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The aim of this paper is to explore the determinants of firms’ financial policies according to the 
manager’s psychological characteristics. More specifically, it examines the links between emotional 
intelligence, decision biases and the effectiveness of firms’ financial policies. The article finds that 
the main cause of an organization’s problems is the CEO’s emotional intelligence level. We intro-
duce an approach based on Bayesian network techniques with a series of semi-directive interviews. 
The research paper represents an original approach because it characterizes behavioral corporate 
policy choices in emerging markets. To the best of our knowledge, this is the first study in the 
Tunisian context to explore this area of research. Our results show that Tunisian leaders adjust their 
decisions (on investments and distributions) to minimize the risk of loss of compensation or repu-
tation. They opt for decisions that minimize agency costs, transaction costs, and cognitive costs.

Introduction
Recent research has focused on the importance of emo-
tion as it relates to intellectual abilities, particularly in 
organizations that evaluate employees’ abilities in terms 
of emotions rather than cognition (Brackett et al., 2006). 
The importance of emotional intelligence is emphasized 
because human relations in organizations are affected by 
emotional factors more than rational factors. The emo-
tional quotient is as important as the intelligence quo-
tient; indeed, the emotional intelligence of individuals 
who carry out duties and play essential roles in ensuring 
organizational outcomes is quite significant. Therefore, 

successful organizations require employees who can 
communicate effectively, control their emotions, and 
demonstrate their technical abilities (Fiori, 2009).

The implications of managerial characteristics on 
corporate decisions have only recently begun to be 
explored by behavioral finance researchers. The litera-
ture in behavioral finance departs from the traditional 
financial model to incorporate psychological evidence 
on non-standard preferences and beliefs. This approach 
examines the consequences of CEO behavioral biases 
based on such preferences and beliefs as loss aversion, 
optimism, overconfidence, etc., which are traits that 
have been shown to be prevalent in managers. The 
studies attempt to determine whether CEOs’ finan-
cial decisions are distorted by such behavioral biases 
(Azouzi & Jarboui, 2012; Backer, Ruback, & Wurgler, 
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2004; Hackbarth, 2009; Hawkins, Hoch, & Meyers-
Levy, 2001; Ho, 2009; Malmendier, Tate, 2010).

The presence of these heuristics effects such as emo-
tional bias pushes individuals to acquire emotional skills 
and regulate their emotions. Indeed, this research has 
encouraged researchers to use the concept of emotional 
intelligence to augment the unsatisfactory notion of IQ 
and to consider skills in emotional regulation as real 
capital. Mayer and Salovey (1997) showed that emo-
tional intelligence plays an important role not only in 
regulating and controlling emotions but also in devel-
oping intellectual and cognitive processes (Lopes et al, 
2005; Song et al, 2010). According to Anderson (1983), 
the absence of this skill implies an uncertainty that may 
lead an individual such as a CEO to react conservatively 
or refuse to make any decision (Trautmann, Veider, & 
Wakker, 2009) that is likely to alter his current status.

Our idea for this research was inspired by the be-
havioral approach, and the paper aims to highlight the 
role of emotional intelligence in minimizing the be-
havioral biases (optimism, loss aversion and overcon-
fidence) and improving CEO financial policies (choice 
of capital structure, investment decisions and dividend 
policies).

The article is structured as follows: Section 2 pres-
ents the related literature and the theories that moti-
vated the work, and Section 3 discusses the empirical 
strategies that were adopted. Section 4 discusses the 
main results, and Section 5concludes.

2. Literature Review and Hypothesis

2.1. Emotional intelligence concept (IE)
The study of the positive role of emotions in the 
decision-making process leads us to the concept of 
emotional intelligence (IE). Indeed, emotional in-
telligence is at the heart of the skills portfolio of an 
effective leader. Some authors even consider it a key 
driver of organizational performance (Côté et al., 
2010; Goleman, 2001;  Kilduff, Chiaburu, & Menges, 
2011; Song et al., 2010). In this section, we review the 
literature on emotional intelligence.

2.1.1. Definition
Salovey and Mayer (1990), who originally used the term 
“emotional intelligence”, initially defined it as a form of 
intelligence that involves the ability to monitor one’s 

own and others’ feelings and emotions, to discriminate 
among them and to use this information to guide one’s 
thinking and actions (Salovey & Mayer, 1990).

Later, the authors revised their definition of emo-
tional intelligence, and the current characterization is 
now the most widely accepted. Emotional intelligence 
is thus defined as the ability to perceive emotion, inte-
grate emotion to facilitate thought, understand emo-
tions, and regulate emotions to promote personal 
growth (Mayer & Salovey, 1997).

On the most general level, emotional intelligence is 
the ability to recognize and manage emotions in one 
and others (Goleman, 2001).

2.1.2. Emotional intelligence model
Each theoretical paradigm conceptualizes emotional 
intelligence from one of two perspectives: ability mod-
els or mixed models (Bar-On, 2002; Goleman, 1997). 
Ability models regard emotional intelligence as a pure 
form of mental ability and therefore as a pure intelli-
gence. In contrast, mixed models of emotional intel-
ligence combine mental ability with personality char-
acteristics such as optimism and well-being (Mayer, 
1999). Currently, the only ability model of emotional 
intelligence is that proposed by Mayer and Salovey. 
Two mixed models of emotional intelligence have been 
proposed, each with a somewhat different conception. 
In this section, we present Mayer and Salovey model, 
upon which our empirical work is based.

Salovey and Mayer: An Ability Model of Emotional 
Intelligence

Mayer and Salovey conception of emotional intel-
ligence was included within a model of intelligence, 
that is, its goal was to define emotional intelligence 
within the confines of the standard criteria for a new 
intelligence (Mayer, Salovey, & Caruso, 2008). The 
authors proposed that emotional intelligence is 
comprised of two areas: experiential (the ability to 
perceive, respond, and manipulate emotional infor-
mation without necessarily understanding it) and 
strategic (the ability to understand and manage emo-
tions without necessarily perceiving feelings well or 
fully experiencing them). Each area is further divided 
into two branches that range from basic psychologi-
cal processes to more complex processes integrating 
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emotion and cognition. The first branch, emotional 
perception, is the ability to be self-aware of emotions 
and to express emotions and emotional needs accu-
rately to others. Emotional perception also includes 
the ability to distinguish between honest and dishon-
est expressions of emotion. The second branch, emo-
tional assimilation, is the ability to distinguish among 
the different emotions one feels and to identify those 
emotions that influence one’s thought processes.

