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1 Introduction

Container terminals in sea ports are an important interface among world-wide and inter-modal
transport chains. They connect sea-side transport via vessels and land-side transport via rail and
road transportation [3]. Dispatchers of container terminals face a variety of planning problems
[15, 2]. These operational problems often are of a combinatorial nature and characterized by
uncertainty. A popular way to address these difficulties has been the use of forecasting software
based on simulation [1]. Based on simulation studies, terminal operations are improved, which
not only includes the actual container movements but also further decisions which build up on
these like, for example, the number of staff and the terminal equipment to employ in the future.

One of the core problems in a container terminal is to decide where to store incoming con-
tainers. This decision includes the choice of a container block as well as the position of a
container within the block. Inferior decisions may lead to unnecessary crane movements like
the reshuffling of containers. They may also lead to congestion of yard trucks, high waiting
times of cranes for trucks or vice versa. Ultimately, the turnaround time of the vessels increases
due to inferior decisions which indicates poor terminal performance. In contrast, smooth termi-
nal operations based on smart container storage decisions can contribute to improve the overall
performance of a container terminal. On the one hand, storage decisions are required quickly
and are highly interdependent with other decisions in a container terminal. Therefore, simu-
lation systems often do not use sophisticated optimization models known in the literature. On
the other hand, planning information is often unknown because the data is unavailable in the
required quality level, e.g. due to badly integrated information systems, or it simply is unknown
or uncertain. These are reasons, why there are many barriers in practice for modelling and
solving container storage problems as well-formed combinatorial optimization problems.

We address this problem by proposing an online container storage strategy for simulation-
based planning of container terminals. We evaluated the strategy by means of a computational
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study which simulates container handling in a terminal within a period of 24 hours (3 work-
shifts) where up to 3,000 import, export, and transshipment containers are handled. Several
performance indicators are used to evaluate the efficiency and effectiveness of the developed
strategy in comparison to a number of other approaches.

After this introduction the literature on offline and online planning is reviewed in Section 2.
The online problem of assigning containers to storage locations is introduced in Section 3. A
heuristic container storage strategy to deal with this problem is presented in Section 4. The
pros and cons of this approach are evaluated by means of computational simulation study in
Section 5. Section 6 concludes the paper.

2 Literature review

2.1 Offline optimization

For a general overview of storage processes in container terminals the reader is referred to
[7]. In the field of storage strategies [28] was among the first to develop general mathematical
expressions for measuring the expected handling effort to retrieve containers from stacks. Two
basic storage strategies (balancing stacking height and segregating container groups according
to arrival time) were developed. Relationships between the number of reshuffles, available
storage space and traffic demand were analyzed by [29]. In the segregated storage strategy that
was developed, containers with exactly the same attributes are gathered in groups. For every
container group a certain amount of storage space in the yard is reserved and only containers
of the same group are allowed to be stored in the reserved storage blocks. Such a segregated
strategy can be used to minimize the handling effort to store and retrieve containers but leads
to an inefficient space utilization (see e.g. [25]). A less restrictive segregated storage strategy
is called the consignment strategy. Here containers are grouped in regard of their destination
vessel, their contents, and loading time and stored in dedicated storage areas. [19] use this
strategy to minimize reshuffles in the storage blocks. Furthermore, traffic congestion is reduced
due to splitting the storage blocks into smaller sub-blocks. For each destination vessel a number
of sub-blocks is preassigned for storing export containers. The number of yard cranes to be
deployed in each storage block and the amount of containers to be assigned to each sub-block
are predetermined for the planning horizon. This approach was extended by [14, 9]. The static
reservation of sub-blocks for container groups is relaxed in a way that neighbored sub-blocks
can share storage space with each other. Chen et al. [24] state that among the storage strategy
there are several other factors that have influence on the number of reshuffling moves i.e. the
container density within the yard, the available information and the stacking height .

The following categories, developed by Saanen [16] can be used to classify a storage strat-
egy:

• Dedicated vs. non-dedicated: Only containers with similar attributes are allowed to share
a stack/block/user-defined range in the yard vs. containers with different attributes can
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share the same storage stack.

• Consolidated vs. dispersed: Containers with the same destination vessel are clustered in
the yard vs. they are dispersed.

• Housekeeping vs. immediate final grounding: The container will be moved at least one
more time before loaded onto the vessel vs. the container is retrieved from its storage slot
only when it is leaving the terminal.

• Discharge-optimized grounding vs. loading-optimized grounding: Efficiency maximiza-
tion of storing activities vs. efficiency maximization of retrieving activities.

This categorization is for example used in [11] with the objective to find the optimal yard
planning strategy to define a weekly yard plan. To find an optimal plan for operations with
pre-known input data can be defined as an optimization approach in a static and offline envi-
ronment. There are several further papers which propose optimization models and heuristics to
find good storage space assignment plans for defined planning horizons. The main objective is
usually to minimize the turnaround time at a container terminal, see e.g. [13, 20, 5, 21, 23, 22,
12, 18]. However, in these papers no individual container moves are considered. The optimiza-
tion problems are solved and discussed at a medium detailed level and therefore are difficult to
use together with a terminal simulation system.

