
Kelle, Markus

Working Paper

Wage growth, urbanization, and firm characteristics:
Evidence for Germany

Ruhr Economic Papers, No. 631

Provided in Cooperation with:
RWI – Leibniz-Institut für Wirtschaftsforschung, Essen

Suggested Citation: Kelle, Markus (2016) : Wage growth, urbanization, and firm characteristics:
Evidence for Germany, Ruhr Economic Papers, No. 631, ISBN 978-3-86788-733-5, RWI -
Leibniz-Institut für Wirtschaftsforschung, Essen,
https://doi.org/10.4419/86788733

This Version is available at:
http://hdl.handle.net/10419/144840

Standard-Nutzungsbedingungen:

Die Dokumente auf EconStor dürfen zu eigenen wissenschaftlichen
Zwecken und zum Privatgebrauch gespeichert und kopiert werden.

Sie dürfen die Dokumente nicht für öffentliche oder kommerzielle
Zwecke vervielfältigen, öffentlich ausstellen, öffentlich zugänglich
machen, vertreiben oder anderweitig nutzen.

Sofern die Verfasser die Dokumente unter Open-Content-Lizenzen
(insbesondere CC-Lizenzen) zur Verfügung gestellt haben sollten,
gelten abweichend von diesen Nutzungsbedingungen die in der dort
genannten Lizenz gewährten Nutzungsrechte.

Terms of use:

Documents in EconStor may be saved and copied for your
personal and scholarly purposes.

You are not to copy documents for public or commercial
purposes, to exhibit the documents publicly, to make them
publicly available on the internet, or to distribute or otherwise
use the documents in public.

If the documents have been made available under an Open
Content Licence (especially Creative Commons Licences), you
may exercise further usage rights as specified in the indicated
licence.



RUHR
ECONOMIC PAPERS

Wage Growth, Urbanization, and Firm 
Characteristics - Evidence for Germany

#631

Markus Kelle



Imprint

Ruhr Economic Papers 

Published by

Ruhr-Universität Bochum (RUB), Department of Economics
Universitätsstr. 150, 44801 Bochum, Germany

Technische Universität Dortmund, Department of Economic and Social Sciences
Vogelpothsweg 87, 44227 Dortmund, Germany

Universität Duisburg-Essen, Department of Economics
Universitätsstr. 12, 45117 Essen, Germany

Rheinisch-Westfälisches Institut für Wirtschaftsforschung (RWI)
Hohenzollernstr. 1-3, 45128 Essen, Germany

Editors 

Prof. Dr. Thomas K. Bauer
RUB, Department of Economics, Empirical Economics
Phone: +49 (0) 234/3 22 83 41, e-mail: thomas.bauer@rub.de

Prof. Dr. Wolfgang Leininger
Technische Universität Dortmund, Department of Economic and Social Sciences
Economics – Microeconomics
Phone: +49 (0) 231/7 55-3297, e-mail: W.Leininger@tu-dortmund.de

Prof. Dr. Volker Clausen
University of Duisburg-Essen, Department of Economics
International Economics
Phone: +49 (0) 201/1 83-3655, e-mail: vclausen@vwl.uni-due.de

Prof. Dr. Roland Döhrn, Prof. Dr. Manuel Frondel, Prof. Dr. Jochen Kluve
RWI, Phone: +49 (0) 201/81 49-213, e-mail: presse@rwi-essen.de

Editorial Offi  ce 

Sabine Weiler
RWI, Phone: +49 (0) 201/81 49-213, e-mail: sabine.weiler@rwi-essen.de

Ruhr Economic Papers #631 

Responsible Editor: Volker Clausen

All rights reserved. Bochum, Dortmund, Duisburg, Essen, Germany, 2016

ISSN 1864-4872 (online) – ISBN 978-3-86788-733-5
The working papers published in the Series constitute work in progress circulated to 
stimulate discussion and critical comments. Views expressed represent exclusively the 
authors’ own opinions and do not necessarily refl ect those of the editors.



Ruhr Economic Papers #631

Markus Kelle

Wage Growth, Urbanization, and Firm 
Characteristics - Evidence for Germany



Bibliografi sche Informationen 
der Deutschen Nationalbibliothek

Die Deutsche Bibliothek verzeichnet diese Publikation in der deutschen National-
bibliografi e; detaillierte bibliografi sche Daten sind im Internet über: 
http://dnb.d-nb.de abrufb ar.

http://dx.doi.org/10.4419/86788733
ISSN 1864-4872 (online)
ISBN 978-3-86788-733-5
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Wage Growth, Urbanization, and Firm 
Characteristics - Evidence for Germany

Abstract
I use German administrative data for 2001-2010 to analyse the impact of urbanization 
and fi rm characteristics on wage growth of workers. I fi nd a statistically highly 
signifi cant higher within-job wage growth rate for workers in counties with a higher 
population density. This provides evidence that workers’ productivity growth is higher 
in denser regions, which could be explained by faster learning or human capital 
accumulation of workers. However, this eff ect turns insignifi cant once I account for 
the number of employees of the workers’ fi rms, the share of highly educated workers 
in the fi rm and wagelevel fi rm fi xed eff ects. This indicates that such a learning eff ect 
may occur rather within fi rms than between workers in a region. Beyond this, the paper 
presents evidence that workers in denser areas also benefi t more from job changes 
within counties. One reason for that is that workers in denser regions match more 
often with high-wage fi rms. Furthermore, I fi nd evidence that also the effi  ciency of the 
worker-fi rm matches is higher in denser areas.
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1 Introduction

The urban economics literature provides ample evidence that wages of workers are
higher in more urbanized regions. However, the understanding of the economic
reasons for this wage premium is still incomplete. Among others, Glaeser and Maré
(2001), De la Roca and Puga (2015), and Wheeler (2006) point out that the urban
wage premium is not only a static premium but has also an important dynamic
component. Thus, workers moving to cities do not receive the entire wage premium
immediately. It is growing over time as workers spend several years in cities instead
of a rural area. The economic interpretation of this result is that workers may benefit
from higher learning benefits and knowledge accumulation in denser regions which
lead to higher productivity growth and thus to higher wage growth rates. However,
it is both theoretically and empirically still not entirely clear how this potential
learning in urban areas may indeed occur.

To shed some more light on this issue, I do two things in the present paper: First,
I analyse whether wage growth rates of workers in Germany are higher in counties
with a higher population density. Second, I analyse whether the relationship between
urbanization and wage growth can be explained by the characteristics of the firms
in which workers are employed.1 This second part of the analysis is rather new to
the literature, most likely because of data limitations. One exception is the analysis
of Lehmer and Möller (2010). They find that wages of workers in Germany are
growing faster in cities. However, this effect decreases once they control for the
size of the firms. This is because workers have larger wage growth rates in larger
firms and these larger firms are more often located in cities. The latter result is also
emphasized by the agglomeration literature, which shows that firm characteristics
are heterogeneous across regions. For instance, Combes et al. (2012) find that
firms have significantly higher total factor productivities (TFP) in areas with higher
population density. Thus, the existing evidence suggests that it is indeed useful to
consider the role of firm characteristics to understand the link between urbanization
and the dynamics of worker wages.