The third branch, emotional understanding, is 
the ability to understand complex emotions (such 
as feeling two emotions at once) and the ability to 
recognize transitions from one emotion to another. 
Finally, the fourth branch, emotion management, is 
the ability to connect or disconnect from an emo-
tion depending on its usefulness in a given situation 
(Mayer & Salovey, 1997).

2.1.3. Emotional intelligence, academic performance 
and social interactions
Recent research has focused on the importance of 
emotions in relation to intellectual abilities, particu-
larly in organizations that evaluate employees’ abilities 
in terms of emotions rather than cognition (Brackett 
et al., 2006). The importance of emotional intelligence 
is emphasized because human relations in organiza-
tions are affected by emotional factors more than by 
rational factors. Among the factors affecting individual 
effectiveness, the emotional quotient is as important as 
the intelligence quotient; indeed, the emotional intel-
ligence of individuals who carry out duties and play 
essential roles in ensuring organizational outcomes is 
quite significant. Therefore, successful organizations 
require employees who can communicate effectively, 
control their emotions, and demonstrate their techni-
cal abilities (Fiori, 2009).

Emotional intelligence measured through the suc-
cess of formally appointed leaders is associated with 
task performance and public speaking effectiveness 
(Rode et al., 2007) over and above both cognitive 
intelligence and personality traits. Fiori and Antona-
kis (2011) stressed the importance of emotional in-
telligence in a  leader’s management of change. The 
authors’ emotional intelligence model reflects an 
individual’s ability to manage his own emotions and 
those of others, especially in a way that enhances the 
effectiveness of cognitive processes. This type of emo-

tional intelligence allows a manager to generate and 
maintain enthusiasm, serenity and optimism in an 
organization through cooperation and mutual trust 
(Siu, 2009). In other words, an emotionally intel-
ligent leader uses his skills (including emotional in-
telligence) to generate and maintain mutual trust to 
achieve the organization’s objectives.

Finally, some authors proposed that emotional in-
telligence is a better predictor of cognitive and profes-
sional success (Fiori & Antonakis, 2011; George, 2000; 
Goleman, 2001; Song et al, 2010).

2.2. Hypothesis

2.2.1. Emotional intelligence, optimism and firm 
financial policies
Recently, more research on emotional intelligence has 
been implicated in developing international business 
capabilities and has been used to predict a  person’s 
performance in the workforce market or a non-work 
environment (Lin, Chen, & Song, 2012; Mount & 
Downton, 2006; Yoo, Matsumoto, & LeRoux, 2006). 
Emotional intelligence has been found to be positively 
related to leader performance (Rosete & Ciarrochi, 
2005) and commitment to the group or organization 
(Carmeli, 2003). Emotional intelligence allows manag-
ers to improve their skills in alternative assessments 
(strengths, weaknesses and characteristics of their 
companies). It reduces managers’ over-or underesti-
mates (overconfidence and optimism) about the value 
of their firms, which implies that emotional intel-
ligence reduces the suggestibility of leaders with be-
havioral biases and improves firms’ financial policies. 
Mavroveli et al. (2007) emphasized that a high level of 
emotional intelligence is positively associated with low 
CEO suggestibility to behavioral biases. The authors 
added that reducing the presence of emotion improves 
the effectiveness of decisions (financial policy).

Mayer and Salovey (1997) determined that emo-
tional intelligence plays an important role not only in 
regulating and controlling emotions but also in devel-
oping intellectual and cognitive processes (Lopes et al, 
2005; Song et al, 2010). This conclusion implies that 
an emotionally intelligent leader can efficiently evalu-
ate market reactions. He is aware of his firm’s financial 
policy. Côté et al. (2010) showed that an emotionally 
intelligent CEO has a  wide-open perspective, a  syn-
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thetic vision, and is able to comprehend an overall 
situation. In other words, a  high level of emotional 
intelligence reduces CEO suggestibility toward behav-
ioral biases and limits biased assessments based on 
underinvestment.

Zeidner, Matthews and Roberts (2004) demon-
strated the positive role that emotional intelligence can 
play in reducing the amount of optimism bias among 
executives. The authors argued that the success of indi-
viduals depends on their ability to control their emo-
tions, which implies a  positive correlation between 
emotional intelligence and the effectiveness of CEOs’ 
financial policies.

H1: The larger the decrease in CEOs’ optimism (dem-
onstrating a high level of emotional intelligence), the 
more effective a firm’s financial policies.

2.2.2. Emotional intelligence, loss aversion and firm’s 
financial policy 
Most studies on the significance of a  human perfor-
mance model concerning emotional intelligence criticize 
the theory that an individual’s knowledge, abilities, and 
specific skills determine the performance of an orga-
nization. This perspective considers that the emotions 
of individual employees have greater significance than 
their intellectual abilities in determining their long-term 
performance (Song et al, 2010). A  CEO’s high level of 
emotional intelligence improves his ability to process in-
formation, diagnose situations and evaluate alternatives. 
It should be noted that the choice of a  time horizon is 
positively correlated with a company’s growth opportuni-
ties and not with the duration of a CEO’s mandate, which 
implies a positive correlation between emotional intelli-
gence and the effectiveness of a CEO’s financial policies. 

Emotional self-awareness and understanding the 
triggering factors for emotions allow managers to 
select more appropriate actions and improve the ef-
fectiveness of CEO’s financial policies. For Damasio 
(1994), emotional intelligence improves the quality of 
decisions as well as the ability to adapt by allowing the 
harmonization of different cognitive processes. Some 
authors even regard emotional intelligence as an es-
sential, crucial motor of organizational performance 
(Goleman, 2001). 

Huy (2002) showed that emotional intelligence de-
velops through listening skills, communication, con-

flict management and leadership. Development capa-
bilities reduce CEOs’ suggestibility to behavioral biases 
and ensure the effectiveness of CEOs’ decisions. Emo-
tional intelligence reduces the feeling of loss aversion 
and encourages a leader to issue new shares. It allows 
a leader to effectively exploit the productive capacity of 
a business, including a firm’s financial policy.

