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Abstract

This study analyzes the accuracy of forecasted target prices within analysts’ reports. We compute a measure
for target price forecast accuracy that evaluates the ability of analysts to exactly forecast the ex-ante (un-
known) 12-month stock price. Furthermore, we determine factors that explain this accuracy. Target price
accuracy is negatively related to analyst-specific optimism and stock-specific risk (measured by volatility and
price-to-book ratio). However, target price accuracy is positively related to the level of detail of each report,
company size and the reputation of the investment bank. The potential conflicts of interests between an ana-
lyst and a covered company do not bias forecast accuracy.

Keywords: target prices, forecast accuracy, financial report, security analysis, efficient capital markets,
financial analysts, conflicts of interest, analyst report, equity analysis, forecast deviation, information
content
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1 Introduction delivered data concerning this measure. This infor-
Analysts’ reports play a decisive role in capital mar- ~ mation is taken from Brav and Lehavy (2003). Oth-
kets. Along with company releases, reports issued ~ €r studies from Asquith, Mikhail, and Au (2005),
by financial analysts provide information for all ~ Gleason, Johnson, and Li (2008), and Bradshaw
kinds of different market participants such as fund ~ @nd Brown (2006) similarly showed that target
managers, pension managers, or high-wealth inves- ~ Price availability started in 1997. Nevertheless, via
tors. Consequently, economic research has focused ~ target prices (in relation to current stock prices)
on analyzing whether capital markets react to ana-  analysts can disclose more detailed information
lysts’ reports. Various studies have found that mar- ~ concerning their view of the covered company,
ket participants appreciate the information derived ~ compared to simply disclosing recommendation
by analysts. However, traditional studies (e.g., Ab-  levels. Current US literature documents that target
del-Khalik and Ajinkya 1982, Elton, Gruber, and prices are paid significant attention by the market.
Grossmann 1986, Lys and Sohn 1990, Stickel 1991, ~ Brav and Lehavy (2003), for example, analyzed the
Stickel 1995, Womack 1996, Mikhail, Walther, and market reaction to the publication of target prices.
Willis 1997) have focused exclusively on the market ~ Within their analysis, they form portfolios based on
impact of recommendations (e.g., levels like buy, the revision of the target price scaled by the pre-

hold and sell recommendations or their revisions) announced stock price. Whereas the average buy-
and earnings forecasts which analysts disclose in ~ and-hold abnormal return for the least favourable

their reports. revisions is -3.96%, it increases to +3.21% for the

The literature only recently shifted its focus towards ~ MOSt favourable revisions. Similarly, Asquith, Mi-
a third quantitative measure: target prices. This is  Khail, and Au (2005) set up a model which includes
due to the fact that major databases like First Call ~ target price changes in addition to recommendation
from Thomson Financial initiated coverage of target ~ and earnings forecast changes. They find that the
prices only at the end of 1996. Hence, 1997 is the market reacts more to target price forecast revisions

first complete year where standard data providers  than to earnings forecast revisions. For the German
market, Kerl and Walter (2008) found similar evi-

74



BuR - Business Research

Official Open Access Journal of VHB

Verband der Hochschullehrer fiir Betriebswirtschaft e.V.
Volume 4 | Issue 1 | March 2011 | 74-96

dence concerning the importance of target prices for
capital markets. Within reports from the Investext
database, they found that an upgraded recommen-
dation is associated with a target price revision of
+10.5%, whereas analysts’ reports which downgrade
a recommendation also downgrade the target price
forecast by —8.9%. Based on their regression model,
they found that target prices add information in
excess of the general "summary measures" as, e.g.,
recommendation and earnings forecast revisions.
However, the authors showed that in particular
target price revisions of highly reputable investment
banks contain value-relevant information. Follow-
ing these papers, target price estimates are not
merely a function of earnings estimates, but contain
value-relevant information for capital markets.
Since earnings forecasts, recommendation levels
and target prices have proven value-relevance, re-
searchers focused on analyzing forecast accuracy.
Brown (2000) provided a review of studies analyz-
ing the question of whether the analysts’ forecasts
(mainly on earnings and stock recommendations)
are accurate and whether investors could earn ab-
normal returns by following these recommenda-
tions. With respect to the accuracy of earnings fore-
casts, Loh and Mian (2006) and Ertimur, Sunder,
and Sunder (2007) found that analysts who issue
more accurate earnings forecasts also issue more
profitable stock recommendations. Loh and Mian
(2006), for instance, described a strategy that is
long in the favourable stocks and short in the unfa-
vourable stocks that are issued by the most accurate
analysts (in terms of earnings forecast accuracy).
Such a strategy leads to a statistically significant
average monthly return of 0.737% (the four-factor
alpha which uses risk premium, company size,
book-to-market and momentum as factors, Carhart
1997). However, recommendations from analysts,
who belong to the lowest accuracy quintile, lead to a
monthly average return of statistically signifi-
cant -0.529%. Overall, the recommendations of
highly accurate analysts outperform recommenda-
tions of those analysts, who belong to the least accu-
rate quintile by 1.27% per month. Their results show
that investors who have access to information is-
sued by competent, highly accurate analysts are
rewarded.

With respect to the accuracy of target price fore-
casts, Asquith, Mikhail, and Au (2005) analyzed
whether the current stock price reaches or exceeds
the target price within the 12-month period. The
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authors concluded that price forecasts are achieved
in 54.28% of all cases. If the target price is achieved,
the company’s maximum (minimum) stock price
overshoots the target price by 37.27% during the 12
months, whereas otherwise the company’s maxi-
mum (minimum) stock price undershoots the target
by 15.62%. Bradshaw and Brown (2006) found that
expected returns, which they derive from the ratio of
the target price compared to the actual stock price,
exceed actual returns by 35%. Only 24% of target
price forecasts are met at the end of the 12-month
period. The authors explained the low performance
of their analysts’ forecasts (in comparison to As-
quith, Mikhail, and Au 2005) with generally lower
skills of those analysts who are not highly ranked
and a focus on both bull and bear markets. Addi-
tionally, Bradshaw and Brown (2006) concluded
that superior earnings forecasting abilities do not
lead to superior target price forecasting abilities.
Contrarily, Gleason, Johnson, and Li (2008) found a
positive association between earnings forecast accu-
racy and the profitability of target prices. The au-
thors explained this finding by considering the effect
of valuation model use on target price accuracy.
Bonini, Zanetti, Bianchini, and Salvi (2010) devel-
oped inaccuracy measures and compared them to
the actual returns realized by each stock. They found
that forecasting accuracy is very limited with predic-
tion errors up to 46%.

This paper analyzes the accuracy of analysts’ target
price forecasts. This topic is currently discussed in
the literature and has, to the best of our knowledge,
not been analyzed before for the German market.
Our main contribution is to analyze potential factors
that might be relevant for explaining target price
accuracy. For the first time, we take the text-based
informational depth of each analyst report into ac-
count to evaluate whether those analysts who pro-
vide additional information also issue more accurate
target prices. Furthermore, we evaluate the target
price accuracy in light of the reputation of the issu-
ing bank and with respect to potential conflicts of
interest which might impact the issued reports —
two topics which are currently heavily discussed in
the literature.

Results based on the accuracy measure show that
the target price accuracy level for the total sample
amounts to 73.64% after 12 months. Splitting the
sample according to the type of recommendation
shows an accuracy level for buy recommendations
of 75.69%, whereas it decreases for sell recommen-
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dations to 59.43%. For the total sample, the compa-
ny’s maximum (minimum) stock price within the
12-month period overshoots the target price fore-
casts, on average, by 17.72%. However, only 56.53%
of the forecasts are met within the 12-month period.
In these cases, maximum (minimum) stock prices
overshoot target prices by 41.96%. For the remain-
ing reports, where the target prices are not reached
within the 12-month period, the stock price within
the 12-month period reaches 86.20% of the fore-
casted price. Overall, it takes a median of 72 days to
reach the target price for those stocks that succeed
in doing so. Whereas hold and sell recommenda-
tions reach their target prices (if they do so) in about
50 days, it takes buy recommendations twice as
long.

Our main focus is to distinguish between potentially
relevant factors that explain target price accuracy.
Results show that the stock price potential estimat-
ed by an analyst is negatively related to the level of
forecast accuracy. Within this analysis, the estimat-
ed potential is defined as the absolute value of the
target price divided by the current stock price minus
one, subtracted by the one-year market-model re-
turn. Hence, target prices that highly deviate from
the current stock price are, after 12 months, not as
likely to be exactly reached compared to target pric-
es that only marginally deviate from the current
stock price. Furthermore, the text-based informa-
tional depth seems to be a proxy for thorough re-
search by analysts. Results show that target price
forecasts issued by analysts who also provide a de-
tailed rationale in their report are marginally more
accurate compared to less thoroughly researched
reports. This result, however, is mainly true for the
sample of positive recommendations. Additionally,
results show that analysts’ forecasts for stocks with a
large market capitalization are more accurate. On
the other hand, target price estimates for highly
volatile stocks are less accurate compared to stocks
with low volatility. One might argue that it is harder
to make a precise forecast for stocks with higher
stock volatility. Within further analyses, we scale
each forecast and forecast error by its (one-year)
stock volatility to put both measures on a level play-
ing field. Results with respect to the relevant factors
explaining target price accuracy are basically identi-
cal after scaling by volatility and are discussed in
Section 4.3. With respect to reputation, results re-
veal that highly reputable banks issue target prices
which are more accurate (at least for all positive
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recommendations). Finally, results show that target
price accuracy does not depend on potentially exist-
ing conflicts of interest.

The remainder of the paper is structured as follows.
Section 2 describes the sample selection process
along with descriptive statistics. Section 3 introduc-
es the measures employed to compute target price
accuracy and discusses its potential determinants.
Section 4 displays results before Section 5 con-
cludes.

2 Database

2.1 Database and sample selection

To analyze target price forecasts that are disclosed
within analysts’ reports issued for German stocks,
we focus on the period from 2002 to 2004. We
make use of the Investext database from Thomson
Financial which provides analysts’ financial reports
in their original form. Investext claims to provide
reports of over 450 different banks and independent
research firms that cover more than 30,000 reports
worldwide. For the German market, the database
comprises 31,423 reports in the years from 2002 to
2004. Due to our research questions, we are re-
quired to read each of the reports in its entirety, a
procedure which takes about 30 minutes per report.
Therefore, we restrict the sample based on two
rules: First, we exclusively focus on reports from
banks that appear in the Institutional Investor’s
ranking in at least one year during the investigation
period. Banks only show up in this ranking if they
employ analysts who are part of the Institutional
Investor All-European Research Team. The maga-
zine Institutional Investor conducts an annual sur-
vey among a large number of buy-side managers
who are asked to rank sell-side analysts along the
dimensions stock-picking ability, earnings forecast
accuracy, quality of written reports and overall ser-
vices. Once an analyst is recognized as a top analyst
in a given industry in the survey, he becomes a
member of the Institutional Investor’s All-European
Research Team. US research commonly refers to the
Institutional Investor’s rankings as a selection crite-
rion to distinguish valuable financial research (e.g.,
Stickel 1992, Previts, Bricker, Robinson, and Young
1994, Stickel 1995, Womack 1996, Asquith, Mikhail,
and Au 2005, Fang and Yasuda 2010). However,
Bradshaw and Brown (2006) considered that ana-
lysts might have no incentive to provide accurate
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target prices since the membership of the Institu-
tional Investor All-American Research Team is not
based on target price accuracy but on factors includ-
ing earnings forecast accuracy and quality of stock
recommendations. This procedure results in 13
investment banks (such as BNP Paribas, Credit
Suisse First Boston, Deutsche Bank, JP Morgan,
and UBS) for which Investext provides reports.
Second, we focus on reports featuring a length in the
range between three and twenty pages. This results
in 10,364 reports that match the search criteria.
Since we have to read each report in its entirety, we
draw a random sample of 1,000 reports that repre-
sent approximately 10% of the whole population.

