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Abstract

This paper investigates – in a large heterogeneous sample – the relationship between social

preferences on the one hand, and socioeconomic factors and political preferences on the other

hand. Socioeconomic factors correlate with social preferences, and social preferences robustly

shape political attitudes and voting behavior in a particular way: Selfish subjects are the

extremists on one side of the political spectrum – they are more likely to vote for a right-

wing party, they are less inclined to favor redistribution and they are more likely to self-assess

themselves as right-wing than all the other types. Inequality-averse subjects, altruists and

maxi-min sit at the opposite end of the political spectrum, while all the other types behave less

systematically and in a less extreme fashion. Overall, our evidence indicates that elicited social

preferences are externally valid as a predictor for political attitudes, and that social preferences

are fairly stable across contexts and over longer periods of time.

Keywords: Distributional Preferences, Social Preferences, Equality Equivalence Test, Political

Attitudes, Voting Behavior, German Internet Panel.

JEL Classification: C91, D30, D63, D64, D72, H50.

∗Kerschbamer: University of Innsbruck (e–mail: Rudolf.Kerschbamer@uibk.ac.at). Muller: University of Innsbruck (e–

mail: Daniel.Mueller@uibk.ac.at). We thank seminar participants in Aarhus, Aix-en-Provence, Bremen (Research Group

FOR-2104), Innsbruck, Mannheim and WU Vienna, as well as Dirk Engelmann, Jana Friedrichsen, Hans Peter Grüner,
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1 Introduction

Social preferences are an essential determinant of human behavior in different domains – they shape

donations to charities (Derin-Güre and Uler, 2010; Kamas and Preston, 2015), bargaining behavior

(Bolton, 1991; De Bruyn and Bolton, 2008), voting decisions (Höchtl, Sausgruber, and Tyran, 2012;

Paetzel, Sausgruber, and Traub, 2014; Fisman, Jakiela, and Kariv, 2015), contributions to public

goods (Offerman, Sonnemans, and Schram, 1996; Hedegaard, Kerschbamer, Muller, and Tyran,

2017), competitive behavior (Balafoutas, Kerschbamer, and Sutter, 2012), bidding decisions in auc-

tions (Flynn, Kah, and Kerschbamer, 2016; Bartling, Gesche, and Netzer, 2017), provision behavior

of experts in credence goods markets (Kerschbamer, Sutter, and Dulleck, 2017) and economic and

political behavior in many other domains.1 The present paper addresses several questions related

to social preferences. First, it asks how social preferences are distributed in a large heterogeneous

sample of Germans. Secondly, it sets about to address the question how such preferences correlate

with socioeconomic factors – like gender, age, income and education. Thirdly – and most impor-

tantly – the paper investigates how social preferences shape voting behavior, attitudes regarding

redistribution and political self-assessment. The paper also contributes to the debate about the

stability of social preferences over time and across contexts.

Specifically, the present paper investigates the determinants of social preferences and their dis-

tribution, as well as their predictive power for political attitudes, by embedding the Equality Equiv-

alence Test (EET ) developed by Kerschbamer (2015) into the German Internet Panel (GIP). The

EET is a method for the elicitation of social preferences at the individual level. For this purpose it

exposes subjects to a series of binary choice tasks between income allocations involving two persons

– the decision maker and an anonymous other subject. Based on the choices, the test then classifies

subjects into mutually exclusive social preference types – like selfish, inequality averse, maxi-min,

altruistic, spiteful, etc. As a by-product, the test also delivers a two-dimensional index of the degree

of benevolence in the domains of advantageous and disadvantageous inequality.

The GIP is an online panel survey that reaches around 3.500 subjects. It is based at the Univer-

sity of Mannheim and issues a new wave every other month. The GIP routinely asks participants

about socio-demographic variables and political preferences. By embedding the EET into the GIP

we can address the question how social preferences are distributed in a large heterogeneous sample

of Germans, how such preferences correlate with socioeconomic factors, and – most importantly

– how social preferences shape voting behavior, attitudes regarding redistribution and political

1By social preferences we mean that people care not only for their own material payoffs but also for the welfare of

others – or more generally for a just and fair distribution of income and wealth. The literature uses the terms social

preferences and distributional preferences interchangeably for preferences that depend not only on the own material

payoff but potentially also on the payoffs of others – and we follow this convention throughout the paper.
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self-assessment.

Our experiment delivers several important insights. First, we find that an impressing majority

of participants reveals benevolence in the domain of advantageous inequality and malevolence in

the domain of disadvantageous inequality and are hence classified as inequality averse.2 Moreover,

more than 80% of our subjects can be classified as one of just four types: inequality averse, selfish,

maxi-min and altruistic (efficiency-seeking). Second, distributional preferences vary systematically

with gender, age, income and education – females tend to be more inequality averse than males;

older subjects tend to be more inequality averse than younger ones; richer subjects tend to be less

inequality averse than poorer subjects; and more educated participants tend to be more altruistic

than less educated ones. Third, regarding our main research question of how social preferences

shape political attitudes and voting behavior, we find that selfish subjects are the extremists on

one side of the political spectrum – they are more likely to vote for a right-wing party than all the

other types, they are less likely to favor redistribution and they are more likely to classify themselves

as right-wing. Inequality-averse subjects, altruists and maxi-min – all characterized by benevolence

in the domain of advantageous inequality – seem to sit at the opposite end of the spectrum. The

remaining types behave less systematically and in a less extreme fashion.3 Our results not only

survive the inclusion of a large range of covariates but also a battery of different robustness checks.

Overall, our evidence indicates that elicited social preferences are externally valid as a predictor

for political attitudes and pro-social behavior, and that social preferences are fairly stable across

contexts and over longer periods of time.

Our study contributes to several debates in the literature. First, our result regarding the dis-

tribution of social preferences in a large heterogeneous sample is related to the large literature

that studies the prevalence of social preferences and the much smaller literature that deals with

the heterogeneity of these preferences. The pioneering papers in this tradition are Andreoni and

Miller (2002), Charness and Rabin (2002), Engelmann and Strobel (2004), and Fisman, Kariv, and

Markovits (2007). Unlike this earlier literature, we study the heterogeneity of social preferences in

a large representative sample and we correlate the elicited social preferences with the answers to

questions regarding voting behavior, attitudes towards redistribution and political self-assessment.

Also, relative to this earlier literature, the EET elicits benevolence and malevolence in the domains

of advantageous and disadvantageous inequality and thereby allows to classify participants into

one of nine well-delineated distributional preference types. Another study that provides compelling

2Benevolence in the domain of advantageous inequality combined with malevolence in the domain of disadvanta-

geous inequality is an essential feature of the inequality aversion models proposed by Fehr and Schmidt (1999) and

by Bolton and Ockenfels (2000).
3We also correlate the social preference type with data on voter participation but do not find any significant

effects.
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evidence for heterogeneity in fairness ideals is Cappelen, Hole, Sørensen, and Tungodden (2007).

However, while we are interested in social preferences in distributional tasks these authors study

fairness ideals in dictator games with production when individuals differ in their ability to produce.

Bruhin, Fehr, and Schunk (2016) investigate the distribution of social preferences in a student sam-

ple. They find – like we do – very little evidence for purely selfish behavior. They use posterior

probabilities from mixture models in order to predict behavior in a trust and a punishment game.

Finally, Bellemare, Kröger, and Van Soest (2008) elicit the degree of inequality aversion in a large

and heterogeneous sample of the Dutch population. Like we do, they find considerable evidence for

heterogeneity in social preferences.

Second, our result regarding the determinants of social preferences is linked to the discussion

about subject pool effects in Fehr and Schmidt (1999) , Engelmann and Strobel (2004), Fehr, Naef,

and Schmidt (2006) and Engelmann and Strobel (2006). This result is also related to papers address-

ing gender differences in social preferences (Andreoni and Vesterlund, 2001; Engel, 2011; Balafoutas,

Kerschbamer, and Sutter, 2012) and how education and income affect social preferences (Cappelen,

List, Samek, and Tungodden, 2016; Andreoni, Nikiforakis, and Stoop, 2017). Two further studies

that relate to this debate are Falk, Meier, and Zehnder (2013) and Cappelen, Nygaard, Sørensen,

and Tungodden (2015). The former study asks whether self-selection into lab experiments based

on pro-sociality leads to a biased sample and finds that laboratory samples do not misrepresent the

importance of social preferences. The latter authors study social preferences of students and of a

representative sample and find significant differences in behavior across subject pools.

Third, regarding our main research question of how social preferences shape political attitudes

and voting behavior the paper closest to ours is Fisman, Jakiela, and Kariv (2015). The authors

elicit individual-level social preferences using a computer interface developed by Fisman, Kariv,

and Markovits (2007). The interface presents dictator games á la Andreoni and Miller (2002)

utilizing graphical representations of downward-sloping budget sets and allows subjects to indicate

their preferred choices by using a point-and-click tool. After estimating the two parameters of a

CES utility function for each subject, the authors test whether the elicited parameter constellation

predicts voting decisions in the 2012 presidential elections in the US. The authors find that the

convexity parameter (termed “the equity-efficiency trade-off”), but not the benevolence parameter

(termed “the degree of altruism”), predicts voting behavior. Compared to Fisman, Jakiela, and

Kariv (2015), our experiment i) elicits social preferences via a non-parametric test based on binary

choices instead of estimating a CES utility function on the basis of continuous dictator game

choices; ii) studies a Continental European instead of a US-American sample; and iii) allows to

relate distributional preferences to a large range of socio-economic factors – and most importantly

– to data regarding political attitudes, voting behavior and opinions regarding redistribution.4.Also

4A consequence of their elicitation procedure based on downward sloping budget lines is that malevolent prefer-
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related to the present paper is recent research by Muller and Renes (2017) who study the fairness

views of third party spectators and their connection to political preferences. The authors also

utilize the German Internet Panel to collect their data. They find that third party fairness views

are related to political preferences as egalitarians are more likely to vote left-wing and efficiency-

seeking spectators are more likely to vote right-wing.

Related to our results on the relationship between social preferences and political attitudes in a

large non-student sample is the literature investigating the connection of laboratory behavior and

political attitudes. Fosgaard, Hansen, and Wengström (2017) link political attitudes to framing

effects in an online public good experiment. They find that contributions of left- and right-wing

voters differ only in the ‘take’, but not in the usual ‘give’ frame. Thomsson and Vostroknutov (2017)

study differences in giving behavior of conservatives and liberals. They find that both groups give

similar amounts, but that motives for giving are different. Dawes, Loewen, and Fowler (2011)

find that efficiency-seeking subjects are more likely to participate in politics. Dawes et al. (2012)

conduct a large-scale dictator game with a fixed amount of money in four different countries and

find that participants who are more generous in the dictator game tend to support typical left-wing

policies. Esarey, Salmon, and Barrilleaux (2012) show that in a voting on redistribution experiment

conservatives “tend to be more responsive to their self-interest”. Cappelen, Halvorsen, Sorensen,

and Tungodden (2013) find in a laboratory experiment that the amount given in a dictator game

is positively correlated with left-wing voting and self-reported charitable donations. Anderson,

Mellor, and Milyo (2005) examine play of liberals versus conservatives in trust and public goods

games. They do not find any evidence that behavior differs by political ideology. Muller (2017)

finds – in a distributional preference experiment with artificial group identities – that more right-

leaning participants are more selfish but do not make a different equity-efficiency trade-off than

more left-leaning ones.

