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PERSONAL INDEBTEDNESS, COMMUNITY CHARACTERISTICS

AND THEFT CRIME

STUART G. MCINTYRE

Abstract. Becker (1968) and Stigler (1970) provide the germinal works for an economic
analysis of crime, and their approach has been utilised to consider the response of crime
rates to a range of economic, criminal and socioeconomic factors. Until recently however
this did not extend to a consideration of the role of personal indebtedness in explaining
the observed pattern of crime.

This paper builds on a recent publication in the literature (McIntyre & Lacombe
2012), and using the Becker (1968) and Stigler (1970) framework, extends to a fuller
consideration of the relationship between personal indebtedness and theft crimes. The
increase in personal debt in the past decade has been significant, which combined with
the recent global recession, has led to a spike in personal insolvencies.

This paper uses data available at the neighbourhood level for London, UK on county
court judgments (CCJ’s) granted against residents in that neighbourhood, this is our
measure of personal indebtedness, and examines the relationship between a range of com-
munity characteristics (economic, socio-economic, etc), including the number of CCJ’s
granted against residents, and the observed pattern of theft crimes using spatial econo-
metric methods.

1. Introduction

It is well recognised in the economics literature that borrowing plays an important role in
household consumption decisions, as Zeldes (1989) demonstrated in testing the permanent
income hypothesis. Meanwhile, one of the conclusions of the literature stemming from
Becker (1968) on the relationship between unemployment and crime, is that an increase
in unemployment ought to be associated with increases in crime, as the unemployed seek
to maintain their consumption levels; and a voluminous literature has tested whether this
relationship holds (Cantor & Land (1985), Reilly & Witt (1992), Osborn et al. (1992), Pyle
& Deadman (1994), Elliott & Ellingworth (1998), Carmichael & Ward (2001)).

Meanwhile, the sociology and criminology literature has made clear that any complete
theory of crime has to capture both the criminal motivation effect and the criminal op-
portunity effect. One of the main difficulties with understanding the relationship between
unemployment and crime has been to disentangle the impact of increased unemployment in
an area in terms of the motivation and opportunity components. Increased unemployment
reduces legitimate income, increasing the attractiveness of illicit sources of income, but at
the same time increased unemployment in an area is likely to reduce criminal opportunity
in an area due to increased numbers of residents staying at home or otherwise not being
away from the area during working hours.

1
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There is a more fundamental difficulty though with the proposition that increased un-
employment will lead to increased crime; that it ignores the important role, understood in
the wider economics literature, of borrowing in consumption smoothing. The idea that an
individual becomes unemployed and then seamlessly turns to crime as a substitute source
of income, seems unrealistic. A more believable proposition is that an individual, facing
economic hardship which reduces legitimate income, would first seek to run down their
savings, then would borrow money from institutional and even informal sources in order
to support their current consumption, and only when their savings have been exhausted
and they are liquidity constrained, will they resort to illicit sources of income to support
their consumption needs.

In this sense, a better predictor for the relationship between economic hardship and crime
is a measure of personal indebtedness which is based on debt default. In this paper we
utilise just such a measure, and using spatial econometric methods we test the association
between debt default and theft crimes in London, UK using neighbourhood data. Our
model allows us to capture a range of both criminal motivation and criminal opportunity
effects, as well as the important role played by spatial heterogeneity in explaining the
observed pattern of theft crimes.

2. Motivation

Since the global recession began in 2008 there has been an increase in robbery, thefts and
burglary in London, Figure 1 charts an index of these crimes in London based on 2000-01
levels. The well recognised overall decline in crime since 2000 is evident from Figure 1,
however a clear increase in all of these crimes is evident from the start of the recession in
2008-09.