To conduct this analysis in the present paper, I use the ‘SIAB 7510’ dataset,
which is provided by the German institute for labor and occupation research (IAB).
The dataset provides administrative information about several characteristics of
workers in Germany, their daily wages and also information about the firms in which
workers are employed. I use four firm variables to account for potential sources of
wage growth of workers at the firm level: the log number of employees, the age
of firms in years, the share of highly educated workers and wage-level fixed effects
estimated by Card et al. (2013).2 To the best of my knowledge, using these different

1I use the term ‘firm’ for convenience in the entire paper. However, the provided information in
the applied data is actually at the plant-level, which is a finer measurement than the firm-level.

2Card et al. (2013) have access to the full population of workers and firms. I can use only a
2%-sample, which does not allow estimating firm fixed effects. However, the IAB provides these
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types of firm information, I go beyond all other existing related studies.
Methodologically, I follow the approach of D’Costa and Overman (2014) (DO in

the following). I regress the annual growth rates of real daily wages on the population
density in the county of the workers’ workplace. In the second step, which is going
beyond DO’s analysis, I add also the firm variables to the regression to see whether
this has an impact on the size of the estimated coefficient of density. Furthermore,
I focus in the main part of the analysis on the so-called within-job wage growth of
workers, by restricting the sample to the observations of workers’ wage growth in
the same job.3 For instance, Wheeler (2006) argues that this approach is mostly
suited to understand the local economic channels that have an impact on learning
rates of workers, because the measured wage growth is not affected by the changing
economic conditions through job changes of workers. DO denote the estimated effect
of urbanization on the within-job wage growth as the ‘pure growth effect’.

Without firm-level controls, I find that population density has a highly significant
positive relationship with wage growth rates. Thus, I find evidence for an existing
‘pure growth effect’ in Germany. This result is robust to a large set of control
variables, accounting for worker fixed effects and is robust in different time periods.
Furthermore, I find that the effect is positively related to the education levels of
workers. However, when I account for firm-charactertistics the estimated coefficient
of population density becomes much smaller. The estimated pure growth effect
is reduced by about 60% and is not statistically significantly different form zero
anymore in the most important specifications. Instead, the number of employees and
the share of highly educated workers of the firms have highly significant and positive
coefficients. Thus, workers in denser regions benefit significantly from working in
larger firms with high-shares of skilled workers. This explains nearly the entire
‘urban wage growth premium’.

Beyond the results for the within-job wage growth of workers, I also analyse
the impact of urbanization on the ‘between-job wage growth’ of workers. First,
I find that workers show higher wage growth rates when they start a new job in
another county which has a higher population density. This effect is also denoted as
‘mobility’ or ‘wage level effect’. However, this effect vanishes when I account for the
wage-level firm fixed effects. Thus, workers obviously benefit from moving to ‘better’
firms when they move to denser counties. Second, workers in denser regions have
significantly higher wage growth rates when they change jobs within the county. This
effect decreases by about 40% when I control for firm characteristics. Thus, workers
in denser regions obviously benefit from moving to firms with rather high wage
levels. However, the reamining effect is still significant, which might be explained
by more efficient matches of workers and firms in denser areas (e.g., Wheeler, 2006

fixed effects in a separate dataset, which are called ‘CHK-effects’ (compare also CHK, 2015).
3I define a ‘job’ as the specific firm in which a worker is employed. By this definition, workers
change their job when the ID of their firm is changing in the data.
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or Yankow, 2006).
In total, the results emphasize that it is an important issue for future research

to understand, why firms are different in more urbanized areas and how these firm
characteristics affect wage growth of workers. I find that firm-specific determinants
might be more important for the development of workers’ productivity and wages
than regional characteristics. This dimension has been largely neglected in the
previous urban wage premium literature considering the producitivity growth of
individual workers in denser regions.

The rest of the present paper is organized as follows: first, I present the dataset,
its preparation and some descriptive facts. Second, I introduce the applied regression
approach and briefly discuss its motivation. Third, I show results for the usual urban
wage premium. Fourth, I analyse in the main part of the paper the within-job wage
growth of workers. Fifth, I briefly analyse also job changes of workers. Finally, I
conclude in section six.

2 The dataset

2.1 Construction

This study uses the weakly anonymous Sample of Integrated Labour Market Biogra-
phies (Years 1975-2010). Data access was provided via on-site use at the Research
Data Centre (FDZ) of the German Federal Employment Agency (BA) at the In-
stitute for Employment Research (IAB) and subsequently remote data access. The
dataset is a 2% random sample from the entire amount of German workers subject
to social security payments. It provides detailed information about daily wages of
workers, their occupation and several bibliographical variables like age, education,
gender and nationality. Furthermore, one can distinguish also different types of
employment like part- and full-time jobs.4

Beyond the worker characteristics, the dataset includes also information about
the firm in which workers are employed. For instance, these are the county of the
firms location, the sector, the number of employees, different types of education of
workers and the date of foundation.5 Furthermore, I use the firm identifiers to merge
wage-level fixed effects to the data. These fixed effects are generated by Card et
al. (2013) (CHK) and are provided in a spearate dataset by the IAB. The so-called
CHK fixed effects are generated in a Mincer-type regression. Log wages of workers
are regressed on workers’ age and education and worker and firm fixed effects. Thus,
the firm fixed effects capture all characteristics of firms that affect the wages of their
workers beyond the worker controls and the worker fixed effects.

4For more detailed information about the dataset see also vom Berge et al. (2013).
5As already mentionend above, the data is provided at the plant-level, but I use the term ‘firm’
for convenience.
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The SIAB dataset covers the period from 1975 till 2010. However, I focus the
main analysis on the time period 2001-2010 for at least two reasons. First, this
ensures comparability with other related studies like DO and De la Roca and Puga
(2015), which also focus mainly on observations for this century. Second, restricting
the covered time span accounts for the possibility that some economic relationships
may change over time. To check this, I make a robustness check of my main results
for the earlier time period 1991-2000.

I use only German male workers that have full-time jobs and are between 21 and
60 years old. Because some workers have information about daily wages for more
than one time period within a year, I use only observations that rely on more than
185 days of employment within a year. Furthermore, I focus the analysis on the
former Western Germany to avoid that results are affected by structural differences
between the East and West of Germany. This selected sample should ensure that
the individual workers and their observed behavior should be highly comparable.
The results should be affected only to a small extent by structural changes in the
labor market towards higher employment of women and more part-time employment.
However, it is important to note that the sample is more homogeneous than in DO,
for instance, who account also for part-time workers. To avoid that the results are
affected by outliers in the dependent variable, I drop observations from the data
with wage growth rates above 200 percent and below minus 75 percent.

One important shortcoming of the data is the right-censoring of the daily wages.
In Germany, there is an upper earnings limit in the statutory pension insurance
scheme. Daily wages are only reported up to this limit (see also vom Berge et al.
(2013)). In the applied sample, about 15% of the wages are affected by the censoring.
To be able to use a better information about the wages than the censoring limit, I
apply the imputation method of Gartner (2005). Given the observed variables for
individuals, daily wages are predicted by a Tobit regression, which accounts for all
variables that I use later in the regression analysis (see section three). Furthermore,
I add the share of high-skill workers in a county and interation terms of the education
level dummy variables for the individual worker and the population density of the
county. Thus, the predictions use a quite large set of available information. Since
the observed wages should vary randomly around the ‘true’ value, a second term is
added to the prediction in the second step, which is drawn from a truncated normal
distribution. For more details of this method, see Gartner (2005). To use real
daily wages of workers, I deflate wages with a price index from ‘Destatis’ (Federal
Statistical Office) after the imputation with 1995 as the base year.

