting the relevant data, and over-

coming practical challenges – there is one remaining, substantive factor, for which even more 

time would be useful: to assess the longer-term employment effects of the interventions, which 

– as at least the Serbian YEP case and the Jordanian Entrepreneurship intervention suggest – 

might be even larger and more positive than the short-term employment effects measured here. 
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Appendices 

A. Appendix Jordan 

Appendix Jordan 1: Monitoring overview of the EPP measures included in the impact evalua-

tion  

Table A1  
1A2 Luminus 

Code  1A2 Luminus 

Name of Measure Strengthening the cooperation between NGOs and the private sector/Luminus 

Location of Measure Irbid 

Implementing Partner Luminus 

Duration of Measure 15/8/2017-14/8/2018 

Responsible person FoA2/Zain Wahbeh 

Target Group 
Unemployed from Irbid governorate. 40% are women and 5% people with disa-
bilities  

Number of filled Q0 135 (not sure)! Male 54 Female 81 

Number of filled Q1 106 Male 42 Female 64 

In the database (as the Q0 is 
missing) 

103 Male 39 Female 64 

Number of dropouts  Male  Female  

Results of Q2 
One Q2 was not entered in the 
database! 

Intervention 
(interviewed) 

50  Male 19 Female 31 
Employment 
rate. T 

24% 

Comparison 
(interviewed) 

29 Male 14 Female 15 
Employment 
rate. C 

38% 

Total number of people em-
ployed (M1) 

25 (one Q2 was not 
entered in the db) 

Male  Female  

Measure Description 

The project aims to train 100 Jordanian youth (40% females),  
• Screening 325 – 350 unemployed Jordanian youth. 
• Selecting 100 unemployed Jordanian youth to participate in the training and 
employment. 
• Graduating at least 90% from the trainees. 
• Secure employment for at 80% from the trainees. 
• Assure 60% from those employed remain employed after 6 months. 
Activities: 
Activity 1:  
Orientation session & interviews for potential applicants 
Activity 2: 
Selection of participants  
Activity 3: 
Enrolment in soft skills training and technical training in Retail sector  
Activity 4:  
Enrolment in soft skills training and technical training in hospitality sector  
Activity 5:  
Enrolment in soft skills training and technical training in garment sector 
Activity 6:  
Enrolment in soft skills training and technical training in Call Center  
Activity 7 
Matching with employers  
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Table A2  
2A2 Loyac 

Code  2A2 Loyac 

Name of Measure Strengthening the cooperation between NGOs and the private sector/Loyac 

Location of Measure Balqa 

Implementing Partner Loyac 

Duration of Measure  01.07.2017 until 31.08.2018 

Responsible person FoA2/Ruba 

Number of filled Q0 94 Male 19 Female 75 

Number of filled Q1 30 Male 9 Female 21 

Number of dropouts 21 Male 2 Female 19 

Results of Q2 

Intervention 

(inter-
viewed) 

25 Male 6 Female 19 
Employment 
rate. T 

64% 

Comparison 

(inter-
viewed) 

21 Male 1 Female 20 
Employment 
rate. C 

24% 

Total number of people em-
ployed (M1) 

19 Male  Female  

Measure description 

Organizing internships for people with academic background in Balqa. 

Activities: 

Activity1: 

Selection of Participants  

Activity2 

Training the Job Seekers (soft skills)  

Activity3 

English Language Training  

Activity4 

Orientation workshop for Companies  

Activity5 

Matching the candidates with the job opportunities (Internship) 

Activity 6 

Mentoring Session  

Activity 7 

Placing Students in Employment 
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Table A3  
3A2 Toyota 

Code  3A2 Toyota 

Name of Measure 
Strengthening the cooperation between NGOs and the private sec-
tor/Toyota 

Location of Measure Participants in Irbid but training in Amman 

Implementing Partner Al-markaziah TOYOTA 

Duration of Measure  

Responsible person FoA2/Zain Wahbeh 

Target Group Jordanian unemployed from BSc holders, diploma and blue collar  

Number of filled Q0 15 Male 15 Female 0 

Number of filled Q1 12 Male 12 Female 0 

Number of dropouts 3 Male 3 Female 0 

Results of Q2 

Interven-
tion 

(inter-
viewed) 

12 Male 12 Female 0 
Employ-
ment rate. T 

50% 

Compari-
son 

(inter-
viewed) 

 Male  Female  
Employ-
ment rate. C 

 

Total number of people employed 
(M1) 

6 Male 6 Female 0 

Measure description 

Partnership agreement On-the-Job-Training and Employment of Jorda-
nian Unemployed Graduates with focus on the Irbid Governorate. 

Activities: 

Activity 2 

Soft skills training  

Activity 3 

On job training 
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Table A4  
5A2 CBOs 

Code 5A2 CBOs 

Name of Measure 
Creating Sustainable Employment in the Garment and Textile Sector in the Karak Gover-
norate 

Location of Measure Karak 

Implementing Partner Garment Service Center 

Duration of Measure 01.10.2017 -30.11.2018 

Responsible person FoA2/Ruba 

Number of filled Q0 298 Male 0 Female 

298 (declarations of consent 
        were missing for some    
        more  
Q0. So, we could not enter  
        them in the db) 

Number of filled Q1 152 Male 0 Female 
146 (in the db. Not all of the 
152 entered in the db as some 
        Q0 were missing) 

Number of dropouts 17 Male  Female 17 

Results of Q2 

Intervention 

(interviewed) 
128 Male 0 Female 128 

Employment 
rate. T 

25% 

Comparison 

(interviewed) 
99 Male 0 Female 99 

Employment 
rate. C 

16% 

Total number of people employed 
(M1) 

38 Male 0 Female 38 

Measure description 

 

 

P.S: NOT ALL PILLARS WERE IMPLE-
MENTED & NOT ALL ACTIVITIES 
HAD TOOK PLACE 

Pillar 1 – CBO development in the KARAK Governorate 

15 employed people should have job sustainability by supporting textile and handicraft 
CBOs in KARAK working in the local economy 

Pillar 2 – Job Creation for Jordanian People and “Better Work Activities” in the Garment 
Sector in the KARAK Governorate 

 At least 100 of trained people will be employed 

At least 70% of the employed are still employed after the first 6 months of the job place-
ment 

At least three Jordanian mentors (in particular females) are trained on mentoring in each 
of the designated factories by 

Pillar 3: Creative Jordan Initiative: To support new products and fashion designs 

At least one fashion designer will work with one CBO in the designated area to develop the 
CBO products 

One full collection is created by “Creative Jordan” in cooperation with selected CBOs. 

Activities: 

Activity1 

Make a diagnostic study and analyses of CBOs  

Develop the HR system & Health and safety procedure at CBOs 

Procure Needed machine 

Activity2 

Technical Training sessions at CBOs 
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Table A4 continued  

 

Activity3 

Develop a sales & marketing strategy and customer services procedure at CBOs 

Create partnership for the 3 selected CBOs with other CBOs  

Awareness seminar for all 3 CBOs related to access to finance 

Activity4 

Marketing training at CBOs 

Activity5 

Activity6 

Train CBOs staff on design  

Activity7 

Develop Job description for each profession 

Develop a training curriculum for each profession 

Activity8 

Prepare and sign an agreement with the employers  

Activity9 

Conduct the TOT training for each profession 

Activity10 

Conduct the training program for each profession phase 1 

Activity11 

Conduct the training program for each profession phase 2 

Activity12 

Conduct the training program for each profession phase 3 

Activity 13 

Integration of the trainees gradually in the facility of the future employer 

Activity 14 

Mentoring Session 

Activity 15 

Conduct a diagnostic of the current situation of the employer’s facility related to the ILO 
standard – Decent work 

Activity16 

Organizing a seminar to raise the awareness in investing in product development 

Activity17 

Participating at one Bazzar, fair or exhibition in Jordan 

Activity18 

Organizing a fashion show in Amman for the collection of 2018 
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Table A 5  
8A3 HBDC1 

Code  8A3 HBDC1 

Name of Measure 
Enhancing Employment opportunities for women/ Participation on newly developed 
training measures 

Location of Measure All governorates 

Implementing Partner GFA Consulting Group GmbH 

Duration of Measure 2018 

Responsible person FoA 3 

Target Group Care givers and women who want to establish their own or work in a nursery 

C2 (Passed the exam) 0 Male 156 Female 156 

Total number of participants* who have 
already a job (Worker) Indicator (M2) (be-
fore measure) 

0 Male 56 Female 56 

Number of filled Q0 0 Male 222 Female 222 

Number of filled Q1 0 Male 169 Female 169 

Number of dropouts 0 Male  Female 
19 or 18 (Ma’an will be 
checked asap.) 

