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PARADOXES OF SOCIAL POLICY: WELFARE TRANSFERS, RELATIVE POVERTY
AND REDISTRIBUTION PREFERENCES

ABSTRACT

Korpi and Palme’s (1998) classic “The Paradox dfiReibution and Strategies of Equality” claims
that universal social policy better reduces povaran social policies targeted at the poor. This
article revisits Korpi and Palme’s classic, andhia process, explores and informs a set of enduring
guestions about social policy, politics, and soeguality. Specifically, we investigate the
relationships between three dimensions of welfi@esters — “transfer share” (the average share of
household income from welfare transfers), low-inedmrgeting, and universalism — and poverty
and preferences for redistribution. We analyze democracies like Korpi and Palme, but also
generalize to a broader sample of developed anelal@ng countries. Consistent with Korpi and
Palme, we show: a) poverty is negatively associatddthe transfer share and universalism; b)
redistribution preferences are negatively assatiadeh low-income targeting; and c) universalism
is positively associated with the transfer sha@t€ry to Korpi and Palme, redistribution
preferences are not related to transfer shareigensalism; and low-income targeting is not
positively associated with poverty and not negdyiassociated with transfer share. Therefore,
instead of the “paradox of redistribution” we prepdwo new paradoxes of social policy: non-
complementarity and undermining. The non-complearéigtparadox is that there is a mismatch
between the dimensions that matter to poverty hadliimension that matters to redistribution
preferences. The undermining paradox emphasizethihdimension (transfer share) that most
reduces poverty tends to increase with the onertsioe (low-income targeting) that reduces
support for redistribution.



One of the most influential articles in social pglresearch is Korpi and Palme’s (1998) classic
“The Paradox of Redistribution and Strategies afididy.” Korpi and Palme (KP) investigate the
salient question of whether social policies shdaddargeted at the poor or universally distributed
all. Many claim targeting efficiently concentratasarce resources on the neediest and better aligns
with poverty-reducing incentives like encouragingriw(Besley 1990; Kakwani and Subbarao
2007; Le Grand 1982; Saez 2006). Counter-intuiivi€P argue that the more countries target
welfare transfers at the poor, the less povertgdsiced. Rather, greater equality results when
transfers are distributed universally because usalssm encourages political support for a large
welfare state (also Huber and Stephens 2012; N&B0#; Skocpol 1992; Wilson 1996).

KP specifically explain that “institutional struces” (e.g. social insurance regimes) enable
countries to exercise different “strategies of dityig(i.e. targeted or universal). These stratsgie
create different risks and resources for diffeggoups, which produce different interests and
identities, and then manifest in political coalitso KP (1998: 663) claim, “The targeted model
creates a zero-sum conflict of interests betweerptor and the better-off workers and the middle
classes who must pay for the benefits of the patirout receiving any benefits. . .[targeting]
drive[s] a wedge between the short-term materiar@sts of the poor and those of the rest of the
population” (KP 1998: 672). Conversely, universali%rings low-income groups and the better-
off citizens into the same institutional structuresan be expected to have the most favorable
outcomes in terms of the formation of cross-clasditons. . .[and] pool[s] the risks and resources
of all citizens and thus create[s] converging dgbns of interest” (KP 1998: 672, 682).

The political coalitions that result drive “redibutive budget size.” Redistributive budget

size is the average percent of household inconrme fransfers (what we call “transfer share”). KP

! Transfers refer to cash or near cash benefitsgedwby the state to individuals and households.
For example, in the U.S., the largest transfersideold age pensions and unemployment
compensation. As noted later, transfers do notidehon-monetary services.
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critique past research for focusing on how trarsséee distributed and neglecting the amount
distributed, and demonstrate redistributive budiet reduces poverty and inequality. Because
universal welfare states “are expected to gendhnatbroadest base of support for welfare state
expansion and the largest budget size” (KP 1998),&ihiversalism means less poverty and
inequality. By contrast, KP demonstrate low-incamrgeting reduces the redistributive budget
size, and increases poverty and inequality. AsalteKP (1998: 672, 681-682) conclude, “[W]e
can expect a tradeoff between the degree of lownrectargeting and the size of the redistributive
budget size, such thtte greater the degree of low-income targeting, the smaller the redistributive
budget (emphasis in original). . . The more we targetdiiém at the poor. . .the less likely we are to
reduce poverty and inequality.”

This article revisits KP’s classic. Moreover, we dikis revisit as an opportunity to explore
and inform a set of enduring questions about s@aibty, politics and social equality. In the
process, we advance arguments about the politistitGtional sources of poverty and inequality.
We apply and extend theories about how social pdéieds back into the politics of social policy.
Also, this study engages with debates regardingribasurement of welfare states, and the
generality of welfare state theories beyond thle democracies. Concretely, we investigate how
three dimensions of welfare transfers — “translfiers” (i.e. KP’s “redistributive budget size”), lew
income targeting, and universalism — are relatqubtcerty and redistribution preferences. While we
ground our empirical results in comparisons withiKétassic, we inform the following broader
guestions: how do social policies shape both etyuatid politics? Are effective social policies also
politically popular, and are effectiveness andtpl popularity complementary? Do different

dimensions of social policy reinforce or contragiath other?



KP have oriented and inspired a great deal of sehbip? While few have reinvestigated
their study, we propose three reasons for doingrisst, the data and methods available have
improved considerably. KP’s analyses were basetiacro-level correlations in Luxembourg
Income Study (LIS) data on 11 rich democraciesérhid-1980s.By including all countries in
recent waves of the LIS and International Social/&yProgramme (ISSP), we examine a larger
sample of rich democracies and a broader sammlevaloped and developing countries in the mid-
2000s. In addition, the ISSP enables us to andhgedividual-level preferences theorized but
unobserved by KP (i.e. “identities and interestRglatedly, we move beyond KP’s macro-level
analyses to use multi-level models including bottvidual- and country-level influences on
poverty and redistribution preferences.

Second, there have been fundamental changes bmoeid-1980s period KP studied.
Social inequality has risen considerably in mast democracies, and the political coalitions
supporting welfare states have been transformatlyRa a result, the welfare states of the mid-
2000s are quite different from the welfare stateth® mid-1980s (Brooks and Manza 2007,
Emmenegger et al. 2012; Huber and Stephens 200&n¥ky 2002). Earlier welfare states were
often still growing, rested upon low unemploymend @maller elderly populations, and covered
most residents. By contrast, today’s welfare stites neoliberalism and austerity, a dualization of
insiders and outsiders, and daunting demographieyefore, even if KP’s arguments were correct

in the mid-1980s, it remains an open questionaf/ttill apply more recently.

2 According to Google Scholar, KP has over 1,35aticins. This appears to be the most cited
article on the welfare state published at leastest998. Many other classics in the welfare state
literature (e.g. Esping-Andersen 1990; Huber amglstns 2001; Korpi 1989; Skocpol 1992) share
several arguments with KP (e.g. universalism’s gopéy over targeting, critiques of welfare
effort, and feedback effects).
% Australia, Canada, Finland, France, West Germi@yNetherlands, Norway, Sweden,
Switzerland, U.K., and U.S.
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Third, because data is available on many more ceshive assess whether the paradox of
redistribution generalizes to a larger share ofabhdd’s population and countries. Though there is
variation across rich democracies, there is eveatgr variation when incorporating developing
countries. Even though developing countries arenafion-democratic, they have social policies,
their public has preferences, and public suppsd alatters. Indeed, “the overwhelming number of
social insurance programs were initially adoptechbgdemocratic governments” and the first
social insurance programs were established in momedratic Germany and Austria (Mares and
Carnes 2009: 97). While there is less researclooialgolicy in developing/non-democratic
countries, there has been growing interest in dlceakssciences and in international institutions
(Golden and Min 2013; Haggard and Kaufman 2008;dd@and Stephens 2012; Mares and Carnes
2009). Therefore, a broader sample of developedlamdlioping countries is useful for assessing
the generality of KP and related theories of sqodicy, politics and social equality.

Several of our results are consistent with Korgl Balme: poverty is negatively associated
with the transfer share and universalism; redistidm preferences are negatively associated with
low-income targeting; and universalism is posityvassociated with the transfer share. Other results
are contrary to Korpi and Palme: redistributionferences are not related to transfer share or
universalism; and low-income targeting is not pesly associated with poverty or negatively
associated with transfer share and universalisnidiBg from these results, we advance a more
general argument about the paradoxes of sociaypdle define paradoxes as mismatches
between the sources of social policies’ effectigsn@e. low poverty) and political popularity (i.e
high redistribution preferences), and contradidibetween the three dimensions of welfare
transfers. Using this definition of paradoxes, weppse two new paradoxes: non-complementarity
and undermining. The non-complementarity paraddiRasthere is a mismatch between the

dimensions that matter to poverty and the dimengiahmatters to redistribution preferences. The
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undermining paradox emphasizes that the dimensiansfer share) that most reduces poverty
tends to increase with the one dimension (low-inedangeting) that reduces support for

redistribution. We conclude by discussing implioas for a variety of related literatures.

DIMENSIONS OF WELFARE TRANSFERS

This section accomplishes three tasks. First, we&otually and operationally define the
three dimensions of welfare transfers. Our measfrgansfer share and low-income targeting
build on KP’s measures. We propose a novel measuneiversalism as a third dimension that is
actually distinct from (not simply the opposite tdjv-income targeting. To make the dimensions
concrete, Table 1 displays countries exemplifyiaghedimension. Second, we present arguments
from KP and the literature for how each dimensiboutd be related to poverty and redistribution
preferences. When appropriate, we discuss how tleést@nships could be different in the broader
sample of developed and developing countries. Thedpropose reasons for the plausibility of the
two new paradoxes of welfare transfers.

[ TABLE 1 ABOUT HERE |

Transfer Share

We rename KP’s “redistributive budget size” asrisfer share.” Conceptually, transfer
share can be understood as the “size” or “extentfi@welfare state within the average household’s
income. This captures the share of household indbatds socialized or publicly provided.
Transfer share can be measured as the mean pefd¢entsehold income from welfare transfers.
As Table 1 illustrates, transfers average 49 peéme8wedish household income. Low income
Swedish households receive a very high share fransfers, middle-income households receive a
fairly high share, and high-income households eeerive a moderate share. By contrast, the

transfer share is only 7 percent in Colombia.
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Transfer share is similar to a household-leveliversf welfare effort because both are
measures of the size of the welfare state. Indae2f countries with data, transfer share
correlates .70 with welfare expenditures as a pemeGDP. This is noteworthy because many
criticize the quantity of welfare effort as lesgpontant than the quality of welfare programs (Korpi
1989; Esping-Andersen 1999). For example, Espindefsen (1990: 19) criticizes welfare effort as
“epiphenomenal to the theoretical substance ofasel§tates*Purportedly, welfare effort
conflates welfare generosity with the needs andpasition of the population, and mechanically
grows with population aging or rising unemploymesimilarly, the transfer share reflects both
welfare generosity and the prevalence of househwilifisrecognized needs.