Finally, in demonstrating the stability and external validity of experimentally elicited distribu-

tional preferences, the current work also relates to the small but growing literature investigating the

external validity of social preferences elicited in the laboratory. Examples include Benz and Meier

(2008) who observe a correlation between social preferences in the lab and charitable donations in

the field, and Hergueux and Jacquemet (2015) who provide evidence of a strong correlation between

laboratory and online behavior with a slight shift towards more pro-sociality in online experiments.

The rest of the paper is organized as follows. Section 2 describes the EET and the GIP and

ences (where a subject has a willingness give up own monetary payoff to reduce the monetary payoff of the other

agent) remain undetected. Hence, spiteful, envious or even inequality averse subjects cannot be unambiguously

identified with their design. A clear advantage of their design, compared to ours, is that by exposing subjects to a

large number of downward sloping budget lines, consistency of choices with GARP can be tested – a task for which

our design is less well suited.
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then gives some information on the data on which our regressions are based. Section 3 presents

our main results: Subsection 3.1 discusses the empirical frequency of social preference types in

our sample and investigates the correlation of social preferences with socioeconomic factors – like

gender, age, income and education; Subsection 3.2 contains the results regarding our main research

question of how social preferences shape political attitudes, voting behavior and opinions regarding

redistribution. Section 4 evaluates the robustness of our results in various ways: In subsections 4.1

and 4.2 we demonstrate the robustness of our findings regarding different assignments of subjects

to social preference types; in Subsection 4.3 we derive three different measures of choice consistency

which we then use either to weight observations according to their reliability or to exclude par-

ticipants who are judged to be inconsistent; and in Subsection 4.4 we check the robustness of our

results regarding alternative codings of variables and alternative estimation approaches. Section 5

concludes.

2 The EET, the GIP and the Data

In this section we first describe the Equality Equivalence Test (EET) and the German Internet

Panel (GIP), and then we detail the data we received by embedding the EET into the GIP.

2.1 The Equality-Equivalence Test (EET)

The EET is a method to elicit social preferences in a two-persons context. It starts with a small

set of assumptions on the preferences of the decision maker (DM) in the self-other space and shows

that this set of assumptions (i) naturally results in a distinction between nine archetypes of social

preferences, and (ii) gives rise to a simple technique that discriminates between the nine archetypes

according to core features of preferences rather than properties of specific modeling variants or

functional forms.5 As a by-product the EET yields a two-dimensional index of preference intensity

– the (x,y) score.

The delineation of social preference types in the EET is according to the benevolence, neutrality

or malevolence of the DM in two domains of inequality – the domain of advantageous inequality

where the DM is ahead of the other person and the domain of disadvantageous inequality where the

DM is behind. Benevolence (malevolence, respectively) here means that the DM has a willingness

to pay to increase (decrease) the material payoff of the other person, while neutrality means that

the DM is not willing to give up own material payoff to change the payoff of the other person.

5The self-other space is an Euclidean plane with the material payoff of the DM on the horizontal axis and the

material payoff of the other person on the vertical axis.
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In a two-persons context the preferences of a DM can be represented by means of indifference

curves in the self-other space. In that space the domain of advantageous inequality is the area below

the 45◦-line and the domain of disadvantageous inequality is the area above the 45◦-line. Also, in this

space benevolence (malevolence, respectively) translates into downward sloping (upward sloping)

indifference curves, while neutrality implies vertical indifference curves.

Figure 1 shows how types are defined in the EET. In this figure the material payoff of the DM

is denoted by m while the payoff of the other person is denoted by o. Here, it is important to note

that the EET defines types purely according to the benevolence, neutrality or malevolence DM in

the two domains inequality and not according to specific functional forms. For instance, a DM who

is benevolent when ahead and malevolent when behind is classified as inequality averse, without

asking whether her preferences are more in line with the Fehr and Schmidt (1999) or the Bolton

and Ockenfels (2000) model of inequality aversion. Similarly, a DM who reveals benevolence in

both domains is classified as altruistic without addressing the question whether her preferences are

more in line with the CES framework of Andreoni and Miller (2002), or with the piece-wise linear

model of Charness and Rabin (2002).

For the identification of social preference types, the EET asks subjects to make at least four

binary choices. Each choice involves two allocations, each corresponding to a point in the self-other

space. The interpretation of each point is that the m value is the material payoff of the DM while

the o value is the material payoff of a randomly matched anonymous other subject called the passive

subject (PS). In each choice, one of the two allocations is a symmetric reference allocation – that

is, an allocation in which the DM and the PS receive the same income. The second allocation is

always asymmetric – that is, it entails unequal payoffs for the two agents. In half of the choice

tasks the asymmetric allocation is located in the domain of disadvantageous inequality, while in

the other half it is located in the domain of advantageous inequality. In both domains the EET

systematically varies the price of giving (or taking) by increasing the material payoff of the DM in

the asymmetric allocation while keeping all other payoffs constant. In other words, the asymmetric

allocations in each of the two domains of inequality are located on a horizontal line in the self-other

space.

Figure 2 illustrates the working of the EET. Here, p1 and p2 are located in the domain of disad-

vantageous inequality while r is a symmetric reference allocation. Assume we ask a subject to decide

subsequently between r and p1, as well as between r and p2. Suppose the subject decides for the p

allocation in both choices. Then she reveals benevolence in the domain of disadvantageous inequal-

ity – because she is giving up own material income to increase the payoff of the PS. Benevolence

in the domain of disadvantageous inequality is in line with altruistic, kiss-up and equality-averse

preferences. By exposing the subject in addition to at least two binary choices between r and two

points on the horizontal line below r we can discriminate between those three types. This is the

7



Figure 1: Delineation of the nine social preference types in the EET via indifference curves in the

self-other space. The material payoff m on the x-axis is the payoff of the decision maker, the payoff

o on the y-axis is the payoff of the passive subject. Source: Kerschbamer (2015).
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idea behind the EET.

Figure 2: The basic idea behind the EET. Source: Kerschbamer (2015).

The standard implementation of the EET exposes subjects to more than four diagnostic binary

choice problems. The choices then also give information about preference intensity. Turning to

Figure 2, assume we expose a DM to a test version that has in addition to p1 and p2 several

additional p allocations to the left of p1 and to the right of p2. Suppose we ask the DM to compare

each of the p allocations to r. Then a rational DM switches at most once from the symmetric to the

asymmetric allocation (and never in the other direction).6 Furthermore, the switching point of the

DM can be used to construct an index that measures the pro-sociality of the DM in the domain of

disadvantageous inequality. In the EET this index is called the x-score, an earlier switching point

translates into a higher x-score and a switching point to the right of the vertical line translates

into a negative score. In a similar way a second index – the y-score – can be constructed for the

domain of advantageous inequality. In both domains a positive (negative) score means benevolence

(malevolence) and a higher score means ‘more benevolent’ (‘less malevolent’). The (x,y) score allows

us to represent each subject as a point in an axis of abscissas as shown in Figure 3.

For this study we used a test version with (10,10) as the reference allocation. An innovative

feature of the implemented test version is that subjects were exposed to three choice lists in each

domain. That is, instead of having the asymmetric allocations in each domain located on a single

horizontal line, we exposed each subject in each domain to three tables, each corresponding to a list

of binary choices between the symmetric reference allocation and an asymmetric allocation with a

6Rationality here means that the subject has well-behaved (that is, complete and transitive) preferences in the

self-other space and that the preferences are m monotonic.
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Figure 3: The relation between scores and distributional types. Positive scores indicate benevolence.

Source: Kerschbamer (2015).

fixed material payoff of the PS. The asymmetric allocations had incomes of 3, 5, 7, 13, 15 and 17

euros respectively for the PS. Figure 4 visualizes the allocations from the six lists in the self-other

space. A second idiosyncratic feature of our test version was that subjects were not exposed to

binary choices but rather asked to indicate the first choice task where they prefer the asymmetric

to the symmetric allocation. This “radio button” version of the test forces subjects to be consistent

within a given choice list. Every choice list was depicted on an own screen, but participants could

also always click back and revise their choice if desired. The order of the six lists was randomized

for each participant.7

Regarding material incentives, we informed subjects at the beginning that we expect roughly

3.000 subjects to participate in the experiment and that exactly 500 of the participants would get

an actual payment from this experiment. Specifically, we informed subjects that at the end of the

experiment we would proceed as follows: First, the experimental software would randomly pick 250

participants whose choices will be relevant for real payoffs and who will get a payment as the DM,

and other 250 participants who will get a payment as a PS. For the 250 subjects in the role of the

DM, the program would next randomly pick exactly one table and exactly one choice task in that

7A screenshot of the program, the precise monetary allocations used in each table and the instructions translated

from German can be found in the Appendix.
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Figure 4: Allocations in the six tables in the self-other space. The horizontal lines above the 45◦-line

represent the three x-lists, the horizontal lines below the 45◦-line represent the three y-lists.

table to be actually carried out. The subject would then receive the payoff of the DM in the chosen

alternative, while one member of the 250 PSs would get the associated payment of the PS. This

approach not only helped us to avoid the word ‘probability’ which we thought would have been

difficult to understand for some, but also to precisely calculate the experimental budget.

Our test version yields three x-scores and three y-scores for each subject. For our empirical

analysis in Section 3, we will classify subjects according to the average score in each domain. In

Section 4, we will extensively examine the robustness of our results towards alternative classifica-

tion approaches and we will find that our conclusions are basically unaffected by the particular

classification employed.

2.2 The German Internet Panel (GIP)

The German Internet Panel (GIP) is an online survey based on a probability sample of the general

German population aged 16 to 75 years. The first recruitment of the GIP was done in face-to-face

interviews in 2012 and resulted in a sample of 1603 registered persons. In 2014, a refresher sample

of 3401 new persons was recruited in the same way. Due to the offline recruitment the resulting

sample included persons without access to the internet or a computer. To enable such persons to
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participate in the online survey, they were handed out tablets with internet access.8

GIP participants are invited to take part in an online interview every other month. The inter-

views include questions regarding attitudes towards reform policies, the welfare state, German and

international politics, health, inequality, education and employment. Furthermore, the GIP collects

and updates key socio-demographic information once per year. The data collected in the GIP is

publicly available at the GESIS Institute for Social Sciences.

2.3 The Data

The EET was embedded in wave 23 of the German Internet Panel (GIP), which was fielded in May

2016. In total, 2941 subjects participated in wave 23. Out of those, 61 decided not to participate

in the experiment and several others completed only part of it. All in all, 2794 subjects indicated

their preferred switching point in all six tables. Those 2794 subjects constitute our sample for the

empirical analysis. We match the data obtained from the EET with the data generated in the other

waves of the GIP available up until June 2017.