Kafetsios and Zampetakis (2008) demonstrated 
that emotional intelligence has a  significant, direct 
influence on job satisfaction. Thus, well-managed 
emotions allow individuals to achieve the optimum 
use of their resources and capabilities. These skills 
are essential to adapt to specific situations. In other 
words, a high level of emotional intelligence improves 
cognitive flexibility of leaders, reducing their sug-
gestibility to behavioral biases (loss aversion) and en-
couraging them to make less biased decisions. These 
factors imply that there is a positive correlation be-
tween emotional intelligence and the effectiveness of 
CEOs’ financial policies. 

H2: The larger the decrease in CEOs’ loss aversion 
(demonstrating a high level of emotional intelligence), 
the more effective a firm’s financial policies.

2.2.3. Emotional intelligence, overconfidence and 
firm’s financial policies
A  growing body of empirical evidence suggests that 
emotional intelligence correlates robustly with a vari-
ety of outcomes that signal social emotional success, 
including more frequent positive effects, higher self 
esteem, greater life satisfaction, increased social en-
gagement, and a greater sense of well-being (Goleman, 
2001; Gond & Mignonac, 2002; Hess, 2003; Zeidner & 
Olnick-Shmesh, 2010). In other words, emotionally 
intelligent CEOs are less susceptible to the effects of 
emotional biases such as overconfidence.

Some studies have, suggested that individuals who 
are endowed with a high level of emotional intelligence 
are more aware of the factors that influence their posi-
tive and negative emotions (Karim, 2010; Rode et al., 
2007), which reduces the presence of emotional bias 
and encourages effective strategies.

Siu (2009) demonstrated the presence of a positive 
correlation between emotional intelligence and effec-
tive decision-making. The author argued that a  high 
level of emotional intelligence is positively associated 



Vizja Press&ITwww.ce.vizja.pl

9CEO Emotional Intelligence and Firms’ Financial Policies. Bayesian Network Method

with low susceptibility to behavioral biases (overcon-
fidence). Self-awareness and an understanding of oth-
ers’ emotions allow leaders to gain the confidence of 
stakeholders. This emotional regulation facilitates the 
negotiation of contracts with third parties, reduces 
transaction costs and ensures efficient operations. 
These conclusions simply a  positive correlation be-
tween emotional intelligence and the effectiveness of 
CEOs’ financial policies. 

Karim (2010) postulated that the level of emotional 
intelligence is an indicator of individuals’ effective-
ness. The author showed that emotional competencies 
are necessary for the proper operation of many of our 
faculties, such as memory, reasoning, decision-making 
and social adaptation. Haag and Laroche (2009) found 
that emotionally intelligent leaders communicate their 
visions to their teams better and generate more con-
vincing ideas. A  high level of emotional intelligence 
allows a leader to generate and maintain mutual trust 
with all of a company’s stakeholders. Emotional intel-
ligence facilitates the achievement of a CEO’s strategic 
forecasts through optimal financial policies.

H2: The greater the decrease in CEOs’ overconfidence 
(demonstrating a high level of emotional intelligence), 
the more effective a firm’s financial policies.

3.   Research method

3.1. Data
Our empirical study is based on quantitative research, 
and we use a questionnaire as our method of data col-
lection. Our questionnaire consists of four main parts 
based on the treated areas in the theories:
•	 The first part aims to identify the company.
•	 The second part focuses on determining the CEO’s 

emotional intelligence level.
•	 The third part determines the CEO’s loss aversion level.
•	 The fourth part provides the CEO’s level of opti-

mism and seeks to show the CEO’s level of over-
confidence.

The questionnaire is addressed to the CEOs of Tunisian 
companies. The selected sample consists of 100 man-
agers of industrial and commercial companies listed on 
the  Tunisian  stock exchange  in  2010 (28  companies) 
and 82non-listed companies.

Our choice  of listed companies  is justified by 
the  fact that these companies  are assumed to  be the 
most efficient, and they meet several conditions nec-
essary  for the reliability of  our study, including dif-
fuse shareholders and an important role for the board 
in the companies’ ownership structure;  these factors 
consequently increase the validity of our assumptions.

We decided  to exclude  financial firms: banks, 
insurance companies and investment companies, both 
for development and  portfolio management. These 
companies have different  characteristics from non-
financial businesses and their exclusion    avoids cor-
relation effects specific to a specific sector.

To obtain  a  representative sample  of the Tunisian 
market, we added other unlisted companies.

3.2. Variables’ measurement  
The objective of this section is to explain the measure-
ment of the variables’.

3.2.1. Choice of capital structure
The Appropriate measures  in the literature to  evalu-
ate three methods of financing are:

3.2.1.1. Internally generated resources (cash flow)
Studies  within the framework  of the financial theo-
ries  of investments have  resorted to many measures 
of  internal resources.  Cash flow  (CF) represents  the 
cash flow generated by a business’ activities and, is one 
of  the most appropriate measures (Lehen & Poulsen, 
1989; Naoui, Elgaied, & Bayoudh, 2008).
CF = Net income + Depreciation – Dividends
Cash flow rate (RCF) = CF / Total Assets

To show whether leader chooses to use internally 
generated resources, we use the change in cash flow 
rate. A  negative change indicates the use of internal 
resources.
Cash flow rate variation = RCFN- RCFN-1 / RCFN-1	 (1).

3.2.1.2. Debt level
A variety of variables are used to measure the level of 
a company’s debt. Measures such as the total debt ser-
vice ratio have been used by several authors (A. Hova-
kimian, G. Hovakimian, & H. Tehranian, 2004). Oth-
ers have used the debt ratio in the medium and long 
term (Myers, 2001).  The debt ratio  in the short 
term was also used by Titman (1984).
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Initial BVMT sample for 2010 50

Financial firms (22)

Other non-financial  firms 120

Insufficient data on emotional intelligence (40)

Insufficient data on the composition of the boards of directors (8)

Final sample 100

Table 1. Visited Companies

As part of  our analysis,  we propose to use  the debt 
ratio to measure the debt level. This ratio is calculated by:
Leverage ratios (LEV) = (Total debt / Total assets)

This measure was also  used by Ben-
kraiem  (2008),  Demaria  and Dufour  (2007), Jar-
boui and Olivero (2008), Koh (2003), Sahut and Ghar-
bi (2008).