2.2  Descriptive statistics on the covered
companies

Table 1 shows the 10 most heavily covered stocks. As
can be gleaned from the table, the list is headed by
Siemens covered by 40 reports within the selected
time period and closely followed by SAP and
Volkswagen. However, as shown in the second col-
umn, coverage is quite widely disbursed in our sam-
ple. Although heading the list, analyst reports cover-
ing Siemens represent only 4% of the total sample.
In total, 131 different companies are covered by the
research industry. Table 1 gives details on a ran-
domly selected report for each of the specific com-
panies. A report on Linde, for example, was

Table 1: Top 10 most heavily covered companies within database

# Reports Relative @~ Company  Broker Report Recom-  Earnings Target Current
in sample share date menda- per share price stock
tion forecast price
40 4.0% Siemens Deutsche 12.04.2002 Buy 3.9 90 68.4
Bank
36 3.6% SAP ING Financial 24.01.2002 Buy 4.24 180 157.82
Markets
34 3.4% Volkswagen BNP 27.10.2003  Sell 5.05 26 41.99
Paribas
33 3.3% Deutsche Sanford C. 25.02.2002 Buy 0.06 19 15.43
Telekom Bernstein & Co.
29 2.9% Infineon UBS 22.01.2002 Buy -1.17 30 23.53
Technolo- Warburg
gies
28 2.8% Bayer Credit Suisse 19.04.2004 Hold 1.69 20.5 21.54
First Boston
27 2.7% Metro ING Financial 13.02.2002 Hold 1.97 41 38
Markets
24 2.4% BASF Schroder 04.02.2002  Sell 1.56 33 44.95
Salomon Smith
Barney
21 2.1% Linde UBS 12.05.2003 Buy 3.18 40 31.5
Warburg
21 2.1% Altana Schroder 01.08.2002 Hold 2.45 65 51.5
Salomon Smith
Barney

This table lists the 10 most heavily covered companies. The first two columns display the absolute number and relative share of the
specific company within the database. The remaining columns show details of one randomly selected report covering the respective
company. Each time, the broker name, the report date, the recommendation type itself (buy/hold/sell), the earning for share forecast
for the upcoming financial year, the target price and the current stock price is displayed.



BuR - Business Research

Official Open Access Journal of VHB

Verband der Hochschullehrer fiir Betriebswirtschaft e.V.
Volume 4 | Issue 1 | March 2011 | 74-96

published by UBS Warburg. The company was rec-
ommended as a “BUY”, the EPS forecast for the next
financial year was 3.18 €, the target price 40 €
(compared to a current stock price of 31.5 €).

Table 2 presents descriptive statistics on the covered
firms. Panel A displays a mean (median) market
capitalization of the covered firms of € 12.22 bn (€
4.65 bn), with a maximum of € 72.60 bn and a min-
imum of € 0.03 bn. The mean (median) price-to-
book value amounts to 2.29 (1.71). The mean one-
year stock-specific return prior to the publication
date t is -0.03 whereas the mean one-year market-
model return (computed by the one-year CDAX
return adjusted by the estimated OLS parameters) is
-0.11. The fact that historic returns are negative is
due to the selected time period of this analysis from
2002 to 2004. Taking one-year historic returns
results in an exclusive focus on a bear market phase.
The mean one-year volatility based on daily return
data for a one-year period prior to the publication
date t is displayed as 0.03 with a minimum of 0.01
and a maximum of 0.1. Panel B shows the sector
allocation of the covered firms. Although a major
focus of the covered companies lies in "industry"
(22%) and "consumer goods" (19%), the sample
seems to provide a healthy mixture of different sec-

Table 2: Descriptive statistics on covered firms

tors. Only 11% of companies are classified as “finan-
cial service”.

Summary statistics on analysts’
reports

Since we aim to focus on the information published
within analysts’ reports, Table 3 presents special
summary statistics apart from company statistics.
The information for the 1,000 randomly selected
reports is organized according to the three recom-
mendation levels (buy, hold, and sell recommenda-
tions) and, additionally, for the total sample. At the
beginning of 2002, Lehman Brothers and other
banks switched from a five-category rating scheme
to a three-category rating scheme (Bradley, Jordan,
and Ritter 2003).Since we only find a negligible
number of 15 strong buy recommendations and no
strong sell recommendations, we join these strong
buy recommendations with the 440 buy recom-
mendations to obtain a three-category rating
scheme. Such a procedure is also applied in Erti-
mur, Sunder, and Sunder (2007).

Since analyzing the target price accuracy requires
each report to contain a target price, our final sam-
ple contains 950 reports. The reduction of 50

2.3

Panel A: Firm characteristics mean median min max 1stper- 99gthper- standard
centile centile deviation
Market capitalization (in billion €) 12.22 4.65 0.03 72.60 0.07 65.44 16.20
price-to-book ratio 2.29 171 0.21 21.43 0.43 9.37 2.07
1-year historic stock return -0.03 -0.14 -0.91 9.60 -0.82 2.01 0.64
Market-model 1-year historic stock return -0.11 -0.11 -1.39 2.14 -0.93 0.88 0.34
Volatility (1-year daily standard deviation) 0.03 0.03 0.01 0.10 0.01 0.06 0.01
Panel B: Sector allocation n %
Consumer goods 183 0.19
Service 99 0.10
Communication 45 0.05
Technology 108 0.11
Industry 212 0.22
Health care 88 0.09
Financial service 110 0.11
Basic materials 119 0.12

This table presents descriptive statistics on the information collected from 1,000 randomly drawn analysts’ reports on German stocks.
Panel A discloses information on market capitalization, price-to-book ratios (both measured for each company at the publication date t
of the stock’s report), the one-year stock-specific return, the one-year market-model return which is based on the CDAX return, adjust-
ed by the estimated OLS parameters, and the one-year stock-specific volatility prior to the publication date t. Panel B presents absolute

and relative figures for the sector allocation of the covered stocks.
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Table 3: Descriptive statistics on analysts’ reports

Panel A: Target prices Buy Hold Sell Total
Number of reports 455 422 123 1000
Number of reports with target prices 443 400 107 950
Mean current stock price (Py) in € 42.61 37.57 31.59 39.25
Mean target price (TP:) in € 53.43 39.18 27.51 44.51
Mean implicit return [in %] 35.42 7.16 -12.96 18.07
Implicit return > o [% of sample] 98.87 65.75 19.63 76.00
Panel B: Information categories Buy Hold Sell Total
Expectations on revenues/sales [in %] 44.24 43.75 40.19 43.58
Expectations earnings/profits [in %] 50.56 48.25 44.86 48.95
Outlook revenues/sales [in %] 39.50 34.75 36.45 37.16
Outlook earnings/profits [in %] 48.98 39.00 51.40 45.05
Product introduction [in %] 11.51 7.00 1.87 8.53
New project [in %] 2.93 2.25 1.87 2.53
Cost efficiency [in %] 23.48 21.00 18.69 21.89
M&A activity [in %] 10.38 9.50 5.61 9.47
Stock repurchase [in %] 2.03 1.50 0.93 1.68
Industry climate [in %] 10.38 18.50 27.10 15.68
Quality of management [in %] 9.26 5.50 8.41 7.58
International operations [in %] 16.70 10.50 3.74 12.63
Competition [in %] 18.28 14.25 18.69 16.63
Risk [in %] 22.35 20.75 35.51 26.95
Future business perspective [in %] 25.51 17.00 25.23 21.89
Panel C: Conflicts of interest / investment banks Buy Hold Sell Total
Availability of conflicts of interest information [in %] 64.33 75.00 66.36 69.05
Holding/Ownership relation [in % of conflicts of interest sample] 43.86 45.67 33.80 43.60
Underwriting relation [in % of conflicts of interest sample] 37.89 47.00 50.70 43.45
Top 3 banks [in %] 44.24 55.75 42.06 48.84

This table presents descriptive statistics on the information collected from 1,000 randomly drawn analysts’ reports on German stocks.
The table is organized by the recommendation levels, i.e., buy recommendations (Buy), hold recommendations (Hold) and sell recom-
mendations (Sell), and, additionally, a column for all reports (Total). In Panel A, we disclose the total number of reports, the number of
reports that contain target price information, the mean actual stock price and the mean target price in €, and the mean implicit return,
computed by the target price TP;over the current stock price P, minus one. Last, we report the percentage of the sample for which this
implicit return is positive. In Panel B, we disclose information on each of the 15 categories in which analysts commonly give justifica-
tions for their recommendations. For each of the 15 categories, the table displays the percentage of how often, within each category,
information is disclosed. Panel C displays to what percentage reports contain information on conflicts of interests. Furthermore, for
these reports it is disclosed to what percentage a holding (underwriting) relationship occurs. Finally, Top 3 banks represents the ratio
of reports written by those three banks that employ the largest number of highly ranked analysts following the Institutional Investor

All-European rankings.

reports is only partly based on missing target prices
within the reports. Additionally, we discard those
reports with extreme values in terms of the accuracy
measure (the 1%t and 99th percentile). This is done to
reduce possible outlier effects.
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The final sample contains considerably more buy
(443) and hold recommendations (400) than sell
recommendations (107). Such a finding is not sur-
prising, since analysts are reluctant to issue negative
information regarding covered companies, and is in
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line with the literature (e.g., Barber, Lehavy,
McNichols, and Trueman 2001, Brav and Lehavy
2003). With respect to the forecasted stock price, we
compute the implicit return that analysts assign to
each stock as the ratio of the target price relative to
its current stock price minus one (Panel A in Table
3). Usually, analysts issue price target forecasts for
the following 12-month period. Whereas buy rec-
ommendations are expected to increase by 35.42%,
hold recommendations display an implicit return of
only 7.16%, and sell recommendations are expected
to decrease by -12.96%. Altogether, analysts have a
positive perception of the future and assign an im-
plicit return of 18.07%. A solid level of optimism is
also documented by Brav and Lehavy (2003) who
found that, on average, target prices are 28% higher
than current stock prices.

As mentioned before, we aim to contribute to the
literature by analyzing the impact of the informa-
tional depth of each report on the accuracy of target
prices. In order to identify the relevant topics that
are commonly addressed by analysts, we analyzed
around 100 (out-of-sample) reports. This process
led us to identify 15 categories that constituted the
core topics. For example, analysts frequently report
on the outlook concerning earnings or profits. Our
results mainly support the findings by Asquith, Mi-
khail, and Au (2005). The identified categories are:
expectations on revenues/sales, expectations on
earnings/profits, outlook on revenues/sales, outlook
on earnings/profits, product introduction, new pro-
ject, cost (in)efficiencies, M&A activity, stock repur-
chase, industry climate, quality of management,
international operations, competition, risk, and
future business perspective. To control for the in-
formational depth of each report, we simply read
each report in order to check if any of the above
mentioned categories was addressed within the text.
No further valuation of the content was performed.
As a double-check, a substantial number of the re-
ports were read by a second person. The process of
proofreading by a second person closely supported
the findings of the first round. Within this process,
we populated a dummy variable with a one for each
category if it was addressed and with zero if it was
not addressed at all. Panel B in Table 3 displays the
results. For example, in about every second report
(48.95%), analysts address their expectations on
earnings and profits. Other categories quite often
concerned are: expectations on revenues/sales
(43.58%), outlook on earnings/profits (45.05%),
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and the outlook on revenues/sales (37.16%). How-
ever, the information on stock repurchases is,
among these 15 categories, the most rarely ad-
dressed information. Interestingly, in the majority
of categories, more information is disclosed for buy
recommendations compared to sell recommenda-
tions.