Looking at data on consumer credit (Figure 2) and personal insolvencies (Figure 3) we
can see a number of things. Firstly from Figure 2 we can see that over the past decade there
has been a large increase in outstanding consumer credit in the UK, and also in the USA.
Since 2008 there has been a reduction in the level of outstanding consumer credit, however
it has only returned to 2005 levels in the UK and 2006 levels in the USA. Further, from
Figure 3, we can see that there has been a spike in personal insolvencies in England & Wales
since 2008, while in the USA from 20061 bankruptcies have increased significantly. Against
the backdrop of unprecedented levels of consumer debt and spikes in personal insolvencies,
the question arises whether there is any relationship to increases in the number of theft
crimes observed.

Unfortunately we do not have neighbourhood personal indebtedness data for the period
of the recent recession. However, if the level of personal indebtedness in a given community
is indeed an important factor in explaining theft crime levels in that community and in
neighbouring communities, evidence found in support of this relationship in economically

1White (2007) explain the sharp decline in non-business bankruptcies in the USA in 2006 as arising from
the passage of the Bankruptcy Abuse Prevention and Consumer Protection Act which made “bankruptcy
law much less debtor-friendly” (White 2007, 175).
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(a) Robbery (b) Burglary

(c) Theft and handling stolen goods

Figure 1. Index of London crime (base 2000-01) based on data from http:

//maps.met.police.uk/tables.htm

good times is arguably stronger evidence of this relationship than evidence obtained during
periods of general economic crisis.

3. Literature review

This paper draws on three separate literatures: criminology, sociology and economics.
In this section we briefly review the main contributions of each of these literatures, with a
focus on the key message of each in motivating and understanding the observed pattern of
crime, which we draw together in the final part of this section.

3.1. Economics literature. Becker (1968) provides the following means of thinking about
the rational offenders decision to commit, or not, a crime. Defining y0 as the income in

http://maps.met.police.uk/tables.htm
http://maps.met.police.uk/tables.htm
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Figure 2. Consumer credit in the UK (Monthly amounts outstanding of
other consumer credit lenders (excluding the Student Loans Company) net
unsecured lending to individuals (in sterling millions) seasonally adjusted.
Source: Bank of England.) and USA (USA Total Household Debt Balance.
Source: New York Federal Reserve).
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Figure 3. Total individual insolvencies in England and Wales (Source:
The Insolvency Service) and US non-business bankruptcy (Source: Ameri-
can Bankruptcy Institute).
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the absence of any criminal activity being undertaken by the individual, the payoff from
not committing crime is taken as:

(1) UNC = u(y0)

If the individual does engage in crime they obtain income y1 if not apprehended, tried,
convicted, and given punishment F , and y1 − F otherwise; the condition is imposed that
y1 − F ≤ y1.

We also need to define the probability that the individual is apprehended as p (it is
assumed that all individuals who are apprehended are tried, convicted, and punished with
certainty). The payoff from committing the crime is therefore equal to p.(y1 − F ) + (1 −
p).(y1); giving an expected utility equal to:

(2) EUC = p.u(y1 − F ) + (1 − p).u(y1)

Crime, under this approach, will not occur (sometimes called the no-crime condition),
where:

(3) UNC > UC

Becker used this simple model to illustrate how, in the presence of a sufficiently large
F and subject to a couple of other conditions2, p could be very low and crime could
be eradicated. Thus costs incurred in maintaining a large p, through law enforcement
activity, could be saved. This simple model has been the basis for the empirical literature
examining different aspects of the economics of crime, most importantly for our purposes
is the literature on the relationship between unemployment and crime; since it provides the
closest parallel to our discussion of the relationship between financial hardship and crime.

There is a large literature in economics looking at the relationship between economic
conditions and crime (see for example Brenner (1971, 1976, 1978), Brenner & Harvey
(1978), Cantor & Land (1985), Elliott & Ellingworth (1998), Pyle & Deadman (1994),
Reilly & Witt (1992), Osborn et al. (1992), Carmichael & Ward (2001)). Most, if not all,
take their theoretical premise from the work of Becker (1968). An important strand of
this literature focuses on the relationship between unemployment and crime, and there are
mixed findings in this literature; some papers find this relationship to be positive (Reilly
& Witt 1992, Osborn et al. 1992, Elliott & Ellingworth 1998, Carmichael & Ward 2001),
others find it to be negative (Cantor & Land 1985)3, while some find no or only weak
evidence to support a relationship between unemployment and crime (Pyle & Deadman
1994).