To show whether a manager uses debt, we use the 
change in  the debt ratio.  A  positive change  indicates 
the use of debt.
Leverage ratios variation = LEVN- LEVN-1 / LEVN-1	 (2).

3.2.1.3. Equity level
This variable is  measured by the value  of equity  in 
a  company’s balance sheet. To show whether lead-
er chooses to increase capital, we use the variation in 
the percentage of investment. A positive change indi-
cates an increase of capital.

Level of capital invested (LCI) = Equity / Total assets
Level of capital invested variation = LCIN+
- LCIN-1 / LCIN-1	 (3).

A financial decision has 7 possibilities:
•	 1	if  the manager  chooses internally generated re-

sources: a positive variation in the cash flow rate.
•	 2 if  the manager  chooses  debt:  a  positive varia-

tion in the leverage ratio.
•	 3 if the manager chooses to increase capital: a posi-

tive variation in the level of invested capital.
•	 4 if the manager chooses internally generated re-

sources + debt: a positive variation in the cash flow 
rate and debt ratios.

•	 5 if the manager chooses internally generated re-
sources + an increase in capital: a positive variation in 
the cash flow rate and the level of capital invested.

•	 6 if the manager chooses debt + an increase in capi-
tal: a positive variation in the leverage ratio and the 
level of invested capital.

•	 7 if the manager chooses internally generated re-
sources + debt+ an increase in  capital: a positive 
variation in the cash flow rate, the leverage ratio 
and the level of invested capital.

3.2.2. Firms’ investment decisions
The purpose of this article is to demonstrate  the im-
pact of emotions on firms’ investment decisions (based 
on the investments’ nature, level and horizon). The ap-
propriate measures IN the literature to evaluate invest-
ment decisions are:

3.2.2.1. Assets specificity
In this study, we use the degree of assets intangibility as 
a  proxy  of the specific  investments.  The degree of  as-
sets intangibility can be appreciated on many levels. In 
studies devoted to the development of intangible invest-
ments in France, the Bank of France and the Ministry 
of Industry have often used the ratio of intangible assets 
to tangible assets. In Tunisia, as in France, the account-
ing records for intangible assets are derived  from  the 
capitalization of  such expenses.  However, the 
unavailability of  information  legitimizes  the use of 
the  amount of  intangible assets as presented  in the 
balance sheet, although these amounts are often consid-
ered doubtful because they are the result of discretion-
ary choices by a company’s leaders. Akin to the French 
context, the measurement of  intangible capital  in the 
Tunisian context  has the same problems, which  leads 
us to adopt accounting.

Based on the above discussion and the availability of 
data  for Tunisian companies,  we offer the following 
indicator of the degree of intangible expenses:
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Asset specificity rate (ASR)= 
= Intangible assets / Asset accounting	 (4).

This measure was also used by Cazavan-Jeny (2004), 
Moussu and Thibierge (1997), and Thibierge (2001).

3.2.2.2. Investment level
In this study,  we use  the presence of  free cash 
flow  and  growth opportunities  as two indicators of 
overinvestment  (low  future investment opportunities 
and free cash flow) or underinvestment (low free cash 
flow and future investment opportunities). The litera-
ture differs on how to measure free cash flow as con-
ceptualized by Jensen  (1986).  In general, however, 
free cash flow is defined as  operating  income  before 
depreciation, interest expenses  and  taxes, as well 
as dividends paid (Gul & Tsui, 1998; Jaggi & Gul, 1999; 
Lehen & Poulsen, 1989) divided by book value of to-
tal assets  to account for  effects related  to size (Lang, 
Schulz, & Walkling, 1991).
Free cash flow rate (FCFR) =
= Operating profit / Total assets	 (5).

Future investment opportunities are measured by To-
bin’s Q (Skinner, 1993). Tobin’s Q is defined as the ra-
tio of a firm’s market value to the replacement value of 
its assets (Griliches, 1981; Lindenberg & Ross, 1981; 
Megna & Klock, 1993; Skinner, 1993). If the value of 
Tobin’s Q is greater than one, the company has profit-
able investment opportunities  and vice versa. In our 
study, we use an approximation of Tobin›s Q that is, 
calculated as follows (Chung & Pruitt, 1994):

it it
it

it

MVS  D  
Q

A
+

≅  	 (6).

where MVS represents- the market value of common 
and preferred shares; D is the- book value of debt, 
defined as current liabilities plus long-term debt plus 
inventories minus current assets; and A is- total assets.

3.2.2.3. Investment horizon
Referring  to the theory  of agency, leaders have an 

obligation to obtain results in short horizons.  Their 
wealth is tied to the firm’s performance during the du-
ration of their mission, which is the period when they 
run  the firm.  These leaders  prefer  short-term invest-
ment projects to quickly determine the performance of 

these investments and reduce uncertainty about their 
own value on the labor market.

In this study, we use the rate of investment opera-
tions (industrial and commercial assets) as an indica-
tor of the investment horizon.
Capital expenditure rate (CER) =
= Operating assets / Total assets	 (7).

This measured was used by C. Chang, A. C. Lee and 
C. F. Lee (2009), Cliche (2000), Gervais Heaton and 
Odean (2002), Malmendier and Tate (2005).

An investment decision has 9 possibilities:
•	 1 if  the manager  chooses a  specific investment: 

a positive variation in the rate of asset specificity.
•	 2 if the manager chooses  overinvestment: low fu-

ture investment opportunities and free cash flow
•	 3 if the manager chooses underinvestment: low free 

cash flow and future investment opportunities.
•	 4 if the manager chooses long-term investment: 

a negative variation in the rate of capital expen-
ditures.

•	 5 if  the manager  chooses  short-term investments: 
a positive variation in the rate of capital expenditures.

•	 6 if  the manager  chooses  (overinvestment+ long-
term investment):a negative variation in the rate of 
capital expenditures, low future investment oppor-
tunities and free cash flow.

•	 7 if  the manager  chooses  (underinvestment+ 
short-term investments): a positive variation in the 
rate of capital expenditures, low free cash flow and 
future investment opportunities.