Another topic of interest is the ongoing discussion
on potential conflicts of interest which might bias
the analysts’ view. We therefore aim to control for
these influences by taking advantage of the disclo-
sure of business ties within the reports. However,
such a disclosure can only be found in 69.05% of the
final sample reports (Panel C in Table 3). To meas-
ure conflicts of interest, we focus on two important
issues: (1) the fact that the bank has current hold-
ings in the company and (2) the fact that the bank
serves or has served as an underwriter for stocks of
the covered company. Both types of potentially con-
flicting relations occur at the same frequency — in
about 43% of the sample.

The final analysis includes 950 reports with dis-
closed target prices. In this sample, 722 reports
(76% of the sample) are associated with a positive
implicit return (with a target price above the current
stock price). For this subsample, analysts correctly
anticipate the direction of stock price movements if
the firm’s stock price achieves or exceeds the fore-
casted target price at some time within the 12-
month period (see upper part of Figure 1 for an
illustration of target price under- and overachieve-
ment). For the remaining 225 reports that are asso-
ciated with a negative implicit return (a forecasted
decline in the stock price), analysts correctly antici-
pate the direction of stock price movements if the
stock price falls below the target price (see lower
part of Figure 1). Combined with three reports that
have an implicit return of zero this adds up to 950
reports.

2.4  Target price achievement

The percentage of stocks that achieve their target
price forecast is presented in Panel A of Table 4. For
the full sample, 56.53% of all target prices are
achieved within the 12-month period. Sorting along
the type of category, target prices of hold recom-
mendations are most often achieved (69.50%) com-
pared to buy recommendations (45.60%) and sell
recommendations (53.27%). A similar result can be
obtained when focusing only on the first three
months after publication. These results could have
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Figure 1: Graphical illustration of target price under- and overachievement
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This figure illustrates four cases in which target price forecasts are overachieved (case (1) and (4)) or underachieved (case (2) and (3)).
Within the upper part of the figure (case (1) and (2)), analysts have forecasted a positive development of the stock (positive implicit
return). If the maximum stock price (Pma) within the 12-month period achieves or exceeds the forecasted target price (see upper dashed
line), the forecast is achieved (case (1)), otherwise, it is not achieved (case (2)). Within the lower part of the figure (case (3) and (4)),
analysts have forecasted a negative development of the stock (negative implicit return). If the minimum stock price (Pyin) within the 12-
month period falls below the forecasted target price (see lower dashed line), the forecast is achieved (case (4)), otherwise, the forecast is

not achieved (case (3)).

been anticipated, since the deviation of the target
price compared to the current stock price is the
lowest for hold recommendations compared to buy
(sell) recommendations. Asquith, Mikhail, and Au
(2005) reported that the probability of achieving a
particular target is highly dependent on the level of
optimism. They disclosed that price targets that
forecast a change of 0-10% are achieved in 74.4% of
the cases, whereas price targets that forecast a
change of 70% or more are realized in fewer than
25% of the cases. Unreported results show that for
those stocks that reach the target price forecast,
achieving the target price forecast takes an average
of 72 days. Sorting along the three categories, it
takes stock prices of buy recommendations to reach
their target prices an average of 109 days, whereas
for hold (sell) recommendations it only takes 48
(55) days.

Column 1 of Panel B in Table 4 shows that for those
stocks that do not reach the forecasted target price,
the maximum (minimum) stock price within the 12-
month period is 86.20% of the forecasted price.
Column 3 of Panel B in Table 4 shows that for those
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stocks that have reached the forecasted target price
within the 12 months, the maximum (minimum)
stock price within this period overshoots the target
price by 41.96%. When focusing on the full sample,
the forecasted target of all buy recommendations is
on average overshot by 1.99%, whereas for the sam-
ple of all sell recommendations, targets are overshot
by remarkable 34.87% within the 12-month period.
These findings are in line with results from Asquith,
Mikhail, and Au (2005) who reported for all rec-
ommendations an overshooting of 13.09%. Whereas
target prices of strong buy recommendations are
overshot by 3.86%, target prices of sell recommen-
dations are overshot by 31.63%. However, one has
to keep in mind that investors can hardly manage to
earn such returns since they might not be able to
time their investment decisions perfectly. In the
following section, we therefore introduce a measure
that evaluates target price accuracy after the usual
time horizon of target prices, namely 12 months.
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Table 4: Target price achievement within the 12-month forecast period

Panel A: Percentage of reports achieving 12-month target price (somewhere in the 12 months)

Target price achieved in:

target price  1-3 months 4-6 months  7-9 months 10-12 months N
achieved
All Recommendations 56.53% 33.47% 10.95% 6.53% 5.58% 950
Buy 45.60% 17.38% 11.51% 7.22% 9.48% 443
Hold 69.50% 50.75% 10.50% 5.50% 2.75% 400
Sell 53.27% 35.51% 10.28% 7.48% 0.00% 107
Panel B: 12-month price maximums (minimums) / predicted price targets
If target N If target price N Full N
price missed achieved Sample
All Recommendations 86.20% 413 141.96% 537 117.72% 950
Buy 83.42% 241 124.14% 202 101.99% 443
Hold 91.41% 122 147.73% 278 130.55% 400
Sell 86.90% 50 176.95% 57 134.87% 107

In Panel A of this table we present the percentage of reports that achieve the price target within the 12-month forecast period. Results
are displayed for all recommendations and sorted by recommendation level. Additionally, the fraction of reports that achieve the price
target within months 1 to 3, 4 to 6, 7to 9 and 10 to 12 are displayed. In Panel B, we compute for the group of stocks that achieve (does
not achieve) its target price within the 12-month period the level of overachieving (partly fulfilling) the target price (see also Figure 1).
Similar results are also displayed for the full sample. We compuite the ratio as the maximum price Ppq achieved within 12 months
divided by the target price TP,if the target price is above the current stock price P,. In cases of the target price TP; below the current
stock price Py, the ratio equals the price target divided by the minimum price P, achieved within 12 months.

3 Methodology

3.1  Accuracy measure

Studies have shown that capital markets react to
published target prices (e.g., Brav and Lehavy 2003,
Asquith, Mikhail, and Au 2005). Hence, based on
the assumptions of the efficient market hypothesis,
the disclosure of target prices seems to contain new
and relevant information for financial markets.
However, such a finding does not imply that target
price forecasts are accurate from an ex-post per-
spective. Analysts might have limited incentives for
primarily focusing on target price accuracy since
bonuses depend on a whole set of performance vari-
ables — not necessarily on target price accuracy.
Hong and Kubik (2003) stated that analysts heavily
focus on the annual polls of money managers con-
ducted by the magazine Institutional Investor, since
they are highly rewarded in the case of success.
Bradshaw and Brown (2006) quoted the career
information page www.thevault.com: “Once a re-
search analyst finds himself listed as an II-ranked
analyst, the first stop is into his boss’s office to rene-
gotiate his annual package.” However, within Insti-
tutional Investor’s rankings, analysts are evaluated
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along the four dimensions stock-picking ability,
earnings forecasts accuracy, quality of written re-
ports, and overall services. Target price accuracy is
not part of this set. Cooper, Day, and Lewis (2001)
and Bernhardt, Campello, and Kutsoati (2004)
showed that published compensation schedules by
banks include earnings forecast accuracy but not
target price accuracy as a factor for setting analysts’
salaries. Bonini, Zanetti, Bianchini, and Salvi (2010)
additionally argued that target prices might be sub-
ject to biases since there is no explicit control of the
forecast quality. Hence, analysts might use target
prices strategically, e.g., in order to increase the
sales hype of a stock (e.g., Asquith, Mikhail, and Au
2005). Empirical evidence on over-optimism, alt-
hough not for target prices, stems from analysts
issuing earnings forecasts. Stickel (1990), Abar-
banell (1991), Dreman and Berry (1995), and Cho-
pra (1998) showed that earnings forecasts are opti-
mistically biased. Similarly, analysts tend to issue
target prices that strongly deviate from current
stock prices in order to attract the attention of insti-
tutional investors. Such effects have been observed,
e.g., for private investors by Barber and Odean
(2008). However, missing the target price after 12
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months could also have a negative impact on the
analyst’s reputation. Therefore, analysts always face
a trade-off when setting the target price potential for
attracting institutional investors. A high target price
potential, since it might never be reached, could
increase the likelihood of disappointing investors
and risking the analyst’s own reputation. However,
while setting it too low, institutional investors might
not be attracted to the investment. Taking this into
account, an ex-post analysis of target price accuracy
seems useful for both investors and investment
banks which employ analysts.

With respect to analyzing target price achievement,
both Asquith, Mikhail, and Au (2005) and Brad-
shaw and Brown (2006) computed binary variables
for meeting (not meeting) the target prices within
and/or at the end of the 12-month period. The study
of Bonini, Zanetti, Bianchini, and Salvi (2010) ex-
tends such metrics via computing the amount of
under-/overachievement of target prices. Within
their investor-oriented perspective, any overa-
chievement of a target price counts as highly accu-
rate, even in cases when the 12-month stock price
strongly deviates from the forecasted target. As-
sume, for example, that the current stock price is €
30 and an analyst forecasts a target of € 50. In the
case of a 12-month stock price of € 45, the forecast
error amounts to 11.11%, a result that is fairly inac-
curate. In the case of a 12-month stock price of € 55,
the forecast error is -9.09%. Since the analyst overa-
chieves his self-selected target, this outcome turns
out to be fairly accurate.

However, one has to keep in mind that Bonini’s
measure represents the investors’ perspective. If one
judged the quality of analysts’ forecasts based on
this metric, it would be rational for analysts to
mainly forecast low target prices that will easily be
overachieved — and thus lead to enormous accuracy
ratios. Once interested in the forecasting quality of
an analyst, such an analysis might be more properly
achieved by an accuracy measure that acknowledges
exact and precise achievement of the forecasted
target price after 12 months. This measure would
penalize any deviation from the target price, irre-
spective of the direction of the deviation. From this
perspective analysts are measured in terms of the
absolute fit of their forecasts. If, for example, an
analyst forecasts an increase in the stock price up to
€ 50, a 12-month stock price of € 49 is more precise
(although it does not reach the forecasted price)
compared to an overachievement of the price target
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resulting in a stock price of € 60 after 12 months.
(Following Bonini’s measure, it would be the other
way round.)