Despite the many critiques of welfare effort, Kwttransfer share is pivotal to poverty
and inequality. Similarly, Brady and Burroway (20H2monstrate transfer share, not generous
benefits targeted specifically for single mothéest predicts single mother povettjso, recent
LIS research show welfare effort predicts ineqyalind poverty quite well, and possibly even
better than more sophisticated measures like deacatification (Brady 2009; Brady et al. 2009;
Moller et al. 2003). Therefore, we expect transfeaire to be negatively associated with poverty for
at least two reasons. First, household incomengposed of: A) less equally distributed market
income and B) more equally distributed public tfars As household income shifts from A to B,
poverty should mechanically decline. Also, as Baggaelative to A, public transfers crowd out
private transfers and pensions, further reducingggg and inequality (KP 1998; Huber and

Stephens 2012). Second, even though the transdez sy conflate needs and generosity, this

* Despite Esping-Andersen’s criticisms of efforerd are many similarities between his
“decommodification” and transfer share. Decommadifion entails relief from having to
commodify/sell one’s labor on the market. By ddfon, a greater transfer share means more of the
typical household’s income does not come frommsgllabor on the market.
> Brady and Burroway (2012) refer to transfer ster¢he “universal replacement rate.” We call it
transfer share to distinguish it from universalsna replacement rates.

8



criticism obscures the political choices about wHiceeds” receive public support. Welfare states
politically choose to automatically spend moneyttmnunemployed or elderly, and not to spend
money automatically on other risk groups. Thustdiging the transfer share in response to certain
needs, welfare states choose to recognize andnheggt those needs. That is, welfare states choose
to publicly cover and publicly provide for (i.e.dsialize”) those particular risks. If countries oise

to socialize more risks and publicly provide t@egker group of people, a greater transfer share and
lower poverty should result. Conversely, when welfstates fail to recalibrate or update programs
to face new demographic and economic risks, a lokeesfer share and greater poverty should
result (Hacker 2004).

Moving beyond rich democracies, transfer shareccbale a weaker relationship with
poverty as social policies in developing countaestypically exclusive (Haggard and Kaufman
2008; Huber and Stephens 2012; Mares and Carn&3.2Déveloping countries often contain a
relatively privileged, formally-employed elite, eft employed in the public sector, and with access
to welfare programs, and informally employed massetuded from such programs (Portes and
Hoffman 2003). Therefore, transfer share, measasdtie population average, might conceal a
highly skewed dualization of transfers (Emmeneggexd. 2012). On the other hand, the transfer
share might be even more strongly associated venenpy in the broader sample. A high transfer
share may be necessary to reach beyond a privikdgednd to incorporate low-income
households into social policies.

Reflecting the mix of norms and interests driviedistribution preferences, there is
uncertainty about the relationship between trarsfiare and redistribution preferences. Literatures
on path dependency suggest large welfare statestrahd amplify egalitarian norms and beliefs
(Brooks and Manza 2007; KP 1998; Larsen 2008; Me2i7; Pierson 2004; Sachweh and

Olafsdottir 2010). Also, a high transfer share nseatarger pool of beneficiaries and stakeholders,
9



who have an interest in programs being maintaimexkpanded (Huber and Stephens 2001; Pierson
2004; Rothstein 1998). Thus, a high transfer sheag positively feed back into and increase
redistribution preferences. Conversely, a highgfanshare requires high taxation, and high
taxation should be associated with greater vandtigtween rich and poor in redistribution
preferences (Beramendi and Rehm 2011; Wilensky 2@igh variation should result in a lower
mean level of redistribution preferences (Svallf2@96). Moreover, large government budgets and
budget deficits, usually required by a high transfeare, have increasingly been framed as
grievances and undermined the popularity of welfmograms (Fernandez and Jaime-Castillo
2013). As a result, there may be a negative fedddach that redistribution preferences are
negatively associated with transfer share.

Low-Income Targeting

Low-income targeting is conceptually defined asdisproportionate concentration of
welfare transfers on low-income households (Be$#30; Le Grand 1982). Targeting is typically
justified because it efficiently focuses scarceljpuionds on the neediest (Blank 1997), and avoids
“leakage” — when the affluent or middle class deprimary beneficiaries. Some claim targeted
programs also avoid disincentives to poverty-reglgiiehaviors like work and marriage (Saez
2006). As illustrated in Table 1, Australia targetdow-income households more than others.
Middle-income households receive more than twieettansfers of high-income households, and
low-income households receive about 1.8 timesrtesters of high-income households.

The literature, including KP, often treats univéissa as the opposite of low-income
targeting and places countries on a continuum tangeted to universal (e.g. Kenworthy 2011).
However, transfers can be targeted to low- or lmgieme households, and targeting to high-
income households is common in developing coun(kieder and Stephens 2012; Mares and

Carnes 2009). Therefore, the opposite of low-inctangeting is high-income targeting not
10



universalism. Indeed, Table 1 shows that Guatentaginincome households received about 3.2
times more transfers than middle-income houselatdsabout 6.7 times more transfers than low-
income households.

KP (1998: 677) argue low-income targeting shoulghbsitively associated with poverty.
Partly, this is because targeting should resudt liower transfer share. KP (1998: 672) even write,
“it is impossible to maximize both the degree afdmcome targeting and budget size.” While
some highlight targeting’s efficiencthere are several unanticipated ways it ultimatielyotes less
resources to actual assistance. Targeting requioestoring and screening of beneficiaries, which
is administratively expensive and often resultarinitrary and discriminatory exclusion of
beneficiaries and lower take-up (Piven and Clowl®893; Rothstein 1998; Soss et al. 2011).
Contrary to the targeting efficiency literatureh@ts argue targeting counterproductively
discourages work and poverty-reducing behaviordogifig unreasonable choices between
employment and welfare (Edin and Lein 1997). Destiese expectations for a positive
relationship between targeting and poverty, tangetnay have a different relationship in the
broader sample. In developing countries, transfegften biased in favor of middle- or upper-
class insiders and expanding coverage could recgaighing downwards in the income distribution
(Huber and Stephens 2012). Therefore, targetimgfess to the bottom-half or even bottom-two-
thirds of the income distribution may better remedyerty.

As explained by KP, low-income targeting is unp@pwnd should be negatively associated
with redistribution preferences (Esping-AnderseB%Ekocpol 1992). 8rgeting stigmatizes the
disadvantaged, splits the working class, drivesdge between the poor and others, and
discourages broad coalitions for welfare prograaahiolars often explain American’s reluctance to
support social policy as an interaction of raci&jpdice and the targeting of welfare on the

“undeserving” poor (Katz 200Boss et al. 2011; Wilson 199®&otably, even among economists
11



advocating the efficiency of targeting, there haerblittle rebuttal to claims that targeting is
unpopular, weakens redistribution preferences,rmgdtively feedbacks into politics (Blank 1997;
Saez 2006; but see Sen 1995).
Universalism

Universalism is one of the most widely used cone@pthis literature. However,
surprisingly few actually define universalism. K& mbt really define universalism, but refer to
“programs covering all citizens. . .All citizenstime same programs. . .low-income groups and the
better-off citizens in the same institutional stawes” (KP 1998: 669, 672). Esping-Andersen
(1990: 25) alludes to universalism as: “All citizesre endowed with similar rights, irrespective of
class or market position.” He (1990: 69) also cbtmmidzes the socialist regime as universal because
it “exhibit[s] the lowest level of benefit differéals.” In 1999, he refers to “pooling all riskador
good, under one umbrella” (p.41). Rothstein (199:describes universalism as uniform rules,
non-means-tested benefits, and coverage of theeguapulation through different stages of life.

We conceptually define universalism as homogeraitgss the population in benefits,
coverage and eligibility.We propose a novel measure of universalism amtieese of the
coefficient of variation in the amount of transfeeseived. To understand this measure, consider
welfare transfers linked to employment (i.e. “eags-related benefits”), which KP frame as a
comparatively universal program. Because of unemzaket incomes, KP concede such programs
disproportionally reward high earners. Neverthel&$sargue earnings-related benefits have
greater homogeneity than targeted benefits beaarsings-related programs distribute something
to nearly everyone. In a context of high employmseuth programs also have relatively broad

coverage and relatively open eligibility (pp.67808 All this leads to transfer homogeneity.

® Esping-Andersen (1990: 71-73) also seems to eratihechomogeneity of benefits in his measure
of universalism — assessing the ratio of basic agimal benefits and the equality in benefits. Rlecal
KP simply present universalism as the opposit®@wtihncome targeting.
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As noted above, universalism is not simply the @itpof low-income targeting. Nor is
universalism simply an absence of low- or high-meaargeting. While targeting involves
heterogeneous benefits across the income distitoutiere can be heterogeneity by sex, age, or
other categories. These categories are never ggréssociated with the income distribution.
Therefore, universalism captures a wider varietgafrces of heterogeneity and distinctively
involves homogeneity of benefits in general, andsx any and all categories (not just the income
distribution). Indeed, as demonstrated below, usalesm and low-income targeting are not
correlated in a way that indicates they reflectshme dimension.

Table 1 compares transfers across urban and meas ¢o illustrate universalism. In the
Czech Republic, both rural and urban householdsvedransfers of about 59,000 kronor. In
Mexico, rural households receive less than 3,080pef transfers and urban households receive
almost 4,400 pesos. There is much more universatizhre Czech Republic where urban
households only receive about 1 percent more gansfian rural households. By contrast, Mexican
urban households receive about 46 percent morsférarthan rural households.

According to KP, universalism should reduce povemntye than targeting. Like targeting,
universalism should have an indirect relationshigh woverty through the intervening effect on
transfer share. Thus, omitting transfer share, xpeet a negative relationship between
universalism and poverty. Universalism should crawtlprivate insurance and transfers,
increasing equality (KP 1998; Huber and Stepherd2pR0urther, universalism should be
negatively associated with poverty because it dedivnore resources to actual assistance, and
avoids the administrative and supervisory costamfeting. Universalism also better addresses the
heterogeneous risks that vulnerable households Pemgple become eligible for targeted programs
only after falling into poverty, while universalisraduces the chances and costs of risks (e.g.

illness), and thus prevents descents into pové&ttigiina 2007). Universalism thus reduces poverty
13



because it protects all from a wide variety of mséies and risks (Nelson 2004). Just as some are
skeptical targeting actually reduces disincentieesork and poverty-reducing behavior, scholars
have argued universalism removes such disincenigeguse more people share basic rights to
public services like health care (Lindert 2004nhdHiy, the literature on developing countries has
made similar arguments about universalism’s effectess in reducing poverty (Mares and Carnes
2009: 106; Huber and Stephens 2012).

A key reason universalism should be negatively@ated with poverty is because it is
politically popular (Esping-Andersen 1990, 1999n@ich and Ansell 2012; KP 1998; Nelson
2007; Skocpol 1992; Wilson 1996). Similar to traansghare, universalism implies all are equal
stakeholders and constituencies of beneficiarié®, mave an interest and normative belief in
maintaining social policies (Pierson 2004). Becawsgersalism implies greater homogeneity in
the probability of receiving transfers, welfarentséers should have more broadly shared support
(Beramendi and Rehm 2011; Gingrich and Ansell 2002)sen (2008) argues universalism
suppresses public discussion of the needinesgvilegeess, otherness and worthiness of
beneficiaries, and many argue universalism lesgenstigma of being a recipient (Katz 2001).
Therefore, universalism should be positively redateredistribution preferences. In developing
and newly democratic countries, Huber and Step(®0%2) show universalism favors Leftist
parties and the expansion of social policy. Theesfaniversalism should be positively associated
with redistribution preferences in the broader sanag well.