The socio-demographics we use mainly come from wave 19 of the GIP that asked subjects about

their personal situation, age, gender and so on. It is also in this wave in which participants declared

their monthly income in 15 different brackets. We use the mid-points of these brackets as a proxy

for income. Age is declared in 13 different brackets – again we use the mid-point as a proxy for

age. Education is elicited in seven different categories – for our purposes, we classify educational

attainment into four different categories from the lowest to the highest school degree. Risk aversion

and patience are elicited using un-incentivized questions, as behaviorally validated by Dohmen et

al. (2011) and Vischer et al. (2013) respectively. The respective questions were asked in wave 14.

For our main research question of how social preferences shape political attitudes, voting be-

havior and opinions regarding redistribution we use the answers to several questions in the GIP.

First, we use the answers to the questions “Which party did you vote for in the last national elec-

tion?” and “Which party would you vote for if there was a national election next Sunday?”. These

questions were asked in wave 19 and answer categories included the eight largest political parties in

Germany plus some other categories such as “I am not allowed to vote”, or “other party”. The “last

election” question also included the category “did not vote”, which we will use in our regressions

regarding the correlation of social preference types with voter turnout. In addition to the voting

questions we exploit the answers to a question that elicits an ideological left-right self-assessment

on 1 to 11 scale. This question was issued in wave 20.9

8See Blom et al. (2015) and Blom et al. (2016) for a detailed description of the survey and how it is conducted

practically.
9This question was actually asked twice in the GIP. We use the version that was part of wave 20 as this wave is

chronologically closer to our experiment. The results do not change when we use the older version of this question.
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We exploit four different variables in order to measure an individual’s support for redistribution.

These questions are (1): “Should the government mitigate income differences?” from wave 21; (2):

“Should people who work more and consequently earn more, pay more or less taxes than they

do currently?” from wave 17; (3): “The redistributive aspect of the public pension system should

be strengthened even if that weakens the merit principle” from wave 27; and (4): “Should the

government be responsible to secure an appropriate standard of living for the unemployed?” from

wave 27. All these questions have in common that we would expect the answers to depend – among

other things – on distributional preferences. Several remarks are appropriate here. First, question

(1) was repeated several times in the GIP. We use the latest version but the results do not change

if we look at other waves. Second, question (3) was part of an information experiment. We include

experimental treatment controls that do however nothing to change our results. Third, there are,

to the best of our knowledge, no other useful redistributive questions in the GIP (as of July 2017)

– that is we are not cherry-picking.

3 Results

3.1 Distribution and Determinants of Social Preferences

Figure 5 shows a (jittered) scatter-plot in which each subject is represented by a point in the

(x, y) space. While almost any area in the (x, y) space is populated by an individual, there are

clearly visible masses of individuals at the center (selfishness), top-center (maxi-min), bottom-left

(spitefulness) and in particular the top-left corner (inequality-aversion).

The pattern displayed in Figure 5 suggests that the empirically most frequent type in our sample

is inequality averse – which is confirmed by the frequencies listed in Table 1. Almost two-thirds of

our sample are classified as inequality averse while only five to ten per cent of subjects in our sample

are classified as maxi-min, selfish and spiteful, respectively. The other types all have frequencies

below 5%, with altruistic and envious subjects being more frequent than the more exotic types

equality averse, kick-down and kiss-up. We record this as:

Result 1 (Distribution of Social Preferences): Almost two-thirds of our subjects display

various degrees of inequality aversion, while only 5 to 10% of the sample are classified as maxi-

min, selfish and spiteful, respectively. Altruistic and envious subjects are even less frequent in our

population and the other types are empirically irrelevant.

In Section A.4 in the appendix, we present further results from a structural pooled estimation

of a Charness-Rabin utility function. This estimation confirms that the average behavior in the

experiment is best described as malevolent when behind and benevolent when ahead. Moreover,

the unconditional within-subject correlation of the two scores is negative and approximately -0.39

13



Figure 5: Jittered scatterplot of (x, y) scores.
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Frequency Whole Sample Students Males Females

Altruist 3.8% 9.0% 4.4% 3.2%

Envious 3.5% 2.1% 3.6% 3.3%

Equality Averse 2.9% 2.1% 3.3% 2.5%

Inequality Averse 64.8% 49.3% 61.0% 68.8%

Kick-Down 1.4% 1.4% 1.7% 1.1%

Kiss-up 1.7% 1.4% 2.3% 1.0%

Maxi-Min 7.9% 19.4% 8.0% 7.8%

Selfish 5.0% 5.6% 5.8% 4.1%

Spiteful 9.0% 9.6% 9.8% 8.2%

N 2794 144 1440 1354

Table 1: Frequency of distributional types.

(p < 0.00).10

Turning to Table 1 and comparing the type distribution of the whole sample to that of the

sub-sample of students, we see that inequality aversion is clearly less frequent among students (only

around half of the 144 students display inequality aversion). Instead, students are more inclined to

be maxi-min and altruists. The other types are equally frequent in the two samples. The difference

between males and females is less pronounced with the major difference being that males are less

inclined to be inequality averse compared to females. This result is in line with similar findings in

the literature – see, among others, Andreoni and Vesterlund (2001) and Kamas and Preston (2015).

Next, we address the question how social preferences correlate with socio-economic factors – like

gender, age, income and education. For this purpose we run regressions with the x- and the y-score

as dependent variables and a range of covariates as right-hand side variables. Table 2 presents the

results from these regressions.11 As can be seen from this table, male subjects display higher x-

scores and lower y-scores relative to females. Thus, they are more benevolent when behind and less

10More figures can be found in the appendix: Figure 7 displays the frequency of switching points for each list.

Figure 8 depicts histograms of the x- and the y-score, respectively. Figure 9 presents another scatter plot of the

distribution of scores.
11In this section, like in the rest of the paper, we only present results from Linear Least Squares regressions

combined with robust standard errors. Logit and Ordered Logit estimations deliver virtually identical conclusions in

terms of sign and statistical significance, but do not easily deliver useful marginal effect estimates and are hence not

displayed here.
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benevolent when ahead. This mirrors our previous finding that females tend to be more inequality

averse than males. The opposite is true the older subjects are, ceteris paribus. The coefficient

on the income variable is less pronounced, but in general higher income seems to go along with

less benevolence in the domain of advantageous inequality and more benevolence in the domain

of disadvantageous inequality. The effect of education on the two scores is clearly significant in

all specifications and the sign of the coefficients implies that highly educated individuals are, on

average, more benevolent independently of the domain. Taken together, these findings suggest that

male, young, rich and highly educated individuals hold different distributional preferences than the

general population:12

Result 2 (Determinants of Social Preferences): Gender, age, income and education are

correlated with social preferences: Females tend to be more inequality averse than males, older

subjects tend to be more inequality averse than younger ones, richer subjects tend to be less inequality

averse than poorer ones, and more educated subjects seem to be more altruistic than the rest of the

sample.

3.2 The Impact of Social Preferences on Political Opinions, Voting Be-

havior and Attitudes Regarding Redistribution

We now come to the main research question of the present paper – the predictive power of revealed

social preferences for political opinions, voting behavior and attitudes towards redistribution. To

address this issue, we run several regressions always taking selfish subjects as the reference category.

We start out by assessing the predictive power of social preferences for turnout at political

elections. Table 3 presents regressions taking the answer category “I did not vote in the last

national election” in the question “Which party did you vote for in the last national election?” as

dependent variable. Subjects who chose the “did not vote” category receive the code one, all other

subjects are coded zero. Interestingly, no distributional type dummy is significant at conventional

levels in any of the two regressions. On the other hand, several other variables such as age, income,

education and trust in government all are significant with coefficient sign in the expected direction.

This suggests the conclusion:

Result 3 (Social Preferences and Voter Turnout): The propensity to turnout at national

elections does not differ by distributional preference type.

Next we assess the predictive power of social preferences for political attitudes. Table 4 presents

12Note however, that the ‘student’ dummy per se is not significant once age and education are controlled for (result

not reported here). Hence it seems that it is not student status per se, but age and education that make people hold

different distributional preferences. This finding is also mirrored in third party fairness views presented in Muller

and Renes (2017).
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regressions related to voting behavior. Columns (1) and (2) have as the dependent variable the

“party answers” to the question “Which party did you vote for in the last national election?”, while

columns (3) and (4) use the party answers to the question “Which party would you vote for if

there was a national election next Sunday?” as the dependent variable. We use the same left-right

coding of political parties in both cases, with higher values standing for more right-wing parties.13

The table highlights several interesting findings. The most important and most striking result is

probably that the coefficients on the social preference types all have the same sign – namely a

negative one. This means that selfish subjects – our reference category – are the extremists on the

right-hand side of the political spectrum, as these subjects are more inclined to vote for a right-wing

party than all the other types. On the other end of the political spectrum are the altruistic, maxi-

min and inequality averse subjects all of which display a large and statistically highly significant

(at the 1% level) negative coefficient close to −1.14 Spiteful and equality averse subjects also vote

significantly more left-wing than selfish subjects, their coefficients are somewhat smaller and less

significant, however. The other types are not significantly different from the selfish benchmark but

the coefficients display again a negative sign. The inclusion of control variables does in all cases

very little to change these findings. We therefore conclude:

Result 4 (Social Preferences and Voting Behavior): Selfish subjects are the extremists

on the right-hand side of the political spectrum – they are more likely to vote for a right-wing party

than all other types. Inequality-averse subjects, altruists and maxi-min seem to sit at the opposite

end of the political spectrum, while the other types behave less systematically and in a less extreme

fashion.

Next we examine the predictive power of social preferences for attitudes towards redistributive

policies. For this purpose we use the answers to the redistribution questions discussed in Subsection

2.3 as dependent variables in regressions. Table 5 presents the results with the answers to the

question “Should the government mitigate income differences?” in column (1), the answers to

“Should people who work more and consequently earn more, pay more or less taxes than they

do currently?” in column (2), the answers to “The redistributive aspect of the public pension

system should be strengthened even if that weakens the merit principle” in column 3 and the

answers to “Should the government be responsible to secure an appropriate standard of living for

13In particular, we code from left to right: The Left, the Greens, Social Democrats, Pirates, FDP, CDU/CSU,

AfD, NPD. The only somewhat controversial classification here is that of the “Pirates”. The main policy topic of

this party is the freedom of the internet. This party has however by now almost disappeared and is hence empirically

not important. We consulted newspapers articles and comments by political scientists and then decided to classify

this party as being between the Social- and the Liberal-Democrats.
14Since the voting dependent variables are coded as integers in {1, ..., 8}, a coefficient of that magnitude implies

that – everything else equal – an inequality averse subject, for example, votes ‘one party’ more left-wing than a

selfish subject.
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the unemployed?” in column (4). The picture in all four regressions is similar to that for voting

behavior: Again, the coefficients on the social preference types all have the same sign. Thus,

selfish subjects again appear as the extremists on one side of the political spectrum. Similar, but

not as pronounced as for voting behavior, we find that inequality averse, altruistic and maxi-min

subjects constitute the other end of the political spectrum. It is noteworthy that people with higher

income consistently express political attitudes supporting less redistribution even after controlling

for distributional types and other control variables. Age, gender, risk aversion and patience are not

significantly related to preferences for redistribution.