Since any deviation from the forecast reduces accu-
racy, we use absolute values in order to not distin-
guish between over- and underachieving the target
price. To the best of our knowledge, this measure
has not been used in this context so far:

12 - month deviation between TP and stock price

AM =1- HP J|TR>P,;[
€y T
[

TR,
where TP; is the target price forecast at the publica-
tion date t of the report, P; is the current stock price
at the publication date t of the report, and Pgnq is the
stock price at the end of the 12-month period. The
part of the equation within the brackets represents
the computation of the forecast error. From this, the
accuracy measure itself can be easily computed.
Based on the mentioned example where a stock
price increase has been forecasted, either a stock
price (at the end of the 12-month period) of € 45 or
€ 55 leads to a (symmetric) 10% deviation from the
€ 50 target price. Hence, any deviation from the
price forecast will consequently lead to a reduction
of accuracy. The same applies when a stock price
decrease has been forecasted. Within the mentioned
example, this results in a target price accuracy of
90% based on the introduced accuracy measure.
Only in the case of a perfect match of the forecast
and the 12-month stock price, the deviation would
be 0% leading to a target price accuracy of 100%.
Since it might be harder for analysts to forecast
target prices for highly volatile stocks, it could be
advisable to adjust the introduced measure of target
price accuracy by the stock-specific volatility in or-
der to make stock forecasts comparable. In Section
4.3 we therefore use a volatility scaled version of the
target price accuracy measure.
il
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Determinants for target price
accuracy

Within the remainder of the text, we focus on the
degree of accuracy measured by AM and, addition-
ally, try to find explanations for the different levels
of target price accuracy (see Section 4). For such an
analysis, we initially discuss important determi-
nants that could explain target price accuracy. These
potentially relevant determinants can be divided
into two groups: (1) analyst-specific determinants
and (2) firm-specific determinants. Further varia-
bles are introduced to evaluate whether conflicts of
interests and reputation play an important role in
terms of target price accuracy. Finally, we discuss
the second specification of the accuracy measure
that directly acknowledges different levels of stock
volatility.

3.2

Analyst-specific determinants

First, we focus on analyst-specific determinants.
Since it has been shown that on average analysts
publish highly optimistic forecasts, it is important to
control for this optimism in analysts’ forecasts. We
therefore compute the implicit return which is the
target price forecast at the publication date ¢ of the
report divided by the current stock price at the pub-
lication date t minus one. However, while forecast-
ing the one-year stock price, one cannot assume the
expected stock return to be zero which is often done
for shorter time periods such as the one-day stock
return. For the 12-month target price one usually
assumes a positive risk-free rate and an equity risk
premium. This drift means that stock returns will be
non-zero on average even without any fundamental
news. Stocks associated with higher implicit returns
do not necessarily mean that analysts were on aver-
age more optimistic. Thus, it might help to adjust
the implicit return by the average stock-specific
return in order to get the additional return that
analysts forecast. To compute this expected return,
we use simple one-year historic returns for each
stock and, additionally, the market-model return
based on the one-year CDAX return adjusted by the
estimated OLS parameters. As a robustness check,
we also compute historic returns for two to four
years and the two-year market-model return for the
purpose of adjusting the implicit return. Results are
virtually identical. Table 2 shows that both historic
and market-model returns are substantially differ-
ent across stocks. We therefore introduce a variable
called POTENTIAL computed as the absolute value
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of the implicit return, subtracted by the (market-
model) one-year stock-specific return. We hypothe-
size this variable to be negatively related to the accu-
racy measure AM, since a higher stock-specific po-
tential will lead, on average, to target prices being
achieved less often. Based on the results of Table 4,
it is clear that stock prices of hold recommendations
achieve the forecasted prices more frequently and,
on average, much faster.

Furthermore, we hypothesize that increased infor-
mation disclosure within the analysts’ reports, also
called informational depth, plays a significant role
in target price accuracy. The informational depth of
a report might be a proxy for the prudence an ana-
lyst applies when performing the task of analyzing a
company. Hence, there is more informational dis-
closure in cases of a more accurate and detailed
work by an analyst. We expect this to lead to a high-
er accuracy of the issued target prices in the long
run. We therefore model a variable called INFO-
MEASURE which aggregates the number of infor-
mation categories addressed in each report. Hence,
this variable is theoretically distributed among [o,
15], i.e., zero for the case that none of the 15 infor-
mation categories is addressed by the analyst in the
body of the text, whereas 15 means that all of the 15
categories are addressed. For the sample, the mean
of the INFOMEASURE variable is 3.20, its mini-
mum O, its maximum 10 and its standard deviation
1.78. We hypothesize this variable to be positively
related to the accuracy measure AM, i.e., a higher
information disclosure in the body of the text will
increase the forecast accuracy, since analysts have
likely expended more effort in analyzing the compa-
ny. To the best of our knowledge, no other study has
so far focused on explaining the accuracy of target
price forecasts (or recommendations) by coding the
informational content of the reports to proxy the
level of detail an analyst applies.

Firm-specific determinants

Apart from analyst-specific variables, we concen-
trate on firm-specific variables to explain target
price accuracy. As respective research concerning
target price accuracy is absent, we have to borrow
from the literature on earnings estimates to hypoth-
esize the role of firm-specific factors. Schipper
(1991) and Brown (1993) documented that earnings
accuracy is conditional on the size of the firm. We
therefore focus on the specific firm size (measured
for each company in a log form of market capitaliza-
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tion, i.e., Log MARKET VALUE, at the publication
date t of the stock’s report). We expect this variable
to be positively related to the level of forecast accu-
racy. This could be due to the fact that for big stocks
more information and more analyst coverage is
publicly disclosed which reduces uncertainty. Simi-
lar results, although for the case of earnings forecast
accuracy, were found by Sinha, Brown, and Das
(1997) and Capstaff, Paudyal, and Rees (1999). They
reported that analysts’ forecast errors are smaller
for companies with large market capitalizations and
for companies that are followed by a large number
of analysts. Beckers, Steliaros, and Thomson (2004)
supported these findings with respect to the number
of analysts. Apart from size which has proven its
importance (e.g., Banz 1981, Stickel 1995), the price-
to-book value (PRICE-TO-BOOK) is another firm
characteristic that mirrors the information envi-
ronment of each firm. We measure this value for
each company at the publication date t of the stock’s
report. One might hypothesize this variable to be
negatively related to the accuracy measure since
stock price patterns of growth stocks (i.e. stocks
with high price-to-book values such as high-tech,
biotech or internet stocks) are much more volatile
and, hence, not as likely to reach the forecasted
target exactly compared to so-called value stocks.

A different strand of literature reports that earnings
forecast accuracy decreases with increased earnings
volatility (e.g., Huberts and Fuller 1995, De Bondt
and Forbes 1999, Beckers, Steliaros, and Thomson
2004). The authors explain this finding by assuming
that earnings volatility is inversely related to earn-
ings predictability. Beckers, Steliaros, and Thomson
(2004) proxy earnings volatility by using historical
annualized daily stock return volatility during the
one-year period preceding the earnings forecast.
Following their line of arguments, a large propor-
tion of the stock-specific risk results from the vola-
tility of earnings. Analogously to earnings volatility
being useful for explaining earnings forecasts, stock
price volatility serves in explaining stock price fore-
casts. We therefore include historic volatility of daily
stock returns in the model. The variable VOLATILI-
TY is measured as the standard deviation of the
stocks’ daily return for the year prior to the publica-
tion of a report. Apart from computing VOLATILI-
TY for the year prior to the publication of the report,
we additionally performed all analyses with VOLA-
TILITY measures based on the nine-month period,
the six-month period and the three-month period
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prior to publication. Results are robust across the
different definitions of volatility. We hypothesize
this variable to be negatively related to the accuracy
measure, since higher volatility might be a proxy for
higher risk, which makes it more difficult for ana-
lysts to accurately forecast the 12-month price. Con-
trary to the expected negative relation when ex-
plaining the forecast accuracy exactly after 12
months by volatility, the logic for explaining the
amount of target price achievement within the 12-
month period (see target price achievement by max-
imum/minimum prices within the 12-month period,
Panel B of Table 4) would be the other way round.
High-volatility stocks would be more likely to reach
the forecasted target price at least once within the
12-month period compared to low-volatility stocks.

Bank reputation and conflicts of interest

The reputation of the bank could play a significant
role with respect to forecast accuracy. Clement
(1999) and Jacob, Lys, and Neale (1999) document-
ed that analysts who work for the largest and most
prestigious banks issue more precise earnings fore-
casts. Assuming that there are differences between
the banks themselves with respect to the quality of
their analysts’ reports, one might think that the
most accurate reports might be published by distin-
guished, well-known banks. Following the Institu-
tional Investor’s All-European rankings, we com-
pute for each bank the average number of employed
top analysts (in terms of their listing in the Institu-
tional Investor’s All-European Research Team
rankings) for the years 2002 to 2004. Hence, a
dummy variable called TOP3BANK is introduced
which is equal to one if the bank is one of the three
banks with the highest average number of top ana-
lysts, and zero otherwise. As a cross-check, analyses
have additionally been performed while restricting
the selection to only the most prestigious invest-
ment bank that employs the highest number of
highly ranked analysts. Additionally, one might
argue that apart from the bank-specific reputation it
is also the analyst-specific reputation that is relevant
for capital markets. However, most reports are writ-
ten by analyst teams where it seems impossible to
distinguish the effect of each analyst’s individual
reputation on capital markets. Panel C of Table 2
displays that these highly ranked banks wrote about
every second report of our final sample (48.84%).
We hypothesize that highly reputable banks issue
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more accurate target price forecasts. Thus we expect
the coefficient on TOP3BANK to be positive.

With respect to potential conflicts of interest, a rela-
tionship between the bank and the covered compa-
ny itself could bias the accuracy of target prices. In
order to control for potentially conflicting relations,
we introduce a dummy variable called RELATION-
SHIP which takes the value of one if the bank has
either current holdings in the company or
serves/has served as an underwriter for stocks of the
covered company, and zero otherwise. In order to
test for robustness, we model a second variable
called UNDERWRITING HOLDING which takes
the value of one if the bank has either current hold-
ings in the company or serves/has served as an un-
derwriter for stocks of the covered company, which
takes the value of two if the bank has both current
holdings in the company and serves/has served as
an underwriter for stocks of the covered company,
and which is equal to zero otherwise. If existing
relations between bank and covered firm lead to
biased forecasts, we can expect these variables to be
negatively related to the accuracy measure. The
rationale behind this is that forecasts from analysts
who suffer from conflicts of interests might be less
accurate.

4 Results

41 Overall target price accuracy

Table 5 discloses detailed information on the accu-
racy measure AM. Within Panel A, the median accu-
racy level is shown to be 73.64%. Within Panel B, we
split up the sample according to the recommenda-
tion levels. Whereas buy recommendations have a
median accuracy level of 75.69%, sell recommenda-
tions are less accurate with a median level of accura-
¢y of 59.43%. The median difference of both groups
of 16.26% is statistically significant. Similar results
can be drawn from Panel C where the sample is split
according to the implicit return. One can infer from
this evidence that analysts are not equally successful
in forecasting optimistic and pessimistic future out-
comes. The results show that they do significantly
better with respect to positive forecasts. Within the
literature for earnings forecast accuracy such a phe-
nomenon has been shown by Ali, Klein, and Rosen-
feld (1992) and Butler and Saraoglu (1999). They
found that a bias between earnings forecasts and
realized earnings predominantly exists in cases of
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negative earnings development. In the case of rising
earnings, analysts deliver satisfactory forecasts.