Paradoxes of Social Policy

KP’s “paradox” is that policies designed manifestaid the poor (i.e. low-income
targeting) undermine the political coalitions supijpg a high transfer share, and thus ultimately
increase poverty. Accordingly, we should obserydramsfer share and universalism are negatively

and low-income targeting is positively associatetth woverty; b) universalism is positively and
14



low-income targeting is negatively associated wétlistribution preferences; and c) transfer share
is negatively associated with low-income targeting positively associated with universalism.
These patterns should occur because the mostagalitvelfare states combine universalism and a
high transfer share; and the least egalitarian coenlbw-income targeting and a lower transfer
share. In KP, universalism is self-sustaining dredd is a complementarity between universalism’s
effectiveness and popularity.

We propose two other paradoxes are plausible. \Weedgaradoxes as mismatches between
the sources of social policies’ effectiveness (0@ poverty) and the sources of social policies’
popularity (i.e. high redistribution preferenceamd contradictions between the three dimensions of
welfare transfers. We view paradoxes as challetmtse mutual alignment of various outcomes of
social policies, and tensions or undercutting dyicarbetween different aspects of welfare states.
We label the two new potential paradoxes@scomplementarity andundermining.

The non-complementarity paradox implies therenssmatch between the dimensions that
matter to poverty and those that matter to redistion preferences. This paradox could emerge if
transfer share is negatively associated with pgyerit is unrelated to redistribution preferences.
This is plausible because although the literatupeeets the transfer share reduces poverty, the
literature is uncertain about the relationship lestwthe transfer share and redistribution
preferences. Unlike KP, this paradox does not pitesgalitarianism as self-sustaining. Rather,
effective social policies do little for the poputsirand politics of social policies. In this paraglo
there is a lack of alignment, which is salient giv&’s claim that there is complementarity.

Regarding the undermining paradox, recall theditee expects the transfer share will
reduce poverty and low-income targeting will under@redistribution preferences. KP contend the
transfer share and low-income targeting are inWeredated, which avoids a contradiction because

an increase in the transfer share coexists withleg-income targeting. However, KP’s analyses
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were based on only 11 rich democracies in the rBBD&. By contrast, Kenworthy (2011) and Marx
and colleagues (2013) provide evidence that thestea share is actually positively correlated with
low-income targeting in recent years. Further, méeyeloping countries target transfers towards
high-income households, and such developing casinay also maintain a low transfer share,
which also suggests a positive relationship betwiertwo. Therefore, it is plausible that the
dimension reducing poverty (i.e. a high transfearshmay increase with the dimension reducing
redistribution preferences (i.e. greater low-incdargeting). In this scenario, a social policy wbul
increase both the transfer share and low-incongetisug, which would work at cross-purposes by
reducing poverty and weakening redistribution periees. Weakening redistribution preferences
could then undermine the politics and coalitiongpguting the transfer share (Brooks and Manza

2007; KP 1998; Nelson 2007).

METHODS

The analyses are conducted in two stages. Thepfieslicts individual poverty as a function
of country-level dimensions of welfare transfersd ardividual-level characteristics. The individual-
level data is the Luxembourg Income Study (LISH #re unit of analysis is an individual of any
age. The second stage predicts individual redigioh preferences as a function of country-level
dimensions of transfers and individual-level chegastics. The individual-level data is the
International Social Survey Program (ISSP), andutiieof analysis is an individual adult.
Descriptive statistics are displayed in Appendix |.

Each stage initially examines all rich countriehmavailable data that have been stable, free
democracies for more than two decades. Then, waiegaall countries with available data,
regardless of development or democracy. We andiyzech democracies separately to be

comparable with KP. One reading is that the paradardistribution was only intended to apply to
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rich democracies. Indeed, Huber and Stephens (2013 it takes 20 years for a democracy to
enable public opinion and parties to cohere foifegjaocial policy. So, while it is valuable to
assess generalizability in a broader sample allsis appropriate to analyze rich democracies
separately. If readers are skeptical about extendiis paradox to a broader sample, the analyses
of rich democracies provide a closer comparisoh .

Because some LIS countries are not available inSB®, the samples differ across stages
(see Appendix Il). The first contains analyses @figh democracies (N=838,019) and 37 countries
(N=1,746,650). The second contains analyses oichGemocracies (N=15,887) and 25 countries
(N=26,752).

As explained below, both dependent variables ararii Due to the clustering of
individuals within countries and the inclusion aluntry-level variables, we utilize multi-level
logistic regression models. We estimate randonréefe models that can be expressed as two
equations (Raudenbush and Bryk 2002). First, thetidls of a dependent varialfleg(p;;/1 —

p;;)) for theith individual in thgith country is represented by €tn;) and is a function of country
intercepts(f,;), and a set of fixed individual-level charactedstifX;;):
log(p;j/1 —pi;) = nij = Boj + BXij
Second, each country intercépt;) is estimated as a function of a general inter€egf) and a set
of country-level variablegy C;) and an error terrfu;):
50j = Yoo T Yol + Uy;
Because even the broader sample contains a limitedber of countries, we focus on random

intercepts models and mostly treat the individe&kl variables as fixed effects. Due to the limited
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number of countries and the occasionally strongetations between the dimensions of transfers
(see below), it is essential to be parsimoniouewa 2 (Stegmueller 2013).

Still, multi-level analyses have two major advaetmgver the macro-level approach used by
KP (also Kenworthy 2011; Marx et al. 2013). Firaylti-level models condition covariation in the
dependent and level-2 variables by the individeakl variables. For example, poverty is likely
associated with marital status, employment, anad&thn. Failing to adjust for such level-1
characteristics conflates the level-2 effects witlobserved differences in population heterogeneity.
Because macro-level analyses have limited degrefesenlom, it is not feasible to condition on all
the country-level aggregates of these level-1 dtaristics. By adjusting for the level-1 variables,
the models assess the association between theddspemriables and dimensions of welfare
transfers net of the demographic and labor maretpositions of countries. Therefore, a multi-
level analysis should result in more accurate edemof level-2 effects. Second, multi-level models
more efficiently estimate level-2 effects than neal@vel models by estimating level-2 effects while
sharing individual-level information between couggr(Gelman and Hill 2006).

To ensure the results were robust and not undillyeinced by any countries, we conducted
several sensitivity analyses summarized in Appetit()’an der Meer et al. 2010). We reestimated
the final models while dropping one country atraeti Also, we tested for outlier and particularly
influential countries. The conclusions and reswise mostly robust, and we discuss any
consequential sensitivity analyses within the rssul

Country-Level Measures of Dimensions of Welfare Tisders

" While a random intercept model only estimatesikercept variance, even one random slope
estimates three parameters: the intercept varidineeslope variance, and (with an unstructured
covariance matrix) the covariance between thedefgrand slope. Thus, random coefficients
quickly exhaust level-2 units. Moreover, cross-lemteractions present challenges (as do any
interactions) with a binary dependent variable.
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Like KP, we measure welfare transfers actuallyikexe Much has been learned from
precise program criteria and official rules (Espaygdersen 1990; Korpi 1989; Nelson 2004;
Scruggs 2008). Nevertheless, it is essential o stlsdy the “take up” of transfers (Van Oorschot
1991, 2013). Doing so advantageously identifies¢éhoho are eligible for benefits but do not enroll
and/or receive benefits. Many do not receive thedfers they are legally entitled to (Shaefer 2010)
and administrative burden and implementation r@ljiconstrain the generosity of welfare
programs (Piven and Cloward 19%3)ss et al. 20)1Further, measures based on program criteria
are forced to concentrate selectively on a few mn@de programs such as unemployment
insurance. Unfortunately, spending on differentgpams is not highly correlated across countries,
and focusing on particular programs obscures tsiendtive mixes of various countries (Castles
2008). The reality is that households have a waoéstrategies to pool a variety of transfers to
make ends meet (Edin and Lein 1997; Rainwater amek8ing 2004). Thus, by comprehensively
measuring cash and near cash transfers, one cameapich more of the distribution of
interdependent transfers received (Van Oorscho8;204lensky 2002).

The LIS provides data on the dimensions of trassfBne LIS is an archive of individual-
level datasets from several dozen countries. Adgadusly, the LIS: a) contains fine-grained
information on a variety of transfefsb) is nationally-representative; and c) is croasemally
harmonized. This is one of the few studies to idelall LIS countries (as of April 2014). The
exceptions are Australia and Brazil. Unfortunatélys not possible to differentiate between low
and medium education in Australia, and Brazil laicksrmation on marital status. Therefore, we

only include Australia and Brazil in the figuresitimot the multivariate models. The results,

8 For example, the underlying India Human Developn8nvey has questions on public employee,
old age, widows and disability pensions; schol@shihe national maternity scheme; the
Annapurna scheme; the value of land received flargbvernment; assistance to build housing,
latrines, and cookstoves; ration cards; and incfsome any government source (see p.15 of
http://ihds.umd.edu/IHDS files/ihdshhq.pdf
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however, are not sensitive to including these aeemtMostly, we use datasets from the mid-2000s
(see Appendix Il) because this allows us to plaeecbuntry-level measures slightly prior to the
observation of redistribution preferences in 2006é.dataset was not available for the mid-2000s,
we included a dataset as early as 2000 and agd&1608.

The key measures for calculating the dimensiorisaokfers are household public transfers
and disposable household income (see Appendix i\LIf® code). For transfers, we use the
standardized LIS measures of the value of totaégawment assistance received as cash and near
cash transfers. This includes monetary social arste, monetary universal transfers, and
(monetary and non-monetary) social assistance. Kik¢see their fn. 6), we cannot include
services. We measure disposable household incaera@ates and transfers. Transfers and income
are equivalized by dividing by the square roothaf humber of household members.

Transfer shareis the mean of transfers as a percent of dispedahisehold income. As
noted above, this is basically KP’s “redistributivedget size.” We differ only in that KP measure
transfers as a percent of pretax gross income.dfted transfers matter relative to disposable
income after taxes and transfers. Plus, in secexahtries, income data is only available post-tax
(i.e. net not gross).ow-Income Targeting is the Kakwani concentration coefficient of tragrsf
across the distribution of pre-transfer equivaliredsehold income (Besley 1990; Kakwani and
Subbarao 2007; KP 1998; Le Grand 198Zhis is the same measure KP use. The Kakwani index
ranges from -1, which indicates the poorest persoeives all transfers, to +1, which indicates that

the richest person receives all transfers. We seveode the index so that +1 is maximal low-

® An alternative is the ratio of the poor’'s meamsfers over the non-poor’s mean transfers (Marx et
al. 2012), and this ratio is positively associatgith our index. However, such ratios are perhaps
more useful when measuring targeting on a binasygi(Brady and Burroway 2012). Also, there is
potential circularity as the level of transferside$ the size and composition of the poor (and thus
affects both the definition of poverty and the llevetransfers in each group).
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income targetingUniversalismis calculated as 1 over the coefficient of variatod the absolute
amount of transfers. This measures the homogeimeitgnsfer amount across the population.

In analyses available upon request, we experimesitbdnteractions of the three
dimensions. For example, Esping-Andersen (1999ai@)es social democracies are more
egalitarian because of the “fusion” of generositg aniversalism. Also, KP (1998: 672) imply that
redistribution is a function of the interactionlof-income targeting and transfer share. However,
all interaction effects were insignificant for batependent variables.