Results of Q2 

Intervention 
(interviewed) 

 Male 78 Female 78 
Employment rate. 
T 

15% 

Comparison 
(interviewed)  

0 Male 21 Female 21 
Employment rate. 
C 

43% 

Total number of people employed (M1)  Male 12 Female 
12 (accurate data to be 
received from the Data-
base) 

Measure description 

Basic principle training for care givers who run home based day care, this training 
should be mandatory for each care giver in the field of HBDC, it is a precondition for 
the registration process, a newly created labour market policy measures. 

Activities: 

Activity 1 

Introduction of HBDC basic training in Balqa, Ma’an & Tafilah, Ajloun, Karak, Mafraq, 
Deir Alla, Zarqa and Rusaifeh, Zarqa and Rusaifeh, and Irbid 
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Table A 6  
11A3 NRC 

Code  11A3 NRC 

Name of Measure Employment related training measures / Employability skills training  

Location of Measure Irbid and Mafraq 

Implementing Partner In cooperation with NRC 

Duration of Measure August till November 2017 

Responsible person FoA3 

Target Group Jordanian and Syrian youth (M&F) with age between 20-33 years old  

Number of Syrian partici-
pants* Indicator (C1) (in-
cluded in the total number) 

15 Male 9 Female   6 

Number of filled Q0 72 Male 24 Female 48 

Number of filled Q1 31 (inc syr.) Male 3 Female 28 

Number of dropouts 11 (1 syr) Male 7 Female   4 (1 syr) 

 Results of Q2 

Intervention 

(interviewed) 
79 Male 0 Female 79 

Employment 
rate. T 

15% 

Comparison 

(interviewed) 
21 Male 0 Female 21 

Employment 
rate. C 

43% 

Total number of people 
employed (M1) 

 Male  Female  

Number of Syrian em-
ployed C1 ((included in the 
total number)) 

 Male  Female   

Measure description 

related trainings for Syrian Refugees as well as Jordanian young people should be conducted/ Em-
ployability skills training. 

Activities: 

Activity1 

Implementation of training measures/ Employability skills training in Irbid 

Activity2 

Implementation of training measures/ Employability skills training in Mafraq. 
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Table A 7  
12A2 EFE 

Code  12A2 EFE 

Name of Measure Sustainable employment of people with academic background 

Location of Measure Karak, Ma’an, Balqa 

Implementing Partner EFE 

Duration of Measure 01-08-2017—31-08-2018 

Responsible person FoA2/Ruba 

Number of filled Q0 109 Male 27 Female 82 

Number of filled Q1 (Completed the 
OJT, or direct employment) 

61 Male 15 Female 46 

Number of dropouts 17 Male 4 Female 13 

Results of Q2 

Intervention 
interviewed  

53 Male 13 Female 40 
Employ-
ment rate. T 

34% 

Comparison 
interviewed  

22 Male 5 Female 17 
Employ-
ment rate. C 

55% 

Total number of people employed 
(M1)  

21 Male  Female  

Measure description 

Organizing internships for people with academic background in Karak, Ma’an and Balqa. 

Activities: 

Activity1 

Market Assessment 

Activity2 

Sourcing participants. 

Activity3 

5 days of Workplace Success Training for participants in Ma’an, Karak and Balqa  

Activity4 

5 days of Finding a Job Is a Job Training for participants. 

Activity5 

5 days of Customer Service Training 

Activity6 

3 months of OJT / Internship  

Activity7 

Job Placement (60%) 
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Table A 8  
13A2 Loyac 

Code  13A2 Loyac 

Name of Measure Sustainable employment of people with academic background/Loyac 

Location of Measure Irbid  

Implementing Partner Loyac 

Duration of Measure 15/9/2017-15/9/2018 

Responsible person FoA2/Zain Wahbeh 

Target Group 
Jordanian Nationality, Fresh graduates and unemployed, Iive in Irbid but don’t mind working in 
other governorates, completed successfully the application form, pass personal interview  

Number of filled Q0 137 Male 19 Female 118 

Number of filled Q1 55 Male 12 Female 
43 (2 participants didn’t fill Q1, 
but according to service provider 
records they finalized the training 

Q1 in the db 47 Male 7 Female 
40 (not all of Q1 could be entered 
in the db as their Q0 was missing) 

Number of dropouts 33 Male 8 Female 25 

Results of Q2 (8 out of them are 
not in the data base. So, the sec-
ond number are the numbers in 
the db 

Intervention 

(interviewed) 

47 

39 
Male 

10 

5 
Female 

37 

34 

Employment 
rate. T 

36.2% 

Comparison 

(interviewed) 

49 

41 
Male 

4 

4 
Female 

45 

37 

Employment 
rate. C 

18.4% 

Total number of people em-
ployed (M1)  

20 Male  Female  

Measure description 

implement an internship programme for unemployed graduates in the Irbid governorate (of 
which 50% will be female, and 5% persons with disabilities).  
• 75 candidates are selected for the internship program.  
• Capacity building, soft skills and English Language training, and professional guidance and 
mentoring are provided to those 75 candidates.  
• 80% (60) of those selected remain enrolled in the internship program for the lifetime of the 
program. 
• 60% (45 participants) of that candidates complete their internship and transition into stable 
employment.  

Activities: 

Activity 1:  

Distribution and filling application  

Activity 2: 

Interviewing applicants  

Activity 3: 

soft skills training  

Activity 4:  

English Course training  

Activity 5  

Direct Employment  
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Table A 9  
15A2 EPU 

Code  15A2 EPU 

Name of Measure Promotion of Sustainable Employment in Irbid-Through the Employment Promotion Unit 

Location of Measure Irbid 

Implementing Partner Irbid Chamber of Industry (ICI) 

Duration of Measure 1st March 2018-29th Feb 2020 

Responsible person L Schmid GIZ, Maram Nabi (EPU) Maram_Nabi@JordanWFD.org 

Target Group 1200 jobseekers, at least 30% women from Irbid governorate  

Number of Syrian participants* Indica-
tor (C1) (included in the total number) 

11 Male 9 Female 2 

Number of filled Q0 421 Male 207 Female 214 

Number of filled Q1 421 Male 207 Female 214 

Number of dropouts  Male  Female  

Results of Q2 (traced until batch 11) 

Intervention 

(interviewed) 
178 Male 86 Female 92 

Employment 
rate. T 

59% 

Comparison 

(interviewed) 
 Male  Female  

Employment 
rate. C 

% 

Total number of people employed 
(M1) (6 months indicator) 

                              282 

This number was al-
ready reported 

Male  Female  

Measure description 

Provide sustainable employment for at least 900 jobseekers within two years (found a 
job six months after placement). Place and provide core employability skills for at least 
1200 jobseekers. In doing so, the capacities of the EPU to provide demand-oriented 
matching services and support the sustainability of employment trough providing job 
quality improvement measures in companies and the employability skills of job seekers 
will be enhanced. 

Provide sustainable employment for at least 900 jobseekers within two years (found a 
job six months after placement). Place and provide core employability skills for at least 
1200 jobseekers. In doing so, the capacities of the EPU to provide demand-oriented 
matching services and support the sustainability of employment trough providing job 
quality improvement measures in companies and the employability skills of job seekers 
will be enhanced. 