2These are that individuals are risk neutral or risk averse, and the possibility of sufficiently severe punish-
ments, i.e. F lim → ∞.
3Cantor & Land (1985) find that the relationship between unemployment and crime is initially, and gen-
erally, negative, but for some crime types there is a lagged positive effect relating to the increase in the
motivation effect.
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Part of the reason why there is such a large literature in this area is that increased
unemployment in an area would likely impact on both sides of Becker’s (1968) model.
Increased unemployment reduces legitimate income, but equally increased unemployment
in an area will be expected to increase the number of people at home during the day. This
would likely increase the probability of detection for crimes in the local area (Osborn et al.
1992). It has now been recognised that both the motivation and detection components must
be captured in the analysis of this relationship. There is an additional complication in this
literature, noted by Cantor & Land (1985), that being in employment creates opportunities
for individuals to engage in criminal acts.

One difficulty with the Becker (1968) theory itself is that it fails to account for the
fact that not all of those who could financially benefit from crime resort to it. This was a
point recognised in Reilly & Witt (1992) who appealed to the sociological concept of ‘social
control’ (explained below) in explaining why some individuals resort to crime and others
do not. A different approach was taken by Dhami & al Nowaihi (2012) in a recent paper
which considered the Becker (1968) model in the context of non-expected utility theory.

This paper is of particular interest in providing a more flexible means of thinking about
the decision outlined in Equation 3 above; specifically, their extension of Becker (1968)
using rank dependent utility and cumulative prospect theory. It is clear that not everyone
who could financially gain from committing a crime commits that crime; the difficulty
with the expected utility treatment is that it fails to reflect this reality. The fact that
that there exists a class of utility functions which capture the behaviour of individuals
in overweighting low probability events, provides a useful means of thinking about the
individuals decision about whether or not to commit a crime; reflecting the observed level
of criminality.

The starting point for Dhami & al Nowaihi (2012) in extending Becker (1968) is the
introduction of a probability weighting function (pwf), which they denote w(p). The pwf
is used to transform the probabilities in Equation 2 from the linearity in probabilities
assumption of expected utility. Figure 4 illustrates the expected utility weighting (alpha=1)
and the Prelec probability weighting function (with alpha = 0.1, 0.3, 0.6)4.

Dhami & al Nowaihi (2012) rewrote the no crime condition (Equation 3) under rank
dependent expected utility as:

(4) Γ(p, F ) ≤ u(y0)

where, Γ(p, F ) = [1 − w(1 − p)]u(y1 − F ) + w(1 − p)u(y1). In this way, we can better
account for the fact, noted earlier, that not all those who could financially benefit from
crime, do so. Dhami & al Nowaihi (2012) also extend Becker’s (1968) expected utility
proposition to consider utility under cumulative prospect theory. The essential point here
is that expected utility theory isn’t able to capture the reality of human behaviour, however
by introducing probability weighting functions, we can derive a utility function which better
reflects the decisions individuals make.

4The prelec function takes the form w(p) = e−(−lnp)1/2 .
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Figure 4. Prelec versus expected utility probability weighting.

Figure 4 captures an important component of the reality of the decision that individuals
take about whether or not to engage in crime, and as such provides us with a good starting
point for better understanding these issues. The popularity of non-expected utility theories
of crime lies in their ability to explain why people overweight low probability events, such
as the probability of getting caught committing a crime5. This is not the end of the story
though, and the argument has been made before, in relation to tax evasion, that there are
reasons beyond simply overweighting the likelihood of small probability events to explain
the observed level of compliance with the law.