Finally, I use data from ‘Destatis’ about the population and the area of the
counties to calculate the population density of the counties. For the descriptive
facts in the following sub-section, I distinguish also between cities, suburban and
rural counties using data from the BBSR (Federal Institute for Research on Building,
Urban Affairs and Spatial Development). Furthermore, I define different city size
classes. Cities which have more than 500,000 citizens in 2010 are denoted as large
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cities. Medium-sized cities (called ‘medium cities’ for convenience) have a population
between 200,000 and 500,000. Small cities have a population between 100,000 and
200,000 citizens.

2.2 Descriptives

Table 1 shows the average population density in different types of regions and the
average annual wage growth rates of workers. The counties are classified into five
groups as described above. These groups are similar to those used in DO. The mean
population density for the region-types shows that population density increases with
city size. This suggests that the population density is a useful measurment of a
county’s urbanization. The mean real wage growth rate of the 1,408,332 observations
in the sample is 2.15 percent. This is clearly larger than usual statistics show for
the total German economy. This result should be driven by the fact that I use only
a very selected sample. Many workers that are relevant for the entire economy like
women, foreigners, and part-time workers are ignored in the analysis.

Table 1: Poulation density of counties and annual real wage growth rates of workers,
mean values, 2001-2010

Region- log popul. no. of wage no. of
type density counties growth obs.
large city 7.88 10 3.16 246,744
medium city 7.46 18 2.34 124,862
small city 7.18 29 2.63 124,372
suburban 5.92 130 1.94 601,408
rural 4.98 138 1.50 310,946
total 6.31 325 2.15 1,408,332

Furthermore, table 1 shows that the mean wage growth rate is positively related
to population density. The only exception are small cities, which show a relatively
high wage growth compared to medium-sized cities. However, a simple regression of
wage growth rates on population density shows a highly significant positive correla-
tion of these two variables. The regression analysis below shows whether this result
is still robust when I control for worker and firm characteristics.

Table 2 shows firm characteristics in the different region-types. There are 167,950
firms in the sample with 704,611 observations for firms per year. The displayed
variables are the four variables that I use later in the regression analysis: the log
number of employees, the age of the firm in years, the share of workers with high
education (university or terchnical university degree)6, and the wage-level firm fixed

6I denote this variable as the ‘high-skill share’ for convenience.
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effects. In general, the stylized facts confirm the agglomeration literature and show
that firm characteristics differ across regions. The firms in more urbanized regions
are larger, younger, have higher share of skilled workers and show larger wage fixed
effects. Regressions of these firm characteristics on population density, 2-digit sector
dummies and year dummies show that these relationships are statistically highly
significant for all firm variables at the 1%-level.

Table 2: Characteristics of firms, mean values, 2001-2010

Region- log firm high-skill firm wage- firm-
type empl. age share level FE year obs.
large city 5.61 20.06 0.175 0.713 104,535
medium city 5.31 20.25 0.116 0.684 56,695
small city 6.06 21.64 0.124 0.714 48,199
suburban 4.85 21.31 0.088 0.681 320,764
rural 4.63 21.65 0.051 0.633 174,418
total 5.08 21.11 0.101 0.679 704,611

Table 3 finally shows that it is useful to distinguish between the within- and
between-job wage growth in the analysis. The largest wage growth rates can be
found when workers change their jobs across counties (7.78 percentage points). How-
ever, this occurs in only 3.5% of all observations. The second largest value occurs
when workers change the firm within a county (4.88 percentage points). These ob-
servations present 4.5% of the sample. The by far largest share of the sample (92%)
consists of observations in which workers stay within the same firm in the same
county. In years, in which workers do not change their jobs, the growth rate is
clearly smaller than in years of a job-change, but on average still positive with a
value of 1.81.

Table 3: Mean wage growth rates for different types of observations, 2001-2010

Types of wage no. of share
observ. growth observ.
within job 1.81 1,295,845 92.0%
job changes:
between counties 7.78 49,027 3.5%
within counties 4.88 63,460 4.5%
total 2.15 1,408,332 100.0%

Altogether, it is important to note that worker mobility is relatively low in
Germany. In total, there are 234,787 workers in the applied sample. Thus, I can
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use on average about six observations per worker. Only 17.4% of the workers in the
sample (40,737 of 234,787) move at least once across counties in the period 2001-
2010. 22.2% of the workers (52,051) change the firm within a county at least once
in this period. 66% of the workers do not change their job in the ten year period at
all.

3 Regression approach

3.1 Regression equation

The basic regression approach in the paper is that I regress real annual wage growth
rates of workers on the population density of the county of a worker’s workplace and
several control variables. In the second step, I add firm variables to the regression to
see whether this changes the estimated effects of population density on wage growth
rates. The regression equation can be written as follows:

Δwijct = densctδ + zjtθ + xitβ + λt + αi + εijct (1)

I follow the approach of DO and use the annual wage growth in percentage points
of workers’ daily wages, Δwijct, as the dependent variable.

7 The variable is indexed
for worker i in firm j in county c at time t. This measurement of wage growth is
highly correlated with the first difference of log wages, which is used for instance by
Yankow (2006) as the dependent variable. The correlation coefficient of these two
variables is 0.97.

3.2 Within- and between-job wage growth

The main purpose of the paper is to analyse whether productivity growth of workers
is accelerated in more urbanized areas by learning of workers or human capital
accumulation. To identify this effect, I further restrict the sample to the observations
of workers’ wage growth within the same job.8 For instance, Wheeler (2006) and
Yankow (2006) argue that the benefits from learning should be rather reflected in
this within-job wage growth, because it should mainly reflect the learning of workers
from their local economic environment, which can be both regional- and firm-sepcific
effects. Also the descriptive facts in section 2.2 were showing that the growth rates
are much larger when workers change their jobs. This indicates that wage growth
is affected also by other economic forces when workers change their jobs. Thus, I
regress in the first step the wage growth rates of workers within the same job on the
population density of the county to see whether growth rates are indeed larger in

7Δwijct = 100 ∗ (wijct − wijc(t−1))/wijc(t−1).
8As mentioned already above, I define job-changes as a change of the ID of the firm in which a
worker is employed.
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more urbanized areas. This estimated effect is denoted by DO as the ‘pure growth
effect’. Adding the firm variables in the second step shows whether and to which
extent this effect can be explained by the characteristics of the firms in which the
workers are employed.

In the second and minor part of the regression analysis, I use the observations
of the job changes to analyse the between-job wage growth of workers. Here, I
further distinguish between job-changes within and between counties. The cases
in which workers start jobs in another county should give some insights whether
there is a ‘mobility effect’ in workers’ wages. This effect is also denoted as the
‘wage level effect’, because it describes to which extent the wages of workers shift
up immediately when they start a new job in a more urbanized area. Generally, one
would expect that wage growth is larger when workers move to counties with higher
densities because of the presumingly higher productivity in denser areas. From the
worker perspective, one would expect that wage growth rates are larger when they
move to denser areas because the costs of living should be relatively higher there
(e.g., DO).