2.2 Online optimization

Among these static approaches there exists the field of research that focuses on online optimiza-
tion methods that consider the dynamic character of the real-life problems due to simulation.
An extensive literature review on simulation modeling in ports is given by [1]. The most conve-
nient approach is the development and evaluation of object-oriented discrete-event simulation
programs.

The development of PORTSIM, one of the first terminal simulation tools is described in [27,
26]. With the objective to maximize the throughput of military equipment, the movements in
a terminal are analyzed, bottlenecks identified and the throughput capability determined. It is
proposed that simulation can be an appropriate tool to improve the decisions in ports, evaluate
performance measures (see [8]) and to reveal possible bottlenecks (see e.g. [4]). Moreover some
research has been done to identify the effects of different storage strategies on performance
measures using simulation tools. For example [10] evaluated a hierarchical storage policy for
import containers: The first level concerns about choosing the optimal storage block and in the
second level the exact slot in the chosen block is determined. However, as in the segregated
strategy, the stacks are preassigned what leads to inefficient usage of storage space. In [6]
the importance of the choice of the storage location for export containers in a vessel-to-vessel
transshipment terminal is pointed out. With the objective to maximize the gross crane rate
(GCR), the average number of lifts per gantry crane (GC) in an hour, a modified segregated
storage strategy is used. Only containers of the same group are allowed to be stored in the same
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stack. If no suitable slot can be found to store a newly arrived container, a new stack has to be
reserved for the container group. So the stacks are assigned in a more dynamic fashion. The
storage block from which a new stack is assigned to the group is determined with the help of an
amount of penalty terms, regarding the distances and the congestion at the yard. The results of
the simulation experiments show that the performance using the random allocation strategy of
containers is not much worse than the results using an advanced location assignment. Opposing
to this [17] developed strategies in an automated container terminal on a container-individual
level and tested them using simulation. It was stated that category-based stacking delivers
better results regarding the amount of reshuffling than a random stacking approach. However,
the effects of the storage strategies on the retrieving processes of the stored containers and thus
on the overall terminal performance are not considered in these works.

In this paper we consider the entire container flow and evaluate the effects of different
storage strategies on the performance of a transshipment container terminal with the help of
the commercial, discrete-event simulation software CHESSCON. Our strategy is based on a
consignment approach which is adjust for a dynamic environment.

3 Problem description

In a container terminal there are basically five operation areas: berth, quay, storage yard, road
transport infrastructure, and gate (for trucks or trains). Operational decisions are manifold
and often interdependent with respect to the performance of the terminal. In this paper the
problem is to decide were to store containers in the container yard. The handling sequence of
the containers is unknown. For that reason, instead of an static optimization approach whereby
all information required for planning is known a priori we use an online optimization approach
which deals with incomplete information. We also refer to this method as a storage strategy.

All storage and retrieval decisions are online decisions. The input of the problem is often
unknown at the beginning of the planning period (or more precisely, not completely known).
Therefore, decisions have to be made container by container. Either there are degrees of freedom
in the loading sequence of a vessel, or the unloading sequence of containers at multiple quay
cranes is stochastic. Although loading lists should try to reduce uncertainty this is not always
possible in practice. Therefore, an online decision-making situation is assumed. The planning
period is approximately 24 hours and thereby about three times longer than frequently used
planning period of a single work shift, which is 8 hours long. The reason is to improve forecasts
and enable multiple-shift planning which takes interdependencies between shifts into account.

With respect to the planning situation at hand, we consider three types of containers: as
transshipment containers we denote the set CT of containers that arrive seaside and leave seaside
during the planning period. An import container has been arrived seaside at the terminal or is
going to arrive seaside during the planning period. It is going to leave the terminal landside
during or after the planning period. The set of import containers is denoted as CI . An export

container has been arrived landside at the terminal or is going to arrive landside during the
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tiers
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Figure 1: Organisation of a block; number of bays, rows, and tiers varies according to the used
equipment.

planning period. It is going to leave the terminal seaside during or after the planning period.
The set of export containers is denoted as CE . The set C of all containers considered is C :=CI∪
CE ∪CT , the sets CI , CE , and CT are pairwise disjoint. Only general purpose containers of two
sizes are considered, namely containers with a length of 20-feet and 40-feet. Other container
types like open top containers, tank containers or refrigerated containers are not considered.