Individual-Level Measures for Poverty Analyses

The first dependent variable is relatpaverty (poor=1). We define individuals as poor if
residing in a household with less than 50% of tkeelian equivalized disposable income after taxes
and transfers. Like transfers, income is equivdlizg dividing by the square root of the number of
household members. This measure follows the vagtrityaof international poverty research, and
is the same measure KP used (Brady 2009; Brady 2083; Moller et al. 2003; Rainwater and
Smeeding 2004). Relative poverty is also most geleto the paradox of redistribution and more
consistent with redistribution preferences. Theagaxk concerns relative deprivation and inequality
within a given income distribution. It is also d@fdilt to construct a cross-nationally reliable
absolute measure across this diverse of a seuotites'® Thus, although absolute poverty could
be explored in future research, we concentratelative poverty.

As we discuss below, KP were also interested inrme inequality. However, as income

inequality is typically a country-level variabletiwout a clear individual level version, the multi-

19 For instance, one could construct a thresholdapiate for distinguishing poor from non-poor in
the U.S. and then convert with purchasing poweitypdiowever, such a threshold would be far too
high for China, India, Latin America, and even EastEurope. Even a threshold constructed for the
median country would not capture poverty in th@eicand poorer countries.
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level models focus on poverty. Relative povertyasy highly correlated with income inequality
(r>.9), and income inequality correlates with tli@hsions similarly to relative poverty.
Following previous research (Brady et al. 2013;d§rand Burroway 2012; Brady et al.
2009; Rainwater and Smeeding 2004), the modelsaftjuindividual- and household-level
variables. Bottage and age? are in years for the lead earner in the houself@rhily structure is
measured with binary variables ®ngle mother, female head no children, andmale head no
children (reference=married and single father househdfdaje also include the numbet) of
children and the number of elderly @¥er 64) in the household. With secondary degree or some
college as the reference, education of the leatke@ measured with binary variables for less than
a secondary degrebo education) and university degree or highédndgh education). Finally, we
measure household employment with binary variatoleso workersin HH andmultiple workers
in HH (reference=one worker).
Individual-Level Measures for Redistribution Prefences Analyses
The data on redistribution preferences are from$ig’s 2006 “role of government”
module. The ISSP is a set of standardized, natioregiresentative surveys from several dozen
countries. The second dependent variable is baséuecquestion: “On the whole, do you think it
should or should not be the government’s respditgibd reduce income differences between rich
and poor?” Response categories were originallynatdis: “definitely should be, probably should
be, probably should not be, and definitely showtbe.” These are collapsed into the binary of

should be (1) and should not be {®).

" The references are collapsed due to the small eunitsingle fathers in many countries.
12|n addition to ample precedent in the literatuve,dichotomize for three reasons (Brady and
Finnigan 2014). First, “definitely” and “probablgte unlikely to have consistent meanings cross-
culturally. Second, there is little meaningful \eion between “probably” or “definitely” should not
be. Third, the ordinal versions fail the paralkgjression test.

22



We concentrate on this question for several reagerst, this question most directly
assesses the preference for redistribution (Custaak 2005, 2008), which is paramount for KP’s
“identities and interests.” Second, internatiorcdadars mainly focus on these questions about the
“government’s responsibility” and especially thisegtion (Brady and Finnigan 2014). Third, the
alternative questions about spending prefereneesetative to each country’s current spending,
which makes them less cross-nationally comparaidecanflates attitudes about government
responsibilities with perceptions of the efficacydaefficiency of government programs and
taxation (Svallfors 2006). Finally, redistributipneferences are substantively important. Past
research shows this question predicts party afbiea(Cusack et al. 2005), and the aggregate ef thi
guestion is associated with inequality (Kelly anthg& 2010, Lupu and Pontusson 2011) and welfare
generosity (Brooks and Manza 2007). In the ISSPfingeredistribution preferences are
significantly positively associated with Left paaffiliation. Last, Appendix V displays similar
results with a scale of six related ISSP questatimit the government’s responsibility.

Following prior research (Brady and Finnigan 20Cdsack et al. 2005, 2008; Rehm 2011,
Stegmueller et al. 2012; Svallfors 2006), the meadeljust for several individual-level variabfés.
Age andage’ are in years. With secondary degree or some collsgke reference, we include
indicators for less than a secondary degl@e ¢ducation) and a university degree or highbrgh
education). Female is coded as one. Marital status is measured vinidgry variables fonever
married, divorced, andwidowed (reference=married). We also include a binarycfokdren in the
HH. Binary indicators fosuburb/town andrural are in reference to urban. Labor market status is

measured with binary variables foert-time employment, unemployed, not in the labor force, self-

13 In other analyses, measures of skill specifigtygack et al. 2005) or occupational
unemployment (Rehm 2011) were significantly positidowever, including these did not change
the country-level variables, and occupation hastsuitial missingness in the ISSP. Therefore, we
omit these from the main analyses.

23



employment, andpublic employment (reference=private full-time). To facilitate cresational
comparability without currency conversiomative income is measured with country specific z-
scores. Finally, we include indicators ferotestant, Catholic andOther Religion (reference=no
religion). We also include an ordinal measure t§ieus attendance (O=never. . .7=several times a

week or more).

RESULTS
Poverty Analyses

We begin with the bivariate associations betwemrey and the dimensions of welfare
transfers (similar to KP). Figure 1 plots the maleneel patterns in poverty in rich democracies
(column A) and the broader sample (columnBJigure 1 also displays the cross-national variatio
in each of the three dimensions across the x-axes.

[ FIGURE 1 ABOUT HERE ]

Figure 1 shows transfer share is strongly negatietrelated with poverty in rich
democracies (r=-.77) and the broader sample (rkx-D@mark and Sweden have transfer shares
near 50 percent — transfers are almost half oatleeage household’s income — and poverty rates
near 5 percent. By contrast, transfer share is 2e@ercent in the U.S. and below 10 percent in
Peru. More than 15 percent of the U.S. and 25 peafePeru is poor.

Contrary to KP, low-income targeting is negativagsociated with poverty (r=-.44 in rich
democracies and -.78 in broader sample). The Natids and Switzerland concentrate transfers on
low-income households and have lower poverty, wisilael and Japan are less concentrated on
low-income households and have higher poverty.ltgh often framed as low-income targeted,

the U.S. is actually not particularly so (Kenwor@11; Marx et al. 2013). Several developing

In all figures, we display 95% confidence intesnlith the grey area.
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countries have negative values, indicating higloine targeting. For example, China and Colombia
concentrate transfers on high-income household$ave high poverty.

Universalism is also strongly negatively correlatgth poverty (r=-.51 in rich democracies
and -.75 in the broader sample). Sweden and Nohaag high universalism and low poverty,
while the U.S. has lower universalism and higherepty. In the broader sample, countries like Peru
and Colombia exhibit very low universalism and hpglverty.

Table 2 displays the multi-level models of povektye report odds ratios for individual-
level variables and standardized odds ratios ®rctuntry-level dimensiorts.Models 1-4 include
the rich democracies, and models 5-8 include tbader sample. We first show separate models for
each dimension, and then combine all three dimessioone model. Partly because of the large
sample, the individual-level variables are veryustly significant. Poverty is predictably patterned
by age, family structure, education and employment.

[ TABLE 2 ABOUT HERE ]

In separate models 1 and 3, transfer share anéngaiism are significantly negative, which
is consistent with KP. In the second model, loweime targeting is significantly negative, which is
contrary to KP. In model 4, transfer share remaigsificantly negative. However, both low-
income targeting and universalism become insigaificThis suggests part of the effects of
universalism and low-income targeting are medigtedugh transfer sharé Such an indirect
relationship for universalism is consistent with.KkRwever, such a relationship for low-income

targeting is inconsistent with KP.

15> Standardized odds multiply the coefficient by stendard deviation of the independent variable
and then exponentiate. We interpret the magnitdidelds less than one in terms of inverse odds (-
1/odds) or inverse standardized odds.
16 Because comparing across logit models can begratilc, we also estimated multilevel linear
probability models. The results were consistenmgéting and universalism were initially
significant, but become insignificant when includeith transfer share).
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In addition to being robust in model 4, transfearghhas the largest effect of the three
dimensions. For a standard deviation increaseamsfer share, the odds of poverty are expected to
decline by a factor of about 2.0. This effect ig&a than the effects of being in a single mother
household, slightly smaller than having a lead Wtk or high education, and smaller than having
no or multiple workers in the household.

In the broader sample, transfer share, low-incargeting, and universalism remain
significantly negative in models 5-7 by themseltaghe combined8model, transfer share
continues to have a significant negative effect amgtersalism becomes insignificant. These results
are consistent with KP. The effect of transfer slramains substantively large — larger than all
variables except low/high education and no/multiptekers. Also, Appendix Il confirms that the
results of Model 8 are robust.

To illustrate this finding, Figure 2 shows the poteld probability of poverty for each
country-level value of transfer share. In Indiathithe lowest transfer share, the predicted
probability of poverty is .19. In the median tragrs$hare country, Italy, the predicted probabiity
poverty is .07. In the highest transfer share aguRbland, the predicted probability is .03. Thus,
the probability of poverty declines considerablyoss the range of transfer share.

[ FIGURE 2 ABOUT HERE |

In this final model, low-income targeting is sigoéntly positive. We interpret this result
with equivocation. On one hand, this could be cstesit with KP. On the other hand, it is difficult
to sort out each dimension’s independent relatignsith poverty given the three dimensions are
strongly correlated with each other in the broadenple (see below). Also, because low-income
targeting is significantly negative in models 2 &énd insignificant in model 4, it seems
appropriate to conclude low-income targeting isnobustly associated with poverty. Moreover, it

is unclear what mechanism could account for a pesétssociation between low-income targeting
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and poverty in a model adjusted for transfer sf@eKP mainly argued low-income targeting’s
positive association is due to the mechanism ofsfex share).
Redistribution Preferences Analyses

Figure 3 displays the bivariate associations betwbe proportion supporting redistribution
and the dimensions of transfers. Despite a streggtive relationship with poverty, transfer share
is not correlated with redistribution preferenagesich democracies (r=.02). Countries with the
highest transfer share (Sweden and Denmark) havassupport for redistribution as those with
the lowest transfer share (Japan and the U.Sthelbroader sample, there is only a weak negative
association (r=-.19).

[ FIGURE 3 ABOUT HERE ]

Consistent with KP, low-income targeting is negaltcorrelated with support for
redistribution (r=-.30 in rich democracies), angesally in the broader sample (r=-.50). For
example, Australia and Switzerland target to loaeime households, and have less support for
redistribution. By contrast, Taiwan and South Adrtarget towards high-income households, and
have high support.

Universalism, however, is not correlated with suppar redistribution (r=.07 in rich
democracies, -.15 in broader sample). Among casith the greatest support, there are more
(Hungary) and less universal countries (Taiwan).oAgicountries with the least support, there are
more (Czech Republic) and less universal counfties.).