Activities: 

Activity 1: Outreach and Awareness raising events 

Activity 2: Provision of Core employability skills 

Activity 3: Matching and placement of jobseekers 

Activity 4: Employers breakfast / dialogue 
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Table A 10  
17A2 MMIS 

Code  17A2 MMIS 

Name of Measure Supporting Carrier Days and Recruitment Processes 

Location of Measure Irbid and Amman 

Implementing Partner MMIS 

Duration of Measure March 2018 – December 2018 

Responsible person FoA2 / Zain Wahbeh 

Target Group 
Irbid: Unemployed jobseekers, 

Amman: Unemployed VTC and university graduates from Irbid and Balqa    

Number of filled Q0 958 Male 377 Female 581 

Number of filled Q1 68 Male 14 Female 
54 (one Q1 was not entered in the 
db because its Q0 is missing 

Number of dropouts  Male  Female  

 Results of Q2  

Intervention 

(inter-
viewed) 

35 Male 6 Female 29 
Employment 
rate. T 

74.3% 

Comparison 

(inter-
viewed) 

 Male  Female  
Employment 
rate. C 

% 

Total number of people employed (M1) 49 Male  Female  

Measure description 

The measure aims 

to design and implement the recruitment process for matching and sustainable place-
ment of Jordanian job seekers 

to organize and implement career days in Irbid and Amman 

to ensure sustainable employment of employed jobseekers  

Activities: 

Activity1 

Design and implement the recruitment process 

Activity2 

Implement career day in Irbid  

Activity3 

Matching process  

Activity 4 

Recruitment 
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B. Appendix Serbia 

Appendix Serbia 1: DiD Example  

Assume that: 

• GIZ schools are located in better areas 

• Welders generally have worse employment chances than auto mechanics.  

The fact that GIZ schools are located in better areas can be seen from the fact that auto mechan-

ics from GIZ schools have better employment rates than auto mechanics from non GIZ schools. 

The fact that welders in non GIZ schools have worse outcomes than auto mechanics suggests 

that welders are less employable.  

The difference-in-difference methodology would yield the following calculation: 

 

𝑇𝑟𝑢𝑒 𝑖𝑚𝑝𝑎𝑐𝑡 = (80% − 70%) −  (50% − 60%) 

= 10% − (−10%)  =  20% 

 

The true impact would thus be 20%, meaning that students in the intervention group have a 20% 

better chance of employment thanks to the program. 

Figure A1  

Employment rates of intervention and comparison group students 

 

Note: Own illustration.  
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Appendix Serbia 2: Additional tables 

Table A 11  
Intervention School Profiles 

No.  Intervention school City Intervention profiles 
Comparison profile (Com-
parison group 1) 

1 Elektrotehnička škola 
"Mihajlo Pupin" 

Novi Sad Electrician Electromechanic for ther-
mal and cooling devices 

2  Tehnička škola "Kolu-
bara" 

Lazarevac Electrician Electromechanic for ma-
chines and equipment 

        Car electrician 

3 Tehnička škola "Ivan 
Sarić" 

Subotica Industrial mechanic Driver 

4 Tehnička škola "Milenko 
Verkić Neša" 

Pećinci Industrial mechanic Electromechanic for ther-
mal and cooling devices 

4 Srednja tehnička škola 
"Nikola Tesla" 

Sremska Mi-
trovica 

Locksmith-welder Car mechanic 

    Welder 

5 Tehnička škola "Zmaj" Beograd-Zemun Locksmith-welder Computer guidance tech-
nician 

6 Tehnička škola Mladenovac Locksmith-welder Car electrician 

    Machine-Locksmith 

7 Tehnička škola Obrenovac Locksmith-welder Car mechanic 

        Installer 

        Machine-Locksmith 

9 Politehnička škola Kragujevac Locksmith-welder Car mechanic 

    Operator for machine 
processing 

10 Mašinska tehnička škola 
"14.oktobar" 

Kraljevo Locksmith-welder Car mechanic 

        Installer 
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Table A 12  
Comparison schools and profiles 

No.  Comparison school City 
Profile 
(Comparison group 2) 

Profile  
(Comparison group 3) 

1 Tehnička škola Prijepolje Electro installer 
Electromechanic for ther-
mal and cooling devices 

2 
Školski centar "Nikola 
Tesla" 

Vršac 
Electromechanic for ma-
chines and equipment 

Electromechanic for ther-
mal and cooling devices 

3 Elektrotehnička škola Požarevac Electro installer 
Electromechanic for ther-
mal and cooling devices 

4 
Srednja škola "Lukijan 
Mušicki" 

Temerin Installer 
Electromechanic for ther-
mal and cooling devices 

   Welder Car mechanic 

5 
Tehničko - poljop-
rivredna škola 

Sjenica Installer Car mechanic 

      Locksmith   

6 
Tehnička škola "Nikola 
Tesla" 

Šid Locksmith Car mechanic 

7 Tehnička škola Trstenik 
Operator for machine pro-
cessing 

Car mechanic 

8 Mašinska škola Pančevo 
Operator for machine pro-
cessing 

Car mechanic 

9 Tehnička škola Šabac 
Operator for machine pro-
cessing 

Car electrician 

10 
Tehnička škola "Mileta 
Nikolić" 

Aranđelovac 
Operator for machine pro-
cessing 

Car mechanic 

11 
Srednja škola "1300 ka-
plara" 

Ljig Welder Car mechanic 

12 Srednja škola Krupanj Welder Car mechanic 

13 
Srednja tehnička škola 
"Mihajlo Pupin" 

Kula Welder Car mechanic 

14 Tehnička škola Odžaci Welder Car mechanic 

15 Tehnička škola Smederevo Welder Car electrician 

16 Tehnička škola Loznica Welder Car mechanic 

17 Srednja tehnička škola Sombor Welder Car mechanic 

18 
Tehnička škola "Nikola 
Tesla" 

Kostolac Welder Car mechanic 

19 Tehnička škola Kikinda Welder Driver 

20 Srednja mašinska škola Novi Sad Welder Car mechanic 

21 Elektrotehnička škola Beograd-Zemun   
Electromechanic for ther-
mal and cooling devices 
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Table A 13  
Number of students enrolled by grade, dropout rates and graduation rates by profile group 

 Intervention schools Comparison schools Total 

Profile 
Intervention 
group 

Comparison 
group 1 

Comparison 
group 2 

Comparison 
group 3 

  

Number of schools 10 10 20 21 31 

Number of students enrolled in first year 274 248 284 318 1124 

First year dropouts 46 71 34 26 177 

Number of students enrolled in second 
year 

224 194 257 282 957 

Second year dropouts 19 22 17 13 71 

Number of students enrolled in third 
year 

208 165 231 268 872 

Third year dropouts 5 6 8 17 36 

Total dropouts 70 99 59 56 284 

Number of students graduating 193 154 201 224 772 

Dropout rate 0.26 0.4 0.21 0.18 0.25 

Graduation rate (w.r.t. first year enroll-
ment) 

0.7 0.62 0.71 0.7 0.69 

Note: Own calculations 
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Appendix Serbia 3: 6-month follow-up phone survey 

Questionnaire 
GIZ vocational education training  
6-month follow-up phone survey  

Final Version, 1. Dec. 2018 
 

Color Scheme:  

[text] – Instructions for enumerators 

Text  – Text to be adapted, depending on interview partner 

Text  – Variable name to be inserted from baseline questionnaire 

Nr  – Questionnaire number, to be adapted  

[Please note any irregularities or problems during the interview in the notes field on the final survey page. Please also note 
the correct participant telephone number if obtained in this field.] 