In one study (Alm et al. 1992) it was shown that in experiments: “compliance is not
always due to overweighting or to extreme risk aversion, since there is some compliance
when there is no chance of detection and there is some evasion when the expected value of
the evasion gamble is negative” (Alm et al. 1992, 36). This suggests that there are other
reasons why people comply with laws that aren’t due to overweighting the probability of
detection if they do not comply- i.e. they still comply even when there is no probability of
detection to overweight.

We focus on this argument in providing a means of motivating our general crime model.
The actual probability of detection in a given area will vary with some of the variables
identified in our model, for instance the population density and the degree of population
turnover, and the motivation for committing crime will vary with other variables for in-
stance income. While part of the explanation for the fact that not everybody who could

5In the UK the probability of being caught and charged after stealing a car has been calculated
(for 2002) at around 13%, the probability of then being convicted at around 7%, the chance hav-
ing been convicted of being sent to jail at around 1% and the odds that you are then sentenced
to more than three months in jail at 1 in 200 (see http://www.prnewswire.co.uk/news-releases/

car-thieves-enjoy-one-in-200-chance-of-getting-away-with-it-154572235.html)

http://www.prnewswire.co.uk/news-releases/car-thieves-enjoy-one-in-200-chance-of-getting-away-with-it-154572235.html
http://www.prnewswire.co.uk/news-releases/car-thieves-enjoy-one-in-200-chance-of-getting-away-with-it-154572235.html
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benefit from committing crime does so will lie in an overweighting of small probability
events and the presence of social norms and conventions. In understanding why debt
default might cause an increase in crime we would argue that the best approach to under-
standing this issue lies in the work of Tversky & Kahneman (1992) on cumulative prospect
theory. Just as everyone who could benefit from engaging in criminal enterprises doesn’t,
it is equally the case that not all criminals will be indebted.

Rank dependent utility provides a useful way of thinking about the behaviour of the
average individual, as we saw above, and thus explaining observed crime levels using the
Becker (1968) model. In order to understand why personal indebtedness motivates a resort
to criminality, we rely upon Dhami & al Nowaihi’s (2012) extension of Becker (1968) using
the cumulative prospect theory of utility developed by Tversky & Kahneman (1992).

The basic idea of cumulative prospect theory is that individuals evaluate decisions based
on gains and losses relative to some reference point, and that losses hurt more than equiv-
alent gains; in other words a loss of $100 causes a greater loss in utility than a gain of
$100 causes in increased utility. The biggest problem with empirically estimating this class
of utility functions is determining the reference point which individuals use in evaluating
their options. See Barberis (2012) for a review of prospect theory and its applications.

In our case, where we are evaluating the Becker (1968) models decision whether to
commit the crime or not, it is not clear, in general, what reference point an individual would
use. However, when evaluating the impact of personal indebtedness it seems obvious that
there are no circumstances under which an increase in debt default could be considered a
gain relative to any reference point. In this way we can consider increases in debt default
as representing losses relative to the individuals reference point, and thus an increase in
crime to offset these losses à la Becker (1968) would be anticipated.

3.2. Sociology & Criminology literature. In explaining the level of criminality in an
area, sociologists have generally relied upon explanations related to the ecology of the area,
the educational attainment of the population, the level of legitimate earnings, etc. In the
context of the unemployment-crime relationship raised earlier in the paper, sociologists,
such as Box (1987), have emphasised the impact of anomie and a lack of legitimate means
for advancement in explaining the decision by those in economic downturns to resort to
criminality.

Box (1987) summarises the three schools of thought explaining why those experiencing
economic hardship may resort to crime as: strain theory, control theory, and conflict theory.
Strain theory and conflict theory are both theories focused on explaining the individual
level decision to engage in criminal activity. Strain theory, the name derives from the
idea that certain experiences- for instance unemployment- can create ‘strain’ in the lives
of those affected; encompasses the idea that those experiencing financial difficulty become
alienated from society and feel relatively deprived, leading to a resort to illicit sources of
income. Conflict theory focuses on the role of stereotypes and profiling in driving those
affected to conform with the stereotype.