We assume a container terminal that stores containers in blocks. As Figure 1 shows, blocks
are organized in bays, rows, and tiers. In order to load and unload containers in a block, a
gantry crane (GC) is used. During the planning period, a single GC is permanently assigned to
a block. A reassignment of GC’s to blocks during the planning period, which is for example
possible for rubber tyred gantry cranes, is not considered. To each block a GC is assigned. The
GC’s may work at different speeds. The horizontal transport of containers within the terminal
is done by yard trucks (YT). YT’s are homogeneous with respect to operational characteristics
such as speed or transport capacity. Furthermore, a traditional berth layout is used where quay
cranes (QC) operate at only one side of a vessel, see Figure 2 All QC’s operate with the same
speed and in single cycle mode. This means, a QC has to first unload the import containers
and subsequently loads the export containers of a ship. The number of quay cranes is given. In
many terminals, some YT’s are pooled and a pool (i.e. a subset of the set of YT’s) is assigned
to a QC. Transporting containers to or from this QC is always done by one truck from the pool,
even if there are other idle trucks. The reason is to simplify work routines. We assume such
a pooling is given and unchanged during the planning period. A number of vessels is going to
arrive during the planning period. The scheduled arrival time and the number of import and
export containers is known.

Container handling processes which are relevant for the problem at hand are as follows.
When a container arrives seaside, it is unloaded from the vessel by a QC. The QC lifts the
container from the vessel and puts it on YT. Timing is important, if the YT is not already
waiting for the container, the QC cannot drop the container and has to wait until a YT arrives.
This slows down the processing time of the vessel, therefore a waiting QC is considered worse
than a waiting YT. The YT transports the container to a block where it is stored. At the block
there is a area where the YT waits until the GC is ready. Usually, a GC works slower than
QC. When a container arrives landside at the gate via an external truck, the external truck is
assigned a block to drop off the container. At the block, the external truck has to wait until the
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Figure 2: Outline of a terminal layout with three quays and fourteen blocks

GC is ready. We assume a container is always stored in the yard. That is, we do not consider
external trucks collecting or delivering containers at a QC. In other words, direct transportation
from the quay to the gate or vice versa are forbidden.

For containers that leave the terminal seaside or landside, the handling is essentially re-
versed. Corresponding to the unloading at a QC, a YT has to stand by so that a GC can remove
a container from a block. As containers are stacked and only one container can be handled at a
time, it may be necessary to reshuffle containers within a bay or a block so that the requested
container can be removed. A reshuffling move is intrinsically inefficient. They increase the
workload of the GC’s and the waiting time of the YT’s. However, if reshuffling is performed
during times of low crane utilization and with foresight to prepare the loading of a soon arriving
vessel, it may increase productivity of a terminal. This approach is known as container pre-
marshalling. Avoiding reshuffling moves at all cost may not be suitable for all situations. For
the study at hand, we do not support container pre-marshalling and therefore consider reshuffles
as unwanted.

The goal of a storage strategy is to smoothen and to speed up the operations at a terminal.
We study the effect on multiple work shifts and also include transshipment containers which
arrive and leave the terminal during the planning horizon. Criteria to measure the performance
of terminal are vessel turnaround time, productivity of the QC’s (but not the YC’s or YT’s), and
the number of reshuffle moves by YC’s. The time until all containers of a vessel are properly
handled is also used as a performance criterion. However, the informative value of this criterion
may be limited because vessels berth and are processed continuously and a cut in time may be
arbitrary. In our tests, we handle this as follows: we look at a planing horizon of approximately
24 hours, i.e. three work shifts. However, the last vessel is scheduled for arrival 12 hours after
the start of planning; it requires an empty berth before operations start and we measure the
simulation time until either the vessel leaves or the last container of this vessel is stored in the
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yard (depending on that point in time which is later). In the next section the proposed storage
strategy is described.

4 Two-stage container storage strategy

4.1 Online optimization and application area

Loading and unloading of containers from vessels, storing containers and transporting contain-
ers within a terminal (horizontally or vertically) are interdependent problems equipped with
high uncertainty. Uncertainty affects arrival and departure times of containers at the terminal,
e.g. due to delays of vessels or trucks. It also affects transportation time within a terminal but
also other events which contradict planning, e.g. disturbances or inadequate precision of plan-
ning data. Therefore we propose a container storage strategy based on online planning, i.e. we
start with the assumption that planning data is only incomplete prior to planning.

The storage strategy should support the decision makers in improving the overall perfor-
mance of the terminal. It is a non-trivial task to measure terminal performance by a single
criterion. Good performance is characterized by short turnaround times of vessels, a small
number of crane movements (i.e. presumed ineffective movements are avoided), a high lift rate
of the quay cranes, little congestion in the yard or low transport distances within a terminal. The
proposed strategy has these criteria in mind without explicitly stating one as the most important.

Moreover, it is possible that the strategy will not be directly used by a human decision
maker but rather indirectly in a terminal simulation system. In that case, the goal might be
even more nebulous. A terminal simulation system forecasts a series of diverse decisions. The
human decision makers using such a simulation system might be more interested in the staff
and equipment to employ in future shifts and less in actual slots where containers are stored.
Nevertheless, these deduced decisions – which are of course out of the scope of this paper – can
and should be improved by more efficient container storage strategies.