Multivariate regression results

The main objective within this paper is to analyze
the driving factors that might help explaining target
price accuracy. Results could be interesting for both
institutional investors and investment banks at the
same time. For the analysis we run standard OLS
regressions with robust standard errors as proposed
by White (1980). For an additional control of het-
eroskedasticity, we use bootstrapped standard er-
rors where we draw 1,000 replications of the origi-
nal sample. Furthermore, we run a maximum likeli-
hood estimation and an iterative reweighted least
square estimation within a generalized linear model
framework. Since all models yield (almost) identical
results, the discussion of results is based on the
standard OLS results. Since Table 5 has shown sig-
nificant differences between forecast accuracy of
stocks based on recommendation levels we add
dummy variables for buy and sell recommendations
when analyzing the total sample. Alternatively, we
use a dummy variable for reports which disclose an
implicit return below zero. Results show that target
price forecasts of negatively classified reports are
much less accurate compared to the remainder of
the sample (Table 6). Based on this finding, we split
up the sample and perform separate regressions for
the sub-groups.

First, we hypothesized that the POTENTIAL of a
stock might play an important role. This rationale
can be supported by our results, as the coefficient of
the variable is significantly negative, as predicted,
for all regressions. Asquith, Mikhail, and Au (2005)
also found that the probability of achieving a price
target is particularly dependent on the deviation or,
as they put it, optimism exhibited by the analyst.
Bradshaw and Brown (2006) stated that analyst
target price performance is worse the higher the
forecasted price relative to the current stock price.
Similar evidence based on earnings forecasts is giv-
en by La Porta (1996). Whereas earnings for stocks
with low earnings growth forecasts are very close to
their expected value, earnings for stocks with high
earnings growth forecasts highly deviate from their
forecasts.

The second analyst-specific variable is the informa-
tional depth of each report. The variable INFO-
MEASURE is added to each of the regressions as a
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Table 5: Accuracy of target prices

Panel A: Accuracy measure for all recommendations

Median Mean sd N
All 73.64% 67.35% 0.26 950
Panel B: Accuracy measure based on recommendation levels

Median Mean sd N
Buy recommendation 75.69% 69.71% 0.24 443
Hold recommendation 76.12% 69.01% 0.25 400
Sell recommendation 59.43% 51.37% 0.33 107
Difference (Buy - Sell) 16.26%*** 18.34%***
p-value 0.0000 0.0000
Panel C: Accuracy measure based on implicit return

Median Mean sd N
Implicit return > 0 77.15% 70.18% 0.24 722
Implicit return < 0 64.62% 58.10% 0.31 225

Difference (Implicit return > o - Implicit return < 0)

p-value

12.54%*** 12.08%***

0.0000 0.0000

This table presents results for the accuracy measure. In Panel A, we report results (median, mean, standard deviation, and number of
observations) for all recommendations. In Panel B, we split up the sample according to the recommendation level (buy, hold or sell
recommendation). In Panel C, the sample is split according to the implicit return being above or below zero. Panel B and Panel C addi-
tionally report differences of the mean and median of (i) buy versus sell recommendations and (ii) reports with a positive versus nega-
tive implicit return. To control for statistical significance of these differences, the t-test is used to test the equality of mean and the non-
parametric Wilcoxon/Mann-Whitney test is used to test the equality of median.

proxy to evaluate whether carefully prepared re-
ports lead to higher accuracy of price forecasts. Re-
sults confirm our hypothesis especially for those
reports that are positively classified (as a buy rec-
ommendation or, alternatively, as a recommenda-
tion associated with a positive implicit return),
where the variable INFOMEASURE turns out to be
significant at the 5% significance level. Within the
literature, results are supported by Breton and Taf-
fler (2001) who documented that text-based infor-
mation, e.g., about the firm’s management, strategy
and its trading environment, is important for arriv-
ing at investment recommendations. Yet, one mys-
tery lingers on: Why does the amount of infor-
mation-disclosure seem to be important only within
the positively classified cases? The literature on
earnings forecast accuracy (e.g., Ali, Klein, and
Rosenfeld 1992, Butler and Saraoglu 1999) reported
that a bias between earnings forecasts and realized
earnings predominantly exists in cases of a negative
earnings development. Since analysts only reluc-
tantly issue negative information, each forecast of a
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decreasing stock price is a strong sign for an over-
valued company. As visible in the tables, when stock
prices are forecasted to depreciate significantly,
target price accuracy does not depend on soft in-
formation such as the amount of information disclo-
sure. The recommendation itself predominates. On
the contrary, in cases of positive recommendations,
which are quite commonly issued by analysts, fur-
ther disclosure of soft information is relevant, since
the recommendation level itself does not provide
such strong information. These findings are sup-
ported by the results presented in Table 5. Target
price accuracy is much lower for companies with a
negative forecast.

Apart from the analyst-specific variables, we added
a set of firm-specific variables (Log MARKET VAL-
UE, PRICE-TO-BOOK, VOLATILITY) to analyze
whether the information environment of the firm
has a significant impact on target price accuracy.
Differences in target price accuracy might not only
be traceable to analyst-specific features and differ-
ences but also to indirect effects based on
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Table 6: Determinants explaining the accuracy of target prices

Coeff.: ALL ALL BUY HOLD SELL Implicit Implicit
return > 0 return < 0
POTENTIAL -0.1001%** -0.1024%** -0.0869***  -0.0865%* -0.3678%** -0.0713*** -0.3959™**
(-5.43) (-5.96) (-4.10) (-2.32) (-4.09) (-413) (-6.72)
INFOMEASURE 0.0073* 0.0075% 0.0126%* 0.0043 -0.0085 0.0086** -0.0018
(1.74) (1.83) (2.20) (0.69) (-0.49) (1.97) (-0.17)
Log MARKET 0.0264*** 0.0271%** 0.0162%* 0.0391%** 0.0200 0.0228%** 0.0480***
VALUE
(5.48) (5.62) (2.09) (6.01) (117) (4.15) (4.68)
PRICE-TO- -0.0102%** -0.0086*** -0.0168***  -0.0024 0.0095 -0.0135%** 0.0120%
BOOK
(-3.44) (-2.74) (-4.21) (-0.51) (0.75) (-4.25) (1.91)
VOLATILITY -0.0348%** -0.0341%%* -0.0378%**  -0.0304** -0.0264 -0.0368%*** -0.0010
(-4.08) (-4.02) (-2.66) (-2.47) (-1.18) (-3.65) (-0.06)
BUY 0.0380%**
(2.20)
SELL -0.1380%**
(-4.40)
IMPLICIT RE- -0.1219***
TURN < 0
(-5.80)
Intercept 0.5837%** 0.6028*** 0.7044%**  0.4523%** 0.5633%** 0.6413*** 0.2576%%
(10.43) (10.92) (8.12) (5.83) (2.91) (10.29) (2.11)
adj. R2 16.82% 16.78% 11.42% 14.40% 16.87% 12.27% 26.60%
N 928 928 432 391 105 706 219
Prob(F-test) 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

This table reports robust regression results for multivariate model specifications on the accuracy measure AM. The regressions are
performed for buy, hold, and sell recommendations, and, furthermore, for stocks that are associated with a positive and negative
implicit return by analysts. POTENTIAL is computed as the absolute value of the target price forecast TP, at the publication date t of the
report divided by the current stock price P:at the publication date t of the report minus one, subtracted by the one-year market-model
return which is based on the CDAX return, adjusted by the estimated OLS parameters. The model variable INFOMEASURE aggregates
the number of information categories (altogether 15: expectations on revenues/sales, expectations on earnings/profits, outlook on
revenues/sales, outlook on earnings/profits, product introduction, new project, cost (in)efficiencies, M&A activity, stock repurchase,
industry climate, quality of management, international operations, competition, risk, and future business perspective) which are ad-
dressed in each report. It is therefore theoretically distributed on the interval [0,15]. Log MARKET VALUE is the natural logarithm of
the market capitalization of each stock, measured at the publication date t of the stock’s report. PRICE-TO-BOOK is the price-to-book
ratio of each stock, measured at the publication date t of the stock’s report. VOLATILITY is the standard deviation of the stock’s daily
return for the one-year period prior to the publication date t. For each value, t-statistics are given in parentheses. ***, **, * indicate
statistical significance at the 1%-, 5%-, 10%-level (two-tailed test) based on robust standard errors as proposed by White (1980).

differences in the information environment of a firm
(e.g., Stickel 1995), e.g., a generally higher infor-
mation-level for big companies that are followed by
multiple analysts. In line with the literature (e.g.,
Sinha, Brown, and Das 1997, Capstaff, Paudyal, and
Rees 1999) the coefficient of the Log MARKET
VALUE is significant for almost all regressions.
Results support the hypothesis that 12-month target
prices of bigger firms with higher informational
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disclosure are easier to forecast. A higher informa-
tional disclosure based on a higher level of analyst
coverage reduces forecast uncertainty. With respect
to the price-to-book value, the coefficients are sig-
nificantly negative for the total sample and for posi-
tively classified reports. As predicted, stocks with a
higher price-to-book value, i.e., glamour stocks like
biotech and internet stocks, are shown to be associ-
ated with lower forecast accuracy. Last, results pro-
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vide strong evidence that VOLATILITY plays an
important role in explaining target price forecast
accuracy. All regressions throughout the positively
classified sub-groups display significantly negative
coefficients. Results on VOLATILITY are also virtu-
ally identical for other volatility computations based
on a nine-month, six-month and three-month peri-
od prior to publication of the report. As hypothe-
sized, exactly forecasting the price of a stock with a
higher volatility is not as easy as for stocks with
lower volatility.

The effect of bank reputation and
conflicts of interest

Market participants indirectly finance the research
provided by investment banks. Schipper (1991)
stated that analysts’ research reports and recom-
mendations are often part of a group of bundled
investment banking services. Hence, investors
should be interested in evaluating the analysts’ role
as financial intermediaries. Having an adequate
knowledge about the most successful analysts (for
example, in terms of target price accuracy), would
allow investors to focus more on their valuable ad-
vice. However, recent studies have concentrated
mainly on analyzing earnings forecast accuracy.
Furthermore, the forecasts by All-American analysts
also trigger a more significant market reaction.
Clement (1999) reported forecast accuracy to be
positively associated with analysts’ experience and
their employers’ size. Jacob, Lys, and Neale (1999)
also examined the contribution of experience and
brokerage house variables on analysts’ earnings
forecast accuracy. They find that the employer size
and the brokerage house’s degree of industry spe-
cialization are positively related to the earnings
forecast accuracy. Unlike Clement (1999), they did
not find that earnings forecast accuracy improves
with larger experience. However, bank reputation
has only been analyzed with respect to earnings
forecasts accuracy, not with respect to target price
forecast accuracy. Therefore, we extend the litera-
ture on this issue.

Table 7 displays results when adding the variable
TOP3BANK to the regressions. The coefficients on
all basic model variables (POTENTIAL, INFO-
MEASURE, Log MARKET VALUE, PRICE-TO-
BOOK and VOLATILITY) are basically in accord-
ance with the results in Table 6. The coefficient of
the dummy variable TOP3BANK is positive and
statistically significant for the sub-groups of positive

4.2
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recommendations. Within unreported analyses, we
further restricted the selection and focused purely
on the most prestigious bank that employs the high-
est number of analysts. Results remain basically
identical.