In terms of community characteristics, control theory focuses on the social bonds, or
more broadly a sense of community, which acts to reinforce social norms and deter a
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resort to criminality among those experiencing hardship. Of course the reverse holds and
where social bonds are weak, it is anticipated that in response to the same hardship those
residing in areas with weaker social ties will be more likely to resort to crime to augment
their income. A good proxy for these social norms, and their strength in an area is the
extent of population turnover. It is intuitively obvious that it is more difficult to establish
social bonds and ties in an area where population turnover is higher6. This also relates to
the Becker (1968) framework in affecting the expectation of deterrence. In areas with low
social ties, and a high degree of turnover in the population, the probability of detection
will likely be lower.

To see this, consider that in relation to housebreaking, in areas with low social ties and
high population turnover it is less likely that neighbours will be surprised by the presence
of strangers or willing to challenge those they do not recognise. In areas with less social
chaos and disorganisation, where people know their neighbours and are consequently more
likely to challenge the presence of strangers, the probability of detection, and hence p in
Equation 2, is greater.

In the criminology literature the relationship between economic downturns and crime
was well summarised by Farrington et al. (1986): “unemployment causes financial hard-
ship, which in turn causes crime designed to alleviate that hardship...” (Farrington et al.
1986, 335). A similar argument could be made about personal indebtedness, and indeed
given that incurring debt may be the first stage of ‘coping’ for those experiencing financial
hardship it is arguable that the presence of personal indebtedness represents an aggravated
stage of financial hardship compared to becoming unemployed.

3.3. Key conclusions from the literature. For our purposes in this paper there are
some key issues arising from the literature. The framework from Becker (1968) provides us
with a useful means to explain the observed pattern of crime. In order to do so we must
control for a range of criminal opportunity (including factors influencing the probability of
detection) and criminal motivation effects; for instance the importance of social disorgan-
isation and chaos emphasised in the sociology literature, and the importance of variables
such as population density as emphasised in the criminology literature.

It is clear from the literature that the best framework for explaining the observed level
of criminality is the non-expected utility versions of Becker (1968) introduced by Dhami &
al Nowaihi (2012). While an overweighting of low probability events helps to understand
the observed level of criminality, cumulative prospect theory provides an excellent means of
thinking about the impact of personal indebtedness on theft crimes. While in applications
of cumulative prospect theory there is often some difficulty in determining the appropriate
reference point, this is not an issue in extending the Becker (1968) model for our purposes.
Relative to whatever reference point people use it is hard to see how debt default can be
considered anything other than a loss relative to that reference point. In such a scenario a
resort to an illicit income source is surely more attractive.

6Chilton (1964) notes that in a study by Clifford Shaw population change, poor housing, TB, adult crime
rate and mental disorders were taken to represent a measure of social disorganisation which were found to
be highly correlated with levels of juvenile delinquency.
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Given that our data here relate to a single city, variations in the punishment levied
for different offences are unlikely to be large. Even if, in practice, the disposal of certain
offences in certain courts in particular areas does tend to carry a harsher sentence than it
would in courts in neighbouring areas, it is unlikely that this is going to be significantly
harsher and something which is common knowledge among the population. We outline our
modelling approach in the following section.

4. Data & model

In this paper we use data from the UK Neighbourhood Statistics website (neighbourhood.
statistics.gov.uk) covering a range of economic, crime and socioeconomic variables at
the ‘super-output’ area level. There are two ‘super-output’ area levels; lower and middle,
we utilise middle super output area (MSOA) data in this paper. There are 982 MSOA’s in
London with a minimum resident population of 5,000 people and an average of 7,200.

There are 6 theft crimes considered in this analysis (theft from the person, robbery,
burglary of a dwelling, burglary of a non-dwelling, theft from a motor vehicle, and theft of
a motor vehicle), of which 3 are presented here, these are: robbery, burglary of a dwelling
and theft of a motor vehicle. All crime variables are converted into crime rates (crimes per
1000 people usually resident) using population data.