We introduce a two-stage storage strategy. The strategy is used to decide in which slot a
given container c should be stored. On the first stage (block assignment), a suitable block b∗ is
chosen from the set B of all blocks; on the second stage (bay assignment), a bay in b∗ is chosen
according to a dynamic reservation mechanism.

4.2 Workload-based block assignment on the first stage

Decisions are mainly based on two types of first-in-first-out queues. The container queue QC

manages all jobs that require horizontal transportation of containers via trucks. It is imple-
mented as a sequence of containers. In particular, QC contains containers that arrive seaside or
landside at the terminal and have to be stored in the yard. Containers that are already stored in
the yard and have to be delivered to quay or to an external truck are also managed in QC. Fur-
thermore, there is a truck queue QT

b for each block b∈ B. A truck queue QT
b manages trucks that
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select c ∈ QC

get Bq
XOR

select b ∈ B randomly
b∗ ← b

select b ∈ Bq

b∗ ← b

XOR

select b ∈ Bq with maximum
no. of free slots b∗ ← b

select b ∈ Bq with minimum
distance to c b∗ ← b

XOR

XOR . . .

|Bq| = 0

|Bq| = 1

|Bq| > 1

IIIa

IIIb

Figure 3: Procedure of block assignment strategy (first stage)

are scheduled to be processed via a YC associated with block b,b ∈ B. Again, the processing
sequence is first-in-first-out.

The idea of the block assignment strategy is to balance the number of trucks waiting at the
blocks to be processed. Our thoughts and observations are as follows. Usually, QC’s work
faster than YC’s. Both the number of QC’s per vessel and the number of YC’s per block are
limited due to the working principles of the cranes and consequential physical restrictions. A
well chosen balance between the number of QC’s and YC’s is very helpful for smooth terminal
operations, but this action alone is not sufficient. If too many containers flow from a QC to
a single block a congestion may be caused at this block. That is why it is necessary to use
multiple blocks for a single QC. Basically, we measure the workload of cranes at a block b ∈ B

simply as the length (i.e. number of elements) of the truck queue QT
b . A truck queue contains

trucks that are assigned to pickup or deliver a container at a given block. This includes trucks
that (a) are currently processed at the block, (b) actually wait at the block to be processed, and
(c) are currently driving within the terminal to the block.

The block assignment procedure is presented in Figure 3. Let c be the next container in QC.
Now, the block b where to store c is determined. Let Bq a set of blocks with a truck queue length
smaller-or-equal than q ∈ N. The parameter q for the queue length is static and a priori given.

Bq := {b|b ∈ B and |QT
b | ≤ q}

Depending on the cardinality of Bq, i.e. number of blocks with a waiting queue less than q,
there are three cases:

|Bq|= 0 (I),

|Bq|= 1 (II),

|Bq|> 1 (III).

In case (I), no block meets the waiting queue length criterion and that’s why simply a random
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Phase 1

is there a bay in b∗ dedicated to
the destination of container c
with at least one free slot?

XOR

get reserved bay

reserve new bay with
at least one free slot

XOR

Yes

No

Slot reserved

Figure 4: Procedure of bay reservation and selection (second stage)

block b∗ from the set of all blocks B is chosen. In case (II), only a single block meets the waiting
queue criterion and is consequential chosen as b∗. In case (III), there are multiple blocks that
meet the waiting queue length criterion. To break ties, either the free capacity of a block (i.e.
number of free slots) or the distance of the block to the current location of container c is used.
In case (IIIa) we choose the block b∗ with the largest number of free slots. In the other case
(IIIb) we choose the block b∗ with minimum distance to the location of c whereby distance is
measured as the shortest path connection on the road network. After the block b∗ is chosen, the
first stage of the strategy is complete.

4.3 Dynamic bay reservation mechanism on the second stage

On the second stage, the bay assignment procedure chooses a bay in the selected block b∗

where the container is stored. We use a dynamic bay reservation mechanism. Let bay i of a
block b ∈ B be denoted as bi with 1≤ i≤ n(b) whereby n(b) is the number of bays in block b.
A random bay b∗i for storing container c is chosen if (a) in block b∗ either no bay is reserved,
yet, or (b) the reserved bay has no storage capacity left. Then b∗i is reserved. This means that
all future containers stored in block b∗ which are loaded on the same vessel as c are also stored
in bay b∗i until it is full. Containers that are shipped via a different vessel than c are not allowed
to be stored in bay b∗i . In case c leaves the terminal landside, the interpretation is analogously:
only containers that leave landside as well are allowed to be stored in the same bay. Within in
a bay, the container c is stored in a slot selected more or less randomly. However, the aim is
to place containers next to each other for reasons of stability such that gaps or isolated towers
are avoided. The reservation of bay b∗i for containers designated for of the same vessel is only
canceled, after the last container with this destination from b∗i has been removed.