Result 5 (Social Preferences and Attitudes Towards Redistribution): Selfish subjects

are the extremists on one side of the attitudinal spectrum – they are less likely to favor redistribution

than all the other types. Inequality-averse subjects, altruists and maxi-min seem to sit at the opposite

end of the attitudinal spectrum, while all the other types behave less systematically and in a less

extreme fashion.

Finally, Table 6 uses political left-right self classification (on a one-to-eleven scale) as dependent

variable. Again, we get the same striking result: The coefficients on the social preference types all

have the same sign. Different from the earlier regressions now all social preference types except

for kiss-up and kick-down – for which we have a relatively small number of observations – are

significant at the 1% level. The largest coefficients are again produced by inequality averse and

altruistic subjects. The control variables are again mostly significant but they do very little to

change the conclusions with respect to the impact of social preferences on political self assessment.

We therefore conclude:

Result 6 (Social Preferences and Political Self Assessment): The results for political

self-declaration mirror those for voting behavior: Selfish subjects are the extremists on the right-hand

side of the political spectrum – they are more likely to self-declare themselves as right-wing than all

the other types. Again, inequality-averse and altruistic subjects seem to sit at the opposite end of

the political spectrum. Most of the other types also self-declare them significantly more left-wing

than the selfish ones.
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y-score x-score

Male -0.235 0.286∗∗∗

(0.15) (0.11)

Age 0.014∗∗∗ −0.028∗∗∗

(0.01) (0.00)

Income -0.091 0.114∗∗

(0.06) (0.05)

Education 0.240∗∗∗ 0.153∗∗

(0.09) (0.07)

East Germany 0.205 -0.138

(0.17) (0.13)

Trust government 0.166∗∗ 0.018

(0.08) (0.06)

Risk −0.079∗∗∗ 0.036

(0.03) (0.02)

Patience 0.019 0.004

(0.03) (0.02)

Observations 2013 2013

R2 0.018 0.054

Table 2: Dependent variable is the y-score in column (1) and the x-score in column (2). OLS

regression, robust standard errors in brackets. *, ** and *** indicate significance at the 10%, 5%

and 1% level, respectively. A constant is included in all cases but not displayed here.
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Turnout (1) (2)

Altruist -0.011 0.032

(0.04) (0.05)

Kiss-up 0.008 -0.058

(0.06) (0.06)

Inequality-averse -0.021 -0.019

(0.03) (0.03)

Equality-averse 0.083 0.093

(0.06) (0.07)

Maxi-min -0.047 -0.039

(0.04) (0.04)

Kick-down -0.057 -0.016

(0.05) (0.07)

Envious 0.056 0.089

(0.05) (0.06)

Spiteful -0.040 -0.048

(0.04) (0.04)

Male -0.018

(0.02)

Age −0.003∗∗∗

(0.00)

Income −0.013∗∗

(0.00)

Education −0.052∗∗∗

(0.01)

East -0.025

(0.02)

Trust in government −0.038∗∗∗

(0.01)

Risk -0.001

(0.00)

Patience -0.003

(0.00)

Observations 2274 1660

R2 0.008 0.088

Table 3: Dependent variable is a binary indicator that is one if subject declared (s)he did not vote

in the last election. The excluded reference group is “selfish”. OLS regression, robust standard

errors in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level, respectively. A

constant is included in all cases but not displayed here.
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Voted Last Election Vote Next Sunday

(1) (2) (3) (4)

Altruist −0.887∗∗∗ −0.978∗∗∗ −1.000∗∗∗ −0.995∗∗∗

(0.29) (0.33) (0.29) (0.32)

Kiss-up -0.496 -0.387 -0.611 -0.610

(0.43) (0.48) (0.42) (0.48)

Inequality Averse −0.935∗∗∗ −0.937∗∗∗ −0.931∗∗∗ −1.018∗∗∗

(0.21) (0.23) (0.21) (0.22)

Equality Averse −0.714∗∗ −0.715∗ -0.442 −0.690∗

(0.35) (0.38) (0.37) (0.40)

Maxi-Min −0.820∗∗∗ −0.713∗∗ −0.846∗∗∗ -0.768∗∗∗

(0.25) (0.28) (0.26) (0.28)

Kick-down -0.358 -0.446 -0.699 -0.767

(0.39) (0.43) (0.43) (0.49)

Envious -0.453 −0.746∗∗ -0.461 −0.607∗

(0.31) (0.34) (0.33) (0.36)

Spiteful −0.467∗ −0.567∗∗ −0.438∗ −0.622∗∗

(0.25) (0.28) (0.26) (0.28)

Male 0.147 0.140

(0.11) (0.12)

Age -0.002 -0.004

(0.00) (0.00)

Income 0.116∗∗∗ 0.132∗∗∗

(0.04) (0.04)

Education −0.216∗∗∗ −0.368∗∗∗

(0.07) (0.07)

East −0.443∗∗∗ -0.100

(0.14) (0.15)

Trust in Government 0.104∗ 0.136∗∗

(0.06) (0.07)

Risk 0.012 0.007

(0.01) (0.01)

Patience -0.004 -0.024

(0.02) (0.02)

Observations 1763 1438 1734 1400

R2 0.016 0.046 0.016 0.047

Table 4: Dependent variable in columns (1) and (2) is the party the subject voted for in the last national election, and

the dependent variable in columns (3) and (4) is the answer to the “next Sunday” question. The excluded reference group

is again “selfish”. Higher values mean more right-wing. OLS regression, robust standard errors in brackets. *, ** and ***

indicate significance at the 10%, 5% and 1% level, respectively. A constant is included in all cases but not displayed here.
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Redistribution (1) (2) (3) (4)

Altruist 0.537∗∗∗ 0.297∗∗ 0.574∗∗∗ 0.902∗∗∗

(0.18) (0.12) (0.18) (0.35)

Kiss-up 0.319 -0.005 0.445∗ 0.635

(0.28) (0.21) (0.23) (0.56)

Inequality-averse 0.443∗∗∗ 0.169∗∗ 0.459∗∗∗ 0.599∗∗

(0.12) (0.07) (0.12) (0.24)

Equality-averse 0.329 0.269∗ 0.725∗∗∗ 0.707∗

(0.21) (0.15) (0.19) (0.39)

Maxi-min 0.425∗∗∗ 0.101 0.455∗∗∗ 0.934∗∗∗

(0.15) (0.09) (0.14) (0.29)

Kick-down 0.491∗∗ 0.080 0.236 0.797

(0.23) (0.24) (0.22) (0.52)

Envious 0.161 0.202∗ 0.351∗ 0.429

(0.18) (0.10) (0.18) (0.37)

Spiteful 0.246∗ 0.137 0.251∗ 0.081

(0.14) (0.09) (0.14) (0.28)

Male 0.188∗∗∗ -0.031 -0.051 0.376∗∗∗

(0.05) (0.04) (0.05) (0.12)

Age 0.004∗∗ 0.007∗∗∗ 0.001 0.001

(0.00) (0.00) (0.00) (0.00)

Income −0.167∗∗∗ −0.110∗∗∗ −0.184∗∗∗ −0.175∗∗∗

(0.02) (0.02) (0.02) (0.05)

Education 0.106∗∗∗ 0.052∗∗ 0.058∗ 0.281∗∗∗

(0.03) (0.02) (0.03) (0.07)

East 0.267∗∗∗ -0.010 0.052 0.259∗

(0.06) (0.05) (0.07) (0.15)

Trust government −0.089∗∗∗ -0.004 0.012 0.104

(0.03) (0.02) (0.03) (0.07)

Risk −0.013∗∗ −0.008∗∗ -0.002 -0.023

(0.01) (0.00) (0.01) (0.02)

Patience 0.014∗ 0.004 0.010 0.020

(0.01) (0.00) (0.01) (0.02)

Observations 1895 1942 1597 1868

R2 0.068 0.045 0.086 0.035

Table 5: Dependent variables: (1): “Should the government mitigate income differences?”; higher values mean ‘agree’. (2):

“Should people who work more and consequently earn more, pay more or less taxes than they do currently?”; higher values

mean should pay more taxes. (3): “The redistributive aspect of the public pension system should be strengthened even

if that weakens the merit principle”(information experiment; experimental treatment controls included but not displayed

here); 1: agree, ... 5: reject. (4): “Should the government be responsible to secure an appropriate standard of living for the

unemployed?”; 0: not at all,.., 10: fully responsible. The excluded reference group is again “selfish”. OLS regression, robust

standard errors in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level, respectively. A constant is

included in all cases but not displayed here.
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Left-Right (1) (2)

Altruist −0.855∗∗∗ −1.008∗∗∗

(0.22) (0.23)

Kiss-up -0.246 -0.569

(0.37) (0.40)

Inequality-Averse −0.732∗∗∗ −0.831∗∗∗

(0.17) (0.18)

Equality-Averse −0.742∗∗∗ −0.771∗∗

(0.28) (0.31)

Maxi-Min −0.543∗∗∗ −0.558∗∗∗

(0.20) (0.21)

Kick-down -0.376 -0.487

(0.37) (0.43)

Envious −0.798∗∗∗ −0.811∗∗∗

(0.27) (0.29)

Spiteful −0.631∗∗∗ −0.736∗∗∗

(0.20) (0.22)

Male 0.362∗∗∗

(0.10)

Age -0.001

(0.00)

Income 0.108∗∗∗

(0.04)

Education −0.188∗∗∗

(0.06)

East German −0.285∗∗

(0.11)

Trust in Government −0.115∗∗

(0.05)

Risk 0.018

(0.01)

Patience -0.002

(0.02)

Observations 2293 1827

R2 0.010 0.047

Table 6: Dependent variables: political left-right self assessment on a scale from 1 (left) to 11 (right-wing). The excluded

reference group is “selfish”. OLS regression, robust standard errors in brackets. *, ** and *** indicate significance at the

10%, 5% and 1% level, respectively. A constant is included in all cases but not displayed here.
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4 Robustness

In this section, we evaluate the robustness of our findings in various ways. The first class of

robustness checks considers the assignments of subjects to social preference types. In this regard

we perform two exercises: First we estimate – for each individual – the two parameters of the piece-

wise linear Charness-Rabin function and we classify subjects then on the basis of the estimated

parameter values into social preference types. Then we conduct a simulation exercise in which

we randomly pick one x- and one y-list for each individual in order to determine a subject’s

type. The second class of robustness checks concerns the choice consistency of subjects. In this

regard, we calculate three different measures of choice consistency which we then use either to

weight observations according to their reliability, or to exclude participants who are judged to

be inconsistent. The third class of robustness checks regards alternative codings of variables and

alternative estimation approaches. We find that the conclusions of this paper survive all these

robustness checks.