Date of filling out the form ______________[DD/MM/YYYY] 

Section 1: Verification and introduction 

ID.1. [Please call IntervieweeMobileNumber] 
Hello. Am I talking to IntervieweeFullName? 
1.1. Yes → ID.2 
1.2. No → ID.3 

 
ID.2. [Introduction] 

Good day. My name is Name of interviewer and I am calling from the Faculty of Economics in Belgrade on behalf of 
the German Development Cooperation. We conduct research on the effectiveness of the vocational education train-
ing profile that you attended. We are calling you because you participated in our survey last year and you gave us 
your phone number so that we can call you again. This phone survey will take no more than 7 minutes. The ques-
tionnaire is anonymous and all questions are voluntary to answer. Would you be willing to participate in the survey? 
[The interviewee can further elaborate on how the data will be used if the respondent is unsure: The information we 
gather will be used for research purposes and will be dealt with in highest confidentiality and are only used to im-
prove the vocational educational profile and training for future participants.] 
2.1. Yes → Q.1  
2.2. No → ID.5 

 
ID.3. [Wrong number] 

I would like to speak to IntervieweeFullName regarding his vocational education and training. Do you know Inter-
vieweeFullName? Would you be able to refer me to IntervieweeFullName or provide a current mobile number? 
[Please take notes detailed outcomes of the call (e.g. why the interviewee did not provide the participants phone 
number). In case the interviewee does not provide the participants number, please ask whether the interviewee 
knows about his current location, or knows other people through which the participant could be reached. Please 
take notes] 
3.1. Does not know participant → ID.4 
3.2. Knows participant and provided telephone number → ID.6  
3.3. Knows participant but did not provide telephone number → ID.4 

 
ID.4. [Please call landline number.] 

Hello. My name is Name of interviewer and I would like to speak to IntervieweeFullName regarding his vocational 
education and training. Do you know IntervieweeFullName? Would you be able to refer me to IntervieweeFullName 
or provide a current mobile number? 
 [Please take notes detailed outcomes of the call (e.g. why the interviewee did not provide the participants phone 
number). In case the interviewee does not provide the participants number, please ask whether the interviewee 
knows about his current location, or knows other people through which the participant could be reached. Please 
take notes.] 
4.1. Participant responded to the call → ID.1 
4.2. Does not know participant → ID.5 
4.3. Knows participant and provided telephone number → ID.6 
4.4. Knows participant but did not provide telephone number → ID.5 
4.5. No `landline phone number provided → ID.5 

 
ID.5. [Reason that interview could not be conducted.] 

5.1. No correct phone number available.  
5.2. Participant and/or related person could not be contacted. Please note details.  
5.3. Participant not willing to take part in the survey. Please note reasons. 
5.4. Other: [Provide reason as text 
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ID.6. [New phone number provided.] 
6.1. _________________________[insert updated phone number] → ID.1 
6.2. Does not apply 

 

Section 2: Education 

Q.1.  Which school and educational profile did you attend during secondary school? 

[Please let the interviewee tell the name of the school and profile and compare it to the data in the students list.] 

1.1. School and profile coincide with the data provided in the students' list 

1.2. School and profile do not coincide with the data provided in the students' list, please explain (please write down 
the name of the school and profile that the student attended) 

_____________________________ 

1.a. Does not want to answer 

1.b. Does not know 

Q.2. On a 1 to 5 points scale, how would you rate the overall quality of your secondary education? 

2.1. 1-Very Poor  

2.2. 2-Poor    

2.3. 3-Acceptable    

2.4. 4-Good    

2.5. 5-Very Good    

2.a. Does not want to answer 

2.b. Does not know 

Q.3. On a 1 to 5 points scale, how would you rate the equipment and conditions of the school for performing practical 
training? 

3.1. 1-Very Poor  

3.2. 2-Poor    

3.3. 3-Acceptable    

3.4. 4-Good    

3.5. 5-Very Good    

3.a. Does not want to answer 

3.b. Does not know 

Q.4. On a 1 to 5 points scale, how would you rate the equipment and conditions of the company for performing practical 
training? 

4.1. 1-Very Poor  

4.2. 2-Poor    

4.3. 3-Acceptable    

4.4. 4-Good    

4.5. 5-Very Good    

4.6. Does not apply (did not have practical training in company) 

4.a. Does not want to answer 

4.b. Does not know 

Q.5. If you had an opportunity to choose again, how likely is it that you would choose the same educational profile? 

5.1.  Very unlikely (0 – 20%) 

5.2. Unlikely (21 – 20%) 

5.3. Maybe (41 – 60%) 

5.4. Likely (61 – 80%) 

5.5. Very likely (81 – 100%) 

5.a. Does not want to answer 

5.b. Does not know 

Q.6. In which month did you finish secondary school? 

6.1. _________ [Calendar month] 

6.2. _________ [Calendar year] 

6.3. Did not graduate from secondary school → Q.8 
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6.a. Does not want to answer 

6.b. Does not know 

Q.7. What was your grade average in the third year of secondary school?  

7.1. Not sufficient 

7.2. Sufficient 

7.3. Good 

7.4. Very good 

7.5. Excellent 

7.a. Does not want to answer 

7.b. Does not know 

Q.8. On a 5-point scale, how well prepared did you feel for working after you left school? 

8.1. 1-Not prepared at all  

8.2. 2-Not prepared  

8.3. 3-Somewhat 

8.4. 4-Well prepared 

8.5. 5-Very well prepared 

8.a. Does not want to answer 

8.b. Does not know 

Q.9. Did you start any additional education or training after you left school? 

[Please explain to the respondent that the training could have been a training period preceding employment with the 
current employer.] 

9.1. Yes → Q.10 

9.2. No → Q.11 

9.a. Does not want to answer→ Q.11 

9.b. Does not know→ Q.11 

Q.10. Which type of education did you start after you left school? 
[Please let the respondent provide an open answer first and tick the respective category, then ask if this is the only 
kind of education he considered (please tick all that apply)] 

10.1. 4-year vocational secondary school → Q.13 

10.2. Training/internship/apprenticeship at the employer/firm where I went during secondary school → Q.13 

10.3. Training/internship/apprenticeship with a different employer/firm → Q.13 

10.4. Private training provider, please specify: _________________________ → Q.13 

10.5. Public training provider (e.g. NES), please specify: _________________________ → Q.13 

10.6. Other, please specify: ____________________________________ → Q.13 

10.a. Does not want to answer→ Q.13 

10.b. Does not know→ Q.13 

Q.11. Do you plan to continue with further education or training in the next two years?  

11.1. Yes → Q.12 

11.2. No → Q.15 

11.a. Does not want to answer→ Q.17Q.15 

11.b. Does not know→ Q.15 

Q.12. What kind of education do you plan to continue?  
[Please let the respondent provide an open answer first and tick the respective category, then ask if this is the only 
kind of education he considered (please tick all that apply)] 

12.1. 4-year vocational secondary school 

12.2. College 

12.3. University  

12.4. Training at the employer/firm where I went during secondary school 

12.5. Training with a different employer/firm 

12.6. Other training measure (e.g. by NES), please specify: ______________________ 

12.7. Other, please specify: _____________________________ 
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12.a. Does not want to answer→ Q.15 

12.b. Does not know→ Q.15 

Q.13. Is this education or training in the professional field of your vocational education? 

13.1. Yes → Q.15 

13.2. No → Q.14 

13.a. Does not want to answer→ Q.15 

13.b. Does not know→ Q.15 

Q.14. What is the reason you want to continue with another professional field?  
[Please let the respondent provide an open answer first and tick the respective categories, then ask if this is there 
are any other reasons (please tick all that apply)] 

14.1. I realized that this professional field is not right for me 

14.2. There are no job vacancies in this professional field 

14.3. The pay is too low in my field 

14.4. My parents would like me to change to a different field 

14.5. I am not interested in my field of studies 

14.6. The work is too demanding in my field 

14.7. Other, please specify: _______________ 

14.a. Does not want to answer 

14.b. Does not know 

Section 3: Employment status 

Q.15. We would like to know how easy it was for you to find a job after graduating from secondary school.  
In the past months since graduating, did you ever perform any work to earn an income (either as an employee, 
being self-employed or on occasional jobs / freelancing)?  
[Please make clear that this may include working as an employee, being self-employed or on occasional jobs / 
freelancing, in a family business or at a (paid) internship.] 