Table 3 shows the models of redistribution prefees. Consistent with past research,
females, the never married, rural and suburbadeass, the less educated, part-time and public
employees, the unemployed, and those identifyirt ather religion are significantly more likely

to support redistribution. Respondents with higksiucation, higher incomes, the self-employed,
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and Protestants are significantly less likely tppsart redistribution. Again, we show separate
models for each dimension of transfers and therbaogrthem in one model.
[ TABLE 3 ABOUT HERE |

In rich democracies and the broader sample, teassfare and universalism are not
significantly associated with redistribution prefieces separately (models 1, 3, 5 and 7) or in the
combined models 4 and 8. Transfer share and uriN@rsalso remain insignificant if we drop any
country. As in Figure 3, these two dimensions gratlict poverty are unrelated to redistribution
preferences in either rich democracies or the lmosample. The lack of a significant positive
effect for universalism is contrary to KP.

In rich democracies, low-income targeting is negdy signed but only near significant in
model 2 (z=-1.8) and is insignificant in model &ufion is appropriate in interpreting model 4 as
there are only 16 countries and the three dimessaoa fairly highly correlated (see below and
Appendix IIl). Japan’s LIS data (2008) is obserted years after the ISSP, which could be a
source of measurement error. If we omit Japan,ifmeme targeting is significant in model 2
(z=2.6) and model 4 (z=-2.3). Also, if we omit tledatively outlying U.S. from model 2, low-
income targeting would be significantly negative-&20).

In the broader sample, low-income targeting isigicantly negatively associated with
redistribution preferences in models 6 and 8. Fetaadard deviation increase in low-income
targeting, redistribution preferences are expetdeatecline by factor of about 1.5. This effect is
comparable to the effect of having low educatiod kanger than the effects of any other individual-
level variable. This pattern is very robust, as-ia@ome targeting remains significantly negative in
model 8 regardless of dropping any country (seeefgpx Il1). Thus, although the results are not as
robust for rich democracies, there is a negatilagiomship between low-income targeting and

redistribution preferences in the broader sample.
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Figure 4 shows the predicted probability of suppgrtedistribution for each country-level
value of low-income targeting. In Taiwan, with gigght high-income targeting, the predicted
probability of supporting redistribution is .92.tlme most low-income targeted country of
Switzerland, the predicted probability is .66. Thaigpport for redistribution declines by almost a
third across the range of low-income targeting.

[ FIGURE 4 ABOUT HERE |
Relationships Between Dimensions

Central to the potential paradoxes are the relahigs between the dimensions of transfers.
Figure 5 shows the bivariate associations betweeimensions. KP claimed universalism
increases the transfer share, and indeed, thesareagirongly positively correlated in both samples
(r>.7). Recall both are significantly negativelygasiated with poverty, but universalism becomes
insignificant when included in the same model vitinsfer share. This is also consistent with KP’s
claim that universalism’s relationship with poveidymediated by the transfer share.

[ FIGURE 5 ABOUT HERE |

The heart of KP’s paradox is a tradeoff betweewiloccome targeting and transfer share. KP
(1998: 672) write, “the greater the degree of lonmeime targeting, the smaller the redistributive
budget [i.e. transfer share]. . . it is impossiolenaximize both the degree of low-income targeting
and budget size.” However, Figure 5 reveals theosipp pattern. Low-income targeting and
transfer share are positively correlated (Marx.e2@13). This is partly because high-income
targeting countries have a very low transfer shasecountries incorporate the poor into social
policy, transfers become less high-income targeted,the transfer share tends to grow. Even
among rich democracies — all exhibiting at leastienate low-income targeting — low-income
targeting and transfer share are positively aststi@g=.45). Therefore, we find no evidence of a

tradeoff between low-income targeting and transfare.
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As discussed above, scholars often frame targatidguniversalism as opposites. We view
high-income targeting, not universalism, as theasfip of low-income targeting. Also, we define
universalism as the homogeneity of transfers adtesgntire population and not just across the pre-
transfer income distribution. Figure 5 reveals lomeme targeting and universalism are not
negatively associated as if they were simply ogpesin fact, low-income targeting and
universalism are not associated in rich democrdce87). Once countries have the level of
universalism and low-income targeting presentéh democracies, there is no relationship between
the two. Moreover, Figure 5 shows universalism lamdincome targeting are quite positively
associated in the broader sample (r=.67).

How can countries be both low-income targeted amdeusal? Countries like Denmark
simultaneously concentrate transfers on low-incbogseholds, and cover all risk groups, and all
categories of residents. This combination is ondefsources of Denmark’s high transfer share.
However, what is really driving this associatior #re developing countries with low universalism
and either high-income targeting or weak low-incdargeting (Huber and Stephens 2012). For
example, India and Colombia have very low univessaland target transfers to high income
households. By contrast, Uruguay, Brazil, and Sditita are more universal and somewhat low-
income targeted. Therefore, universalist, highdfanshare welfare states are much more low-
income targeted than the low transfer share anduluwersalism developing countries. As
countries move away from high-income targeting kyaading the transfer share and universalism,
this normally requires more low-income targetingc® countries reach a modicum of low-income
targeting, there appears no association betweemnsalism and low-income targetihgHowever,

until they reach that level, rising universalisninodes with more low-income targeting.

" The correlation is still positive if omit countsigvith low-income targeting below zero (r=.32).
The correlation becomes essentially zero if we @miintries with low-income targeting below .17.
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Supplementary Analyses

The appendices include a series of supplementetyses. First, KP are concerned with
income inequality as well as relative poveftigerefore, Appendix VI displays the correlation
between the dimensions of transfers and the Ga@xrof income inequality. The results are quite
similar to the results for relative poverty (cfgire 1), which is not surprising as the Gini cate$
strongly with poverty (r>.9). Transfer share, lowcome targeting and universalism are all
negatively correlated with the Gini in both sampfes

Second, though KP did not empirically analyze ttagter, a central mechanism in the
paradox of redistribution is the “political coatitis that different welfare state institutions getest
(KP 1998: 663). According to KP (p. 663), universal increases support for redistribution and
targeting undermines support because targetingjts'spe working class and tends to generate
coalitions between better-off workers and the maddéass against the lower sections of the working
class.” One test of these claims is if universalesrthances and low-income targeting undermines
support for Leftist parties. Appendix V shows asaly of Left-Right party affiliation measure. The
results show that none of the three dimensiongisfieantly related to Left-Right party affiliatio
in the rich democracies or broader sample. Thudjngeno evidence that the three dimensions

contribute to an individual’s affiliation with patn political coalitions.

This would omit Brazil, China, Colombia, Guatemaiajia, Mexico, Peru, Taiwan, but retain many
of the non-rich democracies (the Czech Republitorizs, Hungary, Poland, Russia, South Africa,
South Korea, Slovenia, Slovak Republic, and Uruguay
18 Unlike KP, we do not examine redistribution. Firstd most importantly, pre-tax income is not
available for many LIS datasets. Therefore, desjpiens to measure redistribution as the
difference between pre-fisc and post-fisc incomaJysts often measure pre-transfer posttax “net”
income. Second, individual-level pre-fisc incomdéikely endogenous to transfers. Third,
individual-level redistribution is more difficulbtinterpret than country-level redistribution. Rbur
measuring redistribution typically requires omigtiretirees, while we investigate the entire
population. Finally, redistribution measures hagerbcritiqued, for among other things, conflating
between- and within-person redistribution (Brad@20Kelly 2005; Marx et al. 2012).
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Another test of this mechanism is whether theseedsions predict cross-class differences
in redistribution preferences. One implication d? i§ that the effect of income for redistribution
preferences should vary depending on dimensiotran$fers. In high transfer share and
universalist welfare states, the income slope shbalflatter while in low-income targeted welfare
states, the income slope should be steeper. App&fidestimates multi-level logit models with
random coefficients for individual-level income andh income interacted with dimensions of
transfers. We are cautious with these results asawve a limited number of level-2 units for
random coefficients models (Stegmueller 2013). Gobast with KP, low-income targeting steepens
the negative income slope in both rich democraanesthe broader sample. When transfers are
low-income targeted, higher income individuals @ven more opposed to redistribution. However,
contrary to KP, the transfer share (models 1-2) significantly steepens the income slope. Also,
universalism (model 6) significantly negativelyaracts with income in the broader sample. Thus,
while the dimensions of transfers may influencetpall coalitions via cross-level interactions with

income, some of the results are contrary to KPjseetations.

DISCUSSION

Reuvisiting KP’s classic “The Paradox of Redisttibn and Strategies of Equality,” this
article explores and informs a set of enduring jaes about social policy, politics and social
equality. KP contend universalism more effectivegiuces poverty than targeting because
universalism encourages and targeting undermingsosufor a large welfare state. Further,
targeting and universalism affect poverty becaddbeir effects on transfer share, which ultimately
reduces poverty. We use LIS data to measure thsfénashare, low-income targeting, and
universalism of received welfare transfers. Welhglhigrevise KP’s measures of transfer share and

low-income targeting and construct a novel meastitmiversalism. We update and expand KP’s
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sample of rich democracies and analyze a broadgplsaf developed and developing countries.
This assesses the generalizability of KP’s argusmfamta much larger share of the world’s
population and countries approximately two decadtes KP’s data. Using multi-level models, we
examine how these three dimensions of transfersebated to individual-level poverty and
redistribution preferences. By incorporating radlisttion preferences, we analyze the “identities
and interests” theorized but unobserved by KP.

Several results confirm KP. Poverty is significgmtegatively associated with transfer
share, and indirectly with universalism. Redisttibn preferences are significantly negatively
associated with low-income targeting. Low-inconrgéding also appears to increase income
differences in redistribution preferences. Furtlwaryersalism and transfer share are strongly
positively correlated, and transfer share app@ansediate the relationship between universalism
and poverty. Thus, like KP, we do find that certdimensions of social policy are related to both
social equality and politics. It illustrates thgraficance of KP that these conclusions are rotwast
decades later in rich democracies and in a brasataple of developed and developing countries.

There are also differences with KP. Universalismasassociated with redistribution
preferences. Also, transfer share is not relateddistribution preferences, and if anything, tfans
share significantly positively interacts with incerdifferences in redistribution preferences.
Therefore, unlike KP, we fail to show that effeetisocial policies are also politically popular. In
addition, low-income targeting is surprisingly pgogly associated with transfer share, and even
with universalism in the broader sample. This idlpdecause several developing countries exhibit
high-income targeting and a very low transfer sloaneniversalism. Low-income targeting has a
negative bivariate association with poverty ansigsificantly negatively related to poverty in some
models. Though low-income targeting is significgrgbsitive in one poverty model, we fail to find

robust evidence for KP’s expected positive effect.
33



What explains the differences between KP and ault€? One reason is KP’s sample of 11
rich democracies is more selective than our 21 d&nocracies. Compared to the 10 countries
omitted, KP’s sample has slightly less poverty (ne@.43 vs. 11.11, t=1.03), and slightly more
support for redistribution (means .75 vs. .69, 83). KP's sample also has a slightly higher transfe
share (37.78 vs. 33.48, t=1.36), and significamttre low-income targeting (.47 vs. .41, t=2.73).

To scrutinize this issue, Appendices VIII, IX anccmpare KP’s sample across the mid-
1980s, mid-1990s, and mid-2000s and against 17deaamocracies with available data in all three
time points. Using KP’s sample in the mid-1980s,oeefirm KP’s conclusions that low-income
targeting was very negatively associated with tfiearshare (Appendix VIII), and transfer share was
strongly negatively associated with poverty (Append). However, Appendix VIII reveals a clear
flattening of the relationship between low-incoraggeting and transfer share as we move from the
mid-1980s to the mid-1990s and mid-2000s (seekdsnvorthy 2011; Marx et al. 2013). Further,
Appendix IX shows the relationship between transfere and poverty becomes much more
significantly negative over time (in both KP’s sdmpnd the 17 rich democracies). Finally, in
contrast to KP, Appendix X shows no evidence obsitive association between poverty and low-
income targeting — even in KP’s sample in the n88ds. Moreover, the relationship between
poverty and low-income targeting becomes more Bggmitly negative if we expand the sample of
rich democracies and/or move from the mid-1980wsith1990s and mid-2000s.