Finally, I also run regressions for the years in which workers change jobs within
the same county. This approach should show whether workers benefit more from
changing jobs in denser areas. This could occur for at least two reasons: first, workers
may find more easily employers which pay higher wages in denser areas, because the
number of very productive firms with high wages is larger there (e.g., Combes et al.,
2012). Second, workers may benefit from lower search costs which result in more
productive matches of workers and firms (e.g., Yankow, 2006 and Wheeler, 2006).
These better matches should result in relatively higher productivity of workers and
thus higher wages. This effect is denoted as the ‘matching effect’.

3.3 Explanatory variables

3.3.1 Population density

In the regression analysis, I use population density, densct, as the measurement of
counties’ urbanization. For instance, DO use instead dummy variables for different
types of city sizes in Britain (small cities, large cities and London). Lehmer and
Möller (2010) use a dummy variable that distinguishes between cities and other
counties. I prefer the population density variable instead, first, because it provides
a single effect that can be easily compared across different regression specifications.
Second, population density is highly related to city size in Germany. Table 1 in
section two shows that the population density is increasing with city size even for
larger cities. Furthermore, this measurement can capture also differences in counties’
densities between rural and sub-urban areas or even within these two groups. This
is not possible when using only dummy variables. I check my main results also with
dummy variables for the different region-types shown in section two. The regression
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results for the R-squared and the coefficients of the firm variables hardly change.
One problem that may arise using population density as regressor is that there

might be a simultaneous causality of wage growth and population density, because
regions with higher wage growth should attract also more workers. However, the
variation of population density over time within counties is only quite small com-
pared to the variation between counties. The variance share of the within component
is only 0.01% of the total variance. Nevertheless, I check also the results with only
the population density in 2005 as regressor. The results are still nearly the same.
Furthermore, I focus in the regressions for the ‘pure growth effect’ only on workers
who change the county in which they work at least once (county-movers). This ap-
proach should ensure that the estimated effects are driven by the between variation
in the variables of interest. As I use worker fixed effects also in some regressions, a
large share of the between variation would otherwise be captured in the fixed effects.

3.3.2 Firm characteristics

As discussed above, I add also firm-sepcific variables, zjt, to find whether these
have an impact on wage growth rates of workers and the estimated urbanization
effect. I use the log of firms’ number of employees, the age of the firm in years,
the share of workers with high education (university or technical degree) and wage-
level firm fixed effects from Card et al. (2013). Using these different types of firm
characteristics in an analysis of wage growth and urbanization is, to the best of my
knowledge, new to the literature.9 I choose these four variables, because I suppose
that these are the most important among the available variables.

It is quite common in the literature that larger firms should have higher wages
for different reasons (e.g., Oi and Idson, 1999). However, the impact of firm size
on wage growth, controlling for the three other variables, is not entirely clear. One
reason for a positive link might be that large firms provide larger learning potentials
within the firm as an individual worker can benefit from knowledge exchange with
many other workers. Knowledge spillovers should occur much easier within a (large)
firm than between workers of distinct firms (e.g., Nix, 2015).

Concerning the age of firms, Brown and Medoff (2003) find, controlling for other
firm and worker characteristics, a U-shaped relationship between firm age and wages.
However, they neither analyse wage growth of workers explicitly nor provide clear
theoretical ideas to explain the observed pattern. Nevertheless, the age of firms
might be a useful control variable. Nix (2015) analyses the impact of high-skill
workers in firms on wages of other workers. She finds that indeed other workers
benefit from having highly educated colleagues. This result is line with the human
capital literature which suggests that a higher share of highly educated workers in
a location leads to higher spillovers of knowledge and ideas (e.g., Moretti, 2004).

9For instance, Lehmer and Möller (2010) account only for the firm size with a dummy variable for
large firms with more than 500 employees.
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Thus, I expect that the share of highly educated workers per firm should have a
positive impact on wage growth of workers.

Finally, the wage-level fixed effects from Card et al. (2013) should capture
all factors, excluding the three other variables, that affect the general wage level
within a firm. These could be export or import activities, TFP, R&D expenditures,
FDI activities or the implementation of innovations. Furthermore, also the union
coverage of firm should have an impact on wages. Thus, this variable can potentially
capture a lot of factors and a clear interpretation is difficult. Nevertheless, it should
be useful to account for the general ability to offer high wages to workers. If firms
reached already high-wage levels in the past they might be able to provide high
wage growth rates also in the future. Thus, it seems to be useful to account for the
wage-level fixed effects in the analysis.

3.3.3 Control variables

Going beyond population density and firm characteristics, I control in all regressions
for the usual Mincer controls, xit. These are the age of workers in years, the age
squared and education of workers. The data provides six dummy variables for the
education levels of workers. Furthermore, I control for the log number of years that
workers have spent already in their present firm. Wage growth rates are usually
higher in the first years in a new firm (e.g., Stephani, 2013). In most specifications,
I use also dummy variables for workers’ occupation and the firm’s sector classifica-
tion. Both set of variables rely on 2-digit level classifications, which provides finer
measurements than in most other related papers in the literature (e.g., DO and
Lehmer and Möller, 2010).

In all specifications, I control for year-specific effects by adding year dummies, λt.
Finally, I use in some regressions also worker fixed effects, αi. This is important to
control for unobserved worker characteristics. As often discussed in the urban wage
premium literature, there is evidence for a sorting of workers’ with high unobserved
abilities into more urbanized regions (e.g., Combes et al., 2008). Thus, it might be
the case that the impact of urbanization on wage growth is over-estimated when
workers with the highest growth rates self-select into urban regions. Worker fixed
effects can account for those unobserved worker characteristics that may affect the
wage growth rates.

4 Urban wage premium

Before I start to analyse wage growth, I also run regressions with log wages of as the
dependent variable. This should provide insights how the usually estimated urban
wage premium looks like in the applied dataset. The regression equation can then
be written as follows, simply replacing the dependent variable in (1) with the log
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wages:

log(wijct) = densctδ + zjtθ + xitβ + λt + αi + εijct. (2)

Table 4: Regressions for log wages of German workers, 2001-2010

Explanatory (1) (2) (3) (4) (5)
Variables OLS OLS OLS FE FE
log density 0.048*** 0.035*** 0.008*** 0.013*** 0.004***

(0.004) (0.003) (0.001) (0.001) (0.001)
log empl - - 0.020*** - 0.014***

(0.001) (0.000)
firm age - - -0.001*** - -0.000***

(0.000) (0.000)
hs share - - 0.180*** - 0.100***

(0.008) (0.004)
firm FE - - 0.779*** - 0.440***

(0.008) (0.006)
indiv. contr. yes yes yes yes yes
year dummies yes yes yes yes yes
sec. dummies no yes yes yes yes
occ. dummies no yes yes yes yes
worker FE no no no yes yes
Obs. 1,408,332 1,408,332 1,408,332 1,408,332 1,408,332
R2 0.362 0.565 0.670 0.091 0.163
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

Table 4 shows that the population density of the counties shows in all specifi-
cations positive and highly significant coefficients. Denser regions have signifcantly
higher wage levels than rural regions. The estimated effects of population density
become smaller the more control variables are accounted for. In particular, I find
that accounting for firm variables reduces the effect by about 70-80%. The impact
of the firm controls is slightly larger in the OLS specification (3) compared to the
approach with individual fixed effects (5).