We include a range of economic and socioeconomic variables to capture both the criminal
motivation and criminal opportunity effects defined in the literature. In addition, we
include details on the income in the area, the level of personal indebtedness in an area,
a measure of the quality of the housing in an area, the composition of the population in
terms of age (the more children and elderly people, the higher the resident population is
likely to be during the day), the population turnover (as a measure of the strength of social
ties), and population density (capturing one aspect of the probability of detection).

Two of our variables are only available for the middle year of our analysis (housing in
poor condition and average weekly household income). While the use of these variables in
the previous and following years analysis is not ideal, it is the best that can be done given
that we are working at a small area level. Our spatial weight matrix is specified on the
basis of contiguity.

We estimate the three most common spatial econometric models in our analysis, these
are: the spatial error model (SEM) the spatial autoregressive model (SAR) and the Spatial
Durbin model (SDM) (see LeSage & Pace (2009) for a textbook exposition of these mod-
els). All models are estimated using Bayesian spatial econometric methods with diffuse,
relatively uninformative priors specified. Having calculated the three spatial econometric
models (SAR, SEM, SDM) we calculate posterior model probabilities to select the best fit
model, the results of which we then present. All models are considered equally plausible
ex-ante.

5. Empirical results

In this section we recap the results previously presented in McIntyre & Lacombe (2012)
and discuss the results from the extended analysis in this paper. This previous work was

neighbourhood.statistics.gov.uk
neighbourhood.statistics.gov.uk
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carried out using fewer explanatory variables, for instance we did not include the proportion
of elderly people in an area. In the analysis in this paper we consider a broader range of
explanatory variables which we feel better capture the factors which will influence the
probability of detection in an area.

In our extended results we present, for each theft crime type, a model using the number
of CCJs granted in each area as our measure of personal indebtedness, but we also include a
measure of the proportion of these which are of valued at over £1000 and also a measure of
those which are valued at less than £251. In our earlier work we focussed on the total value
of CCJs as our measure of personal indebtedness, however in order to investigate whether
the distribution of the value of CCJs matters in explaining theft crime rates, we needed
to use the number of CCJs as our initial measure of indebtedness in this analysis. In the
results which follow we calculate 95% and 99% credible intervals, and where the interval
does not include 0, i.e. the credible intervals have the same sign, these are considered
significant at the appropriate level. Credible intervals and coefficients in bold in Tables 2
- 4 are those which are significant at the 95% level.

5.1. Results from McIntyre & Lacombe (2012). Table 1 presents the regression re-
sults published in McIntyre & Lacombe (2012). These results demonstrate a number of
things; firstly the importance of spatially modelling crime data, secondly the importance
of personal indebtedness in explaining the observed pattern of theft crimes, and also the
consistency of these results with economic, criminal and sociological theories of crime. To
pick out a couple of results; we can see from 1 that poor quality housing is positively
and directly associated with all crime types, and that income is negatively associated with
robbery, non-dwelling burglary and theft of a motor vehicle. In terms of personal indebted-
ness, the positive association relates to robbery and theft from the person, arguably two of
the least ‘skilled’ theft crimes possible and thus could be considered ‘entry level offences’.

Building on these results there are certain features which we want to examine further
in this paper. While we have included a measure of personal indebtedness in our initial
regression results, we are interested to understand whether the importance of personal
indebtedness in explaining crime patterns varies according to the size of the debt. In
addition, and focussing on the issue of deterrence and the probability of detection, we also
include here a measure of the proportion of the population which is elderly. Finally, given
that population turnover is taken as a proxy for the strength of social ties, we experiment
with different measures of population turnover.

5.2. Further results. Tables 2-4 present the initial results from our spatial econometric
analysis of three types of crime in London for the years 2003 to 20057. As is standard in
the spatial econometrics literature we have calculated the direct, indirect and total effects
(see LeSage & Pace (2009) for more on this). The spatial coefficient in all our models is
highly significant.