Reservation of a bay works independent of those containers which are stored prior to the
start of planning. This may appear counterintuitive but it should enable a higher degree of
flexibility and smooth the transition between planning periods. Storage space expands and
shrinks dynamically. On the one hand, this should balance the usage of the available storage
space. On the other hand and in contrast to the strategy of reserving all bays of a block for
containers which are loaded on the same vessel, this should also distribute the workload of the
yard cranes for container retrieval and the associated truck queues. Because it is possible to
reserve a bay that already contains containers stored prior to the planning period, the goal to
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extend the planning horizon to multiple shifts should also be supported.

5 Results of a simulation study

5.1 Terminal layout and test instances

For our simulation study we use a single basic terminal layout for testing. The terminal layout
is inspired (but simplified) by the Piraeus Container Terminal in Greece. Figure 2 shows a
sketch which is however not true to scale. There are three quays where vessels berth. Due to
space restrictions, only two QC’s are allowed to unload or load a vessel simultaneously. In our
simulation study only one vessel per quay is allowed at the same time. Each QC has a pool
of five to eight YT’s which deal exclusively with containers handled by this QC. Reallocation
to other QC’s during the simulated time is not considered. The terminal is connected to the
hinterland by a gate where external trucks enter and leave the terminal. Transport by train is not
included in the numerical experiments. The storage yard is separated into twenty blocks, eight
deployed by rail mounted gantry cranes (RMG’s) and twelve handled by rubber-tyred gantry
cranes (RMG’s). The capacity of a block is between 3,510 and 6,642 TEU and is served by one
RMG or up to two RTG’s. The total capacity of the terminal used in the numerical experiments
is 75,808 TEU. RTG-Blocks can be stacked with containers in eight rows and six tiers. RMG-
Blocks have seven rows and five tiers. In both block types, an additional row is used for loading
and unloading containers on a truck. Different stacks are required for different container length,
thus, a 20-feet container must not be stacked on top of a 40-feet container and vice versa.

Based on this terminal layout seven test instances IA to IG have been generated. They differ
in the following characteristics, see Table 1. The number of vessels #VB which berth in the
terminal at the beginning of the planning horizon (t = 0) and are ready for processing. The
number of vessels #VL that arrive at the latest possible time and require the loading of trans-
shipment containers is indicated by #VL. For all instances, the latest arrival time of a vessel in
the planning horizon is the to t = 720 minutes. For instance IE the value of #VL is 6, however,
there are only 3 berths available which results in a high workload at the quay and an hard to
forecast or even unknown vessel arrival sequence. The number of other vessels that arrive be-
tween 0 < t < 720 is given by #VO. The total number of vessels processed is #VB + #VO +
#VL.

The number of containers stored in the yard at t = 0 is given by #CY. The number of con-
tainers which have to be handled during the planning period is #CH. This number includes all
import, export, and transshipment containers that arrive or leave the terminal during the plan-
ning period. The number of containers that arrive or leave the terminal landside by an external
truck is given by #CL, that way #CL equals the number of external trucks. The number of
transshipment containers is indicated by #CT. Note, here transshipment containers refers only
to those containers that arrive and leave the terminal via ship during the planning horizon. For
all instances, the share of 40-feet (20-feet, respectively) containers among all containers (#CY,
#CH, #CL) is sixty percent (forty percent, respectively). Between the arrival and departure of a
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Table 1: Properties of the used test instances

Property Instance

IA IB IC ID IE IF IG

#VB 2 2 2 3 3 0 0
#VL 3 3 3 3 6 0 0
#VO 2 2 2 3 0 7 7
#CY (in 1,000) 10 20 10 10 10 10 10
#CH (in 1,000) 1.5 1.5 1.5 .5 2.0 1.5 3.0
#CL (in 1,000) 0.5 0.5 0.5 0.0 0.0 0.5 0.5
#CT (in 1,000) 0.5 0.5 1.0 0.5 2.0 0.0 0.0
#TG (in h) 8 8 8 6 8 8 8

transshipment container is at least a time gap of #TG hours. This is induced by the arrival and
departure of the corresponding vessels.

5.2 Tested storage strategies

All in all, six two-level container storage strategies S are tested. On the first level, a container
is assigned to a block at the time it arrives at the terminal. There are three options: choose a
random block (r), choose the block with minimum transport distance to the current position of
the container (d), or choose the block with the minimum load ratio, aiming at balancing the
used storage capacities of all blocks (b). In the latter strategies (d, b) a virtual waiting queue
with length q has to be considered to limit the amount of congestion at the storage blocks. If a
storage block has to handle a number of YT’s equal to q in the moment the storage assignment
decision is made, it can not be chosen as target block. Regarding import and transshipment
containers, the storage decision on the first level is limited further to the number of blocks
that are assigned to the quay at which the vessel is berthed. This limits the maximal transport
distances to a reasonable amount. On the second level, a container is assigned to a slot in the
block. For this, there are two options: random slot selection (r) and the in section 4 developed
dynamic slot selection (d). Hence three strategies with a dynamic slot selection (Sb

d , Sd
d , Sr

d) and
three strategies with a random slot selection are compared (Sd

r , Sb
r , Sr

r).