Therefore, the differences with KP mostly resuifira combination of KP’s sample being
too narrow, and the relationships between key ggachanging over time. Because there was a
tradeoff between low-income targeting and transkare in the 1980s, there is some evidence for
the initial paradox of redistribution. However, ta@dence for it has diminished over time. Unlike
KP, we find that the most egalitarian welfare statembine universalism, a high transfer share and

low-income targeting. The least egalitarian ladklake.
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Altogether, the results lead us to revise the parad redistribution into two new
paradoxesnon-complementarity andundermining. We define paradoxes as mismatches between
the sources of social policies’ effectiveness dnadsources of social policies’ popularity, and
contradictions between the three dimensions ofaxelfransfers.

First, the non-complementarity paradox emphasizesrtismatch between what matters to
poverty and what matters to redistribution prefeemn The transfer share is most robustly related
with poverty, and has a large effect relative tdlstidied individual-level predictors of poverty,
but is simply not associated with redistributioefprences. Low-income targeting is negatively
associated with redistribution preferences, butasatobustly related to poverty. Therefore, what is
salient to poverty is not related to redistributpmeferences, and what is salient to redistribution
preferences is not robustly related to povertysThipartly because some countries (e.g. Israel,
Spain, South Africa) exhibit both high poverty dnidh redistribution preferences, while countries
with low poverty exhibit widely varying support feedistribution (cf. Denmark, Sweden,
Slovenia). Also, several countries with the greadepport for redistribution have low transfer
shares (see e.g. Spain and Taiwan in Figure 3haPsrhigh poverty (partly driven by a low
transfer share) cultivates greater support forstetution, while low poverty (partly driven by a
high transfer share) attenuates redistributiongoesfces.

Second, the undermining paradox is based on odinfythat the dimension (transfer share)
that most reduces poverty is positively correlatéth the one dimension (low-income targeting)
that reduces support for redistribution. This caelsult in a counterproductive dynamic as low-
income targeting tends to increase in tandem witmereased transfer share. This increased low-
income targeting then weakens redistribution pegfees, and weakened redistribution preferences
are likely to undermine the politics and coalitiaugpporting transfer share (Brooks and Manza

2007; KP 1998; Nelson 2007). Thus, a social padifgctive at reducing poverty (i.e. resulting in a
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high transfer share) is also likely to be a sogaicy that undermines public support for
redistribution (i.e. resulting in low-income tarpgf). These two dimensions of welfare transfers
could be working at cross-purposes, with low-incdargeting’s unpopularity undermining the
transfer share’s effectiveness.

Beyond these paradoxes, this study contributesueral other literatures. Primarily, it
contributes to the growing literature on the poétiinstitutional sources of poverty and inequality
(Brady 2009; Brady et al. 2013; Brady et al. 2008lly 2005; Kristal 2010; Moller et al. 2003;
Moller 2008; Scruggs 2008). The strong negativati@hship between the transfer share and
poverty -- rivaling the effects of well-establishiedividual-level predictors of poverty — further
demonstrates that the stratification of individiifel chances should be contextualized within
national-level policies (Brady et al. 2009).

Secondly, the negative relationship between lovenme targeting and redistribution
preferences illustrates feedback effects and detmratasow welfare states influence welfare
attitudes (Brooks and Manza 2007; Fernandez amded&iastillo 2013; Sachweh and Olafsdottir
2010). On balance, transfer share and universalenot significantly related to redistribution
preferences, and the supplementary analyses skeoimfiications for parties and rich-poor
coalitions are often unanticipated and need furslcentiny. Still, the results show at least one
dimension of welfare transfers influences the sgbset politics of social policy (Pierson 2004;
Nelson 2007; Skocpol 1992).

Third, this study demonstrates the promise of therging literature on social policy in
developing countries. Mares and Carnes (2009) maitthere is still a lack of basic descriptive and
comparative information about social policies iveleping countries. This study is one of the first
to utilize all LIS countries. We show developingiotries have a lower transfer share and

universalism, and are more high-income targetedalfgjinteresting, while the strength of
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associations vary, the relationships between timexsions and the two dependent variables are
quite similar across developed and developing ctsi?

Fourth, the dimensions of welfare transfers conmdbiwih this information on developing
countries can enhance understanding of welfardagpes. Plausibly, welfare typologies can be
constructed by examining the combinations of dinwrsand related social policies. To that end,
Appendix XI shows the three-way scatter plots & three dimensions. There appears to be a
minimalist developing country type (e.g. India, i;eColombia, Guatemala, and China) featuring a
low transfer share, low universalism and high-inedargeting. There also appears to be an
incompletely developed type (e.g. Mexico, Brazaugh Africa, Uruguay and perhaps even Japan
and South Korea) that has an inconsistent mix gl ,hinoderate and low for the three dimensions.
While rich democracies do not vary as much in loaeime targeting, there is greater heterogeneity
in transfer share and universalism. One set ofd&ocracies (e.g. U.S., Spain, and Israel) exhibit
a lower transfer share and lower universalism. Aaoset of rich democracies (e.g. Denmark,
Sweden and Poland) exhibits a high transfer shaténggh universalism. The remaining rich
democracies have a moderate transfer and highngaiiem (e.g. Hungary and Czech Republic), or
a high transfer share and moderate universalisgn Keetherlands and Switzerland). Of course,
further analyses are necessary to construct aymmogy and to fully understand how countries
combine the three dimensions and related sociatips!

Finally, our study suggests welfare effort remainsssential measure of social policy.
Many have critiqued welfare effort for conflatingrgerosity and need, even though KP found
transfer share plays the key role in reducing piyv@&y contrast, recent LIS studies show welfare

effort effectively predicts poverty and inequal{Brady 2009; Moller et al. 2003), and we confirm

191n analyses available upon request, we estimaedibdels on the countries that are not rich
democracies. Though there are only a limited nurob&vel-2 units, the results were quite similar
to those for the broader sample.
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transfer share is the paramount dimension for ggvBecause the same critiques of welfare effort
could be applied to transfer share, scholars mag hbandoned welfare effort prematurely. We
propose transfer share is salient because it ttamksmuch household income is socialized and
comes from more equally distributed transfers ratth@n less equally distributed market income.
Further, the definition of recognized need reflgubtical choices about which (and how many)
groups are protected and which (and how many) as&socialized.

Beyond the points above, we recommend severaltiinscfor future research. First, though
multi-level models arguably examine how exogenaitgnal-level factors affect individual-level
outcomes, the present study is cross-sectionalré&uesearch could examine variation over-time
and control for stable unobserved differences betvomuntries (Brady et al. 2013). Second, it
would be valuable to expand the outcomes studidahking the country-level measures of
dimensions to other datasets. Besides redistribyieferences, there are likely other plausible
mechanisms by which, universalism could feed batkthe politics of the welfare state (e.qg.
voting and coalition formation). Beyond povertyhstars could analyze income across the
distribution. An advantage of our approach is thiaile high quality social policy measures remain
scarce for developing countries, one can calcaateneasures for any LIS country-year. To that
end, Appendix IV provides the code for the dimensiof transfers. Third, we assess transfers
without taxation, even though social insurance athér transfers may be taxable. Future research
could index transfers to taxation based on taxsrfateother income sources (Ferrarini and Nelson
2003). Fourth, though a widely used concept iiteeature, scholars rarely define or measure
universalism. We present one strategy and invibatgeover the conceptual and operational
definition of universalism.

This study revisits KP’s paradox of redistributiée conclude that transfer share is most

important to poverty, and low-income targeting isstnimportant to redistribution preferences. By
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contrast, transfer share and universalism areatated to redistribution preferences and low-
income targeting is not as robustly associated paterty. We propose a revision for the paradox
of redistribution into two new paradoxes: non-coampéntarity and undermining. The non-
complementarity paradox emphasizes the mismateteleet the dimensions that matter to poverty
and the dimension that matters to redistributieferences. The undermining paradox emphasizes
that the dimension (transfer share) that most resipoverty tends to increase with the one
dimension (low-income targeting) that reduces supioo redistribution. Like KP, these new

paradoxes present a host of questions for scholgrslitics, social policy, and inequality.
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Table 1. Example Countries for Dimensions of Welfare TransBased on Individual-Level Population-WeightethAses in LIS.

Country Low-Income HHs Middle-Income HHs High-Inome HHs
High Transfer Share Sweden 120.2% 50.8% 17.8%
Low Transfer Share Colombia 1% 7.5% 19.0%
Low-Income Targeting Australia 4,612.75 A$ 5,421/9 2,579.44 A%
High-Income Targeting Guatemala 371.14 Q 774.43 Q 48526 Q
Country Rural Urban
High Universalism Czech Republic 58,417.76 kr 59,08 kr
Low Universalism Mexico 2,993.81 p 4,384.41 p

Note: See methods section of text for details. lioeome households are defined as below 40% of med@me. Middle-income
households are defined as between 95% and 105%diamincome. High-income households are definedas than two times
greater than median income. Transfer share caleguivalized transfers as percent of equivalinedme. Targeting cells are in

currency. Universalism cells are equivalized trarsfn currency.

a. Sweden’s 49 percent cited in the text inclulesntire population while this Table only displagect points in the distribution.

Sweden’s low-income households’ transfers exceeohie because we measure transfers before taxesrfesgcial insurance
pensions). In the Discussion, we note the needeBwarch indexing transfers by taxation (Ferramnd Nelson 2003).
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Table 2. Multi-Level Logit Models of Individual Poverty Bad on LIS Data: Standardized Odds Ratios for Wel2imensions and
Odds Ratios for Individual-Level Variables.

Rich Democracies Broader Sample

1) 2) 3) (4) (5) (6) () (8)
Transfer Share A499*** .506*** .616*** A498***
(-11.49) (-4.91) (-5.21) (-3.94)
Low-Income Targeting .818* 1.002 .807* 1.370*
(-2.34) (.03) (-2.09) (2.59)

Universalism .B67*** .984 733 1.022

(-4.19) (-.17) (-4.02) (.17)
Age .898*** .898*** .898*** .898*** .956%** .956*** .956*** .956***

(-73.21)  (-73.19) (-73.20) (-73.19) | (-53.22)  (-53.21) (-53.21) (-53.22)

Agé’ 1.001%*  1.001**  1.001%**  1.001** | 1.001**  1.001%* 1.001** 1.001***
(51.07) (51.06) (51.07)  (51.07) (34.04) (34.03)  (34.04)  (34.04)

Single Mother 1.480%*  1.480%*  1.480%*  1.480%* | 1.504%*  1504%* 1504%* 1 504%*
(20.48)  (29.47)  (29.47)  (29.48) (46.34) (46.33)  (46.34)  (46.34)

Female Lead No Children  1.658%*  1.657*%*  1.657** 1.658** | 1.436%*  1.436%* 1436%* 1.436**
(38.06)  (38.04) (38.04)  (38.06) (37.66) (37.65)  (37.65)  (37.65)

Male Lead No Children 1.484%% 1. A84% 1484 1484 | LATT™  LATT*™  L1ATT™ 1477
(26.97)  (26.94) (26.95)  (26.98) (35.09) (35.08)  (35.09)  (35.09)

# Children 1.241%*%  1.241%*  1.241%*  1241%* | 1.243%*%  1243%* 1243%* 1 243+
(61.07)  (61.04)  (61.05)  (61.07) | (141.91)  (141.91) (141.91) (141.93)

# Over 64 537F* B37R B3R 57wk 782wk NPT £ v £ Vo
(-54.68) (-54.67) (-54.67) (-54.67) | (-43.77)  (-43.76) (-43.76) (-43.77)

44




Table 2 Continued...