7A shortage of time in preparing this manuscript is the only reason for the absence of the results for the
other crime types.
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Taking our results in turn, from Table 2 we can see that for robberies our results for
all three years are largely consistent. The only difference is that in 2003 the proportion
of CCJs valued at greater than £1000 is positively associated with robberies both directly
(i.e. within that neighbourhood) and indirectly (in neighbouring areas). Otherwise, in all
years the variables which capture the probability of detection (net changes in population
and population density) are negative and significant, suggesting that low social ties and
housing density are related to fewer robberies in that area. Poor housing condition is also
positively associated with robberies in all years.

In terms of the motivation components, we can see that income is negatively associated
with robberies in all years, while the proportion of males in the population and the net
inflow of males aged 16 to 24 are positively associated with robberies. In terms of per-
sonal indebtedness, as expected, the greater personal indebtedness, the greater number of
robberies which are observed in that area (directly) and in neighbouring areas (indirectly).

Turning to Table 3 we can see that, again, there is a high degree of consistency over time
in explaining thefts of motor vehicles. Higher income is associated with fewer theft of cars
(perhaps as richer people purchase cars which are more difficult to steal), while housing in
poor condition (a measure of poverty not related to income) is positively associated with
thefts of cars. In the case of thefts of cars, the proportion of OAPs (old age pensioners) in
the population is negatively associated with thefts of cars.

Given that in a city such as London a high proportion of commuters travel by public
transport, leaving cars at home, it makes sense that the greater the proportion of elderly
people in an area the greater the probability of detection while stealing a car in that area.
The same is true of the proportion of young children in an area (0-15 years). The more
young children in an area, the more parents are likely to be in the area during the day to
look after these children, and hence the greater the probability of detection while stealing a
car in that area. Some variables are important only in 2003 and 2005, for instance the net
inflow of 15 to 24 year olds, we have no explanation for this, but we do note that where it
is significant it accords with our expectations in being positively associated with thefts of
motor vehicles. In all years the number of CCJs granted in an area is positively associated
with thefts of motor vehicles in that area and in neighbouring areas, as expected.

In the final set of results in Table 4, our results are more varied across the three years.
Certain results are consistent over time, these are: that the greater the net inflow of 15 to
24 year olds the greater the number of burglaries, that the more houses in poor condition
the more burglaries as would be expected, and finally that the greater the proportion of
the population which are children (aged 0-15) the fewer burglaries which occur. These are
all in line with our expectations regarding criminal motivation and opportunity.

The number of CCJs granted in an area is positively and significantly associated with
burglaries in the first two years, but not 2005, although in 2004 and 2005 the proportion
of CCJs valued at less than £251 is significantly and positively associated with house
burglaries in that area. In terms of the indirect results, the impact on neighbouring areas,
in each period there is a positive and significant impact of one of our measures of personal
indebtedness on burglaries of dwellings in neighbouring areas. In terms of the income
variable, we see a complex picture, but again this is in line with our expectations. We see
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here that income in an area is positively associated with house breaking in that area. This
would be expected in the sense that the richer the area, the more valuable the potential
loot. However, we also see that income is negatively related to burglaries in neighbouring
areas, which again makes sense and captures the criminal motivation effect.
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Table 1. Results from McIntyre & Lacombe (2012)
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Table 3. Further results #2
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6. Conclusion

This paper has analysed the relationship between a range of economic and socioeconomic
variables and three theft crime for London in the year 2003 to 2005. We have seen that
in a number of cases there is broad consistency between our results for all three years
of this analysis. We have also seen, again, the important role of personal indebtedness in
explaining the observed pattern of theft crimes. Building on the earlier analysis in McIntyre
& Lacombe (2012) we have extended to consider both the preceding and succeeding years
data, but also a broader range of covariates. Our results reinforce the findings of McIntyre
& Lacombe (2012) and extend them in a useful manner.
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