•	 8 if  the manager  chooses  (specific investment+ 
overinvestment + long-term investment): a positive 
variation in the rate of asset specificity, a  negative 
variation in the rate of capital expenditures, low fu-
ture investment opportunities and free cash flow.

•	 9 if  the manager  chooses  specific investment+ 
underinvestment + long-term investment): 
a positive variation in the rate of asset specificity, 
low free cash flow, future investment opportuni-
ties and a negative variation in the rate of capital 
expenditures.

3.2.3. Choice of dividend policy
The variable used to measure the dividend level is the 
distribution rate (Agrawal & Jayaraman, 1994; Rozeff, 
1982). The advantage of the distribution rate is that the 
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information is provided in terms of retention of earn-
ings  and, therefore, whether  the  flow (the retention 
rate is equal to 100 in the payout ratio).
Payout ratio =
= Dividend per share / Earnings per share	 (8).

3.2.4. Emotional bias
The questionnaire focuses on evaluating and scoring 
the three emotional biases (risk aversion, optimism 
and overconfidence). The questions were inspired 
from the questionnaires formulated by the Fern Hill 
and Industrial Alliance companies.

Emotional bias has 2 possibilities:
•	 1 if the individual has a high level for each bias.
•	 0 if the individual does not have has a high level for 

each bias.

3.2.5. The emotional intelligence measure: SSREI 
TEST
In this study, we generated a pool of 18 items (derived 
from Schutte et al, 1998, i.e.,the SSREI test) based on 
the theoretical model of emotional intelligence devel-
oped by Salovey and Mayer (1990). Each item selected 
for the initial pool of 18 items should reflect an adap-
tive tendency toward emotional intelligence within the 
model’s framework. The respondents used a  5-point 
scale, whereby “1” represents “strongly disagree” and 
“5” represents “strongly agree,” to indicate the extent 
of the fit for each item described. The entire model is 
represented by the items. Each of the first four authors 
independently evaluated each item for fidelity to the 
relevant construct, clarity and readability. Some of 
the items were deleted, while others were added or 
revised before they were pilot tested by asking several 
individuals to complete the questionnaire and note any 
unclear elements. This process eventually resulted in 
a pilot-tested pool of 18 items.

3.2.6. Control variables
Static trade-off theory (STT) and pecking order theory 
(POT) are the theories that address the issue of a firm’s 
financial decisions. The factors that explain a firm’s fi-
nancial decisions mainly concern the cost, size, level of 
risk, growth opportunities, and the structure of the as-
sets and the business (Booth et al, 2001).

We include three control variables in our model that 
explain the effectiveness of choices regarding a compa-

ny’s financial structure. These variables are proxies for 
profitability, firm size and growth opportunities.

We include three control variables in our study that 
explain the effectiveness of the choice of the capital 
structure of a company. These variables are also prox-
ies for profitability, firm size and growth opportunities.

3.2.6.1. Profitability
More profitable firms have, ceteris paribus, more in-
ternally generated resources to fund new investments. 
If their managers follow a pecking order, they will be 
less likely to seek external financing (Fama & French, 
2002). Thus, on average, these firms’ leverage ratios 
will be lower. In trade-off models, on the other hand, 
this relationship is inverted. More profitable firms 
are less subject to bankruptcy risks, ceteris paribus. 
Hence, their expected bankruptcy costs are reduced, 
and they can make more use of the tax shields pro-
vided by debt, thus choosing a position of greater le-
verage. We use the ratio of return on assets, ROA,  to 
measure this variable:
ROA=Earnings before interest, taxes, and deprecia-
tion divided by Total assets, lagged one year	 (9).

3.2.6.2. Firm size
Studies have suggested that the probability of bank-
ruptcy is lower in larger firms; therefore, their debt ca-
pacity is higher than smaller firms, with all else being 
equal. However, fixed transaction costs can make new 
stock issues unattractive to small corporations, stimu-
lating them to issue debt (Hovakimian et al, 2004; Ra-
jan and Zingales, 1998).

Indeed, most studies have used total assets or turn-
over as a measure for firm size (Bujaki &  Richardson, 
1997). In this paper, we measure firm size through the 
log of the firm’s total assets (LNSIZE).

3.2.6.3. Future investment opportunities
It has been argued that future profitable investment 
opportunities can influence corporate financing deci-
sions in different ways. In the context of the pecking 
order theory, firms that have many investment oppor-
tunities and believe that their stock (and risky bonds) 
is undervalued by the market may choose a  capital 
structure with less debt. If these firms maintained high 
debt ratios, they would be forced to distribute the pre-
cious cash flows generated by their business and could 



Vizja Press&ITwww.ce.vizja.pl

13CEO Emotional Intelligence and Firms’ Financial Policies. Bayesian Network Method

Class : Phenomena : Measure : Variables : Predictions :
Endogenous variables  :

CEOs’. EMOTIONAL 
INTELLIGENCE LEVEL

Perception and 
management 

emotions

calculated score 
on the basis 
of 33 items 

by Schutte et al., 1998

IE

Exogenous variables :
Yes No

Optimism Directors 
overestimate 

capacity of their  
firms

The questionnaire’s obtained score  OP - +

Lost aversion Loss rumination 
and reputation

The questionnaire’s obtained score  LA - +

Overconfidence Directors 
overestimate 

their  personal 
competences

The questionnaire’s obtained score  OVER - +

Choice of capital 
structure

Internally 
generated 

resources(cash 
flow)

CF = Net income + Depreciation – 
Dividend

Cash flow rate (RCF) = CF / Total assets
)

Cash flow rate variation = RCFN- RCFN-1 
/ RCFN-1

CF + -

Debt level Leverage ratios (LEV)= (Total debt / 
Total assets)

Leverage ratios variation = LEVN- LEVN-1 
/ LEVN-1

LEV + -

Equity level Level of capital invested (LCI) = Equity / 
Total assets

Level of capital invested variation = LCIN- 
LCIN-1 / LCIN-1

EQ + -

Investment decision Asset specificity Asset specificity rate (ASR) = Intangible 
assets / Asset accounting.