I find that all firm variables have significant coefficients. Workers have signifi-
cantly higher wages in large firms with high shares of high-skill workers, which are
rather young and have high values of the firm-fixed effects. This result underlines
the importance of firm heterogeneity to understand the differences in wages across
regions. Finally, I find as usual in the literature that including workers fixed effects
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further reduces the urban wage premium. Nevertheless, the density effect remains
statistically highly robust.

5 Urban wage growth premium

5.1 Total sample

Going beyond the ‘classical’ urban wage premium, I now analyse the urban wage
growth premium by running the regression equation (1) presented above for the total
sample of observations.10 The results in table 5 show that more urbanized regions
show significantly higher wage growth rates than rural areas when firm variables
are neglected. Population density has a positive and highly significant coefficient in
specification (2) and (4), which account for sector and occupation dummies.

This result changes once firm variables are included. The estimated coefficients
shrink substantially for both the OLS regression (3) as for the fixed effects approach
(5). The decrease is about 85% in the OLS case and 75% with worker fixed ef-
fects. In the fixed effects approach (column (5)), the estimated coefficient turns
even insignificant. All firm variables show positive and significant coefficients in-
stead. Thus, workers have higher wage growth rates in firms that are larger, older,
have many high-skilled workers and generally higher wage levels.

The results provide evidence in favor of the idea that wage growth of workers is
rather determined by firm characteristics than by regional characteristics. However,
before drawing stronger conclusions from these results, it should be noted that the
regressions still comprise the entire amount of observations of workers’ wage growth.
The estimated effects are a combination of the within- and between-job wage growth.
I disentangle these different channels in the following subsections.

5.2 Within-job wage growth

5.2.1 All workers

As described already in section three, I focus on the within-job wage growth to ensure
that the identified effects are indeed driven by the local economic environment that
affects productivity growth of workers, for instance through learning (e.g., Wheeler,
2006). To do this, I drop the years from the data in which workers start a new job.
Table 6 shows the regression results.

10I do not show in the entire paper the estimated coefficients of the worker control variables, for
convenience. The results for these variables are in line with other papers and the expectations.
Workers have higher wage growth rates when they are young. The education of workers is
positively related to their wage growth. Furthermore, wage growth rates are higher when workers
have spent only few years in the current firm.
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Table 5: Regressions for annual wage growth of German workers, total sample,
2001-2010

Explanatory (1) (2) (3) (4) (5)
Variables OLS OLS OLS FE FE
log density 0.270*** 0.198*** 0.032** 0.338*** 0.078

(0.026) (0.022) (0.016) (0.051) (0.050)
log empl - - 0.180*** - 0.402***

(0.014) (0.028)
firm age - - 0.030*** - 0.055***

(0.002) (0.003)
hs share - - 2.211*** - 3.802***

(0.160) (0.350)
firm FE - - 3.155*** - 10.825***

(0.109) (0.252)
indiv. contr. yes yes yes yes yes
year dummies yes yes yes yes yes
sec. dummies no yes yes yes yes
occ. dummies no yes yes yes yes
worker FE no no no yes yes
Obs. 1,408,332 1,408,332 1,408,332 1,408,332 1,408,332
R2 0.020 0.027 0.030 0.009 0.012
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

The estimated coefficients of population density are similar and highly significant
when firm controls are excluded. The coefficient is 0.155 in the OLS approach
(column (1)) and 0.190 with workers fixed effects (3). In both specifications, the
firm variables have significant and positive coefficients (column (2) and (4)). The
only exception are the wage-level firm fixed effects in specification (4). However,
the impact of the firm variables on the estimated coefficient of population density is
quite different in the two-types of specifications. Including the firm variables leads
to a reduction of the density effect by about 80% in the OLS case (column (1) and
(2)), but only by about 40% in the fixed effects regressions (column (3) and (4)).

Thus, accounting for worker fixed effects leads to a much smaller explanatory
power of the firm controls for the identified effect of urbanization. To understand
this result, it is important to note that the fixed effects capture the entire between-
variation in the variables for workers that always work for the same firm in the same
county. As the descriptive facts were showing, this is the majority of workers. Thus,
this approach uses mainly the within-variation in the data for the wage growth,
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Table 6: Regressions for annual wage growth of German workers, without job-change
years, 2001-2010

Explanatory (1) (2) (3) (4)
Variables OLS OLS FE FE
log density 0.155*** 0.030** 0.190*** 0.115**

(0.019) (0.013) (0.047) (0.047)
log empl - 0.241*** - 0.230***

(0.011) (0.026)
firm age - 0.007*** - 0.024***

(0.001) (0.003)
hs share - 2.098*** - 1.381***

(0.157) (0.356)
firm FE - 0.569*** - -0.159

(0.087) (0.179)
indiv. contr. yes yes yes yes
year dummies yes yes yes yes
sec. dummies yes yes yes yes
occ. dummies yes yes yes yes
worker FE no no yes yes
Obs. 1,295,845 1,295,845 1,295,845 1,295,845
R2 0.023 0.025 0.004 0.004
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

population density and the firm variables to identify the effects.
This has two consequences for the estimated coefficients: first, as discussed in

section three, using the within-variation may lead to an upward bias of the esti-
mated coefficient of population density through a reversed causality between wage
growth in a county and the population density. Second, also the estimates of the
firm variables (column (4)) are smaller with worker fixed effects than in the OLS
regressions (column (2)). Thus, the variation of the firm characteristics over time
may have a smaller impact on wage growth rates of workers than differences in the
levels of the firm variables.

To provide a clearer estimate of the analysed relationships and to facilitate the
interpretation, I further reduce the sample. I include only the workers that change at
least once the county of their workplace anddenote these workers as ‘county-movers’.
Using this method, the estimated effects are identified by workers that start working
in another county. This approach should ensure that indeed the estimated effects
are driven by the between-variation in the data, which should provide more robust

17



and clearer results.

5.2.2 Only county-movers

Table 7 shows the results for the reduced sample with only the county-movers. The
number of observations is strongly reduced because only few workers are moving
across counties (compare section two). Nevertheless, the estimated coefficients of
population density remain highly significant when firm variables are neglected in
both the OLS and the FE regressions (column (1) and (3)). This result provides quite
robust evidence that there is a ‘pure growth effect’ of urbanization in Germany. The
within-job wage growth of workers is significantly higher in denser regions controlling
for many individual variables, sector- and occupation dummies and worker fixed
effects. Also economically, the estimated effects are sizable. If workers move to a
region with a one stantard deviation higher population density (1.15), they benefit
from an about 0.19 percentage points higher annual wage growth rate (the coefficient
is 0.169 in column (3)). Accumulated over a ten year period this leads to about 2%
higher wages.

However, the effect of population density turns insignificant once I take the
firm variables into account. I find that the high-skill share and the size of firms
have significantly positive coefficients. The wage-level firm fixed effects are only
significant in the OLS regressions. The age of the firms does not have significant
coefficients. The reduction of the estimated coefficient of density is again stronger
for the OLS regressions. Here, including the firm controls reduces the coefficient by
80%. In the fixed effects regression the coefficient shrinks by about 60%. However,
the difference between these two approaches is smaller than above in table 6 when
all workers were included. This can be explained by the fact that all firm variables,
except the coefficient of the age of firms, have in table 7 larger coefficients when
accounting only for the county-movers compared to the sample including all workers
in table 6. This confirms the idea that indeed the between-variation in the data leads
to larger estimates for the firm variables than the within-variation.