15.1. Yes →  Q.16 

15.2. No →  Q.35  

15.a. Does not want to answer  →  Q.35  

15.b. Does not know  →  Q.35  

Q.16. Could you kindly tell in which of the past six months after graduation you were working, in education or not em-
ployed?   
[Categories for each month should be inferred from the interviewer. Tick all that apply in each month. Please probe 
the question extensively. For each month, tick the respective number ]  
 

 1 =  
employed 

2 =  
selfem. or 
free-lanc-
ing 

3 =  
in educ. 
or train-
ing 

4 = 
looking 
for work 

5 =  
inactive 

99 = 
other 

.a = 
Does not 
know 

.b = 
Doesn’t 
want to 
answer 

16.1. June         

16.2. Jul.         

16.3. Aug         

16.4. Sept         

16.5. Oct.          

16.6. Nov.         

 

Q.17. Do you currently perform any work to earn an income (either as an employee, being self-employed or on occa-
sional jobs / freelancing)?  
[Please make clear that this may include working as an employee, being self-employed or on occasional jobs / 
freelancing, in a family business or at a (paid) internship.] 

17.1. Yes →  Q.18 

17.2. No →  Q.33 

17.a. Does not want to answer →  Q.33     

17.b. Does not know →  Q.33     
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Q.18. How do you currently earn an income?  
[Please read the available options to the respondent. Please probe the question extensively by reading other prob-
able categories to the respondent. Please tick all that apply.] 

18.1. Full-time employed  

18.2. Part-time employed 

18.3. Self-employed (without employees)  

18.4. Owner of a company with ___________employees 

18.5. Working on occasional jobs (own-account worker / freelancer)  

18.6. Paid work as intern  

18.7. I work in a family business 

18.8. Other, please specify: ________________________________  

18.a. Does not want to answer 

18.b. Does not know 

Q.19. Do you currently work in the job where you first started working after you finished secondary school? 
[Clarify that this could also be the self-employment / business / freelance work they started after graduating sec-
ondary school.] 

19.1. Yes → Q.21 

19.2. No  → Q.20 

19.a. Does not want to answer→ Q.21 

19.b. Does not know → Q.21 

Q.20. What are the reasons why you stopped working in the first job that you started after graduating from secondary 
school? 
[Please let the respondent provide an open answer first and tick the respective categories (tick all that apply). Then 
ask if this is there are any other reasons and note these in the other field. Please probe the question to elicit all rea-
sons.] 

20.1. Left for a better job 

20.2. Dismissed/fired 

20.3. Unhappy with workplace 

20.4. Temporary job has ended 

20.5. Health reasons 

20.6. Started education/training/apprenticeship job 

20.7. Other, please specify__________________________________ 

20.a. Does not want to answer 

20.b. Does not know 

Q.21. Was your first work a job in the company where you went for training during secondary school? 

21.1. Yes → Q.25 

21.2. No → Q.22 

21.3. Does not apply: Did not have practical training in company → Q.25 

21.a. Does not want to answer→ Q.22 

21.b. Does not know→ Q.22 

Q.22. How did you find your current work?  
[Please let the respondent provide an open answer first and tick only the most relevant category. If the respondent 
has more than one job, ask about the main job.] 

22.1. Through my previous employer or vocational training institute / school 

22.2. Personal contacts (family, friends) 

22.3. Applying to job advertisements (internet/newspaper/radio/TV) 

22.4. Direct application to employer 

22.5. Job fair  

22.6. Placement/support national employment service  

22.7. Placement/support private employment service  

22.8. Registration of a new agency or company in the Agency for Regulatory Records (for self-employed and en-
trepreneurs) 

22.9. other, please specify: ________________ 

22.a. Does not want to answer 

22.b. Does not know 
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Q.23. Is your current work related to what you studied in secondary school? 

23.1. Yes 

23.2. No 

23.a. Does not want to answer 

23.b. Does not know 

Q.24. On a 1-5-point scale, how helpful was your secondary education to start at your current job (or being a freelancer / 
self-employed)?  

24.1. 1-Not helpful at all 

24.2. 2-Not very helpful  

24.3. 3-Somewhat helpful 

24.4. 4-Helpful 

24.5. 5-Very helpful 

24.a. Does not want to answer 

24.b. Does not know 

Q.25. How many working hours do you work in a usual day?  

25.1. _______hours 

25.a. Does not want to answer 

25.b. Does not know 

Q.26. How many days do you work in a usual week? 

26.1. ______ days  

26.a. Does not want to answer 

26.b. Does not know 

Q.27. Please estimate your current income in a usual month from all sources of income. If you are self-employed or a 
business owner, estimate the average income generated for you by your business. Please state either the exact 
amount or an appropriate category:  

[Before asking this question, please remind the respondent that the questionnaire is anonymous.] 

27.1. Exact amount: ______________ RSD 

27.2. Less than 17000 RSD 

27.3. Between 17.001 and 25.000 RSD 

27.4. Between 25.001 and 35.000 RSD 

27.5. Between 35.001 and 45.000 RSD 

27.6. Between 45.001 and 60.000 RSD 

27.7. Between 60.001 and 80.000 RSD 

27.8. More than 80.001 RSD 

27.a. Does not want to answer 

27.b. Does not know 

Q.28. Are you currently employed on the basis of …?  

28.1. A written contract 

28.2. An oral contract 

28.a. Does not want to answer 

28.b. Does not know 

Q.29. Is your contract/agreement of …? 

29.1. Unlimited duration → Q.31 

29.2. Limited duration → Q.30 

29.a. Does not want to answer→ Q.31 

29.b. Does not know→ Q.31 

Q.30. Why is your contract or agreement of limited duration? 

30.1. On the job training, internship 

30.2. Probation period 

30.3. Seasonal work 

30.4. Occasional/daily work 
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30.5. Work as replacement/substitute 

30.6. Public employment programme 

30.7. Specific service or task 

30.8. Other, please specify _______________  

30.a. Does not want to answer 

30.b. Does not know 

Q.31.  In your current job, can you benefit from the following services …? 

[Please read each category to the respondent and tick all that apply.] 

31.1. Annual paid leave (holiday time) 

31.2. Paid sick leave 

31.3. Pension/old age insurance 

31.4. Medical insurance coverage 

31.5. Social security contribution 

31.a. Does not want to answer 

31.b. Does not know 

Q.32. On a 1 to 5-point scale to what extent are you satisfied with your current work situation?  

32.1. 1-Not at all, please specify why not: _______________________    

32.2. 2-Not much   

32.3. 3-Somewhat        

32.4. 4-Much  

32.5. 5-Very much 

32.a. Does not want to answer 

32.b. Does not know 

[→ Q.36 for all answers] 

Q.33. Was your first work a job in the company where you went for training during secondary school? 

33.1. Yes → Q.34  

33.2. No → Q.35 

33.3. Does not apply: Did not have practical training in company → Q.36 

33.a. Does not want to answer → Q.36 

33.b. Does not know → Q.36 

Q.34. What are the reasons why you stopped working in the first job that you started after graduating from secondary 
school? 
[Please let the respondent provide an open answer first and tick the respective categories (tick all that apply). Then 
ask if this is there are any other reasons and note these in the other field. Please probe the question to elicit all 
reasons.] 

34.1. Left for a better job 

34.2. Dismissed/fired 

34.3. Unhappy with workplace 

34.4. Temporary job has ended 

34.5. Health reasons 

34.6. Started education/training/apprenticeship job 

34.7. Other, please specify__________________________________ 

34.a. Does not want to answer 

34.b. Does not know 

Q.35. What is the reason you did not start working at the company where you went for training?  

35.1. ______________________________________________________________________________________
________________________________________ 

35.2. Does not apply (did not have training in company) 

35.a. Does not want to answer 

35.b. Does not know 

Section 4: Job search 

Q.36.  Irrespective of whether you are working or not: Are you currently looking for a job? 
[Please make clear to the respondent that this could be irrespective of whether he is currently already working] 
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36.1. Yes → Q.38  

36.2. No → Q.37 

36.a. Does not want to answer→ Q.37 

36.b. Does not know→ Q.37 

Q.37. What is the reason you are currently not looking for a job?  
[Please let the respondent provide an open answer first and tick the respective category, then ask if this is there 
are any other reasons. You may also probe the question by reading other probably categories to the respondent. 
Please tick all that apply.] 