AS + -

Investment level Free cash flow rate (FCFR) = Operating 
profit / Total assets. and

it it
it

it

MVS  D  
Q

A
+

≅

INL + -

Investment 
horizon

Capital expenditure rate 
(CER) = Operating assets / Total assets

INH + -

Table 2. Operational definitions of variables
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face the need to issue undervalued securities to fund 
new projects. This process could, in turn, induce un-
derinvestment. A  more static version of the pecking 
order model, on the other hand, predicts that firms 
with more future opportunities will be more levered, 
ceteris paribus, because they need more external fi-
nancing, and issuing debt is preferable to issuing new 
stock. (Booth et al, 2001; Naoui et al, 2008; Rajan & 
Zingales, 1998).

We use the Tobin’s Q to measure this variable, es-
timated with the approximation formula proposed by 
Chung and Pruitt (1994):

it it
it

it

MVS  D  
Q

A
+

≅ 	 (6)

Where MVS represents the - market value of common 
and preferred shares; D is the - book value of debt, 
defined as current liabilities plus long-term debt plus 
inventories minus current assets; and A is total assets.

For simplification purposes, the summary of each 
variable’s range in the model, its name and its expected 
impact on the choice of capital structure are depicted 
in Table 2.

3.3. Bayesian Network Method
There are many versions of the definition of a Bayesian 
network, but the basic form (Pearl, 1986) can be stated 

as follows: a Bayesian network is a directed probability 
graph, connecting the relative variables with arcs, and this 
type of connection expresses the conditional dependence 
between the variables. The formal definition follows.

A  Bayesian network is defined as the set of {D, S, 
P}, where.
(1)	D is a  set of variables (or nodes). In our case, D 

consists of the choice of capital structure, opti-
mism, loss aversion, overconfidence, profitability, 
firm size and future investment opportunities.

(2)	S is a  set of conditional probability distributions 
(CPD). S = {p (D /Parents(D) / D ∈ D}, Parents(D) 
⊂ D stands for all of the parent nodes for D, and 
p(D/Parents(D) is the conditional distribution of 
variable D.

(3)	P is a set of marginal probability distributions. P = 
{p(D) / D ∈ D } stands for the probability distribu-
tion of variable D.

In the Bayesian network, variables are used to express the 
events or objects. The problem can be modeled with the 
behavior of these variables. In general, we first calculate (or 
determine from expert experience) the probability distri-
bution of each variable and the conditional probability dis-
tribution between them. Then, from these distributions, we 
can obtain the joint distributions of these variables. Finally, 
some deductions can be developed for some variables of 
interest using some other known variables.

Class : Phenomena : Measure : Variables : Predictions :
Control variables:

Profitability Reports on 
the company’s 

ability to meet its 
commitments

ROA= Earnings before interest, taxes, 
and depreciation divided by total assets, 

lagged by one year

PF + -

Firm size Firms signaled 
performance

Ln (total assets) LNSIZE + -

Future investment 
opportunities

Indicates the 
productive 

capacity of the 
company

it it
it

it

MVS  D  
Q

A
+

≅

MVS – market value of common and 
preferred shares; D – book value of debt, 

defined as current liabilities plus long-
term debt plus inventories minus current 

assets; A – total assets.

FIO + -

Table 2. Continued
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In our study,  we attempt to  show the evolution of 
CEO financing policy according to  the evolution  of 
the CEO’s emotions  and  the characteristics of his 
company. Thus,  we must theoretically show that  the 
company’s financial policy (choice of capital structure, 
investment decisions and dividend policy) depends on 
the CEO’s emotional intelligence level, the CEO’s emo-
tional biases (the CEO’s optimism level, loss aversion 

and overconfidence), firm profitability, firm size and 
the  firm’s future investment opportunities.

3.3.1. Define network variables and values
The first step in building a Bayesian network expert is 
to list the variables recursively, starting from the target 
variable to the causes. Thus, we present the variables in 
this order in table 3.

Variables Type

Emotional intelligence Discreet : YES/NO

Dividend policy Discreet : YES/NO

Investment decision Discreet [1 ; 2 ;3 ;4 ;5 ;6 ;7 ;8 ;9]

Choice of capital structure Discreet [1 ; 2 ;3 ;4 ;5 ;6 ;7]

Optimism Discreet : YES/NO

Loss aversion Discreet : YES/NO

Overconfidence Discreet : YES/NO

Profitability Discreet : YES/NO

Firm size Discreet [1 ; 2 ; 3]

Future investment opportunities Discreet : YES/NO

Table 3. The network variables and their values

 

Figure 1.    

Relationship between CEO Emotional Intelligence and Firms’ Financial Policies: Bayesian Network 
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Figure 1. Relationship between CEO Emotional Intelligence and Firms’ Financial Policies: Bayesian Network
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3.3.2. Graphic model
The second step in the construction of a  Bayesian 
network is to express  the relationships between  the 
variables.  The BayesiaLab takes the database as a dis-
crete entry process without sampling the data. The con-
structed Bayesian network is  the result for  the entire 
database. According to  the data that  we accumulat-
ed through the questionnaire; we have established the 
relationships in Figure 1.

4. Empirical results

4.1. Analysis of the relationships discovered
The relationships between the variables in the da-
tabase are directed at  the parent node child node. 
Each relationship  is composed of  three differ-
ent measures:  the Kullback-Leibler, the relative 
weight  and the  Pearson correlation  (direction of 
relationship).  

Parentnodes Child nodes
Kullback-

Leiblerdivergence
Poids relative Relative weight

CSC IND 0,892199 1,0000 0,1840*

FIO IND 0,696608 0,7808 0,2455

OP CSC 0,608921 0,6825 -0,0985*

LA EI 0,584167 0,6548 -0,7875

EI IND 0,366895 0,4112 0,1392*

OVER CSC 0,290961 0,3261 0,3086

DV IND 0,234745 0,2631 -0,0843*

EI CSC 0,197150 0,2210 0,2392

FSIZE LA 0,193522 0,2169 -0,3519

FSIZE OP 0,191295 0,2144 0,2133

OP IND 0,174818 0,1959 -0,1089*

CSC DV 0,156985 0,1760 -0,0293**

FIO OVER 0,135048 0,1514 0,0346**

PF OVER 0,134062 0,1503 0,1251

OP DV 0,119795 0,1343 0,5731

FSIZE OVER 0,108402 0,1215 0,0429**

FIO OP 0,097059 0,1088 -0,0688**

PF OP 0,096918 0,1086 0,1714*

LA CSC 0,090661 0,1016 -0,1251*

PF LA 0,077256 0,0866 -0,1662*

OP EI 0,074753 0,0838 0,2206

LA OVER 0,053792 0,0603 -0,1555*

FIO LA 0,044916 0,0503 -0,0308**

OVER OP 0,042004 0,0471 -0,0159***

EI DV 0,036821 0,0413 0,0057***

OVER EI 0,020380 0,0228 0,2053

LA DV 0,005654 0,0063 0,0655**

Table 4. The relationships  analysis

Notes:
a. Kullback-Leibler close to 1: important correlation between the variables
b. Relative weight close to 1: important correlation between the variables.
c. Pearson  correlation:*,**,*** at 10%,5%, and1levels respectively .
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The relative weight  scale is 0  to 1.  Thus, Table 4 
shows the relationship analysis results between the vari-
ables across the network and their Pearson correlations.