Nevertheless, the reduction of the density effect through the firm variables is still
smaller when using worker fixed effects than in the OLS regressions. One reason
for this is that the share of highly educated workers, the wage-level fixed effects
and the number of employees have smaller coefficients in the fixed effects regression
((4)) than in the OLS regression ((2)). This result can be explained by a positive
correlation of the worker fixed effects with these firm variables. Thus, this indicates
that workers with higher wage growth rates because of unobserved characteristics
work more often in firms with rather high wage growth rates. Obviously, there is
some kind of positive assortative matching of firms and workers with respect to wage
growth rates. This result confirms Card et al. (2013) who emphasize that there is
a positive correlation of worker and firm fixed effects concerning wage levels, which
partially explains increasing wage inequality in Germany.
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Table 7: Regressions for annual wage growth of German workers, without job-change
years, only county-movers, 2001-2010

Explanatory (1) (2) (3) (4)
Variables OLS OLS FE FE
log density 0.190*** 0.038 0.169*** 0.071

(0.027) (0.023) (0.057) (0.058)
log empl - 0.351*** - 0.344***

(0.017) (0.043)
firm age - -0.003 - 0.000

(0.003) (0.006)
hs share - 2.130*** - 1.533***

(0.286) (0.559)
firm FE - 0.945*** - 0.654

(0.206) (0.405)
indiv. contr. yes yes yes yes
year dummies yes yes yes yes
sec. dummies yes yes yes yes
occ. dummies yes yes yes yes
worker FE no no yes yes
Obs. 211,682 211,682 211,682 211,682
R2 0.023 0.024 0.005 0.006
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

Altogether, I conclude from the specification with workers fixed effects (column
(3) and (4)) that workers in denser regions benefit from significantly higher wage
growth rates. This effect is reduced by about 60% when firm variables are included
in the regression. In particular, workers in denser regions benefit from working in
larger firms with higher shares of highly educated workers. The remaining effect
of population density is not significantly different from zero and also economically
small. These results underline that it is important to understand why characteristics
of firms are different in denser regions to understand why wages of workers grow
faster in denser regions.

Finally, it is worth to note that the finding of a significant ‘pure growth effect’
is different compared to DO and Wheeler (2006). DO only find weak effects of
urbanization on within-job wage growth rates for young workers. Wheeler (2006)
finds no significant impact of urbanization once controlling for worker fixed effects.
These contrasting results might be driven by different sample characteristics. For
instance, DO use a less restricted sample than I do and account also for part-time
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workers. Furthermore, these two papers use survey data instead of adminsitrative
data that I use. This might produce some measurement error in the wage variable
which leads to increased standard errors of the estimated effects.

5.3 Robustness of the pure growth effect

In the present section, I intend to further disentangle the sources of the identified
impact of urbanization on within-job wage growth rates of workers. To do this, I
check whether the age of workers or their education have an impact on the link
between urbanization and wage growth. The literature suggests that for young and
more educated workers the learning opportunities might be larger and thus the wage
growth rates should be more affected by the local economic environment of workers
(e.g., DO). Additionally, I re-run the regressions from above for the period 1991-2000
to see whether the results are also robust for different time periods. All sub-samples
have the same characteristics as in table 7 in the previous section. Thus, I use
only the observations of workers within the same job (within-job wage growth) and
account only for workers that changed the county of their workplace at least once
(county-movers).

5.3.1 Age of workers

To analyse the impact of the age of workers on wage growth, I re-run the regressions
with only county-movers from the previous section for workers which are between
21 and 30 years old in the year of the observation. The estimated coefficients of
population density in table 8 are similar to these in table 7 for the total sample of
workers. The coefficient of density slightly increases in specification (3) from 0.169
in the total sample to 0.211 for young workers. The number of employees per firm
and the high-skill share of workers have positive and significant coefficients also for
the young workers. The estimated coefficients are also larger than for the entire
sample. Consequently, including the firm controls leads to a large decrease of the
coefficient of population density (80%). This suggests that young workers might
benefit more from their working environment than older workers, but that this is
effect occurs in particular at the firm level.

I run also regressions for workers in other age groups, which I do not show for
convenience. The results for workers that are between 31 and 50 years old confirm
the result that the impact of the age is rather small. The estimated coefficient for
population density in specification (3) is 0.23 and thus even slightly larger than for
the youngest workers. The impact of the firm variables on the estimated effects is
smaller than for the young workers. Thus, the reduction of the density effect from
0.23 to 0.14 is also smaller (40%). Finally, I run regressions for workers in the ages
between 51 and 60 years, which account for about 26,000 observations. Here I do
not find any significant effects for population density. When accounting for worker
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Table 8: Regressions for annual wage growth of German workers aged 21-30, without
job-change years, only county-movers, 2001-2010

Explanatory (1) (2) (3) (4)
Variables OLS OLS FE FE
log density 0.208*** 0.034 0.211 0.033

(0.061) (0.059) (0.162) (0.163)
log empl - 0.409*** - 0.560***

(0.045) (0.131)
firm age - -0.003 - 0.018

(0.007) (0.016)
hs share - 2.608*** - 3.797*

(0.790) (2.074)
firm FE - 0.668 - -0.442

(0.434) (0.624)
indiv. contr. yes yes yes yes
year dummies yes yes yes yes
sec. dummies yes yes yes yes
occ. dummies yes yes yes yes
worker FE no no yes yes
Obs. 32,235 32,235 32,235 32,235
R2 0.054 0.058 0.022 0.024
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

fixed effects, the estimated coefficients turn even negative. Furthermore, none of the
firm variables has a significant coefficient. Altogether, these results suggest that the
age of workers does play a role to understand the identified effects. But the impact
seems to be rather small and becomes mainly relevant when workers are older than
50 years.

5.3.2 Education of workers

Also in line with the learning hypothesis, one could expect that workers with high
education benefit more from urbanization than workers with low education (e.g.,
DO). To check this hypothesis, I analyse a sub-sample of highly educated workers
(university or technical university degree). In table 9, I find for high-skill workers
clearly larger coefficients of population density than for the total sample. Comparing
the coefficients in specification (3) the coefficient increases from 0.169 in the total
sample to 0.325. Thus, the magnitude of the effect nearly doubles for highly educated
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Table 9: Regressions for annual wage growth of German high-skill workers, without
job-change years, only county-movers, 2001-2010

Explanatory (1) (2) (3) (4)
Variables OLS OLS FE FE
log density 0.401*** 0.118* 0.325* 0.173

(0.072) (0.067) (0.176) (0.178)
log empl - 0.527*** - 0.482***

(0.046) (0.126)
firm age - -0.020** - -0.011

(0.008) (0.018)
hs share - 2.644*** - 2.340**

(0.405) (0.950)
firm FE - 1.639*** - 2.300

(0.549) (1.420)
indiv. contr. yes yes yes yes
year dummies yes yes yes yes
sec. dummies yes yes yes yes
occ. dummies yes yes yes yes
worker FE no no yes yes
Obs. 50,704 50,704 50,704 50,704
R2 0.012 0.014 0.006 0.007
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

workers. Furthermore, I find also that the firm variables have larger coefficients for
highly educated workers than for the total sample. However, the remaining effect
of density is still rather large. This underlines that indeed the high-skill workers
benefit more from learning potentials in their local work environment.