37.1. Currently working (employed, self-employed, freelancing)  

37.2. In education (training, internship, etc.) 

37.3. Attending a training that enables me employment   

37.4. Plan to get employed or start own business later   

37.5. Plan to get in education or start a training later   

37.6. I’m ill    

37.7. Family responsibilities   

37.8. There is no adequate employment in my area or for my level of education   

37.9. I don’t know how and where to look for a job   

37.10. I still haven’t started looking for a job   

37.11. Other, please specify: _____________________________ 

37.a. Does not want to answer 

37.b. Does not know 

[→Q.41 for unemployed 17.1 YES] 

 → Q.47 for employed 17.2 NO] 

Q.38. Since when are you looking for work? 

38.1. _________ [Calendar month] 

38.2. _________ [Calendar year] 

38.a. Does not want to answer 

38.b. Does not know 

Q.39. How are you currently looking for work?  
[Please let the respondent provide an open answer first and tick the respective categories, then ask if this is there 
are any other ways he looks for work. Please tick all that apply.]  

39.1. Through my previous employer or vocational training institute / school 

39.2. Personal contacts (family, friends) 

39.3. Applying to job advertisements (internet/newspaper/radio/TV) 

39.4. Direct application to employer 

39.5. Job fair  

39.6. Placement/support national employment service  

39.7. Placement/support private employment service  

39.8. Registration of a new agency or company in the Agency for Regulatory Records (for self-employed and en-
trepreneurs) 

39.9. other, please specify: ________________ 

39.a. Does not want to answer 

39.b. Does not know 

Q.40. What type of employment are you currently looking for at the moment? 
[Please let the respondent provide an open answer first and tick the respective categories, then ask if this is there 
are any other type of work he is looking for. Please tick all that apply.] 

40.1. Public sector employment 

40.2. Private sector employment 

40.3. Self-employment (without employees) 

40.4. Owner of a company with ___________employees 

40.5. Work on occasional jobs (own-account worker / freelancer) 

40.6. Work in a family business 

40.7. Work as intern, volunteer 

40.8. Other, please specify: ________________________________  
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40.a. Does not want to answer 

40.b. Does not know 

Q.41. Are you currently registered with the National Employment Service?  
[Please make clear to the respondent when he should/would be registered with NES (e.g. he went to the office to 
register with NES, once in three months he goes to NES to inform them that he is still searching, once in six 
months he meets his advisor).] 

41.1. Yes →Q.43 

41.2. No → Q.42 

41.a. Does not want to answer→ Q.42 

41.b. Does not know→ Q.42 

Q.42. Were you ever registered with the National Employment Service? 

42.1. Yes → Q.43 

42.2. No → Q.44 

42.a. Does not want to answer→ Q.44 

42.b. Does not know→ Q.44 

Q.43. When was the first time that you registered with NES? 

43.1. _________ [Calendar month] 

43.2. _________ [Calendar year] 

43.a. Does not want to answer 

43.b. Does not know  

Q.44. On a 1 to 5 scale, how likely is it that you would move to another municipality for work?   

44.1. 1-Definitely not (0 – 20%) 

44.2. 2-Probably not (21 - 40%) 

44.3. 3-Possibly (41 - 60%) 

44.4. 4-Probably (61 - 80%) 

44.5. 5-Definitely (81 – 100%) 

44.a. Does not want to answer 

44.b. Does not know  

Q.45. Would you like to work in the area of your vocational training profile?  

45.1. Yes → Q.47 

45.2. No → Q.46 

45.a. Does not want to answer → Q.47 

45.b. Does not know → Q.47 

Q.46. Why do you not want to work in the area of your vocational training profile? 
[Please let the respondent provide an open answer first and tick the respective categories, then ask if this is there 
are any other reasons. Please tick all that apply.] 

46.1. Not interesting  

46.2. Not enough jobs 

46.3. Not enough money 

46.4. Not prestigious enough 

46.5. Other, please specify: _____________________________ 

46.a. Does not want to answer 

46.b. Does not know  

Section 5: End of questionnaire 

Q.47. Thank you very much for you time and willingness to participate in this survey which will help us to improve the 
secondary vocational training in Serbia. Do you have any other ideas or comments regarding your education that 
you like us know? 

47.1. ______________________________________________________________________________________
________________________________________ 
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C. Appendix Rwanda 

Appendix Rwanda 1: WeCode Application Form 

WeCode is a program to train and prepare Rwandan women for technology jobs. WeCode ac-

cepts women from all backgrounds, of all marital and family statuses. WeCode accepts both 

women who have no coding experience and women who have advanced coding experience. 

During the program, there will be different tracks of coding and work readiness training for 

beginners and more advanced candidates. The training will start around September for up to 15 

weeks (depending on the track and how far students advance). The top performers and teams 

will progress to further training and be linked directly to jobs. There is a fee of 26,000 RWF for 

the course, but there are also scholarships available. 

This full application is several pages long and may take you up to 25 minutes to complete. Un-

fortunately, you cannot save your responses, they must be completed in one sitting, so please 

make sure you have enough time to complete. 

We encourage you to apply! 

I. Personal Data 

A1. Email address: 

_____________ 

 

A2. First name:   

______________ 

A3. Last Name:    

______________ 

A4. Contact number:  

_______________ 

 

Additional contact number: 

_______________ 

 

A5. Age: 

______________ 

A6. Gender  
 
 Male  
 Female 

A7. District of residence: 
 

A8. Marital status  

 

 Single 

 Married 

 Living together 

 Divorced 

 Separated 

 Widow/Widower 

 
 Nyarugenge 
 Gasabo 
 Kicukiro 
 Nyanza 
 Gisagara 
 Nyaruguru 
 Huye 
 Nyamagabe 
 Ruhango 
 Muhanga 
 Kamonyi 
 Karongi 
 Rutsiro 
 Rubavu 
 Nyabihu 

 
 Ngororero 
 Rusizi  
 Nyamasheke 
 Rulindo 
 Gakenke 
 Musanze 
 Burera 
 Gicumbi 
 Rwamagana 
 Nyagatare 
 Gatsibo 
 Kayonza 
 Kirehe 
 Ngoma 
 Bugesera 
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Application form continued 

II. Programming Experience 

B1. Programming experience (choose all that apply): 

 

 I have not had any programming training 

 I have studied programming, but I have never made my 

own program on a computer 

 I have completed a programming bootcamp 

 I have completed an online course 

 I have completed at least one year of ICT vocational 

training 

 I have completed an ICT university degree 

 Other: ____________ 

B2. If you have completed programming training outside 
of university, where did you complete it? What were 
the name(s) of the bootcamp or the ICT program(s)? 

 

____________ 

B3. Choose the option that best describes your experience. 

(WeCode accepts women of all backgrounds, including 

women who do not have prior programming experi-

ence.) 

 

 I have no knowledge of how to code 

 I started to learn how to code this year 

 I took some coding classes in school but have not done 

any coding since 

 I have experience writing my own programs, but I have 

never used my coding skills for paid work 

 I have used my coding skills for paid work for less than 

1 year 

 I have used my coding skills for paid work for more 

than 1 year 

 Other: 

B4. If you have prior coding experience, please specify 
which languages you are comfortable with. (Select 
all that apply): 

 I don't 
know 
this lan-
guage 

I have 
learned 
before 

I am 
com-
fortable 
using on 
my own 

I am an 
expert in 
this lan-
guage 

Scratch     

HTML     

CSS     

PHP     

Java     

Java 
Script 

    

SQL     

C++     

Android     

Python     

IOS     

Ruby on 
Rails 

    

Other     

 

B5. Are you available for full-time training for eight weeks? 

 

 Yes 

 No 

 Maybe 

B6. Please describe why you are committed to the train-

ing and how you will be able to complete eight 

weeks of training.  

____________________ 
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Application form continued  

II. Programming Experience 

B7. Why do you want training in programming? 