The test shows a  positive correlation (β = 0.1848) 
between the choice of capital structure and invest-
ment decisions. The results also show the presence 
of a  strong and non-significant relationship between 
future investment opportunities and investment de-
cisions (Kullback-Leibler = 0.7202 / weight ratio = 
0.7375 / β = 0.2702). In addition, the CEO’s choice 
of  capital structure is negatively correlated with the 
CEO’s optimism rate (β = -0.0985) and level of loss 
aversion (β = -0.1251). Investment decisions are posi-
tively correlated with the CEO’s overconfidence level 
(β = 0.1531) and negatively correlated with the CEO’s 
loss aversion rate (β = -0. 0912) and optimism level (β 
= -0.1089). The relationships analysis shows a negative 
correlation between a firm’s choice of capital structure 
and dividend distributions (β = -0.0293). Finally, divi-
dend distributions are positively correlated with the 
CEO’s loss aversion level (β = 0.0655) and optimism 
level (β = 0.5731) and negatively correlated with in-
vestment decisions (β = -0.0843).

The CEO’s emotional intelligence level is positively 
correlated, but not significantly, with a firm’s choice of 
capital structure (Kullback-Leibler = 0.1971 / weight 
ratio = 0.2210 / β = 0.2392). This result confirms our 
theoretical predictions (H1, H2 and H3) and shows the 
positive effect of the CEO’s emotional intelligence on 
the effectiveness of his decision.

The results show a positive ( β= 0.1392) and strong 
relationship (Kullback-Leibler = 0.3668 / weight ratio 
= 0.4112)between the CEO’s  emotional intelligence 
and firms’ investment decisions. 

Emotional intelligence is correlated (Kullback-
Leibler = 0.0368 / 0.0413 = relative weight), both 
positively and significantly (β = 0.0057),  with a firm’s 
dividend policy.

CEO optimism is correlated (Kullback-Leibler 
= 0.0747 / 0.0838 = relative weight) positively (β = 
0.2206) with the CEO’s emotional intelligence level. 
This result shows that emotional intelligence helps to 
develop some behavioral biases (including optimism).

A leader’s loss aversion is negatively and not signifi-
cantly correlated with the leader’s level of emotional 
intelligence (Kullback-Leibler = 0.5841 / 0.6548 = rela-
tive / β = -0.7875). This result implies that a high level 

of emotional intelligence minimizes the suggestibility 
frame work for certain behavioral biases (including 
loss aversion).

A  leader’s overconfidence is positively correlated 
with his emotional intelligence level (Kullback-Leibler 
= 0.02038 / 0.0228 = relative / β = 0.2053). This result 
shows that emotional intelligence helps to develop 
some behavioral biases (including overconfidence).

The relationship analysis shows that firm size affects 
CEOs’ emotional state. Thus, firm size negatively af-
fects a CEO’s loss aversion level (β = -0.3519) and is 
positively correlated with a CEO’s level of optimism (β 
= 0.2133) and rate of overconfidence (β = 0.0429).

Future investment opportunities are positively cor-
related with CEO overconfidence (β = 0.0346) and 
negatively correlated with the CEO’s loss aversion level 
(β = -0.0688) and, level of optimism (β = -0.0308).

Firm profitability is negatively correlated with the 
CEO’s loss aversion rate (β = -0.1662), optimism level 
(β = 0.1714) and overconfidence (β = 0.1251).

The relationship analysis shows a negative correla-
tion between a leader’s  loss aversion level and his over-
confidence (β = -0.1555).

Finally, the results also show a negative correlation 
between a  leader’s overconfidence and his optimism 
level (β = -0.0159).

4.2. Target variable analysis: emotional 
intelligence
To analyze  a  CEO’s emotional intelligence level, we 
choose  the variable CEO emotional intelligence level 
(EI) as a  target variable  in the Bayesian network. We 
can then use the  function that generates  the analysis 
report for the target, the CEO’s emotional intelligence 
level. In this report, the relationship between a CEO’s 
emotional intelligence level and the other variables is 
measured with binary mutual information and the 
relative binary importance. The mutual information of 
two random variables measures the statistical depen-
dence of these variables. It is measured in bits. 

The emotional intelligence analysis shows 
that49.58% of Tunisian CEOs are emotionally intelli-
gent and 50.42% are not.

If the leader is not emotionally smart node big-
gest is loss aversion (relative importance = 1). The 
other explanatory variables are choice of capital 
structure (relative importance = 0.5549), firm size 
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(relative importance = 0.1403), firm investment 
decisions (relative importance= 0.1184), CEO op-
timism level (relative importance = 0.0626), CEO 
overconfidence (relative importance = 0.0542) and 
firm profitability (relative importance = 0.0300). 
Thus, the results show that 100% of CEO loss aver-
sion, 37.68% preference for capital increase, a large 
size at 46.01%, 18.02% underinvestment preferably, 
51.65% of pessimism, 50.66% of non suggestibility 
to overconfidence and 63.54% of low profitability 
imply the presence of a non-emotionally intelligent 
leader with 50.42%.