5.3 Determining waiting queue length q

The storage strategy uses the workload at a block as a main decision criterion for distributing
containers throughout the terminal. The workload of GC’s a blocks b ∈ B is measured by the
length of the truck waiting queue QT

b . We first test which value for the threshold parameter q

for the waiting queue length q provides good results. We use the instance IA for testing because
it is a kind of average instance in our set of instances. The strategies Sb and Sd are tested for
q = 1, ...,5. The results are shown in Table 2. The table shows the simulated time after the
last container has been handled in column three. Column four shows the ratio of unproductive
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Table 2: Results on instance IA for different truck queue lengths q

Strategy q Simulated time (hh:mm) Reshuffles (%)

Sd 1 20:42 20.6
2 21:49 22.6
3 22:03 23.2
4 23:22 23.4
5 23:34 23.2

Sb 1 18:32 20.0
2 20:21 20.6
3 20:18 20.1
4 21:00 19.4
5 21:37 20.9

reshuffle moves. Regarding both criteria, strategy Sd performs best for q = 1. Strategy Sb

performs best for q = 1 with respect to the simulated time criterion, however, it ranks second
for the number of reshuffles. Therefore, we set the threshold parameter q = 1 for the overall
strategy comparison.

5.4 Comparison of the strategies

The six storage strategies are compared by means of the seven test instances. Each instance
is solved five times with each of the strategies. The averaged values over three performance
criteria are shown in Table 3. Like in the previous test, the length of the simulated time is
given in the format hh:mm. The percentages of reshuffle moves among all moves are given.
Moreover, the computing time required by CHESSCON to simulate these processes is given.

All tested strategies require a computing time of less than 160 seconds on average. This is
the total computing time, that includes all the expensive calculations of CHESSCON to simulate
the terminal as well as the calculation of the storage strategies and the communication of both
programs via an interface. The required time is low and is reasonable for practical applications
involving a human decision maker. Another general observation with respect to CPU time is
that for most cases the first-level random block assignment strategy Sr is the fastest, thereafter
the balanced block strategy Sb followed closely by the distance-based strategy Sd . Higher im-
pact on the CPU time appears to make the second-level strategy. The dynamic bay reservation
mechanism (Sd) requires in all cases more computing time than the randomized slot choice
mechanism (Sr). This is obvious due to more costly computations. Nevertheless, in cases CPU
time is a bottleneck, tuning of the strategies should be performed on the second-stage.

A comparison between instance IA and IB reveals that the strategies perform better when
the container terminal is more occupied i.e. the yard is more filled. This phenomenon can be
explained by two opposed effects of a filled yard. First the retrieving activity is more difficult for
containers that are stored in lower tiers. However, in the instance generation the containers that
are to be handled during the simulation were placed in the storages after the initial containers
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Table 3: Results instances

Criteria Sd
r Sd

d Sb
r Sb

d Sr
r Sr

d

IA Sim. time 20:42 18:51 18:32 17:48 18:03 16:57
RES (%) 20.6 9.9 20.0 9.1 19.4 7.4
CPU (s) 56 79 69 81 51 79

IB Sim. 18:05 17:42 17:57 17:07 17:14 16:52
ReSh (%) 13.3 7.4 14.5 7.2 12.3 6.4
CPU (s) 53 67 51 63 49 62

IC Sim. time 28:37 25:52 24:28 22:28 22:22 21:09
ReSh (%) 27.6 16.1 26.2 15.7 25.6 14.3
CPU (s) 79 102 68 101 66 100

ID Sim. time 14:53 14:48 14:30 14:13 14:17 14:11
ReSh (%) 25.1 13.3 22.4 8.7 22.5 8.9
CPU (s) 30 53 29 45 27 43

IE Sim. time 35:43 31:05 32:51 29:31 29:16 27:24
ReSh (%) 29.5 16.4 28.9 14.7 27.4 11.3
CPU (s) 108 157 113 156 103 156

IF Sim. time 12:53 12:54 12:50 12:50 12:55 12:54
ReSh (%) 4.7 4.8 3.5 3.4 3.9 3.8
CPU (s) 39 60 38 62 37 59

IG Sim. time 20:15 20:14 20:15 20:18 20:25 20:36
ReSh (%) 9.8 10.0 9.0 9.1 9.8 9.6
CPU (s) 77 116 72 119 72 112

in the yard (#CY) were created. Hence, no initial container is stacked on an import or export
container that is moved during the planing period and thus, the negative influence of a fuller yard
on the retrieving difficulty is nullified in this case. On the other hand a filled yard has a positive
effect on containers that are stored and retrieved during the planning horizon because it reduces
the number of available slots. In a fuller yard the stacking of new containers on top of each
other is less probable. Therefore, storing and retrieving containers within the planning horizon
becomes easier. This may also explain the lower CPU time for a fuller yard. Decisions are
calculated faster, because the number of feasible decisions is smaller. However, we expect that
the positive effect of a fuller yard will not remain if the simulated time is increased. The reasons
that stored containers will have to be exchanged completely within a longer time horizon which
will require reshuffle moves and increase storing opportunities. This result indicates that on the
one hand the way how the test is performed and the instances are created should be reviewed
again. On the other hand, it confirms the idea of studying a longer planning period of multiple
work shifts in order to make those effects visible and deal with them in the future.