 

 To improve my employment opportunities 

 I really like computers and coding 

 A family member encouraged me to apply 

 Other: ____________ 

B8. Choose an answer that best describes each function 

below 

 
Add two 
values 
together 

Two val-
ues are 
the 
same 

Two val-
ues are 
not 
equal 

Multiply 
two val-
ues 

=     

+     

!=     

 

B9. Aline thought of a number, added 8, multiplied by 3, 

took away 9 and divided by 4 to give an answer of 6.  

 

 

What was the starting number? ____________ 

 

B10. What does your family think about you taking this 

training? 

 

 My family does not know about the training 

 My family is very supportive of me taking the train-

ing 

 My family does not want me to do the training 

 My family does not have an opinion 

 My family is mostly supportive 

 Other: 

B11. How do you access the internet? 

 Cybercafé 

 Smartphone 

 Internet connection at home 

 Internet connection at school 

 Other: 

B12. Do you have a smartphone that can access the inter-

net?  

 

 Yes 

 No 

B13.  Do you own a laptop? 
 
 Yes 
 No 
 

B14. Carefully examine this photo and then describe what 
you think is happening in English using a minimum of 
50 words. 

 
_______________________________ 
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Application form continued  

II. Programming Experience 

B15.  Why do you want to learn how to code? 
_______________________ 

B16.  How did you hear about the WeCode program? Se-
lect all that apply. 

 Email 
 Radio 
 From a friend 
 WhatsApp 
 Facebook 
 From my school or bootcamp 

           Other: _____________ 

B17.  Why do you want to learn how to code? 
_______________________ 

B18.  How did you hear about the WeCode program? Se-
lect all that apply. 

 Email 
 Radio 
 From a friend 
 WhatsApp 
 Facebook 
 From my school or bootcamp 
 Other: _____________ 

III. Education and Employment Status 

C1. At this time, what is the highest level you have com-
pleted in school? (in any subject, not just IT) 

 
 Primary school 
 Secondary school  
 Vocational training (TVET school) 
 Bachelor’s degree 
 Master’s degree  
 Other, please specify: ____________ 

[Only for those who selected vocational training, Bache-
lor’s degree, or Master’s degree in C1]  

 
C1.1. In which area did you receive a degree? 
____________ 
 

[Only for those who selected vocational training, Bachelor’s 
degree, or Master’s degree in C1]  

 
C1.2 If you have attended a university/polytechnic or are cur-
rently a student, which university is it? 

 
[drop down menu with list of universities] 

C2. Are you currently enrolled in any formal education 
or other training measures? Please select all that ap-
ply 

 None 
 Primary school 
 Secondary school 
 University degree (e.g. BA, MA, PhD) 
 TVET school 
 Apprenticeship / internship 
 Other: ________________ 

C3. Are your currently searching for employment? 
 
 Yes, since __/____ [MM/YYYY] 
 No, because (please select all that apply):  

 In employment 
 In education or training measure 
 Waiting to start working, a business or train-

ing/education later 
 Illness, injury, or pregnancy  
 Personal family responsibilities 
 No suitable work available in my area of work or 

my skill level 
 Do not know how or where to seek work 
 Not yet started to look for work 
 Other, please specify________________ 

C4. Have you ever worked for a wage, in-kind payments 
or business profits?  

 
 Yes, I am currently working 
 Yes, I have worked in the past, but I am not currently 

working 
 No  
For those who answer “yes, I am currently working” skip 
to section IV Employment Characteristics] 

 
[For those who answer “yes, I have worked in the past, 
but I am not currently working” skip to section IV Past 
Employment Characteristics] 

 
[For those who reply “no” in C4, end survey]  
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Application form continued  

IV. Employment Characteristics 

Only persons who answered “yes, I am currently working” in question C4 should continue with this section (employed 

and business owners) 

D1. How do you currently earn income? Please select all 

that apply 

 

 Full-time employed 
 Part-time employed 
 Self-employed, without employees 
 Self-employed, with employees 
 Own-account worker or freelancer 
 Contributing to a family business 
 Member of a producers’ cooperative 

D2. Does any of your income come from having your 

own business or from being self-employed? 

 

 No, I am only employed by someone else 
 Yes, I do earn some income from my own business 

or self-employment 

 

[Only for those who selected “self-employed, without em-
ployees” or “self-employed, with employees” in D1 (even if 
they also marked other boxes)] 
 
D.2.1 When did you start your business? 

 

 ___/___ [MM/YYYY] 

 
 

[Only for those who selected “self-employed, without 
employees” or “self-employed, with employees” in D1 
(even if they also marked other boxes)] 
 
D.2.2 In your own business or self-employment, do you 
employ other people? How many? (Write 0 if you do not 
employ other people, only yourself) 
 
________ 

[Only for those who selected “self-employed, without em-
ployees” or “self-employed, with employees” in D1 (even if 
they also marked other boxes)] 
 
D2.3 What does the average monthly pay of your employ-
ees generally include? (Select all that apply.) 
 
 I do not employ other people 
 Net income 
 Income tax (TPR) 
 RSSB Contributions 
 Medical insurance 
 Other: 

[Only for those who selected “self-employed, without 
employees” or “self-employed, with employees” in D1 
(even if they also marked other boxes)] 

D.2.4 Please indicate the approximate amount of money 

that your business or self-employment earns in a week be-

fore any expenses are subtracted. 

 

 Below 5,000 RWF 

 5,000-7,499 RWF 

 7,500-11,999 RWF 

 12,000-24,999 RWF 

 Above 24,999 RWF  

[Only for those who selected “self-employed, without em-
ployees” or “self-employed, with employees” in D1 (even if 
they also marked other boxes)] 
 
D.2.5. How do you evaluate the current state of your busi-
ness? 

 
 Very good    
 Good    
 Neither good nor bad       
 Bad   
 Very bad 

D3. How many hours do you work on a typical working 

day? 

___ hours per day 
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Application form continued  

IV. Employment Characteristics 

D4. How many days do you work on a typical week? 

 

___days 

D5. Please state your average income **per week** 

(from all your income sources combined) 

 

 Below 5,000 RWF 

 5,000-7,499 RWF 

 7,500-11,999 RWF 

 12,000-24,999 RWF 

 Above 24,999 RWF 

D6. Does your monthly income include? Please select all 

that apply 

 

 Net income 

 Income tax (TPR) 

 RSSB contributions 

 Medical insurance 

 Other (e.g., food, housing, rent): ___________ 

D7. What is the field of your current work? 

 

 Information and communication 

 Agriculture, forestry, fishery 

 Electricity, gas and water supply, clean technology 

 Construction  

 Mining and quarrying 

 Manufacturing  
 Education  
 Trade/transportation and storage 
 Public administration  
 Health/social work 
 Services (hotel/restaurant/bank/tourism) 
 Other community or social service activity 
 Other 

D8. When did you start working in this field? 

 

__/__/____ [DD/MM/YYYY] 

D9. What are the main activities that best describe your 

job? Please select all that apply) 

 Fabricating and producing goods 

 Supervising and controlling machines 

 Repairing and patching 

 Nursing, serving and healing 

 Measuring, controlling and quality checks 

 Developing and researching 

 Gathering information and investigating 

D10. Do you use a computer in your day-to-day work? 

 

 Yes 

 No 

D11. To what extent are you satisfied with your employ-

ment situation:  

 

 Very much 

 Much 

 Somewhat 

 Not much  

 Not at all 

D12. Would you like to work more or less hours in a week 

than you currently work? 

 Less 

 Slightly less 

 Same 

 Slightly more 

 More 
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Application form continued  

IV. Past Employment Characteristics 

Only persons who answered “Yes, I have worked in the past, but I am not currently working” in question C5 should 
continue with this section (unemployed) 

D1. When did you last work for a wage or in-kind payments 

__/__/____ [DD/MM/YYYY] 

D2. In the last job you had, how many hours did you 

work on a typical working day? 

___ hours per day 

D3. In the last job you had, how many days did you work 

on a typical week? 

___ days 

D4. When you last worked (employed or self-employed), 

what was your average income **per week**? 