Hence, it seems as in cases of a positive forecast,
highly reputable banks issue price target forecasts
that are more accurate after 12 months.
Furthermore, economic research is currently inter-
ested in analyzing biasing relationships between the
bank and the covered companies. Due to the in-
vestment banks’ general motivation to secure future
investment banking deals, analysts are assumed to
be influenced by conflicts of interest when tracking
and analyzing stocks. On the one hand, it is a fact
that the overall number of stocks which are recom-
mended for purchase heavily outweighs the number
of stocks recommended for sale — a sign that ana-
lysts aim to please the covered companies or to at-
tract investors. A number of studies found that con-
flicts of interests bias analysts’ work (e.g., studies
like Lin and McNichols 1998, Michaely and Wom-
ack 1999, Dechow, Hutton, and Sloan 2000). In
particular, the studies document that affiliated ana-
lysts issue more favourable reports compared to
their non-affiliated colleagues. This evidence is sup-
ported by Dugar and Nathan (1995) who found that
financial analysts of brokerage houses that provide
investment banking services for a company are
more optimistic with respect to recommendations
and earnings forecasts compared to those analysts
that do not provide any service. Evidence that ana-
lysts tend to manipulate their investment recom-
mendations in response to pressure from invest-
ment banking is documented by Bradshaw, Rich-
ardson, and Sloan (2003). On the other hand, an-
other strand of literature finds quite the reverse
concerning conflicts of interest and, thus, exculpates
analysts. Iskoz (2003) and Agrawal and Chen
(2008), for instance, provided evidence that affiliat-
ed analysts do not seem to issue more biased reports
than analysts from independent research firms.
Cowen, Groysberg, and Healy (2006) even found
that analysts employed by banks which fund re-
search through underwriting and trading activities
issued less optimistic forecasts and recommenda-
tions as opposed to banks which do not perform
M&A services at all.

Within Panel A of Table 8, we proxy the relationship
between the bank and the covered company by in-
cluding the variable RELATIONSHIP (UNDER-
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Table 7: Determinants explaining the accuracy of target prices including reputation of

issuing bank

Coeff.: BUY HOLD SELL Implicit return > 0 Implicit return < o

POTENTIAL -0.0817%** -0.0863** -0.3678%** -0.0677%** -0.3966%**
(-3.85) (-2.32) (-4.03) (-3.95) (-6.70)

INFOMEASURE 0.0102* 0.0044 -0.0085 0.0073 -0.0020
(1.72) (0.69) (-0.49) (1.63) (-0.19)

Log MARKET VALUE 0.0186** 0.0390%** 0.0200 0.0249*** 0.0481***
(2.39) (5.84) (111 (4.48) (4.67)

PRICE-TO-BOOK -0.0171%%* -0.0023 0.0095 -0.0138%** 0.0120*
(-4.25) (-0.50) (0.75) (-4.32) (1.90)

VOLATILITY -0.0369%* -0.0305%* -0.0264 -0.0364%** -0.0008
(-2.54) (-2.46) (-117) (-3.64) (-0.04)

TOP3BANK 0.0483%* -0.0031 0.0004 0.0403** 0.0082
(2.16) (-0.13) (0.01) (2.32) (0.23)

Intercept 0.6679*** 0.4550%%* 0.5628%** 0.6073%** 0.2518**
(7.56) (5.57) (2.60) (9.42) (2.00)

adj. R2 11.93% 13.94% 15.06% 12.69% 25.90%

N 432 391 105 706 219

Prob(F-test) 0.0000 0.0000 0.0000 0.0000 0.0000

This table reports robust regression results for multivariate model specifications on the accuracy measure AM. The regressions are
performed for buy, hold, and sell recommendations, and, furthermore, for stocks that are associated with a positive and negative
implicit return by analysts. POTENTIAL is computed as the absolute value of the target price forecast TP; at the publication date t of the
report divided by the current stock price P; at the publication date t of the report minus one, subtracted by the one-year market-model
return which is based on the CDAX return, adjusted by the estimated OLS parameters. The model variable INFOMEASURE aggregates
the number of information categories which are addressed in each report. It is therefore theoretically distributed on the interval [0,15].
Log MARKET VALUE is the natural logarithm of the market capitalization of each stock, measured at the publication date t of the
stock’s report. PRICE-TO-BOOK is the price-to-book ratio of each stock, measured at the publication date t of the stock’s report. VOLA-
TILITY is the standard deviation of the stocks’ daily return for the one-year period prior to the publication date t. TOP3BANK is equal
to one if the bank is one of the three banks with the highest average number of top analysts (following the Institutional Investor’s All-
European rankings for the years 2002 to 2004), and zero otherwise. For each value, t-statistics are given in parentheses. ***, ** *
indicate statistical significance at the 1%-, 5%-, 10%-level (two-tailed test) based on robust standard errors as proposed by White

(1980).

WRITING_HOLDING). Results show that coeffi-
cients for both variables are insignificant across the
different regressions. Hence, results show that the
type of relationship between the investment bank
and the covered company does not seem to have a
bearing on the level of the accuracy of price targets.
Such results are important for investors since they
might have feared that conflicted analysts issue
price forecasts that are not as accurate as independ-
ent research would be.

4.3 Volatility-adjusted target price
accuracy

Since it might be harder to make a precise forecast
for a stock with a higher volatility, it might come as
no surprise that the target price accuracy is higher
for stocks with lower volatility compared to stocks
with higher volatility (see Table 6). However, within
the descriptive statistic of Table 2, results show that
the level of volatility is substantially different across
stocks, with a minimum of 0.01 and a maximum of
0.1. In order to compare different levels of accuracy
on a level playing field, we introduce a volatility-
adjusted target price measure (AM_adj). At the
same time, we scale the variable POTENTIAL by the
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Table 8: Determinants explaining the accuracy of target prices including conflicts of interests

Panel A: Conflict of interest — relation at all

Coeff.: BUY HOLD SELL Implicit return > 0  Implicit return < o
POTENTIAL -0.0680*** -0.0860** - 0.4355%%* -0.0556%** -0.3718%**
(-2.98) (-2.10) (-3.49) (-2.91) (-5.26)
INFOMEASURE 0.0064 0.0009 -0.0007 0.0061 0.0010
(1.04) (0.13) (-0.03) (1.27) (0.08)
Log MARKET VALUE 0.0303%** 0.0373%** 0.0354 0.0309%** 0.0480***
(3.62) (5.37) (1.44) (5.24) (4.10)
PRICE-TO-BOOK -0.0120%* -0.0007 0.0076 -0.0070 0.0145%
(-2.09) (-0.12) (0.22) (-1.61) (1.83)
VOLATILITY -0.0187 -0.0330%* -0.0052 -0.0240%* - 0.0107
(-1.30) (-2.21) (-0.13) (-2.14) (-0.50)
RELATIONSHIP -0.0080 0.0248 -0.0618 -0.0037 0.0068
(-0.35) (0.87) (-0.69) (-0.20) (0.15)
Intercept 0.6052%** 0.4801%** 0.3948 0.5750%%% 0.2629%*
(6.03) (5.85) (1.44) (8.07) (2.00)
adj. R2 11.85% 13.96% 12.64% 11.90% 25.10%
N 275 202 70 470 164
Prob(F-test) 0.0000 0.0000 0.0008 0.0000 0.0000

Panel B: Conflict of interest — underwriting/holding relation

Coeff.: BUY HOLD SELL Implicit return > 0  Implicit return < o
POTENTIAL -0.0692*** -0.0860** - 0.4477%%* -0.0563%** -0.3745%%*
(-3.02) (-2.09) (-3.72) (-2.94) (-5-37)
INFOMEASURE 0.0066 0.0010 -0.0003 0.0061 0.0010
(1.06) (0.14) (-0.01) (1.28) (0.08)
Log MARKET VALUE 0.0304*** 0.0376*** 0.0340 0.0310%** 0.0492%**
(3-63) (5-43) (1.41) (5.25) (4.27)
PRICE-TO-BOOK -0.0121%* -0.0010 0.0054 -0.0070 0.0135*
(-2.09) (-0.19) (0.16) (-1.62) (1.78)
VOLATILITY -0.0185 -0.0331%* 0.0009 -0.0237%* -0.0099
(-1.28) (-2.20) (0.02) (-2.11) (-0.46)
UNDERWRITING_HOLDING -0.0101 0.0113 -0.0546 -0.0048 -0.0093
(-0.71) (0.76) (-1.09) (-0.43) (-0.38)
Intercept 0.6085%** 0.4827%*%* 0.4053 0.5762%%* 0.2654**
(6.05) (5.92) (1.47) (8.12) (2.01)
adj. R2 12.00% 13.87% 13.63% 11.93% 25.15%
N 275 292 70 470 164
Prob(F-test) 0.0000 0.0000 0.0004 0.0000 0.0000
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Table 8 continued: Legend

This table reports robust regression results for multivariate model specifications on the accuracy measure AM. The regressions are
performed for buy, hold, and sell recommendations, and, furthermore, for stocks that are associated with a positive and negative
implicit return by analysts. POTENTIAL is computed as the absolute value of the target price forecast TP; at the publication date t of the
report divided by the current stock price P; at the publication date t of the report minus one, subtracted by the one-year market-model
return which is based on the CDAX return, adjusted by the estimated OLS parameters. The model variable INFOMEASURE aggregates
the number of information categories which are addressed in each report. It is therefore theoretically distributed on the interval [0,15].
Log MARKET VALUE is the natural logarithm of the market capitalization of each stock, measured at the publication date t of the
stock’s report. PRICE-TO-BOOK is the price-to-book ratio of each stock, measured at the publication date t of the stock’s report. VOLA-
TILITY is the standard deviation of the stocks’ daily return for the one-year period prior to the publication date t. RELATIONSHIP
takes the value of one if the bank has either current holdings in the company or serves/has served as an underwriter for stocks of the
covered company, and is otherwise zero. UNDERWRITING__HOLDING takes the value of one if the bank has either current holdings in
the company or serves/has served as an underwriter for stocks of the covered company, which takes the value of two if the bank has
both current holdings in the company and serves/has served as an underwriter for stocks of the covered company, and which is equal
to zero otherwise. For each value, t-statistics are given in parentheses. ***, **, * indicate statistical significance at the 1%-, 5%-, 10%-
level (two-tailed test) based on robust standard errors as proposed by White (1980).

stock-specific volatility since the analyst-specific ~ Asquith, Mikhail, and Au 2005). However, analysts
return forecast might also be dependent on different  seem to be subject to various biases when perform-
levels of stock volatility. Table 9 therefore displays  ing their task of covering companies in order to
results of a model where volatility is no longer used  write financial reports. A huge part of the literature
as an independent variable but for scaling the accu-  addresses the phenomenon of overly optimistic
racy measure and the stock-specific POTENTIAL. analysts. Some authors argued that analysts might
As visible within the table, all results still support  issue biased recommendations since they aim to
the hypotheses with respect to the variables PO-  enhance the existing investment banking relations
TENTIAL_adj, INFOMEASURE, Log MARKET between their bank and the covered company (e.g.,
VALUE and PRICE-TO-BOOK. Hence, even after  Lin and McNichols 1998, Francis and Philbrick
taking into account that it might be much harder to  1993). Others stated that analysts aim to generate
forecast the target price of highly volatile stocks, further underwriting business and trading commis-
stocks that are negatively classified and stocks  sions via their firm-specific disclosures (e.g., Hayes
whose target price highly deviate from the current 1998, Hong and Kubik 2003). Referring to the dis-
stock price display lower levels of target price accu-  closure of target prices, Asquith, Mikhail, and Au
racy. At the same time, the size of the company and  (2005) wondered whether target prices are meant to
the level of information disclosure are positively  increase the sales hype of a stock or to compensate
related to the accuracy measure. Thus, we can con-  for overly optimistic reports.