4.1 Individual Charness-Rabin Utility Functions

In Section 3 we have assigned to each subject a social preference type on the basis of the average

score in the domain of advantageous and the domain of disadvantageous inequality. In this section

we complement our previous analysis by estimating for each individual the two parameters of the

piece-wise linear Charness-Rabin (2002) utility function. For the two-persons case the Charness-

Rabin reads U(m, o) = (1−σ)m+σo for m ≤ o and U(m, o) = (1−ρ)m+ρo for m > o, where m and

o stand (as before) for the material payoffs of the DM and the PS. Note that this functional form

implies piecewise constant willingness-to-pay (WTP) of the DM for income increases (or decreases)

of the PS. For the domain of disadvantageous inequality we have WTP d = σ
1−σ . If σ ≥ 0 then this

term gives the own-money amount the DM is willing to give up in the domain of disadvantageous

inequality in order to increase the PS’s material payoff by a single unit; symmetrically, if σ < 0 then
−σ

(1−σ) gives the own-money amount the DM is willing to give up in the domain of disadvantageous

inequality in order to decrease the PS’s material payoff by a single unit. The willingness to pay

for the domain of advantageous inequality, WTP a, is calculated in the same way from the second

parameter of the utility function and has a similar interpretation.

In order to classify a subject into a social preference type, we first estimate the two parameters

of the utility function, ρ and σ, for the subject. Then we have to define when an individual is

‘neutral’ with respect to the material payoff of the other. In this regard we take the convention

that neutrality in a given domain means that the DM is not willing to give up 5 Cents to change

the material payoff of the PS by a Euro. Using this convention we can classify each subject into
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one of the nine social preference types, which in turn allows us to run the same set of regressions

as in Section 3.

To estimate the two parameters of the Charness-Rabin function for a given subject we first

construct three points of indifference for each of the two domains of inequality based on the choices

of the subject in the experiment.15 The Charness-Rabin model of social preferences assumes linear

indifference curves in each of the two domains of inequality, but allows for a kink at equality. We

consequently go on by fitting a straight line through the three points of indifference in each domain

of inequality, constraining the regression line to run through the symmetric reference point (10,10).

In fitting the two straight lines we minimize the sum of the squared horizontal distances.16 The

resulting slope estimates, sa and sd, are then used to calculate the two parameters of the Charness-

Rabin function and the implied values of WTP a and WTP d. Figure 10 in the Appendix presents

histograms of WTP a and WTP d and Figure 11 presents a jittered scatterplot in which each subject

is represented as a point in an Euclidean space with WTP a on the vertical axis and WTP d on the

horizontal axis.

Table 7 lists the frequencies of the nine social preference types, once classified using the scores

(as shown before) and once calculated using the Charness-Rabin regressions. As can be seen there,

the differences are really minor with each single difference being smaller than one percentage point.

We now continue by using the “Charness-Rabin types” as explanatory variables in the same

set of regression specifications as in the previous section. The results – shown in tables 8 to 10 –

robustly underline the points made in the previous section: selfish subjects are the extremists on

one side of the political spectrum – they are more likely to vote for a right-wing party, they are

less likely to favor redistribution and they are more inclined to self-assess themselves as right-wing.

Inequality-averse subjects, altruists and maxi-min seem to sit at the opposite end of the spectrum,

while all the other types behave less systematically and in a less extreme fashion.

15To do so, we take the arithmetic mean between the asymmetric allocation in the last choice task where the

subject decided for the symmetric allocation and the asymmetric allocation in the first choice task where the subject

decided for the asymmetric allocation as assumed point of indifference. Assume, for example, a subject decides for

the symmetric allocation in the choice between (10,10) and (11,3) and for the asymmetric allocation in the next

choice between (10,10) and (11.5,3). Then we assume that the point of indifference to (10, 10) is (11.25, 3). We use

a similar convention for subjects who always decide for the symmetric allocation or always decide for the asymmetric

allocation.
16Note that the standard approach of minimizing the squared vertical distances would not produce sensible results

in the present context in which subjects implicitly choose points of indifference on horizontal lines.
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Frequency Scores Charness-Rabin

Altruist 3.8% 3.9%

Envious 3.5% 3.3%

Equality Averse 2.9% 3.1%

Inequality Averse 64.8% 65.3%

Kick-Down 1.4% 1.2%

Kiss-up 1.7% 1.2%

Maxi-Min 7.9% 7.8%

Selfish 5.0% 4.4%

Spiteful 9.0% 9.7%

N 2794 2794

Table 7: Frequency of distributional preference types calculated using scores (left column) and via

Charness-Rabin regressions (right column).
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Voting Voted Last Election Vote Next Sunday

(1) (2) (3) (4)

Altruist −0.874∗∗∗ −1.046∗∗∗ −0.864∗∗∗ −0.930∗∗∗

(0.30) (0.35) (0.30) (0.32)

Kiss-up -0.314 -0.340 -0.340 -0.467

(0.51) (0.53) (0.51) (0.53)

Inequality-averse −0.863∗∗∗ −0.837∗∗∗ −0.868∗∗∗ −0.943∗∗∗

(0.22) (0.25) (0.22) (0.24)

Equality averse −0.340 -0.391 -0.345 -0.531

(0.34) (0.37) (0.35) (0.40)

Maxi-min −0.711∗∗∗ −0.580∗∗ −0.837∗∗∗ −0.734∗∗

(0.26) (0.29) (0.27) (0.29)

Kick down −0.815∗ −0.642 -0.516 -0.726

(0.43) (0.49) (0.45) (0.49)

Envious -0.221 -0.407 -0.085 -0.198

(0.32) (0.35) (0.34) (0.36)

Spiteful -0.429 −0.538∗ −0.537∗∗ −0.700∗∗

(0.26) (0.29) (0.27) (0.29)

Controls Yes Yes Yes Yes

Observations 1763 1438 1734 1400

R2 0.016 0.044 0.015 0.046

Table 8: Robustness Check: Charness-Rabin Types. Dependent variable in columns (1) and (2)

is the party the subject voted for in the last national election, and dependent variable in columns

(3) and (4) is the answer to the “next Sunday” question. The excluded reference group is “selfish”.

Higher values mean more right-wing. OLS regression, robust standard errors in brackets. *, ** and

*** indicate significance at the 10%, 5% and 1% level, respectively. A constant is included in all

cases but not displayed here.
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Redistribution (1) (2) (3) (4)

Altruist 0.618∗∗∗ 0.292∗∗ 0.620∗∗∗ 0.979∗∗∗

(0.18) (0.13) (0.18) (0.37)

Kiss-up 0.327 -0.019 0.392 1.013

(0.34) (0.26) (0.25) (0.66)

Inequality averse 0.471∗∗∗ 0.166∗∗ 0.442∗∗∗ 0.627∗∗

(0.13) (0.08) (0.13) (0.27)

Equality-averse 0.321 0.142 0.566∗∗∗ 0.594

(0.20) (0.15) (0.20) (0.39)

Maximin 0.415∗∗∗ 0.115 0.453∗∗∗ 1.018∗∗∗

(0.16) (0.09) (0.15) (0.31)

Kick down 0.442∗ 0.041 0.268 0.806

(0.24) (0.18) (0.21) (0.61)

Envious 0.229 0.192 0.231 0.523

(0.19) (0.13) (0.19) (0.37)

Spiteful 0.298∗∗ 0.174∗ 0.294∗ 0.160

(0.15) (0.10) (0.15) (0.30)

Controls Yes Yes Yes Yes

Observations 1895 1942 1597 1868

R2 0.067 0.044 0.083 0.035

Table 9: Robustness Check: Charness-Rabin Types. Dependent variables: (1): “Should the

government mitigate income differences?”; higher values mean ‘agree’. (2): “Should people who

work more and consequently earn more, pay more or less taxes than they do currently?”; higher

values mean should pay more taxes. (3): “The redistributive aspect of the public pension system

should be strengthened even if that weakens the merit principle” (information experiment; exper-

imental treatment controls included but not displayed here); 1: agree, ... 5: reject. (4): “Should

the government be responsible to secure an appropriate standard of living for the unemployed?”; 0:

not at all,.., 10: fully responsible. The excluded reference group is again “selfish”. OLS regression,

robust standard errors in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level,

respectively. A constant is included in all cases but not displayed here.
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Left-Right (1) (2)

Altruist −0.828∗∗∗ −1.061∗∗∗

(0.23) (0.24)

Kiss-up -0.313 -0.513

(0.43) (0.47)

Inequality averse −0.706∗∗∗ −0.806∗∗∗

(0.18) (0.20)

Equality-averse −0.588∗∗ −0.689∗∗

(0.28) (0.31)

Maximin −0.531∗∗ −0.508∗∗

(0.22) (0.23)

Kick-down -0.558 -0.605

(0.37) (0.45)

Envious −0.473∗ −0.471∗

(0.27) (0.29)

Spiteful −0.663∗∗∗ −0.757∗∗∗

(0.22) (0.24)

Controls Yes Yes

Observations 2293 1827

R2 0.008 0.047

Table 10: Robustness Check: Charness-Rabin Types. Dependent variables: political left-right

self assessment on a scale from 1 (left) to 11 (right-wing). The excluded reference group is “selfish”.

OLS regression, robust standard errors in brackets. *, ** and *** indicate significance at the 10%,

5% and 1% level, respectively. A constant is included in all cases but not displayed here.
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4.2 Assigning Types Based on One X- and One Y-list

So far, we defined distributional preference types either based on the average switching row over

three tables in each domain (in Section 3) or based on the estimation of a piece-wise linear indiffer-

ence curve through three points of indifference in each domain (Subsection 4.1). In this subsection,

we conduct the following kind of Monte-Carlo simulation as an additional robustness check: For

every subject, we randomly pick – independently and with equal probability – one of the three

lists in each domain. Based on the choices of the subject on the two randomly chosen lists we

then calculate the implied (x, y) score and the associated social preference type. We then use the

types constructed in this way in the regressions of interest (as in tables 4, 5 and 6), estimating

the coefficient, the standard error and the t-statistic. We repeat the previous steps 10000 times.

The distribution of coefficients and t-statistics calculated in this way gives an indication of the

robustness of our results towards an alternative classification of subjects in social preference types.

Table 11 displays the average frequencies of distributional preference types after 10000 random

draws for the whole sample. While the empirical frequency of maxi-min and selfish subjects increases

somewhat and that of inequality averse subjects decreases by about four percentage points, in

general this exercise demonstrates that using the average switching row over the three lists to

classify subjects into types does not significantly influence the distribution of social preference

types.