 

 Below 5,000 RWF 

 5,000-7,499 RWF 

 7,500-11,999 RWF 

 12,000-24,999 RWF 

 Above 24,999 RWF 

D5. Did your monthly income include? (select all that ap-

ply) 

 

 Net income 

 Income tax (TPR) 

 RSSB contributions 

 Medical insurance 

 Other (e.g., food, housing): ___________ 

D6. What was the field of your last job? 

 

 Information and communication 

 Agriculture, forestry, fishery 

 Electricity, gas and water supply, clean technology 

 Construction  

 Mining and quarrying 

 Manufacturing  
 Education  
 Trade/transportation and storage 
 Public administration  
 Health/social work 
 Services (hotel/restaurant/bank …), tourism 
 Other community or social service activity 
 Other 

D7. For how long did you work in this field? 

 Less than 6 months 

 6 months to 1 year 

 1 year to 2 years 

 More than 2 years 

D8. In the last job you had, what were the main activities 

you performed? (select all that apply) 

 Fabricating and producing goods 

 Supervising and controlling machines 

 Repairing and patching 

 Nursing, serving and healing 

 Measuring, controlling and quality checks 

 Developing and researching 

 Gathering information and investigating 

D9. Did you use a computer in your day-to-day work? 

 Yes 

 No 

 

We would like to improve the WeCode training for future participants. Therefore, we would like to contact 

you in the future for a follow up survey. Please tell us is if you would not like to be contacted.  

 Yes, it is ok to contact me  

 No, it is not ok to contact me    

[Submit application button] 

Thank you for your registration!  
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Appendix Rwanda 2: WeCode Descriptive Statistics by Phase  

Table A14  
Descriptive statistics by SPOC attendance conditional on acceptance to WeCode 

 Attended SPOC Did not attend SPOC 

 mean std.dev. mean std. dev. 

Demographic characteristics     
Age 26.60 4.45 25.90 4.50 
Kigali province 0.80 0.40 0.81 0.40 
Programming experience     

No knowledge 0.48 0.50 0.51 0.50 
Basic knowledge 0.37 0.49 0.41 0.50 
Advanced knowledge 0.14 0.35 0.08 0.28 

     
Marital status     
Single 0.77 0.42 0.81 0.40 
Married 0.22 0.42 0.17 0.38 
Separated 0.01 0.11 0.02 0.13 

     
Family support     

Very supportive 0.57 0.50 0.68 0.47 
Mostly supportive 0.28 0.45 0.16 0.37 
Neutral 0.02 0.15 0.05 0.22 
Not supportive 0.01 0.11 0.02 0.13 
Not informed 0.11 0.32 0.10 0.30 

Highest education degree completed     
Secondary 0.30 0.46 0.29 0.46 
Vocational education 0.02 0.15 0.02 0.13 
Bachelor's degree 0.63 0.49 0.68 0.47 
Master's degree 0.05 0.22 0.02 0.13 

Enrolled in education     
None 0.52 0.50 0.43 0.50 
Secondary or vocational 0.05 0.22 0.11 0.32 
University (BA, MA, PhD) 0.27 0.45 0.26 0.44 
Apprenticeship 0.16 0.37 0.20 0.40 

Searching for a job 0.74 0.44 0.81 0.40 
Employed 0.05 0.21 0.05 0.21 

     
Assessment and interview     
Passed assessment 0.95 0.21 0.93 0.25 
Passed interview  0.92 0.28 0.86 0.35 
Math score 6.75 1.39 6.70 1.67 
English score 10.01 1.91 9.11 2.74 
Digital score 18.76 2.78 18.36 3.23 
Can commit to the program 0.98 0.15 0.91 0.29 
Language difficulties 0.10 0.30 0.18 0.38 
Has a laptop 0.54 0.50 0.49 0.50 

Observations  87 64 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School.  
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Table A15  
PREP Descriptive statistics conditional on acceptance to WeCode 

 Passed PREP Failed PREP 

 mean std. dev. mean std. dev. 

Demographic characteristics     

Age 26.67 4.51 27.15 4.19 

Kigali province 0.84 0.37 0.76 0.43 

     

Programming experience     

No knowledge 0.35 0.48 0.63 0.49 

Basic knowledge 0.47 0.50 0.28 0.46 

Advanced knowledge 0.19 0.39 0.09 0.30 

     
Marital status     

Single 0.82 0.39 0.71 0.46 

Married 0.18 0.39 0.26 0.45 

Separated 0.00 0.00 0.03 0.17 

     
Family support     

Very supportive 0.62 0.49 0.65 0.49 

Mostly supportive 0.27 0.45 0.21 0.41 

Neutral 0.00 0.00 0.03 0.17 

Not supportive 0.00 0.00 0.03 0.17 

Not informed 0.11 0.32 0.09 0.29 

Highest education degree completed     

Secondary 0.30 0.46 0.25 0.44 

Vocational education 0.05 0.21 0.00 0.00 

Bachelor's degree 0.64 0.49 0.72 0.46 

Master's degree 0.02 0.15 0.03 0.18 

Enrolled in education     
None 0.61 0.49 0.44 0.50 

Secondary or vocational 0.05 0.21 0.06 0.25 

University (BA, MA, PhD) 0.23 0.42 0.31 0.47 

Apprenticeship 0.11 0.32 0.19 0.40 

Searching for a job 0.69 0.47 0.76 0.43 

Employed 0.09 0.29 0.00 0.00 

     
Assessment and interview     
Passed assessment 0.96 0.21 0.94 0.24 

Passed interview  0.93 0.26 0.91 0.29 

Math score 6.76 1.35 6.56 1.48 

English score 10.22 1.94 9.53 1.88 

Digital score 18.75 2.88 18.50 2.51 

Can commit to the program 0.98 0.15 1.00 0.00 

Language difficulties 0.09 0.29 0.09 0.29 

Has a laptop 0.60 0.49 0.44 0.50 

Observations  45 34 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School. Baseline information missing for one participant who failed PREP.  
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Table A16  
CORE Descriptive statistics conditional on acceptance to WeCode 

 Passed CORE Failed CORE 

 mean std. dev. mean std. dev. 

Demographic characteristics     

Age 26.68  4.93  26.65  3.86  

Kigali province 0.79  0.42  0.94  0.24  

     

Programming experience     

No knowledge 0.30  0.47  0.44  0.51  

Basic knowledge 0.48  0.51  0.44  0.51  

Advanced knowledge 0.22  0.42  0.13  0.34  

     
Marital status     

Single 0.82  0.39  0.82  0.39  

Married 0.18  0.39  0.18  0.39  

Separated  -  -  -  - 

     
Family support     

Very supportive 0.54  0.51  0.76  0.44  

Mostly supportive 0.36  0.49  0.12  0.33  

Neutral         

Not supportive         

Not informed 0.11  0.31  0.12  0.33  

Highest education degree completed     

Secondary 0.33  0.48  0.24  0.44  

Vocational education -  - 0.12  0.33  

Bachelor's degree 0.63  0.49  0.65  0.49  

Master's degree 0.04  0.19   -   - 

Enrolled in education     
None 0.61  0.50  0.63  0.50  

Secondary or vocational 0.04  0.19  0.06  0.25  

University (BA, MA, PhD) 0.21  0.42  0.25  0.45  

Apprenticeship 0.14  0.36  0.06  0.25  

Searching for a job 0.68  0.48  0.71  0.47  

Employed 0.11  0.31  0.06  0.24  

     
Assessment and interview     
Passed assessment 0.93  0.26  1.00  - 

Passed interview  1.00  - 0.82  0.39  
Math score 6.71  1.51  6.82  1.07  

English score 10.21  1.85  10.24  2.14  

Digital score 19.21  2.82  17.94  2.89  

Can commit to the program 1.00   - 0.94  0.24  

Language difficulties   -   - 0.24  0.44  

Has a laptop 0.65  0.49  0.53  0.51  

Observations 28 17 

Note: Own calculation using WeCode's application data and participant lists provided by 
Moringa School. 
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Figure A2  

Distribution of hours worked per week before and after training 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. 

Figure A3  

Distribution of hours worked per week before and after training (conditional on being em-

ployed) 

 

Note: Own calculations based on the baseline and tracer data of short-term trainings in 
Rwanda. 
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