To check whether there are any effects at all for workers without the highest
education levels, I run also regressions for workers with medium-levels of education11

and lowest education, which I do not show for convenience. The results for medium-
skilled workers show that the estimated coefficients of population density are clearly
smaller than for highly educated workers and for the total sample. In the fixed effects
regression without firm variables (specification (3)), the coeffcient of population
density is only 0.114 compared to 0.169 in the total sample and 0.325 for high-
skill workers. Nevertheless, the estimated coefficient is significant at the 5%-level.
Including the firm variables, I find that the only variable with a significant coefficient

11These are workers with an university-entrance diploma.
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is the number of employees of a firm. In total, the estimated effects of both the
density and the firm variables are clearly larger for highly educated workers.

Finally, I run also regression for low-educated workers, which is only small sub-
group with 15,000 observations. I do not find any significant effects of population
density. The magnitude of the estimated coefficients is much smaller than for the
total sample and turn even negative when using worker fixed effects. Also the
firm variables have only small coefficients. Thus, I conclude from the analysis of
the impact of education that benefits from working in a denser area are positively
related to the eduaction of workers. The same applies to the impact of the firm
variables on workers’ wage growth. These results suggest that the estimated effects
are indeed related to the learning of workers in their local economic environment.

5.3.3 Time period of analysis

One important robustness check is to see whether the main results are robust also
for another period of time or not. Since I use wage data as a proxy for productivity,
one should keep in mind that wages reflect also demand and supply shocks in the
local labor markets. Thus, the results could be misleading if they would represent
rather structural changes in the labor market than productivity growth of individual
workers. As those shocks might be more pronounced in specific periods, it seems to
be useful to analyse whether the results are robust in earlier years. Thus, I run the
same regressions as shown in table 7 for the years 1991-2000.

The results presented in table 10 do not show large differences compared to
the results for the period 2001-2010 presented above. The estimated coefficients of
population density have a similar size (0.175 compared to 0.169) and are significant
at the 1%-level. The impact of firm characteristics is also comparable for the two
time periods. I find in both periods that firm controls reduce the density effect by
about 80% in the OLS regressions. For the specification with worker fixed effects the
reduction is nearly 70% and thus slightly larger than in the baseline period (60%).
Altogether, the evidence for the period 1991-2000 supports that there is a pure
growth effect in urban regions, which is mainly explained by firm characteristics.

Using again sub-samples with young and highly educated workers for the period
1991-2000, which I do not show for convenience, I find that the effects of urbanization
on wage growth are clearly larger for highly educated workers. Furthermore, I find
also a rather small impact of the age of workers on the results. Again, education
seems to be more important than the age of workers to understand the higher wage
growth of workers in denser areas.

Altogether, the robustness of the results over time suggests that the identified
effects are indeed related to workers’ learning from the local environment and not
driven by structural labor demand changes. Those structural changes should less
likely occur over a 20 year time period. However, it could in principle be that there
was an increasing demand for high-skill workers in large firms with high shares of
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Table 10: Regressions for annual wage growth of German workers, without job-
change years, only county-movers, 1991-2000

Explanatory (1) (2) (3) (4)
Variables OLS OLS FE FE
log density 0.160*** 0.034* 0.175*** 0.056

(0.025) (0.021) (0.050) (0.052)
log empl - 0.255*** - 0.234***

(0.020) (0.036)
firm age - 0.005 - 0.021***

(0.004) (0.007)
hs share - 2.183*** - 2.434***

(0.294) (0.607)
firm FE - 0.547*** - 0.642

(0.269) (0.436)
indiv. contr. yes yes yes yes
year dummies yes yes yes yes
sec. dummies yes yes yes yes
occ. dummies yes yes yes yes
worker FE no no yes yes
Obs. 226,404 226,404 226,404 226,404
R2 0.032 0.034 0.012 0.013
Standard errors in brackets are clustered at county-level in OLS regressions.

Robust standard errors are used in FE regressions. ***, **, and *

indicate significance at 1%-, 5%- and 10%-level, respectively.

highly educated workers, which are more often located in cities. This would be
an alternative interpretation of the observed pattern of within-job wage growth of
workers, which I cannot exclude completely.

5.4 Between-job wage growth

The main part of this paper deals with the analysis of the within-job wage growth
of workers. However, to understand the role of urbanization in the working life
of workers more deeply, it is helpful to analyse also the between-job wage growth.
The descriptive facts in section two were showing that the wage growth rates are
clearly larger when workers change their jobs and are consequently economically
quite important to understand the wage dynamics of individual workers. I analyse
the between-job wage growth in the present section and distinguish between job-
changes between counties and within counties.
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5.4.1 Between counties

I start by restricting the sample to the years in which workers start a new job in a
new county. This allows to analyse the so-called ‘mobility effect’ (e.g., DO). This
is the wage increase that workers receive potentially immediately after moving to a
denser region, which is also denoted as the ‘wage level effect’.

Table 11: OLS regressions for annual wage growth of German workers, job-changes
between counties, 2001-2010

Explanatory (1) (2) (3)
Variables
log density 0.068 0.554*** -0.141

(0.198) (0.140) (0.148)
log empl - - 0.031

(0.109)
firm age - - 0.064***

(0.014)
hs share - - 1.963

(1.238)
firm FE - - 30.437***

(1.091)
indiv. contr. yes yes yes
year dummies yes yes yes
sec. dummies no yes yes
occ. dummies no yes yes
Obs. 49,027 49,027 49,027
R2 0.037 0.066 0.099
Standard errors in brackets are clustered at county level in OLS

regressions. ***, **, and * indicate significance at 1%-, 5%-

and 10%-level, respectively.

Specification (1) in table 11 shows no significant coefficient of population density.
On average, wage growth in a move-year seems to be rather independent of the
urbanization of the destination region. This picture changes once I account for
sector and occupation dummies in (2). Now, density has a highly significant positive
coefficient. Thus, the types of occupations and sectors in which people start working
obviously depend on the density of the destination counties. Controlling for this, I
find a significant higher wage growth when workers move to denser regions. This
result indicates that there is static wage premium for workers in denser regions.
Wages immediately shift up when workers move to more urbanized areas compared
to moving to less urbanized areas. A one standard deviation increase in population
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density (1.15) of the destination county leads to about 0.6 percentage points higher
wage growth rates.

However, the estimated effect becomes insignificant and even weakly negative
once I account for firm characteristics in (3). In particular, the wage-level firm fixed
effect have a very large and significant coefficient. Workers that move to denser
regions benefit from moving to firms with relatively high wages. As firms have
higher wage levels in denser regions, this effect completely explains the mobility
effect of moving to more urbanized regions. Thus, it is an interesting and relevant
issue for future research, to understand why wage levels at the firm level are higher
in cities. In particular, sources of higher productivity at the firm level may provide
an important issue for future research (e.g., Combes et al., 2012). However, Ehrl
(2014) claims that wage-level fixed effects and firm TFP are only weakly correlated
with each other. Thus, also other factors like the internationalization of firms, for
instance, should also be accounted for.