Figures 12 and 13 in the Appendix depict exemplarily the histograms of simulated t-statistics

(left panel) as well as the corresponding coefficient estimates (right panel) with the “voted last

election” variable as dependent variable. As Figure 12 shows, for altruistic subjects the distribution

in the left panel is centered around approximately -2.6 with only a small fraction of t-values larger

than -2 (roughly the threshold for statistical significance) and the distribution of coefficient estimate

in the right panel around -0.8. Tables 25- 28 provide a summary of all t-statistic distributions. This

robustness check confirms that the general conclusion does not hinge on the fact that we use the

average over three lists in each domain.

4.3 Excluding Inconsistent Subjects

While we consider the large and representative nature of the GIP a distinct advantage of our

experiment, it might come at the cost that people’s behavior displays more noise than conventional

laboratory studies for example, because subjects might be more easily distracted at home than in the

lab. It seems therefore important to check whether some of our results are driven by inconsistently

deciding subjects.17 In this subsection we check the robustness of our results in this regard in four

17Evidence that heterogeneous online samples do not necessarily display higher degrees of choice inconsistencies

comes from Beranek et al.’s (2015). In an experiment based on modified dictator tasks a la Blanco, Engelmann, and
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Frequency Simulation

Altruist 3.4%

Envious 4.4%

Equality Averse 2.7%

Inequality Averse 60.8%

Kick-Down 1.5%

Kiss-up 1.3%

Maxi-Min 9.7%

Selfish 7.0%

Spiteful 8.8%

N 10000

Table 11: Frequency of distributional types - Simulation based on one choice in each list.

different ways.

First, a natural definition of consistency is that the three scores in each domain should all lie

in the same area as defined by Kerschbamer (2015). We define a subject as consistent according

to this definition if either i) all three scores in one domain are smaller than 1, ii) all scores in

one domain are larger than -1 or iii) all scores in one domain are between -1 and +1. We find

that 437 participants, or 15% of the sample, are not consistent according to this definition. If we

exclude these subjects and run the same set of regressions as in Section 3 our main results remain

qualitatively unaffected – see Section A.6 in the appendix. This robustness check suggests that our

main conclusions are not driven by inconsistent subjects.

Second, an alternative requirement for rationality – or choice-consistency – is that indifference

curves ’do not bend back’ to the symmetric reference allocation. We consequently say a decision-

maker behaves inconsistently in the y-domain if the score in the y-list right below the line o = 10 is

positive (negative) and any of the other two scores is smaller (larger) than the score(s) in the list(s)

above. Similarly, choice consistency in the x-domain requires according to this definition that if the

score in the x-list right above the symmetric reference point is positive (negative) then the score in

any list further above should not be smaller (larger) than the score(s) at the list(s) below. Defining

consistency in this way, we find that 1734 subjects (62% of our sample) are fully consistent in their

Normann (2011) the authors find that subjects hired via Amazon Mechanical Turk (MTurk) are more consistent in

their decisions than students from the UK and Turkey.
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choices in both domains. If we run regressions based exclusively on those 1734 subjects our main

conclusions remain once more unchanged (see Tables 22 to 24 in the Appendix).

A third way to define choice consistency is to use the sum of the standard deviations of the

three scores in each domain as an (inverse) measure of consistency. The idea is that a consistent

DM should not have very different scores in the three lists in each domain. The standard deviation

of the individual scores in each list then provides a measure of consistency of decision-making. If

we exclude all observations with a standard deviation larger than one (30.5% of all observations)

the results (available upon request) are again very similar to those reported in Section 3.18

Lastly, to the extent that decision-time is correlated with decision-making quality, the time

a subject spends filling out the survey is an indicator of how ’serious’ decisions were made in the

survey. We conjecture that subjects who spend very little time with the experiment might not make

well-deliberated choices. Taking an unusually long time to complete the experiment, on the other

hand, might indicate a lack of understanding of the instructions or a lack of care. Consequently, we

run all regressions again, this time excluding (i) all subjects who took less than 30 seconds, ii) all

subjects who took less than 60 seconds, iii) all subjects who took less than 120 seconds or iv) all

subjects who took more than 20 minutes to complete the experiment (dropping 42, 209, 698 and

28 subjects, respectively). The results – available from the authors upon request – are virtually

unchanged by those exclusions.

4.4 Alternative Codings of Variables and Alternative Estimation Meth-

ods

Finally, we also assess whether our qualitative conclusions are sensitive (i) to the estimation proce-

dure used and ii) to the coding of political variables. Regarding i), using OLS entails the implicit

assumption that the difference between two values of the dependent variable is meaningful. This

is not necessarily the case in the present context, in particular in Table 5 in which the party a

participant voted for (or plans to vote for) is the dependent variable. Ordered Logit models relax

this assumption and allow us to evaluate whether the statistical significant differences in behavior

between selfish subjects on the one hand and altruistic, inequality averse and maxi-min subjects

on the other hand is an artifact of this empirical assumption. Our results (available upon request)

indicate that this is clearly not the case.

In order to address ii), we collapse the answers to the questions “Which party would you vote for

18There is a significant positive correlation between this meausre and the individual-level R2 from the Charness-

Rabin regressions within a domain. There is also a significant positive correlation of consistency across the two

domains, indicating that subjects who are consistent in one domain are also more likely to be consistent in the other

domain.
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if there were elections next Sunday?”, “Which party did you vote for at the last election?” and the

answer to the political left-right self-assessment on the one-to-eleven scale into three distinct values

(i.e. left - center - right).19 Moreover, we also drop the center category and run the regressions

using only a binary left-right outcome variable. We find that our results robustly survive those

recodings of variables.20

5 Concluding Remarks

This paper has investigated – in a large-scale online experiment – the relationship between social

preferences on the one hand, and socio-economic factors, voting behavior, attitudes toward redis-

tribution and political self-assessment on the other hand. Our results regarding the link between

social preferences and political preferences are striking: Selfish subjects are the extremists on one

side of the political spectrum – they are more likely to vote for a right-wing party, they are less

likely to favor redistribution and they are more inclined to self-assess themselves as right-wing than

all the other social preference types. Inequality-averse, altruistic and maxi-min subjects seem to

sit at the opposite end of the political spectrum. These results are robust towards the inclusion

of several control variables and a battery of robustness checks and they hold despite considerable

time lags between the different decisions of the participants in our experiment.

In experimental economics and social-psychology, the present paper contributes to the debates

about the stability of social preferences and their external validity. As Levitt and List (2007, p. 170)

put it: “Perhaps the most fundamental question in experimental economics is whether findings from

the lab are likely to provide reliable inferences outside of the laboratory.” The present paper has

tackled this question by presenting evidence suggesting that distributional preferences are rather

stable across contexts and over longer periods of time, and by documenting a strong and robust

relation between elicited social preferences and self-reported field behavior.

On a more general level, our findings contribute to the knowledge about the determinants of

political preferences and voting behavior – which is clearly important for the understanding of a

variety of social and economic policies, from tax rate schedules to the social security system, and

for the emergence of institutions, from the party system to the welfare state. In the rational-choice

model of voting behavior (Downs, 1957) people vote for the party or the redistributive policy that

19In particular, we code the Left and the Greens as left, the AfD and the NPD as right and the remaining four

parties as center, which seems to be a fair summary of the German political landscape. The political self-assessment

on the other hand is coded such that left, right and center approximately form three equally large groups: a person

is classified as left if the answer to this question is between 1 and 4, as center of the answer is between 5 and 7, and

as right if the answer is between 8 and 11.
20The results are again available upon request.
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serves their own material self-interest best.21 In this model, ideological differences arise purely

out of differences in beliefs, income, wealth or ability. By contrast, in the sociological model of

voting behavior (Lazarsfeld, Berelson, and Gaudet, 1948; Berelson, 1954; Katz and Lazarsfeld,

1955) socio-structural variables – above all socio-economic status, religious affiliation and area of

residence (urban or rural) – influences voting decisions. In this model differences in social status

lead to ideological differences in the political arena. Finally, in the psychosocial model of voting

behavior (Campbell and Kahn, 1952; Campbell, Gurin, and Miller, 1954) the central driver of

electoral decisions is partisanship acquired through a socialization process, influenced by the values

and attitudes of family, colleagues and peers. According to this model, differences in values and

attitudes in other domains translate into ideological differences in the political arena.

Our evidence points to another source of ideological differences in the political arena – dis-

tributional preferences. While common sense and anecdotal evidence suggests that distributional

preferences shape opinions on redistributive policies and party support, empirical evidence on this

relationship is surprisingly sparse. We took a first step to fill this gap, as our evidence prompts

the conclusion that distributional preferences indeed significantly determine political attitudes. In

particular, we have shown that those voters who behave as predicted by the rational choice theory

of voting are overrepresented on the right-hand side of the political spectrum, while subjects that

display benevolence in the domain of advantageous inequality are more likely to express preferences

for typical left-wing policies and parties relative to the canonical selfish homo oeconomicus.
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A Appendix

A.1 Screenshots

Figure 6: Screenshot online experiment GIP.

A.2 Translated Instructions

Dear participant of “Gesellschaft im Wandel”,

In the following, we would like to ask you to distribute money between you and another anony-

mous participant of “Gesellschaft im Wandel”. We will call the other randomly chosen participant

your recipient. The distributional decisions concern real money; some randomly chosen decisions

will actually be paid to the participants.

You will now successively see six tables. The two left columns in the table always show a

distribution where you and your recipient are getting the same amount of money. The two right

columns in the table always show a distribution where your recipient always receives the same

amount of money, whilst your amount of money increases from one row to the next. All in all, this

implies that the distribution on the left hand side always stays the same, whilst the one on the

right hand side becomes more favorable for you, because you receive more money the further you

go down in the table.

We would thus expect that participants prefer the left distribution at the beginning and then

want to switch to the right distribution at some point. However, there might be participants who
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always prefer one distribution over the other. We want you to indicate in which row you would

like to switch from the left distribution to the right distribution, i.e. from which row onwards you

prefer the right distribution. On the following page, we will explain these tables with an example.

Later, the computer will randomly choose 250 participants among those who completed six

tables. Each of these 250 chosen participants will receive actual money according to one row in one

of the tables completed by them. The decisions made by the participants in these particular tables

will then determine whether the left or right distribution will be paid.

In addition, 250 other participants of the survey will be assigned to the decision of one of the

chosen participants and receives the money in their role as passive recipient. The money will then

be transferred to the accounts of all selected participants. No participant can be picked more than

once. We expect around 3000 participants in this survey.

To sum up: In this part of the survey, you are taking decisions in tables in which you are asked

to indicate the line in which row you for the first time prefer the right over the left distribution.

Besides your chance to receive money as a selected decision maker, you also have the chance to

receive money as a passive recipient.

[Example Table Here]

You can see in this table that you and the recipient both receive 20 euros in each row in the left

distribution. In the right distribution, your amount of money increases from row to row while the

passive recipient always receives 15 Euro.

You are now supposed to choose the row in which you for the first time prefer the right over

the left distribution. For example, if you for the first time prefer the right over the left distribution

in the penultimate row, meaning you would rather receive 22 Euro and the recipient 15 euros

(right distribution) than both of you receiving 20 Euro (left distribution) and you preferred the left

distribution in all prior rows, then you should indicate the penultimate row as the one where you

first preferred the right distribution over the left one.