clude that the presented effects of the results section  Since investment banks heavily invest in their re-
are not driven by different levels of volatility but  search departments, they are interested in measur-
remain relevant after controlling directly for stock- ing and evaluating the performance of their ana-

specific volatility. lysts. A whole strand of literature has evolved that
analyzes the accuracy of earnings forecasts. Loh and

5 Discussion and concludjng Mian (2006) and Ertimur, Sunder, and Sunder
remarks (2007), for instance, found that analysts who issue

more accurate earnings forecasts also issue more
profitable recommendations. At the same time,
earnings forecast accuracy seems to be relevant with
respect to the determination of analysts’ bonuses.
This is due to the fact that an important aspect of
analysts’ compensations is their performance in the
well-known yearly ranking of All-American analysts
issued by Institutional Investor. This ranking ex-
plicitly takes earnings forecast accuracy into ac-
count. However, since data on target prices has only
recently been included in standard databases, target

Sell-side analysts perform an important task within
financial markets since they act as intermediaries
that interpret financial information such as account-
ing data for investors. As part of their job, they make
recommendations about stocks and issue earnings
and target price forecasts. Apart from all further
details which are disclosed within their reports,
financial research has shown that these ‘summary
measures’ contain new and relevant information for
investors and financial markets (e.g., Stickel 1995,
Francis and Soffer 1997, Brav and Lehavy 2003,
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Table 9: Determinants explaining the accuracy of target prices — based on volatility-adjusted

accuracy measure
Coeff.: ALL ALL BUY HOLD SELL Implicit Implicit
return > 0 return < o
POTENTIAL_adj - 0.0605%** - 0.0651%**  -0.0435% - 0.0833** - 0.1663** - 0.0466*** - 0.2244%%%
(-3-33) (-3.82) (-1.84) (-2.53) (-2.05) (-2.65) (-4.00)
INFOMEASURE 0.0029* 0.0029* 0.0059%* 0.0008 - 0.0024 0.0031* 0.0016
(1.69) (1.70) (2.45) (0-31) (-0.36) (1.68) (0-36)
Log MARKET VALUE 0.0059%** 0.0060%** 0.0018 0.0114%** 0.0036 0.0044** 0.0115%**
(3.23) (3-35) (0.61) (4.54) (0.62) (2.10) (3.24)
PRICE-TO-BOOK - 0.0009 - 0.0004 - 0.0039%** 0.0029* 0.0050 - 0.0025%* 0.0080%**
(-0.88) (-0.40) (-2.70) (1.72) (1.14) (-2.23) (3.48)
BUY 0.0080
(113)
SELL - 0.0403%**
(-3.62)
IMPLICIT RETURN < o - 0.0346%**
(-4.43)
Intercept 0.8274%** 0.8329*** 0.8633%** 0.7797%**  0.8211%** 0.8480*** 0.7490%**
(44.30) (45.76) (29.71) (29.52) (14.09) (40.49) (20.33)
adj. R2 3.27% 3.53% 0.61% 4.690% -3.48% 0.82% 8.74%
N 914 914 426 386 102 695 216
Prob(F-test) 0.0000 0.0000 0.0022 0.0000 0.1979 0.0002 0.0000

This table is based on Table 6. The variable POTENTIAL has been adjusted by the standard deviation of the stocks’ daily return for the
one-year period prior to the publication date t (VOLATILITY). Similarly, the accuracy measure itself (the dependent variable) has also
been adjusted by the standard deviation of the stocks’ daily return for the one-year period prior to the publication date t (VOLATILITY).

All other variables are defined as in Table 6.

prices, their impact on financial markets, and their
accuracy have not been analyzed with similar thor-
oughness. Two seminal papers (Brav and Lehavy
2003, Asquith, Mikhail, and Au 2005) have shown
that target prices contain relevant information for
capital markets, even conditionally on other infor-
mation that is issued in the form of, for example,
earnings price forecasts. With respect to the ques-
tion of target price accuracy, evidence is still evolv-
ing with a number of (working) papers (e.g., Bonini,
Zanetti, Bianchini, and Salvi 2010, Bradshaw and
Brown 2006, Gleason, Johnson, and Li 2008).

We contribute to the literature by analyzing target
price accuracy in the German capital market. Con-
trary to Bonini, Zanetti, Bianchini, and Salvi (2010),
who take an investor-oriented perspective where
any overachievement of forecasts is positively
acknowledged by their model since investors will
benefit, we define target price accuracy in terms of
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exactly matching a forecasted price. Such a measure
evaluates the forecasting ability of analysts. Results
show that, generally, the target price accuracy level
after 12 months amounts to 73.64%. Splitting the
sample according to the recommendation levels
shows that for buy recommendations it is 75.69%,
whereas it decreases for sell recommendations to
59.43%. However, the main focus of this study is to
distinguish the driving forces of price target accura-
cy. First, we focus on analyst-specific variables such
as implicit return, adjusted by the expected stock-
specific return, and the amount of informational
disclosure within the text. In line with the literature
(e.g., Asquith, Mikhail, and Au 2005, Bonini, Zanet-
ti, Bianchini, and Salvi 2010, Bradshaw and Brown
2006), forecasts that largely deviate from the cur-
rent stock price are likely to be not as accurate as
forecasts which are (almost) spot-on. With respect
to the disclosure of text-based information, this
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study provides weak evidence that the level of target
price accuracy can be explained by the amount of
information that is disclosed within reports. This
text-based informational disclosure is assumed to
proxy the prudence that an analyst applies when
performing the task of covering a company within
his reports. Our results show that within the sub-
groups of stocks that are recommended for pur-
chase, a higher level of disclosed information in-
creases the level of forecast accuracy. Hence, the
amount of text-based information seems to proxy
the detail that analysts apply for their task. Although
such information has not been employed before to
explain target prices accuracy, economic research
has realized that text-based non-financial infor-
mation seems to add explanatory power in various
contexts. Bradshaw (2002) examined the frequency
with which analysts supplement their recommenda-
tions or target prices with non-financial information
such as recent accounting irregularities, court deci-
sions, new contracts, or general macroeconomic
conditions. They find that such information is often
used when the stock recommendation itself is less
favourable. Amir and Lev (1996) analyzed the rele-
vance of financial and non-financial information for
explaining stock market reactions within the tele-
communication sector and find that non-financial
text-based information such as growth proxies and
market penetration measures are highly value-
relevant. Similarly, Asquith, Mikhail, and Au (2005)
and Kerl and Walter (2008) reported that markets
react to the disclosure of non-financial text-based
information. Barker (1999) analyzed different valua-
tion models and states that these models are only a
“point of departure” beyond which analysts explore
subjective company-specific information (such as
the quality of management) to arrive at their con-
clusions. Breton and Taffler (2001) determined that
text-based information, e.g., information on the
firm’s management, strategy, and its trading envi-
ronment, is important for drawing investment rec-
ommendations.

When it comes to the analysis of firm-specific varia-
bles to explain target price accuracy, we find, very
much in line with the literature on earnings forecast
accuracy (e.g., Brown 1993, Sinha, Brown, and Das
1997, Capstaff, Paudyal, and Rees 1999), that target
price forecast accuracy is higher for bigger firms (in
terms of market capitalization). For these firms,
informational disclosure is higher since a higher
number of analysts regularly cover these companies,

94

thus reducing forecast uncertainty. A second im-
portant result stems from including volatility in our
model to explain target price accuracy. Results show
that stocks which are highly volatile are much hard-
er to forecast accurately compared to low volatile
stocks. The economic literature reports similar re-
sults with respect to earnings forecast accuracy,
which decreases with increasing earnings volatility
(e.g., Huberts and Fuller 1995, De Bondt and Forbes
1999, Beckers, Steliaros, and Thomson 2004).
Beckers, Steliaros, and Thomson (2004) explicitly
proxy earnings volatility by historical stock return
volatility. Further analyses have shown that the
main results of the model remain identical when
adjusting the accuracy measure directly by different
levels of volatility.

Finally, we apply the ongoing discussion regarding
analysts’ reputation and conflicts of interest to our
basic analysis of target price accuracy. With respect
to the reputation of analysts, results reveal that, in
line with studies focusing on earnings forecast accu-
racy (e.g., Brown and Chen 1990, Stickel 1992),
highly reputable banks issue target prices that are
more accurate. Similar to the results of the text-
based information disclosure, this result only holds
for all positive recommendations. Studies like Ali,
Klein, and Rosenfeld (1992) and Butler and
Saraoglu (1999) reported that a bias between earn-
ings forecasts and realized earnings predominantly
exists in cases of a negative earnings development.
Hence, neither highly reputable analysts nor ana-
lysts that disclose a huge amount of text-based in-
formation can do better compared to the average
analyst when negative forecasts are issued. Future
research could connect these findings to Easterwood
and Nutt (1999) who found that analysts underreact
to negative information but overreact to positive
information. Finally, results show that the level of
accuracy does not depend on potentially existing
conflicts of interest between the investment bank
and the covered company. Within the literature,
there is mixed evidence on the question of whether
affiliated analysts are more biased compared to
non-affiliated analysts. Therefore we add an im-
portant result since, irrespective of a potential bias,
analysts’ performance while issuing target price
forecasts seems to be unbiased by such influences as
conflicts of interests.



BuR - Business Research
Official Open Access Journal of VHB

Verband der Hochschullehrer fiir Betriebswirtschaft e.V.

Volume 4 | Issue 1 | March 2011 | 74-96

References

Abarbanell, Jeffery S. (1991): Do Analysts’ Earnings Forecasts
Incorporate Information in Prior Stock Price hanges?, Journal of
Accounting and Economics, 14 (2): 147-165.

Abdel-Khalik, A. Rashad and Bipin B. Ajinkya (1982): Returns to
Informational Advantages: The Case of Analysts’ Forecast Revi-
sions, The Accounting Review, 57 (4): 661-680.

Agrawal, Anup and Mark A. Chen (2008): Do Analyst Conflicts
Matter? Evidence from Stock Recommendations, Journal of Law
and Economics, 51 (3): 503-537.

Ali, Ashiq, April Klein, and James Rosenfeld (1992): Analysts’ Use
of Information about Permanent and Transitory Earnings Com-
ponents in Forecasting Annual EPS, The Accounting Review,
67(1): 183-198.

Amir, Eli and Baruch Lev (1996): Value-Relevance of Nonfinan-
cial Information: The Wireless Communication Industry, Journal
of Accounting and Economics, 22 (1-3): 3-30.

Asquith, Paul, Michael B. Mikhail, and Andrea S. Au (2005):
Information Content of Equity Analyst Reports, Journal of Finan-
cial Economics, 75 (2): 245-282.

Bandyopadhyay, Sati P., Lawrence D. Brown, and Gordon D.
Richardson (1995): Analysts’ Use of Earnings Forecasts in Pre-
dicting Stock Returns: Forecast Horizon Effects, International
Journal of Forecasting, 11 (3): 429-445.

Banz, Rolf W. (1981): The Relationship between Return and
Market Value of Common Stocks, Journal of Financial Econom-
ics, 9 (1): 3-18.

Barber, Brad M. and Terrance Odean (2008): All That Glitters:
The Effect of Attention and News on the Buying Behavior of
Individual and Institutional Investors, Review of Financial Stud-
ies, 21 (2): 785-818.