The results of test instances IC, ID and IE show that the second-level dynamic bay reservation
mechanism always outperforms the corresponding random slot assignment, both in simulation
time and the percentage of reshuffles. The average reduction in the share of reshuffles is about
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50 percent in some cases even 60 percent. By this mechanism a large number of inefficient
crane moves are avoided which is very promising. Moreover, storing and retrieval activities can
be executed with less delay caused by occupied equipment. Consequently, the simulation time
is reduced significantly. The scheduled container moves are processed faster and the average
turnaround time of the vessels increases.

In most of the instances, i.e. IA to IE , the productivity of the container terminal is increased
by means of the dynamic bay reservation procedure compared to a random slot allocation. All
in all, the strategy Sr

d (random block and dynamic slot assignment) can be identified as the best
performing strategy on the given test instances. However, these instances have in common that
they all contain transshipment activities. The performance indicators of test instances IF and IG

show the shortcoming of the dynamic strategy. In the case with a lower workload at instance
IF there is not much variation in the results regarding the different storage strategies. Only
the minimization of transport distance causes a little more reshuffling amount than the other
approaches. Beside from the calculation time (which is higher for the dynamic slot assignment)
there is no significant difference between a random slot assignment and the dynamic variant.
For a high workload in a no transshipment environment, like instance IG, the results indicate
that the dynamic bay reservation mechanism even performs worse than a random approach. It
is important to notice that the structure of the dynamic slot assignment is built to sort containers
into the same bay according to their destination vessel. As shown in the experiments this has
a positive effect on the handling efficiency of transshipment containers. On the other hand,
import containers that leave by truck are also sorted into the same bay which appears to coarse
and probably leaves room for future improvement. To sum up, at this point, the proposed
dynamic bay reservation mechanism can be recommended for terminals with a high amount of
transshipment activities.

6 Conclusion

A two-stage storage strategy for container terminals has been proposed. It is an online optimiza-
tion strategy that works with incomplete information. On the first stage the strategy chooses a
block were a given container should be stored. This decision is based on the length of truck
queues waiting at the blocks as well as either a distance measure or a balancing of block capac-
ity. On the second stage a dynamic capacity reservation mechanism based on bays is introduced.
Six variants of these storage strategies have been tested by means of a simulation study enabled
by the commercial terminal simulation software CHESSCON. Based on the criteria simulated
time and unnecessary reshuffles, the dynamic bay reservation mechanism used on the second
stage provides very promising results as it is able to reduce the number of reshuffles by up to
60 percent. However, the simulation study also opened up opportunities for future research. It
could be meaningful to choose and vary the truck queue length parameter q self-adaptively. A
storage strategy should be more fine-grained when dealing with containers that arrive or leave
via external trucks. Finally, to get closer to reality, longer planning horizons of multiple work
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shift should include further decisions like the available handling equipment to be variable usable
during the planning horizon.
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[1] B. Dragović, E. Tzannatos, and N. K. Park. “Simulation modelling in ports and container

terminals: literature overview and analysis by research field, application area and tool”.
In: Flexible Services and Manufacturing Journal (2016), pp. 1–31.

[2] L. Heilig and S. Voß. “Inter-terminal transportation: an annotated bibliography and re-
search agenda”. In: Flexible Services and Manufacturing Journal (Jan. 2016). DOI: 10.
1007/s10696-016-9237-7.

[3] N. K. Tran, H.-D. Haasis, and T. Buer. “Container shipping route design incorporating the
costs of shipping, ininland/feed transport and CO2 emission”. In: Maritime Economics
& Logistics (2016). in press. DOI: 10.1057/mel.2016.11.

[4] M. Kondratyev. “An object-oriented approach to port activity simulation”. In: Interna-
tional Journal of Simulation and Process Modelling 10.1 (2015), pp. 1–9.

[5] J. Luo and Y. Wu. “Modelling of dual-cycle strategy for container storage and vehicle
scheduling problems at automated container terminals”. In: Transportation Research Part
E: Logistics and Transportation Review 79 (2015), pp. 49–64.

[6] M. E. Petering. “Real-time container storage location assignment at an RTG-based sea-
port container transshipment terminal: problem description, control system, simulation
model, and penalty scheme experimentation”. In: Flexible Services and Manufacturing
Journal 27.2-3 (2015), pp. 351–381.

[7] H. J. Carlo, I. F. Vis, and K. J. Roodbergen. “Storage yard operations in container ter-
minals: Literature overview, trends, and research directions”. In: European Journal of
Operational Research 235.2 (2014), pp. 412–430.