We would now like to ask you to choose the row in which you would like to change from the left

to the right distribution. In order to do so, please click on the row that you choose. After you have

marked the row, the rest of the table will be completed automatically. For example, if you mark

the first row, this implies that you always prefer the right distribution over the left one. Please

control your decision one more time before you click on Continue.

Please select the row from which you prefer the right distribution over the left distribution. All

numbers are in Euro.
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A.3 Allocation Tasks
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Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 5 3

2 O 10 10 7 3

3 O 10 10 9 3

4 O 10 10 9.50 3

5 O 10 10 10 3

6 O 10 10 10.50 3

7 O 10 10 11 3

8 O 10 10 11.50 3

9 O 10 10 12 3

10 O 10 10 14 3

11 O I always prefer the left allocation.

Table 12: List 1.

Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 6 5

2 O 10 10 8 5

3 O 10 10 9 5

4 O 10 10 9.50 5

5 O 10 10 10 5

6 O 10 10 10.50 5

7 O 10 10 11 5

8 O 10 10 11.50 5

9 O 10 10 12 5

10 O 10 10 14 5

11 O I always prefer the left allocation.

Table 13: List 2.
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Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 8 7

2 O 10 10 8.50 7

3 O 10 10 9 7

4 O 10 10 9.50 7

5 O 10 10 10 7

6 O 10 10 10.50 7

7 O 10 10 11 7

8 O 10 10 11.50 7

9 O 10 10 12 7

10 O 10 10 14 7

11 O I always prefer the left allocation.

Table 14: List 3.

Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 7 13

2 O 10 10 8 13

3 O 10 10 8.50 13

4 O 10 10 9 13

5 O 10 10 9.50 13

6 O 10 10 10 13

7 O 10 10 10.50 13

8 O 10 10 11 13

9 O 10 10 11.50 13

10 O 10 10 12 13

11 O I always prefer the left allocation.

Table 15: List 4.
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Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 7 15

2 O 10 10 8 15

3 O 10 10 8.50 15

4 O 10 10 9 15

5 O 10 10 9.50 15

6 O 10 10 10 15

7 O 10 10 10.50 15

8 O 10 10 11 15

9 O 10 10 12 15

10 O 10 10 14 15

11 O I always prefer the left allocation.

Table 16: List 5.

Allocation: Left Allocation: Right

You get The Recipient Gets You get The Recipient Gets

1 O 10 10 7 17

2 O 10 10 8 17

3 O 10 10 8.5 17

4 O 10 10 9 17

5 O 10 10 9.5 17

6 O 10 10 10 17

7 O 10 10 10.5 17

8 O 10 10 11 17

9 O 10 10 13 17

10 O 10 10 16 17

11 O I always prefer the left allocation.

Table 17: List 6.
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A.4 Pooled Maximum-Likelihood Estimation of Charness-Rabin Utility

Function

We complement our analysis with a pooled maximum-likelihood estimation of the parameters of a

Charness-Rabin utility function. We do so in a random utility framework with normally distributed

Fechner errors.22 Charness and Rabin (2002) posit the following piece-wise linear utility function:

Us(m, o) =





(1 − σ)m+ σo if m ≤ o

(1 − ρ)m+ ρo if m > o,

whereas the m (o) denotes income to self (other). The Fechner error version of the random

utility model then assumes that the decision maker picks allocation (mA, oA) over (mB , oB) iff

U(mA, oA) + εA > U(mB , oB) + εB . Table 18 displays the estimated Charness and Rabin (2002)

model parameters. The weight on other’s income when self is behind is σ = −0.96 and the weight

when ahead is ρ = 0.63. These estimates imply malevolence when behind and benevolence when

ahead, that is, the representative agent is inequality averse.

(1)

σ −0.96∗∗∗

(0.02)

ρ 0.63∗∗∗

(0.01)

Variance 1.67∗∗∗

(0.01)

N 167640

Table 18: Pooled ML-estimation of Charness-Rabin parameters. Standard errors (clustered by

subject) in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level respectively.

σ: weight on other in the domain of disadvantageous inequality; ρ: weight on other in the domain

of advantageous inequality.

22Hence, we estimate the ‘Probit version’ of a random utility model. We also allowed for Gumbel distributed error

terms, which leads to the ‘Logit’ version of the model. We do not find any differences between the models and hence

only report results with normal error terms.
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A.5 x- and y-Score

Figure 7: Histogram of switching points from symmetric to asymmetric allocation by table. The

symmetric reference allocation is always (10,10). The income of the passive subject in the asym-

metric allocation is 3, 5, 7, 13, 15 and 17 in tables 1 to 6, respectively. 11 means ‘always prefer

equal allocation’.
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Figure 8: Histogram of x- and y-scores.

Figure 9: Distribution of (x, y) scores. N = 2794.

47



A.6 Additional Results

A.6.1 Excluding “Too Strong Score Switches”
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Voted Last Election Vote Next Sunday

Voting (1) (2) (3) (4)

Altruist −0.604∗ −0.740∗ −0.688∗∗ −0.793∗∗

(0.33) (0.38) (0.33) (0.36)

Kiss-up 0.058 -0.162 -0.239 -0.597

(0.71) (0.74) (0.73) (0.70)

Inequality Averse −0.818∗∗∗ −0.837∗∗∗ −0.831∗∗∗ −0.949∗∗∗

(0.23) (0.25) (0.22) (0.24)

Equality Averse -0.317 -0.531 -0.262 -0.597

(0.39) (0.45) (0.42) (0.50)

Maximin −0.744∗∗∗ −0.639∗∗ −0.843∗∗∗ −0.791∗∗∗

(0.28) (0.30) (0.28) (0.30)

Kick-down -0.726 -0.407 -0.911 -0.644

(0.49) (0.56) (0.56) (0.63)

Envious -0.472 −0.754∗ -0.329 -0.478

(0.42) (0.45) (0.44) (0.49)

Spiteful -0.341 -0.438 -0.368 −0.567∗

(0.29) (0.31) (0.29) (0.32)

Controls Yes Yes Yes Yes

Observations 1494 1225 1454 1182

R2 0.013 0.039 0.013 0.041

Table 19: Robustness I: no strongly different scores. Dependent variable is the party voted for in

last election, columns (1) and (2), and party one plans to vote for if election were next Sunday,

columns (4) and (4). The excluded reference group is “selfish”. Higher values mean more right-

wing. OLS regression, robust standard errors in brackets. *, ** and *** indicate significance at

the 10%, 5% and 1% level respectively. A constant and the usual set of controls are included in all

cases but not displayed here.
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Redistribution (1) (2) (3) (4)

Altruist 0.700∗∗∗ 0.365∗∗∗ 0.555∗∗ 1.042∗∗∗

(0.21) (0.14) (0.22) (0.40)

Kiss-up 0.118 -0.610 0.688 0.881

(0.73) (0.51) (0.53) (1.38)

Inequality-Averse 0.487∗∗∗ 0.229∗∗∗ 0.483∗∗∗ 0.705∗∗

(0.14) (0.09) (0.14) (0.30)

Equality-averse 0.413 0.226 0.810∗∗∗ 0.826∗

(0.26) (0.19) (0.24) (0.45)

Maxi-min 0.497∗∗∗ 0.171∗ 0.510∗∗∗ 1.025∗∗∗

(0.17) (0.10) (0.16) (0.34)

Kick-Down 0.352 -0.043 0.138 1.411

(0.26) (0.24) (0.26) (1.01)

Envious 0.169 0.225 0.248 0.965∗∗

(0.25) (0.14) (0.22) (0.48)

Spiteful 0.280∗ 0.190∗ 0.280∗ 0.208

(0.17) (0.11) (0.16) (0.34)

Controls Yes Yes Yes Yes

Observations 1606 1634 1351 1575

R2 0.067 0.051 0.092 0.037

Table 20: Robustness I: no strongly different scores. Dependent variables: (1): “Should the gov-

ernment mitigate income differences?”; higher values mean ‘agree’. (2): “Should people who work

more and consequently earn more, pay more or less taxes than they do currently?”; higher values

mean should pay more taxes. (3): “The redistributive aspect of the public pension system should

be strengthened even if that weakens the merit principle”(information experiment; experimental

treatment controls included but not displayed here); 1: agree, ... 5: reject. (4): “Should the gov-

ernment be responsible to secure an appropriate standard of living for the unemployed?”; 0: not

at all,.., 10: fully responsible. The excluded reference group is again “selfish”. OLS regression,

robust standard errors in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level

respectively. A constant is included in all cases but not displayed here.
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Left-Right (1) (2)

Altruist −0.878∗∗∗ −1.010∗∗∗

(0.26) (0.27)

Kiss-up -0.216 -0.597

(0.85) (0.90)

Inequality Averse −0.757∗∗∗ −0.854∗∗∗

(0.19) (0.21)

Equality Averse −0.764∗∗ −0.802∗∗

(0.30) (0.33)

Maximin −0.726∗∗∗ −0.725∗∗∗

(0.23) (0.24)

Kick-down -0.447 -0.570

(0.42) (0.54)

Envious −0.939∗∗∗ −0.880∗∗

(0.34) (0.37)

Spiteful −0.757∗∗∗ −0.879∗∗∗

(0.23) (0.26)

Controls Yes Yes

Observations 1934 1538

R2 0.009 0.039

Table 21: Robustness I: no strongly different scores. Dependent variables: political left-right self

assessment on a scale from 1 (left) to 11 (right-wing). The excluded reference group is “selfish”.