Nevertheless, comparing the coefficient of population density in column (2)
(0.554) and coefficient for the pure growth effect in table 7 column (3) (0.169)
shows that the potential impact of the wage level effect is rather small compared to
the wage growth effect that I analysed above. The coefficient of the mobility effect
is only about three times larger than the pure growth effect. When workers work
more than three years in a denser region, the wage growth effect already exceeds
the level effect. This result is in line with Lehmer und Möller (2010) who also find
a relatively larger wage growth effect in Germany. But of course my results must
be interpreted with caution as the estimation of the wage level effect of course has
some important shortcomings. For instance, the applied approach does not account
for the characteristics of the job that workers had before starting their new job in
another county.

5.4.2 Within counties

A second reason why workers may benefit from higher wage growth in more urban-
ized areas is that they benefit from changing their jobs within counties. To analyse
this possible channel, I focus the sample on the years in which workers start a new
job in another firm in the same county and regress the wage growth rates again on
population density.

The results in table 12 show that the wage growth rates are larger in denser
regions when workers change jobs within a county. The coefficient of population
density is positive and highly significant in all specifications. Without firm controls
in specification (2) the coefficient is 0.869. This means that workers in a county
with a one standard deviation higher population density benefit from job changes
within the county by a nearly one percentage points larger wage growth rate. Com-
pared to the ‘pure growth effect’ in section 5.3, the coefficient is about 5 times
larger. Thus, the effect is important to understand higher wage growth of workers
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Table 12: OLS regressions for annual wage growth of German workers, job-changes
within counties, 2001-2010

Explanatory (1) (2) (3)
Variables
log density 0.584*** 0.869*** 0.502***

(0.117) (0.132) (0.126)
log empl - - -0.262***

(0.074)
firm age - - 0.180***

(0.010)
hs share - - -0.993

(0.774)
firm FE - - 23.173***

(0.983)
indiv. contr. yes yes yes
year dummies yes yes yes
sec. dummies no yes yes
occ. dummies no yes yes
Obs. 63,460 63,460 63,460
R2 0.034 0.056 0.089
Standard errors in brackets are clustered at county level in OLS

regressions. ***, **, and * indicate significance at 1%-, 5%-

and 10%-level, respectively.

in denser regions, which underlines that it is useful to distinguish between within-
and between-job wage growth. However, as workers do not change their jobs very
often, the pure growth effect is altogether most important to understand the higher
wage growth of workers in cities.

The estimated effect of populaton density gets clearly smaller once I account for
firm characteristics of the new employer of the workers (column (3)). The coefficient
shrinks by more than 40% from column (2) to (3). This result is again mainly driven
by the large and highly significant coefficient of the wage-level firm fixed effects. This
indicates that workers in denser regions benefit from starting to work in firms with
higher wage levels. As these firms are more frequent in urban regions, workers can
more easily improve their wages by changing jobs.

Interestingly, the remaining effect is nevertheless still significantly different from
zero. Thus, workers that change their jobs within denser counties benefit not only
from working at ‘better’ firms. There is a remaining effect which could potentially
be explained by a better match of workers and firms. The literature suggests that
denser regions lead to more efficient outcomes in the search and matching process

27



of firms and workers (e.g., Wheeler, 2006 or Yankow, 2006). Those more efficient
matches may lead to higher worker productivity which is reflected in higher wage
levels. The provided evidence supports this idea. However, it is of course unclear
whether this effect would persist if one could control for further characteristics of the
firms and workers. Nevertheless, the fact that this effect is not present when workers
start working in a new county underlines the idea that the matching efficiency might
be indeed increasing with lower geographical distances between firms and workers.12

6 Conclusions

The present paper analyses the relationship between wage growth of German work-
ers, urbanization and firm characteristics. Most importantly, I find a higher within-
job wage growth of workers in counties with a higher population density (pure growth
effect). This result is robust to an inclusion of a large set of control variables and
worker fixed effects. Furthermore, the estimated effects of population density on
wage growth are positively related to the education level of workers. These results
are robust in a rather large time period. Thus, the provided evidence supports the
idea that learning and human capital accumulation is fostered in denser regions.

To shed some more light on this issue, I account also for firm variables in the
regression analysis. This perspective is hardly analysed so far in the literature, most
likely because of data limitations. I find that workers have higher wage growth rates
in larger firms with higher shares of highly educated workers. In some regressions,
also firms with generally higher wage-levels show higher wage growth rates. Includ-
ing the firm variables reduces the estimated impact of urbanization on wage growth
by about 60% and the effect turns in the most important specifications statistically
insignificant. Thus, the higher wage growth can mainly be explained by the fact
that firms have different characteristics in urbanized areas. These firms character-
istics may foster productivity and wage growth of workers rather than the regional
characteristics.

The characteristics of firms play also an important role to understand the link
between urbanization and wage growth when workers change their jobs (between-
job wage growth). When workers start working in a new county, I find that the
wage growth rate in the year of the move is the larger the higher the density of the
destination county is. However, this effect disappears once I add wage-level fixed
effects of the firms to the regression. Thus, workers benefit from working for the
high-wage firms within sectors when they move to denser areas.

Furthermore, workers also benefit significantly from changing jobs within coun-

12I also check the robustness of the mobility and matching effect in the time period 1991-2000. I
find that the pattern of the main results is still valid. The mobility effect vanishes when firm
variables are included. The matching effect remains statistically robust also with firm variables.
I do not show the results for convenience.
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ties with higher densities. Again, the positive effect of density decreases (by about
40%) once I account for the wage-level in firms as control variable. Thus, workers
benefit from new jobs at firms with higher wage levels also within the same region.
This is plausible as the density of highly productive firms with high wages should
be higher in denser areas (e.g., Combes et al., 2012). However, there is a remaining
significant effect of population density also when controlling for firm variables. This
effect could be attributed to higher efficiencies of the matches of workers and firms
in denser areas (matching effect), which is also identified by Wheeler (2006) as an
important source of higher wage growth of workers in the US.

Altogether, the results emphasize that it is quite important to consider the char-
acteristics of the firms to understand regional differences of workers’ wages and their
evolution over time. The approach used by Card et al. (2013) or Dauth et al. (2016)
to decompose the wages of workers into a worker and a firm component seems to
be useful for future research efforts. The productivity of workers should not be in-
dependent of the productivity of the entire firm and the other workers within the
firm. Furthermore, both the worker and firm producitivities are affected by other
firms and workers in the same region. Thus, workers’ productivity and consequently
wages are influenced by several local economic forces, which make the analysis more
complex. But the present paper suggests that this is necessary to understand more
about the determinants of workers’ wages and the role of agglomeration and urban-
ization in this process.

I see two important directions for future research: First, the impact of urban-
ization and agglomeration on firm characteristics should be more deeply analysed.
Second, it is also necessary to collect more evidence about the channels how firm
characteristics affect worker productivity and wages. In particular, it would be im-
portant to account for further firm characteristics beyond the four variables that I
analyzed in the present paper. For instance, R&D activities, capital intensities, TFP
of firms, export or import activities, implemented innovations etc. would be impor-
tant further firm-level information that should be considered in future research.

Finally, it is worth to note that my finding of significantly higher within-job wage
growth rates in more urbanized areas is in contrast with the analyses of D’Costa
and Overman (2014) for the UK and Wheeler (2006) for the US. They find only
weak effects for young workers. One reason for these different results might be
that I use only data for full-time workers. Furthermore, the applied dataset relies
on administrative data while the other studies use survey data instead. Those
differences in the basic construction of the datasets should be taken into account in
future research efforts.
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