[8] F. Longo, A. Huerta, and L. Nicoletti. “Performance analysis of a southern mediterranean
seaport via discrete-event simulation”. In: Strojniški vestnik-Journal of Mechanical En-
gineering 59.9 (2013), pp. 517–525.

[9] X. Jiang, L. H. Lee, E. P. Chew, Y. Han, and K. C. Tan. “A container yard storage strategy
for improving land utilization and operation efficiency in a transshipment hub port”. In:
European journal of operational research 221.1 (2012), pp. 64–73.

[10] E. Guldogan. “Simulation-based analysis for hierarchical storage assignment policies in
a container terminal”. In: Simulation (2010).

15

http://dx.doi.org/10.1007/s10696-016-9237-7
http://dx.doi.org/10.1007/s10696-016-9237-7
http://dx.doi.org/10.1057/mel.2016.11


[11] L. P. Ku, L. H. Lee, E. P. Chew, and K. C. Tan. “An optimisation framework for yard
planning in a container terminal: case with automated rail-mounted gantry cranes”. In:
OR spectrum 32.3 (2010), pp. 519–541.

[12] D.-H. Lee, J. X. Cao, Q. Shi, and J. H. Chen. “A heuristic algorithm for yard truck
scheduling and storage allocation problems”. In: Transportation Research Part E: Logis-
tics and Transportation Review 45.5 (2009), pp. 810–820.

[13] E. Nishimura, A. Imai, G. K. Janssens, and S. Papadimitriou. “Container storage and
transshipment marine terminals”. In: Transportation Research Part E: Logistics and Trans-
portation Review 45.5 (2009), pp. 771–786.

[14] Y. Han, L. H. Lee, E. P. Chew, and K. C. Tan. “A yard storage strategy for minimizing
traffic congestion in a marine container transshipment hub”. In: OR spectrum 30.4 (2008),
pp. 697–720.

[15] R. Stahlbock and S. Voß. “Operations research at container terminals: a literature up-
date”. In: Or Spectrum 30.1 (2008), pp. 1–52.

[16] Y. Saanen and R. Dekker. “Intelligent stacking as way out of congested yards? part 1”.
In: Port Technology International 31 (2007), pp. 87–92.

[17] R. Dekker, P. Voogd, and E. van Asperen. “Advanced methods for container stacking”.
In: OR spectrum 28.4 (2006), pp. 563–586.

[18] E. Kozan and P. Preston. “Mathematical modelling of container transfers and storage
locations at seaport terminals”. In: OR Spectrum 28.4 (2006), pp. 519–537.

[19] L. H. Lee, E. P. Chew, K. C. Tan, and Y. Han. “An optimization model for storage yard
management in transshipment hubs”. In: OR Spectrum 28.4 (2006), pp. 539–561.

[20] K. G. Murty, J. Liu, Y.-w. Wan, and R. Linn. “A decision support system for operations
in a container terminal”. In: Decision Support Systems 39.3 (2005), pp. 309–332.

[21] K. H. Kim and K. T. Park. “A note on a dynamic space-allocation method for outbound
containers”. In: European Journal of Operational Research 148.1 (2003), pp. 92–101.

[22] C. Zhang, J. Liu, Y.-w. Wan, K. G. Murty, and R. J. Linn. “Storage space allocation in
container terminals”. In: Transportation Research Part B: Methodological 37.10 (2003),
pp. 883–903.

[23] P. Preston and E. Kozan. “An approach to determine storage locations of containers at
seaport terminals”. In: Computers & Operations Research 28.10 (2001), pp. 983–995.

[24] T. Chen. “Yard operations in the container terminal-a study in the ’unproductive moves’”.
In: Maritime Policy & Management 26.1 (1999), pp. 27–38.

[25] K. H. Kim and H. B. Kim. “Segregating space allocation models for container inventories
in port container terminals”. In: International Journal of Production Economics 59.1
(1999), pp. 415–423.

[26] M. R. Nevins, C. M. Macal, and J. C. Joines. “A discrete-event simulation model for
seaport operations”. In: Simulation 70.4 (1998), pp. 213–223.

[27] M. R. Nevins, C. M. Macal, and J. Joines. PORTSIM: An object-oriented port simulation.
Tech. rep. Argonne National Lab., IL (United States), 1995.

[28] B. de Castillo and C. F. Daganzo. “Handling strategies for import containers at marine
terminals”. In: Transportation Research Part B: Methodological 27.2 (1993), pp. 151–
166.

16



[29] M. Taleb-Ibrahimi, B. de Castilho, and C. F. Daganzo. “Storage space vs handling work
in container terminals”. In: Transportation Research Part B: Methodological 27.1 (1993),
pp. 13–32.

17


	Introduction
	Literature review
	Offline optimization
	Online optimization

	Problem description
	Two-stage container storage strategy
	Online optimization and application area
	Workload-based block assignment on the first stage
	Dynamic bay reservation mechanism on the second stage

	Results of a simulation study
	Terminal layout and test instances
	Tested storage strategies
	Determining waiting queue length q
	Comparison of the strategies

	Conclusion