OLS regression, robust standard errors in brackets. *, ** and *** indicate significance at the 10%,

5% and 1% level respectively. A constant and the usual set of controls are included in all cases but

not displayed here.
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A.6.2 Excluding Subjects with Backward Bending Indifference Curves

Voted Last Election Vote Next Sunday

Voting (1) (2) (3) (4)

Altruist -0.502 -0.550 -0.397 -0.652

(0.43) (0.48) (0.41) (0.44)

Kiss-up -0.706 -0.857 -0.506 -0.784

(0.69) (0.66) (0.69) (0.67)

Inequality Averse −0.942∗∗∗ −0.981∗∗∗ −0.772∗∗∗ −0.986∗∗∗

(0.26) (0.29) (0.26) (0.28)

Equality Averse -0.173 -0.126 0.481 0.315

(0.60) (0.69) (0.55) (0.66)

Maximin −0.670∗∗ -0.480 −0.705∗∗ −0.673∗

(0.32) (0.35) (0.32) (0.35)

Kick-down -0.373 -0.470 -1.172 -1.271

(0.79) (1.28) (0.79) (1.04)

Envious -0.673 -0.880 -0.339 -0.638

(0.58) (0.58) (0.62) (0.61)

Spiteful -0.475 −0.615∗ -0.467 −0.754∗

(0.33) (0.37) (0.36) (0.40)

Controls Yes Yes Yes Yes

Observations 1104 899 1074 869

R2 0.016 0.043 0.013 0.043

Table 22: Robustness II: no backwards bend. Dependent variable is the party voted for in last

election, columns (1) and (2), and party one plans to vote for if election were next Sunday,

columns (4) and (4). The excluded reference group is “selfish”. Higher values mean more right-

wing. OLS regression, robust standard errors in brackets. *, ** and *** indicate significance at

the 10%, 5% and 1% level respectively. A constant and the usual set of controls are included in all

cases but not displayed here.
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Redistribution (1) (2) (3) (4)

Altruist 0.596∗∗ 0.380∗∗ 0.804∗∗∗ 1.114∗∗

(0.26) (0.18) (0.29) (0.48)

Kiss-up 0.058 0.355 0.980 -0.718

(0.57) (0.41) (0.63) (1.28)

Inequality-averse 0.409∗∗ 0.304∗∗∗ 0.642∗∗∗ 0.630∗∗

(0.16) (0.10) (0.16) (0.31)

Equality-averse -0.114 -0.240 0.940∗∗ -0.079

(0.51) (0.28) (0.36) (0.59)

Maxi-min 0.382∗∗ 0.246∗∗ 0.650∗∗∗ 0.859∗∗

(0.19) (0.11) (0.19) (0.39)

Kick-down 0.516 0.357 0.869∗∗ 0.680

(0.41) (0.32) (0.36) (1.28)

Envious 0.084 0.374∗ 0.101 0.369

(0.44) (0.21) (0.31) (0.66)

Spiteful 0.123 0.206∗ 0.280 -0.097

(0.19) (0.12) (0.20) (0.38)

Controls Yes Yes Yes Yes

Observations 1175 1194 974 1147

R2 0.074 0.062 0.108 0.041

Table 23: Robustness II: no backwards bend. Dependent variables: (1): “Should the government

mitigate income differences?”; higher values mean ‘agree’. (2): “Should people who work more and

consequently earn more, pay more or less taxes than they do currently?”; higher values mean should

pay more taxes. (3): “The redistributive aspect of the public pension system should be strength-

ened even if that weakens the merit principle”(information experiment; experimental treatment

controls included but not displayed here); 1: agree, ... 5: reject. (4): “Should the government be

responsible to secure an appropriate standard of living for the unemployed?”; 0: not at all,.., 10:

fully responsible. The excluded reference group is again “selfish”. OLS regression, robust standard

errors in brackets. *, ** and *** indicate significance at the 10%, 5% and 1% level respectively. A

constant is included in all cases but not displayed here.
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Left-Right (1) (2)

Altruist −0.700∗∗ −0.882∗∗∗

(0.33) (0.32)

Kiss-up -0.624 −1.392∗

(0.88) (0.84)

Inequality Averse −0.679∗∗∗ −0.832∗∗∗

(0.22) (0.23)

Equality Averse -0.406 -0.239

(0.43) (0.60)

Maximin −0.665∗∗ −0.673∗∗

(0.26) (0.28)

Kick-down -0.553 −0.927∗∗∗

(0.44) (0.31)

Envious -0.386 -0.504

(0.45) (0.50)

Spiteful −0.693∗∗ −0.926∗∗∗

(0.28) (0.31)

Controls Yes Yes

Observations 1415 1119

R2 0.007 0.045

Table 24: Robustness II: no backwards bend. Dependent variables: political left-right self assess-

ment on a scale from 1 (left) to 11 (right-wing). The excluded reference group is “selfish”. OLS

regression, robust standard errors in brackets. *, ** and *** indicate significance at the 10%, 5%

and 1% level respectively. A constant and the usual set of controls are included in all cases but not

displayed here.
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A.7 Charness-Rabin Figures

Figure 10: Histogram of implied willingness-to-pay in order to increase the other person’s income.

A.8 Tables Simulation
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Figure 11: Jittered scattterplot in which each subject is represented as a point in an Euclidian

space with WTP a on the vertical axis and WTP d on the horizontal axis.

Variable Obs Mean Std. Dev. P5 P25 P75 P95

t votelast alt 10000 -2.64 .57 -3.59 -3.03 -2.26 -1.71

t votelast kiss 10000 -2.03 1.94 -5.24 -3.33 -.73 1.13

t votelast inverse 10000 -4.39 .56 -5.32 -4.76 -4 -3.48

t votelast eqaverse 10000 -2.41 1.18 -4.4 -3.16 -1.62 -.46

t votelast maxi 10000 -3.42 .75 -4.68 -3.91 -2.91 -2.21

t votelast kick 10000 .21 1.84 -2.79 -1.01 1.45 3.22

t votelast envious 10000 -1.91 1.15 -3.8 -2.67 -1.11 -.06

t votelast spite 10000 -2.66 .72 -3.86 -3.14 -2.16 -1.48

Table 25: Simulation of t-statistics when the “voted last Election” question is the dependent vari-

able. P5 is 5% percentile, P25 is 5% percentile and so on.
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Figure 12: MC simulation of coefficient and t-statistics on altruists. Dependent variable: voted last

election. Regression includes all other standard controls and uses robust errors.

Variable Obs Mean Std. Dev. P5 P25 P75 P95

t votesunday alt 10000 -2.65 .6 -3.64 -3.05 -2.25 -1.68

t votesunday kiss 10000 -2.44 2.04 -5.92 -3.76 -1.06 .89

t votesunday inverse 10000 -4.93 .61 -5.96 -5.33 -4.51 -3.94

t votesunday eqaverse 10000 -2.6 1.33 -4.83 -3.49 -1.68 -.48

t votesunday maxi 10000 -4.27 .82 -5.65 -4.81 -3.71 -2.96

t votesunday kick 10000 -.73 1.92 -3.93 -2.02 .58 2.43

t votesunday envious 10000 -1.3 1.23 -3.35 -2.13 -.46 .68

t votesunday spite 10000 -3.44 .8 -4.74 -3.98 -2.89 -2.16

Table 26: Simulation of t-statistics when the “vote next Sunday” question is the dependent variable.

P5 is 5% percentile, P25 is 5% percentile and so on.
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Figure 13: MC simulation of coefficient and t-statistics on Kiss-up types. Dependent variable:

voted last election. Regression includes all other standard controls and uses robust errors.
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Variable Obs Mean Std. Dev. P5 P25 P75 P95

t red ineq W21 alt 10000 2.45 .55 1.55 2.08 2.82 3.36

t red ineq W21 kiss 10000 2.53 1.84 -.56 1.3 3.75 5.62

t red ineq W21 inverse 10000 3.75 .47 2.98 3.44 4.07 4.53

t red ineq W21 eqaverse 10000 3.18 1.12 1.35 2.42 3.94 5.03

t red ineq W21 maxi 10000 3.97 .66 2.89 3.53 4.42 5.07

t red ineq W21 kick 10000 3.33 1.74 .45 2.16 4.49 6.2

t red ineq W21 envious 10000 2.1 1.05 .36 1.39 2.8 3.82

t red ineq W21 spite 10000 1.55 .64 .51 1.11 1.99 2.61

t high inc tax alt 10000 2.25 .61 1.27 1.83 2.64 3.27

t high inc tax kiss 10000 -1.38 2.03 -4.82 -2.72 -.01 1.93

t high inc tax inverse 10000 2.21 .54 1.34 1.85 2.57 3.1

t high inc tax eqaverse 10000 2.06 1.3 -.08 1.19 2.93 4.21

t high inc tax maxi 10000 1.5 .74 .28 .99 2 2.74

t high inc tax kick 10000 .51 2.16 -3.04 -.93 1.99 4.05

t high inc tax envious 10000 2.21 1.2 .24 1.41 3.02 4.18

t high inc tax spite 10000 1.89 .73 .72 1.4 2.37 3.12

t pension redis alt 10000 2.91 .54 2.02 2.54 3.28 3.8

t pension redis kiss 10000 4.11 1.82 1.16 2.88 5.31 7.15

t pension redis inverse 10000 4.33 .47 3.57 4.02 4.64 5.1

t pension redis eqaverse 10000 6.23 1.18 4.31 5.43 7.03 8.19

t pension redis maxi 10000 4.61 .68 3.5 4.15 5.06 5.73

t pension redis kick 10000 3.14 1.9 -.01 1.88 4.44 6.25

t pension redis envious 10000 1.44 1.11 -.36 .71 2.17 3.26

t pension redis spite 10000 2.57 .65 1.49 2.13 3.02 3.62

t GovResponsible alt 10000 2.11 .56 1.2 1.73 2.49 3.05

t GovResponsible kiss 10000 1.71 1.93 -1.47 .42 3.02 4.78

t GovResponsible inverse 10000 2 .49 1.2 1.66 2.33 2.82

t GovResponsible eqaverse 10000 1.34 1.04 -.35 .64 2.05 3.05

t GovResponsible maxi 10000 3.08 .69 1.95 2.61 3.54 4.21

t GovResponsible kick 10000 1.29 1.82 -1.66 .04 2.49 4.3

t GovResponsible envious 10000 1.19 1.04 -.53 .48 1.9 2.9

t GovResponsible spite 10000 .08 .62 -.93 -.34 .49 1.08

Table 27: Simulation of t-statistics when the four redistributive questions are the dependent vari-

ables. P5 is 5% percentile, P25 is 5% percentile and so on.59



Variable Obs Mean Std. Dev. P5 P25 P75 P95

t leftright alt 10000 -3.57 .65 -4.65 -4 -3.12 -2.48

t leftright kiss 10000 -3.57 2.13 -7.07 -4.98 -2.15 -.06

t leftright inverse 10000 -4.81 .52 -5.66 -5.16 -4.46 -3.98

t leftright eqaverse 10000 -2.68 1.27 -4.73 -3.53 -1.84 -.54

t leftright maxi 10000 -4.45 .72 -5.64 -4.93 -3.96 -3.28

t leftright kick 10000 -2.23 1.91 -5.4 -3.47 -.98 .89

t leftright envious 10000 -3.55 1.21 -5.53 -4.36 -2.73 -1.57

t leftright spite 10000 -4.42 .73 -5.62 -4.9 -3.93 -3.21

Table 28: Simulation of t-statistics when the left-right self-assessment is the dependent variable.

P5 is 5% percentile, P25 is 5% percentile and so on.
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This paper investigates - in a large heterogeneous sample - the relationship between
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and social preferences robustly shape political attitudes and voting behavior in a
particular way: Selfish subjects are the extremists on one side of the political spec-
trum - they are more likely to vote for a right-wing party, they are less inclined to
favor redistribution and they are more likely to self-assess themselves as right-wing
than all the other types. Inequality-averse subjects, altruists and maxi-min sit at
the opposite end of the political spectrum, while all the other types behave less
systematically and in a less extreme fashion. Overall, our evidence indicates that
elicited social preferences are externally valid as a predictor for political attitudes,
and that social preferences are fairly stable across contexts and over longer periods
of time.

ISSN 1993-4378 (Print)
ISSN 1993-6885 (Online)