If a  leader is emotionally intelligent, the most im-
portant node is the CEO’s loss aversion (relative im-

portance = 1). Other factors are the choice of capital 
structure(relative importance = 0.5549), firm size (rela-
tive importance = 0.1403), investment decisions (rela-
tive importance = 0.1184), level of optimism (relative 
importance = 0.0626), overconfidence (relative impor-
tance = 0.0542) and profitability (relative importance 
= 0.0300). Thus, the results show that 76.74% of loss 
aversion, 27.54% of the torque flow preference for more 
debt, large size with a  probability of 74.22%, 21.77% 
preference for specific investments and long-term 
underinvestment, an officer with CEO optimistic of 
70.04%, 69.51% of overconfidence leader and profitabil-
ity 51.67% are positively correlated with the presence of 
a smart leader emotionally for a probability of 49.58%.

EI = NO (50,42%)

Nodes
Binary mutual 
information

Binary relative 
importance

Modal value

LA 0,5665 1,0000 YES 100,00%

CSC 0,3143 0,5549 EQ 37,68%

FSIZE 0,0795 0,1403 BIG 46,01%

IND 0,0671 0,1184 UNINV 18,02%

OP 0,0355 0,0626 NO 51,65%

OVER 0,0307 0,0542 NO 50,66%

PF 0,0170 0,0300 NO 63,54%

FIO 0,0008 0,0014 YES 54,37%

DV 0,0000 0,0000 YES 70,37%

EI = YES (49,58%)

Nodes
Binary mutual 
information

Binary relative 
importance

Modal value

LA 0,5665 1,0000 NO 76,41%

CSC 0,3143 0,5549 CF+LEV 27,54%

FSIZE 0,0795 0,1403 BIG 74,22%

IND 0,0671 0,1184 AS+LTIN+UNINV 21,77%

OP 0,0355 0,0626 YES 70,04%

OVER 0,0307 0,0542 YES 69,51%

PF 0,0170 0,0300 YES 51,67%

FIO 0,0008 0,0014 YES 57,66%

DV 0,0000 0,0000 YES 70,89%

Table 5. Target variable analysis

Notes:
a. Mutual information: the amount of information given by a variable on the target value.
b. Relative importance:  the importance of this variable with respect to the target value.
c. Modal value: the average value of the explanatory variable for eachtarget value.



Vizja Press&ITwww.ce.vizja.pl

19CEO Emotional Intelligence and Firms’ Financial Policies. Bayesian Network Method

4.3. Average target maximizing analysis
After presenting  all of the  explanatory variables 
for each category of the target variable,  we now intro-
duce the variables that maximize each modality of the 
target variable. Thus, we use the target dynamic pro-
file  capability  software  (Bayesialab) to determine an 
a  posteriori  maximization  of the target average. This 
test shows the case required to maximize the value of 
the target variable. Table 6 presents the dynamic pro-
file of the CEO’s emotional intelligence level (EI).

The dynamic profile analysis of the CEO’s emotional 
intelligence provides the following results:

The increased preference for directing flow of 
89.82% and decrease the level of overconfidence with 
probability 100% involves a decrease in the emotional 
intelligence level to 50.42%.

The lower level of a  CEO’s loss aversion of 100% 
is positively correlated with anincrease in the CEO’s  
emotional intelligence score of 49.58%.

5. Conclusion

This research examines the determinants of firms’ 
financial policiesfrom  a behavioral perspective.

The theoretical analysis highlights the role of a CEO’s 
emotional profile (emotional biases and emotional in-
telligence) in explaining  the CEO’s decisions (Bar-On, 
2002; Damasio, 1994; George, 2000; Goleman, 1997; 

2001; Mayer & Salovey, 1997). Management theory has 
revealed the existence of strong emotional interactions 
between a companies’. Several studies have shown that 
emotions and moods play a vital role in organizations 
performance (Damasio, 1994). An individual’s emo-
tional state and his intuition, often addressed by one’s 
past experiences, guide an individual in the decision-
making process. Emotional intelligence is the ability to 
perceive, feel, understand and regulate one’s emotions in 
the context of emotional and intellectual development 
(Mayer & Salovey, 1997). An emotionally intelligent 
leader has a wide perspective, an open, synthetic vision, 
and a global understanding of a situation. Such an in-
dividual is aware of the emotional states of his partners 
and uses this knowledge as a strategic hedge against the 
risk of loss of his position or reputation. Hence, the spe-
cific nature of the choice, the level of investment and the 
investment horizon(long term or short term) are guided 
by a CEO’s level of emotional intelligence and his sug-
gestibility to behavioral biases. Thus, an emotionally 
intelligent leader has low suggestibility and low levels of 
behavioral biases (optimism, loss aversion and overcon-
fidence) and chooses specific assets, underinvestment 
and long-term investment projects.

Thee empirical analysis is based on a survey of CEOs 
of large private companies in Tunisia. The analysis re-
veals the importance of a CEO’s emotional intelligence 
in explaining a  firm’s financial policies. Indeed, the 
empirical analysis of the relationship between a CEO’s 

EI = NO

Nodes Optimal modality Probability Joint probability

A priori 50,42% 100,00%

CSC CF 89,82% 11,90%

OVER NO 100,00% 8,55%

EI = YES

Nodes Optimal modality Probability Joint probability

A priori 49,58% 100,00%

LA NO 100,00% 37,89%

Table 5. Target variable analysis

Notes:
a. Optimal modality: modality is maximizing the target value.
b. Probability: the prior probability of each variable.
c. Joint probability: the probability that the target variable takes the value n given that the explanatory variable takes the value p.
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emotional intelligence and the firm’s choice of capital 
structure demonstrates the role of emotional intel-
ligence in explaining managerial decisions. A leader’s 
emotional intelligence is positively correlated with his 
overconfidence and optimism, but emotional intel-
ligence is negatively correlated with a  CEO’s level of 
loss aversion. The increase optimism (and / or over-
confidence) and decrease the level of aversion to loss 
of incentive to choose the combination to achieve flow 
more debt investment projects. This leader optimistic 
or overconfident opts for decisions specific invest-
ment to improve the competitiveness of its business 
and ensuring creation of long-term value. He prefers 
to underinvestment to limit the maximum recourse to 
external financing and how to hedge against the risk of 
loss of compensation or reputation.

Finally, financial policy analysis that integrates the 
behavioral dimension allows richer predictions from 
organizational theories: leaders adjust their decisions 
(on investments and distributions) to minimize their 
risk of  loss of compensation or reputation. They opt 
for decisions that minimize agency costs, transaction 
costs, and cognitive costs.
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