Barber, Brad M., Reuven Lehavy, Maureen McNichols, and Brett
Trueman (2001): Can Investors Profit from the Prophets? Securi-
ty Analyst Recommendations and Stock Returns, Journal of
Finance, 56 (2): 531-563.

Barker, Richard G. (1999): The Role of Dividends in Valuation
Models Used by Analysts and Fund Managers, The European
Accounting Review, 8 (2): 195-218.

Beckers, Stan, Miachel Steliaros, and Alexander Thomson (2004):
Bias in European Analysts’ Earnings Forecasts, Financial Ana-
lysts Journal, 60 (2): 74-85.

Bernhardt, Dan, Murillo Campello,and Edward Kutsoati (2004):
Analyst Compensation and Forecast Bias, Working Paper, SSRN,
http://ssrn.com/abstract=173888.

Bonini, Stefano, Laura Zanetti, Roberto Bianchini, and Antonio
Salvi (2010): Target Price Accuracy in Equity Research, Journal of
Business Finance & Accounting, 37 (9-10): 1177-1217.

Bradley, Daniel J., Bradford D. Jordan, and Jay R. Ritter (2003):
The Quiet Period Goes out with a Bang, Journal of Finance,
58 (1): 1-36.

Bradshaw, Mark T. (2002): The Use of Target Prices to Justify
Sell-Side Analysts’ Stock Recommendations, Accounting Hori-
zons, 16 (1): 27-41.

Bradshaw, Mark T. and Lawrence D. Brown (2006): Do Sell-Side
Analysts Exhibit Differential Target Price Forecasting Ability?,
Working Paper, SSRN, http://ssrn.com/abstract=698581.

95

Bradshaw, Mark T., Scott A. Richardson, and Richard G. Sloan
(2003): Pump and Dump: An Empirical Analysis of the Relation
between Corporate Financing Activities and Sell-Side Analyst
Research, Working Paper, SSRN, http://ssrn.com/abstract=
410521.

Brav, Alon and Reuven Lehavy (2003): An Empirical Analysis of
Analysts’ Target Prices: Short-Term Informativeness and Long-
Term Dynamics, Journal of Finance, 58 (5): 1933-1967.

Breton, Gaétan and Richard J. Taffler (2001): Accounting Infor-
mation and Analyst Stock Recommendation Decisions: A Content
Analysis Approach, Accounting and Business Research, 31 (2):
91-101.

Brown, Lawrence D. (1993): Earnings Forecasting Research: Its
Implications for Capital Market Research, International Journal
of Forecasting, 9 (3): 295-320.

Brown, Lawrence D. and David M. Chen (1990): How Good is the
All-American Research Team in Forecasting Earnings?, Journal
of Business Forecasting, 9 (4): 14-18.

Brown, Lawrence D. (ed.) (2000): I/B/E/S Research Bibliog-
raphy, 6th ed., http://wwwz2.gsu.edu/~wwwaccFaculty/Ibrown/
Bibliography.pdf (Access date: 2011-02-15).

Butler, Kirt C. and Hakan Saraoglu (1999): Improving Analysts’
Negative Earnings Forecasts, Financial Analysts Journal, 55 (3):
48-56.

Capstaff, John, Krishna Paudyal, and William Rees (1999): The

Relative Forecast Accuracy of UK Brokers, Accounting and Busi-
ness Research, 30 (1): 3-16.

Carhart, Mark M. (1997): On Persistence in Mutual Fund Perfor-
mance, Journal of Finance, 52 (1): 57-82.

Chopra, Vijay K. (1998): Why So Much Error in Analysts’ Earn-
ings Forecasts?, Financial Analysts Journal, 54 (6): 35-42.

Clement, Michael B. (1999): Analyst Forecast Accuracy: Do Abil-
ity, Resources, and Portfolio Complexity Matter?, Journal of
Accounting and Economics, 27 (3): 285-303.

Cooper, Rick A., Theodore E. Day, and Craig M. Lewis (2001):
Following the Leader: A Study of Individual Analysts’ Earnings
Forecasts, Journal of Financial Economics, 61 (3): 383-416.

Cowen, Amanda, Boris Groysberg, and Paul Healy (2006): Which
Types of Analyst Firms Are More Optimistic?, Journal of Ac-
counting and Economics, 41 (1-2): 119-146.

De Bondt, Werner F. M. and William P. Forbes (1999): Herding in
Analyst Earnings Forecasts: Evidence from the United Kingdom,
European Financial Management, 5 (2): 143-163.

Dechow, Patricia M., Amy P. Hutton, and Richard G. Sloan
(2000): The Relation between Analysts’ Forecasts of Long-Term
Earnings Growth and Stock Price Performance Following Equity
Offerings, Contemporary Accounting Research, 17 (1): 1-32.

Dreman, David N. and Michael A. Berry (1995): Analyst Forecast-
ing Errors and Their Implications for Security Analysis, Financial
Analysts Journal, 51 (3): 30-41.

Dugar, Amitabh and Siva Nathan (1995): The Effect of Investment
Banking Relationships on Financial Analysts’ Earnings Forecasts
and Investment Recommendations, Contemporary Accounting
Research, 12 (1): 131-160.

Easterwood, John C. and Stacey R. Nutt (1999): Inefficiency in
Analysts’ Earnings Forecasts: Systematic Misreaction or System-
atic Optimism?, Journal of Finance, 54 (5): 1777-1797.



BuR - Business Research
Official Open Access Journal of VHB

Verband der Hochschullehrer fiir Betriebswirtschaft e.V.

Volume 4 | Issue 1 | March 2011 | 74-96

Elton, Edwin J., Martin J. Gruber, and Seth Grossman (1986):
Discrete Expectational Data and Portfolio Performance, Journal
of Finance, 41 (3): 699-713.

Ertimur, Yonca, Jayanthi Sunder, and Shyam V. Sunder (2007):
Measure for Measure: The Relation Between Forecast Accuracy
and Recommendation Profitability of Analysts, Journal of Ac-
counting Research, 45 (3): 567-606.

Fang, Lily H. and Ayako Yasuda (2010): Are Stars’ Opinions
Worth More? The Relation between Analyst Reputation and
Recommendation Values, Working Paper, SSRN, http://ssrn.
com/abstract=687491.

Francis, Jennifer and Donna Philbrick (1993): Analysts’ Decisions
as Products of a Multi-Task Environment, Journal of Accounting
Research, 31 (2): 216-230.

Francis, Jennifer and Leonard Soffer (1997): The Relative In-
formativeness of Analysts’ Stock Recommendations and Earnings
Forecast Revisions, Journal of Accounting Research,35 (2):
193-211.

Gleason, Cristi A., W. Bruce Johnson, and Haidan Li (2008):
Valuation Model Use and Target Performance of Sell-Side Equity
Analysts, Working Paper, SSRN, http://ssrn.com/abstract=
930720.

Hayes, Rachel M. (1998): The Impact of Trading Commission
Incentives on Analysts’ Stock Coverage Decisions and Earnings
Forecasts, Journal of Accounting Research, 36 (2): 299-320.

Hong, Harrison and Jeffrey D. Kubik (2003): Analyzing the
Analysts: Career Concerns and Biased Earnings Forecasts, Jour-
nal of Finance, 58 (1): 313-351.

Huberts, Lex C. and Russell J. Fuller (1995): Predictability Bias in
the U.S. Equity Market, Financial Analysts Journal, 51 (2): 12-28.

Iskoz, Sergey (2003): Bias in Underwriter Analyst Recommenda-
tions: Does it Matter?, Working Paper, SSRN, http://ssrn.com/
abstract=481442.

Jacob, John, Thomas Z. Lys, and Margaret A. Neale (1999): Ex-
pertise in Forecasting Performance of Security Analysts, Journal
of Accounting and Economics, 28 (1): 51-82.

Kerl, Alexander G. and Andreas Walter (2008): Never Judge a
Book by Its Cover: What Security Analysts Have to Say Beyond
Recommendations, Financial Markets and Portfolio Manage-
ment, 22 (4): 289-321.

La Porta, Rafael (1996): Expectations and the Cross-Section of
Stock Returns, Journal of Finance, 51 (5): 1715-1742.

Lin, Hsiou-Wei and Maureen F. McNichols (1998): Underwriting
Relationships, Analysts’ Earnings Forecasts and Investment
Recommendations, Journal of Accounting and Economics, 25 (1):
101-127.

Loh, Roger K. and G. Mujtaba Mian (2006): Do Accurate Earn-
ings Forecasts Facilitate Superior Investment Recommenda-
tions?, Journal of Financial Economics, 80 (2): 455-483.

Lys, Thomas and Sungkyu Sohn (1990): The Association between
Revisions of Financial Analysts’ Earnings Forecasts and Security-
Price Changes, Journal of Accounting and Economics, 13 (4):
341-363.

Michaely, Roni and Kent L. Womack (1999): Conflict of Interest
and the Credibility of Underwriter Analyst Recommendations,
Review of Financial Studies, 12 (4): 653-686.

96

Mikhail, Michael B., Beverly R. Walther, and Richard H. Willis
(1997): Do Security Analysts Improve Their Performance with
Experience?, Journal of Accounting Research, 35 (Suppl.):
131-157.

Previts, Gary John, Robert J. Bricker, Thomas R. Robinson, and
Stephen J. Young (1994): A Content Analysis of Sell-Side Finan-
cial Analyst Company Reports, Accounting Horizons, 8 (2):
55-70.

Schipper, Katherine (1991): Analysts’ Forecasts, Accounting
Horizons, 5 (4): 105-121.

Sinha, Praveen, Lawrence D. Brown, and Somnath Das (1997): A
Re-Examination of Financial Analysts’ Differential Earnings
Forecast Accuracy, Contemporary Accounting Research, 14 (1):
1-42.

Stickel, Scott E. (1990): Predicting Individual Analyst Earnings
Forecasts, Journal of Accounting Research, 28 (2): 409-417.

Stickel, Scott E. (1991): Common Stock Returns Surrounding
Earnings Forecast Revisions: More Puzzling Evidence, The Ac-
counting Review, 66 (2): 402-416.

Stickel, Scott E. (1992): Reputation and Performance Among
Security Analysts, Journal of Finance, 47 (5): 1811-1836.

Stickel, Scott E. (1995): The Anatomy of the Performance of Buy
and Sell Recommendations, Financial Analysts Journal, 51 (5):
25-39.

White, Halbert (1980): A Heteroskedasticity-Consistent Covari-
ance Matrix Estimator and a Direct Test for Heteroskedasticity,
Econometrica, 48 (4): 817-838.

Womack, Kent L. (1996): Do Brokerage Analysts’ Recommenda-
tions Have Investment Value?, Journal of Finance, 51 (1):
137-167.

Biography

Alexander G. Kerl is Assistant Professor at the Department of
Financial Services, University of Giessen. After studying interna-
tional business administration, he was awarded a PhD scholarship
by the graduate school at the Economics and Business Faculty of
the University of Tiibingen. In 2008, he received his doctoral
degree. At the same time, he won the SWX Best Paper Award at
the 11t Conference of the Swiss Society for Financial Market
research. After two years of working in the investment depart-
ment of an international insurance company, he joined the De-
partment of Financial Services at the University of Giessen in
2010 in order to focus on empirical capital market research,
particularly on analysts’ recommendations, herding phenomena
and related issues.