Low Education 1.896***  1.897**  1.897** 1.896*** 2.591%** 2.591%** 2 591*** 2 5Q1***
(65.41) (65.43) (65.45) (65.41) (147.44) (147.47) (147.45) (147.46)
High Education ABT7F** ABT7Hx* ABT7Hx* AB7Hx* 391 %+ 391 %*= 3971 %** 391 %
(-65.68) (-65.67) (-65.67) (-65.68) (-94.74) (-94.73) (-94.74)  (-94.74)
No Workers in HH 4.949%** 4 .949*%** 4 .949%**  4.949%** 3.316%** 3.316***  3.316*** 3.316***
(125.43) (125.42) (125.42) (125.43) (150.26) (150.25) (150.26) (150.27)
Multiple Workers in HH 178*** 178%** 178%** 178%** .299%** .299%** .29Q97%** .299***
(-159.31) (-159.32) (-159.31) (-159.31) (-212.15)  (-212.15) (-212.15) (-212.15)
N 838,019 838,019 838,019 838,019 1,746,650 1,%06,61,746,650 1,746,650
Countries 20 20 20 20 37 37 37 37

***p<0.001, ** p<0.01, *p <0.05.

Notes: The numbers in parentheses are z-scorestddds not shown. Odds between .999 and 1.0 wareled to .999. The

references are married couple HH'’s, lead’s witloadary education, and one worker in HH. Becaughefarge sample sizes, all
models estimated with Laplacian approximation.
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Table 3. Multi-Level Logit Models of Individual Redistribign Preferences Based on ISSP Data: Standardizdd Ratios for Welfare Dimensions and Odds Ratios fo

Individual-Level Variables.

Rich Democracies

Broader Sample

1) (2) 3) (4) ©) (6) ) 8
Transfer Share .959 1.024 .821 .969
(--39) (-12) (-1.51) (--17)
Low-Income Targetin .70¢ .84% .66C** .66E*
(-1.76) (-1.28) (-3.40) (-2.92)
Universalisn 1.07: 1.01¢ .882 1.01:Z
(.45) (.10) (--99) (.07)
Age 1.019* 1.019* 1.019* 1.019* 1.013* 1.013* 1.013 1.013*
(2.54) (2.55) (2.549) (2.54) (2.08) (2.09) (2.08) .02
Age’ .999 .999 .999 999 1999 .999 .999 .999
(-1.66) (-1.67) (-1.66) (-1.67) (-1.25) (-1.26) 2%) (-1.26)
Female 1.253* 1.252* 1.253** 1.252* 1.193* 1.193* 1.193** 1.193**
(5.75) (5.74) (5.75) (5.74) (5.47) (5.46) (5.47) A6
Never Married 1.109 1.109 1.109 1.109 1.155* 155 1.155* 1.155*
(1.82) (1.83) (1.82) (1.83) (3.02) (3.01) (3.02) .00
Divorced 1.036 1.037 1.037 1.037 1.055 1.055 1.055 1.055
(.53) (.54) (.54) (.55) (.96) (.95) (.96) (.95)
Widowec 992 .99:¢ .99z .99:¢ .954 952 .95k 952
(--09) (--08) (-.08) (--08) (-.66) (--69) (-.66) .89)
Children in HF 1.03¢ 1.03¢ 1.03¢ 1.03¢ 1.031 1.03( 1.031 1.03(
(.78) (.77) (.78) (.78) (.84) (.82) (.84) (.82)
Rural 1.117* 1.118* 1.116* 1.118* 1.121* 1.123* 1p1* 1.123**
(2.00) (2.02) (1.99) (2.02) (2.56) (2.59) (2.56) .62
Suburb 1.194* 1.194** 1.194* 1.194** 1.132* 1.138* 1.132* 1.133*
(3.812) (3.81) (3.81) (3.81) (3.25) (3.28) (3.26) 2B
Low Educatiol 1.627* 1.630** 1.627* 1.629** 1.510* 1.510* 1.509** 1.510**
(10.08) (10.11) (20.07) (10.10) (10.42) (10.42) 0.4D) (10.42)
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Table 3 Continued...

High Education 871 872+ 871% B71* 840%* 840** 840% 840%
(-2.82) (-2.82) (-2.83) (-2.82) (-4.23) (-4.21) a8) (-4.22)
Par-Time 1.10¢ 1.10¢ 1.10¢ 1.11¢ 1.117° 1.118* 1.116* 1.118°
(1.69) (1.72) (1.70) (1.72) (2.13) (2.15) (2.13) 168
Unemploye 1.493% 1.493% 1.493% 1.493% 1.192% 1.188* 1.191* 1.188
(3.27) (3.27) (3.27) (3.27) (2.28) (2.23) (2.26) 20
Not in Labor Force 1.022 1.023 1.022 1.023 1.071 074. 1.071 1.072
(.43) (.43) (.42) (.43) (1.62) (1.62) (1.62) (1.62)
Self-Employment 713% 713% 713% 713% T24% 724% 724% T24%
(-5.75) (-5.75) (-5.75) (-5.75) (-6.83) (-6.82) £8) (-6.82)
Public Employmer 1.330% 1.332% 1.329% 1.331% 1.337% 1.337% 1.336* 1.337%
(6.30) (6.33) (6.28) (6.31) (7.52) (7.52) (7.51) 50)
Relative Incom 713% T713% 713% T713% TT9 T78% T78% T78%
(-15.77) (-15.76) (-15.77) (-15.76) (-15.32) (143 (-15.33) (-15.33)
Protestant .830% 830% 828%* 829% 892+ .891* .891* .891*
(-3.33) (-3.33) (-3.38) (-3.35) (-2.32) (-2.34) 082) (-2.33)
Catholic .95€ 95¢ .95€ 96C .99C 994 98¢ 99¢
(-.70) (-.64) (-.70) (-.63) (-.19) (-.10) (-.20) 19)
Other Religiol 1.270% 1.268* 1.274% 1.269% 1.03¢ 1.03¢ 1.04( 1.03¢
(3.10) (3.08) (3.13) (3.09) (.68) (.62) (.69) (.62)
Religious .990 .990 .990 .990 1.001 1.001 1.001 01.0
Attendance (-.97) (-1.00) (-.94) (-.99) (.13) (.10) (12) ()10
N 15,890 15,890 15,890 15,890 26,755 26,755 26,755 26,755
Countrie: 16 16 16 16 25 25 25 25

*** | < 0.001, ™ p < 0.01, *p < 0.05.

Notes: The numbers in parentheses are z-scorestas not shown. Odds between .999 and 1.0 wareled to .999. The references are male, marriedhitdren,
urban, secondary education, full-time, private @eand no religion.
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Poverty

Poverty

Poverty

Figure 1. Macro-Level Bivariate Associations Between Pov&#ate and Dimensions of
Welfare Transfers Based on LIS Data.
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Figure 2. Predicted Poverty from LIS Data in 37 Countried Model 8 of Table 2 Across
Levels of Transfer Share (holding all other varghbtonstant at their means)
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Figure 3. Macro-Level Bivariate Associations Between ProjorSupporting Redistribution
and Dimensions of Welfare Transfers Based on IS#H_¢S Data.

a) RICH DEMOCRACIES (N=16) b) BROADER SAMPLE (N=25)
- Transfer Share (r=-.02) c Transfer Share (r=-.19)
O ie)
5 SPA  |sR 5@ TAW SLo
- 2 SHBUBR HUN FO-
= @ IRE = uGY SOA
0 FRA  FIN N4 S IR
S S FRA FIN
O cer  NOB Q
™ CAN S SWE el SoRM
I L S IAP CAN SWE
y— y—
© © - AUS £ © | AUS
<) <)
o DEN Q cze DEN
Q5] USA 2, | USA
0 e T T T 0 T T T T T
20 30 40 50 0 10 20 30 40 50
Mean Transfers/HH Income Mean Transfers/HH Income
Low-Income Targeting (r=-.30) Low-Income Targeting (r=-.49)
N
=S @ = 39
<) o -
= ISR SPA =
o] o]
‘= 0 o = A
7] [RE FIN FRA @
3 NOBer NET 3
™ swe YRMcg ez & %27
) JAP )
y— y—
£ o o
8_‘-0. AUS 8_@_
o DEN a
> >
@ w4 USA @ < 4
T T T T T T T T T
3 4 5 .6 -2 0 2 4 .6
Low-Income Concentration Low-Income Concentration
Universalism (r=-.07) Universalism (r=-.16)
5 7 &1 TAW SLO
= = L
= ISEPA 2 18RA RUP HUN
2 o 2 aSOA uGY
'@' ’ FRA IH:F\'IE ‘@' ) FRA ;]_"ﬁ\%
3 NET S 3 GER
o™ ‘_’_ST_a_mGEE——’_ o S NET UKM
- y ZAN SWE = ap VEAN SWE
y— y—
égo_ i AUS é@_ a AUS
o DEN o DEN CZE
&5) o USA &’) ww J USA
’ T T T T ’ T T T T T T
A4 .6 .8 1 2 4 .6 .8 1 1.2
1/CV of Transfers 1/CV of Transfers

50



Figure 4. Predicted Redistribution Preferences from 2008PI8@ta in 25 Countries and Model
8 of Table 3 Across Levels of Low-Income Targetfhglding all other variables constant at
their means).
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Figure 5. Macro-Level Bivariate Associations Between Dimensi of Welfare Transfers Based

on LIS Data.
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b) BROADER SAMPLE (N=39)
Transfer Share & Universalism (r=.86)
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Appendix |. Descriptive Statistics: Means and Standard Dewiatin Parentheses.

LIS-Rich LIS-Broader ISSP-Rich ISSP-Broader
Democracies Sample Democracies Sample
Poverty .105 145 -- --
(.306) (.352)
Redistribution -- -- .691 .755
Preferences (.462) (.430)
Transfer Share 35.254 24.688 35.312 32.020
(9.508) (16.609) (8.120) (11.916)
Low-Income 441 .252 445 .369
Targeting (.046) (.239) (.063) (.137)
Universalism 723 537 .730 .675
(.148) (.276) (.147) (.222)
Age 45,817 45.081 48.462 47.056
(14.715) (14.900) (16.425) (16.859)
Agée’ 2315.711 2254.297 2618.295 2498.537
(1492.054) (1495.501) (1667.279) (1682.606)
Single Mother .075 .063 -- --
(.263) (.243)
Female Lead No .101 .073 -- --
Children (.301) (.260)
Male Lead No .089 .057 -- --
Children (.285) (.232)
# Children 1.102 1.533 -- --
(1.291) (1.649)
# Over 64 .252 277 -- --
(.586) (.590)
Low Education 242 433 .380 .403
(.428) (.495) (.485) (.491)
High Education .318 223 .202 179
(.466) (.416) (.401) (.383)
No Workers in HH .151 .138 -- --
(.358) (.345)
Multiple Workers  .574 527 - --
in HH (.494) (.499)
Female -- -- 514 .532
(.500) (.499)
Never Married -- -- 224 .239
(.417) (.427)
Divorced -- -- .096 .092
(.295) (.288)
Widow -- -- .061 .082
(.240) (.275)
Children in HH -- -- .353 .392
(.478) (.488)
Rural -- -- .287 .265
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Suburb

Part-Time
Unemployed

Not in Labor Force
Self-Employment
Public
Employment
Relative Income
Protestant
Catholic

Other Religion

Religious
Attendance

N

838,019

1,746,650

(.453)
475
(.499)
124
(.330)
.035
(.183)
347
(.476)
110
(.313)
262
(.440)
018
(1.005)
369
(.483)
269
(.443)
129
(.335)
2.208
(2.111)

15,890

(.441)
414
(.493)
110
(.313)
.064
(.245)
354
(.478)
124
(.329)
266
(.442)
012
(1.004)
278
(.448)
262
(.440)
240
(.427)
2.428
(2.255)

26,755
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Appendix I1. Samples of Countries (All Available in LIS SamplEscept Australia and Brazil).
Country Abbreviation in Year Rich ISSP?
Figures Democracies?

Australic AUS 200¢ Yes Yes
Austrie AUT 200¢ Yes No
Belgium BEL 200( Yes No
Brazil BRA 200¢ No No
Canad CAN 200¢ Yes Yes
Chine CHI 200z No No
Colombie COL 2007 No No
Czech Republ CZE 200 No Yes
Denmarl DEN 200¢ Yes Yes
Estoni: EST 200¢ No No
Finlanc FIN 200¢ Yes Yes
Franct FRA 200¢ Yes Yes
German' GER 200< Yes Yes
Greect GRE 2007 Yes No
Guatemal GUA 200¢ No No
Hungan HUN 200t No Yes
India IND 200¢ No No
Irelanc IRE 200¢ Yes Yes
Israe ISR 200¢ Yes Yes
Italy ITA 200¢ Yes No
Japal JAF 200¢ Yes Yes
Luxembourt LUX 200¢ Yes No
Mexicc MEX 200¢ No No
Netherland NET 200¢ Yes Yes
Norway NOR 200¢ Yes Yes
Pert PEFR 2007 No No
Polanc POL 200¢ No Yes
Russii RUS 200¢ No Yes
South Kore SKC 200¢ No Yes
Sloveni: SLO 200¢ No Yes
Sloval Republic SLR 2007 No No
South Africe SOA 200¢ No Yes
Spair SPA 200 Yes Yes
Swede! SWE 200¢ Yes Yes
Switzerlant SWzZ 200¢ Yes Yes
Taiwar TAW 200¢ No Yes
Uruguay UGy 200< No Yes
UnitedKingdorr UKM 200 Yes Yes
United State USA 200¢ Yes Yes

Notes: In sum, the LIS sample includes 20 rich deagies and 17 other countries. The ISSP sample
includes 16 rich democracies and 9 other countfigstralia and Brazil are only included in the Figs,
but not the analyses because of limited/missing dateducation and marital status.
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Appendix I11. Sensitivity Analyses for Model 8 in Tables 2 and 3

LIS ANALYSES IN TABLE 2

First, we inspected Figure 1 for any outlying ortigallarly influential countries, but did not
detect any particularly problematic cases. Secaed,eestimated model 8 while dropping one
country at a time. Those reestimated models usuahllyerged, but had difficulty converging
when we omitted each of Austria, Belgium, Germdbrgece, Peru and Sweden. For those six
models, we achieved convergence by randomly setebt000 cases within the 37 countries and
then dropping each of those countries. In everglsimodel, transfer share remained
significantly negative, low-income targeting renmedrsignificantly positive, and universalism
remained insignificant.

Third, we calculated DFBETA's to assess if any ¢des had an absolute value greater than .33
(i.e. >2/(square root of level-2 N). Belgium, GenyaGreece, the Netherlands, Poland, South
Africa and the USA exhibited high DFBETA'’s for tsfer share. If we omit all seven, transfer
share remains significantly negative (z=-3.80 \abl& 2’s z=-3.94). China, Peru, Poland and the
USA exhibited high DFBETA's for low-income targeginlf we omit all four, low-income
targeting remains significantly positive (z=2.27 Vable 2's z=2.59). Belgium, Czech Republic,
Estonia, the Netherlands, Poland, Russia, and $dutta exhibited high DFBETA'’s for
universalism. If we omit all seven, universalisrmeens insignificant (z=.49 vs. Table 2's

z=.17).

ISSP ANALYSES IN TABLE 3

First, we inspected Figure 3 for any outlying ortjgalarly influential countries. This
encouraged us, for example, to omit Japan and 87 ftbom model 4 — as discussed in the text.
Second, we reestimated model 8 while dropping onatcy at a time. In every model, transfer
share remained insignificant, low-income targetiagained significantly negative, and
universalism remained insignificant. Third, we cddded DFBETA'S to assess if any countries
had an absolute value greater than .4 (i.e. >24fequot of level-2 N). The Czech Repubilic,
Poland, Slovenia, South Africa and South Korealstéd high DFBETA's for transfer share. If
we omit all five, transfer share remains insigrafit (z=.18 vs. Table 3's z=-.17). No country
exhibited a high DFBETA for low-income targetindid Czech Republic and Slovenia exhibited
a high DFBETA for universalism. If we omit both cuties, universalism remained insignificant
(z=.30 vs. Table 3’s z=.07).
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Appendix 1V. Code for Calculating Dimensions of Welfare Transfa Luxembourg Income Study.

*create program to calculate dimensions*
program define welfdim

*drop missing values for disposable household ineom
drop if dhi==.

*drop if household weight missing, recode househaibht by number of HH members*
drop if hwgt==.

replace hwgt=0.01 if hwgt==0

gen pwt=hwgt*nhhmem

*equivalize, bottom- and top-code household incdoliewing standard LIS protocol*
gen eginc=dhi/(sgrt(nhhmem))

gui sum eqinc

gen botlin=0.01*_result(3)

replace eginc=botlin if eginc<botlin

quietly sum eqinc, de

gen toplin=10*_result(10)

*create HH public transfers as total transfers miprivate transfers, and if missing substitute witm of
components of public transfers*

gen transfer=hit-hitp

replace transfer =hits+hitsu+hitsa if transfer==.

*equivalize HH transfers by square root of numbiemembers, and bottom code at zero*
replace transfer= transfer/(sqrt(nhhmem))
replace transfer=0 if transfer<0

*calculate transfer share*
gen tshare=100*(transfer/eqinc)

*create pre-transfer (posttax) household income*
gen pretrinc=eginc-transfer
replace pretrinc=0 if pretrinc<0

*Transfer share is mean of tshare*

tabstat tshare [w=pwt], stats (mean)

*Low-Income Targeting is -1 multiplied times contextion coefficient generated here*
sgini transfer [aweight=pwt], sortvar(pretrinc)

*Universalism is 1/CV of transfer*

tabstat transfer [w=pwt], stats (cv)

end

*Example of country*

use $au03h, clear

keep dhi hwgt nhhmem hit hitp hits hitsu hitsa
welfdim
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Appendix V. Multi-Level Mixed Models of Scale of Governmentdpensibility and Left-Right
Party Affiliation (Individual-Level Variables Nott®wn): Coefficients and (Z-scores).

Scale of Govt. Responsibility L eft-Right Party Affiliation
Rich Broader Sample Rich Broader Sample
Democracies Democracies
Transfer Share -.004 .004 -.002 -.001
(-.31) (.73) (--12) (-.23)
Low-Income Targeting -.956 -1.132** .041 -.293
(-.93) (-2.72) (.03) (-.61)
Universalism 1.117 .289 727 .204
(1.81) (.94) (1.00) (.72)
N 16,532 27,732 11,867 17,891
Countries 16 25 15 23

*** n < 0.001, * p<0.01, *p <0.05.

Notes: All individual-level variables from TableaBe included but not shown. The results are
consistent if the models are decomposed into separadels for each dimension. The six
guestions in the scale of government responsilakty whether it should or should not be the
government’s responsibility to: “provide a job ®reryone who wants one;” “provide a decent
standard of living for the unemployed;” “providelacent standard of living for the old;”
“provide decent housing for those who can't affiiytd“provide healthcare for the sick;” and
“reduce income differences between rich and pddsihg the underlying ordinal responses, the
standardized item alpha for this scale is .77. Oéfe-Right party affiliation variable is coded:
1=Far Right, 2=Right, Conservative, 3=Center, Lahet=Left, Center Left, 5=Far Left. There
are fewer countries in these models because ofngigata for Israel and Taiwan.
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Appendix V1. Macro-Level Bivariate Associations Between Ginie@iwient and Dimensions of

Welfare Transfers.

a) RICH DEMOCRACIES (N=21)
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Appendix VI11. Multi-Level Random Coefficient Logit Models of Risttibution Preferences
Interacting Income and Dimensions of Welfare TrarsfCoefficients and (Z-Scores).

(1) ) (3) 4) (5) (6)
Rich Broader Rich Broader Rich Broader
Democracies Sample Democracies Sample Democracies Sample

Relative Income -.038 .074 .325 A77* -.252 -.029
(-.25) (.81) (1.64) (2.00) (-1.36) (-.25)
Relative -.008* -.010** -1.472*  -1.137* -.106 -.338*

Income*Dimension  (-1.97) (-3.95) (-3.33) (-5.23) (-42) (-2.18)

Transfer Share -.004 -.015
(-.29) (-1.41)

Low-Income -2.345 -2.882**

Targeting (-1.65) (-3.27)

Universalism 345 -.533
(.51) (-.95)

N 15,890 26,755 15,890 26,755 15,887 26,755

Countries 16 25 16 25 16 25

**p<0.01, *p<0.05.

Notes: These models are multi-level logit modelghwai random intercept, a random coefficient,
and an unstructured covariance matrix. The randosfficients are cross-level interactions
between the individual-level income variable anel ¢tbuntry-level dimension of welfare
transfers. Each model includes only one countrglleimension and only one cross-level
interaction. For example model 1 interacts transfiare and relative income while model 3
interacts low-income targeting and relative incoléindividual-level variables from Table 3
are included but not shown.

60



Appendix VI11. Comparison of KP Sample and 17 Rich DemocracieM#éxro-Level Bivariate
Associations Between Transfer Share and Low-Incbargeting: 1980s, 1990s and 2000s.

a) KP's Countries (N=11)
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Appendix | X. Comparison of KP Sample and 17 Rich DemocracieM#xro-Level Bivariate
Associations Between Poverty and Transfer Shai@04,9990s and 2000s.

a) KP's Countries (N=11)
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Appendix X. Comparison of KP Sample and 17 Rich DemocracieMéxro-Level Bivariate

Associations Between Relative Poverty and Low-Inedrargeting: 1980s, 1990s and 2000s.

a) KP's Countries (N=11)
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Appendix XI. Three-Way Scatterplots Between Dimensions of Wellaansfers.
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